IBM SPSS Modeler 18.2.2 N AR 15w

S E——  E— —
I IS S S—
- - ——
- Y E————
[ —— -
- - . .
I S S W E—
I 7 E—




R
TEfE FIABORL R B SR ™ b2 1T, 1B FIIREE 311 IRy TR FRIIER.

7 bR
FERRAIE T IBM® SPSS® Modeler V18.2.2, KA IRERAATRAIMEIT R, BRAFFEFTHRA A 5 G 15,

© Copyright International Business Machines Corporation .



HR

BB L KT IBM SPSS MOUELEN.cccceeeeeeeicerneneeeeeeeeeeeeeeessssssesseeeeessssessssssssssseessesssssssns 1
IBM SPSS MOUELET T veeteeeeeeeeeeeeeeeeeeeeeeteeeeeeteeeeeeeseseeteseaeeeaseseneaseeesetasesenteseseaeasesensassseneeseseneeeseseneasenens 1
IBM SPSS MOGELET ...ttt et te et et e e et eeeee et eseseeetesessaeeseseteseseeesenensaseseseeseseneseseaeenees 1
IBM SPSS MOUBLEE SEIVEL ettt e e e s e e s e e e e aeeseeeeee e e e s esa e s bassaa s asseeas 1
IBM SPSS Modeler Administration CONSOLE .....ccooviiiiiiiieieeeeeeeee e s 1
SIS RS I R Ao o LY L=T ol = =Y (o] o 2
IBM SPSS Modeler SOLUtION PUBLISRET ...uueeeeeeeeeeeee e e e e e e e e e e e e e e e e e eeeaees 2
IBM SPSS Collaboration and Deployment Services BJ IBM SPSS Modeler Server IEHACES ....coveveneee 2
IBM SPSS MOUELEE HRZS ...ttt eeeeeetetee e eeeeeeeeeeaeeteseaeesaseseeeesaesetaseseneeseseneasesensasseeneeseseneseseseneasenens 2
S ettt ettt et ettt et et e et et et et ere et et et enteae et er e et enten et eae et et er et ere et et eae et eneeaenteneeteaean et erentereeneneane 2
SPSS MOAELEr PrOfESSIONAL STAY e eeeeeeeeeeeeeeeeeeeeeeeeee et eete et eseessteaeesteaseeseesseeseesseeaseesaesseeneesseeasesseensesnes 3
SPSS MOAELer PremMilm STAY. .. .o e eeeeeeeeeeeeee et eeee et e e et et es et eeeese e saestesessenteseeseressetesessessasenessessenessensans 3

T BB AR 7T ettt e ettt e ettt e et et eeea et es e e et ene et et et ene e et ene et eae st et enene et et enentesene e et eaeneetenenens 3
DEIMIOS ST T e e e et et e et e e e et e et e et e et e ee e e eeeeaeeeu e e eeeeeaeeae et eeteeteeaeeaeeeeeeeeeeeaeaeeeteeeeeeeeeeaaeaaenaen 4
BT T BRI ettt ettt et et e e et e et e et e s et eeeae e et et e st et eae et et eae e et ene et et e s et esene e et eaene et enene et et ene e aneneneaen 4
=i = X i 7, SRR 5
T N ettt ettt ettt ettt e et et et et et e et et et et ene et et er et et et et ese et ereeae e enenteresaetenenas 5
JETH IBM SPSS MOUELET ...ttt ettt ettt et e e eae e sae et esesee et eseseeseeseseeseesesessenessensenessensesessenesseneas 5
A BB T BB ettt ettt e st et et et et ese et et e e ae et esese et et eae e et es et et ea e e et enene e enene e ateneneaen 5
TEIZZ! IBM SPSS MOUELET SEIVET ..ottt ettt e e eee et eae et eeese et eseetesesse et eseessaeeseesaesseneesenes 6
TEFZE! ANALYTIC SEIVET .ttt ettt ettt et seasss s s st es et et etesetesessasasasasasesesesesesenes 7
DM E Rttt ettt ettt ettt ae bt te et et ae e 8
JETHZ T IBM SP S S MU T BT ettt ettt e e e e e e et e eeeeeeeeeeeeeeeeeeeeeeeeeeeeeeseeeaeseeeseeeeeseeeeseesaen 8
IBM SPSS MOUELET R I ..ottt et ettt e et et es e eeteee et et eseeeteseseateseseaeaseseneaseseneseseneseseneneaseseneaes 8
IBM SPSS MOAELET TR IR ..ottt ettt et eve et eee st et sae et ese et enesse e eseesensesensssessenesseeenennen 9

T T I I ettt ettt ettt ettt ettt et a e et et eae et eae et et ea et eaease e ea et eneete e ene et enenaenenn 9
IBM SPSS MOGELEr BEIEBR ...ttt et e e et ee et et et et et seese et eseaeeeeeseseaeeseneaseseneteseaeneseenenens 10
IBM SPSS MOGELEN AR ..ottt ettt et e et e et e et et et ese et ese et eeene e eseseaeeeeseneateseneeesenestesenenes 11
IBM SPSS MOGELEr T ..ottt ettt et et e e et et eaeeeetesee et eseae et eseseetesesesesseseneateseneasanes 12

B TE S T LA ettt ettt e et e e et e e e et e s et et et et e s e et et et et eae et et eae e ereeae e eaenteneeretenenan 13
TE IBM SPSS MOGELET B .ottt e et et ee et e e e et eae et e e sse e ese et eseesesesseetesessenseseneesessenesnenes 13

B D T BRI AT R N ettt ettt e et et et et e s e et et et et e s e et et et et ene et e st ene et ereete e eae et eneenentenennas 14

7E IBM SPSS Modeler AT ERAT cvoveveeeeeeeeeeeee et e et e et et et eee et eesseteseesesessesesentesessenessensenesseneas 15

B R IR AT oottt ettt et ettt et e e et et et et et e et et et et er e et eatas et ere st et eaetenentenesaeneas 15

BT B ettt e e e et e et e te e e st earteaaataate e _taante e e earte e ataanteatesanteantesanteartesareeareesaeeaneeneean 16
SEIH IBM SPSS MOAELEr FIBETIT .. eveeeeeeeeeeeeeeeee ettt et et eae et e e st eve et esesse e eseesaessenesseeenesnas 16
=R = =1 111 )1 RPN 17
B T ettt ettt e et e e et et e et et e et et et et eu ettt et ea et et ea et ea e et et ea et er et eat et et ere et eneeaentere et eneeaenteneereneanens 18
R B T ettt et et e et e e et et et et e et et e et et et et et et e et et et et ene et entase e ere et et eae e enetereaae e erenteneeneneene 22
T R IR Y ettt ettt et e ettt e e er e et et et et ea e et et et et ere et en e et et ene s entes et eaeateneeae e eneeseneereteneneenea 25
B R R 0 ettt ettt et ettt et et et et ettt et ettt e e et et et e et et et eae e eseae e et e s et et et ene e esenet et en et eneneneateneneannaen 28
B oottt ettt ea et et et et e et e e et et et et et et et et et eae et et et et eaa et eates et ereat et eae e eneeseneenentenenneneas 28
= ey =k v o] = i TR 29
R B P I I AR (BB I0ZERE) ceoeeeeeeeeeeee et et et et et e et et s e et eae e et esese et esese e eeese st et eaeneateseaeeeseneeaseneneaes 29
T B ettt ettt ettt e a et et e et et et et er et et ea et ene et e et es et ereateneeae et ere et et eretenestenea 29
B T ettt et et e e et et e et et e et et et et eu et et et et eae et et et et ea e et et ea et er et eat et et ese et eneesenteae et eneeaentene et eneanene 30
A AT EL IR AETY oottt et e et et e e et e e e e et e s et e e e et et eee et er e et et ea et ere et et es et eaentene et et ene et eneese e eneneene 33



= U = b v ] = b e 39
FBIEIE (EITHERIE) coeoeeeeeeeeeeeeeeeeeeeee ettt et et et e et e e et et et et eeeeeeeeeseeeseaeaeae et et eseeesneeesaseeseseaseasasasesessesasneeas 39
TR AR .ottt ettt e e et et ee et en e et et ea et en et et es et ene et et en et eae et eneeneateneee et ereeeeneneenea 39
B T oottt et e et et e e et e e e et et aa et en e et et et et ene et e et es et ea e et et ea et ene et et aa et eneateneene e ene et et eneteneeeeneanene 40
AT ettt ettt et e e e e ettt et et et eteeeeeeeeenee e ettt et et et et et eeeeeneneeeae ettt et et et et eeeeetenenenene et aranaen 42
B oottt et e_ et ataue e et et et et et et et et et et ea et enean et et e et e e et et en et eneateneeseateneeneneeneaeenenneneas 44

55 6 R TDEE TS (ADP).cceeeeeeeiiiiiiireeeeeenenneeiieeesseeeesssssssssssssssssessssssssssssssssssssens 45
B T oot e et et e et et ea et ee e et et et et en e et et ea et en et ae et et eae et et ea et en et entan et ene et eneanetene et et eneteneeeeneanene 45
A B T ..ottt ettt et et et e e e e e e eee s e e e e e et e et et et et et e s eaeeeeesenen ettt et et et eseeeeeeeneeeneneae e ateeaeenaen 49

FTEEFSDIEIE (BUBEIZ) cooeeeeeiiiiiiiiireeeeteetiriseeeeeeeeeeessssssssssssssssessssssssses 53
B T oottt e et e et et e e et ea e et et et et en et et ee et en et et es et eeeaeeneee et en et eatan et eneateneeneteneateneene e eneeeeneanene 53
A B T B AIIRIZR vttt ettt et e et et e et e e eae et es et enees et eae e enees et eseeeeeeaseeene et eneeseeeneaneneeneeeenennas 55
B T B B A BT B ettt ettt ettt et et e e e e e e e e e e eeeaea e e e e e et et ee et eeeeeeeseaeaenea e et et ee et eseseeeaeeeneneneeeas 57

B S EIGWIATT (HIZBIR/CB.0) aeeeeeeeeeeiiiiiiiireeneeeeeeetseeeessssssssssssessesssssssssssssssssssens 61
ST R BRI ..ottt ettt et a et et a et ea et en e et et ene et et et et er et et an et eneae et ee et eneeneneereetenennnneas 61
IR ettt et et et et e et et e et et et et et et et et et et et et et et et et et et et et et et et et et et e st et et et et et et eeene 63
Bl R D IRl ettt ettt et et et et et en et et ae et ea et en e et et es et ene et etene et enean et eneeteneaneneeneaes 64
B AT Rl ettt ettt e et e et et et et e e et er e et et en et eaeae et ea et ene et et en et ene et e tese et eneaneneeneateneaneneaneaes 66
BUZRIUZEIEL. ...t e et e e et ese et ese et e ees et eeeasesees et esenseneaseneeseneeseas et eseaeeneasenteseaeeneaseneeseetenenneneaneaes 67
S I T et ettt et et et et e e e e e e e s ettt et et et et ee et eaeeeue et et e et et et et et eaeteneeenea e et atetatenenneeaenenn 69
BB R B et e et et e et et et et e e et et eu et ee e et et ea et en et e et es et eneeeentes et eae et eneeneatenean et ereeeenenneneas 71
T T RBETY ettt ettt et e ettt et et et et et e e eaeaeseae ettt et et eeeteeeeeneneaea et et et et e e eeeeeeeaenenee et et anateeeenaenn 72
T T R oottt ettt et et et et e e e ettt et et et et e e eeeaeteneae et et et et et eeeeeaeeenen e et et et et eeeenaeen 74

- R R 0 LR € 2 11377 ) L 75
B T oot e et et e et et e et ee e et et et et en e et et es et en et eaees et ea e et et ee et ene et eataa et ene et eneanetene et e e eneteneeeeneanens 75
F AT oottt e et e et ettt et et et et e e e e e e eaeaea et et et et et et et et et eeeteneaeaea ettt et et eaeeeeeeeneaeneaee et et eseneteenaenn 78
R BR ettt ettt et e e e ettt et et et et e e e ee e eaee e ettt et et et et eeeeeeeeeneeeaea ettt et et et eeeeeteneaeneeeeeaeenaen 79
B ettt et ea et et aaetaae et et et et et et et et et et et enean et et e et e e et et en et eneateneeneateneeneneeneaeenenneaeas 80

B0 ERLBANBIEFFRRKE (EMDETE) ccreenrnincciccrnnnneeeeeeeeeeeessssnnnns 81
T B N T BB A (I I02E) oottt ettt et et et et et eeeee e eae e et et eeaeeaeenaees 81

B T I oottt ettt ettt et ettt e et eeeeeaeeene et et et et et et e e eeeaereneeeanens 81

F 1L EWEPMIRZEIR CRETUIR) cooveeererrniiiiiiiiireeeeeessessssseeeeseeeeeessssssssssssssssens 85
T B ettt ettt et et et aa et et et ere et et aa et ene et et en et eae et et en et ene et et ane et ene et eneeneneene 85
B T oot e et et e et et e e et e e e et et ea et eue et et ea et ene et es et ea e et et ea et ene et eatan et en e et eneanetene et eneeneteneeeeneanene 86
B AT ettt ettt et et et et et e e e e e e eaeaeaea e et et et et et etee et eeeteaeeeaea ettt et et eeeeeeeeeneneneaeeaeaeesaeeteenaenn 87
(B EXCOL T B B TE NI R ..ottt et et et e e et e e et et et e e e e e e eseeeeeaeeseeseesessesseeseesessessessessesseesesseasens 99

DA EXCEL BR AR e eeeeeee e et eeeeeeeeeeeseeseeeseseseeseesesseeesesssessessseasessasssaseasseasesssensesesensesesesseessesssansesnnens 104
R T TR ettt et ettt ettt et et et et er e et et aa et an et e et as et ea e et e e eae e e e et et aneeenennene 105

F12ZHEWERDZE (BT Logistic FlTT) .covvvvceeecreeeeceeeeceeeecrereeesseeeeesnes 107
B T oot e et ettt e e et e et ae et ea et en e et et ea et en e et et en et eneate e en e et e et an et et et eneae et eneaneneane e eneateneaneeene 107
R B B oot e ettt et eu et e e et et en et et et et ea et ere et et aa et en et eneane e eae et eneetetenenteeeaneeenenteneeneaen 110

B3I EBEFTFHRK (T Logistic ElT) .ocvvveeeevrereeirereecreeeeerneeeessseeeessssesens 115
B T ettt e et e et ea et e e e e et ea et ene et et ea et ene et et en et ene et et en et enean et es e et eneae et en e et eneaneeenenteneeneeene 115
R B B ettt et e et et e et e et et et et an et et et et ea et en e et et aa et en et eneane e eae et eneetetenenteneane e eneateneenenen 120

F1AETHNHERFUEFE (BHEIFET) coeeeeeeeeeeeeeeeeeeieeeeeeeeeeeeeeeeeeeeesesesesssessssssssssssses 127



S P B B U T EE T I, ..ottt et ettt et e e e et e s et eeeaseneeneaeeneese e eeeaneneeseeeneseeneeneeeeneneeneas 127
ﬁIJL/}IL ................................................................................................................................................. 128

BT B oottt ettt et ettt et et e et et a et e e e et et ea et et et et et et en et et eeeae et eeeae e et en et enene e et eaeaeatenene 129

B S B . ettt e et e e et e et e et e e e e te e et eaateaantaate st aanteaattaantesaateanaesateeaaesateeaneennesareann 131

B I B AR ettt e et et et et e s et et e e et e s e et ee e et et eae et e eee et en et e e eee et eneteneas et eneateneeee e ene et eneeneeeneeneneas 133

T B BT TEIERTE]. .. ettt ettt e e e e e et eeee et eeeeaeeeeeaseaeeaeeaseaeeaneaneaseaseaseneenseaneaseaseasenseaseaseaneaneasennennens 134
B R ettt et et ea et et et et et e et e aa et en et et eee e eseeteeeas et eneateneetetene et eneaneeeneeneneas 134

B BT R ettt et ettt et a et et et et ea e et et et et en et et ee et eneeteneas et eneateneene et eneateneaneeeneennneas 136

B ettt et ea ettt en et et ate e en e et et an et eneat et eneatereate e eaeateneeneteneanenenneen 140

T P B B TR T oottt et e e et e e e e et e s eee et e e et eneeeenees et ese et eneee et eneee et ese e eneaeeneeneeene 141
B T oot e et e et e e e e et et e et e e et et en et e e eae et en et ereae e et ea et ene et eatene s ereae et en et eneae et eteateneen et ene et enennene 141
R R R B AR R ettt et e e et et et ea et e et et e e et e e en e et ane et eeeat et ene et eneaneneeeeanenen 142
Eﬁ@*ﬁ*ﬁ,ﬁ ...................................................................................................................................... 142

B T T A T et e et et e et et et e et e e et et et et ere et et as et eae et et ee et enean et en e et ene et e e aneeeneneene 143
B T R Y ettt e et et et et ea et e e e et et e e et ene et et et et eae et ene et et eneat et ase et en et eneaneeteneateneeneeenennes 144

B ettt ettt e et ettt en et et ate et en e et et as et ea e et et ene et eneate e eaeateneeneteneanenennees 147

F IS ETMMNERDEHEBN (BHEFET) ceeeeeerereeeeeeeeeeeeeeeeeeeeeeeeeeeeeeesesesssessseeees 149
B2 T ettt e et e et e e e et e et et e et eateateateateateateaseaseaseaseaseaseareaseaseaseaseaseaseaseaseasenseaneareareaseereareaneanearens 149

B BT B oottt ettt et et et et e et et ea et ea e et en e et et ene et eaeas et es e et e et as et ea e et et ene e ene et eneaneeeneanene 151
BB T B oottt ettt ettt et et et e et et et et er et et an et en e et et an et eae et et ene et enaneeneanene 152
AARIMA ettt et et e e et et e e e st eeee e s e et esee et esesea e et eeeaeateees e et esea et eeee et et eae et e eeeue et et ene e et eae e et eneneaen 156
B ettt e et et et et et et e et et et et en et et et et et et eneat et as et eneae e et an et eae et et et et eneateneaneeenennene 159
- R = 2k L T A € = =) 161
B T et e ettt e et et et ea et e e ee et ea et eneae et et et en e et et en et ene et et en e et e st an et es et eneee et ene et eneaneeereateneeneneene 161
R BB B ettt ettt et et et et et et et et et et et et et et et et et et et et et et et et et et et et et et et eneeneeneans 165
20— S ¢ /e = QU5 o ) 171
B T ettt e et e et et e e et e e et et ea et eneae et et et en e et et en et eae et et eneatenean et et e et eneee et eneaneneaneeeneateneeneneene 171
R BB B ettt ettt ettt ettt et et et et et et et et et et et et et et et et et entert et et et et et et enteneeneeneans 174
F 18 EFTAFIINGFIRE (TIMHETMPILE) cooceeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeeessssssesaees 179
B T et e oot e et e et e e et e et ee et ea et en e et et et et ene et et en et eneate e eneatenean et et e et eneeee e ene et eneaneeeneateneeneneene 179
B B ettt ettt et e e et et et et ea et et aa et eaeatene et et en et entasetaseatentas et eae et eneeaetene et eneaneeenennene 182
E 19 EBERH HBRIL/CERT) weoveeeeereeerrresseesessessssssesssssessessssssssessasssssses 189
B BT B oottt ettt et et et et e e et et et et e e et en e et et en et et aa et ea e et e et et et eaeateneenetene et eneaneeeneanene 189

B ST .ottt e ettt e et et e et et et et er e et et as et en et enten et eeeane et ee et eneane e ere et eneene et enaneeneanene 191
5520 FIRTEMWEN (FFLEMILE/C5.0) .euuneeneeereeeeeeeieiiiisnnnnnneeteeesssssssssssssssssseesssssssnns 193
B BT B ettt ettt et et e et ettt ea et ea e et en e et et en et eat et et ea e et e et et et ea e et e eeae e ene et eneeaeeenennene 194

B B E B oottt ettt et et et et an et et et et et eater e et et an et ea et et an et eae et ene et et ere et eeeaneeenenteneeneaen 195

B S ettt ettt e et ataa et et et et ateatereatetat et ereateetas et ereas et et e et en e et et eae et eneee et eneateneaneeenennene 196
B ettt et et ettt e et ere et et eae et et et et ea et ereanentea et eneas et ene et enees et ene et et aseteneae et eneeeeneaneneene 197
F21EBETPDE (FUBUDHT) covvcreereeereeerreeecreeereeecsseeesseesssseessssssssssesssssnns 199
ﬁUL/m, ....................................................................................................................................................... 199

B BT R Y oot et et e e et e e e et et ea et ea et et et et aaeatene et et eneat et et et es e et ene et et en e et e e enetenenteneaneeenennene 203
B B AT BB B M B P T I B I T EE TR ettt et e et e e eneeenene 205

B oottt et et et et eae et et et tene et et et et et et eneat et as et en e et e et ese e eae et et eeeteneaeeneaneeeneneene 209
B 22 ENTXIEBMRBIEFEIE (TTXEMER) .eeeereeeeccccccennneee 211
BB T ettt e et e et et e et e et et e et et eateateateateaeeaneaneaseaneaseaseaseaseeseaseaneaseaseaseaseaseaseaneareareaseareareereanearens 211
BERTUBBURIARI ..ottt et et et e e e eeeae e esee et et eses e et eeeaeaeeeeseaeeseneseaseeeseateseseeeeeseneeseaeneateseneeeeeneaeanenens 215

e B I BT T R R ettt ettt e et e et et ea et ee e et et et et er e e et an et er e et entan et enene e e eae e eneeneneanens 215



BT R AT AETZHUREER .ottt et et et et e e et ae et et eseeeeeeeaesene e e et aeaseseseeeaeeeaeseneaeeananaen 217

B B R R TR T BB A ettt et et et et eee e e e eaeseeea ettt et et eeeeeeneeeeaeeeneaesaeaeeeasesesnanan 220
BB TURZEGI ..ot ee e et s et eeeeeseeeeeeeseaea et et et et eseeeseeseeneseaeasatasat et eseesaeseeeneseaeaeatasaeenesneseeaenn 224
B B AR T ettt et e et et et e et eee et en e et et ea et ene et et es et eaease e en et erees et ea e et eneen et eneneeneane e enennene 224

B B AT T T ettt et et et et ea et et et et ea et er e et entan et eneae et an et eae et eneeneteneeteeeane e enenteneeneaen 225
PR R AT AETZHUREER .ottt et et et e et e e e e e et ee et et eeeeeeeeeaeaene e e et e et eeeseeeaeeeaeneneeeananaen 226
B ettt et et et et eae et e e et e tene et eae et et aa et en et entas et erean e et ase e eae et et ee et eneate e eneeeneneene 229

B I A ettt ettt et et e s e et et ea et ea et et ea et aa e et ene et et en et et as et en et ene et et eaeateneenetene et eneaneeeneanene 229
T oottt et et et ettt et et ea e et et et et en e et et ea et ea e et eneas et ea e et e e eaeten et eneaneeeneanene 230
% 23 EFEAAREYNARSITMBIIFE (" NEMIER) e 231
INE B BETHD” TERAIEIT. oottt et et et et ee e e e et eseeeeeaesea e et eeeseaseeeseaeeseeeeeneneneaneneeeannans 231

B B i T oottt ettt e et e et et ere et e e e et et et et er et et an et ene et et ane e ete et eneeneateneneeneanens 233

O NIDUS B0 et e et e et e e ee e e e eeeeeseeeeasessseeaseeaneseaseesasesaseessessaseesneesaseessessassesseesasseaseessesaseesnesaseen 234
BB TURZEGI ..ottt e et s et eeeeeseeeeeeesesea et ataseteseeeeeeeeeneseseaetae et et esnesaeseeeneseaeaeatasaseeeseeeeeaenn 234

B B AT T T oottt et et et e e et et et et et e tere et et et et en et et en et eae et eneenetene et eeeane e enenteneeneaen 235
B L R B ettt ettt et et et et et ea et et et et en et et et et ea et eneas et ee et et an et eneeteneane e enennene 235
R B T oottt ettt ettt et e e e e eaeaeeeaeat et et et et et e e eaeeeneeenen et et et et et eaeenaeteneaenenes 237
B ettt et eae et et et eae et eue et et an et et et et et et eneat et as et ene et e et ane e eae et et eteteneaneneaneeenennene 237

B I A ettt ettt et et eu e et et e e et ea et et ee et ee e et ene et et en et et es et en et ene et et eae et eneenetene et eneaneeeneanene 238
T et ettt et et et ettt ea et e e et er e et et er e et et es et et e et entas et ea e et eneeae e ene et et aae e eneanene 238
% 24 Ei% Gamma Bl EESERRIBME (J"NEMEER) .., 239
B BT ettt ettt ettt et et e e e e e e a ettt et et et eaeeeeeseaea ettt et et et et eeeaeeeaeneaea et et et et eneaeeeaeeeaeneeeatanateeesnaean 239

B B AT T T oottt et e et ea et et et et ea et en e et et an et en et enean et eae et eneene e ene et eeeane e eneneeneeneaen 242
B ettt e et et et eae et e e et e tere et et et et et eatereatentas et en e et eatan et eae et et eteteneaeeneaneeeneneene 242

B I A ettt ettt et et et e e e et et et et ea et et ea et eeeaten e et et en et et ase e es e et eneas et ea e et eneenetene et eneane e enennene 242
T T ettt ettt ettt et et ea et ea e et en e et et er e et et as et er e et entas et ea e et e e et et ere et et aneeenennene 243
B 25 FHMBAREASTIIE (SVM) eeeeeeeeeeeeeeccceeieeeseeeeeeesssessssssssssssesessessssssssnnns 245
BB T ettt e et e et e e e et e et et e et e et easeateateateaeeaueaseaseaneaseaseaseaseaseaseaneaseaseaseaseaseaseaneareareaneareareeneanearens 246

B BT B ettt ettt et e et et e et e et et ea et ea e et er e et et en et et as et ea e et ene et et ea e et e een et ene et eneaneeenennene 250

B D T I .ottt ettt ettt et et et et ea et e e et e et aa et ene et et as et ene et eneene e eneateneaneeenenen 252

B R R .ottt et e e et e et en et et e e et eae et et es et eaean et ea et eneaneaees et eneaeeneeseteaeateneeaeateneeneeeneean 253
B ettt et et et et et eae et eue et et ene et et et et et et eneat et as et er e et eetene e eae et et eeeteneateneaneeeneneene 254
526 E1& Cox M)A TFE P FRIRBFEIER. ..o veeieeeeeieecerecerererereseseessesssssesssssesssses 255
R B T B AR Y ettt et e et et et e e et et et et ea e et et ea et e e et an et er e et et an et eneae et eaeteneeeeneanene 255

B DR BIRIIUAE. ...ttt et et et ee et eeeee et eeeeeseeseeeene e eneeeeneeseeeeseaseneesenteneaneneeneesenenseneenennenen 258
TIZETTEBIRED ..ottt et a et e ettt en et ea e et et en et enean et ea et enean et eneateneeneeeneanenen 259

B B I ettt e et a ettt et et at et aa et en e et ene et et ea e et et aa et er et eneaee e eneaneneaneeene 260

T B T T B oottt et et e et et e et e et et en et et et et en et enean et eae et eneene e eneeteneeneeeneenenen 262

E BB ettt ettt et et ea ettt en et et aa et ere et erean et eneateneene et eneateneaeeeeneeneneas 263
TRUBEERIZR oottt ettt et et et eseeeaeeeeeseaeaeae et et eeeseseeeeeaeeeseseat et et eseeeeeaeeeneaeneaetaeatenatenees 263

TR (E) ettt et e et et e et eu et e e e s et eee et eneee et ene e ee e et en e et et en et eetaee e ene et eneese e eaeaneneeseteneeneneaneaeenenen 264

B B T B T B0 o B0ttt ettt ettt et et et e e e teaeeeeeeeeea et et et et eseeeeeaeaeseneaea et et aeeeeseeeaeneneneneaeeananaen 268
T et e et e e —e s e —eaa——eaar_eesartteaa_—eratearanuteaartterataeraraeeraneeesanteesanneesanteesarneesarneesanneerans 276
B ettt et et at et eae et et et e ten et et et et et et eneat et aa et en e et e et ase e eae et et ee et enean et aneeeneneene 280
F 27 EHHMWYIES GRIYTL/C5.0) coeeeereeeeieiiinnnreeeeeeresesssssssssssseeeeeesssssnns 281
T ) B ettt ettt ettt ea et et et et ea et e s e et et an et eneae et ane e eae et eneenetene et eeeane e enenteneeneaen 281

R T T TR R BT TR 2R ettt et e et e e et e ee et ee e et eneee et eseee et as et eneeeeneese e eeeateneea et eneeneneeeeeeeneneeneas 282

B L T P B HUAEAE ettt et et et et et et e e e ea ettt et et et et eeeeeeenene et et et et et et eeeeeeeaeeenenee e anaeaen 284



28 E T EHTZEMIZTR (KNN)eeeeeeeeeeeeeeeeiirenereeeeeeeseeeesssssssssseeeesessssssssssssssssssanes 287

B2 T ettt e et e et et e et e et et e et e et easeateateateateaneaseaseaseaneaseareaseas et eaneaseeseaseaneaseaseaneareareaseerearenneanearens 287

B B B ettt et et et et e s e et et ee et e e et et aa et ea e et ere et et eneasene et et e s eateneas et eae et eneeteteneeeeneane e enennene 291
FIUMIZEEEZE ] oot et ee et eeeeeeseee et ene et eeeeeeseese et eseaseeeeseneeseneeseeseneeseaeeneasetesesseneaseneeneneeneneenen 292
TR ettt e et et e et et et et et et ea et ere et et et et ere et eneas et eae et eneea et eseneenease e eneateneane e enennenen 292

BB T R A BB BT 2R ettt et et et e e et ene et e e es et eaeae et en et enean et eseateneee et eseateneeneeeneaneneas 294

B oottt ettt et et et e et e e et et ere et et et et et et eneat et as et er e et e et ene e eae et et eteteneateneeneeeneneene 294
29 BEIBTASEER (TCM) BB R R B i cccciiiiicicnsrsiesisesssssessssssssssssssssssssnes 295
B2 T ettt e et e et et e et e et et e et eateaseateateateateaseaneaseaseaseasear et easeaseaneas et easeaseaseaseaneareareaseareareareanearens 295
BT 0 ettt ettt et n e et et et et e e e et et aa et ea e et ene et et en et et ese e en e et entes et ea e et e een et eneaeeneaneeenennene 296
AR B B B EIZR oottt et et et e e e ee e s ettt et et et e e e e eeeseaee e ettt et ee et eeeeeaeeeaesea et anaeaeesateneananen 297

R A B R ZR BT ettt e et e et et e e et e e et eneee et e s e et et ae et ea et eneae et ene et ene et et en et eneane e eneaeeneenenen 298
BUMIHIE] ..ottt et e e et et e e et e e e et e et ee et ee et eueea et ene e et as et ese et enean et ene et eneae et enenteaeaseneereateneeneeeneaeenen 300

T T BT BB UARZR B ..ottt e et et e e et et et eeeeeeeeeaeseneaeae et et et et eseeeaeeeeeseneneeananaen 302
BT T B oottt ettt et et et et ea et et et et et et en e et et aa et an e et ene et et eaeat e eeae e ene et et aae e enennene 305
=== N 311
BT ettt et ettt e et et e et eae et eneea et ea et et et et e s et e et aa et ene et eetes et eneasene et e et eneane et eneateneee et eneateneaneneenennene 312

T S R B R AT 2R ettt et e e et et e e e e e e e e e et et et et eeeeeeeaeaeaene e e et e aseseseeeaeneeeseneaeeananaen 312
=] SRR 313

vii






1% =T IBM SPSS Modeler

IBM SPSS Modeler 2 —4HEdRI24E T H, jdidixee T Ha] DU AR PudE a7 P AR ok =
FFrEs), MmMBGERFIIRE, IBM SPSS Modeler 2847\ AR CRISP-DM BEANZ TR, AT SZHEFM
G R NSN 4D R kN CITE A R ION o

IBM SPSS Modeler $24t 7 &REBIIES2A S, AN TEREMSGE I AR 1%, 3@ EEGE TR ) 75 1%,
10T DARSE SR A B E B DA Z R, AR IS AT, [RINIEH TR0 E 228U 1 R,

SPSS Modeler 7] AVE RN = e 3L, ta] PAVE R iS5 SPSS Modeler Server —ii2 i, RIREME T K
BHMET, DU TR IXEETE TR, AXREZER, 1E2M https:/www.ibm.com/
analytics/us/en/technology/spss/s

IBM SPSS Modeler =

IBM SPSS Modeler F17™ i & SRR AR A B04E DA R & T,

- IBM SPSS Modeler

- IBM SPSS Modeler Server

- IBM SPSS Modeler Administration Console (f1&1E IBM SPSS Deployment Manager H)
- IBM SPSS Modeler Batch

- IBM SPSS Modeler Solution Publisher

- IBM SPSS Collaboration and Deployment Services [ IBM SPSS Modeler Server J&GHC &%

IBM SPSS Modeler

SPSS Modeler 2 A 5EBEINRERT ™, B LEFFIBT T PNIRNL . AT DIEAH 7T SAE NI fhia
1T SPSS Modeler, tATLATESH 77 20 MG H 5 IBM SPSS Modeler Server — 2 fii A K42 & R BUEHE B A1
ﬁEO

fEiBf SPSS Modeler, AT DAPRIE S REHIAGEE HERR TSR, T AN TomA%, JEd fi I E— Tl 5, 4%
A DARAA & B BRI i A, (B %0™ i BER A S R o i Scisr,  8m] DUR IREAE Hh S iR s AR A
%, 1R DR SR TR mas RATA R, TR LSS B R RX

SPSS Modeler #EH T M4 : SPSS Modeler Professional #11 SPSS Modeler Premium, A XxHEZ(EH,
EZ 5% 2 TAY [ IBM SPSS Modeler fixAy /i,

IBM SPSS Modeler Server

SPSS Modeler fi Fil % 7 i/ IR 55 A VR SR ES A R PR IR BRI RUIRAE BB SR 0 R B DI RESE R AR S5 d ik i, AT (8
REE SR BRI AR IR

SPSS Modeler Server 2 —MAMIZA =5, FEHAN AT, Z-MELLE T —PEZ ) IBM SPSS
Modeler FIARS 28 EHL_EFFELIBTT, XRNETT 7 NAKEESE T SPSS Modeler Server X AU E RS A AL PRI
£, RNTERRS % Ll DUSATRER NTEIERE, HEXFREEIE TEEIR it E 1 L, IBM SPSS Modeler
Server IR SQL AL FIELE E NI RERI S HF, MITEMERERD B shb 7 i ok B 2 A

IBM SPSS Modeler Administration Console

Modeler Administration Console J2—/MEIEH F 8L, HTEMZ D SPSS Modeler Server Bt B LT, X
BENR A A] OB RIS A A TRC L, $a & & 1E IBM SPSS Deployment Manager, A] PAFF AL FIEC
E SPSS Modeler Server %%, 3 H R[4 i SPSS Modeler Server & 2 (# . N AR HBELEELE
Windows T8 E; (HR2En DAEBLZEET M2 2R LIRS 4.


https://www.ibm.com/analytics/us/en/technology/spss/
https://www.ibm.com/analytics/us/en/technology/spss/

IBM SPSS Modeler Batch

BiEfzimEE 2R iR, Wi, AT ANaT1TIa1T SPSS Modeler MATRZEEH - A, Filan, f&a]
REEA KINHEBITEES TS, I HMRETEHP AT TSR FHITIXEESS, SPSS Modeler Batch /2
ZFE I — NRRIR AR, ATERAEXT SPSS Modeler FER& M MERER S, TJCTR VT I H FUA FH - i, 2
Fi SPSS Modeler Batch, 5% SPSS Modeler Server,

IBM SPSS Modeler Solution Publisher

SPSS Modeler Solution Publisher & —> #5817 SPSS Modeler HiRFT fIARAR) T A, IZRAAYIA AT LR
ANERIBT TIN5 [T el i A BN N AR P A, B XAy, ST DUE AR RIS 52821 SPSS Modeler it
DA FARZ%E SPSS Modeler HJ¥R15, SPSS Modeler Solution Publisher #£24 IBM SPSS Collaboration and
Deployment Services - Scoring ARSI 7773 &, TREHEIRAPFATIE, @I HVFaliE, 807 DAz
SPSS Modeler Solution Publisher Runtime, ‘B fEEREWHITE LM,

A 2% SPSS Modeler Solution Publisher B 25, &% IBM SPSS Collaboration and Deployment
Services X%, IBM SPSS Collaboration and Deployment Services Knowledge Center 45448 “IBM
SPSS Modeler Solution Publisher” 1 “IBM SPSS Analytics Toolkit” FJE53

IBM SPSS Collaboration and Deployment Services B IBM SPSS Modeler Server i&H023

IBM SPSS Collaboration and Deployment Services FJ—2Ei&EHI28{# SPSS Modeler #1 SPSS Modeler Server
fENY 5 IBM SPSS Collaboration and Deployment Services fEfiFER TR H, @XM, #E 2| FEE
[ SPSS Modeler fitA] AR Z DM AL, B3 MBI om i A% IBM SPSS Modeler Advantage #1717

A, IHRIERCAS IR E R EN RS L,

IBM SPSS Modeler iRZs
SPSS Modeler #EH T RFIRR AR,

SPSS Modeler Professional

SPSS Modeler Professional $2 {4t PR 2 BRRIRZEM (L BRI R ZRIATE TR, B4 CRM RETHERERRY
fIANFIZE, NHGHHER. RWIT TS HdE.

SPSS Modeler Premium

SPSS Modeler Premium /& —" M EASIZANI = 5, ‘BEX SPSS Modeler Professional 17 7# /&, DAMEGFHERE
WAL IR RS I XA R, SPSS Modeler Premium £ IBM SPSS Modeler Text Analytics:

IBM SPSS Modeler Text Analytics KA JCHEIE S HORM HARES A (NLP), DAPEALEEK & RS
AEAE, TRBRIAZUCIES, PASCRIXEEME & A f2e ], $R BB SFI28 B ] A S BUA FE5 (L £4R

(Fan NS EE) tHgE, FHHA[EB) IBM SPSS Modeler 2 ESHRISIE T BB TEM, DULSZRIE
G R R IR

IBM SPSS Modeler Subscription

IBM SPSS Modeler Subscription 2t 554t IBM SPSS Modeler % F i 52 £ AH A I FRIMIME A ShEE, it
Subscription kRA, #0] DU N E™ 5 HT.

X

SCRYRTPAM SPSS Modeler Ry “HEB)” SEERAREL, IXFESFT I ATTE = i MR I I TELR Knowledge
Center,

VERPE S REE— 885y, ESTERM R4E S A DA PDF A8 IR = M5Bty (RS LEEfeR(E
B) o 8, FJPAM Web LY https://www.ibm.com/support/pages/spss-modeler-1822-documentation
R EEGHTHY PDF XA,

2 IBM SPSS Modeler 18.2.2 i Ff&F5


https://www.ibm.com/support/pages/spss-modeler-1822-documentation

SPSS Modeler Professional 3214
SPSS Modeler Professional XA4EH: (Z2EfeRERERIN) W,

-IBM SPSS Modeler HIF 45/, X T SPSS Modeler B—R% i/, GGG EEIER. ARG
{H. #% CLEM RIAXACHEI H iR, PARCKHTEZBERFTEE] IBM SPSS Collaboration and
Deployment Services B¢ IBM SPSS Modeler Advantage,

- IBM SPSS Modeler Source. Process fll Output 1ixi, AR T LAREMS IR, A B AR R
B R PR EIXFRFTE T sl AR B TT m

- IBM SPSS Modeler Modeling 1ifi, #iiAFTA H T ORI HER T 5. IBM SPSS Modeler #2417
BRMEBALERE S N TEREMSTH2 a5,
- IBM SPSS Modeler M HfE)7am. 445 PR S 159 B AR BT BRI ORI AL BB N PR fa]

Iro IERATDAM “HEBN” SREREUATR R I URA . 1S TS 3 T TR AR Rfl) DARECE 2
=3

H/Gho

-IBM SPSS Modeler Python JHAZGG fIHANML, 1#@ITY9RE Python IIASCII RS H LM RE R, H$
FLRE AT DUF FROET s B 1S B

- IBM SPSS Modeler #8846/, 5 <1E IBM SPSS Deployment Manager R PARCEE/ENL (25 BRI 221 T
IBM SPSS Modeler {15 B

-IBM SPSS Modeler CLEF JFZ N Gifiawi. CLEF 42t TREE =771 (Blan, HdEdrmpfesidsisiy)
YENT1 s AE] IBM SPSS Modeler FIYIRE,

-IBM SPSS Igodeler Bs Wiz asa . A Al A B s ZE R DhaEiEId 55 = 75 SR BoH M RE Y 5 4y
HrIhRERYTE B

-IBM SPSS Modeler Server EH 51ERER M., T2 AL CUNMECE S H IBM SPSS Modeler Server HI{E
B

- IBM SPSS Deployment Manager ' 5/, A <{#H Deployment Manager i 27 #1685 108 BRI H
& P A E SR EAURIEC & IBM SPSS Modeler Server S &

-IBM SPSS Modeler CRISP-DM 5/, {587 CRISP-DM 7547 SPSS Modeler BRI 70445,

- IBM SPSS Modeler Batch I ¥R, 1R AL7EHAGEE XN EEH IBM SPSS Modeler 528455, BEHE
ST PU TS SIT B Z BRI B, A5 L PDF #8211,

SPSS Modeler Premium 34
SPSS Modeler Premium XH4EM (ZEFEREERIN W,

- SPSS Modeler Text Analytics I F'#iHi . R LE K SCAR DTS SPSS Modeler Bl &EAER, EHEX
AT . REXNTIER. BARFEAE IR,

od;: kI E At

SPSS Modeler F 8 E2 i T B AT AR Bh R oRAR 2 LSS ANZH A RN, | FH AR e s PR A SR E AL 75
EAEOR BT A X PR B, A E TR EER S LI B2 ey B B R B BR 0 MG 2, B R
AT IR A R E SRR AR

LYiRRAl, TE1E SPSS Modeler FH#atdy “HiBI” SEEa AR REF B,

B SRR 2R A i L H SR T Demos Uk, AXEZER, 1HZ5 25 4 T TDemos
RS

BUREEBORE, 1525 IBM SPSS Modeler ¥R ZENI2 a5 T AR,
ARG E 1B, iEZ5 IBM SPSS Modeler AR S 5 E shiv s/ FaRA,

%5 1 & T IBM SPSS Modeler 3



Demos X {3k

5 N FRE 7 75— i F BB SR A IR 2 21 7= a2 25 H S Y Demos XA (g :
C:\Program Files\IBM\SPSS\Modeler\<version>\Demos) . AJEAM Windows “JF4f” e L
IBM SPSS Modeler F2fFd il se -3, thinT DU sa i sefk > $FTIFmATEAE H S iy B R E%I1ER B

Demos KiF1TiIA],
V] JEER R

Y IEMHEF SPSS Modeler i, RGie e HREFICRIFrEMFE G FridsRIF e IEE &N
AUTHORIZED_USER #1 CONCURRENT_USER, Ff Hic R E &R ERT &5 X SPSS Modeler 5 AT
TE2L,

PRI HE SR B IBM License Metric Tool A0F,  Jdid 1% T B Al A B ml i 6 B 4l 5 o

VFAIE H &SRR 3% SPSS Modeler & HE I E 3 (BETE T8 %ALLUSERSPROFILEY%/IBM/
SPSS/Modeler/<version>/log) Bz,

4 IBM SPSS Modeler 18.2.2 W Hf& 5455



% 2% " Shitid

FFNI]

TERN—FEHRIZ IS HIFE, 1BM SPSS Modeler ffit 7 HI AS- EOKEURE H A FI X RAVRISIE T 1%, 558
BAIGEHTT I, BIETHAN NS HIEEZE IR 2 R POERE LS AR R BRI A R R 2R R
REEHEIE, BRILIERNER.

J25h IBM SPSS Modeler

BRI R, S
& > I E1FEF > IBM SPSS Modeler <version> > IBM SPSS Modeler <version>
FH AT 2R,

File

PO B +EBESCAAEO PG % & I

Streams  Qutputs
Dy

MNawv K

Edit Insert View Tools SuperNode Extensions Window Help

—@—=A
CRISP-DM  Classes

DRUGTn Na_to_K MNa_to_K

Patient Records i-{am Evaluation

i@ Deployment

& Favorites

@ sSources @ RecordOps @BFieldOps A Graphs @ Modeling @ Database Modeling M Output M Export €3IBM® SPSS® Statistics [ Python

@0 O 200 666 & ¢ @ Ef B

Database Var.File ' AutoDataPrep | Select Sample Aggregate | Derive  Type Filter | Graphboard | Auto Classifier AutoNumeric Auto Cluster | Table FlatFile Database

1. IBM SPSS Modeler =N FRiEF&E O

M S1TRB5h
ST DA R E R G @217k U R JE 5/ IBM SPSS Modeler:
1. &% T IBM SPSS Modeler BiHENLE, FTHF DOS s S1&/RFFE .

2. EPARH 7333 IBM SPSS Modeler Hiifi, i&#iiA modelerclient @i%, AREHMAMFNSE; H
-

modelerclient -stream report.str -execute

A2 (Rid) RVFEEREIRS & 8GR, 11T SRR 26T HA S,



%1£3 IBM SPSS Modeler Server

IBM SPSS Modeler RI{E IR HFEFI21T, SIENEEGERE| IBM SPSS Modeler Server % iz
17, SEVE MBS HEVNELZS (COP) it M IBM SPSS Collaboration and Deployment Services EHF| IBM
SPSS Modeler Server B{RSS e R B IR FUa T, MANERIRASE /RTE IBM SPSS Modeler & O E R
ﬁo

TN EIEE IR 4, #RiEF i A EIER PRS2 FRE0ERFE 2 Al EE AR, (H)E, A&
{15 IBM SPSS Collaboration and Deployment Services, WIAJPAM “HRES#8EFR" XGHEERIRS #8511
AR SS ARERBESR, ﬂuﬁﬁiﬁﬁﬁ}iﬁg‘%mﬁm"’“I_J%J:J:ﬁEI’J Statistics RS HIIIEE,
ERERIIRSS 2%
1.fF “TH” ¥ b BRGNS, BT “REMER" WG, s#&, MNH IBM SPSS Modeler
W O RNERRS X,
2. {HHIZAERE G € ZHE R B AR AR S5 25 LA LHIE TR s N R HIERE R,
- WRINER SR AN EmiE i+, AXEZER, 1HSHE 6 Ui IIRMIF4m4EE IBM SPSS
Modeler Server ZE#%£) Fi,
PR R DA AR SR P AR SS 2R el IR S 2B, AXEZER, ESHE 7 iy M2 IBM
SPSS Collaboration and Deployment Services RS 25 T/,

Mosdede, MROUEEE XHIRSS SHERE, ZRDREEIER, WFaRAM, SHIHRmE S, f&a] DA
FNBNUHHNERE, DSOS SIRRBIAER, ZRRE IR s BV E R, EERT “BhE”

BN I R PR A I,
SRE BRI, TR A TIRSS SR EEdERRR R, RdaESieHE (L), DREERRERM
EO

BEEUE, Akt SRR AT 5 Rk IIRE, IZREZ IAEIEGE AR T BALH P A R R4S
BESRIRSS Ao ﬁﬂ%%(éﬁ@ﬂ%iifﬁ‘% ﬂi@iﬁ*lﬁt’éﬁib&%ﬂﬂ%ﬁfé% (Bilgn, e R
F -, MR BT Bk NER T

PR, A T8RS ST - %o
A R NS =i Pk Y EPRER IR AN
i)éo fEE TR R aIER, RERS RS & P I RAUE T A FE R Windows i, 7 T5 2%
3. i W DATE U FE
W5 IR 55 e T
118 “TH” b, alilRssaest, XRTT “RSSaER" MiBtE, 8%, Wi IBM SPSS Modeler
& H ARSI,
2. TEHOIERE, el “AMIARSS R, RIEHRTE.

FINF4REE IBM SPSS Modeler Server i&EiE

RERTLAE MRS5S a8k MIGHE R Fah gt sl IR SS aiete, By “Usn™ mTDAVG A/ “Usn/gm e S5
fir CVEAE, FESERIEAE AT AR ARSS SE RIS B, 18 “IRSSartR” AHEMEHERE I IERI 5
i “gmEET , CRT USIN/gmEEARSS AR AEHE, HA SRS RANEE,  DUER] DA T AT E R,

T K%‘Eéﬁ’iﬁ}\)& IBM SPSS Collaboration and Deployment Services FIIMAIARS SERE, FAEHR, UM
HABEI{E E EAE IBM SPSS Collaboration and Deployment Services FRfid & X, siESLERGH, RI%f#
FA#EEIAY%E 15 IBM SPSS Collaboration and Deployment Services il SPSS Modeler Client 31 Til{5, X
Les 1 a] PUZE N options.cfg XA max_server_port Al min_server_port,

ISINARSS 2RIEH

1.1 “TH” 8 b, BHRSHES, X “IRSHEER" MNIGHE,

2 EIONTEAE, R B, BT “ARSSERESR: NN/ gRiEARSS 27 A IGHE,

3. ARG SIERNFEAEE, ARt R FIERIFIRE] “REGHER" MIEHE,

6 IBM SPSS Modeler 18.2.2 i Hf&F5



RS5aN. TEE R ARG AT FRIE R — MRS A8, ARG et BN FRA] DAREH FREE . (filan
myserver) BRIGIRAARSS et EARY IP Hutik (54N, 202.123.456.78) .

i, FEEARSS AR EAITAI LS, WREREIREAATH, ERRSEMH R RBUEMAG LS,

AR, F A LIRSS AR A Al e A

Witk iR (fEH sSL) . faEREMI%MA SSL (REERTR) &, SSL2—MEAY, AT
WPRIEIE M A TR RV BRI 2 2, B HILIIRE, WIAEAE IBM SPSS Modeler Server YRS &7+ /5
SSL, MEMIFGAMERABR, DT HRHEAMER,

SRR 5 AR

118 “THR” 8 b, BdiRssaest, XTI “RSSaER" MIEHE,

2. ﬂ?j?lﬂ:ﬂﬁﬁliqj, MR RS, e . RTT “IRSSERESR: BNIN/gREEIRSS 48T X
£O
3. ERIRGFAERERANE R, A5 RN B ABIFREIE “IRFFEHRER" MG,

225 IBM SPSS Collaboration and Deployment Services FAIIRS3 23

1£ IBM SPSS Collaboration and Deployment Services A, 0] DA FHEFE 1 E 2518 £ &% _E AT F VAR 55 88 8k
MRS aeeBt, MM T ARG e, RSHERE AR, HEDERMIXARS % HHE &
TE AR AR SRAE H e B2 A AR 55 2%

REERIE “IRESEER" MIGERFRMRS S, RETERTHNRS S, FIELHRANEEFRS %
FrAnsG 50BN FERZRIIRS 2R IEEE BIHREN, (BRI EMBNSERER, WHP%A. B
EQJO

T RETCROH AR A RS IIRE, AR DAFahim N EIE R IR S es A FReE R ST mT B X4
e BREZER, ESHE 6 11 TN 4% IBM SPSS Modeler Server J&E$2) 3/,
HRIRGSAFIR S AR

17 “TH” ¥8 L, mEiRGHEER XTI “RSHEERT MIGHE,

2. (EHATERED, BATSRITIT “MHRRSEHR MNIGHE, RSN R VA 2R I8 AR B 5% 2] IBM SPSS
Collaboration and Deployment Services, MIRGSTEREHRSTHIHEE,

3. MR AR 55 s iR 55 A SR B
A, BRI DORTXIEHE, X5 R SRR RS54 R RIEHERTR T,

1E3E3 Analytic Server

WA 24 Analytic Server RJFH, RTRU#EH “Analytic Server #E#” XHHHERE X 2 /MIRSS 25 PAE IBM
SPSS Modeler i ], RSB R AIRECATE <Modeler_install_path>/config/options.cfg
AL ERLE Analytic Server, BTEE X 2 )5, HaT A HEMATHRS 45, Hlan, 24{#F Analytic Server
“UR” RN CSHT R, RIREREELERIANE XA ANFER Analytic Server EH;, XFEYMEF— N
21Ty, AR B 28 Analytic Server, HAZEALMEIEREXZ] IBM SPSS Modeler Server H1, 1HEE,
W E 21 Analytic Server %#%, Analytic Server FRIEIEE T HLF] IBM SPSS Modeler Server,

FEAIESHAY Analytic Server 4%, #ZE T H > Analytic Server JEFEH7E MHTEHER DU R R AR LT TS
B

FlShYe)

EE
URL, P& https://hostname:port/contextroot #iA Analytic Server #J URL, HH', hostname
5= Analytic Server f IP #ilibBR 4144, port BHIm1S, contextroot /2 Analytic Server Hy_E R IR,

fiLF, % IBM SPSS Modeler Server flTf@RITHF U4 FF, WNRAHIER, KRG ER R,
INE

7iie MBATRIAIET A T

Wi IRE IV AT RS SNSRI A TR



AR FEUEZE K A M IBM SPSS Collaboration and Deployment Services Repository HHZEZ L,
- Kerberos SR AMRSS EARZARMIELE X FIEZ, RAFNEZER, ERAEREH R,
HF144, i\ Analytic Server FIF 4%,
B, EEEAT Analytic Server JEREI,
i, i Analytic Server %14,
B, e DA AIE R

B3
fEfeE EIME B 2 Ja, ERARMENZ SR R, WRFEBIRER, HHHIERFAER
28

WREBE R TE options. cfg XX FrE X T HE Analytic Server 2, AT DABA T ERMMERE 82 UG E 7
F ] FERE, IR A P 2%,

EX temp BR

IBM SPSS Modeler Server $f TV LR ERT REFR B O IGR SCfF, B IEM T, IBM SPSS Modeler TERST
mHs H 5% NI ImEN S fF, Rl DA 25 3o e m iy B SR &,

1. BT Hok spss NE T H3% servertemp,

2. Y options.cfg, %X T IBM SPSS Modeler 22245 H 31 /config HF R, fEIM S HFh2mEE
temp_directory &%, B HEMNN: temp_directory, "C:/spss/servertemp",

3. SERUMIRIEIG, WEEHTE 3 IBM SPSS Modeler Server ili%5. FIIEI #di Windows il #R H1 HRS5
IR AT IR B R 18E, R RIS AR HEH B sh A S TR e, /e ahflasth
SEHENZRS

TR ISP RN R 5 N3 H 5%
T AU AT

BiZ 1 IBM SPSS Modeler £i%

AR T ZFI F 31— AR IBM SPSS Modeler 51, MAZI0N IBM SPSS Modeler F1 Windows B B
—EETE, Flan, WEREER AN RS SFATIE,  BAEME— B F i & AR IR 81T
PN, RN RIS B — L L,

THHZ A IBM SPSS Modeler £1if:
1. e
JF6 > A 1T > IBM SPSS Modeler
2. 1£ IBM SPSS Modeler Piff CirdiskiEIFR) A Rt m Tk,
3. EHFXAMEF, ¥ -noshare HIMENZFIATERVEE R,
4. 7 Windows W RS LR :
TH > X JEIED...
5. 1F “XHFZA” EIR B “IBM SPSS Modeler i %W, AR5 dimdk.
6. £ “ImiE ORI JGHES, 1%8E “fH IBM SPSS Modeler 1717 , #AJ5 B dighifa.
7. T HUTERAERI N IR SCANE, 7E -stream SEHTTRIN -noshare,

IBM SPSS Modeler RE S

EEHRIZIE SRR NN R R, EERAT PUEIS A 5B Y IBM SPSS Modeler RHEIERIE WS ER, &
WEEE Ny, 22, B RISRBAGIN) PR EAS R 5E A MR RO, AIANLE B AT DUBAA TS B H I A F
BRI, IBM SPSS Statistics FI& R AN T,

8 IBM SPSS Modeler 18.2.2 i Ff&F5



fiif IBM SPSS Modeler RIAMHEEHRRIS AR, HAp s =108,
“H4E, HEIEA IBM SPSS Modeler,

R, i — RPN RIS TR,

E, HEURREZR B

X—RAEF SRR Bl , FOVEEE AR AFI0RIER, WEBUREITA, RIREE BRI, RERX
Hin (BRI AR H) o

Wy —

Yar. File Derive Select Tahle

2. EER

IBM SPSS Modeler i T{EX
P TAEX 2 IBM SPSS Modeler B I1HF S AMIXIR, 2 B s e SR A S,

File Edit Insert View Tools SuperNode Extensions Window Help

PoE B +ERSCOEO PG %« 0 C I

NS Outputs
Dy

MNav. K

@A\

DRUG1N Ma_to_K Ma_to_K

CRISP-DM  Classes

Patient Records

Lravorites  @sources @@ RecordOps @ FieldOps AGraphs @ Modeling ) Database Modeling M Output M Export  €IBM® SPSS® Statistics  [J Python

0 © 200000 &4 © € ¢ EE B

Database Var.File ' AutoDataPrep | Select Sample Aggregate | Derive  Type Filter | Graphboard | Auto Classifier AutoNumeric Auto Cluster | Table FlatFile Database

3. IBM SPSS Modeler THE=S(a) (FRETIE)
T 1E P ) 32 AR P 22 5 W 55 A8 S O BEHRE DR B Y, B MRIEE R — DN RIFREE 19 320,
IR MBI W PR, MERREUEE S MREZ RIS,

1£ IBM SPSS Modeler A, 0] DAE R — M TAEX 8 1 78 B9 TAE X KRN AL B 22 Nk, 2GR,
TEEAE IBM SPSS Modeler & 14 EAR “R° BT,

T SR AYE MacBook, 1M B.E/E N Bt AY Force Click and haptic feedback % &, A2 MY
RO BT sSHE IR TAE X AT RES SBUE TIEX P RIMES T i, Rt i, i Force
Click and haptic feedback filifZ i R Gt 1%L,

T RZEBR
SPSS Modeler HH YA/ EAE AT B T ELER n] MBS IR TAEX R 77 78 AR JECER Y 19 e FAR R R B
i, TESOEWOE ORI ST TR I T E (mERE. SFFRIEEI B0 R



LAEAR AT, T ROE R TP R EPRES 7 AR AT b, BlJE PIRS D EPRE R DB — 3R
BRI T o

& ravorites @ Sourc @Record Ops  @Field Ops A Graphs @ Modeling @ Database Modefing M Output M Export €IBM® SPSS® Statistics [ Python  +r Spark

@9@@@@@0@..@ O@@

Sample Sort  Balance Distinct Aggregate RFMAggregate Merge Append StreamingTS SMOTE Extension Transform Space-Time-Box Streaming TCM CPLEX Optimizatio

Bl 4. WREARPR “EFRED EH

MERAFET R E — A AR ERCER B RS S, a0

PR S T REEES A SPSS Modeler H,

IR A TR BER IR TERCE, BlanERE. &I,

P BOEIT S TR T B TR, BIAS . IRAE R T BRI 48 T B &

- BT R T DABIE 7 U B R T SRR, B AIERCRE. BRI ARG R,
BT R SPSS Modeler AR BEREAE L, FIATRIEEMILE, DR, SRIBIEMEHE 5%,

- BB S # H Microsoft SQL Server, IBM Db2 LA Oracle Fl Netezza $iE & A H LA S,
T R T ONEAE. RISRAERIZE AR BT PATE SPSS Modeler RSB 1 FRiI HI

- G SR T AR AT DAFESNER R AR (5140, IBM SPSS Data Collection B¢ Excel) HH#EB & FkaH,

- IBM SPSS Statistics 7 55 )\ IBM SPSS Statistics S AZHEH FHEIE, LAKIZTT IBM SPSS
Statistics I F2,

- Python 17 5iA] i 11217 Python &%,
- Spark 17 s A] I Fia1T Spark H.i%,
K& X SPSS Modeler HUZARE, & AT DAE & AL B O FAIE RN A,
6“1 UL BN, AT DOEIS B2 B, SRIREA 7% i R B s TId Bk,

TR EARCN TR MREERS, AR IR AR ROERE A5, BN R B S A BEE R
TR GBI ITICA - NIRESER, BRI GG S AR 2 B EAE T AOIRE IS S AR AT I 5
P R IR RIS B

HE: WA F 2 MacBook, T H.ELS F N B izt 1) Force Click and haptic feedback % &, ARZMT
RO AR T SRR TAEX ATRES SBUE TAEXHIRINEE T i, kRt A, i Force
Click and haptic feedback filifZ= i 24t 1 1 i,

IBM SPSS Modeler E1223
EHRESATEOA A, WESESHTERR, BRI =/ MET,
ATDAGER “Ui” &7, Eianf, REAMBR SIS 02,

Y | streams | utputs | Models

u} Streamt
'u} drug
'q) drugplot
'\-‘3 drugreport
E k,a fraud

10 IBM SPSS Modeler 18.2.2 i FfEF45r



e

-
Streams || Outits | Hosels.

@ Patiert Records

8] Pict of a v, K

m Histogram of Ma_to_ K
] Distrikution of Drug
E Distribition of name
Tahkle (21 fields, 10 records)

=] mistrikution of name #1

@ ‘Wieh of region x maincrop x claimt...
k] Histogram of dite

table (10 fields, 300 records)

Ele. “ft” @Em+

R JEIR AR S IBM SPSS Modeler FRRURHR(EA AT I, BIANEIFERIFRAS, AT DARIR,
TR17. BT AL I EAH RS, ETEAIR o

LMJ {_ompma__1 Mﬁ
& W

Cirug claimvalue

i

Crug

1] [+
7. SRS “RE7 Rk

FEEMEED R, "R EIRBARIEARIIIEE, R R PSRRI, X R &
IBM SPSS Modeler i &1E A AR, ATDAEREA “RA™ JF 00 X S X S AR sl K e AT AR 2 )
AT,

IBM SPSS Modeler ITig

WA MRE S TR, AT OEAEEEIRSE TR (SEIRISESHE S t4H) . Eal@Ed wikh
J7 15k EE AT IBM SPSS Modeler HHAllE Y THE: 78 “2K” W& CRISP-DM fiEHEE,

[0
CRISP-DM I Clagses I
| | Sahesr vt

B =] (unsaved project)
&[] Business Understanding

@ o

----- () Patient Records (5 fislds, 200 records)

----- () Distribution of Drug
- [=7] Data Understanding
|| Data Preparation

- [5] Madeling

- [-7] Evalustion

- [-7] Deployment

8. CRISP-DM &

IR PUARTRYAEL RN T “BS T R Z I e bnifE” |, CRISP-DM i&I-RIEMt 7 —FITH AL %, T
ICRALRABIREZ A CE# T, [ CRISP-DM TEH X HIEH+FIE,



CRISP-Dhd-

E [ (unsaved project)
E||j Streams
L L@ ong
7 Modes
'|j Generated Madels
== Tables, Graphs & Reports
‘j Patient Records (5 fields, 200 records)
i) Distribution of Drug

Claszes |

9. “K” NE

K7 JEWRARHE—RRTE IBM SPSS Modeler FR22851 (RN, $ERTOIERIXRER) HAHATERNTTR, 1
MEFEREE R, i, BRERYTER E SRIN 0 H o

IBM SPSS Modeler TH#=
IBM SPSS Modeler & I THME — MEAR T EE:, Hob@ST26 A6, FHE 5% T B & 2

B i
= G =) i
YRR ST

S
G\u -

el Es 1B L — R

I

L

E.®

;_I

=
3 m g7 s

B @ Fiki SQL £

| IS p
o B (UERGTIBMRENTT e e
) = R

g5/ ({XBRF SuperNodes)

K (IXFRF SuperNodes)

%

12 IBM SPSS Modeler 18.2.2 i FfEF45r



SRR | LR

|
‘? Fegimbnic (ARAE) EoRFSR A AR IC

€

3 1E IBM SPSS Modeler Advantage
RFTHR

ARG TR, BB 2 iR Ak,
1E IBM SPSS @5 15) +REIHH /T eH TR BERE,

BEXTI A=
ST DATE B T R4 T, AN

REHER

EbRR S A TEER
A K NEbR
FHTH A TR R, ERITIL R HRIE:
1. fEEFRA, M
ME > TH > iR
P T B RS EbR AN E, TET DL R
1. fEEFRA, M
BE > &l > BoRn
FRYE TR B R T B REUKHA,

E4 IBM SPSS Modeler B

{1 SPSS Modeler FHHEI#HR5r < ISy 5Lk, ] DAEEE T B A/ NSOC A FELE T B DU R A dr. il
an, AnSREACEEAIUGL, A2 AT AR AR 0 R A/ INGISKOR QAT RO AR, B PEES BRI H A%
IXFEA] AR AR EAT,  ATTONAC BT i sk 22 N (e B AR AL,

AN, M CHRET SEE b, BRI AUEMN, ERRER SR AT TSR X E T H B TR,



Flle Edit Insert “iew Tools Supetbode  Window  Help

NEHB R RFZQP G TR (RO

. > E h—i,a',,)?‘ -.m - %) —I—{."T"L’? I‘-‘@:""-ﬁ -l

Transactions  Conve idates zﬂﬂ?ia 06 RFM fialysm remaove scores RFM score descend 10000 highest RFM score
h _. \\\.
B
Siﬂ Slﬂ S;rt
B 7 EE
Transactional Data EEE | Binned and Scored Da..

Aggrenated Data

1] M
[FEr—r— ) |zasB ratawve

10. RARLHIRET
A AM—FRIE AT RL%E FARFN S BRES DA TR R ik 2 . B E KRS SPSS Modeler & T 5 FEH
HIREhZ%, iR TAEX SR B T A

@mﬂu@ﬂﬁgﬁE%E%,%ﬁﬁmﬁﬁﬁ\ﬁ@%ﬁﬁﬁﬁﬁiﬁﬁﬁﬁo%ﬂ%ﬁ%mﬂﬁﬁ,%
T

WE > Hibrid

EUCRINERR T
fERT OIS 2175 2 SR ERR TR/
R E
- A SR
REdiEL 5
AT DA BB RO D, R H RO ARHE AR R ST 8% 2 200% Z AIEIFRD RS,

BRARBANRAKRDN CREMSE)
1. MFEsA ) R

TH > gtk > & > )5
2. N “BEIRRRUN SR AIEREFT RN,
3. il EBESR,
4. BT IR A7 BRI

BRBENRRENKD (REFE)
1. AR TR ERRE R
2. EFEBRSE, FREFERTRIIRD,

14 IBM SPSS Modeler 18.2.2 i FfEF45r



BRBEANRAENKRD (REFHE)
1. [RIHEAE A ERY Ctrl + [-] R4 INE R— MR/ MRS,
2. [EINFEEFBEL B Ctrl + Shift + [+] SRIAKE F— MK R,
HER, X BODTARTREARIEN, BAABIRT Al R R G BE AL
RIS 2 AR AL I, IR IHRE S HA o S0 AT DAGE F M DI RESR AR AR i/ D T EN AT AT 7 ) D i 4

£ IBM SPSS Modeler H{E A Bt
IBM SPSS Modeler Hrix ¥ ULEY R A IELT S PR :
i, ARG B M B IR T, AT SR DART IRl EAAR R AR RTIR T, Bk 4%
ER G IR NI T RED =
Wikie W FRURR S B AR AU TR H DA R R B 19 Ao

Sl bR, B bR B SRR AT R R AT AR A e Al BB B AT OIS R R
GRIRIRH =B EbR, RITE R FERN BRI IS 2 Alt SEORBIIE DI RE,

fERRER

IBM SPSS Modeler FREYVFZ AIMLIRIEIRIEIS A 5 2 IR GERE, (140, RDEd B i N SO aL
I Delete BEAG UL sSMIBR, [FIAEM, AIfEREAE Ctrl SEMVRII 4% S HORPUEIRFE RN, fhla (Flan
<) i Ctrl FIHAbERIHETEE, BIAH Ctrl+S,

HifE Windows #AEH IR T R 2 REERE, BIANEA Ctrl+X REUTETYE(E, IBM SPSS Modeler MY HF
XL, T HIESRF NN R R B PR B

TE: fERSEEIL T, IBM SPSS Modeler H {1 PR E R SHRIE Windows PREEREAIIZE, SCHPRIXLE| A
S Al SR, Blan, PTRAREA Ctrl+Alt+C SRFTH B &S 17

& 1. R IREER

Pyt Vit

Ctrl+A ey

Ctrl+X 519]

Ctrl+N Wi

Ctrl+0 FIHH

Ctrl+P FTE[

Ctrl+C il

Ctrl+V RE

Ctrl+Z T

Ctrl+Q MR T RPN AL

Ctrl+W EHRANIE N A (B Ctrl+Q #ATHIHL)
Ctrl+E MIETE T RIBfT

Ctrl+S TRAF AT IR

Alt+7 KB I e 68 P P Sk 75 I8 it TAE X A% 15
Shift+F10 FIFIEE T RS S e




| 2. ZHFHVIEARR R R

Peytint YikE

Ctrl+Alt+D E il R

Ctrl+Alt+L I

Ctrl+Alt+R EGREZR

Ctrl+Alt+U B PR CT R

Ctrl+Alt+C VUL ZESS

Ctrl+Alt+F il 2% 17

Ctrl+Alt+X PR

Ctrl+Alt+Z JBOR /471N

iz IR o
FTED

A £ IBM SPSS Modeler FHFTEI RFIXT % :

MER

- E(G)

- R(T)

A CREIRG T R LR &)

A CRE TR . HRSZBIA” s N AR XHIEHE)

SRR (BRI AS, EE AT ERON IR R, WEER)

TEME (GERIEHIAE “TEMR” ETR)

THTEIN S

CBOANTUERRATED, i TR ERY FTEN” 144,

- RAEFTENRTRE T, THIERE S SER AR B

CRAESTENRATRSE, 18R "SR SR HTENAY,

- EEBSRMESTE IS HES F T B TENHL DA R FE 2 AP IR, RIS “SXfF” ST EN,

3:3 IBM SPSS Modeler BB Ehk

H T MRz IR R — N UK E AL #2, A IBM SPSS Modeler EE& % T LA2E BRI gmAd Fl H b

(TSN

- FIRAPREPERITES (CLEM) 22— R T2 HIHR1E7E IBM SPSS Modeler it iR shEURINIES . BdEZ
i N R THEFRRAER T2 /] CLEM TE S SRPUTARIE SASFII N RS HE S AT XA A fRf BT 55, AT DATR
176 Web HIEEHREAHCN BAH RE B — R 7 BANCRIZAER RS,

- WA i 2 A A P T _ESCRIE AR B SRS TR BAIACRT DT F P 6 BUbR e B S A T R A —
FARAE, IERT DA E fan R AC BAE AR A,

16 IBM SPSS Modeler 18.2.2 i 2 F45r



o 3 5 @BRIAT

BRI, ARSTTRER, ATPUER T RIRE — A\ 7 Bal e B i e BN, SRl e oA
{5 PRSI ARE ATE A R 5 N ERIAH S A5 B T 6335 F 1 A\ LA B XURR I 2 4 v XU

REAF IS SR UL A B0 B AR, BT g A2 (6 IBM SPSS Modeler HYZRHE,

Credit rating

|_ Category % n
Bad 40944 703
18 Good 59.056 10141
Total 100.000 1717
_____________ I__________.‘_:'

Incame level
Adj. P-value=0.000, Chi-square=481.198, d=2

High Lulw hedium
Mode 1 Mode 2 Mode 3
Category . % n Category % n Category . % n
Bad 10969 B0 Bad a3.3rs 311 Bad 41 BAE 332
B Good 88.031 487 B Good 16622 B2 B Good A8.344 4B5
Total 31.858 &47 Total M.724 373 Total 46,418 TFO7
T T— T T<

] 11, R
AR PSR, R G — RIVRSHIUR DT GEFIINARD) | Bl

IF income = Medium
AND cards <5
THEN -> 'Good'

ARG CHAID (K77 B BRANAGI) BRI SEHTEMINE, Kt ssr 2N T IBM
SPSS Modeler A ELfil AR 2R AN

TEIRE T REEAEA SRR E ST T AR AR, ORBIR R BIRE R S R RRITE A IIERE, H

CUENENIEA=

TR iR

Credit_rating FEHESR: 0=AR, 1=1ftR, 9=58%HE

R Age in years

l'ON WAKF: 1=1K, 2=, 3=7%

Credit_cards FERGEHREC 1="PThK, 2=AKSEZ
HE WERRE: 1=g, 2=K%¥

Car_loans BRI EGERE: 1= IAEE—T, 2= L

AT EHIERITEERIE R, SATHEP AR LA R BEEE, XEERUBE P REE T 6 (S
=R ERZHRIGK (FHWH = AR) o ELHEHRIEEE, RITRE ML A ]
REAE TN AR B BIRK H 1 4 1 R BT R REME

IS P ORI, AT DASI AT PR AR 25 P B ARFAE T P00 DA R B & 2E T REE

ARG T 448 modelingintro.str (3R, %A T streams T X3 R Demos XA, Bl 2
tree_credit.sav, AXHEZEE, BEZHE 4 711 TDemos XI5,

BABRE — i,




1. TSR NI T :
X > ¥R
2. By “FI9F” ANERER TEAE FRSIENR, AEIERE Demos XK,
3. Wik streams X%,
4. Witi%4h modelingintro.str AL

“
Nt
R
I T ;
_ — s (32 — 'ﬁk
tree_credit.sav Type Creditrating

Tahle

2

Analysis

12. B&R

FEEGERAERR, 2/0FE 3R
- NSNS B R TR T L, FEASRBI A IBM SPSS Statistics £ ¢,

- MEEFBIB MR R R YR, FREEUENEIG (FRUSHEIERT UkENE
BRAE B AZ RO (2 HARIE 2 AR,

- NMEBATIRIN AL AR B AT R

FEHOREIH, R CHAID BT, CHAID (R, R75HENERN) B—frk75ik, oykad
RN -RT5GELH AR E 2EPUGE T S S R SR ) i £ 73 B ESRA I R

QUERAEIRTT AR T IR, IR DARRESIRAT “FA” 55, MIDRE LRI, 2552 R,

WRIEE S “R” WA 7 T, SIEBRIHOREHERIN R R 2 SIS X RN R E B RS
%,

Statistics SCHHIRTI S tree_credit.sav 0B F132HL IBM SPSS Statistics MaVEE, 1% XL EETE Demos
Xk, (4429 $CLEO_DEMOS HIF#AL & F T 5| AL T 2471 IBM SPSS Modeler %48 FYIZ S, 1X
FE, TOIR SRR RS RA B4, YA DA RES IR E R )

18 IBM SPSS Modeler 18.2.2 i FfEF45r



-,

0 tree_credit.sav

- FCLED DEMOSHree_credit.zay
l |
Dt I itter i J
8 ,E&%JLJ&&%%,L&Q@,?&'E
Imgort file;  [FCLEQ_DEMOSHree credit say

“ariahle names: Read names and labelz @ Read lahels a= names

Walues: Read data and labels @ Read lahels a3 data

|:| Use field format information to determine storage

B 13. 5 “Statistics X" TR SIRENEIE
KA JAsE G T ERANRGON, MEIHIZER 7B BRI, BT TREE S A =#f
ENGIESE= a8

BB (BIANAER 7B WEESnsE, ma 7B (BInEAENvED AP e MARE, f
WAR, MRETEERRILR. ARF7ER (BB ATt & BAEE IR 2 D ARE
Ao, FEDERFNE, PRI,

D= =

Types [m?};‘l A,B,Jgg;}
m oo E - P Read values ”

Clear Walugs | Clear Al Values

Field IMeasurement ‘alues Ii=sing Check Faole
@ Credit rating &3 Mominal Bad Good. .. 2 Mone @ Target
& nge & Cartinuouzs [20.00269... More ™ Input
@ Income lewvel il Crdinal High Loy ,... Mone “w Input
@ Mumber of .. &) Maminal "Lezstha... More N InpLt
@ Eclucation &) Mominal "High =ch... Mone “w Input
@ Car loans &) Maminal "Mone ar . More N InpLt

@ view current figlds (O View unused field settings

J (cancal]

B 14. £ “KE” TRREBRBANTER
MNTFNFE, RN ACEEME, DHEREDNTFERIRE A INEIE D, SFBREMITT AR CRE N
HiR, WFBAEREEFPROHER TR, XZ2ER, & ZEmNHEN 7R,

T HATE, HAORENRA. WATERA NI R, sl A AR E AR BHER
TEL

CHAID FARTY s AR plABi Ry



FERBRYT R B IR, SR WOE M, XA RGBT S AR A HEE A AR
No B, RIDAERR B, (HRUHORBIT S, R AR X 7 B,

1. fds “FENRI JETR,
i) Creditrating
@

L

IFZ)bjel:tive: Standard mocel

lFie”S  Build Options || Model Options || Annotations

@) Use predefined roles

O use cuztom field aszsignments
Figlds:

é;’-;c-rt: Pone o ¢ @ Targetz*
|j1 Credit rating

Predictors (Inputs)*

& age
;[E Income level
9‘3 Mumber of credit cards

&)ﬂ Education
%_ Car loanz

& &l

Analysiz Weight:

| g shdllsls|

: (] (][
Ok E.-tRun Cancel

Bl 15. CHAID ERTi=, “FBR™ EHF

IR, A] DXL i AR AR,

I FRA TR — DR AR, TR B G TR TR

BADEZRE N BDARUEPSRIE I EAC SR, Fler B Es B Rig kg i,
BATAT LR R A AL VP A TR A S ED R RS, AR B B 1 B 2R B R A iR

20 IBM SPSS Modeler 18.2.2 N 2 F5E



Q Creditrati ng

@

'pbjective: Standard model |

[ |

Fields Builed Cptions: || podel ¢

Select an item:

%Objective
Basics
Stopping Rules
Costs
Enzembles

Advanced

What do you want to do?

@

ey model @ Cortinue training existing madel

What is wour main objective’?
@ Build a single tree

Single Tree-

Mode: @ Generate mocel (L) Launch interactive session

Enhance model accuracy (hoosting)

Directive..

© Enhance model stability (bagoing)

@ Create & model for wery large datasets (regquires Server)

-Description —

Crestes a single, standard model to explain relationships hetween fields, Standard models are
easier to interpret and can be faster to score than boosted, bagoed, or large dstaset
ensembles.

L

o) () (o)

16. CHAID ERTI =, “MEIEIT EH~

ﬁo

2.1 “RENEND JEWE B, MAENY SRS E R A R,
3. I AN T,

4. KA 53 SR IR VD SR B E DY 400,

5. ¥ 15 XM MEFBOL E D 200,

X IRE, AR ORI S A, R, R B0 AT R 757 s N SR Y e/ NESOR BR iy 4



() Creditrating ﬁ“
W @ED

bbjective: Standard mocel

Select an tem:

Ohijective

© Use percentage
Basics . o _ e
i R | tdinimum records in parent branch(%): 2088
!Stopping Rules |
B o S 1| T : -
imittiuim records inchild branch(%): 1005
Costs
® Use abzolute value
Ensembles
Minimum records in parent branch;
Acvanced =

[*]
dinimum recards in child branch:

[ Ok ]L? Run] [ Cancel ]

17. RERT REMEZIRIEFA

ooy | et

FEARBI,  FRATTRT CAGE A A AR, [t B s T AR, (594, MRl DAA RS dIZ A,
RGBT SCRBAPIERIBAT, BOERETA, FEMN “THE” SZRAERaiT, )

pbt Y
PATSER G, SRIPLRTSINEI N AR E LA EAR BT T, ISR BHEREARS, Rt

—MER M AP AEIZAE R T A RE R, EEBRAATRAEE, AR RO (tehL
ALEMAN L) st (EL/EX E) .

s e e
A To Stream ?

Browyse ft rating

Renathe and Annotate [%
@ Generate Modeling Mode

Save Model

Save Model Az
% Stare Model..

Export PhitdL... +

Addd to Project

2 Delete Delete

B 18. “IREY" EAIR

XFT CHAID s, “RAL” SR AR ATE BRI AIE R, ISR SEhR_EJ2 T A TR AN R F A
FBVERE A ME RIS+ B — R 5,

22 IBM SPSS Modeler 18.2.2 i FfEF45r



) Credit rating

'E L | faEiIe ) Generate Jiiew

o :- EREAEN :
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B- Income level in ["Medium"] [Mode: Good ]
Mumber of credit cards in ["Less than 8" ] [Mode: Good ] = Good
Mummber of credit cards in ["5 or more” ] [Mode: Bad] = Bad

19. CHAID Y223k, #MIEE
AT SRR 79 m-- R AR T ma i i — 2R 7 --IR A R A REFUNME, X V& AE1% T
MNEIESE, ArE R B TS p AR X i & DL B R E

FEMSER M, R DR BoR TN R E R, IR TR AN &3 P AL & A A X
HEME, PR, BB R PR TE, A —TERE TR ER RE,

Wi 9 & 1.

Predictor Importance

Target: Credit rating

Mumber of_|
credit cards

I I I
] a2 e 4 &
r
Least Important

Wigwy: |Predictor Importance ™
20. MNZESEHER

BRI “EEA" IR DA R F — A, Hh & NSRS — Nl (A TR ER
SRR AR PR T R TIRON G/ N AT DA B R A BE 22 A

5 3 & @A 23



O Credit rating

@f |;.' File: @ Generste dgiew

CHATD

| Model | “iewer | Summary | Seftings | Annotations

S D BWE fEE B

Mode D :

Categol % o |
Bad 40.844 703 |
B Good 59.056 1014 |:

Total 100,000 1717 |

Income level
Adj. P-value=0.000, Chi-square=431.198, df=2

HiFh Low hedium
Node 1 Mode 2 Mode 3
Category % n Category % n Category % n
Bad 10,969 60 Bad az3ve I Bad 41 656 332
= Good $0.031 487 = Good 16622 62 = Good 58.344 465
Total 31.8568 547 Total .74 372 Total 46418 797
| = | =

Mumber of credit cards

Humber of credit cards
Adj. P-value=0.000, Chi-square=129.197, df=1

Addj. Pwalue=0.000, Chi-square=28 606, df=1

Less tlhan i Sor i'none Less tlhan i 5 or more
Node 4 Node 5 Node 6 Hode 7
Category % n Category % n Category % n Category % n
Bad 1507 B Bad 17.080 54 Bad 14234 30 Bad 56.023 203
B Good a7 403 225 B Good 82 .911 262 B Good 85 766 235 B Good 43 977 230
Total 13.454 231 Total 18.404 216 Total 15.958 274 Total 30460 522

21 RPN E R, BiEFEHE N

BEERM LI, F—N0R (s 0) AERMHEEEIR S E ISR E, FdESTE 40% NN ES
KRN S R MY &L, R T R 2 G r] AR O TR R R T RES S B B
AR A ETER R,

AT AB RN E — N ERRIERA KT, AT TR AL B4 o 2, Bl DA R IR 6%
AHRE B R E AR E, RIS, AR A% AR b B A XU,

B2, HAGIH 16% W LFR EARMR G, KRR, A BREREE Wl & — e A,
B OB BRI ARSE T A £50H8 T A 8 — N I SR A HE Y B AL

FFE, WRBANIEESRAZS (TR LD , LRLERLEKER T (89%) NEHK, HR2HEAET 10%
H% PSR B 21 AT DAL AT BRI SR B R FEE st B PR b Ak g XU 2
FEEERAATARIER A EH FRERBXERE P RN PR (TR AR5 « A TFERARFS, W
REMAFALEFEH DT 5 kiR P 6K, AT DLEFRATTRIEIZEM 89% 1R =iE 97 %--E- 2= H il =4
S
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I
High

Mode 1
Category % h
Bad 10969 &0

B Good 59.031 487

Total 31.858 847
=l

Mumber of credit cards

Adj. P-value=0.000, Chi-sguare=28.696, d=1

Lessthang 5 0rmare

MNode 4 Mode 5
Category % n Category % il
Bad 26497 [ Bad 17.088 54
B Good 97403 225 |® Good 82911 262
Total 13.454 231 Total 18.404 316

B 22. BIRNE P BIRTATE
IO (1 3) IR PR A ARG (I TEPERIA ) 0B R “RR” P2,

FHA IEOHRT R 6 F17) RRERSBITAL, Xk, HAMREFER DT 5 K PFRAE 68K,
PR RIFAT Y E 70 EEA 58% =% 85%, 1XJ2 T A,

hfedium

Maode 3
Category % n
Bad 41656 332

B Good A8.344 4B5
Tatal 46418 F4¥
=l

Mumber of credit cards
Adj. P-value=0.000, Chi-square=128.197 di=1

Lessthan 5 50rmore

Mode B Mode 7
Category % n Category % n
Bad 14234 39 Bad 56.023 283
B Good 85.7E6 235 B Good 43977 230
Total 15958 274 Total 30480 523

& 23. hERNE P BT AE
Bt Tl )T S T S AT, KRS — MR, ELEE I AR LR 5
BB (E G BB AR B

NBMIER FFIHE X — RISy, T8 TSR R R ISR TR, BRATTR] DA I
BREISATIIZREEE (EANEHARAIEAR) FERE, IERIREB WAHAIT HARE,

AR

BATC@EE W T g 775 (B0, WREIEERAR MR, 84T EN — LR Ty, I
R RPN AW B 5 SEPRES SR T LA, AR A T BB (R — I ATy, AT WL A i
ST R AT EEE



B - -

: -A> | CHAID

tree_credit.sav Tyne ,Creditrating
#

’

Fl

‘,i/"_' EEEE
&&WF{ Table
CHAT|

Credit rating \ | O\

Analysis

24, R BURMT AN E 58 T3 m U TR B PG
1. EEFBEIIME, HRET RIERR, RENE R TR, et

FAEZ N $R-Credit rating I FEXHH BoRTMI 08, T EXHBAIANE, BATA] DL IX E(E 5 40 & 52 bR
M. GEE PR 7 BOE AT EE#%,

FRIRIRGI, TEE IR A R AR T BB, (HREM EFRERTS, A15E $G 1 $GE HI™
NEMERIER, $R EHTAFIHE CHAID BAIFTA: s TR RTSE, $RC AT BEEME, $XEHZ
AR, T $XR. $XS Ml $XF £ HFRFE AN “HEs” | “3” | “BE” & NRE F
BRMEN N RERTS, AR AERSAE AR R RTZEE, BiEEERER B &S TE )
ffditr, e 0.0 £/ 1.0,

=Jo/ed
2 sl

|Number of credit cards | Education | Car loans | $R-Credit rating | $RC-Credit rating |

o OF more College More than 2 Bad 0,560 a
5 ar more College More than 2 Bad 0.560 .

o OF more High school More than 2 Bad 0532

5 ar more College Mone ar 1 Eiad 0532

o OF more College More than 2 Bad 0,560

S oF more College More than 2 Bad 0.560

o OF more College More than 2 Bad 0,560

S oF more High schoal More than 2 Bad 0532

5 ar more High school More than 2 Bad 0532

S oF more College More than 2 Bad 0.560

5 ar more College fore than 2 Bad 0832

S oF more High schoal More than 2 Bad 0532

5 ar more High school More than 2 Bad 0.560

S OF more College Mane ar 1 Ead 0532

5 ar more High school More than 2 Bad 0532

o OF more College More than 2 Bad 0532

5 ar more College More than 2 Bad 0532

o OF more College More than 2 Bad 0,560

5 ar more College More than 2 Bad 0.560

o OF more College More than 2 Good 0527 E

25 B REBERBTANEBEEEENE

SRR, FMES K2 GFERED) ICRAISCPRIFNARPLAL, HEL SRR A2 51> CHAID
v TR AR B R TIR SN, WUIES &5 W BN ARDCAS, (EO T2 s i N, i E 2
R, (GEfE, 16% KRR E R EHER. )

N7 R P AE L, AT ARSI R 0 RV 732, BRI RE R B S R B RN
Nk (HE, XFEERAIATRERIER S0, I AR SIH AR,
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LERERNREZ/OWINEIER, FRATEEERE, FIHHEMNTEL $R-Credit rating (EDEACAE T
ERICREE, EBrE, AEEBRRTTE - BT DA B3 PUTIHERER “28” .

2. FERIBGERS] “T TR

3.0 T R, AR BB,

T o N

£ L y

Credit rating \ _O\

&

Analysis

26. (N “OHF” TR
IR, T 2464 FRICFEH 1899 FKidswk (GEIE 77%) , BIARUTINAIE S SR R AH VAL,
E Analysis of [Credit rating] ’:___]

lad File | Edit

© e =
| Analysis i%_AnnD_tEIﬁUDS :

[8: Collapse AII] [% Expand A_n]

E-Reszults for output fisld Credit rating
=5 Cu_:mparing FR-Credit rating with Credit rating

Correct 1,899  TTOT%
| Wrong 565 2293%
Total 2 464

Bl 27. MEREIBIER S TN BY LR AT 45 R

I SR B PE ISR T PSR P A TE SRAH RIS RIRR . AEESB I, AT 2 X ORISR
T IR PP ) B

IS (A — MR 2 XAE BRI 55 — MEA R AL TR R, ERS RS 2 SR R
‘{R {o]

W 7 T, AR DURAE CANESCBREE RAICFRAE A, R — [ B R4l AR BT 1A
FIEZERANCRKIATIE >, B0, XATRERIESATAZRITR ARG, (B2 (el T TE H iR,



HiC RS
FeRTBA T A T ERAUAARRNCSREAT 7 PPy, DAPPFITRRBURGMERG S, IRAE, B2 1At 5 /561
BRI IE SRR RIC SR A TIF . PUNREA B BOE TR B bR DI ERIEEE RAIC S DAE
(S AA AT DATSTIN AR RN EE SRAAR K

5 h 4 -@-P" > -
&) — &
tree_credit sav Type X Targets
.J".
' . BEEE

ScoringData. say )ﬂ}»f
Credit rating q

Analysis

Tahle

28. MY TFIT DRI EE

IEAT DAEHT “Statistics X TR A, e femEMEGE SR, AT PAFSIN— N MRS BCE A TR RO BE
FIRTIR T s, TEIERAMAN T, FrdREESIMATEROASGHER (FEH, WAKFE, BHEFE) iR
FIREE, (EAEE BT BAE A

HAN, BT DS IS 6L & FA AN BT, TEIe RIS B R E, REFEAM
KA RAME R RIAHICED, JRSAEITC R R,

SE AT DO AR HLR A N B S . B AR S O PMML RS2 DU T S5 A A o fh v F AR e, sl
AI{Zf%1E IBM SPSS Collaboration and Deployment Services fFHEEER, JXAFER] DALE (b T Bl A AL 31 7350
B, o MER,

JeieE TR REER, A A B ERL R — 75 A

HE
ATRBITEOR T AR, PRAGRRT DUSOW BRI BB AR D 3R,
BT ROE I W ERBE SR A IC SRR FAR R QI B, 1A AR IR,
ARSI AN B S U BRI, DO SR Ty, BN EAESS RIS (BIaniA %
F #EAT, ] DOHE R RABT TR O
AR RRIR B TR OUREIR, WA DIOHrdE (g r) #ATPEoy,  DATRIUARATIA IR L,
- T I ZRel il AT RSt o] DARR Dy oo A B5is sl o S Bl s oo i th ] DARR o # R 2R
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o 4 5E it HAnE) B 2l

WEFMMEE (BzhskK:E)
i “BaindEET TR, ERIDOYRRE  (BINENMEE 5P R A] REHE R Bk el B S e RIIR O i e
M) s X (BE) HinEEhEIRM RS DR, EARBIN, FITRHERNE BRE) 45581,
FE— M RERAR A, RN A RS RRE EA T THE R, R AR, ReRellartnh
—MLE CBIR) AL, 077 30% B e LIRERTEVE S A & 2 MERIARB RN —1K, I A A i —
RRPUFITASRE A SR A 58 DA R ) Pt
ATRBIETIAREAIRI AT, % ml A BEIE O 8N PR A0S & AR A DASE I it
WTTERN T BARERE,. AREMES: BUETERE) BARRZROURE], ESREEE (3808 .

—

iﬁﬁ-—b{E;E—qrfké——bi%i

pm_customer_traint s.. Type Se[ct ,'response
+
+

response Analysis
29. BohDFEaFEAM

ARG 2225 1E streams BT Demo XA pm_binaryclassifier.str, P FIEIE S N
pm_customer_trainl.sav., HxHEZ(ER, ESHE 29 T TFEEdR) F8,

7 SE 54

X pm_customer _traind.sav 7 SEEARE AT ERESS A RVE #TE s OAREE F P IREEIIRMY, B campaign F
BRIMEFRR, Premium account iG-S B A

campaign ¥ EXHMELEBHE P SLPRImES LR (BIU0 2 = Premium account) . MG, &R IXEEE RS
DA T4 EA = Xk




[ Table (31 fields, 21,927 records)
i@ File S Edt ) Generate
ﬂilri..l

Tahle EL!‘E‘U”mﬁtEJ

customer_id |campaign |resp0nse |resp0nse_date |purchase purchase_date |product_id |R0wid |
1 7 2 ] FrullF ] Frullf Frulls 1 -
2 13 2 ] Frullf 0 Frllh Fruld 2
3 15 2 ] Frullg ] Frullf Frulls 3
4 16 2 1 2006-07-05 00:00:00 0 Frullf 183 761
S 23 2 ] Frullg ] Frullf Frulls 4
5 24 2 ] Frullf 0 Frllh Fruld 5
i 30 2 0 FrllE 0 FrillE Frull g
g 30 3 ] Frullf 0 Frllh Fruld 7
9 33 2 0 FnllF 0 FrullE Frull a
10 42 3 0 Fral 0 Frullf Frulls 9
11 42 2 0 FrllE 0 FrullE Frulls 10
12 52 2 0 Fral 0 Frullf Frulls 11
13 a7 2 0 FrallE 0 FrullE Fruls 12
14 63 2 1 2006-07-14 00:00:00 0 il 183 1501
15 74 2 0 FnllE 0 FrullE Fruls 13
16 74 3 0 Fralg 0 Frulg Frull 14
17 75 2 0 FrallE 0 FrullE Fruls 15
15 g2 2 ] Frullg ] Frullf Fruls 16
149 29 3 0 FrallE 0 FrullE Fruls 17
20 39 2 ] FrullF ] Frullf Fruls 15 =

[ mm—" B

30. SRR sHETHAVAE X $dE
SRS —A MR 7B, ZFBRRIAFRAIRNMEGIdER (0=75, 1=2) . XK2EHEmN

1) HAR B sifE, th5h, EEHE—2r R, REFRESHEXEMFAIAOSIHEEMTSER, XL
FERATATAIEE “UIZE” MBI, SRS H 22 5 B RTINS A SHEOR AR R 23R AR,

MR

1. IRIN$EIA pm_customer_trainl.sav B Statistics XA R, % XHALT IBM SPSS Modeler Z25F2 7
#) Demos X, (IR DAE RS2 HHE7E $CLEO_DEMOS/ E NS eyt 7, &
HE, BEPLAERERFLmMIER BT, 1R, )

G pm_customer_train1.sav

B 2 Refresh E
E) I @it

FCLEO_DEMOSfom_customer_traind zav

T T — ]
Fiter Types  Annotations

Import file:  [FCLEQ_DEMOZhm _customer_fraint sav

variahle names: @) Read names and labelz (©) Read labelz a5 names

‘ Data

Walles:; @ Read data and labels © Read labelz 5= data

E Usze field format information to determine storage

ok cencal [ty el
[ 31. RAHIR

30 IBM SPSS Modeler 18.2.2 i & F5



2. BSINZEAUAY

W, REIEERMAEN HRFER (e vHR) o RitrBRE TET REARE,

Ld Type

Clear Al Yalues

(3]

Types [ Format | l Annotahons
h s Clear values
Field Measurement Values Miszing
% customer_id | &% Continuous [7 116333]
{} campaign &) Momiral 1,234
{} response 8 Flag 1M
E}j rESpONSe_... & Continuous [2006-04._.
{} purchasze f Cortinuous [0,1]
ﬁ purchase_... f Continuous [2006-04...
¥ product_ied 7 Cortinuous [183,421]
3 Reowidd & Continuous [1,19539)]
YR @ [ ata T LIRS Mnarl

Check

Maone
Mone
Mone
Mone
Mone
Mone
Mone
Mone

hloma

Rale

© Mone e
N Input |
@ Taroet |

© Mone
& Mone
© Mone
& Mone

© Mone
\- Irvea

K

@) iew current figlls Wiew unuzed field settinas

<) [cancel|

E 32. K&

NELHMBE

3.6 FRAIFE:, KAt E NIE: customer_id, campaign. response_date, purchase,
purchase_date, product_id. Rowid 1 X_random, 4fEAJEREAINS ) B ZRGIX L7 L,

4. FTiRAL

R BEIBUE T2 DU CRME RIS LB

EWRTRA AR, BAIRIREEE M &A RIUBURRIESHE R, SN AR BRIk,

IXEETESAE

B hgmpd iRy, DU RIS MR AR A

Type

Ao
e (}
-y

TYPES [ Fl:lrmat ]L.i‘\nnutatlons

Clear Walues

Clear All ¥alues

(£

Field Mezzurement Values Mizzing

<% customer_id | Continuous [7 116333]
{} campaign "b Momiral =Curr... M

rEsponse 8 Flag =Read=
E}j response_... f Continuous =Read +=

purchaze f Cortinuaus =Pass=
E}j purchase_... &CUrﬂinuous aCurrerts
{} faraeiuict _icl f Cortinuaus Specify
{} Ficevicd & Continuous ; i

aE Af? i s rMnarl

Check

Mone
Mone
Mone
Mone
Mone
Mone
Mone
Mone

hlmma

Ruole

© Mone o
“u It
@ Target

& Mone
& Mone
© Mone
& Mone

© Mone
\.4 Irvma

K

@) View current figlds Wigw unuzed field settinas

& 33. %EF
5. TEIG A 7B
6. M\ NHIFIFR

LIEEFERE
K47 E, AadEy P& H,
RRE.

5,

IEFATNEE— P ERE R

5 4 F hraS BARR B 31



. [
campaign Values
Measuremert: Storage: 3 Integer o

“alues: Read from data @ Pass
@ Specify values and labels

Yalues |Labels |
h |Standard accourt

2 Premium account

3 Gald account

4 Platinum accourt

D Extend values from data

Check values:  |Mane "l

|:| Define blanks

Mizsing values

Bl R
N o

Drescription: |

34. EXFERERIRE
7. TERREES R, BEIGSF B O ME B MEFT BRAR S,
8. F e,

IR SR TE R 7 O P SRR T AR T

Table (31 fields. 21,927 records) #3 M =<

\od File | = Edit &) Generate
T —
| Tahle ' Annotations I

customer_id |campaign |response |response_date purchase |purchasze_date |product_id |I
1 7 Premium sccount |0 Frulls ] Frullh Frul® -
2 13 Premium sccount |0 Frullf ] Frllh Fruld 2
3 15 Premium sccount |0 Frullf ] Frulls Frul®
4 16 Premium scoournt 1 2006-07-05 00:00:00 0 Frllh 183 3
5 23 Premium sccount |0 Frulls ] Frulls Frul® 1
B 24 Presmium accourt |0 Frlg 0 Frulg Frull E
i 30 Premium sccount |0 Frullf ] Frulls Frul® A
g 30 Gold accourt 0 FrlF 0 Frulg Frull [
9 33 Premium sccount |0 Frullf ] Frulls Frul®
10 42 Gold accaurt u] FrLllf u] Frullh Frulld
11 42 Premium sccount |0 Frullf ] Frulls Frul®
12 52 Premium accourt 0 FrLllf u] Frullh Frulld
kel a7 Premium sccount |0 Frullf ] Frulls Frul®
14 63 Premium accourt 1 2006-07-14 00:00:00 0 Frullh 183
ik 74 Premium sccount |0 Frullh ] Frullh Fruls
16 74 Gold accaurt u] FrLllf u] Frullh Frulld
ik 75 Premium sccount |0 Frullf ] Frullh Fruld
18 g2 Premium accourt 0 FrLllf u] Frullh Frulld
19 g4 Giold sccount ] Frullf ] Frllh Fruld
20 g9 Premium accourt 0 FrLllf u] Frullh Frulld

[EI——

35. BRFRENE
9. FFRTT RN AT
10. 10F “R” WA, RERdisT.
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11. fElHE O L, AfEn BRI T B DL R RS,
12. e < A

REBIRE S AR RENNER, HE—RE A ME T HA—IGES), HT Premium account i
gl (EBUEIRIEN campaign=2) HRYICRERAR, A AT DAGE AR s SR it P X 210 %

[ select — m“
o Camd @&0

Ll LI
hode: @ Include © Discard

campaign = 2

Condition:

36. NEMEHAFIER

E AP 43R kS

1. KE—"D B RETA, AR R R R B T HE P R R
2. R RERIBRIBOR BN 3, XEREEHT T RN R = R ER A,

55 4 B s HRE) Bl 33



n response

o~

Ay
|

Estimated number of models to be executed: 9

[ i i ]l I |
- hactel i | et -
If,,-L'?JE-‘E,-J‘ 2 LE%@?;L!;_.-E&%E,.; Eetiis] Canpaistionsy

s

Moddel name: @ auto Custam

m Use partitioned data

@ Biuiled model for each split

Rank models by: Crverall accuracy X

Rank models using: Training partition @) Test partition

Mumbet of models to use:

m Calculste predictor importance

Profit Criteria (valid only for flag targets)

[=]
Costs: @ Fixed Variable | ~
= :
Reverue: @ Fixed E Wariahle | ~

=]
weight: @ Fixed © variable |v§

Lift Criteria (walid only for flag targets)

Percentile to use for lift calculation:

[_oxJ (B run] [ cancel

B 37. “BHohnks TR HBE EIF

£ “BR” LR L, AR 11 MOAREBIETA i TR,
3. BUHIE SN SVM BERIZRRL,  (GXEASRI TR 2w 2% o8 2o I TR R I 2R S, DRI sh e (T PRe
PORBIRHITIRE, MREANTEWE—T, W DUREENrNEFIRS. )

HTAE “BEY” R~ RS RBREOLE D 3, RN s R NV EIERER T, P
B = MRER R B R,
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[ response
i Estimated number of models to be executed: 9
Maodels used:
U=e? |Mode| type |Model parameters  |Mo of models
e
i l:?ﬁ s Defaut 1
I |/~ Logisticr... Defaut 1
i _5& Diecizion ... Defallt 1
i (Y}B Biayesian... Defallt 1
(] [
#
[ o828  KNM Al Default 1
i ﬁfg CiR Tree Defaut 1
¥ A% QuestTr.. Defaut 1
QWIEST
i AM cHAD Tree Defaut 1
CHATD -
|:| Restrict masitmum time spent building & single model to 15 : minutes:
[ stopping res... | (iclssifcationcosts..

E 38 “Bmin®E TR TR EWF
4. 1E “WE” EWR B, WTRADTIE, IEEEEEEEMRBER, IR E A O A AR D SR RN
B,

(EA R IR EE TR, 45 = RPN RPN 2, 02 KDL 2 bh 1 AORECESE RN, R
BEREIMAEE T AG O R, GRS B B (5 A TIPSR, A, AnsR— il & (s
RUE(EREEEMD T 2 RIS — R BE RIS, W & Bk,

5 4 B hRS HRE B 35



Ed response X |

;i Estimated number of models to he executed: 9
e el SE“‘“QS" —
= """

rEn=zemble Settings

Flag Target

Ensemble method: [(;onfidence-weighted woting *J

If woting is tied, select value using:

@ Randotm selection © Highest confidence
@ Raw propensity

oo | eset

B 39. “BEiNks” TR RET B
5. Biiaf T,
JLpdiE, R s, HOR HOR N IR AN A AR “RI” AR, AT DA S AR
BR, Bl DL M 75 SO HH T R A7 B
FIOTPRAIER; e8I AR IST R QT A MERRTTEAIE R, O T rlsESAE R BR SR e 8 M
RIFSEBRTE O, IXATRESAE TR BU NI R, ) TS P58 29 TUHYIE 29,
QR FR D IR AT BRI, Al AR BRSO AR R B SR, DA R S B EESR, A
DAMFRA SCRART i, BRSO R, ERTESIA, AT DOR 4 I 2L b e R N E

ld response &

= m)

? | _bﬁﬁ File £ Generate (Eiew

@ Wiew: | Training set =

Build Time bz hax Profit Creerall Mo Fields Area Under
o .
i | (et et [mins] Profit Occurs in (%) CibiloiEls! AccUracy 5 U=zed Curve

[+ . :? C31 =1 4,906 667 g 2203 92,861 10 o7y
i W CER Tree1 3 4 602692 a 2778 92363 a 0924
W l Q CHAID Tree 1 3 4,145 665 g 285 91 706 4 0927

40. B ERB[ER
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BRETEOLT, BTEE “BahnRE” TR R R AEEE T SRR R, ISR R I
ERMTHY, REX—E&, C51 BRI ERS, (H C&R KA CHAID BIIRIRSHIME S ZMHEA K,

A AT DOE I B oy HA S PR 2SI B THEF, BB AT AT B2 {75 s N RFIR ke pr f e

B,

B, ] DIGE R A IX = DR, 8 A5 S 2 MRZIRG TN, AT DO % 5 ML
JRBRYE, AT AR B o

EfEM? #rh, %% C51, C&R #FT CHAID #57,
ERRIPUSERI— “98” W (St ERR) . ARG S, REIERIBIT LB TR.

P B (AR AL AR RIS 5 SR TE 4 H $XF-response I BE A, MR I SREUEME TR BN, WRINME S5 52
BRIER. CanJaama b v B RIS AR AHPLECH A TERMEN 92.82%.

REZERIIR T A R =M A R s i e (C51 09 92.86%) , HENZRIMZESRAER /), wILL
BUEATE, —BRUE, fEN A ZIRRIIZREHE 2 SN EHE RPN, BEARRE R H e A RIFRUR,

&l Analysis of [response] g]

e e (] O] @] >/

| Bnalysiz Annotations

[B: CDllap;e AII] [%rExpand AII]

EResults for output field responze
EI--Cqmparing ¥«F-response with responze

Correct 12,534 9282%
| Wrong 70 718%
Total 13,504

Bl 41. =M RBEREB D

HE
LR LA, MM “FBOEER” TR S MONRIRBEALEAT TR, AR R = BRI R R AT
IIMEEER “Banas” BARARTR,
SR ERMEPE,  “C517 . “C&R " HI CHAID BN Tl ZR BRSO R e s

- BRI RS B BRI EESSCRAAZE AR, 1T ELAE N B AR SR N o] DU EI SR AF RURCR . USRI
HE PR R ATREZH B TIX — A8, 0] DOER TR RS AR Z 2RO MERRR IR, TC
RANIZIER — MR T,

55 4 B s HRE Bl 37
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o+ 5 58 ESE HAR B 2l

EBHE (BahEki{E)

i “AIEUE” TR, ERTLUNES: (BUETEE) 253 B0 FELEURRIRIRRL, B0 LI Y
WAERUE, (GBI T BRI, AT DA TR LA — 2R IR, A i — M TR DU — D 07, X2
5B R TR A, RESA R TARE S L bR,

2 RIS PR R B R S B BN (B BB, HT57R R B a7 [ S HE 2
MEPUR A R K, T A o] B — R BT AN GE R T 5E MR A T

ARG 3 EYFR — D T SO EEAN Al S5 L B A R LT BN UAS . D BEFTINEE el I PR — MR YR
SRR, JETIRYL, oy AR DAK HL Al 2R EA SR 70 e A AR

f o

property_values_trai. Tyne '_/taxable_\falue
.&!
""" %
i¥

o-"
lf r
e ——— A
taxahle_value Analysis

42. BEpEEFAR

HoRBIE %257 streams N Demos XA property_values_numericpredictor.str, Fi
BRI R property_values_train.sav, HXEZEE, ESHE 4 i FDemos X3
F R,

R ExiE

BUESHEE — M0 taxable_value (7B, 7Bt /@ Eiile) HbnrB 8dd, HvBArSiER
HRELEN, BB NEMAR, e ] UREmN &,

FERAWR e

property_id JEMEARIA

AR YT AT X S
building_type SRR

year_built HIEEA

volume_interior BB AT

volume_other 2 RN H A SR AT o5 AR
lot_size o i A

taxable_value MAFRE

1£ Demos XAFRHIEEFE—1N44 0 property_values_score.sav FIFERBHE X, %X HHBR TIRE
taxable_value FEZ A, Tl TIIFE S5EERCHAEFE, FEISREEREEH BRI AERUERN SRR 2 f5, &5t
A DO AR HIR N AERHE R IS S A TR 70



MER

1. &shnfEml property_values_train.sav [ Statistics XHFIRT R, 1AL T IBM SPSS Modeler 23572+
E’J Demos X3, (ST DAME X2 5 E $CLEO_DEMOS/ 1ENSIHI iy biE s, T

B, WEAUR, BEPOIERIERT, MARRFML. ) )

O prnperty_\ralues train.sav '

FCLEC_DEMCShroperty _walues_train.sav

i it 1
Fiter | Types | Annotations
Import file:  [FCLEQ_DEMOZiproperty_values_train.sav

Varisble names: @ Read names and labels  ©) Read labels as names

“Yalues: @ Read data and labels Read labels as data

B Usze field format information to determine storage

& 43. ENEIE

2. IR, SRIGIEFR taxable_value fE N BRRFER (A NEFR)

!ﬁau)\, TR 7RIX L BRE B AR P 4% &,
' Type

([ ]

Types lmﬂ[ﬂmam
k L : F Clear values Clear Al Values

Field Measurement Values iz zing Check Riale
{}propeny_id ‘&Continuous [2,21418] Mane N It
@ neighborhood 65 Mominal Eloemenk... Mone “w Iruponst
@ building_type &; Maminal "Z-ondet-... Mone \ It
O3 year_buit ¥ Continuous [1870,1832] * Mane N Input
{3 valume_inte... ¢ Continuous [136,1901] : Mone S Input
{} wolume_other & Continuous [0,498] Mone “ Iruponst
{3 lot_size & Continuous [55,1310] * Nane N Input
{} taxable_walue & Continuous: [40000,56... 3 Mone @ Target

@ view current fields Wiewr unuzed field settings

44. R EBRFER

- FREITESEIETT R,  FREERRME A B 77 1%

FTh Hofth v B f C b i B

A, RREERBARIEIL BN 3, XEIRE ET T R = D AL,
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[ taxable_value

|

Estimated number of models to be executed: 7

Moddel name: @ auto © Custom

m Use partitioned data
@ Builed model for each split

Rank models using: )} Training partition ) Test partition

Mumbet of models to use:

E Calculste predictor importance

Do not keep models if;

rs
] Corretation is lezs than [UR=y ==
.
[ Mumber of fields is greater than 10
s
[ Relative errar iz greater than 1.005

Lo (B )| canca

Bl 45, “BpfE" TREY KA EHR

5.8 “LR” EIFH, REBERE, TAKVEMRIAGREEMEE GHEMRED) o (8, &R

DUBROX IR E, DO MRERRIN 2 MR THR, )

HTAE “BA” IR DRSS BRI E D 3, BN s E-CANBIERERYE, s =

B R SRR R B SRR

Edtaxable_value

|

Estimated number of models to be executed: 7

Mocels used:
Lze? |M0del type Model parameters Mo of models
[+ LE Regression  Defautt 1
E % Generalized .. |Defaut 1
»
(] b
i) \\lg\ M Defautt 1
L
[+ ALFT CaR Tree Defautt 1
] AN cHaDTree  Detaut 1
CHAID
[+ ﬁ Meursl Met  Default 1
|:| Restrict maximum time spert building a single model to 15 : minutes

S e

Bl 46. “Hop#fE” TR “TXK &I

6. £ “IRE” IR, MREBRERE, ATIXE-MESER, FISHS MERE P04 R

4.

55 5 B IESHIRK R 41



taxable_value m

| =iy

Estimated number of models to be executed: &

Enzemble Settings
The ensemble scores for & continuous target will ke generated by averaging.

|§'| Calculate standard error

Lo (b run | coeel oo || oot

B 47. “BopfE" TR RET ETFR

ELBiRE
1. 8 13177 1%Hl.
Rt SR, R HR B A LA B G, AT DA R, s DA b H At
73 7O AT R AF BB
FUOTRIIEE, e A AR BT IR TR ME R TEAIE R, O AR SR S rh A S MBI 5L
FREo, XATRERAER BN I TE], ) TEZ M 39 TTHIE 42,
QIR — DIRRAEAT SRR, AR rhON i R BRI b, DA T o] U 28 B RS 2R ]
DAMAZE B ART BRI BITl [ER,
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[] taxable_value

L; File {‘D Generate dgiew

&%

Mol || Graph | Summary || Seftings | Annotations

] [ < Delete Unused hodels ] Wiewy: i__Training setow

{u] L' Qrrelation b SCending eSCending
Sort b Correlati @ Ascending @ D i

Biuiled Time Mo, Figlds:

7 ion © i
Use? Graph Model it Correlation i Relative Errar

[ pﬁ}’ Generslized Linear 1 <1 o5 7 0162

[+ E’f‘/ Regression 1 <1 04 5 019

[+ ﬁi&’”f CHAID Tree 1 @1 0892 5 0204

-

48. BhEELER

BRETEOLT, HTEE “HaMB0E” TRkt THXEER, RIS ARIE L BTy, HTHF
HE, REASCIEREE, ElREET 1 R XA/, AR, RN FRE, B2
A JUMERIIEP i, FRIEZ SN, |7 MRS B R AR X B IR

I B SRR M B R HER 75 SR A R A R R, AT O R IS T HE T

BB R 1A TR BIME R SER], AT A] AP B R R 2 R AR S M 6 —DMF
BRI, FrA RSN R B AL, EARRIFRATEBERER N,

FEEIBSH, AT AR i e [ A bR iR N T

FAIXEEAER, 8] DIGEE AT IX = A R AL, B A S 2 MR, nT DA % 5 ML
JEBRYE,  MITIE LA R P 5 =i

RIS, WfRIE TRTE = R
FERPUBYSERI— 0" e (" SR o ARG, RIEIERBTT ST,

HH BRI AR BRI IR 5y TR INEI44 8 $XR-taxable_value HAHSEMEN 0.922 BFEH, HHCHEE ST
= ESRBR FR XEEA SC PR, BT ROC R TRRARA 940t iR %, RIS R s L, 1E
R AR SR, SITRCR AT RER 4T

% 5 B ESLEAR HAEE 43



@ Analysis of [taxable_value]

\@ File | Edt

|Analysis L&Ungtaﬁ%]
| & colopse et | | B xpana e

ElResults for output field taxable_valus
EI--Cqmparing FxF-taxable_value with taxable_value

¢ | Minimum Error -156043 554
. | Maximum Error 176856403
. | Mean Error 004
| Mean Absolute Error 21353.524
Standard Deviation 30515.028
Linear Correlation 0922
Occurrences 1,138

49. BRMEERFAR

HE

LR LRI, MR H AP BUET R T 2 AR RRRR, SRR IEE = R ERIERD R eI T —
MK B SEERTL BN AT,
RPEEAMETE,  TTSCERIET 0 [T R CHAID BRPUAE I SRE R 7T T R R

R R T P BT RROCR, I BAEN SRR, PUTRCRAIRER L, a1 RIERY
HAnE R AT REZ L S P TIX—1d A%, AT DUES 7 RIS ERZ BB I MARRAS AT, TiEwRiR
NS R — MR,
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% 6 21 HahZ ke (ADP)

R BE DU T 0 A A R i2 8 0 B iR E B R —, MMES LR RFEN P B —, Bl
RS (ADP) 7 SO BT SS . AT IR EHEFRBIMELT, FiE A R nlsE A ] 7B, 1E1E
IR AR B e M LS B B RE TR - BRI M MERE, AT ASEE Bahfb i T R, AR RUERIEN A
BIE, stEMATfEBIERTE ER, TERR R SR adE4,

JEIE R ADP Yim, SERTDAPRIE, 5 s E0E DU TR, Mo &M SHES I HR,
AREHBR IR BIZITICT A, AL AT DR Posit i TA A R 47

ARG 448 ADP_basic_demo.str B, %5 | H444 telco.sav PR SO R IR BB AL I a6 FH
HRE T ADP 15 iU E T AN TR, XS RITEATA] IBM SPSS Modeler 225 Demos H&HHZ,
I H % AlEIE WindowsIBM SPSS Modeler F2A#E TI5Rl, SXfF ADP_basic_demo.str fii T streams H&
T

HMER

1. B, IENIN$EIA telco. sav Y “Statistics X7 TR, telco.sav fii T IBM SPSS Modeler %
HEFRFH Demos HxH,

f"" N T

| [ m>

\ _] / _-,. B
o T ‘.,.. 4

telco.zay TIE

® -0 “v—-&

fler ADF - cHium Mo ADP -chum Mo ADP - LogReg
*

After ADP - churn After ADP - LooRen

50. IR
2. K— DR SMEMERY R, B churn FERIGMEIGNLE RS, HEAGKENER. BEHE
B f % BN Input,



Figled - | Meazurement | Walles | Mizzing | Check | Raole
e BRI @ U [N e B W T
@Ioglong f&nﬁnuous [-0.10536... More b Input
2 logtal & Continuous [1.74919... Mone N Input
@Iogequi f&nﬁnuous [2.73436... More b Input
Q}Iogcard ymn’[inuous [1.01160... Mone “ Input
@Iogwire ftominuous [2.70136... Mone \ Input
& Ininc & Continuous [219722... Mone N Input
{5 custeat @5 Mominal 10203.... Mane N Input
@ churn 8 Flary 1.000.0 Mone @ Target |

@ view current fields  © View unused fisld settings

(o] [coest)

51. EEFEBIF
3. ¥ Logistic 17 bR “JAY” R,
4. 7F Logistic i b, Hdh “BIRYY RIM-RIFER BUSRE, ERTIARTE A, 8 EHE SO No
ADP - chuzrn,
EdMo ADP - churn (%]
3|91l

_omy | peee]

Mo ADP - churn

[¥] Use partitioned data

@ Euiled model for each split

Procedure: &) Multinomisl @) Einomial

rEinamial Procedure

Categorical Inputs:

Field Mame |Contraat Eaze Category |

E Include constant in eqguation

52, EFIBEREIN

5. % ADP TiiFfHINE] “” Yk, fE “EART IEIUR EOREEVEIRE, DIIHTERE S R 7T 0
& 25

6. £ “HAR" RIS, Aol Lo il P e

ADP i i _b A HAE IUE A AT DA E L e R PRI R A B, s S 1 2 Bdm e A AL B Rt
1T,
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03 AT
. ‘ ) Generste (!iew
s ]t v s

Automated Data Preparation can recommend data preparation steps that will speed up model building and improve predictive power. This can include transforming,

constructing and selecting features. The target can also be transformed.
What is your objective’?
@ Balance speed and accuracy
Tranzform the data with an emphasiz on building models with a balance of speed and accuracy.
© Optimize for speed
Tranzform the data with an emphasiz on building models as guickly a= possible.
© Optimize for accuracy
Tranzform the data with an emphasis on building models with the greatest predictive power.
@ Custom analysiz

Chooze thiz option to fine tune the algorithm on the Settings takb.

[0 [ cancel [ epotr ] geset

53. ADP iR & B%

BURCEMSRAG oR E "o EIF B, PERPREER, 1€ 41 IS A ADP T R AVEBUEFFHIE
W, A 19 WEHEBOVHBIALE, T 3 DEAREHMER,

% 6 & HahBdEEA (ADP) 47



7 Auto Data Prep m

@ i @generate :f.giew m

2 :
Kin 89 & Lo JEi B B I
Field Processing Summary Predictors Recommended for Use in Analysis
: Predictive Power
Fields N
Target: churn
Target 1
Predictors 4 tran;?&%ga_&
Egquipment__g
rentr;IL't
Total 38
Internet—g
i loglong_
Original fields 19 transformed_&
(untransformed) Electronic_
billing
Predictors recommended Transformations of 19 Calling card 5
for use in analysis original fields bl
Level Of_{l I
o education
Derived from dates 0 e :l
and times transformed
I 1
Constructed 0 trﬁn:?:)prrgga_& [
Cust & '
Do IR
T T T T
Predictors not used 3 00 02 04 06 08 1.0
|....,....|....|....,....|..r.,....|.;
Least Important Most Important
Wiewy: |Field Processing Summary ™ .Re§§.. g

54. BIELIERE
7. % Logistic 19 b INZE] ADP 9 5o

8. ff Logistic 1imi b, B “BAY” E-RIBER WU, EEBEAIRTES, EREE OGHHEA
After ADP - churn,
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L2 After ADP - churn
@ |
w Model w W i

Model name:  ©) Auto @ Custom After ADP - churn

@ Use partitioned data
@ Biuiiled model for each split

Procedure: &) Muttinomial @ Binomial

rEinomial Procedure

Categoarical Inputs:

Figld Mame |C0ntrast Baze Categary |

Include constant in equation

Lo (B fun] | carel epot [ ooet

& 55, IFEFIE R RN

ELBAR B

1. [FIRHETTMA Logistic 17l ABIEERIER, X BRI HUR RN EFIANAG _EART “BA” 3k,

® —

telco.sav

After ADF - churn

56. MINEE R
2.8 “Orhr” WS InEEIRE R E BT i e

% 6 & BRI (ADP) 49



e
w — &

Mo ADP - churn Mo ADF - LodReq

.

4 L
.

w — &

After ADF - churn Afer ADP - LogReg

B 57. [0 “OF7 TR

XHE ADP IRAEMERI) “o0H” BoR, £ “Logistic [AIH” 7 s Fh il A 1% BB TR 2 (A ) R I 58
1% - 1N 10.6%,

& Mo ADP - LogReg
lab File | =5 Edit

E-Results for output field churn
=E Cpmparing FL-churn with churn

. |Correct | 106 10.6%
- WWrong | Go94] 89.4%
Total 1,000

E3

58. JF ADP RERBILER

X ADP JRAMERIE) “optr” Ton, ECIEIHEE ADP BB TEIE R E T — N E AR - [ERRN
78.8%.

50 IBM SPSS Modeler 18.2.2 i FfEF45r



[ After ADP - LogReg M= <]

Ao [Eoit | O [

—— —
| Analysiz i!.fg‘nnm-aﬁﬁ,-ll
| & colopse e | | B expana e

El-Results for output field churn
EI--Cqmparing $L-churn with churn

Correct 788 TEE%
| VWrong 212 M 2%
Total 1,000

59. ADP RERBILZER
B2, JEITIB1T ADP 1 sUNEHRA IS FE A TR0, R FRAR /DA B R BRI e T A A T R AR A AR

SR, REE PGB HERIX oW, sEMERPEER, BRI EREASERIEREG M, 20,
X T AREAL N AL B K B B EAC B ADP 1Y Al I RAL S

2% IBM SPSS Modeler H Al 7T IR B IR BRAOBERA, 16215 IBM SPSS Modeler Algorithms Guide,
ZIamAL T L EL |\ Documentation H5&H,

TR, ARBIPREERMETIIZREEE, EIPAERAIE T 5Chr v A A H AR EERIREE, AT DA o)
X" Y R LR I SR UK T SR iE

% 6 & HIEURES (ADP) 51
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+F 7 5 HEsg s (BEWX)

BRI s S e 2R E P S 2] IBM SPSS Modeler FE, TERIGGEURIR 7S FE P& H L
PR, IS R TRMESH DS N ER T BRI E T B AE, HFHEEER] DA E, &

FEENREAIAL L,

ARHIEHAN telco_dataaudit.str BIFR, 1%im5 | &N telco.sav FIEHE X, IXEE A EE(] IBM SPSS
Modeler Z#E] Demos HxH#k&, I H &A@ WindowsIBM SPSS Modeler f2 4 TR, 4

telco_dataaudit.str i F streams BT,

*’]Llllb

1. BRI, TEURINTEN telco.sav I “Statistics X7 JETI A, telco.sav i F IBM SPSS Modeler %4572

F‘E’J Demos HH,

{" -8 |
B —% —=

-..-

telco.sav / Type 47 Fields
A .:——" /\

A\
| —
Missing value Imputa.. (generated)\ Anormaly
-
{/ N
:\EE-’:
=/
churn

& 60. &R

2. AL AT RDUE TR, R churn d8EVERRTE. (FAt R

PRFE, BCREATE HA T B A i BV

Type X

\ Lk g

Types I OEmat Annctations | ]

k . :'3:', - b Fead Yalues J Clear Yalues Clear Al Values

Field [ lWeasurement Walues Mis=ing Check . Raole

VI:UIII @ riay 1 e - Illpul _
@Ioglong f(:mtinuous [-0.10536... Mone N Input

2 lngtal & Cantinuaus [1.74919... Mone N Input
Q}Iogequi ymn’[inuous [2.73436... Mone N Input
@Iogcard ftominuous [1.01160... Mone \ Input
Q}Iogwire ymn’[inuous [2.70136... Mone “ Input

£ ninc & Continuous [219722... Mane N Input

{} custcat &’) Mominal 1234 Mone N Input

{} churn 8 Flag 1 Mone @ Target |+

@ view currert fields @) View unuzed fisld settings

& 61. 1EEBHr

N T B O — H

3. A B EWE BRI E S, BN, RZEIEN 0 M 1 BBl n] DURIERRE TR, (HR 2T R,

Eean e, fEN S m MER A ST B EAHER,



| clearvalies | clear &l values

Field - I Measurement | Walues I Miz=ing | check Il Rale
e o Orcinal 12345 | MNone Mot &
{} employ y Continuous [0,47] Mone “ Input
@ retire &) Mominal 0010 Mone \ Input
{} gencder &’3 Mominal 01 Mone “ Input
3 reside ol Ordinal 12345,... Mone “ Input
{}tollfree 8 Flay 10 More N Inpt
{}equip 8 Flag 140 Mone “ Input
{}callcard 8 Flag 1m Mane “ InpLt
O3 wirplees 2 Flan 1M Mone ™ Inrust =X

@ view current fields  © View unused fisld settings

62. BENERS)

o HERZDEAMEUE (B0 0/1) MFERIEN, KSR dHESIFRE DAL IZSIA 7 Bt T H T,
SRIGTEH Shift GRS ZHERA 7B, RJa R AN E I, S ATAEE 7 B A = m e
fbE .

4R “BAEERT RTINS, £ RE” R L, REREREUEEREPUSTETE. BT
churn ZRMTT e LHIME— BART B, RS HAKHAERE T,

Ed42 Fietds

'

_omy | peee]

@ Defautt @ Use custom fields

= |
>
Fields:
Orverlay: |v§
~Dizplay
(¥ Graphs [ Basic statistics 7] acivanced statistics

D Calculste median and made (may slove performance on large datasets)

Bl 63. “HiEFEZ TR, “KE EWFR
£ BER” EWF L, RERIBE, BEHEMRERITAREIRE, A5HRdGaTT,
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|

rMizsing Values

Calculate:

@ Count of recards with valid values

@ Ereakdown counts of records with invalid values

rioutliers & Extreme Yalues

Detection Method:
® standard devistion from mean
Outliers: E Extremes:
© Interquartile ranges from upperilower quartiles
Otlisrs: 1.5 : Extremes: 30 :

Mote: Selecting Interguartile range may slowy performance on large datasets

=

(20 Bmn)

B 64. “HiEFEZ TR, “RET &R

NEGit EMNER

KR “BlEd” Wiads, KPSt rBRrmsEmiEtsit,

| Messuremert | Mn | Max | Mean | Std.Dev | Skewmess Uniue | vaid
s
3 region &5 Mominsl 1 3 5 = o 3 1000
{}tenure f CortinuoLs 1 72 35526 21.360 0112 -- 1000
<3 age & Cortinuous 15 Erd 41 634 12559 0357 - 1000
3 marital & Flag ] 1 N o s 2 1000
{} address f Continuous 1} 55 11551 10087 1106 - 1000
@ incotme f Cortinuous 90000  1665.000 77535 107.044 B.643 - 1000
| e =
VIndicates a multimode result 2 Indicates & sampled result

65. “BHEEIL" HK

557 B SRR (BdEHER)



A TARLERTEAERS, FERERMICEIFFIHONEENTT ((UERT2XTE)
1. AT DA T AR “gRiE” RPEFEE RS &,

Display Statistics

| stetistic |
[ Min
E M
|:| Sum
|:| Range
E Mean
|:| Mean Std. Err.
E Standard devistion
|:| “ariance
E Skewness
|:| Skewwness Std. Err.
|:| Kurtosiz
|:| Wurtosiz Std. Err.
E Unicjie:

[o] vl
B 66. ETRAITE

AT FAZAR 15 A E RIS B A WA B IZE R SR RAR, 1T churn BiiPHIME—BInTE, RAXK
HEAEE ST B, AT EE S 1 TRk 7 BARSAER SR R, WAl DA S “gwiEyr 0"
TR i R THE— e

@ Histogram of tenure

e [ SEdt 0 cererate o view |l

| Graph | -Annl:_d&tions_..l

churn

Cro
Wves

£3

E 67 REMELHE

S, AT DOERE— DS DA EF NS DRI EA R BT TR AR R REAR S, &
A DURF HA AN 2 i b AR B R B T
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[@ pata Audit of [42 fields]
lFle S Edt ¢ cenersie
it g Missing Yalues Su
- Qutlier & Extreme Superhloce — - - = .
Field g 3 Min | Max | Mean | Std. Dew || Skewness | Unigue | Walid
e i Missing Yalues Fitter Mode s ] - i e e P o
Q region in Mizzing Walues Select Mode 1 3 o 25 " 3 1000
Reclassify Mode
Binning Mode
3 tenure 1 72 35526 21,360 0112 - 1000
Derive Made
Graph Output
3 age Graph Node 15 77 41 584 12559 0.357 i 1000
3 marital & Flag 0 1 o o o 2 1000
{} address f Continuous o 25 11591 10087 1106 - 1000
& income | || & Continuous 9000 1668.000 77535 107044 6643 = 1000
' =]
Indicates & multimode result 2 Indicates a sampled result

& 68. £ ‘B T=

WIRE B EMERK(E
AR ARG R R BRI R, ARAERIBRR A

@ Data Audit of [42 fields]
i File |5 Edt %) Generate
Complete fields (%) Complete records (3):
 Field Measurement Outliers Extremes Action Impute Missing Method

{} region % [Morminal - - - Mewer Fixed =

{}tenure f Continuous o 0 Mone hever Fixed

{} age y Continuous o 0 Mone hewver Fixed

{} marital 8 Flag - - hewver Fixed

{} address f Continuous 12 0 Mone hewver Fixed

@ income f Continuous 9 & Mone hewver Fixed

(} ed ,{I Ordinal - - hewver Fixed

{} employ f Continuous g 0 Mone hewver Fixed

@ retire &) Maminal - - hewver Fixed

{} gender & Mominal - - - Merver Fied

{} reside ,{I Ordinal - - hewver Fixed

{}tollfree 8 Flag - - hewver Fixed

{} Euip 8 Flag - - Mewer Fixed

{} callcard 8 Flag - - hewver Fixed

{} wireless 8 Flag - - hewver Fixed

@ longmaon f Continuous 18 4 Mane hewver Fixed

@tollmon f Continuous 9 1 Mone hever Fixed

@ Equipmon y Continuous 2 0 Mone hewver Fixed | |
cardmon & Cortinuous 11_ 3 Mone Mewer Fixed | ll

- = 3

Bl 69. “BiEHR" FKE, “TE” EUF

W AT DS A EIXEAE I 5 TR AE T R, ARSI SRR e, BN, ERTDAER A% (RS
C&RT BiX) ik — D2 N7 BRIl g X 2y BRI R fH

57 B kS ONEUE BdEER) 57



@ Data Audit of [42 fields] #2 M=}
liFile |5 Edt ¥ Generate
Complete fields (%) [90.476190] Complete records (%):

_ Field Measurement ._ Cutliers | Extremes Action | Impute Missing Methad . ]
{} region &1_) Morminal - - - [Mever Fixed =
{}tenure f Continuous o 0 Mone Mever Fixed

age & Continuous 1] 0 Mone Mewver Fixed
% marital & Flag = oE Blank & Mull Values  Fixed -
{} address f Continuous 12 0 Mone Mewver Fixed
@ income f Cortinuous 9 B Mone Mever Randaom
{} ed ,{I Ordinal - - Mewer Expression...
{} employ f Continuous g 0 Mone Mever Algarithm
@ retire &1_) Mominal - - Mever Specify... %
{} gender &1_) Morminal - - - Mever THE
Q reside ,{I Ordinal - - Mever Fixed
{}tollfree 8 Flag - - Mever Fixed
Euip 8 Flag - - - Mever Fixed
{} callcard 8 Flag - - Mever Fixed
{} wireless 8 Flag - - Mever Fixed
longman f Continuous 18 4 Mone Mever Fixed
@tollmon f Continuous 9 1 Mone Mever Fixed
@ Ecjuipmon & Continuous 2 0 Mone Mewver Fixed Ll
cardmon f Continuous 11 3 Mone Mever Fixed =
. ' [¥]

70. EEEAN T A

THERT AR TFERINERTTIAG, ZAERGRE@E T A, 16 REAGEE:
AR > BRI TR

Data Audit of [42 fields] #2 M=
1giFle | Edt £ Generste
@[ sty 1 Mizzing Yalues Superhlode %
Qutlier & Extreme Superhlode

Compiete fields (%) Missing Yalues Fitter Mode 1
_ Field MisSreivales oelectiion Extremes Action Impute: Missing Method |
(} region & Reclazsify hMode o Mewer Fixed o
{} tenure Ry . 0 Mone Mewer Fixed
{} age Bl Hags 0 Mone Mever Fixed
{} marital % Derive Mode - Elank & Mull “/alues Fixed X
{} .address Graph Output 0 Mone Mever F?xed
@ income = & Mone Mever Fixed
{red ] Graphhode -l Mever Fixed
{} employ T COMinuous =] 0 Mone Mewer Fixed

retire &7) Morminal - - - Mever Fixed
{} gender &7) Morminal - - - Mever Fixed
G reside il Crdinal - --|-- Mever Fixed
{}tollfree 8 Flag - - Mever Fixed
{} Eduip 8 Flag - - - Mever Fixed
{} callcard 8 Flag - - Mever Fixed
{} wireless 8 Flag - - Mever Fixed
@ longman f Continuous 18 4 Mone Mever Fixed
@tollmon & Continuous 9 1 Mone Mever Fixed
@ Eguipmon f Continuous 2 0 Mone Mever Fixed

cardmon f Cortinuous 11 3 Mone Mever Fixed lz

. [r

71. ERBT =

A BRI T R PN E A I 47

SEAT DATE I AT PR T B ZAT P DAR F A R it
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-@

@) —» (=) —  » |EY

telco.sar / Type 42 Fields

| — §'———»?@

Missing Value Imputa.. (generated)\ Anamaly

f

churn

=]

B 72. BERKEBT /REVA

KPR b, TR E SR TR — RN R, BT R TOE 3K, AT RO K

®
— Sy ——— Sy

Fram Stream equipmaon adel loglong Madel
seh=e N -+—h; —b C"
—+ S — Fips -+ >
> sy —\ jad ey —-

Fill equiprmon Fill loglong Filter ternp Ta Stream

& 73. ABT =

B, AN TERSEEN DN, A —DHILA C&RT B, UK — M FIZ AR il (B
EEMZER) “B5E” . PRI, EsPREBE T AP IRE TR, MM TN T — 2 E
ﬂ]:[Jo

SAh, WRTDVERR “WefE” Timel “dug” W, DBREBARKERNTBREICT, Flin, &n]DOd g5
B 70 RS E BUYE AT 7B,

Generate Filter from Quality

mode: @ inciude  © Exclude

© selected fields

@ Fields with guality percentage higher than % ﬂ

(o) (1
& 74. &£ “IiIE T

W A] DURSR BTG TR A B RHERINAE, 158 BN DB TROERE Rl RFeUH) FHARGET
s, AR AR

557 B S OEUE BdEER) 59



Data Audit of [42 fields] #4
wre e Doreae (B[S[d = B
L@ Quaiity ] Mizzing ‘alues Superhlode
Cutlier & Extreme Superhlode %

Eompleteitiold=2ick s Mizzing ‘alues Fiter Made !
__ Field s aes Soent foce Extremes Action | mputeMissing | Method
(} region & - - Mewer Fixed o
(} tenure 0 Mone hewver Fixed

age 0Mone Mewver Fixed
Q marital % - hewver Fixed
Q address 1] |Coerce v|Ei|ank & Mull Wal... Fixed
@ income & Mone hewver Fixed
(} ed al = i - hewver Fixed
(} employ T COMinuous =] 0 Mone Mever Fixed
@ retire 6%,\ Morminal - - - Mewver Fixed
(} gender “E) Morminal - - - Mewver Fixed
{} reside ,{I Ordinal - - hewver Fixed
(}tollfree 8 Flag - - hewver Fixed

Euip 8 Flag - - - Mewver Fixed
(} callcard 8 Flag - - hewver Fixed
(} wireless 8 Flag - - hewver Fixed
@ longman f Continuous 18 4 Mone hewver Fixed
@}tollmon f Continuous 9 1 Mone hewver Fixed
@ Ecjuipmon & Continuous 2 0 Mone hewer Fixed
@ cardmon f Continuous 11 3 Mone hewver Fixed
@ wiremon f Continuous g 1 Mone hewver Fixed
@ longten f Continuous 20 4 Mone hewver Fixed
@tolnen f Continuous 18 2 Mone hewver Fixed
@ equipten f Continuous 16 3 Mone hewver Fixed
@ carcten f Continuous 11 & Mone hewver Fixed
@ wireten f Continuous 22 3 Mone hewver Fixed | |

ine: &_Flan - - Mever Fixed Bl
. e 7]

75. 5 2R Ta

SERCHAZITR A R SRR 2 G, &R
R BH M2 Ay ok — 0 e B

®@—0 8

telco.sav Type 42 Fields

J’\
4

Missing Value Imputa..
B/
churn

76. EERRKREBT R
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5 8 I AAMiG)y (Hh%2#/C5.0)

EARTH, BB R— N WEFREIRNE AR N R, EEWE T X T 5 BR RN —AHEE NG,
BRI e, BN EREN AR —RE R R N, EHE AP —IER SR @ SRz G T
A J5 B LRI B 25,

HOREIE 4 druglearn.str iR, RS |48 DRUGIN BIEBEE S, IXEEFER]#E{Ef] IBM SPSS
Modeler Z#E] Demos H&H#k&, I H &A@ WindowsIBM SPSS Modeler f 4 T/ 1A], 4
druglearn.str fiiT streams H&H,

It demo FHE AR EUE T B B4

Ba B ik
Age (FE)
Sex MEXF
BP M/E: HIGH. NORMAL 8% LOW
Cholesterol MAHEEE: NORMAL 5% HIGH
Na IR N T
K IR A B A e
Drug BB 52
I A EE
“ar. File
J'w
‘ ;F_a_v;r;e_; | .Sources | .Record Ops |
© @ @® ¢
‘aa dse ar. Flle lLIO dia TED- '
77. %00 “BLEXH TR
BRI DA RS W IRECE B SOAREE, nT AMIER MR ESIN R T, TR AR
TA-RERENY R, sBCEHRHOEIEETT & (BEER T, EPaEEItT R ) RIG, MHGHEINE s PAFT
FFEHAHIEHE,

BER “H” EAADERE “ RO, WERIE RS IBM SPSS Modeler Z235H%, 7
F Demos H3%, SRJGIEREAN DRUGIN B,

WapRigEr 7 WS BEA PR, TR EAN U T AR A Y 5 BRMEL



D Pl Types Amotstons
File: ’m @

Age, Sex BP,Cholesterol Na, K, Drug
23,F,HIGH, HIGH,0,792535,0.031258 ,, drug¥
47 ,M,L0W,HIGH, 0. 739309,0.056468, drugC
47 ,M,LO0W,HIGH, 0.697269,0.065944, drugC

KX [+]

Read field names: from file [ Specify number of fields 1

Skip header characters: na EOQL comment characters: I:'

Strip lead and trail spaces: @ Mone © Lett © Right @ Eath

Invalid characters: @) Discard © Replace with

Encoding: Decitmal symbol:

e ; ; [ ]
Delimiters Lines to scan for type: a0 =
[ space [ comma [ Tak [¥] sutomatically recognize dates and times
Meseline Cther Cuotes
[7] Mon-prirting characters Single gquotes:
Ij Allawee muttiple blank delimiters Double guotes:;

(o]
78. ‘TR JHFE

i Field — i{ Dverrice |i_ Storage || Input Farmat |
Age D {} .|I"I:t'EgEJ'

Sex D @ String

BF [El |A] String

Cholesterol F] Malsting o/
Ma | T [Unknowen

a E‘ E String

Drug [ {} Integer %

@ Real
@ Time
EH Date

Timestamgp

@ wiew current fields  © view unuzed field settings

(o) (coneet)

79. BT EBRBIIFiEEE
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EdDRUGTR

Q Reftesh

FCLEO_DEMOSIDRUGTN

Clear Yalugs Clear Al Yalues

Field Measurement Yalues Mis=ing Check
{} Ao f Cortinuous [15,74] Mone
@ Sex 8 Flag liF Mone
[a] EF @ Mominal HIGH,LOWY, . Mone
@ Cholesteral 8 Flag MORMALHI. . [Off = [Mone
B3 Na & Continuous [0.500165,0... [on ¢%) Mone
K & Continuous [0.020022,0... | ot % Mane
@ Crrug &2_) Mominal drugd,drug... | Specify,. Maone

Role
\ It
N Iruporst
\ It
“w Irnporst
\ It
N Iruporst
\ It

@ wiew current fields Wiewy unuzed field settinas

B 80. e “KE” EI-RHR “E” EM

RIBIRIET R, EEMEICE BRI, TR, FIEARTIR, B, SdE7ERNNEZLG EUHE
AT DA BRI K BB S DT BRI SEAME,

KAL) o PR ETR AR B T IR R B 22 BER A,
BB T4 B PPk, HIERENCY SBHE

IR

BTSRRI, KA RER N IL XA E, A — R E — S "R TR
il R “R” TRV, 1 X2 AR P B B bR el R %70 RS i A7 L

P =
£ —
{\ ) —_— J
S —_
DRUGTN Table

E 81 EEZIHIERN K TR
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File: Ed'rt Inzert  Yiews Toolz  Superblode  Window  Help

SHEXBR e BTO NS K k[R

Fun the current stream

Table (7 fields, 200 records) #2
las Fle |5 Edt & Generste
f — Py
Table || Annotations I
r =
' Age |Sex |BP |Cholestero| |Na |K |Drug |
— L EEE 1 22 F  HGH  HcH 0733 003 drugy ?
2 47 M Low  HoH 0739 0056 drugC
DRUGTN Table 3 47 WM Low  HIGH 0637 00B9  drugc
4 28 F  NORMAL HIGH 0564 0072 drugk
5 B F  LOW  HIGH 0559 003 drugy
5 22 F  NORMAL HIGH 0677 0079 drugk
7 49 F  MORMAL HIGH 0790 0049 drugy
g H M Low  HoH 0767 0069 drugC
g B0 M NORMAL HIGH 0777 0051 drugy
10 43 M LOW  NORMAL 0526 0027 drugt
11 7 F  Low  HoH 083 0076 drugC
12 34 F  HIGH  NORMAL 0688 0035 drugt
13 43 M Low  HGH 0627 0041 drugy
14 74 F  Low  HoH 0793 0038 drugy
15 S0 F  MORMAL HIGH 0828 0065 drugk
16 16 F  HIGH  NORMAL 0834 0054 drugt
17 BY M LOW  NORMAL 0849 0074 drugd
18 43 M HGH  HoH 0656 0047 drugh
19 23 M LowW  HIGH 0583 0077 drugC
20 32 F  HIGH  NORMAL 0643 0025 drugt =]
E3

B 82. NI EEEBITR

R AR PERAN TR SR T H ARSI P HNEE T e 50, WRMAER TN, AR
DAEF BRUbRrpsoRs “JR7 1 ROEHEE] “R” . ERDIEARTEHRCE, SRR RN T Alt i, &
B, BRdi LA ENSOFEHHEIBTR, EARRD R TN, REEFET.

HERHE

BBz R, QI RS EE A B TR EdE, IBM SPSS Modeler $2 4L T 5 T ANRIZE BRI R R ALK
I, f MSHM%?,L\E(E,_\Mﬁﬁ’\)iﬂ%ﬁ@o flan, ZEREERZYIRHE BE LG, G 97 1

JYWNO

B “0An” WRIIENR, HEHS TR RS, e R DA e R A T,
WeRE 250 (BN B R H M EbRT B A5, FEREHEF SR dhaT.
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Field: Drug

Plct: @ Selected fislds @ &l flags (true values)

Lo (& ma) [cence]

Fiel |8| Drug I f l
orverl] @ Natural © Name © Type
(nane)
Zal
olar, 9 sex
el er
8' Cholesteraol
Sort: 8' Drug I
Proportional scale -D:ru'g !

Bl 83. EFRAMIFNBEITFER

,}a File: ( Wigsne

@ Generate

|5 Edt

drugd, -

_drugB-

.drugc-

dugk T ]

gy T ]

Valug - Propartion [ Court
A
80
| 80
270
455

B 84. XHEAMEE R

%lﬁﬁ%?uéﬁﬁ%m“%M”om%%%,,%Ymﬁf%%mg M25%) B MZ5%) C BIAIE B3

% 8 E #jWiary (H5238/C5.0) 65



Data Audit of [7 fields]

G Fie S Edt ) Generats

I—_l’i‘.
il || Quiality I.é\nrio'ttati.onsﬁ]

Field Graph Weasurement hlin s lean Std. Dev

{}Age «‘ﬂmﬂ-" H-”"-H y(:orrtinuous 15 74 44315 16.544
@ Sex ’_‘ 8' Categorical
[a] BP H H &l catenorical
[&] chalest... | ’_‘ el categorical

Bt i mﬂ_{ _-H & Cortinuaus 0.500 0.595 0E97 0119
Br ""’-”' ﬂ_[-ﬂ ML & continuous 0.020 0.080 0.050 0018
@ Drrug H 8' Categarical

| WE :
9 i ————— [¥]

'Indicates a multimode result ® Indicates a sampled result

85. BUEEIIZER

A, AEIERT AR HAT “BAEE” T, DAMESZRIBOEN A B A A E T, FTRATE “H
H TR R B R AT

ERRE

WMAEBNPRE — NAEMBLERZRE I 9Y) (EER) AR, (ERWFR AR, ERIE MR BRI AR e
EMPNEZERR, BTXWEZEE, KR PR PRI B GBIk O3S T S B RIRUR
Ko

R “BE” TRBAELIESREN, FRRHEGERER] IR T, RSE N DA% T R

66 IBM SPSS Modeler 18.2.2 i FfEF45r



« figlet 2 Ma

L.
L.

Orverlay

Orverlay type: @ mone
@ smoather

@ Function v =

L epot | oset

86. BIEA~E

1 BB IR, G5 Na E 9 X B, 18 KE R Y B, IR 49 (R BT, A5, #
diiafT,

LR T T — N, BT ARG N v, TG T IR b5 Y R 225
Yo BEBIMER—EER, HIE (Vo) S5 (K) HIELE,

D08 @ -g-zm Ao g - = FEEEFFrEE i
o % ®o ou@eo® 5 ¢ Du
007 o 1900 ¢ %99t Qdrugh
H H d o [+]=
I ° 0:° 8 ! .9. S @ o® | @drugB
[ fla gy e '.‘."'.""".d""i‘."'h """ G @drugc
| 9%% . "8 % %00 . |®@dun
iy ®o 80 2%y 05| Oduay
. oo @ %0 4 @5 o0
004~z - | e e WEEEL, BT %@--r-o— ----------
@ o 0 ! g L
o9 0! ceo . 00 -g o o
[ At i s e i
@Y 08,8 T TR Boog O
e - e T (e,
I I I I I
0s 06 07 08 04

87. BN~ E

BIEMSEE

TR T BAR 0 R T B, I a] SR BRI~ M ORERRIMZE &, B, K Web

TRIEREI TR EARR IR e 1 Mg XEHES, & p (k) MY, K5, #Rdid
7.

5 8 ® 29WityT (W%$3%/C5.0) 67



5 Web of BP x Drug : Absolute
|ad File

Graph

SEdt {) Generate o View @ web = Link

=

HIGH

drug‘\/A

MORMAL
i /
drugX

drl  Hide

drugB®

Hide and Replan

& 88. ZAALIE M

SRR, 269 Y 5 SRR, BOPRGRE, FENEROAN Y Ry, TUET b

. TS Y. SERMRIE, SERRBDTA, RRTCE YRR AR, SRR
IO

IR T 250 v RLPTA e, BUEATDUREHRE), U250 A FI B S IEA Y%, FUEZM C Al

X GIRIEGY, R, ERIVERSZY XA, i, WTRE0RE, EOATEELTAS B2

FISRZ69) C 15 X 2 URHIERE, N AR DABY 5 2 1.

& Web of BP x Drug : Absolute

|ad File

|j Edlit @ Generate

& view 8 weh

Graph

—

MORMAL
>
drugh
drugCe OLOV:\HlﬁH
1 ]
L drugB
drugx
QBP @Drug

89. BRI ¥ M EHEHERINEE
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SFHFE
H T80 5 B AT rT AR SR TG el I el DASE A 299 Y, IR A AT DO SR 1D sk | L — MR & I EUE R 7
B TS TEEAY A Y DATTTIRT IR (58 FRh 2 ) i R 25 YN T DAEE R L= B, O T i/, 18 E %k
fHER DRUGLN JRTT SOMIFRTE T e 3 “IRAE” T ( “FERIEI JETR) NI DRUGLn, RSN
I A PAE TSR

Deri\re

& | I (m)

| Breview
= '

Derive as: Formula

Mode: @) Single tduttiple

Derive field:

Iha_to_k

Derive as:
— L&
Figldtype: | & <Detautt- = |

Farmiula:

Mat

90. 448 “IRE" TR

R BLan 420 Na_to_K o HI T 2B KN ERR ABMEREGH T 7B, FrLUBFEATNHHIA Na/K o &thn]

PO B iz BeA MBI EARR AR A, IXRATIF “RIAAMEER" |, X2 AR, R 7R
NHAERINESIR DA H 75 IR RIE 51k,

RERTLUEIE R BT WRMINE] YRAE” RO AR R S 1 BT T REE,

R Na_to_K A5 NBEATINTEL, HREAMTEE N RET B,

5 8 ® 29ty (W%3%/C5.0) 69



HoMa_to_K

rveerlay
{ww: 9500 ) paner [ [ o [ )

(o9 ) () Fle=

91. w48 “HAE® TR

BTN, RAERE B RZER, T DRIE SRR G HARESE: 2 Na_to_ K FEHMEF TR T 15
i, NOEEEZGY) Yo

leb File | Edt %) Gererate  oF Wiew

Graph

Drug

Odruga
MdrugB
MWdruac
M drugx
Odrugy

Ha_to K

92. EHEIER
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HEEE
SRR IR, AT DA — 2550, RN S BRA ELR DU IS PR R Im2 IHIE £E, (EA
MR ERERRMTE R R, HIOLT AT DU R I A 2, AL, ] DAZE U TR
HEEAL (C5.0) SRIEBLEEHE,

BT EARZSHTE Na_to_K , ERTDULIERIRIET B Na F1 K, DUBGRERBRIEHEE HRIE, Bk
PERNEI I 38T RE Rk,

Fitter - &3
® A ()

Fields: 8 in, 2 filtered, O renamed, & out

Field Fitter Field
Aoe — > Lge
Sex e Sex
BP — EP
Chalesteral e Chalesteral
I —— Ma
K > I
Drug i Drug
Ma_to_K —_— Ma_to K

@) iew current fields Wiewy unuzed field settings

93. fRiE TIE” TM

£ IR W b, B Na B K SFIROE Sk, §ik ERORAVAL G X SRR R BRI A B

RIE, HN—PEERE IR TR AT . SRR W RS R A R T B DA AN
AR {8 FH X 25 BR TS SR

fE “RAT ETR L, AT BIAGREN B, RIEERINZAY) 7B, REMTERNAERERN
A, FRIXETER N AL &

5 8 ® A9WNieyT (M%$3%/C5.0) 71



Fiskd | Measuremert | Vaues | Missing | Check |

{} Lige y Continuous L [15.74] Mone
|A] sex % Flag MIF More
[a] BP @ Mominal HIGH LO... Mane
@ Chalesterol 8 Flag MORMALY... Mone
@ Drrug &; Mominal drugd dru.... Mone
@ Mato K &P Continuous [6.268724... Mone

@ view currert fields  © View unused field settings

94. 448 KB TR

ZAHRIEAL, TR C5.0 BUE TR R, AR S nEiRaRm AEAR) o fdigktia
17 LRI T

®—-—-0-@®—a

CRUGTR Ma_go_ K Filter Type Cirug

Ma_to_K

‘i Record D~

95. A0 C5.0 T &

X EIHRE

Add To Stream

Brovrse

Rename and Annotate %
f) Generate Modeling Mode

Save Model

Save Maodel Az

ﬁs Stare hodel...

Export PhivL...
Add to Project
X Delete Delete

96. | BEARE
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AT C5.0 11, BB E LA AR B SRR, EER, A e —ER
FEM bR SR A Y

AU bz e ARSI 0o C5.0 T s TR RRHUAMINISE . B, DRERAL TR BIRAS, BRITUURM, 15
Bl i 2SR E 2,

Mol Viewer Summary Seﬂlngs Annatations
B[ [For
B Na_to_K==1464

e Ma_to_K = 14.64 = drug¥

Bl 97. RN 53

WA, A BRI BT 73 NT Na 5 K UEER/NT 14.64 BEIMEAN G, FER R E 257
YR, MRS, EEE SRR RE HRIHNE R,

Model || vigwer | Summary | Settings Annotatmns

[ P [N R Y e [ e [ ST

B- Ma_to_K == 14.64
B BP = HIGH
= drugh
= drugB
= MORMAL = drugX
: - Zholesterol = HIGH = drugC
‘- BP = NORMAL = drugX
- Ma_to_ K= 1464 = drugy

&l 98. se2 BFAFHIFNIR S

o EARG AU, O] UES RN ERIEAER R —RER, EdERER, G IERnithE
BN IS LI E 25 AR 25 S LMELRY 7 o7 b

T TowmEr
= drugB 41.026 186 R
el = druge noon of 98 3
m drug 0000 o
B drgy 0.000 O Catego
Total 10,500 39 :3:353
= — &0 ®drugc
W drugi
| drugy
Total
B
Catego
W drugh
ORMAL— g:zgg
Node 1 Maode & Al
H drugi
Category % n Category % n ® drugy
mdrugh 31101 23 ® drugh nooo o Total
5 _ |mduge 14879 16| ; = drugk 0oon o
Nodeﬂ ________ : = 14641961 drugs 14679 16 BF L O . drugC 47.050 18 —Chalesteral -
| mdrug 48541 54 mdugd 52041 18
_Category % nf; W drugy 0o o u drugy 0000 o _Gatena
:E’UQ’; ‘;ggg 122 3 Total 54 500108 Total 17.000 34 :S’UQ’B‘
il : l—tia_to_k = = 1GH g
s drugG 8000 16 TR T = drugG
W grug 27000 s4) W drug
mdugy 45500 91| _Category % n Categary % n ® drugY
Total 700000 200 = drugh 0000 o = druga, 0ooo o Total
_____________________ — = drugB 0000 o _ |mdrge 0ooo o
= = 14849811 yrgc 0000 o HORMAL 1 drugc 0000 o
m drugi noon o mdugd 100000 36
mdrug¥ 100000 91 ® drugy 0000 o
Total 45500 91 Total 18.000 36

99. EIFZRZ TR R RN

5 8 & yWNieyT (M%3K/C5.0) 173



A ‘i T=
AT “O0HT AR AEBERAERE, 1§ BT A O R LR KOs, 1T

FHZT RO R8T,
R e B
DREUGTN MNa_go_K Filter

S Drug
5

-
r

s — &

Ma_to_K Drugy

Analysis

E 100. &0 “OF° TR

O TR TR, D EREIESE, SR C IR ISR SN DR, fEEIER
SHRSRA, RIS R, (575 AT St B R T RE 75 R R TR (TR

[@] Analysis of [Drug] ugl

W File |5 Edt
File |5 E

E-Results far output field Drug
B Companng FC-Drug weith Drug

Correct |2000 100%
| \Wrong | ] 0%
Total 200

B 101. “OF" TR
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o 9 B Gk R (FHIEIERR)

“RHEERR” 19 A B FIRAITNRE 45 R B 7B, ERSHKENE LTI RMNESH,
RHEERR” 19 An] DA TImEMHER, FEHrIREREENTINL &, &5, BER—DNEEEREE
OIS MR R DN AS &, PR TIE EE p HL S TR

ATRBGIH RS R DN A I AR SR G, HESIZAF] 5,000 45 N R IE 8 15 5h e K
FIHERER, XEHIEESKENTE, HPauEErEws, Rk, WA, BIEFEHAERERITMER. =1
“HIR FESERE AR =R TR, 12728 5 Ay B0 A X LR SR B B 7 0 W L8 2 B A E
TERERS ARFRAN B M R

HRBIE 4N featureselection.str iR, iG5| 4N customer_dbase.sav FIEHE S, XL AFATE
{Efa] IBM SPSS Modeler %241 Demos HgxH#(E|, 1 HR M@ WindowsIBM SPSS Modeler #2741 T
WilAl, XAF featureselection.str it streams H3 R,

ATRBMY FEE PRI A —RIE BTG 8h, FRREMEN EbR, ARBIFEH CHAID ST mORIT AR, DAfil
BB R REX e BTSSR N AR o A DU A5 AR TR L

- AERRHIEIERE, BdREHRIRTE TN B B R CHAID RATHI A
CERRHIEE RS, B RFEESET T RCRIERERT 10 DN R, A5 R e A CHAID f#if,
T3S LA AN BB, BT DA BRI BEAn ]~ A A RIS R

HMER

B,

customer_dbase.sav TIE \zsp.ﬁ"‘sp_m
Fil il

i e
. @ - response_01 sing Top 10 Fields
CHALD,
With All Fields

B 102. “FEERE" REIR

1. % “Statistics X" P RTRAZ FRREAR . KT R38R BIEEE S customer_dbase.sav ,
ZSHLF IBM SPSS Modeler 225271 Demos B N, (8#&, RIFTHALT streams H FHIRH

it featureselection.str, )

2. TR BT AT fE “RAY GRIR B, [\ MRBhEREITE response_01 M EERCHHIR, HE
ftlia N 7E& (response_02) 1 (response_03) PARZFFRIN (FIFRIHEHY custid) HIFAEERN
Too KA HMTENAERENRA, HRGRBUAETZH, A5 RGHE.



" 1 Clear Al Y
_ Fied | Messurement | Vales | Mssng  Check |  Roe
T A" VLI W T | o MU I IR :
{} [t Tl &} Marmirial | 01 Maone \ Inpt ™
{} ovvnipoc &) Mominal | 01 Mone \ Irnporst
{} Oy ngaEme &} Marmirial | 01 Maone \ Inpt
{} oventa &) Mominal | 01 Mone \ Irnporst
{} MEYYS &) Mamiral | 01 Mone \ Inpt
{} response_11 &) Mominal | 01 Mone @ Target
{} response_02 &) Momiral | 01 Mone & Mone
{} responze_03 &) Mominal 01 Mone & Mone g

@ View current figlds  ©) Yiew unused fisld seftings

(o] (emeat)

B 103. 7N KB TR

30K “RHEGEEE” BB RIINENR D, TR L, ] DU R AR, SR T
B

4. 3BT AGIE “RAEERE” BB,

5. A E A fak R W AIAR AR AR DO g s N A B AR
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£4 response_01

h;'i File ’l{) Generate

..........

e ., S P
T i [ s e
Fank Field Measurement Importance Walue
@ 1 {} ed f Continuous |i| Important 1.0 e
@ 2 {} [l gl eled &3 Mamiral |i| Impartart 1.0
i 343 edoat ol Oreinal [ mportart 1.0
i 4/{2 internet @5 Mominal [#] important 1.0
@ 5 {} equip &5 Mominal |i| Important 1.0
@ 51 {} Oengame 6{’3 Momiral |i| Important 1.0
E 7 {9}} equipmon ﬁ Continuous |i| Important 1.0
@ g {} confer 6{’3 Momiral |i| Important 1.0
=] 9 {3 ehil @b Mominal [%] importart 1.0
[ 103 callwait @0 Mominal [%] importart 1.0
@ 11 {} farweard &3 Mamiral |i| Impartart 1.0
@ 12 {*}}tollmon ﬁ Continuous |i| Important 1.0
] 13 {3 muttine @0 Mominal [%] mportart 1.0
@ 14 {} ovvnipocd 6{5 Mominal |i| Important 1.0
Il 153 calid @5 Mominal [#] important 1.0
@ 16 {*} equipten ﬁ Continuous |i| Important 1.0
Fl 17 {3 tollfree @5 Mominal [#] mportant 1.0
E 18 @tolﬂen ﬁ Continuous |i| Important 1.0
@ 19 {} churn 6{’3 Momiral |i| Important 1.0 ||
A o (‘3 shnl IEedrat _I'I erdimal m It art 10 :

Selected fields: 34 Tatal fields available: 128

| B-095 [F =095 [=]<0s

9 Screened Fields

Field Measurement Reason
1 {} ONTIYEE &’) Marmiral Single categary too large
[F {} ownty é‘b Mominal Single category too large
| {} =ity Te “b Maminal Single categary too large
= {} owencd &) Mominal Single category too large
| @ Irwvireten f Continuous Too many missing values
] @} Inepvirem.... y Continuous Too many missing values
] < Ineouin... 4 Continuous Coefficient of variation below threshaold

Bl 104. “FHEERE" RERAEY RE” EHR

TRER AR R 1A TN A R 7B, IXEE 7 BRI EZ R TS, JRES AR R 1 Mo A hiif
I SR B S IR IR A, XIS AR A TR I AR A 2B, P AR E 7 Rl i AR A 2 0 e I R

B

6. BT, AlDUEEREAE NMHEMN TR, BRRIICH 34 DMFBIRGINVEZRTE, BRIMNmER PR
[ERURES = S

7. fEREE SRR AEFRICOR B P AR E R FI AL &, DAECOEFAET 10 PRl sE, (BdifT 11+
foiErbRic, 1%4E Shift SIF BT 34 FRAETFRID, ) RABIULE,

8. EAEAE FARAEERERYIE O T HLAEE R, ARSI D CHAID BB i — DMEFRHEERE,
—MAEH,

9. F—> CHAID T USR] “HKM” Wi, FFRZE — D1 RERE] “RHERE” AR,

10. FIJTA CHAID i, MR “MEui” JEuif, #fRE “HiR” @ighigrh 7iEriassis, &
HEAA RSN LR,

£ AT gL, ORI E N 5,
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£ With All Fields

;|| Build ODTIUHS] Madel Optians Annatatlorjsl

gObjecﬁve |
Baszics
Stopping Rules
Costs

Ensembles

Achvanced

What do you want to do?

@ Build mewy maodel L) Continue training existing model

What is your main objective?
@ Build & single tree
Single Tree
mode: & Generate model @) Launch interactive session

[ use tree directives

Enhance modsl accuracy (boosting)
Enhance model stability (hagoing)

Create a maodel for wery large datasets (requires Server)

rDescription

Directive.

Creates & single, standard model to explain relationships between fields. Standard
models are easier to interpret and can be faster to score than boosted, bagged, or

large dataset ensembles.

[ Ok ][’ Run][ Canu:g_l]

105. CHAID EET S HWAIENTEFENEINEE

HMEEE

1. PATE R SR A A T 22

HPUTAT AN A, £XERESRENP,
2. NSEEH, TR R > ZERRE, RTAERGF R RITRIR,

78 IBM SPSS Modeler 18.2.2 i FfEF45r
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4§ Interactive Tree of CHAID #6

whFile et of view Tree ) Generste | () LE.@

Viewer | Gans | Fisks | Anctatons |

eh dY e

BE aq HOWE HLEFE B o

response_01

| Category % n
0.00o 91640 4582
|| 1000 5360 418
Total 100.000 5000
S B =

Ownpc
Adj. P-value=0.000, Chi-square=57 452, di=1

-

1

" El
| e | x

::AA CHAID Model: Training Data)

106. TEMTHE R R AE KN

3. BUE, XHUEE 10 DMINEZ RS —4 CHAID R PUTHIFEERIE, 10T “MHTEER" 5 RAIER,

5 BRI TIR R MOZ LSS — RTUR, BT IHEHREARR /D, RIHAITIN R _ERYZE 5] AT RE UE TLID
Bt AR FRBRN R RS, EZERIATREAER IS LB U)o fERRHEES AT DAE

IERA P

RS IR R DT M, [KIIHE 7 TR AR, EEOUE (IR 2 A, REE RS

AR, FHEVHS MR WAL S AR LR RIZE R

ELIREER

LRGSR, TR TERIENR, utt, KRRt “Ha” mmF, ®IEE #t,
R AT R RIC SR S R R AP T ICSAE LN, g AR RTREVER = IE T 20, filln, 12
THE 148% Fn S5 BARETFHIFTE I RAALL, TR AR R BRI rTsE M2 5 1.48 %, fRTHER

ME R IR EITEES .

1. fEMNAR R e B R SRS, Rl WA IRUR, K BRI Oy 1.0, EeRdG
(A" TERZHR BRSO A8 SRJE M M SR8 3R g Ui o

2. £ A 10 MR ER SRS HEE PR, win] DO NSRRI R R T R, W N EH AR

TNo

55 9 B kil R (RefbiEss) 79



(R interactive Tres of CHA =

e St & o 4D gererate | () @

Wigwver IGains Risks = Annotations

o el - - 2. > — " D e = . pre i e
mauarﬁle - ﬁ Gains s A l%@]Targe{ categoryi1 0 X J E

Target variable: responze_01  Target category: 1.0

Training Sample

Modes Percentile Percentile: n Gain: n |Gain (%) |Resp0nse %) |Index %) |
44,2943 5 42 38,53,45,49 33 25.00 125000 231.00 5529 15.49 22117 -]
33,56,21,22,62,59,41 40,51 ,... 50.00 2500.00 355.00 85.54 1430 171.09

54,47 32,5555,19 46 7500 3750.00 407.00 a7.45 10.86 129.94
46,23,52 60,37 50,39,35,57,... 100.00 5000.00 415.00 100.00 536 100.00 =
(41 [¥]
.@ - r : | 5

Interactiv T CHAID : =l S

wbie [SEit @ view T2 Doeneate @

Viewer | Gains | Risks || Annotations

Mauarﬁle Bt EEE':E Gains it |_$§]Targe{ c:ategory!1.0 it | =] E |

Target variable: responze_01  Target category: 1.0

s

Training

Modes Percentile Percentile: n FRin: N |Gair| (3] Response (%) |Index (3] |
18,231512 25.00 125000 203.00 4545 16.20 19351 ]
12,2610,7 50.00 2500.00 305.00 7347 12.30 14714

TAT1.20 75.00 37000 385.00 9214 10.27 12286

20,24,16,19,25 100.00 5000.00 415.00 100.00 836 100.00 =
41 [H]

107. M CHAID {2 B a1 25 E]

BRI 2R ARARE HAR 280 19 o N MR, B EERRN MR M, I BB R 25% AT
I (EEUE)

WAL B, BARERIETHME 221%, B, BARXEY GAPRRHER NS, HN B e siE s
A REPE R AN RAY 2.2 . HERXEEHEANA, 1# R DOERR LR —1T, KU1 “EE8R"
HETR,  FAAR B A S E AR EHESS B, VAR R SRS DR R 1 5, PL T X 27
AR FTTRe B DB E 10 DI WREARNKERN A HHIPE R, BR2 10 AR
& FURHIEME DO T B,

QUSRS AT 10 PRI R (FRRHEESSRAD |, WERTHARSIN 194%, SRR A
TRIEABMEER, HEeTtet2 A, S Do MBUE SN A, RIte sk, Kk, &,
fTTAT DARfE R AR LA Y P T 2 B O AR R B 53

HE

BAPRE — MRABEREAIESE . (EREDRTINAL B 2FEIUNA, XA SN, AR AR
b, HETE THENE, EARGN, REAMIMIRHEESVER, SRMEIRE TR, K
NER T RN TR AR S, AR TR SCRr B, U754 A 1R] R AR 1l

AR D AN AL B 2 AE PRy BN B ANATRBIFTR, AR DUUORGIE rTRENA RGeS TSI 1 4 DR
fiE, THIER, PNZERZS, dEDSEARXRER, LRrBEARE S, M HAEERERESBERN (R
B AT REFR B A )

IR RECLCE AT RV ATRFIEIESE, IR CERE m] DRI s i B AN AL &, SKFw b, CHAID Ji%k
LW AT U RE, JF BRI REE = n] DUR R Qi DU fI R 2 2, B2, R “Refbik
£ N RCER R R, Y RS P PR RO A T B THE R, A AT DOREOR 1 R B )
B I RO P DASE B AR RO AL B, w] DAEEATAT 15 B¢ 20 NAERT 10 D ITNAL & O R
IBITIHRG, FH EERHEE SR DA i AR,
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o 10 5 /DI ABIR AR IRIE (E#i KT R)

HLDRANSIEFHRKE (EfHD%)

X0 logistic [AIARALRIEL & 1T logistic [MIVABIRIAT a0 Kas i, IR 7 B RGOV iR 2 AMe
)T AR BRI \ DA, AT DAGE A BT o3 277 O g

ATBIE 40 reclassify_strings.str (I3, %5 | AREEE X E4 N drug_long_name , JXEESCFR]TE
{EA"] IBM SPSS Modeler %4/ Demos HxH#KF|, 1 HZA@ET WindowsIBM SPSS Modeler #2/74Hi#H1T
VilAl, X reclassify_strings.str i T streams B3R,

ARG B PRI A —/ NGRSy,  DARR AT RERI ¥ AR i AR B SERPEE IR JF ELRRRE T anfal i “EET
K7 A IR RS B RO B KR, R R R T I Logistic [AIF%7 s, HIXAHY
T H B2y 2885 mORAE R — I Logistic [\ #AY,

In?

b Bt

1. R — AN E SR S, RS Demos XK RIEHES drug_long name .

@ —@ —
\ il A—P |-£
drug_long_name Tie Cholesterol_long

¥ “"“‘-\ ot
(oo o & . D
\ ++/,r .‘ *_’ - ‘\ :1 ;- \.__Lé__f

j =

Cholesterol Filter Type Cholesterol

& 108. B/RX$ 21 logistic [Bl)AMFRFEREH 5 LBFE AR
2. HRAY RISIMERTE T R, ZAJF1EFE Cholesterol_long £ Hir,
3. K Loglstlc (B U977 RS IR 2R A i
4. 1F Logistic [A)A5 rd b, fAddy “BAL” RIRIFIESR AR,
* Type

(]

h 7 - l - B Read values Clear “alues

Clear Al Yalues

Field Measuretment Yalles Miz=zing Check Role
{} Age ﬁ Cartinuous [15,74] More b Input
@ Sex 8 Flag hdiF Mone hY Input
[a] BP @5 Mominal HIGH LO... More N Input
3 Ma & Continuous [0.500517... Mone ™ Input
Ew & Continuous [0020152... Mane S Input
@ Drrug 6’5 Mominal drugd, dru. . Mone “ Input
@ Cholesteral... B Flag "Mormal le... Mone @ Target

@ View current fighds Wiew unuzed field settinas

B 109. “Cholesterol_long” FEEHHKFRRIFMES



5. 1E reclassify_strings.str F14T Logistic [AIT5 S, SER—MEIREE, L5/ Cholesterol_long
FREBET K,
WSLEF RN R,  IETEIEA TR I AR 73 P BRI 20 BRSSO

hezsae |
@ Stream execution started

@ Field 'Cholesteral_long' has value 'High level of cholesteral that is too long.

Q Field 'Cholesterol_long' has walue Marmal level of cholesterol' that i too long.

@ Stream execution complete, Elapsed=0.39 sec, CPU=002 sec

,/_”i_\\‘ Execution was interrupted

110. ITZIN logistic [BlYI T RBIFAE RHERIRER
6. FZEAIAT RISIN— N E T 0 2K A
7.1 “E#iR” FEH, 1% Cholesterol_long,
8. # A\ Cholesterol £ 15 F B4 HR,
9. At FKEL 4, ¥ Cholesterol_long (BN FIAES,
10. T%%ﬁﬁ’\]@ﬂﬁlﬂ, 1 NHEEIRKT JRAGES10, A &, F IEREEEKE FeER>0, #A IR
E Cholesterol

>

setings || Annotations
Mode: @ single © Muttiple

Reclassify into: @ News figld ©) Existing fisld

Reclazsify field:

&

|8 Cholesteral_lang

e field name:

|Cho|esterol

Reclassify values:

[ B et ] [ Sew Copy J [ ;Clearnew ] [ f}.ﬂ\uto...

-

Origingl value Mew walue
High level of cholesteral High
Mormal level of chalesteral Marmal

FEEE

For unspecified values use: @ Original value Default value

111 WEKFRBHTEHHE
11, NEEHT 2R RAI— I I R
12. 18 “tE” Fldh, i DAER Cholesterol_long,
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L3 Fitter &

elalol

Fields: 8in, 1 filtered, 0 renamed, ¥ out

[ Field [ Filter = Field
Aoge — Aoe

Sex | — Sex

B -

Na [ —— Ma

K . — K

Drrug — Crrug
Cholesteral_long 2 Cholesteral_long
Chalesteral —_— Chalesteral

@ ‘iew current figlds

@ view unuzed field settings

) (o)

112. 337E83BHR “Cholesterol_long” FE%
13, B 2RA f RN T SOOI R Cholesterol 7E24 H r.

bd Type

. Field ~
{} Age

@ Sex

|a] BP

{é*} e
B

@ Drug

@ Chalesteral

| Measurement
ﬁ Continuaus

| 8 Flag

&; Mamiral

f Continuous
f Continuous

&; Mominal
B Flag

| values | wissng | Check

| MsTe
|oME
HIGHLO... |
[0.500517 ...
[0.020M52...
drugd, dru...|
MormalHigh

b

| Role
Mone _\ ImpLt
Mone _\ InpLt
Mone _\ ImpLt
Hone _\ Input
Mone _\ Input
Hone _\ Inpt
Mone @Target

(o] (caeel

@ View current fighds

) Wiew unused field seftings

113.

“Cholesterol” FEEHRISEFRTEIEMER
14. F—> Logistic 17 sUASINE B fHh,

15. £ Logistic 17 b, By B JEIIRIFERE BULE,
16. fEPALER] AT I Logistic T, FEM— M BRERTHERRAL

510 ® BOMABIRTFTBRRE EH2ETA) 83



[£d Cholesterol

Model name: @ aute © Custom

@ Usze partitioned data
|8 Build model for each =plit

Procedure: () Multinamial @ Binomial

rEinomial Procedura

Methoct

Categoarical Inputs:

Field Mame |Contras‘t Baze Categary |

m Inchude constant in equation

(Lot (B un) (_cencei
B 114. %8 ““IN” {ERNIDE

HRBE R TR —E 5, WREFEEZE RZRAN (JREFREENSEKTNER) ER, B3I
DA RA

- “HBhrRER TH, BXEZEE, ESMNE 29 TR TR mNEE (B3102Es) 1 T,

- “ZI0 Logistic [B)9” i, AXREZEE, WESMHE 115 1Y I3 13 3 HEE A (ZU Logistic
|y g

AR IBM SPSS Modeler (40 <R/ #ER) « (HAZE) M (Bikfem) ) WIEHER, ATN%E
LR \Documentation H 3% FEE,
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o 11 55 0 MR (PRUEIR)

RFFNRBIER] EFORAER —eai R (O2/4) AIRTRENE ERRATRERATAINI, RERFIFRBA 2 T%
FERAREH, HlanE RS L7 E WM R

ARBIE TN AT, mARRENGNE RS SHIRN, DUMEEARRI TG shh S8
e, R, 2R BIRRE Jo Al A B TS 2 8 FH RSB RS R A B A8 RORFAIE,  FFARE T
SERAE UM R XD R

RFFNRBEAITHIE R TR B, 1K RSB RSO IE 2SR, X T RirEashtlES
MAFERERDE N SR THE R R AR5, AT B 3h 7288870

®— -0 —é

Y F, ey

pm_customer_trainl .s.. Selec ;rfaspnnse[ﬂ
+
’/9\ ®
_.r

LS

Tahle campaign response[1] (1) Tahle
115, JREEH|REFAR

ATRBIE R pm_decisionlist.str, Zim5 | AEAEXIFE pm_customer_trainl.sav . XL R]fE(E{A] IBM
SPSS Modeler %2251 Demos H3gH &, L HXAEIT WindowsIBM SPSS Modeler f&FAH M TR, X
ff pm_decisionlist.str fii T streams H3xE T

[ SE 2R

Xt pm_customer_traind.sav {77 5B EE AT ER BAd B RV E BTG SO REE & PR IR, B campaign F
BRHMESR TR, Premium account iG3NFPHIC B R K.




[E Table (31 fields, 21,927 records)

la Fie S Edt ) Generate

= ] —

Table é!_)”*UnQﬁti@D?J
customer_id |campaign |resp0nse |resp0nse_date purchase | purchase_date |pr0duc’[_id |I

1 7 Premium account 0 Frulf 0 Frullf Fruillf o

2 13 Premium sccount |0 Frllf 0 Frull§ Frllh

3 15 Premium account 0 Frulf 0 Frullf Frcillf

4 16 Premium sccount |1 2006-07-05 00:00:00 0 Frull§ 183

) 23 Premium account 0 Frulf 0 Frullf Fruillf L

5 24 Premium account |0 Fral§ ] Fral§ Fral 3

B 30 Premium accournt |0 Frullf 0 Frull§ Frvllh i

g 30 Gold card ] Fral§ ] Fral§ Fral [

9 33 Premium account |0 Frll§ i} Frull§ Frullf

10 42 Gald card 0 Frllf 0 Frull§ Frllh

11 42 Premium sccount |0 Frllg 0 Frull§ Frulls

12 52 Premium sccount |0 Frllf 0 Frull§ Frllh

13 57 Premium sccount |0 Frullg 0 Frull§ Frulls

14 63 Premium scoount |1 2006-07-14 00:00:00 0 Frull§ 183

15 74 Premium sccount |0 Frullg 0 Frull§ Frulls

16 74 Gald card ] Frullg ] Frullg Frulg

17 75 Premium sccount |0 Frullg 0 Frull§ Frulls

15 g2 Premium account 0 Frulf 0 Frullf Fruillf

149 29 Gold card 0 Frullg 0 Frull§ Frulls

20 g9 Premium account 0 Frulf 0 Frullf Frullg =
K B

116. SRR HIERNRYAR X EE

campaign FEHMETEEIE P IR AR, A 2R e YIRS (Bldn, 2 = Premium
account ) . B PAEH T HAEYIR P EFRS T ER,

B EAEE TUEEME AR ANOGHHSRME R, REFRAH TR IR KE5
SERFALE BT X AN R AL T I0 e 7 R A R

HMER

1. ININFETA pm_customer_traind.sav B Statistics SXHFTT L, %X T IBM SPSS Modeler 22321
Demos XX, (S&R] IFE X2 8 7E $CLEO_DEMOS/ 1E NG| A SR p s 2. )

0 pm_customer_train1.sav

\) i Prewew] [ E'l Refresh ] a_lil

FCLEC_DEMOShm_customer_traind zav

‘ Data

| il

|
| | Annotations

Import file:  [FCLEQ_DEMOZ/om_customer_traint sav

Varishle names: (@ Read names and labels Read lahels as names

T

Walues, @ Read data and labels @ Read labels as data

|] Usze field format information to determine storage

117 FENEAE

86 IBM SPSS Modeler 18.2.2 i 2 F45r



2. SINSAIYY R, ARSI HbR B (“AE” NHR) o Rt BREmE 20 B bR,

Ed Type

=
[ fm)

Clear Walues Clear Al Values

Fieldd Measuremert Wallles Miz=ing Check Rale
{} customer _id y Continuous [7,116333] Mone & Mone o
{} Campaign ‘f) Mominal 1234 Mane & Mone
{} rEsponze 8 Flag 1m Mane @ Taroet
E_Ej rESPONSE_... f Continuous [2006-04... Mane ® None
{} purchaze f Continuaus [0,1] Mone & maone
ﬁ purchasze_.. y Continuous [2006-04 ... Mane & none
{rproduct_id P Continuous [183,421] Mone © Mone
3 Rowid & Continuous [1,19539) Mone S Mone

Eorar-y .&9? T ordinn o s Mo as LA Pty \- I ot

@ view current fields  © View unused fisld settings

118 KENERFNNABE

3. T RAIFE:, KmtiRE NIE: customer_id, campaign. response_date, purchase.
purchase_date. product_id. Rowid #1 X_random, XEFERIEHIEH AR, (EASTELAEAT

R

A, BRI U BRIUE T8I DARR R E RS S

REEIRESHRMIIARENNER, BRI MR T HA—IGES, 5T Premium /&3 (£
BUEPIRISN campaign=2 ) HHNCREERAK, [EIHAT DA AR MR R FP R & X IR,

Select

. Seftingz Ann%%'qns.l

Mo @ Include © Discard

campaign = 2

Condition:

(o) (cemen)

119. NBEIGERNEFIER

el fEd kY

1 AERAPAINRARSIR T e £ BT SRR, K HAMERON 1 DR EE R R, EXME
T, EAERERN DARTRROT & H 2 WA

511 BRI EE (RESIR) 87



Ed response[1]

Maodel name: @ auto © Custom

@ Use partitioned data

@ Buildd model for each split

mode: O Generate model @ Launch interactive session

. Uze zaved interactive session information

I
mui

Target value:

Fined segments with: Higih prabability

Maimum numkber of segments:

!
EQ

Minimum segment size

Az percentage of previous segment (950

| [0
=R

EIRREID

Az absolute value (MY

Segment rules

Maximum number of attributes:

@ Allowy sttribute re-use

I !
Kl

EQ

Confidence interval for nevy conditions (%) 850

o) (b o) Lo L]

Bl 120. “RHRIIKR" Tim, R EFE
2. IR RN R B2,
3. MR BRI, 1R R BEOR N 3,
A FEH AR BAE X R BE SN 85%.
5. 18 “LR” wIFLE, HERRENER.
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e B
3]0 (m)

Mw Expert w

Mode: ) Simple @ Expert

Binning method: gual Court ™

Mumber of bins:

Model search width:
I

Rule search width:

Bin merging factor:

@ Allowy missing walues in conditions

E Dizcard intermediste results

Interactive mode anly

Maximum number of aternstives: E

==

B 121. “RHHIR HR, TR EME
6. B ARBMEENN Y 3, AT S E “BIY” EWF LN RahZ iR E—iE i,
7. BT R “REVIR” EEA.
' Interactive List: response[1] #1 mEx)
Wre et & view Tods 1D Generste IEE (@ el fe?

Seogment Finder

Find segments with: \High Probability ~
Targetfield:  O® response Max. no. of new segments: I_gEI

Target value: 1

id Segment Rules Score |Cuver nj |Fraquency ‘Prubabi\ﬂy |
All segments including Remainder 13,504 1,932 14.45%
Remainder 13,504 1,952 14.45%

8 x|« o[

Model Summary; Cover 00 Frequency Ot Probakility 0%

122. X HHIREES

5511 B AE AN (RESIR) 89



MR ST, (R E AR T HAR B, 1ER0IR 13,504 200, 4 1,952 SR
WIE, BICARY) 14.45%, HISEIRIEATAE (SRARTAE) F AR A% P BRI & oA

8. ER BH|REFAH, MR DI NIEI:
T.H > & B

..3 Interactive List: response[1] #1

i Fie s Edt &F view Toos 1) Gererste @@ BB l?l !'

— :
' Find S it:
| Viewer ||__ﬁiﬂ3;:l -%rmotat%“ B Find Segments %
) Settings...

ﬁk Take Snapshat Crganize Model Measures... s kioer
| Find segments with: High Probabilhy;

@ Organize Data Selections. ..

Targetfield: C® responze v » - = Pt A
{2} Change Taroet Yalue... (e S“| 3'7' [ P Firet Segmems_] H |

Target value: 1

B Take Snapshot

|cover | Frequency | Prababiity [
13,504 1,952 14.45%

13,504 1,952 14.45%

il |Segment Rules [Score
Al zegments including Remainder

Remaincer

8 x|« [+

Model Summary; Cover 00 Frequency Ot Probakility 0%

123. XREFIRERSE

BEBRAERARE “EREPIR” TR E R ERIBITIREZIESS . SEAMESS RO A =AU,
X=AEATE BRI WIEAERY BT TR A,
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8

Retmaindet

2 Model Albums
Mame |Target Mao. of Segments Cover Freq. Prah. |
Atternative 1 1 3 2375 1,348 S6.76%
Afternative 2 1 3 2368 1326 56.00%
ternatives |1 3 2,380 1329 55.54%
Alternative Presigw
id Segment Rules Score |Cover [ |Frequen-:v Praokability
Al segments including Remainder 13,504 1,952 14.45%
=l income, number_products
1 income = 95267 000 and 92 793 87A7%
number_products = 1.000
=l rffm_score, number_transactions
2 rfm_zcore = 12.333 and 737 360 45.85%
numbker_transactions = 2.000
=l number_transactions, income
3 number_transactions = 0.000 and 731 174 23 &%
number_transactions == 1.000 and
income = 4607 2.000
11,124 E23 5 60%

Alternatives || SI‘IEIF,JSth_le

(e

124. ] REMIRE

9. WBIF AR — RIS HIR B R

CEEET AR,
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 Model Albums

Mame |Target Mo. of Segments Cover Freq. Prob. |
ternative 1 1.0 3 2375 1,348 SE.76%

Afternative 2 1.0 3 2368 1,326 56.00% f

Aternative 3 1.0 3 2380 1,329 55.34% |7

Aternative Preview

id Segment Rules Score |Cover [ni |Frequency Probability
Al zegments including Remainder 13504 1,952 14 45%

=l income, number_products
1 income = 55267 .000 and 10 M2 795 87AT%
number_products = 1.000

= rffm_score, number_transactions
2 rfm_zcore = 10,535 and 1.0 T25 357 49 24%
number_transactions = 3.000

= awerage#balancesfeed#index, numbe
averagerbalancedfesdiinde: = 0.000 :
3 averagedbalanced fesditindex <= 349.01.0 738 196 26.56%
number_products == 2,000 and
rfm_score = 3239

Remainder 11,129 604 5.43%

Aternatives | Snapshots

& 125. FmEERIRE

i R B RT DAME AN AR RR R I O N PRSI SRR A AR, Rt
ANE7TTIERIE R,

M N T EPH AR aTREFREORNIEAERR) EAIE” BRI, RN, R DOEId
BN ERUREAREA TR

S AR TR R (BN , &HHSEE RFM IE5) BRI, AR A] DA I B2 & T s A
FEAMPRATEL, HEBJE, BRI SR A] DURFILAC R S 2 56.76%, (HIZABRI & SAREA Y

—/NERoy, AR 11,000 il (BAAJLESRITACICR) AT HRERA, BRI EHRRRTIm
¥ 2R B O ] 4 2K B 22 DL RC I %

FABEFRREI BB, AR HIERE DL R I
TH>%HE
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Create/Edit Mini ng Task: response[1] '
Load Seftings:  |response[1] *§| Rew. | |2

~Target

@Target Figld: 0@ responze Target Walue: 1

—imple Setting
Find seaments with: High Probakility =
Maximuth number of newy segments: E

Minimum segment size

Az percentage of previous segment (9% 50

[>]
. []
Az absolute value (M a0 =

Macimum numkber of atternatives: 3 =

Maximum attributes per segment: 5 ES

m Allowe attribute re-use within segment

ll
&
(=
£l Sl

Confidence interval for newy conditions (%)

rExpert Setting
Binning method: Eqjual Count Mumber of hins: 10
Model search width: 5 Rule zearch width: &)
Bin merging factor: 2.00
Allovy mizsing values in conditions:  True Dizcard intermediste results: True
Eciit..
rData

Bulld Selectior; | All Data - @]

Available fields: @ 4l fields  © Custam Edlit

Bl 126. “BIR/4HIBIZIRIESS" SHEE
11. Bzl 5 b)) DIBIEESE —MSIRMES, FHETR MERMEN “FriRE” MISHETrIES 4
FRo
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Create/Edit Mining Task: response[1]

Load Settings: |DOWn Search "| Tesw...

~Target

@Target Figld: 0@ responze Target Walue: 1

—Simple Settings

Find segments wvith:

Lo Probability T

Maximuth number of newy segments: ] =]

Minimum segment size

A= percentage of previous segment (9% ]
As absolute value (M)

Macimum numkber of atternatives: 3

EICREIERED

Maximum attributes per segment: 5

m Allowe attribute re-use within segment

Confidence interval for newy conditions (%)

!
o
o
[4]H]

~Expert Setting
Binning method: Eqjual Count Mumber of hins: 10
Model search width: 5 Rule zearch width: &
Bin merging factor: 2.00
Allovy missing values in conditions:  True Dizcard intermediste results: True

Ediit...

~Data

Build Selection: | All Data - @

Available fields: @ 4l fields  © Custom

B 127. “QIR/HIBIZIRIES" SHEE
12. FHESHHLRTTFESOMEHER, R ERERIRERAR BRI (MAZRE) TR,
13. Ff/NBOR/IMEZE 1,000, BRdfAIREIE] “RHIIR" HEHES.
14. 1 “ZHIR" EEST, WRERESRER EEDRIES HAME BT A G ERE

Segment Finder

Find segments with: Loy Probabilty =
Max. no. of newy segments: 3 |E|* » Find Segments ||

128. EHERESPEKRR

ZAEFFIR A AR AU, SRR TR R XEHER) T IR, JEEBR
JTiES JERTHIZE FARTR
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& Model Albums

Remainder

Mame |Target Mo. of Segments Cover Freq. Prok. |
fternative 1 1 3 9183 232 2.53%
Afternative 2 1 3 9,183 232 253%
Atternative 3 1 3 g,749 144 1.65%
Aternative Previgw
id Segment Rules Score |Cover [n |Frequency Prokshility:
All zegments including Remainder 13,504 1,952 14.45%
: =l months_customer ; 1747 g oy
morths_customer = "0"
2 = I, mEare 1 6,003 0 0.00%
rfm_score == 0.000
=l income, rfm_score
income = 40297000 and
3 income == 55267 .000 and 1 1,433 232 16.19%
rfm_zcore = 0.000 and
rfm_score <= 10.535
4321 1,720 3981%

| [
| Aternatives || Snapshats J

129. B MERERLER

Xk, BRI AT U LA (PRI B 3R T AN A R A B, o — MUY, R HERRIX AR
M 7 238 B g AT AR H R BRI DE AL R 42 =81 39.81%. MBI T AT NI SRR A ME, (B S 00

(SRR )

REOZXMRTTIRA S ER : R ERAIRABGEBATILR, KA “miR” fRa] Do

AR,

15. BAdT B LA (B — A MRREARE) Oy TAFRATF Bl DG “BAERER™ XHEHE,
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B Interactive List: response[1] #2 E]@ =

lFie et & wew Tools {) Generste [0} @ ] l@@ .

| e | | il
i “Wieaer ]: aing “ Annatations |

L Take Snapshot Segment Fincer

Find segments with: |an Frobability = |
Targetfield: O® responze
Mz, no. of new segmems:| 3 }e‘ [ B Find SEgmarrtsJ ]
Target value: 1
id ‘ Seqment Rules Score |Cover n) |Frequancy ‘ Probshility ‘
Al segments including Remainder 13,504 1852 14 45%
=] nth: st .
1 T omer Excluded 1747 0 0.00%
mioniths_customer = 0" L
; | Brfm_score Exciuded 5,003 0 0.00%
tfm_score == 0.000
= income, rfm_score
income = 40297 000 and
3 income == 55267 000 and il 1,433 232 16.19%
ritn_score = 0.000 and
rim_score == 10535
Remainder 4321 1,720 39.81%

Model Summary; Cover 1,433 Frequency 232 Probability 16.19%

& 130. HEBRER
16. D AARPAERTN N, REIEE HEPRBE . XL RO 8,000 25id %, (HZHIFIICHEIZE N
%, FEFHEEENIMNARIIRNPHERR,  (HEBRPIERITE K A2, H AR RIX LR, )

17. AR = DB MBREL . LERAYILACR 16.19% SEIEILELR 14.45% KIZERIAZRAK,
A PUERH R A H AR B

T MERB S HEERBOR RN RIRT R, HERRBUUZ ESOL P2 753K, MIBRE 2 R BB Fa A el
BRo

HEBRERARMAR R B, i n] DAEFRIR BE RS N R L
18. B RPIVERAT DR HE S, (R — U255 O %A T,
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2 Interactive List: response[1] #2

ldFie | wEdt & view Tools

f) Generste

Ex
[

Target field: O® response

Target value: 1

rSegment Finder

L Probakilty
i P
Maix. no. of new segments: 3

Find segments with:

=BUINGS... |
| Fitsegnents | =

idd Segment Rules Score |Cover (n) ‘ Fregquency |Probabilrty
2l zegments including Remaincsr 13,504 1,952 14.45% | '
1 | ©months_customer Excluded 1747 0 000%| | 4
months_customer = "0"
+
5 |@ifm_scors Excluded 6003 i 000%
rfm_score == 0.000 3
Femamdar 4,754 1,952 33.92% a

Maocel Summary; Cover 0: Freguency 0 Probability 0%

131. %RER

19. R FMERIREA, A E DEFITIT “QIE/mEZIETS" SIEHE,
20. FETERREEANBER Y, R E 2 (TS5 response[1],
21. YmAE T BB E DU BT B N E 5 HR B/ NBOR/ N N 500,

22. iR A |

[Ty

ﬁc

BHIR” HEEHR.
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Create/Edit Mining Task: Down Search
[New...]

@Target Figld: 0@ responze Target Walue: 1

Load Settings: |resp0nse[1 ] I

rTarget

—Eimple Settings

Find segments wvith:

High Probakility =

Maximuth number of newy segments: 5 =]

Minimum segment size

A= percentage of previous segment (9% E
Az absolute value (M E
Maximum number of atternatives: E
Maximum attributes per segment:

E Allowe attribute re-use within segment

Confidence interval for newy conditions (%)

!
o
o
[4[H]

rExpert Setting
Binning method: Eqjual Count Mumber of hins: 10
Model search width: 5 Rule zearch width: &
Bin merging factor: 2.00
Allovy missing values in conditions:  True Dizcard intermediste results: True
Ecit...
~Data

Available fields: @ 4l fields  © Custam

Build Selectior; | All Data - @

132 EFREIRIES
23. B ERE

IR TR o3 — AU, JEIERE — U2 (55 OSSR 5t4h o) — W2 (55, XL AR RN [
B I R AR BRI N R B, BRI N R B HRPR, IXEIRE HiForhas, MuUSHBITR N
1, BAGUIFERML 7 ERHRRGSIR, HAs —PMEREREA 45.63% HIILACR, EHEK (3,456 5%
IRAA 1,577 ZRILACIESR) @& T Jeai e — M REAL,
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-,

™ Model Albums ]
Mame |Target Mo. of Segments Cover Freg. Prok. |
ernative 1 1 7 3,456 Al 45 63%
Afternative 2 1 7 3456 1577 45 B3%
Atternative 3 1 7 3456 1577 45 63%

Alternative Preview

id Segment Rules Score |Cover [ |Frequency Probahility
Al zegments including Remsinder 13,504 1,952 14 45% (=

) =/ months_customer Exciuded 1,747 i} 0.00%

morths_customer = "0"

2 = i core Excluded §,003 i 0.00%

rfin_score == 0.000
=/ rfm_score, income

3 rin_score = 12 333 and il L) 436 G216%
incame = 52213.000

4 =l income 1 643 551 85 69%

income = 55267 .000
=l number_transactions, rfm_score
5 numiber_transactions = 2000 snd 1 533 206 38 65%
rfm_score = 12.333

Aternatives

Snapshots.

(o (et e

133 AARBIERRE
24, FiE B AU PSR 5 B R DARE L o AR,

{#M Excel HEHENNE=
1. A EE G T A A S PR R

)8y

, AIDME “TH” i gURE
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A |nteractive List: response[1] #4
WiFle  sEdt & view Tools ¢ Generste | (1) @ BB ll
Yi2uer ||[.Gains_JiL-%nnDtaﬁnns-| | ik

Settings...

L Take Snapshat | Organize Model Measures... % Segmert Findzr
Find segments with: i il
[ Organize Data Selections... 4 High Probabilty

: £
) Change Target Value... ez 00 ooy segments_| 3 H LP Find Segments ] | |

B Take Snapshot

Targetfield: O® response

Target value: 1

icd ‘Segmem Rules |Scnra |Cnver (n) |Frequency |Probab|lrty
Al segments including Remainder 13,504 1,952 14 45%

3

8% [«[» |l

4 [= months_customer Evcluded 1,747 i} 0.00%
months_customer = "0"

1=l rfi
2 e peore Excluded £.003 0 0.00%
rfm_score == 0.000
= rfm_score, income
3 rfm_score = 12.333 and 1 g55 456 82.16%
income = 52213.000
j |4income 1 g4z 551 85.69%
income = 55267.000
= number_transactions, rfm_score
B number_transactions = 2.000 and 1 533 206 35 65%
rim_score = 12 333

Model Summary; Cover 3 456: Frequency 1 577 Probabilty 45.63%

134, HLHWEEN=

(EH “HABRE" WEHE, A DOERREER HAIRER ST RINER (831) . ErIbHEER
MRIEFT A LSRR FEKITENE, I EAAEMRIE MEA] DOk BoR ot E AR 8.

- =1
Organize Model Measures

lef| Hint: Uze this diaslog to define the Model Measures which are displayed in the Vieweer table.

Mame Type Display Diata Selection |Sh0w |
Cover Coverage Pie Chart All Data |:| —
Caover (N Coverage Mumeric Al Data |] s 2
Frequency Frequency Mumeric All Data m 3
Prokshility Probahility Mumeric Al Data E

Errar Etrar Mumeric All Data |:| ){

-Custom Measures

Calculate custom measures in Excel (TMY @ ves © no

Connect to Excel (TR)... | Workbook: | |

Mame | Description Showe |

& 135, “HLAEESNE” SHIEE

IHAh, GHERE %% Microsoft Excel, ARZMEA] DABEREZE! Excel B, IZARMCE 1508 il B KX £
& RME L B ER,

2. 18 “HEWERIE" WIGHES, KiHH Excel Y EIE IR R E U2,
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3. ¥ %R Excel (TM)

4. %% template_profit.xlt TAE#E (i T IBM SPSS Modeler 2250 B Demos X FRARY streams
), ARG R T £,

|2£] Microsoft Excel - template_profit1 E]@
El_] Eile Edit Yiew Insert Format  Tools Data  Window Help  Adobe POF e e
i ] § i - 10 | B rU|=S==/:HMc% . f|FE|- O A
el 3N |
F4 - e =IF{H4=""0 L4}-Settings!Flx_1
Al B C | D | E F | G |a
E
1 ‘
2
Metric: Imported Metric:  Calculated Metric: Calculated Metric:
3 | Use |Frequency Cover Profit Margin Cumulative Profit Target
411 -2.500.00
- L
M« » v\ Model Measures  Settings { Corfiguration /<] w | (2]
Ready UM

B 136. “Excel HEIME” TIEXR

Excel BARELE LT = TAEKR:

BRI BRI S AR R, R R T E S AR E I
CWHE: EEEMATIFE SRS

BEE: B NEMETI RS DU G BRI

HH ST AEREUT R

71T NE R = IS EDIE RPN

- BRRRE, Sk BIEShEFE

i AN ATE X

EF = R x SMENENRN - SREE + AIEMA
KNME = 2FF - EEME

BIER, RN NIEE" HMEERSA,
JRAFIRASE A FATE “RE” TIERPEE,
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|&] Microsoft Excel - template_profit1 B@ﬁ

@_J File Edit Wiew Imsett Format  Tools Data  window  Help  Adobe POF e e
P e -0 - B[Zly === 8% o [E =5 A [
el ol
12 - f

A [ B JbD] E [ F T 6 [H] ™
n 88
| 5 |
| 6 |
| 7|
| 8 |
| 9 |
| 10 |
| 11|
12 | Costs and revenue 7 X
| 13 |- Fixed costs 2,500.00 7
| 14 |- Yariable cost 0.50
| 15 |- Rewenue per respondent 100.00
16 |
17
18|
|19
20| 4

|n

W 4 » Wy Modsl Measures ) Settings { Configuration / [< ] m -
Ready HUM

&’ 137. “Exceli&®” T1E&R

V15 R AS SZ TG A& AR, A TR A AR o
AR EASERAR M R IR AR P AIRA, WS EFIER A AR,
BEA IR IO 2 M A1 B B 2 AP
5. BSERIR MBI HERE, AT Windows fE551 (8% Alt+Tab) IR[EIF] “ZHIIKR" EHEE,

Choose inputs for Custom Measures

Hint: Use this dialog to chooze which model measures wil be uszed by Excel (TM) as
inputs to calculate custom measures.

Inpout | Moclel Measure |
Freguency Freguency
Cover [cover (m) |

138. EFERINERTHA

BERPRF R “WERCEHIERIRA” SIEHE, R EH AR R R A5 ARSI E IR E S

i&o FEMEIFIF T AT, AIEFIRE “TCE” TR AYE SOR IX L & U £ f T3R8 2
6. EBVRIINE R FIrh, JEEAHN T2 B ARIBRAN R JGH (n) I 5 e,

TEARBIH,  “GRRM RIEH (n)” SR EISEA G5 M AEILES, EHR] DUE ] HAftl 42 5,
7.4 “HEWERIE" WIEHE B D DO L YR EE .
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.Organize Model Measures

Hint: Use this dialog to define the Madel Measures which are displayed in the Viewer table.

Mame Type Display Diata Selection |Sh0w |
Cover Coverage Pie Chart All Data
Caover (N Coverage Mumeric Al Data E
Freguency Frequency Mumeric All Data m
Prokahility Probahility Mumeric Al Data E
Error Error Mumeric All Data |:|

-Custom Measures

Calculate custom measures in Excel (TM): @ vesz © o

Cornectio Excel (Th..| Workbook:  [iles\SPSSInciPASWMadsler] #iDemas\Classification_Moduletemplate_profit <t |

Mame |Description |Show |
Profit margin Excel calculated proft margin E
Cumulstive profit Excel calculated cumulative profit E

Bl 139. B7% Excel NERIMERN “ARKENE" SHFE
BUE, ORI AR EIE T rh, R AR R S BT IN AT BT 3R

.3 Interactive List: response[1] 24 g
| Fie i Edit o View Tools ¥ Generste @ @ LB El m

| Viewer |[Gains_” annatations |
[

‘* e Segmert Finder-

Find segments with: High Prokahilty =
Max. no. of neww segments:

Targetfield: O response

Target value: 1

il Segmert Rules Score ‘Cuver () Freguency ‘Prnbabi\ﬂy |me'rt margin ‘Cumulaﬁva |
Al zegments including Remainder 13,504 1952 14 45% o o} -

=l months_customer

1 Excluded 1,747 o 0.00% -8735 -2,500
months_custamer = "0"

= rfm_score

2 Excludad 6,003 o 0.00% -3001.5 -2,500
rim_score == 0.000

= rfm_score, income

3 rim_score = 12333 and 1 555 456 82.16% 453225 428225
income = 52213.000

R X+ |BlT*

= income

4 1 643 551 8569% 547785 97 B01
income = 55267.000

= number_transactions, rfm_score
3 number_transactions = 2.000 and 1 533 206 38 B5% 203335 1178345
rim_score = 12.333

=

Model Summary; Cover 3,456: Frequency 1,577 Probakilty 45.63%

B 140. “REHIR" BEBPETH Excel EHINE
i giE Excel Bitf, T AR RECR AT E il &,
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{&24 Excel #5ik

RUE IBM SPSS Modeler £t 7RI A5 2 B AR E R a5 — A FHRYELE Excel B, (B RER BEHSIZE
BN QR E, BN, XMERHAM S, B RIRRARTREF AL B R 2B,

H: WURESCE B SONA RO B SRR, ETCEN [ Excel 2003 .xit JEZRIR1FE LIS
S FH TR FIR N T B S A iR, HHE SR B R Y REE R

1 EERBYIRERMRT, EFE “TE” Zarhioglgusiim &,

2. 1F “HYUERIE” MIGHES, SAiEEE] Excel”™,

3. J&FE template_profit.xit TAEFEIF s FTH DUS SN TR,

4.3 WE” TER.

5. % BIE A 4t 3,250.00, FHK AP FE WA 4w 150.00,

@ Microsoft Excel - template_profit1.x|t E]@
@_] File Edit View Insert Format Tools Data  Window  Help  Adobe PDF B
E.ﬁﬁ""-iﬁrial (10 2B 7 U= ==F4|8 e 5 =i D A ﬂ
el N |
GAIN_1 - A 150

A o | F | 6 [HT T o
25
Litan|
| B |
B
| 8 |
i
10|
|11 |
12 | Costs and revenue 7 A
| 13 |- Fixed costs 3,250.00 7
14 |- Variable cost 0.50
| 15 |- Revenue per respondent I 150.00!
16 |
|17 |
18 |
| 19 |
20, .

|n

M« vl Modsl Measures ) Settings { Configuration /| <] m [
Ready HUM

Bl 141. “ExceligB®” TIFERHPBIBEE
6. f FHME— HAHSRATSC A R 17 DB, TR SCIFRTY @440 Excel 2003 .xit .
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Save As @ﬁ
Save in: |@ Classification_Module M @-0 @ X G B

- @templategmﬁtl.xlt

! @templategmﬁt.xlt
My Recent
Documents

Desktop

= Tools =

My Documents

My Compuker

-

= File name:  [kemplate_prafit_3250}xI v [ s |
Tl Tekwark —

Places Save as bype: |Template {*,xlE) L\ﬂ Cancel ),

A

142. (RIFEMECARY Excel 1E1R
7. {#H Windows {15542 (5(# 1% Alt+Tab) IR[EIE] “ZHFIKR” EER.

1 “IEFEEE SRR XEED, 52 SR & & s i
8. 1 “HAERIMIE" MIGHERD, FE IE R HYIRERS.
TR, AERNER T —MEL Excel BRIIRIERTTN, Fabn] DUE—PEX, BN, MZHHIREGSRE
BdE s rp 8 8dE; el DATE Excel AR L (AIETE)
M Interactive List: response[1] #4 =%
wpe e f Ve Toos ) Genert ﬁ" @ & @@ [ _ _'

rSeament Finder -

| Find segments with: High Prabability = Setting: __
Targetfield: O® response | = T
:Max no. of nevw segments: = | = Find Segmernts [ | |

Target value: 1 =

icd Segmert Rules Score |Cnvar (n) Frequency |Pmbab\|ily |mert margir |Cumu|aﬁve |
Al zegments including Remainder 13,504 1,952 14.45% i} o=

5 |Usmentha.customer Exciuded 1,747 ] 0.00% 8735 3,250

months_custamer = "0"

2 | ©rim score Exciuded 6,003 ] 0.00% 30015 3,250
rim_score == 0.000

K xX|els|n|rF

= rfm_score, income
3 ritn_gcore = 12.333 and 1 555 456 §2.16% 68,1225 B48725

income = 52213.000

o = income 1 643 551 &5 69% 82,3285 147 201
income = 55267 .000

= number_transactions, rfm_score
3 number_transactions = 2.000 and 1 233 206 36.65% 30,633.5 1778345

rim_score = 12.333

Model Summary; Cover 3,456: Frequency 1,577 Probakilty 45.63%

143. XREF|REBRPRTRHIEEHRB Excel ERNEE

REE

N7 PRAF BB DA R eSS AR TE A GE A, AERT DARIEIZA R PRI, R PRARCREAE “PRIR” ETi B4
tho AT DATEAZ BN IR RN 3R [0 E A AR A PRI
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TR TT A ARGER, AT DAZAR 6 A LA 2 S5 R IR AR B, I n] DAgwEEEIA B, #R4E B SR S5 AN
ANBEEX B, AIEEmE AR e HRURR AL DUR DA A AR 5 U R, s, m] DARIETR DL
FEHRE B, DMEESNBIPE T3

AR EE TR BN, AR PTDAMER] AR Se A s, A BT DA NI A SdE AT 808 DU T-0F
Tro

A, ERFZE GRS AEMA R, rTOE SO SERrii S B IR UR
FIREBT (O AT E, WSIZEIEss, MR, BdmikEm B e KNER, MRsfThN, HE
HRERAERARB R IEBT mhiderh TR BRI TGRS, sl IR E B S AT,
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+F 12 55 M) 038 (20 Logistic [H]Y)

Logistic [AlJF/Z2—RhGtit 771k, BRHERAFBRAIVEXICRIET I, RKAERSEMERAREL, HA2

RERT B TRIETEG

fgn, RIS EAER A RARIE AR 55 S R DU O R BT T, REIXEEE S N T A, iR
AN OGEH-LudiE nl T AL A B oA, IR A MR DO INEHE R P E R A

WRBIERI 444 telco_custeat.str (i, IS4 telco.sav RIS, XL AFRAIE(E(T IBM SPSS

Modeler Z#E] Demos HxH k&, I H &A@ WindowsIBM SPSS Modeler f 4 Tifi1A], 4
telco_custcat.str fiT streams HE R,

AR B B PHRE A O SEHHEdE il S X, BFRFE custcat B YN AT REREXS B F P9 NE
H, WHAR:

{E P&

1 HARS
2 T IRSS
3 WEARSS
4 LERS

HFHREAZ NG, KSR 2 TR, iR A AR NEAAER2ER (B, 2/86. /R
HIMKIARME) ﬁK/A—JD{E&?'ﬂ@'J@:Dﬁﬁ?'AO AxRELZER, HESME 115 ) IE 13 = BEF R
%K (2o Logistic |H) g FE,

BEn
1. ?" Demos K{ﬁFJEEP?QJJDTEFLJ telco sav H “Statistics X7 TR Rio
4 @—b =

teleo.sav Type Dernographic ',' custeat

R

[Ff Table

custoat -

B
13 Fields

144. BF@I % Logistic [B])AXE #1750 LAF AR
a. ?%?JJH*’*”% ROFRTRIUE, TRATE N RISNRBIEM. G, BAE 0 1 FIZEF B NbR

IILO



h e Clear Walues Clear Al Values
~ Field Measurement Yalles Mizzing Check ' Rale
{} gencder &) Mominal o1 Maone N Input e
{} reside y Continuous [1,8] More “w Input
{}tollfree 8 Flag 1m0 Mane b InpLt
{}equip 8 Flag 140 Mone N Input
¥ callcard 5 Flag 11m M
Default
{} wirgless 8 Flag s BE - Semigis
@ longmon ¢ Continuo Select Al Continuous
%tollrr_mn %Eonﬁnuo SalecERGne Categorical z
@ view currert fisds O vi Tepet s P | Flag %
|.|i‘| Copry Ctri+C Morminal
% Paste Special... Cri+y Ordinal @

145. REZ N FRENELRS!

o EKBEAROUE (BN 0/1) B NFERRIENE, 18R dHES IR DU IRERN 7 BOd THE T,
SRIGTEAZAE Shift SR [F) 8 A FRUPR Bl SkpGE AT A S B ) 5B PR T AR B B e i AR PR 2 DA
Eﬂﬁuﬁ%:ﬁﬁxﬂ’ﬂm B S A

B, MERIEE TS AU EA M MENE SN TR, MARRE, BT HEIEERE 94 o
b. ¥& PR FERNMAERENHIR, KrE EMERN A I ED Input,
T:rpe. .

\ g

rwes | Fomat| sovctains
k = = H B Read values Clear Walues Clear Al Valuegs
Field Meazurement Walues Mizzing Check Raole
e AT ERIN i ray (=] e o I[.'JUI. Y
{{F}Ioglong f(:ontinuous [-0.10536... Maone h" Input
& logtol & Continuous [1.74914... Mone N Input
'@}Iogequi f&nﬁnuous [2.73436... Mone b Input
@Iogcard y(:ontinuous [1.01160... Mone N Input
@Iogwire f&nﬁnuous [2.70136... Mone A" Input
& Ininc & Continuous [219722... Mone N Input
{:} cLstost &’3 Maminal 1234 Mone @ Target
{:} churn ‘5 Mominal 01 Mone “ Input b

@ view current fields  © View unused field settings

J concal

146. 1K EFERAE
RN ARG F PR N Gt FrAE ST s DUEEE S 7B, (HIX . 4EK . SR . Hh

Hk WAL BERE. L. B, MR EE R Fm A o Hthw B DHERREE I ATz
4he
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kd Demographic

%]
@ll=ln)

Fields: 42 in, 31 filtered, 0 renamed, 11 out

I Field il Filter | Field
region YT region
terure M tenure
age — e
marital e marital
address — address
income e income
ed — ed
employ — employ
retire — retire
gencder — gender

[

[4]

@ view current fields  © View unused field settings

Lo coeal

147 TEAOFRITFER

(535h, ERTDAE R BRI A EUONTE, MIAEHERRX S5, s T P AR5

B )

2. f£ Logistic Tisi b, Fdi MU GEITRIFIERE B 1k, R B, ROV A R RAIATIRER

[ custeat

@ |

Madel name: @ Auto © Custom

m Use partitioned data

|8 Build madel for each spiit

@) Binomial

Procedure: (@ Muttinomisl

rhdultinomial Procedure

hethioc:

Base category for target: 1
Model type: @) Main Effects  (© Full Factarial © Custom

Mol Terms:

E Include constant in equation

148, R EIN

R EFRBYRECEE IR N 1o BERDRON Hopft s = 5 P T HE AR SS 1% P A T HLAR
3.1E “ERT IER L, WhERMEK, ddmt, REE Skl MRk R,

5512 & MEWER 2K (20 Logistic A1)
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Ed Logistic Regression: Advanced Qutput

D Summary statistics D Parameter estimates
|___| Likelihood ratio tests Confidence interwal
D Azymptotic correlation |:| Leymptotic covariance
D Goodness of fit chi-square statistics E Classification table

-

D lteration history for every 158
|__| Stepwize variable loadings D Monctonicity measures

D Information criteria

(6] [ cancel | | _tew |

o

1P

149, PR HIEIN

N ERE

1 AT RIDAVERSCRESINENG B BT AR, EEFHRAMER, AL KRR

A R IR DY

AR EDR A EOR T TRIC R ECE B AR BB IR A2 AP ATRERIZE

H

y I~

=

=

SN

v

AN H BRI RGBS, R T EAP R TRIER, HAI 3 FRHENRS,

RIS
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Ecusteat x|
y s File & Generste & Wiew - @m

(E AL
- Equstion For 3 £
{00257 * address + 2
0.5555 * [ed=1] + Predictor Importance

0.7185* [ed=2] +

| 0ET29*[ed=3]+

e [4B4T * [ed=4] +
0.05133 * employ +
0.05447 * reside +
+-1.551

Target: custcat

- Equstion Far 2
! 0.03655* address + employ-]
247 # [ed=1]+
-1 508 * [ed=2] +
{09709 * [ed=3] +
L _0ETE4 * [ed=4] +
0.02633 * emplay + address
01477 * reside +
+ 004901

- Equistion For 1
| Base category
-+ 0,00000000000000000000

reside— | ; 1 ;

Bl Equation Far 4 0o 02 0.4 0.6 0.8 1.0

0.02184 * address +
r

3762 * [ed=1] +
1959 * [ed=2] +

{14537 [ed=3]+ Least Important Most Important
b 05843 % [ed=4] +
0.0424 * employ +
0.2575 * reside +

& 150. F| SEiREILL

R R R TR AR T BRI TR (MR TE) DUAHMAR, EEE, XERE
DHHRSEIRERN T B, AR DA B A2 53R,

5512 & HER P22 (2 Logistic [A1J7) 111



Ed custeat

g :"!j'i | mﬁile f)generate Jiiew

o Analysis
E-Fields
@"Target
a) custcat
E"Inputs
'f address
H:I ed

f ethploy

f reside

= Build Settings

E----Use paritioned data: falze

Calculate wariable impartance: true

' Calculate ravw propensity scores: false
Procedure: Multinamisl

E----Base category:

(o) ()

151. B RERFRNBAFTRVRIEE

R TR B R TEGR TAEE AR SN R N TR FP O R T,

MR TR —I0 “PDRAEE” | IR TR T EE BAR T BRI N KA R A 2 b, XK —
gt LR (SR A RS

FEA A PN AL B BRI IR LT, BERINER AR P E o Be2 & HvH (AT ERS R
#4) .

£ custeat
\i’ |}n‘; File 1) cererate & view

(X]
e &) ()20

M L5 ¢ || Advanced ||

rs
_Case Processing Summary
H . Marginal Percentage .
Basic service | 266 | 265% |
E-service 7| 211.7% |
custeat | - ~
Plus service 281 | 28.1% |
Total service 236 | 23E% |
| | | =

152. MRAIBIHE

A0 SR T RS P 2 P ISk, NS BIRIERIR K2 281/1000 = 28.1%.,  “Eidt” Wi Rif
FURE M, XL T DU T, SRJG, ATEOXEEHIN S 2 s S, DAZEE
BRI AT 2R

£ B IR, DRRER T HBRINEER, HIEHRN 39.9%.
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Rralle, WEAERAeERSE S GOl 4) WNRIMLR, MERBIHEFRSZTH G4 2) RMRIMR
%, NMTHH 2 R, WREREREERME, 2T REFRZRE S — M BRI R,

[ custeat (%]
, I l:’} File @Qenerate &Eiew

el Summary Aovnce | Sfinge Anotaions.

.
[a]
Classification
Predicted
Basic E-service Plus Total Percent
Observed Service service SEervice Correct
Basic service 122 g 75 E1 459%
E-service 28 10 65 a1 46%
Plus service faiz] g 133 a1 47.3%
Total service 47 12 43 134 |
Overall 3 E% 3 8% 3 9% 327%
Percentage

& 153. 9ER

RIEE BRI Z, BT DAFE o i B T K, Bilan, aniREASOLIRBIZEA] 2 HEE T, HRAIZHE
RITHERATE R DA R T oK, XA AT REE, B FIRS(UE — RIS R m & BRI E R = 5o
flan, wRESE M ER S DIRCR B TR 3 5285 4 s, MZAERREAE R LA TR S B,

AN BARA SERR LA B, FTDATEM xRN A “mgdmty” MSHER Rt — L2 s R, A
2% IBM SPSS Modeler H it A5 77 IE RV B R BRRYEBH, 1625 IBM SPSS Modeler Algorithms Guide, 1%
FEENL T AN \Documentation B3,

SEER, XEAROETINGEDE. PRGN T SLhR N PR H AR AR, rTRMER “nIX”
TR 0 0 % DAR TN SR e

5512 & iEWER 22K (20 Logistic [A1)7) 143
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9 13 =GR (Z0 Logistic [B]1)

Logistic [AIH@—Fhgtit /774, ErliREM AT ERIVEXNIERHI T2, XMERSLMEDIEEL, HHY
R ERFBRE THETEL,

HRBIEF 40 telco_churn.str B3R, MRS 4N telco.sav FIEHE S, IXEEZ 4RI #E{E{7] IBM SPSS
Modeler Z#E] Demos HxH#k&, I H &A@ WindowsIBM SPSS Modeler fF 4 TR, 4
telco_churn.str i F streams HE T,

BN, B EBERSR AR O AR S FASEZ 8, SR AT DO ARSS (B 15 O e A 7
A RESE R R HARM AR, Ao nlEd EHIRINT SRR TRELZ A R

AR 3 B AR R F A B Rk & s (BERAR) . BT EMEER NSRRI,
R AL, R EFREE 2 DNRG, IBAKMCN L2 IR, §XEZER, B2MH% 107 Wi
IEg 12 ¥ BEWE 59 (2T Logistic M) g &,

HMER

1. 7£ Demos Xk AEINEIA] telco.sav Y “Statistics " BT A,

@ - - —wWw— v 8

+

teleo.saw Type important features Missing Walue Imputa.. ) chyrn Analysis
I ei
+
+
~ " —

7 [ | ot
N T o e
) o V) [
crwrn 28 Fields churn Table
1
EL-E“‘E{
churn

154. AT @I "I Logistic [B])AXE F #1750 KAV AR

2. BN CRAY AR DUE B, MIMTFAGRATA R E ERIRE, Hlan, RZBBUEDY 0 fl 1 5B
AT AR bR S 7B, (BT Ry, iR, (MBS MERIA ST B AR,



Lo

3*}_ L h Read Yalues | Clear Walues I Clear Al Yalues

~ Field ' Measurement Values Miszing Check ' Rale:

{} gender &‘) aminal o1 Mone N Irporst [
{} reside f Continuous [1,8] Mone N Inpt
{}tollfree 8 Flag 1m0 Mone N Input

{} equip g Flag 110 Mone S Irnpoust

<% callcard % Flag 110 M

Default
{} wireless 8 Flag — il
& longmon |47 Continuo Select Al Continuous
{ﬁ%tollrﬂon % Eorrﬂnuo Select Mone Categoricsl z
@ view current figlts  ©) vi Select Fields ’ Flag [%
L|'I'_'] Copy Ctrl+C MHominal

% Pazte Special... Clri+y Oraiireal @

155. REZ N FRENELRS!

fon: HEUZDEAMEUE (B0 0/1) MIFERIEYE, KB ES NS DAEIE X 7 BOE T HER,
SRIGFETEAT: Shift SRR 6F A bR el Sk B B A R 7B 285 P DA B B e i Y PR 2 A
B PR BRI B 2 sl At

3. KR B B I IR B bR, FRE A iR BV H bR, RATA B B A (L E N Input,

K Type
(3= (ml!

Tyees | Formal| evestaions
h-f “E B Read values Clear Walues Clear A1l Yalues
Field Mezzurement ‘Values Mizzing Check Rale
e A" SR m riEy g MU E I[:JUI. e
{ﬂ*} loglong fﬁ:orﬂinuous [-0.10536... Mone A Irnpost
3 logtoll &7 Continuous [ .74914... Mane N Input
@ logecui f(:orrtinuous [2.73436... Maone b Inpt
{;I}} logcard &CUrﬂinuous [1.01160... Mone S Irnporst
@ logire: f(:ominuous [2.70136... Maone b Inpt
$# Ininc & Continuous [219722... Mane N Input
{} custost &) Mamirsl 1,234 Mone \ Inpt i
{} churn 8 Flag 1m Maone @ Target |

@ view current fields  © Yiew unused fisld seftings

156. REMERRERFRONELIMNBE
A, AN SR “RHEE R A A

TS R R T A, N T ANRE NN AL &/ H AR Z [ SR R AT FE B R i 28 B s i, Al
DURF HAHER.

5. 18T,
6. FTITFLE AL I MR R, e DB AR 8 Y f
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churn
i . L; Fie £ Generate
E 4 ﬂ Generate Modeling Mode
Moclel to Palette
Fitter... [\}
o Lkl
Rank Field leasurement Importance “alue

E] 1 @ tenure & Continuous Ii‘ Important 1.0
|?| 2 Q} loglong f Cortinuous |i| Impattart 1.0
m 3 Q} e &) Mominal Ii‘ Important 1.0
E'l 4 @ loncten f Cortinuous E| Impartart 1.0
m 5 Q} employ & Continuous Ii‘ Important 1.0
|?| G @ longmon f Continuous |i| Importart 1.0
i 7@ internet gy Mominal [%|importart 1.0
|?| g @ ECiuipmon f Cortinuous Ii‘ Importart 1.0
m 2] Q} e ﬁ Continuous IE Impottart 1.0
¥ 1083 ehil @5 Mominal (%] importart 1.0
|?| 11 Q} acddress f Cortinuous |i| Impattart 1.0
E] 12 Q} callcard 65 Mominal Ii‘ Important 1.0
|?| 13 Q} cardten f Cortinuous |i| Impartart 1.0
W 14 85 ed ol ordinal [%]mportart 1.0
E'l 15 @tolnen f Cortinuous E| Impartart 1.0
W 16 85 custoat gty Maminal [%]mportart 1.0
|?| 17 @ woice &) Momiral |i| Importart 1.0
m 18 Q} cardmaon ﬁ Continuous IE Important 1.0
il 19 &% logtall &7 Continuous [#mportant 1.0
|§1 20 Q} wireless &) Mamirial IE Impartart 1.0 - |

Selected fields: 27 Tatal fields available: +1

| B=085 [+ =005 [=]<0s

3 Screened Fields
Field Measurement Reazon

D Q} retire 65 Mominal Single category too large
D @ locpwvire f Continuous Too many missing values
D Q} logecui ﬁ Continuous Coefficient of variation helow threshold

B 157. N “RBIBEE” TREM TR TR

A2 telco.sav XA EIFTA BAREN Al P A o AT DARE IS 8 &8 0O BIA IR B 2 R KRR

PRI 2L £

716 “AERGIIET AIEHE, JEFFA CRIC B BE, K5 RSE.
8. RpA: B 819 R B NI

Generate Filter from Featu...
tade: @ Include Exclude
Selected fields

@ li‘ Impoartant
D arginal
D E Unimportant
Top numker of fields 10 :
Importance grester than: 0667 :
[ Ok ] [Cancel_] [ Hela ]

158. EFREEFE;

9. R EdEH T R INEI A AT “IE98” 1R

813 &= HEEF MK (20 Logistic [IH) 117



FIOMBERAZ T A, R R datT.

10. 78 “BUEHEZ" WSS PR IRk, 80 % eS| DUBIEUE T IR A IR THE Y . XA
LAl LAY %Uﬁﬁﬁaﬁkiﬁ%%#&%ﬁﬁ%ﬁx, TEARBIE, B ERTEE logtoll, IL5ER{A LA
/T 50%s,

11. 1 logtoll By VTR T-HR Zrh, Badi F55E o

Data Audit of [28 fields] =2
Beldl= =

|G File | Edt ) Generste

Budt || Qualty | annatations

Complete fields (%) [96.43% Complete records (9% [47.2%

Field Measurement Outliers Extremes Action Impu‘te h-hssmg Methiod % Complete “alie
{} laetall f Cortinuaus 2 0 Mane [Mever = |Fixed 475
{}tenure f Continuous 0 QO Mone Mesver Fixed 100
{} age f Continuous u] 0 raone Blank Yalues Fised 100
{w}} address f Continuous 12 0Mane Mull Yalues Fixed 100
{} incame f Cortinuaus 9 G Mane Bilank & Mull walugFi=ed 100
red ol Ordinal = | iy Fixed 100
{} employ f Continuous g 0 rone Specity Fimed 100
4% equip % Flag - N Fixed 100
{} callcard 8 Flag - - Merver Fixed 100
{ﬂ} wireless 8 Flag - - - Merver Fized 100
{i}} longmon f Continuous 18 4 Mone Mever Fixed 100
{ﬂ}tollmon f Continuous 9 1 Mane Mever Fized 100
@} equipmon f Continuous 2 0 Mone Meswver Fixed 100
{g} cardmon f Cortinuaus 11 3 Mane Mever Fixed 100
{i}} wireman f Continuous g 1 Mone Merver Fixed 100
{ﬂ}} lancten f Cortinuaus 20 4 Mane Mever Fixed 100
{ﬁ*}tolﬂen f Continuous 18 2Mane Merver Fixed 100
{} carcten f Cortinuaus 11 G Mane Mever Fixed 100
{3 vaice = Flao - -l Merver Fixed 100

159. logtoll BYIEHMRK(E
12. 7T HHZEM, 58 SEEMBE . N THEER, EEESHE, A5 SRGE.

HeRg PIE AT CRIARHEA 2 SOS SRR s A (E R P ME

Imputation Settings
Field: lagtall Storage: {ﬁ:*} Real
Impute when: §B|ank & Mull Values = |

e
Impute Method: iFixed o |

rimpute Fixed Yalues-

Fixed as: iMean il

Mean
Mid-Range %
| Constart

o) (cancel) (eom)

& 160. EFHEMEE

13. 78 “BUEHEZ" WA PR EIR L, AREBRERT R eI RCE, MR AR DR
I

PR > BRIAFRE T A
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Data Audit of [28 fields] #4
W Fle S Edt () Generate =
M Guality %
Eoibleteticld it )s Mizzing Yalues Fiter Mode 2%
Fieldl Mesipivallesssleativon Exdremes Action Impute Missing Method | % Complete © | vald

@ logtall 0 Mone Elank & kull Yal... Fixed 475 o
@ tenure 0 Mone Mewer Fixed 100

age 0 Maone Mever Fixed 100
@ address 0 Mone Mever Fixed 100
@ income & Mone Mever Fixed 100
@ ed ol - Mever Fixed 100
@ employ IHOCE 0 Maone Mever Fixed 100
@ equip &D—Nﬁfna\ = |- Mewver Fixed 100
@ callcard &) Mominal - - Mever Fixed 100
@ wireless &) Mominal - - Mever Fixed 100
@ longman f Continuous 18 4 Mane Mever Fixed 100
@tollmon f Continuous 9 1 Mone Mever Fixed 100
@ eguipmon & Continuous 2 0 Mone Mewver Fixed 100
@ cardman f Continuous 11 3 Mone Mever Fixed 100
@ wwireman f Continuous g 1 Mone Mever Fixed 100
@ longten f Continuous 20 4 Mone Mever Fixed 100
@tolnen f Continuous 18 2 Mone Mever Fixed 100
@ carcten f Continuous 11 & Mone Mever Fixed 100
@ waOice &) Mominal - - Mever Fixed 100
@ paer &) [Morminsl - - Mever Fixed 100
@ internet &) Marminal - -l Mewver Fixed 100
@ callwait &) Mominal - - Mever Fixed 100
@ confer &) Mominal - - Mever Fixed 100
5 ehil @5 Morminal = BE Hever Fixed 100
@ Inglang f Continuous 4 0 Mone Mever Fixed 100

2 - Ininc: & Continuow : k] 0 Hone [ever Fixed 100 TR |'

161. EHREREBT S

TE “BRIAERETT R XIEHES, RAEAR/MEINE] 50%, )58 GiE.
T RORF BN AR IR E AT, HAREN BB A
14, FEET RN ERL I Ao
Hissing Values SuperMode .W

Generste Supertode for:

@ 2l fields ©) Selected fields anly

Sample Size (%)

162 FEEFAKR/N
15. % Logistic 17 siANINEIE Y 5o
16. 7 Logistic Wl I, fd “BA” EIM-RIFIERE WS, 78 ZTUdAR X3, 1E#E mi i,

813 &= HEF MK (ZI0 Logistic [IH) 119



Echurn
A~ [
@

Fieds | Wosel | Expert Analyze  Anctations

Model name: @ Aute © Custom

E Uze parttioned data
[/ Buile madel for each split

Procedure: () Mulinamizl @) Einamial

~Einomial Procedure

Method:  |Forwards

Categoarical Inputs:

Figld Mate |Corrtra51 Baze Categary |

X\ ta

@ Include constant in equation

[ ok ][ Run | cancel

& 163. iEFEE %
17. 1 “&x7 iﬁID‘HEL EFEEREEN, REREHEE. N 2R ‘S MEHE,
18. £ “Efm” MIEHES, ERERNPBRIEN T RER, % B RIds 1 S8E, AeaTh

Eﬁ]i
E Lugistié Regression: Advanced Output I
Displary: @ At each step © At last step
m lteration history m Parameter estimates
|:| Clagsification plots |:| Hosmer -Lemeshow goodness-of-fit
[7] i for exp(B) (%) 85 e

|:| Residual Disgnosis

Classification cutoff:

Cancel | | Help

164. 3FEHF5 7

M ERE
1. 7€ Logistic 4 b, Migfiolam,

BARPCR ISR AR AR B R, EAEFHIRAER, ARtk R
B

HE” TR ER TRRE R EAR T B A TR (R RETE) DULHMARE, EER, X&
IRIERTIATASE PRI R R, AR IR S M BRI 52 881IK,
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Edchurn

}nﬁ Filz @ Generate

e Analysis

El-Fislds

@"Targe’[

8 churn
E|--Inputs

ﬁ tenure
& employ
ECuip

8 callcard
& cardman
8 woice

8 internet
ﬁ Ininc

- Build Settings

E""Llse partitioned data: false

i Calculate warishle imporance: falze
E""Calculate rawy propensity scores: false
i~ Procedure: Binomial

' Model type: Main Effects

E----Include constant in equation: true

E 165. 2 RERFRNBAFERIRLEEE

R TR B RORRYIER TE Logistic 1T A

“er

gt EHE IR, (AL TR — I

N ONRAERE | WREEOR T oM R ERERICSR B E b, A, HEELEYIH T e -
S MANTFEA A AR RN RE ANRERE) DT ARIEE R D RE

813 & HEEF Ak (T Logistic mIH) 121



churn

o |ﬁ[ile @Qeneraie

Logistic Regression

Case Processing Summary

Unweighted Cases(a) | H || Percent
|| ncluded in Analysis | 1000 1000
Selected Cases Missing Cases | u] 0
Total | oo 1000
Unselected Cases 0 0 .
Total 1000 | 100.0
a. If weight iz in effect, see classificstion table for the total number of
cages.
0 Depent_lent 'l.l'a_riahlg E_m:nding
Original Value |Internal Value
Ho | al L
I -
1 emaee— N

oot eeet

166. NRUBBEE

2.1 “NERUAEFHE” B ™R, PAER “Bo: ELEET TR,
MRS HTENSER (B, EATNAE &) FHa, o] OB SR R S R KA R T L
RHVHEEA, RG], SRR ETE EATION N 0, RIMHERMIER 72.6%, X5EEERNEIERH
FE] 726 NARMERR, B2, RAKE EFRTINE EmANES,
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\y }nﬁ File ¢ Generste

| k. Inttial -2 Log Likelihood: 1174394

| .

c. Estimation terminated at iteration number 4 hecause parameter estimstes
changed by less than 000,

Predicted
churn
——1—— Percentage Correct
Observed Ho |Yes
No || 726 | u] 100.0
churn -
Step 0 Yes | 274 0 ]
Overall
T2E
Percentage
a. Constant iz included in the model.

. The cut value is 500 |

Variables in the Equation

i e ===l T

167. EBaHEFK -0

3. BIER MRS AR R B 1 757k = A" R,
R RER THES NP BRP RN & 2 5B E R, 55— NP3 (EER 7 —NmiiEs
wm2lE) , BB AR R R E M 0.0% B hnE] 29.9%,

813 &= HEEF A (ZI0 Logistic [FIH) 123



‘kd churn
'?, }ﬂﬁ File {3 Generste
M Advanced
Classification Table(a) =
Predicted
: churn |

| T -1 Percentage Correct

|Observed | | No || Yes | |

Mo [gee | s8] a0
churn - - — - E

Step 1 | | \'es__192; I 82_ 29.9__

Overall
750
Percentage

|| wo|es7| es a0s|

churn T— ~ -

Step2 | | MLy B ) s

Overall

77

Percentage | | | |

Ho |661 | E5 1.0

churn = | |
Istep3 | | Yes| 153: .1215 44.2_: =

I — [F]

168. PRz - 1
4. [0 MR R 7> R AR

DEERTRPIR 8 Mg —H. EMNER, FIRCHE AT E AR HATL R, BAMNAE
MR P IERRIEA R RRE, JXE] T 91.2%, ERICHAZ P IEFRIESMERE 0% L7217
47.1% JXAH LI SRANEE AT 0 2 B ) s R R A RV B R e
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Ed churn

| 13 File @ Generate

[a]
Owverall 1
a7
Percentage
HNo ||E57 =] S0.5
churn
Step 7 Yes ||144 | 130 47 4
Pe?::;::ge 12,
E |
Ho |662 | 64 912
churn -
Step 8 Yes |[145 | 129 471
Overall
791
Percentage
a. The cut value iz 500
Variables in the Equation )
B S.E. | Wald ||df |Sig. |Exp(B)
tenure -.046 .004: 123346 || 1 ||.000 855
Step 1(a) - - - =
i ok AT L Rel= Ad S7A 4 nlnki] 4 wal | Sodd
S — [F]

& 169. 9EK - 1

TR, ARSI IR — PR S BRI N TR EE0 I,

H: HORBNEER T4 SR E 7 eI WA B R PR AR R TE R LB 0 R AT 2 S BUE IR G, ROk
UM EERATE N 72.6%, TERATIGET RS HERTER 79.1%; (B2, IEMFEMFTERIN, HLfra ik
N R LT PR A 1 ) 22 AR K
OO BARA SRR LA B, TDATEM xRN A “mgdamty” MSER Rt — 2R, A
2% IBM SPSS Modeler H Al R T IRV B IR FRAVIERH, 152056 IBM SPSS Modeler Algorithms Guide, 1%
FTERIN T3 \Documentation H3%H,

TEER, XEAROGETINGEGE. LIPS T SLhR N A FP R HA R AR, FTRMER “n X"
TR 0 I 5% DAR TN 38 e

813 &= HEEE Ak (T Logistic [H) 125
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o+ 14 55wl AR (REs)

f£ FR B iB] #5175 st T T

N IIHESEA AR, EAENTETR R AR — (04T R EN P BOT TR, AT Zx 2
BATHIN, A REFS H ETEMH PR, R E AT R e SR AR AL O B e = H 2 M X i s 1.
55 ARG R TR A% SXANIE B 1 I TR e 510779 s i A\ I R e 45 IR

XA REIE 40 broadband_create_models.str Fif, %35 | 440 broadband_1.sav FIEHE S
XL R TE(T(A] IBM SPSS Modeler 22251 Demos X JeH#E, 1t H R AIEIE WindowsIBM SPSS
Modeler FEF2HBE TR, XM broadband_create_models.str i T streams X432,

B e — R BB R AT CR A7 RN T B RO BiE &, ARSI TR AE = H

£ IBM SPSS Modeler H, AT DATERR —1R(ErPAE A DN R P51 AL, R 22l I ROTR S B 85 AR
I R RSB, EoNRIERN, FONHA AT DO AT B BE A

broadband_1.sav BUE X+ BA £H 85 MUX AR A W GEME I REE, EAREIF, KRR
FPAl; RIXEA A5 G — MR, FRAE— RIS

A SR RE MO R ENI A H AT, hFBH TAREIDSR, BB S AT s
AF| IBM SPSS Modeler H1, 1B} T 1E IBM SPSS Modeler F{#i %52 ES, WA FHIE 781 s A i 2R A i
R H RS,

o I\
LA N -8

B)— (B >3 @)

broadbeId_Tsav Fler Filler

= e &)
L 4 - 2 | S—
Table [Market_1 Market_2 M.. _-' G fields

-

’ o ~ .J' |Ir‘-"\

Table G fields [Market_1 $TS-Market..
170. AF EREEI Y ZIERE AR

N A2 SR8  — 41, BRI S —1T. IBM SPSS Modeler $2 45 TR #E R/ /71X,
DA HAE 7R N & A



Table (39 fields. 60 records) (=< |

I Fle |5 Edt ) cenerste x

! Table || Annotations |
Market_1 [Market_2 |Market 3 [Market_4 |Market 5 [Market 6 |Market 7 [Market_8 |[Mar

1 3750 11489 11859 4571 2905 5488 G144 2383 G04fe

2 38346 11984 12228 4825 2301 5672 6390 2404 516

3 3394 12286 12897 5041 2352 5802 BET0 2468 523

4 4010 12801 13716 5211 2490 5693 6929 2574 540

5 4147 13291 14847 5333 2534 B0I7 732 2654 554

5 4335 13828 15419 5498 2884  B137 7493 2698 577

7 4554 14273 1B108 5747 2738 €280 7TO02 2786 540

5 4744 146684 16958 5885 2754 B433 7955 2847 603

3 4835 15130 17842  B0S3 2874 E701 B0 2967  B15

10 s020 15851 18453 B223 2975 6957 9366 3098 634

11 5208 16509 19181 6320 3042 7111 9884 3195  B63

12 5379 17225 19885 6493 3095 7275 8997 3341 676

13 5574 18173 20565 6593 3199 7330 9326 3376 702

14 5328 19287 21155 6680 3207 7633 |3543 (3443|733

15 5842 20171 21655 6757 3298 7985 9673 3E17 749

15 §139 21379 21964 6304 3357 8236 9934 3732 77

17 6244 22067 22756 B915 3450  B484 10211 383 794

18 £274 23074 23464 7035 3528 8575 10440 3386 529

19 6347  |[23729 (24324 7151 3546 @817 10763 (3938 [958

20 £399 24803 25351 7304 3804 9041 11012 3953 71w
[ [*]

171. BHMX 7R A EFTHE

el FE 5
1. R IFIRINFEI broadband_1.sav B “Statistics X" P77 .
2. IS IE T UL UE S Market_6 % Market_85 F B AN MONTH_ F1 YEAR_ F°B%, DAfaifbisizl,
PR BE—UOETEZ MR TEL, 15t Market_6 B, SRGTeFRERARH W N EZNE Market_85 %
B, EETBE ARG EoR, BEUINEA T, E%E Ctrl 88, AR5t MONTH_ F YEAR_ ¥ B,
L Fitter

2\
,r; > .\'.

Fields: 89in, 82 filtered, 0 renamed, 7 out

Field Fitter Field
Market_80 v Market_80 <]
hdarket_51 > Market_g1
Market_52 > Market_52
hdarket_&3 > harket_53
Market_54 - Market_gd
hdarket_&5 > harket_85
Total —— Total
YEAR_ B YEAR_
MONTH_ > MORNTH_
DATE_ —_— DATE_ g

@ view current fields  ©) Yiew unuzed field seftings

172. fEfiEEY
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EHE

MR 2 B, VRN T RRBE M BUR A R — M R, BUER G EMF TR BAL AT LA
SR NP IR BRAET RS IESA, (ER BRI AAESTIER, @ Al DUsIE RHE RN R
FIDARZE PR, T PRIEHIIRIG S5 R, BARKRE S AT NEEE, ERMNEER2X LT
BITPE, AR TR S EF TR R,

Q- B X
Al

6 1
ppesrance Ot Arnstaions |

Plot: @ Selected series Selected Time Series models

& Tatal %
Series:

W axiz label @ Detaut © Custom ‘ -B

] Dizplay seties in separate panels [ N

Display: @ Line
[ Point

|:| Smoother

@ Litnit records  Maximum number of records to plot; 2000 E

173. LHI 2T PR

138 BT IR, AR TR AR T R RN B B S
2. BRI FBIAIE] “FH” FE%,

3. BX{H e A8 SO B P SRR A F R SEOEAE,

4. B a7,

Time plot of [Tutal] g@

I File | = Edt £ Gererate  F View

| rach || Annotations |

25000004 - -
2000000 - 47= == oo s CRTCTRPEE TELETR LR CRPREPTY coPUPRRE: T Total
500000~} -4+ +< - anananas

1000000 "E """"""" E --------- E —————————— e E—--------_E__________E___

SN e

Record number

B 174. “2317 FERBREESE
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ZFP AR ARR PR BT ESS, HEEF T RER, TR BIFPIRAETE, EEEFT
PEASRBARRI R HARF A

SR, HEERFE TR AR DT, RE, APRRIMHEFETERFA B HR, FF ROy e

i,

J#id IBM SPSS Modeler, 1] DARAAE A2 221N 741
Ed[Total] <
A =0 (ml

Plot | H!zg‘pearaq_bj Dutput. I| AnnoiatlongJ
_

Piot: @ Selected series © Selected Time Series models
& Market_1

Series: & Market_2
& Warket 3

W axiz label @ Detaut © Custom

|:| Display seties in separate panels D Mormalize

Display: @ Line
[T Point

|:| Smocther

E Litnit records  Maximum number of records to plot; 2000

& 175. {262 Bt EF 5
5. BRI RIRRR B T G
6. M “FFAI” FIRFMBRETTFE (GHEIES, REREGLEN X %)
7. ¥ Market_1 % Market_5 FEXUNINE|F| R,
8. HiiiafT,
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Time'plut of [Market_1 Market_2 Market_3 Market_4 Market_5]
i@ Fle  |[SEdt ¥ cererate & view
| Graph r-.&nnutations\-i
o Market_1
.| —Market_2
.| —Market_3
—— Market_4
Market_5
Record number
176. M F R EIE R E
&GRS 2R8E BB, BARA—ETHRNhs b AR EMT G 2RRE, HERE
AT EES,
EX B

BHE TR TR DATE. 7 BEITE BRI B O H RS 20
1. KT AR R A

2. FTHHEFE Y SO A B R AR L

3. J%#% DATE_ ¥ e A 7B .

4. %% B KAFRED R,

5. % Bl MEIZE N to_date(DATE_) .
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L Fitler &3

C[F=1 )

Fill in fielcks:

&b DATE_
b 4

Feplace:

Candition:

E@BLAMHIEFIELD) - |

Replace with:

to_date(DATE )

(] [coca
177. 1R EHATFERE

HMg S HEARRAAS B FERAEHEICEL, ERME BT BRI TEATA T, HRER
TR,

6. (38 b, e T H > FidtE > Wi, DIE R “TkI” MHEHE,

7. BRI/ ER, AEEERE N H IR RIZE N MON YYYY,
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\J broadband_create_models

o

Options| |

Select a setting:

General These settings control the format of date and time expressions in the current
I 7 stream. Click Save As Default to use these settings as the default for all your
|Date/Time
streams.
Number formats
Optimization Import dateftime as: @ Date/Time © String
Loggi d Stat
iin aa Date format: MON YYYY >
Layout —
Analytic Server Time format: HH:MM:SS ~ | [ Rollover days/mins
Geospatial Date baseline (1st Jan): 1 900
2-digit dates start from: 19305
Time zone: lSe:ver - |
178. IR EHEARI

EX B
1080 SRR TR DATE. TR EIREN I, KATEHAMTE (Market_n FEILARGTHTED #
IR E N HR,
2. Bl EUE I H DRSS “E” 5,

EdType

B Read Yalues | Clear Values Clear Al Values
S S

| Field — ::. Messurement Walles I Mizsing '. Check Rale
3 Market_1 & Continuaus [3750,117... Mane @) Target
imarket 2 @7 Continuous [11489,53... Mane ©) Target
CrMarket 3 P Cortinuous [11653,50... Mane ©) Target
Oimarket 4¢P Continuous [4571,179... Mane ©) Target
{Market 5 &7 Continuous [2205 6611 Mone ©) Taroet
3 Totsl & Continuous [536413,2... Mane ©) Target
i DaTE_ & Continuous [1999-01-... None © Hone

@ view current fields  © View unuszed fisld settings

179. REZ M FERHNAE
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12 BB E] X 8]
118 R MR, R RSN T RAEGE, FRRERNE] “R” AR
2.1E “WLIWE" BRsR) “BUEMTE” JEITR b, WEEE DATE_ 1E20 HIYI/I Al B,

3. & B (E N TR
W 6 fields

Fields < Data Specifications | Build Options | Model Options  Annotations

Select an itermn:

@ Ohservations are specified by a datefime field

: Datettime field:
Time Interval
wh]

¥ DATE_

Chsenations

Angredgation and Distribiution

-

Time interval; ;_MDHTHS

Missing Walue Handling

180. IR BT ElER
4. fF "BANEIT EIR B, EIFIESRY R BIAR R EIEME,
5. RHEIZE N3,

-

W 6 fields

Fields Data Specifications Build Options | Model Options Annotations

Model narme: @ Auto © Custom

iconfidence limitwidth (%)

[ Continue estimation using existing maodel(s)

|| Build scoring model anly

Forecast

[ Extend records into the future

[T Compute future values of inputs
181. & EFNIHA

SR
118 “WRFEF” Tk l, i RS ER, EERSIRT, RS My, FRESHIZIHR
FBERAS IR, o6, W “EiH” 7, HHHEHE HRIEK,
2,18 WM B, R WEEDD EIR, WeRiEThLEERITE, HEANTAREIRE,

Ny

TR KBS R i S IER B TR EPA, fdists,

B
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W 6 fields

Select an item:

Fields Data Specifications Build Options | padel Options  Annotations

General Method: |Expert Madeler
Citpt
Madel Type
® Al models

@) ARIMA maodels anly

Outliers

182. $tXEYEIFFIER T 52 R

3K “IFRFEANT RIS “I ARSI R

) Exponential smoathing maodels anly

[ Expert Modeler considers seasonal models

[] Detect autliers automatically

4% “FR” W RMINE “NRFA AR KGRI,
— (B (3 (8
broadbeId_Tsav Filler Filler 1:;
= A @
Table [Market_1 Market_2 M. " Gfields

Table G fields

183. BT BB IR AR

[Market_1 $TS-Market..

BER =T (58 61 = 63 17) MHINEIRGESEF, X=ATHTHIRER, fEABIFN 2004 41 = 3

HO

BEEIR At T T#5; $TS-FlIth “WRFF” 1R XEFIFRET (I, NEFIIEEFREMX

[[) YDA R

5l

ik

$TS-colname

RS e G EE DA N R G

$TSLCI-colname

A B AR RS Y BLAE RE IX TR N FRAE

$TSUCI-colname

A A R AR RS ) B R X TR _EFRAE

$TS-Total

AT $TS-colname (EIY AT

5 14 8 BRI (R

135



5l

Tl

$TSLCI-Total

A7 $TSLCI-colname AT,

$TSUCI-Total

HATHI $TSUCI-colname BRI,

Yot 5 F B EE B B 52 $TS-Market_n. $TSLCI-Market_n #1 $TSUCI-Market_n . FFHIEIXEEH| 1% 61
2 6317, ENEE&NHX T P wT mEdE RS X,

ERE

1. NN AP FIEIER, SRR “Hit” JEDTR AL R A RN T B R,

Outputﬁ:__aemngg _summar-;" Annotations

Helaraueas+ - BE=EE =

Dutput .
@ Time Series Target. MarKEt_z
------- Title
------- & Temparal Infarmatii Moi
=ER A Warket 2
------ Title Madel Building Methad
------ L& Madel Infarmat
------ (3 Correlogram
______ @ Parameter Esti Murmber of Predictors
B {E] Markat_1 Madel Fit MSE
...... Title RMSE
------ L& Model Infarmat RMSPE
------ (il Carrelogram
------ L& Parameter Esti| | L
= @ Makm_g i MAFE
------ Title
= MAXAE
------ L& Madel Infarmat
------ (5 Correlogram N
------ L& Paramater Esti AIC
E--{&] Market_4
r BIC
------ Title : :
------ L& Model Infarmat —
...... (5 Carrelogram FISUDNAY B Ausre
------ L& Parameter Esti Ljung-Box Qf#)  Statistic
E--{E] Market_5 df
------ Title 1}
...... =] Significance
1 @-ME'L s [P

184. ATHHERBIE (Bl F 7 1R EY

FELEM “Hi” FIeh, ERERTABRER, P R AT R AR B AR AL B A7 B
&, AR 0,

BURE B AP RIRIRE A DR MRBIRCR RIS R A, PR R 5 ETR A T BB AR R 51
TR & EEBIRI A THE, I ERS (BoREN 1.0) , WIS SBlsr.

Q@) giti. df fl BFEMELS Ljung-Box ZiHHEAAK, ZI X BRI ZRIRENRYS, H5IRAVRE
HUPEBCR, BAUATRERLENGT . Q#) /2 Ljung-Box Gttt &AL, i df (HHE) FoRMGRAE BFRNTA]
PAH RIS A E

WEMLLLH T Lung-Box St B EEMAE, MiliAS —f7y sCRF RIS EIRAL R & IEf, T
{B/NTF 0.05 FRIRFRZEIRZEAZRENLL, NI RE LY 751 R 2 e AR R TE IR AR () 254
WEKETERR R AR FEE BEN, IBALTREBI N Market_3 Fl Market_4 EFFITI S 2]
PAF%3Z, Market_1. Market_2 1 Market_5 FISRZEPEEA/NF 0.05, IXFORATREIC T Bt T —LesL
5, DAERIXEETRELIE FE AT (A,
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pigt ER R 2 D HABLE I R(E, R JG(ESR A T 0] iR R AN R 51 s 5 2RI THE. BT
ST R ARAEN 1.0, R —RE, BAIEARRIA,

RMSE 52577 iR 22, CH T8 FPAIRSEhME S B INHE 2 MR ZS, PUFSIE 5 A B RN,
HTIXZRENEME, HIXEBNELE, F—F, Market_ 2 Fl Market_3 FIRBAIR A ZART H =
iz, (BRYEH RIS gtTH R A DAz,

HA LS I BE AR ELE N 55y iR %E  (MAPE) KEEKE (MAXAPE) . #xiRZEH LA
TEE TS AR ZREE, DE2HERR, B RS E B RS ERR K
{8, AT DORHERIE A A E PR

MAPE {H R G BRI A ARIE PR ETAE 1% 726, X2 —PMRIRAIE. MAXAPE HIZ R KA IR
ZHr, XN AR EIMEORAE T, ZERRRZBERR R E 77 HRZERAE 1.8% £
3.7% ZIH, A Market 4 fi, #8E 7%, {B5582 —HRIRAIET

MAE (P4 IR%E) [EA T BRmilliRZ4 o HERE, KT RMSE{H, MAEDUFSIE S A&
3R, MAXAE SR PAR — BRI BROR IR 22, FF a7 Al B e

REERFER XL NME, HHT ERFYRRN ARSI T &, R ERER N E 2 R
#Z(E (MAPE f1 MAXAPE) A H,

MAPE F1 MAXAPE {5 R DAfE IR B R ] 257 O ANE RIS 2 Z2ERE X EEER/ N, BT Rl XU (A
IR ANFT A A, BRI R IR AT DAIEEIR BRI, (RIS ESEHHEr R ITER 2N, RE

M TINEB A S, KREBRIRZER E AR (ACF) Fifw EAHSS %L (PACF) AO{ERT DAL B
BRI IR T R,

& HEE RN AR R G EREN IR =, HAERE, &%, 1AM DO H A B AR
o WIFZIXMEI, ABLAEMRZEA AN FEN B AHERS 5 H B BAHSCE (AR o XA EHKE
bR g G A AT A] DASR B EL SR AN e 2

2. MR, RS A SR B m] S AR R 22 1 B RH S R AR (AC) B 9 AH 5K BRI (PACF)
{EL

With 95.0 confidence limit
0.4
% GI2:|I I
z
! Hall=luln m__N
] i] -_— —_ = — i -
-0.24 |
-0.4
0.4
0.z
g ]I-l I . O |
< i} pe= EAES ] — — —_— — J— e g
: EE— B _-"ETTE=-
=
I R
2 0.2
b TTTT—TT T T T T T T T T T T T
1 2 3 4 58 B 7 B 9 101 1213 1415 16 17 18 189 20 21 22 23 24
Lag

185. EIUTHIAMY ACF {EF1 PACF B
EXEE G EHIREDBIFIGEERZIR 24 NI RIBH S5 RAE TS,  DARE S N RS

O, BRI, b (ACF) BIHIFEAELE (B) Jimein (F) J5Assg ANy
JEEIBHR X Z5h,
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RHBLEIR DL, EHRERE T (PACF) B, AT AR & ERIALAE IS, PACF BRI R TE
FERE IR A B R P IME SR RO R
Market_4 FYEERALTRAFZIX Z A, R IRATRT DAGR AR 2 H M i 37 (B

3. Bl DN HATT DU 7 S0 AORG I
HAT B ELI G AT IR X 2 5h, RXUESE 7 RAVEnES BB PEEFTERREN, AR E R L
I TR BRI L T A Hft— 22 DL R 5 n] DUS B EAF I RELE, (BN TIZonpIRsRE 7, &
IPRERTEIEHEM Market_4 FRPIHREXIFEE N A,

A 18 BT ERRT, K N RBURET RS R SRR,
5.1 7 JEWIR L, BUEEH R R A AR,

6. TEIFANGIE b, Bt BOARRERILHL, %% Market_4 F1 $TS-Market_4 FE&, ARG HTIE IR
LA,

7. iiafy, DARRE — DX 7 8 LR BdE f i EE Lk &,

WA [
=l

2

Plot Appearance | Output Anhotations

Plot. @ Selected series © Selected Time Series models

& Market_4
Seties: & FTS-Market_4

¥axis label; @ Default @ Custom
[[] Display series in separate panels [ Mormalize

Display. [« Line
[ Point

[7] smoather

[ Limitrecards  Maximum number of records to plot: 2000 E

o) (o) (cea)

186. ERBIRFINFER
TERT ($TS-Market_4) Zlnfrfi@id SLFRBURRIAIRASMER, HaiE/RExtHmARR=1HK

PR R B 7,
B IR 81 _E SRR BB EAN TN L A [ AR R,  FRAX Re i I (R e 10X 2 — A el SRR AR
A,
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Time plot of [Market_4 $T5-Market_4]

o view

= Edit

|4 Eile ) Generate
Gtaph || Annotations |

/unaal-bH m1y rsBc

oo e

B mie s

: Market_4
087 ; — FT5-Market_4
0.6
0.4
0.2
0.0

T T I I

1] 20 40 &0

Record number
187. Market_4 BYSEPREIEA TN SRR BIE = El

K RAEAE SO, DMELERR IR GI A f5E A -
8. mith WhE X w1 E Y,
9. FTFFI Al P2 A B,
10. %8 SUHF > ORAE Y i BT XL E,
11. RdfReE

WHE B T IRPE Tz A A FERR (EIZTINIA IR ZE KA 2 RWE? AlEid A2 B A5 X RIS T

AIRZER /N

12. Wim A s — I REUS BT A (BRI Market_4 $TS-Market_4) 1] ST 1% A AEAE,
13. BB EER R, RIS $TSLCI-Market_4 F1 $TSUCI-Market_4 FERAIMBFAFFE .,

14. BFHIBIT,
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\) [Market_4 $T3-Market_4 $TSLCI-Market_4 FTSUCT-Market_4]

:
O

2

Plat| Appearance |Output Annotations.

Plot. @ Selected series © Selected Time Series models

& Warket_4
& $TS-Market_4
& §TSLCI-Market 4

Series:

Wavis label @ Default @ Custom

[ Display series in separate panels [¥ MNormalize
Display. & Line
[T] Paint

] 8maoather

[¥ Limitrecords  Maximum number of records to plot; EUUU

(oo ] [_geset)

( ok (B R cancel]

Bl 188. ARINE ZBLHIFIFER

WS TS5 T —HENEE, B T EEREXE LR ($TSUCT) FTTRR ($TSLCI),

TR B R X AR R RETNN R 7> X, IX KRR
Ko

BHE, WESMNERmT, s —NER (ERFIFRNA) H’J*Bﬂ%ﬂﬂ%éﬁz%wﬁjﬁﬁmmﬁ%
ESHE 141 T

PLRHIX SR B BRI, AR AN B,
A TEECHT BT TR P ISR 37

ESWIBEN

TR ] S AR

MEERAER, AXREZER, 1

2] Tirne plot of [Market_4 $TS-tarket_4 $TSLCI-Market_4 $TSUCT-barket 4]

lo|la /=

|aa File | = Edit @ Generate  &F Wiew
Graphi_AnnDtatiuns
sBaeal s ¥ b/ BO
101 3
: ] Market_4
0B Emaissia s s s aa R sl —— §TS-Market 4
' 5 5 — $TSLCHMarket_4
- $TSUCK-Market_4
i e s E e e
ol o
| | i
0 20

T
40
Record number

60

189. AT EEXERE B8 = E

HE

REES) 7 Ui P & g B A O 22/ I T e 91 22 e,

H ER S 2R RLER A 2 SMAR ST AR
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FER—ARBI,  SEREE BIA0ALRE T E AR IR TR 27 B F M8 & AN ZIIN TR 511 s A% X

& AR E] R AR B

ATRBI N 55— N R R A RGP R TR R AR, Edn] DN, BXEZER, 2% 127 1
I feff R B [ e B0 e EEA TP 2,

S5ECRIVEE—FE, AT TSR, FEPENERRIE R — N0 RFEERNZ N HIX dig e T

AR ROS P T A BRI, E A L SRR 0 TR H N AR = H T,

FH T ERAE EL {5 F TR AR T S ) S PR 5 88T 1 SRR 2, DR T KL {6l P X e 54 P sk ] ¥ el P A

EAH o

IHoREIEE 48 broadband_apply_models.str )i, %5 4R broadband_2.sav FIEHE S 1, XL~

{ERITE(EAR] IBM SPSS Modeler %25/ Demos S RHHRE, 1t H % AIIEE WindowsIBM SPSS Modeler #2
A BATIIR, S broadband_apply_models.str i T streams S-SR,

TEHIRBIH, AR S — R B CRAE AN A FIRE B A “INRF21” . AR A R
AHHED, FATHE Demos SXAFRAFRME T — AL,

1. M\ Demos T streams SXEH ¥ broadband_apply_models.str,

b J o

brnadbsid_z.sav Filter Filler Type

Tahle
190. I THR

FHNE I H EEAEIEETE broadband_2.sav i,
2. KR SN IBM SPSS Statistics SUHHIRT A, FTHRTT SO THBLT,

T: O 2004 £ 1 5 3 Aty (58 61 £ 63 17) AYSLRRH & B Bdfa KT 735 #
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Table (39 fields. 63 records) M=
g Fle |5 Edt ¢ Generate i m
| Tahle Annotations
1 [Market_82 |Market_83 |Market_54 |Market_85 [Total  |vEaR_ |mowTH_ |DATE_ |
44 53820 20482 14326 16935  17917..2002 3 sUG 2002 [<]
45 BO0118 21211 14348 17179 18249..2002 9 SEF 2002
45 1320 21893 14333 17601  18601.. 2002 10 OCT 2002
47 3083 22471 14228 17816 18945.. 2002 11 NO'w 2002
43 B4687 23112 14514 17937 193432002 12 DEC 2002
49 5515 (23586 14856 18003  19752.. 2003 JAN 2003
50 BSST0 24669 15182 17675 20146..2003 2 FEE 2003
51 BESET 25469 15709 18214 20540.. 2003 3 MAR 2003
52 67527 25868 16155 18557  20922..2003 4 APR 2003
53 §7724 26284 16521 19180 21300.. 2003 5 MAY 2003
54 BBG44 25466 16567 19938 21669..2003 6 JUN 2003
55 9575 26781 16618 20876 22004.. 2003 7 JUL 2003
56 71538 27566 16553 21514 22398.. 2003 @ AUG 2003
57 73162 28164 16597 21779 22773.. 2003 9 SEP 2003
58 74167 23693 1669 22268 |231B0.. 2003 10 OCT 2003
59 76036 28922 16748 22553 23616.. 2003 11 MO 2003
50 76630 28811 16795 23018 24067.. 2003 12 DEC 2003
51 78002 30034 17122 23160 24509.. 2004 1 J&N 2004
52 81123 30091 17581 23688  24968.. 2004 2 FEE 2004
53 83909 30162 17894 24355  25383.. 2004 3 MAR 2004 |+
41

191. EEFMEELUE

KRB REFIER

1. 7€ IBM SPSS Modeler 3¢5 F, %&£ WA > RAXFMN R, M Demos StfIeHi%EE: TSmodel.nod
X (SAE AR — DN AP F R R A7 B R PSR

S AFRL &R B bR BIRIIN TR R A o AR FE0S I A 8] P S AR R BB BLAE TR IX B

—» e P

D) — (B — (3 — (5

broadbapd_2 sav Filter Filler Type

|

f fields

Tahle
192, FINIREELIR

ERBIETR
1. ATHFIR D SIBRIO R 0 > 2R
R P SRR P SRR AL TR IX
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Mo Targets

fo o A,

2 — oy —>C 9 —

hrnadbsld_z.sau Filter Filler Type

E 5 4
y f fields
Tahle

193. MIEBIRE BRI TI =

RS
1. SR AL AR SRR & AR DX AR
[FRERIDL 60 1IN R, BIETRERE T ERTIHERE (6317) KRR,
2. R AL B I TR e SR AT B A E

e -B»

D)) — %:—n- S —-G)—

bruadbal\d_?.sav Filter Filler Type G fields

194. BEET S M0 ENR
3. FTFFI R T mo
4, EBRLENDET R ) iERAR Sk A BRI Ak S T

5 14 = AR (NFAFHD 143



Fields Data Specifications Build Options  Model Qptions: Annotations

Model narne: @ Auto © Custom

zonfidence limit width {%):

E_Q_E’.ECDﬂtinue estimation using existing model(s)

["] Build scoring madel anly

Forecast

[ Extend recards inta the future

[] Compute future values of inputs

Make Available for Scoring
.= FPredicted value and confidence are always available far scoring
i
[ Calculate upper and lower confidence limits

[7] Calculate noise residuals

195. E HEFHENNEFIIREISE
5. PR Rl JREIARR WE N 3 .
6. FATHISAT LR BB B TR R “RA” IR,

wERER
1. R RN E AR DX AT R I [ e SR AR R
24707 "R N, RERdHaT,

HTE M2 EFHEIIRE, RIEHERRS AR =D AT, E2, HOREENRERY 4 A
26 CBE6ATEE 6617 L) , BFUOMKIHIITERTE 3 AR, MARTE 1 A4H,
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i )

Table (26 fields, 66 recards) o & [se)
| File 5 Edit ¢ Generate
Table | Annotations

§TS-Market_4 |$TSLCI-Market 4 |$TSUCKMarket 4 |$TS-Total  |$TSLCITotal |$TSU
47 13460.165 13046 567 13883520 1805604552 1800768.484 100[<]
45 13637.234 13218196 14066159 1920821.249 1924806.501 193
49 14038.478 13607.110 14480.023 1974007.314 19B8877.747 107
&0 14588176 14130817 16047.010 2017063.860 2011822507 202
51 14826444 14370864 16262.773 2055709.852 2050367.976 206
52 16328.800 14857 851 16811.032 2004273.874 2088831.887 209
53 16403883 14830.559 16888.373 2131431802 2125893.258 213
54 16187.796 15680.385 16BO6.842 2168729.836 2163084.271 217
55 16303.304 16802343 16816.083 2204819579 2199189.973 221
56 17250576 16720508 17763149 2235223.381 2220415030 224
57 17616.290 17074.985 18170366 2278010.104 2272888.230 228
55 17639.270 17087.259 18164.069 2316079.288 2310060.827 232
59 17552150 17012.816 18104.200 2365228.381 2340108.190 236
B0 17489120 16961415 18049510 2406836.211 2400581.914 241
B 18183.056 17624.336 18754.958 2453038.341 2446FRI.085 245
B2 18512777 17843.825 10085.050 24096354.087 2480867.172 250
B3 19125.385 18537.719 10726.936 2643477.283 2636067016 255
B4 19384.782 18798.828 20004.796 2681510.338 2674802140 258
B5 19387 631 18551 801 20251.298 2625230.895 2611195788 263
BB 19550898 18525803 20617.962 26BO744.972 2646565400 268[x

(1] S—— [#]

196. BIRFFNBIZR

3K “INTRIBURE” BT NS a5 AR,

SRR R e D B ] A1 AR B - A I TR S B R 75 7
4. 18 “HURE” JEIR L, R X MBI E I, SA/51ERE Date .

5. 0 THUNHE, TEIEEEE I B I BRIE I,

6. TEIFANGIRE [, BEFBRIEREERILH, 1EH $TS-Market_4 FE, AGHREiM@HRmalsRF,

% 14 = i EA R (NFFHD) 145




i

W/ [Market_4 $TS-Market_4 $TSLCI-Market_4 $TSUCI-Market_4] w. DATE_ [5]

2l=/0)

K2

PIot Appearance Output Annotations

Plot: © Selected series @! Selected Time Series mudelsé

&7 $TS-Market_4
Series: [ﬁ]
>
8 N DA | of
Mo ¥
E
.
:

[ Limit recards  Maxirmum number of records ta plot; 2000 E

Lok J{# Run [ cancel [_aouy || Reset )

& 197. I8 E BLFINFEL
7. BHiB1T.
PAE R B 22 2004 4F 3 HIX Market_4 SEFREYER, DANEIEE 2004 F 6 AN E R
MERFEXHE (EaERX) .
HHE—ARBIR—FE, ERATIINIRA, WES SRR SRE, FERERIAEEE AR r

TR,
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HE

| File 5 Edit ¢ Generate

Graph | Annotations

J L=

Time plot of [Market_4 $TS-Market_d $TSLCI-Market_4 $TSUCT-Market_4]w, DATE_[ = || & |[o25]

il (9] x/

$TS-Market_4

® Actual
— Predicted

DATE_

T i i i i i i
Jan-1999  Jan-2000 Jan-2001  Jan-2002 Jan-2003  Jan-2004  Jan-2005

198. BEEKE7X A (3 HIFN

A ST A S 2 AR ] A I A0 A R A BRI DAY DARITASTITIN, 5 AT PR e R AR AR A T 10

P~ 4R, WRAHEEYOVRRI BN,

)7 BT R AR AR

5 14 = AR (NFAFHD 147
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o 15 5 W= wor R SN0 (8 W5])

PR AT SRR 2 10 R & BRI 55 2R R A R B 1A D

RG24 catalog_forecast.str i, Wif5 | 4N catalog_seasfac.sav HIEHE S, XL A 1E
{Efa] IBM SPSS Modeler %441 Demos HgxH#E|, 1t HR M@ WindowsIBM SPSS Modeler #2741 T
WilAl, P catalog_forecast.str i streams H 3,

FERT—RBIH, BAE TR E L SR RS I E il & TR B e R, IREEBRAT IRIR AN T M
Ffra] TR 7515 — 16ECTE S ARIMA,

N T FHEIRENE L AR, BRAFICERHIN RIS, I IR e 21 A T A A 38 AT DA 56 0 3 B AT
ke, Hoh, EREFEUTILA:

ARG EARRES? MFRE, BB RROAAEIC RN AR M ?
RIS ERFT? WIRE, AR RIS BEN TR AN R RS A AR ?

ell FE PP

1. TR RIFEIA catalog_seasfac.sav ) “Statistics S T A,
/fw— -..‘_" 'f‘\"'-..
[ [ty 7y
catalog_seasfac.s m:en

f}.\\k
—e .-,'J.- @ N

\'.

[men $TS-men] v. dat..

199. TN~ @D KHEFR
2. ¥T7F IBM SPSS Statistics IR T mUFIER: “RAY” LTI+,
3. i PUE , ARG RE .
4. ity ((EBFERH) |, BAtILENHR.



U cataln_g_seasfac.sav %

| Fild | Measurement | Vales | Missing | Check | FRole
B date &7 Continuous [O000-12... Mone © pMone  [=
'@'» men ﬁ Cartinuous [324514,.. Plore '@ Taroet
'@'» WOIEN ﬁ Cartinuous [16575.49.. Plore & Mone
{&}jewel ﬁ Continuous [5983.55,... Mone X None
{:} il ﬁ Cartinuous [1147 15, Plore & Mone
{} page ﬁ Continuous [51,114] Mone X None
{} phone ﬁ Continuous [17,59] Mone X None
'@'» prirt ﬁ Continuous [18061 .2,... Mone X None
{:} SErvice ﬁ Continuous [15,68] Mone X None
3 YEAR_ @ Mominal 1939199, Mane & None |+

@ view current fields (&) view unuszed field settings

200. fEE BinFE
5. ¥ATE HAh BN AEILE NI, RIEHRTHE,
6. % “INRIESIE” B Sk NE] “IBM SPSS Statistics XX JE T s
7.479F “NRERET TR, RETE BURET ER BB SRR AR,
8. ¥ X fhbR R E e, ARSFIEREBHA,
9. BUHEIE AR L & IEHE,
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(23

Q ['r'nen]"-.-'. date @

s

I\.
3
-]

Pl sgpearance i Amoatons

Plat. @ Selected series (@ Selected Time Series models

&7 men E
Seties:
x
¥ axis labal: Default @ Custom | date E

Dizplay.  [&f Line
[] Paint
[] Smoother

[ Limitrecords  Maximum number of records to plot; 2000

201. L5 8] 5
10. B EIBTT,

30000

10000

R Bt R Rt R Rt oo

T T T T T T
1988-01-01  1990-01-01  1992-01-01  1994-01-01  1998-01-01  1998-01-1
date

202. BEMLIFHEERR
WA BoREER _ETHa%, BIFAIE G T RER R b, EFeaselmsifiss, Bttty

55 15 & W o KB (NHFEFD 151



WRPAIEE — NIRRT, BEESLAET A (WEETNEELR)  FELERE LT F
FIMiE KAES, RIZRIES TERBIM AR INTES AL,
1. By W DASK I AR

BT T RIEPHIRIRHE, B AT DA 200 O T, RO R A B T P R S5 R /5 1k
RIS, AnAEFT UL, AR R N A TR E IR P RARFAE

i E G- 7
R R LSRRI AR s i e AR (MR R R E U S/ |, RERIBGE
RHREUE S
RO I TRIAHERS, D5 B 1 Ol I WU PR [R5 R A 35 o RSRIE T T MR o AR, IR IR TR
R, (B2, BATRICR7 MRS BoEBtresrtt) , KRR —PEREE (EEddtt
%, BEFT) o HRERIEE TSR AR ANE S8R, R B AR T,

Fields Data Specifications Euild Options  Model Options  Annotations

Select an itermn:

| General method: ?Expunential Smoothing = i
Cutput
Model Type
@ Simple @) Simple seasonal

) Holt's lineartrend & Winters' additive
© Erown's linear trend © Winters' multiplicative
© Damped trend

203. IEEIERTBIE

NHEBA TR EE — ] SRR T RO AR AL,
1f MRS TREINENRA, R IR .
2.1 “WLNME” BRgRy “BEEME” EIR b, EEEEE HI/ B
3. R B (oI TRl I b

=
il men

Figlds Data Specifications | Build Options | Model Options  Annotations

Select an itermn:

@ Observations are specified by a dateftime field

: Datefime field:
Time Interval

_ o & date |
Agoregation and Distribution i

Tirne interval: |Months x

Chservations

Missing Walue Handling

204. IR B/ E)EE
A TE WL ERRE) RYENEDT JEIUR b, ROTIRIREORECTRL,
5. KBRS BN,
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Fields Data Specifications Build Options  todel Options  Annotations

Select an itern:

| General Method: ;Expnnential Smoathing = 5
Cutput
Model Type
@ Simple @) Simple seasonal

) Holt's lineartrend @ Winters' additive
(2 Brawn's linear trend © Winters' multiplicative
&) Damped trend

205. R ERBETTE
6. Hlia T AR,

\} [men $TS-men] w date

K2

Plot Appearance Output Annotations

Plot: @ Selected series @ Selected Time Series models

& men L
Searias: & §TS-men 3-{
¥ axis label.  © Default @ Custom & date |
| Display series in separate panels [ | Mormalize
Display. [ Line
["] Point
["] Smoather
[# Limitrecords  Maximum number of recards to plot: 2000
ok J[® Run[ cancel | appty || Reset |

206. (=BT A SR EY
7. RIS AT B R BT R BB A B
8. 1F WURKE T+, K 5B 1 $TS-men HINE] 5 F1I2,
9. % X WibnS i B e, REEERE,
10. BUHEHALE oM R b B e SR BRI S AR,
11. BiBfT,

%5 15 = Wl s K EER (RFFSD 153



! : ! ! : ! ! men
30000—F-- == e et —— BTS-men

20000—frnsrrre g ns e ntta e b ol <o R = e
(ln iy it 1 s i e e S

] f i i i i i
1988-01-01 1990-01-011992-01-011994-01-01 1996-01-01 1995-01-01 2000-01-01
date

207. BRI TRARE

HEHUREF, 5 FoRKhREdE, $TS-men NSRRI (] AR EL,

SKhr b, BRORE RSRISLEOR THE OFE2ITRED) BAHES, HEFFRFEF T, Eeer]
% Bl GitH

12. Bk Wi SN R ES B & .

Method: !E}{pnnential Srmoothing = |

hodel Type
2 Simple ) Simple seasonal
{Q} Holt's Iineartrendé © Winters' additive
(@ Brown's linear trend @ Winters' multiplicative
(@ Damped trand

208. TR ERIEE

THEIAEM—NERSMEEA, B, SRS A R, (HERMICIEmIEFT,
13. EHHT IR F 4 R
1418 “WR” BREH MEIEDT IR b, NERSRECEFRIAMEON S, R IEE Y BRI
B,
15. HHIat T AR A AR,
16. FUHTIFI RIS E T RO B diiat T,
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el gt S S e e B e

EDDDD_.._'.........'......... '.........:.... e £

A

- m——————

e e S pae i Sl el S Sy
. . .

e
'

men
—5T5-men

I I I I I I I
19583-01-01 1990-01-011992-01-011234-01-01 1296-01-01 1953-01-01 2000-01-01

date

209. BRAMBEHERE
AN, BRI LR LU R B SR T

17. XA RIBUREE .

Bﬁﬁﬂ]‘lﬁjﬂ’]?&@ AL
%ﬁ’%ﬁﬂl)ﬁlo Al Winters #8342 HIE & LT H,

R A PR LU o P ) N (5 ks

%, HERBEFT, FTLUENBEFIHERL,

BRNFIEF AR, SR DRSS B

Fields Data Speclfcatmns Build DDUDHS Model Options  Annotations

Select an |tern

General

Output

Method: EE}:pnnential Smoathing = .

haclel Type
© Simple
i) Holt's linear trend

@ Simple seasonal
@ wyinters' additive

© Brown's linear trend @zWinters' multiplicativeé

&) Damped trend

& 210. iE R AT
18. EHFT T [ 31 s
19. £ “HA AR “MIENEIT R L, UNERRRBCEFEIAE N, ERRRERIAE BRI

L2

20. Biiag T AR R AR,
21. ST TR BRI T R B diiat v,

% 15 = =

AR ER (NEFPS)) 155



40000 -+

men

30000 I —§TS-men

20000 -4========F === R e A e

10000 - -

i i i i i i i
i [ i i i i i
8 o ey i o e e e e ey AT VR AT YU G TiE (5 P THE [ PAa T VP Ti T ([ PR Tt (LTt Chet [l PAZ Tl (5 PLE iy

T | f T f T T
1983-01-01 1990-01-011992-01-01 1924-01-01 1996-01-01 1995-01-01 2000-01-01
date

211. RFFHRARE
IRRE R E G, FOVERIN Sk 7 E RIS Z 11,

HRHR RN RSN 10 4, FHHAE 10 MFTIEE (WRESFE T A o X 10 MEERRS IR
BT 10 NMEREIE(E 2 2 PURAITINES R

HIHEERFEINRE T 8RR PERNRRME. BF LI TREREE, &F —SLEEEN AT
o

QSR T BTN S TR KIS TS, AR5 RCF IR R AR, BRI RS AL
ORI NIFREHEMH ARIMA B,

ARIMA

AT LAEH] ARIMA S AR Q1 —NE A T I TR e 20 A R AR Y B[R] B SR8 8 P ME (ARIMA) £,
ARIMA REUAA A AT T Bl BT A A BB R PR iR B B B 0, IR 1 e R rh e S i A A
&,

AR DAETT A WA R i o R ARG, BT T8 7 ARl anE i 2> nl A T AR e & 2R (e R LY
FPARICER S50 A i B i, iR Bl G045 . WSEBAY 7 b H SR B R T, JFIE R ek
B BRI S RARAR R RS BN

TXLE TN A B 2 N FIER A A S P AR & AR E AT AR S i AR & AR ? JEid ARIMA 25
2%, BATRI AR —ME ST ETIIER REE— NG 50 & i As & e ECr s
EWNEE N EEEERER,

IEAT DA ARIMA FrikiEdfeE BIH, Z2 B sh EEE RN DAR X LE Y7 2215 BIAS RO R T
WiE, HTFFE IR REERNFERENIRE, WMo, RILEARGF, BITERE
FIEEAEZEIE R ARIMA A,

BT 1 e 5 A ) L I A A0 R T AR B R A R R AP AR, SRR ERE FH RO T A &
o MREFETE R (B8 . B () . FFERTIERGEE (BiE) | BRI SRR (ENR)
PANEFIRF KB (RS -
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() catalog_seasfac.sav

-

&

. [P Ereview_] [ 2| Refresh ]

FCLEO _DEMOSIcatalog_seasfa

| Data | Fiter | Types | Annotstions

C.zay

m [ h_ﬁgad 'x-"aIL_Je§ I Clear 'x-"alues_ I Clear Al Yalues ]

Field Meazurement

E clate .ﬁ Cantinuous
{&} men .ﬁ Cantinuous
{&} W DIEn .ﬁ Cantinuous
{&}jewel .ﬁ Cantinuous
{:} il .ﬁ Cantinuous
{:} page .ﬁ Cantinuous
{:} phione .ﬁ Cantinuous
{&} faririt .ﬁ Cantinuous

{:} EErvice .ﬁ Cantinuous

{3 VEAR_ @ Mominal

“alues

[0000-12...
(374515, ...
[ES75A...
[5953 55, ...
1147 15...

[51,114]
[17,59]

[18061.2,...

[15,5]

1959,199...

Miz=zing

Check
Mone
Mone
Mone
Mone
Mone
Mone
Mone
Mone
Mone
Mone

Role
& Maone =
@ Target
& rone
&) rone
N Impt
N Impt
N Impt
N Impt
N Impt
&) rone -

(@ wview current fieids  (©) view unuszed field seftings

s

212 KEMNEEFER

1. ¥TH IBM SPSS Statistics SCEFIE T B
2.1 “BALY EmRR, FEREE. T, BiE. ENRIFIARSMIAEILE M.
3. MR ENAEILE B, HETERRTFERNAGIENI,

4. MEwE,
5. T IFHS TR 205 R

6. 1E “WH” BHEHY MR IR B, CROTIRREN G RKEBER.
7. PR ARIMA BRNETH, HHffR Cikrh L BB % B PR,

(Fields Data Specifications  Build Options | model Options  Annotations

Select an iterm:

General Method: |Expert Madeler x
Output
Model Type
@ Al maodels

213. %R ARIMA &5
8. HiiafT LB R O A B
9. FIFFAAIHE,

) Exponential smoothing models only
@ ARIMA models only:

5 15 T W o KB  (RREFS)

[ Expert Modeler considers seasonal models

157



FELAMBIE) “Ht” G b, EEEER, ERT KRS WA OERE T 5 MeE il &+ 2
ME R BRI AL &

Output Settings Summary Annotations

He Do rwes+ -~ BEZE

b Series Model Information

Title Model Building Methad ARIMA
Termpaoral Infarmation 9

Men
-[E] Title Mumber of Predictors 5

LE Madel Infarmatian ||| model Fit MSE 7,212,996.825

LT Dendictar mmnarkan
214, EFERSFAEER N TUNE S
10. PR iE AR,
11. FTFFI AR B RO it T,

40000 -

Mon-seasonal p=0,d=0,0=0; Seasonal p=,d=0=

men

300007 — §TS-men

20000

10000

-
f f f i f f f
1988-01-01 1990-01-011992-01-01 1994-01-01 1996-01-01 1998-01-01 2000-01-01
date

215. BEIEENTUNT =/ ARIMA H&EY

FER— P Rl AR AT DA ORI RRRIEE, JFR AR N S AT RIE S HI(E,
PATAT DUt —2B A AR, B ML DUS A BT AR R AR R AP Hefil, FRATTE e B35 il 28 & A
ARIMA RRYEE 538, (AL AE HI NI i X — AR RTa] oG B A2 TR A B B TR 0

12. B B kAN RIBUR B Ho

13 470F “WHEH” TR, ARG BRNENT LR,

14, 1 Rl JREIRR SiEHE, REREREN 12,

15, A TG R AME S IEAE,

16. Hiiaf s ARHR A AL,

17. ST AR BT RO B I8 T,

1999 FERYFAMIE A Bif: WFHIRIARRE, WEKPU+ A SIEEHREIEIER, THE BT
R ETHES, BAEHERILLREETIE,
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40000

men

— §T5-men
300007

20000

10000 =7-===~ 13" -8F Y-~ H¥ -

0

f f f T f f f
1888-01-01 1990-01-01 1992-01-01 1994-01-01 1998-01-01 1 258-01 -01 2000-01 -01
date

216. HEFNBEK 12 ™A

HEES

EE R E 2N R P A TR, AMUEE ETHESS, ST D A, @i, A
B — P DSBS IR, SR i B AR AR SR BB B 15 D

FX L, EEHERHERIEN (Bl FAREFE) | ERFEETN AR RER R, FXE
ZERE, HSMHE 141 vl TV N R PSR 3R,

55 15 & M K EER (NAFHD - 159
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916 B MR (HS)

“H MRS (SLRM) 9 T AR BORT S SR B, iR AR DA 5@ & T8 P AR A AR AT
IR, SXRBE R SRR (BT e e hul) FheE R .

ORGSR 2 B R A R AR REAS . b8 B AR A @ N &R P ILEC S IERYIR AT, TEARSRATE RSN
ONEE LS, TRBIEREE A B AR, AR DART AR A0 B 72 i R BE Rt I T P oz ) 22 P RS
fiE, FFARTEEE TR o 1 AR AN B S HIMER

AR pm_selflearn.str , Zii5 | FEHE X pm_customer_trainl.sav. pm_customer_train2.sav
1 pm_customer_train3.sav , JX‘beffFTfﬁﬁ IBM SPSS Modeler 72451 Demos SXHERAHERE], It H
AlIEIE WindowsIBM SPSS Modeler #2FH1E TiRl, X pm_selflearn.str i T streams SCHFRH,

RER-V €T

NFEVIIA IBER ARTE W TG a2 P S BOIRAT B2 ORI BRI L ) D SRR, X BB iE i i A Rl T il
AN [R]85 P i 7 23R ()N T e TR0 il R

£ Table (31 fields, 21,927 records)
\gd File |5 Edt ) Generats
Table H__Anno_tatigns_ 5
customer_id |campaign |response |re3ponse_date |purchase purchase_date |product_id |Rowid |
1 7 2 ] Frulls ] Frulls Frul® 1 o
2 13 2 ] Frullg ] Frullf Fruls 2
3 15 2 ] Frulls ] Frulls Frul® 3
4 16 2 I 2006-07-05 00:00:00 0 Frullf 183 TE1
=3 23 2 o Frulls ] Frulls Frul® 4
5] 24 2 ] Frullg ] Frullf Frulls 5
G 30 2 ] Frulls ] $rullh Frul® 3
g 30 3 ] Frullg ] Frullf Frulls 7
9 33 2 ] Frullh ] Frullh Fruld g
10 42 3 ] Frullg ] Frullf Frulls 9
11 42 2 ] Frullf ] Frllh Fruld 10
12 52 2 ] Frullg ] Frullf Frulls 11
13 a7 2 ] Frullf ] Frllh Fruld 12
14 63 2 I 2006-07-14 00:00:00 0 Frullf 183 1501
13 74 2 ] Frullf ] Frllh Fruld 13
16 74 3 ] Fnullf ] Fnulls Fnulld 14
17 73 2 ] Frullf ] Frllh Fruld 13
15 a2 2 ] Fnullf ] Frulls Fnulld 16
19 g9 3 ] Frullf ] Frllh Fruld 17
20 a9 2 ] Frulls ] Frulls Frul® 18 - |
[ —— B

217. LARTHR AT BN

*’JL”IL

ISINFEIA pm_customer_traind.sav [ “Statistics X" JETT AL, &SN TF IBM SPSS Modeler %224
$5F“ EI’J Demos X{ﬁFJEFP

]

pm_customer_traint s Filler Type Feclassify campaign

218. SLRM ¥Z35R
2. BIN—/MEFEH S, FERE campaign fENFERIVETENE,
3. IEFR URER TE B A,



4 1E By SCRIEHHI to_string (campaign) JEadilfisE,
Ed Filler

Fill i fields:

‘f Campaign

Replace:

Condition

Replace with:

to_string{campaign)

219. SHEHEDNFE
5. BRiI— R i, SRIEH customer_id, response_date, purchase_date, product_id. Rowid Fll

X_random FERIf A E NI,
2 Type

&
G e O]

Clear All Yalues

Clear Yalues

Field Measurement Walues Miz=ing Check Role
{} customer_id f Continuous [7,116993] Maone © Mone o
@ campaign &) Mamiral e e Mare @ Target
{} response 8 Flag 1m Maone @ Target
E response_date f Cortinuous [2006-04 ... Mare @ mone
{} purchase &7) Mominal o1 Mone b Inpust
E}j purchase_date ‘f Continuous [2006-04... Mone & Mone
<% product_idd & Continuous 183 ,421] Mone S Mone
3 Rowid & Continuous 11,19599] Mone & Mone
{} age ﬁ Continuous [10,38] Mone b Inpost
{_} age_youngest.. ‘f Continuous [0,68] Mone \ Inpt E

@ View current figlds  ©) Yiew unused fisld settings

220. By “HKE” HRigE

6. ¥ campaign 1 response FER A IR E N HIR, X7 B E A AT H I,
RN O B R I B 1% L b

7. M U, AR5 R o

HT campaign FEREWE TR I—RIET (1. 20 3H14) , FHATPAOSFEIEITER 72K LER
AR X HIPRE,

8. MRS AN — N B 0 2
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9. fEHEH I NF B, EEMETZE,
10. fEEH R FBIEH, &R campaign,
11. A KL 3% ; campaign FECK RIS JREA1E 51,
12, tEFHESIH, FERTP9ATH 5 DA RIESh A R
-k
AR
g
13. BREHIE,
£ Reclassify &

C]F= m]

Settings || Annotations:

ode: @ Single 8] Multiple

Reclassity into: (£ Mew field @) Existing field

Reclassify field:

ey field name:

Feclassifya

Reclassify values:

[ Original valus I New value _- @
1 Mortgage

2 Car loan

3 Savings @
4 Pension @

For unspecified values use: @ Original value © Default value undef

(o] (conce

221. WRHEDBIRHITER DK

14. %% SLRM BT bzl “SERas” T, £ “FE” &I+ E, ¥4 campaign 1 response 73 71/i%
BN B bR BORT E AR B B

516 B AEAIRN (%) 163



T ——

Target field:

@ Lze type node settings ©) Use custom settings

Inputs: |E|
X

Partition: | ["’E ]

Lze freguency figkd | IE]

Lo (0 o

222. FEE BN B AR

15. 78 “RE” EIRH “BRICRIRRIIE" A, KEFEN 2,
RETRN TR, RifE MRS & &SR AR,

16. WaffiErh T8 BB 5E0E, JFRdiBatT,
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£ campaign
paig

Iaximum numkber of predictions per record:

15 -

Level of randomization :

B

Set random seed:
Sort order:

® Descendingloffers with highest scare will be returnecd)

(@) Azcending(offers with lowest score will be returned)

Preferences for target fields:

" Value || Preference ||

Alveays include

Delete

E Take accourt of model reliability

223. SLRM iR E

M sERE

1. AT,
IR B

R IR R R R B IUR T AR G THE, DU PR BT (il TSR

ZR RN RS BARE RSN, WA I E RS ATRLIE 51 3R Fid e S R Rk
2. BHERATIER Y MR Z FEFTOM, WA B SR AR TR R A
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campaign

. ]; File @ Generate
. 4

(evie

! | [ |
bodel II..SQEHD%_J Sunmary | Apvtatons

——
Wiew: (Carl.. T ‘

b iE ;&Ssociaﬁon with Respo.., ™

Model Perfoermance
080 w
AVETRLE Association with Response
“ lower :
iy —— upper rim_score
white_collar_percentage
] T number_transactions
E non_worker _percentage
=
= ]
N 0a7 [<] months_currert_account
< I
= = 2
g L I N
% 2 miarital . . ;
BBt k-] ! ! i
E o income— RN
& = L 2
gencer—
O0BS i
call_center_contacts—
0B84 --------mmmmmmmmmmmmmm oo bad_payment]
: @
age_youngest_child
0.83 T T
0 10,000 20,000 30,000 purchase
5,000 15,000 25000 oo 01 02 03 04 05 06
Ho. of Training Data Cases Association

224. SLRM t&EIR
3. KR [,
4. fER TAEX |, #4616 pm_customer_traind.sav i) IBM SPSS Statistics U millr T %4,
5. USINFETA pm_customer_train2.sav [ “Statistics X" IR M. (GZ XA T IBM SPSS Modeler 2%
H3&H Demos Yﬁi%ﬁif) ; #J%ﬁ&%@ﬁ{)ﬁ”ﬁﬁ

7 "'\__ N
I: ) (st ..—‘ (. B\ / .Y P .
| J ) —p U e | oo —_— O
L ] y h 4 A b 4 "k,u

pm_customer_traini.s Filler Type Reclgssify ,'campaign
#
»

.'hl %
{ 3 -
\ / i 4
)’ ’
.

. -

pm_customer_train2.s..

r "\

w — B

:(.. ."'_ _E‘ L “ |
campaign Table

o

prm_customer_train3.s.

225, BE N EIERMIINE] SLRM 7R
6. £ SLRM 5 sy “BiAY” &R, RGNS B,
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9.
10.

£ campaign

%

| Figlds | Mode! | Settings | Annotations
Mocel name: @ Auto © Custom

|2| Use partitionsd data

Eﬂ ECorﬂinue training existing maodel

Taroet field values: @ Use all © specity

Moclel Aszessment

E'! Include model assessment

Set random zeed: area4T

Simulated sample size: 100

Mumber of iterations:

|2| Display model evalustion

-

226. HRERYIZRIRE

BB T A IR AR, AR HIRNEE, X EA AR,

SRRy SRR TR R A R A A R A PR S LA THEL

. URIIHEIE] pm_customer_train3.sav i “Statistics X" TR s %X T IBM SPSS Modeler 2%

H %[ Demos SCIFRA) |, FRREHEREENI IR o

R -8

3 —n — —» &h

pm_customer_traind .s.

pm_customer_tr

Filler Type Reclgssify ,"campaign
*

F

Fl
-
#*
.

w —
_ _ carmpaign Table

pm_customer_train3.s..

227. BE=1EIERMIINE] SLRM 7R

FATHIAAT AR QAR R HIEAE R, 1B G AR AR,
(5N - Ci R v iy S AT AR Sk G RGN R e 2 S R =

GRAEFR L, AN HAREREIR,, PENERRERSA TR (M 86.9% 2 85.4%) ; (HIXFMizhEER
/I, FFHATRETR AT A8 P RO SR ¥ E R
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Ed cam paign

|;,' File @ Generate

lMDddliS?ﬂm9§ﬁ£%HWﬂ§wjiﬁvamaﬂ9u$5

B Preview
gl R AR R

-2 —
Wiewe: (Carl.. T ‘

Model Performance

Ho. of Training Data Cases

T T T T
13,500 13,600 13,700 13,800 13,900 14,000

0.90-p=—
T average
T = lower
At == upper
.
0 BB e |
-
(]
(]
<
BB S e
%
= 2
E
th
0.84—":: """"""""""""""""
]
0.8

K|
¥ Wiewe | &ssocistion with Respo.,. ™

Association with Response
rfm_score

white_collar_percentage
number_transactions
non_worker _percentage
months_currert_account
miarital—] ! ) ] f

|
income—

gencer—

Predictors

call_center_contacts—

bad_payment]
age_youngest_child

purchase

0o 01

Association

02 03 04 05 0B

|

228. B¥EHI SLRM 1&EIIR

11 KRR RMTMEI A SRR R A — GE=1) B, RTEPITIZERT .
12. BN ERAEM, B ERE P oA FTREE SRR, DA S ERZERE, BT

IV ORENIES T E)SH

2

flan, FEERRMAVE 1T, DARTBIS IR SRRSO R P R RE SR AR TR SR IR BRI B LR A
H 13.2% (FoRN $SC-campaign-1 FIFFE) 0.132) . BRE, B _ATHHE=ATER 1 HIMMA I B BISIRE
CEIRREIE T FEMTIRIZRBIRR, ] DU B 2{BUD0 S C SR A H A 2 P R ARTE SR B A B B IR AN T AL = ik P
RIEEEN 95.7%, HHEZBARENEFEST 80%.
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Table (35 fields, 27 records)

| ¥_random | F3-campaign-1 | $3C-campaign-1

§5-campaign-2 | FSC-campaign-2

0132
0as7
0.as7
0132
0.805
013z
0132
013z
0132
013z
0132
013z
0.8s7
0164
0.8s7
0132
0132
0132
0289
0132

Mortgage
Pension

Pension

Mortgage
Savings

Mortgage
Mortgage
Mortgage
Mortgage
Mortgage
Iortgage
Mortgage
Iortgage
Pension

Pension

Mortgage
Iortgage
Mortgage
Penszion

Mortgage

0107
0.844
0.802
0107
0.284
0107
0107
0107
0107
0107
0107
0107
0.529
0132
0.868
0107
0107
0107
0132
0107

(G Fie S Edt ) Genersts
T ﬂ;l,i..

Table || Annotations

1 1 Penzion
2 1 Savings
3 1 Savings
4 3 Pension
5 1 Penzion
5] 3 Pension
i 2 Persion
g 3 Pension
a 1 Pension
10 1 Pension
11 2 Pension
12 2 Pension
13 2 Savings
14 2 Savings
15 2 Savings
16 2 Pension
17 3 Pension
15 3 Penzion
19 3 Savings
20 2 Penzion

E1]

229. #EEEH - FURNMNEEE

A 2% IBM SPSS Modeler H Al R IR B TR BRAV AR, 16215 IBM SPSS Modeler Algorithms Guide,

ZARREN T T EER Y, TR PDF SCfF,

FEER, XEAROGETINGEYE, EIPMAERIE R T S2hr N PR HAEER AR, FTRMER “nIX”

T AR AR IE % DU T IR AN SR UE

%16 = [MF R (H2%) 169
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off 17 55 WG iE R A (DUHIUi4E)

(EAI DL R02%, ] DO R 2FF 05 T RTIESE 5 SPri IRES SR R, i (R g
BB MR A A B T RE T

R bayes_bankloan.str (X1, 5|45 bankloan.sav FYBUE T, JXEESL{FRITE(L( 1BM
SPSS Modeler Z4£() Demos SC{Fferi#ksl, JEAT M Windows “FFi4” 322 1Ay IBM SPSS Modeler f2f#41
HHTIIA, X bayes_bankloan.str i T streams H3% R,

fan, REHEDRITHE TR CECERRIBER I, a0 RICATH GERHE L AT T LS 78 (2 el
REXECAGZIEGTK, AR AT DATIZEE “MRR” A% 8D UKl A AT IR A A o

ATRBI 3 EFR LG G R BRI 5 HELRITEE S E R, ISR T =D RN DL 4%
RRAURAY T CEIX AR 0 S R A T SR B 4
A FE D

1. 7£ Demos XM FEINFEIA bankloan.sav B “Statistics 2" BT 2,

{_,,-"' /\m‘% { ’/\\
@& @ @ A

TAN \Wﬁafnv /a‘rKDg—FS s Wﬁfykov Markov-F.
b - i * - = i -

@ -® -9 rw-w-© -

bankloan.say Type Select TAM Markoy Markow-F3 Filter Analysis

230. DI ERRLSHE A
2. KA NIRRT A, IR ERE BRI A I BbR. TR EAM R A A I E DN Input,
3. jﬁﬁiﬁﬁlfﬁﬁi@ﬂ PUHFEES,
J Type

s | Fomat Annottons
m = E - | 2 Read\faums__[__ Clgar Values I Clear All Values ]

Field | Measurement Values | Missing | Check | Role
<> age & Continuous [20,56] MNone S Input
{Ged i Ordinal 12345 Mone *w Input
3 employ & Continuous [0,33] None “w Input
{»address 4 Continuous [0,34] Mone *w Input
& income & Continuous [13.0,44... None “w Input
& debtinc & Continuous [0.1,41.3] Mone *w Input
> creddebt ¢ Continuous [0.01169... Mone ™ Input
¢ othdent & Continuous [0.04558... Mone *w Input
¥ default % Flag 110 Mone @) Target

@ View current fields View unused field settings

L8 'y

231, R BT

FERIN, HEPREASERN DRI R, AT DAHERRIX L ME AR L R PP AR e,
A, BT N — T o




5. AFREEL iEERE BFH
6. £ “&MF” HErh, #iA default = '$null$’,
'Ed Select &

fdade: © Incude @ Discard

defautt = "Frull§'

Condition:

(o) )

232. BER=NER

FH A AT DU 2 MU RIS DL 2, (R 4 i AT TR T R, DARF TR R (3 R 4 A 7
Mo H—NEAEABERUZY AN W7 (TAN) #=2Y,

7. K5 UL 287 e R N2 R
8. KT BT JEIR EREREIARR, EEEEE X, HAESCREFRA TAN,
9. M TEEHRA, iR TAN FF B il
EdTan

|

X

Miodel name: © auto @ Custom  [TAN

m Use partitioned data
E Build model for each split

To =elect fields manually, choose "Use custom settingz" on the Fields tab

Partitior: vE

Splits:

X |t

|:| Continue training existing model
Structure type: @ TaN ©) Markow Blankst

|:| Include festure selection preprocessing step

Parameter learning methoc:

) Maximum likelihood ) Bayes adjustment for small cell counts

(o0 ()

233. SN BANR DI HTiREY
A EOTR AR BA SRl R 245,
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10. R85 D UL 28 s AN B B L

11 0F BT JEIR EROREIARR, EERAE X, FHECRERRA DR X,

12, M TEEMER, TEIEEE SR el R R i

E Markov

.,

N
@@ |

(. .
Fice Mocel Expen anayze arvetstons.

Mociel name:

© auto @ Custom Markoy

@ Use partitioned data

B Buildd model for each split

-To select fields manually, choose "Uze custom settingz" on the Fislds takb-

Xt

D Continue training existing model

Structure type: @) TN @ Markov Blanket

|:| Inchude festure selection preprocessing step

Parameter learning methoc:

(8) Maximum likelihood Bayes adjustment for small cell counts

234. QIR GRAIRBERE

WOV = MU EA SRR E RN, FRBER TRHMEE RIS AR B AE AR

BRATHI A
13, RESE = UL P 48 7 s AR 29 o

14 0T “BAL” RIR_ ERBRIARR, EEEHEY, FHEXAETEMADRAEX FS,

15. M TEEHRM, iER R SR R
16. IR RHEIZEE PAE B BOF 8 O .
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£ Markov-Fs

@ |

hadel name: @ auto @ Custom  |Markov-FS

E Usze partitioned data

E Builed model for each split

To =zelect fields manually, chooze "Use custom settings" on the Fields tak
Partition: vE

Splits:

X\

|:| Continue training existing model
Structure type: @ TN @ Markov Blanket

E Include festure selection preprocessing step

Parameter learning method:

@ Maximum likelihood © Bayes adjustment for small cell counts

235, ERFIDERMNIER IR D /RA] R BERE

M EERE

1. BT AR JXEERUPCR RN A AR “BA” e, ZEEHFMAER, HN
it R HOE — AR,

BRI RO JERIR NN ERG, ERMUETRMEE, AR EAR S HRE SN R [
KER, PANATINALEZ FFKR,

A BRG] RE R P BB, RN AN & D AL B A B, AR AR R &%
R, EUER DT RERSBERE, DS R PRI A EA S,
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Other debtin thousands

14 File ) Generate & view @'
-"
e T
st setings summary Aoncanons
P YN
Bayesian Network Predictor Importance
Target: Previously defaulted
Type
@Fredictors
L Debtto income : : :
ratio (x100) i 3 i
Importance H i H
Years with current 0 i s
@10 employer 3 ! H
®oz ' | H
@06 Cred\tcard demm
Q0.4 Ands :| i i :
Qo2 i i ;
Other debtin ¥ ! ¥
Ooo thousands : : :
Household
income in ' i H
thousands H | .
Vears at current
address ' ; :
Age inyears
U T T T
00 02 04 06 08 10

debtincBing
| |

Least Important

View. |Predictorimportance ¥ ‘

View: |Basic el

Most Important

236. EEMY BN N HTRE
2.4 TAN B HGERE S Cy/RAT AR (LR A TEHE_EAYEHID .
3. R /R AT R RS /R AT K FS BARUER (AR E S WIEHE_EREHL
4. 3@ IERET X]” ?‘F_/I\E*F"ﬁ%u\ﬁ@’kﬁo

® ® O

\1‘/““””8
W - +w S A

hfarkoy Markow-FS

bankloan.say Type Select

& 237. SWFERABAIER
5. HEFmAL

6. fEAMI)FERFEF, ¥ $B-default.
AR FS,

7R
AI_J‘\

%17 = w6y

EIETE QA PG T RS DO IR VE, 15K s b S /R A R FS R
$B1-default #1 $B2-default 73 HIEH a4 TAN, E/RA]RFILIR

AR (DIHHZE) 175



r@ Filter S

Fields: 15 in, 0 filtered, 2 renamed, 15 out

| Filter Field
debtinc —_— debtinc i~
creddebt —_— creddebt
othdebt —_— othdebt
default —_— default
$B-default —_— TAN
$BP-default — BBP-default
$B1-default e Markov
B8P 1-default —_— B8P 1-default
3B2-default e Markov-FS
SBP2-default —_— BBP2-default i

@ View current fields View unused field seftings

(Lo ) (canen) (o) ()

\ 4

238. EMm AR FTREBN
SO TR T, AT DA — M 2R

7. RS EE T R INENE 98T S L, SRR R BT R A ERE BRI T E,
ZECER, MR A R T ARIEE R, (B2 Br/R Al R AR SRR il — £,

Evaluation of [TAN Markov Markov-FS] : Gains

| Graph -'éé;éaﬁaéé'.
.

— TAN
— Markov
— Markow-F5

Percentile
default=1

239. \TEIRE R
BB MEAUEHIRER, EATRESMER "o TRMAZR W B, FESR T AIE R
ANIERREI T 73 HAS AT ER I

8. Rt T R NENL IR ik, SR A 9 U I ERIAT R

5 VT B R, AR BT BR S /R a] RARE AR B A IR R 7T IR Gl — 2 (HE/RA]R FS AR
JE BRAPRBA LA E 0 o XA REMLEIRAE ] By/R ATk FS BRI RN T —28 KON ETHREE R
AU ASE /D, DRI E T BRI A AR [R] DA AC BRI ],
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p
[&)] Analysis of [default]

| File = Edit

[Km“ﬁnﬂﬁaﬁm

& coliapseall | | % Expand Ni]

EI--R_esuItsforoutputﬁelddefault

B Individual Models

Bl Comparing TAN with default

: | [Correct 565 80.71%
135 10.20%
700

542 77.43%

| 158] 2257%
Total 700
E--Comparing Markov-FS with default

i [Correct 542 77.43%
| Wrong 158 2357%
Total 700

E- Agreement between TAM Markov Markov-FS
| [Agree 603 86.14%
.| Disagree 97 13.86%
| | Total 700
E]--Comparing Agreement with default

! [Correct 505 8375%
.| Wrong 98 16.25%
Total 603

Lo

240. DITIEE R

2% IBM SPSS Modeler HHAf S 7 AN BUE BRI UERH, 1524 IBM SPSS Modeler Algorithms Guide,

AR N T 410 \Documentation H3&H,

SEER, XEAROGETINGEDE, PRGN T 5L0R N A PR H SRR, rTRMER “n X"

T AR AR T % DU T I AN SR E

5517 B TR E (UML) 177
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18 H A H EHNZAER (VUH-LS)

(EAI DL R02%, ] DO R 2FF 05 T RTIESE 5 SPri IRES SR R, i (R g
BB MR A A B T RE T

HRBIER 40 bayes_churn_retrain.str (R, IEiR5 40 telco_Jan.sav 1 telco_Feb.sav FIEHE S F,
X AT FEAT{] IBM SPSS Modeler 222514 Demos X8, FERT I Windows “FFUR” 328 LY
IBM SPSS Modeler f2F4Hi 17117, X bayes_churn_retrain.str i F streams H3 R,

fgn, MR EERS IR RO OTAR SN AR . (BERARR) o WRDRICRIE
fE A VERNIR LR 2 P B AT REAE SR TR, R 20X L% P AIREXIE M TR R s AL s At — 2 ATk R
EOREEmEE 75— RS TR,

ARG I E YRR LA R A AR BEE R PR ST, RERIX BRSNS, i
R BT I R

HMER

1. { Demos Xﬁ%’éqﬂ{*ﬁ[ﬁaﬁ telco_Jan.sav i “Statistics X" P5TT Mo
{ ﬂ'b 5 ’Q \\_
@-®-® -
telco_Jan.sav Filter Type Jan
\ | L= |- - /
.\_/2 ¥/ - \ & a> [ nif

T ;
telco_Jan.s Filter Type Jan-Feh
.

1 R

L]

1 1

fr" "\_{ ." "a\ y

B = >

telco_Feh.sav Apind

1

l

-u Man J@in-Feh]
1
L]
+
‘.-' m— ";\.I ;('_@_"—.:!

®-®-w-w-0-&

Filter Type Jan Jan-Feh Filter Analysis
241. MM HEEEF R
FERTH AT EPATE B R R R NG T L B T BN KR 2, X T Bl WBURSEHIEH, TiE
R AR DR R AR 73 I 2 i AL BRI
2. RPN AN — IS E T A

3. HERRER sihk . AEEY . WL B/ EEEE. k. M. SR EER . BRI
TRAH ST 7B

4. B,



L2 Fitter X
() B (][ =2m]

\ —I';

: |
Fiter | annotations |
T~ m Fields: 42 in, 31 filtered, 0 renamed, 11 out
Field Fitter Field

recion = region -
tenure — tenure
age —_— £
marital — marital
address T acdress
income 2 income
ed —_— el
emplay e employ
retire — retire
gender — gender ~]

@ view currert fields (@ Wiew unused field seftings

Cancel

242. L\EK”\EE@?E&
5. RIS PRI AN — I R
6. ﬂﬁ*’*””ﬂf—i#ﬁﬂiuﬁﬂﬁf%ﬂuiﬁﬁﬁﬁﬂ

7. T UEET TRATDAOPEER AR, FERRATRINEISIE v, FHREAORENH
o B,

Type =

(= ()

h = -2 r Clear values Clear Al Yalues
Field Measurement Values Mis=zing Check Rale:
e TTHETILEI w riEy (K] MU ™ I[:JUI. e
{} address f Cortinuous [0,55] Mane A" It
Ged @5 Mominal 12345 Mane N Input
{:} etnploy f Cortinuous [0,47] Mane A" It
3 retire % Flag 1.0/0.0 Mane M Input
{:} gender 6‘5 Mamiral 01 Mone \ It
{} reside 65 Mominal 12345 Mone N Irnporst
{:} custost &j Momiral 1,234 Mone \ Inpt
{} churn 8 Flag 10 Maone @ Target |

@ view current figlds  © View unused fisld seftings

& 243. EEFEBIRFER

1 AT AR 22 AN R P DL i 4% 5 (BAEASRBIRR,  RAL bR ™ R AN SR UUHHT (TAN) #3730
RIAEE T —DNRBIMLS, TR EA R 7 e BRI E A REFEREROCR, MIMTE—
SV G Ul

8. K¢ UL 2877 sl R AN S AU i

9. AT BRI JEWR_ERIRERIARE, EEEEE X, FECAREFRHEA Jan,
10. MFSEESITTIE, G WA TR VUGS

11. Bdiafs, BERPESINENR, FRNAMEHGE EAR B R,
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JJan

© auto @ custom

hodel name:

@ Use partitioned data

m Builed maodel for each split
-To zelect field=s manually, choose "ze custom settings" on the Fields tab

{mEy L
FArtmn

Srlita:

X\t

|:| Continue training existing model
Structure type: @ TaN © Markow Blanket

|:| Include festure selection preprocessing step

Parameter learning methoc:

©) Maximum lkelihood @ Bayes adjustment for small cell counts:

244, QIR BANR DI HTREY
12.
13.

®-0-9

telcn_.Jan.sV Filter

——

Type Jan-Feb

telco_Feh.zav

& 245. HINE B BEUE

1E Demos AT N4 telco_Feb.sav H “Statistics X" T B,
BT R TR T S RN P s (R NEHE b, R DU R — R S AER) .

14, 3T U289 i) R IR ERORERIAARR, TEEEEE X, FAESCARHEF A Jan-Feb,

15. %5 dezilgEnapiny
16. FHIBIT,

R S R A R, (HRINRZSINEG AR B IR,
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Fidlo Mol Expert Anayze Anoaions
hadel name: @ auto @ Custom  |Jan-Feb

@ Usze partitioned data

@ Builed maodel for each split

To =zelect fields manually, chooze "Use custom settings" on the Fields tak

Partition:

0
Split=: vl
x

E Continue training existing model
Structure type: @ Tan © Markov Blanket

D Include festure selection preprocessing step

Parameter learning method;

©) Maximum likelihaod @ Bayes adjustment for small cell counts

246. ERTIRIRE

hal-1oEY

FOMEBIHAT IR, AU N EHRE S 2 i,
1. TI— BN S telco_Jan.sav il telco_Feb.sav YR s EBbSINEN1Z T 55 L
R [ X}

[0 (]

Append 2 datagets

fatch fields by: © Position @ Name [ Match case

Preview of field matches and structure

;_____Ou_t.pu‘t Figld — | 1[telco_Jan.zavitelco_Jans... |2[telco_Feb.sav:telco_Feb..
{} regian {} region {} region
{} tenure {} tenure {} tenure I
{} age {} age {:} age

{} marital O marital {} marital

{} address {} addrezs {} addrezs

@ income @ income @ income

Q ed {} ed {} ed

{) employ {) employ {} employ S
A w . . k

Include fields from: @ Main datazet only @ Al datasets

D Tag records by including source dataset in fisld oot

Lox J canca Lo ][

247. BIME N EHETR
2. NFHIRYAR A S HDI IR SRR A, AR eI TR R TR X b,
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3. KRBT AL BTN BT AL 55 A3 o

_. — —@—Q-

) %) » (2

telco_Jan.sy Filter Type
w (>

telco_Feh.sav Append

i -a>
>
= >~ 9

Filter Type
E 248 FEHIRIT KA ENR A
PR DRI PR 2 AR B R L A A “REi” i R AR A
4. Wifi Jan BRBIER DURE S NIRE,  FF45 BRI & il A9 2R84 R
5. ¥ ELA 1Y Jan-Feb SR INE] Jan AAIEL,
6. 17T Jan AU,

1
1
for 2 l
! 1
1 1
1 1
Append 1 ]
L |
i : ;
- )
g e
! - 4 y
A, ARk, 4
Filter Type Jan Jan-Feh

249, FIREBFME R
M

DU 2 AR B BB SRR RS, AR EET RIS R, wEoR B ARG HOR B AL
FIRRAR, DA TS 2 KR,

AHRRE R RN B E SN, EFRORPHERIIN N I R AN B, ARt A REER S
R, CEES D ARENSABERE, PASTRIACT R ArEEE S,
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@- SeﬂmgsJ memnj

E[=Nlm]

Bayesian Network

ECHM - Windows Internet Explorer

Type

@ Fredictors
@Target

Importance

@04
@03
@02
Qo1
Qoo

Wi 2 1.

Predictor Importance

Target: Churn within last month

Months with service—{ H i

Level of education] .

Customer category—| '

‘Years with current empluvar*:I i
Gender|
‘Years at current address—|
Retired—|

Mumber of people in household—

Marital status—
Age in years| - £
0.0 0!2 0!4 0!6 0‘8 10
r I | | | | ] ] I
Least Important Most Important

“iew: Predictor Importance

250. BRTNEEBEZ R N HETMLSRE

BRRATE T RRISEAR, GRS R AN RS2 R DA R AR RIS R
TR DN ARAIGIR, XL P RBERE TR0 0 5% R AT AR A,
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Jan

i ‘ ]ﬁ File ) Generate J!iew

w

=

(Lox J (cance

Bayesian Network

Type

@ Predictors
@ Target

Importance

@04
@03
@02
Qo1
Qoo

iV FEEES

Conditional Probabilities of
Months with service

Parents Probabhility
Churn within last month <152 15.2~294 294~ 436

1 0.48 0.20 [

0 015 0.20 0.19

4 [
“iewr: |Conditional Probabilties ™

251. BREHHIEMN

M ER LS IR A

7. EEa AR OB TR, RIS RTANE] Jan-Feb fRALERL,

8. fEAMIF) FE% %], ¥ $B-churn #1 $B1-churn 23 BIE #4424 Jan #1 Jan-Feb,

4 Fitter

—
€3] 0= fm]

Fields: 15 in, O filtered, 2 renamed, 15 out

ethploy

retire

gender

reside

custcat

churn

FB-churn

FBEP-churn

[BB1-churn |
FEP1 -churn

Fitter |
—_— ey
—_— retire
— Gender
—_— reside
— jcustost
—_— churn
—_— Jan
—_— FEP-churn
—_— Jan-Feh
—_— FEP1-churn

Field

@ view current figlds (O View unused fisld settings

252. B RIREF R R R
FREE MBI ARG, BT A, X R AR IE RN ERR O 5 2 S

TR

9. % “MT TRTNE I8 A

10. FITF T R F R EIBAT,
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XA MERAE TN R SR I B R A

E] Analysis of [churn]

lad File = Edt

el
Analysis il' Annotations

& coliapse &1 | | S Expana 2 |

Bl Inclividual Models

E-Results for output field churn

E--Comparing Jan with churn
Correct 771 7%
229 229%
1,000
ith churn
i | Correct 765 7E5%
“{ Wrong 235 235%
Total 1,000
B Agreement hetween Jan Jan-Feb
. [Agree gez] 08.2%
- Disagree 118 11.8%
. | Total 1,000
E"Comparing Agresment with churn
| [Correct 70 a05%
“{ Wrong 172 19.5%
Total 52

253. DITIRE RS

HE AT DAGE A A oA 9, IR A — 0 i P AR R A T 0 VR
116 “PRET BB REIE] SR TR
FHE T H R IR B TR T R

ST AR, IZE R RS ARER AR B AR EE R (ER, DR N A R A B ) A
RITERN R B KPR BE R, i AR AT —LE,
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IZ] Evaluation of [Jan Jan-Feb] : Gains : u@}:ﬂ

lgFile [SEdt  §) cererste & view

-

——Jan
—Jan-Feb

Percentile

churn =1

254, VHEEEERYE

F 2% IBM SPSS Modeler H it F S 77 R OB R ERH, 1620 IBM SPSS Modeler Algorithms Guide,
AR T 22581 \Documentation H %,

HIEER, XEAROGETINGEDE, ZIFMERIER TR A PR SRR, rTRMER X"
TR AEER 7 I 5% DART AN S5 e
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919 31 FHEH (P& /C&RT)

R BIE B R B & P SR B N B R, (BURADN RN, ) EIHOREI, R HARET il
AR HE SN, 5 IEIURBIZRE, Bz R umRR, B, IR .

IHRBIE 440 goodsplot.str F1 goodslearn.str i, XL 51 44 GOODS1n #1 GOODS2n HI%HE L
o IXEE AT FE(TAM] IBM SPSS Modeler 22251 Demos H3xH$kE|, 1 HFA]IEIE WindowsIBM SPSS
Modeler F2RZHRE TR, 1t goodsplot.str TE streams X, i goodslearn.str XXHFTE streams H 5%
M,

EHIE

%iﬂ%’é&\ﬁ:
Fill, R
TR, EAfT,
RS, FPEMRS EFTEL S EEEL,
AREET, R Z AT
ERE. R ERIRA.

it goodsplot.str A —MHTERM P B REIEIE AR, WMNRANTE: (B Before F1 After ) FH#EXHER
FUR; HE, "TREMEREERANE KR OHMRERAE KR TS 256 HNEdE,

Promotions E]}

lgd Fle |5 Edt ) Generats

e =]
Tahle E!.'Annqtaﬁc_.nghl
Class |Cost |Pr0moti0n |Bef0re |Aﬂer |

1 Confection 23990 1457 114957 122762 e
2 Crink 79.280 1745 123375 137097
3 Lugury G1.990 1426 135246 141172
4 Confection 74180 1053 231350 244456
3 Confection 90,080 1963 235645 261940
(5] st 69.830 1486 1486885 156232
v Meat 1001 ... 1248 123760 125644
& Luicury 2010 1364 251072 2651354
a Lucaury 57.5320 1585 287045 310857
10 Crink 26.580 1833 240805 272863
1 Crink G5.230 1184 212406 227836
12 Meat 79520 1586 174022 181459
13 Confection (41.390 1161 270631 253159
14 Meat 36620 1151 231281 235722
15 st 44030 1452 178135 155854
16 Crink 54620 1623 247855 27503
17 Confection 51520 1989 145397 165395
15 Confection 90,050 1462 215102 225696
18 Lugoury a7.300 1842 245885 270052
20 Crink 11.020 1370 164954 176302

B

B 255. (R mEE NN

goodsplot.str & 5| FHIZEN TR, REEATOVHE KRB AR RTHIRN S 2 EORFRIKIZ(E,
HER— MR ERIRE,



Promotions
\a File | Edt ) Generate
B
Table i'lrza,nnqtgiig;nslj
Clazs |C031 |F‘romotion |Before |Af‘ter |Increase |
1 Confection 23.990 1467 114957 122762 6.7589 o
2 Crrink 79.280 1743 123378 137097 111149
3 Ly §1.990 1426 135246 141172 4352
4 Confection 74180 1098 231389 244456 5647
5 Confection 90.090 1968 239648 261940 11157
g Mlest £9.850 1436 148835 1396232 4933
7 e 1001, 1245 123760 128441 3782
g Luaury 21.010 1364 231072 268134 B.796
| LLaLary &7.320 1585 287043 310857 5296
10 Crrink 26,580 1833 240303 272863 1333
11 Crrink: E5.230 1194 212406 227836 7264
12 hlest 79.820 1596 174022 181439 4291
13 Confection 41.390 1181 270631 283189 4640
14 fleat 36.820 1151 231281 235722 1.920
15 e 44050 1482 178138 1859934 4376
16 Drink 54.620 1623 247885 278031 12161
17 Confection 51.820 1968 143397 163395 11441
18 Confection 90.030 1462 215102 228696 6.320
19 Luaury 7300 1342 246835 270032 9.396
20 Drink 11.020 1370 164954 176802 7163 |

256. [RHERBANEKE

SN, R — MG KRR E DT B DU B SRR KERBURE, 7 i D251 BUR A
R BBAE— I,

257

207

Increase

257. WA KEBHHE

BB R TR, A BRI A 2 A R LR MR R [, DR B2 W28 BLF AT A
& BRI TN A AT B B AU KR
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oS e | Class
E ' |@ confection
f @ Drink
15y e | @ Lunury
: 9 ®e . |{OMeat
g ? e ) ? QI
© . [ ] )
Elo_ _______________ [ !“ ___!__b_'____.w?._. _____ o_.i
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% o Cl 6o |
& CB) s : :
I
1,000 1,200 1,400 1_.500 1,800 2,000

Promotion

258 W KE5{EHEZEH

FIHMLLE
i goodslearn. str AFUISFMLE RSN, LUK KR TN.

Increase
£\ —r [ ma
GOODS1n Increase Cefine Types
'&m
Increase

259. 34371 goodslearn. str #H{TIEIE

PUTEALN SO A RSP, JERT DRI 2 SRR RIRCR,, ABe 77 iR R “8” S5 figr “or
M”19 IR AR AN 2% BRIBGEC R, B R (BdiE) Uk GOODS2n, %Fﬁkﬁ ST A

o AR SRH HEGE, RRARIZIRPTNATEE K85 A R Z RIEPER SR T, A UZIRE
FRARGON WIS KR AT R 2 it 5.0

=B RRR ] DINE T EIGRR G ERDT R RIREZR DS, ALl 2SI R TR &5 LR &

EI’JXT FEEPRIAE X DS, AIf#EH] SPSS Modeler PWHIEIRERIERE_ ERTEEHE, mAds ARHEREE,
R ER BN SRS, T2 e T A R PR O AT RE.
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o 20 E NI (Mg /C5.0)

ATRBES R AL O IRAE R PAR 5 IR AR U R R S S AT, Hrh A EidE a0 A AL B S 51

FEAE R EAZIN I &R EL T, BN OREZ S T ALY DU 77 A S B bR R 15 -
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'Jjjz%g‘o %%ﬁo

'?ﬂ%go %%;&o

BT O FRRIER, 1 RRBENEIRE,

EWIBATINEL, RGBT L,

R, EEEHTNE 0, RAMRNEXOVHIRAR (101, 202 8(303) ,

CEER, RN R F Y BRI RS, BN 0 (WNAURAAEIR) o (REXERHEME—RFALZR]
R G TRRHIREER, )

IHRBIE 40 condplot.str #1 condlearn.str FIR, IXEE 5| 448 CONDIn #1 COND2n IR SR, iX
LESCFRTTEAE{] IBM SPSS Modeler %451 Demos H &+ #kE!, It H R AIIEITE WindowsIBM SPSS Modeler
B TR, X condplot.str #1 condlearn.str v T H & streams R,

X TN R RS, B2 N A E B TR = A RIC R, JEIR—FHEE s TR A &Il 5%, W
TRFR:

I ) " ik JEE ] IER TR K& gk
]
1059 259 0 404 0
1059 259 0 404
51 1059 259 0 404 0 0
52 1059 259 0 404 0 0
53 1007 259 0 404 0 303
54 998 259 0 404 0 303
89 839 259 0 404 0 303
90 834 259 0 404 303 303
965 251 0 209 0 0
965 251 0 209 0 0
51 965 251 0 209 0 0
52 965 251 0 209 0 0
53 938 251 0 209 0 101
54 936 251 0 209 0 101
208 644 251 0 209 0 101

209 640 251 0 209 101 101



W, REBEAEZHE TR RS0 R E:
- R AR DA WL 8 1 T RE S AR SCIR SR B A 5%,
RERXEESE WREHFE) , & ELEN S HER R HRMEEES,
- (o P 5 SRBAR I ZRAN AT 22 N 45
- (ARSI E ML IR R S

EHIE

XA condplot.str Wi IR FRIVE —E 7. % XFHE

HR R BT a0 SRR B A [R5 471 £
B WARr R Z, R fE ] DADCHI RIR A A AR R R O, 83 AT AT LR G DU A A A X - AT
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irmey. Te ] :

Tirme v. Power

._?*:
/‘BEIECHEH
&) — @
CONDIR \smect:m

N

/’/_:; v. Termperature

Time v. Power

.y
/i

Select 303

Timev. Temperature
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260. Condplot 37
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101 Temperature 101 Power
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261. BEBTIEETS T (AR R

XEEEEIE RN 7 202 #5125 101 F1 303 $HIRX I RAVFFERIZ, 202 $HIR T RBEE I A HERS
TR BT B A A RS, mHARM NMERR B RIENE, H2, HTX72 1011 303 $#HRRHE
HIZEA SRR, XN DMEIREE SR T IR - SN DR NRE, {H 303 $5RE FP AR TS HE 0
AR,

WRAE_EIRETE, BUTHIR A 3R A28 (ORI AE R DUR I 3 17 FE AN S #5515 e K DX 1SR 5K
R SR e JE A2 s, SRIE N S RSt

PiEES
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Ry QW 1 @Y Ny a— . -+ 4= >

tgrle Kumber to_string Discard fields Discard Initial TempChange FPowerChange

& )
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+
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262. Condlearn i

B EERRR “IRE” TR TEURRT AR T AT,

- R iR EEE S CONDIN

- Derive Pressure Warnings, AB#IN E /T EREGHTIHEL YN EIREF] 0 NEE,

- Derive TemplInc, i/ @DIFF1 i+HEVEEHN 2R,

- Derive PowerInc, il @DIFF1 R IIRENAELR,

- Derive PowerFlux, JXZ— M5, R F—MOFEMAIR o080 77 28k (RNThZRAIE
BRAME) , NIHERNE,

- Derive PowerState, CiH 0 F20E , MACIRIM MESI IR NN, Y1k a0 BPRES. CY BN
] DX [F] P T 15 HER D 3R sh sk 2 & I BsF, A B ml AR KA.

- PowerChange, i A M EIX[EN PowerInc HIF-5H,

-TempChange, &0 A MNEIX AN TempInc FISEIE,

- Discard Initial (&) . EFFMNREFAIE —MNMAFE, PABRLE DI% fIRE 145 R K

CRIERRT) BRER,

-Discard fields, HIJRickFE:, HRY EH TIENE . KRS, GR. EOIRE . PowerState .
PowerChange 1 TempChange FE%.

‘Type, K&ERMAEE AR (EMMRNTFER) . b, BEERNMEIGIE XX BEIIRER
AT SUNESE, ¥ PowerState [T B AIE bR,

53]
1217 condlearn.str FEIFRATIZR C5.0 FUMAIZEM 2%, GRS T E— B ], (HA] PABERTH Tl 2R AR
AR EHEAE RN, ¥I5E)E, EHEeSE A AN SR IR, DAREREOIE TN
PRI — PDRIRMZEM LS, B— RN,
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263. AEEERIEE EIER
AT DU BRI B A iR, X AVFRMNIMNARSE, S HERER, ORI, s
Ro

L

BRSBTS S 1,
1 UPERTR, EHOE AT, DA SO R BRI, # ) C5.0 B,

2. B Hr Ty b N2 C5.0 AU,
3. YmiR R ABTRTT M DAEECZE cOND2n (i /AN CONDIn) , [KI2h COND2n 1 Bk it B,

D) —@ -0 —©-0-0

PowerFlux P oweyState

COMDTR Pressure Warnings Templne Powerine

®9-0-0-9-0-

TempChange PowerChange

Discard fields Discard Initial

er to_string

@ - @ W —Q

Cutcome Outcome Outcome Outcorme Analysis

264. 5“'Jiﬁé'}fiiﬂlléffﬂ’]ﬂé§

A ATIFoT T ROF R “IB1T7
IR AL B AT B BRZEIE IR P 268 R AL ) s P A B3R

%20 E ARSI (FEML$/C5.0) 197



198 IBM SPSS Modeler 18.2.2 I FfEF45r



o+ 21 5 BEE ) Gl

HIR TR — WHRE A 7 BB IC R T 2RI GEHEOR . RAEOR S EAERIAREL, HA 2R ERTE
& T HIET B

fgn, RIS EAER A RARIE AR 55 S R DU O R BT T, REIXEEE S N T A, iR
AN OGEH-LudiE nl T AL A B oA, IR A MR DO INEHE R P E R A

ATRBE IR 440 telco_custeat_discriminant.str, %5 | H4 A telco.sav FIEIE X, XL AR E(E

fa] IBM SPSS Modeler Z%&) Demos H3xH#kE], 1t H %A@ WindowsIBM SPSS Modeler F2/ 74T
], S telco_custcat _discriminant.str fF streams H3% R,

ARBI T EYFR A OSBRI RS, BB 20 BRI A RERIE, A By
NEFH, WHRFR:

fti bR

1 SRS

2 TR

3 LRSS

4 LB
ell FE

1 8%, REREYE, DMEER DR ERENERRE, E3RHhiER:
S > WE ... > %I > FHHL
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W7 telco_custcat_discriminant

clg

Options
Select a setting:
iGeneraI These are general settings that apply to the current stream. Click Save Az Defaul to use these seftings as the defautt
far all your streams.
DatedTime
Mumber formats Decimal symiol:
Optimization Grouping symbal:
Logging snd Status Encoding:
Layout Ruleset Evalustion:

Mazimum number of roves to show in Data Praview:

m Maximum members for nominal figlds

E Limit =et size for Kohonen and K-Means modeling
= Retresh source nodes on execution

E Dizplay figld and value labels in output

265. BN
3. {£ Demos LI ER G telco.sav I “Statistics A" B 2,

telco.say Type Cemographic . custeat
r

e

£
/cu;:atx FD-custeat

custeat \
—

13 Fields
266. ERAIBID R P HITDREFAR
a. PINAUT R BRI,  WhORFT A R SGIRE IEM. B, BAE 0 M 1 K2 E 5Bl AR

/Lo
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e [

i

Clear Walues Clear Al Values
~ Field lMeasurement Walles Miz=zing Check Rale
{} gencder &) Mominal o1 Maone N Input
{} reside y Continuous [1,8] More “w Input
{}tollfree 8 Flag 1m0 Mane b InpLt
{}equip 8 Flag 140 Mone N Input
{} callcared Flag 1m0
Default
{} wireless 8 Flag —— et
@ langrman f Continuo Select all Continuos
%tollrr_mn %Eonﬁnuo SalecERGne Categorical
@ view currert fields  ©) i Select Fields 4 Flag %
|.|i‘| Copry Ctri+C Morminal
[B) Paste Special... Ciriy Ordlinal

o

267. REZNFRENELRS!

o REKBEAROUE (Bl 0/1) K2 MFERrENE, E

FAHE S bR DTS IR EDN 7 Bt THE

SRIGTEAZAE Shift SR [F) 8 A FRUPR Bl SkpGE AT A S B ) 5B PR T AR B B e i AR PR 2 DA

B A R B TN B 4l s At
TR, M ST = AN B P ME RS

EHFE, MARIRE,

Pt DRR I BB LR B 48 o

b. % P 3P BRI COIRE N HbR, R HAth 7 B iy i BN Input,

e
- :
b g
Types lEormaiJI_ﬁnnotamn@

O : b Read Yalues Clear Yalues Clear &1 Values
Field Meazurement Walues Mizzing Check Raole

e AT ERIN i ray (=] e n III[.'JUI. Y
{{F}Ioglong f(:ontinuous [-0.10536... Maone h" Input
& logtol & Continuous [1.74914... Mone N Input
'@}Iogequi f&nﬁnuous [2.73436... Mone b Input
@Iogcard y(:ontinuous [1.01160... Mone N Input
@Iogwire f&nﬁnuous [2.70136... Tone N Input
& Ininc & Continuous [216722... Mone N Input
{:} cLstost &’3 Maminal 1234 Mone @ Target
{:} churn ‘5 Mominal 01 Mone “ Input b

@ view current fields  © View unused field settings

J concal

268. 1REFERAE

FNATREI T Z RN OGE, B AR I8 R POEBAR S 7B (HIX | 4RiRE |
JE A A0 22

k.
4he

WA BERE. 1Tk, B Ml

WKL .
A o HAhFEAT DAHERRTE M S3hT
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£ Demographic =]
s )it

P artstns |
E Fields: 42 in, 31 filtered, 0 renamed, 11 out
e Field — o Ewer | Fisld ]
region YT region ot
terure > tenure
age — e
marital e marital
address — address
income — income
ed — ed
employ — employ
retire — retire
gender —_— gender Ed

@ view current fields  © View unused field settings

Lo coeal

269. TEAORITFEL

(BAN, Ea] DRRIX e Z R BE N TE, T AEHERRIXLEFE,, s I B S A E
B )

4. TERIBINT A, B R ORI, AREIEERIEE,
(& i =

@ |

Model name: @ aute © custom

Use partitioned data

E Build model for each split

Methoo: | Stepwise =

(o) (B on ) conca) [epot ) oot |

270. EFIREIEI
5.1F LR Wk L, MERIRENER, A5padikEh.
6. £ “mgdmt” MIGHES, IERHLER, KREMPERIIL, K58 GE.
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ﬂ Discriminant: Advanced Qutput '

Statistics
Descriptives: Matrices:
] Mesns [] wiithin-groups cotrelstion
| D Univariate ANOWAS D Within-group covariance
. 7] Box's M ] Separate-groups covariance
Function Coetficients: [ Total covariance
[ Fizher's

D Unstandardized

Clazzsification
| [C] cazewise resuts Plots:
Lirit cases to first 10/ (8] Territarial map
(& Summary takle ] cCombined-groups
D Leave-one-out classification D Separate-groups
Stepuwvize

E Summary of Steps
D F for pairwise distances

| Ok | ['(;ancel] [ Help ]

271, &5 R

wERE
1. Bdna T DAOIERR, RN ISINE A EAR TEAY JEAIR . EERHIEMER, Pbit
AR
%ilﬁ%&” EIRERER CEERMAR) |, DAEHNBEERIIERRZEmMmA (NEETE) 4
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A custcat

}rﬂ File @ Generate

i Analysis
El-Fislds
E--Target
&) custoat
E--Inputs

&) region
ﬁ age
% miarital
‘f address
f income
ﬁ efmploy
&) retire
&) gender
ﬁ reside
H-Build Settings

B Training Surmmary

272. B RERFRNBAFERNREE

A IR TS RETEAIME R -
2. By T IR,
3. By RSN AR EAN” 2 (BHE BT EIRTR) DAESERT Web Y%
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RGBT BREIEP#ITHENIITEGR
ELHR 3R

Variables Not in the Analysis

Step : Tolerance Min. Tolerance F to Enter Wilks' Lambda

0 Age in years 1.000 | 1.000 7.521 478
Marital status - 1.000 1.000 3.500 .880
Years at current address - 1.000 1.000 B.433 975
Household income in thousands - 1.000 1.000 6.689 .980
Level of education - 1.000 1.000 61.454 844
Years with current employer - 1.000 1.000 16.976 851
Retired - 1.000 1.000 3.005 291
Gender - 1.000 1.000 a73 .888
Mumber of people in household - 1.000 1.000 3.976 088

1 Age in years - 980 980 6.125 .B28
Marital status - 899 898 3.803 B34
Years at current address - 983 983 B8.487 823
Household income in thousands - 989 989 6.022 829
Years with current employer - 953 953 14.933 Bo7
Retired - 892 892 1.432 .B40
Gender - 1.000 1.000 .358 .B43
Mumber of people in household - 1.000 1.000 3.967 B34

2 Age in years - 563 548 352 BO7
Marital status - 999 852 3.903 798
Years at current address - 798 T73 2.913 .B00
Household income in thousands - 689 664 634 .BO8
Retired - 827 B9 528 .BO8
Gender - 998 951 391 .BO7
Number of people in household - 979 934 4.841 796

3 Age in years - 535 535 252 795
Marital status - 605 593 1.507 792
Years at current address - 776 a7 3.514 787
Household income in thousands - 688 657 687 794
Retired - 917 B8O .353 795

Gender _ 997 931 395 795
273. REEEDTRNEE

WHREMNZRN, PHREITHNERE “RIEGH” ATHEUNEE, PHERNRER AR
wiNE R, EEMPERT, FEGEEMATREE G 3.84) MR F to Enter [HRI TN B HINE

e,
TG — MR RBIE 247 2 SMOZS RV F to Enter (S85/NT 3.84, RUBEATERI S P EL 2
i,
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Variables in the Analysis

Step Tolerance F to Remove Wilks' Lambda

1 Level of education 1.000 61.454

2 Level of education .953 59.108 .951
Years with current employer .953 14.933 .844

3 Level of education .951 60.046 .940
Years with current employer .934 15.824 .834
Number of people in household .979 4.841 .807

274. pHEENTEE

R ERTEEEF NP BRI ENSITER. 8% BZEEN S EPARGERE A ERNEMELE
AR o B o R, R ZE AR/ N AR & T DA AR LS BAR /D, I T sE S BOHE R,

F to Remove {EH B FHEIA M LB IR N T & (BXAEEMER) BEZERNEN, MAZENF
to Remove 5 LG IBH ) F to Enter #[F (-t “NEFEESTHTE” £) o
BEXPHENZESHA

DHFRTTE, BHEHRR, EEE, PRSI R SOEFEER, frlef rlgEide A BA 5L
PRSI AR &, QP RIS LU IR 0 B i S T 2 B P i, R 2 B i A P A B 22 3R T A
R, B2, WRFEZ NN RMEANENRLLE T, WIBTTBP R ARG E f R
Fre e AR ELT,

RERRINE

Eigenvalues

Function Eigenvalue % of Variance Cumulative % Canonical Correlation

1 .1982 80.2 80.2 407
2 .0482 19.4 99.6 214
3 .0012 4 100.0 .031

a. First 3 canonical discriminant functions were used in the analysis.
PA
275. %HE

JUPRTA BT g Re i 75 28R IR T R DA R R, =PRI EshilE, EBTHE=1RERHEER ],
A DA B R BT AN D& 2 1,

Wilks' Lambda

Test of Function(s) Wilks' Lambda Chi-square df Sig.

1 through 3 .796 227.345 9 .000
2 through 3 .953 47.486 4 .000
3 .999 .929 1 .335

276. Wilks' lambda

Wilks' lambda INFE{CA BTN EECZ A AR, X T8 — RIS, %A R 56 220 8| R BN 2 EAR <5
HIRIR, A28 3 DBk BAREEEERT 0.10, KIHIZREEOS BRI 5 3 CEH.
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£19%ERE

Structure Matrix

Function
1 2 3
Level of education .966" -.090 -.244
Years with current employer -.182 .964" -.193
Age in years® -162 508" -.285
Household income in thousands® .109 514 -.190
Years at current address® -151 .394" -214
Retired® -108 .230° -137
Gender® .008 .054" .009
Number of people in household 232 .097 .968"
Marital status® 132 134 600"

Pooled within-groups correlations between discriminating variables and standardized canonical discriminant functions

Variables ordered by absolute size of correlation within function.

*. Largest absolute correlation between each variable and any discriminant function

b. This variable not used in the analysis.

277. “5r5ERE

ERAFEZ D AR R, ARANEEH 2 SRRC DN B 5 I e B R R, R BRI
i, IXEEFRICES (%) IR RRHAE R RN

-HERESE N EEIHE R, e S R R R A — 2

- BRZ R TIMLRE FREEL Fl. ZERA (AT | BUEILE L REIRRAUMRIS 5 A4
BB MR, (B MR IR AR S5 R B A e M 58 T H A B, HA R BEROZ R EURIC Y “Fa
B

-%@ﬁ%iﬁnﬁﬁﬁWR’—?%Z/I\%J%UEliﬂlﬁ%ﬁ?é’li%%ﬁ, EZRBORTCHI RS, RIX 2 82 ) L e
AT A &
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XigE
Territorial Map
(Assuming all functions but the first two are zero)
Canonical Discriminant
Function 2
40 -830 -20 -10 .0 10 20 30

+ 34 +

[
X

@
o+
—

@
b
— = = =

324
3224 |
3224 |
* 3224 |
32 24 |

O+ + + + 333332 *24* + + +
3333333111112 24

33333331111111 * 12 24

3333333111111 12 24 |
3333333111111 1224 |
133333331111111 1224 |
S1.0+1111111 + + + + 1224 + +
124
| 14 |
| 14 |
| 14 |
| 14 |
20+ + + + + 14 + + +
| 14 |
| 14 |
| 14 |
| 14 |
| 14 |
-3.0+ + + + + +14  + + +
| 14 |
| 14 |
| 14 |
| 14 |
| 14 |
-4.0 + 14 +
+ + + + + +

40 -30 -20 -10 0 10 20 30
Symbols used in territorial map
Symbol Group Label

1 1 Basic service

2 2 E-service

3 3 Plus service

4 4 Total service

& Indicates a group centroid

278. XiEE
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SR B T AL IR 2 I R, S S aRERER SR, (BRI AR s AL 0% R
RBEIACHRRE, VB, SREACTa L, 5414 (RER% P WHMBEBX IR, JX
FTRIE 55— B RSB RSCIIE, IR 1RSSR P B o LG RS AL, 30
BRRC4E 1R 3 CHRAIRSS M HEIRSS AP XA TFR. SRS P TR DRI EAE A T AR
S, REKIER PR TP B A HEAS T, (AR & S ]
BT

H, , PRERE () WAL ST, R 5 AR

IR TR HIBIERAR, (ELE T4 = M ERAOE 6 S, IR BRI R (6 T IR BRI TR,

DRER

Classification Results?

Predicted Group Membership

Customer Plus
category Basic service E-service service Total service Total
Original  Count Basic service 125 1 61 69 266
E-service 49 15 58 95 217
Plus service 102 14 112 53 281
Total service 40 16 a7 143 236
% Basic service 47.0 4.1 229 259 100.0
E-service 226 6.9 26.7 43.8 100.0
Plus service 36.3 5.0 39.9 18.9 100.0
Total service 16.9 6.8 15.7 60.6 100.0

a. 39.5% of original grouped cases correctly classified.
279. PRER

FRYE Wilks' lambda #2536, AT DASSEIBEAY R FRINAE 1 EEAE sk, (HAFEEEB T 5 2R A e E Hom K
IRERE, N TFAErMEdE, “=7 B8 (BB &R a2 282G ER S
AR, K, SRR IERRE 2 281/1000 = 28.1%, AR IRIG 2 23122 11.4% Bl 39.5% I
o Rl ER 2ERS AP RNREILR. AW, BEN BIRS i 1o 280 RIS Mg
Ko PIRERR BT RIS 2R X XL

HE

CONE T —MHFIEA, ARSI PN OGEH415 B A 0 KB RE Y IR R He
—o MMEEMFEFEMIXIRE, REER AR A B TR PR R, &5, REREEER By
AR5 AP BT RN RIMRAE, FFEH—DUITORIAE 5 — DR, DAEE XL ATk,
EIZERTRESE RS IR R IR RROR, IXBURTEAR WA AE, B0, SRRt ByIRss AR %5l
FHAKD, BEAIZAERIA] R DA e TR, IXMIGE ORI RERZ, K5 H T IRSS 1R — R O IR S [0 i H 5 5 2
@gﬂﬁ%#%o%m,m%&ﬁmﬁ%ﬁﬁ%ﬁ?%ﬁﬁ%ﬁéﬁﬁ%ﬁp,Mﬁﬁﬂ%%ﬁﬁ%ﬁ%

H/Gho

SEER, RESROETINGREE, EIPMIZEANEH T HAMBERRIREE, ATDAER “ X" 1 @ s
3 sk AR IR $ i

IBM SPSS Modeler Algorithms Guide H%1|H 7%} IBM SPSS Modeler H i 21 EAS 77 12 B TR R Y 15
BHo SR 22520 \Documentation B SEHHRE,

521 & BEFF2E GBI 209
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o 22 5 P BTIX RPREMIR A8 E O X&)

M DX TR R R A 2 A7 B, RIRRIE R ST R RERAN T8, T SURIIE S A 2R A 45 7 A TR TR P
TUTRTRF Cox A6 7 FHY 1 i) [F] B3 PR S5 e B M2 S BN B Rl YA AR

MERFE (AR AT B B2 FR R AR 1L 507 2 R T IERIhR0  AIREE s BT
ulcer_recurrence.sav H, MWEIESE EE MM A EHoN L H)T CEMEHRRL BT DA Hl BN EE A ]
RV GRIEERTE N

HRBIE R A ulcer_genlin.str B3R, RS EFEEWE S ulcer_recurrence.sav . FHE RIS
AT Demos IR streams TR H,

BIER

1. £ Demos XA G IN—"MEIE] ulcer_recurrence.sav 1 “Statistics X" TR Ao

(B

E] — ET’L; Treatment-only

ulcer_recurrence.sav Field Reurde\ — e

Treatment-only precur Tahle

280. BT N7 E LI AR
2RI RRY “IdUE” IEIR b, I id RN Tl
.@.UICEI_TECUTTEHCE.Sﬂ\F ﬁ

FCLEQ_DEMOSUlCer _recurrence sav

Fields: 6 in, 2 fitered, O renamed, 4 out

Field Fitter Il Field
id M id :
age —_— E
duration —_— duration
trestment o treatment
time 23— time
result — resuft

@ view current figlds  © View unused field seftings

281. TEAREENFER
3 FEJRTI Y 2RI RIE L, B result FEXAIMAEIRE N Target, K HMEBRFIZE N Flag, 5%
1 FRRBHEER, BIE Hth TR AGILER Input,

4. P iEHUE A R

1 Collett, D. 2003. Modelling survival data in medical research, 2 ed. Boca Raton: Chapman & Hall/CRC.



() ulcer_recurrence.sav

Fied | Measwement | Vales | Mssng | Check | Role
{} age ﬁ Cartinuous [23,76] Morne b Input
{} duration {l Crddingl 152 Mone “ Input
{}treatment &J Mamirzl 01 More \ Input
{} result 8 Flag 140 Mone @ Target

@ wiew current fields  ©) Wiew unuzed field settings

282. REFRAR

5. TSN BEEHET RO TR E RSN TR L TRYT A AR PEOMER NI . MR AR B 7EAR Y i N P B
sty 7 = H B ZAE ] Collett HUSER,

£ Field Reor der

—
)| fu]

@) cuztom Crder ©) sutomatic: Sort

Type |Field |Storage | @

------------------- [ other fields |

il duration {) Irteger ?

&) trestment {) Irteger

& age 3 Integer +
+
3+

Clear Unused

Mate: Fields added dovwn stream of this node are not reardered.

@ =allCe L

283. WFENHTEIHF LS IR A\ SE R

6. % GenLin 1 sSBINZNET & 7F GenLin T sirh, BAd BT &I,

70588 BA RRED) ENERNSE R, HREFRRE AN RRFTEN S, EXEANE
ITESEUG T HAT AR, RECHIEMESL N AS B R E R BEE P48 B E s s on,  AexT
TFHALE RG], RIS P & 2R RN E PR,
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n result

| X]
B[]

@ suto © custom

hodel name:
@ Usze partitioned data

E Build model for each split
Model type: @ Main eftects only ©) Main etfects and all two-way interactions

Offzet:

@ variahle

Crifzet field:
© Fixed value

.
allie: 005

EBiaze categary for flag target:  |First (Lowest)

Include intercegpt in model

ﬂ

284, FEIFIERLEIN
8. M FR IR TR DURE T REBIET,
9. &R W E A, HAMEONEL MEIERR R EL,
10. JE#E BIfE 1 MG T RESER T, JHEFRHREHE 1.0,

11, IEFRPE N TR, X TR DTS — DGR HSH IG5, B DR SRR

S TR

55 22 B T IX AR A EUE (7 MR 213



tode: © Simple @ Expert

rTarget Field Distribution and Link Function

The distribution that you choose determines which link functions are available.

Distribution:  |Binomial vJ Farameters
Parameter for negstive binomial:
@ Specify value NalLE: 1.0 :
@ Estimats
.
Parameter for Tweedie: 150
FS
Link functian: [CDmpIemerﬂary. log-log = Porvar: 0.0

Method and teration settings are not available if Distribution = Mormal and Link
Function = Identity .
Farameter Estimation

ethon:

| Maximum Fisher scoring iterations:
Scale parameter method:  [Fixed value hd Walue:

Covariance matrix; @ Model-based estimator (©) Robust estimator

(1M [4[H]

Singularity tolerance:

Walle arder for categorical inputs: @ aszcending @ Descending © Use data order
=

285, FEHFET FIET

12, ITiR AR, BRHURE BRI ARG T4 B B R, EEBRAE
AMER, THAHE R IR g e Y

214 IBM SPSS Modeler 18.2.2 W FHFE 45



B WIRIE
Tests of Model Effects

Type Il
Source Wald Chi-Square df Sig.
(Intercept) 536 . 1 464 |
Age in years 358 1 550
Duration of disease .003 1 058
Treatment group .382 1 937

Dependent Variable: Result

Model: (Intercept), Age in years, Duration of disease, Treatment group

286. TN RBUBIIR BRI W 1030

BAAEAIBECR R AR G RSO N &1, (B2, (MR EIRIaTT BER B ZR B A IRRE L,
BEFATTRFAX DAY (E AR Il & — Ry (AR A,

MEaTiRE
1. 7E GenLin HAHY “FE IR L, Wb EE R,
2. b S5 1R EI R,
3. ST TEIE— I

55 22 B T IX AR AR (7 X&) 215



e e s s

O Use type node settings @ Use custom zettings

Target:

Imputs: &b treatment

T S
Splits:

[ Uze weidgkht field

Iﬂ Target field represents number of events occurring in a zet of trials

@ “ariakle
Trialz field:
@ Fixed valus

i
Mumber of trisls: 105

(Lo J(B rn){ cuea)

287. EEFEIRI
A4 3B T, FETITA AR,

AU |, ERRPOEI R, FRENF RS

SH(dit

B

Parameter Estimates

95% Wald Confidence Interval Hypothesis Test
Parameter B Std. Error Lower Upper Wald Chi-Square df Sig.
(Intercept) -1.442 5012 -2.425 -.460 8.282 1 .004
[Treatment group=1] .378 6288 -.855 1.610 .361 1 548
[Treatment group=0] 02
(Scale) 1b

Dependent Variable: Result

Model: (Intercept), Treatment group

a. Set to zero because this parameter is redundant.

b. Fixed at the displayed value.

288. (AT REB SR GIT

BTRCR (MANET K 2 R ZPE A & A2E 5, B [I6)Y =1] FIRED ARSI E ST RER,
TR RERG T AT A [1677 =0] rIRELL B [TATY =1] BIRCRAF, EINIGTT B RISHULITTRT A (41T,
HT S AT 12 D H NE R BRI, LRI R (B + I7730CR) 2 log(—log(1-P(recury, ) Y
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EiHE, HA Plrecuryy ) BiBT (t=ABB) 12 MHRIELMR, Al vBdase s M LINEDE L BIX
LEFRMAIHER

FE S R A RO
Edperive

[ ()

Derive as: Conditional

Mode: @) Single (9] Muttiple

Derive field:

|prec:ur

Derive az:  |Conditional ™

Field type: | 4 =Detaults VA

B 289. “IkE" TRIKEIEM
1 N TEALEE, BRE A S RAZ S RAEREIT I, NEB WA E MR, FIRER
AR A B35 AR BRI 3 E 75 5o
2,18 “RE” EIFH, A precur fEASHTE
3. IR E NS,
4, PRSI AT T If SAFRIA A ds,

55 22 B T IX AR A EUE (7 MR 217



E Expression Builder - Derive : If

d $G—result'|

General Functions Fields A
Function Return Type Field Storage

i=_integer(ITEM) Eoolean 8 result Integer ot

i=_real(ITEM) Eoolean ;[I duration Irtecer

i=_number(I TEM) Eoolean &’) treatment Integer

i=_string(ITEM) Eoolean f ane Irtecer

iz_clate(ITEM) Eoolean 8 FG-result Integer

i=_time(ITEM) Eoolean f FEP-result Real

iz_timestampITEM) Eoolean f FisP-0 Real

i=_clatetime(ITEM) Eoolean f FEP-1 Real

to_irteger(ITEM) Integer f FERP-resut Real =

is_integer(ITEM)
Returns & value of true if ITEM type is an integer. Otherwize, returns a value of falze.

E Check expression before saving

oK Cancel

290. “IKE” Tm: If REHNREARES
5. ¥ $G-result FEt4f AFRIE A,
6. HdHfE,
SHFE precur 1£ $G-result T 1 I F1 0 I BIE Then FIAR A Else AR AIME,

u Expression Builder - Derive : Then
LgEP=result '|
General Functions E| Fields 2

Function Return Type Field Storage

i=_integer( TEM) Eoolean 8 result Intecer —
i=_real(ITEM) Eoolean d:l duration Irtecer
i=_number (ITEM) EBoolean 6{5 treatment Intecer
i=_string (I TEM) Eoolean f ane Irtecer
i=_clate(ITEM) EBoolean 8 FG-result Intecer
i=_time(ITEM) Eoolean f FEP-result Real
iw_timestamp(ITERM) Boolean y FGP-0 Real
i=_clatetime(ITEM) Eoolean f FEP-1 Real
to_irteger(ITEM) Integer y FGRP-result Real =

is_integer(ITEM)
Returns & value of true if ITEM type is an integer. Otherwize, returns a value of falze.

E Check expressian hefore saving

 Cancel (oS creok ][ ten ]

291. “JRE” T Then RAXNMTANER
7. M EEHEHIATFT T Then RIARAIFRIE A E L,
8. ¥4 $GP-result FBHRARIE .,
9. HdiHfE,
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ﬁ E:f(pression Builder - Derive : Else m

1-'4GP-result '|

“I- | 3eneral Functions o
Function | Return 0 . . | Storage

i=_integer(ITEM) Eoolean Integer et

i=_real(ITEM) Eoolean L duration Irtecer

i=_number(I TEM) Eoolean = treatment Integer

i=_string (I TEM) Eoolean < ane Irtecer

iz_clate(ITEM) Eoolean 7 o Fis-result Integer

i=_timelITEM) Eoolean — FEP-result Real

iz _timestamplITEM) Boolean and | or FisP-0 Real

i=_clatetime(ITEM) Eoolean FEP-1 Real

to_integer(ITEM) Integer - f FERP-resut Real =

is_integer(ITEM)
Returns & value of true if ITEM type is an integer. Otherwize, returns a value of falze.

E Check expression before saving

292. “IKE” TR Else RERWITR AN
10. B EBSHIATITIT Else Tk FIA A S,
11 FERIZNFHIAN 1-, RIEH $GP-result TEHARARIA,
12. EHIE,
r precur ﬁ

[ [P0 ()

Derive as: Conditional

Settings nota

Mode: (@) Single © Muttiple

Derive figld:

|precur

Detive sz |Conditional ™
Fieldtype: | 4 =Defautts =

If:

|'$G-resun' | |

Ther:

|'$GP-resu|t' | |

Elze:

[1-$GP-resutt

Bl 293. “IKE" TRIREE
13, RTINS “IRAE" T ROFRATIT,

55 22 B T IX AR A EUE (7 AR 219



Table (10 fields. 43 records) #1

lgFile [SHEdt &) cenerate
—
Tahle EL-"’\U“C."E?“E I

e

result | duration |trea1merrt | age | FG-result | $GP-result $GP-0 $GP-1 |
1 1 2 1 4a 0 0703 0703 0292 -
2 0 1 1 730 0708 0705 0292
3 0 1 1 24 0 0703 0703 0292
4 0 2 1 55 0 0705 0708 0292
3 0 1 0 a6 0 =] n.7a9 021
& a 2 ] 49 0 0.789 0.789 0211
7 0 1 1 0 0703 0703 0292
& a 1 ] 41 0 0.789 0.789 0211
a i} 1 1 23 0 0703 0703 0292
10 1 1 1 37 0 0.703 0.703 0.292
11 0 1 1 3@ 0 0705 0705 0292
12 a 2 1 76 0 0.703 0.703 0.292
13 0 2 0 3| 0 0.7a9 n7s9 021
14 1 1 ] 2F 0 0.789 0.789 0211
15 1 1 1 47 0 0708 0708 0242
16 a 1 ] a4 0 0.789 0.789 0211
17 1 1 1 38 0 0708 0708 0242
18 1 2 1 27r 0 0.703 0.703 0.292
148 0 2 0 55 0 0.7sa 07sa 0211
20 1} 1 1 a0 0703 0703 0292 z
[ i ———————————— [¥]

294. ML=
XFECRENGT R A NEE, MER 12 DA NRIBERMRIMGTEN 0.211; N TOEENETHEB

B, SRMERIMGIHMES 0.292, EIE, 1-P(recuryy y) /2 12 MAMAFRER, 4170 H R ENE

BEAMNE R RHITEE

TG N7 S B A — N )RR B 2 T A S — A A I TR S R % BELERTSH NG R
E’J’Eﬁ AR AR SR TN, I Tlﬂ%%ﬁiz%g/z\ﬁl/\ﬂj‘l‘ﬂl‘ﬂ[rﬁ\]ﬁio X A

T BT EEIIE R GRS, AILATE ulcer_recurrence_recoded.sav HHRF|HEHESE, WX HEEH D
FWJ[I*E'.

* Period: 2R BIN N T8 —MeEEIE RS —MeE
“ Result by period: L4 ERBEEIEEFIHNZS ij)ufhhaﬁﬁo

XS, FDEEHEL RN AR HFT RS DN R RFRE A — D sefl, K, flan, &5 154t
TS, —MES AN, HADRIEEER, 5 MES RRERNA, s — R
IR, 57T, B 10 (GRAET AN, FOACAES —NENPICRERIIE R, 15 16, 28
M1 34 LR AIEBEF SIS, IR AR TR — 5,

1. £ Demos SLAFFFPERIT—NEIA] ulcer_recurrence_recoded.sav ) “Statistics X" JET mio

o~
w
P N

@
PN
p ’ result2 1'2_{: \
. —_— %N’ Period-Teeatrnent

I
ulcer_recurrence_rec..  Field Reurder\L _p  Fm—
Period-Treatment precur Tahle

295. BFFNHZE AR
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2. EIRTT R IEIR” AR b, duEE id, IR R,

4 ulcer_recurrence_recoded.sav

Fields: & in, 3 filtered, 0 renamed, 5 out

[ Field - | Fiter I Field
icl » icd :
age —_— age

durstion e durstion

trestment —_— trestmert

time > time

result 2 resuft

period —_— period

resutt2 —_— resultt2

@ wiew current fields (@) Wiew unuzed field settings

296. TEAFENFTER
3 TEIRTT A R GRWIR B, K result2 FEAIAGIREDN Target, KHIMEIHIZEN Flag, KA
AHAMF BRI A TIREN Input,
O ulcer_recurrence_tecodedsav.

| Field | Messurement | Vales | Missig | Check | FRole
{} ane ﬁ Continuous [2376] | More “ Input
{} duration {l Ordiral 12 | Mane “w InpLt
{}treatment &) Marmirial a1 | More “ Input
{} period il Ordinal 12 | Mane “w InpLt
{}resulﬂ 8 Flag | Maone @ Target

@ wiew current fields @) Wiew unuzed field settings

297. 1REFRA®
A, BN BRI ROHEE W RREANR TR A0 AR MR AN, R R RS — MR
CR AR AR BRI (EIERERS LS 5e BE MY R 188 B 2 AR AR R AR

55 22 B T IX AR A EEE (7 X&) 221



G2 Field Reorder (%]

Reorser | eectaors.

@ Cusztom Crder © Automatic: Sort
Type |Field |Storage | e
------------------- [ other fislds | —
| period 3 Integer | T
{I duration anteger —
&) treatment {} Integer o
f age Olnteger fhs
=3

: Clear Unused

Mate: Fields added dowwn stream of this node are not reardered.

298. W FEHITENHF LS EIRTHRm A\ ZIEE

Model name: @ autn © Custom

E Use partitioned data

@ Build model for each split

Maodel type: @ Main effects only ©) Main effects and all two-weay interactions

Offzet:

@) variahle

Offset fiek: ]

@ Fixed value

s
Yalue: 00 5

Base category for flag target: |First (Lowest)

Iﬂ Include irtercept in model

299, FIFIEAEIN

6. 1 A (BARME) (FNERIIZSE I, HRERRE DB RIERN R, ENBRRR
M FE S T AR TR R

7. BUHI%#E Include intercept in model,
8. i BR IR TR DURE T REBIET,
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9.
10.

11, JEFERPE N R FRZEAIE . IXFERE DTS — DGR S E IG5, BRI ORI

12.

L‘z}\!nalzz_e ” &nngj_,atiﬂﬂg*l

result '“
=

Mode: © Simple @ Expert
Target Field Distribution and Link Function

The distribution that you choose determines which link functions are available.

Distribution:  |Binomial = | Parameters

Link function: |Somplamentary 105-10g =

Method and teration settings are not available if Distribution = Mormal and Link
Function = Identity .
rParameter Estimation

Scale parameter method: |Fixed vallie h o | Walug:

Covariance matrix; @ Model-based estimator Robust estimatar

Singularity tolerance: AE-007

Walle arder for categorical inputs: azcending @ Descending © Use data order

[ ok [ R [ Cancel]

Methock Hyhrid ol Maximum Fisher scoring iterations:

(1M [4[H]

300. FEHEEFEM
W I E N AR, HAMEMEY ME R E R R,
EFE Sl Ve ST RESEN %, HREREE(E 1.0,

HZ B TR

N— g

BT AR, MARTIHCRE AN B LA XA T B AR “BR” e ffrh, EEERRE

AMEE, 1EA AR PO e s Y

55 22 B T IX AR A A EUE (7 MR 223



RE MRS

Tests of Model Effects

Type Il
Source Wald Chi-Square df Sig.
Period 464 1 496
Age in years 314 1 275
Duration of disease .000 1 .988
Treatment group A17 1 q32

Dependent Variable: Result by period

Model: Period, Age in years, Duration of disease, Treatment group
301. TR NARERIIE R T 103

A EMEEACR BRI RSN BER); (B2, (TR RGeS T 8eR L ZE R AR IRKER
S, IR SO X AR AR T — e (AR,

SRR

1. 1€ GenLin T RRY “FBC IR E, S AE SORE,
2. 4% 45 2 fE N EAR.
3. &£ JA A IR YR
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Fields

@ Use type node settings

@ Use custom settings

Target | @ fesult2
Inpuits: ol period
& trestment
L P
Splits:

Use weight field |

Target field represents number of events occurring in a set of trialz
@ variable

Trialz field: |

@ Fixed value

i 10 =
Mumber of trials: -

302. EFEFERIFEIN
4.

S (it

BT RO AE ARERRRY, SRR A AR RPN AR, BREINRT w5 AT,

Parameter Estimates

95% Wald Confidence Interval Hypothesis Test
Parameter B Std. Error Lower Upper Wald Chi-Square df Sig.
[Period=2] -1.794 5792 -2.929 -.659 9.597 1 .002
[Period=1] -2.206 5912 -3.365 -1.047 13.926 1 .000
[Treatment group=1] 195 8279 -1.035 1.426 .097 1 .756
[Treatment group=0] 0
(Scale) 1B

Dependent Variable: Result by period

Model: Period, Treatment group

a. Set to zero because this parameter is redundant.

b. Fixed at the displayed value.

303. (BT REB S ARG

55 22 B AT IX AU R A EUE (7 PR
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BTRCRIAR BRI RN BERK), TR {XEeftHHiasT A alRELL B RCREY, EINIET B RIS EULITTS
A 12 NH NER ISR, AEEAES R X N RE-AN 0, (HIXZR VBRI A P& 1%
W JAMIRCER (A =1] 70 R =2] MEZMEmNE B IEZ W ER) NEFSAHE X TRER, X—mA]
DIAERRG N g B 2, LM (RIIIRCR + 177 RCR) 2 log(-log(1-P(recur, ) BIMEIHE, H
o P(recur, o) BIELAERTT (t=A2B) WEAM (p=182, Xxe6 MHM12MH) NERIMER, 7
BRI A BSOX 2L TN RS

Fulll & £ EZRHEE
m Deriv&? \

Derive as: Conditional

; |
Settings .-An.nmﬂfﬂf,g]

Mode: @) Single (9] Muttiple

Derive field:

|prec:ur

Derive az:  |(Conditional ™

Field type: | 4 =Detaults "

B 304. “kE" TRIKEE
1 N TEALEE, BREADS S SRR S RAEREIT I, NEB MM E MR, FIRER
AR R A B35 AR BRI 3 E 75 5o
2. 18 “WE" EWFH, #A precur fENFHTE,
3. IR E NS,
4, P RS AT T If SRR ds,
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E Expression Builder - precur : If

'gG-resultl 'I

General Functions Fields A
Function Return Field Storage

i=_integer(ITEM) Eoolean result2 Integer ot

i=_real(ITEM) Eoolean perioc Irtecer

i=_number( TEM) Eoolean duration Integer

i=_string (I TEM) Eoolean treatment Irtecer

iz_clate(ITEM) Eoolean y age Integer

i=_timelITEM) Eoolean [El FG-result? Irtecer

iz_timestampITEM) Eoolean f FGP-resut2 Real

i=_clatetime(ITEM) Eoolean f FEP-0 Real

to_integer(ITEM) Integer = ‘yj\ FisP-1 Real =

is_integer(ITEM)
Returns & value of true if ITEM type is an integer. Otherwize, returns a value of falze.

@ Check expression before saving

305, “RE” TR If FHHNRAESS
5. % $G-result2 FEARAFRIEA A,
6. HdHfE,
SHFE precur 1£ $G-result2 FF 1 B F1 0 B4 HIEX Then FIAUAT Else FRIAXAHE,

Expression Builder - precur : Then
'5GP-resulre]
General Functions 2l |';E| Fields b
Function Return Type Field Storage
i=_integer(I TERM) Eoolean 8 result2 Intecer =
i=_real(ITEM) Eoolean d:l perioc Irtecer
i=_number (ITEM) EBoolean Fl[I duration Intecer
i=_string (I TEM) Eoolean &) treatment Irtecer
i=_clate(ITEM) EBoolean y age Intecer
i=_time(ITEM) Eoolean 8 FE-resut? Irtecer
iz_timestamp ITEM) EBoolean y BGP-resutt2 Real
i=_clatetime(ITEM) Eoolean f FEP-0 Real
to_irteger(ITEM) Integer y FGPA Real -
.

is_integer(ITEM)
Returns & value of true if ITEM type is an integer. Otherwize, returns a value of falze.

@ Check expressian hefore saving

306. “JRE” Tm: Then RAXMFAN R
7. M EEHEHIATFT T Then RIARAIFRIE A E L,
8. ¥ $GP-result2 FEHH NFRIE A,
9. HdifiE.
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Expression Builder - precur : Else
1-'4GE-resultz'|
General Functions s |'_?'5éIFields b
Function | Return Trpe | Field | Storage
i=_integer(ITEM) Eoolean 8 result2 Integer ot
i=_real(ITEM) Eoolean ;[I perioc Irtecer
i=_number( TEM) Eoolean {I duration Integer
i=_string (I TEM) Eoolean &) treatment Irtecer
iz_clate(ITEM) Eoolean y age Integer
i=_timelITEM) Eoolean . 8 FG-resut? Irtecer
iz_timestampITEM) Boolean and § or f BGP-resutt2 Real
i=_clatetime(ITEM) Eoolean f FEP-0 Real
to_integer(ITEM) Integer = f FisP-1 Real =
— .

is_integer(ITEM)
Returns & value of true if ITEM type is an integer. Otherwize, returns a value of falze.

@ Check expression before saving

307. “IKE” TR Else RERNFRAN R
10. PR EHZHIATITIT Else FXARIA AR,
11 FERIKAP A 1-, RIER $GP-result2 ¥ Bfli AFRIXT,

12. e,
precur

(—r)
_’.
&

el

Mode: (@) Single © Muttiple

Derive figld:

|precur

Derive as:  |(Conditional ™
Figldtype: | 4 <Defautt= | =

If:

|'$G-resun2' |

Ther:

|'$GP-resuIt2' |

Elze:

|1 SHGPresult? |

e[

Bl 308 “IKE" TRIREIEM
13, KR RMNE] “JRAE" T RGFRATIT,
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& Table (11 fields. 78 records) #3 (=] >
lgh File | = Edt ¢ Generate 4 iy
— B =
Tahle é!l'.i\nnqtatigns“;
resut? |period |duraﬂon |treatment |age |$G-resun2 FGP-resut2 FGP-0 |$GP-1
1 0 1 2 1 48 0 0875 0875 0125 -
2 1 P 1 48 0 0817 0817 0.183
3 0 1 1 1 73 0 0875 0875 0125
4 0 2 1 73 [0 0817 0817 0.183
5 a 1 1 1 540 0,875 0875 0125
B 0 2 1 54 0 0817 0817 0183
7 a 1 2 1 58 0 0,875 0875 0125
B 0 2 2 1 58 0 0817 0817 0183
g a . 1 0 55 0 0,596 0,596 0.104
10 0 2 0 550 0.847 0.847 0153
11 0 1 2 0 43 0 0,596 0,596 0.104
12 0 2 2 0 43 [0 0.847 0.847 0153
13 0 . 1 1 71 o 0.875 0875 0125
14 0 2 1 710 0817 0817 0183
15 0 . 1 0 41 0 0.896 0.896 0.104
16 0 2 0 410 0.847 0.847 0153
17 0 . 1 1 2 0 0.875 0875 0125
16 a 2 1 2 0 0817 0817 0183
19 1 1 1 1 7 0 0875 0875 04125
20 0 1 1 1 @ 0 0,875 0875 0125 =
T ———, [*]

309. TR

& 3. ERMGITHEE

HELag 6 ™H 124 H
A 0.104 0.153
B 0.125 0.183

IRIEE AL TR, 12 D HNBIETHAETEE 1-(P(recury y) + P(recury, 9 x(1-P(recury y)); F, T
(STUNEVIGE =+

A: 1--(0.104 +0.153*0.896) = 0.759
B: 1-—-(0.125+0.183*0.875) = 0.715
H U mnt A (RN BRI G T ASRGEH RSO 2,

HEE S

) MRS, B8 — RY EANE X E AT BRLE T X R AR R R, BN TIEIRIT A
TR RIS, HERFSRTE T EENEREFEHRENNR, N, HRIERNEECE L&
HAth 757

AEASF A R AR SRS 2 TN, JUHUZ JETHA A T8I T4 Z R BRI,
IBM SPSS Modeler Algorithms Guide H%1|H 7 %f IBM SPSS Modeler A Ffr{s I A AR 75 TR B2 TR BRI
Ao

EESCL
PR R A S A T
TS TR R TR SR U A B B R
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- SRR SRR AR A AT DA X B S AL 7 BN/ B R R R A 21 (R A R R A A ,

HEFIEY

ICE RNV e PIRNE S i v ULV Z RS

Cameron, A. C., and P. K. Trivedi. 1998. Regression Analysis of Count Data. Cambridge: Cambridge
University Press. Dobson, A. J. 2002, 2005. An Introduction to Generalized Linear Models, 2 ed. Boca
Raton, FL: Chapman & Hall/CRC. Hardin, J. W., and J. M. Hilbe. 2003. Generalized Linear Models and
Extension. Station, TX: Stata Press. McCullagh, P., and J. A. Nelder. 1989. Generalized Linear Models, 2nd
ed. London: Chapman & Hall.
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o 23 T EHRRIYR e R ahg O SCERTER

w)

(I SN AT DU S TEARIE] S DUSERS T BRI T 04, BN, et 7y IR ot i B EE 2 5
AR BEAE AIRE 2, AR PINAZ RAE, (FrPR SO IR DAARR LR, T HEE R

R ] AR Bh At e AR R B 8 2 4500

ARG R ships_genlin.str, %35 | 7 EHE S ships.save BAE X HFNR X5 BN T Demos Lk

1 streams F -3 H,

AT LR RS A BB R AR L, (Rl FERXAPE DL T O A T T RO S A AL R
R R PR (A RS E ) R PERUR P R S AR LB, JEAh, EAAT T B R AR AT 7

WA RO M, Rlt, ZRE) LA AAAR TS B AR

aggregate months of service,

IS "SESEE HREYT

IEFEAEH Logarithm of

1. £ Demos XX HFRHEINTEA] ships.sav [
()

/zspersed Poisso..
‘.f"_”“\ 2N
& =y
ships.sav Standard Foisson
o

(2]

Som—

Megative Binomial
310. BF ORI RFAR

2. TETRTT My IR R B, HERRTBE months_service, %
log_months_service H, XU E ﬁ*ﬁ*@ﬁﬁo

O ships.sav

@

"~ 3CLEC_DEMOSiships sav

Figlds: 6in, 1 fitered, 0 renamed, 5 out

“Statistics X"

Fitter Fielcl
type — type
construction e construction
operation e operation
morths_service > marths_service
log_months_service e log_thanths_service
damage_incidents — damage_incidents
@ View current fislds @ View unused field settings

311. TEAFENFE
(B, tRTDAYE “IRAY7 @& RixFERAA GBSO AN ZHIBRIXFER, SRS S

AR TE. )

TR o

LR B E R ST

2 McCullagh, P., and J. A. Nelder. 1989. Generalized Linear Models, 2nd ed. London: Chapman & Hall.



3. LETR T SR RENE TR, % damage_incidents FEXI M TR EN Target, KA HMFEM M E@i%
BN Input,

4. PR TRIUE DASE L B

Oshipssav.

®¢

FCLEC_DEMOS/ships sav

| e | essurement | vales | _ Role

Chype &5 Mol | 12345 More ™ Input
<% construction | 7 Ordinal Bl 65,70,75 Mone ™ Input
< operation |l Ordinal | Bogs More ™ Input
& Ing_months.. ¢ Continuous [3.508862... Mo |© none
¥ damane_inc... ¢ Continuous [058] Mone ©) Target

@ View current fislds  © View unussd field settings

e

312. REFERAG
5. % GenLin " sabHINENRT 5, #F GenLin T irp, Bad: B ET,
6. %% log_months_service E WIS &,
'k Over dispersed Poisson B

| @0

Model name: @ suto @ custom |Overdispersed Poizzon

[ Use partitioned data

@ Build model for each split

Model type: @ Main effects only ©) Main effects and all two-way Interactions

Crifzet.

® variable

Oftzet field:

© Fixed value

&
Walue: 0%

Basze category for flag target

Include intercept in model

313, iEEFERE
7. B TR IRTRIFIER TR DAIE & R EEIET,
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@] Overdispersed Poisson

o o

o

Fields | Model | Expert | anslyze | annotations
Moce: © Simple @Exper‘t
Target Field Distrioution and Link Function

The distribution that you choose determines which link functions are available.

Distribution: | paiszan - i Parameters
@ “
-
()
-
-
Link function: |Log x) 30 [
Method and teration seftings are not availakle if Distribution = Mormal and Link
Function = Icdentity.
Parameter Estimation
| i - | . - [=]
Methack: |Hylaridl | Maximum Fisher scoring iterations: 1
Scale parameter methoc |Pearson Chi-square xo =
Covariance matrix: @ Model-based estimator ©) Robust estimator
[ =
Singularity tolerance: '1 E-0M2 ™ |

Walue order for categorical inputs: © ascending @ Descending © Use data arder

e

314. FEFERIED

8. EEHIORATE N R A0, IR B E 9 R BRI £

9. 1%$¥ Pearson R E NI RESEMTTE, RIESELEIRRARAFEFEFRIZA 1, {H McCullagh #1
Nelder #1H Pearson & 75t RIIG ERSF I 77 Z A5 THER B ZEPEKE,

10. EEERRFE NI T RIZEAINF . XTERENATFRE N R S5, SR 0% R RN
S EUL HHEFRE,

11. BEiafT AGI AR AR SN 2R TAEX AL T4 ARy “BR” EfRb, EEEHEA
FAER, ARSI BRI EmEaNYE, A5 RguETF,

MESESIT

“alue df alueidf
Deviance 38695 25 1.545
Scaled Deviance 22883 25
Pearzon Chi-Square 42275 25 1.691
Scaled Pearson Chi-Souare 25.000 25
Log Likelihood 3 -65.281
Akaike's Information
Criterion (&IC) 154,562
Finits Sample Corrected AIC
(RICE) 162.062
Bayesian Information
Criterion (BIC) 168,299
Congistent AIC (CAIC) 177.299

Dependent Variable: Number of damage incidents
Model: (Intercept), type, construction, operation, offset = log_months_
service

A The full log likelihood function is displayed and used in
computing information criteria.

b Informstion criteria are in small-is-better form

315 WEESIT

A EG AR T T B R R A AR &, 1A, (mZER Pearson K774t &Y Value/df (A4
TR RESEEMN AT, TEAREI AP EIZEENIZEIT 1.0; XEERT 1.0 BIHESRIIE &2 R
BRI VR SRR,
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Omnibus 1£1&

Omnibus Test?

Likelihood Ratio Chi-Square df Sig.

63.650 8 .000

Dependent Variable: Number of damage incidents
Model: (Intercept), Year of construction, Period of operation, Ship type, offset = Logarithm of aggregate months of service

a. Compares the fitted model against the intercept-only model.
316. Omnibus 1%

Omnibus K2 AT SE (DRPOyERD) BARRCUREE RS, /T 0.05 Y EE AR 4T
AP RE 2 e T R AR PERE,

REM G TS

Tests of Model Effects

Type IlI
Source Wald Chi-Square df Sig.
(Intercept) 2138.657 1 .000
Year of construction 17.242 3 .001
Period of operation 6.249 1 .012
Ship type 15.415 4 .004

Dependent Variable: Number of damage incidents
Model: (Intercept), Year of construction, Period of operation, Ship type, offset = Logarithm of aggregate months of service

317. {ERM A IS

KR R — DU S BA RN, EVEE/NT 0.05 FYIEA —& Al PHAIRN &> 1R IR AR
ATk,
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S kit

Parameter Estimates

95% Wald Confidence Interval Hypothesis Test

Parameter B Std. Error Lower Upper Wald Chi-Square df Sig.
(Intercept) -6.406 .2828 -6.960 -5.852 513.238 1 .000
[Year of construction=75] 453 .3032 =141 1.048 2.236 1 135
[Year of construction=70] .818 2208 .386 1.251 13.743 1 .000
[Year of construction=65] .697 1946 .316 1.079 12.835 1 .000
[Year of construction=60] 02

[Period of operation=75] .384 .1538 .083 .686 6.249 1 .012
[Period of operation=60] 02

[Ship type=5] 326 .3067 -.276 927 1.127 1 288
[Ship type=4] -.076 3779 -817 665 .040 1 841
[Ship type=3] -.687 4279 -1.528 151 2.581 1 108
[Ship type=2] -.543 .2309 -.996 -.091 5.536 1 .019
[Ship type=1] 0?2

(Scale) 1.691b

Dependent Variable: Number of damage incidents
Model: (Intercept), Year of construction, Period of operation, Ship type, offset = Logarithm of aggregate months of service

a. Set to zero because this parameter is redundant.

b. Computed based on the Pearson chi-square.

318. &¥Lit

SR RS TP BRI, RECRERPEROUE 1 IR R BOETfipke, (B2, mdhhEa
ABEIFFSE T IKF R EHEME, = n] DARERTIN AL B TR ZE R

TR RERE, B () REERMINER SERMIER (RA) KR, REOVIERTHEERERIHE AN
N F A FAE LR A,

HTFETF, REERIEFKFRR AR ARG, B FKFREETSERT R 7K T35
EESP AR

EF2HAE T A] DU iR

ARHSEAL B [2RA =2] (AR (N RECN -0.543) ESRHENTEZE (p{EH0.019) KTFHRA AL
B =1] (3FHH) . KA C [type=3] BIETHSEEEFRZALT B, (H/E C BGTHEH AV RIS T3
Mo BREFKFEREE XRNERE, 5SS E,

- MBS, 1965-69 [construction=65] F1 1970-74 [construction=70] 4ERIEE AR RUBURREE (p
{ <0.001) &T (HHERESDHIH 0.697 F10.818) 1 1960-64 [construction=60] 7 [A1 B I

(EERI) . ARATFKERPAXRNER, ESRMGTHURSE,

MBI RIA 1975-79 [Hitiaht (/) =75] B RPHGER (KR EC8 0.384) ERITTEN NEE (pEHN
0.012) &SN EN 1960-1974 [zt iE =60] FIREH,

S HRE

R ERAEIAEE A, BARE IR ORI TS T IEARE, B2, I
et & B e B B HUN IE AU S 2 AR A A HAIR EAHFE R TE O AT “PRE” TEAAIEIAF f1 — I
ZIA ALK, ARIARAEIA PR MBS B i, AR2 G0 & - 2x GEARBRIITRBUDUR - S =I5
i;éjggﬂﬂ‘)‘éﬁdu%) NIZAGREDG (H—PRMREEAT 0 &, MHERMERREN TR fmhHEH
EHNL) .
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1. EFRREEEE T R E SR 5%, & B, ZEN 1.
£ Negative Binomial

[ X]
Ba0

tode: © Simple @ Expert
Target Field Distribution and Link Function

The distribution that you choose determines which link functions are availakle.

Distribution: lNega_ti\.-e hinomial v] Parameter
Parameter for negative hinomial:
@ Specity valus Walue:
© Estimate
e
Parameter for Tweedie: 1558
F
Link function: |Lag vJ Fower: 0.0

Method and terstion seftings are not available i Distribution = Mormal and Link
Function = [dentity.
~Parameter Estimation

: [<]

Metho: Hrybrid = Maximum Fisher scoring iterstions: ﬁ
(]

[*]

Scale parameter method: |Fi><8d value ol ] Walug:

Covariance matrix; @) Model-hased estimator © Robust estimator

Singularity tolerance: (1E-007 ™ |

Walue order for categorical inputs: © ascending @ Descending ©) Use data order
319. “BX” &AM

2. ERIE M IEIE, ATEHIFEAIG GenLin 55, REMIMBTRY A, REFTFEHTR, HFRGRRIE
+.

3. IR W . CREHB S ERIBREEN 1.
4. 3817, FAEFOIREABERIR BRI “mK” IEIR,
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MEEST

Walue df Waluedidt
Deviance 35695 25 1.545
Scaled Deviance 358695 25
Pearson Chi-Souare 42275 25 1.69
Scaled Pearson Chi-Square 42275 25
Log Likelihood3 -63.281
Akaike's Information
Criterion [AIC) a2
Finite Sample Corrected AIC
LAICE) 162062
Bavyvesian Information
Criterion (BIC) {ope
Consistent AIC (CAIC) 177298

Dependent Wariable: Mumber of damage incidents

Model: (Intercept), type, construction, operstion, offset = log_morths _

Tervice

a. The full log likelihood function is displayed and used in

computing information criteria.

b, Information critetia are in small-iz-better form.

320. fRAERMENIANIE ELit

FRETERA T TR 5 R ER T -68.281, R I%(E 5 T — T UBAHA T L%,

alue of walueiclt
Deviance 11445 25 A48
Scaled Deviance 11.145 25
Pearson Chi-Square G815 25 3583
Scaled Pearson Chi-Sguare aa15 25
Log Likelihood3 -83.725
Akaike's Information
Criterion (AIC) 130
Finite Sample Corrected AIC
(AICC) 192850
Bayesian Information
Criterion (BIC) AE
Conzistent AIC (CAIC) 208187

Dependent Varishle: Mumber of damage incidents

Model (Intercept), type, construction, operation, offset = log_months_

Service

A. The full log likelihood function is displayed and usedin

computing information criteria.

h. Information criteria are in small-iz-better form.

321. A ZIA ARV E E St

T IR E VTR 5 O BURR N 83,725,  TSKBR b5 — I [A ) B BRIV T IEAR BN T B AR, X
WEFORIZ O W A A SR AL T TRAR A Akt

B2, WM XD MBS ECN 1 BIFARIFRIE S B E. R% BRI 5 —F75 1572 DA )

SHCH 0 KA 1 DR,
B, MHSHR T AR R R,

AR L SORTF B O TEAE_ERhAs B HsRua fe, iRz AR

IR T SRR | OV BB ILE T = DARIER, BoR T 7 KRR A R—EMEML T
TERREIA RSO, = B AR TEAR A DT R] DAE B AR TEARAR A, B P TR B i A 1E X

g s

IBM SPSS Modeler Algorithms Guide F%I|H 7 X} IBM SPSS Modeler Hfffifi F S 77 12 B TR B A 150

EHO
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EESVEE:

7RISR R TS A AR R TR,
T XAEH TR TR MR DB E R &
- SR MR SRR R A AT DAEE X B 5 AL > A/ e R P R A 21 (R A B RA S

HEFEY

THSH NIRRT iR AR E 2 E R

Cameron, A. C., and P. K. Trivedi. 1998. Regression Analysis of Count Data. Cambridge: Cambridge
University Press. Dobson, A. J. 2002, 2005. An Introduction to Generalized Linear Models, 2 ed. Boca
Raton, FL: Chapman & Hall/CRC. Hardin, J. W., and J. M. Hilbe. 2003. Generalized Linear Models and
Extension. Station, TX: Stata Press. McCullagh, P., and J. A. Nelder. 1989. Generalized Linear Models, 2nd
ed. London: Chapman & Hall.
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i 24)1 B 5 Gamma PIIIE BIREREBE (7 Xkt
SR

I SCERMEARREY BT DA F TH0LE IR JE AR /AT A Gamma [R1U5, Bil4n, fEH At 7y IR o # i 5cie 42 3
SIRERHR OB A O, PR B SR AT DA ¢ LB (N o A R A, e (o P a0 Ik 432 bR B0 (A 22 B 2
ESWNERRSMEH SR TS EE TR HEE S A EI R AN, faE BRI E o R Y
H,

ARBIER @R 444 car-insurance_genlin.str Hi, ‘©5 1 H @444 car_insurance_claims.sav BIEHE S,
PESCAEFNTR S5 I T Demos SUHFRAN streams 1SR,

BIER

1. £ Demos SLAESRAERINFEIA] car_insurance_claims.sav ) “Statistics S JE r,

&
car_insuranceﬁms.. +elaimamt

claimamt Tahle

322. BFFUNAE RO RIS AR

2. TETRT A “RA” LR, H claimamt TRV EIRE DY Target, 1A HMFBAMAEIRE S
Input,

3. P IRUE DRI B,

G'car_insurance_c laims.sav

|

FCLEC _DEMOS/car_insurance_claims sav

Field Meazurement Walles Missing | check ~ Role
3 holderage |l Oralinal 12345, More ™ Input
{} vehiclegroup &] Mamiral 1234 Mone “ Input
{} vehicleage {l Ordinal 1i23id More b Input
{} claimamt f Continuous [11,850] Mone @ Target
{} nclaims ﬁ Cartinuous [0,434] More & none

@ wiew currert fields (@ Wiew unused field seftings

Lepon ] gose

323. REFRAR
4. ¥ GenlLin TR MANEITRT & 1E Genlin TRHr, Bl “FBR” &R,

3 McCullagh, P., and J. A. Nelder. 1989. Generalized Linear Models, 2nd ed. London: Chapman & Hall.



5. 1%+ nclaims 1E N RENEFK,

&

e

@ Usze type node settings

@) Use custom settings

Target: |

Inputs:

Partition:

Splits:

Use weight field

Target field represents number of events occurring in a set of trials

@ variakle
Trials field: l
@ Fixed valus
Mumber of trials: 10%

324, FEFEREIN
6. B L FIET R IFIRFEL R OIS & R BRI,
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ﬁ ¢ laimamt

T
| {[ |
| Analyze | Annotations |

i kiciatek i) Wi el ot T

| Figlc_!s__“ Model | Expert
kil Lol

Mode: © Simple @ Expert

Target Field Distribution and Link Function

The distribution that you choose determines which link functions are available.
w | rParameters

Distribution: Gamma

Link function; |Pawwer

Method and teration settings are not available if Distribution = Mormal and Link
Function = Identity .

Farameter Estimation 1
:
Hyhrid = Maximum Fizher scoring iterations:

ethon:

Scale parameter method: |Pearson Chi-square h |
(@ Mocel-based estimator Robust estimatar

Covariance matrix:

Singularity tolerance: 1E-007

Walue order for categorical inputs: Azcending Dezcending Uze data order

[ Ok ][b Run” Cancel]

325, MBEFFEM
7. I8 NS 1 9N N oA
8. PR CHARREL, A -1.0 MENRRENIIEEL X2 — M,
9. %% Pearson R {E AT RESEM 1%, X2 McCullagh il Nelder N FT7E,  RIEERAFE LI

R E I AR,
10, JERRREIF R TR XS RN T — 2B S K] e D AR

S TR
11, FAEIEAT DA AR, R HOR AN E iR TAEX AL T4 B “BAY” JemfRh, AR
FAER, EAR RGBT R P s, AL R Rk,

55 24 B ff Gamma [AIJAIE BIRERGEIE (7 X&MEA) 241



S kit

Parameter Estimates

95% Wald Confidence Interval Hypothesis Test

Parameter B Std. Error Lower Upper Wald Chi-Square df Sig.
(Intercept) .003 .0004 .003 .004 66.593 1 .000
[Policyholder age=8] .001 .0004 .000 .002 4.898 1 .027
[Policyholder age=7] .001 .0004 .000 .002 5.046 1 .025
[Policyholder age=6] .001 .0004 .000 .002 5.740 1 .017
[Policyholder age=5] .001 .0004 .001 .002 10.682 1 .001
[Policyholder age=4] .000 .0004 .000 .001 1.268 1 .260
[Policyholder age=3] .000 .0004 .000 .001 720 1 .396
[Policyholder age=2] .000 .0004 -.001 .001 .054 1 .816
[Policyholder age=1] 02

[Vehicle age=4] .004 .0004 .003 .005 88.175 1 .000
[Vehicle age=3] .002 .0002 .001 .002 53.013 1 .000
[Vehicle age=2] .000 .0001 .000 .001 13.191 1 .000
[Vehicle age=1] 02

[Vehicle group=4] -.001 .0002 -.002 -.001 61.883 1 .000
[Vehicle group=3] -.001 .0002 -.001 .000 13.039 1 .000
[Vehicle group=2] 3.765E-5 .0002 .000 .000 .050 1 823
[Vehicle group=1] 02

(Scale) 1.209b

Dependent Variable: Average cost of claims

Model: (Intercept), Policyholder age, Vehicle age, Vehicle group

a. Set to zero because this parameter is redundant.

b. Computed based on the Pearson chi-square.
326. kit

Omnibus fESR AN AR CRIER) R, XMERIEGPERE S & T BRI PERE T HL &1 5 008 IR
HBRATESEM, S8l TR ERS McCullagh F1 Nelder ZR1FHI /K- FARRIFIEFI X E 2S5,

HEES

TEEF T MR A DORHINES m S R EE AR, B (13D A0 [ B SC I pRE R B A 1 b
BRI AR, XTEGER A SRS, @, RAEE SRR AN T RE E A S R E B R O T
Pede; ANk, SRR — R, fEXNEGERES, FEEONE, WA, &R DA — MR w2 5 — A
BB AR — N B R BRI T LERR,  DAREM — DMEE LIS (14020 McCullagh 1
Neldersection 28 11.3 #B47) o

IBM SPSS Modeler Algorithms Guide F %[ 7 X} IBM SPSS Modeler H i fifi Fi A58 77 12 BN A TR B A 15
M,

EESVEE

IR AR R TS S AR SR K TR,

242 IBM SPSS Modeler 18.2.2 I 2745



T SAE T TTREE R TR MR DA R R R

¢
- SRR SRR AL R A AT DA X B 5 Rl 7> B/ B R A R A 21 (R A R S A,

HEFEY
BT ISR T B SRR 2 (5 6.

Cameron, A. C., and P. K. Trivedi. 1998. Regression Analysis of Count Data. Cambridge: Cambridge
University Press. Dobson, A. J. 2002, 2005. An Introduction to Generalized Linear Models, 2 ed. Boca
Raton, FL: Chapman & Hall/CRC. Hardin, J. W., and J. M. Hilbe. 2003. Generalized Linear Models and
Extension. Station, TX: Stata Press. McCullagh, P., and J. A. Nelder. 1989. Generalized Linear Models, 2nd
ed. London: Chapman & Hall.
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& 25 21 JlifiuFEAR 7R (SVM)

XFPREL (SVM) B—URBIE S T 2 EHRER R EAER, iz 8RR S RERNAZ R, Flann]
RESTEAEME R FIUIES] O LV A B AV 28RN RS EHR) RIRAL &,

—RIERFAWIFRNTRG T — DS KRR NIRRT RS, IXEREAZMBIA N ATRER 8 ERE
AR B BIRI, MRUGEARR oA R, R SERMREA 2 MRS E AR, TR A
EIFR—A SVM B fEZ AR AT DA A Hth JR 3 REA AR X AR AR (R A TR REASR BRI

PR

ARBIE T 48 svm_cancer.str )i, 1%L T Demos S R streams F -3, HdE~c R
cell_samples.data , HFREZEE, WESHE 4 711 TDemos XfFJ2) F#,

ARBIFETF AT PAM UCI Machine Learning Repository AT IREUTIEEEE . EEEE BE0E S N RGRREAE A IO 5%
AR, FARICFEE S —HARRHERE, SRICFHPESHTBEE:

FERAW fiiik

FRIR (ID) BHEFRIA

Clump R i) JE
UnifSize AR/ N S 5
UnifShape AR INES 5
MargAdh JHRRRLIE
SingEpiSize B T Rz AR )N
BareNuc R

BlandChrom TR AN A S LT
NormNucl EH B

Mit [

Class RYEEOBME

NIEEIATRBIRIE Y, BAVERRR A0SR B SR 8D i 22 & R E R




~@®

cell_samgles.data Tie i claks-poly
Pl -
’

2

Table == E=EE
e

Tabla Table

e clasi—rbf clasg-poly Analysis

327. BFER SVM BiEmRE AR
1. BIEE— ¥, ZASTE IBM SPSS Modeler 22252 ) Demos AR INI—MEA]
cell_samples.data 125 & AR Ao
EBATE — N RS A,
2. NIRRT o
3.8 R W REMINE RS T RIFIB T

Table (11 fields. 699 records) M=%

G File = Edt &) Generste i i

Tahle i G
itSize |UnitShape | Marasah | SingEpisize | Baretuc |BlandChrom |Mormhuct | it | Class |

1 1 1 2 1 3 1 12 |=

2 a 5 7 10 3 2 12

3 1 1 2 2 3 1 12

4 8 1 3 4 3 7 12

5 1 3 2 1 3 1 12

B | 10 B 7 10 g 7 1

7 1 1 2 10 3 1 12

B 2 1 2 1 3 . 12

g 1 1 2 1 : : s 2

10 1 1 2 1 2 1 12

11 1 1 1 1 3 . 12

12 1 1 2 1 2 1 12

13 3 3 2 3 4 4 1

14 1 1 2 3 3 1 12

15 5 10 7 g 5 5 4 4

16 5 4 B 1 4 3 14

17 1 1 2 1 2 1 12

18 1 1 2 1 3 : 12

18 7 B ] 10 4 1 2 4

20 1 1 2 1 3 : 2
£l e ———————————— " |

328. SVM BYTRELIE

R B S BERIRR, kB SAEEWAEEARER S EM Clump E Mit BB, IXETEHY
EIZHE 1 2 10 AT, 1 Fonmmii T Rt
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Céass FREZIW, HZPHNINETRETHIA, ATRIAEAZRYE (H=2) ©&2%% (E=
4) ,

£ Type

[
| cE3e
e

TYPES Format | Annutatlons

L P ——
. --‘3':@ [ b Read Yalles I Clear Yalues I Clesr &1 % alues ]

Field Measurement Values Mis=zing Check Role:
v rnzee qg;’ LU AU L,y MU ™ IR 7
{3 UnitShape & Cantinuaus [1,10] Mane M Input
O marghdh &P Continuous [.10] Mane M Input [
{3 SingEpiSize |« Cartinuaus [1,10] Mane M Input
@ Baretuc &'5 Mominal ME O Mone N Irnporst
{:} ElandChrath fo:rrtinuous [1,10] Mone \ It
{} Mormiuc! & Continuous [1,10] Mone S Irnporst
3 Mt &7 Continuous [1,10] Mone M Input
{} Class 8 Flag 4i2 Maone @ Target  |=

@ View current figlds Wiew unuzed field settinas

-

B 329. “KE” TRigE
A, FIN— DA (IR E RN EI 28 B S
5. F17FIE M iR

BA A BRI Class FI(E (R, R (=2) lEM: (=4) o BT FERATDOYICH RIS AT RE(E
s, AR E SO RS AU O — 16 L,

6. TERFEMMEY] FIRPRE—) , BEHEESIEHESORE,

7. Ml P .

8. fEfsH, KRN (GREMARIND) WAGIKRENE, ROz ERE AL FAEAS & s A B bR,
9. KB4 Class MR BN EbR, FHRATEHMFE (WEE) KA amRENEA

10. FREHE,

SVM 1 iR 2 N I T HAC TR A PURZ R R B, /b 0 DARRE DR B O T 25 78 2R £ 4
REF A RERCR, RIBA PRARGE AR I R EBOF AT SR T L, AR E B 0T48, B RBF
(REHEEE) .

%6 25 = 4HffREAR 2K (SVM) 247



s Moo e anayzs At
hodel name: © auto @ Custom |class-rhf

[ Use parttioned data

@ Builed maodel for each split

To zelect fields manually, choose "Use custom settingz" on the Fields tab

Partitior:: |

|+
Splits: | vl
%

330. “RE” EHRKE
1176 “EET AR, K SVM TR INEISIUA S,
12. F17FIH SVM i sl £ B ETR b, By BURARRR (9 5@l JEIT, RIS AEAHARHISCA T BRI

class-rbf o

o om] oo pr

Mode: @ simple @ Expert

D Append all probakilities (valid only for categorical targets)

Stopping criteris; P
s [<]

Regularization paratmeter (C):

Regression precision (epsilan):

Kernel type: RE
[a] FY

REF gatmma: Bias: [ ==
. .

Gamma: s Degres: =

Bl 331 @E TR EMFKRE

13 ERFIEWF L, BB B KLU A M, (BRFEITEEEIEIIAE, EE, Kernel RRUHE L
N RBF, f£ “fl#a” 7530, FraiklitEs Enrn K,

248 IBM SPSS Modeler 18.2.2 W L5



i | v e

rdadel Evaluation

ECaIcuIate vatiable importance

Propensity Scores (valid only for flag targets)
Calculate raw propensity scores

D Calculate adjiusted propensity scores

EBased on @ Testing partition @ ‘alidation partition

oo || peeet

Bl 332. ‘O EHRKE

14. 1€ b DR b, ik HRE R R R SR,

15. Bifiiafs, BRPUGA TR A AR B AR,

16. Wi AT,

% 25 = 4HffREAR 2L (SVM) 249



ERE

[ class-tbf
Q | }%Eile ) Generate Jiiew
B

hodel

i 9 B T,

Predictor Importance

Target: Class

UnifShape] ;
Clump] ;
BIandChrom—:l i
NormNucI—:I
Marg!-\dh—:|
M'rt—:|
UnifSize—]
I
]

SingEpiSize—]

0.2 04 08 08 1.0
r I I I

Least Important Most Important

Wiewy: |Predictor Importance =

E 333 “NTEEEM B

£ B EIR b, “TNREREEN BB ER T ARRFEN TR 2w, tEmEATER T
BareNuc TeEEE A R AMIFN, T UnifShape F1 Clump BIFZIHIR K,

1. HfilE.

2. ¥R AFINE class-rbf BAIHL,

3THF R WA, RIERTIBIT,

250 IBM SPSS Modeler 18.2.2 N 2 /F15E



Table (13 fields, 699 records)
W Fle | Edt ) Generste | BT Bt
_.\i(_ - =
Tahle H..Annc-'taﬁg_ns..;
ps
EpiSize |Barehuc | BlandChiam |NormNucI |n-1n |Class |$S-Class FEP-Class |
1 1 3 1 1 2 2 0992 g
2 10 3 2 1 2 4 0.899
3 2 3 1 e 2 0.994
4 4 3 7 1 2 4 0915
5 1 3 1 e 2 0992
& 10 3 7 1 4 4 0.999
7 10 3 1 1o 2 0.907
5 1 3 1 1 2 2 0.997
] 1 1 1 5 2 2 0.997
10 1 2 1 1 2 2 0.996
11 1 3 1 1 2 2 0.999
12 1 2 1 e 2 0.999
13 3 4 4 1 4 2 0514
14 3 3 1 e 2 0989
15 3 5 5 4 4 4 0.991
16 1 4 3 1 4 4 0.6
17 1 2 1 1 2 2 0.997
18 1 3 1 e 2 0.995
19 10 4 1 2 4 4 0.996
20 1 3 1 1|2 2 0986 ~|
EX] ————————————————— ]

334. ATV EEEEHRMFER

4. WA T ADEINY T B, MRS R B 2 XA B

B iR
$S-Class FABRI TN Class {H.
$SP-Class IETRIME R A5 (R mME S B REER, HAEAF 0.0 # 1.0 ZED) .

N\

—

IFREF LR, WA BRI BIC KA TE 2 (FE $SP-Class 51) #HH =,
B2, MA—LIHBRGISMER, flan, T 8% 1041801 Wids (RT3 1317) , HMEMIE A TEERE

MK 0.514, RN, @3 L4 Class #1 $S-Class , AJ DAVEREHIE FIMAERE H TV 2 A IERR R,

A T oA s A 75 g it (iR, %6 2 17058 417) o
EFATTE — TR A] PUEIEE £ — R e BRI AT IR

%6 25 = 4HffUREAR 2K (SVM) 251



=% — R

T class-poly

Maclel

hadel name:

@ Auto @ Custom clazs-poly

[¥] Use partitioned data

@ Builed maodel for each split
To zelect fields manually, choose "Use custom settings" on the Fislds tak

Partition: |

Splits:

X\ tn

oot || peeet

335 AREIGEFH BN

1. &M “FRART HHIE O,
2. B A SVM BT B RS
3. FTFFHTHY SVM 1 55,

}f_:_l;o

4, FEBVRNEIF b, %5 B E AR class-poly /AR TR,

£ class-poly

X

[P fm]

|| Expert

Mode: © Simple @ Expert

D Append all probabilties (valid only for categorical targets)

Stopping criteria:
Regularization parameter ()

Regression precision (epsilon);

Kernel type: =l
.

REF gamma; 0.1 Biaz: |
<]

Gamma; ﬂ Degree: |

(o) Brn)

[ apot | _gese

336. ZHMAUM “ER" AWM FIKE
5. 1F ¥R IENF L, KB IREN XK.

6. MR E N B WA B 81T, class-poly
12 AR

BRI INENR, RN ISR prRA_ LA R

7. % class-rbf BAIHUERER class-poly FFUER (TF% &5 MHERE FIZEE#H)

8. B s INE class-poly AL,
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9. 417F “K” Wi, REHdiafT,

ELRREGER

Tahle (15 fields, 699 records) -2 ﬁ

lb Fie | S Edt ) Generatz | ) P i ?

Table}
armiuct | Wit | Class |$5-Class | $5P-Class $51-Class | $SP1-Class |

78 i 0932 2 0938 2

79 1 2 2 0969 2 0987

&0 1 2 2 0938 2 0.934

&1 1 2 2 0986 2 0.991

g2 1 2 2 0996 2 0937

&3 1 2 2 0991 2 0938

54 1.2 2 0970 2 0935

85 1 7 4 4 0992 4 1.000

8 ) 104 4 0974 4 1.000

&7 1 4 4 0786 4 0.958

58 3 4 4 0988 4 0935

g9 1 2 2 0935 2 0937

a0 1 2 2 0998 2 0.991

a1 1 2 2 0933 2 0933

a2 1 2 2 0935 2 0.936

93 1 2 2 0935 2 0937

54 1 2 2 0993 2 0.934

a5 1 2 2 0993 2 0935

o6 1 2 2 0993 2 0933 |5

a7 1.2 2 0929 2 0935 b
[4] —— " |

337. NEMA KRN F R

1. A REN R M RTE ERF AR 7B
2 W R BRI B 7 B o 144 08 $S1-Class H1 $SP1-Class .
ZUAMGERERRLGFZ T, F2MUATTF0 0.995 sl m, IXLELERIFR S N8,
2. R PERE ML, B AT T R ANE] class-poly FERILE,
FITF M s Batiiag v

%6 25 = 4R 2E (SVM) 253



[&] Analysis of [Class]

lad File = Edt

= T
| Analysis !‘.Aﬂnﬂfﬁﬁﬁ_l

[ 2 Collapse AII] [% Expand ,_L_s,u]

E-Results for autput field Class
Bl Indliviciual Models
E--Comparing ¥5-Class with Class
. [Correct 684 97.55%
| Wrong 15 215%
Total 599
E--Comparing F51-Clazs with Class
. [Correct 699 100%
- Wrong i 0%
Total B39
B Agreement between $5-Class $51-Class
| [Agree G4 97 65%
| Disagree 15 215%
. | Total 539
EI--Comparing Agreement with Class
| [Correct 684 100%
“{ Wrong 0 0%
Total =

E 338. ‘O TR

WETTEER “obr” T, ERER] DALERR — RN EE 2R, SRE i TR A R
RBF R &A] DAUERfHB TN 97.85% KIS, X2 —DNAHBIZER, Hi2, ftEn2 s 8 e Emm
BN RPASW, KEMERT, ROBEMEITE MR, B0 n] A E RS I RE 75 1 2 Rk
A ZK,

KB b, WTRXMEER SRS, HAMMMEESER (Sigmoid F1ktt) RIBCRESAIN LR E. HAT
HAnEa RN, HARATRESEAR, FIIAZNI% 22 AL,

HEES

REEE A Z AR AL SVM A R BORTE 22 T MR T o 2R 16 e EMEGE 1 1if 7 AN RSB R R
MR EHRERA IS RAFAE L RZESR,  DUANMA AR H AR R o B MR A5 MR RE B
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% 26 = 14 Cox [MJAH T2 P I by ) piy

TERNRED B PRI —88 0y, HEARDEE “FRIN R RS, DUERE 2 P PRIE TS HAb R
SHIMEEZE, A, BHUER TR PR, AN IERITE CEeti RS0y a7
F) - AR INESH 2 Fh il A H At A v B

I RBIfE FH AL telco_coxreg.str, JJ:I:{;IL’S%B’JXE#@EY@ telco.sav o ISR AL T Demos X
JeHN streams F XK, AXREZELR, ESHE 4 11N lDemos X T,

12 SiERIRE

1. 7£ Demos XM AENEIA] telco.sav [ “Statistics " BT A,

et @

| . Y Ac—chum-'l]
TR -0 B

o Evaluation —i

telcg.sav :
Table
1
AR -
) Pregiction —.‘- —-'-
Lower Estimate Append months Transpose Laials Estimated Mumhbers
: < :3: = < ?: —»
’ e
* & — M
Mulls Stay pper Estimate
Unknown % LUnpredicted Cases

» 4
Scorin =T
i . —-»(H,) . — (BN —

Select _thurn Field Reorder Tahle

339. BF IR K BV AR

2 (R R NE” EWR b, HERRIXKIE, WAFEL. M longten | wireten FIFEE, DANM loglong %
logwire B FEX,



(o telco.sav

. l ) |2 Retresn

FCLED_DEMOSAeico sav

Fields: 42in, 12 fittered, 0 renamed, 30 out

AR -

redion
tenure
aue
marital
address
income
ed
ethploy
retire
gender

Fiter [ Field .
2 region e
—_— tenure
—_— ape
—_— marital
I address
2 income
—— e
—_— etnploy
—_— retire
—_— gencder ~|

(@) wiew current fields

(o] (cancel

@ view unused field settings

& 340. TERRENFEL
(B, nJDME “A7 &I
BT, )

3. AEJRTI Y ALY T
FEMAEILERN Input,

4. B UE DS BI L BdfE,

T ERIXEE T B Mt EMONTE,

J telco.sav

A HERR

®F

FCLEO_DEMOSAelco savw

| Field — :!__ Measurement
{} pagér &J Morinl
{} irternst &) Mamiral
3 calid @ Mominal
{} Callweait a_j Momiral
{} forward &; Mominal
{} confer a_j Momiral
{} ehill &) aminal
(ﬂ*} Ininc & Continuous
{} custoat &) aminal
{} churn 8 Flag

|| Velues | Missing | Check | Fole

a1 Mone . \ Input e
a1 Mone \ Inpt
LAl Mone \ Irnporst
a1 Mone \ Inpt
LAl Mone \ Irporst
a1 Mone \ Inpt
a1 Maone \ Inpt
[219722... Mane N Input
1,234 Mane S Input

110 Mone @ Target -

@ view current figlds

ok cancal

@) wiew unused field settings

341 1IREFERAB

Y, BT R R

R b, R TROAEORENH, RKHESHIE NS, KATEHA

5. % Cox WRINIMENIRT MM, 78 FBOETURA, &£ AW (EN AN AL &,
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Survival time: &

@ Use type node settings @ Use custom settings

Target: | [:Ié]

Input=: j
%

Partition: [@l

Splits: ]j|
X

342, FEFRFERFEI
6. Hh B IETR,
7. %5 L (RN BIER T A,

hodel name: @ auto © custom |

Uz partitioned data

Builed model for each split

Method: Stepwse T
CETSR P

Model type: @ Main etfects © Custom

hdadel terms:

343, FIFIEREIN
8. M TR IR RIFIER TR DAMIE T R EEIED,
9. i,

55 26 & K Cox [AIAMATZ P Hi KN R 257



Ed Cox Regression: Advanced Qutput

Statistics
Display: @) at each step © At last step
D Cl for expiB) el |:| Correlstion of estimates

|_j Display bazeline function
Pliot=

E Survival E Hazard D Log minus log D One minus survival

Flot & zeparate line for each value: [

Walue to use for plots:

ftenure Mean e
f age hean i
6*5 marital Mean
f address hean
d:l ad hean
f employ Mean
65 retire Mean
&) gender Mean E

[ QK L] LCa_ncel]Lﬂe!p_ ]
344. e EE R L
10. JZERFAEAF IR 1 S A AR, SRS B i o
11. ST DRI, R Bu s S i 6 By BT EARh. EEEHTENE
B, NS R, B, EEE CEdmT &R,

eSS PRI

Case Processing Summary

N Percent

Cases available in analysis Event? 274 27.4%

Censored 726 72.6%

Total 1000 100.0%
Cases dropped Cases with missing values 0 0.0%

Cases with negative time 0 0.0%

Censored cases before the earliest 0 0.0%

event in a stratum

Total 0 0.0%
Total 1000 100.0%

a. Dependent Variable: Months with service

345 M RUBEE
RETEWIE BB ERELTENMNENEMS, MRFEFMALE, BLNNEFHEZDNE, EMEEVNE

ARERTHERIIRE, (Ha]HTIHRELENRE, MREEFHEER 726 MECMK, ZEFFREARR
K&,
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ik

T RIRE
Frequency (b (2 (3 (41
maritald O=Unmarried 505 1
1=Married 4845 0
ed? ;Er?olglnntwmplete high 204 q 0 o 0
2=High school degree 287 0 1 0 0
3=Some college 2049 I a 1 I
4=College degree 234 0 0 0 1
gzglpesé-undergraduate B 0 0 N N
retire? .00=Mo 953 1
1.00=Yes a7 a
genderd O=Male 483 1
1=Female 17 0
tollfree? 0=Mo 526 1
1="es 474 a
equip? 0=kao B14 1
1="es 386 1]
callcard? O=ro 322 1
1="es 678 a0
wireless? | O=kao 704 1
1="es 206 0
multline? O=ro h26 1
1="es 475 1]
woiced D=Mo [ifE]a] 1
1="es 304 0
pagerd 0=Mao T34 1
1="es 261 1]
internet? O=ko Rz 1
1="es 363 I
callid? 0=Man 514 1
1="es 481 0
callwait? D=Mo a14 1
1=Yes 485 a0
farward? 0=Mo a07 1
1="es 483 I
confar® D=Mo 488 1
1=Yes a2 a
ehill? 0=Man 629 1
1=Yes 371 a0
custcat? 1=Basic semice 266 1 a 0
2=E-senice M7 0 1 a
3=Plus service 281 1] 0 1
4=Tatal serice 236 0 I] 0

& 346. HEL
“*WE%HEMP PR R (Ral

— A
0,

2 YRbD

.
Pt )

) FHARKBNEHSS, SREfm s, 35X
K, B, EVECUS R ERRSC RIS R 1, (0 TR E 1, Sk B (R

DUE “El):-

%5 26 F ff Cox [MFHTZ A KIN HAE 259



o
il
i
44

Owerall (score) Change From Previous Step Change From Previous Block

-2 Log

Likelihoo Zhi- Chi- Chi-
Step d sguare df Sin. sguare df Sig. sguare df Sig.
e 3392636 | 162.303 1 000 | 133.828 1 oo | 133.828 1 000
b 3087.314 | 249392 2 000 | 305322 1 000 | 439.050 2 .0og
3° 3027.085 | 328435 3 .oon F0.229 1 000 | 459.274 3 .0oo
44 2890780 | 347187 4 .0on 36294 1 000 | 535474 4 000
5% 2873780 | 362673 ] .0on 17.000 1 o0 | a52.4874 ] .0oo
i 2058786 | ATE140 G .0on 14.894 1 000 | 557 .AE8 G 000
I 2945503 | 384717 7 .0on 13.293 1 000 | 580.861 7 .0oo
gh 2936993 | #1734 A .0on 5.510 1 004 | a59.371 g .00o
gl 2926.000 | 423911 ] .0oo 10.994 1 0ot 500.364 ] .0oo
10 2817.451 428.078 10 .0on 5.448 1 004 | BOB.A13 10 .00o
11% 2813.308 | 436837 11 .0on 4.243 1 039 | B13.056 11 000
12! 2908.078 | 4401488 12 .0oo 5.230 1 022 | 618.285 12 .0oo

a. Yariahle(s) Entered at Step Mumhber 1: callcard

h. Yariahle(s) Entered at Step Mumhber 2: longmon

c. Wariahle(s) Entered at Step Mumber 3: equip

d. Wariahle(s) Entered at Step Mumber 4: employ

e. Yariahle(s) Entered at Step Murmhber 5: multline

f.%Wariablefs) Entered at Step Mumber 6: voice

o. Wariable(s) Entered at Step Mumber 7: address

h. Wariable(s) Entered at Step Mumber & equipman

i. WVariable(s) Entered at Step Mumhber 8: ehill

. Variable{s) Entered at Step Mumber 10: callid

k. Wariahle(s) Entered at Step Mumber 11: internet

|.Variable{s) Entered at Step Mumber 12: reside

m. Beginning Block Mumber 0, initial Log Likelihood function: -2 Log likelihood: 3526.364
n. Beginning Elock Mumhber 1. Method = Forward Stepwise (Likelihood Ratio)

347. Omnibus ¥:5&

BRAFY RIS AR A A AT RTR, Omnibus i @45 BRI TIR LN E, b —PIRIIRITESOR E—%
PRRI S 1D TR BRI 2 MR Z R ZE(H, QRAER — DS &, WL E kR 21/ 0.05
A RERA T IR SR 0E, AR D ERBPRACE, WHEE ST EEERT 0.10 REARERH T ICHERRIR(F,

£ 12 MEERH, 12 DMERREINERAA,

B SE Wald df Sief. Exp(B)

Step 12 | address -.035 009 14.543 1 000 66
ernploy -.051 010 25.767 1 .0ao 940
reside -103 046 5.037 1 025 402
eguip -1.948 381 26.180 1 000 143
callcard 77 51 26.451 1 .0ao 2175
langmon -.233 022 | 115619 1 000 792
equiprmon -.042 011 16.377 1 .0ao 958
rmultline A12 145 17.854 1 .00a 1.044
voice -.601 A&7 10197 1 001 606
internet -.362 6D 5.114 1 024 697
callid -. 464 148 9.730 1 002 629
ehill -.388 66 G667 1 010 A7

348. FREHWTE ((NFPE 12)

RAWBRIELE ik . ARG . B . equip . HIE R longmon . equipmon. multline. 7=
. R, callid, DAK KRR . FET RN RINER, 1EEE Exp(B), Al Exp(B) RN
PRI f o 26724 U o T B K,

- HBHERY) Exp(B) MH R, AT EMEAER bR, BRI 2R 100%-(100%x
0.966)=3.4% , {E[R—HibkFEEAERZ ARG K 100%-(100%x0.966°)=15.88%.,

- LG B Exp(B) ERRRBCATT G RLIEFARSS B P R O XS EL R 2 T AR S5 O Y 2,175 8. B
WA 2R B, HEJFH No = 1,

- AR B Exp(B) {ERRRARTT W AR IR 55 O RO XU EE AR TT I AR S5 B2 P Y 0.697 %, 1XH
AN, BIMIX R E ANZARARSS 197 7 ECANEE P 2 P G 28 m IR 55 O JE L B PR
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Score df Sig.
Step 12 | aoge 122 1 726
rmatital 548 1 421
income 1.476 1 224
ed £.228 4 TR
ed(1} oy 1 B34
edi2) 203 1 B52
ed{3) 835 1 361
edid) 5773 1 016
retire 013 1 808
gender 214 1 Fdd
tallfree 3.243 1 072
wireless FER 1 414
tallman .00an 1 887
cardman 3163 1 075
Wirermon 1.084 1 288
pager 1.808 1 179
callwait 266 1 06
farward 220 1 138
confer 2.668 1 109
custeat BG4 3 834
custcat(1) GG 1 495
custcat(2) 480 1 502
custcat(s) 019 1 889

349. IREIFRESENTE ((RFE 12)

R AR BRI St B 1 B MHE R T 0.05, {HE,
HEZEREL, —FESRENITRP AP FIE

tollfree ¥ cardmon W EZEMAEA/NT 0.05,

55 26 E ff Cox T T& A AAN T 261



HEETE

hean
L 41 F84
marital &05
address 11.551
incarme 77835
ed(1) 204
ed(2) 287
ed(3) 208
ed(4) 234
emplay 10.987
retire a53
gender 483
reside 233
tallfree 536
equip 14
callcard Re i
wireless 704
longrnan 11.723
tollmon 13.274
egUiprman 14.220
cardman 13.7981
wirermon 11.584
multline 525
woice B9R
pager 734
internet B3z
callid 519
callwait A15
foreard A07
canfer 494
ehill 29
custcat{1) 2BR
custcat(Z) M7
custeati 281

350. IhESFIYE

TR TR TR RN E, EEENEERNEFTUREN, BRE2IRGANSS, HISE
%ﬁﬁi’;%%;%%ﬁigEgigﬁﬁ‘}%ﬂjﬁﬁi DT PR E AL, Eﬂﬁféﬁﬂﬂﬁﬁﬁ?ﬂ/ﬁfﬁﬁ:?ﬂﬂ’iﬁ
B AR R R R AR R ﬁn%%ﬁﬁ%%ﬁhﬂﬂﬁﬂgﬁﬁ&@%, ﬁﬂf\@:ﬁfu\
FRPE R, X RATAE BONE SRS, IR E AR REMIME R IE LR,
RLAIERT AE R MR B, IXEEA TE “Egdmit” WIEHE AR R A h A H i ik,
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friEnhsk

1.0

0.5

Cum Survival
(=)
@
1

o
iy
1

0.0

T T
40 60

o
(]
o

Months with service
351. “Y1y° BPMTFERLE

BRGS0 P B PRI R AT R, AR R R AR R, B E AR
AR, DA, fESHhS BRI —RFOR YT B BB R R AR, 55 MAEE,
IEHZA RGN TR, ROEEFIAKKN R AFRS, XERREEERD, SIS
Ko

BS a2

2.5

209

Cum Hazard
n
1

[=]
L

0.5

0.0

20 10 &0
Months with service

Bl 352. "1y BPHIXPQRL
AN LR Py &P SRR IR R ATREER Al R, KPR R AR, BE

MmoR BN, FTEFMROTIOSE, 55 MATRE, FfFEIHL A, XihdtZBmarig, 2
JE AT

%5 26 F ff Cox MM T& A FKNHET 263



VF&(E)

B EPHERIEEI S “GH RN fmEE,

It, TEFEIHIICR,

-,

adtanced Sumnery | acvctaons

Seftings

Evaluation .
) | W File ¥ cenerate Pele @ :

Predict survival at future times specified as:

Regular intervals

.
10

1k

@ Time field

1=A)

Past survival time: |

|=A)

[¥] 2ppend all probakbilties

|:| Calculate cumulstive hazard function

€ 353. CoxR: “I§EB” EZIE

(EARUER RIS EARRIER TR E R,

1 R BRI B TAEX EIRRENENET N, RIETTTRBRBIf ad “RE” IR,
2. 1EFE INRIFBE HHEE R . RREE MO RARE HH R HI T IR0,

3. £ IBMPRA RS

IXAERIET 0.5 fEA 7 FYEX 2%

=}
P

TR EIE ), WERE A RRHIBIAEART 0.5, ABAIXLE

BHPRPARC N IRARRE F . SBUEFH ARIR, (EARRE S FUERTRE - ENF R HIBEEE R, 158k R

IIFHER, AR R PP T R
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e
[

Charttype: @ Gains ©) Responze @ Lit

Cumulative plot Include baseline Include best line

@ Profit ORrRoI

—hodelzs
Find predictedfredictor fields using:

® Model autput fisld metadata
@) Field name format (for example, ‘F=x=-<target fisld=")

rCther Score Fields
Plot =core fields

&)

Target:

%)

Separate by partition

Plot:

Style: @ Line  © Point

v I

Costs: @ Fixed Al @ variahle | ! VE
e I

Reverue: @ Fixed 100 @ variskle | ! 'E
- I

weight: @ Fixed 105 @ variable | ! vE_

@

Bl 354. “THME” TR BT &k

ARG R INEIR AL 2 CET JRITR L, SRk,

5. BAiEDE T+,

55 26 & K Cox [AIAMTH KN A 265



Ed[5C-churn-1]

[ User defined kit

Condition:

E User defined score

"FCP-1-1"

Expression:

|:| Include business rule
Condition:

|:| Export results to file

output txt

= field names m Mewy line after each record

B 355, “PHE” Tm: SRI ®mImE

6. EEE M Uy, RIGEEN '$CP-1-1" TENFRIAR, X2 SR IABUAIAE X B R AR ) 7
E%,

7. HiHiafT,

100 E
: ! SBEST-churn
L —%C-churn

g0

601

% Gain

40 -

201

o
T T T
4] 20 40 60 a0 100
Percentile
churn = 1

356. 1420
S A S R B RTINS B T 4 FE O ELRRTT “HI287 (9N T 4 He

flan, ek ERY—m (10%, 15%), RS BRI BRI TV, FHEE R MR F MR fr
AMMMERATHEFPIY, ERTREREERT 10% PEEEREN 1 (RKFE) KFrENEHZ) 15% KT
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MM, [FIAE, AT 60% W& KL 79.2% HIFTAIE, WNRIERENEIFIBIER, MR REEdESES
BIRERi 8

o “HLRT ek, MRMETFIEUREPRENLLRE 20% KIICR, ARARAHIE SR BA 2] 1

MIFTEICSRT “R1S" £ 20% RYICTR, MEATCHON Bl THLR, AR, “RE” LERRKR
A A PP DR NRAE (AR N RRARE) B9 583" B MLk, AT OB S iy
AR LR 0 B, SRR RE M T oo R ES BRI o FE, - TSR B T3 30 28 0 FHE Y B 2k
o

“HARE” RSO RER TR T 5 T HHRAIRRA, B, RmRE A RN ER AR G D

HIRRAZ 2/ 0? BARRARE P KNREE R CREIID MRRARZZ/0? LB REERON 25 B )
RN, RS ERREREE — R, RPN GEE L, 6N T HEmE S 1 fIFT 60% % Bl
I P YEd, IXRAHER 79.2% RTREIMRE, (ERIESRIN AIFI G IR A TIRIGHT & o QN IRRE(RAE
YA A REA R E I EEEBNE, MABEHmBRSE TR, ERE L, XATREN N T 20%
BN R ERR, RORHEER 32.5% YIRS . B, XWTHEAER EZ, Wi, SegiisE—1
PRI, T X B A R RBUR AR PR & P T 0 2K

[] Sort

Seftings || Optimization | Anntations

Sort by

Field Order |
FCP-1-1 ¥ Descending

|9 | X,

Default zort order;  (©) Azcending @ Descending

s

E357. “HiF” TR RET EHR

8. R AT E R IR 2 45.6%, WIFHN 2 EoRATH 30% AIidS, ZERIIGERN R FUE, HRHE
o RN B AR

9.1 “RE” EIIFE, WL $CP-1-1 HiFp, A5 HdiiiE.

55 26 F ff Cox AT & KN HAEE 267



Table (34 fields. 1,000 records) M=

\ad File = Edt &) Generste o figt

S —
Table | Annotations |

A —

rn | $C-churn-t | $CP-churnct |3cP0a FCP-1-1 |
292 0 0744 0744 0256 (<]
293 0 0.745 0745 0.255
294 0 0745 0745 03255
295 0 0746 0746 0.254
295 0 0748 0748 03252
2a7 0 0749 0749 0.251
298 D 0748 0748 0251 E|
299 D 0.750 0750 0.250
300 0 0.752 0752 0248
301 0 0752 0752 0243
302 0 0.754 0754 0246
303 0 0754 0754 0248
304 0 0755 0758 0245
305 0 0756 0756 0244
306 0 0757 0757 0243
307 0 0757 0757 0243
308 0 0.758 0756 0242
309 D 0.759 0759 0241
310 D 0.761 0.761 0239 | |
311 0 0.762 0762 0238 =]
£l P——
358. &

10. F “K” TRINE “HEFET TR
11 4707 %" TR, RERdisit.

Kemthm N&RS), MEERNE 300 MERM $CP-1-1 1674 0.248, M 0.248 1E71K 7 FHE, MESE
£)30% HIF P PPPE NI, HIRRCRRERAE B M) L 45%.

ERERTERIFIEAE P 21

SRR EIR R, AR A R BERER IR AR E N XA U P8 SEREE P ERE
W CRRITHE + CRAH ) AER TSR B A TSR N, 2EH —MIRA Rk, A
E—R7ER AR IES, Hh—PMESPISERRENCRE, B MREPNSERREN
EORE, FERNZMUTTR, w] DARIEEOR B RO - £ _ERRA R IR,
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EdPrediction

? | fj File @ Generate

cox

Setlingz

Predict survival st future times specified as:

@ Regular intervals Tirme interval:

@ Time field

Past survival time:

@ Append all probahilities

D Calculste cumulative hazard function

(o) (caee) Laomy)

El 359. CoxR: “gE" %I+~

1R " SEAREOBEE (S R RIPRIREA LAY RTINS R

2. 4THHERIE “IE” JRTTR,

3. PRI, F50E 1.0 ME VN RIEREHHEE 24 1E91F0 8 I8, IWITUHRIEEETEARRK 24 M A E

NREE N MEFHA T

4. t% tenure fENTEEE RAEFN WK TB. WORIEREEBENE P REN AR IR K,

5. IBMAAE IR .

‘& Lower Estimate

Settings

Key fields:

Ij Keys are contiguoLis

Aggregate fields:

Field | Sum | hean | hdin | RS

|SDev

$CP-0-1 7] ] @] @] ]
FCP-0-10 [ [ ] &) ]
$CP-0-11 [ ] @] @] [l
FCP-0-12 [ [ ] &) ]
$CP-0-13 [ ] @] @] [
FCP-0-14 [ [ &) [F ]

Default mode:; (8] sum[—] mean ] win [ Maex ] SDev
Mese field name extension:

7] Inciude record count in fisld  Fecord_Court

ok [carca

|:| sdd sz @ suftic (@ Prefix

B 360. LR Tim: “RE” #®IIk

55 26 & K Cox [AIVAMTZ P H KN AR 269



6. AFIC AT AIRMMEIRIRSG 16 “WE” WOUF L, BOEFISIE SR,

7. PR M $CP-0-1 B $CP-0-24 KIFEL (EIF4N $CP-0-n MIFEY) (ENTEHLMIVTFE, MAIE “Yekeer
B EHE L, fws (IRHIY) 3B THEY, Wk R A 5.

8. Wb e 7 B b RS LRI .

0. ki, I TISATAIE “ TR Fll,

(3]0 ]
Fill inv fields:

& $cP0 =

& 3CP-0-10

& 3cP-0-11 x
& $CP-0-12 =

Replace: Mull ¥alues o

Replace with:

1

Lox ) [carca)

Bl 361 “ExR Tm: KB &Ik

10. % “HEFE” AT AMINRINIA BRI YR IS Coxreg B fE “IRE” EIIE L, EEEAN
$CP-0-n M FEX $CP-0-1 E| $CP-0-24 fENEHF M T, WRE “HEHEFE MEE L, #a5 (H
FRIWF) NFEOETHEE, NWIXASERE .

1. R RE 1 B 2

12. e,
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Upper Estimate

= fm]

Key fields:

|:| Keys are cortiguous

B

>
Aggregate fields:
Field | Sum | Wean | Min | Iz | Shev |
$CP-0-1 7 ] O =] ]
$CP-0-10 [ [l @] ] B
$CP-0-11 7 O ] ] [
$CP-0-12 [+ El &) ] ]
$CP-0-13 7 O ] ] [
$CP-0-14 ] O @] & 0 =

Default mode:

ey figld name extension:

D Inzlude record count in figld  Fecord_Count

ok [cancel

E SumD MeanD MinD MaxD Shev

|:| add sz @ suffix (@ Prefix

Bl 362. “LE” fim: “RE" &+

13, RS RN BEFE Y A AR “RE” IEUR L, BUHIETIHAE B A B,
14. EFEM $CP-0-1 F| $CP-0-24 Wy B (AIFEE N $CP-0-n M5 E) TENEILERFE, WRIE “HeiFy
B OERE R, fe4ay (BIRE) X 7B THER, MXMOT AR 5.

15. BHiEH 7B R iR T
16. B, T ARTEIRE “ R i,

Fields: 24 in, O filtered, 24 renamed, 24 out

- Field Fiter L
FCP-0-1_Sum —_— 1
$CP-0-2_Sum R 2
$CP-0-3_Sum —_— 3
$CP-0-4_Sum R 4
$CP-0-5_Sum — ]
$CP-0-6_Sum R 6
$CP-0-7 _Sum — 7
$CP-0-8_Sum R 8
$CP-0-8_Sum — 9
$CP-0-10_Sum e 10

Field

@ view current fields  © View unuzed field seftings

& 363. “HIE” Ta: RE” RIIE

17. REIEANTT S ANEIR MR G 25 R I8 s ERE N o
18. T IETT R “RE” WHIR L, KERER@AN 18] 24, FRAET N, XEFRATRKEZENE

N x Bl R AIME,

55 26 F ff Cox [T T& A AAN A 271



E i ranspose E

] F=1 fm]

Settings

Mewe figld names:

@) Use prefix
© Read from field

| ’ Fead Values | Mew Field Names

Mumber of new fields:

|0
|

Transpose: @ &l numeric © &1 string @ Custom

Figld=:

Mazimum number of values to read:

500 =

5{;j

Bl 364. “Ti” Tm:
19. RL BT RN 38T R

20. % 2 Rl BELG

“QE HE

abes 4

Fields: 3 in, O fitered, 3 renamed, 3 out

| Fitter [ Field |
B Morths )
— Lowver Estimate
— Upper Estimate

(@) viewy current fields

o [cancel

@ wiew unuzed field settings

S

& 365 “YiE” T
2. K e AR IR BT

22 E IR R RE” EIR L, RARRER@AAH, BB 1 E e NERMET, Bk 2 @4

NEE T,
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f Upper Estimate

¥ figlds: yLower Estimate

Orverlay
[pm.; IR ) e A )

Mormalize

Owetlay function & =

Wahen number of records grester than: 2000 g

® Ein © Sample @ Use all data

Bl 366. “ZE" Tim: B &HF
23. 5 2 B BURE T RN R 38T
24. 78 "HURE” R E, AR X TR, BRMIHEEG TR Y 7.

I3 Es Ated Mu %

umbers

—
Title:  [Mumber of Customers
Subtitle: | |

Caption: |Estimates the number of customers retained |

Wlabel @ suto © Custom

Y label: @ Auto © Custom

Display gridline

B 367. “ZE” TR 9N EDR
25. #idy AN IETFR,
26. N B AF IR,
27. BN EIHREBHNEFE ERE,
28. HHIB1T,

55 26 & R Cox [AIVAMATZ KM A 273



Number of Customers

1,000~
g00-{-
600~

BB e e s s e e

2001

| I O S T T O O T S T A

1 2 3 4 5 6 7 8 9 10 11 12 13 14 15 16 17 18 19 20 21 22 23 24
Months

Upper

Estimate
___Lower

Estimate

Estimates the number of customers retained
368. TR ENE R E#NZE,

B2 AT IR E Z P A BRI, XA ZERIE D AZERR T E, R ERESR
o XUEERFEERNTEEM, 12 MANE, USRS RBENEGE BT 601 2] 735 2
Bl; 24 MANE, %ENT 288 F 597 Z[H,

ﬂ Unknown %

Derive as: Formula

0 |
‘ Settings |! Annotations
| | It e e

Mode: @ Single © Muttiple

Derive field:

|Unknown b

Derive az:  |Formuls ™

Formula:

(100 * ("Upper Estimate' - ‘Lower Estimate'r) / 'Lower Estimate’

-

Bl 369. “IKE” TR RE" EWF
29. HEBREF P BSTIRIATERRE, 8RS0 SR 8T .
30. ESHT AR “RE” EIFE, BARAE N FHT B,
31 IR E N TR,

32. # A (100 * ('Upper Estimate' - 'Lower Estimate')) / 'Lower Estimate' fEAR
Ko RHE 7 LLRIENFAAE T E 7 ELy “Bi%E” &%
33. B
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A

¥ honths W Unknown %
L. X field. @ Months: w2 | v fieldt:
L
Orverlay

Calor: @ Size:
Fanel: E Animation:

Transparency:

Crverlay type: @) hone
(@) Smocther

@ Function v =

E 370. “.aa “++ “aa \%Iﬁ_ﬁ
34. J%jéﬂlm\lgW,n\ﬁﬁﬂﬂiﬂwﬂjwﬁo

35. FERURIE T R “HURE” JEIR b, AN X FB, RATBAZHIEN Y ¥,

36. $i|3 AT TR

¥ honths W Unknown %

Title: |Unpredictable Customers az % of Predictable Customers

Subititle: |

Capition: |

Klabel @ suto © Custom

Y label @ suto © Custom

Tlabel @ suto @ custom

Displary gricline

E 371 ‘B TR SN &I

37. # N\ Unpredictable Customers as % of Predictable Customers fENFRE,

55 26 & K Cox [AIAM T KN AR 275



12071

100

o
i

Unknown %
o
(=]
1

40

207

' ' ' i i ' ' ' ' ' ' ' ' ' ' ' ' ' '
e e e e oy ey e e o S e e e e e A ey

| T T | | T T T T T T T I T T I I T T
5 6 7 9 10 11 12 13 14 1516 17 18 18 20 21 22 23 24
Months

372. XFARPIFNRZE F R E

FEE, ORI P R E 2 L AR R AL MR R, (H38 AR KR, —H2I% 23 M H, A
ATERE LG 1 IR B BT R

5

RN BEREBHE, IAESHMENE P #TIES DA N —F— N EENR A GERANE .,
H Scoring .

) (@)

i;‘ Filg @ Generate

|

Cox

i | | |

Settin i |

| o L’i&‘,‘iﬂ'ﬂ@fd! !S”T"‘ELY,J Lﬁ&?&@&ﬂﬁ%]
S—

Predict survival at future times specified as:

@ Regular intervals Time interval:
Mumber of time periods to score; n
Titme field ‘ g

Past survival time: Lf -1‘?.".":"" re @

[¥] 2ppend sl probakilties

D Calculate cumulative hazard function

373. CoxregR: “IRE” EMF£

1. R 88 = MERIB N EIETT ROFF TR,

2. ftRirh BWIX ), 7€ 3.0 ANHIXIE, 4 ERNHIESHINBEL IR EEARIY D
RS ME A TIE D

3. J&#% tenure fENTEE BAEFN MK FB. WORIEREEBE NP REEN AR RN AR,

4.3 BMPTARES o (ERZEEIN B A 5 W R EEBRIC R THF
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L Select

Settings || &nnotations:

fdade: @ Include © Discard

churn =0

Condition:

L0t ) (coeel

B 374. “EF TR RET EIF

5. R R NBISARE; 1E “IRE” WIR L, #A churn=0 /A%, XEREC MG RES

KEEF,

kd _churn

X]

[P ]

Derive as: Conditional

Settings || A

Mode: () Sinale @ fduttiple

Dietive from:

&7 §CP14
& §Cpa1-2
& $0P-3

3=

Al &5

Field name extenszion;  |_churn
Derive az. | Condtional ™

@ suitic O Prefix

TIP: Refer to =elected fields by using @FIELD

| (@)

Field type: 8 Flag B
If:

|@FIELD>D.24B

Ther:

|1

Elze:

)

E 375 “KE" T=: RET ‘R

6. K ST M MBNAREY A 7 RE” EIUR b, R,
7. EFEMIEAY $CP-1-n (T $CP-1-1 F| $CP-1-4 HATIRE, AJEHIA _chuxn fENZRINMESK,
GRAE “IERETEC NEHEER, %2 (IFRE) T BO THER, WX AR E 5.

8. IR T B S o AT
9. JEEEbRE N N B,

%5 26 & K Cox [AIARTH P KN R 277



10. # N\ QFIELD >0.248 fEN If 5k, 104, XA R A @ 0952850 FUE,
11. # A 1 7E8 Then RiLXZ,
12. # A 0 7N Else A,

13. EHHE,
Sort

&
[C=0 (]

Field Orcler |
FCP-1-1_churn ¥ Descending
FCP-1-2_churn ¥ Deszcending ><.
FCP-1-3_churn ¥ Descending +
FCP-1-4_churn ¥ Descending

HP-1-1 ¥ Descending +
FCP-1-2 ¥ Descending

FCP-1-3 ¥ Deszcending

Defautt zort order: (&) Azcending @ Dezcending

B 376. W T B EAE

14, BT b nsI S S; £ RE” EIE ) &R $CP-1-1_churn 3| $CP-1-4-churn, %
$CP-1-1 2| $CP-1-4 H4THER, B IR E % FFHES ], WIER A& P 2 HETE .

FieldeeorclIf..'r' _ — ﬁ
[

©) Automatic Sort

Type | Field | Storage | @
FCP-1-1_churn T (Unknoven) -~
$CP-1-1 & Real F
8 FiCP-1-2_churn T (Unknoven
& scPa2 & Real +
8 FCP-1-3_churn 7 (Unknovwn)

& FCP1-3 & Real ¥
& FCP-1-4_churn 7 (Unknovwn) *
FOP-1-4 & Real £

Clear Unused

Mate: Fields added dowwn stream of this node are not reardered.

B 377. “FEREWMHEFR Ta. “ENHE &I

15, BB EHEY S nEHEE A, B &R b, &R $CP-1-1_churn F| $CP-1-4 TR EEH
MR i, HWIRIESMEERERTE S T, HRrNEN, BEFEE S B2+ EoR
A=

(asmiy | gees)
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Table (50 fields, 726 records)
lad File S Edt ) Generate
—
Tahle éi__.ﬂ\nnqtatiqns._l
$CPA-1_churn [$6P11 |$CP1-2_churn [$CP12  [$CPA-3_churn [$0P1-3  |$CP1-4 churn [$0P1-4 [tenur
255 0 0.032 o 0.075 0 0147 1 0.293 49 |4
256 0 0.027 a 0.064 0 0127 1 0.260 49
257 0 0.023 o 0130 0 0233 1 0.308 53
258 0 0.021 a 0127 0 0239 1 0320 54
259 0 0.021 o 0125 0 0237 1 0318 54
260 0 0.021 a 0.053 0 0193 1 0.331 50
261 0 0.021 o 0.053 0 0196 1 0.329 50
262 0 0.020 o 0.050 i 0189 1 037 s0 [l
263 0 0m7 o 0.043 0 0163 1 0278 50
264 0 0.015 o 0.039 0 0148 1 0.253 50
265 0 0197 o 0197 0 Frulg 0 Ll 86
266 0 0109 o 0109 i g 0 $ruls 86
267 0 01m o 0214 0 Sl 0 Ul B5
265 0 0.081 o 0137 i 0194 0 0.245 23
269 0 0.074 o 0159 0 Fruls 0 Ul B5
270 0 0070 o 0116 i 0158 0 0.237 25
271 0 0.070 a 0123 i 0189 0 0.234 45
272 0 0.082 o 0105 i 0151 0 0191 23
273 0 0.082 a 0130 0 0163 0 0212 44
274 0 0.081 o 0123 i 0182 0 0.241 .
[ — E

378. EREFPEDRIR
16. KR A2 7 EHE S FIET.

PIHERRKRK 264 1, H=DFERMA 184 A, H-DFERMA 103 A, H—DFERMAK 31

i, THER, AE TWRER, £ -FEPHRSRABIAN —REPA—EEUGHZFRE P ARSI

S ; BN, BHICS 256 M1 260, X ATEER T2 ST B2 589U H XU R BT AR B

fan, SAREEAA AT R Z P AELL, EIER T AR R 2 A AT REE L, (BRI,

)’éé’%ﬁ]ﬁﬁ{%ﬁﬂﬂ AR NI R A SERR b RT RESE B, X RTRER B IR L% P B ik DUR IS i AT RE TR A
IAFERLE,

%5 26 F ff Cox [T & KN HAE 279



[E Table (50 fields, 726 records)

lgd Fie S Edt &) Generate

] —
Tahle é!l'.&nnqtatigns“i

FCP-1-1_churn [ $CP-1-1 |$CP-1 -2_churn |$CP-1 -2 FCP-1-3_churn | FCP-1-3 $CP-1-4_churn | $CP-1-4 |tenur
7oy 0 Fnullg 0 Bl i Fnullf 0 Fnullg 7 E
705 a Frullg 0 Sl ] Frullh 0 g 71
703 a Frullg ] Frul% 0 Frulls a Frllg 1
710 a Frullg 0 Sl ] Frllh 0 Fruilg 72
711 a Frullg ] Frul% 0 Frulls a Frllg 1
712 a Frullg ] FrulF 0 Frllh a Frillf 72
713 a Frullg ] Frul% 0 Frulls a Frllg T2
714 a Frullg ] Frulg 0 Frllh a Frill§ 72
715 a Frullg ] FrulF 1} Frulls a Frllg 70
716 a Frullg ] Frulg 0 Frllh a Frill§ 70
77 a g ] FrulF 0 Frllf a Frll§ 71
718 a Frullg ] Frulg 0 Frllh a Frill§ 72
719 a Frull§ ] FrulF 1} Frullf a Frull§ T2
720 a Frullg ] Frulg 0 Frllh a Frill§ 72
T a Frullg ] FrulF 0 Frullf a Frllf T2
722 a Frullg ] Frulg 0 Frllh a Frill§ 1
723 a Sl ] Fruls ] Frullg a Frullg 70
724 a Frullg ] Frulg 0 Frllh a Frill§ 1
725 a Sl ] Fruls ] Frullg a Frullg 70
726 a Frll g ] FrulF 0 Frllh a FrilF 72 |=
IS —— [*]

379. EREETEMNEFIR

ZRAEREBATINSERZ S, XERFREAEY CRENE + (/A £ TR R EERE Y
A1 I RIVE A

HE

R Cox [EH, AEHRENEH TR [RIAARY, ZETI R TORMEFH R A TN 2, FHRiR
N ERATRERAINE . EER, XRBEABE EA—ERRERT, HAENMRE, BN Y
FE A R A A0 TR AR B A 12 A5 5 {0 i JB D T O] S A A TR T LA

IBM SPSS Modeler Algorithms Guide A% 7% IBM SPSS Modeler A3 s FH A A 75 {2 B2 TR PRI 35
M.
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o+ 27 T W T (BINYI44/C5.0)

ARG ERAENR T BN A (B, PSRRI 2R IR S) FRAEEE, DIESEEIHEE DA
B (PES R FT RS o HRZSBPWEHE It H g AOgih#050 WHEER, WATF)
ZI AR AERT & B

ATRBIBE T BT Z A P EL:

- RIPREAEA — METR TG S S 2 AR AT Web 291

- C5.0 MUYAZH (fifizz EFRIR™ S B9 K& BURFIE)

T N A ERE AR, RIS BB T &, BRI R A7 A
KERATIIZRAR SR X 7

ABUEH N baskrule Wi, %5 4 BASKETS1n IEHE S, XS24 RITEAF(A] IBM SPSS
Modeler Z#:[#] Demos HpHF, I HPTEIT WindowsIBM SPSS Modeler F2 4TI, X
baskrule fiT streams B3 o

iR

(A RS TRIEREIEHES: BASKETSIn, MRS MIZSCAF I 7 B iR, 15 “FIU” 7 %%
FIEARIR, AR ROERE] "R WA BPEREARRIEZGNEEN TR (RN R FARIR
FERFREH LRI, EHSTEBERA L) o 8 AT B MR IESS X2 TR
Apriori BRI EANIRE) o

— r 2,3 i o]
£ P T I==cen
) — G » | EEE
T i g L 4
BASKETS1n type table
= — )
"y =Gy Y
/\\ oy T =
,f-\ J._.-’r@s‘\ﬁ healthy wine_chocs beer_beins_piaa
— 11 Fields =X
L] .
11 fields ~ ' ."f -a»
. C-m> -
LA E?Ei
%VI nie Jbe’er_beans_pl}za
11 fields Lol
“a)
&y

heer_beans_pizza
380. MR 7R
WAE, IBATIZRAR 7 TSIt 8RR, FdREaS 18 MR, HbERIIRETR—MEY

iR

THbREF SRR 18 NMEE

WP ik

-cardid, WAL S BRI RAR I,
“value, THY)EER) SN SLAHE

- pmethod, TEYIREI S 751



S NISONESHIEYSE
- sex
-homeown, FHHEHEZEHAEGRERE,
-income
-age
VPIEENE - 7 I B bR s
- fruitveg
- freshmeat
-dairy
- cannedveg
- cannedmeat
- frozenmeal
- beer
- wine
- softdrink
- fish
- confectionery

ENEMERTHXER

B, TEMEH] Apriori KRBT RPEENARIEG SR OB DUERORIBIINI, B AE IR R A
ERR PR, J7iRE: e "R WA, BIE R RIR A IR E NN, FRRTE Hthm B
Too  (MERRIZTEAILUBRSS SRR A, WUz, )

TE: JEE Shift SIFRG POEREZ D TR, REFRESIFFRNEDT, ] DOy 27 Bk Bk,
=N (]

Clear Valugs Clear &l Values
Field Ieasurement Walues Idissing Check Rale
@ 3ex a) Mominal F il Mane © Mone -~
@ homeown 8 Flag YESMO Mone @ None
{} income y Continuous [10200,3... Mone & Mone
{} age f Cortinuous [16,50] Mane Q Nc_-r_ue
[A] fruitvey & Flag TF Mane @) Both =
[A] freshmest | {5 Flag TF Mone N Input
[A] dairy ® Flag TF Mane © Taroet
@ cannedyven 8 Flagy TIF Mane
| s et | ' Elen T hlome @ il Tl
- ) : ; . © Mone
@) viewy currert fields @ Wiew unused field settings Partition
= spit
[
id Record I

381. EEFRATERNFE
T8 THTERN TR, T5R Apriori TRITANE] “RA” T, g, ERETURRMENHATbRE

LR, RETE Apriori TRl BRS “IB1T7 o 48R (EHESRE A A R RN EAORAED GEER
DIEE (A L TSR, RRIGIESENY) BISCHRN,

282 IBM SPSS Modeler 18.2.2 N FfEF45r



Ed 11 fields

| }?ﬁﬁile @Qenerate

@

Confidence % .

< A=ort by

b Jotb |

Consequeﬁ

| Arntecedent 'Suppolrt % Confidence %
frozenmesl heer
167 a7.425
cannedveq
cannedveny beer
170 55,852
frozenmeal
beer frozenmeal
173 54.393
cannedveg

382. KEXHIMY
IXEERN T RERIA, TS BRSE AN > RIfF R 2 R oelt, H WA SCIA ] (4n:

frozenmeal -> beer
beer -> frozenmeal

R Web iR CUBOMAISRER) FIRES R H R B E A — 285K,

K Web T BtANE] “IRY” T, ke Web WA, IEFFTAWMEEAE TR, EEIUER true bk,
JG1E Web 75 B8 “I8177 6

"’ Web of 11 Fields : Absolute #1
14 File o view 4 weh

= s B

R

I

= Edit ) Generate = Link

1>

confectionery

freshmeat 4 ('
AT =8
{\‘\1[!?,.2,‘." wine
frozenmeat-gF—=
fmih,egsoﬂdrlnk
@ beer @ cannedmeat @ cannedveg @ confectionery
O dairy @fish @ freshmeat Qfrozenmeal
175
L
I ' I ' I ' I ' I ' I ' I
50 70 a0 110 120 180 170

383. FFAKEXHY Web BR

RN RZ O™ iR H S H S I E 2 DE s, ATDAt Web ERSRBERRKZ, TR REAIFRRIE
FiEfo

55 27 & Wiy RNIA44/C5.0) 283



[ Web of 11 Fields : Absolute #2 =&
lt File S Ect ¢ Generate  oF view @8 weh = Link @ >

ran | Amnctaons Summary | ot

—
/Eﬁﬂ I% ;-om o }“ =S B E L’Lr:nsll;oe\d values are:

= Strong links are heavier

confectionery = Weak links are heavier
cannedmeat

‘Weh Display
fis|

@ size varies continuously

a @ size shows stronginormaliwesk
freshmeat

o 53 wing
frozenme fdrink Strong links abave
itye B oftdrin
fruitved "
Qbeer @ cannedmeat @ cannedveg @ confectionery +
O dairy Qrish @ freshmeat @frozenmeal a0 172
Wizak links belowe
& 75
) 3

I ' I ' I ' I ' I ' I ' I o
50 70 a0 110 130 150 170 +
30 172

384. [RHIM Web B7R

1. ?’éﬁﬁsi&%mﬁ&%, E T T ER ERE ENE Sk, X2 RITER Web i 5 2 115
£CJ

2. 1R K/INORGR/IEHR /58 o

3. B 9gERAIL E KT 90,

4. ¥R EERAL E e T 100,

ERAS RN, S6E="8FHEHER:

EEAMBHENRE, PEXRESTN “EREER

- SRR SRR

MESEENE, ARIAFIRERSERSE (M, SERRIEREET ) RS

ST P RS

BHE, EERIER PSRRI fRRRIR 7 =A%, (R EANEIX R PR iE, RIMTR N O SEHRFIE
o, AR P IIIARE, FHERRNIESY (C5.0) REE THUNEEIX EFRERIRHAE, ATBA
LK — o

B, DAURBUSE MRHIARE, RN SR Web B/-r] DLE SRS MRS, @A BRRGH, 5
i fruitveg M1 fish 2 [AAYEERE DA BoR iR, RE g e B R “IRAE” W
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Weh of 11 Fields : Absolute £2

e File | 5 Edt 4 Gererate  oF View @8 Web = Link

| Graph .. Annotstions

V7 FEEE YL

confactionery
dairy
Q

cannedmeat

AN D

% | Generste Select Mode for Link
AR
freshmeat “}:| Generste Derive Mode for Link
W wE

fis

fr

fruitveg = T, fish = T (145)

O beer @ cannedmeat @ cannedveg .cunfectinnen,r
O dairy Ofish @ freshmeat @ frozenmeal
175
L
1 | | | | 1 |
a0 T =ta] 110 120 150 170

385. IRE/ IR ANITS

G AN “JRAE” TRDME IRE” FERAMELONER, #HM wine 2| confectionery HIHEE R E %R
3, HRRER “IRE" FEBG4 N wine_chocs,

MNFHE=AE R |, EAEMERIERTMEERE, AR5, TERIE shift BRI 8 AR
e, MIMIEE cannedveg . beer fl frozenmeal IR =Mk, (EB—EBAT “RE” BEAmARZ
“Uutl” B ) ARG, M Web ToRIZHAHIERE:

EE’&> “‘Z"[‘Ega” 1"-'3‘)‘]_;—.; ( “And” )
BRE “RE" FERINAFRENCH beer_beans_pizzas

FRIAXER P ANFHE, EEIAR BB Ry EZ2x =1 “RAE” W, AREHRmS—1
R iR, TERT RA” WA, KRN FEIMIATA RN A GENILE N TC: value. pmethod.
sex. homeown, income fll age (XLEFERMMAGMIXIZE TN , DAAEXNEFEE (B,
beer_beans_pizza, CATNMAGRNIZIZENBIR) o MAIC5.0 T, KimHiRBIRE MM, RIETET
Mk 98177 . REERD (T beer_beans_pizza ) L&A P EIBARA DG H 22 RHIE -

Rule 1 for T:if sex = M

and income <= 16,900
then T

WA A R N A P AR S R, A DO AR N [R5k, @R B
SCH R Apriori fUF C5.0, ] ARl B 2 AURHIER4R; Apriori AT AT RIS AT 20 R EAR S HURHE,
JRKTZ, Apriori FFIEMFRANE]— N H 7B,

HEE S

BB BIAN AT ] IBM SPSS Modeler i@ 48 (/] Apriori) FIEWML (fEF Web B7R) AZIREHEA
PR R (HIEER) o XEFERSEIRPRIRGIAMNE, FHEH, B ((EH C5.0 MUUE) RITE4ImT
FUIRLEH H 2R HARFAIE,

fan, ETEGUR, AIREREMARXME AT RRIUE R, DI ERIRAF AR, 8 HE 7
A L™ el DA H N I GE T 22 BRI A 7R SR PR,

55 27 & HEyE s (RNIA44/C5.0) 285
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% 28 1 P EW S (KNN)

“ERIDAHABTTR T AR 5 AN (E R SRR R RMME R 5 TR, eI, RHIT A
DRABERE ) —F5 i, AR ESEMF R NE S 2 TS, SEOIMEA TS, AR
TEM IR, Rk, PSEINE < A R S 2 HAE LR A &

K FOLIE L “AERETTR” o SR EHTHRIIIE (holdout MUMED W, THEHFEAR &I
WIEAREES, TSI (EOmRIARTTED) M52, HEHHNIE e R AT A s 2 (K51
o

AT DA AR B MBI BT RV E ; HENN ko BIRER T4 DA R k B H I E
179326, 2 k=5, FUMERBRERR] 19, XRERZEEIEMATTREE T2 1, B2, Hk=
9 I, WOULIMERBAEZA 0, XRENARZBURIEMATTREE T2 0,

IAHABTTR TR T RIES HFRRIE, AT, RITHABTRIFEES R BFRER TRE
LI A P AEL

ERBREHERTL TWZNE (GEMEE) MR, ARSI AR~ RRGR0, %HE e
7 R e S R A S SR, BRI BT “BOaHA TR #L/Lﬂttﬁﬁai?ﬁ]%—’?”ﬂﬁ‘%i
RIRFF 555

TG R URER T A XA E R AR RIS, i 7 BHFER = S AEAE R, e AR ER BT
PR AR A4S AT B S A (price). & BIALRST (engine_s). 77 (horsepow). %R (wheelbas). %
TE (width). K (length), TEZEE (curb_wgt). THFEE R (fuel_cap) FIATHZER (mpg).

ARBIE T4 car_sales_knn.str )i, %A T Demos Sk R streams F > f4-3evh, BdE~xHH
car_sales_knn_mod.sav, BXHEZER, ESMHE 4 WA TDemos XKy M,

BIER

. — @, —» 2

carsaesInmudsa TIE Ao Targets
rd
’
b

L : f
— p

Tahle Mo Targets

386. KNN BEIRMIEEAHR

Bl —ANH, SRJGTE IBM SPSS Modeler Z22EF2 51 Demos U ERIT— 8]
car_sales_knn_mod.sav i) “Statistics 3" TR s,
WATE, BAPREHNE R MR EHE,

1% “FR” TAMINE| “Statistics X7 T R

24170 “R” WA, REHRTEBIT,



Table (16 fields. 159 records)
\d File = Edit £ Generste
| Takble A nnotations

manufact |model |sales |resale |1\,fpe |price |engine_s harzepow | wheelbas |wicﬂth |
140 Toyota  Celice 33268 1544500 16.... 1.800 140000 102400 GB35 :_
1H Toyota  Tacoma 840587 8575 1.0..11... 2400 142000 103300 BG.S..
142 Toyota Sienna §5.119 fnuld 1.0 22 53000 194000 114200 734
143 Toyota  Raw4 23106 13325 1.0 16, 2.000 127000 |34 800 G6.7...
144 Toyota 4Run.. B5.411 1942510 22 2700 150000 105300 BE.S..
145 Toyota  Land .. 9535 34050 1.0 5. 4700 230000 12200 FE.4.
146 Wolkaw ... Golf 9781 1142500, 14... 2.000 115000 93900 G5.3..
147 YWolkaw . Jefts 83721 1324000 16 2.000 115000 |88 .800 G55,
148 Wolksw ... Passat 51102 16725 0.0, 21... 1.800 150000 105400 B35
144 Yolkaw . Cabrio 9883 165750018, 2000 115000 87400 BET...
150 Walksw ... 3Tl 2496 13760 0017, 2000 115000 93800 G5.3..
151 Yolksw . Beetle 49463 fnulf 0015 2000 115000 93900 6748
152 Yahvg =S40 16.957 FnollF 0.0.. 23 1.800 160000 100500 B7.G..
153 ko W40 3.545  fnulf 0024 1.900 160000 100500 BY 6.
1584 akva =70 15245 Fnollf 0027 2400 168000 104800 B9
155 ko i 17.531 §nulf 00 25.. 2400 168.000 104500 B85
186 akva C70 3483 Fnollf 00 45 23500 236000 04800 F1.5.
157 Wahva =60 18.969 Fnollg 0.0 36.. 2800 201000 109800 F2a..
158 neweC . Fnold FnollE Fno. 21 1500 7E.000 106300 G78..
154 rewT... Bnul  Fnollf $n.. 34, 3500 167000 1095800  Fo.Z.. |

S — [*]

387. i 5 R ERIREIE

AR (735140 newCar F1 newTruck) BITFAMER, THESMEIS AR,

MIEESRHIATATAES], FNEREH T “%” 22K (ERMAIPEN 1) A R
L,

RJa A DR ATRRT,  DUESAT HERE R AT B A AT RN AT A H S E 9 holdout, {EIXAT
BT, EMNIEBIEASHIHE, FXRRMNEZENTSIHERIT. M holdout Id%[HI5
XAEIREN 1, [FRFrAHACSRAE B 00 O fE, IXAWHMINGEEIREERIDRNf#RNZ T,

R UL SR BIBATTZON Ht R L A AR R AT L %o

WERRRMHE DT, MESSIHE,
ﬂ Type

| Types | Format | Annotations

wEE

E e
[ b Read Yaluss I Clear Yaluss I Clear &l VYalues J

Field Measurement Values Mis=zing Check Role:
S TIUFSERUYY £ UHLNIWUUE (220420 MUl ™ L
@ wheelbas f Cortinuous [926135... Maone h" Inpt
3 wicth & Continuous [62.5,79.9] Mane N Input
& length & Continuous [149.4,22... Mone S Input
{%» curb_wot & Continuous [18955. ... Mone N Irnporst
@' fuel_cap f Continuous [10.3,32.0] Mone N It
@ mpg ﬁ Continuous [15.0,46.0] Mone N Irnpoust
@' Inzales f Continuous [-2.20727 .. Mone @ None
$#3 partition % Flag 1.0/0.0 Mane M Input

@ ‘iew current figlds Wiewy unuzed field settinas

& 388. “HKE THIKE

3. AR R
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4. “RAP TSNSl “Statistics X IR A
5. FTFF 1“7 iR,
BATAELEF B price & mpg FIFHTEER, RICORRFAT A IXLEF BRIV A UL B
6. B HAth B (manufact & type, PAK Insales) HIff % B NI,
7. BiRIE— B XA E KA B bR, B A I E R
8. H T IR DA R E R R,
9. HdiffiE,

Mo Targets

P
.y

- L
I'. L y

i | |
‘ Objectives il Fields [ Settings [ Annctstion:s |
e s | P S e | o e A
4 S

The kMM procedure will identity the most similiae training cases (the nearest neighbors) to your cases
of interest. A target field can be predicted based on the neighboring values.
vuhat type of analysis do you wwant to perform?

Predict a target field

@ Only idertify the nearest neighbors

s G

389. #EHFIRG RIAMEL TR
10. K KNN 15 sl “2RA” F5 55,
11. $THFIHE KNN 5 55,
HTEATRAE NN F R SHERIE TR, FIX RS B iR,
12. fE BRI+ b, s HEGRIEHE TR,
13. AR,

%6 28 = AL FI W5 (KNN) 289



'd Mo Targets =)

3] =0

Settings
dodel Madel name: @ auto © Custom
Meighborz [ Use partitioned data

Feature Selection [ Build moclel for each split

Cross-Yalidation To select fields manuslly, choose "Use custom settings” on the Fields tah———————
Partiticr:

Analyze T ‘ vE
Splits: ‘I

Marmalize range inputs

7] Use case labelz

[ Idertity focal recard | partition

390. FANXFRIRFIERIER
BAE, AR 2 X BORIABIRE ISR, BIFA 1200 B E IR AT RAVIC R, Bl RS
Bz, AIDACRIE T BRIEIR B 1 FIESR AN B RIE 5%,
AR, BB 1 BYIds A newCar #1 newTruck, FICEATRAEATATTHIEE RICTR,

14. ERFEEITR AR b, e BN RL R IR,

15. MIZF B R RBIERY, W7 IX,

16. BB 7%,
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wERt

ﬂ No Targets

| L;‘ File 9] Generste J!iew

il g & L.
Predictor Space Peers Chart
Built Model: 3 selected predictors, K=3 Focal Records and Nearest Neighbors
Fe Price in thousands Engine size Rocal
@
. 40 35 ®Ho
& @ves 101 159 @105
. a- 150 08 30| 92 101 ®ves
i 4 928 158 257 131130 T
) Type e i 201 1sgee 1Re
36_ @ Training 10~ SR 1571 [ EE @ Training
W5 A Holdout A Holdout
E Horsepower Wheelbase
41 L] —
e 200 159 1125 a2
L el - .101105 o] 1591-5,-1,105
| = 1201 130131 158
: K -3 131 SE
i ] 801 150 10251 & 130
17
4 By . Width Length
L1 2 G2ee—158 195 ®
“eq 4, E1 101 el0s 180 924108
5] = 101158
24 158 185 .
2 131 180 131
£ &s8130 152 130teegsn
This chart is a lower-dimensional projection of the predictor space,
which contains a total of 9 predictors.
Select Predictors...
Wiew:. |Predictor Space ™ | “igw: |Peers X

o) (cacal [ 2oo | mesa

E 391. “RAIBEER" HO
CAEM AR R AR ol A L FTHE— RN R ‘BB ER | BEE—NWHER
w:
'%—Aﬁ*ﬁﬁﬂ?%ﬂ:ﬁ*”ﬁ@ﬁﬁ?ﬁ, FRAEME, “BOLtHA R BR300 EIFR D Fiil L B2,
B NI TR PR [ 28
BRI FSLTﬁﬂéﬁtﬁﬁ”E’Jﬁg{mu, BRI EE TR A By
HEREAL R B AR RIR AN AR N300 N TR ¢ B R B AN AR A R0 B,

%6 28 E A FI AR (KNN) 291



=1
oM T = =5 jE]
Predictor Space
Built Model: 3 selected predictors, K= 3

Focal

@ o
@ves

Type

@ Training
& Holdout

ab Ji 5

Engine size

[ B

This chart is a lower-dimensional projection of the predictor space,
which contains a total of 9 predictors.

392. NZ E= EER

WA B A EFRANZEX =R, ERH 7T =MHE CPRNEEIRIRT =T MATE) RS, 7
AR KRS,

MM ERIDR R ERONLt, JE S FERETH k DRIEHSITR,

I B A HERNZE AR, AT DO T e, AT S Ml 7 R Pt 2 B s (R P s s i AT, B A
Hl, RHMKERIHEME.,

WEE

Peers Chart
Focal Records and Nearest Neighbors
s i o Focal
Price in thousands Engine size PYY
40 354 0
101 150 @105
n o
so-{ 159 ”’1558 30 92 101 ®yss
] 19331‘ 20 I i
10 853131 151 @58 @ Training
A Holdout
Horsepower Wheelbase
2004 1EEY 11257 82
160 92 @ 15919105
_ 130131 e ® 158
120 1500, 131 58
801 @58 10251 & 130
& Width Length
51  92@—159 g .
51 101 @105 10 924108
5 158 1685 101 159
© 131 180 8 131
2] Rs8130 10| 130+58gs

393. WEEE

EREFHBILE N SR ESR, HAh R R e AR & 25 A FRIE rR R MR RIE SR, MHEAESPRIE . (R
AR M ATED BB kDN RITAEAR TR,

FEd I HEIREGE AR SRR, BATREM R RS DA BIRA e .
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iR R W R R AT

1. BT 3 IBM SPSS Modeler & 145 b F A0S F 88 B A% O Y 2E T =
2. Nk EER (16 MB, 159 Nidsk) .
R F AR E AT

3. f£ ¥ IBM SPSS Modeler &Ik, FTHF “F&” Fir,
4. FEiBatT,

Table (16 fields, 159 records) =Jo&d
e File | Edt ¢ Generate
| Tahle || Annotations

manufact |model |sales |resale |type |price |engine_3 horsepowy | wheelhas |Width |
140 Toyota  Celice 33269 1544500 16... 1800 140000 102400 GB3.. (=
14 Toyata  Tacoma 84087 9573 10, 11... 2400 142000 103.300  BG.S..
142 Toyota Sienna 63119 Fnullf 1.0, 22 3.000 194000 114200 754
143 Toyata  Rawd 25106 1332510 16... 2000 127000 84800  BET.
144 Toyota 4Run... 63411 19425 1.0.. 22 2700 150000 103300 |BES..
145 Toyata  Land .. 8535 3403010, 51... 4700 230000 112200 7E4.
146 Wolkgw.., Golf 8781 11425 00.. 14, 2000 115000 93900 BE.3..
147 Wolksw . Jetta 3721 1324000 16.. 2000 115000 83400 BE.3.
148 Wolksw... Passat 51102 16725 00.. 21... 1.800 150000 105400 B33
149 Wolksw . Cabrio 89583 1657500 18.. 2000 115000 87400  BE.T ..
150 Walkswr... ETI 9086 13780 00,17, 2000 115000 83800 BE.3..
151 Wolkswe . Beste 49453 Srnulf 00 15 2000 115000 83400 674
152 Walva 40 16857 [Fnuld 00, 23.. 1500 160000 100500 BTG
153 Walva w0 3545 Frullf 0.0.. 24 1.900 160.000 100500 |G7 6.
1584 Walva 570 15245 Fnul$ 00, 27... 2400 168000  104.900 |B23.
155 Walva W70 17531 Fnullf 0.0, 25... 2400 166.000 104800 B85
186 Walvo C70 3483 |Fnuly 00.. 45.. 2300 236000 104900 715
1587 Walva 80 18969 [Fnul§ 00, 36... 2500 201000 109900 721
158 neweC... Snully  |[Fnuld Fn.. 21... 1.500 TE.000 106300 G748
159 neweT... Fnullf  |[Fnuld  Fn... 34... 3500 167.000  109.800 752.. 0%
1] | [¥]

394, LR SHRRIER
M MRENBNRIEES, vl ABE ] newCar 1 newTruck WEHENRIGHKICE, w5750 158 #1159,

Focal Records and Nearest Neighbors

Peers Chart

Price in thousands Engine size
40 101905 35 150 @105
304 159 o 1 92 101
i 228 gg_ 131130
130, / 158
104 §55131 T Yk
Horsepower Wheelbase
2004 15 1125+ 92
1Go— 92 @ i 158 105
G 130131 T o 158
a0 150%0sg 102.5 & 130
& Width Length
5]  g2e—159 1o o
[ 180 1058
X 101 @105 1012
= 158 185 ;59
@ 131 180 131
£ Rs130 10| 130+58gss

395. LLERTEE R _ERISFIE

Focal

@ Mo

@ves
Type

@ Training
A Holdout

%6 28 = WAL FI W 5 (KNN) 293



fian, fEIXE, ADAMNEEER EEE] newTruck (159) IR SRS KT EIEMEIAMELTR,
newCar (158) HIA SR /N E R EM BT HRITER,

NFRMHEF RS NMHE, rlAREERABRE RS L, EERENENEMHERNSME,
{EWRLE ZE 45 2 newCar i newTruck HIBITFHARICENE?
R FRAEA SRS, TR A R S T R AL

5. BT AL TN E R ICE A R hvIR CYRi&AMNERZEE)

6. IEEEACR MBI,

BB TEMEER

k Nearest Neighbors and Distances

Displayed for Initial Focal Records

Nearest Neighbors Nearest Distar
Focal Record
2 3 1 2
158 13 130 58 0479 0.590
159 105 g2 10 0.580 0.634

396. B TTEMEE X

IXFERGF, BRER] AB SIFE T3 B 5 A= i R B A el () = Fh 2 1Y,

T newCar (FErSids% 158) , ‘A1 Saturn SC (131). Saturn SL (130) F1 Honda Civic (58),
RIEH, AR, Ktk newCar TEN AL, Fiol2 B BB IMHIRIRER,

XF newTruck (FEriidsk 159) , wITMHARITZEN Nissan Quest (105). Mercury Villager (92) 1
Mercedes M-Class (101),

aEipmR, ENHA—ERERARE X EEE, MREPFNEREENER, RERIOMHMITEN “R” 1
s, AIPABE newTruck HHNE M &SR, FHRFRPERENER, N, HERMSERMNT 52T
F, KIHESE R,

HES

BATE 1 AU il FH BT M QR TT 3R 04 R EEBER B R BR SR B DR T2 R AESR . FRATE N AN [R]
FIRBIL R R TR, EMRELt 2 7iXE holdout,
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o5 29 = Hnll S5 R (TCM) R G R

b 55 BRER TR BE 1A F) b 55 ISR SC ST ERR, T EIEERER AR TR hilAT R R, ARATI ST T AT A [R5
%%@ﬁi&%ﬂ?ﬁfﬁﬂ%ﬂ (R ARSI EIR < RIRIRIR S R T TIEAH EATE A SR ST EbR < R
(EPSE S S

B tem_kpi. sav WS A RRESTHEIR R EHE DA AT R &, RIS EARI BE (7 B 7E
HIZ8N KPI BB, Al B B RV EBURF BT RTZR N Lever BYFBLH,

el
-~ # —
tcm_ti.sau Type TFﬁM
i
Table

397. TCM EAERIFEAIR

1. QIE—HIR, ZASTE IBM SPSS Modeler 2234/ Demos XAFJHERINFEM] tem_kpi.sav [ “Statistics
S TR R

2. % “FR7 WAKTNE] “Statistics XM TR R,

3.40F R WA, RN T BB, HAEE R R ETITRRA &R EE DU AT R,
KEEGEHEARAV R FIEAERTSON KPT AU 7B, FF H R P2 B R (I FE BT SON Lever BT B,



[

Table (31 fields, 112 records) [o | &[]
@ File | = Edit  ¢) Generate |1} | &) ||NW (@]
Table| Annotations

date |Le'u'er1 |Le'u'er2 |LE'u'Ef3 |Le'u'er4 |Le'u'er5 |KPI_1 |KF’I_2 |
1 2008-09-07 6.816 1176 101.839 88258 2027711 1.829 1891.833|«
2 2008-09-14 6.091 1172 120610 103803 23432404 2162 2125261
3 2008-09-21 8108 1.093 70512 81.053 1813224 1809 1843765
4 2008-09-28 6.603 1121 78581 86393 2722012] 1.784 2551.153
5 2008-10-05 8.564 1.024 148985 104379 2235634 1704 2186.092
] 2008-10-12 7331 0848 170236 91477 2607424 1642 1711.295
7 2008-10-19 6.996  1.362) 230189 69636 2354322 1681 2112309
8 2008-10-26 7863 0959 169925 87400 1860496 2304 11561.226
9 2008-11-02 7894 1131 307334 109.200 16001568 1.¥82 1929897
10 2008-11-09 6.648 1.052) 467642 Y7574 2007203 1913 2042415
11 2008-11-16 4281 1232 564812 80350 1764707 1.915 2263544
12 2008-11-23 7458 1.219) 523018 106373 2106.771 1.676| 2451.158
13 2008-11-20 7235/ 0978 628724 T3206 2666294 27160 2553336
14 2008-12-07 7752 1.032 654648 09905 1915698 1.964 11614402
15 2008-12-14 ¥.839) 0770 712274 80301 1811281 1.147 1925271
16 2008-12-21 8.529 1.374 699621 98391 1792807 2033 2320790
17 2008-12-28 6.069 1.034 BE2279 117396 2216.657 08793 2473630
18 2009-01-04 6174 1442 613071 72062 2530900 1701 1769604
19 2009-01-11 J.046 1410 718218 05594 2285140 1841 2215692
20 2009-01-18 5805 0933 908362 B3B63 2391528 1977 2094555+

R — [}]

398. KEGFEITA FIIZH HE ERVREE

4. P RIS,

5. 4% “HAEV A EIIIE] “Statistics SO AL
—p—
BITO W

1.0 TCM TR s “M” T, ARIGFTTT TCM 5 s 22 - BOE TR (R 7
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r@nm
9

Select an item:

Time Series

Observations

Fields Data Specifications Build Options Model Options = Annotations

@ Observations are specified by a dateftime field

Dateftime field:

42 date

&

Time interval: |Weeks

) Observations are defined as periods or cyclic periods

Period field:
- p p
Cycle fields:
Level |Fie|d |D5fcle length Starting value | |
X
f
¥

[ OK ][h Rgn][ Cancel]

| apply || Reset |

399. “HERRXREE" LN
2. I “HEA/IR” FBERiERE date, SR “BSTRITAIRNG” F2BEHHIER: Weeks.
3. sl A, SRJE S e S A,
EREABIESE tem_kpi.sav A, FEX Leverl 3| Lever5 BH “MN” fath, Wi KPI_1%IKPI_25 BA

WE” Mt fEiEPMEHRDE XNAEN, BE “MAT manTBRIEAESEA, JFFHEE W
A OB IN TR R RS R AR iz AHT E Ao

PR AR e RS RE e i AR P B B ER A, ELHORAIF, Rt N2 FE Leverl |
Lever5 DI B KPI_1 3| KPI_25,

4. BisfT,

BFERREERR

ERETEOL TR “EARBRIBTR" f IR AT A BRI S R — D SRR A — DRI

XN B FFIR A — DA, kb LSSt BRI BRI S, HRFIERBE L& 5t
&, HRJT,

CEVARUETRT TS EXIIRER IR, B AR EIREE R, ENE BB PR AR

P2 DABGE I

529 B RS ER (TCM) REIRKR 297



Interactive Output - Overall Model Quality = @

Eile  Edit Help

Overall Model Quality
11
10—
9_
8—
g7
=
2 6-
g
£ 57
4-
3_
2_
1_
0 I I T 1 I I i i I 1
028 0412 0 012 025 038 0s 0B2 075 088 1
R Square
Find modelfortargetl o |

Overall Model Quality

e
o
)
5
<

=i
03 012 0 012 0.25 0.38 0s 0.62 075 0.88 1
R Square

400. SFEERE

TESRICE R B AN SR AT DO AT 8,  DUEE (RS G ST Rk, 76 B P iy s B2
SRR R TESDR, HA &SRR FEFI 2R Gt B AE, B EE IR HARRIBRIAE s EE 7
FIARR, A DE R EHREIRE B AT HI R AL,

SIRREI RS

FRAE RAERY “BABERRG” R E B RG w2 B R RN EERRE, SEELT,

FRIE “R7F” IESGHENES R ERAEAET 10 MR, £ “BHREEEREAE” SIEERN “EER
aﬁﬁu WE (fE “HEhtm” Em+ b)) EfEHaiyfsis (WA RERAEHEED) FRENIES:
&,

“BMARTIAS TiE &2 B IIGRERR M, BRI REERME, ENE “EFa PH “EIRBRIRS”

ERLEGET, FEHREIT, REENEEERATIERIIZENXR, EXERmET, WRHERH
KR FHAIRAIERE Y,

298 IBM SPSS Modeler 18.2.2 I 2745



E] Interactive Output - Overall Model System E‘E‘
Eile  Edit View Help
Highlight relations for: |All series '1 - Hide links with significance value greater than:
il g
Overa” Model System P| | Model Fit Statistics | Series with Qutliers
Fit Statistics for All Models
Model Quality
Modlel for Target RMSE RMSPE AIC BIE RSquare
KPI_16 28922 015 1,242.26 | 1,311.78 083
KPI_5 97.58 027 1,002.48 | 1,071.98 082
KPI_23 18033 033 1,145.44 1,214.94 0.1
KPI_3 32618 018 1,260.71 1,330.21 079
KPI_1 022 0.20 -301.69 -232.20 07a
KPI_11 0.01 016 | -1,013.54 -944.04 o7e
KPI_4 0.00 014 | -1,123.96 | -1,054.46 075
KPI_7 467035 015 1,830.30 1,895.79 073
KPI_10 000 012 | -1,181.04 | -1,111.54 071
KPI_6 43767 012 1,323.65 1,383.14 0.55
KPI_2 30338 01 1,24521 1,314.70 052
KPI_13 3123 012 1,250.69 | 1,320.18 0.51
2l | KPI_19 212859653 018 314040 | 3,209.90 047
i KPI_25 1493 012 600.80 670.29 047
KPI_21 003 014 -738.06 -G68.56 048
KPI_18 139,844.45 012 2,557.75 2,627.24 0.46
KPI_14 25615 012 1,200.01 1,278.60 0.45
KPI_12 BE1.44 0.14 1,412.02 1,481.61 045
KPI_15 261.41 012 1,213.36 1,282.85 043
KPI_24 1352 013 579.52 645.01 042
KPI_9 13.24 012 57495 644.44 0.41
KPI_20 1641241 0.14 213518 2,204.67 0.41
KPI_22 0.03 014 -718.20 -648.70 037
KPI_17 015 015 -383.19 -313.70 037
KPI_8 013 0.11 -407.40 -337.91 0.37
RMSE = Root Mean Sguared Error, RMSPE = Root Mean Squared Percent Errar, AIC
= Akaike Information Criterion, BIC = Bayesian Information Criterion
1 [+

401. FRERYIN “SEER RS ME
BREE BARER 2| s AT E T B EMREEG, HEST ERESLEMNE AL ItE AR BAR, B4,
Lever3 & KPI_19 B9%i Ao

BATHMHAE R IR X AN B, HPh B TR RE R ENRR, SHEEOT, BT ERT
0.05 AKX R, £ 0.05 5, 1X Leverl, Lever3. Leverd Fl Lever5 B 5 X BENERIR T B I T E N
RKRFR, AT LSS CEARTE B 2 PEAEK T PA A R BERE A 7 B i AR B8 e B ME T 25 1K

FR TR Lever FBRIRHEGTRIBIR T BEZ RIMIRIR KRN, iR RS ehn ZE 2 R R, il
0, Bk KPI_10 1E28 KPI_2 BRI AN o

AT DO IR AR R RBIHR R, BN, ZANER KPI_19 WA, 1HH M KPL19 BIbRSE, Hdi
HiE, KRR ERPHINXR,

% 29 = HRESER (TCM) FRIRREZR 299



Interactive Output - Overall Model System =2 Eol )

Eile  Edit Miew Help

Highlight relations for iSmgIe series > ; Series name: [KPI_19 = Hide links with significance value greaterthan

4
Overall Model System M Moae! i Statistcs | S O
Fit Statistics for Models iated with KPI_19
Model Quality
Model for Target RMSE [RMSPE | AC | BIC | RSquare
'59 KPI_19 2,128,596 63 | 018 | 314040 [3,20880 | 0.47

Yz RMSE = Root Mean Squared Error, RMSPE = Root Mean Squared Percent Errar,

AIC = Akaike Information Criterion, BIC = Bayesian Information Criterion
/—\ Q\j
NS

KPI_18

s,
N

K# 15

402. BEMFYIH “BEEERR” HE
A E 2R B E N T BT 0.05 Y KPI_19 B A, R R, 1 0.05 ZBEFMKF, Bk KPI_191E
N KPI_18 1 KPI_7 H%i .

bR T EoRAMERF SRR RSN, W tHIUE 0 &6 XX I MBR I EMEEHERE R, A S ERHER)F 5
T,

Series with Outliers for KPI_19

Saries Time Ohzerved Value
KPI_15 | 2008-10-12 7,358,201.68
2005-04-05 2.10E+007
2010-09-19 6,492 167 87

403. KPI_19 B &&

AT KPI_19 & =/ EAHE, N TEESITALKBIRERIETRS, Al EEHERN, FieEia]
RE BT E BRHERIFA, TR AT RN B B EARA R K A 7 B S A R B A e B9 2

= InE

R AT DA I ZE M SRR B S R e SRR SRR TR R AR A2 B, By AT RS ERAPH)
KPI_19 Wbr%, Bdifdd, ARIEaIdymeE,
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Interactive Qutput - Impact Diagram

File  Edit View Help
Series of interest |KPI_19 h, | Show: |Eﬁects of seri.. ™ | Mumber of levels to display:

Impact Diagram

& 404. N IR0 E]

H)\ EARETI RS Gl ER, FlanfE R, Hes Bk RS TR F A, G ET

T, EWERR=ARNEN, Hf, BN RAIEG T E T, %%E’Ji/\f&ﬂU%MTﬁﬁ%&r‘ |

FA) B 22 (B4R @TMEEAI%EEW&%H&EE’HELhm%%i% DRI, MBI &2 0 ] B

KPI_19 & KPI_18 1 KPI_7 W E#ZH A, (EEHIBIIXN T KPI_7 BIRUN [AIESE MK BT, 1E R RS

RIRGH, RIVHANX R R R R 2 E M.

SN AN AR BRI B R B R R AR THASE RN S R B e L+ MEDAUATmITE, Hf, L
e AR LS FIEIR AR AR, ST DB B T DI Y ﬂéﬁzﬁ%ﬁﬂ@ﬁfﬁir‘ HE,

Rk 11 R R ERH e A1 BN OSBRI P81, 5T I B AR ORI, JE3E R DATE RSB IR P HIAE
TaE A PR DO RSB HI AN R P51

M B R MBS P SN A1, IR PPN IR R, AR KPL_19 KPS, 1EMEAR M
ﬁU%‘z%ﬁhf SR

529 B RS ER (TCM) AR KR 301



@ Interactive (.iu{.pu{— ]mpad Dli;glam .. )

File Edit View Help

@ Series of interest: | KPI1_19 "2 ‘ Show: |Caus_e_s ofse. v | Mumber of levels to display:

Impact Diagram

ENEQR

% N 5=

405. [REZME

HALE TR KPL_ 19 BRI BB M AL H. Lever3 BEA S KPI_19 Wi BFR R X RERK, HidT REd
AT KPI_7 #1 KPI_17 WIRURAHZFZIM KPI_19, FHATRN I e BMH FME SR s A TR, 2R, &R]
DABE B R RO B3t OB DA B R B8 2 BB /DRI Y TR A

HRE B EHERR AR [

SEN RUIREE IR, Al RESET BAHERI, FFifE ] RE SR E ERHERFS, IR B R
ERAEE M, H HAFHLFIHE RS ERATIER, 04 0 B R R G A T Z R SR
i, FEHURBIT, TEahdES RN TR R R SRR,

BT R RHEAARA R A 734 -
1. 1E TCM XEHE, FEMEEIUETTF, )5 B dNER s R TR B Rl
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s i soctaons 515 or Mot Atons

Select an item:

Ceneral r Display targets associated with best-fitting models
X 5 @ Fixed number of targets

Series to Display

Cutput Options Mumber: g

Estimation Period

i) Percentage of total number of targets

Percentage:

Goodness of fit measure: |R square ;l

r Specify Individual Series

Fields: Fields to Display:

Sort: |None x - & KPI_19

& KPI_11

& KPI_12

& KPL_13 W
& KPI_14

& KPI_15 -~

9

-

ol J[ Reset )

406. EE M BEARIER FT
2. % KPI_19 B2 B E R 7 B3R,
3. Bgh “VED JEIR BRI 2R A d R

%29 = RS EE (TCM) IR ER 303



' o TCM
T

Fields Data Specifications Build Options  Model Options  Annotations

Selectan item:

General Output for targets

Series to Display [] Owerall model system

Qutput Options
Estimation Periad [T Model fit statistics and outliers
[7] Model effects and model parameters

[7] Impact diagram

o

Output for series

[] Same as for targets

[] overall model system

[7] Model fit statistics and outliers
[7] Model effects and model parameters

[7] Impact diagram

-

[ Outlier root cause analysis

Output: |Interadive outliers table and chart ¥ | Causal Levels: E

Model fit across all models

| R sguare [ BIC

| Root mean square percentage errar [ | AIC

| Root mean square errar

(o (b un) (ea)

[] outliers over time
[] Series transformations

| Series plot

"] Residuals plot

| Top Inputs

] Forecast table

[] series plot
[7] Residuals plot
[ Top Inputs

[7] Eorecasttable

B 407. “BEEREREE" HEIRN
4. BUHEH SABRRSE, 5 HEHE, R ITHIEIER,
5. R ERHE A R R 0B (8 B i AN BRSO BL A R B
6. HliiafT,
7. Wi “EEAGRT HKPL19 1 “EEHERARE 2T BRI,
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Interactive Qutput - Outlier Root Cause Analysis E =
File  Edit View Help
Outlier Root Cause Analysis for KPI_19
P e |
Quitliers
Time Observed Value | Predicted Value | Outlier Probahility | Root Cauises

2008-10-12 7,358,201 68 1.20E+007 0.97 | Mone found

2009-04-05 210E+007 1.66E+007 086 | Leverd

2010-09-19 6,482 157 87 1.07E+007 085 | KPI_15

408. KPI_19 MNBEEIRKRER S

£ “BEHE” RPEER O R, %R TR T 2009-04-05 F12010-09-19 HIEAHERE THRARHA,
{H2XF 2008-10-12 M EHHERIREMBAIRK, Mt “BEME" RAPIIT AR B RRA R K 51 R
12, Wb E 2009-04-05 B EEHERTR, IHERIELERE S RFYEAEF R E#E, b DIERER
A [ B REE B bR DAZE H TR I B R (E P AR AR TR [R5 B R A2
X 2009-04-05 FUEEHE, RAMRREN Lever3, BB Lever3 & KPI_19 WE&ZR A, (BEICEITHN
SN KPI_ 19 R A AR08 BIHE 2 KPT_19, BSHEHEMRAR R AT — N el Bl E T2 A T HEERA
JRRBIRI R R R R, SRETERT, BER=AYG, R IIRAR AR K 751 26 7E W R SR04
=, EHRAIF, ES— D RERERIFE =N R RIFE L L Lever3,
BERENED 2 RNBRPNENT SRS —NEER, HEREVEEBRT A BB, ST — 1D E
RGP e, VEREZE T-1 28 T7-L, Hrb, T 2EfEHBIRERE, m L2 SESMER IR AR
BE, FFEANRERIGIFHREE, EEVE T-2 8 T-L-1; HEXNTHE =LA, EREE T-3 2 T-L-2,
ST DA A B T R BOX S 7 51

BITHE
eI R RIRAE R R G, SR DUSIT A PE X977 580 77 SRR AR S IR T 3 371 AR 2 Fe A i 72 TN TR

VR NH—HH 8 SUEE o 58 HMELRE S5 R IR A O AR e 51 i 2 M S 18] S T, 5 A 7 22 T
HRXARGMNH THRERGHEIE. EHosfld, maidaies A TR B R SRR,

AT E:
1. 7€ TCM B xHiEHE D, Badh )y R Pl
2.1 “INIRRISRAEA 27 WIEREA, B TR,

529 B RS ER (TCM) AR KR 305



P

I\-j Scenario Period @

Model System Estimation Period

Date |
Start 2008-09-07
End 2010-10-24

Time interval: Weeks

Time Pericd for Scenarios

i) Specify by start, end and predict through times

Date
Stan of scenario values yyyy-Mi-dd
End of scenario values yyyy-Mi-dd
Predict through yyyy-Mi-dd

(@ Specify by time intervals relative to end of estimation period

Starting interval of scenario values:
Ending interval of scenario values: ICI

Intervals to predict past end of scenario values: E

.i.; The end of the estimation period is time interval 0. Time intervals prior to the end of the
-2 estimation period have negative values and intervals after the end of the estimation period
have positive values.

[Cuntinue][ Cancel ][ Q Help]

409. 5 Z=HA
3. IEEEEADN TAb YIS SIS ) Y I ) ) PR B8R i85
4. WTFEEGBX AR -3, HATERX AR 0,
XL B A N T R TR G T A SOL Y N R X A S B, X F IR, B Ja Py s a1 X Ja]
BREOLVYJE,, FR H A E 77 SRR B B R 77 2,
5. BRI IX I 4 DAFRNIT 2509 75 B ES R,
I B R TR R BRI 77 S HAEE SR A PO I 1) DX ) AR B T
6. Hlidkss,
7. 8 “TFRT R EREINTT R,
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o Scenario Definition @

Root and Target Fields

Fields: Root field:
Sort; |None v |E 4 = |$ Lever3

@& kP19 [7] Specify affected targets

@y KPl 16 .+, By default, affected targets up to the currently defined
@f KP| 2 2 maximum of 25 are automatically determined.

Affected targets:

Scenario Definition

Scenario ID: || ever3_25pct

4
:j_ Scenario values are applied to the data used for modeling, after any aggregation or distribution of the original data.

(@ Specify Scenario values for root field

Interval Date Scenario value  |Rootfield value
-3 2010-10-03 =Read=
-2 2010-10-10 =Read=
-1 2010-10-17 =Read=
0 2010-10-24 =Read=

* Forecastedvalue

@ Specify expression for scenario values for root field

Expression: |Lever3*1.25

[Conn’nue][ Cancel ][ Apply ][ 9 Help]

410. AREX

8. ¥ Lever3 B EMFBHE DA 2 /7 SRHAHHE T/ Lever3 (EANMATRZNN Lever3 A TR SERZ M B HoAth 5 51| 1 750
e

9. T FEARIRHMA Lever3_25pct,
10. JEBFRE MBI /7 RIERIE I RIEAHA Lever3«1.25,

IR E R E 7T R Lever3 RYEELUIMENE K 25%, AREEAMFIAEN, An]DUEE it E =
PR “FRA AR .

11. BdEkss,

12. EE S 10 - 14 DLE XARFEN Lever3, JTEIRIAN Lever3_50pct 7 HRIAF N Lever3*1.5
ViE S

529 B RS ER (TCM) AR KR 307



o Temporal Causal Model Scenarios

Scenario Period

Define Scenario Period

1\_I The time period over which scenarios are carried out must be defined before scenarios can be created.

Scenarios:
Scenario ID Root field Scenario values
Leverd_25pct Lever3 Leverd*1.25
Lever3_50pct Lever3 Lever3*1.5

Edit Scenario

_Run_J[ Resst ] _cancet ]| @ o

411. &

13. B AEBNE TR H X B2 M ) HARHI R KRB 2,

14. BHia1T,

15. Wikt “BHES”  Lever3_50pct ) “SENaE” B3R DUTE,
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Interactive Qutput - Scenario Analysis EI =]

File Edit View Help

Impact Diagram for Scenario: Lever3_50pct

i e

Forecasted Values Secenario Definition

Forecasted Values for Scenario Lever3_50pct =

Series 2010-10-10 | 2010-10-17 | 2010-10-24 | 2010-10-31 2010-11-07 2010-11-14 2010-11-21
KPI_6 286321 3615899 3,907.76 32343 2,617.06 2,802.20
KPI_5 180.93 167.98 351.28 298.07 1733 276.29 442 68
KPI_11 0.04 0.04 0.03 0.05 0.04 0.04
KPI_19 1.16E+007 1.34E+007 1.41E+007 1.43E+007 1.44E+007 1.22E+007 1.43E+007
KPI_1 0.44 0.66 0.78 0.86 087 0.83
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