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stream = modeler.script.stream()

neuralnetnode = stream.findByType("neuralnetwork", None)

results = []

neuralnetnode.run(results)

appliernode = stream.createModelApplierAt(results[0@], "Drug", 594, 187)
analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)
stream.linkBetween(appliernode, typenode, analysisnode)
analysisnode.run([])
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taskrunner = modeler.script.session().getTaskRunnexr()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/19/Demos/"

# First load the model builder stream from file and build a model

druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []

druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now load the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
model = taskrunner.openModelFromFile("rule.gm", True)

modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType("derive", None)
plotnode = drugplot_stream.findByType("plot", None)
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drugplot_stream.disconnect(plotnode)
modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)
plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.xrun([])
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stream = modeler.script.session().createProcessorStream("featureselection",
True)

statisticsimportnode = stream.createAt("statisticsimport", "Statistics
File", 150, 97)

statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/
customer_dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)
typenode.setKeyedPropertyValue("direction", "response_01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature
Selection", 366, 97)

featureselectionnode.setPropertyValue("top_n", 15)
featureselectionnode.setPropertyValue("max_missing_values", 80.0)

featureselectionnode.setPropertyValue("selection_mode", "TopN")
featureselectionnode.setPropertyValue("important_label", "Check Me Out!")
featureselectionnode.setPropertyValue("criteria", "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream
applynode = stream.findByType("applyfeatureselection"”, None)

tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96,
applynode.getYPosition())

stream.link(applynode, tablenode)

tablenode.xun([])

IERAIA G E T — N AR ABIRITR T R, (EH “RA” 7 R7 K response_01 WAt (7)) &EN
BAF, AEAIEIFHIT “FHEERE” Tl A ERERE A LIS A & PAE TS /e 2R
JEEE BRI S R/ SAER, ‘R AV T)EM selection_mode Fl top_n FRFAER 15 MR EE
N7, AREZER, ESMHE 226 T featureselectionnode JEME) T8,
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TR, FF B AE RSB T om i T R A DAREE I AT A, (AR RUEA, s tha]

DIAER s T2 DA,

flan, BOgFREIEE — NERRIPTIY, JFHETREESE T EARESRE T R R, TR

BT TR EAEIRE A T RO ET SR P B AT, XAELT, aTDeIE - P EEITIRES

Ei”ﬁﬁﬁ’ﬂﬁ*ﬁ'ﬁﬁiﬂﬂio FH IS B 22 fey 1 L TR HOME, B0 V-5 22 BbR i 22, RTE RSO T R R T A2 R
}EHO

FEAETT A FR i e] DUEE T U, SR TIR S EHMIAAR R TRUERE—1E, 595N, WA@Y el
ELHSR BRI R T R B RO RE B, ARE AR, ES % 405 iy I3 21 = @A
BV T, T S A TR A AR T R DA i 9
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TE: By A& R BB HAIT B SR, AL BT R0 XEHER) “IIAR” eIk SAE T2 15
HCIDEER

METERITH BT R WEE:
MR TAEDOEER AR T R, REM TR SRR
AT A

MERXETRATERTA BTN SR 3HEE:
A R TR, 2RJE M BN SR g
& A

BT R AT

DA 19 s A 7 B 9 P B BATINS . LI RTA AR B e TR B 2R BT, DMEREE T
HAT AT A R T R R

execute 'Set Globals'
execute 'gains'

execute 'profit'

execute 'age v. $CC-pep'
execute 'Table'

PIEMARBIET =
DA RGBSR T A o] S AR a7 s -

stream = modeler.script.stream()
superNode=stream.findByID('id854RNTSD5MB")
# unlock one super node
print 'unlock the super node with password abcd'
if superNode.unlock('abcd'):

print ‘'unlocked.'
else:

print 'invalid passwozrd.'
# lock one super node
print 'lock the super node with password abcd'
superNode.lock('abcd')

P REIAHI R RIT

M V16.0 7R, EIE SPSS Modeler, f&A] DO A TEHE AR O AE T B — R A AR, 1 JC 7 i
I ZwiiliE = B 516, RNER 7y O R R 32 2P A AR ] B AGEA DASAE 6 e S5 AR T T
RHETT R

AT AR & e IR RN A& PR THIN, LA, ST R ELER F 3R s 5 B RS B, 1
AT IR B — A AN TR, TS E R s AR R, IR 5 R
TEAIER (B, RO SRR B R, ReRIERTANS S NS R S) [T, R Y
SIRTIRNIZ L, IS T AT ARERVRNA P, DABEL LBk B 5 AT i o O R 1

TE: PRI PETE LR G VSR, (RIS T O0E AT T M,

R S AIRERAT B ST (F 55, I, X ATREREVRE ORI R (0, I LR — N
BH, BA, HEAT DL RIS TR RS TAR R E IR, DA FRBIF T
SETRARRE U, 3 B ERERHRE T EY,

BT E U, I BRI R DT,

BITRAREE NV, I BAESUHTIR A — MISMOFEL,

PO AL E U, EL SRR B BT T,

B 1 E WARSHWARSGIES 5



- FAFPAT 1ERT DARE A ERRIEFUE IS PR P20 T RIS T 753K, rTRERRBIAN T :

- MRIELEMER true I false, ZHIRERIZITH R

- ST R DT 77 s T I A% 7 is 1T,
TEAMZEAFAITEORAE R XHEHERE ST TR ER, (TSR EEPR R A R
RERRER AN ERX L5 SRR AN S — R SR EREAR b, S A THERXET SRS SN IAT,
AT OEIE A =Rf77 PR R AR — AR ) T TR

AE A R TR HETT R A 5

1M “TR” R, R

wEk > hay
2. By AT R DUCER S AT AIRIA,
- L

1 ARG R, REIEEI RFHIT,
2. JEFAHIC TSI TN,
- NFERTERE B EE LR, s e R,

ISR RIS — R BRI ERF TG R, 1 T IR RIS AT T X, R
JE RSN SR TR

prirgeal: OF 1323
OGN, ] DAH IR EE LSS, AIRERREIa R :
BTG EE B IREL, B UERR TR T
BTG EEE REL, B ERER A B IEM T,
BTG TERE IREL, FF BAEB IR TIN R A — MM
MRS LA TE R H B, I B R A B A T R R
Ew\ﬁf_ﬁé “BAT” IEIR IR TR IR E RN, BERORE TR, IEEEIE/ AT
17775
R E THA ZEPITHT AR, ARSI TN, e NPT ETERERECR B, (AiE) #&n]
DU AT R IR SR AL U A RIS, B A “IEIR” TIRTT-FRAT N A ARSI 5 Lt AR AL I 2 B A G
A EE BT ET-RE SR E R LB R (TEMIA) T, IR B R R T R R TR

i XTEIRE, ] DUBHE R 2 MEFRNEREIRWORE KIGIAEEN,  SR)5 2L B A] FE R AR Gifee o FR A T3 —
AERIIMEA, EEE, SERDRM... I, S0 A R TER B2 BRI A,

s QN ERETE IBM SPSS Collaboration and Deployment Services 1ML AIZ T3S SPSS Modeler ii, AB4
A DATE S B E R IR E IR &2, X 2K, IBM SPSS Collaboration and Deployment Services fE\k
YAk H¥4 T 5 SPSS Modeler £ H, fltn, WREERAIRE T H/MEIRE & ME NS MEA IR F
(SRR, AR IR AE SPSS Modeler HIERf@44, {HEH IBM SPSS Collaboration and
Deployment Services Deployment Manager 1 “£55” &I A A B & 5% H 8 5

EIRE1EF, B TR
1. QIEER RO DUE SUSTER U TH R BB IR, BXREZER, ESMOIEA AT,
2. fERREN, EX—PEREMENER, AXREZER, HSHAEEESE,

3. EOIERNEM AT LB B EIZ PRI R EZR o, SREROL N, R RIEAITIE;
ZAESFRH L IBANER, R RS RLLR IR, 285 A% 70T A M e _E s i Sk B 24
}_‘%_AO
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IR TFRPNREIFIEAXREF

{5 FIEAORHE 7 AT LUE SCRAE IR PP A TR 32 BORIASSAE, BN, IR EST I E & T 0, HB2 AT LA
MSHHNEE RS, FRHEMEERE Y, EafThlN, BT RIEN SNSRI RS
S D ARINERSHIXAE, A 8 SOERRET” MIEHER] IR E X,

LFTITHOIEAE, R 0638 TR A NAREAORR ... 178, B ARAGRPIERT R, R

JEIEFEIRIR FRAFT > @2 SOEOCHE Y (B SURFR/ T > 2 SGEASCH Y (H) o WERE M

FIOTHATEAE, ARARGIATRES AN EIRE — 252y, N, 5 "HI44H%,

TRERMSH Y, 1HHE M7

IEAURYE, 1R DO S RAIH A — ML

RS- B R AR —MERR, AT RIE RSB ERIXIZE NS MEE 7B
PSR-, (ERIIEITR] QU —DMERR, TR RS BEMERIRIE NS MEEE,

WRURTE - B BRI O —NMEE, TR RUB R E IR I B A MEE T B

SRR - H, A ORI O —MERR, TR SR PERME IR E NS MEE(E,

BENA, EERSEF RTINS B AL, 0] DO FAH A — ML

BB NEEEFRSE - FEREGSE - N A T, WA RFIR PR RS

SR PCHEERET KB - B U YE - (N A AT, SRR I BRI A B AR
DUTIF “Mef T m” RIEEHIEERTER T A ARSI mid %, B2 Al DO i R A1 — 35
M RGERIATIENE, DB RRPERRAT S IR o SRR . EET . TR O YR
R B R TR

JRYE, (CHEEEN RBYE - FBEOT SURTE - (AN AT, WRTHIFIRR AR 77 s R

TEAM 7B, (S EERFRSE - FEREN RJRNE - FBINA AT, T s i 2 TR AEER
B fEn] DOGSE NI H AR —NEDT:

i, SRR SR - FEIA T, VRO R L S R B A, S M
FIFF “HERRS " WA IR 1 QTS RA g%, AT DUBAHERE R AR i— A KA
RGBT, U A U . MR L CER . CEED . R
ST B R s,

PRI, ARSI TS BT YRR MIEHE, (AT DU MR R s T
FROOE BRI T, WSS 8 01 TR TRRIVTFEL DT E,

BRI, (0L ERERB A - ISV AR E - N AT, EEFTE T BB (R A, 1T 0L

ke T E I

i CSEE RS - BN AT, P OL B RN ELE S AN BT, MW AT
TE AR MG R AR %, A6 AT DI A — A K
AT, DR MR T . T . R . CRED . Rl 8
HOE R 1,

PRI, SRR R R TR AR T B,

AFIR, WADLFI R T R YRR XEHE, (T DAZE AR P A T4t
FEARERI T B,

AT RPNEFNEREE

R&AT DA A BAE R TIEA B i AP IR S B E B0 E T BB PEEL B, BRIEFARA TR
R ERURHET RIS E RS SRR Y, BAERRERBA — MU S SR SR A
e, DA —SoR 7TIRAHHE BRI ER M, EIXLEMEIT, &) DAEEE R, X[ NE
FREVETE BT, BIansm S EHERAE L S HP IR AR BT “8 OBREER" MIEHER]

DAk BARA TR R AL &,

LTITIOIEAE, R 068" FIRIRA TANGEMER... 148, S GRARTFIEMTE R, K5
T EERER AT > " SOGERE R,

ZIRERRLE, HHE MIFE:
WY, EREEERAEMEARE, FTNRSBET R TEE TIE .

B 18 WMARTHHAREGIES 7



ANFRIERRSE, WEERETRSY, AEEEIERRAMEN, A TIAIEAR MR QR R A A
D & X NIZRZZ IR B NHIE,

- BRER, ERNIZERSBIRE NN ERL R,

- T HIT, ERRSBOXE N REL BRITHRIE, EMIIRPERER, KR ZERRITRI,

- FEHIA. WRETFINSEE AGES MR RANE, HEFET, IREEZ] “fEAR° 5k
R, AR A A A A TR SRR

ANV RRTE, IEEREATR T R SOZ T R E N EYE, REE R TR ERE, S
AR NI, AT DARCEHTE M

- gl JRIEER RS TE, B2 ME 7 K TR TR A EIARNES T DARECE %
e

H./GSho

~ FERVEIRAIS, (A RO VIR B A AR,

- (ERVEIRR. CIS RO AN ERIRT B AR,

PP RIARIFAIET, B2 RIRAURIETIVEIRT BIRMBISCAR, I, SRS
[ A T ELASHE PNV, 15 FT AL TP - 0B SR 1L
BERFAENTER

BIERSIIY, (SATMER “ERTE AEELRE R TR,

HEFF Ak P DB ISR 91 HLsf— TIOR8 105 B (T HE

- E19A BB THDTEGRI, 4 34  B BIT E BB RN

A I BHIUY R 7 B P DA T 5,

O A PRI BRI, BRI R R IR0 BN AR .
—UONFIRAERE TR, SORFIELE Shift FEA AR Ctrl JFeL iy /7 B MR, IEh, ]
ARSI T EI AR R R 2 A7, SUARUMI SRR I B

LR, WSRO TR, USRS TEMBOT SR RN TR, fa, s
RIRR IR FRRITEH, TG EREIRCN TR0 R,

APRIFFRIT
SIS AT, AT DURRAS S5 7 SO 2% P A DERE A P A A UL 1 SBT3 ATRER RN
‘F.

ARIELAE(E SR true IEZ false, fEHIRERIBITH R

- XTI REINRE DIIFAT 77 s T R A% et 7,

FIDAMERD “HT” IR RS F BB W A, BRRIZ IR, IEIEEIEEE AT
P77

SRR TR AT T T, IBATERIS TN, B SRR ST ERIR AR, (A1)

AT DA BRI SR T EOR A SUIAA RS, @I sy “SRfF” TR A BRI, .. R AR RE T 2]
ARG s, FE “PUTT RN E R UG (ANEIAA) U777, FERIEA BoRtE ik
R, XTEIRE, &R DUEE A 2 MEFANEHER TR E A, RS TR AT TE A Gl s gt A T
BB EHIIIA, WEHE, SR DR... N, 28 LHPTETEIAZE R MR BoRTEA A A,

TREFM, B NI ER:

LE“%#”?&@%%EWW¢,%ﬁ“%m%%ﬁ”ﬁﬁé é,uﬂﬁ“%m%ﬁmﬁ%@”ﬂ%
HEo FEHCXSIEAEA, AT DMEE AT A s il 2 R &1
2. 1E “BWIMFRLFPATIRA” XEHES, faE DURAA:
a. Wikl JERREON HIR B A HUTIO Mo B I DATOT IR WIS HEH I BT e 1
AT RIE %, BR2R] DO BoREE R TIE I8, DAE ROIEAP— NIRRT A " |
CEET . TR s MRt TR
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b. VEMRIERIFEAT, $5E AT R R R SR AN A METT IR —4: S
B B, 3 ATTSARLIE, TEXIEAE T80 ri i A B TEANE R i BRI S P
RS BMRBHPIRPIEESE, REEEZSHEaRERT; B, BREAATLRRT. FT. /h

TN T2 HEE, K5, MAESE/MEMRAE, BEBRRTBE,

- ERER, MEHBIOFIRPERER; flan, el FgE. B, R/IME, BoREERE
%, A5, TR NTHRE,

TR IT, WRTHSIRPIERER T A, RRIERERDITNS, K5, IERHaRR MTHRE,
HRERI I, WUIRDURLHIT I , THIERRIIEDN, IERRIHIETUS, REFREFERMSE,
3. AR LM 2 Tk EL, BEEVERE TATATRERISIE, I s T Al T 40 e 4 1F
R 53 AR RAE % T R 0 R BT VR WER G R B A AR 51
A4 GREROY, R R AT RMEIE, EAESIRP B TRah T A rF, IR DT RS DOR
Hagerh, 2RI A% 7 TR A A e =i e 7 Sk SE B
SN, SR DE AT IR R AR E T AL
FEME N P AP TRAE, R IHIRIT AL SR AR X TR TR _E A BRI X 2 SRR TSR AE, XA
AERAATRIEE, RFZRPITARESEARIEDN “true” YT R
T RPIT AR AR X A SRR T ORI A AT, A HEIEOR, RIS ARIE
H “true” |, IRARESEHIT S ISR R, SRR — DA TRIE,
AEB AT Z AT TR, EHIHETEOR, KOUSTTE — MRIEEHEERIAIRE “true” SKERTTT
I

YWO

AT ERfEIZs
A PUEI Z /5 A RBUTIIA, Bla0, fEIRARSHN A TEREA,  “BITIHEAR” HE I T 52 22 AR
N

B 1. “TITURIA" %8
BATHEENAT” A T PUT ETERA AR50 B — 1T A RRA T A A B -

>

B 2. “BTEENT R

A AGE R DA 77 AT TIAAR :

AR SRS IAHERE S, Sl B THA” B s TR RIT” 145,

- FEIBTTBLIAIAR 1% B O IRE $h AT 77 BB O N IBT T

JRENE A ERE -execute i, AXEZFER, HSME 57 Wi MEAMLSTSE0 FH,
TE: SR @ RIA” SEREIEEaTTREA,  MPRAE AT s AT s AR

ChUf RS IA1T
“PMA” RFAERLE PR SAEM A TILRE T, AP AT AR AR (L 24 B
T,

SR

FITEGR R A B FOA AR E (AR ARG 25 A1 CLEM FRIXAMEER) BUE N “HRd” 9 s ARk
WA “EERE I EHE, 1 BB E— XSG SOAR R, 1% Ctrl+F al i MIXIEHE, FHRIROEhRAIER

1 E WARSTHIAREES



RALTF SRR, g, ACBUEFE T RN, ATDOEE “RE” IR AME— SR X I R A g (1
SO B AL T A

1. AR SORKIE AR, 4% Ctrl+F AIiR] “ZEHk/ 2" KHEHE,

2. ANEHERIIA, SNRITIERIT MuAIRAIERE,

3. RINEHCOR (WERAERIE)

4. BB T MIFEER,

5. BT S S AR E AN, B R ST I I A B S

6. BUIRIESEMUE, MANERER KA, MWE—SORXKIR A F3 #, RIEE E—REHRIE, W% Ctrl+F,

ARV RNZ A TEHE,
TRRIED
X3 KNG, HEEEBIRMEREX ARG ; HIa0 myvar BE5 myVar IEAL, TCIREFFE, BHORLE
LSBTGS

DUBRTHREA i), AR R A UEACER IR PR A ERESCAS . QHERE D, spider B RESRIEA XS

spiderman B spider-man,

IEMZGAA, fEE B AEAENRARXEE (G2 —1) o WRiER, MERTREARIEEIUR S H

R HEAE,
DUBRTFIEFECA 12l 68 FH AR IR I TS RV
IEWIFGEIETR

A ENFRIA, AT DHERRR AT (UNER ST, FAFRREGEE (W a® d) | BT EL
TSGR AITESITRE) o SRR,

= 1. TR

¥ PLfd

X FAF x

\\ ALY

\On B JHFHERF/F On (0<=n<=7)
\Onn ) UEHER R Onn (0<=n<=7)
\Omnn &) UEHIERFTF Omnn (0<=m<=3,0<=n<=7)
\xhh B NEHHER FRF 0xhh

\uhhhh B+ 7EHHER TR 0xhhhh

\t HlZRAF ('\u0009")

\n #ATFF ('\uOOOA)

\r [ 445 ("\u000D")

\f #eoifF (\u000C")

\a il (#19) £F (\u0007')

\e ¥ SUFF ('\u001B")

\cx X R L A Il 1F

+x 2. LEEFRTE

EZEEN PLfd

[abc] a. b, #c (feA)
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+x 2. LEEFRTE (82

EZHEN PLhie

[~abc] PRa. b. 8 c ZHMIFTEFRF (HED)
[a-zA-Z] aflze ARz, 5 (EHE)

[a-d[m-p]] afldsimZp (F¥F) . WAFEEN [a-dm-p]
[a-z&&[def]] aflzfd, e Bf (RHE)

[a-z&&[bc]] aflz, BRbMIcHd (HHED . tHAT$EEN [ad-Z]
[a-z&&["m-p]] aflz, mAEmE p (HE) . WAHEEN [a-lg-2]
& 3. MEXFRE

T EZ S PLhie

: EETH (FTREEANATRE 51T (R RFILAD)

\d EEEF: [0-9]

\D 8T [10-9]

\s ZREFAF: [ \t\n\xOB\f\r]

\S TR [M\s]

\w AT [a-zA-Z_0-9]

\W ARERIA TR [M\w]

R 4. JKFILER

UL UL PLid

n 78

$ (=

\b iR R

\B JEFAiA I R

\A LETYNCEPI S

\Z Priia &b rFo (nRA) |, MARSERE

\z LN =2

B 18 WARSHHARTIES 11
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gt

2 5 JHAES

H4hE 18 = Bt

JEIT IBM SPSS Modeler HIIA S T B, AT DABIEE—LEfflA, IXLEIA AT DAFE SPSS Modeler F A H
FiEfT. AN S IFIB T 8. AT LATE SPSS Modeler M E#EIB TIX LA,

IBM SPSS Modeler HIRIA DA TE S Python 4’5, IBM SPSS Modeler fiif# fAY3ET Java #Y Python &
BIHR A Jython, HIATE S €8 NHIDIRESRI:

HFSIAT A, . TR, FHAE A IBM SPSS Modeler X RS,

- A F AL BRI L3 2 1) — 2 A G il 1B ) i 2o

-HATIRELE., SERMEMN R EREARESRRIEES,

ERE, ERETRISCTE ORISR

AR 58 T Python JIATE S, Python Y Jython SEII LN TE IBM SPSS Modeler P TRAIA Gl AT
AR, BARE MR a2 HE A5 B IERE S 5 e i,

Python # Jython

Jython J& Python IARIE S HISEI, B LA Java IES 5 H 5 Java ‘FE#HITEM. Python & —RH AN RAY
DIRE KIIIAIE S . Jython BAABEHIAIE S WA JIRHE, M HS Python REIE, Jython 1] DAfE(E
fISZFF Java L VM) FIEREHIEIT, XEWEBERS T AER JVM L Java JE, @it
Jython, J&R] DRI L ZE S HEH Python 1 5 FTEIEFI KR 2 DhRE

TER—FIARIES, Python (NHE Jython SZEL) 5122 FREME St TS, mHESQIBIZTER
Fhis i/ NG, T DMERR B A AR, BI—X#iA—1T. Python B —FEBEMHHAIES,; BERE
Java FHITIGRIED B, Python PSR XA, RGERAE NIX SR IN A HBH TRERE (TEfEITIBTA
HiRIE) o MEARIAX Blanee XE) PAREME Z&08E (BlansEoe ) BBl 4,
A DA ADS AR A TR B, (H02, BIUARBRREM S — g, lan, BT ARE XWZEAN
EYmiFA IR, B REAEPTER TIZTENIBANER T, AR, EXrER ~, 7%
I BTREF IR IR,

Python ¥FTENE (BHEFTAEEEFNRD) MR, [Ritk, AT DA 2T SR EIX X R, KLk
BRA (BB 88 8 sm i A E A BN 5 Python SXIFIAT R, B — N2 EHH
Null {E, It Null [HE A RE4FR None,

A& Python 1 Jython BIARYR S B IR AN E AN —EoRBIHIA, &2 http://www.ibm.com/
developerworks/java/tutorials/j-jython1/j-jythonl.html 1 http://www.ibm.com/developerworks/java/
tutorials/j-jython2/j-jython2.html,

Python Rl Zs g1l

iBH

A Python JHIAIE S 6 /M4H T 4E IBM SPSS Modeler FRgmll A i & o] BEAE FH 2L,  HAh EFERE S04
FEELAL, OB R ER AR R HIRSRIT R B &1 Python A, DAEFE IBM SPSS Modeler H i,

IEEEEAES (=) REm. filan, ZHRME “3” WEREN X WL, AT UEHURIEA):

X = 3


http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html
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AT TR AT R AR (E A 2
ML EAT:

y = "a string value"

BRI T L5 AR L EGs BHEEIZ S N H AR,

filan, Z¥E “astring value” TRESTE ‘Y,

f&AT DAfE

* 5. EANtEREEMNMEESE

8% 3%

X <y X BG/NF y?

X >y X 2B RTy?

X <=y X B/ NTEEET y?
X >=y X BHARTEHET y?
X ==y x BEEFET y?

x =y X BOAEFET y?

X <>y X EGEAEFET y?

X +y ¥y 5 x t8m

X -y M ox HRZS y

X %y i xFLLy

X /'y B x By

X *k y Rx By (R

IFRITTRF, FIRAIDESEREERICR, MAIRITTRA DU EMIBRN R, tha] DAESIZRMY
RE8ll, BEEINON, RERECEITER, FIRAITRIEHE rIRESIANEIRD,

N/l
(]
[1]

["Mike", 10, "Don", 20]

(f1,071,08,9]]

AT LA AR B o Bes R, Bl

mylistl = ["one", "two", "three"]

RIE, AIRAVIAIRERFETTER, Bld:

mylist[0]

EfIZEHIR,
GERNITR (B L,

W& 4R (NPT RMM N EEOTR) 1
VIS

PIRHIFNR, FADTHIRER DY REEESOTR
VIS

BRANR, HoRBIT T2 BRI,




IR AR A N

one

JitES ([1) PEETFONRS], ERASIERFREENMRETTR, M 0 THEX SR PRITRmHIR .

] DOERRSIR AP —RIITTR; IXFRNTIE BN
FIRANEN R EHH— R,

fFem

FREBZ— M ENAR B ZRFFS, TR F
4, "abcdef"[1:4] ¥AEpHH "bed"s

£ Python ", FAFHKEN 1 FIFIFERFR,
FAT E T EE IS PR S | B =S R S

, x[1:3] Bk x B9%6 2 M 3 Nt 4BR

P ZE T 54 B AR AT 22 e A1 R BB AT 51l

IS [ S5E XTI HANREREAT, TEMA =E515E

M FAFE AT AT, ATDLRE AT RS LE RS 5 (1) BONE S () o 55 AT DAL & HAl AR B SCHY 51
FATEREF X (B, BimHA AL (\) 719 B5IHTT.

Nl

"This
‘This
"It's
‘This
"This

is a string"
is also a string'
a string"

is an escape quote (\") in a quoted string"

book is called "Python Scripting and Automation Guide".'

Python it 8K B 8 & H 2D ASAR DRI AT R IXARER] DI AR FAFE, JFHEARSRE

NFITERRRSS2RA, filan:

"This string uses ' and "

IR AP e

'that string uses ".'

This string uses ' and that string uses "

FRIER SRR, TR T HAp—2E757k

o

& 6. FRIRTE

Jiik Zi}PS
s.capitalize() X s PUTEFRERE

s.count(ss §,start §,end??)

18 ss £ s[start:end] FHIHIIREL

s.startswith(str {, start {, endi})
s.endswith(str §, start {, endi})

MAAEE s BE P str 3k
MIRPAEE s BG A str R

s.expandtabs({size})

Rl RATE N2, E size N 8

n

.find(str {, start {, end}})
.rfind(str §, start §, end??)

0

£ s HEL str PRI WEREAZ], HE2
SERN -1, rfind WAEIEHITRR,

0

.index(str §, start 3§, endt?)
.rindex(str §, start §, end??)

£ s F&EK str WE—NRS]; WREAR], 4
52 ValueError, rindex MG ZAEH T
&,

s.isalnum M AE S TR B & N TR T 7R &
s.isalpha M AEE TR 2SN FRTIT S
s.isnum M AEE FIF R 2SN T H
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& 6. FIIBRTTE (BR)

Jiik ik
s.isupper MAAEE TR LG NEHKRE
s.islower A AEEF R RS NETNG
s.isspace A AEE FIRF RG22
s.istitle MR AEE FIF R 2 SN E FRERE W PR T 7R
HF5
s.1owergg o 2N
SlLIEpEE N EERE
S Hahege? BN NS 1
o AR

s.join(seq)

1 seq HRYFAFERERGEEK, DL s fEN 7 BRAT

s.splitlines(ikeep})

¥ s S EINZAT, WER keep N true, HAKHEM
AT

s.split({sep §, maxi})

(i sep (W sep WZke) ¥ s HENy “F”
251 #E max IR

s.1just(width) TESEREN width BB, K rFE En 57

ol JISH e TESERE N width TR, A FAFE AR 5F

s.zfill(width) FETEREN width BYFBH, Ry e E ot 57
HI 0 BEATHHE,

s.lsgripgg ﬁzﬁﬁﬁﬁg?gé$§

S.ISTri MEZR

o strip() R

FBRAT SAE R A%

s.translate(str §,delc?})

kR delc HIFRE #0FE, HARKE s, str M
RRKEN == 256 IR,

s.replace(old, new {, max})

FEAFATE new EHFEHEHZ IR max HELECE
FAYHE old

&iF

FEEHAS (SEHEITS) ) FIAER, [F—17 0 TH-S 5w A SRR N B E R RER
7, FHERRNE, SERDUHATEMS, PUN RGN TSR

#The HelloWorld application is one of the most simple

print 'Hello World' # print the Hello World line

BiEE

Python HIIEAITEEIEH B s, @, S NRBITE RS —1EM, FR expression fll assignment &)
Ak, BMBAERH— R AFR (B0 if 5% for) 5. AT DAERES LIS Z R EEN BiE A S
HATE &S TAT,. WRE—ATHEZNMER, 2B DS ;) KRR MNEA,

ERIBARI AN ZAT, ERXAEOS, ZOEI T —1TRIEALMEASGRIT (\) 458, flan:

x = "A 100000000000000000000Ng string" + \
"another 10000000000000000000ng string"
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USRS AMEFERIE S (), HEE (1) SRS (7)1, IPATEaR DUE S S B 5 i1, i
P INL T

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)

#RiR
PRR TR, R SRR T Tm A, MRKEER, EOURE NG 7R NI
TAF () I3k PUNRIZIT SLBIAFRRAEH PR B (E N FReE 448, 1658 — e, RiRA] DAE
SEBBHENTFRER, 089 WEFLN TRILTR, I HRE PR ESHE.

Jython Ry —LEfRB P AR T 2L &, REEESRH T A, IXLECRE 70 b RIS

1845 Fi6: assert, break. class. continue, def, del. elif. else. except. exec,
finally. for. from. global. if. import. pass. print. raise. return. try fllwhile

- SEG1S6: as. import #1in
-JB¥SF: and. in. is. lambda. not #lor

KRR AYIEF =/ SyntaxExrror,

RE5IR

R R AR MBI A B A RIEAA, RSPLR] DARRE RAIEMIEA): if, elif, else. for.
while. try. except. def fll class, XEEAPRES I AHH ESFHF (1) FURESER, #Filan:

if x == 1:
y =2
z =3

elif:

y =4
z =5

AN RS EEATE R, TARR Java —FEEERERE S, RSS2 R — (L B,
IXIE R AR B SRR A RES R, JEH, AP D, B F AR T A2 R AT R G it
7o NMHRMZHAGIRRT, BRREERIMNZRPEIATRHAMNE —FIITE, SNR %4 SyntaxError,

RIS BRATIER (DA E SRHIER) thal DMEREE—ATH, FLAaS0kE, fl:

if x ==1:y =2; z = 3;

BEEfEEai

RKBEULBLINAIEFE A, BOAXFRA] EE fHATICTHETESL, a7 RERS RN
Y55 sys.argv FRIEMTEE, EHM< len(sys.argv) A] DURITEIERIERIEH, Bila0:

import sys

print "testl”

print sys.argv[0]
print sys.argv[1]
print len(sys.argv)

FEMRBIF, import an T RAEN sys 2, DUMER] DAEHIX N ERFERTTIE, Bld argv.
A A DA AT FH s 1 P O RATAR «

/u/mjloos/testl mike don

SRR LA -

/u/mjloos/testl mike don
testl
mike
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don

el
print KEFRTENRIRHIGHSE, MREAEIRIEZS, BaASTERE RS —17, Hlin:

print "This demonstrates the use of a",
print " comma at the end of a print statement."

IR A A DA N i
This demonstrates the use of a comma at the end of a print statement.
for BRI TR, Bilgn:

mylistl = ["one", "two", "three"]
for 1v in mylistl:

print lv

continue

FEHORBIF, RENFIR mylistl 7000 3 DT, AE, RHTENZYIRAIR, SMeREH—1T. XK
PR EA N

one
two
three

RGBT, EREE 1v RARCR ISR mylistl hEDITRIVE, KN for TEMA T LB NITRAIAES
B, EAERA DU ERE R ERETE R,
i IBARSIFER, ZIBEARN SR EEATRE, FRIERIESE RIRE true 5L false, BII4N:

mylistl = ["one", "two", "three"]
for 1v in mylistil:

if 1v == "two"

print "The value of 1lv is ", lv
else

print "The value of lv is not two, but ", 1lv
continue

TEHREIH, XIERES Lv BT TRE, 0% 1v FER two, ALEIREI—DNERFE, ZFREARRT 1v
HHEAZ two IHR[EIFRF R, XA R DA Rt -
The value of 1lv is not two, but one

The value of 1lv is two
The value of 1lv is not two, but three

BEHE

AT DAM math B IS Tk, RRYIM T HAp—757%, BRIES B U, SIS ERENTE

MHOR[A],

xR7.BEHE

Jitk Mk

math.ceil (x) ¥ x B ERRVE T SEORE], BIKFeET x
INEEEY

math.copysign(x, y) RMEFE y FIFFEH xo copysign(l, -0.0) ¥
RME -1

math.fabs(x) IR x B4 HE
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R7.HFHLEE

Jiik %
math.factorial(x) IR[E x Bk, WK x RNEEEREEE, R4

ValueError,
math.floor(x) ¥ x B RIRIEIZSEORE], BVNFET x R

REH
math.frexp(x) B x BYEEL () FdE2L (e) 109 (m, e) AIR[EL, m

IR, e BB, XHENIGFHE x == m *

2%%e, QIR x 70, AAMFIZEEGIRE (0.0,

0), HNPKIRMEI0.5 <= abs(m) < 1.
math.fsum(iterable) 1&[A] iterable FEATFEIATR USR]
math.isinf(x) e EF R x BIEAERERAAER
math.isnan(x) KA IF B x 25N NaN (FEEE)
math.ldexp(x, i) RE x & (2%%1), HTIEARR LZKE frexp Y

R ERE
math.modf (x) IR[E] x B INERTEEEER 70 IX DN EESRER T A x 1Y

e, I AR R
math.trunc(x) IREIE#MT N Integral (1Y Real 18 x.
math.exp(x) IR[A] ex*x
math.log(x[, base]) IRMAIDAZSEME base NIRRT x HIXTEL, NERAKEE

base, ARAKEIRE] x B HIAKNEL
math.loglp(x) J&E 1+x (base e) HIHAIEL
math.logl10(x) IR[EIPA 10 J9JRAY x B £
math.pow(x, y) IR[E x By . pow(1.0, x) Flpow(x, 0.0)

KIRZGRE 1, BIfE x o 0 sidFECF I t2anit,
math.sqrt(x) R[] x B T7 R

PRECERRESN, M T AN =ARETE, TRIIH TIXETTA,

& 8. =ZfAREUE
Ttk Ik
math.acos(x) IR [E] AN FRA x 1) SRR X
math.asin(x) IR B PATE TR x ()R IE5X
math.atan(x) 1R[] PASTEE RN x A EY]
math.atan2(y, x) REIDAIERRE atan(y / X)o
math.cos(x) IR [A] PASEE R TR x AR5 o
math.hypot(x, y) IR AR LESTEE sqrt (xxx + yxy)o, XZEME
REE (x, y) HAENKE,
math.sin(x) 1R[] PASTEE R TR x A TESX
math.tan(x) IR\ PATERTRAY x FYIED]
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+® 8. ZHR¥UE (BY)

Tiik W%
math.degrees(x) YA x IR &
math.radians(x) BAE x M ARy
math.acosh(x) IR[E] x B[R AR LA
math.asinh(x) IRME] x B S A ESZAE
math.atanh(x) IR\ x B[R EYE
math.cosh(x) IR[E] x AR ARXAE
math.sinh(x) IR[E] x AR AR AE
math.tanh(x) IR\ x B EYHE

AW EEEE . math. pi FENEFHE pic math.e IENEFHR e

{ERIE ASCII &

PR ASCII ¥, Python TR = 1F B gL FIf#ES Y Unicode, 7E IBM SPSS Modeler H, fi7E
Python AR UTF-8 M4 T4mA5, X2 HFAE ASCIT FAFHIFRAE Unicode gmfid. DA RIAIAKAITHIZE, X
JEIR2N SPSS Modeler EV¥f Python 4miF 28 BN UTF-8,

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T X F./— F", 96, 64)

HI2, ARRATTT R BAA A EFATARE,

af§a, A af afwars

3. $HRBRIE &3 ASCII FRT 2ATE

FREEAIER, K29 Python E AT B FH{E B &7 #9 ASCIL 475,
Python JEIE 7E 4R ER FIEMERTR NN u FRFRTSEOR CRHEE Unicode F A B HI{A :

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, u"F 2 F./— F", 956, 64)

IR Unicode 717, I HRFIEMIERIRE,

=
=1
=0
o=

FoA Pl

4. IEFETHIE &3F ASCII FRNT SiREE
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/] Python Hl Unicode /2 — M EH KRR, ©lH 7 ASERTER, 24 7 VP2 X e T80T 7 1A
IR HFEE LT IR,

HREXRNIEFIZIT

AN Z R R TAERR 7 P AN B AR SRS, TN R D T s IR it T
RESHIE R, Python 2—MEANFANIES ., PAPython & XN S BEA FHIRHLE:

EFR B REDITEIAAE, FHAHA] DO RFERA TR, is #1is not MA] ATt H Y,
W BINREMLAREB RS, Bt (BlnwBMSpZs) afHTIHEN,

AT M. BN RELARES I BEHIRES, TIRAT T E A,

Python $@ 4 T SCRFHIE1 0 R AURE P IR THA R HIARHE :

FETRINR AR, FEH TN RIER, MNRERARPITARIESRS.

: i’.‘}ﬁﬂiﬁ? Python 2 SAk KM Z B4R K, FTA Python SEBITT ARG 2751, I HATDAH 78

- B RSER RS, Python ARVFRRBUE R, BamlE, K HRRIEIE M7 EEMEIMIRTT MIXLEE 1, 2K
T AT BREERN %,
E X3
£ Python 287, RIDAE AR 5%, 5 Java A, AT PAFE Python H & MESCH (BUEHL) & AT
BERHEHM AT, Rk, 77 LUAH Python HFREERZRLT Java AL,
£ Python H, K2 class IBAE XK, class IBAIRREAUIT:

class name (superclasses): statement

B
class name (superclasses):
assignment
function

S SCERY, SR DOERIR RN E A DL BRI A, IXEEMREE A B 2R AT A S = AR
P AER] DR SEE AN E A DA ERIBREOE o XL REOE SCR B TR, i SRAIFRZ mTIER,

TER st (IR, BRBErh) | AR —, 7T DU 2 AN e SR 3 A — 2K,
BIE LA

RAFREE (BEEE) Bk, sCE AT aIEEEH, ZAEIANRRILH, TFRZE N B0 T M.
fpan, IEHELAR:

class MyClass:
pass

XEER T pass HA), FEATEMEARERSE, EATEGETT AAITETERIE,
PUNIEAPRQIEEZE MyClass HYSEH:

x = MyClass()
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RZESEFIRIME %

5 Java A, LA PATE Python ARIFIZRSEBIIRINE M, A —PMEplSRAET N, B, Zrsefl x 4
I, BRG] LR EHTE:

x.attrl = 1

x.attr2 = 2

x.at{rN =n
EXEEMMSZE

EATGEAER PR REZRIEM, EMEEPE AR EER JT 15, JTTARRBEERISER] GaHEFR N
self) fEASE—PEZE, BN, ZE—EREWMTIE, EA]PAmA LI RS:
class MyClass

attrl = 10 jfclass attributes
attr2 = "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

def method2(self):
print MyClass.attr2  i#reference the class attribute

def method3(self, text):

self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3 #make an alias for method3

e, BN RERTA X R IERISIH, B140 MyClass.attrl, Mz self LRREMA
BB TERIT IR Bla0 self. text, FERIME, EAIZMEHAES (Bl MyClass.attrl) s
KB (BN x . attrd, H x ZRAEH)D BREFTEXNRBIERITIH. 2RI, N2 HI LR E
FE RSB RIS IR, BN x . text,

REEE

A DA B L A R R, LR REMZE A ST, WUEREF IO __xxx 5L
__xxx_yyy (B, HEMDRTEFRIZL) B4R, 82 Python it &t B ahia = BRI RIS DLAY
Fem A &, Bian:

class MyClass:
__attr = 10 4#private class attribute

def methodl(self):
pass

def method2(self, p1, p2):
pass

def __privateMethod(self, text):
self.__text = text #private attribute

5 Java A[Fl, 1E Python il self BRAEFTAXSLHIZ RIS IH; RESHER this,

L

MR TR AR B REZ HI DN REVFE P I HU R, Python [FIIN SZH; SALK K 2 AR K, FAARRSER HRESF
FE— R, ZEPRFIRA] IFEZ M@K,

AR N HAB K 7y 2R LB, ¥F2 Python JEHFR] LUZEZE, 7 Python Y Jython SKBRAR, HBEM—

AN Java KM TERERRAEK, TLHREMEZ,

R EME TR SRR RS, HEREEIESUTERER, 28 58Uz AU a] DU
XL E ST iR, AT DAMEAL IO, B 5 SRAEAIsCRl, I HL AT DAREFEESRRYSLh]; X2 2SR pl. X
SERHIE SR B AT
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il
class Classl: pass #no inheritance
class Class2: pass
class Class3(Classl): pass #single inheritance

class Class4(Class3, Class2): pass #multiple inheritance
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¥ 3 ¥ {F IBM SPSS Modeler H1ilE1 7 A ikl

s’

£ IBM SPSS Modeler 1, H 3 FiRRIRHIA :
CREA, R TR ENRA BT B E TR,
T A, TR AT,

NI STERIAR, AT TEZ AR T,

T3 7 1£ IBM SPSS Modeler FHRIIIA N ERTR 2 A7 1%, ] DUERX 75 2R A 254 SPSS Modeler
Uik, HAb, IXEEFTIEMLAESE 35 U1 I35 4 5 ARYw S APL) H T 62 5 =2 i R %L

. SuperNode EFIEFR

ZRIROUS, FRXDRARRAE—NE, TTIeZEMNIFINERTHEZE SuperNode F{EEHIRTHTAR 24N, T8 H
BT, ERRERE LA THIY

RES, HE, WATRIERIEHAE A #5230, KRR
ARG 5 N\ N RIE T IEAE 6 PR AR A

i
/2 E: IBM SPSS Modeler XA, al X B TORTE, L FmiBERIPIT, FIERIIAESE. 2F/E. |
AL PAR S HAR SRR HAE R

SuperNode i
SuperNode /& SuperNode HRTHBITEAL, SRR —r, BESHEEE—ENT &, SuperNode 5
FRERAFAE A T AR F 2 Ak
- BRI RATA S B SuperNode {7l SuperNode HHKEE, TMiANES SuperNode fiA B AHCEE,

- SuperNode A AN H AFIGHERESS 19 5, IXEURT SuperNode YR, JXEEEEERTT M TRAS

BESAMSH SuperNode i, FH HIEQIH SuperNode 2 J5< H Bl HX LR 28 19 15
E=

EIZRIXMAR SEARERA SuperNode FESZRIFISIAE, BIANTRANFIMIBRT &, PARAE LT sz [AIERS
BT

DU RBIRSTTI A IR E R HUT T R, B e R R SRR A e 4
modeler.script.stream().runAll(None)

DA RBIR B TR A B A AT T 5

stream = modeler.script.stream()
stream.runAll (None)

J N o

FEHORBIF, FFHBESN stream RIZRN, KiFEELTETIER AN, FOVIAAESR H T ESGReR
PRI R B T 7 A2 Bk AL i — D SE e 7 B REA,



iz 4wl _E XX

modeler.script BHHRMAE THEEFHITHIARN LT3, HWEIURIEIZITR B35 A SPSS Modeler A
o, HARHLE T DR 4 DEREL, XL RER A nT DA [ EP U T IR A IR «
~session() K%L, HTIREMANSIE, HSIEEIESIMRSEE R UK T BT EMRR SPSS
Modeler JGufi (ARSI SPSS Modeler Server)

-stream() B, HEEEA] LS FA KB SIMAR S E M, R EIA LRI TR A B3
T REA R

~diagram() ¥k, HEREA]DASEY SIABC S B, HEREBCRIR AR T AR E . X H AR
A, HEREBOREIAAES stream () BEAERL,

-supernode () BREK, BEEREA] LS RIAAEC ST, I PREBCRAR R AR TRIBIA B T 5o
MR 7 IXPYA R R A Ho

& 9.modeler.script REIEE

JIAS Y session() stream() diagram() supexnode ()
LAY yAEIESRT TR ZHARIR |5 stream() #HFE | ANEH

MY EiZER (F
an, s A T
R -stream &Lt
IBMI) 8 None,

i IR[A 2515 IR B 5 stream() tHF | ~iEH

o

[

TR R A= IR [l IR [ A IR [

modeler.script BHEE L T —FE B HEL IEIAR TR, exit(exit-code) BRECRH AT
AFFIR [ A 2 AR EOR D,

NFE S H AR —R/77302 runAll (List), HATRRIBITRATA Al IT T R SAAT17 s A i AT A 2R
sl AR S I E R SRS R

PRI B 2B PR [ T et AR At BRI S, RAAS AT MR B — DR SR 2L &,
o

stream = modeler.script.stream()
results = []
stream.runAll (results)

PUTTERUE, AR results FIRVIRIHITI A AV M A,

5| AMET=

B R S EWUC R, ER TR ATSIULBESOX SR, BUOXESHI L NS
1. FERRF RS R
2. BT RN/ BRI B

EHTR
TifRft 7 2R ERIA T RAT R TRIE 7T,
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x10. ERIETRHGE

Jith IR [\ iR

s.findAll(type, label) 85 IR A BA fe e AR RS T A 1
MR, REISARZE AT DAY
None, FEIXFPIENT I FHf A H A
¥,

s.findAll(filter, 845 IR [BIE eI RS A e 2 A A 19 e,

recursive) HIEEE, WRIEBEFREN True,
R LGS A8 E I N AT AT
J i

s.findByID(id) TR IR [E A P AR IR A1 rEk

None (WISRAFIEMIETIR) o
TERTEREIRR Y A .

s.findByType(type, label) |75 IR O] B Fri R AR sibr e 1Y
T, RAIEAZFRAT LA None,
EXAMER N EMSE, W
RAEZANAELE, R2EIEFEH
REUERE— N e WA ITE
IR, HRAIRIEMEN None,

s.findDownstream(fromNode [ &4 MPRFR LRI i F R I TR,

s) FEIR BT ALY i R R
Eo IRBIFFREIE R AR AL
J i

s.findUpstream(fromNodes) | &4 MR AL RFIR TR,
FEIR AR AT R R
/E\o IR AN 51 3R CLFE B AR (AL T

s.findProcessorForID(Stri |54 IR A B Frie AR IR 1 ek

ng id, boolean recursive) None (WNSRAFELEMZETIA) o

WHRIBVTIAREN true, LR
2RI E AT ST R

Bgn, RmESHATREYIRA R IR WA, IR DUEH DURIIASREREZ “diE” WA
stream = modeler.script.stream()

node = stream.findByType("filter", None)

56, WRELRET RAIFRIR QAT RO TEHER) TR EITRPATR) |, B2 R] PAGE R AR ORE T
L, e

stream = modeler.script.stream()
node = stream.findByID("id32FJT71G2") # the filter node ID

RERYE
TR I IR HER B T DA R AR L Rl IR B R E M. XS MEE A T BSOS RE1T
NI, TEREEER TR T A E N GBI TT
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* 11. B P AR fMEEXN REMEN TG E
Jiik IR ik
p.getPropertyValue (proper | %% RAIFEEEIEREE None (U15R
tyName) ANEEREM)
p.setPropertyValue (proper | RRiEH BEfEEBRTME,
tyName, value)
p.setPropertyValues(prope | fNi&EH REREEENE, BERTNE
rties) Imﬁ%ﬁ@a’_‘/\?\%T}:’@%m
g, DA N EES ZEEE,
cooer 5 YR TG B LB SRR o
P tyhane. keyhane) | None (HIEATEAEMLIRIESR
)
p.setKeyedPropertyValue( AIE B AR IR TR EABE,
5;582§tyName, keyName,

flan, RERZEN TRITFAMER LR TRRE, 8RR IEA:

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)
node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUG1n")

|

o, ERTREREMRYE IR WROKRE IR T B, ERXME T, IR IRIE TR, Blan:

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

BT R UBRIEER

EREEN R, el EmPE REIET T s, M RN sOB s M RYUTESS:
1. B
2. K R R TR
ﬁIJL ll\\
TR T Z AR AR, NRER TIX L7572,

xR 12. QBT RIS E

Jiik I T EAyiv] ik

s.create(nodeType, name) |7 B e E RN RO HT
EEEy b

s.createAt (nodeType, 5 Al B A E R R H

name, X, y) InEEERF T ENE, ZID%X
<08y<0, BLKRKENMNE,

s.createModelApplier(mode |75 GIIEIRAE B PR LR AT 5

10utput, name) AR N FH 2 7 Ao
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fan, ZAEFRAH AT “IA” A, AT DA DU A

stream = modeler.script.stream()
# Create a new type node

node = stream.create("type", "My Type")

HHEMIUHRET R

PR A BT T A, IXANHT T R EIER T R, R R IR 1 MR OB BE
B RITE, NRENE TIXET I,

* 13. BT HEENEUCHER T RT3 7A

target)

Jith 38 ] 275 iR

s.link(source, target) RNiEH TEVR s 5 BART sz [RGBk
%,

s.link(source, targets) ARNEH TEVRE S P A R8N E
FRTT 2 [E) QI T R

s.linkBetween(inserted, NiEH TERE AN LAY s Sfm] (P79 s

source, target) TR ZHEPTHR, HIECEHE
AT B E AL TIX AN
Sz, HELBRIET S
EFRTT 2 (AT ] B R RS

s.linkPath(path) RiEH TETT USR] Rl T AR, SE—
AN RERE R N A, TSR
TN BRI AN A,
A,

s.unlink(source, target) |ANEH FEERTR T S B bR sz B B EAR]
EERER,

s.unlink(source, targets) | fNi&H BERIR T 5 BrI RIS
Z [BI I AEA B 32

s.unlinkPath(path) ANEH FEIRT R S5 2 (R FF E AT B
2.

s.disconnect(node) ARNiEH RBERATTR AL RS 57 I H L H
T r 2 TR AT AT B

s.isValidlLink(souzrce, fh/R1E WRAEFEEMIRT S BT 2

[FIAEBERE R AR, ARAILTT %
RRIAl True, 77 IERAGEIX M
MNERGETEERR, BEHRE
7 A] DR R DU HAR T RUE 5
A DAZENCEER, AR EEE
BARAER A5 G,

N RBIBIARS ST 5 TS5
1. A R WAL
2. R RO RE Rk,

3.1E RN WA R ERE S,

4. YRR L IR AT
5. HAfT “R” TR

stream = modeler.script.stream()

filenode = stream.createAt("variablefile",

o

R TR R R

"My File Input

", 96, 64)
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filternode = stream.createAt("filter",
tablenode = stream.createAt("table", "Table",

stream.link(filenode, filternode)
stream.link(filternode, tablenode)

filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
filternode.setKeyedPropertyValue("include", "Drug", False)

results = []
tablenode.run(results)

S HHRABRT R

"Filter", 192, 64)

288, 64)

GOIRRERE T AR, EETEERRNMERRTRT R, NREE TR TS BHAImERT 875

%o

& 14. BTSN BEARGRTRBNAE

Jiik A [E i) fifiid

s.replace(originalNode, ARNiEH BinteE e E T R RIET

replacementNode, RNV A0 T E i

discardOriginal)

s.insert(source, nodes, |%l5k TEFAR BB R P4 A s AR

newIDs) Ao BREFTHRAEAIR AT A T
SIS ERY, newIDs fri&
FERMIZA T RAERGHTARIA,
M IZE I EAE RN ]
E A T R A RN,
IXFELETRI S48 E A R B
T, ARSI EN True,
P77 R IR BT AT RAIFIER,
AR AR E ST R (R,
I AN — 72 S AFIZR A1 s I
FFHEED

s.delete(node) NiEH MFEE R E T A T
W TR E T

s.deleteAll (nodes) RiEH MFEE IR BRATE e E T . 8
AHFTE T AR T E
o

s.clear() NiEH MFEE A H IR AR 1 R

BHARPRT R

FRUURFE 17 m B s R U2 — IR ILRE SR, IRt 7 —Lem] F FAR X T R 1. FREER TIX

YR

& 15. BFMRIR BT R TR A&

Jiik IR R iR

s.iterator() ER A IREEAHEE RS RN
FNERES. WRAE next () B
PRIRVE 2 R T T8, AR
2B E SOERERI1T

s.predecessorAt (node, 5 5 IR A AR ALY R RYTE € BRI EL

index) None (4NERZES[HEHTERED .

s.predecessorCount(node) |int IR[E R AL R BT 2L

s.predecessors(node) HlIF IR B AR AT R B R AT,
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& 15. BFRR LN SN RNGEE (8

Ttk A agi] fliid

s.successorAt(node, T IR B AR AT SR E B IS Ak e
index) None (ANSRZR5IEHTERED .
s.successorCount(node) int IR B AR A S B S AR5
s.successors(node) i IR B AR L5 R B S Uk

B bR S BRI
[HIIAR RIS FF clear s MIS R, Hildn:
-clear outputs AT ME RS AR A MM BR A i H I,

‘clear generated palette AT MBALGE MR -HIERRFTA BRI,
-clear stream HTFRBIRIAIINE,

Python BIAZw| SR — A MBI EREL; removeAll () @ TIEBRIA, I ASIAIE RS, Hlan:
- BRRITE R AR

session = modeler.script.session()
session.getStreamManager.removeAll ()

- TR R E P

session = modeler.script.session()
session.getDocumentOutputManager () . removeAll ()

- RFRAE AV E TS

session = modeler.script.session()
session.getModelOutputManager () .removeAll ()

T RBEXESRS

TR NZRORREIRIZER, FINEEE S AR ST A, SRR R AR A, SRR T
R T ESIZ SR E R R TT

RMER T AT TR mRBIARIR, BRRRIAR R 7T 1%,
& 16. BFRENT RBIRIR. RMARER TS A

itk B Tk
n.getlabel () TATE REHEE T R R, JETE

B custom_name ZIFFIFE
H HJEM: use_custom_name &
HATIRENEN T, WA ZRT—
JETERE; S0, R
getName () HIME,
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& 16. BTRENT RBIARIR. RNMIREZBITT A (BR)

Jiik

IR IR

filiik

n.setlLabel (label)

AIEH

WETEE T S ERARE, WS
FRENAEZFRE, oK H s
ELBME custom_name, FHZ
* False fEELE M
use_custom_name, PMEfEEH
FREMLSE; BN, SRR
ELBME custom_name, FH¥
True fEESEM
use_custom_name,

n.getName()

TAFH

R [AHERE T AR,

n.getID()

FAYER

IR[EHERE TR BIPR A, AFRBIEET
T RNER S B — PRI, T
RAE IR R 0 BEA TR AE I,
PRV BE T s R AL, DA
AT AR B 1 bR, (H2,
RR BRI SR, B
IR BN A HTN G
NEDE—DHHIRA

NRMEA T AT TR s B A AR AR R R T

*® 17. BT R REXERNG A

Jitk 18 ] 27 ik

n.getTypeName () FrFE IR[E T R AR GRS 4 FR, 4
FRENA AT B F O TS24
12 FR,

n.isInitial() fh/R{E AR SRR A (B, A2 F
MEPFFEN BN ) , Abaltrs
KR True,

n.isInline() A/RIE AR SR A (B, 2 F
WMHERIT D, IRAM IR
[ True,

n.isTerminal() fhi/RME WSS R e, (BN, T
N A= IR DO I .V )
FEHIRIE True,

n.getXPosition() int IREIT AR R x A B w S &

n.getYPosition() int IREIT RAETR R y AL B W &,

n.setXYPosition(x, vy) Ri&EH B SRR N E,

n.setPositionBetween (sour | Ri&H WETAERFPIIAMNE, PAFEEN

ce, target) TR AL R Z (Al

n.isCacheEnabled() fhi/RME WMREBRAERT, BalmiEFR
[ True, ANIKIRE False,

n.setCacheEnabled(val) RiEH XX 5 A e R R A7, RS

7 Bl H& A7 IR E ANZEFAR
B, MoRFRHATIEC,
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*®17. BFRRT REXERNG X (82

Jiik IR ik

n.isCacheFull() /RIE WRCERRE, BATTERIR
[ True, ANIKIRE False,

n.flushCache() ARNIEH BT RNER, WREERE

FEFE AT, B2 TTIRAEAEAT
TEM.
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% 4 71 A% API

fZs4ml API 7T

ARG APT 2B S AUARIF SPSS Modeler JIRERTIRI. H RITHARIFTH 77152 APT IRy, wILA
TERIA ARSI X T RMA I TH P S A 2, WRESIH AP, B2 L0 LI iEA) &
T A APL:

import modeler.api

S NIBAR V2 A AP RBIFT LT,

£ (IBM SPSS Modeler Python [lIA%wS API 2% 15w) SCREH, w] DRENER A S APT 212K, 77
e e 2 PR SiETEe

1. ERERNIEEERETR

8526 DU TR sy — Mt T e TR iR LR E IS R AR A E R SR e, ek
G, FEHITEINEAER, HHEEREH NodeFilter 2817 £indA11 () JiEsksEil, XFh
EREELTHAN S

1. QI T9 8 NodeFilter S accept () FiEMIERIRATIHIZE,

2. (BT RASEFIRIE R £indA1Ll () 77k, XEIREIFFEHE accept () FiEHE X Z&MARTT

J%':O
DA R B o m A Al fE S P R CR T s R A T e IR [ 995 587 3R AT T 28 B P X A Y
IR A o

import modeler.api
class CacheFilter(modeler.api.NodeFilter):
"""A node filter for nodes with caching enabled"""
def accept(this, node):
return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findAll(CacheFiltexr(), False)

affl 2: RIFARPETHNRRNE RIXHES

BT A P HTIT PSAPL, BT DU VA A PSAPT REROIE SR RGN SR 4N
session.getServerFileSystem() /7%,

DAR/RBIER T aar se i FH - BT %251 IBM SPSS Modeler Server B F AR RAREY H Skl S HHE B

import modeler.api
stream = modeler.script.stream()
sourceNode = stream.findByID('")
session = modeler.script.session()
fileSystem = session.getServerFileSystem()
parameter = stream.getParameterValue('VPATH')
serverDirectory = fileSystem.getServerFile(parameter)
files = fileSystem.getFiles(serverDirectory)
for £ in files:
if f.isDirectory():
print 'Directory:’
else:
print 'File:'
sourceNode.setPropertyValue('full_filename', f.getPath())
break



print f.getName(),f.getPath()
stream.execute()

TOHE . BXIBENGESR

BT R R R, RIREB R D el SIS R R 140, 7E Modeler UI
R, JEET DARE AR R R P sl S 7 B AR B B,

IAAIE AT DAV [ B, T B BB R 7B, W TREAT A, A RS2 AR R,
an,  HEET TROOHICFEATER Y, EAESEER, R (N, CIRE” W) RIS
RIPE THMT R (B,  “EIEEs” HR) AIEmAEBER T,

TELURRGIH, BASREARIER] IBM SPSS Modeler druglearn.str ifi, HNENTFEME—EMERE
PR N AR, 4% DA MR ER T

1M\ A AT S A R,

2. {Ef R R s T B,

3. BN TERE “WIUERRT A

4. AR R FR,

5. IBA TR T 1

1¥: 7£ druglean. str IMHIEITIIA Z |, EICSCRHATE S EN Python (TEFCHTARA) IBM SPSS
Modeler FEAIR LT, FILFIIBHAIESIREN “BE" )

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filtexr", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue ("use_model_name", True)

lastRemoved = None
fields = typenode.getOutputDataModel()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
continue

# Re-enable the field that was most recently removed
if lastRemoved != None:
filternode.setKeyedPropertyValue("include", lastRemoved, Tzrue)

# Remove the field
lastRemoved = field.getColumnName ()
filternode.setKeyedPropertyValue("include", lastRemoved, False)

# Set the name of the new model then run the build

c50node.setPropertyValue ("model_name", "Exclude " + lastRemoved)
c50node.run([])

DataModel X RA@ At 117 M EHE R h = B (5 R BBIE BRI 2 R77 1%, TR TIXETT %,

*® 18. BFiAn)FERE EFIME EM DataModel YR 7575

itk 18 ] 27 ik

d.getColumnCount () int IR [ EES A A A1 £

d.columnIterator() B R “BE” AT E S5
FREREY, IEREFIREF] I,

d.nameIteratox() B REFE “BRE” AR B4
ZHRHIEAR AR
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* 18. BT ipRF RIS RIS B DataModel SR 7575 (42)

Jith 38 ] 278 ik

d.contains(name) fh/R1E WSt DataModel HETE S
BEAFRIIA, ABAIRE] True, #&
Mz E False,

d.getColumn(name) 5| REEHiEE 2RI,

d.getColumnGroup(name) ColumnGroup MR, AB2IREIE
MmAARIBH IR A T,

d.getColumnGroupCount() int IR B BT R %1 4H 2L

d.columnGroupIterator() B HUGR [B] IR BN E
o

d.toArray () (] A AR OB R, 4% “BR

A7 NI THE o

A TE GRS BHEATHRSIERRZRTT R, TRERIXET AR,

& 19. BTnRIE BRI R T54A

ik 18 0] 27 iR
c.getColumnName () T H IR\ 54 F5,
c.getColumnlLabel () FrTER WERATFAE SHIHE BT AR
25, LIREIFI IR BOR 0] 75
FFER
c.getMeasureType() MeasureType IR [E1F1] AR B 2R
c.getStorageType() StorageType IR [ B iR A,
c.isMeasureDiscrete() fh/R1E W2 SRS, H2IRE True,
SR E NS BARIC AR B EL
Hll,
c.isModelOutputColumn() |#i/R{E SRR A, AR 2IR[E
TIer
c.isStorageDatetime() fh/R{E WA IR, H A
BidME, HRZR[E True,
c.isStorageNumeric() A/RIE AERFN A 1F i R R, A
JR[F] True,
c.isValidValue(value) 1h/RIE WRFEEREXN LA EERL, B4
IR[E] True, WS EHEMIZ
H, 2IREBE,
c.getModelingRole () ModelingRole IR [ AR A
c.getSetValues() peEAll MEREARAMSEET AN RERES, B4
IR [E1F A SUEEH BOR [P T
c.getValuelabel (value) TR ER AR AT SAEM BT fThR

2, 2IR[EFHERREEEGR [
BN
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& 19. BFIARGIE BMPINER A% &)

Ttk LA B v fliid

c.getFalseFlag() JSEA MEERMEE TR, A
RMEFIH “false” 1EFRME, BUR
[E] T

c.getTrueFlag() PSES MFHEARFNIEE SRR, ABA
RMEFIA “true” $EFRME, BOKIE
%O

c.getLowerBound () PSES WMRERHBETNAEES:, ABAIR
[EFIHER) RRRME, &R ET,

c.getUpperBound () R WRE RS E T ANESE, IR
[EFIHER) EIRE, sEIREIT,

HERE, ViRPERRRZEITIALE DataModel MRAGHIE LT ERTTTE, B, DA ERIZER
e

dataModel.getColumn("someName") .getModelingRole ()
dataModel.getModelingRole ("someName")

B E EREIRT &R

PATIHEA T W S A I O R, IXLEFANS R ATREEHT Y, TR R LA E S AT A Y
5 R R

LRI, druglearn. str MR AERAGEELG R, EHREIF, FHHRITRHPIFIET R, JFHEHER
RefefBfEdR A, A5, WAREIZELER, H BT AR AR fR 7 IBM SPSS
Modeler B2 (. gm) S, TIERLR DL PMML A% H,

import modeler.api
stream = modeler.script.stream()

# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream
models = []
stream.runAll (models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunnex ()
for model in models:
# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelOutput)):
continue

label = model.getlLabel()
algorithm = model.getModelDetail () .getAlgorithmName ()

# save each model...

modelFile = modelFolder + label + algorithm + ".gm"
taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML...

modelFile = modelFolder + label + algorithm + ".xml"
taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

EFBITaRIHRM T —Ma TS IR WAESS RIERET T, PREEE 7 IR HR 751k,
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&= 20. BFITERNESHNESETSRE S E

Jiik IR iR

t.createStream(name, i BRIFIRMEFHIR, EERE, LM

autoConnect, autoManage) PIA AT AN A m P T
TRIXEE TR AR R 1R
autoManage bR E N
False,

t.exportDocumentToFile( ZQﬁSFH ngﬂTE?EE@ji##*%iﬁﬂ%ﬁﬁﬁ%ﬁﬁg%ﬂj

documentOutput, filename, B2,

fileFormat)

t.exportModelToFile (model | FigH PR R S SRR G Hh 5

Output, filename, Xt

fileFormat)

t.exportStreamToFile(stre [ Ri@EH AT FHE

am, filename, fileFormat) #,

t.insertNodeFromFile (file |5 (N) MFEESHFHIEOFIR M A, R

name, diagram) JE R HAR AT R AR E 15T
B, H7iERT T RN SREC O
FHET RN R,

t.openDocumentFromFile (fi | szA%fH, MFEE S IEI IR [B] SR,

lename, autoManage)

t.openModelFromFile (filen | %Yk H MFEE S IREOFIR [BIEA,

ame, autoManage)

t.openStreamFromFile (file | MFEE S IRBGHR [ER

name, autoManage)

+ caveDocumentToFile( TIE HESCRS (R BRI SR L,

documentOutput, filename)

t.saveModelToFile(modelOu | Ni&EH BRI RAF 248 E SR B

tput, filename)

t.saveStreamToFile (stream | A& FRRAF B FE E R S E

, filename)

WIBEEIR

Python IES42H: THEI try. . . except BB BUTIVEIR /1L, BT DATERHIAR PAAEE F LG 75 2R AR
W, NS SEHAR LK - (Al

1E LR RBIEIA A, B2 M IBM SPSS Collaboration and Deployment Services Repository Hife &5,
HHRERTRES SEINE T, HIANrTRER (ERAIR EZ 06 B R IR sE s R R 1R fEIIIA A, X AT
eSS %M ModelerException (IBM SPSS Modeler £ S H#RIRAE H
modeler.api.ModelerException) .

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
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except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

TE: ARG R A] RE S F BRI Java 57 XERFHHAEIRE H ModelerException, ZHifiik
XEERE ATDARERIMT NG except BORIHIRATA Java T, Hl4N:

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:

print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

g SIEMET RS

SEFRML T —MEIZ TINHE B (E T A TE A o B X S TR RS A 7 2. SEOGHE E 5
AGHAHE, BIE XCHReGE T i SEERFPIZHSG I THNSE, RIS L8l 7 —4Hih
ParameterProvider X %7€ XKLL, W RRTR, 2IEHEML T getParameters () VA, IIARRIREE
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SOXEEREHTR B

& 21. B ParameterProvider S8 E X FIEREL
ik IR R iR
p.parameterIterator() B IR A RIS EL A HIEAER
s ZHTE X R BAETEE /RSN SEUE
B Sameteanane) o ren Sk None (AR BER R
FIEHESED . SRTLEA
e AR R E iR, H HEATRE
e LR AR A S BT
R G SE
p.getParameterLabel (param | /5 IR[AIFEE SE B None (TN
eterName) RAFEEHESED .
p.setParameterlLabel (param | RiEH WEEESBIIRE,
eterName, label)
SEAFE IR[AIFEE S E BB None (4N
P emereanane) e FURFEIL KSR .
p.setParameterStorage ( ANER WERTE SR 17
parameterName, storage)
p.getParameterType (parame | Z¥M IR[EIHEE ZEU IS None (4N
terName) RAFEEHESED
p.setParameterType (parame | NiEH KBEfEESEZA,
terName, type)
p.getParameterValue (param | %{% R[5 E S EHIER None (A0SR
eterName) TEIEMESED
p.setParameterValue (param | Ri&H BEIEESENE,
eterName, value)




LRI, AR 77— Telco i AR B A RICHIWABIRIIX IS, R)5, R HLXISLE
—ANBE, K, B EE AP EARAS SNSRI, S R AR SRR
RIEA,

HORBIFFARS, X2RAMAAGAER T G WA, FRKESE “EE 1 RfRshERAERIE
W, (L2, Vola BHUCHIEN, RIEEITIAT RIS SR T A ARl

AOIIA RS — R TR M SE, ZRSER S PRI XN, 55, AR E 7
IR TSP A A, PRI RS RE—ilE

import modeler.api

stream = modeler.script.stream()

# Initialize a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

IR BIRIA S A 2 DT i

B -

telco.saw Angregate Tahle

2 » @ —»

Select Type churn

& 5. Tﬁ']ﬂfﬂzkilﬁﬂ"] P
RBIRA R AR H > FHUTA TICR A SCRER “R7 8

# First execute the table node
results = []
tablenode.run(xresults)
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RBIAAR AN B F T RHAT “R” TR R A, B, AR RPISATHITIEN, U
AT BR AR X IR,

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income 1000000.0

min_region None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

HAA B9 AT 306 FH PR MR N B AR DX SR IR B AT R “LowestRegion” 2%, AJa, TEMINIZREERE
FRHERR THEE DORAITE LT, AR IS TR 2R,

# Check that a value was assigned

if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue ("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

SEREHIRBIIALN T R,

import modeler.api
stream = modeler.script.stream()

# Create a stream parameter
stream.setParameterStorage ("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

J## First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
table = results[0]
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# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, O)
row += 1

# Check that a value was assigned
if min_region != None:

stream.setParameterValue ("LowestRegion", min_region)
else:

stream.setParameterValue ("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

£RIiE

R EMATHEEE FERINSTTC RS, AT ERAE R ACE T PIXEEICEE, R, T RHZAR
ViRERE, X-R5mRsEEl. 2RESHSBNERET, RRKER/RE “RESRE" TRISTHE
AT, TANZIEL AR T RIEE, P POEE 7R getGlobalValues () J5iEKiA]
[N E i

GlobalValues Xt R & X & A ERAI £,

& 22. GlobalValues ST RFTTE X BIKET

Ttk LA B i ik
g.fieldNameIterator() LR REZED B - 2RENENT
BRAFRIIERES,
g.getValue(type, X% R[EEE R FRATR 2RE
fieldName) 8¢ None (WIRRBAZENE) ., BA

AR DIRE T RESIR [A] & FiE R
AL RIS BRI [BHE T
g.getValues(fieldName) Hir &l REHETEE FRATIE A H
(IEEL None (A0SR IZFEIZA
B%H) .

GlobalValues.Type & X AL RS HHIRA, rTHIC AT :
“MAX: FEIIERKAE,

“MEAN: FEHIIIE,

“MIN: FERIR/IME,

-STDDEV: FEHIMRIEE,

“SUM: FERHERYEF,

Blan, PUNEAKE IR “UN” FEERISE, BIER “RERRE” TAIE:
import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")
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ERAZ A - IS

TUEFAZ N, DAERRSZA, A PATE IBM SPSS Modeler UT N4mE ST TARNIIA, Him] ATEHEAbE]
73 SRS LI R i AT S RO TR 1%,

PANSZIARF TR N, Horp— N AR, e — DN T2am BiE R 734,

# Change to the appropriate location for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/18.2.2/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunnexr ()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to_K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[Q].getName())
applyc50.setPositionBetween(derivenode, histogramnode)
plotstream.linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.xun([])

# Finally, tidy up the streams

buildstream.close()
plotstream.close()

DA R s i il DOsEI A5 2O DT R TIE A (T fEE i IR o EWER, XA
73 AAAEIRSZ AR FR 32 50

for stream in modeler.script.streams():
print stream.getName()
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o 5 5 ARG S 554

AR ERES AL AR B RT51%, SBBSRHIT. ERA RN LA A) IBM SPSS
Collaboration and Deployment Services Repository AT R %,

EeRALT

BATHN, RHZERE T FRIALIRFE R T HEm T Ml LB OUT, R RESE B DAH M R4 T
BERMIPATIF, EERBEIEIEER “T” EIF L5l T2 3:

1 AT DA,
2. Bl T AR ERUIB ISR E A 2 HR SN ER S TR A
3. Reha A AS Fh IR AT I SE Oh S5 A BRI T U

TS RITIEN

RERTLAERT for TR IR RYFTA 1T R TIERN,  BaH, DR NIEASRBI R 30 i 5 ) TR R
IR TR B ESONRE,

AIDERA IR AR A, BESCRR B ISR A Bt R Atk AR IEIETE
TR IR SRR AR R B R T B E RS

# Alternative 1: using the data model nameIterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
## namelterator() returns the field names
for field in node.getInputDataModel().nameIterator():
newname = field.uppexr()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iterator():
newname = field.getColumnName() .uppex()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

IERHALE Y RTRAI AT E 1T R TIEIR, HRES NN ARE NI M. WRE, I2MAREIR LT S
FRIENTE, FHE field.upper() 2k field. getColumnName () . upper () BREGFZIRELA K
H,

ifia] IBM SPSS Collaboration and Deployment Services Repository FAJXH SR

W& IBM SPSS Collaboration and Deployment Services Repository BJFRIE, AR AT DA A 42>
TEFEEEP AR RN R, B A A, R DAERN N T, T HEMERTT 5 E B
FEHRASRIRTIAR ST 5 Y A i ]

i%E3%E] IBM SPSS Collaboration and Deployment Services Repository

B IMTEAEE, WA SeiEid SPSS Modeler AP AL I T HSE el e AT S5 1% 06 2 1B 0%
B, BXEZER, E20 % 61 T ['IBM SPSS Collaboration and Deployment Services Repository
EESE




IhiR R
A PUEIE G VIR A, BN :

repo = modeler.script.session().getRepository()

MTEFEEPIERWTR
TEMIA, i retrievex RECRITMAMN S, WM, BAL WHATY R, FTRPERTXTRRN
B,
& 23. KR AR H R 21
POp Sl FAH I PR EL
i repo.retrieveStream(String path, String version, String label, Boolean
autoManage)
i repo.retrieveModel(String path, String version, String label, Boolean
autoManage)
i repo.retrieveDocument(String path, String version, String label, Boolean
autoManage)
hil=t repo.retrieveProcessor(String path, String version, String label,
ProcessorDiagram diagram)

f5gn, AERTAGE A AR BN i PR R A 2R I :

stream = repo.retrieveStream("/projects/retention/risk_score.str", None, "production", True)

HRAEMTEE R SRR risk_score.str . 7% production MR ERRITRRA, MG —
NS EHEE SPSS Modeler A FER (B4, @15 SPSS Modeler i P BHE A] WL, AR BoRTE RLZE I
) o ERBRAE, BEERRBIRSIRERA, TEEH TR

stream = repo.retrieveStream("/projects/retention/risk_score.str", "0:2015-10-12 14:15:41.281",
None, Tzrue)

TE: WERIRAFIFRE S EER N None, AR KR B & HThRAR

EFEEREFENSR
TE AR S (I EEPEEN R, 1 storex B, FRPER T X TEMHEEEIITHE,
& 24. FHEM RS ThEE
XRAHY 1R R L
b repo.storeStream(ProcessorStream stream, String path, String label)
f5iHY repo.storeModel(ModelOutput modelOutput, String path, String label)
fan repo.storeDocument(DocumentOutput documentOutput, String path, String
label)
R repo.storeProcessor(Processor node, String path, String label)

flan, fEn] AR N R ERTAR R risk_score.str ii:

versionIld = repo.storeStream(stream, "/projects/retention/risk_score.str", "test")

HORBIRAERERTIRA R, FFi% "test" &S TR TR, AR EH QTERIRARIRAIRIC,
T WERIEAERARE SIZH AR TRER, 18X IZR2(Z1E None,
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ERFERES K

B AR R SR, BRI DN R AN A, WMES TEEHEXINSR, it
createFolder () PRERAIE SR, NPA N REIFFIR:

newpath = repo.createFolder("/projects", "cross-sell")

HRBPESE " /projects"” XHRHBIIESL N "cross-sell" BIHT XY, ZRECKGIR RIS 725
12,
BEMZHE N R, EHH renameFolder () H¥k:

repo.renameFolder (" /projects/cross-sell", "cross-sell-Q1")

B NS REEMBI R, ME NS A% H 4R,
TBRES Hd2, 1E#H deleteFoldex () BR%K:

repo.deleteFolder("/projects/cross-sell")

BIE AR &
MR, SR UBIE— DA, ARG IEHAH PSR E— A AR SO, 1] DA B B B
%O

BUE IR RATTEE N :

repo.lockFile (REPOSITORY_PATH)
repo.lockFile (URI)

repo.unlockFile (REPOSITORY_PATH)
repo.unlockFile (URI)

T AEAEFIRE N5, REPOSITORY_PATH $5H N RAEFZMEETIIA B, IR WIS 5155 HEFH AR
AR RN, BIRAX KNG,

repo.lockFile("/myfolder/Streaml.str")
repo.unlockFile("/myfolder/Streaml.stxr")

BRIELZ A, JEn] DA ZE— B IRARIR (URT) AR RS R A HN R E, URT TR S HTER
spsscr:, [ANUIGERIEESTISH. JEERMLA] DUWENBE IR, SHOmEEHI, BITER
2L %20 fABEM, URI AX D KNG, RBIGHT:

repo.lockFile("spsscr:///myfolder/Streaml.str")
repo.unlockFile("spsscr:///myfolder/Streaml.stxr")

ER, NRBOEIERTXHRIFTAERA - ETCIEBUE SR B RRAR,

£ 2 YwbD B
FEEOUT, FIREREEMAP LS ERN, B, ErRERRE M2 EM AR BUETR, el A :
- Y R i T LT U
CRSRFIIRSS A e 1T H AR
AFOELE par X (HSHTRE &A™ EDTRAEROSECT) PRI SR

B A PR, AT DA — A T EARYE Blowfish BERAENZ R (GXRIEMER, 1ESH http://
www.schneier.com/blowfish.html) . S5, 7 ARSI E K EAMERIHA a7 280h, BT
databasenode fil databaseexportnode HJ7 @M epassword fEABNNE %,

1. ZA RIS ER, EMN “THE” SERAPEEE:

5 = MWARE IS 47


http://www.schneier.com/blowfish.html
http://www.schneier.com/blowfish.html

XA T .
2,18 “EW” SORERTEE —DMEH.
3. Hkignid, DUE RS A REA L A
4. By “GHI7 1R, DAL Gl ) R A 2 BT AR
5. 5 E RGN B R IAIA S H,

B E

T HOIIIA” XHEHE TR RS G A, T DL AT A
e (&) /) e (@
E 6. A TAEER

AR B R AR A AU BB R Y EHROT 45 SO, EAEBEIRT, H DO IERE T IR 5
I DAZE (2R ) TR IR

Mes L ITRITHIZS RS

I3 G 5 A R] DOSATIEHE £ P S P TR, /530 IBM SPSS Modeler i, FRfEan 1T EE
BT MRSZIAA, B

client -script scores.txt -execute

-script ARICFRRMEIEE A, M -execute FRICERPUTIZIIA S A RIFTE

5kaihRErREME

£ ARG RRA AT IBM SPSS Modeler FREIEERIAAIE H M 1% T 7 S 250at i) DAME S ATRRA 1817, AN, R
PR AE SR AR (HOVERE R |, FFrrE el s R AL E AR, SCRRA A RI1T
R R BRI EN A AR A BRI (T > 300 > RN > @A) 1IRE, flin, EATREfRZEE
P ARTRRASH BIREIA, - FEIZARAS PR AR A O i I M R B A A R R4 A\ BB AR R 52 il

& RThRA A B BIAAE DARTHIRRA A AT REJCTR IE W 1217,

ARAE HRRAR AT NAGS A T EseE G s, IR IBE RG-SR R 25215
i, BBER—FEEHEE, Hll, [HEY generated X#FEMH model e, H clear generated &
% clear generated palette B, HHIHEXBIHANIAR LIETT, (X R—FKEEHE.

IBIEFHAITE R

YF2 IBM SPSS Modeler 11 ZEplitiA 5, Gl ERMBMEE, Hrgvr 25t oS5 A R
{E, BART DA X EERAE FIR ST, REEPHBINA RS (RFOvESR) 1, &) DOEH TR
BN EARHIFR LSRRI XA, ViR EER 7T PR T XA A AT A AR el "R

flan,  VF 2 MR b H AR DN PMML B XML ZRARSR K TRRAIER,  BIANORERRAE & DM 0 U E
FIWBLE By, BB 4 FR A RR ST AN (T 12 DAK DRI BE A T, (6 PMML BB a2 43 1]
FTF Vi AIE R XML AR, fEilan:

stream = modeler.script.stream()
# Assume the stream contains a single C5.0 model builder node
# and that the datasource, predictors and targets have already been

# set up
modelbuilder = stream.findByType("c50", None)
results = []
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modelbuilder.run(results)
modeloutput

results[0O]

# Now that we have the C5.0 model output object, access the

## relevant content model

cm = modeloutput.getContentModel ("PMML")

# The PMML content model is a generic XML-based content model that

# uses XPath syntax. Use that to find the names of the data fields.

# The call returns a list of strings match the XPath values

dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name")

TEIA | IBM SPSS Modeler 745 R4 27 :

- RNB B T 7 I R oA TSR T B AR £
- XML WA TJ7 1 A XML A8 XAEERI N B

- JSON WABRI A T-177 171 BA ISON R A2 BN A
HGEH AR T A R E B R ST,
- O FIGEH BB A T A R B IR G 5 A s e B (E
HEE, R AREEIX N

- I TE A
vl
*SLRM
-TCM

- {ii Python 7 /5
- fit Spark ¥ 5
- BT B R AR

Y R AR
-STP

RAERE

RNAEBARM T — DA RARAL T U5 R TS msI s, R s R E T AR A — 22

RIf7fE (BIANFrFERsEED

API

= 25. API

iR m Jiik ik

int getRowCount () IR EIXANFHRIFTEL

int getColumnCount() IR[ENX AR A EIFIEL

String getColumnName (int REFEESNRSG MEHIFIHIA R, 5]
columnIndex) R3EET 0,

StorageType getStorageType(int IR BIFEE R 5 AT EZRA,
columnIndex) HI &5 T 0,

Object getValueAt(int rowIndex, [IR[EFEEITRSIFMHIRS|IAMIE,
int columnIndex) 1TRFIFFNRS BT 0,

void reset() BTN 5 I N AR A ST P

TEIERHE B,
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Rl
PRI LT A, X ORI R A A O

+® 26. DML

T AR LRI oAb
table table "table"
Ll

stream = modeler.script.stream()
from modeler.api import StorageType

# Set up the variable file import node
varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")

# Next create the aggregate node and connect it to the variable file node
aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)
stream.link(varfilenode, aggregatenode)

# Configure the aggregate node

aggregatenode.setPropertyValue("keys", ["Drug"])
aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])

# Then create the table output node and connect it to the aggregate node
tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)

# Execute the table node and capture the resulting table output object
results = []

tablenode.run(results)

tableoutput = results[0]

i# Access the table output's content model
tablecontent = tableoutput.getContentModel ("table")

# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), \
tablecontent.getStorageType(col), \
tablecontent.getValueAt (0, col)
col = col + 1

FERAR “YIR” R, R OT

Age_Min Integer 15

Age_Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
Drug String drugyY
Record_Count Integer 91

XML RAEIERY
XML BT RIEF XML AR,
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XML PAFBI S VLT XPath FksUIOALIHRS, XPath RIS —Is e, SOkt A #
PR ITCREUBIE, XML AL 1 H0JE SR S DR RIS IRIGATS, T XPath S A BUBH 5 2
BOREA 5, A7 M Python BIACH TV S A .,

XML WAL S — D DL AF R ZUR A XML SRR R, 3X A Python JAIAS FH 7 BEAS 5 I H (22 Y

Python FERAENT XML,
API
& 27. API
4] 75k ik
String getXMLAsString() DA R 0 [E] XML,
number getNumericValue (String IREIPEE RS R, IREZRA,
xpath) e (Bn, RS BEFERIRAT
CRTTREE)
boolean getBooleanValue(String IR [F B E IR IR FRIR A R(E S
xpath) A ZREE R,
String getStringValue(String IR[E 5 457E B2 VLBC A JE PEE B
xpath, String attribute) |XML ¥yE1E,
FRIBTIR getStringValues(String RE—ANFIZE, Hi ST 5ig
xpath, String attribute) |[EEIRVCALMYEMEED XML TS
1B
FRIBTIRNTIE getValueslList(String RE NI, HhESHE 515

xpath, <List of strings>

TRV E ME, AR ERIE

value:list of string)

attributes, boolean fE XML 1 51,
includeValue)
Hash table (key:string, getValuesMap (String RE—NRGIER, X REREE

xpath, String
keyAttribute, <List of
strings> attributes,
boolean includeValue)

PEER XML 15 B EE,
—HIFEE )8 HAEAE N FRAE,

boolean isNamespaceAware () IR[B] XML b 88 /2 & N T 445
=SIEl, HHEED False,

void setNamespaceAware (boolean | %8 XML T B2 5N T fRLFR

value) ZB[Al, XK reset (), PA

IR Jm S8 FH R F TR RO BE

void reset() FHEAT 5 N AR SR AT AR
fEfiEds (BlanZz(7 /) DOM X R)
EHENS

Reptiibinh ]

PRI LT, X R & IR A A O

& 28. TR

WRAARR b4 pR ZAPRIN
REDIRELA SR ERBIAR I D HREY "PMML"
"autodataprep" NER "PMML"
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RS

TN Python ARG ATE

results = []
modelbuilder.run(results)
modeloutput = results[0]
cm =

dataFieldNames
predictedNames

B4 RRR:

modeloutput.getContentModel ("PMML")

cm.getStringValues("/PMML/DataDictionary/DataField",
cm.getStringValues("//MiningSchema/

MiningField[@QusageType="'predicted']", "name")

JSON HEEE

||name||)

JSON WABAU T A ISON A XA A RIS, IBRTURAE 7 HA APT, FI 72 B0E i & I 2175
FIFMERITEOCT, FevrFiE & R E,

API

# 29. API

&l Jitk fiiid

String getJSONAsString() DAFAF R TE I [E] ISON N
Object getObjectAt(<List of IREHEE BRI R, TR BEATHR

cbjecta> path,
JSONArtifact artifact)
throws Exception

TAEATHEN Null, TEXRMHBR,
BEEANAENR, REINERFEZ
XFE, B SUEER/RIE, B
F2 JSON T (JSON Xt5ak
JSON #4)

Hash table (key:object,
value:object>

getChildValuesAt(<List of
object> path,
JSONArtifact artifact)
throws Exception

AR E 2 FE] ISON W4,
AR 2GR BIZ S TAE, BNHR
[\ Null, RHREZFRE, mHE
KIEREMER] DU, By, 5L
WEAR/RME, 5352 JSON ik
(JSON *¥% 8L JSON $(4H) .

List of objects

getChildrenAt(<List of
object> path path,
JSONArtifact artifact)
throws Exception

RS SR 4R ISON 4,
BB 2R BB AR AE I R IR,
HMRRE Null, JREIF{ERTRE R X
T, OB SEEA/RE, E
& JSON L (ISON X% 8k
JSON %)

void reset() R AT 5 H PR A B SR A TR
fefitds (BIANZEAFH) DOM XHR)
At
TR

ANRAFAEF T RIS T ISON Azt thi i A A 19, 62 AT ARE A DA R ARE R VS IRl A 5 — 2GRy

5E:

results = []
outputbuilder.run(results)
output = results[0]

cm = output.getContentModel ("jsonContent")

bookTitle = cm.getObjectAt(["books", "ISIN123456", "title"], None)
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# Alternatively, get the book object and use it as the root
# for subsequent entries

book = cm.getObjectAt(["books", "ISIN123456"], None)
bookTitle = cm.getObjectAt(["title"], book)

# Get all child values for aspecific book
bookInfo = cm.getChildValuesAt(["books", "ISIN123456"], None)

# Get the third book entry. Assumes the top-level "books" value
# contains a JSON array which can be indexed
bookInfo = cm.getObjectAt(["books", 2], None)

## Get a list of all child entries
allBooks = cm.getChildrenAt(["books"], None)

G ABIRBE AR RIS IRE

FIGEH AR T U5 RARE R DOV DN BRI RS (RS o BOSgEH AR T 5 1R AT A
R 7B BSERD TR —MEZ R RS

ATRERISE LT EE R AN N PR

-Count

-UniqueCount

-ValidCount

-Mean

- Sum

-Min

- Max

-Range

-Variance

-StandardDeviation

-StandardErrorOfMean

- Skewness

-SkewnessStandardError

-Kurtosis

-KurtosisStandardError

-Median

-Mode

-Pearson

-Covariance

-TTest

‘FTest

FAEOOEH T A G, EAMESOGER T BN G,

Az RO EAB 9 LA

- Gl WIS, TERRE TR BN, AT DA RN G
- CBERER WRAERBGE, TEEE TEETERN, R DA ST
- AT NIRRT R AN T BB S HoAt T B B T LRI AR RO S
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A ARG BEBR THREE TR RIIIEE, BRI R NRYIR B,

ColumnStatsContentModel API

X 30. ColumnStatsContentModel API

&l T3tk ik
List<StatisticType> getAvailableStatistics() |iR[EIHARBIFHTHST, IR
BFEHLEBERTIESIT
=8
List<String> getAvailableColumns () REIEHEHES Y4,
Number getStatistic(String R[] 5 i FAE SRR G THE
column, StatisticType
statistic)
void reset() RHEA S M A BT SRR N R

TFlifdRIE .

PairwiseStatsContentModel API

& 31. PairwiseStatsContentModel API

&l 73tk fiiid
List<StatisticType> getAvailableStatistics() [iREIEEIFRA]HESH, FHIER
BB EBAMTIASRHH
1H,
List<String> getAvailablePrimaryColumn | iR [FEHEESH M E5]4,
s()
List<Object> getAvailablePrimaryValue |[R[EIEHEEHSHHIEYIEIE,
s()
List<String> getAvailableSecondaryColu | iR[EIEH B H S VHIBNF 4.
mns ()
Number getStatistic(String IR [A 5 &N FIE BRI GEHHES
primaryColumn, String
secondaryColumn,
StatisticType statistic)
Number getStatistic(String R[5 FHUERT B 5 SRR St
primaryColumn, Object HE,
primaryValue, String
secondaryColumn,
StatisticType statistic)
void reset() FHEAT 5 I A RUAE SRR A
TFIBRTE O,
Re)tiikh ]

PRI T, R AR S R AR R
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3+ 32. P

T AR LTH B i 7 obnid R
"means" "means" "columnStatistics"

( “BE” )

"means” "means” "pairwiseStatistic
SII

( “BHE” TR

"dataaudit" "means" "columnStatistics"

( “BHE#” TR)

( “GH” )

"statistics" "statistics" "columnStatistics" |{YUYUKREBEREEERNAS
A2 o
( “GEt” W)
"statistics" "statistics" "pairwiseStatistic [{UYKBRFERNAS4
s" e

ks

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile", "File", 96, 96)
varfile.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIN")

# Now create the statistics node. This can produce both

# column statistics and pairwise statistics

statisticsnode = stream.createAt("statistics", "Stats", 192, 96)
statisticsnode.setPropertyValue("examine", ["Age", "Na", "K"])
statisticsnode.setPropertyValue("correlate", ["Age", "Na", "K"])
stream.link(varfile, statisticsnode)

results = []
statisticsnode.xun(xesults)
statsoutput = results[0]
statscm = statsoutput.getContentModel ("columnStatistics")
if (statscm != None):

cols = statscm.getAvailableColumns()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " =",
statscm.getStatistic(cols[0], stats[0])

statscm = statsoutput.getContentModel ("pairwiseStatistics")
if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns()
scols = statscm.getAvailableSecondaryColumns()
stats = statscm.getAvailableStatistics()

corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)

print "Pairwise stats:", pcols[0@], scols[0], " Pearson = ",
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L RN s

TERT DAGE IR E R SR A 21T RN /530 IBM SPSS Modeler:

1. fE2245 7 IBM SPSS Modeler BiHEAML E, $THF DOS s 42~ T8 .,

2. BRI H /35 IBM SPSS Modeler 7, iE#i A modelerclient Mm%, REWMAMFRNSE; H
an:

modelerclient -stream report.str -execute

A2 (Rid) RrFEEREIRS a8, EGR, IB1TIIASARE T 25T A S

ERHTITEH
TR DU SfTEZE (HARNARIE) HHINEISE#IM modelerclient s AEMCH IBM SPSS Modeler [
VEH,

FAEZ AT 1T BRI, AT HIRESE AR HIE T HA,

* 33 R TETEMHEE

H 28 B b1 Ly AN

AGELE BXEZER, EZ2HE 8 Ml TRGHEE)
T,

L EERS BXEZER, ESHE 59 Ml I2HEEE)
B

AR5 eeiEsE H AR & BREZER, ESHE 60 MY TNRSGSERES
By FE,

IBM SPSS Collaboration and Deployment Services |1EZ R F @5 61 TifJ I IBM SPSS Collaboration

Repository JEEZ%L and Deployment Services Repository S50 |
TREZER,

IBM SPSS Analytic Server iE#Z% BXREZER, HSHE 61 11 ' IBM SPSS
Analytic Server EE S50 T/,

flgn, wIPAMER -server, -stream fll -execute tRICRIEREIRS %, AEMESHBTR, W FR:

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

BEE, YBTAME P ZERFN, RHREMARS SEESH,
ATDAH NG | SHEE RS2 SEdE, filn:
modelerclient -stream mystream.str -Pusername="Joe User" -execute

KT AR A 75 AT IBM SPSS Modeler IRASFIIEIAS, (HESFIHH -state fl -script Frits
H: WREMS I ERASEHSE, IR HES [ SHITEN _ERAHT, X T R 1T B AR BR 1% 5 |

Fo



WG LTEEE

LI 1T, 1HMH modelerclient ai< a8 AT HZ &R IBM SPSS Modeler, IXAER] DASGIIE A
LR AGHERIAESTT, EERDME “RIESE MEE ( “TH” 8-> “GEIESEC ) Bt
H AT RS BT,

REEHEE

NIRRT R R Ea TN AR A LR,

R 34. REBELE

HAZR

(plk

@ <commandFile>

@ MRl F4, WXHATHEEMLHIFK, 2 modelerclient BFIM @
KIS, CRAEIZS N ar ST, AR E G AT —FE, A
KEZER, ESHE 62 T THE2 M58 £,

-directory <dir>

WEIE TIEHZ, EARMET, ZEFEEN AT EdER e mt, R
fil: -directory c:/or-directory c:\\

-server_directory
<dir>

NEHER BE RS # H%, 8T -directory dricsE M LI H KM THi
tho

-execute

FESRENE T RSN TR, RSB, GERAEREURASZ SN 7
BAVA,  TUIREIACRE SRS T

-stream <stream>

JEENI INEAEE . I DAEEZ M, (B ERE—MEE R E N
HiTifto

-script <script>

JE BN N E RPN A, AR, BRImEIRESZ SN, IARICIE R T4
TERAAR, ABAE RSN NE — A,

-model <model>

RSN MBEAEE AR (. gm AR

-state <state>

FESRB, e E R EARFIRES,

-project <project>

INEAEE T2, {ERSINAA NE— DL,

-output <output>

FERsN M REREEIE (. cou t8AISXH)

-help

EoRan AT HERIIR, fEEHiElE, HREMEHE
o

RO BRI hE

-P <name>=<value>

AT RERSNZH, EaJHTRETREE (EBESE

T tho] DIFEA P S IR E A H SR, VTR LRI, 1A “SOFT SER AR R A TR H R B

F5aa Hk.
/1= 2008 a0

AT, &R DUE 1R S 20N B E SN INEN R SR InE MR, KSR . #ilan,
FENEANBI TR N report. str Ml train. str B, &A]AMEHAN Fiid:

modelerclient -stream report.str -stream train.str -execute

M IBM SPSS Collaboration and Deployment Services Repository TI#Ei¥ %

AR AT AMIENSZ#FBE IBM SPSS Collaboration and Deployment Services Repository (ZH15EFKVFAT)
HEFENS, ATDMERA AR spsscr: DANGERFRMEMEA file: (W THE EINS) Kf5R IBM
SPSS Modeler fEfF AN EEHN R, #iZKA] 5 A MRICEC A :

- -stream
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--script

s -output

- -model

- -project

fEn] DA A2 A7 URIT DB E XN RN E, fildN -stream "spsscr:///folder_1/

scoring_stream.str", WIRIEE T spsscr: FiZgk, HLEREER—mLHEE T HRM IBM SPSS
Collaboration and Deployment Services Repository i#E#2, [Rlitt, SE¥Ma< M0 ARG :

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-spsscr_username myusername -spsscrr_password mypasswoxrd
-stream "spsscr:///folder_1/scoring_stream.str" -execute

R, M T WHEH URL, ARSZH% REPOSITORY_PATH IXAERIMIBAR IR, (ARSI OGEH T
A, ) H>x IBM SPSS Collaboration and Deployment Services Repository X &[] URI FUIEANE R, ES
%8 45 719 i) IBM SPSS Collaboration and Deployment Services Repository HHHX 5.1 378,

SHETE
ST HTEAE IBM SPSS Modeler Ran SATHUTIABIAARIC, TEam>1THZERES, -PARicH TRREA -P
<name>=<value> IS5,
FEASHETAZ:
RIS (B), BEfEE CLEM RXXAFHNSED .
NESE, WFONTTRENE, HWRSEETH BB R E, ES 6B 65 TUH T mUS
By PUREE 215 R
-WATHER, FHTHEM IBM SPSS Modeler HIE A,
fan, fEaT AR SRR P A RSB E NI TRRE, RATR:

modelerclient -stream response.str -P:databasenode.datasource="{\"ORA
10gR2\" ,usexrl,mypsw,falset"

H#®% X5 databasenode T siE M) datasource Z28tHE, HEXELZEE, ESMH: % 81T
Fdatabasenode J& 1)

MR LIRS BB, IBAREG—NSENIEEN true, BIEFE, EEIEER LM HIHE
AN ARG (BRIE, AP ABCENEREERTS2H) o

TE: ARISE TR, A2 T ARG S, TR RN 51 S8 o filan, R EdoR
Il EEE IR T 54408 Source _ABC, HBAMLZHAI FAIR:

modelerclient -stream response.str -P:databasenode.\"Source_ABC
\".datasource="{\"ORA 10gR2\",
userl,mypsw,truet"

HTFRIREHI SIS SATETRZA BT, WEAT TML BdEEREI TR

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:\Share\TM1_Script.str -P:tmlimport.pm_host="http://9.115.21.163:9510/
pmhub/pm"
-P:tmlimport.tml_connection=§\"SData\",\"\",\"admin\",\"apple\"?}
-P:tmlimport.selected_view=§\"SalesPriorCube\",\"salesmargin®\"%

¥ W datasource BIEHEEREAIRE S — P28, s (WFch “A187 ) s8Rk, Ha
ERT AR “RBHING S &G AR B A, Flan: "$\"db2v9.7.6_linux\"}" B¢
"S\"TDATA 131\"3}", A, 1&KWK datasource FATHMEFNG | SMIEIESEIREE, 0 FEIFTR:
"I\"SQL Server\",spssuser,abcd1234,falset",



ARS3 2REIR S

-server FricfE/~ IBM SPSS Modeler MiEREZI/AHARSS 48, Frid -hostname, -use_ssl.

-port. -

username, -password fll -domain F &/~ IBM SPSS Modeler WA ATEARSS 2. WERATEE -
server 28, NI HGELE siAH ARS8,

{5l
ERER A AEIRSS 45

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

EERERI RS A SRR

modelerclient -server -cluster "QA Machines" \-spsscr_hostname pes_host -
spsscr_port 8080 \-spsscr_username asmith -spsscr_epassword xyz

EER

EREIIRSS PR R 2 m I TR
’rblﬂ%% Rt -cluster SENIE FBIFEIERRIET (spsscr_x) &5a M, AXEZER, 1#

%/~ IBM SPSS Collaboration and Deployment Services H{#i fid 2
2% 61

T [ IBM SPSS Collaboration and Deployment Services Repository %255 T,

® 35. BRSWEESH

S8 1M /#6E

-server DUIRSS 83 #i20217 IBM SPSS Modeler, [AR{#HFRE -hostname, -
port, -username, -password fll -domain EZEZRIAHARS S,

-hostname<name> AR5 HI EMN AR, (NTEARSS 2R AT,

-use_ssl RN R SSL (ZRERTR) . WARIC AT, EIRENAE
A SSL,

-port<number> feE MRS A B IS5, (EARSS A R AT .

-cluster<name> feEfEMRSAER (MAZCMANIRSE) ER; HSEETHRENR
hostname. port flluse_ssl &8, & HNRI}S, sbriH IBM SPSS
Collaboration and Deployment Services Repository FHE [ ME— URI, MR
%% g3 IBM SPSS Collaboration and Deployment Services H1 A3 #2 b
T EH, AXEZER, HZ2MHE 61 WY [ IBM SPSS Collaboration
and Deployment Services Rep05|torv EESE .

-username<name> XA T BRSSP %, (ERSHEX TR,

-password<password> | XM TERIRSG N EL, AERS %77,

T ARARME -password 28, ARG REM N E,

epassword<encodedpass
wordstring>

X TERIRS SIS LB, (AERS #7720 el A,
T¥#: AT BAM IBM SPSS Modeler W HFERR “TH” A RIS E,

-domain<name>

XA TERENRSS SR, (LRSS AR A,

-P <name>=<value>

AT RERFNZH, EAIHTRET REE (EESE .
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qniRARES

IBM SPSS Collaboration and Deployment Services Repository iEiE£ %]
AT RIEMEERE R IBM SPSS Collaboration and Deployment Services R, NAJfEE

—MEIA1Z% IBM SPSS Collaboration and Deployment Services Repository G %G%%, #lan:

modelerclient -spsscr_hostname myhost -spsscr_port 8080
-spsscr_username myusername -spsscrr_password mypasswoxrd
-stream "spsscr:///folder_1/scoring_stream.str" -execute

PRI T A THESOER I SEL

.

2 36. IBM SPSS Collaboration and Deployment Services Repository E3EE %

SR

7043

-spsscr_hostname <hostname or
IP address>

7245 IBM SPSS Collaboration and Deployment Services
Repository FIARSS ) E A4 EL IP Hidik,

-spsscr_port <number>

IBM SPSS Collaboration and Deployment Services Repository %
ZIERRIRIOS (GEE, GREEDY 8080) .

-spsscr_use_ssl

FEEERN R SSL (Z2EHTE) . WARICNNEDT, &%
B RNAMER SSL,

-SpsSSscCr_username<name>

%% IBM SPSS Collaboration and Deployment Services
Repository B 44,

-spsscr_password<password>

%% IBM SPSS Collaboration and Deployment Services
Repository H%5H4,

-spsscr_epassword<encoded
password>

5| IBM SPSS Collaboration and Deployment Services
Repository N %,

-spsscr_providername <name>

FHF%$%%| IBM SPSS Collaboration and Deployment Services
Repository (Active Directory 8 LDAP) FINIEARSSHRHEFER, 40
SRR RIEREE) 4T, A RZLTE,

IBM SPSS Analytic Server ZEiE& %Kk

AR EE I TG ERE R IBM SPSS Analytic Server X%, AR E S IBM SPSS Analytic

Server fHE RUERE,

E: Analytic Server [UEEE 7 B 2 M SPSS Modeler Server KB, el DUE T.H > Analytic Server

EREE X H 219 Analytic Server 2,
RN TR H TN EREN B

<L
/Eio

% 37. IBM SPSS Analytic Server %%

28

HAZR

TPoh /iR

-analytic_server_username

FHF% 5% IBM SPSS Analytic Server P44,

-analytic_server_password

FHF%5% IBM SPSS Analytic Server fJ%H5,

-analytic_server_epassword

FTF% 5% IBM SPSS Analytic Server &5 gmtd i 315,

-analytic_server_credential

Fi 5% IBM SPSS Analytic Server fEIE,




HEZIEH
WA FAEHT @ frid, ATDMEAANIEERm XA EIF 2 NS, IR MR DAgE R a2 1T
H, FHATSIRRERGR TS KERIRRF, Hln, AR /#M T <commandFileName > f5]
R E S5

modelerclient @<commandFileName>
WERTR A=K, WG5S/ a2 SR AR TEER, WNFR:

modelerclient @ "C:\Program Files\IBM\SPSS\Modeler\nn\scripts
\my_command_file.txt"

XA VS RSP R E A 28, 87— 138, flan:

-stream report.str
-Porder.full_filename=APR_orders.dat
-Preport.filename=APR_xreport.txt
-execute
S5 I3 @SR, SO DA R
R T,

- AREAEM LA @CommandFile 241,
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+# 75 EEESEER

EESE it

AIDUNTI R, i, LR RS E 2 D ARIME M, KSR a s Aidm, s k" .
B M “TESDR” , AN AN EERPER T R, HeR R i ee, Bl eiRsg 78
TR AT, RNE AN A (BN AT IS AR AR T KON Ve, JER] AR E TS
S

EEIAISRIRYE (AR . HXRESEE, WEH 5 63 T TEIEEL .
CEIE A SRR AR
- 3 1BM SPSS Modeler I, 5B HEIEATI (e STTIETL (1) -P FRIE) BI— 55
£ 1BM SPSS Modeler FUBASHSERSE, 1A AITURIEER o0 MM SH . fEAMEIH, AR
SR L
RBYEEE
AT A TSR B
OBJECT.setPropertyValue (PROPERTY, VALUE)

B

OBJECT.setKeyedPropertyValue (PROPERTY, KEY, VALUE)

A DAER R AEIEAE R B PR (E:

VARIABLE = OBJECT.getPropertyValue (PROPERTY)
EI
VARIABLE = OBJECT.getKeyedPropertyValue (PROPERTY, KEY)

Hr OBJECT /2 17 s, PROPERTY J23RiAAG IR BRI HR, M KEY 2iEErEE,
an, PAREERTEREEY S, AERENEEDE SIS FEIHRE NidEd e Age 7E:

filternode = modeler.script.stream().findByType("filtexr", None)
filternode.setPropertyValue("default_include", True)
filternode.setKeyedPropertyValue("include", "Age", False)

Al DAMFE I £indByType (TYPE, LABEL) BRE{(#E$K IBM SPSS Modeler F{#FHIFTA 5 mie AR/ DHEE
—/™ TYPE 5 LABEL,
ZHLEYE
ARG S @I g5 A B, RaRIE AT IE MW R 7y XA =
FEEE AT RUBMERARAVEERS, BIANRII L R R A
R R — AR E 2 AR RS

ERiEOnEHaL

AR E R OB R CRAL BRI P ) BIRIA TG R 2 RO 25 DARE IR AT, IXLE)E
PERRZHIAAR L B MR R E R 0, RARFR Oy R H#E . BN, I8, ST TE (EH L



) BT IFERAIRES. NTSIHIER, “Ti8” RSN TR (CIRFEN true IE2 false) 17
flE— MR, HEMERMERTREY (BHEEN) True s False, RUNIIET A mynode (TEH LiiH) H—
P FERIF B, BRMFER, HREA KT Age BN include AMEIREN False, W1 FAR:

mynode.setKeyedPropertyValue("include", "Age", False)

HigESEREMEGHEE
MNTWLZTRIME, S —AEE T Raiif 2 MEtE, XS HBE S IBL AL,
FERLENGIUT, SiuEMAS St RET:

sortnode.setPropertyValue("keys", [["K", "Descending"], ["Age",
"Ascending"], ["Na", "Descending"]])

SACEMERT 5 — MEBE T, DT RRE Z AT DT R EIRE S T e, sSEEi s, 2EE
BRAEET BN EERENIRaiT 2, ERTPIREAREME. B0, SRR EE S "IN 7 =k
RETEJENE, HTWREMNNMEEERATRA -2, BRRSFBRAEHR UZEEETTNENE
P, PSSR ORI E LR EE, IR BRI,

%#5
T RUEEERP ERAREGS . 1R S A B TR,

K 38. BERFERANITERS

4y 94

abs #uXHE

len K

=2\ R/IME
ST IEPNEN
correl M
covar 7%
num A E R[]
pct Horkt
transp EHHE
xval & Al
i TR (R

T RMRRERG

£ IBM SPSS Modeler Ha] DA AT SR 1 M e P R ML B IR B — 3853, 1B BRNZIA
y—&R 70 F DASEER 2N el B e B 3k BRI JRilIAS O —88 70 DASEEL B N R A2 B alife, i
AEEAE TR AT RSEORIEE T RSB, WUREERMIKCETS, BIEE R A Em TR0k S
4] IBM SPSS Modeler, f -p ZEMAEan AT AR —ER2 0, w] DAEF e 1R E itz .

& 39. TRARBERA

JE Tk "X

s.max_size WA E s BEM: max_size,

WRKET R s WETE max_size, HMFUNFEATS
=

WO

s:samplenode.max_size
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* 39. TRARBEERA (22

Jg 1t

N

:samplenode.max_size

W RE LR REAT AR E M max_size (HAE
AR .

s:sample.max_size

WRFT A s EY max_size, HAFUNFEART
o

YWO

t.direction.Age

WRE] “FA” Tt PR TR .

:.max_size

ok JEEIRAE o IR T AL BT R,

] s:sample.max_size WHHA—EEE H7 s 28825,

Bl t.direction.Age Wi, HEATRUBEMEA BNMER B NEIER AN, FEEEAIRR B1T4S
k. HSEEERRN Skt B0 2% B

T 2R

BRI A HARENSE, SMEENAERA, 2N DU E AR T. FRESFRFS, 1t
I M I B SR I R IE AR AY, GnSRICIASREIRIE, W HEEENR, B4h, EdE s AR s A A ER
JeME, #l4n Discard, PairAndDiscard 1 IncludeAsText, MHJENISRRAEHEE, MPEHIENR, N

TR AME true 8¢ false RIZHE L EIREE M,

(B BEMERRA T 5E: 0ff, OFF, off,

No. NO. no. n. N. f. F. false. False. FALSE 8¢ 0, {HfFHLL|E NieEUE MER <A, ATE H
EERE B S 1E true, A true Ml false MHERFF—B0K A DUBHRIRIE, ) TEARTERMSERD, Bk
RBIN B MEEAT T WA, FE4at TIE PRI A%

BATRREE

IBM SPSS Modeler FHRZ @@ A TG 1T m (BB )

®A0. RHETRBM

JE e R s JEPERGIA

use_custom_name PR

name FITER BT AE X H AN s A4 PR A L 152
B (BahsEEX) .

custom_name TR FEE 1 S B 8 LA FR

tooltip FrFER

annotation TR ER

keywords FITER FEE 5 R RPN 74| RIS,
FfeiEiE (Flan ["Keywordl"
"Keyword2"]) .

cache_enabled PR

node_type

source_supernode
process_supernode
terminal_supernode
I it T

HARS

RS Y R R E M Bl
an, BRtESARs IR R (D
real_income) Z4h, IA]LPAfE
EA (BN userinputnode
¢ filternode) .

B7EEESEER 65



YRR MDA T T AR B R BAITIE, AREZERE, ESHE 405 i 5 21 & B 5UE
i

J T,
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% 8 i inmlE

WA GRS o] DA 2 AimE . EoIRTUETE, SR P T IR E N A :

stream = modeler.script.stream()
stream.setPropertyValue ("execute_method", "Script")

Nl
node J& M T35 I S RIFRAFHITT e AN FRATHIAIAS AT /R — ARl

stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "\n\nThis stream is called \"" + stream.getlLabel() + "\" and
contains the following nodes:\n"

for node in stream.iterator():
annotation = annotation + "\n" + node.getTypeName() + " node called \"" + node.getlLabel()

+ ||\||||

stream.setPropertyValue("annotation", annotation)

ULTRBIEERT node JEHEOIEE T — ML EWAETE 1SI951%, IHRRIIRS ARIGTERER, A RNTERES
T

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"
derive node called "Na_to_K"
variablefile node called "DRUG1n"
neuralnetwork node called "Drug"
c50 node called "Drug"

filter node called "Discard Fields"

T MR BRI LT 3R,

xR41. REM
JETE A R B3 JETERGIA
execute_method Normal

Script

date_format "DDMMYY" "MMDDYY" "YYMMDD" "YYY

YMMDD" "YYYYDDD"DAYMONTH"DD/M
M/YY""DD-MM-YYYY""MM-DD-
YY""MM-DD-YYYY""DD-MON-
YY""DD-MON-YYYY""YYYY-MM-
DD""DD.MM.YY""DD.MM.YYYY""MM
.DD.YYYY""DD.MON.YY""DD.MON.
YYYY""DD/MM/YY""DD/MM/
YYYY""MM/DD/YY""MM/DD/
YYYY""DD/MON/YY""DD/MON/
YYYY"MON YYYYq Q YYYYww WK
YYYY

date_baseline Wr

date_2digit_baseline er




+®41. BN &)

JE AR

JE A

time_format

"HHMMSS" "HHMM" "MMSS" "HH :MM: S
S""HH:MM" "MM:SS"" (H)H: (M)M:
(S)S""(H)H: (M)M"" (M)M:
(S)S""HH.MM.SS""HH.MM" "MM. SS
""(H)H. (M)M. (S)S"" (H)H.
(M)M" " (M)M. (S)S"

time_rollover PR
import_datetime_as_string |frik
decimal_places Wx
decimal_symbol Default
Period
Comma
angles_in_radians ) v
use_max_set_size ) TN
max_set _size Wx
ruleset_evaluation Voting
FirstHit
refresh_source_nodes PR FTFAERHIT R B SRR o
script FIFH
annotation FAFER
name Ty VE: SR U, A T
MAYAFR, NI HEE AP
PAGRTE,
parameters {65 FH b0 1 AT AR N7 AT AS B
e 2/ &
nodes FHEEZW T,
encoding SystemDefault
"UTF-8"
stream_rewriting boolean
stream_rewriting_maximise | boolean
_sql
boolean

stream_rewriting_optimise_cl
em_
execution
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+®41. BN &)

JETEA R BmI JE PERIA
stream_rewriting_optimise_sy boolean
ntax_
execution
enable_parallelism boolean
sql_generation boolean
database_caching boolean
sgql_logging boolean
sgql_generation_logging boolean
sgql_log_native boolean
sql_log_prettyprint boolean
record_count_suppress_inp | boolean
ut
record_count_feedback_int | %%
erval
f/R{E WHRAE N true, LB MERATET
éiéistream_auto_create_node_ ﬁﬁﬁ@ﬁiﬁi, ??ﬂﬂ%?ﬁﬁfﬁfﬁfjﬁiﬁi
T,
. 1/RIE WRAER true, IBATERTINGEAS
Sy eet-sppLier Tornen QIREHT A H I G A TR RS
BB BT REEN, R — Ay
RN FH 2%
T R Z IBM SPSS
Modeler Batch V15, JFZWA40AE
fi A Hb 2 A AR Y 7 F 4
create_model_applier_upda bled TE X H SIS N FH 28 779 s i 6]
te_links Createbicabled FEARE AR,
doNotCreate
create_source_node_from_b | fi/R{H WIERAE N true, ARAAETENTE BLA)
uilders SR R O B A TS BhR
ASHUERREER, R — DR
P57 Ao
create_source_node_update N E S E SIS s i Q2 i s
_links createDisabled KA,
doNotCreate
has_coordinate_system A/RIE WRILE N true, LSRR N
T AR
coordinate_system FIY IERRI P AR R A R
deployment_area T IEEERAEE 7 X WRIEIRE
Scoring J9 None, ABAASfEHHAMMEE
None

#Ho
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+®41. BN &)

JE PR B JE PR R
scoring_terminal_node_id |5 ERRR A TR 5337, BR] AR
H AT AT 480715 R
scoring_node_id TR IEREE 7 S B,
model_build_node_id FR PRI A AR
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%9

= IR RUETE

BORAXEN

B IR s BB B PR AR, a2 B AR R B B

ofil 1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGINn")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

x5 2
AR E I E R X R &40 Region TR, ZTEFRRZITFITH,

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full_filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat_square_brackets_as_lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom_storage_type", "Region",
StorageType.LIST)

# ...and specify the type if values in the list and the list depth
varfilenode.setKeyedPropertyValue("custom_list_storage_type", "Region",
StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom_list_depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...

varfilenode.setKeyedPropertyValue("measure_type", "Region",
MeasureType.GEOSPATIAL)
# ...and finally specify the necessary information about the specific

# type of geospatial object
varfilenode.setKeyedPropertyValue("geo_type", "Region", "MultiLineString")

varfilenode.setKeyedPropertyValue("geo_coordinates", "Region", "2D")
varfilenode.setKeyedPropertyValue("has_coordinate_system", "Region", True)
varfilenode.setKeyedPropertyValue("coordinate_system", "Region",

"ETRS_1989_EPSG_Arctic_zone_5-47")



K42 FRTRRAHEEMN
J@ AR B JE P B IH
direction Input FE A E M,
Target ZERT S S
Both NODE.direction.FIELDNAME
None T HRANREMCEF, ERRAIRA A AT EEX
TR X EE(E Y SRS,
Partition
Split
Frequency
RecordID
type Range FERA, WRZE I E N Default, L4 TE
FRETE values BMEILE, 5% value_mode %
Flag BN Specify, IBAERERZEN Read, WHR
value_mode BEX &N Pass 5 Read, HRLERA
Set 2 type REMIF,
Typeless FHIERS A
Discrete NODE.type.FIELDNAME
Ordered Set
Default
storage Unknown FEAF R sz w1
FRIER R
IR NODE.storage.FIELDNAME
S
Time
HEAR
Timestamp
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®42. BT RAHEMN 8

JE 4R Bl ) P e
check None FERRIRNTE RIS A R g E
Nullify g
Coerce NODE.check.FIELDNAME
Discard
Wazrn
Abort
values [value value] M FESA GER) FERinE, - NeER/IME, &

—PMEEAE, NTH &S 7B, EEEmA
fH, XMhr&7Bms, HF—MERE false, F—1

{EIRE true, WEZEME B3 value_mode J&

PEIE N Specify, TFiEREIRIESIR PRI —ME

WEr, flan, WRE—AMEN FFE, IBLFHE

P E N String,

AliERS

NODE.values.FIELDNAME

value_mode Read e N —IRBER LRI EE N TFEAERN 7
Pass HiEkg
Read+ NODE.value_mode.FIELDNAME
Current TR, NeHIEEERISEN Specify; AR
TE, FXHE values BM,
Specify
default_value_mode |Read fee S I BT 7B,
Pass FiER& K
NODE.default_value_mode
ZRE A DUEE A value_mode @1, HEEF
B TE S,
extend_values Fr& 24 value_mode Z &N Read RPN, 50 T

RO ERINEEEINA FBRIE, 1REN FIE
FEAEFH I EEUE.,

AiERS:

NODE.extend_values.FIELDNAME
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®42. BT RAHEMN 8

JETER R B JEPEBL
value_labels TATER MTHEEERE. EEE, LIUEEEHE,
enable_missing Pk HIEN TH, ARARBTEX T BB R E R ERER,

FHiEE R

NODE.enable_missing.FIELDNAME

missing_values

[value value ...]

N AN TS S A C A SR
AliERS

NODE.missing_values.FIELDNAME

range_missing

PR

HEMEREN TH, fEERENTEOEXERKRE (2
H) e,

g

NODE.range_missing.FIELDNAME

missing_lower

Y range_missing NEN, fEEHAEETEEL R
FRo

AliEs:

NODE.missing_lower.FIELDNAME

missing_upper

FATER

Y range_missing NEN, feEGAETEERN E
R

RS

NODE.missing_upper.FIELDNAME

null_missing

PR

HULE R E N T, KAz (EARAHETRN
$nulls$ HIAREEH) FoRBURIE,

FHiEE R

NODE.null_missing.FIELDNAME

whitespace_missing

PRk

HiZEMEREN T, NEEEE (B, IR
BATEF)  HO(ECRE 5 R E

AliERS

NODE.whitespace_missing.FIELDNAME

description

TATER

MTFaE 7 Bobr s sl
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®42. BT RAHEMN 8

J@ AR B

default_include PRi& M THaE AT N B EIBIC RIS I8 B A i 8 1 -
NODE.default_include
set mynode:filternode.default_include

include PRi& AT RS2 iR D B A% R 1
NODE.include.FIELDNAME

new_name ZRFER

measure_type Range / EMEEENES type MHELIZLET, BErTIHT

MeasureType.RANGE

Discrete /
MeasureType.DISCR
ETE

Flag /
MeasureType.FLAG

Set /
MeasureType.SET

OrderedSet /
MeasureType.ORDER
ED_SET

Typeless /
MeasureType.TYPEL
ESS

Collection /
MeasureType.COLLE
CTION

Geospatial /
MeasureType.GEOSP
ATIAL

TE X G FEARENE, XAlZAET, 18
Python [IARYRE b, JEA] DA setter PREE 1% H A
—/> MeasureType {H, [ getter ¥IELIR[A]
MeasureType {H,
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®42. BT RAHEMN 8

J@ AR B JE P B IH
collection_measure |Range / MNFEEFE RER MR |, IiHzENE X
MeasureType.RANGE | 52 EMHCHRAI I A,
Flag /
MeasureType.FLAG
Set /
MeasureType.SET
OrderedSet /
MeasureType.ORDER
ED_SET
Typeless /
MeasureType.TYPEL
ESS
geo_type Point XN T HIE R R B, R E M T B TR R
A AN R RAY, IX N 1% 5 X EEE BRI —
MultiPoint o
LineString
MultilLineString
Polygon
MultiPolygon
has_coordinate_syst |boolean NT IR, HEMEE T EBOR B A R
em Ao
coordinate_system FAFER TR R By, B e M ST BRI AR R
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®42. BT RAHEMN 8

JE AR

B

JEPEBL

custom_storage_type

Unknown /
MeasureType.
WN

String /
MeasureType.
G

Integer /
MeasureType.
ER

Real /
MeasureType.

Time /
MeasureType.

Date /
MeasureType.

Timestamp /
MeasureType.
TAMP

List /
MeasureType.

UNKNO

STRIN

INTEG

REAL

TIME

DATE

TIMES

LIST

XMEEEMS custom_storage AL AbAE
T, er AT E X FEBRNE ST E X2 E
T, 1£ Python JHIARYRS H, IA] DA setter PREL
W HH— StorageType fH, i getter KHIA%KIR
] StorageType &,

custom_list_storage
_type

String /
MeasureType.
G

Integer /
MeasureType.
ER

Real /
MeasureType.

Time /
MeasureType.

Date /
MeasureType.

Timestamp /
MeasureType.
TAMP

STRIN

INTEG

REAL

TIME

DATE

TIMES

NTFIERTE, R MEE R R ERN 7R,

custom_list_depth

B

MNFYIRTE, R MR E T ERATRE,
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®42. BT RAHEMN 8

B A B JRHE B

max_list_length gy (8 A F IR R A OB (o A O, i
TR AT AL & 17T 28 R B R A KT

max_string_length | (GEM TR, T ELAE R SOL DRI
. o NEE R F R E; XRER R
AR KB A S % T

asimport B1¥

Analytic Server JE{# & AT PATE Hadoop 23 s\ fF &4t (HDFS) Lia1Tiit.

il

node.setPropertyValue("use_default_as", False)
node.setPropertyValue("connection",
["false","9.119.141.141","9080", "analyticserver", "ibm", "admin", "admin",6 "false

"I""I""I""I""])

2 43. asimport B4

asimport JBM: BmIm JE PR B
data_source TP ER BARIRATR,
use_default_as boolean WL E N True, HEEHARS S

options.cfg XHHELEMTRE
Analytic Server &4z, WIRILEN
False, IHf# T sAYIER:,

connection ["string","string", "strin [JXZE Analytic Server EfEF

g", MEERFREME, #&8:

"string","string","string|["is_secure_connect",

", "string", "server_url",

"string" ,"string","strin|"server_port",

g", "string" ,"string"] "context_root",
"consumer", "user_name",
"password", "use-

kerberos-auth",
"kerberos-krb5-config-
file-path", "kerberos-
jaas-config-file-path",
"kerberos-krb5-service-
principal-name", "enable-
kerberos-debug"], Hr
is_secure_connect: fERER
L 2%ER, HEN true 5
false, use-kerberos-auth:
fer B Kerberos AIE, H
{E} true 8¢ false, enable-
kerberos-debug: fEREAff
Fi Kerberos INERIE AR, H
{E0 true 8¢ false,
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cognosimport T = B4
@ IBM Cognos JE 19 s M Cognos Analytics 38 /E S A\,

NGl
node = stream.create("cognosimport", "My node")
node.setPropertyValue("cognos_connection", ["http://mycogsrvl:9300/p2pd/
servlet/dispatch",
True, IIII, IIII, IIII])

node.setPropertyValue("cognos_package_name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].
[BRANCH_CODE]", "[GreatOutdoors]

. [BRANCH] . [COUNTRY_CODE]"1)

& 44. cognosimport T 2B 4
cognosimport TiriEM: | BhEIo JE kB
mode Data BT Cognos #E (§t8) 2R
H
Report
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% 44. cognosimport T mE M (42)

cognosimport i@t

BlRRY

JE PE L

cognos_connection

["string" flag, "string",
"string" ,"string"]

YR EM:, HAEE Cognos RS #sHIE
BiEAER, B0
["Cognos_server_URL",
login_mode, "namespace",
"username", "password"]

Hrp:

Cognos_server_URL 2 ETRAY
Cognos ARk55#: 17 URL,

login_mode fa/~/g & E 4 5%,
HEN true 5k false; WIRIZEN
true, HBANKE RHIFEGLEN ",

namespace 15EH T EFIRS 2RI L 2
IR AR

username il password M &%
Cognos RS 2REIH &4 F1% S,

HEIE AT DARE ] BAT 77 5O

login_mode:

-anonymousMode, fl4n:
['Cognos_server_url',
"anonymousMode ',
"namespace", "username",
"password"]

-credentialMode, #in:
['Cognos_server_url',
'credentialMode’,
"namespace", "username",
"password"]

-storedCredentialMode, #ln:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Hr, stored_credential_name

SE1ENEEH Cognos FELERIA4FR.
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% 44. cognosimport T mE M (42)

cognosimport i@t

BlRRY

JE PE L

cognos_package_name

FATH

IEEREHEN 2 F AHE AR Cognos £
TR EAIAHR, Bilan:

/Public Folders/GOSALES

I AAIERIL AR

cognos_items

["field" "field", ... ,"field"]

BN — PN D EBHEN RAATE,
field #38 [namespacel].
[query_subject].[query_item]

cognos_filters FE SANEHERTE RN H ) — D2 DI IEERHY
HFRo
cognos_data_paramet |[%l|3 BRI RS EIE,  “BFR/ME” NE
ers s 5N, HEZ NN RUES 2R,
BAFRRETE TS N,
F:
[["param1", "value"],...,["paramN",
"value"]]
cognos_report_direc |5 NGRS B SR E LR Cognos
tory B2, plm:
/Public Folders/GOSALES
H: A ERMLE R
cognos_report_name [5E% LS N UL ek aeE DA Gl ey IR
FFo
cognos_report_param %3 WMESHHIE, “BWRME” NSRS
eters S, HAZIMNPUES 3R, mENF
FFERETETTHE S N,
i Fa
[["param1", "value"],...,["paramN",
"value"]]
databasenode Et¥
) “BHEE” TRATHTEA ODBC (PR FiER) MR MR A S AL
% I8, XEEHIE RS Microsoft SQL Server, Db2 #i1 Oracle %%,
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Nl

import modeler.api

stream = modeler.script.stream()
node = stream.create("database", "My node")
node.setPropertyValue("mode", "Table")

node.setPropertyValue("query",

"SELECT %= FROM drugln")

node.setPropertyValue("datasource", "Drugln_db")
node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")
node.setPropertyValue("tablename", ".Drugln")
&K 45. databasenode B4
databasenode J& 11 B JETE B
mode Table EBIERER:, FEER Table EHEFEE
R, of&Bh SQL RIEEH Query &%
Query %ﬁ*ﬁzﬁo
datasource TR ER BIEEA (BIESH THNER)
username T H BIREERFAGEE (BESH NI
R
password FRFE
credential FAFE IBM SPSS Collaboration and Deployment
Services HFTFIEMI EIERIZFR, B MR
F& L username fll password @M, It
FEUERYFH 44 R B R A 20 5 177 1P B8 e Pl 7
I 403 h R AL,
use_credential WHEN True 5 False,
epassword TR ER FEE — NN B VE 9 A AR R N2 2
BT,
AREZER, BESHE 47 5 TERE
HomErEE) T, ERdTdES, R
PR H i,
tablename TR ER BT R ZR AR,
strip_spaces None EFEFAT E AT A RS R A A A T,
Left
Right
Both
use_guotes AsNeeded FEEAE AEHE R IEE N 24 H 5 | SHEk
\%‘z%ﬂﬁﬂﬁ’ﬂ%ﬁx (BIanTE (& SR EhR R BT
AlWayS (R—F) o
Never
query FH H feE EHRAZE WA LAY SQL Fwfd,
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: W datasource EIEHIEEREAIRE S, A2 R] DA DA &R BB TRE 1, UK
B{# M datasource. username il password IS EME:

3 46. databasenode B4 - 13 ETEIER
databasenode & Bimm JE LA
datasource == =

[database_name,username, passwor
d[,true | falsel]

Ba— SRS EdnE N EmE S,
R HBEN true, FREMMZRTNE
AT

SRR OOEAETR, WATEE A RS, RN, RIS AR E O P A e, MR username B¢
password J& 1%,

datacollectionimportnode E1%

: Data Collection &S A\ mUHE T AW Sh {58 F Y Data Collection ZdEtsiilg
SNEERE, 2% Data Collection B ZEA AT AL o

Nl

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")

node.setPropertyValue("metadata_file", "C:/Program Files/IBM/SPSS/
DataCollection/DDL/Data/

Quanvert/Museum/museum.pkd")
node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source_type", "File")

node.setPropertyValue("casedata_file", "C:/Program Files/IBM/SPSS/
DataCollection/DDL/Data/

Quanvert/Museum/museum.pkd")
node.setPropertyValue("import_system_variables", "Common")
node.setPropertyValue("import_multi_response", "MultipleFlags")
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& 47. datacollectionimportnode B

datacollectionimportnode

Jg 1t

B

JE A

metadata_name

TATER

MDSC H44FR, F#9k{E DimensionsMDD
FR M AE FFRIE Data Collection TEEESZ
. HhrlREREELE:

mrADODsc

mrI2dDsc

mrLogDsc

mrQdiDrsDsc

mxrQvDsc
mrSampleReportingMDSC
mrSavDsc

mrSCDsc

mxrScriptMDSC

RFHA{E none T8/ R ATFAE MDSC,

metadata_file

TATER

T RAR RS FR,
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& 47. datacollectionimportnode B4 (4%)

datacollectionimportnode Baam JBTERGA
JEtE
casedata_name T HR CDSC K44 ¥R, RIRERYME fLFE:
mrADODsc
mrI2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc2
mrSavDsc
mxrScDSC
mrXmlDsc
FFPRME none HERANTFFE CDSCo
casedata_source_type Unknown $8H CDSC MR,
File
Folder
ubL
DSN
casedata_file TR 24 casedata_source_type H File i,
TG B & WLNME B8 7Y S
casedata_folder EZEREE 24 casedata_source_type N Foder
I, TUFEE B & WIME B8 A S,
casedata_udl_string FrFE Y4 casedata_source_type } UDL I,
A6 & WL E £ HE £ iR TR 45 € OLD-DB
ERETRF R,
casedata_dsn_string FATE 24 casedata_source_type }y DSN, N
WEHEIRTEE ODBC ERF AT H,
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& 47. datacollectionimportnode B4 (4%)

datacollectionimportnode Baam JBTERGA
Ja Tk
casedata_project TR ER M Data Collection i 2 A isz BOULIN (E %4

fEI, PR A TREA AR, N TRTAH
AL E RIS, ORI E B 2

version_import_mode All E X RARNIE T,
Latest
Specify
specific_version PR 4 version_import_mode & Specify
I, TE ST ANLUME Z R BT R A
use_language FrFE TE SRS MAE R E 1E E HIFRES
language TR ER R use_language MI{EN True, NIE

SCF NN ZERIAE S A, 155 A
LI ES A P A — AT AR,

use_context FrFE ESCRBRMNSANRFEN RS, R H
F X 535 i W AH S R,

context FrTER W use_context HIENE, NEXS
NN, PRI R 2 LU E £ R HR B 5 — 7]
FHIRNR,

use_label_type FrYE TESURT N S AT ERERA,

label_type FIRFER W5 use_label_type BMENE, MEX

TP ARRERA, hras R N LINE

L R — ] AR,

user_id FIYER X EOR B A SR AR, AlEd R At
PP BRI B R 35 [ R T

password TR H

import_system_variables Common IBEES AWML R G &,
None
All

import_codes_variables TV

import_sourcefile_variabl |#ri&
es

import_multi_response MultipleFlags

Single
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dataviewimport B1¥

- “BRIE AR TS RUEME” HdE S A 1BM SPSS Modeler .
ANl
stream = modeler.script.stream()
dvnode = stream.createAt("dataviewimport", "Data View", 96, 96)

dvnode.setPropertyValue("analytic_data_source",
["","/foldexr/adv", "LATEST"])
dvnode.setPropertyValue("table_name", ["","com.ibm.spss.Table"])
dvnode.setPropertyValue("data_access_plan",
["","DataAccessPlan"])
dvnode.setPropertyValue("optional_attributes",
[["","NewDerivedAttribute"]])
dvnode.setPropertyValue("include_xml", True)
dvnode.setPropertyValue("include_xml_field", "xml_data")

& 48. dataviewimport B14%

dataviewimport J&E 1k B JEERIA
analytic_data_source FATE IBM SPSS Collaboration and Deployment

Services FTFEHI D TEIRMEX 5, HAE
FIRIRRA SR A AR AR RS

["Object ID","Full path",
"Version"]

table_name AT ER I BRI P R R BRI 3R, Al
AN FRAAHATRRE, LR, TEM
IBM SPSS Collaboration and Deployment
Services Deployment Manager % F i &
tH BOM, FAESHIAY zip JFt5HHY
default.bom XAFHR#ATERL, BRIAEZEM
IBM Operational Decision Management
(iLOG) T A BOM, L4 IZIGLEH
[ﬁjo

["Object ID", "Name"]

data_access_plan TR ﬁ%g TR MR L E T B R BB 177
A 77 %o

["Object ID","Name"]
optional_attributes FHRFE BAEIRAE B YR,

I:I:”ID:I.”,”Namel”], I:”ID2”,
"Name2"]]
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K 48. dataviewimport [E1% (%)

dataviewimport J&: s JEPERGIA
include_xml boolean WEREAFEEHE XOM LHIEHRR T, IR

24 True, BRIEMEA T IBM Analytical
Decision Management iLOG 15 &, 7 U7
WHIEE N false, ﬁﬁlﬂ:i&ﬁ_fﬁﬁ/z‘
R AT MG R,

include_xml_field FIFER include_xml & &N true NEFMAF

BUNEL TS

excelimportnode B1%

Excel S A AR M Microsoft Excel DA xlsx X G ALIE, 2 R$EE ODBC

EXCE Bl

Nl

#To use a named range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel_file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.xlsx")
node.setPropertyValue("use_named_range", True)
node.setPropertyValue("named_range", "DRUG")
node.setPropertyValue("read _field_names", True)

#To use an explicit range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel_file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.xlsx")
node.setPropertyValue ("worksheet_mode", "Name")
node.setPropertyValue("worksheet_name", "Drug")
node.setPropertyValue("explicit_range_start", "Al")
node.setPropertyValue("explicit_range_end", "F300")

& 49. excelimportnode B

excelimportnode J& 1t B JE P
excel_file_type Excel2007
full_filename T H 4 (EHEEE)

TEREL
HERfEEaE. WARNE, MR

use_named_range /R o
named_range JB MR8 E EGER, ({HZ
& H T TERMEBEEERILE,
named_range IR
worksheet_mode Index FREREIEN RS AR E L TIER,
Name
worksheet_index B PRI TAERNZERS ], FFENE—DTAE

MRIEEHE,

KRRTIN 0, BATIERIRIIN 1,

88 IBM SPSS Modeler 18.2.2 Python I Zw il #1 B 3{LiEw



& 49. excelimportnode B4 (82)

excelimportnode Jafk s JE PE B
worksheet_name FIRFER BRI T AERAIIFR,
data_range_mode FirstNonBlank FEEMETEEN TR,
ExplicitRange
blank_rows StopReading 4 data_range_mode N FirstNonBlank
i, fEEz T R
ReturnBlankRows
explicit_range_start I X4 data_range_mode N ExplicitRange
I, fE@ 2 E R
explicit_range_end FRFER
read_field_names h/R1E FEE B N RHEETEE RS —1T AE

(B #4F%,

extensionimportnode E1¥

R

Python for Spark 35l

I PRGN Vi, YA LUS4T R 5% Python for
Spark ffliAk S A%,

JHHHEHE Script example for Python for Spark

import modeler.api
stream = modeler.script.stream()

node = stream.create("extension_importer",

node.setPropertyValue ("syntax_type", "Python")

python_script =
import spss.pyspark
from pyspark.sql.types import =

cxt = spss.pyspark.runtime.getContext()

"extension_importer")

_schema = StructType([StructField('id', LongType(), nullable=False), \
StructField('age', LongType(), nullable=True), \

StructField('Sex', StringType(), nullable=True), \
StructField('BP', StringType(), nullable=True), \
StructField('Cholesterol', StringType(), nullable=True), \
StructField('K', DoubleType(), nullable=True), \
StructField('Na', DoubleType(), nullable=True), \

StructField('Drug', StringType(),

if cxt.isComputeDataModelOnly () :

nullable=True)])

cxt.setSparkOutputSchema (_schema)

else:
df = cxt.getSparkInputData()
if df is None:

drugList=[(1,23,'F', 'HIGH', 'HIGH',0.792535,0.031258, 'drugY'), \

(2,47,'M",'LOW', "HIGH',0.739309,0.056468, 'drugC'),\
(3,47,'M','LOW', "HIGH',0.697269,0.068944, 'drugC'),\

(4,28,"F',"'NORMAL', 'HIGH',0.563682,0.072289, 'drugX"'),\

(5,61, 'F'
(6,22,'F'

(8,41, 'M'
(9,60,'M'

, 'LOW', '"HIGH',0.559294,0.030998, 'drugY'),\

, '"NORMAL', 'HIGH',0.676901,0.078647, 'drugX"'),\
(7,49,"'F', 'NORMAL', 'HIGH',0.789637,0.048518, 'drugY'),\

, 'LOW', 'HIGH',0.766635,0.069461, 'drugC'),\

, '"NORMAL', 'HIGH',0.777205,0.05123, 'drugY'),\
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(10,43,'M', "LOW', '"NORMAL',0.526102,0.027164, 'drugY')]
sglcxt = cxt.getSparkSQLContext()
rdd = cxt.getSparkContext().parallelize(druglList)
print 'pyspark read data count = '+str(xdd.count())
df = sglcxt.createDataFrame(xrdd, _schema)

cxt.setSparkOutputData (df)

node.setPropertyValue ("python_syntax", python_script)

R :fjl

JHHHE Script example for R
node.setPropertyValue ("syntax_type", "R")

R_script = """# 'JSON Import' Node v1.0 for IBM SPSS Modeler
# 'RISONIO' package created by Duncan Temple Lang - http://cran.r-project.org/web/packages/
RJISONIO

# 'plyr' package created by Hadley Wickham http://cran.r-project.org/web/packages/plyr
# Node developer: Danil Savine - IBM Extreme Blue 2014
# Description: This node allows you to import into SPSS a table data from a JSON.
# Install function for packages
packages <- function(x)f
X <- as.character(match.call()[[2]])
if (!require(x,character.only=TRUE)){
install.packages (pkgs=x,repos="http://cran.r-project.org")
require(x,character.only=TRUE)

3
# packages
packages (RISONIO)
packages (plyr)
JHHE This function is used to generate automatically the dataModel
getMetaData <- function (data) {
if (dim(data)[1]<=0) {

print("Warning : modelerData has no line, all fieldStorage fields set to strings")
getStorage <- function(x)ireturn("string")?

t else §

getStorage <- function(x) {1
res <- NULL
#if x is a factor, typeof will return an integer so we treat the case on the side
if(is.factor(x)) {
res <- "string"

t else {
res <- switch(typeof(unlist(x)),
integer = "integer",
double = "real",
character = "string",
"string")

: return (res)
3

col = vector("list", dim(data)[2])
for (i in 1:dim(data)[2]) %
col[[i]] <- c(fieldName=names(datal[i]),
fieldLabel="",
fieldStorage=getStorage(datal[i]),
fieldMeasure="",
fieldFormat="",

fieldRole="")

mdm<-do.call(cbind,col)
mdm<-data.frame (mdm)
: return(mdm)
# From JSON to a list
txt <- readlLines('C:/test.json')
formatedtxt <- paste(txt, collapse = '')
json.list <- fromJSON(formatedtxt)
# Apply path to json.list
if(strsplit(x="'true', split='
,fixed=TRUE) [[1]]1[1]) %
path.list <- unlist(strsplit(x='id_array',6 split=','))
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i

=1

while(i<length(path.list)+1)4{

%

if(is.null(getElement(json.list, path.list[i]))){
json.list <- json.list[[1]]

telsei

json.list <- getElement(json.list, path.list[i])

i<- i+l

%

# From list to dataframe via unlisted json

i<-1

filled <- data.frame()

while(

i < length(json.list)+ 1)1%

unlisted.json <- unlist(json.list[[i]])

to.fill <- data.frame(t(as.data.frame(unlisted.json, row.names = names(unlisted.json))),
stringsAsFactors=FALSE)

filled <- rbind.fill(filled,to.fill)

i<-

1+ i

k
# Export to SPSS Modeler Data
modelerData <- filled

print(

modelerData)

modelerDataModel <- getMetaData(modelerData)

print(

modelerDataModel)

node.setPropertyValue("r_syntax", R_script)

& 50. extensionimportnode @1

extensionimportnode J&: BmRR JETEHA
syntax_type R FEEIBITM A - R IE2
Python (R ZHEE) -
Python
r_syntax FRE BT R IAYR 5 15,
python_syntax FRE FATHY Python AR5 1E
%o
fixedfilenode [E1¥
= [i] 2 S R MEE F B SRS (RIS BAE S, i MEFRIA B I46 B
KEREE) HSAEIE, WA EdEsin 7 5dEiE s DAEE 7 Bts 7 i,
NGl
node = stream.create("fixedfile", "My node")
node.setPropertyValue ("full_filename", "$CLEO_DEMOS/DRUG1n")
node.setPropertyValue("record_len", 32)
node.setPropertyValue("skip_header", 1)
node.setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 7], ["BP", 9,
10], ["Cholesterol",
12, 227, ["Na", 24, 25], ["K", 27, 27], ["Drug", 29, 32]])
node.setPropertyValue("decimal_symbol", "Period")
node.setPropertyValue("lines_to_scan", 30)

& 51. fixedfilenode B

fixedfilenode J&@ Bk Jg At
record_len ey TEEFARICR AR T
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& 51. fixedfilenode B4 (£2)

fixedfilenode Jafk s JEPERGIA
line_oriented FrRa& 7 SURSZ SIRE9E N {NE TR Y
decimal_symbol Default FA T 5 AR IR R ki) o3 B A Y 2R A
Comma
Period
skip_header e FEE B ARICRIT L ZE RIS TE, FT 20
HlFRis
auto_recognize_datetime PRi& FEEALIREHE T2 S B ahbR IR H s A,
lines_to_scan S
fields HlIZ itk IE M,
full_filename FAFER LB 2R (REES)
strip_spaces None 12NN E 7 TR i A R B A 248
Left
Right
Both
invalid_char_mode Discard MEHRR AP EBRTICAFAF (1A, 03y
ARSI A TR |, SUHEER BT
Replace ﬁ?q_%g}ﬁaa&k?ﬁo
invalid_char_replacement PR
use_custom_values ) TV
custom_storage Unknown
String
Integer
S
Time
HEAR
Timestamp
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& 51. fixedfilenode B4 (£2)

fixedfilenode J& 1k

B

JE A

custom_date_format

"DDMMYY "

"MMDDYY"

"YYMMDD"

"YYYYMMDD"

"YYYYDDD"

DAY

MONTH

"DD-MM-YY"

"DD-MM-YYYY"

"MM-DD-YY"

"MM-DD-YYYY"

"DD-MON-YY"

"DD-MON-YYYY"

"YYYY-MM-DD"

"DD.MM.YY"

"DD.MM.YYYY"

"“MM.DD.YY"

"MM.DD.YYYY"

"DD.MON.YY"

“DD.MON.YYYY"

R PEAETEE B E XA ifasImiE M.
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& 51. fixedfilenode B4 (£2)

fixedfilenode J& 1k

B

JE A

"DD/MM/YY"

“DD/MM/YYYY"

"MM/DD/YY"

"MM/DD/YYYY"

“DD/MON/YY"

"DD/MON/YYYY"

MON YYYY

q 0 YYYY

ww WK YYYY

custom_time_format

"HHMMSS "

HHHMMH

”MMSS”

"HH:MM:SS*"

"HH:MM"

"MM:SS*"

"(H)H: (M)M: (S)S"

"(H)H: (M)M"

"(M)M: (S)S"

"HH.MM.SS*"

"HH.MM"

"MM.SS*"

"(H)H. (M)M. (S)S"

"(H)H.(M)M"

"(M)M. (S)S"

R PEAESRE B2 AP SR IEIE R
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& 51. fixedfilenode B4 (£2)
fixedfilenode &1k B g R L
custom_decimal_symbol FE HEEEE T EHFERIE A ERH,
encoding StreamDefault EE XA GRS 7T 15,
SystemDefault
"UTF-8"

gsdata_import T B4

£ ‘ PERT AR “HOPRZSR)” P57 rCR B = B 5 | AR Bz 2218 .
& 52. gsdata_import TSR E 4%
gsdata_import 1inUgETE BimRm JE PEH IR
full _filename FIT TERANEINEL shp XHHI X HIER,
map_service_URL T H TE RN\ ELEREIHE ARSS URL,
map_name T {4 EEH T map_service_URL i, @A
AR, I EALE R AR SS Y TR SR a4

jsonimportnode B1%
JSON P55 M ISON -5 A B

[JSON]

& 53. jsonimportnode B4
jsonimportnode &1k B JR YRR
full_filename TR R (BEBR) .
string_format records f67€ JSON FrEMs A, HEER
records,
values
auto_label £ v18.2.1.1 i,
sasimportnode B 1%
/ B SAS AT ALALRE SAS BifiE T A\ E] IBM SPSS Modeler Hio
SAST
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Nl

node = stream.create("sasimport", "My node")
node.setPropertyValue("format", "Windows")
node.setPropertyValue("full_filename", "C:/data/retail.sas7bdat")
node.setPropertyValue("membexr_name", "Test")
node.setPropertyValue("read_formats", False)
node.setPropertyValue("full_format_filename", "Test")
node.setPropertyValue("import_names", True)

& 54. sasimportnode &%
sasimportnode Jafk it | JEPER IR
format Windows LGNSR IRS
UNIX
Transport
SAS7
SAS8
SAS9
full_filename T ER AR RS (RFER)
member_name T H FEEZEIMNFE SAS LI S AR
o
read_formats Fra& MFEE R A SRR (Bl
FREE) ©
full_format_filename FRFER
import_names NamesAndLabels FEETE S AN LG 28 B A FRAIFR 1) 77 150
LabelsasNames
simgennode [B1%
“BERIAER” 1T AR T — R AR AR R AT B 5 7 - 5 A P R E RIS LS N
i3 SKOF a4 R, B RN B D s EdEia T “BHIA” R ARE I 22 A6 B B0
ARNEEE, AN TR AP EEAREERTE O, Y ST AR R 45 SR TP
N AEH A .
& 55. simgennode B4
simgennode &1k B JR PR
fields itk E BRI
correlations gErE B2 R
keep_min_max_setting boolean
refit_correlations boolean
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& 55. simgennode &% (42)

simgennode J&1: BmIm JEPERGIA
max_cases BN B/IME N 1000, HAEN
2,147,483,647

create_iteration_field boolean

iteration_field_name FRFE

replicate_results boolean

random_seed TE

parameter_xml FRFER PAEAF B T IR [E] 240 XML
fields 7l

SREHMUES L, HIERaR:

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, locked, [distribution3], min, max]

D
distribution B/ HAFATAE, HAFREROESEERTR/MEXHISIFR, IR N 75208 X

[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min","21"],

[Ilmaxll'llzll]]]' ||||' ||||]])

i, EOVEMTAREE IR BRI R, AT DA DUR R :

simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)
simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],
[Ilprobll' 0.7]]]' IIII' IIII]])

ZIWEA R ERNADNSEC n Ml prob, BT ISR B/ IMEMBRRME, KXW DN SECRAE
TR,

i EARE IR E distribution; AILUKHYS fields J@ME—EMH,

PAURRBI R RATE AT RER 70 & 2%, 15 E, BI{ESE NegativeBinomialFailures #l
NegativeBinomialTrial H#J#iI AN thresh,

stream = modeler.script.stream()
simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel",6"1"],["shape2",6"2"]11], "", ""]

binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" ”1”],[“prob“ "1"111, ", ""]
categorical_dist = ["Field3", "String", False, ["Categorical®, [["A",8.3].["B",0.5],["C",0.2111, "*, ""]
dice dist = ["Fieldd", "Real’, False. ["Dice". [["1" ."0.5"],["2","0. 5“]]] W

exponential_dist = ["Field5", "Real", False, ["Exponential", [[”scale“,”l”]]] ne oo

fixed_dist = ["Field6", "Real", False, ["Fixed", [["value","1" 117, "", ""]

gamma_dist = ["Field7", "Real", False, [“Gamma [ scale“,“l“] [“shape“,“ 1"117, ", ""]

lognormal_dist = ["Field8", "Real", False, [" Lognormal“ [["a", “1”] ["b","a" 111, "", ""]

neghinomialfailures_dist = ["Field9", “Real” False, [“NegatlveBlnomlalFallures” [[”prob” "0.5"], ["thresh","1"]1], "", ""]
negbinomialtrial_dist = ["Field10", "Real", False, [ NegativeBinomialTrials", [["prob","0.2"], [‘thresh“,“l“]]], R |
normal_dist = ["Field11", "Real", False, ["Normal", [[”mean” "1"] [”stddev“ "2"111, ", ""]

poisson_dist = ["Field12", "Real", False, ["Poisson", [["mean", “1“]] R |

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN" " [1 3]"] ["END" "[2,4]1"],["PROB","[[0.5],[O. 5]]"]]] ne,omn
triangular_dist = ["Field14", "Real", False, [“Trlangular [["min", “0“] ["max","1"], [“mode“ "1"111, ““, "

uniform_dist = ["FieldlS", "Real", False ["Unlform [[umlnu ||1||]'[||maxll ||2||]]]' nu ||||]

weibull_dist = ["Field16". "Real". False, [“Welbull“, [["a","e"7,T"p","1 "1, ["c". “1“]]] e

simgennode.setPropertyValue("fields", [\
beta_dist, \

binomial_dist, \

categorical _dist, \

dice_dist,

exponential_dist, \
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fixed_dist, \
gamma_dist, \
lognormal_dist, \
negbinomialfailures_dist, \
negbinomialtrial_dist, \
normal_dist, \
poisson_dist, \
range_dist, \
triangular_dist, \
uniform_dist, \
weibull_dist

1Dl

x5
RS S R, HIRRWT:

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],
[field2, field3, correlation]

D

MRMAT DR T +1 5 -1 Z R, R DIRIE R Z e M, (R TEE RSB R % B

0, WMRFAEMEMTRIATE, BANIZEMRMAER (803%) HREMKME, HULEXATRZE, W
RIFERNTE, IBATTET T R

statisticsimportnode Bt

Py IBM SPSS Statistics ¢ M IBM SPSS Statistics I .sav SCAFEA% X AR R E
' IBM SPSS Modeler H 217X (HABME RS0 SEHRARRE,

BRRT AEHRIEE, ESME 383 LAY [statisticsimportnode @M1 .

tmlodataimport T =24

a IBM Cognos TM1 JE7 s M Cognos TM1 $iz % S A%,

& 56. tmlodataimport T S @14

tmlodataimport 1)@k Bl JE A

admin_host T H REST API [ F414417 URL,

server_name FIFER M admin_host HiEER TM1 iR esiU%
iiif8

credential_type inputCredential 8% | A FHa/RFEUERAY,

storedCredential

input_credential Hl| 2% 24 credential_type ¥ inputCredential
I feEs. P SR%,

stored_credential_name T 24 credential_type Hy
storedCredential if; 57 C&DS fAR%5#s L
IR UER TR
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7= 56. tmlodataimport T B M (82)

tmlodataimport 1iri)E Mk Bhgnl FAER )
selected_view ["field" "field"] HIFREE, HAEENE TML Z4E8IRERFE

S B LA ZE M HR IR 5 A\ FI| SPSS HY 2 415
TEEME R, Filan:
TM1_import.setPropertyValue("selec
ted_view", ['plan_BudgetPlan',
'Goal Input'])

is_private_view PR {6 selected_view 2R ERAME, 4
{80 false,

selected_columns ["field" ] feEpmEY;, HeetsE— M,
fian:

setPropertyValue("selected_columns
", ["Measures"])

selected_rows ['field" "field"] | H&iEMTHEAT.
fian:
setPropertyValue("selected_rows",
["Dimension_1_1", "Dimension_2_1",
"Dimension_3_1", "Periods"])

tmlimport T B (FHEFEF)
a _ IBM Cognos TM1 J575 s M Cognos TM1 #itdiE 25 ABUE,

TE: %777 )7E Modeler 18.0 RN A, BT AR Z tmZodataimport,

& 57. tmlimport B4

tmlimpoxt Vi i@t gl B4R
pm_host SRR TE: SOEH T V16.0 fi1 V17.0.

FAHl4, Fan:
TM1_import.setPropertyValue("pm_ho

st", 'http://9.191.86.82:9510/
pmhub/pm")
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& 57. tmlimport TR EM (82)

tmlimport 1isniE s JE PERGIA
tml_connection ["field", "field", ... ,"f ¥ AGEF T V16.0 F1V17.0,
ield"]

ﬁﬂ%%):'lﬁ, Hrp & TML RS ERTEZ TS

W
[ "TMl_Server_Name","tml_

username","tml_ password"]

g
TM1_import.setPropertyValue("tml_c
onnection", ['Planning Sample',
"admin", "apple"])

selected_view

["field" "field"]

HIFREME, HAPEENE TML Z4ERIRERFE
S B LASZE M HR IR 5 A\ FI| SPSS HY 2 4E5)
TEEME R, Filan:
TM1_import.setPropertyValue("selec
ted_view", ['plan_BudgetPlan',
'Goal Input'])

selected_column

[uﬁ'eldu]

faEmEs; HeeeE— 1,

g
setPropertyValue("selected_columns
", ["Measures"])

selected_rows

["field" "field"]

TEEAMETT,

fran:
setPropertyValue("selected_rows",
["Dimension_1_1", "Dimension_2_1",
“Dimension_3_1", "Periods"])

twcimport T B

g

TWC 59 55 M The Weather Company, an IBM Business 5§ A KSR, "Tﬂu@)ﬂ
ERARBCR— L BT R B AR R X AT PABE Bl RIS BN 5 g 77 %,
{65 AT FH B B R R A SR A B R R I R

& 58. tweimport TR E 4%

twecimport 1iniE Pk s JEPERIA

Tlé\JCDataImport.latit S PDIE [-90.0790.0] fRELEE

ude

TWCDataImport.longi |32 DIE [-180.07180.0] fHELE (H,
tude

TWCDataImport.licen |FffH FEE M The Weather Company FEELHY

seKey

AEE.
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& 58. tweimport TR B (4L)
twecimport 1iniE BRI JEPERGIA
TWCDataImport.measu |English e EE BN, PIREMI(E N English,
rmentUnit Metric 8¢ Hybrid, Metric 2%
Metric 1H,
Hybrid
TWCDataImport.dataT |Historical e BB AP RS EIERA, TREMEZ
ype Historical &f Forecast,
#M (Forecast) Historical ZHETH,
TWCDataImport.start |#e%y NN TWCDataImport.dataType &
Date 5E Historical, MIPMER yyyyMMdd
feE 4G 5,
TWCDataImport.endDa |#&%k gk TWCDataImport.dataType &
te 7€ Historical, WIPAER yyyyMMdd
feE g ] HHH,
TWCDataImport.forec |6 WS~ TWCDataImport.dataType &
astHour 7€ T Forecast, MEE 6. 12, 24 5
12 48 1EN/NNE,
24
48
userinputnode B1%
: FAF T R 7 — R T QISR S HdRRy AT 8 7750 - ] AT 4a At n] DAgE
B, IS BRI TOVE, I AR, I, R e A A
T INF, BRI I A
Nl
node = stream.create("userinput", "My node")

node.setPropertyValue("names", ["testl", "test2"])
node.setKeyedPropertyValue("data", "testi", "2, 4, 8")
node.setKeyedPropertyValue ("custom_storage", "testl", "Integer")
node.setPropertyValue("data_mode", "Ordered")

& 59. userinputnode B

userinputnode JE1%: B JRPEIA

data

names B EEOR B TR B R A PRI R I 2
FfLIEIE,
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& 59. userinputnode B1% (82)
userinputnode Ja 1k s JEPERGIA
custom_storage Unknown AT E R B A B A B REIE,
FRI &
B
Real
Time
Date
Timestamp
data_mode Combined WEFEE T Combined, ARAIRE(E AN &
INEBKRIEREBNH GG LR — e,
Ordered A IR B T B F B E SRR
e WRIEETER, BLANFKILRNE
—HI| AR B — MERAE R T, AERIE
FHET N EFRMEANEKREE, B
i B 5 D B B =3 1A
values H: WE M EH userinputnode . data Bt
(A NIVE t2 < TR
variablefilenode B4
— B RS S mURE E AR SN BSOS SR, B, HidR e SEE S EN
. FE, HESRNEHEFRN S, 508 T REEE KBRS R E 2K
Ui S AR A H
Nl
node = stream.create("variablefile", "My node")
node.setPropertyValue ("full_filename", "$CLEO_DEMOS/DRUG1n")

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("read_field_names", True)
setPropertyValue("delimit_othexr", Txue)
setPropertyValue("other", ",")
setPropertyValue("quotes_1", "Discard")
setPropertyValue("decimal_symbol", "Comma")
setPropertyValue("invalid_char_mode", "Replace")
setPropertyValue("invalid_char_xreplacement", "|"
setKeyedPropertyValue("use_custom_values", "Age", True)
setKeyedPropertyValue("direction", "Age", "Input")
setKeyedPropertyValue("type", "Age", "Range")
setKeyedPropertyValue("values", "Age", [1, 100])

& 60. variablefilenode B4

variablefilenode J& 1%

B! JE A

skip_header

e A BRI FIT L E RIS 1L
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& 60. variablefilenode B (£%)

variablefilenode Ja B JEPERA
num_fields_auto FR& H i€ F IR PRI FEBREL IdRM
DAATRF 4 1k
num_fields BT FafeE B RIERHP N TFEEL
delimit_space Fr& FeE A T XE = BOA AR 7R
delimit_tab R
delimit_new_line ) AV
delimit_non_printing ) TV
delimit_comma P& YIE IR A RIS AR A3l o0 B AT A 7
B BT, ¥ delimit_other IREN
%w,%ﬁ@ﬁﬁ@@ﬁ%ﬁﬁ%ﬁﬁiﬁ
delimit_other bR SV EAthJ& MR e B SO AT
other FRFER 1£ delimit_other N true N, #5EZAfH
FRYE 45 o
decimal_symbol Default a7 T EAR IR AR A3 o BE AT
Comma
Period
multi_blank bR R 22 MR E AT — B —TE A
FPabs,
read_field_names PR A SRS — TN FIRIAR S,
strip_spaces None %@)\N%ﬁ?ﬁ%ﬂPﬁﬁfﬁﬁ%%BE’ﬂé
Left
Right
Both
invalid_char_mode Discard MEAREAN BRI (HE. 030y
Higmi PR A R, SHfEERH
Replace FRRS B IICE T
invalid_char_replacement FIRFER
break_case_by_newline FRi& FEEATE FAF NIATIT
lines_to_scan 2 faE BAREHER IR TEL
auto_recognize_datetime PR FEAEIREHE 2 S B ahRiR H s

[Flo
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& 60. variablefilenode B (£%)

variablefilenode Jg@ 1% sy JE A

quotes_1 Discard fEESANE RS T
PairAndDiscard

IncludeAsText

quotes_2 Discard 6 S ANE NG|S0 77
PairAndDiscard

IncludeAsText

full filename FRFER BB (EEE%) .

use_custom_values ) I

custom_storage Unknown
String
Integer
Real
Time

Date

Timestamp
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& 60. variablefilenode B (£%)

variablefilenode J&1%

JE A

custom_date_format

"DDMMYY"

"MMDDYY"

"YYMMDD"

"YYYYMMDD"

"YYYYDDD"

DAY

MONTH

"DD-MM-YY"

"DD-MM-YYYY"

"MM-DD-YY"

"MM-DD-YYYY"

“DD-MON-YY"

"DD-MON-YYYY"

"YYYY-MM-DD"

"DD.MM.YY"

"DD.MM.YYYY"

"MM.DD.YY"

"MM.DD.YYYY"

"DD.MON.YY"

"DD.MON.YYYY"

HEAEREE 1 ERlf7EasiIE 0L A&
)EHO
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& 60. variablefilenode B (£%)

variablefilenode J&1%

JE A

"DD/MM/YY"

"DD/MM/YYYY"

"MM/DD/YY"

"MM/DD/YYYY"

“DD/MON/YY"

“DD/MON/YYYY"

MON YYYY

q 0 YYYY

ww WK YYYY

custom_time_format

"HHMMSS"

"HHMM"

"MMSS*"

"HH:MM:SS"

"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"

“(H)H: (M)M"

“(M)M:(S)S"

"HH.MM.SS"

"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"

“(H)H.(M)Mm"

“(M)M.(S)S"

HEEEE TERIF s AL N A&
Mo
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& 60. variablefilenode B4 (52)

variablefilenode J&1t: BiRR JEPERA

custom_decimal_symbol TR HATERE 1 el e iR ol N A 1E

)EHO

encoding StreamDefault Y E AR YL 71,
SystemDefault
"UTF-8"

xmlimportnode Bt¥
_ XML JE” 758 XML BHE S AR A, AT AR, WA IS AR
[<XML>| BRI A S, 18R] DAt e e e, DA M FRIRER XML &6,
NG|

node = stream.create("xmlimport",
node.setPropertyValue("full _filename",
node.setPropertyValue("records",

"My node")
"c:/import/ebooks.xml")
"/author/name")

& 61. xmlimportnode B

xmlimportnode &1k B3 JE TR

read single BEECRAN RS (), sE PRI
A XML X,

directory

Trecurse Fri& fEE RS HIMNEETEE H R E FH&H+
[ XML S,

full_filename TR H () EGAM XML SR s3I
X4 (W read = single) o

directory_name T HR (BFR) BEMHFA XML R E SR 5E
BRI AR (AR read =
directory) .

full_schema_filename TR HR TMHZE XML 54917 XSD 5% DTD S
TR S %4, ANRIEENE T 1S
B, KM XML RS H I ERE

records FrFE XPath #iAX (fl4N, /author/name) ,
FPAUE SOE KB 5, BHRAETR SR IES it
TUEN, R AIEFTIIER,

mode read BEFTEHEE (GhE) |, SdEE E B
H,

specify
fields BESAWIH OCoEMEMN) PR, ¥R+

HIEIT R XPath #i&R,
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10 =

TR BRET s Tk

appendnode [E1%

Nl

node

node.
node.

“Ehn” *ﬁ\ﬂﬂ? ERZHICK, 50, Rl DI T REH OB A ARREER S
o 2 HEE—

= stream.create("append", "My node")
setPropertyValue("match_by", "Name")
setPropertyValue("match_case", True)

node.setPropertyValue("include_fields_from", "All")
node.setPropertyValue("create_tag_field", True)
node.setPropertyValue("tag_field_name", "Append_Flag")
& 62. appendnode B %
appendnode JE Bgnl JEPEBEH
match_by Position AT DARRYE 7 B AE FEAE TR A7 B sl AL
PR B AR R B £ s £
Name
match_case bRt VUBE 7 B FRI B X 2 KNG
include_fields_£from Main
All
create_tag_field ) VR
tag_field_name FIFE
aggregatenode B1%

N/l

node

LR TR RS LS O 2 R SRS A tHiC R

é}’,

= stream.create("aggregate", "My node")

# dbnode is a configured database import node
stream.link(dbnode, node)

node.
node.
node.
node.

node

setPropertyValue("contiguous", True)
setPropertyValue("keys", ["Drug"])
setKeyedPropertyValue("aggregates", "Age", ["Sum", "Mean"])
setPropertyValue("inc_record_count", True)

.setPropertyValue("count_field", "index")
node.
node.

setPropertyValue("extension", "Aggregated_")
setPropertyValue("add_as", "Prefix")




& 63. aggregatenode Bt

aggregatenode g1t Bimmy JE A

keys SIS HIH AT REIC S 2B, flan, iz
MK R T, 2B EMZE5I0E
MR XM P E—HE (PP HE—H
&) AR —FKILRIER,

contiguous flag anSRAEFNE S A BA M R BE R P D%
' N—H, ALn] DUEFEHEDTT (Flan,
AR Z B L NI THE ) o Xt
A BT =t RE,

aggregates —RpEreEN:, BRI HEERHITICER
EFE DA P I S Asi =,

aggregate_exprs HEE N, MAIREFERATRA A TIHHE
HAAFRAIC SRR, Flan:
aggregatenode.setKeyedPropertyValue

("aggregate_exprs", "Na_MAX",
"MAX('Na')")

extension string NESILEFERIGERMARSEHR (FEAM
) &

add_as Suffix

Prefix

inc_record_count flag AR —PMIINTFE, ZTFEHTREE AR
BHRIEIERMILE T 2/ &M AL,

count_field string R IL R B 7R,

allow_approximation AN £ Analytic Server A TIL G AR VFE TR
U4t

bin_count TR feE ARG T 5 A9 0 ek

balancenode B1%
“PItr” R T A EBERE PRI, DB EE&E.  “E” heS
> IRIEHE E R BOA B S A L TE S I o5 B BRI
Nl

node = stream.create("balance",

"My node")

node.setPropertyValue("training_data_only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]1])

& 64. balancenode B4

balancenode Jg& 1% Bimpmy JE PR IA
directives FRIEFE & B 18 7 B AR L B s Mt B e

(ZH FHATRBD o
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X 64. balancenode B #2)

balancenode J&

BnRR

JE A

training_data_only

PR

fEE OISR, AR AT X
TE, R ZIET,

I U PR AU AS K

[[ number, string 1\ [ number, string] \ ... [number, string 1].

H: RAERIEHRA TR GFEENGISH) , IR2IETIF AT L0 “\" o “\" 74

IR ATAREETT, IXAERLAT AR S RO 57, BIERER T,

cplexoptnode B1%
f& Bl CPLEX Optimization 1951, ] LAEII LILGRAEIE S (OPL) B Skl B T
% {LH75E 754, 1BM Analytical Decision Management P=he Rt 7 LIhRE, (B45HL
FEIR ] DAFE SPSS Modeler HH# F] CPLEX 15 sl 75 22 IBM Analytical Decision
Management,
2% CPLEX Optimization 1 OPL U 258, 1EZ % IBM Analytical Decision
Management 44,

& 65. cplexoptnode @1

cplexoptnode J&:

B

JE A

opl_model_text

TATER

¥ 1 CPLEX Optimization ¥ siaf 734 A%
L& 5RE OPL (RLIRIRIES) AR
¥o

opl_tuple_set_name

TATER

IXJ2 OPL AL AR B & ARERYTCEH AR
BRI, XA, H HIEHARIEILR
ARATIE, E N TR FnE LR IR
T BIRG

data_input_map

SERLRTERISIR

BRI 7B, IXARBRN, FF
HIEHE ARESAAEITIRE, ENAUH T %
B PR T ) - B
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& 65. cplexoptnode B1% (82)

cplexoptnode J&:

B

JE A

md_data_input_map

SRR TERISIR

OPL A SCHY L& B A I 7 B IR (A
R BT ARG, HI P
A DA B R ot Bt T 4R, JEd It
IR, ] AER BRI B
RE, IR EAR ERAE P R,

SRR RE D LARHR R A AR
BRI, RIERURTR NSRRI

BHRIRIIARIC, flan, ANF
0_Products_Type, ¥rich 0,

BIRRERS, FdRENYEFY (R3D .
X IR E

PR, BARIEMTRT A GER) o XATRA
TEEIRTR Nhig Rkl flan, T+
0_Products_Type, JETAN
Products,

R R B TIEHE2Y T CPLEX
Optimization W KRS TR (ERE) - X
A DAEERETR Ny SR ERE], flan, X
0_Products_Type, CEET AN
Types

e EGHIR, BURIEN THESE, ©
WS OPL HE SN A VL,

e 7B IR, BURIRMTHE S TRA
To TIN5 OPL STHE S E X HE X
N PLAL,

IR, FERAFERAY, RIRERIER
int, float & string,

BB, BARIRN 7B AR,
il

[[0,0, 'Product', 'Type', 'Products', 'pr
od_id_tup','int', 'prod_id'],

[0,0, 'Product', 'Type', 'Products', 'pro
d_name_tup', 'string’,

"prod_name'],

[1,1, 'Components', 'Type', 'Components'

"comp_id_tup','int', 'comp_id'],

[1,1, 'Components', 'Type',
"Components', 'comp_name_tup', 'string’
, 'comp_name']]

opl_data_text

TATER

FIF OPL Hy— L2z B e HHR A& Lo

output_value_mode

FITER

AIREMIME-N raw 8% dvar, @RfEET
dvar, 2R A ‘Wl #Emi+ E
$85E OPL A TR R K E L &4

Ko WERAEE T raw, MoK EEH L HR
PRIEL, TS BRIER,
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& 65. cplexoptnode B1% (82)

cplexoptnode J&1: s JEPERGIA
decision_variable_name T OPL H7E XY H AR R EZE &4 R, 1Y
output_value_mode EMHIEEN
dvar, A<=EHtEM,
objective_function_value_ |F#fH BE R H A A B AR R EUE B T B A R
fieldname (8N _OBJECTIVE,
output_tuple_set_names FIT NREAEFITE OTH AR, e
LR ENRG, FETIHEY ‘TR
H” T, “HHoTd” M OPL
R R E X —%. MREZNES,
AL TTHBIRIN AR S () EEE,
BN TEHRBI Products, XY
OPL X N dvar float+
Production[Products];
Z N TCAHRIRE
Products,Components, XA OPL &
XN dvar float+
Production[Products]
[Components];
decision_output_map SERLE TERA R OPL H3E SHHE o i HE A B A2 i

Z AR Bt BRI SRR R 45
F R

AEAMR, OPL A Ek 1A B4R,
TEREIARY, AIRERYME N int. float Bk

string,
fth B R, 458 (GatielFH) g
W7 B R,
ZN/R
[['Production', 'int', 'res'],

['Remark', 'string', 'res_1']J['Cost',
'float', 'res_2']]

derive_stbnode [E1%
- AN RIRR T T RARIRAEE . S E AN [AIBIC T BORA: T 23 R [RIRR i, A5 AT
G DU ) 2 (RIS TR BR AR IR 92 B
aNGl
node = modeler.script.stream().createAt("derive_stb", "My node", 96, 96)

{## Individual Records mode

node.setPropertyValue("mode",

node.setPropertyValue("latitude_field",
node.setPropertyValue("longitude_field", "Longitude")
node.setPropertyValue ("timestamp_field",

node.setPropertyValue("densities",

"TndividualRecords")
"Latitude")

"OccurredAt")
["STB_GH7_1HOUR", "STB_GH7_30OMINS"])
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node.setPropertyValue("add_extension_as",

node.setPropertyValue("name_extension",
# Hangouts mode
node.setPropertyValue("mode", "Hangouts")

"Prefix")
n Stb_" )

node.setPropertyValue("hangout_density", "STB_GH7_30MINS")
node.setPropertyValue("id_field", "Event")
node.setPropertyValue("qualifying_duration", "3OMINUTES")
node.setPropertyValue("min_events", 4)
node.setPropertyValue("qualifying_pct", 65)
& 66. “TEIFVEIRG HREY
derive_stbnode &1t B JEPEA
mode IndividualRecozrds
Hangouts
latitude_field 7B
longitude_field FER
timestamp_field =
hangout_density idicy PR 1530 densities DA T RAR
HIEAE,
densities [density,density,..., FNEER DTSR, il
density] STB_GH8_1DAY,
e N TSR EE AR, fAERRGl, X T
geohash, AJDAEF A GH1 #| GHA5 FRAYME, *F
T temporal #457, BILASEHH TFIAE:
EVER
1YEAR
1MONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
1MIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field FE
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& 66. “TRIERG TREM (&)

derive_stbnode J& 1

BnRR

JE A

qualifying_duration

1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Houzrs
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
AMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS

IR T R

min_events

£34

BR/INEREERAEDN 2,

qualifying_pct

E34

WIATF 15 100 Z A,

add_extension_as

Prefix
Suffix

name_extension

TIFH

distinctnode 1%

X

Nl

node = stream.create("distinct", "My node")

: TN REIER S — N XD SRR REE R, SEEN EFE —NCRIRAE
=i MESIDREBERER, BREZAICR,

node.setPropertyValue("mode",

node.setPropertyValue("fields",

"Include")
[IIAgeII IISeXII])

node.setPropertyValue("keys_pre_sorted", True)

K 67. distinctnode B4

distinctnode J8: s JE Pk

mode Include BE AT DAKE 28— 25 X o0 ie SRS A BARE TR A,
WA AEFE KX IR EMESID

Discard %'ﬁ%%%”ﬁ*ﬁ?ﬁo

grouping_fields Hl|Z A1 H FH B e 7 A AR R 2 B
22 M IBM SPSS Modeler 16 2, REfF{E
B,

composite_value gERLRE THEZH LA IR,

composite_values SERILRE THEZH PA IR,
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X 67. distinctnode B (£2)

distinctnode J& 1 Bl JE P BEH
inc_record_count Fris ﬁ'JL*/\ETWI\?E&, ZFBARE N
LIRS T2/ 0 &M AL R,

count_field FrFE FEE ISR R T B A R

sort_keys G LA, TE: M IBM SPSS Modeler 16 #2, AfEtE(fif
B,

default_ascending ) I

low_distinct_key_count [#r:E& EBEERHABEF/VEICFM/E/D B TR E—
1H,

keys_pre_sorted Fris fae B A HFRMERPTA IS RIER A 740
1E—it,

disable_sql_generation |fii&

composite_value BHHIRMA

composite_value JB&M:A—MA% AR

node.setKeyedPropertyValue ("composite_value",

FILLOPTION BN [ FillType,
NGB

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

EE' %/\E#RE'

S I3 T

Optioni,

setKeyedPropertyValue ("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue ("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue ("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue ("composite_value",

XL 2 DBIRIE RS, filn:

FIELD, FILLOPTION)

Option2, ...].

IIAgeII , [IIFiIS.tII])
IIAgeII' [Illastll])

IIAgeII' [IITOtalII])
”Age”, [”AVeIage”])
IIAgeII' [IIMinII])

IIAgeII' [IIMaXII])

"Date", ["Earliest"])
"Date", ["Latest"])
"Code", ["FirstAlpha"])
"Code", ["LastAlpha"])

L,
node.setKeyedPropertyValue ("composite_value", "Name", ["MostFrequent", "FirstRecord"])
node.setKeyedPropertyValue("composite_value", "Date", ["LeastFrequent", "LastRecord"])
node.setKeyedPropertyValue ("composite_value", "Pending", ["IncludesValue", "T", "F"])
node.setKeyedPropertyValue ("composite_value", "Marital", ["FirstMatch", "Married", "Divorced",
"Separated"])
node.setKeyedPropertyValue ("composite_value", "Code", ["Concatenate"])
node.setKeyedPropertyValue ("composite_value", "Code", ["Concatenate", "Space"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "Comma"])
node.setKeyedPropertyValue ("composite_value", "Code", ["Concatenate", "UnderScore"])

composite_values B1aYTHI

composite_values JEMEHI—MBAE a0 T
node.setPropertyValue("composite_values", [

[FIELD1, [FILLOPTION1]],
[FIELD2, [FILLOPTION2]],

1)
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asuilh

node.setPropertyValue("composite_values", [
[uA eu [”FiISt”]],
["Name", ["MostFrequent", "First"]],
[“Pendlng“ ["IncludesValue", "T"]1],
["Marital", ["FirstMatch", "Married", "Divorced", "Separated"]],
["Code", [”Concatenate”, "Comma"]]

D

extensionprocessnode &%

W YRR WA, SR DR R EEE, Jf
%- i/ R IA4%5 8% Python for Spark fHIA~4m 5 X 1%4%
F, 5 B F 22 46,
Python for Spark xfjl

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_process", "extension_process")
node.setPropertyValue("syntax_type", "Python")

process_script = """

import spss.pyspark.runtime
from pyspark.sqgl.types import =*

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = StructType([StructField("Age", LongType(), nullable=True), \
StructField("Sex", StringType(), nullable=True), \
StructField("BP", StringType(), nullable=True), \
StructField("Na", DoubleType(), nullable=True), \
StructField("K", DoubleType(), nullable=True), \
StructField("Drug", StringType(), nullable=True)])
cxt.setSparkOutputSchema(_schema)
else:
df = cxt.getSparkInputData()
print df.dtypes[:]
_newDF = df.select("Age","Sex","BP","Na","K", "Drug")
print _newDF.dtypes[:]
cxt.setSparkOutputData (_newDF)

node.setPropertyValue ("python_syntax", process_script)

R {51

JHHHE script example for R

node.setPropertyValue("syntax_type", "R")

node.setPropertyValue("r_syntax", """day<-as.Date(modelerData$dob, format="9%Y-%m-%d")
next_day<-day + 1

modelerData<-cbind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldlLabel="",6fieldStorage="date",fieldMeasure="",6fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
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3 68. extensionprocessnode @
extensionprocessnode J& | ZE% JE PERIA
i
syntax_type R FeEIBITI MHA - R B2 Python (R 2k
HiE) .
Python
r_syntax FRFER TIA1THY R ISR 5 187,
python_syntax FRFER AT Python BIAYR 5 181,
use_batch_size Fr& FOVFH FH AL,
batch_size HHL & B STE MR R E D R E R,
convert_flags StringsandDoubles HIETH TR E 7B
LogicalValues
convert_missing PR T TR R (B 56 09 R NA B
convert_datetime Fra& IR IR TR 2 H L H B ks =L
B R H A/ AR,
convert_datetime_class | _ ... . IXEER I 5 = H s H BA R A% X
POSIX1t NI 22 /N (S

mergenode Bi¥
“GBIT WRERZ A NMAILSE, AR S LR 2T A T BRI DN HIE T,
e BN TEFHRIEARRESE JEEAH, FlanNEss - SdEf el \FHR T EdE,
AN
node = stream.create("mexrge", "My node")

# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)

stream.link(salesdata, node)

node.setPropertyValue("method", "Keys")
node.setPropertyValue("key_fields", ["id"])

node.setPropertyValue ("common_keys", True)
node.setPropertyValue("join", "PartialOuter")
node.setKeyedPropertyValue("outer_join_tag", "2", True)
node.setKeyedPropertyValue("outer_join_tag", "4", True)
node.setPropertyValue("single_large_input", True)
node.setPropertyValue("single_large_input_tag", "2")
node.setPropertyValue("use_existing_sort_keys", True)
node.setPropertyValue("existing_sort_keys", [["id", "Ascending"]])
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& 69. mergenode &%

mexgenode Jg 1l Bk JE A
method Order LSRR S CA ERHE S B F1 7RI
FiETEH, BREMEA—- ISR M EERR
Keys BHERTFEPHUSHEEERNIER, &2
BEW RS ESRENEHIER; MHARE
L IR AT DAFE MARCE &8 3 6 A 2 2 DR FE
Condition SEHER.
Rankedcondition
condition FIVER W5R method X &N Condition, f&EfLIE
WEFICREMF
key_fields Hl|2k
common_keys ) TV
join Inner
FullOuter
PartialOuter
Anti
outer_join_tag.n Fris FIEMA, n@ “EEREIEER" MIEHEF
SRIIRIES. R, AIRAEEZ MR
%, BT R E IR A AR e R
ia%o
single_large_input Fri& e R G T, PAME—" S HAthm
MNHEEEEA — MR A ES,
single_large_input_tag |FfF % “EERAREIRER” MEHEFERIEE
FRid%. BEE, ZEMENAES
outer_join_tag EIEMAZEIEE AR (bR
WEE5FRE) |, FARTE RGEEE—MHA
RS,
use_existing_sort_keys |Fri& fEEMmANER G ERE - MR TB

HATHET

existing_sort_keys

[['string’, ' Ascending']\
['string", 'Descending']]

faE EHE I 7 BN HA Y 751,

primary_dataset

TIFER

U15R method & Rankedcondition, i#i%
BHTEHNELSIES, ] DU E 9 4h
ER G IR A,

rename_duplicate_field |#i/R{E 415 method 2 Rankedcondition, It)E

S MRENY, HERERNEHEGERES
KEAREIRRNZ N REAFER, B2KE
XL HR TR A AR SR IO R I E 71 7 Bebrdt
J:I:%O

mexrge_condition PR

ranking_expression FRFE
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& 69. mergenode B4% (£%)

mexrgenode J& 1k BmIm JEPERGIA
Num_matches B ZHRYE merge_condition Al

ranking_expression iR [AlfVLACITEL,
B/MEN 1, ®AMEHN 100,

rfmaggregatenode Bt

FEF IR, FERRIET (RFM) JCR” 55, SEAT SR AIR PR o s Ay
et 1, MHBRT 4 0 R R AT T (R R 55 AR S — 17, FLI% {75
BT A 555 DRSS IR, T A28 53 B DA R 30 22 5 S B T A

ANl
node = stream.create("rfmaggregate", "My node")
node.setPropertyValue("relative_to", "Fixed")
node.setPropertyValue("reference_date", "2007-10-12")
node.setPropertyValue("id_field", "CardID")
node.setPropertyValue("date_field", "Date")
node.setPropertyValue("value_field", "Amount")
node.setPropertyValue("only_recent_transactions", True)
node.setPropertyValue("transaction_date_after", "2000-10-01")
& 70. rfmaggregatenode B
rfmaggregatenode )&t B JR YRR
relative_to Fixed fEE R AR Gk A H
Today
reference_date date {VFE relative_to HiEEE Fixed A4 H]
o
contiguous Frids AR B AR T T SeHE, DAMERTER
WUHFERIE R — i HEEEIE R, IRk
PRI T AT DU PR AL IS
id_field FE PRI T B ARSRIR AR P R EHAZ 5,
date_field TE fae R kIR R A H BB,
value_field FE fee T B IR R ME,
extension FRE NEZILEDFERAEE G,
add_as Suffix FEE B MAE RIS G SR
extension,
Prefix
discard_low_value_reco |#i& Ja A discard_records_below %
rds =5,
discard_records_below |%i¥ AITETHE RFM BHR, feE—"s/ME, AL
T IXER A 5 G B R AU, (E
BN 5 FIE value FBHE>,
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& 70. rfmaggregatenode B1% (42
rfmaggregatenode Jafk BmIm JE PERIA
only_recent_transactio |#7i& JEFM#iH specify_transaction_date B¢
ns transaction_within_last % H#,
specify_transaction_da [#7i:E&
te
transaction_date_after |date HAWEH specify_transaction_date I
A H. e HIDIEM N EH
JEHIIE S,
transaction_within_las | HAEEH transaction_within_last K
t AR, HEEMNT BN T L RHNARER
H B2 B [ i) JE SR JR 2R A (R,
JE. AR | fFEHHBZ ERIEREE
BEERI 2,
transaction_scale Days HAE%EAF transaction_within_last Hf
ARTH, 8@ MBS T L RNARIE R
Weeks H A~ B Al (5] 4 & BRBSORD ST AR Y. OR
. AR , fEHBZ G
LA R,
Months STEEI R,
Years
save_r2 Fri& SRR E AN ERILR 5 H .
save_13 bR HAES save_r2 INAATH, BRENEH
B EIER G H
Rprocessnode [E1%

BT B CRER] R BIA, ATDAMER R 22"
R 15 £ IBM(r) SPSS(r) Modeler it -R3KBAEFFIEAT
Bk, BddiiE, SREEmERERGAH,

aNGl
node = stream.create("rprocess", "My node")
node.setPropertyValue("custom_name", "my_node")
node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-

%m-9%d")

next_day<-day + 1

modelerData<-cbhind(modelerData,next_day)

varl<-c(fieldName="Next

day",fieldlLabel="",fieldStorage="date",6 fieldMeasure="",fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
node.setPropertyValue("convert_datetime", "POSIXct")

& 71. Rprocessnode @14
Rprocessnode J& 1k BmRR JETER IR
syntax T HR
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& 71. Rprocessnode B (£2)
Rprocessnode J& Tk BmIm JE PERIA
convert_flags StringsAndDoubles
LogicalValues
convert_datetime ) TV
convert_datetime_class ——
POSIX1t
convert_missing ) TV
use_batch_size R JE AR
batch_size B feE BRI HUR AR IR EL
samplenode 1%
FEAR” TRATIERE I I0R, RS FREARRR g2, REMEREL
P (GEHME) FEAR, SRIEEANTHE S MERE LSO B RID SR B H S HMAT ot T F
Ho
ANl

/* Create two Sample nodes to extract
different samples from the same data */

node = stream.create("sample", "My node")
node.setPropertyValue("method", "Simple")
node.setPropertyValue("mode", "Include")

node.setPropertyValue("sample_type", "First")
node.setPropertyValue("first_n", 500)

node = stream.create("sample", "My node")
node.setPropertyValue("method", "Complex")
node.setPropertyValue("stratify_by", ["Sex", "Cholesterol"])
node.setPropertyValue("sample_units", "Proportions")
node.setPropertyValue("sample_size_proportions", "Custom")
node.setPropertyValue("sizes_proportions", [["M", "High", "Default"], ["M",
"Normal", "Default"],

[IIFII’ IIHighII, 0-3], [IIFII’ "NOImal", 0-3]])

& 72. samplenode B4

samplenode J& 1% B3 JEPERA

method Simple
Complex

mode Include RGN E AR E SR FRIE R,
Discard
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& 72. samplenode B4 (42)

samplenode J&: BmIm JE PERIA
sample_type First feEMrE T 5,

OneInN

RandomPct
first_n B HEEREFEREE B AR IC R,
one_in_n 7 HB& n-1 FKie SRR EFT —KIET,
rand_pct & feE AR EF IR E 7 b
use_max_size FriE Ja FAE A

maximumiscard records_below & &,

maximum_size B faE Z AR EEE R P B B F AR AFEA

o, MIETUZIUARIED, [KIIEE First Ml
Include IRF&HEEEH,

set_random_seed bR J& FABEH LR F i
random_seed B a7 FEREN LA IME,
complex_sample_type Random

Systematic
sample_units Proportions

Counts

sample_size_proportion |Fixed

s
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions BF
fixed_counts B
variable_proportions =
variable_counts FEx
use_min_stratum_size )
minimum_stratum_size B S HENE I EAR Sample
units=Proportions WA N FH 3%,
use_max_stratum_size ) TN
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& 72. samplenode B4 (42)

samplenode J& 1k BRI JEPES#IA

maximum_stratum_size BN Y B AR Sample
units=Proportions I B F i,

clusters T

stratify_by [field1 ... fieldN]

specify_input_weight PR

input_weight FER

new_output_weight FIFE

sizes_proportions [[stxing string value] W5 sample_units=proportions H.

[string string value]...] |sample_size_proportions=Custom,

feE B BAES T REH A TIE,

default_proportion bt

sizes_counts [[string string value] fEEBFBRESMTRNAGHE, HiES

[string string value]...] |sizes_proportions MHIEMEERL, (HIEE

A2 EeE, MR,

default_count WF

selectnode B1%
VEEE” T RUARAEREE S W BHR IR e EUE IR il Blan, RTDAERE Sk
7> TR DXIRA S
ANl
node = stream.create("select", "My node")

node.setPropertyValue("mode", "Include")
node.setPropertyValue("condition", "Age < 18")

& 73. selectnode B4
selectnode &1k o JE s
mode Include fEE R EiEIEREFIEEILR,
Discard
condition FITER AR EF ORI EME,
sortnode E1%

A HEFT T RRE — D e A B HE T B X IE SO THER
G
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Nl

node = stream.create("sort",
node.setPropertyValue("keys",

"My node")
[["Age", "Ascending"], ["Sex", "Descending"]])

node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use_existing_keys", True)

node.setPropertyValue("existing_keys",

[["Age", "Ascending"]])

R 74. sortnode B4
sortnode &1k Bimmy JEERA
keys BAIES e E B ENHEFRAE 7B, RARIEETT
W, MRS HE,
default_ascending ) T e E T,
use_existing_keys P& e B A # A ARt 2 HE 7 2 E A HE R I 2k
RAIAERIHE R o
existing_keys {6 E BHE RO HHE R 7o Tal, {5 F A%
A5 keys B,
spacetimeboxes B1%
Z2[A] S RIBR ] (STB) /21T T Geohash &I B R, = EAKHIP, STB 2
0 —ANFEECE T, BRI 7S RN A X R

& 75. spacetimeboxes B1E

spacetimeboxes J& 1k BmIm JE PERIA
mode IndividualRecords
Hangouts
latitude_field FER
longitude_field FER
timestamp_field FEE
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& 75. spacetimeboxes B (£%)

spacetimeboxes J& 1k BmIm JE PERIA
densities [density, density, HNRER TS, flan:
density...] STB_GH8_1DAY
EER, NTWEREER, FE %R
il
X T geohash, AILA#A GH1-GH15 HHY
B,
*tF temporal #5453, B CAF RHIE:
EVER
1YEAR
1MONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2 MINS
1 MIN
30SECS
15SECS
10SECS
5 SECS
2 SECS
1SEC
field_name_extension FRFE
add_extension_as Prefix
Suffix
hangout_density R B (20 0
id_field T
qualifying_duration DAY XTI R
12HOURS
8HOURS
6HOURS
4HOURS
2HOURS
1HOUR
30MIN
15MIN
10MIN
SMIN
2MIN
AMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events B B/AMEN 2
qualifying_pct B WAAETE] 1-100 H
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streamingtimeseries B 1%

O\ IR A" 5 s A — N5 B A e st ] e 5 AR [ B A TR R DR 59
3 ¥ e DRI FA” AU SPSS Modeler V18 N IR “THk TS

E=S
RiJ="

&K 76. streamingtimeseries &%

streamingtimeseries J&1% 18 JR YRR
targets FE& “PIN R PA” 15 ]

DAFSN — e 2 B A,
A DAGEREE A — el 4
BT B E NN AL &
ENESIES I E SIS
AXELER, HSHE
195 U T AR R
Bty T,

candidate_inputs

[field1 ... fieldN]

R A FH ) A BTN

TR,

use_period

bRk

date_time_£field

TR

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod

period_field

TE
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& 76. streamingtimeseries @14 (4%)
streamingtimeseries JB 1 B JEPERGIA
period_start_value B
num_days_per_week I
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day I
start_hour_of_day B
timestamp_increments B
cyclic_increments B
cyclic_periods HI|5%
output_interval None
Year
Quarter
Month
Week
Day
Hour
Minute
Second
is_same_interval PR
cross_hour PR
aggregate_and_distribute B
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& 76. streamingtimeseries [ % (%)

streamingtimeseries J8:

1

JE A A

aggregate_default

Mean

Sum

Mode

Min

Max

distribute_default

Mean

Sum

group_default

Mean

Sum

Mode

Min

Max

missing_imput

Linear_intexp
Series_mean
K_mean
K_median

Linear_trend

k_span_points

L2

use_estimation_period

bRk

estimation_period

Observations

Times

date_estimation

IES

{AEAE
date_time_field W]
H

period_estimation

LIk

{NFEH ] use_period
A AT A

observations_type

Latest

Earliest
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& 76. streamingtimeseries @14 (4%)
streamingtimeseries JB 1 B JEPERGIA
observations_num B
observations_exclude R
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal PR
detect_outliers VR
expert_outlier_additive ) TV
expert_outlier_level_shift ) v
expert_outlier_innovational ) v
expert_outlier_level_shift PR
expert_outlier_transient PR
expert_outlier_seasonal_additive PR
expert_outlier_local_trend ) AV
expert_outlier_additive_patch ) v
consider_newesmodels PR
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& 76. streamingtimeseries [ % (%)

streamingtimeseries JB 1 B JEPERGIA

exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTzrend
SimpleSeasonal
WintersAdditive

WintersMultiplicativ
e

DampedTrendAdditive

DampedTrendMultiplic
ative

MultiplicativeTrendA
dditive

MultiplicativeSeason

al
MultiplicativeTrendM
ultiplicative
MultiplicativeTrend

futureValue_type_method Compute
specify

exsmooth_transformation_type None
SquareRoot
Naturallog

arima.p B

arima.d B

arima.q gl

arima.sp B

arima.sd Lo

arima.sq B
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& 76. streamingtimeseries [ % (%)

streamingtimeseries JB 1 B JEPERGIA
arima_transformation_type None

SquareRoot

Naturallog
arima_include_constant PR
tf_arima.p. fieldname B F T bR £
tf_arima.d. fieldname B F T 564 bR £
tf_arima.q. fieldname I F T4 R %R
tf_arima.sp. fieldname B F T bR £
tf_arima.sd. fieldname B F T 564 bR £
tf_arima.sq. fieldname B F T 461 bR £
tf_arima.delay. fieldname B F T bR £
tf_arima.transformation_type. None FH T H R
fieldname

SquareRoot

NaturallLog
arima_detect_outliers PR
arima_outlier_additive PR
arima_outlier_level_shift ) v
arima_outlier_innovational ) v
arima_outlier_transient PR
arima_outlier_seasonal_additive R
arima_outlier local trend PR
arima_outlier_additive_patch ) AV
conf_limit_pct real
events fields
forecastperiods B
extend_records_into_future PR
conf_limits TS
noise_res PR
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streamingts

BiE (FHEF)

4 e L WIS RES” 45 S AE SPSS Modeler V18 FRELAREFE(E A, F H A #h
E1EAIH IBM SPSS Analytic Server [RIRE S A0 FE AR KT “{JILEEHTIEHJA?U” il

A Yol

PRI TS” I RAEFE DB BRI (R P HIAR R X B AT IS, TIATRZE N

» —|—|-
BE” 1 R

Nl

node = stream.create("streamingts",
node.setPropertyValue ("deployment_force_rebuild",
node.setPropertyValue ("deployment_rebuild_mode",
node.setPropertyValue("deployment

"My node")

True)
"Count")
rebuild_count", 3)

node.setPropertyValue ("deployment_rebuild_pct", 11)
node.setPropertyValue ("deployment_rebuild_field", "Year")
& 77. streamingts [@14%
streamingts Jafk BmRm JE Pk B
custom_fields bR N5 custom_fields=false, ABAHHH
R B B0 A RS RN E, R
custom_fields=true, ABANIFEE
targets fl inputs,
targets [field1...fieldN]
TN [field1...fieldN]
method ExpertModeler
Exsmooth
Arima
calculate_conf PR
conf_limit_pct real
use_time_intervals_node |#r&E IS
use_time_intervals_node=true, I
ZRHEA B “ITRIEIRE” YRR E,
R
use_time_intervals_node=false,
LIWIRFETE
interval_offset_position,
interval_offset #linterval_type,
. A R .
interval_offset_position | ... .. LastObservation ETEETJE liﬁ?ﬂl?)ﬁ!ﬂ“l
LastRecord i, LastRecord EiEMEG—id=xkit
interval_offset ez
interval_type .
=H
WeeksNonPeriodic
DaysNonPeriodic
HoursNonPeriodic
MinutesNonPeriodic
SecondsNonPeriodic
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& 77. streamingts B4 (82)

streamingts Jafk s JE PR B
events E42Y
expert_modeler_method Al1Models
Exsmooth
Arima
consider_seasonal PR
detect_outliers T

expert_outlier_additive |#xi&

expert_outlier_level_shi | &
ft

expert_outlier_innovatio |#r&E
nal

expert_outlier_transient |#rE&E

expert_outlier_seasonal_ |#xE&E
additive

expert_outlier_local_tre |ri&
nd

expert_outlier_additive_ |#ri&
patch

exsmooth_model_type SimpleHoltslLinearTre

nd

BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicativ
e

exsmooth_transformation_

None
type SquareRoot

Naturallog
arima_p B NF “BEFAN” B R — R
arima_d T XF “BHRFA BT AR R B
arima_q T XF “BHRFA BT AR R B
arima_sp Y NT “INEFAI” BT R —E
arima_sd R NF IR BT AR —E
arima_sq B NF IR BT AR
arima_transformation_typ | NF “BEFAN” BT R —
€ SquareRoot

Naturallog
arima_include_constant bk NF “EEFAN” BT g —E
tf_arima_p.fieldname B DS i A 2115 2 = Y R B = i R == O

THARREL
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& 77. streamingts B4 (82)

streamingts Jafk s JE PR B
tf_arima_d.fieldname B D R N 1515 271 = 2 e D [ e =1 P |
T AR EL
tf_arima_q.fieldname B S R 1515 2271 = 2w D [ el =1 P |
TR EL
tf_arima_sp.fieldname B NT “INEFA” BT AR, A
TR RS
tf_arima_sd.fieldname B NT “INRFS” s R —E . A
TR
tf_arima_sq.fieldname B N “INRFS” T R E . A
TR EL
tf_arima_delay.fieldname | %%y NF “EEFA” BT AR E R, H
TR AL
tf_arima_transformation_typ None
e. SquareRoot
fieldname Naturallog
arima_detect_outlier_mod
None
e Automatic
arima_outlier_additive FR
arima_outlier_level_shif |frE
t
arima_outlier_innovation |frE
al
arima_outlier_transient |#RE&E
arima_outlier_seasonal_a |fi&E
dditive
arima_outlier_local_tren |#iE
d
arima_outlier_additive_p |#rE&E
atch
deployment_force_rebuild |#:E&E

deployment_rebuild_mode

i+#k Percent

deployment_rebuild_count

ey

deployment_rebuild_pct

ey

deployment_rebuild_field

<field>
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o+ 11 5 P BN sk

anonymizenode B
— ‘Bl RATERTFERANTFERAEE FrIERR, MR GEdE, o
ﬂ RERVFHAMA PR S A BUREIE (Plang P Aei HmIE4ER) AIRE, FR4
XFT R A Ho

NGl

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)

varfilenode.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIN")

node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)

node.setKeyedPropertyValue("enable_anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set_random_seed", "Age", True)
node.setKeyedPropertyValue ("random_seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", Tzrue)
node.setKeyedPropertyValue ("use_prefix", "Drug", True)

node.setKeyedPropertyValue ("prefix", "Drug", "myprefix")

& 78. anonymizenode @1

anonymizenode J& 1% B JETEHGA

enable_anonymize Fri& WHEA True i, KM FERENERL HYTE XN
EHITERL” FIFHZFEIERR)

use_prefix Fris WERN True i, WREIEEERIFIS, ALK IZH]

2o WA T RETEGITAE AR TR, THENTE
EHUE” WIEHEH O % T Bl E e SR

prefix FIT R ERTHE “BHE” SIEHER SCANEF R ARTS, tRA
feE HMEME, APARERISE R EE,

transformation Random B I8 2 Tk BB A (L B 7 B R e S E U BEN LI 2 [E]
TE o

Fixed

set_random_seed Fri& WEN True I, HKEHBEENMTE QR
transformation ti%E A Random) .

random_seed R X4 set_random_seed &N True I, Z(EZFEHIEEY
ﬁ?o

rE (scale) BT Y transformation X &N Fixed i, IEHAT “F
B, @, RASREUEN 10, {HATRES IV DU RS
Ho

translate T 24 transformation &N Fixed i, HEMAT “%#%

B, EE, ROKEHEN 1000, HRIGESIEVN DU
H,




autodataprepnode B

N/l

node

node.

node

'* “Ha RS (ADP)” 1 KAl TR EBURIFARIUMELE, i th 7 1E (R -l AT RE
o g MR 7B, FHEESHIBO MIRERIEE, 8B REmE Ao ERE, &

Al DRI ZE 4 B a7 sSVER I R, TSR VI s BF BT, S5 4bn] BA
FENLFREAT AT 7 b B SO AR T 2452, A0 T K

= stream.create("autodataprep", "My node")
setPropertyValue("objective", "Balanced")

.setPropertyValue("excluded_fields", "Filter")
node.

setPropertyValue("prepare_dates_and_times", True)

node.setPropertyValue("compute_time_until_date", True)
node.setPropertyValue("reference_date", "Today")
node.setPropertyValue("units_for_date_durations", "Automatic")
& 79. autodataprepnode B4
autodataprepnode J& 1k BRI JEPERGA
objective Balanced
Speed
Accuracy
Custom
custom_fields PR WA true, WIARVFE LRI REE€H
BR. FIELM R, RN false, WIfif
FAR B R R S R E
target FE FaE A AR B
inputs [field1 ... fieldN] AEE Y R (5 FH A A BT 2% B R
use_frequency TR
frequency_=field FEx
use_weight TV
weight_field FE
excluded_fields Filter
None
if_fields_do_not_match StopExecution
ClearAnalysis
prepare_dates_and_times PR PN v B A BRI [R] 52 B Y 177 1R
compute_time_until_date ) TV
reference_date Today
Fixed
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& 79. autodataprepnode @14 (£2)

autodataprepnode J& 1k i JE PERGIA
fixed _date H AR
units_for_date_durations Automatic
Fixed
fixed_date_units Years
Months
Days
compute_time_until_time R
reference_time CurrentTime
Fixed
fixed_time time
units_for_time_durations Automatic
Fixed
fixed_date_units Hours
Minutes
Seconds
extract_year_from_date AN
extract_month_from_date AN
extract_day_from_date PR
extract_hour_from_time R
extract_minute_from_time ) TN
extract_second_from_time ) TV
exclude_low_quality_input |#7iiE
s
exclude_too_many_missing PR
maximum_percentage_missin |%{=
g
exclude_too_many_categori |[#i&
es
maximum_number_categories |#i=
exclude_if_large_category |[#r&
maximum_percentage_catego |#iF

Ty
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& 79. autodataprepnode @14 (£2)

autodataprepnode J& 1k i JE PERGIA

prepare_inputs_and_target |[#ri&

adjust_type_inputs VR
adjust_type_target VR
reorder_nominal_inputs Vi
reorder_nominal_target ) TV
replace_outliers_inputs ) TV
replace_outliers_target VR
replace_missing_continuou [#r&
s_inputs
replace_missing_continuou [#5r&
s_target
replace_missing_nominal_i [#5i&
nputs
replace_missing_nominal_t [#i&
arget
replace_missing_ordinal_i [#i&
nputs
replace_missing_ordinal_t [#ri&
arget
maximum_values_for_ordina |
1

minimum_values_for_contin |#=
uous

outlier_cutoff value B
outlier_method Replace

Delete

rescale_continuous_inputs [#iE

rescaling_method MinMax
ZScore
min_max_minimum e
min_max_maximum Hx
z_score_final_mean e
z_score_final_sd e+
rescale_continuous_target |[#r&
target_final_mean e
target_final_sd S
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& 79. autodataprepnode @14 (£2)

autodataprepnode J& 1k i JE PERGIA
transform_select_input_fi [#r&
elds

maximize_association_with |47
_target

p_value_for_merging b g
merge_ordinal_features T
merge_nominal_features TV
minimum_cases_in_category |#i=
bin_continuous_fields TV
p_value_for_binning Bz
perform_feature_selection |#7ii&
p_value_for_selection Bz
perform_feature_construct |#ri&
ion

transformed_target_name_e |ZfFH
xtension
transformed_inputs_name_e |ZfFE
xtension
constructed_features_root |=F{FE
_name

years_duration_ FIFER
name_extension

months_duration_ FIRFER
name_extension

days_duration_ FR e
name_extension

hours_duration_ FRFE
name_extension

minutes_duration_ FIFER
name_extension

seconds_duration_ FIFER
name_extension
year_cyclical_name_extens |Z{F&H
ion

month_cyclical_name_exten |=Z{FE
sion

day_cyclical_name_extensi |=Z{FE
on

hour_cyclical_name_extens |=Z{FE8

ion
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& 79. autodataprepnode @14 (£2)

autodataprepnode J& 1k i JE PERGIA
minute_cyclical_name_exte |Z{F&H
nsion

second_cyclical_name_exte |=ZF{FE
nsion

astimeintervalsnode B4

- 5 “ERIRR" 45 20T DL R IR PR (0 S B B B, 4%
@] S HEEI R, MEDEE,

X 80. astimeintervalsnode [E1E

astimeintervalsnode J@ 1k Bgm JE PR
time field T AR A NES T B, I % B

WL BE, DRI R ARG, N SRAEIE
REfER T BB B, AR HAD I T

Kilo
dimensions [field1 field2 ... TXEES B T ARYE 7 BB R G151 [R]
fieldn] 751,
fields_to_aggregate [field1 field2 ... 1E FE N TR 2 B AN ] B I AR v X
fieldn] FEHATICE . TE BT s
o ORI BE BT R AR TE LI B R Y
F B

binningnode E1%

DR TRIE- PSS NIEES: (BeETEE) FEREME B SRS X (B
ﬂ"ﬂi“" a) TBL BN, ERIDURRESIM N TR — MU S BN (TEASEEZ H
Mlw22) KO KT B AT BRAEDFE, BTRRIE DB R4 R “IRE” TR

Nl

node = stream.create("binning", "My node")
node.setPropertyValue("fields", ["Na", "K"])
node.setPropertyValue("method", "Rank")
node.setPropertyValue("fixed_width_name_extension", "_binned")
node.setPropertyValue("fixed_width_add_as", "Suffix")
node.setPropertyValue("fixed_bin_method", "Count")
node.setPropertyValue("fixed_bin_count", 10)
node.setPropertyValue("fixed_bin_width", 3.5)
node.setPropertyValue("tilel0", True)

2 81. binningnode B4

binningnode J& BmIo JEPERGIA
fields [field] field2 ... SUEATAES: (BUETERE) FE, 1]
fieldn] DARIN R 2 A B AT 0 2
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2 81. binningnode B4 (4%)

binningnode g1k BmIo JE PERGIA
method FixedWidth HT#EEsgk Gl Es BN
ik
EqualCount
Rank
SDev
Optimal
rcalculate_bins Always feE BB TR R BB RIITT SR
BRI B R, R IOREIRD
IfNeCessaIy b[@ufmﬁﬁéﬁﬂlE?ﬁbﬂﬁ"]%ﬁﬁ\?&q:‘o
fixed_width_name_extension FIYER TREY 49 _BIN,
fixed_width_add_as Suffix feE Ky RAGNAIFERANARE (5
) Rk (g . ShEY BEAN
Prefix income_BIN,
fixed_bin_method Width
Count
fixed_bin_count B FeE T BRI EE S E g (K
A FAIEEL,
fixed_bin_width real AT ES R ENE BEEEED
equal_count_name_ FIFER BBy BN _TILE,
extension
equal_count_add_as Suffix F6 7€ F T FARIE p-tile 754 B 7B
Y B4 (GREGIS) o BET BaRN
Prefix _TILENE N, Hrp N2
tiled bri& BRI EGT R, BN RPEE 25%
ERRYIRINIER
tile5 bR R A ET D
tilel0 PR D A M VR kS
tile20 Frs &) A s K IVA S a8
tilel00 bRk A BT D
use_custom_tile PR
custom_tile name_extension FITER Ay %N _TILEN,
custom_tile_add_as Suffix
Prefix
custom_tile RN
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2 81. binningnode B4 (4%)

binningnode g1k BmIo JE PERGIA
equal_count_method RecordCount RecordCount 75iE@2 A& EiAH
FIEERICSE, 1M ValueSum F7ik@ s
ValueSum BLid kG &N HHENEAEE,
tied_values_method Next e E i AN Fass EEUE,
Current
Random
rank_order Ascending g M EHE Ascending (BRMEARIEH
1) 3¢ Descending (BEEMRIEA D)
Descending
rank_add_as Suffix HIETUEH THE . 28 F1E 7 LeHE
s
Prefix
rank Fris
rank_name_extension FIFE TREY 4N _RANK,
rank_fractional Fri& HEWLMME, AR EEHEFERR
DAAESRINLMMERIAE R, 7 ECHEFE
F 0-1 Z A,
rank_fractional_name_ FRFER BREY BN _F_RANK,
extension
rank_pct bri& B HERERR LA B RUE R L B 5k
PL100, B Efkab T 1-100 Yl
Mo
rank_pct_name_extension FIFER BT RBAN P RANK,
sdev_name_extension FIFER
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name_extension FIFER Ay B4 N _OPTIMAL,
optimal_add_as Suffix
Prefix
optimal_supervisor_field T TENIRE BB TR, NPoEFER

TEE X,
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2 81. binningnode B4 (4%)
binningnode &1k BRI J& PEAR
optimal_merge_bins FrRi& Fe & K i BA B INIME T2 70 s
HNEEE R AIAH R34,
optimal_small_bin_threshold R
optimal_pre_bin FrRi& FOREHATEIR SR T
optimal_max_bins LSy F87E bR DUk Q13 K 8L,
optimal_lower_end_point Inclusive
Exclusive
optimal_first_bin Unbounded
Bounded
optimal_last_bin Unbounded
Bounded
derivenode &%
— “DRA” 5 B EIREEE IR — D2 NI RO 7. AT LA E2K Y
e HAI, PRGN RESD RSN TE
il
# Create and configure a Flag Derive field node
node = stream.create("derive", "My node")
node.setPropertyValue("new_name", "DrugX_Flag")

node.setPropertyValue("result_type", "Flag")
node.setPropertyValue("flag_true", "1")
node.setPropertyValue("flag_false", "0")
node.setPropertyValue("flag_expxr", "'Drug' == \"drugxX\"")

# Create and configure a Conditional Derive field node

node = stream.create("derive", "My node")
node.setPropertyValue("result_type", "Conditional")
node.setPropertyValue("cond_if_cond", "@OFFSET(\"Age\", 1) = \"Age\"")
node.se;PropertyValue("cond_then_expr", "(@QOFFSET(\"Age\", 1) = \"Age\" ><
@INDEX"

node.setPropertyValue("cond_else_expr", "\"Age\"")

il 2

AR EE NN 25148 XPos Fl YPos BIEFA, XMANFIaIRE— 1 (BlanEFRENE) B
XFY bR, LRGN “URAE” e, T mURIERE LR AR IRIZ A X AT Y ABARoR - S 23 ]
Al

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new_name", "Location")
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node.setPropertyValue("formula_expr", "['XPos', 'YPos']")
node.setPropertyValue("formula_type", "Geospatial")

# Now we have set the general measurement type, define the

# specifics of the geospatial object

node.setPropertyValue("geo_type", "Point")
node.setPropertyValue("has_coordinate_system", True)
node.setPropertyValue("coordinate_system", "ETRS_1989_EPSG_Arctic_zone_5-47")

K 82. derivenode B

derivenode J& 1% BmIoy JEPERGIA
new_name FrEE EIEASEEAY
mode Single fEE BN Z T
Multiple
fields B VA F1E Multiple B0 Rk N
B,
name_extension T I FBRAIEEY B4,
add_as Suffix K BARIFBRANEIS OF
k) HER CRRE) .
Prefix
result_type Formula AR 7S AR AI T T B
Flag
Set
State
Count
Conditional
formula_expr FrEE AT ESE RO E FBHERRIK
o
flag_expr TRy
flag_true FIFER
flag_false FIFER
set_default PR
set_value_cond FrTE TRt 5 4 e (BB S Sk
JE 1
state_on_val FrEE FEE W /E On &M N #r = BRAVE,
state_off_val FrEE FEEWE Off ZMFINHT = B HIME,
state_on_expression FIYER
state_off_expression |=ZfFE
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X 82. derivenode B% (42)

derivenode Jg 1k By JE YRR
state_initial on P B MNE RO ECHIIE(E On
Bk Off, WITE{ & AEIFNE st

off {E,

count_initial_val FRFER

count_inc_condition FIFER

count_inc_expression |ZfFE

count_reset_conditio |7

n

cond_if_cond FRFE

cond_then_expx FIFER

cond_else_expr FIRFER

formula_measure_type

Range / MeasureType.RANGE

Discrete /
MeasureType.DISCRETE

Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless /
MeasureType.TYPELESS

Collection /
MeasureType.COLLECTION

Geospatial /
MeasureType.GEOSPATIAL

I AT T S IRAE R B %
BRI, W] DA setter BRERE 1T
e E HP—> MeasureType
B, getter PRIEIELIR[A]
MeasureType {H,

collection_measure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless /
MeasureType.TYPELESS

MNTERETE (REN 0 HFIR) |
R M E X5 TR R A A R IR0 3

A,
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K 82. derivenode B (%)
derivenode Jg 1k Bl JEPERGIA
geo_type Point A F =S R FE, R MR it
BRI 2 B A R 2R, IX
MultiPoint Elﬁ%ﬁ%ﬁﬂ%ﬂ%‘zﬁ%ﬁ*ﬁo
LineString
MultilineString
Polygon
MultiPolygon
has_coordinate_syste |#fi/R{H XFHEBE =S R B, B MR T
m B EGHEEEIRR,
coordinate_system FIVER NP AR, R MEE
ERIABPR AR
ensemblenode B1%
~ “ER” AT RSN DA ESPIEOITA S, IXREATS B ELE S R

RRAERASH AT S A TR

+—

Nl

# Create and configure an Ensemble node

# Use this node with the models in demos\streams\pm_binaryclassifier.str

node = stream.create("ensemble", "My node")
node.setPropertyValue("ensemble_target_field",

"response")

node.setPropertyValue("filter_individual_model_output", False)
node.setPropertyValue("flag_ensemble_method", "ConfidenceWeightedVoting")
node.setPropertyValue("flag_voting_tie_selection", "HighestConfidence")

X 83. ensemblenode B %

ensemblenode J&1%

Vs

JEPERA

ensemble_target_field

FE

NEREA R fE R E R E H
B

utput

filter_individual_model_o |#r&E

TR A5 MAT 2 MR P 25
Ho
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X 83. ensemblenode BE (42)

ensemblenode J& 1%

JE A

flag_ensemble_method

Voting
ConfidenceWeightedVoting

RawPropensityWeightedVoti
ng

AdjustedPropensityWeighte
dVoting

HighestConfidence
AverageRawPropensity

AverageAdjustedPropensity

TR H T BRI 75, )
SEE R HARbRE BN, AR
2 %I E

set_ensemble_method

Voting

ConfidenceWeightedVoting

T T e BT BT X
SEER HbR N B, AR
%I

HighestConfidence
flag_voting_tie_selection |Random W ENEERETTE, IAIEE R
REEWTT 1, W%iﬁﬁ?"]ﬁﬁ%ﬁx
HighestConfidence BB, A RPN E,
RawPropensity
AdjustedPropensity
set_voting_tie_selection |Random MR ERERE S, rTeER
RERTT S W%’liiﬁ?’ﬂﬁﬁ%%
nghestConfldence X%EQHTJ‘, ZIA%EZ)EHJH:]«QEO
calculate_standard_error |#7:& W BT EBORIESEN, AAGEE

RO MR ThRERZE TR, DA
SRR E B A AE S HSEZ AN
%, JFERXEE R ILACRE
1:38

fillernode B1%
— FERT TR B I A, PTLUSEIET CLEM & 0F (A
23 @BLANK (QFIELD)) FYERHEL, S35k, UIATLAVESERE A = Bk Null B REE
Ho “HFA WRAEESL P WRE AR, DUEREIE,
il

node = stream.create("filler",
node.setPropertyValue("fields",

"My node")
["Age"])
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node.setPropertyValue("replace_mode", "Always")
node.setPropertyValue("condition", "(\"Age\" > 60) and (\"Sex\" = \"M\"")
node.setPropertyValue("replace_with", "\"old man\"")

2 84. fillernode &%

fillexnode J@1 B JETEHA
fields B RS B E T T,
replace_mode Always A DS A, SAESE, AT A
MBS S5t T
Conditional
Blank
Null
BlankAndNull
condition R
replace_with FIRFER
filternode B1&
- “‘WIE” TRATIHIE (EF) FB. NFEOHTEGS A FE A — DR ik
> BI85 — A H
Nl
node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new_name", "Drug", "Chemical")

node.setKeyedPropertyValue("include", "Drug", False)

i/ default_include J@, 1573, &8 default_include BHEMEAS BEiEIEHIRTE T, ©
s SRk e FRETT N, XIENRE LT IR A SISHER A TSN MR 7B
T, N, BRIIa T DA A :

node = modeler.script.stream().create("filter", "Filter")

node.setPropertyValue("default_include", False)

# Include these two fields in the list

for £ in ["Age", "Sex"]:
node.setKeyedPropertyValue("include", £, True)

XS RARIE B AR M, MBFHMATA TR, BE, REERISTHREIAEREMN AR T

B

node = modeler.script.stream().create("filter", "Filter")

node.setPropertyValue("default_include", False)

# Include these two fields in the list

for £ in ["BP", "Na"]:
node.setKeyedPropertyValue("include", £, True)

N STE RSP R DB, RIS EIEII TR (R, M50, BP. Na) . #rfgi&ud, ¥4
default_include MEEHILEN False A= HANEFIREMNE T,
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AN, GnREE S (A SAE “IduE T R XEHEFH default_include RUEEECN True, MEE
AT R AR, BN, S EFMARES Ems PR, RAERER, AIfA s R EERE
PR TS, IR B T BRI XS BN,

K 85. filternode B4

filternode &1k o JE LA
default_include bRk HFfeEih a1 e G iEt it g7
R

ER, REMEEAS AR
A7E; EHERE RO MR EEIC R
HEPRIZEE 7B, ARHEMIERIES L N

SN
include PRk FA T BRI PR = B O 2 S 1
new_name TR ER
historynode B1%

PRI R, XETERES TIPSR, il
EE K7 TR TR, GIaNm A SRR, R “PhRIER” AT, ATEA
A “HeF” RO R T

N/l

node = stream.create("history", "My node")
node.setPropertyValue("fields", ["Drug"])
node.setPropertyValue("offset", 1)
node.setPropertyValue("span", 3)
node.setPropertyValue("unavailable", "Discard")
node.setPropertyValue("fill_with", "undef")

2 86. historynode @1
historynode Jgtt: Bgm JE PR IA
fields 2B FEHRIE RN TE,
offset Bz Fa7E M ATREU Sl SR BAEM ERHTC
T CYENERZETIER) .
span B Fa7E M TR BUE R PARTIC SR ECH .
unavailable Discard RS DT SRIdsRERIE R, EES%
A DARTHITESRAE N D i sk AT AT LAME
Leave % “ﬁ?ﬁ*ﬁ%ﬁi%ﬁ) o
Fill
fill_with String feE BT s il SHE R AR IE SR AE
TR,
"=
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partitionnode B1%

X AR RO X B, I B R RRE  F D B 58 DU AR A A

= %, WIRAIRRER Bt .
NGl
node = stream.create("partition", "My node")

node.setPropertyValue("create_validation", True)
node.setPropertyValue("training_size", 33)
node.setPropertyValue("testing_size", 33)
node.setPropertyValue("validation_size", 33)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue ("random_seed", 123)

node.setPropertyValue("value_mode", "System")

& 87. partitionnode B4

partitionnode J&1%: Bism JR YRR

new_name T HR H T RAE R 77 X BRI A4 PR

create_validation bR fEE A M AR I UE 73 X,

training_size B BRI R XL SR G I E 23 bl
(0-100),

testing_size B BRI 2 X A TE SRR 5 Y B 43 bl
(0-100),

validation_size B B BLAS R UE S X BT SR AR o5 B9 H 43 bl
(0-100), ANRAANEIRUEST X, W2 HTE
4,

training_label FIFER WER7 X HIFREE

testing_label FrFE A5 X HIFREE

validation_label FrFE IR XAIFRES . QSRR GIEREUET X, T
G R

value_mode System e TR EdRH 7 XEE, filan,
WEHEARR] IR RAEEE 1. 755

SystemAndLabel Training S—#MAE 1_Training,
Label

set_random_seed h/RME feE B & NAE P fEE RIBEN LR T

random_seed B P e BEN LR B, R ILE,
set_random_seed MHIE N True,

enable_sql_generation |#i/R{H feE B A A SQL B PAZELIE FE 73X,

unique_field feEk N T B, FLAFACRAREYE R EEE /Y
FRIEFECE] 7 X, QN SR I AE,
enable_sql_generation M/ EN
True,
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reclassifynode B 1%
“EE R TR —Ha R ER NS —HE, N TSR s T EdEE

o S TAMRT S, 1 SRR
NGl
node = stream.create("reclassify", "My node")

node.setPropertyValue("mode", "Multiple")
node.setPropertyValue("replace_field", True)
node.setPropertyValue("field", "Dxrug")
node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Dxrug", "BP"])
node.setPropertyValue("name_extension", "reclassified")
node.setPropertyValue("add_as", "Prefix")
node.setKeyedPropertyValue("reclassify", "drugA", True)
node.setPropertyValue("use_default", True)
node.setPropertyValue("default", "BrandX")

node.setPropertyValue("pick_list", ["BrandX", "Placebo", "Generic"])
2 88. reclassifynode B1%
reclassifynode &1k BmIon JETERGIA
mode Single Single X —MFERANEATER 73
XK, Multiple ¥HuEH T RN 25
Multiple BOHAT A A1 10,
replace_field ) ¥
field FRE {XAE Single B0 N,
new_name TR ER {NTE Single #X N EH,
fields [field1 field?2 ... {NAE Multiple B0 R,
fieldn]
name_extension FrFE {N1E Multiple B0 R#E A,
add_as Suffix {XAE Multiple X N,
Prefix
reclassify TR E FEAERIZEL B TE,
use_default PR fEHBRAEE,
default TR fRE R E,
pick_list [string string ... FVFH P S A CHIFTERS R DUEFE R
string] ST
reordernode 1%
“FEREFHITAT W AUE ST SR N TERE BRI . IR T B AR
BN FALE (FlansR. ZIRMFEOERSR) NE R, AHERIREN, AT

R 5B B
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Nl

node = stream.create("reorder", "My node")
node.setPropertyValue("mode", "Custom")
node.setPropertyValue("soxrt_by", "Storage")
node.setPropertyValue("ascending", False)
node.setPropertyValue("start_fields", ["Age", "Cholesterol"])
node.setPropertyValue("end_fields", ["Drug"])

& 89. reordernode [B1%
reordernode &1t BiRR JE AR
mode Custom Al AEBIDE THEY, A DaE HE
Auto
sort_by Name
Type
Storage
ascending ) TV
start_fields [field1 field2 ... WMFBARARIXETERZ H.
fieldn]
end_fields [field1 field2 ... Bl A BIX B il
fieldn]
reprojectnode B1¥
N 7E SPSS Modeler 1, FANEBZSFEL,  “2 M-I ETF (STP) & “Hb
. BRI 7 R 2 R AR R A “EH” 1 Al DU AR
o> EARE T PR AR R VB AT AR AR R
& 90. reprojectnode B 1%
reprojectnode JE: BmIon JEPERGIA
reproject_fields [field1 field2 ... H A B TR R R R
fieldn]
reproject_type Streamdefault |EERAAN FBOHITEHIG
Specify
coordinate_system TR H BN T B AR AR A A4 FER . Tl
set
reprojectnode.coordinate_system
= "WGS_1984_World_Mercatozr"
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restructurenode B

CERYT R T RN E T B O — B, X FERAT DU ) — B
E EHETIESE, BN, 4 — a0 SRR, HAEN 6575, BLe 77, o
Rl ="18rE (537, M 677 , SN TEATREE &SRR T IE,

NGl
node = stream.create("restructure", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("include_field_name", True)
node.setPropertyValue("value_mode", "OtherFields")
node.setPropertyValue("value_fields", ["Age", "BP"])
& 91. restructurenode B
restructurenode gt iR JETEHA
fields_£from [category category
category]
all
include_field_name PR fEREREEETRSEHN T BT
B4,
value_mode OtherFields FORH T N E ST B AR EE R
Ko WRIES OtherFields, WHEE
Flags BT (BT . WRER
Flags, WHEAEEIRE,
value_fields B W value_mode /& OtherFields, N
IEME RN TRN, FEE M T RN
(EESSE
rfmanalysisnode E1¥
_____ BRI, AT (RFM) 755, (AT KA 5l — Ul SEAE = sl 55
REM FIHE GEED © BPMWESERER () DARE P SN RIrE RS e8 (Tih) |
THE AT RERCN IR HE R VB
NGl
node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")
node.setPropertyValue("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")
node.setPropertyValue("tied_values_method", "Next")
node.setPropertyValue("recalculate_bins", "IfNecessary")
node.setPropertyValue("recency_thresholds", [1, 500, 800, 1500, 2000, 2500])
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& 92. rfmanalysisnode &%

rfmanalysisnode J&: BmIm JEPERGIA
Irecency FE eI, EAARERH. WHEEL
el BRI EE,
frequency FE FEE R T
monetary FE MR,
recency_bins Lo faE A R BIE R R &
recency_weight & FEE N A T REHENE, SEEN
100,
frequency_bins B FEE B IR 7 R E &,
frequency_weight S FEE N TR IR E, HEE=Z 10,
monetary_bins = e EBA I B R,
monetary_weight e FE7E N TR BRI, FREEDN 1.
tied_values_method Next 1B EE M AN REEEEERE,
Current
recalculate_bins Always
IfNecessary
add_outliers Fri& HEY recalculate_bins &N
IfNecessary WA AT A, WREIZE, N
RO T RBR 2R AR HIIE N2 RBR734%
M, B RS R CA BTSRRI B B
THH,
binned_field Recency
Frequency
Monetary
recency_thresholds value value HHEY recalculate_bins &N Always

AR H, feEikR a9 ~RBMER LR
B, — MW ERBIERE R —M9%
FRRREME B4n, [10 30 60] Al & X AN
R, B—N0RE) EREEM NBREIE 5
10 130, AN RES N
30 il 60,

frequency_thresholds

value value

HAEY recalculate_bins %4 Always
A AT

monetary_thresholds

value value

HEY recalculate_bins %N Always
A AT A,
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settoflagnode B1%

[

CBONBRE” T RARIEE X — DB T BOE S RETRE 2 MRS T B

N/l
node = stream.create("settoflag", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("true_value", "1")
node.setPropertyValue("false_value", "0O")
node.setPropertyValue("use_extension", True)
node.setPropertyValue("extension", "Drug_Flag")

node.setPropertyValue("add_as", "Suffix")
node.setPropertyValue("aggregate", True)
node.setPropertyValue("keys", ["Cholesterol"])

& 93. settoflagnode B4
settoflagnode J&1k: BmRR JR YA
fields_from [category category
category]
all
true_value FIFE R ENREN T SN EE, A
B To
false_value FRYER feE BRGNP RE, A
BN F,
use_extension PRk Y BAIE TR &S BN G 2R
%
extension FrFE
add_as Suffix FREFTININIY R R G S0 212
Prefix
aggregate bR MR 7 B IR, AR AT
FHOEENE, NBEHHAPRRTERS
FEL
keys S2IESS KHTEL,

statisticstransformnode B4

Statistics #H#u 5 S5t IBM SPSS Modeler HHAUEHRIFISITATIER IBM SPSS

E Statistics 1EEmMS, T 5% IBM SPSS Statistics HIF A REIA,

BRI AEMENEE, ESHSE 383 1Y statisticstransformnode JE14J
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timeintervalsnode Bt (F#F)

Nl

node

node.
node.
node.
node.
node.
node.
node.
.setPropexrtyValue("mode", "Label")

node

node.
node.
node.
node.
node.
node.

=1

A Yol

T: 9 57E SPSS Modeler VA8 FREAERMA, FFHEMIVHI “INHFEH)” 7
+

S TR] IR B 79 6 DXTRD, R X e e 2 e A TR ROARSE. (WRTED) o 4
RIERIRIFFARII TN, BT AR IERR E ST EBCRHE S Aok DU I 571
IR X[H,

= stream.create("timeintervals", "My node")
setPropertyValue("interval_type", "SecondsPerDay")
setPropertyValue("days_per_week", 4)
setPropertyValue ("week_begins_on", "Tuesday")
setPropertyValue("hours_per_day", 10)
setPropertyValue("day_begins_hour", 7)
setPropertyValue("day_begins_minute", 5)
setPropertyValue("day_begins_second", 17)

setPropertyValue("year_start", 2005)
setPropertyValue("month_start", "January")
setPropertyValue("day_start", 4)
setKeyedPropertyValue("pad", "AGE", "MeanOfRecentPoints")
setPropertyValue("agg_mode", "Specify")
setPropertyValue("agg_set_default", "Last")
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K 94. timeintervalsnode B4

timeintervalsnode Ja 1k BmIm Je Pk e BH
interval_type None
Periods
CyclicPeriods
Years
Quarters
Months
DaysPerWeek
DaysNonPeriodic
HoursPerDay
HoursNonPeriodic
MinutesPerDay
MinutesNonPeriodic
SecondsPexDay
SecondsNonPeriodic
mode Label feE R EIESHRLID R R ERIEEEH
. IS TR EN (Rl B A e 4
Create
field FE MRIEEUEA R T YN, EERREND
SR H s R A7 B
period_start B T € JE FABAE A RIS 4R X [H]
cycle_start B TEIAJE R EL 4 JE B,
year_start B NTIEHRXEZEE, 55— P XEE
HIEED
quarter_start T AFIEAXEZRE, 58— 1 XEFE

IR,
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X 94. timeintervalsnode B% (%)

timeintervalsnode J& 1k

B

J& PE LA

month_start

January
February
March
April
May

June
July
August
September
October
November
December

day_start

B

hour_start

ks

minute_start

kic24

second_start

Eic24

periods_per_cycle

E3

XEFEEAE,  FEREA A A TR

fiscal_year_begins

January
February
March
April
May

June
July
August
September
October
November
December

M TZEXE, fEE M B IR A
{/ o

week_begins_on

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

Sunday

T REEX R (—FEPRR, —KHPR
N — R — KPR |, 45
TE— TR — K,

day_begins_hour

B

X FREIHIEX R (—RKAR/NE, —KH
HI# A —RHPRIFRD) | $EE—RIFIERY
/N, BIPAS day_begins_minute Al
day_begins_second &EA R,
DAFETE —/MERAINT AL, 140 8:05:01, &
e NTOEE SN N
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X 94. timeintervalsnode B% (%)

timeintervalsnode Ja 1k BmIm Je Pk e BH
day_begins_minute B TR E (—RAR N, —RH
HI A —RAAIRD) | FaE —RIFIER
SR (N 8:05 Y 5) o
day_begins_second B AFEHAEX R (— RPN, —KH
FI PR —RAAIRD) | $aE —RIFIER
> (f5l4n 8:05:27 1 17) o
days_per_week G2 T REBATEXE (—EPrR, —RAH
/N — R AT —RARIFD) | 45
E— JE IR EL
hours_per_day B MNTREEIEXE (—RHPRN, —KA
A AN —RHAIFD) |, FEE— KRR
I
interval_increment 1 MNT—RKHPE e —RARRD, faEh
SZERER JIGTE e
2
3
4
5
6
10
15
20
30
field_name_extension ERFER
field_name_extension_as_pr |frE

efix
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X 94. timeintervalsnode B% (%)

timeintervalsnode J& 1k

B

J& PE LA

date_format

"DDMMYY" “MMDDYY" "YYM
MDD""YYYYMMDD""YYYYD
DD"DAYMONTH"DD/MM/
YY""DD-MM-YYYY" "MM-
DD-YY""MM-DD-
YYYY""DD-MON-YY""DD-
MON-YYYY""YYYY-MM-
DD""DD.MM.YY""DD.MM.
YYYY""MM.DD.YYYY""DD
.MON.YY""DD.MON.YYYY
""“DD/MM/YY""DD/MM/
YYYY""MM/DD/
YY""MM/DD/
YYYY""DD/MON/
YY""DD/MON/YYYY"MON
YYYYqg Q YYYYww WK
YYYY

time_format

"HHMMSS" "HHMM" "MMSS*"
"HH:MM:SS""HH:MM" "MM
:SS""(H)H: (M)M:
(S)S""(H)H:

(MM (M)M:
(S)S""HH.MM.SS""HH.M
M""MM.SS"" (H)H. (M)M.
(S)S""(H)H.
(M)M" " (M)M. (S)S"

aggregate

Mean
Sum
Mode
Min
Max
First
Last

TrueIfAnyTrue

faE T BIICE T A,

pad

Blank

MeanOfRecentPoints

true

False

TR FERHIEFE TT T,

agg_mode

All

Specify

TEE R AR w6 P i PR R E BUE 5
TR 7B, IR B A7 B
o
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X 94. timeintervalsnode B% (%)

timeintexvalsnode J&1 Bk JE P
agg_range_default Mean FeE 1L E ST BN LAl FH A B R
Sum
Mode
Min
Max
agg_set_default Mode TS24 ST BN T F AR 2 BRI
First
Last
agg_flag_default TrueIfAnyTrue
Mode
First
Last
pad_range_default Blank fE T S BN A0 A B BRI
MeanOfRecentPoints
pad_set_default Blank
MostRecentValue
pad_flag_default Blank
true
False
max_records_to_create L T H A IN 201 3 Y B R IE SR A
estimation_from_beginning ) T
estimation_to_end I AN
estimation_start _offset R
estimation_num_holdouts R
create future_records v
num_future_records R
create_future_field ) AN
future_field_name Svia=:]
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transposenode B1%

YRR T RSTRIA R, DMEICR TR, BRI,

N/l

node = stream.create("transpose",
node.setPropertyValue ("transposed_names",
node.setPropertyValue("read_from_field",

node.setPropertyValue ("max_num_fields",

"My node")

IIRead II)
"TimelLabel")
"1000")
node.setPropertyValue("id_field_name", "ID")

& 95. transposenode @1

transposenode J& 1k B3 JEPERGA
transpose_method enum e E 7% IEH (normal). CASE %
VAR (casetovar) 2 VAR #l| CASE
(vartocase),
transposed_names Prefix “IEE” HEIENEN, AT DURIETE E T
ARG 4, el DNEHRIE
Read FERA BT B4
prefix FrTE BT BEIENEMN,
num_new_fields T “IEET HEIENEN, EHRER, 5
TEH ORI B B AREH
read_from_field FE “IEE” HEFIENEN, MRS RE
T, WFEBWBIE— LT, &
BT PR
max_num_fields R BT HETENESE, SNEDNTRAF
SRERARRI, $5E R DA G 61 i K+
B
transpose_type Numeric “IERE” HEAENEE, EBERT, B
REfEIES: (BUEERED) 7B, (Htin] DUk
String BB EE X FRNEETE F S
T
Custom
transpose_fields HllZ “IER” HETTENENE. EEEHBEX
TN B 7B
id_field_name FE “IER” HEENEE,
transpose_casetovar_id | “CASE #l| VAR” (casetovar) ¥ & /5iEM
fields M, S ERERL I FEBRINZ DN FE,
fieldl ... fieldN
transpose_casetovar_co | “CASE #l| VAR” (casetovar) #%E/5iEM

lumnfields

B, FERZERES T BRI Z AT B

fieldl ... fieldN
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& 95. transposenode B1% (87)
transposenode J& 1k BmIm JEPERGIA
transpose_casetovar_va |5 “CASE #| VAR” (casetovar) ¥ & /1%
luefields B, HRERHETFBRINZ TR,
fieldl ... fieldN
transpose_vartocase_id |52F% “VAR | CASE” (vartocase) ¥ & /1%
fields B, R ERIR R B RN 2T
B
fieldl ... fieldN
transpose_vartocase_va |5 “VAR | CASE” (vartocase) ¥ & /1%
1fields B, X ERAHEE R TFBRNZ TR,
fieldl ... fieldN
typenode 1%
f— KAV W RtEEFBOTBARNE M, flan, EATDEEE SN FEIESG (F
e g, AN, BFpEind) « REHTOEHAER RS Null ERET, 7S T

BRI, 88T BAREREARSE AR 7 Beda e Ho

Nl

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coexce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC",
"dIUgD", "dIUgX",

"dIUgY" , "dIUgZ"])
node.setKeyedPropertyValue("null_missing", "BP", False)
node.setKeyedPropertyValue ("whitespace_missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value_labels", "BP", [["HIGH", "High Blood
Pressure"],

["NORMAL", "normal blood pressure"]])

TR, FLEEIUT Al RERR Eog 2SI (A REE HAL T AR BT, BldH, ROVARET R fields
from JE@PE, AT DUGERRT RFHAITIZ W A B IR L 7 B

tablenode = stream.createAt("table", "Table node", 150, 50)
stream.link(node, tablenode)

tablenode.run(None)

stream.delete(tablenode)
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& 96. typenode B4

typenode J& | E#i3M JE PERIA
T
direction Input FE MR,
Target H: HRANBEIEE T, ERRIRA
HH AT BE BE N IX LEE AT S Fo
Both
None
Partition
Split
Frequency
RecordID
type Range FEMIMEER CerifiA 7B <%
A” ), B type BN
Flag Default &{ERRFTA values 24
WE, HHWE value_mode HIEN
Set Specify, A EKEEN Read, R
value_mode % BN Pass 8¢ Read,
Typeless AL BE type A2 value_mode,
Discrete T PRI A R Hm 2R 28 5 2 s R TR
LA BN, MR RARM FRR: o ->
orderedset HELRIES > A UHRE > AR >
PIES
Default
storage Unknown F AR R R E
String
Integer
Real
Time
Date
Timestamp
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& 96. typenode B (4L)

typenode J& | Ei#i3M JE PERIA
T
check None BRI R A A B R
Nullify
Coerce
Discard
Warn
Abort
values [value value] NP EGRITFERNE, B eH/IME,

JE— MRl NTaXFE, 8T
B, MhrEFEmE, $—MERK
false, Ja—/MEMER true, EEIZEMIE
HZ value_mode B IHI%E N
Specify,

value_mode

Read
Pass
Read+
Current

Specify

MEERREE . R, RREfitEN:
HiZILE N Specify; BEEMARCHE, &
%E values EM.

extend_valu
es

PR

24 value_mode & E N Read BN,
WA T MBI ERINENEEIE 7
BHE, WEN F NEFIE EH AL
HfH,

enable_miss
ing

pras

HREN T, WIS 5 B A E AR
B

missing_val
ues

[value value ...]

FEE RN BRI B BE (E

range_missi |fris fRERGNFRENHKLE (ZH)
ng il

missing_low |Zf3&: M range_missing NER, fEEHLKE
er TO I R BR,

missing_upp | FFE Y range_missing NEN, fEEHIE
er TOFEIY B FR,

null_missin |#r WENTH, =& (ERAHHFERA $null

g

$ HIARE XME) BN ERRAE,
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& 96. typenode B (4L)

typenode J& | Ei#i3M JE PERIA

i 3

whitespace_ | bRz WENTH, EEZEEH (B, IR
missing MIHATRY) AUESA (A,
description |54 FFBHEE I,

value_label |[[Value LabelString] [ Value LabelString]...] | T REXNTEERE,

S

display_pla | %%k NFBAE BRI NIEL (T BA
ces REAL fEEMIFEY) o {EN -1, R
T {E,
export_plac | By HFBOLE S NEL ((HF A
es REAL TE&MITEY) o (M -1 B, FEA
TR (H
decimal_sep [DEFAULT R E TSR (VAT LA REAL
arator R TED o
PERIOD
COMMA

date_format

“DDMMYY""MMDDYY" "YYMMDD" "YYYYMMDD" "YY
YYDDD"DAYMONTH"DD/MM/YY" "DD-MM-
YYYY""MM-DD-YY""MM-DD-YYYY""DD-MON-
YY" "DD-MON-YYYY""YYYY-MM-
DD""DD.MM.YY""DD.MM.YYYY""MM.DD.YYYY"
"DD.MON.YY""DD.MON.YYYY""DD/MM/
YY""DD/MM/YYYY""MM/DD/YY""MM/DD/
YYYY""DD/MON/YY""DD/MON/YYYY"MON
YYYYq Q YYYYww WK YYYY

FFBOLE HERE N (VAT DA DATE 5
TIMESTAMP TERERIFEY) o

time_format

"HHMMSS " “*HHMM" "MMSS" "HH:MM: SS" "HH :MM"
"MM:SS"" (H)H: (M)M: (S)S"" (H)H:
(MM " (M)M:
(S)S""HH.MM.SS""HH.MM""MM.SS"" (H)H.
(MM. (S)S"" (H)H. (M)M" " (M)M. (S)S"

7B ER AR (T BA TIME ¢
TIMESTAMP TEREIFEY) o

number_form |DEFAULT NFB BT Tk
at
STANDARD
SCIENTIFIC
CURRENCY
standard_pl |#&#; N BB DARERS 2R RIS R/ NS
aces . ER -1, KERmREE, 15E
&, MAR display_places EjEthSH
MUtE Y, HERTEAEMR,
scientific_ |#&¥K N B E DARFA TS X BRI /N
places i BN -1, R,
currency_pl |®¥( N7 B E DAL A U RIS YN A,

aces

o (BN -1, RERTREREE,
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& 96. typenode B (4L)

typenode J& | Ei#i3M JE TR R
T
grouping_sy |DEFAULT NEREETHFTS,
mbol
NONE
LOCALE
PERIOD
COMMA
SPACE
column_widt |#®&£ NTFERREINTEE, EH -1 R 5
h B Auto,
justify AUTO FFEE BN TS o
CENTER
LEFT
RIGHT

measure_typ
e

Range / MeasureType.RANGE
Discrete / MeasureType.DISCRETE
Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless / MeasureType.TYPELESS

Collection /
MeasureType.COLLECTION

Geospatial /
MeasureType.GEOSPATIAL

XA EEENS type WHELIZAET, &
ATV T & S5 FBOHCI &,  X 1)
ZET, 1E Python BIARZRE Hh, AT DA
[A] setter BRELIBH P —A
MeasureType fH, T getter KFUGZIR[A]
MeasureType {H,
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& 96. typenode B (4L)

typenode J& | Ei#i3M JE PERIA
T
collection_ |Range / MeasureType.RANGE NFEETE RERN O AIER) |, ItE
measure e S5 R B TR A 27,
Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
geo_type Point XTI R B, e M
BRI S A AR A, IX R 1%
MultiPoint %ﬁ%{ﬁﬁ@ﬁ”ﬁ{%ggﬁo
LineString
MultilLineString
Polygon
MultiPolygon
has_coordin |boolean NIRRT R, HEMEE T2
ate_ system 5 EARFRR
coordinate_ |ZfFH XTI R By, B e M S
system ERHIAAPRER

custom_stor
age_ type

Unknown / MeasureType.UNKNOWN
String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp /
MeasureType.TIMESTAMP

List / MeasureType.LIST

XNEEEMNS custom_storage AIHHIM
ZRET, e DT FRNE SR
fii, XHIZAAETF, 7E Python JIAYRE
. JEAT A setter BREUE I H A —A
StorageType fH, i getter KaAZIR A
StorageType fH,
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& 96. typenode B (4L)

typenode &
i 3

B

JE A

custom_list

gtorage_typ
e

String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp /
MeasureType.TIMESTAMP

MFFIRTE, MR R R
TRl

custom_list |#&¥ NFHNRTE, IHE T TBIIR

_depth i

max_list_le [#g ANG3E T 0 2 2 1)y b P 2 [ A A O B

ngth 8, EfeEAIRA] e SR E kR
WEIRMBEARKE,

max_string_ |%&%% {OEF FICRBEGE, mHAEAR SQL BA

length

IR, WABIR PR TATERR
{H; XFERERPAER— DRI A
WER TR,
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12 & EE

m“

BRETRafEHE

TRUETE

AT AR R RN, A E M R A R

*x97. BEEFTN=EM

output (.cou)

i EE Y R BmIm JE PR
title R feEmR S, ™l "This is a title."
caption FRFER o7, ~l: "Thisis a caption."
output_mode Screen feE = TR EE R IS B R S B
H,
File
output_format BMP feEkm 2RI, RV S R DS 2k
ALRANE I,
JPEG
PNG
HTML

full_filename

TAFHE

gi)\lﬁfﬁ RUERHTH HAEE B AR RIS

use_graph_size Fra& 3 T 2 5 {5 P TS T ) 5 R v D e A A A R ]
TERIR/ N, Rt 2 RN ER., NERT
3 o

graph_width L Y use_graph_size N True i, DURZE NN
WEEEEE,

graph_height S 2 use_graph_size 3y True i, DUGEENHAL
WEEEEE,

XAREFER

BEIRKEMEEEE N " " (BFERE) , AIRRANEFER (EWESTER) KH, WFURBIFTR:

plotnode.setPropertyValue("color_field",

EEE®

RN R (NS (#) T8
EHNRES, HHEMATE:

mygraphnode.setPropertyValue("graph_background",

")

AfEEAREL ARIE. HRABREMZIG, flin, ZRERERR

"##87CEEB")




AL, ATFAIEL 87 8 ELLEANE; HIRIMALEL CE fEELRNE; RIGMAE EB B ROINE ., B
ARE— ML TYE 0-9 50 A-F NIME, IXEEEIE R DHEEL-4k-1% (AIRGB) #ifh,

TE: DARGB JEA$E e Baiy, AT LA A P 5 - B e de il IEM R (o i, AR bR A2
bt 0SS AR S B T RSER,

collectionnode B1¥

W RS MBI EAS TS M T BRI ER . (BRI

lln PTETERNER., ) BUREIMEAZ SRR, & 2FHN, #H3-D
BRI, AT DAELE — MEERI B R 2 11 R RS 4ll
NGl
node = stream.create("collection", "My node")
# "Plot" tab

node.setPropertyValue("three_D", True)
node.setPropertyValue("collect_field", "Dxrug")
node.setPropertyValue("over_field", "Age")
node.setPropertyValue("by_field", "BP")
node.setPropertyValue("operation", "Sum")

# "Overlay" section
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")

node.setPropertyValue("animation_field", "")
# "Options" tab
node.setPropertyValue("range_mode", "Automatic")

node.setPropertyValue("range_min", 1)
node.setPropertyValue("range_max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 5)

% 98. collectionnode B
collectionnode J&1: B JEPERIA
over_field T
over_label_auto ) T
over_label FrTE
collect_field FE%
collect _label auto PR
collect_label TR
three_D bR
by_field FE
by_label_auto &
by_label FrFE
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& 98. collectionnode B1% (2
collectionnode g1k B JE A
operation Sum
Mean
Min
Max
SDev
color_field IR
panel_field FIT R
animation_field FRFER
range_mode Automatic
UserDefined
range_min S
range_max e
bins ByNumbexr
ByWidth
num_bins W
bin_width e+
use_grid &
graph_background P AAEF KA T ARSI,
page_background e AIEFF SR T ARERITE B,

distributionnode B1¥
O TTHEERTTES (92 H (FIanHERAIe R HBIREL, @R, &e]

= DUER “An” 9 rCR SR BHRE RN 6, AR5 ] DR QSRR “If” Y
RORA TE A,
NGl
node = stream.create("distribution", "My node")
# "Plot" tab

node.setPropertyValue("plot", "Flags")
node.setPropertyValue("x_field", "Age")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("normalize", True)
node.setPropertyValue("sort_mode", "ByOccurence")
node.setPropertyValue("use_proportional_scale", True)

F12E R AESE 175



& 99. distributionnode &%
distributionnode J&1t: BmIm JE PERGIA
plot SelectedFields
Flags
x_field FEX
color_field T HETK,
normalize I AN
sort_mode ByOccurence
Alphabetic
use_proportional_scale ) VR
evaluationnode 8%
VPR VR BT IR AT Ee A A Y PEAG 2R R IR E A SR S A
7 . EARETIMMERN P B A SRR THET . ERIESR s T MR R/ N
i) , REMNESRIER NN A SR e, TERUREIY, DURFRIRZ
FORZMER,
AN/l
node = stream.create("evaluation", "My node")
# "Plot" tab
node.setPropertyValue("chart_type", "Gains")
node.setPropertyValue("cumulative", False)
node.setPropertyValue("field_detection_method", "Name")
node.setPropertyValue("inc_baseline", True)
node.setPropertyValue("n_tile", "Deciles")
node.setPropertyValue("style", "Point")
node.setPropertyValue("point_type", "Dot")
node.setPropertyValue("use_fixed_cost", True)
node.setPropertyValue("cost_value", 5.0)
node.setPropertyValue("cost_field", "Na")
node.setPropertyValue("use_fixed_revenue", Txue)
node.setPropertyValue("revenue_value", 30.0)
node.setPropertyValue("revenue_field", "Age")
node.setPropertyValue("use_fixed_weight", True)
node.setPropertyValue("weight_value", 2.0)
node.setPropertyValue("weight_field", "K")
& 100. evaluationnode B4
evaluationnode Jg Bk JE P
chart_type .
Response
Lift
Profit
ROI
ROC
inc_baseline PR&
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X 100. evaluationnode B (4

evaluationnode g1k B JE Pk BEH

field_detection_method Metadata
Name

use_fixed_cost ) T

cost_value e+

cost_field FrTE

use_fixed_revenue N

revenue_value B

revenue_field FrFER

use_fixed_weight ) T

weight_value P

weight_field FEE

n_tile bR T
(Quartiles)
Quintles
Deciles
Vingtiles
B
(Percentiles)
1000-tiles

cumulative ) T

style Line
Point

int_t

point_type S (D) AT
A REER
BowTieHorizontalD
ashVerticalDashIx
onCross I BFHE
OnionDomeConcaveT
riangleOblateGlob
eCatEyeFourSidedP
illowRoundRectang
le B

export_data bR

data_filename FRFER

delimiter FrFER

new_line ) TV
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% 100. evaluationnode B (42)

evaluationnode Jglk B JE P BEIH

inc_field_names ) T

inc_best_line ) VR

inc_business_rule VR

business_rule_condition |ZfFHEE

plot_score_fields TV

score_fields [field1 ... fieldN]

target_field TR

use_hit_condition ) TN

hit_condition FRFE

use_score_expression v

score_expression FIFE

caption_auto TV

graphboardnode B4

N\ TR RN R PR A RN F R I, (R T A, A] DA R
KBIET B, AaNEH TkeE BdEr v Brids — B, R BN s

ANEM T 7 BOE I E AL,

e RS E X BRI TR E M (Blan, NETTEIFEE y_field) , ZEHERHIZNE,
T 1E UL PP AEIETERAN) “TEE R ik b, A —MEETE BRI  §iA SR 7B
il
node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")

node.setPropertyValue("x_field", "K")
node.setPropertyValue("y_field", "Na")
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% 101. graphboardnode B

graphboard J& 1%

JEPEBL

graph_type

2DDotplot
3DArea

3DBar

3DDensity
3DHistogram
3DPie
3DScatterplot
Area

ArrowMap

Bar

BarCounts
BarCountsMap
BarMap
BinnedScatter
Boxplot

Bubble
ChoroplethMeans
ChoroplethMedians
ChoroplethSums

ChoroplethValues

PRREE AL,
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% 101. graphboardnode B1% (4%)

graphboard JE: | B JE PR

ChoroplethCounts
CoordinateMap
CooxrdinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap
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% 101. graphboardnode B1% (4%)

graphboard JEM: | B JE PR
PointOverlayMap
PolygonOverlayMap
Ribbon
Scatterplot
SPLOM
Surface
x_field FE N x HFEE BE X%, HIEH TR
5
y_field FE Ny HiEE BE XARSE, HUdEH TR
s
z_field EA42 TERLE = AR i
color_ field TR TERE A,
size field EA45 AU RS A
categories_fiel |[=E%
d
values_field FE
rows_field T
columns_field B
fields T
start_longitude |Z2E% 52 EPHEELEL S A,
_field
end_longitude_f |=%E&
ield
start_latitude_ |=¢E%
field
end_latitude_£fi |=E%
eld
data_key_field |=E2 &R,
panelrow_field |=fFE
panelcol_field |=fFE
animation_field |=fFER
longitude_field |[5E% 55 iR R A AR A 5
latitude_field T
map_color_field |=gE&
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histogramnode E1%

CETET TR T BMER IR, T
“ETTET T RAH RS ERE R

RUEERRESDE. 5 M A,
F,

NGl

node = stream.create("histogram", "My node")
# "Plot" tab

node.setPropertyValue("field", "Dxrug")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")

node.setPropertyValue("animation_field", "")
# "Options" tab
node.setPropertyValue("range_mode", "Automatic")

node.setPropertyValue("range_min", 1.0)
node.setPropertyValue("range_max", 100.0)
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 10)
node.setPropertyValue("normalize", True)
node.setPropertyValue("separate_bands", False)

g2

ST

HHRAE R TROR R R

% 102. histogramnode B4

histogramnode )& Bhism JE PR E
field FE
color_field FE%
panel_field FEE
animation_field FEE
range_mode Automatic
UserDefined
range_min B
range_max b
bins ByNumber
ByWidth
num_bins i
bin_width S
normalize T
separate_bands VR
x_label auto PR
x_label TITER
y_label_auto P&
y_label FAFER
use_grid T
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& 102. histogramnode B4 (82)

histogramnode Ja 1k BmIm JE PERGIA

graph_background Bt RIS B T R ETE B,
page_background Bt ATEF KA T AR ETE B,
normal_curve PR g 2 A R AR B R RS /A R

mapvisualization B 1%

BRI 5 RS M R, FE{ENE R R R
FUR, R MBS TR, B, REATRERER R,
@ LRt NERE, — NTRER R

% 103. mapvisualization B4
mapvisualization B BmIm JEPERGIA

tag TR BB N IFRIDGRR, BEhRDE—
7, ETRAGEEST SR (e
PARIOE 1, B NEBRICR 2, RIEK
1)

layer_field ER= AR SR S TR AN M 2 B s o b
EE, BT R -

T -

- H

- 21U

=I5

- B

wRlE—A - 2NEE
WRAM N TEAAHFNERE, HEE
O SRR AR BRI HES B 5 — D
Eno

color_type N $E i 2 N T M B AT 7 FR AT B,
R ESTE, DIRESIRESEH 5 —
BB R i, P R (2
standard 8¢ overlay, HREEN
standard,

Bnes FATH WK color_type T standard, B
ZNHBNRE A E 5 PIET “BoR” EIT
+ LR E RGBT HE R A T8 AR

R E R R IAIB 1,

color_field ER- WM N color_type i%#E T overlay, A4
IR S 5% R 1 T B A R BL
EEPIFTE T,
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& 103. mapvisualization B (4%)

mapvisualization J@:

BnRR

JE A

symbol_type

fi/kME

Fa7E RN AT A B B O S M AR HERT S,
RIAFESTS, XESETHIRSETS
—FERANEE SRS BN, FTRERIEZ
standard 5{ overlay, HREMEN
standard,

symbol

TIFER

WA symbol_type i%#% T standazxd,
A T HiA R E & AT DU T 2ot & _ERY
MR EIER,

symbol_field

WA symbol_type & T overlay, #f
2R LS 5% E R R T B R
BHEEPHMAER Y. BFEnETE.

size_type

fi/RME

T BN T M B S BEC SR B P AR IE R/,
ERIEFRES A/, XNESETEIRES S
— BB TS AR K/ NERER S F

Y, RJREMY(EZ standard 5% overlay, it
H{H M standard,

K

TATE

W size_type % T standard, A4
XF point B multipoint, RHEHIEH
SIERTIERF SR/ NER, XT
linestring 8{multilinestring, %K
PIAIFNG B LRSI £E

size_field

TE

WK size_type %fE T overlay, HF4
NSRS SRR B R R T B R B
RPN 7K.

transp_type

fi/R1E

FaE BN AT A MR 7 B i S B P AR % A
B, EREFESBEHE, XIESETEHE
B n —FERIMEESR S, &FEHZUE
HIZERAREE, PIREMY(ESE standard B
overlay, #RE{EN standard,

transp

Eics

R transp_type 1% T standazxd,
B NhE RIS B S IERHEIERE, M 0% (N
EI) wnE 100% (GERH) , WEN
10;@ WEME LR, &ESZIHTENE
BRI,

W size_type % T overlay, Hi4
TSRS SR E BRI BoAH R R
RPN 7K

X FENEER points, multipoints,
linestrings flmultilinestrings.
polygons fil multipolygons, HRE(EHN
0%, XFIEKE polygons
multipolygons, SRE{EN 50% Ch Tk
TIERIXEL WY FTHNE)
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& 103. mapvisualization B (4%)

mapvisualization J@:

BnRR

JE A

transp_field

TE

WK transp_type & T overlay, #f
2R LS 5 E R R T B AR ]
BRSSP IATA 7B

data_label field

fEE Z A e BB B
n, RN ENHZIZENERZILVE,
ML BHEFRE AR name B, - B8N 2
IIERIARR, RIAEIERE name FELAIRER
SEAEHE L BIRIX AR,

use_hex_binning

fi/RIE

JE AR 90 I8 A TR SRz
Ro BABOT, KRBT RHARE.

color_aggregation fll
transp_aggregation

AR AL 7RI R B T ES
FE, Wz BITE [EERL I X %N
HEARIATA SO TIC S 18 EN i
BN EST B E R R
A AL RO -
L (REEREERE) -
A
-YME
- BR/IME
B INE
- HREL
- MU V2
=AY
ZES: (IR, HEASKN [FBICAERE)
- YME
- HIMHE
- HKE
BN 5r
AR
- /IMHE
- HKE
FRi&:
WAL RE UM true NIA true
ANREE TN false NI false

custom_storage

TIFER

WETFRIEREMERE, SEEN List,
WRFEET List, IRLKEEZHRT
custom_value_storage fl 1ist_depth

Al
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& 103. mapvisualization B (4%)
mapvisualization &% BmIm JE PERIA
custom_value_storage |FffH# WESIR PR E S, MARRE
NFBHEEARAZ R, BRE(EN Real,
list_depth ety BB BRI, BT R T
FERAY, LA R
“H-0
ZRH -1
20T - 2
-1
2L -2
- ZNZIN -3
TSI T fif B2 BT IR 4 D 27| 2R S 2 [ =
BRI DU R B TR IR, anSR i
BAIEM, WIRREMHIZFER,
BREEN 0, &/MEN O, RAEN 10,
multiplotnode E1%
“ZEAGE" TROEERDN X FE EEREN Y FERIVEURE, Y FEHEATHIN
KON, BREMEYT “FX” WENEKH “XEX” BENHDE U E .
E
TERRZ DA EREN RHER RGN, ZEBREAERE A .
Nl
node = stream.create("multiplot", "My node")
# "Plot" tab
node.setPropertyValue("x_field", "Age")
node.setPropertyValue("y_fields", ["Drug", "BP"])
node.setPropertyValue("panel_field", "Sex")

# "Overlay" section

node.setPropertyValue("animation_field", "")
node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use_overlay_expr", False)
node.setPropertyValue("overlay_expression", "test")
node.setPropertyValue("records_limit", 500)
node.setPropertyValue("if_over_limit", "PlotSample")
& 104. multiplotnode B 1%

multiplotnode J&: B Ja A
x_field T

y_fields 5|3

panel_field FE

animation_field X

normalize TV
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& 104. multiplotnode B14% (£%)

multiplotnode J&1k BmIm JE PERGIA
use_overlay_expr )
overlay_expression FRFER
records_limit i
if_over_limit PlotBins
PlotSample
PlotAll
x_label_auto )
x_label FrTE
y_label_auto bri&
y_label I
use_grid &
graph_background REN RSB T FREETE S,
page_background ! RSB T hREETE S,

plotnode [E1%
AR R BR B PR AI G R, Al A A (HUR) sk AR R,
(e
il
node = stream.create("plot", "My node")
# "Plot" tab

node.setPropertyValue ("
node.setPropertyValue("x_field",
node.setPropertyValue("y_field",
node.setPropertyValue("z_field",

# "Overlay" section

three_D", True)

IIBPII)
"Cholesterol")
IIDIugII)

node.setPropertyValue("color_field", "Dxug")
node.setPropertyValue("size_field", "Age")

node.setPropertyValue("shape_field", "")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "BP")
node.setPropertyValue("transp_field", "")

node.setPropertyValue("style",

# "Output" tab

“Point")

node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "JPEG")
node.setPropertyValue("full_filename", "C:/temp/graph_output/

plot_output.jpeg")
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& 105. plotnode B

plotnode J&1 BmIm JE PERGIA

x_field FE N x FFEE B E R, HiGEH T3,

y_field FE 09y e B SR, HIGEH TR

three_D PR 0y HhtEE BE SRS, RIEHT 3 4B
HIPRAE

z_field T

color_field T HET K,

size field TR

shape_field TR

panel_field FE Fe7E T AR s E R 1944 B
RS TR, ER—EEEE— Mt &
W,

animation_field FE farE LA B RAEHRE 8B G {5 F 2/ o1 2
— AL T E R UERA) IS R s Y
G N F B R E T

transp_field FE feE ARIHRIE R ESR ] a6
FAR RIS B R S SRS ) - IR fe FH 52
B A& TR B,

overlay_type None fax 2 T RESREIEZ LOESS Figs.

Smoother

overlay_expression

K% (Function)
T E

6T Y overlay_type B &N Function i
il 2RI

style

Point

Line

point_type

= (D) =FAR A
WA R ER
BowTieHorizontalD
ashVerticalDashIr
onCross I EFHE
OnionDomeConcaveT
riangleOblateGlob
eCatEyeFourSidedP
illowRoundRectang
le B

X_mode

Sort
Overlay

AsRead
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& 105. plotnode B1% (4%)
plotnode J& BRI JEPESIA
X_range_mode Automatic
UserDefined
X_range_min B
X_range_max By
y_range_mode Automatic
UserDefined
y_range_min BF
y_range_max | g
z_range_mode Automatic
UserDefined
z_range_min B
z_range_max e
jitter PR
records_limit e
if_over_limit PlotBins
PlotSample
PlotAll
x_label auto N
x_label FrFE
y_label_auto bR
y_label T ER
z_label_auto ) T
z_label FrTE
use_grid s
graph_background ] ARTEFF KA 4 T AR e ETE B,
page_background FgEEN ARTAET A T FREETE S,
use_overlay_expr Fr& ZEMEEH overlay_type Bt
timeplotnode 4%
“IRFACAIE” 5 R — A AU PSSR, BRI R, SR
G EX A 9 RO — TimeLabel 7B, BTN x ML ERE,
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Nl

node = stream.create("timeplot", "My node")
node.setPropertyValue("y_fields", ["sales",
node.setPropertyValue("panel", True)
node.setPropertyValue("normalize", Txue)
node.setPropertyValue("line", True)
node.setPropertyValue("smoother", True)
node.setPropertyValue("use_records_limit", True)
node.setPropertyValue("records_limit", 2000)

# Appearance settings
node.setPropertyValue("symbol_size", 2.0)

men", "women"])

& 106. timeplotnode B 1%

timeplotnode JE 1 BaRR JE PSR
plot_series Series
Models
use_custom_x_field v
x_field T
y_fields VB
panel Fra&
normalize I AN
line TV
points Fria&
oint_type
point_typ K555 (D) =R
EIAAEER
BowTieHorizontalD
ashVerticalDashIx
onCross I BFHE
OnionDomeConcaveT
riangleOblateGlob
eCatEyeFourSidedP
illowRoundRectang
le B
smoother bRk HE¥ panel REN True, ARPETIEHG
hnE|EH,
use_records_limit v
records_limit L
symbol_size G FEEFFS RN
panel_layout Horizontal
Vertical
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eplotnode 1%

E-Plot (Beta) 1M B/ FF B2 AR R, B “AE" RN, HRHETIA
A, B RS T I SRR A, (] beta 77 iR FIHTETE 2

& 107. eplotnode B4

eplotnode Jg@ 1k B JEPER IR

x_field TR ER feE BEM X £ 2RI

y_field FIT TEEBEEN Y EBRTFE:,

color_field IR FE & B T P p B (o i i R BB S I B

(INRFE)

size_field T EEERTFHREPHIRSTBRESNFE N
REE)

shape_field FrYE EEER TR PRRIREESNTZE N
REE)

interested_fields FIT EEBEERHPESTE,

records_limit B FEEFRBEER PSR AIC R A EL
¥ BREEN 2000,

if_over_limit h/R1E feEEH Sample ETULE Use all
data &Il (W@ T
records_limit) . HRE{EN Sample,
I HEXNEIEREY MR, HEEdah
records_limit Hik, NHEFEE Use
all data PLZME records_limit H4&
FIFTEEIE S, EER, XA BEREIK
TERE,

tsnenode EB1%

- % LS TARERLARIR BN (t-SNE) S T AT B A SR T, FL O AR 2 R
3 JTTHEPE, I t-SNE %5 £57E SPSS Modeler Hfdif] Python JE{FoBI H 755
scikit-learn® Python J#,

X 108. tsnenode B1%

tsnenode JE B3 JE VA

mode_type TR H 8 simple 5k expert Az,

n_components I NHRZS RIF4ERE (2D 8% 3D) , 487 2 5k
3, HREEN 2,

method FrTER 67 barnes_hut ¢ exact, TREEN
barnes_hut,
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X 108. tsnenode B4 (£2)

tsnenode J& 1k Bhgnl JE PR IA

init T MEMIAI, $87E random 8 pca, &
{E% random,

target_field FIT EART B ATR, TEHH E A 2 o e it
K, WRAREE BinTE, A EGE

MV18.2.1.1 JFth, Eaa R,

target

perplexity float IR 2R 5 HAth & Ay S R R H e B Y Bl 40
TLREEMR, B, FREEK, FEN
IR RR, 1575 FEIESRE 5 A1 50 Z (A
fH, B&EEDN 30,

early_exaggeration float IR G =S R ) B ARER 2R N =S R Y
BRRRE DN E 2 M= H &, $EEN
12.0,

learning_rate float TEEH 200,

n_iter B AR RIERIREL, /D IEN 250, 6t
HIEY 1000,

angle float M R BB BT A RN, $E
TE 0-1 JEREINMIE, SRE{EN 0.5,

enable_random_seed #i/R1E BB N true LUBH random_seed &%,
BB N false,

random_seed B FUEFHIREHE RN 7, SRE{EDN None,

n_iter_without_progress L AEHERNERRIERIRE, ThEEN 300,

min_grad_norm T AR RIS T L BUE, AR s
1k, BRE(EAN 1.0E-7, AIREAI(EELHS:
-1.0E-1
-1.0E-2
-1.0E-3
-1.0E-4
-1.0E-5
-1.0E-6
-1.0E-7
-1.0E-8

isGridSearch i/RIE WEN true DA HZNAFE AR E AT
t-SNE, Hit&{EN false,

output_Rename 1h/RME R EIRALE IR, IBAFEE true,
& E false AESImAHIH, EE
 false,

output_to FrFE 67 Screen 5 Output, HRE{EN
Screen,

full_filename T e R %,

192 IBM SPSS Modeler 18.2.2 Python I w1 H 511k 46




& 108.

tsnenode B% (42)

tsnenode J& 1k Bmmy JE PR IA
output_file_type EZEREE SRS, 8 HTML B¢ Output

object, SRAE{E HTML,

webnode Ei%

N/l

node
# "P1
node.
node.
node.
node.
node.
node
node.
# "Op
node.
node.
node.
node.
node
node
node.
node.
node
node.

Web TR DN DN LAERF S (02) FERIMEZRIRRMEE, HE#EHAR
i FHANRI LR ARRIE SR, BN, SERTDAREF Web T mORIRR AL F R 55 M | —4H
PR A I SE 2 TR 2R AR o

= stream.create("web", "My node")

ot" tab

setPropertyValue("use_directed_web", True)
setPropertyValue("to_field", "Dxrug")

setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
setPropertyValue("from_fields", ["BP", "Cholesterol", "Sex"])
setPropertyValue("true_flags_only", False)

.setPropertyValue("line_values", "Absolute")

setPropertyValue ("strong_links_heavier", True)
tions" tab

setPropertyValue ("max_num_links", 300)
setPropertyValue("links_above", 10)
setPropertyValue("num_links", "ShowAll")
setPropertyValue("discard_links_min", True)

.setPropertyValue("links_min_records", 5)
.setPropertyValue("discard_links_max", True)

setPropertyValue ("weak_below", 10)
setPropertyValue("strong_above", 19)

.setPropertyValue("link_size_continuous", True)

setPropertyValue("web_display", "Circular")

& 109.

webnode B

webnode J& B JE A

use_directed_web ) T

fields VB

to_field T

from_fields lES

true_flags_only ) T

line_values Absolute

OverallPct

PctlLarger

PctSmaller

strong_links_heavier ) T
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X 109. webnode B¥ 4

webnode J& 1 B JE AR
num_links ShowMaximum
ShowlLinksAbove
ShowAll
max_num_1links B
links_above B
discard_links_min ) AN
links_min_records Bz
discard_links_max I AN
links_max_records W
weak_below e
strong_above &
link_size_continuous ) T
web_display Circular
Network
Directed
Grid
graph_background £ AT SRS R T AR HE TR B
symbol_size r FEERFE RN,
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4 13 5 @B RUEE

[HBERETREN

PAN B PR A T s A T il BT GISME DL RE 7 B SRAE S DT 1 S

R 110. nHEEETSEM

Je 1H JEPERA
custom_fields Fra& WA true, MIARVFER YR/ ST

HAn, BAFIEAL T B, anA0h false,
TUHEE SR B b 28R A = BT

target e BRI T — P BB A
HARTEL,

o o

targets [field1 ... fieldN]

inputs [field1 ... fieldN] RS RY R FH B A BT A% B R

partition FE

use_partitioned_data FRi& WMEE N T X 7B, WIHIETR AT R
ANZR 3 DX B FH T e A

use_split_data ) AR

splits [field1 ... fieldN] FEE— 1N H T 0 R 7B,
{VTE use_split_data B NENE
s

use_frequency PR FeE A F A E AR 7B (=
DL R R I5EE)

frequency_£field FE

use_weight PR

weight_field T

use_model _name PR

model_name FIFER A 2 IR

mode Simple

Expert

anomalydetectionnode B1%

e Anomaly Detection 17 siffiiEAFFE “IEH” BRI SHEUNE (FRHME) o B
%ﬁ%ﬁ@@ﬂﬁﬁ[ﬂ%ﬂ%ﬁﬁﬂ%)ﬂf /%’%EEE’J"‘&XT 2, WATDARE Y SRR
% ] o



Nl

node = stream.create("anomalydetection", "My node")
node.setPropertyValue("anomaly_method", "PerRecords")
node.setPropertyValue("percent_records", 95)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("peer_group_num_auto", True)
node.setPropertyValue("min_num_peer_groups", 3)
node.setPropertyValue("max_num_peer_groups", 10)

& 111. anomalydetectionnode &%
anomalydetectionnode J& 1k 18 JE TR IR
inputs [field1 ... fieldN] SRR AL AR RS E R A TFE
IR, BAINERER TR,
ANMERANENNR TR, AXREZE
B, ESHEE 195 11 TALLERE
B F#,
mode Expert
Simple
anomaly_method IndexLevel f6EH eIl skinic 7 & o
FUER T i,
PerRecozrds
NumRecozrds
index_level Br F67E FH Thrid s & i N FHE,
percent_records Br AR VIZREAR R IR B 57 LB A
THRICIC A H{E,
num_records IS FRIE I E R IE B B H THn
ICIE R A A,
num_fields L PN KR E I RIRE T B AL
impute_missing_values TV
adjustment_coeff e B A T R B IR E a1 L
FEAN 5 R B AN AL,
peer_group_num_auto FRis HaNT B EHE,
min_num_peer_groups B {87 peer_group_num_auto &
9 True I O SE2H 1B /N
Ho
max_num_per_groups R FERE R AN FHEL
num_peer_groups B fE7E peer_group_num_auto X &
9 False W AN R 2L
noise_level W e R KR EENAE T
feET 0 F 0.5 Z HIHIE,
noise_ratio &S fEE T ECA R N TR 2 A7
MNfER, BEIEENT 05 0.5 ZH
HIME,
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apriorinode Bf%

SRR T RMNEEE A, RIS RN AR ZEMN, Apriori TR L

% FNERERUNE 75 155 (A B AR 5 B OR S RBUtE B A a8 8, M TRORR A,
Apriori I ZRAYEEE F AL, e AT AR B RO BRI A (TR, i H bR 2%
A 32 DRITESRFIIN,  “Jele” ZREm A 7B N R E, (HRENE
LNEER SRR TOUL,  RITAC R RS 2

N/l

node = stream.create("apriori", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("partition", "Test")

# For non-transactional
node.setPropertyValue("use_transactional_data", False)
node.setPropertyValue("consequents", ["Age"])
node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])
# For transactional
node.setPropertyValue("use_transactional_data", True)
node.setPropertyValue("id_field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content_field", "Drug")

# "Model" tab

node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "Apriori_bp_choles_drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true_flags", False)
node.setPropertyValue("optimize", "Memory")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("evaluation", "“ConfidenceRatio")
node.setPropertyValue("lower_bound", 7)

& 112. apriorinode [B14%

apriorinode JE1: 1H JE AR

consequents FE Apriori BRI “E5” R KT KRB
e E BRI AN AN AU 7 BRI
R, AXBEZELR, ESHE 195 7T
) Pty sty 8,

antecedents [field1 ... fieldN]

min_supp b g

min_conf b g

max_antecedents G g

true_flags PRi&

optimize Speed

Memory
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& 112. apriorinode B (82)

apriorinode Jafk H JE PERIA
use_transactional_data |#7& BN true I, BPNHESFSIRRETES S HA
BEFRRTO R, QNSRZDT 53 B EdE K KT
ARG P2 AIMERE, FATRBCREHE
AR
contiguous ) TV
id_field R
content_field FRFER
mode Simple
Expert
evaluation RuleConfidence
DifferenceToPrior
ConfidenceRatio

InformationDifferenc
e

NormalizedChiSquare

lower_bound M

optimize Speed AT SR 77 R R N,
Memory

associationrulesnode B1¥

.

BRI AR, 3 5h,

“OREFRNT 5 RS Apriori T EERL HIZ, 5 Apriori AE], OSBRI T ARE
“ORBHIN” 5 AR PAS IBM SPSS Analytic Server it & #
H, uﬂ&f?éj(?éiﬁzﬁL)USZ%'JH%E‘I%E@#??&U?EIJJHEO

X 113. associationrulesnode B4

associationrulesnode J& | B JE kR AR

M

predictions FE WA 2 F ) 2 B L RE ST Ay 0 ) 2

conditions [field1...fieldN] AR R 7 B U RE SR A R ) 4 44

max_rule_conditions B BRI AT DAEL B B K SR8, &/IME
R, wKEN,

max_rule_predictions B FRZCHRN H T DAL & A BRI, BR/IME
1, mKERN S5,

max_num_rules T TERUN A g FE R aT DA R R e AR £,
B/MEN 1, &AMEH 10,000,
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3 113. associationrulesnode B4 (4%)

associationrulesnode & | g JE PERIA
i
rule_criterion_top_n Confidence KSR, HatemfiE — ME, RIBIEIE
PRI ET “N” SR,
Rulesupport
Lift
Conditionsupport
Deployability
true_flags /RIE WEN Y HE RN B R 5 B R S B
# true 18,
rule_criterion 1h/RIE BB Y e A BA TR A R S5 R E
SRHERRAL,
min_confidence I 0.1 #] 100 - B AR = AR Y /NS BLAS
FEARERIE 7 A, Qi SRR =4 T BAG S
I INT AN E E RN, ARG T
ZHI,
min_rule_support By 0.1 %] 100 - BRI A4 MUK F5e/ AT A
XRHERE 2 B, QSRR = AR T RN S
FREEKE NTHREERRN, A2 R 7%
HLl,
min_condition_support | % 0.1 %1 100 - BBIAT A4 N VAT 21
XA, iSRRI R T SR
FREEKE NTHREERR, ARG IR 7%
FLl,
min_lift B 1 21 10 - FRoAEBY R = A RN ) e Vb 7R3
fio WSR2 A4 T I8 5 A/ N THE BB
U, B 2K TR IR,
exclude_rules /RIE FH T e B ATy BE AR AE G A U P FH
—HIHRF B,
Bn: set :gsarsnode.exclude_rules =
[[[fieldd,field2, field3]],[[field4, field5]]] - E:
W, P RN BY R 2R —
17,
num_bins B WEH T AESF BT %N B 3 72k
¥, B/MEN 2, BARIEN 10,
max_list_length B M FRRKERAPEMYRTE, %
Hht b T E E B 2 BT TR R S A A
M e T R EE S, &/IME
N1, &KIEHN 100,
output_confidence /R E
output_rule_support fri/R1E
output_lift fri/R1E
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& 113. associationrulesnode B (42)
associationrulesnode J& | ZdiIn JE A
i
output_condition_suppo |fH/RIE
rt
output_deployability /R E
rules_to_display upto A H 2R P TR B RHRLEL,
all
display_upto B WNEAE rules_to_display HiRE T
upto, EIREZELEHHFRH B RATHLNEL,
w&/IMEN 1.
field_transformations H/R1B
records_summary i/R1E
rule_statistics /R E
most_frequent_values fri/R1E
most_frequent_fields /R{E
word_cloud /R
word_cloud_sort Confidence
Rulesupport
Lift
Conditionsupport
Deployability
word_cloud_display ELeR R/AMEN 1, &KEN 20
max_predictions B AT AR FH T 70 B A B R £
criterion Confidence T4 P T U i 0
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats /RIE Tt 2 7 5 T AR ] AR ) B FE 7 53 2R
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3 113. associationrulesnode B4 (4%)

associationrulesnode J& | %KAM JE A
T
check_input NoPredictions

Predictions

NoCheck

autoclassifiernode B4

X

IR, (A A] DAOERES

“HalnRET AT ORI org R (e, FRENRAT) A TA
IR AEALER T T, TSR SRR, Rlita]
DA A P A B R B30, AT TRAO R IR T DA KO ERA SRAOPRIERE T, T

ARG E HGE A A — AR AR A P P8 AOARIEEHES ] B EE IR I I

NGl
node = stream.create("autoclassifier", "My node")
node.setPropertyValue ("ranking_measure", "Accuracy")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_accuracy_limit", True)
node.setPropertyValue("accuracy_limit", 0.9)
node.setPropertyValue("calculate_variable_importance", Txue)
node.setPropertyValue("use_costs", True)
node.setPropertyValue("svm", False)

& 114. autoclassifiernode &%

autoclassifiernode &1k 1 JRPERGA

target B NTWREE, “BarRs” W
RESRBADEbRTFER AN —1 el
MM FEL, n] DU FIAE IS
RYE, AREZER, HSHE
195 Ty TSR RUE R F
EILDE\EO

ranking_measure Accuracy

Area_under_curve
Profit
Lift

Num_variables

ranking_dataset Training
Test
number_of_models LS FAFEERRIBR AP RURR R, fe0E

RN 1 F] 100 Z

5513 & @Y AR 201




& 114. autoclassifiernode B4 (82)

autoclassifiernode Jglk 1 JRPERGA

calculate_variable_importance ) v

enable_accuracy_limit ) VR

accuracy_limit R F 05 100 Z RIS,

enable_ area_under_cuzrve PR

_limit

area_under_curve_limit Bz T 0.0 5 1.0 Z[AIAYEEL,

enable_profit_limit ) AV

profit_limit G KT 0 ByRE%K,

enable_lift limit ) I

lift 1imit e XEART 1.0 HYSEEL

enable_number_of_variables_lim |#r&E

it

number_of_variables_limit G KT 0 HIBE%K,

use_fixed_cost PRi&

fixed_cost BT XEATF 0.0 YL,

variable cost 7B

use_fixed revenue PR

fixed revenue M XEKT 0.0 FySZEL,

variable_revenue FE

use_fixed_weight PR

fixed_weight G XEART 0.0 FSEL,

variable_weight FEE

lift_percentile T T 05 100 Z[RIFTEEEL,

enable_model_build_time_limit [|#RE&E

model_build_time_limit e BCEN PR, TR
EEAMEIU R AL R AN A,

enable_stop_after_time_limit ) AV

stop_after_time_limit e BB/ NN RS2, TR
1217 B 87y KA S FER

enable_stop_after_valid_model_ |#r&

produced

use_costs PR

<algorithm> PR FOVFEEE B R E SR

<algorithm>.<property> FITER RERNEAZENE®EE, AXEL
B8, ESHE 203 1 NEEHE
FEME T,
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IRBHEREN

NF “Baadas” . “BaEE” M “BshERE” W, AT DA A ORI E Y A R E B
e

autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)

il :

node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

T B3R M EREZMAE cart, chaid. quest., c50, logreg. decisionlist,
bayesnet. discriminant., svm#l knn,

T B shBUET SR E%EZFRE cart. chaid, neuralnetwork. genlin, svm., regression,
linear #l knn,

H BT HEIEAIE twostep. k-means #il kohonen,
JE A4 RS RSORSH IE A FRIFERS 2
FA A SR HAAT SR SRR E AR A s | S, filan:

node.setKeyedPropertyValue("logreg", "tolerance", "1.0E-5")
W UM EC 2 ME, fildn:

node.setKeyedPropertyValue("decisionlist", "search_direction", ["Up",
"DOWn"] )

Be MR E Rk

node.setPropertyValue("chaid", Txue)

Th: ARSI 3508 1A ORAT, s S MR R SR, IS
BAASIS 52 SRR AR 5 ABRIE 7 51715 A0 — R

autoclusternode 1%

™ “HAIRE” T EMEEM BRI BA R OB R A RIS, R TR RS
@‘* HoAth B ST AR, A — O TR R RN 2 METH &, R R] ]
BT, DAL BRI A R DU B TH Y, FFHeft— 3

THREE T BB R &

NGl
node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking_measure", "Silhouette")
node.setPropertyValue("ranking_dataset", "Training")

node.setPropertyValue("enable_silhouette_limit", True)
node.setPropertyValue("silhouette_limit", 5)
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X 115. autoclusternode J& 1

autoclusternode &1k H JRPERA

evaluation TR EAURT “EEIERK A, RRET
REZMENTER, 55, ATHTIRR
RRX T BAER REFFERE, AT
PRI b - BR ) RAFRE

ranking_measure Silhouette

Num_clusters
Size _smallest cluster
Size_largest_cluster

Smallest_to_largest

Importance
ranking_dataset Training
Test
summary_limit B FAERE IR, e
Bzl 1 5 100 Z [,
enable_silhouette_limit |#ii&
silhouette_limit R T 05 100 Z [AIFIELER,
enable_number_less_limit |#3i&
number_less limit B F 0.0 5 1.0 Z[RAYIEL
enable_number_greater_li |#i&
mit
number_greater_limit G KT 0 UREEL,
enable_smallest_cluster_ |fri&
limit
smallest_cluster_units Percentage
Counts
smallest_cluster_limit_p %=
ercentage
smallest_cluster_limit_c |#&#g KT 0 BUEEEL,
ount
enable_largest_cluster_l |#r&
imit
largest_cluster_units Percentage
Counts
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R 115. autoclusternode B4 (42)

autoclusternode gt {i JEPERGIA
largest_cluster_limit_pe |#i=F

rcentage

largest_cluster_limit_co |#Z&¥{

unt

enable_smallest_largest_ |#ri&

limit

smallest_largest_limit b S

enable_importance_limit |#i&

importance_limit_conditi
on

Greater_than

Less_than
importance_limit_greater |%i F 05 100 ZRIAEEEL,
_than
importance_limit_less_th |%i¥ F 05 100 Z[AIEEEL,
an
<algorithm> FRi& FVFEEE IR R E R,
<algorithm>.<property> FRE WERERZENEMEE, AXEZE

B, EZMNE 203 1l NEEEEE
Mg R,

autonumericnode E1%

B ST R 22 MU [R5 FE RS TR AR AR SR By B IS SR, T R B 5
ﬁ' Fy R R LA AR, RN AT DA B AN A B DAL i 22 e
WAH EHATINARI IR, SSCRRE R MM LS, C&R M, CHAID, IR,
I SCERVERNA U SR AT RAL (SYM), AIEETARSGRE, AR R IR el A AR B RO Y

BT LG
B

node = stream.create("autonumeric",
node.setPropertyValue ("ranking_measure",
node.setPropertyValue("ranking_dataset",

“My node")
"Correlation")
"Training")

node.setPropertyValue("enable_correlation_limit", True)

node.setPropertyValue("correlation_limit", 0.8)

node.setPropertyValue("calculate_variable_importance", True)

node.setPropertyValue("neuralnetwork", True)

node.setPropertyValue("chaid", False)

R 116. autonumericnode &%

autonumericnode J@ 1% & JE A
custom_fields bR WA True, Kl A E S FEGL B

RN HE,
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X 116. autonumericnode B (42)

autonumericnode Jg1t: {11 JEPERGIA

target FE “BIEF" T RERADERFER
F— P2 AN T B, AT A Y
HMRTE, AREZER, B2
55195 TRy P g
o

inputs [field1 ... field2]

partition FE

use_frequency Rk

frequency_£field =424

use_weight ) TV

weight_field TE

use_partitioned_data Fr& WMRENL T XFE, ILLORIIZRE
8 FH TR

ranking_measure Correlation

NumberOfFields
ranking_dataset Test
Training

number_of_models B SRS R RS, FE e BEEL
W59 1 F] 100 Z [Al,

calculate_variable_impor |#rE

tance

enable_correlation_limit [#pi&

correlation_limit RN

enable_number_of_fields_ |#::E

limit

number_of_fields_limit gl

enable_relative_error_li |#pi&

mit

relative_error_limit R

enable_model _build_time_ |[#ri&

limit

model _build_time_limit I

enable_stop_after_time_1 |#ii&

imit

stop_after_time_limit R

stop_if_valid_model ) v

<algorithm> bR FVFEEE IR E H X,
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& 116. autonumericnode B (£%)

autonumericnode Ja 1k {11 JE AR

<algorithm>.<property> FRE WERERENEEE, FXEZE

B, ESHE 203 Tl NEEREE
bayesnetnode 1%
- T DU 5, PR AT DA G B St SN ) 45 & B WS AmE S e
"f‘ PERAG ARSI, 1279 AU N T R T R DU (TAN) RSy /R A K78 25 W)
%%, IXUEREFEH T 92K,
NGl
node = stream.create("bayesnet", "My node")

node.setPropertyValue("continue_training_existing_model", True)
node.setPropertyValue("structure_type", "MarkovBlanket")
node.setPropertyValue("use_feature_selection", True)

i# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)

node.setPropertyValue ("independence", "Pearson")
& 117. bayesnetnode B
bayesnetnode J&: (1 JE PSR
inputs [field1 ... fieldN] DS P 28 AR A FH — > H PR B A
KA MRMANT B, ESF B
Hahi T 0%, AXEZER, HS
[E5E 195 DI Tt mE My
T,
continue_training_existing_ |#ii&
model
structure_type TAN IR A A T DL P [0 2 I {8 FH Y £
4,
MarkovBlanket
use_feature_selection ) T
parameter_learning_method Likelihood FEE F TR AT s R B AT 5
Z AR SRR R 7T 1
Bayes
mode Expert
Simple
missing_values TV
all_probabilities VR
independence Likelihood FaE T e R &R RO S
ERAHEHN T,
Pearson
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& 117. bayesnetnode B (52)

bayesnetnode J&: 8 JE PR IR
significance_level & F67E FH TR R 7 F1E,
maximal_conditioning_set Bz BB TS a0 R B i

R,

inputs_always_selected

[field1 ... fieldN]

e M UL PH-H7 R 28 N 425 68 FH 9 850
PRI B

: BARTBAR LA T P IRES,

maximum_number_inputs

oy

R e A i DUH-HIT IO 2% B (56 FH (0 A\ 5
BB KA

ce

calculate_variable_importan |fi&

calculate_raw_pzropensities |#RiE

ties

calculate_adjusted_propensi |t

on

adjusted_propensity_partiti [Test

Validation

buildr 1%

‘R

Nl

node = stream.create("buildr",
node.setPropertyValue("score_syntax",

“RAGEL” I s IERENS A\ E il R B, L/H}tk
IBM SPSS Modeler A 58 AR AL SRR AL

"My node")

result<-predict(modelerModel, newdata=modelerData)
modelerData<-cbind (modelerData,result)

varl<-

c(fieldName="NaPrediction",6 fieldlLabel="",6fieldStorage="real",6 fieldMeasure="",
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

K 118. buildr B

buildr &1k 16 JAPE B

build_syntax FIFER X T TR R IATE TS,

score_syntax T H XA TR THEEIE 2 R BIATE S,

convert_flags StringsAndDoubles BT T L bR s 7 B
LogicalvValues

convert_datetime PR eI T4 BA H B H I R A =X

e B R H /N A4S K,
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X 118. buildr B &2)

buildzx J& % 1H JEPEBL]
convert_datetime_class POSTXct IXEEE I TE E BE H ek H AR R
POSTX1t F A B 9 248 X

convert_missing Fri& T TR S AE R4 R NA {E,

output_html Fra& HIRIFAH T7E R AR BRIS IR+ 2
~EE,

output_text PR HIETH TR R #2H 6 X ARMHE = R
PR A YR T

c50node B4

C5.0 19 MR PSRN BRI B, 12 AU T AR R B ARYEAE DN UR i K5 Bk

N

NGl

node = stream.create("c50", "My node")

# "Model" tab
node.setPropertyValue("use_model_name", False)

node

node.
node.
node.
node.

.setPropertyValue("model_name",

"C5_Drug")

PRHIFBEIREAR, FHbRT BN K 7B R ITZ2 R T T4 7 Hl,

setPropertyValue("use_partitioned_data", True)
"DecisionTree")
setPropertyValue("use_xval", True)

setPropertyValue("xval_num_folds", 3)

setPropertyValue ("output_type",

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child_records", 3)
# "Costs" tab

node.setPropertyValue("use_costs", True)

node.setPropertyValue("costs", [["drugA", "drugX", 2]1])

7 119. c50node B4

c50node J& 1k 18 J@PEAIA

target T C50 A fil ] B F AR T B DA S — P ER
AT, A DR E I E TR,
AXRELZER, HZSHE 195 WA I
AT RUE ML T,

output_type DecisionTree

RuleSet

group_symbolics bR

use_boost PR

boost_num_trials Bz

use_xval PR

xval_num_folds S
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% 119. c50node B4 (42)
c50node Jg 1k 1H JRPERA
mode Simple
Expert
favor Accuracy e R a1
Generality
expected_noise e A
min_child_records Bz
pruning_severity b
use_costs PR
costs structured X REELE M,
use_winnowing VR
use_global_pruning Frid BrEh “SBH (True) .
calculate_variable_impor |#rid
tance
calculate_raw_pzropensiti |frd
es
calculate_adjusted_pzrope |tridE
nsities
adjusted_propensity_pazrt |Test
ition
Validation

carmanode B1¥

o CARMA BAUAEARER A P fa e i A B H AR BRI TR 0 S MEHRERIIR —4 R, 5

gL Apriori AN[Al, CARMA i U2 (AN E S (RTINS ISR |, AMXIOZ
AT RS, IXRRRIRAE 2L BT T DA 88 22 W AR R, (1A A T &40 el iRk 55
(R AFIER, IXE Shal AR S5 B e WO ARAE T H TR B A 7 it

N/l

node = stream.create("carma", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("use_transactional_data", True)
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"l])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "age_bp_drug")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("min_supp", 10.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_size", 5)

# Expert Options
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node.setPropertyValue("mode",
node.setPropertyValue("use_pruning", True)
node.setPropertyValue("pruning_value", 300)
node.setPropertyValue("vary_support", True)

"Expert")

node.setPropertyValue("estimated_transactions", 30)
node.setPropertyValue("rules_without_antecedents", True)

& 120. carmanode B4

carmanode g1k {11 JEPERGIA
inputs [field1 ... fieldn] CARMA HBUE F i N FERFIFR, A
M EFRT B, A A EE T B A iR 7
B, AXEZEE, ESHE 195 1Y
F sy R M) 8,
id_field FE FAVER AR AR IR T B BR
contiguous PRk AT HeE R BRI Z S IESL,
use_transactional_data T
content_field FE
min_supp By (k) SRR, A RS &R SCFE
Ko EREEN 20%.
min_conf By (k) BREEN 20%,
max_size MF BAEMEHN 10,
mode Simple HA{EN Simple,
Expert
exclude_multiple FRi& HERR BB Z 45 RAGRHN, SR (ER
False,
use_pruning Fr&E HhE{ER False,
pruning_value Br HA{EH 500,
vary_support PR
estimated_transactions R
rules_without_antecedent |#ii&
s
cartnode B1%
c 3 RANENT (C&R) B4 s AR ASCRT A T PN B o0 SR AR LB R SRR . 177 TEIEIS L
AT BB ARRRE RO AE R, AR DORIGIZRIC R D HIH, RRH AL
AR 100% HIMENHEES & T B bR BB —NREE 2851, %B/Ai?*ﬁ)ﬁﬁ%&i)\iﬁ
“aig” , BRI AT B AT URBTFIOE R (B AFERRE) ; FrEE
IR =g (BMXEARADF4D o
AN/l

node = stream.createAt("cart",

{#f "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target",

"My node",

IIDIugII)

200, 100)
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node.setPropertyValue("inputs",

# "Build Options" tab, "Objective" panel
node.setPropertyValue("model_output_type",
node.setPropertyValue("use_tree_directives", True)

node.setPropertyValue("tree_directives",

Grow Node Index 2 Children 3 4""")
# "Build Options" tab, "Basics" panel
node.setPropertyValue("prune_tree", False)

node.setPropertyValue("use_std_err_rule", True)
node.setPropertyValue("std_exrr_multipliexr", 3.0)

node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use_percentage", True)

["Age", "BP", "Cholesterol"])
"InteractiveBuilder")

"""GIOW Node IndeX 0 ChildIen 1 2

node.setPropertyValue("min_parent_records_pc", 5)

node.setPropertyValue("min_child_records_pc", 3)

# "Build Options" tab, "Advanced" panel

node.setPropertyValue("min_impurity", 0.0003)
node.setPropertyValue("impurity_measure",

# "Model Options" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Cart_Drug")

"Twoing")

K 121. cartnode B

cartnode JEM: {[:1 JETEHA
target FE C&R WA TR S s HAR T B AR —
BEMMAT B, A LHEEHRT
B, BAXEZEE, ESHE 195 1
ML B ) F R,
continue_training_existi [#R&
ng_model
objective Standard psm AFAERKIVEIES, FNFE
Server iE#,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives ) v
tree_directives SR He R AR . $6 ATt = H3
= ("), PAFiIEERFTTEEIS,
EEE, 159 rl RN BdiE s BOE I
A/ NER RO, I H Al ReoikiE
T HAE R,
use_max_depth Default
Custom
max_depth T BRAPHAEM 0 ] 1000, HAE

use_max_depth = Custom K,
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X 121. cartnode B (42)

cartnode JE 1k 1H JRPERA
prune_tree FRi& 1E8TH, DUBGIL LG,
use_std_err Fr& EHEARNRZE FrERE) .
std_err_multiplier e BARZEHE,
max_surrogates G AR,
use_percentage PR
min_parent_records_pc Bz
min_child_records_pc e
min_parent_records_abs B
min_child_recozrds_abs B
use_costs VR
costs structured SER B
priors Data
Equal
Custom
custom_priors structured AL
adjust_priors TS
trails IS F T RE sl AL A PSR,
set_ensemble_method Voting 5325 B RIS & FH ),
HighestProbability

HighestMeanProbabilit

y
range_ensemble_method Mean ESE HARIEE & HHRLI,
Median
large_boost FRa& AR R EE S  F HE
min_impurity S
impurity_measure Gini
Twoing
Ordered
train_pct B Bl EEIL AR S,
set_random_seed bri& 2 il el SRk T,
seed B
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X 121. cartnode B (42)

cartnode JBM: {11 JEPERGIA
calculate_variable_impor |frid
tance

es

calculate_raw_pzropensiti |frd

calculate_adjusted_pzrope |#ridE
nsities

adjusted_propensity_pazrt |Test

ition
Validation
chaidnode EB1%
CHAID {# kGt RA AR, DARE B ER7#E], CHAID 5 C&R #ifl QUEST
CHAID TRANE, ERPERIEZIoH, XEWE AL ENAEZ TN, Binflm

NFERA DR il (%) 545735, Exhaustive CHAID &2 CHAID HMEIERR, &
XA 2 #ET EARRRE, (HiFER A b K,

ANl

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")

node

= stream.createAt("chaid", "My node", 200, 100)

stream.link(filenode, node)

node.
node.
node.
node.
node.
.setPropertyValue("method", "Chaid")
node.
node.
node.
.setPropertyValue("split_alpha", 0.03)
node.
node.
node.
node.
node.
node.

node

node

node

setPropertyValue("custom_fields", True)
setPropertyValue("target", "Drug")
setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol",
setPropertyValue("use_model_name", True)
setPropertyValue("model_name", "CHAID")

setPropertyValue("model_output_type", "InteractiveBuilder")
setPropertyValue("use_tree_directives", True)
setPropertyValue("tree_directives", "Test")

setPropertyValue("merge_alpha", 0.04)
setPropertyValue("chi_square", "Pearson")
setPropertyValue ("use_percentage", False)
setPropertyValue("min_parent_records_abs", 40)
setPropertyValue("min_child_records_abs", 30)
setPropertyValue("epsilon", 0.003)

.setPropertyValue("max_iterations", 75)
node.
node.

setPropertyValue("split_merged_categories", True)
setPropertyValue("bonferroni_adjustment", True)

"BP"])

X 122. chaidnode B4

chaidnode Jg& 1k {i JE Mg

target T

CHAID R — N HAR R — e
PMRANTBL R DMEEIR 7B, B
KEZER, HSHE 195 i Ttk

BT RUETE

214 1BM SPSS Modeler 18.2.2 Python [iIA w1 H 51k 46 T




X 122. chaidnode B (£2)

chaidnode Ja 4 1H JRPERA
continue_training_existi |#ri&
ng_model
objective Standard psm A THEE RIEHES, FINRE
Server &%,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives PR
tree_directives FIFER
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth L BRAPHREM 0 2] 1000, HFE
use_max_depth = Custom K,
use_pezrcentage TS
min_parent_records_pc Bz
min_child_records_pc Bz
min_parent_records_abs Bz
min_child_records_abs B
use_costs FrRi&
costs structured SER (LI
trails IS T e s AR A PRI,
set_ensemble_method Voting 5325 B RIS & FH ),
HighestProbability

HighestMeanProbabilit
y

range_ensemble_method Mean ESE HARIEE & HHRL,
Median
large_boost FRa& X AR R BEIE S5 B FHHERE
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X 122. chaidnode B (£2)

chaidnode Ja 4 1H JRPERA
split_alpha Br 53 B K,
merge_alpha MF EHEE KT,
bonferroni_adjustment Fra& {8 /] Bonferroni 1 J8%& &2 4HMH,
split_merged_categories |fris SR E AR AT E,
chi_square Pearson XRATHRERTRIUTTA:
Pearson ({174 LL

LR
epsilon B HIEE B TAR IR Y e/ N KB
max_iterations B+ WS ) B RIE IR EL
set_random_seed BHL
seed v
calculate_variable_impor |#rd

tance

calculate_raw_propensiti |#Rid&
es

calculate_adjusted_prope |#iiE
nsities

adjusted_propensity_part |Test
ition
Validation

maximum_number_of_models |#&%k

coxregnode 1%
fH R Cox [T i, &R] DATEE B AR EIC SRR I RIS AR AE AR 12
% AR —NMEZREL, X ERERT HOUALE A 2 IR (f) PN T Fréa @ i AN 28 S E RS 1
HIEAERER,
AN

node = stream.create("coxreg", "My node")

node.setPropertyValue("survival_time", "tenure")

node.setPropertyValue("method", "BackwardsStepwise")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal_criterion", "Conditional")
node.setPropertyValue("survival", True)

& 123. coxregnode @14

coxregnode )&k {H JR YRR
survival_time T Cox BB FHE — M &S A 7N
B,
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& 123. coxregnode B1% (4L)

coxregnode @1k 8 JE PR IR
target FE Cox [RIFRARIFTZE — P HIRFE LA
— P MMATER, AREZE
B, BZSMHE 195 DI T EET
BN FH,
method Enter
Stepwise
BackwardsStepwise
groups FE
model_type MainEffects
Custom

custom_terms

["BP*Sex" "BP*Age"]

mode

Expert

Simple

max_iterations

oy

p_converge

1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8

p_converge

1.0E-4

1.0E-5

1.0E-6

1.0E-7

1.0E-8
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& 123. coxregnode B1% (4L)

coxregnode @1k 8 JE PR IR
1_converge 1.0E-1

1.0E-2

1.0E-3

1.0E-4

1.0E-5

0
removal_criterion LR

Wald

Conditional
probability_entzry B
probability_removal B
output_display EachStep

LastStep
ci_enable VR
ci_value 90

95

99
correlation TV
display_baseline VR
survival bRt
hazard T
log_minus_log bRk
one_minus_survival W&
separate_line TR
value b E R LS WMRARNEANFEAEEME, B2

ZFBAE AR “Mean”
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decisionlistnode B

RFFNFRTT R R TR, RS B AR E — e R CER AT = K.

1_‘?) W, EEVFE S HOIREE R AN AT BEL R 1972 Bl A ] REXS S b7 34 LA AR i
e o I il ORI R A e R AR L AREh 3R, Am] UK B S S5 ATRIAEL
FERRIAR,  DRRHIFAR B —HAUA AR, HA S MR — DR — D4R,
PRGN LA, AHDEFECHT S8 — RIS R 25 3R

N/l

node = stream.create("decisionlist",
node.setPropertyValue("search_direction",

"My node")

node.setPropertyValue("target_value", 1)
node.setPropertyValue("max_rules", 4)
node.setPropertyValue("min_group_size_pct", 15)

n Down n )

K 124. decisionlistnode &%

decisionlistnode &% {1 JETERA
target FE RSB FRAGIULE FH — D H AR DA — 1 ER
ZNMANT B, R DIREMR T L,
BREZER, BSMHE 195 WK Iy
HEET RSB ) FR
model_output_type Model
InteractiveBuilder
search_direction Up H5EREMEX; Hbup B4 T “mtf
7, 1M Down AHY T “fIRMEZR"
Down
target_value FIFER WRARIEE, WRERHEHE,
max_rules B FRapRE AN B R B AR
min_group_size B B/NERKN,
min_group_size_pct e B/NEKR/N (LAEZHRT) S
confidence_level e N T WM ATFEATEIINEBE 2%
T, E N BRI s O Mie B AL R (B
FH) B/ NEIES,
max_segments_per_rule R
mode Simple
Expert
bin_method EqualWidth
EqualCount
bin_count IS
max_models_per_cycle Eeeny FIRIIERTEE,
max_rules_per_cycle B BRI R E
segment_growth ez
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X 124. decisionlistnode B (&

decisionlistnode &k {H JA PR

include_missing ) v

final_results_only PR

reuse_fields PR ARWEEEHENE (HIER
ANFER) o

max_alternatives I

calculate_raw_propensiti |4
es

calculate_adjusted_prope | &
nsities

adjusted_propensity_part |Test
ition

Validation

discriminantnode E{4%

- IR A IR L logistic EIVARYIREEE ™4, (BAEFF X LIRS, BI04 aT
[u] PAfEN logistic [T 347 B9 FERIE AN 7E,

Nl

node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("method", "Stepwise")

X 125, discriminantnode EB1%

discriminantnode J&1%: 1H JE PR IR
target FE HIRIRBI TR ZE— D B FRFER DA — 1 8L
NN TF B, ANE R E T EAIR
FE, BXREZER, ESHE 195 7T
) Pty mE ey 8,
method Enter
Stepwise
mode Simple
Expert
prior_probabilities AllEqual
ComputeFromSizes
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X 125, discriminantnode B4 (4%)

discriminantnode J81: H JE PSR
covariance_matrix WithinGroups
SeparateGroups
means PR “Egdm” IERE RIS IET,
univariate_anovas ) TV
box_m ) TV
within_group_covariance |#ri&
within_groups_correlatio |#rik
n
separate_groups_covarian |fi&
ce
total_covariance ) v
fishers ) TV
unstandardized ) TV
casewise_results bR ‘g XEHER A 7> 2RIE T,
limit_to_first B HEEZ 10,
summary_table ) ¥
leave_one_classification |fRiE
combined_groups R
separate_groups_covarian |#R:E TR S 2
ce
territorial_map PR
combined_groups PRk AU ENETT R A .
separate_groups PRk BRI Bl
summary_of_steps ) v
F_pairwise ) TV
stepwise_method WilksLambda

UnexplainedVariance
MahalanobisDistance
SmallestF

RaosV

V_to_enter

oy
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X 125, discriminantnode B4 (4%)

discriminantnode Ja 1H JRPERA
criteria UseValue

UseProbability
F_value_entry Br EEZ 3.84,
F_value_removal e EEZ 2.71
probability_entry 2 B {ESZ 0.05,
probability_removal BT EERE 0.10,
calculate_variable_impor |3
tance

calculate_raw_propensiti |#i&
es

calculate_adjusted_prope |#r&
nsities

adjusted_propensity_pazrt |Test

ition
Validation
extensionmodelnode B1¥
E'@_ B PRI 5, AT LASAT R 3 Python for
2 Spark BIA KA AT 455

Python for Spark 7l

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_build", "extension_build")
node.setPropertyValue("syntax_type", "Python")
build_script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.mllib.linalg import DenseVector

from pyspark.mllib.tree import DecisionTree

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()
schema = df.dtypes[:]

target = "Drug"
predictors = ["Age", "BP", "Sex", "Cholesterol",6 "Na", "K"]

def metaMap(row,schema):
col =0
meta = []
for (cname, ctype) in schema:
if ctype == 'string':
meta.append(set([row[col]]))
else:
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meta.append((row[col],row[col]))
col += 1
return meta

def metaReduce(metal,meta2,schema):
col =0
meta = []
for (cname, ctype) in schema:
if ctype == 'string':
meta.append(metal[col].union(meta2[col]))
else:
meta.append((min(metal[col] [0],meta2[col] [0]),max(metal[col][1],meta2[col][1])))
col += 1
return meta

metadata = df.rdd.map(lambda row: metaMap(row,schema)).reduce(lambda x,y:metaReduce(x,y,schema))

def setTolList(v):
if isinstance(v,set):
return list(v)
return v

metadata = map(lambda x: setTolList(x), metadata)
print metadata

lookup = {%
for i in range(0,len(schema)):
lookup[schema[i][0]] = i

def row2LabeledPoint(dm,lookup,target,predictors,row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictors:
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
pval = dm[predictor_index].index(row[predictor_index])
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval,DenseVector(pvals))

# count number of target classes
predictorClassCount = len(metadata[lookup[target]])

# define function to extract categorical predictor information from datamodel
def getCate§§IicalFeatureInfo(dm,lookup,predictors):
info =
for i in range(0,len(predictors)):
predictor = predictors[i]
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
info[i] = len(dm[predictor_index])
return info

# convert dataframe to an RDD containing LabeledPoint
lps = df.rdd.map(lambda row: row2lLabeledPoint(metadata,lookup,target,predictors,row))

treeModel = DecisionTree.trainClassifier(
1ps,
numClasses=predictorClassCount,
categoricalFeaturesInfo=getCategoricalFeatureInfo(metadata, lookup, predictors),
impurity="'gini',
maxDepth=5,
maxBins=100)

_outputPath = cxt.createTemporaryFolder()

treeModel.save(cxt.getSparkContext(), _outputPath)

cxt.setModelContentFromPath("TreeModel", _outputPath)

cxt.setModelContentFromString ("model.dm", json.dumps(metadata), mimeType="application/json")\
.setModelContentFromString ("model.structure", treeModel.toDebugString())

node.setPropertyValue ("python_build_syntax", build_script)
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R :fjl

JHHHE script example for R
node.setPropertyValue ("syntax_type", "R")

node.setPropertyValue("r_build_syntax", """modelerModel <- 1m(modelerData$Na~modelerData

$K,modelerData)
modelerDataModel
modelerModel

nn ||)

K 126. extensionmodelnode B

extensionmodelnode &1k {E

JE A

syntax_type R eI MK - R B2 Python (R
EMEHE)
Python
r_build_syntax FrEE XOBH T TR R A IE T,
Tr_score_syntax FIFER X T TR R BIAIETE,
python_build_syntax TR X2 TR TR R Python IIANTE
%o
python_score_syntax FIFER X2 T TR R Python JIAS TR
%o
convert_flags StringsAndDoubles I I Tt 7 B
LogicalValues
convert_missing PR IR TR B 409 R NA {E,
convert_datetime FRi& IR I TR B A H sk H B R 4% X
A B0 R H B/ RIS K
convert_datetime_class POSIXCE IX LT 457 B2R H sk H A ]
S A /
POSIX1t R B L 248
output_html Fra& HETAH T1E R BRI pIE T+ -2
REE,
output_text Fra& IR TR R #Zfil e X ARIHE R R

R AR

factornode Ei%

“PCA/AIF" 1 MR B TR EE 2 A A s R BAR R AEROR, TRk 70 AT

P (PCA) AIHRHIATFEILAAEAS, A

HHAEHHISDRHEIESR (HEEH)

RUFHIIR TR T ERE ST 2,

HF =R AI R R R, 1XLER

SR T R A IR S E R, R TP, HILREEREKER]
XA T BER A T IE BT ARUS 45 1D BIR A 7 B

N/l

node = stream.create("factor", "My node")
# "Fields" tab
node.setPropertyValue("custom_fields", True)

node.setPropertyValue("inputs", ["BP", "Na", "K"])

node.setPropertyValue("partition", "Test")
# "Model" tab
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node.setPropertyValue("use_model_name", True)

node.setPropertyValue("model_name", "Factor_Age")
node.setPropertyValue("use_partitioned_data", False)

node.setPropertyValue("method", "GLS")

# Expert options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_records", True)
node.setPropertyValue("matrix", "Covariance")
node.setPropertyValue("max_iterations", 30)

node.setPropertyValue("extract_factors", "ByFactors")

node.setPropertyValue("min_eigenvalue", 3.0)
node.setPropertyValue("max_factor", 7)
node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

# "Rotation" section

node.setPropertyValue("rotation", "DirectOblimin")

node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

& 127. factornode @14

factornode JE 1k 18 JEPERGIA
inputs [field1 ... fieldN] PCA/IAF AU N ERHIIZR, (H
AMEF bR, A R B AR
B, AXEZEE, ESHE 195 1Y
FoN s B MRy T,
method PC
ULS
GLS
ML
PAF
Alpha
Image
mode Simple
Expert
max_iterations B
complete_records VR
matrix Correlation
hAZE (Covariance)
extract_factors ByEigenvalues
ByFactors
min_eigenvalue B
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& 127. factornode B4 (42)

factornode JE1 {i JE PR

max_factor e

rotation None

Varimax

DirectOblimin

Equamax

Quartimax

Promax

delta

57 USRE DirectOblimin fENHERAL
BRI, AT DUEE delta (I,

GUERARAEE —ME, WA delta By

TAEE,

kappa v AN ERIEEE Promax TENFEEEEIERYS
B AT PAFEE kappa BIMES
USRS —ME, WA kappa Y
A E,

sort_values VA

hide_values VR

hide_below e

featureselectionnode B4

Nl

node

node.
node.
node.
.setPropertyValue("max_missing_values", 80)
node.
node.
node.
node.
node.
node.

node

CRHIEIERE” T RARIE AR (BIANERR(EE L) TR ER PR AT B, A
Bivi Ja, MXTEE B R FRM AR EEERTHRR, I, RN RERIEER
ETAEBIERA, AW N A RTREF T R 4 SR TR AR ?

= stream.create("featureselection", "My node")
setPropertyValue("screen_single_category", True)
setPropertyValue("max_single_category", 95)
setPropertyValue("screen_missing_values", True)

setPropertyValue("criteria", "Likelihood")
setPropertyValue ("unimportant_below", 0.8)
setPropertyValue ("important_above", 0.9)
setPropertyValue("important_label", "Check Me Out!")
setPropertyValue("selection_mode", "TopN")
setPropertyValue("top_n", 15)

ARAEFNH] “RHEIERE” BEUREIEARE], 1ES % 4 T DS IACRGI: A AR AR
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& 128. featureselectionnode &%

featureselectionnode &% 18 JEPERGIA
target FE FHIEE AR AR X T-48 7 /Y B bt 7l
W2 EiH THER . AT EFEA
WRTE, AREZER, BZHE
195 TRy TS RE ) F
s
screen_single_category FRi& WA True, NPETRZEMAEN T 1057
i AR RE T Z D% F
Bz,
max_single_category e {87 screen_single_category
9 True I BT BIE,
screen_missing_values PR WM True, NPKRIERA 255
BT, ZREFETNIETEEN
[Epas
max_missing_values Bz
screen_num_categories bR Ry True, MPKEFRIEAEN Tid S
wims BAE 2 X505,
max_num_categories Bz
screen_std_dev Fra& WERA True, NPRFRHZEAREZ/NTEL
ETHEE R/ IMER T B
min_std_dev Bz
screen_coeff of var bR WA True, WPKETHIE T 2 REUNTF
E TR s/ IMER 7B,
min_coeff_of_var Bz
criteria Pearson A AR 7325 H ot 43 2R i AE & A THE
PRI, 578 FVERAE B2 ERIARYE
Likelihood I B
CramersV
Lambda
unimportant_below e fREH TR EHRy “EHE” |
“VOFR” 8 “ANEZE” W p WE, £
M 0.0 #| 1.0 H1H,
important_above B 52 M 0.0 F| 1.0 FIMHE,
unimportant_label AT fEE “RNEZE" HRIIR,
marginal_label ZRFER
important_label FIYER
selection_mode Importancelevel
ImportanceValue
TopN
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& 128. featureselectionnode B1% (4%)

featureselectionnode &% 18 JEPERGIA

select_important Fr& 1f selection_mode &E N
Importancelevel i, fEERBEE
B “EHET 7R,

select_marginal bri& 1f selection_mode ZE N
Importancelevel I, & ERIE
EE Vi TS 248

select_unimportant FrE 1F selection_mode ZEN
Importancelevel i, fEERBEE
B AEE 7B

importance_value B 1f selection_mode Z&E N
ImportanceValue I, f87EZH
K7 FHE, 32 M 0 5] 100 AIME,

top_n TR 1f selection_mode & &4 TopN
N, feEEZMHNTFE, MO0
%] 1000 FI{HE,

genlinnode B1%

I XM T SRR T TR, IR AR RIS R SR RS (R
i R RN, TH, ZEANERFRZRANIFIES i, E MG EAIR I
AIThRE, HABERLMEREIA, logistic [AIJ, AT HEEARATR Bl ARl DR DX TR

RAAFBAL,
N/l

node = stream.create("genlin",

"My node")

node.setPropertyValue("model_type", "MainAndAllTwoWayEffects")

node.setPropertyValue("offset_type", "Variable")

node.setPropertyValue("offset_field", "Claimant")

& 129. genlinnode @14

genlinnode J&1% {H JR YRR

target FE 7NN ZSR A HARTEE (20
e MREGERRR) |, AR EEA
WMANTE, A LMEENETE, AX
HZER, BZMHE 195 i Madt
B RN TR,

use_weight VR

weight_field FE TR HHIESL,

target_represents_trials |FRE

trials_type Variable

FixedValue
trials_field FE FERUUAES., RESEHET.
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& 129. genlinnode B (42)

genlinnode J&1: {11
trials_number e BAEEZ 10,
model_type MainEffects
MainAndAllTwoWayEffec
ts
offset_type Variable
FixedValue
offset_field T TR FHESE,
offset_value G IR SEEY
base_category Last
First
include_intercept PR
mode Simple
Expert
distribution BINOMIAL IGAUSS: ¥i&iHh,
GAMMA NEGBIN: i —Tfix,
IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL
neghin_para_type Specify
Estimate
negbin_parameter e BRAMER 1, BHE SRR,
tweedie_parameter b
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& 129. genlinnode B (42)
genlinnode J&1: {11 JE PERIA
link_function IDENTITY CLOGLOG: HANIH ¥4,
CLOGLOG LOGC: A&k,
LOG NEGBIN: i iz,
LOGC NLOGLOG: HRX 4K,
LOGIT CUMCAUCHIT: Z# Cauchit,
NEGBIN CUMCLOGLOG: EFIH UL,
NLOGLOG CUMLOGIT: ELRBUAHAL
ODDSPOWER
CUMNLOGLOG: EFfIF7AXCNEL,
PROBIT
CUMPROBIT: ZEFfIMEZ,
POWER
CUMCAUCHIT
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT
power e BRI TIEL,
method Hybrid
Fisher
NewtonRaphson
max_fisher_ iterations ez BREE RN 1; HAEEE,
scale_method MaxLikelihoodEstimate
Deviance
PearsonChiSquare
FixedValue
scale_value e BREEN 1; BHRT 0,
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& 129. genlinnode B (42)

genlinnode JE1: {11 JE PERIA
covariance_matrix ModelEstimator
RobustEstimator
max_iterations oy RE(EN 100; XAV AIRAEE L,
max_step_halving ey BREEN 5; (X FRHFE R IEREEL
check_separation PR
start_iteration ey EREE DY 20; (NAVFEEFIEREEL
estimates_change T
estimates_change_min oy ERE{EN 1E-006; {XRVFEAIERL
estimates_change_type Absolute
Relative
loglikelihood_change ) ¥
loglikelihood_change_min | %= A S V(5 I REEL
loglikelihood_change_typ [Absolute
e
Relative
hessian_convergence ) v
hessian_convergence_min |%i+ NG IWAR DR o
hessian_convergence_type [Absolute
Relative
case_summary PR
contrast_matrices PR
descriptive_statistics AN
estimable_functions T
model_info PR
iteration_history ) v
goodness_of_fit Rk
print_interval ey EREEN 1; IV IEREEL,
model_summary bri&
lagrange_multiplier TS
parameter_estimates ) ¥
include_exponential PR
covariance_estimates R
correlation_estimates PR
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& 129. genlinnode B (42)

genlinnode JE1: {11 JE PERIA
analysis_type Typel
TypelIl
TypeIAndTypelll
statistics Wald
LR
citype Wald
Profile
tolerancelevel =z &2 0.0001,
confidence_interval B+ REEZ 95,
loglikelihood_function Full
Kernel
singularity_tolerance 1E-007
1E-008
1E-009
1E-010
1E-011
1E-012
value_order Ascending
Descending
DataOrder
calculate_variable_impor |#3id
tance
calculate_raw_propensiti |#i&
es
calculate_adjusted_prope |#i&
nsities
adjusted_propensity_part |Test
ition
Validation
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glmmnode ¥

- T XEMER GRS (GLMM) 3 fe T2, 15 B inn] DUFIEIES DM, @ifEE
be AUZETE PR B R A R BAMERSE, FF EIIE RTRER SR, | MR SRR I =5
' TARRREL IR L A VAR EE IR S AR R AT 2 A S

& 130. glmmnode B4

glmmnode J& 1% {1 JEPERIA

residual_subject_spec structured XEREN PR TFERINEAS, HEE
M — e AR S A A 3K,

repeated_measures structured IX L7 B AR IR E B I WLIIE,

residual_group_spec

[field1 ... fieldN]

IR T E X EE RN 5 25 SRR
MEGHITEL

residual_covariance_type

Diagonal

AR1

ARMA11
COMPOUND_SYMMETRY
IDENTITY

TOEPLITZ
UNSTRUCTURED

VARTANCE_COMPONENTS

TeE BRAE R 75 22454

custom_target

PR

TR M R E BT 20 A H bR
(false) S S2H target_field f5EM
EHIER (true)s

nce

target_field 7B BEREBMRTE (AR
custom_target # true) ,
use_trials Fr& faR Bini N e —HIR K P AR
HOER, BEMHHTEEIAEEIY
B e E, HRE{EN false,
use_field_or_value Field fEreMHTE (g B2EREE
REEL,
Value
trials_field T 7B FHaE 1504
trials_value R WEHTEEREE, WRfEEE
%, HoE/IMEN 1,
use_custom_target_refere |#ri& TR ERZSELXBHT 2K ER, Bt

AE N false,
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2 130. glmmnode B (42)

glmmnode J&M: {11 JE PERGIA
target_reference_value FIFE BHERASERG] (R
use_custom_target_referenceﬂﬂ
tIUe) o
dist_link_combination Nominal HAMER) AR AR %%
Custom A DUEE
Logit target_distribution FrfR{%I%R
ERliOPA R
GammalLog
BinomiallLogit
PoissonLog
BinomialProbit
NegbinlLog
BinomiallogC
Custom
target_distribution Normal ¥4 dist_link_combination #y
Custom I HARMEM 7310,
Binomial
Multinomial
Gamma
Inverse
NegativeBinomial
Poisson
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2 130. glmmnode B (42)

glmmnode J&M: {11 JE PERGIA
link_function_type Tdentity R 6 A (5 TS R A P
], WR target_distribution
LogC Binomial, HRASERTLAEH
FRAI AT S BR BR B, QB
Log target_distribution/y
Multinomial ZAMNIAEAIME, ABLME
CLOGLOG A DA
CLOGLOG. CAUCHIT. LOGIT.
Logit NLOGLOGE?PROBIngﬂ%Q
target_distribution Xy
Binomial B
NLOGLOG Multinomial 2 AMUFEMIME, HBaks
A DA A
PROBIT IDENTITY. LOG 5{ POWER,
POWER
CAUCHIT
link_function_param B BE RS EE, 1Y
normal_link_function &
link_function_type J POWER A
EH,
use_predefined_inputs Frk FE7RIE B RN - BB B S N B
Fi (true) IBERH
fixed _effects_list (false), fik
H{E N false,
fixed_effects_list structured R use_predefined_inputs #
false, Aot5E R ANTERIEREE
RN B o
use_intercept Pr& WHRN true (HE) , LEBERFH
PR,
random_effects_list structured VERIBENIRL N A5 7E I BREAIER
regression_weight_field |5 X2 FE WA E B T B
use_offset None et Emfr. 18 None TR

offset_value

offset_field

%,

offset_value

e

use_offset BN offset_value
A5 FH R m FEAEL

offset_field

TR

use_offset &N offset_field
N T ERFER,
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2 130. glmmnode B (42)

glmmnode &k {11 JE PERGIA
target_category_order Ascending FREFRHEFIF, {8 Data feE M
BRI HEFE I, thEERN
Descending Ascending,
Data
inputs_category_order Ascending IRBNA R AT, {H Data 15
AR EET T, SREEN
Descending Ascending,
Data
max_iterations B HEIEEPI TR ARIERIRE, R
0, SE{EDN 100,
confidence_level B X2 T B R B X R THE Y
BIEERA, JEnEE; BKEN
100, HRE{EN 95,
degrees_of_freedom_metho |Fixed it DU T B EAG
d 5,
Varied
test_fixed effects_coeff |Model XTI ESEL T ZREREN T
ecients %o
Robust
use_p_converge Frk HFSEU S miE i,
p_converge wE =S HEUEATIE(E,
p_converge_type Absolute
Relative
use_l_converge PR FAT R BRI SR A1 T,
1_converge e =S HEUEATIE(E,
1_converge_type Abeoiie
Relative
use_h_converge bRk FHT Hessian W&k 35T,
h_converge BT =S H BT IE(E,
h_converge_type Absolute
Relative
max_fisher_steps I
singularity_tolerance e
use_model_name Fri& feRE A EHIARR (true) B2

EHRSAE RIS FE (false), $RE1E
A false,
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2 130. glmmnode B (42)

glmmnode &k {11 JE PERGIA
model_name FRFER W5 use_model_name N true, HF4
Fa7E i FH LRI A FR,
confidence onProbability HHEEBEEERNEM: &g
R H I m 5 E TR 2 2,
onIncrease
score_category_probabili |#ri& WS true, WIS EARE R TNAE
ties R, BREEN false,
max_categories B LIRS
score_category_probabilities
7 true, ABLIEERFERARILANEL
score_propensity Frk W true, WIAPRIC HARFELAE A
MRSy, FERTFBREERN “true” BYR]
AEMES
emeans structure T & RN AR H N 7 R FER,
€ B &G A UG A BRYI(E,
covariance_list structure T & RN AR H 5 ME ST,
FaE B THAFRISE R 5 H SEE
& HE X E,
mean_scale Original feE 2REEMNREGRE (d) &
SEARAE SR PR B ok TR T I8 B s
Transformed {H,
comparison_adjustment_me |LSD Xt 22106 EE A TR AR 56 B (5 P A )
thod VaRe
SEQBONFERRONT
SEQSIDAK
gle B4
> GLE ¥ 8 T4y DM@ B LEIRIES 2, B e i S R+
L WELMMHDE, I HVMERIREM G, T MR GBI E T MEAY ) MR Lk
P[RR R A E IR SN FB AR R 1 2 e 2 s Al
& 131.gle B
gle @M {i JE iR
custom_target Fr& BOHRMEHTE LT A€ X E R (false) i
2 target_field fREMEHIHFR
(true),
target_field FE FHEEMRTE (WE custom_target N
true) .
use_trials Fri& Faor HARI N & — IR0 & B A =

i, 2 THEE RGBT B ek
{H, BRE{EN false,
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& 131. gle B (82)

gle J@fk H JE TSR
use_trials_field_or_val |[Field ferneafHTER () TREREEIAR
ue i
Value
trials_field T B T E IR
trials_value B HERTHEEIAREK, mRfEcitE®E, o
w&/IMEHN 1.
use_custom_target_refer |#ri& ok ERIZE XA HT 72K BR. THEER
ence false,
target_reference_value |F{F&H BEERNZEIG] (R
use_custom_target_reference
true) .
dist_link_combination NormalIdentity H B R 2910 Y s HAsAY
GammalLog %% CUSTOM m] AR TE
target_distribution FT{RHLIIFIRIEE
PoissonlLog GaKit
NegbinLog
TweedieIdentity
Nominallogit
Binomiallogit
BinomialProbit
BinomiallogC
CUSTOM
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& 131. gle B (82)

gle J@fk 1H JEPERGA
target_distribution Normal M dist_link_combination & Custom Hyf
HAMER 716,
Binomial
Multinomial
Gamma

INVERSE_GAUSS

NEG_BINOMIAL

Poisson

TWEEDIE

UNKNOWN
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& 131. gle B (82)

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_L

0G

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

gle JRE i EPEREA
Link_function_type UNKNOWN JSC 1T YRR 5 TS REAFL K 1006
B, R target_distributiony

IDENTITY Binomial, ARZMEHTAGEA:

LOG UNKNOWN

LOGIT IDENTITY

PROBIT LOG

COMPL_LOG_LOG LOGIT

POWER PROBIT

LOG_COMPL COMPL_LOG_LOG

NEG_LOG_LOG POWER

0DDS_POWER LOG_COMPL

NEG_BINOMIAL NEG_LOG_LOG

GEN_LOGIT ODDS_POWER

R target_distribution
NEG_BINOMIAL, HRZI&EWTDAHEH :

NEG_BINOMIAL,

IR target_distribution 25 UNKNOWN,
AR 2 ST DA -

GEN_LOGIT
CUMUL_LOGIT
CUMUL_PROBIT
CUMUL_COMPL_LOG_LOG
CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT
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& 131. gle B (82)

gle @k {11 JE PERIA
link_function_param PG FEEHAY Tweedie ZHE, 104
normal_link_function 8§
link_function_type &y POWER WA i&
H
tweedie_param B ZUE B R S EUE, (UEHT
dist_link_combination i%&H
TweedieIdentity &
link_function_type &y TWEEDIE F{I%
?RO
use_predefined_inputs PR PR AN F B R’ e SO N B
FE (true) IE2KH
fixed_effects_list HJFEX (false),
model_effects_list structured W% use_predefined_inputs i false,
T TEE 2 ERR AR F B N B
use_intercept bRk W7 true (GRE) , ILATEHRI P RIFEE
iz
regression_weight_field |sf% X2 AR E 7 B 7 BR
use_offset None FERUATHE E W, {8 None R AN FH
%,
Value
Variable
offset_value Y use_offset IXEN offset_value HH{#HH
RS E,
offset_field =45 use_offset IXE N offset_field AT
RAAERY T B
target_category_order Ascending SR BRNHEE IR, & EN
Ascending,
Descending
inputs_category_order Ascending RN &R, SEER
Ascending,
Descending
max_iterations BEY HEIEEHI TR RIE RS, AR, ot
H“{E 100,
confidence_level number XTI AR RN X B THERN EEE
Gl AETREEG ROKMEDY 100, SRAETEN
95,
test_fixed_effects_coef |Model X 2R THESEE I Z BN T,
fecients
Robust
detect_outliers bR B9 true I, BEIEREFRZ X 740 PASMR
FI B 5 A0 B R e B L
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& 131. gle B (82)

gle J@ 1k

=1

JE A

conduct_trend_analysis

PR

{E0 true I, IWRIESAHUREPITES 77
#ro

estimation_method

FISHER_SCORING

NEWTON_RAPHSON

TREMA AT,

PEARSON_CHISQUARE

HYBRID
max_fisher_iterations B RARIEROEL (AR H FISHER_SCORING
estimation_method) . &/IMEN 0, &K
B9 20,
scale_parameter_method WLE e R T RESE .
FIXED
DEVIANCE

ELASTIC_NET
FORWARD_STEPWISE
RIDGE

scale_value Br V24 scale_parameter_method & &N
Fixed IATH,

negative_binomial_metho | = feE B T T B S8 77 5

d FIXED

negative_binomial_value |%i% {4 negative_binomial_method iZE N
Fixed BA] A,

use_p_converge PR TS8R,

p_converge e =S H AT 1EH,

p_converge_type bRk True FRgaxt, False FoRAHXT

use_l_converge PR FH TR BRI S Y 12 T,

1_converge G = HEAEAIE(E,

1_converge_type bR True R4 xt, False FRAHXT

use_h_converge Fr& HTF Hessian W%,

h_converge number E=ERER NN

h_converge_type bRk True FRgaxt, False FoRAHXT

max_iterations B IRTEE AT R IR S, AREEE; ot
H1EHN 100,

sing_tolerance B

use_model_selection PRk JA R SEEER &£ 7 iR 1

method LASSO T s A ORI 77 75 (ISR

Ridge, ABAMEMNILTTIE) -
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& 131. gle B (82)

gle J@ 1k

JE A

detect_two_way_interact
ions

{Eh True I, BALEE BamkG A 5B A
AT 22

PCHBARUENAX TR (B, P AR Bl o]
BRI I BT method JyIAIRGHE,
Lasso BRFHIEMILEET, A W% FH

automatic_penalty_param
s

PR

{4 AR method A Lasso B33 4: [ 4% st
j‘ﬂ);ﬁo

{5 FH I ER B50RT DA N5 Lasso B 28 2% &
R T IR SRR T 28

GRAEN True, B2RKMEMEREE, WRE
N False, ARAKEHTIZE, FHEMDEA
SE Hl{E,

lasso_penalty_param

AR method 24 Lasso B M 25
H automatic_penalty_params & False

AR, 4 Lasso F67& T S 4UE,

elastic_net_penalty_par
aml

S A% method 4 Lasso B 2% I
H automatic_penalty_params 5 False

AR, R 25 1 feE T S EUE.

elastic_net_penalty_par
am2

YRR method 24 Lasso B M 25
H automatic_penalty_params & False

AR, sEPEmLs 24 2 e T2 8UE.

probability_entry

XZ A& method AFAATS N AR, #HXS
RN, f50E f GUHPRIER R KT,

probability_zremoval

X A& method NFARTS RN A W], EH4
RUSHER, &€ f GritbRiE) EE K,

use_max_effects

{2 A method Ml R B A AT,
Ja M max_effects #%4,

SEN False I, Al & BIBRE ROV LV <5
TR AR ) S RN B

max_effects

i
s

FERE 5 A AT AT 2D AR A 77 TR N O B RSN B

use_max_steps

=]
C

JE F max_steps #%1F,

Y{EN False N, BREDIRENV FTHEMAEA
R R BR5 7 50 = A5 R S A

max_steps

£

FEE 6 F A AP A method NPT E
RV EREL

use_model_name

Fer B R E EHIAFR (true) 2 #H
R RINARR (false), SRE(EN false,
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& 131. gle B (82)

gle J@1E {11 JE PERIA
model_name FIFER W use_model_name N true, ABLIEE
8 FH R A4 FR
usePI Fri& WHRAEN true, ABLKEH TS & B2
o
kmeansnode B1%
K-Means 17 s G EHERERREIANE H (SRR o miEle EErREE,
(% BISRIER DAL R, DILEARRERESD, BRI SITCEESO B, k-
means RSN REHEIREE IV, EHAKETGSE, mEERESERAT
BRI AT ,
ANl
node = stream.create("kmeans", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("inputs", ["Cholesterol", "BP", "Drug", "Na", "K",
"Age"])

# "Model" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Kmeans_allinputs")
node.setPropertyValue("num_clusters", 9)
node.setPropertyValue("gen_distance", True)
node.setPropertyValue("cluster_label", "Number")
node.setPropertyValue("label_prefix", "Kmeans_")
node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("stop_on", "Custom")
node.setPropertyValue("max_iterations", 10)
node.setPropertyValue("tolerance", 3.0)
node.setPropertyValue("encoding_value", 0.3)

R 132. kmeansnode B4

kmeansnode Jg& 1k & JE A
inputs [field1 ... fieldN] K-means BRITE— &5k N B LT

REI, EHANMEHERTE, AME
IR E TR T, AXREZE
B, HZHE 195 T TRHER
By T,

num_clusters B
gen_distance PR
cluster_label String
2
label_prefix FRER
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X 132. kmeansnode B (&%)

kmeansnode J&1: H JE AR

mode Simple
Expert

stop_on Default
Custom

max_iterations b

tolerance b

encoding_value bt

optimize Speed M TR 77 U TR I 2N

7o
Memory
kmeansasnode B4

Modeler H1f) K-Means-AS 13 s {# ] Spark 37528, K K-Means BIETIELIE

K K-Means J2 8 i IR KRR — EREIRERRERZ NMUE LR, SPSS

B, 153 https://spark.apache.org/docs/2.2.0/ml-clustering.html, EER, K-
Means-AS 11 /5 H 30 43 KA B A TR AL

& 133. kmeansasnode B

kmeansasnode &1 {i JEPERA

roleUse PR {67 predefined F/R i HTE
1, $87E custom FREHERI TS
fit, SRE{EN predefined,

autoModel 1/R1E FEE true RRIGELE BHR ($S-
prediction) A THAERBIED FEK,
faE false FRERERIZIR, HAE
H true,

features T HTH AN TZRARSIER (AR
roleUse B EN custom) o

name FIVER WA R FR (AR
autoModel BMEIRE N false) ,

clustersNum B FOIERLEEH, SEER 5,

initMode FITER Wt E S, PIRERIEN k-means | |
8¢ random, FRE{EN k-means| |,

initSteps BEL WG B (N2R initMode R E N
k-means||) . SREEN 2,

advancedSettings /A A€ true FoRIE NHIPYANE MR,
HEEN false,
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R 133. kmeansasnode B (£2)
kmeansasnode &% & JE AR
maxIteration B PR ARIEREL, EEN 20,
tolerance FIFER (ZILER AR ZE, AIRERE B
1.0E-1, 1.0E-2, ... 1.0E-6, Hil#&
{E N 1.0E-4,
setSeed f/R1E FEE true RonEREHIBENIAN 7. B
H{E N false,
randomSeed B EHIFENRF (AR setSeed BN
tIUe) o
knnnode [E1¥
‘ The k-FFHARITER (KNN) 17 s K658 LI DG I 21 T 2% 2 23 (R H 5 HEARIE 1Y k
9 fﬂ%%%%ﬁﬁ(ﬁ¢kﬁ%ﬁ)O%MWWEME%ﬁ,ﬁ*ﬁﬂ%ﬁﬁﬁﬁ
&
Nl
node = stream.create("knn", "My node")
# Objectives tab
node.setPropertyValue("objective", "Custom")

# Settings tab - Neighbors panel
node.setPropertyValue("automatic_k_selection", False)
node.setPropertyValue("fixed_k", 2)
node.setPropertyValue("weight_by_importance", Tzrue)
# Settings tab - Analyze panel
node.setPropertyValue("save_distances", True)

& 134. knnnode B4
knnnode Jg 1k {i JE P A
analysis PredictTarget
IdentifyNeighbozs
objective Balance
Speed
Accuracy
Custom
normalize_ranges ) TV
use_case_labels brE WEEERTHRHE R —NE,
case_labels_field =45
identify_focal_cases PR WEEREHT B T — &,
focal cases_field FE%
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X 134. knnnode B (&%)

knnnode Jg 1% 1H JRPERA
automatic_k_selection PR
fixed k R HEY automatic_k_selectio #y
False A&,
minimum_k B HAEY automatic_k_selectio Xy
True A5 H,
maximum_k B
distance_computation Euclidean
CityBlock
weight_by_importance PRt
range_predictions Mean
Median
perform_feature_selectio |#ri

n

forced_entry_inputs

[field1 ... fieldN]

stop_on_error_ratio

bRk

number_to_select R

minimum_change e

validation_fold_assign_b |#i&

y_field

number_of_ folds L HEY
validation_fold_assign_by_£fie
1d & False A2 H

set_random_seed N

random_seed B

folds_field FER HEY
validation_fold_assign_by_£fie
1d A True A B H

all_probabilities PR

save_distances PR

calculate_raw_propensiti |#Rid&

es

calculate_adjusted_prope |#iiE

nsities

adjusted_propensity_part |Test

ition

Validation
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kohonennode B4

N/l

node

Kohonen 7 A —FIph 24, ARz n] TR BHE R R BIR D 2= 7 H,
Y BEMZEIZRSE R, ABLRTIC SR R AR i S o X R B 22 SR R A I S U B A b
I, AT DS AL Fr g BT AT LI A A5 SR R H B B
TCo JXRFLESEXN BREHIM N ECR A il i

= stream.create("kohonen", "My node")

## "Model" tab

node

.setPropertyValue("use_model_name", False)
node.
node.
node.
node.
node.
node.

setPropertyValue("model_name", "Symbolic Cluster")
setPropertyValue("stop_on", "Time")
setPropertyValue("time", 1)
setPropertyValue("set_random_seed", True)
setPropertyValue ("random_seed", 12345)
setPropertyValue("optimize", "Speed")

# "Expert" tab

node.
node.
node.
.setPropertyValue("decay_style", "Exponential")
node.
node.
node.
node.
node.

node

setPropertyValue("mode", "Expert")
setPropertyValue("width", 3)
setPropertyValue("length", 3)

setPropertyValue ("phasel_neighborhood", 3)
setPropertyValue("phasel_eta", 0.5)
setPropertyValue("phasel_cycles", 10)
setPropertyValue ("phase2_neighborhood", 1)
setPropertyValue("phase2_eta", 0.2)

node.setPropertyValue("phase2_cycles", 75)
7% 135. kohonennode &%
kohonennode J& % 1H JRPERA
inputs [field1 ... fieldN] Kohonen 17U F i N FERHIFIIZR, {H
AMEH ER, AMERSER R E
B, AXEZERE, ESHE 195 1
PN s P 3R
continue PR
show_feedback Rk
stop_on Default
Time
time ez
optimize Speed ;Hﬂ THEE AR 77 B IR I 2 N
Memozry °
cluster_label PR
mode Simple
Expert
width B
length e
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X 135. kohonennode B4 (&%)

kohonennode J&

{H

JE A

decay_style

M (Linear)

Exponential
phasel_neighborhood et
phasel_eta a
phasel_cycles ¥
phase2_neighborhood e
phase2_eta ¥
phase2_cycles ¥z

linearnode EB1%

LN RNARREIARYE B AR5 — e NN AL 8 2 R RZR S R ITNESE H Ao

Nl

node = stream.create("linear",
# Build Options tab - Objectives panel
node.setPropertyValue("objective",
# Build Options tab - Model Selection panel
node.setPropertyValue("model_selection",

"My node")
"Standard")

"BestSubsets")

node.setPropertyValue("criteria_best_subsets", "ASE")
# Build Options tab - Ensembles panel
node.setPropertyValue("combining_rule_categorical", "HighestMeanProbability")
& 136. linearnode B
linearnode J@ 1k i JE PEAiA
target TR faE B BhRT B
inputs [field1 ... fieldN] PG FH A A B R
continue_training_existi |#ri&
ng_model
objective Standard psm A THEHE RIEHES, FNREE
Server &%,
Bagging
Boosting
psm
use_auto_data_preparatio |fi&
n
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X 136. linearnode B (%2)

linearnode J&: {11 JEPERGIA
confidence_level e
model_selection ForwardStepwise

BestSubsets

None

criteria_forward_stepwis |AICC

e

Fstatistics

AdjustedRSquare

ASE
probability_entzry b
probability_removal b
use_max_effects PR
max_effects B
use_max_steps VR
max_steps e A
criteria_best_subsets AICC

AdjustedRSquare

ASE
combining_rule_continuou |Mean
s

Median
component_models_n B
use_random_seed PR
random_seed B
use_custom_model_name ) A
custom_model_name FIRFER
use_custom_name R
custom_name TR
tooltip FIFER
keywords TR H
annotation FRER
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linearasnode E1%

LRI A RAIARSE H ARG — e i AL 8 2[RI 92 MO8 R NS H Ao

X 137. linearasnode B

linearasnode J& 1 1H FAER )
target T fEE A BT,
inputs [field1 ... fieldN] ABER e FH ) T 2 S R
weight_field T AR F Y AT B
custom_fields brE A {EN TRUE,
intercept P& A 1EN TRUE,
detect_2way_interaction |fri& ERHENAAZH, BRAE{ES TRUE,
cin e F TR SR B A RGBS X (A,
EfEERT 0 H/NT 100 WYfE, shE(E
9 95,
factor_order ascending RN s HERE F, GREEN
ascending,
descending
var_select_method ForwardStepwise B REREE R TR, BLEERN
ForwardStepwise,
BestSubsets
none
criteria_for forward ste [AICC FH T N AR H s RN 38 52 N M
pwise BRI R RN RIS R BREER
Fstatistics AdjustedRSquare,
AdjustedRSquare
ASE
pin e R INE A/ N T S E pin 5
ERER/ p HAN, GREEN
0.05,
pout I BRERREAIP BA KT IHFSE pout
{HIY p (ERIEIRN, GREEN
0.10,
use_custom_max_effects PR T AE B A P FH B KRB 8, ik
H1H 9 FALSE,
max_effects e PUE F A R e F 0 B RN 28, ik

HEN 1,
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& 137. linearasnode B4 (£2)
linearasnode J&1: {11 JEPERGIA
use_custom_max_steps FRi& B EHEARTREL. hEEN
FALSE,
max_steps BF I RDAR I Z AT R AR TR, A
(EWO
criteria_for_best_subset |AICC BHERAMEH R, REEN
S AdjustedRSquare,
AdjustedRSquare
ASE
logregnode [E1%
Logistic [FIJA2—RhGiit 7775, ErIER A FBAVEXN ICRHIT K, BRI TN
" mH, (BRI B iR AR o,
EQU R wN ]
node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Log_reg Drug")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("logistic_procedure", "Multinomial")
node.setPropertyValue("multinomial_base_category", "BP")
node.setPropertyValue("model_type", "FullFactorial")
node.setPropertyValue("custom_terms", [["BP", "Sex"], ["Age"], ["Na", "K"]11)
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)
node.setPropertyValue("l_converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")
node.setPropertyValue("delta", 0.03)

# "Output..." section

node.setPropertyValue("summary", True)
node.setPropertyValue("likelihood_ratio", True)
node.setPropertyValue("asymptotic_correlation", True)
node.setPropertyValue("goodness_fit", True)
node.setPropertyValue("iteration_history", True)
node.setPropertyValue("history_steps", 3)
node.setPropertyValue("parameters", True)
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node.setPropertyValue("confidence_interval", 90)
node.setPropertyValue("asymptotic_covariance", True)
node.setPropertyValue("classification_table", Tzxue)
# "Stepping" options
node.setPropertyValue("min_terms", 7)
node.setPropertyValue("use_max_terms", True)
node.setPropertyValue("max_terms", 10)
node.setPropertyValue("probability_entry", 3)
node.setPropertyValue("probability_ removal", 5)

node.setPropertyValue("requirements", "Containment")
ZIEORAB
node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Cholesterol")
node.setPropertyVvValue("inputs", ["BP", "Drug", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", False)

node.setPropertyValue("model_name", "Log_reg Cholesterol")
node.setPropertyValue("multinomial_base_category", "BP")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("binomial_method", "Foxrwards")
node.setPropertyValue("logistic_procedure", "Binomial")
node.setPropertyValue("binomial_categorical_input", "Sex")
node.setKeyedPropertyValue("binomial_input_contrast", "Sex", "Simple")
node.setKeyedPropertyValue("binomial_input_category", "Sex", "Last")

node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("l_converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")

# "Output..." section

node.setPropertyValue("binomial output_display", "at_each_step")
node.setPropertyValue("binomial_goodness_of_fit", True)
node.setPropertyValue("binomial_iteration_history", True)
node.setPropertyValue("binomial_parameters", True)
node.setPropertyValue("binomial_ci_enable", True)
node.setPropertyValue("binomial_ci", 85)

# "Stepping" options
node.setPropertyValue("binomial_removal_criterion", "LR")
node.setPropertyValue("binomial_probability_removal", 0.2)

2 138. logregnode &%

logregnode J& 1t {11 JE PSR
target T Logistic [BJABAU TR — > HARZ B DA

NN T B AMERERM
WETE, AREZEE, HSHH
195 DRy TSt im0,

logistic_procedure Binomial

Multinomial
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& 138. logregnode B1% (4%)

E% (Difference)
Helmert

Repeated
Polynomial

Deviation

logregnode J&1: {11 JE PERGIA
include_constant PR
mode Simple
Expert
method Enter
Stepwise
Forwards
Backwards
BackwardsStepwise
binomial_method Enter
Forwards
Backwards
model_type MainEffects ¥ FullFactorial fE@E ARy
B, EIGEREE T, T
FullFactorial ARIBTT. MRl Enter 771,
Custom WEEEARIRANGE N Custom, [HAR
FeE E M B, LKA 3 R A
custom_terms [[BP Sex][BP][Age]]
multinomial_base_categor |/ e EWMIHESE L5,
y
binomial_categorical_inp |ZfFHE
ut
binomial_input_contrast [Indicator DEEANNEEY, AT
ER L,
Simple
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& 138. logregnode B1% (4%)

logregnode J&1: {11 JE PERGIA
binomial_input_category |[First XESEMANEZEEN, HTaEw
e =% 250,
Last
#rE (scale) None
UserDefined
Pearson
Deviance
scale_value b
all_probabilities PR
tolerance 1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
min_terms b
use_max_terms PR
max_terms b g

entry_criterion

P9 (Score)

LR
removal_criterion LR

Wald
probability_entry Her
probability_removal e
binomial_probability_ent |%{F
Ly
binomial_pzrobability_rem |[%{=

oval
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& 138. logregnode B1% (4%)
logregnode J&1: {11 JE PERGIA
requirements HierarchyDiscrete
HierarchyAll
Containment
None
max_iterations b S
max_steps e A
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
delta Br
iteration_history PR
history_steps b g
summary PR
likelihood_ratio T
asymptotic_correlation R
goodness_fit ) TV
parameters ) TV
confidence_interval B
asymptotic_covariance TS
classification_table TS

256 IBM SPSS Modeler 18.2.2 Python [iIA w1 H 511k 46



& 138. logregnode B1% (4%)

logregnode J&1: {11 JE PERGIA
stepwise_summary v
info_criteria PR
monotonicity_measures PR

binomial_output_display |at_each_step

at_last_step

binomial_goodness_of_fit |#ii&

binomial_parameters T

binomial_iteration_histo [#7&

ry

binomial_classification_ |fRiE
plots

binomial_ci_enable R
binomial_ ci b g
binomial_residual outliers

all

binomial_residual_enable |#ri&

binomial_outlier_thresho |%{=

1d

binomial_classification_ |#i=

cutoff

binomial_removal_criteri |LR

on
Wald
Conditional

calculate_variable_impor |#rd
tance

calculate_raw_propensiti |#Rid&
es

Isvmnode E1%

s T LM SRR (LSVM) 1T, SER] DUREUR D VA, TR EM G, LSYM
5 RAMER, HHAIDSRBEIRRESEM, flat & REICRIEIESE.,
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& 139. Isvmnode B4

1svmnode &1 {8 JE A
intercept bR ERRI R FEAEE, SR ER

True,

target_order Ascending fEE R BRHEE T, N T
ZLHFR, ﬂ%@ﬂﬁlttfﬁo RE(EN
Descending Ascendings
precision G 4 B bR B IR 9

Continuous WA, f8E5H
VIR BUBR MR S 280, /)
R0, MXERKHE, REEN
0.1,

exclude_missing_value |#r&
s

BEN True I, WRTMEAME
e, o FHERRIE S, BREER

False,

penalty_function L1

L2

fEE P AT R AR A, A
R L2,

lambda e

T (Bife) 28,

calculate_variable_im |#3iE
portance

XA AR 7 B A O R AR
IR IR TR — 5K R PR B PPAG
AR 43 Pt 0 2 B8 A A G B 2
Mo THER, MTREER R
PN R E R (Rl e B
HARGEN) AT RERR Z AL BRAT KN
A, KIEHREELT, s
BN SRR TR RS, &
B EEMANEN TRRYIRER,

neuralnetnode B4

T IR ATIOR IR AL 7 BA B SR DI RERI TR R 28 AT 5, FRREE B —11 (neuralnetwork) it
1T, RE AR AT DA I SCT A SRA AR X H b F oy, (BB TR RS IAA oA (R HThR A, X

HERE TIERTRRARRIEAE R S S %,
Nl

node = stream.create("neuralnet", "My node")
# "Fields" tab

node.setPropertyValue("custom_fields", Txue)
node.setPropertyValue("targets", ["Drug"])

node.setPropertyValue("inputs", ["Age", "Na",

## "Model" tab

node.setPropertyValue("use_partitioned_data", True)

node.setPropertyValue("method", "Dynamic")
node.setPropertyValue("train_pct", 30)

node.setPropertyValue("set_random_seed", True)

node.setPropertyValue("random_seed", 12345)
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("accuracy", 95)
node.setPropertyValue("cycles", 200)
node.setPropertyValue("time", 3)
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node.setPropertyValue("optimize",
# "Multiple Method Expert Options" section
node.setPropertyValue("m_topologies", "5 30 5;
node.setPropertyValue("m_non_pyramids", False)
node.setPropertyValue("m_persistence", 100)

"Speed")

2203, 1101

X 140. neuralnetnode B4

neuralnetnode J& 1% 8 JEPERIA
targets [field1 ... fieldN] “PEMLE” TRFE—DPHEZDER
FERUAK—PMEREZMMATER, (2
RN EFE, AXRXEZER, HS
[E25 195 TUHY TAHEE mE My &
i
method Quick
Dynamic
Multiple
Prune
ExhaustivePrune
RBFN
prevent_overtrain PR
train_pct Bz
set_random_seed ) v
random_seed g
mode Simple
Expert
stop_on Default 21775
Accuracy
Cycles
Time
accuracy wE Z 1 ERATE,
cycles B IR HA%L
time B IZRIRL (50 S
continue ) TV
show_feedback PR
binary_encode PRt
use_last_model PR

5513 & @ AR 259



R 140. neuralnetnode B% (&%)

neuralnetnode Ja 1H JRPERA
gen_logfile PR
logfile_name ZIFE
alpha e
initial_eta By
high_eta B
low_eta Br
eta_decay_cycles b g
hid_layers One
Two
Three
hl_units_one B
hl_units_two e
hl_units_three B
persistence BF
m_topologies FrFE
m_non_pyramids Fra&
m_persistence Hx
p_hid_layers One
Two
Three
p_hl_units_one B
p_hl_units_two e
p_hl_units_three e
p_persistence e
p_hid_rate PG
p_hid_pers e
p_inp_rate BF
p_inp_pers B
p_overall_pers b
r_persistence e
r_num_clusters bt
r_eta_auto PR
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R 140. neuralnetnode B% (&%)

neuralnetnode g1t {i JE PERGIA
r_alpha BE
r_eta b g
optimize Speed AT Esin m Ve E R 2N
o
Memozry
calculate_variable_impor [#ri& I HEMEUR T SeriikA Y
tance sensitivity_analysis @1, 1594
SEFIHENE, (HEEH
calculate_variable_importance
calculate_raw_propensiti |#RE
es
calculate_adjusted_prope |#rE
nsities
adjusted_propensity_part |[Test
ition
Validation

neuralnetworknode B4

A T TR R ) KA F A 7 S T R, R
ﬂ%r 1A A (DL T8 T A G 2 ) L ] BB B T E T2 T R T S TR AR
T U D ML SR AR AT D FC T YRR

N/l

node = stream.create("neuralnetwork",

# Build Options tab - Objectives panel
node.setPropertyValue("objective",
# Build Options tab - Ensembles panel

"My node")
"Standard")

node.setPropertyValue("combining_rule_categorical", "HighestMeanProbability")

3K 141. neuralnetworknode E%

neuralnetworknode Jg& 18 JBPEAA

targets [field1 ... fieldN] feE BhR7 o

inputs [field1 ... fieldN] A FH A AR B R

splits [field] ... fieldN faE— D EE TR BT B

use_partition

PR

MFEST X T B, MM A] R
PINER T DX R F A AR,

continue

P&

ARSI R R,
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3 141. neuralnetworknode B ¢5)

neuralnetworknode J&: H JE PSR
objective Standard psm AT AR KIS, FIN A
Server i%#,
Bagging
Boosting
psm
method MultilayerPerceptron

RadialBasisFunction

use_custom_layers v
first_layer_units B
second_layer_units ez
use_max_time TS
max_time G
use_max_cycles ) v
max_cycles PGS
use_min_accuracy PR
min_accuracy b g
combining_rule_categoric |Voting
al
HighestProbability

HighestMeanProbabilit
y

combining_rule_continuou |Mean
s
Median

component_models_n e
overfit_prevention_pct B
use_random_seed PR

random_seed b S
missing_values listwiseDeletion

missingValueImputatio
n

use_model name

boolean

model_name

FATE
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xr 141

. neuralnetworknode B4 (£2)

neuralnetworknode J& 1% & JE A

confidence onProbability

onIncrease

score
ties

_category_probabili |#i&

max_categories Bz

score

_propensity PR

use_c

ustom_name AN

custom_name FRFE

toolt

ip FATE

keywo

rds FrYE

annotation FRFER

questnode 1%

QUEST 15 s IR AL F TR DR SRR B — o 0 381K, T IR H B2 DR C&R

'.:,"JQ:# P AT AR RO AL R TR, (R RR DAE 72 25 TR R R BRI S DL SR R P 21

N/l

node

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

TEIREA. MATERAI RS EE (28 , HENRFEROIZDE, rE0H
#ZE—IThY,

= stream.create("quest", "My node")
setPropertyValue("custom_fields", Txue)
setPropertyValue("target", "Drug")
setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
setPropertyValue("model_output_type", "InteractiveBuilder")
setPropertyValue("use_tree_directives", True)
setPropertyValue ("max_surrogates", 5)
setPropertyValue("split_alpha", 0.03)
setPropertyValue("use_percentage", False)
setPropertyValue("min_parent_records_abs", 40)
setPropertyValue("min_child_records_abs", 30)
setPropertyValue("prune_tree", True)
setPropertyValue("use_std_err", True)
setPropertyValue("std_err_multiplier", 3)

& 142. questnode [B%

questnode J&1k {[1 JETEHIA

target =421 QUEST #AIFTEZH — N IR FEB AR —1

W MANTE. R DHEERT
B, AXEZEE, ESHE 195 11
PSR Py T,

conti

ng_model

nue_training_existi |frE
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& 142. questnode B4 (4%)

questnode J& 1k {11 JEPERGIA
objective Standard psm AIFARRAMSIRE, FNFE
Server J&E#%,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives R
tree_directives FIFER
use_max_depth Default
Custom
max_depth R BAPHAEM 0 #1000, HTE
use_max_depth = Custom K,
prune_tree PRk BBk, DUBRI LA,
use_std_err PR HHRANRZE FRERZE)
std_err_multiplier ez BARZEE,
max_surrogates G AT,
use_pezrcentage PR
min_parent_records_pc b g
min_child_records_pc b S
min_parent_records_abs Bz
min_child_records_abs Bz
use_costs PR
costs structured ERLIE 1,
priors Data
Equal
Custom
custom_priors structured SERLETE,
adjust_priors ) TV
trails 2 F Tt s H AL 4 A5
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& 142. questnode B4 (4%)

questnode J& 1k {11 JEPERGIA
set_ensemble_method Voting SR EARRIERE & F R,
HighestProbability
HighestMeanProbabilit
y
range_ensemble_method Mean ESE HARIERE S IR,
Median
large_boost Fra& POE| S NOE €T I VAL 55 N
split_alpha Bz T B0 T K,
train_pct G ikt IR,
set_random_seed R =kl S
seed b
calculate_variable_impor |#rd
tance
calculate_raw_propensiti |#Rid&
es
calculate_adjusted_prope | i
nsities
adjusted_propensity_part |Test
ition
Validation
randomtrees E1¥
Wom “BEHL” T RSRIT A C&RT T (H2, “FEHLNT 1R BE7EAHR %L AR
,’, M, FFAE SPSS Modeler V17 IV HH BB 2P BRI, “BEAL

BT R 2B R AT DO AR SR MMEL A T N Bl 0 A DR . JE A DD BRI R
MREEREACASIE L, TR EERDNE T 7 XA IIZRIL R D EIN 2 DB, IR P
R EMMEEE T BRI —NMEERA], IRARARIZT Ahats, H

PR T B ] DUB BB s K (X, AFPEitng

(B FIAMADTEH) o

s FTE &I ZIe0#

X 143. randomtrees B

randomtrees &k &

target T £ “FEAUR” 95, SRARITEERAE
PRI — 2 NN TFBL, 1ER]
PHEEMBRTE, AXEZER, ES
58 195 Tify TNy @y

number_of_models B T B R R A R A R AR
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R 143. randomtrees B (%)

randomtrees JE 1 {11 JEPERGIA
use_number_of_predictors |#i& el ey s
number_of_ predictors,
number_of_predictors £ FRE FEA A o3RRI 8 F A T A
=2
use_stop_rule_for_accura |#ri& WRE TEHERATETCIEAR N 2 5 LAY
cy a8
sample_size B (B INHAB P DASE i A B EE R EE A8 B P Y
PERE,
handle_imbalanced_data |#ri& AR B AR R REE RIPRESE R, I
HirRER SRR LLRARE
N, IR BHE R AT E I EAREfy
PHATHY Bootstrap SRAF Al = REMaE A
FEWRE. Jo AR, DA
BRI R It 75 445 SR A Y 5E K BB 70 5
AR R iR K AR,
use_weighted_sampling Fr& N False B, AN SAAE B AR —
MERBENIHEA TR, N True I, SAHAR
AT RN HAARIE R
max_node_number B FRVFE MR ETE R RR T S8 G
TR BINRekEt A, ARG
KIEZ IR,
max_depth B PG A (2 A B KRR,
min_child_node_size L HENR 7 T R G 7710 R EE
A/ NEFE, NRT T RESHIER
BOTHAMEENEE, AT
A AL
use_costs ) v
costs structured gitfeEtE. X2l 3 MEHRHS
%o WhME. WIMERARA QnSR A
FHR) o folan:
tree.setPropertyValue("costs",
[["drugA", "drugB", 3.0], ["drugX",
"drugY", 4.0]])
default_cost_increase none AN BARE A,
linear B AR P R AR A {E
square
custom
max_pct_missing I

W SRAT A N AR IAE P 5 1 53 beiid
A ERIME, BRZEHERRERIA. &
/MBS 0, FKIEN 100,
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R 143. randomtrees B (%)

randomtrees g & JE A
exclude_single_cat_pct B WRENRAER RIC R E o s T

AR RIME, ARG WA EE
PREDNTEL BUIMEN 1, BRKEN
99,

max_category_number B R B A RBIEGE T IHE, B2
MAEBIE R HERR LB, /MBS
2,

min_field_variation ey REENES T BRI R R BUNT I
{H, 2R MR AR HERR I 5 B

num_bins B (S Hlis B S NI A (. 1%
EEM TR EIREL; Ty
2, 4, 5, 10, 20, 25, 508 100,

topN integer FeE B S HIRNIE &, BREEN 50,
B/IMEN 1, H&AMEH 1000,

regressionnode B1¥
- £ P2 —AE I LA BB PASSEC R R I p @ it 7k, Enlfd
B PO AN SEBRda HE < [ B9 25 S MK

TE: FEASRBYEATRRS,  “[IA7 Ry "Gt e A TEBUE MBI TR S T4k
PRI,

Nl

node = stream.create("regression", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_weight", True)
node.setPropertyValue("weight_field", "Dxrug")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Regression Age")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping_method", "Probability")
node.setPropertyValue("probability_entxy", 0.77)
node.setPropertyValue("probability_removal", 0.88)
node.setPropertyValue("F_value_entry", 7.0)
node.setPropertyValue("F_value_removal", 8.0)

# "Output..." section
node.setPropertyValue("model_fit", True)
node.setPropertyValue("r_squared_change", True)
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node

.setPropertyValue("selection_criteria", True)
node.
node.
node.
node.

setPropertyValue("descriptives", True)
setPropertyValue("p_correlations", True)
setPropertyValue("collinearity_diagnostics", True)
setPropertyValue("confidence_interval", True)

node.setPropertyValue("covariance_matrix", True)
node.setPropertyValue("durbin_watson", True)
& 144. regressionnode B
regressionnode &1k {H JE RS IR
target TE [l A 3 — A E R B A — ek
2T B, JER] S ENET L,
AREZER, EZMHE 195 K T
BT RN TR
method Enter
Stepwise
Backwards
Forwards
include_constant T
use_weight ) v
weight_field T
mode Simple
Expert
complete_records PR
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2 144. regressionnode B4 (4%)

regressionnode J& 1k {11 JEPERGIA
tolerance 1.0E-1 BEREANG 5K B REER,
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method useP useP: #fH F HUMER
useF useF: i F1E
probability_entzry Bz
probability_removal b
F_value_entry b
F_value_removal B
selection_criteria PR
confidence_interval T
covariance_matrix ) v
collinearity_diagnostics |#ri&
regression_coefficients |#r&
exclude_fields PR
durbin_watson PR
model_fit TS
r_squared_change ) v
p_correlations ) TV
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7 144. regressionnode [B1% (£2)

regressionnode J& 1k {11 JEPERGIA

descriptives ) TV

calculate_variable_impor |#rd
tance

sequencenode B1¥

FEA 5 s PR IR SRR 5 I TR SR B TR RO IR, el — R AIARES L

| AT kiﬂﬁlﬁﬁmm figan, —ANESE T RIS K R FTRETE SO Y)
NSERIAUE . FPHITT BT CARMA SKERRINERTE, B R — MM g
7T EERFS,

NGl
node = stream.create("sequence", "My node")

# "Fields" tab

node.setPropertyValue("id_field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("use_time_field", True)
node.setPropertyValue("time_field", "Datel")
node.setPropertyValue("content_fields", ["Dxug", "BP"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Sequence_test")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("min_supp", 15.0)
node.setPropertyValue("min_conf", 14.0)
node.setPropertyValue("max_size", 7)
node.setPropertyValue("max_predictions", 5)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("use_max_duration", True)
node.setPropertyValue("max_duration", 3.0)
node.setPropertyValue("use_pruning", True)
node.setPropertyValue("pruning_value", 4.0)
node.setPropertyValue("set_mem_sequences", True)
node.setPropertyValue("mem_sequences", 5.0)
node.setPropertyValue("use_gaps", True)
node.setPropertyValue("min_item_gap", 20.0)
node.setPropertyValue("max_item_gap", 30.0)

2 145. sequencenode B14%

sequencenode J&1: {11 JEPERGIA

id_field TE LR HIRINEE, I ZHEE—hn

IRF B AR — AR Rl 2B, PAK
*’PEE%’I\W%??EQO ANEE IR 7B
IR T B, AXREZER, HESHE
195 TRy Tty stk E

time_field TE
use_time_field PR
content_fields [field1 ... fieldn]
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& 145. sequencenode B1% (4%)
sequencenode J& 1 {11 JEPERGIA
contiguous ) T
min_supp ¥z
min_conf B
max_size v
max_predictions Bz
mode Simple
Expert
use_max_duration ) v
max_duration b
use_gaps Frk
min_item_gap b g
max_item_gap B
use_pruning TS
pruning_value Bz
set_mem_sequences ) v
mem_sequences B
slrmnode B1%
:..ﬂ E?gggtﬁ%ﬁgsml\g ﬁ?,ﬁiﬂﬂ?M@;ﬁ@?%T%ﬁ%)ﬂiﬂﬂﬁﬁg&ﬁ%@mﬂlﬂﬁ\l?’\ﬁ;‘i
" R, @AY o AR N AR T BRI SRR RO AR A T B DA
aN]|
node = stream.create("slxm", "My node")
node.setPropertyValue("target", "Offer")
node.setPropertyValue("target_response", "Response")

node.setPropertyValue("inputs", ["Cust_ID", "Age", "Ave_Bal"])

K 146. sirmnode B
slrmnode &1k I JE A

target E42Y H bR T B Iie 4 7B abrs 7B
A DIEEMBRTH, AXEZEE,
HSHE 195 T MAHERET B

target_response =AY e b Y T

continue_training_existi |#i&
ng_model
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K 146. slrmnode B (&)

slrmnode J& 1 {i JE A

target_field_values T Use all: f#HRBIRI2HE,

Specify: EFEATFRAVE,

target_field_values_spec |[field] ... fieldN]

ify

include_model_assessment |frE

model_assessment_random_ | %% AT SEEL
seed

model_assessment_sample_ | %% AT S
size

model_assessment_iterati | IEAREL
ons

display_model_evaluation |#i&

max_predictions b
randomization b
scoring_random_seed B
sort Ascending FEE B BRI o i m i 2 i (AR
s
Descending
model_reliability PR

calculate_variable_impor |#3id
tance

statisticsmodelnode B4

—~ Statistics fT S RRENSIEIT I T4 A PMML ] IBM SPSS Statistics idF2 53 #7 #ll
7] REFREEE, T A FE S IBM SPSS Statistics HYF AT EIA,

BRETEEENEE, ESME 384 WY [statisticsmodelnode JEMEJ .

stpnode B1¥
P N Z3[A)- I RIF (STP) W E S A EEIE, Ml A7 (B E) | IEFER
‘*’ M B FENEE. B M EESIRTAAETFZ2(T, RETERRE I MNERESD
I ERE, T8RS, BT AR AR R 534 w5 FH B T IR B N = AL
B EARMES,

& 147. stpnode B 1%

stpnode J& 1k BmIon JEPERGIA
FRUETR
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2 147. stpnode B4 (42)

stpnode J& 1k BmIo JEPERGIA
target FE It BART B
location FE BRI BT, A VE A s
EEIE
location_label FE X R R TP A R FER,
FTFHRIE location HIERERIfL
=
time_field £ BRI 7R, HAERER
BN ER) 7B, I BAFERELL
L [ETI = B2 N 151 A TR
E
inputs [field1 ... fieldN] W AFERIFIR,
I ) FR) B T+~
interval_type_timestamp Years
Quarters
Months
Weeks
Days
Hours
Minutes
Seconds
interval_type_date Years
Quarters
Months
Weeks
Days
interval_type_time Hours PRGN STP AT H AN E RS
N R R 8 KRB
Minutes
Seconds
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2 147. stpnode B4 (42)

(XBRITRIR G 7B, BEf7

fi#)

stpnode J& 1k BmIo JEPERGIA
interval_type_integer Periods BB A B L R S (R R B, AT

FARERR BT IR oA A
time_field WFERITEMERAY,

period_start

£3

start_month

January
February
March
April
May

June
July
August
September
October
November

December

RRALRIT AR AT 25 [HIEELa A
(Bilan, anREIiLEN =1, {2
BAREE — Kl N—A, B4
AR BRI AT SR IC S =H
AR S

week_begins_on

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday

Saturday

STP ARFEEIE A A T R 5 | A
=

/YN0

days_per_week

L2

s/AMEN 1, BAEN 7, WBEN
L
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2 147. stpnode B4 (42)

stpnode J& 1k BmIo JEPERGIA
hours_per_day B PRILE R R 5 BN 8, iR
LIS E N 10, ARZAEELE
day_begins_at IRITFEET R
SRS 10 VI, REBKES
day_begins_at {HPLEII R—1
(EE =N
day_begins_at 00:00 [acn i uioi i avac G aUENIN)
(=
01:00
02:00
03:00
23:00
interval_increment 1 I3 BB e, I
TE T ERRIE AR O R 5 1AL
2 B, K, 7EXEN 30 I HiHE
EIRFRRECAFO RSN R, BEUE 30
3 OIRIEEdRE IR — N RE,
4
5
6
10
12
15
20
30
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2 147. stpnode B4 (42)

stpnode J& 1k BmIo JEPERGIA
data_matches_interval T/R1E WERIZEN N, ABAMNEAEEIH
interval_type FFE A F EEA
RIFTHT,
WRHHEE A ERFIE, IFE
interval_type PANAEAAIFHE%
EHE5HIEILAL, ARG R i E
J9°Y °] DARH 1B ety S,
Bt E N Y MRS
EAlach
agg_range_default Sum IEIRPE F T s B & LS
Tk, R SEEHICEHT
Mean P 1E S B F A e Y 7
BT
Min
Max
Median
F— DI
F=NU9U

custom_agg

[[field, aggregation
method], []..]

TR

[['x5'

'"FirstQuartile']['x4'’

SERgIb
JIAZEL: custom_agg
Bilgn:

set :stpnode.custom_agg =

"Sum']] [
[fieldl function]
[field2 function]
]
Hrp function BES5ZFRAELS
e FH T IS BRI £
FARET
include_intercept PR
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2 147. stpnode B4 (42)

stpnode J& 1k BmIo JEPERGIA
max_autoregressive_lag HORh w/MEN 1, &KRENS, HEEN
1o IR PR AR 55 Y SR D SR
. K, WRIEEN S, MoK
SR 5 S&iC SR Ol EH i,
IEAMRAEA B R TE E Y10 A
EIEREA, R H P TEFREN
SR T 1P 73 N F AR B AR
estimation_method Parametric FHTF 5 22 R Py 2250 R A T AR
Titke
Nonparametric
parametric_model Gaussian Parametric Z3[EPH 7T ZEBIHIH
Exponential
PoweredExponential
exponential_power B PoweredExponential AR
ol w/AMEN 1, mKEN 2,
[ aualig S
max_missing_values B AR RV AT E R IC P S
MK E 57 b
significance G FE ) R BB AG 56 P . 3 1K
o FEE STP AL A A E A5
(RFER LS LR R, RN F
fege M ARE T ) A9,
LAl S
model_specifications PRi&
temporal_summary PR
location_summary bR e “PIEHE” REE ISR
g,
model_quality bri&
test_mean_structure I
mean_structure_coefficients |#RE
autoregressive_coefficients [#rE
test_decay_space ) v
parametric_spatial_covarian |#rE
ce
correlations_heat_map PR
correlations_map PRt
location_clusters ) AV
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& 147. stpnode B1% (42)
stpnode J& 1k BmIo JEPERGIA
similarity_threshold B XE—EE, REHEEG, A
R AR, &I
=5
max_number_clusters B A ARG AR A A Y P O SR 22 H
= BR,
BRI e 1
use_model_name R
model_name FrFER
uncertainty_factor Bz B/AMEN 0, BRAMEN 100, RE
R T ARIMEATENE (55
3R WK, B _ LR
R,
svmnode [E1%
o (PSRRI (SVM) 52, AT DMSEURA ], MEFITAERIG, SVM AT DL 58
SR BIRERL G, HlanAse & A K N\ TRV BIEE,
il
node = stream.create("svm", "My node")
# Expert tab
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("kernel", "Polynomial")
node.setPropertyValue("gamma", 1.5)
K 148. svmnode B
svmnode &1k {[E1 Je Pk e
all_probabilities T
stopping_criteria 1.0E-1 T I R BTE
1.0E-2
1.0E-3 (default)
1.0E-4
1.0E-5
1.0E-6
regularization ¥ HFRH C 2EL,
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K 148. symnode B% (42)

svmnode )&k 18 JE P LA
precision &S A4 B bR BB
Continuous A,
kernel RBF (Ht&) F T 2B Y INAZ R BRI 2R Y,
Polynomial
Sigmoid
Linear
rbf_gamma e {XAE kernel &y RBF W f#
gamma S {N1E kernel & Polynomial 5
Sigmoid WA,
bias B
degree S {NTE kernel & Polynomial K

i,

calculate_variable_im |#rE
portance

calculate_raw_pzropens |fr&
ities

e
calculate_adjusted_ PR

propensities

adjusted_propensity_p |Test

artition
Validation
tcmnode E1%
I ) (R SR A 2 A TS TR P B R R U GBI SRR R, TEN RIALSR s, 1845
Uhi —HEHFY, IHtEEXE RN —HIRERm A, Aa, HEEAEDNEREEA R
AN VAR R AR 3 HANEFEARLE 5 HFRAY R SR 2% R 0 B AT
& 149. tcmnode B4
tcmnode Jg@ 1% & JE A
custom_fields /R
dimensionlist [dimension1 ... dimensionN]
data_struct Multiple
Single
metric_fields fields
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& 149. tcmnode B (82
tcmnode J& Tk {11 JEPERGIA
both_target_and_input [f1... fN]
targets [f1... fN]
candidate_inputs [f1... fN]
forced_inputs [f1... fN]
use_timestamp Timestamp

Period
input_interval None

Unknown

Year

Quarter

Month

Week

Day

Hour

Hour_nonperiod

Minute

Minute_nonperiod

Second

Second_nonperiod
period_field FIFE
period_start_value L
num_days_per_week I
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X 149. tcmnode B4 (£2)

tcmnode J& 1%

{H

JE A

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday

Saturday

num_hours_per_day

B

start_hour_of_day

B

timestamp_increments

£

cyclic_increments

E8

cyclic_periods

LIES

output_interval

None

Year

Quarter

Month

Week

Day

Hour

Minute

Second

is_same_interval

Same

Notsame

cross_hour

fi/RME

aggregate_and_distribute

IES
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X 149. tcmnode B4 (£2)

tcmnode Jg@ 1k {i JE PR

aggregate_default Mean
Sum
Mode
Min

Max

distribute_default Mean

Sum

group_default Mean
Sum
Mode
Min

Max

missing_imput Linear_interp
Series_mean
K_mean
K_meridian

Linear_trend

None
k_mean_param R
k_median_param R

missing_value_threshold |#&%g

conf_level B
max_num_predictor L
max_lag I
epsilon e
H{E (threshold) B
is_re_est f/RME
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X 149. tcmnode B4 (£2)

tcmnode JE 1k 1H JRPERA
num_targets BHL
percent_targets Lo
fields_display B
series_display VB
network_graph_for_target |7fi/R{E
sign_level_for_target Bz
fit_and_outlier_for_targ |fi/R{EH
et
sum_and_para_for_target |#i/RIEH
impact_diag_for_target h/R1E
impact_diag_type_for_tar [Effect
get
Cause
Both
impact_diag_level_for_ta |#Z&¥{
rget
series_plot_for_target fi/R{E
res_plot_for_target /R (E
top_input_for_target /R {E
forecast_table_for_targe |fi/R{E
t
same_as_for_target fi/R1E
network_graph_for_series |ffi/R{E
sign_level_for_series B
fit_and_outlier_for_seri |7FE/RIE
es
sum_and_para_for_series |#i/RIEH
impact_diagram_for_serie |fi/R{E
s
impgct_diagram_type_for_ Effect
series
Cause
Both
impagt_diagram_level_for R
_series
series_plot_for_series /R {E
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X 149. tcmnode B4 (£2)

tcmnode Jg@ 1k {i JE PR
residual_plot_for_series |fi/R{E
forecast_table_for_serie |7i/RIE
S
outlier_root_cause_analy |fi/RIE
sis
causal_levels R
outlier_table Interactive
Pivot
Both
TMSp_error fi/R{E
bic /R
r_square /R {E
outliers_over_time fHi/RIE
series_transormation fi/R1E
use_estimation_period fi/R{E
estimation_period Times
Observation
observations VIEs
observations_type Latest
Earliest
observations_num Lo
observations_exclude Lo
extend_records_into_futu | fi/R{E
re
forecastperiods R
max_num_distinct_values |#&¥
display_targets FIXEDNUMBER
PERCENTAGE
goodness_fit_measure ROOTMEAN
BIC
RSQUARE
top_input_for_series fi/R{E
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X 149. tcmnode B4 (£2)
tcmnode Jg@ 1% & JE A
aic /R1E
rmse H/R1E
ts B1%

o ISP TRI R 2T A BN TR R A B R T B A AR & B BB S B3 FHE
(ARIMA) #RUFIZ 45 & ARIMA (BIZRHepR ) BB FFA4 AR ERE R FMIEE, 1t
“DFRIFEA” 5 52581 TF SPSS Modeler VA8 HRANHETE(E FHRYSCET “IHEFES” 5 Mo
B2, s “BHR/EA” 15 M S 7EFH IBM SPSS Analytic Server FURE 1 SRALEE K
KiE, FAE SPSS Modeler V17 FshNAHIHI 25 g8 b TR AR A RRY,,

& 150. ts B

ts JETE 1 JaPEA

targets T “IN TR 5 AT DA
M—"4 ez~ B8R, AJRA
EEEH— e M A
FEAF AL &, ML
RN ET B, AX
HEZER, HZMHE 195
DS IVAPES =Y S

candidate_inputs [field1 ... fieldN] AEERY P {58 FH B A\ B
LT,

use_period ) TV

date_time_field FE
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® 150. ts B &)

ts @tk

1

JE A A

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second

Second_nonperiod

period_field

FE

period_start_value B
num_days_per_week B
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day B
start_hour_of_day B
timestamp_increments B
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® 150. ts B &)

ts @tk

1

JE A A

cyclic_increments

B

cyclic_periods

LIES

output_interval

None

Year

Quarter

Month

Week

Day

Hour

Minute

Second

is_same_interval

PR

cross_hour

PR

aggregate_and_distribute

LIES

aggregate_default

Mean

Sum

Mode

Min

Max

distribute_default

Mean

Sum

group_default

Mean

Sum

Mode

Min

Max
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® 150. ts B &)

ts J@tk H JR YRR
missing_imput Linear_interp
Series_mean
K_mean
K_median
Linear_trend
k_span_points B
use_estimation_period ) v
estimation_period Observations
Times
date_estimation WIS AEAEH
date_time_field HfAJ
H
period_estimation 5|2k {XHEMEF use_period
AT
observations_type Latest
Earliest
observations_num B
observations_exclude I
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal PR
detect_outliers PR
expert_outlier_additive PR
expert_outlier_level_shift R
expert_outlier_innovational PR
expert_outlier_level_shift ) AV
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® 150. ts B &)

ts J@tk H JE AR
expert_outlier_transient ) v
expert_outlier_seasonal_additive PR
expert_outlier_local_trend PR
expert_outlier_additive_patch PR
consider_newesmodels ) TV
exsmooth_model_type Simple feE “fEECEET ik
FREMEN Simple,
HoltsLinearTrend
BrownsLinearTrend
DampedTzend
SimpleSeasonal
WintersAdditive

WintersMultiplicativ
e

DampedTrendAdditive

DampedTrendMultiplic
ative

MultiplicativeTrendA
dditive

MultiplicativeSeason
al

MultiplicativeTrendM
ultiplicative

MultiplicativeTzrend
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& 150. ts B (52)
ts JETE 1H JR YRR
futureValue_type_method Compute IS Compute, F
_ LERGH RGN &
specify AITRINEAR) “ARRAE”
XTI E, &R
DA BRI B9 R Fh A 7124
(ZH. RIS
RILE) , S/
specify AFahA
fH, ZHERNFERAE
M, EEH
extend_metric_value
s J@tk, flan:
set :ts.futureValue_t
ype_method="specify"
set :ts.extend_metric
_values=[{'Market_1',
"USER_SPECIFY',
[1,2,31%,
{'Market_2', 'MOST_REC
ENT_VALUE', ''%,
{'Market_3', 'RECENT_P
OINTS_MEAN', ''%]
exsmooth_transformation_type None
SquareRoot
NaturallLog
arima.p B
arima.d B
arima.q B
arima.sp L
arima.sd B
arima.sq B
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant ) v
tf_arima.p. fieldname B F T 46480 R
tf_arima.d. fieldname B F T 56 0 bR £
tf_arima.q. fieldname B FA T4 bR £
tf_arima.sp. fieldname B F T 46480 R
tf_arima.sd. fieldname B F T 56 #0 bR 52
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® 150. ts B &)

ts @tk 1H JEPERIA
tf_arima.sq. fieldname B F T 564 R £
tf_arima.delay. fieldname B F T 4640 bR 52
tf_arima.transformation_type. None FH T LR 5,
fieldname
SquareRoot
Naturallog

arima_detect_outliers PR
arima_outlier_ additive PR
arima_outlier level shift PR
arima_outlier_innovational PR
arima_outlier_transient PR
arima_outlier_seasonal_additive ) v
arima_outlier_local_trend PR
arima_outlier_additive_patch R
max_lags B
cal_PI PR
conf_limit_pct real
events fields
continue TV
scoring_model_only Frk HTasgkaE &) i

[ PP 2 AR
forecastperiods B
extend_records_into_future ) AV
extend_metric_values fields FEVFIE TGS 4R R

KA,
conf_limits PR
noise_res PR
max_models_output B F Tl b P B R AR

T H, BRI
10, UISRHERIBITLE A
UL, AALBERS
ERTERt, BT
TS

5513 & @Y AR 291



timeseriesnode B (FHEF)

o e R IR
m)

Nl

19 5AE SPSS Modeler V18 HELREFER, JF H&# N ELE
FF IBM SPSS Analytic Server HYRE 1 HAEBRAREARRIHT “BSEFHI” 15 5,

I TR 0 (T TR P A R S P it L, Bar & B (AR SR8 - 19(E
(ARIMA) tRAIRI 245 8 ARIMA  (BIZSHRpRE0) R, FFAERASRIERERITIINELE, £
NS 18] 19 s Z RTA 200 IR TR TRI RS 79 o

node = stream.create("timeseries", "My node")

node.setPropertyValue("method",

node.setPropertyValue ("exsmooth_model_type",

"Exsmooth")

"HoltsLinearTrend")

node.setPropertyValue ("exsmooth_transformation_type", "None")
& 151. timeseriesnode /&%
timeseriesnode g1k {1 JEPERGIA
targets FER “ISHIEN B 15 AT AT
M—"eZEbR, AIEA
JEFEFEA — P MR
FERAE AT &, A
AR E TR, AKX
HZEE, ESHE 195
DU T e
continue ) v
method ExpertModeler
Exsmooth
Arima
Reuse
expert_modeler_method PR
consider_seasonal VR
detect_outliers PR
expert_outlier_additive ) v
expert_outlier_level_shift ) IV
expert_outlier_innovational PR
expert_outlier_level_shift Rt
expert_outlier_transient PR
expert_outlier_seasonal_additive PR
expert_outlier_local_trend ) v
expert_outlier_additive_patch ) IV
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R 151. timeseriesnode B (&

timeseriesnode J&: H JE AR
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTzrend
SimpleSeasonal
WintersAdditive
WintersMultiplicativ
e
exsmooth_transformation_type None
SquareRoot
NaturallLog
arima_p B
arima_d I
arima_q B
arima_sp T
arima_sd T
arima_sq B
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant PR
tf_arima_p. fieldname B F TR 5L
tf_arima_d. fieldname B F TR 5L
tf_arima_q. fieldname B F T 564 bR £
tf_arima_sp. fieldname B F T 461 bR £
tf_arima_sd. fieldname B F TR 5L
tf_arima_sq. fieldname B F T 564 bR £
tf_arima_delay. fieldname B F T 461 bR £
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% 151. timeseriesnode B (%
timeseriesnode JE1%: 1H JR YRR
tf_arima_transformation_type. None FH T H R
fieldname
SquareRoot
NaturallLog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive PR
arima_outlier level shift PR
arima_outlier_innovational ) AV
arima_outlier_transient ) v
arima_outlier_seasonal_additive ) v
arima_outlier_local_trend PR
arima_outlier_additive_patch R
conf_limit_pct real
max_lags B
events fields
scoring_model_only FRi& MATaERkE Eo)
[ F A1 AR
treeas B4

~ Y  AS TR LT IA I CHAID 9 55; {HJZ,  “BF AS” 7l B TEAL IR & e DA B
/]{bb B, FF1E SPSS Modeler V17 HEINHFI I AR s on A AR, It midEd
FEFRT7GE (CHAID) RIFAIRIAR 7>, MMmARERHM . Xt CHAID HYIX — I A] 4=
BRARZTTh, RIREREAR P EAMNADLLER S, Birfim A Bl UZ 8
(&8 553K, Exhaustive CHAID /& CHAID HIBIERR, BRI FTA 73 HIH 751
JERAREE, (BRI A R,

K 152. treeas B

treeas @tk H JEPEHGIA

target FE, 1£ Tree-AS i fifh, CHAID AT M
N EHARF— N Z NN T, AT DA
TREMRTE, BXEZER, E2H
85195 Tl PR MEME)
;E@O

method chaid

exhaustive_chaid
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K 152. treeas B4 (&2

treeas @1 {i JE PR

max_depth B BRAPHAE (M0 F|20) ., HREEN
50

num_bins T YR IES A NH RN A, %
BEHT AN E; 10N
2. 4. 5. 10, 20. 25. 505100,

record_threshold ELe54 IO, TEIREIHEEE O N e
PRI RIS A p AEL DT R 08K
/N, BEEEN 1,000,000; TEREE
10,000 K K/

split_alpha BT SEIEENIKE, ZELFNT 0.01
10.99 Z[H],

merge_alpha Hr IR EMKE, ZELHNTF 0.01
10.99 Z[H],

bonferroni_adjustment bR {# F Bonferroni (1A% TE M1,

effect_size_threshold_co |¥F WEEMAHES HnR T RS

nt HII IR R NBIE, (BT
0.01 %1 0.99 Z [,

effect_size_threshold_ca | (% BB 22K B R T ARE A

t RN R NBE, IZE AN T 0.01
F10.99 ZJdl,

split_merged_categories |[#ri& SRS FERIR AT R E,

grouping_sig_level e FH TR QAT R s el s iR 1] =
Y R

chi_square pearson XERATIHERFSRITN T

likelihood_ratio

Pearson BiCIZA LL

minimum_record_use

use_percentage

use_absolute

min_parent_records_pc B HEERN 2, B/MEN 1, BKEN
100, HEHN 1, Koy XfENHET T
Ko

min_child_records_pc e BEEN 1. &AMEN 1, &KREN
100, HEH 1,

min_parent_records_abs ez BE{E N 100, B/AMEN 1, BAEN
100, HEN 1. RO SUEBHE T 70
o

min_child_records_abs B BEE N 50, BAMEN 1, BKREN
100, HEH 1L,

epsilon G HAEE BT AR N B N AEL

max_iterations e Wl R B ROIEARIRE

use_costs VA
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R 152. treeas B (52)

treeas g1t & JE A
costs structured girte e, M2 3 MEH R

R KBME, PIMEMBA QIR A
HHiIR) o flan:

tree.setPropertyValue("costs",
[["drugA", "drugB", 3.0], ["drugX",

"drugY", 4.0]])
default_cost_increase none T W B R,
linear VB AR T R (L
square
custom
calculate_conf v
display_rule_id pRat RS AR — 2R, RED

ISR BC R A28 19 RATAR I

twostepnode & 1%

N/l

node

node.
node.

node

node

TwoStep 1 REH —HEIRETTE, B Dre im0, DR AR AR
MNP EERTREES, BoPHARRRETTER FRE P EHNERE
2K, TwoStep BA— /MUK, WUZRER NIIZREIRE B ol B EREE, erl &
ROAC R & 17 B AR U R R R

= stream.create("twostep", "My node")
setPropertyValue("custom_fields", True)
setPropertyValue("inputs", ["Age", "K", "Na", "BP"])

.setPropertyValue("partition", "Test")
node.
node.
node.
node.
node.
node.

setPropertyValue("use_model_name", False)
setPropertyValue ("model_name", "TwoStep_Drug")
setPropertyValue("use_partitioned_data", True)
setPropertyValue("exclude_outliers", True)
setPropertyValue("cluster_label", "String")
setPropertyValue("label_prefix", "TwoStep_")

.setPropertyValue("cluster_num_auto", False)
node.
node.
node.

setPropertyValue ("max_num_clusters", 9)
setPropertyValue("min_num_clusters", 3)
setPropertyValue("num_clusters", 7)

& 153. twostepnode B1%

twostepnode J& 1k {11 JEPERGIA
inputs [field1 ... fieldN] TwoStep BRI ik N FELIFIER, H

AMERTEAR. AR 7 B 5
B, BXREZEE, ESHE 195 1T
PSR s P T

standardize ) AR
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& 153. twostepnode B (£2)
twostepnode J& 1k {11 JEPERGIA
exclude_outliers PR
percentage b g
cluster_num_auto PR
min_num_clusters b S
max_num_clusters Bz
num_clusters Bz
cluster_label String

HF
label_prefix FIFER
distance_measure Euclidean

Loglikelihood
clustering_criterion AIC

BIC

twostepAS B1%

CTHERR B MARTA, HTETREEETEANIENERH (AR
K)o WEIBREHNREEG Z N ANERIESE B AR TERARERK, flanitetrk
FESAR R, RABE R B g U A R,

& 154. twostepAS B1%

twostepAs J& Tk 1" JEPERGIA
inputs [f1 ... fN] TwoStepAS {5 F—%1]

MATE, AR ER
FEBL ANHBIET BRI

R
use_predefined_roles Ve BLUAE N True
use_custom_field_assignments i/RME B (BN False
cluster_num_auto fi/R1E TRBEH True
min_num_clusters integer B ER 2
max_num_clusters integer HEER 15
num_clusters integer BREEAN 5
clustering_criterion AIC

BIC
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& 154. twostepAS B4 (£2)

twostepAS J& 1k H JE PERIA
automatic_clustering_method use_clustering_criterion_settin
g

Distance_jump
=ZNE

BRAME (Maximum)

feature_importance_method use_clustering_criterion_settin

g

effect_size
use_random_seed T/R1E
random_seed integer
distance_measure Euclidean

Loglikelihood
include_outlier clusters fi/R1E B EH True
num_cases_in_feature_tree_leaf_i |integer E{ER 10
s_less_than
top_perc_outliers integer BREE 5
initial_dist_change_threshold integer BREENO
leaf_node_maximum_branches integer BEEN 8
non_leaf node_maximum_branches integer TAEEN 8
max_tree_depth integer HRE(ED 3
adjustment_weight_on_measurement |integer HEEN 6
_level
memory_allocation_mb P & (ER 512
delayed_split Ti/R1E BREEN True
fields_to_standardize [f1... fN]
adaptive_feature_selection h/RE B (EN True
featureMisPercent integer HRE(EN 70
coefRange 7 BRE{E 0.05
percCasesSingleCategory integer B 95
numCases integer HRE(E N 24
include_model_specifications 1hi/R18 BB E N True
include_record_summary h/RE BB E RN True
include_field transformations fr/RIE BB (EAN True
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& 154. twostepAS B4 (£2)

twostepAS J& 1k H JE PERIA
excluded_inputs /R BREEN True
evaluate_model_quality h/RE BB E RN True
show_feature_importance bar H/R1E BB (E N True
chart
show_feature_importance_ fh/R1E BB (B True
word_cloud
show_outlier_clusters i /R1E HEEN True
interactive_table_and_chart
show_outlier_clusters_pivot_tabl |fF/R{E BB (B4 True
e
across_cluster_feature_importanc | fi/R{E BB (EN True
e
across_cluster_profiles_pivot_ta |fi/R{E (G True
ble
withinprofiles h/R1E BEER True
cluster_distances /R 1E BB (EH True
cluster_label String

Number
label_prefix String
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o5 14 = B R T

BRI B S HAMY SMHRREREE. AXEZER, HSHE 65 iy NEMT BN TH,

applyanomalydetectionnode E1%

BRI AT O] AR R E AR ISR, AR A YR 2 FR A applyanomalydetectionnode,
BRSBTS BIIARIEAE R, E2HE 195 111 Fanomalydetectionnode B .

3 155. applyanomalydetectionnode &%
J& Pk fE J@ VA
anomaly_score_method FlagAndScozre | HfiE Ol 2 MLtk H 1 T
FlagOnly
ScoreOnly
num_fields L PRSI TR,
discard_records bR FnJE i T H PR AR I 5%
discard_anomalous_records s FEREF R IL R R F IR IO, 6
AEN off, XRKEFIFHILR, &
M W EN on, W2KEFHFHICHK, X
MEM T discard_records EMK, 44
2 e,

applyapriorinode [E1%

AI{E R Apriori B fAE R Apriori ABERIEL, IZBIRUELIIAR S FRN applyapriorinode, T YmE BT
HEBIARNEMEE, 1E2M% 197 W1 Capriorinode B4

& 156. applyapriorinode B
applyapriorinode J&1k {11 JE PR R
max_predictions B (B
ignore_unmatached TV
allow_repeats Vi
check_basket NoPrediction

s

Predictions

NoCheck




& 156. applyapriorinode B4 (52

applyapriorinode &1k

1

JE A

criterion

Confidence
Support
RuleSupport
Lift

Deployabilit
Yy

applyassociationrulesnode B4

CORIRIIN” AR mnT DA T AR O RRNAR B B, iR A 24 8770 applyassociationrulesnode,
ARG R R ESHNANEZER, 1ESH 5 198 1Y lassociationrulesnode JETE)

3 157. applyassociationrulesnode B1%

applyassociationrulesn | R Je A
ode J& 1%
max_predictions B AJ DARE FH T 70 B0 5 5m AR BRI
criterion Confidence prim s I yees WIE iR
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats f/RME T 2 2 K L IAE ] A RN B4 A S B
check_input NoPredictions
Predictions
NoCheck

applyautoclassifiernode B4

“ERERT BT AR TR “BIIIERT B, R AR RN
applyautoclassifiernode, H X495 BT R H S HARNIEMEE, 152 201 TUHY Tautoclassifiernode

B .
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& 158. applyautoclassifiernode &%

applyautoclassifiernode J& |1 JE PERIA
T
flag_ensemble_method Voting e EFH THERBATESB 715, X

R E DS, 42
ConfidenceWeightedVoting |RHIXIHE,

RawPropensityWeightedVoti
ng

HighestConfidence

AverageRawPropensity

flag_voting_tie_selection |Random MR EIRERE S, rTeER
REERTTE, YRR RN
HighestConfidence BTBN, ASMHIZIE,
RawPropensity
set_ensemble_method Voting HEEH THERMRIES T % X

%iﬁi?@ﬁ*ﬁﬁ%ﬁ?ﬁ&ﬂi F=
ConfidencelWeightedVoting R

HighestConfidence
set_voting_tie_selection |Random MR EEERESE, rfeER
RERTTE, CHIEERN R4
nghestCOnfldence X?Eﬁaﬁ, jémﬁﬁi}(ﬁ«&Eo

applyautoclusternode B

“HINRE” @RI TAR BT BRI, SRR IR SN applyautoclusternode, It
BAYUR B AT HAME S, X5 EET R B SHANIEAER, 1ESHE 203 111
Fautoclusternode B .

applyautonumericnode B 1%

“HIWEUE” BT R TAR “BsiEE” SR, RIS RN applyautonumericnode,
B RGmE B A EH BIAREAE R, E2H%E 205 1A Fautonumericnode JE 14

& 159. applyautonumericnode &%
applyautonumericnode &% |14 JE PEid

calculate_standard_error |#3ii&

applybayesnetnode B1%

A P DLHE ST DO 8 AR T s 2 AR DL BT I 8 AR B, IR IR 85 applybayesnetnode, B X495
AT A H SHARIEMER, 1E2HE 207 7189 Tbayesnetnode B

5 14 = BB SR 303



& 160. applybayesnetnode &%

applybayesnetnode J&: {11 JE PE B
all_probabilities PR
raw_propensity PR
adjusted_propensity PR

calculate_raw_propensiti |#i&
es

calculate_adjusted_prope |#r&
nsities

applyc50node Bt

A C5.0 BT UK C5.0 SR, IBIRIBRINAIAXFRA applyc50node, H54m 5 BT £ Sl
ARIEAMER, HZSM5 209 T Fc50node JEFES o

& 161. applyc50node B4

applyc50node J8 1 {8 JE PR
sql_generate udf BRI THARIAY SOL A Rk
T, REEN udt,
Never
NoMissingValues
calculate_conf FR& JEH SQLAERKIN AT ; B MEKEEE

AT RS AR AL TR R

calculate_raw_pzropensiti |frd
es

calculate_adjusted_pzrope |triE
nsities

applycarmanode B1%

A CARMA FERT i ZE il CARMA RRAUER BRI IA S FR N applycarmanode, SRR EA
ETHEAEM, ARMEEET S B SHANIEAEE, 1E2H%E 210 AT lcarmanode B .

applycartnode B1%

AJfeE ] C&R PREEAE Y s A2 Ak C&R AR, ZABRIE I AR FR A applycartnode, HR4m'5 BT i H
BIAIEAEE, 1E2M%E 211 1189 Ccartnode B o
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& 162. applycartnode B

applycartnode Ja 1k {11 JEPERGIA
enable_sql_generation Never T E RN ATHARIAY SQL 2B Ak
T,
MissingValues
NoMissingValues
calculate_conf bR JEH SOL ZAERUNTATH; ItJE Mk EAE
AT ARG LR AR AR
display_rule_id s RIS — B, FoREA
SR EE I B 28069 s AR,
calculate_raw_propensiti |#i&
es
calculate_adjusted_pzrope |fr
nsities
applychaidnode B1¥

AJ{HFH CHAID EABITT miZE A CHAID #BUE, ZERIR IR 2 F5H applychaidnode, RYm5E HA T 5
HEHAREAER, 5255 214 A Tchaidnode B

2 163. applychaidnode @14%

applychaidnode J& 1% {11 JEPERGIA
enable_sql_generation Never T BN THIRIAY SQL 2B ik
i,
MissingValues
calculate_conf ) v
display_rule_id FRi& EED R PRI — MR, RRED

I BC RN AR T R AR IR,

calculate_raw_pzropensiti |frd
es

calculate_adjusted_pzrope |frd
nsities

applycoxregnode &%

A Cox BT RiZE AR Cox B, ZMAIER AR S AR applycoxregnode, H X4mE AT Al H S
AHTEAE R, EZSMHE 216 T Tcoxregnode B .

2 164. applycoxregnode @14%
applycoxregnode gk {11 JEPERGIA
future_time_as Intervals

Fields
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& 164. applycoxregnode B1% (4L)

applycoxregnode gk {11 JEPERGIA
time_interval b

num_future_times L

time_field T

past_survival_time FE

all_probabilities ) ¥

cumulative_hazazrd PR

applydecisionlistnode 1%

PURBN BT R AR SRR RIS, IR AR applydecisionlistnode, %445
T A H BIAREMER, E25%E 219 1l Tdecisionlistnode /@M1

& 165. applydecisionlistnode B4

applydecisionlistnode J& |fii JETERIA

13

enable_sql_generation Fra& {ENER, IBM SPSS Modeler &%10#
PRI R A4 F] SOL,

calculate_raw_propensiti |#i&
es

calculate_adjusted_pzrope |fr
nsities

applydiscriminantnode B4

H A A mAT AR BRI B, AR AR RN applydiscriminantnode, 6 %R BT R
HEHAREAER, 15255 220 1WA Tdiscriminantnode JE 14 o

2 166. applydiscriminantnode &%

applydiscriminantnode J& |1 JE PR IR
T

calculate_raw_propensiti |#i&

es

calculate_adjusted_pzrope |fr
nsities

applyextension B1¥

“PRAERY AR DA FAER YR BRI, it
TR GRS 4859 applyextension, HRKIwE
AT R B SIARNIEAER, ESHE 222 U

Fextensionmodelnode J& 11 .
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Python for Spark 35l

JHHHE script example for Python for Spark

applyModel = stream.findByType("extension_apply", None)
score_script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.mllib.linalg import DenseVector

from pyspark.mllib.tree import DecisionTreeModel

from pyspark.sql.types import StringType, StructField

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = cxt.getSparkInputSchema()
_schema.fields.append(StructField("Prediction", StringType(), nullable=True))
cxt.setSparkOutputSchema (_schema)

else:
df = cxt.getSparkInputData()

_modelPath = cxt.getModelContentToPath("TreeModel")
metadata = json.loads(cxt.getModelContentToString("model.dm"))

schema = df.dtypes[:]
target = "Drug"
predictors = ["Age", "BP", "Sex", "Cholesterol",6 "Na", "K"]

lookup = {%
for i in range(0,len(schema)):
lookup[schema[i][0]] = i

def row2lLabeledPoint(dm,lookup,target,predictors, row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictors:
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
pval = row[predictor_index] in dm[predictor_index] and
dm[predictor_index].index(row[predictor_index]) or -1
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval, DenseVector(pvals))

# convert dataframe to an RDD containing LabeledPoint

lps = df.rdd.map(lambda row: row2lLabeledPoint(metadata,lookup,target,predictors,row))
treeModel = DecisionTreeModel.load(cxt.getSparkContext(), _modelPath);

# score the model, produces an RDD containing just double values

predictions = treeModel.predict(lps.map(lambda 1lp: 1lp.features))

def addPrediction(x,dm,lookup,target):
result = []
for _idx in range(0, len(x[0])):
result.append(x[0][_idx])
result.append(dm[lookup[target]] [int(x[1])])
return result

_schema = cxt.getSparkInputSchemal()

_schema.fields.append(StructField("Prediction", StringType(), nullable=Tzrue))

rdd2 = df.rdd.zip(predictions).map(lambda x:addPrediction(x, metadata, lookup, target))
outDF = cxt.getSparkSQLContext().createDataFrame(xrdd2, _schema)

cxt.setSparkOutputData (outDF)

applyModel.setPropertyValue("python_syntax", score_script)

R {51

JHHHF script example for R
applyModel.setPropertyValue("r_syntax",
result<-predict(modelerModel, newdata=modelerData)
modelerData<-chind(modelerData,result)

varl<-c(fieldName="NaPrediction",6 fieldlLabel="",6fieldStorage="real", fieldMeasure="",
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")
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& 167. applyextension &%

applyextension Jg1k 1 JE PR IR

T_syntax FrFER XZHTHATHEAIEH R A
Eiko

python_syntax TR ER FTFEANESH) Python ARG E
Eik,

use_batch_size Fr& SRR A,

batch_size B feE BT M HUR IR IR
e

convert_flags StringsAndDoubles IR I T Abr S B

LogicalValues

convert_missing Fra& IR T TR SR IAE R4 9 R NA
{8,

convert_datetime Fr& HED A T/ B A H A H HAN ]
RIS BN R H A/ RIS
o

convert_datetime_class POSTXct IX LRI 45 B H sk H

POSIX1t I fEIAS A2 B i o 28 2

applyfactornode 1%

“ERGITIRFT BT AT TR TR MR BRI, BRI AR R
applyfactornode, ZERISAFAAEHME M, A XIS BB A B SHANEAEE, ESHE 224 11

Ffactornode J& My

applyfeatureselectionnode B4

“RHIEERE” B i rT I TAERR. “RHIEIESR” BRI, SRR IIA 2 HR
applyfeatureselectionnode, HXY'E BT R H S HANIEAMEE, HSHE 226 111

Ffeatureselectionnode B .

7 168. applyfeatureselectionnode J& %

applyfeatureselectionnod

e @tk

=1

JE PEHA

selected_ranked_fields

TEE AR VL a8 P A A R LE EHE

B

selected_screened_fields

FEE AR VT A Fh A 2 L EL i ide 5
Eﬁo

applygeneralizedlinearnode [E1¥

“TTSERNE (genlin)” AT sAT AR R S MRS, A AR SRR
applygeneralizedlinearnode, A X4%5 BAT il B HIIANIEAMEE, 1ESMHEE 228 71 Tgenlinnode J&

M .
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& 169. applygeneralizedlinearnode &%

applygeneralizedlinearno |{§ JBTERGA
de J&@ 1%
calculate_raw_pzropensiti |frd
es
calculate_adjusted_pzrope |trd
nsities
applyglmmnode E 1%

GLMM B i m] TR AR GLMM BRI i BRI EIIA 2R applyglmmnode., k45 @A 5 H

BRGNS S, 1ESME 233 71 Fglmmnode JE1%J .

& 170. applyglmmnode B4

applyglmmnode )&%

fH

JE A

confidence

onProbability

onIncrease

VST S BSOS : ot B
SR 5 R T 2 32,

score_category_probabili
ties

bR

W E N true, WA BRI
MR, RN RHCE— DT, B
H{E N False,

max_categories

B

BRI R AEANEH, 1Y
score_category_probabilities

N True N A A,

score_propensity

PR

WRILER True, B2 NEGIREHR
FIREALAE R AEIAIRE D ( “True” 4%

REGeTREME) o RS XETHERL, W

PR AR o DX 7= AR VA R s i

mPETr. SREEN False,

enable_sql_generation

udf

native

FFERPITHARNIZ B SQL 4= A%,
JX L T[] JE B K R FE - A SPSS®
Modeler Server ¥ IEREC AT (1R EE
B8 T IR IE AL e IR ) AT
W5y, SETE SPSS Modeler NERIFE
%O

EREEN udf,

applysgle B1%

A DUCRE GLE ST UM T A2 GLE BB, BRI AGIAIA il #4970 applygle, XS BT R E &
AR EZERE, 1E26H % 237 Wi Tgle @M .
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& 171. applygle B14%

applygle J81: {11 JEPERGIA

enable_sql_generation udf FFERPITIARNIZE SQL A REIT,
PR IS EIEAE PE (5 A SPSS Modeler

native Server PEAIERCAR (ANSRIERER|ZEET
PR IERCAR I EAREE) ATy, B
1£ SPSS Modeler NIF4),
applygsmm Bi¥

TR & R T AR IR AR, IWRUSRAIAAR G S 2 F5N applygmm, TRABEME
V18.2.1.1 FIE M RA R M, AXGE BT N EH WA EZERE, HS6H 2 387 il lgmm &

T o

& 172. applygmm B1%

applygmm Jg& BEkal JE PR
centers

item_count

total

dimension

HiF

partition

applykmeansnode B 1%

K-Means 85 U] F T4E Ak K-Means UL, IXEBISLNIIAR 578 applykmeansnode, HEABRIHUAN A
GEMHAREN, XM EET S FEARNIEEE, ES6% 244 11 Fkmeansnode BN

applyknnnode E1%

KNN ZEAET s n] B 2R AR KNIN ARSI, (AR AR 2 F7 2 applyknnnode, 6 <4mE A5 i H S IIA
HITEAIEE, 1E20% 246 TK) Tknnnode B .

& 173. applyknnnode @1
applyknnnode J&: {[1 JETEHIA
all_probabilities ) ¥
save_distances PR
applykohonennode [&1%¥

Kohonen & 4577 s Al Fl T4 K Kohonen AU, iZBIRUEL AL FRA applykohonennode, IHARRIEHUARN
HEMMEMEN, BX55 EE S8 SHARNIEAER, 1E2RE 209 11 c50node BN
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applylinearnode B1¥

A S MRS i A IR R TR, IR R IAR ZFRN applylinearnode, 545 AT s H S il

RIEHER, ESHE 249 T1H Tlinearnode JE1ES

& 174. applylinearnode &%
linear @1t H JE TR IR
use_custom_name PR
custom_name FIFER
enable_sql_generation udf FFAER I THARIZ B SQL 4 Ak,
XL I (A& B EE A SPSS®
native Modeler Server 153 iERCES (AR EIE
BB 2L TIPSR AR AR ) AT
1 P4y, FE SPSS Modeler NERRESY, B
puresq A EIE R P SQL P47
BREER udf,

applylinearasnode B1%

Linear-AS BT s AT AR Rk Mt AS AR, BRI AR G & F50 applylinearasnode, B R4S
BT A H S HARNEHFER, ESRE 251 1 Tlinearasnode JE1E)

% 175. applylinearasnode /&%

applylinearasnode Jg@ 18 JE AR

enable_sql_generation udf A EN udt,
native

applylogregnode B1%

“Logistic [AIJAAEAY” FAETT s Al FFAERL “Logistic [BIJTREAL” RIAILRL 2RI E A A AR A
applylogregnode, X5 BB R H SHIARNTEMEE, 1ES6E 252 TiHY Clogregnode B o

& 176. applylogregnode B1%

applylogregnode J& 1k {8 JE RS IR
calculate_raw_propensiti |#Rid

es

calculate_conf PR

enable_sqgl_generation ) AR

applylsvmnode Bi¥

AT PAGEA] LSVM BB sk AR R LSVM ABURIER, (AR ER I A il 22 5N applylsvmnode, A %45 A5
TR E ARG R, 1E265# 257 1Y flsvmnode JE&TES o
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& 177. applylsvmnode B1%

applylsvmnode &1k {H

JE A A

calculate_raw_pzropensities |[#r&

feE R m R A AT,

enable_sql_generation udf

native

HEE O ERE (B T
BESY, AEMEFTAIT A R SN
53

applyneuralnetnode B4

“HRINEE” BT R B TR MG A, AR AL FR N applyneuralnetnode, 5%
YmE BT R H S IARIEAE R, 1ESH%E 258 T Fneuralnetnode &S o

ER: TR T BAA R SR RERI R R M4 R, FR4E T —T7 (applyneuralnetwork)
HR T, RETCRTRRAIPRRT, (BT S S HRAIA DA AT, ACCRBE T JERTARAS T RN

FERURSE, HRERRIRITIHAESH,

& 178. applyneuralnetnode B 1%

applyneuralnetnode &1k 1H FRER L
calculate_conf bRk JAFH SQL BRI RT A e M B E R
H R AR,
enable_sql_generation ) v
nn_score_method %4 (Difference)
SoftMax

calculate_raw_pzropensiti |frd
es

calculate_adjusted_pzrope |trd
nsities

applyneuralnetworknode &%

Al FH Ao 22 DR 28 AT R AR BN IR AT R, 2 BRI AR 450 applyneuralnetworknode, 76 %A i
BT R HSRERANEZEE, 1EZM neuralnetworknode JETE,

& 179. applyneuralnetworknode B

onIncrease

applyneuralnetworknode J& | {ii JEPERGIA
i3

use_custom_name R

custom_name FIFER

confidence onProbability

score_category_probabili |fR&
ties

max_categories W
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& 179. applyneuralnetworknode B4 (4%)

applyneuralnetworknode J& | {ii JEPERGIA
T
score_propensity PR
enable_sql_generation udf FFHERPITHARNIZE SQL A RIETT,
X I B & 2 BRI A SPSS®
native Modeler Server I3 i&ERLeS (AR TIE

BRI TS E R SR NBARE) T
uresql P4y, 1E SPSS Modeler PNEFPESy, B
puresq FE LS EIR I SOL P4,

EREEN udf,

applyocsvmnode Et¥

BAK SVM T fiA] F AR BAZK SYM AU AT YRR AR GRS Z RN applyocsvmnode, IHABTUELEH
Hthg e, AR5 EET S HSHANEZER, 1525 28 392 T Focsvmnode JE 1 o

applyquestnode B4

AJ{HFH QUEST AT miE Al QUEST AHAUER, iZ BRI AL RN applyquestnode, H 9mE AT L
H B ARG, E25% 263 WA Tquestnode JE1H

& 180. applyquestnode B4

applyquestnode J&1k {1 JETEHEIA
enable_sql_generation Never T E RN TEARIRY SQL ARk
I,
MissingValues
NoMissingValues
calculate_conf I
display_rule_id PR D EHPIRN— 7R, FRED

IR EC R A 280 1 RAIFRIR

calculate_raw_propensiti |#i&
es

calculate_adjusted_prope |#i&
nsities

applyr B

“RAGE” ST AT TR R AR, AR ARG I F RN applyr. OGRS BT RUE B IEA
EAER, ESM% 208 TUHY Tbuildr JE1E .

5 14 T BB AR 313




* 181. applyr B

applyzx gt 18 JE A

score_syntax TR E X2 T TEEES Y R A
Bk

convert_flags StringsAndDoubles I T br & T B

LogicalValues

convert_datetime PR IR I TR B A H sk 5 B
FAEAE B R H /I RIS
ﬁo

convert_datetime_class POSIXCE IX L I e e 2% H s H 3

POSIX1t B[R0 R 2 o A 288 5K

convert_missing Fri&E I R I E R #8 R NA
{E,

use_batch_size Fr& Jo AL

batch_size B feE EAFEE B M HUR IR IC R
4

applyrandomtrees B 1%

A DAE A “BEAUR A 95 sk AR R AU B, IR AL B AS SRl 2 F5 h applyrandomtrees, 6 %%
BT EHBHANIEAERE, 1ESME 265 1Y Frandomtrees B

& 182. applyrandomtrees @14

applyrandomtrees Jg 1k {6 JE PEAid

calculate_conf bRk I MBS BT AL S R AR AR
W,

enable_sql_generation udf FFERPITHARIZ B SQL 4 BU%E I,
RS HESIE AR I H SPSS Modeler

native Server M IGEHACAY (QNSRERRIZET

PEIERLARIEARE) ATy, B
£ SPSS Modeler N#E453,

asapplyregressionnode B1¥

“EeMEMNE” BT AT TR MRS AR, IR A SRR applyregressionnode, %
BRIHURTFEHAME M, X5 @& M H SHANIEAEE, ESHE 267 U1 Tregressionnode J&
T o

applyselflearningnode E1%

“H AR AR (SLRM)” ST fnT F AR A SLRM BREBUER, IZAEAU LI AR 44 58 h
applyselflearningnode, %45 @A M B SIIARNIFEMAER, ESRE 271 101 Tslrmnode B
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& 183. applyselflearningnode &%
applyselflearningnode J&: 8 JE PR IR
max_predictions e
randomization BT
scoring_random_seed B
sort ascending Fa7E S TR PP o) i e I R B AR R A7
descending
model_reliability PR B BE” IR RS AT SR MR T
JEAEMN,
applysequencenode B1%

‘B R AT TAR AT AR, AR TR A applysequencenode, IHARTIHUAN L
BEMEMENY, X5 EET S B SHARNEHEE, E25%E 270 1WA Tsequencenode B o

applysvmnode Bt

A SVM BT s AR R SVM BAUER, IZAERIE AR 2 FRN applysvmnode, B X495 BT B S
ARTEAE R, EZME 278 TUHY Tsvmnode JE 1% o

& 184. applysvmnode B 1%
applysvmnode Jg&: 18 JETERA

all_probabilities y AN

calculate_raw_propensities [#i&

calculate_adjusted_propensi |#5i&
ties

applystpnode Bt

STP GRS s n] DAF T A2 AH SRR AR T B, 2R RUBRLAE B tH 25 76 A o R e IR RN AN A A2
N applystpnode, %% S BT R B HIANIEAMEE, 1E2S6E8 272 TWHY Tstpnode B o

& 185. applystpnode B 1%

applystpnode J&: B JE VA
uncertainty_factor iR B/IMER 0, EKIEN 100,
applytcmnode B 1%

i 1R] R RO AR (TCM) SRS i AT 2R AR TCM BRI, IR ER IV AR il 44 58 applytcmnode, H%
ISR R B SIARTEAER, E26E 279 11K Ftemnode B .
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& 186. applytcmnode B
applytcmnode J&: H JE PR IR
ext_future boolean
ext_future_num B
noise_res boolean
conf_limits boolean
target_fields Hl|5%
target_series B3R
applyts E1¥

SRS T R TR “INRFA” B, AR GRS F RN applyts, B XS
BT R H SRR TEAER, 209 285 1Y Tts B/ .

= 187. applyts BE

applyts J&1% {I1 JETERA
extend_records_into_future |#/RE
ext_future_num B

compute_future_values_input |#/RIE

forecastperiods B
noise_res boolean
conf_limits boolean
target_fields BAIES
target_series B3R
includeTargets T

applytimeseriesnode Bi¥ (FiFE)

“INE A AT AT TAERL I RF AT BRI, RIS AR B applytimeseriesnode, &
RIS BT B S ARG, 1E2RE 292 A Mtimeseriesnode B CMEE) J .

7 188. applytimeseriesnode B 4%
applytimeseriesnode J& 1% LIz JE PR IR
calculate_conf VR
calculate_residuals ) TV
applytreeas [E1%

Tree-AS BT AT AR Tree-AS fAUBR,  IEBTUEL IR GRS 2 F5 0 applytreenas, A %45 BT
RESHANEZEE, ESH 5 294 1Y Ttreeas B
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* 189. applytreeas B 1%

applytreeas Jafk {11 JEPERGIA

calculate_conf Fr& B MR B P T B & AR AR AR R
EPO

display_rule_id PRk EES PRI — N7, #RED
IO BC B 20 17 m AR,

enable_sql_generation udf FTFERPITHARNIZE SQL A RiEI,
IER I HER BRI H SPSS Modeler

native Server TEM&ERLES (UNSRERS|ZEET

PEOTIGRCARBERE) AT, #E
1t SPSS Modeler WNiE53,

applytwostepnode 1%

TR BRI TR T BB, ZERIREIA TR applytwostepnode, MBI E
AEMEAMEN, AXREEET B SHANEAEE, H2658 296 11 Ftwostepnode &1 -

applytwostepAS Bt

— Bt AS AT s AT TR R Y AS RERIER,  HARTUERATINA I FR N applytwostepAS,  H K4 AR
TRESIAREAER, 1E265% 297 TWHY TtwostepAS &) o

& 190. applytwostepAS B 1%

applytwostepAS J& 1k H JE PR iR
enable_sql_generation udf FFERPITHARNIZE SQL A RIEI,
IXEEE IR (A& B E AR A SPSS®
native Modeler Server I iERCAY (AN EE

BB T IRy IGRL e BRI ) kAT
P4y, BUETE SPSS Modeler NFRE
%O

R EN udf,

applyxgboosttreenode B4

XGBoost Tree 19 miA] F T4 5 XGBoost Tree fAIHR, IMARIEIIAYR S 25 applyxgboosttreenode,
TRANEMETE 18.2.0.1 ¥, AXHEEETSESHANEZEE, 1E2H 5 398 iy

Fxgboosttreenode J@MJ &

3 191. applyxgboosttreenode &1

applyxgboosttreenode Ja

B

Ja At

use_model name

model_name
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applyxgboostlinearnode 1%

XGBoost Linear 1 s A] FI T4 il XGBoost Linear #AYHL, ARV LA R E 2457 H
applyxgboostlinearnode, MWHERIHLHE HilEM:, B XS EET S EHSHMANEZER, E2H % 397
T Fxgboostlinearnode JEMEJ o

hdbscannugget B1%

HDBSCAN 7 s ] F T4 it HDBSCAN AB5UEe, WAETRIE A A Y S 258 hdbscannugget, IHARRIERG
BHMEN, GREEESTSAEHSHANEZEE, B30 % 387 1Y Fhdbscannode JBTE) o

kdeapply B1%

A F KDE BATT ok AE K KDE ARBUEL, TR IIAR GRS 2888 kdeapply., B XYmE @ T M EH S
MARZE, 1H2H% 389 T Tkdemodel BN

& 192. kdeapply B1%

kdeapply J& Bmkal JE PR
outLogDensity boolean ¥ True o False DAfEHHI AL S

PRHEHEME, RE(EDN False,

MV18.2.1.1 JF4k, EmHEN
out_log_density
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+ 15 5 ZEEAT sk

IBM SPSS Modeler 245 2 5 8w AL i A BURAZ HE A A T AR AR,  1XU4E Microsoft SQL Server
Analysis Services, Oracle Data Mining, #1IBM Netezza® Analytics, #R] PAf#H IBM SPSS Modeler v f
T2 B A BIEERE R R AR N AR AT I 70 JE AT DARE AT A H Y & M a2 5 T A SR AL AT 15
NIRRT,

Bilan, REXERIIAIEEE T anfmf#EF IBM SPSS Modeler A %m 5 FH K 01|73 Microsoft (SRS :

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server_name", 'localhost')
msbuilder.setPropertyValue("analysis_database_name", 'TESTDB')
msbuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
msbuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique_field", 'IDX')
msbuilder.setPropertyValue("custom_fields", True)
msbuilder.setPropertyValue("model_name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.linkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql_generate", True)

tablenode.run([])

Microsoft BiEHN T R EHE

Microsoft BT S B4

BEAREN
Microsoft £ ZE 1T sl A B A R R,

& 193. At Microsoft TR B

253t Microsoft i g Tk 1H FRE R L

analysis_database_name FHER Analysis Services BRI R,

analysis_server_name TR Analysis Services ML R,

use_transactional_data |fri& feEim N EHE 2 R ARSI 2 FH 5

inputs IES FABEAEA A T B

target T T);\‘;WJJ?EQ (RIEERTF “MSE2K” 5 “FHIHRRK” o7

unique_field T’ KT,

msas_parameters structured HiESH, BXEZER, E3MH%E 321 1 IE
e A




& 193. A Microsoft T B (52)

A3 Microsoft 1i wi g Ik LIz JE PR
with_drillthrough FriE HATIRNEREY 1T,
MS R

%E N mstreenode KRAIMT AE X BIKE M, BESRATHLMIAN AL Microsoft &1,

Ms B3
%N msclusternode KRBT fiE X BKIE M, 1ESHA T I LRI AL Microsoft J& 14,

MS XEXFI
PURREEJE MR T8 msassocnode FYT AL
2 194. msassocnode B4
msassocnode Jg 1 {11 JaTEA
id_field FE PRIREHEH I S5
trans_inputs Fl|2R HEBIERI AT B
transactional_target T e (HSEIE)
Ms thER D1

%H N msbayesnode KRBT RUE L EARE M, 1S FATH LR A Microsoft J& 14,

MsS Z&1%E])3

%H N msregressionnode UMY fUE X EAKE M, TESFATHSLRIRT A3 Microsoft J& 1,

MS 2RI

%H N msneuralnetworknode KB fiE X BKE M, 1ESFIARTH LA A3 Microsoft J& .
MS Logistic [E])3

#HE N mslogisticnode BRBUHTT miE L EAKE M, IESRIA TR AT Microsoft J& 14,

MS BFiElF 51
#¥H N mstimeseriesnode AT fE X EAKEM:, TESFAT LA 3, Microsoft J& M,

MS 5B 3

PATRREE B T 2858 mssequenceclusternode M fi:

7 195. mssequenceclusternode B4

mssequenceclusternode J&M: {1 JE PR

id_field FE PRIREHEH I S5
input_fields $IES HEEHRERM AT B,
sequence_field T AR,
target_field FE B GRISEERE)

320 IBM SPSS Modeler 18.2.2 Python A ZwHIF1 B s f5 5



HizsH

i Microsoft B ARG R (] msas_parameters M RIZBEMNRESE, #Hla:
stream = modeler.script.stream()

msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas_parameters"”,

[ ["MAXIMUM_INPUT_ATTRIBUTES", 255],
["MAXIMUM_OUTPUT_ATTRIBUTES", 255]1])

IXEESHIEE SQL Server, BEEFH N AMMHEXSE, BHHIITI NERE:
1. VG ER R RN EAR

2. FITF B PEIR T R

3. WEHRIR R HZ RS — A R,

4. WNRABRIIRAERE — DM EUER,

5. BATiE DASE AN LR PR VR 1 R

6. FRFANEEA Y HL & M) Microsoft B AR .,

7. FIFFAZEAE PR AR A

8. 1HE B ILTIK,

A 22 BoRi1Z T B RT H msas_parameters &1,

Microsoft IZERE
i Microsoft i 2 AT p I 2 AL B R A1 8 M

MS SR
& 196. MS AW EM
applymstreenode Jg& 1k H iR
analysis_database_name FRE A DAEFEER O T RO T
I M FH THRIR Analysis Services HUE R4
o
analysis_server_name TR ER Analysis 5548 EHLHIFR,
datasource FrEE SQL Server ODBC #(#EJ544#% (DSN) %47,
sql_generate Fri& JAF SQL A2k,
udf
MS Z&1%E])3
& 197. MS Z&METE M4
applymsregressionnode )& |14 fifiid
analysis_database_name FRE A DAEFEET O T RO T
I JE M FH FHRIR Analysis Services HUE 44
o
analysis_server_name TR ER Analysis 5548 EHLHIFR,

55 15 & BR s SR 321



MS HEZER%E

3+ 198. MS HEZWLERE M

applymsneuralnetworknode |{§ iR

JEtE

analysis_database_name FrTE A DAE AR R HON LT RO TR0
& 4 FHRIR Analysis Services 8 ZE R4
i 8

analysis_server_name T Analysis k55 #8 EALHIEZFR,

MS Logistic [E])3

& 199. MS Logistic BB

applymslogisticnode J&: [ ik

analysis_database_name FRFER A DAE AR IR AN LT RO TR0
)BT HRIR Analysis Services EE 244
i 8

analysis_server_name FIFER Analysis iR%5 28 FALHIFR,

Ms BFigl 5l

& 200. MS BHEIFEGIE M

applymstimeseriesnode )8 |1fi iR

analysis_database_name FIFER A DLEARAE T AN T AT PR
& M FFRIR Analysis Services 338 ZERI 4
*ﬁ'\o

analysis_server_name TRV ER Analysis IR55 8% FHLFIRFR,

start_from

new_predictio
n

TaE AT AR K IINIL T2 J7 52 P,

historical_

prediction
new_step e T SRR FFGE I TH] B
historical_step S SE S S TR GBI TR B
end_step e TE SCITLINES SR A B
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MS FHIEE3E
% 201. MS FHBEEM

applymssequenceclustexrnod |{f 1135

e @tk

analysis_database_name |5/t AT DAL AT I AT I 53

%E'Iﬁfﬁ?ﬁiﬂ Analysis Services B ZERI%

o

analysis_server_name TP Analysis R55 28 EHLIIAFR,

Oracle BEENTREM
Oracle ZIEET REMH

Oracle #dfa AT AT AL B MEA T AR,

+ 202. E Oracle TEEM

3t Oracle 1 KU TE fi J@ PEfIR

target FE

inputs FERFIFR

partition FE WIS TR EEE 7 OV R FEIRIREA, DA T
A= SI[E N e SIE a2

datasource

username

password

epassword

use_model_name PR

model_name EZRES AR E Hll A2 AR

use_partitioned_data PRi& NRE LT X FER, MR TR R RO 7
XY Bt A AR

unique_field T

auto_data_prep bRk Ja A Oracle HaWEWREHERIIRE ((UEAT
11g BARE) .

costs structured KU RIS E
[[drugA drugB 1.5] [drugA drugC
2,111, Hr[] Ry B2 E R LRI ARAR

mode Simple WMAEADT RUBERTEREIVIREE, anRIZE N
Simple, =SECRELENE,

Expert
use_prediction_probability |#r&
prediction_pzrobability FIFER
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K 202. ntt Oracle T EREM (82

23t Oracle Vi ni)@ M {11 JEPERGIA
use_prediction_set ) AR
Oracle th2= 1M HfF

AN oranbnode M s R B MW RATR:

& 203. oranbnode B1%
oranbnode J&11: i JEPERGIA
singleton_threshold bt 0.0-1.0.*
pairwise_threshold BT 0.0-1.0.*
priors Data
Equal
Custom
custom_priors structured LS I N AL R
set :oranbnode.custom_priors =
[[drugA 1][drugB 2][drugC 3] [drugX
471 [dxrugyY 5]1]

* 1% mode &N Simple, NIZHE)E M,

Oracle Adaptive Bayes
KA1y oraabnnode Y AT HJE AN RF/R:

& 204. oraabnnode &%
oraabnnode J&: 1H JEPERGIA
model_type SingleFeature

MultiFeature

NaiveBayes
use_execution_time_limit ) AN *
execution_time_ limit R BT 0, *
max_naive_bayes_predictors |#&#g HEVHRT 0, *
max_predictors B ENHKT 0, *
priors Data

Equal

Custom

324 IBM SPSS Modeler 18.2.2 Python A ZwHIF1 B sk f55E



3R 204. oraabnnode B% (&%)

oraabnnode Jg 1k 18 JE PR
custom_priors structured LS N AL ==L

set :oraabnnode.custom_priors =
[[drugA 1][drugB 2] [drugC 3] [drugX
4] [drugy 5]]

* 1% mode &N Simple, NIZMS)E M,

Oracle Z#FHEEN

BRI R orasvmnode 1T SR B AN R AR :

X 205. orasvmnode B

orasvmnode JE1: H JE PERIA
active_learning Enable

Disable
kernel_function Linear

Gaussian

System
normalization_method zscore

minmax

none
kernel_cache_size i3 UG T RN, EHOAT

0, *

convergence_tolerance A EMHKRT 0, *
use_standard_deviation T UERAS =8Nz, *
standard_deviation W EWBHART 0, *
use_epsilon FrRa& & T B,
epsilon e BELHKRT 0, *
use_complexity_factor ) I *
complexity_factor g *
use_outlier_ rate FriE & TR R, *
outlier_rate 2 & T HEAfR, 0.0-1.0.*
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& 205. orasvmnode B4 (£52)

orasvmnode Jg 1k H JE PERIA
weights Data
Equal
Custom
custom_weights structured Fan RS L e 1 -

set :orasvmnode.custom_we
ights = [[drugA 1][drugB
2] [drugC 3][drugX 4]

[drugY 5]]

* W15 mode B N Simple, NIZREJE M,
Oracle |~ X 4R 1H1REY
KAy oraglmnode YT AT AT B AN RARf7R:
& 206. oraglmnode B4
oraglmnode &1k 1H JE YRR
normalization_method zscore

minmax

none
missing_value_handling ReplaceWithMean

UseCompleteRecoxds
use_row_weights ) AV *
row_weights_field 7% *
save_row_diagnostics ) v *
row_diagnostics_table FIFE *
coefficient_confidence ¥ *
use_reference_category ) v *
reference_category RV *
ridge_regression Auto *

0ff

On
parameter_value ¥ *
vif_for_ridge PR *
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* 1% mode &N Simple, NIZHS)E M,

Oracle ;R& 1

KAN oradecisiontreenode FY R AT FHJE AT R :

& 207. oradecisiontreenode B4

oradecisiontreenode JEf: |{d J@ ViR
use_costs PR&
impurity_metric & (Entropy)

Gini
term_max_depth B 2-20.*
term_minpct_node I 0.0-10.0.*
term_minpct_split W 0.0-20.0.*
term_minrec_node EEe EWHKT 0, *
term_minrec_split B ELHKT 0, *
display_rule_ids J VR *

* 1% mode &N Simple, NIZHEJE M,

Oracle O-Cluster

AR oraoclusternode BT SRR HE M0 R

3K 208. oraoclusternode &%

oraoclusternode & & JE PR IA
max_num_clusters B {HAHRT 0,
max_buffer T ENKT 0, *
sensitivity e 0.0-1.0.*
* N5 mode &N Simple, NIZBS)E M.
Oracle KMeans
HAN orakmeansnode B s AT EELD FA7R:
& 209. orakmeansnode &%
orakmeansnode &1k & JE PERA
num_clusters Lo {HMHRT 0,
normalization_method zscore
minmax
none
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& 209. orakmeansnode B4 (42)

orakmeansnode J& 1 8 JEPERGIA
distance_function Euclidean
Cosine
iterations B 0-20.*
conv_tolerance S 0.0-0.5.*
split_criterion Variance & {EN Variance, *
Size
num_bins T EMKT 0, *
block_growth B 1-5.*
min_pct_attr_suppozrt b 0.0-1.0.*
* N5 mode X E N Simple, NIZBS)E M,
Oracle NMF
FKAN oranmEnode I AT FE AN R R
& 210. oranmfnode B1%
oranmfnode J& 1k {1 JEPERIA
normalization_method minmax
none
use_num_features PR *
num_features B 0-1, EAEEHBERIEEIRGIHSH, *
random_seed e+ *
num_iterations B 0-500.*
conv_tolerance v 0.0-0.5.*
display_all_features PR *
* N5 mode &N Simple, NIZBS)E M.
Oracle Apriori
KA oraapriorinode HY IR FHE AN FRR:
& 211. oraapriorinode B4
oraapriorinode J&: 18 JETERGA
content_field FEE
id_field FE
max_rule_length B 2-20,
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& 211. oraapriorinode B4 (82)

oraapriorinode J&: {11 JE PERGIA
min_confidence e+ 0.0-1.0,
min_support v 0.0-1.0,
use_transactional_data VR

Oracle F/)\#iR K E (MDL)

H NN oramdlnode AT mUE X EMKE M, ES AT LE 2 HEH] Oracle B,

Oracle B+ EE14 (AI)

HKAN oraainode MY s BT RN FAR7R:

K 212. oraainode B

oraainode &% e JE A
custom_fields PR R true, MY HR/TT REEE HAR,
ANFHA T B, (A false, WIEHNRHE
AT R Y AT E,
selection_mode ImportancelLe
vel
ImportanceVa
lue
TopN
select_important PR 1£ selection_mode &E N
Importancelevel i, fEEREEE “EE”
T,
important_label T H e “HE” HFRIRRZE,
select_marginal Fr& 1f selection_mode ZE N
Importancelevel B, fHERGIEFE “JOPR”
T
marginal_label FrFE 8B “IHBR” HERRAIFRES,
important_above Bz 0.0-1.0,
select_unimportant PR 1£ selection_mode ZE N
Importancelevel B, fHERBGIEFE “RE
72 7B
unimportant_label FrFE e “ANEZE HFRPIARZ,
unimportant_below 7 0.0-1.0,
importance_value Hr 1f selection_mode BB N
ImportanceValue I, +57E B HIY 2 FHE,
FE3Z M 0 5] 100 AYMHS
top_n e 1f selection_mode XE N TopN i, feE%H

AR FE. 252\ 0 2] 1000 FIE,
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Oracle {ZERE 4
f#F Oracle HAI G| @A BA R & M

Oracle M= M MHHR
%N applyoranbnode 8BS g B E 1,

Oracle Adaptive Bayes
%} applyoraabnnode BRI siE X EARE M,

Oracle ZHFAEH

%N applyorasvmnode ZRAIAT s L EAKE 1,

Oracle JR&E

HA%y applyoradecisiontreenode [ s AT A JE MEAN R AR :
& 213. applyoradecisiontreenode &%
applyoradecisiontreenode J&1%: fH JAPE B
use_costs TV
display_rule_ids TV

Oracle O-Cluster
%} applyoraoclusternode BRI fie X BRJE 1,

Oracle KMeans
%A N applyorakmeansnode 28FUAYI siE X BARE M,

Oracle NMF
NHEMA T applyoranmfnode ZR7UATH 55

& 214. applyoranmfnode B 1%

applyoranmfnode &1 H JE PR

display_all_features R

Oracle Apriori

ZRPLPCANEE RN T IR

Oracle MDL
AP ANGE R F T RAIAR

IBM Netezza Analytics BiET S B 1%

Netezza BiET =B
IBM Netezza FUEFEEAETT AT E MU0 TR,
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® 215. Nt Netezza 2B M

3t Netezza i fiJg 1k H JEPERGIA

custom_fields Fra& WA true, WIARVFEN Y|/ AIEE BbR, AR
Hh7B, WHN false, IR H _LHFZRA S
HY AT E

inputs [field1 ... fieldN] |55 A fsfi A A S A\ BRI AS & 2 e o

target FE Hirz (E8280578) .

record_id T A EE— IO SRARIR I TR,

use_upstream_connection [#fz& WA true (5 , IRAGEBSEME R LT S
g%, 7EF5%E T move_data_to_connection
A

move_data_connection Fri& R true, NGEIEFLZNEIH connection &
MR, fE48E 1 use_upstream_connection
AN A

connection it X2 H TR Netezza BUREMEREFAF
o A R IE 1
['odbc' '<dsn>' '<username>' '<psw>'
'<catname>' '<conn_attribs>' [true]|
false]]
Hrr:
<dsn> EEIRIRA R
<username> fl <psw> SEHHEENH AR
<catname> & HR&FF
<conn_attribs> ZiEREM
true | false fEEd R EE,

table_name FrFER X2 T R EEE E R TR,

use_model name Fri& WA true, #FHHAH model_name f8ERIZFREN
RIZFR, 5 NIRH RS ORI LR,

model_name FRFER BRI E 44

include_input_fields bR W true, [ NFEEEMATE, UL

FAFE A1) record _id FIFEL,

Netezza R &

HKAN netezzadectreenode BT AR B MEAN R :
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3R 216. netezzadectreenode B4

netezzadectreenode J& %

fE

JE A

impurity_measure

& (Entropy)

Gini

XZRRATIE, T PG AR
FhiE,

max_tree_depth

EE34

AT DA B e R, BE
E 62 (AAIRE(H) -

min_improvement_splits

e

AT 70 T LA AT 2 ) B AR o
. BRE{EN 0.01,

min_instances_split

ks

A DA T 70 BIRTAR SR AR /NAR
IR BREMEN 2 (BvhAlgE
B -

weights

structured

BDRHNE, M RILE
et :

set :netezza_dectree.weig
hts = [[drugA 0.3][drugB
0.6]]

R IR AT IR 1,

pruning_measure

Acc

wAcCcC

ERE{EN Acc (HERATE) o GIRE
£ N FHE BN R AN E S FEAE A,
AR wAce (HIBURSHREE) 5
(A8

prune_tree_options

allTrainingData

partitionTrainingData

useOtherTable

BB, HH
allTrainingData fliitHirA
K, (HH
partitionTrainingData k48
E AR GEIRN E 7 b, 5
useOtherTable REMIFBEIEE
BB ERIGEHEE,

perc_training_data

e

WS prune_tree_options %
=)

partitionTrainingData, M|
i’aé%)ﬂ?iﬂl%ﬂ%ﬂ%ﬁﬁ HIE

prune_seed

£

£ prune_tree_options i%#&
N partitionTrainingData
I, FHTEE S Hras RAREA LA
¥, HEEZ 1.

pruning_table

FAYER

X2 AR I O B R
BRI RAATR,

compute_probabilities

PR

iR true, ABLKAERREFER
Al (R FB AR P B

Netezza K-Means

KA netezzakmeansnode FIT A AT FHE AT R :
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X 217. netezzakmeansnode B4

netezzakmeansnode J& & JE LA
distance_measure Euclidean IX S8 R 2 TR BE B 3 T Y 75
Manhattan
EIEH R
=XE
(maximum)
num_clusters B TR, SEEN 3,
max_iterations B BIRIERRE, BEONSGAEZ GELE; SREERN
5.
rand_seed I XRHTE IR R 7, BB EN
12345,
Netezza D1 HHFI4E

FHIHN netezzabayesnode T s R HE MW RATR:

& 218. netezzabayesnode &%

nn-neighbors

netezzabayesnode J& 1k H JEPERGA

base_index B MNE M ATBIEENE TR, AT TRNEE
M, shEEN 777,

sample_size B JEEEH AEF RIS REE RN B {E N 10,000,

display_additional_infor [#ri& WRN true, NITETH BEXTEHE A B REVIMNY I ES

mation o

type_of_prediction best T P AT B TR best (RAHIEAIAEARIE) .
neighbors (FHARERIAIAFRI) B nn-neighbors

neighbors (Enié*ﬁé\[”ﬁ) o

Netezza fMZ DIMHHR

FHAIN netezzanaivebayesnode M SAY AT F B AN RAR:

& 219. netezzanaivebayesnode &%

netezzanaivebayesnode J& [{H JEPERGIA

T

compute_probabilities PR WA true, 2KERBEREEID HER) FELA
T T 7 B

use_m_estimation PR WIERH true, NIFEF m-estimation HR PR (5 E

LIRSS R

Netezza KNN

AN netezzaknnnode BT AR B B M40 R
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R 220. netezzaknnnode B4

netezzaknnnode J& LIz JE PR
weights structured XEHTAE N KIEENENSEHENE, R~
set :netezzaknnnode.weights = [[drugA
0.3][drugB 0.6]]
distance_measure Euclidean XS8R 2 TR BE B 3 T I & Y 75
Manhattan
IR
RAE
(Maximum)
num_nearest_neighbors B FRENIMME R BOEARTEE; A EN 3,
standardize_measurements |#7E WA true, ABLIETBEEEMEZH], MNIESHANT
B S B TAR I
use_coresets PRt IR true, NN KBIEHEEE (I A OERAE DR &

AR,

Netezza SRR B,

KHUK netezzadivclusternode B S AT @MU R R :

K 221. netezzadivclusternode B4

netezzadivclusternode J§ |1 JE PR
15
distance_measure Euclidean IXJE TN EE s (A B R B 3 T & B 75 .
Manhattan
EIEH R
=AE
(Maximum)
max_iterations B TERAI 042 LB BT P TN R BTRIE IR S, ShEE
79 56
max_tree_depth B A] DU EIB SRR BRI SEEN 3.
rand_seed B BEHLAF, FHTEHISH; SREEHN 12345,
min_instances_split B Al AR B/ INE 8, BB EN 5.
level B BRIC R B BRG] BEEN -1,
Netezza PCA

FHIHN netezzapcanode MY s A AT F B AN FAR:
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& 222. netezzapcanode B4

netezzapcanode Jg 1k H JEPERGIA

center_data bR W true (BREE) , ALERITEIESES (AR
N YHEEZEET ), REEPITOH

perform_data_scaling Frids WA true, HRAFEHTRIPUTEREIE,, IXFEMAT
PAJSRAES DA 5] B A7 00 B AN ) 2 B B ) A R o

force_eigensolve bri& WS true, NI A KERBE R R EE
o

pc_number B EREREMER BN E RO R, BB EN 1.

Netezza [B])34%

KRN netezzaregtreenode MY A A] F & M40 RATR:

& 223. netezzaregtreenode /&%

netezzaregtreenode &1k H JE PERIA
max_tree_depth B PEEARTY iU N AT DA K2R B Rk
RIE; BREEDN 10,
split_evaluation_measure |Variance R SRIE, FT1PAS 20 EI R ) B
A E, PPEE CYRIME—IZEDT)
X2 Variance,
min_improvement_splits A TER I T84 0 BB R 2% s D>
B /NSRS
min_instances_split R A AR i /N e 0
pruning_measure mse SUE BT 77 1%
r2
pearson
spearman
prune_tree_options allTrainingData EERT, A

partitionTrainingData

allTrainingData JfliH 4%l
FEthE, A

partitionTrainingData ¥kf§

EEAERINGREERRI E b, 5

useOtherTable useOtherTable REEMIEETEE
BHEERIAEHEE,
perc_training_data Her R prune_tree_options &
BN PercTrainingData, Nf§
TE TR EARERT S B E 7 e
prune_seed EEE 1£ prune_tree_options iX&

9 PercTrainingData i, FT
HEITERIIBENIR T, BREE

2 Lo
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& 223. netezzaregtreenode @1% (4%)
netezzaregtreenode J&tk {1 JE PERIA
pruning_table FIVER XS FAS TSRS i S 1 B
BIERER R AR
compute_probabilities PRk WA true, MIFEE N IZ IR
AR ERM T %,
Netezza 14613

BHIHN netezzalineregressionnode M7 s R B MEWT N/ :

& 224. netezzalineregressionnode &%

netezzalineregressionnod |{f JE TR AR

e Jgtk

use_svd Fri& AR true, WIEH “BRESR B RGHE
B, DAESE = A B A

include_intercept bR W true (FREE) |, ALIEE AR HERTE,

calculate_model_diagnost |fri WA true, NIXHEARLTEIZHE R,

ics

Netezza BJia] %%

HKAN netezzatimeseriesnode B AR @MW R :

7k 225. netezzatimeseriesnode B4

netezzatimeseriesnode JB1E | {f JETERA

time_points T’ Ik A\ 7B & IRl e 21 Y H HE
YIS TRIME,

time_series_ids T’ Ik N B S IR SRR 1
NS Z NN R,

model table T X2 H T 171 Netezza It ] 471458
RIPE AR SR

description_table T Sy =N 115 2B g By Ok &
ARIEFR,

seasonal_adjustment_table |5 X2 MR RS, ZRAT
e E g R VL AT S E Ty A=
IR R AL R,
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R 225, netezzatimeseriesnode B% (4%)

netezzatimeseriesnode J@1% |14 JE PERIA
algorithm_name SpectralAnalysis B XEH TN Py E A,
spectral

ExponentialSmoothing %
esmoothing

ARIMA

SeasonalTrendDecompositio
n 2 std

trend_name N TR IR EAL:
A N-7C
DA A - It
M DA - RN
DM M - Stk
DM - ZEIRRE M
seasonality_type N FRECF IR T 2R
A N-7C
M A - Itk
M - Stk
interpolation_method linear SUEFHREETT I,
cubicspline
exponentialspline
timerange_setting SD FH T 15 B 2 BN (R 7 -
SP SD - HHARGHE (I Al 41 5L

TEHIE R

SP - FFi@IY earliest_time
fll latest_time #55&
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R 225, netezzatimeseriesnode B% (4%)

netezzatimeseriesnode J@1% |14 JE A
earliest_time B FEMEERE (R
latest_time timerange_setting N SP) .
HiH
KU E S time_points {H,
s 7]
Ban, iR time_points FEH
NEEE 4T EHE, IB2ME NN IZE T,
il
set
NZ_DT1.timerange_setting
- "sp

set NZ_DTl.earliest_time
= '1921-01-01"

set NZ_DT1.latest_time =
'2121-01-01"
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R 225, netezzatimeseriesnode B% (4%)

netezzatimeseriesnode JE%

fE

JE A

arima_setting

SD

SP

HITFi%E ARIMA #3% (104
algorithm_name & &N ARIMA

AR -
SD - HASHE
SP - A fEE

W arima_setting = SP, 1%
i YIS ECRIE EZF T EENTE
ZFEE, B (PEEEETE) -

set NZ_DT1.algoxrithm_name
= 'arima'

set NZ_DT1l.arima_setting
= 'SP’

set NZ_DT1.p_symbol
'lesseq'’

set NZ_DT1.p = '4'

set NZ_DT1.d_symbol
'lesseq'’

set NZ_DT1.d = '2'

set NZ_DT1.q_symbol
'lesseq'’

set NZ_DTl1.q = '4'

p_symbol

d_symbol

g_symbol

sp_symbol

sd_symbol

sq_symbol

less

eq

lesseq

ARIMA - 2% p. d. g. sp. sd
fl sq WIsEFRF:

less - /M F
eq-HT

lesseq - /NFEFET

p

ks

ARIMA - HaBAEZ=T EAE
E,

ks

ARIMA - EFT IR AEME,

Eice

ARIMA - BRIch R85 5B 5
SEREMIEZE T EE
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R 225, netezzatimeseriesnode B% (4%)

netezzatimeseriesnode JE1t: |1 JE PR R
sp B ARIMA - BaIKRERZ T AR,
sq B ARIMA - T MEIRAEAE,
sd B ARIMA - BRI RS 335 {E R 3]
SESEMT T ERE
advanced_setting SD W e an el A PR S 15
SP SD - HARGEHE

SP - HAF#IL period.
units_period
forecast_setting f&&,

R

set
NZ_DT1.advanced_setting =
1 SP 1

set NZ_DT1l.period = 5

set NZ_DT1.units_period =

1 d 1

period B ZNAPNEKE, 5
units_period —iZfew, NiE
FTFIg 53 HT,
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R 225, netezzatimeseriesnode B% (4%)

netezzatimeseriesnode J@1% |14 JE PERIA
units_period ms period HIFRIREANL:
s ms - ZFf)
min s-#
h min - 530
d h - 7INBf
wk d-H
d wk - 2
Y q-FE
y - iF
Blan, NFERENEFA, 1E
period fiif 1, FHxf
units_period f#HH wko
forecast_setting forecasthorizon FE AL T,
forecasttimes
forecast_horizon B 4R forecast_setting =
forecasthorizon, HF4fEET
H H &5 R SUES
i} ] K NEE time_points fH,
i TRlER ] Ban, iR time_points FEH
EHE, IB2MEWNIZE T,
forecast_times B R forecast_setting =
forecasttimes, MafsE@HT
H #A HATIIAYE,
fit i) &N JEAE time_points {H,
NIETY S AT Ban, R time_points T
SHE, IBaERNIZEH,
include_history Fri& e SR R E A E R,
include_interpolated_valu [#7i& BN E R R e .

es

%R include_history
false, NIAREH,
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Netezza [~ X £k1%E

KAy netezzaglmnode HY LAY A FHJE EAD TS AR

K 226. netezza GLM [

netezzaglmnode Jg& 1 JETER R
dist_family bernoulli OARRAL . BB EN
bernoulli,
gaussian
poisson
negativebinomial
wald
gamma
dist_params B FERARNMSEIE, (Y
distribution Xy
Negativebinomial B A&,
trials B % distribution N
Binomial B A&, X4 HARMN
NRAAE— RGO,
target FEIHEHML,
trials FERHEZIAREEL
model_table T X2 T A7 Netezza |~ X £k MA5
BRI EHR R AR
maxit B FIEMNHITHVRRIERIREL; hE
{64 20,
eps e FRERKIREE (DIRAIOEIER
), BEIEE, BiENERE
PR DTS, SREED -3,
X7 1E-3, R 0.001,
tol e WEEE (AREERRE) |, )T

HERI R E IR 0 {H, Bt
HEN -7, FRREEERT
1E-7 (87 0.0000001) , NI#HL
ﬂgz:ﬂl?.ﬁ%o
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R 226. netezza GLM [B% (%)

netezzaglmnode J&1k

fE

JE A

link_func

identity
inverse
invnegative
invsquare
sqrt
power
oddspower
log

clog
loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom

cannegbinom

TUE R R BREEN
logit,

link_params

B

SUE R KRB SEUE,
link_function & power 8¢

oddspower I A iEH,
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K 226. netezza GLM B% (2)
netezzaglmnode J& 1k H JE PERIA
interaction fEE FE 2 BA H, colnames
[[[colnames1],[levels1]], AN
[[colnames?2],[levels2]], %ﬂ&?gﬁfﬁggf’ 1M level X
..,[[colnamesN],[levelsN]1],] MFetaEs A Uo
A
LLK 80" "Sex”, "],
(0,0 ]]
[["Ag " "Na"] [0,0]11]
intercept PRk RN true, MTERTRIFETEE
o
Netezza IZEIRE ¥

Netezza & FEHRIRE) A AL B PEU IR,

R 227. NE Netezza EEIRE M

B Netezza BHIHYEM: 1H JETERGIA

connection TR HR X2 T2 EEE Netezza BRI R IER:
FRF .

table_name FRFER X2 T AR B BE FE R A4 7R

HARE AL M S AR MR AR AR

RRPULRATIEA L AR T AR,

3R 228. Netezza {2 BRI 28 2 #R

LS JAA 44 P

GRS applynetezzadectreenode
K-Means applynetezzakmeansnode

DL o] 2% applynetezzabayesnode
e applynetezzanaivebayesnode
KNN applynetezzaknnnode

BB R applynetezzadivclusternode
PCA applynetezzapcanode

(] U f applynetezzaregtreenode
MmN applynetezzalineregressionnode
RElEZ applynetezzatimeseriesnode
I 2k applynetezzaglmnode
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o 16 & ik 1 s Tk

AT R EME S HAL SRR R RS A AR, T RUR E AR AR R E AT RO, TR A X
HXREISIH . XIEMNERPIRBEF IR B RSN G .

AT Ut B T R AT AR AR i 1

analysisnode [E1%
ORI RO WA A R TUATRE 1. AT TR T — e Y
O\ B PMERT SC P E & SRS, o0 1 stim] DO A& S AR,
il

node = stream.create("analysis", "My node")

# "Analysis" tab

node.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve_accuracy", 3)
node.setPropertyValue("inc_user_measure", True)

# "Define User Measure..."
node.setPropertyValue("user_if", "@TARGET = @PREDICTED")
node.setPropertyValue("user_then", "101")
node.setPropertyValue("user_else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by_fields", ["Drug"])

# "Output" tab

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/analysis_out.html")

& 229. analysisnode B

analysisnode J8: BiRR JE RS IR
output_mode Screen a2 N i1 s A AR Y
H B bR E,
File
use_output_name br& fEEREMHHEE X%,
output_name FITER W use_output_name A
B, NHEE AR,
output_format Text (.txt) FFfeEkmten,

HTML (.html)

Output (.cou)

by_fields 5|2k




& 229. analysisnode B (4%)

analysisnode J&1: BmI JEPERGIA

full_filename TR H WA, BHEE HTML 4
i, AR MR ek S
HFRs

coincidence ) Ve

performance flag

evaluation_binary PR

confidence ) ¥

& (threshold) B

improve_accuracy b g

field detection_method Metadata 7 == B 5 IR 4 H bR B DT
By 773. 1H4E7E Metadata

Name 5 Name,

inc_user_measure flag

user_if expr

user_then expr

user_else expr

user_compute [Mean Sum Min

Max SDev]

dataauditnode B1%

e BHEHFR TRRME BRI B, SRS TRIES, BT EM
1915 i ANA R ERHE, SRREMPIEREE, 59RERE S THRAERE b, 1ZERER]
DAHER? 3 ELAT DU T A2 BRSE B N I SR A R e 41

Nl

filenode = stream.createAt("variablefile", "File", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
node = stream.createAt("dataaudit", "My node", 196, 100)
stream.link(filenode, node)
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("fields", ["Age", "Na", "K"])
node.setPropertyValue("display_graphs", True)
node.setPropertyValue("basic_stats", True)
node.setPropertyValue("advanced_stats", True)
node.setPropertyValue("median_stats", False)
node.setPropertyValue("calculate", ["Count", "Breakdown"])
node.setPropertyValue("outlier_detection_method", "std")
node.setPropertyValue("outlier_detection_std_outlier", 1.0)
node.setPropertyValue("outlier_detection_std_extreme", 3.0)
node.setPropertyValue("output_mode", "Screen")
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& 230. dataauditnode &%

dataauditnode J&1 BmI JE B
custom_fields ) VA
fields [field1 ... fieldN]
overlay T
display_graphs FR& FATFHT I B P H R R [T T
B2 Ro
basic_stats ) TV
advanced_stats ) VA
median_stats ) VA
calculate Count TR, IEEEMRT R
TIEAH—RE, AP, BUYANIE
Breakdown £
outlier_detection_method std FHTHe e & B E AR B RAS I 7
?£O
iqr
outlier_detection_std_outlier MF s
outlier_detection_metho
d /& std, BBafseHTEXNE
FHEREE,
outlier detection_std_extreme M =S
outlier_detection_metho
d 72 std, ABAIEER TEXHK
{BEREUE,
outlier_detection_iqr_outlier S LIEES
outlier_detection_metho
d 2 iqr, BAtEERTENE
HHEEE,
outlier_detection_iqr_extreme g e
outlier_detection_metho
d & iqr, AataE T & Xk
{BEREUE,
use_output_name Fr& fEE R A A BE 4.
output_name FITER W5 use_output_name H
H, NFEE AR,
output_mode Screen F 482 M 1 s AR B i
HAYE ML E,
File
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% 230. dataauditnode B (&%)

dataauditnode Jg&1%: Bl J P e

output_format Formatted (.tab) FTFaE ke
Delimited (.csv)
HTML (.html)

Output (.cou)

paginate_output PR 2 output_format 2 HTML
IF, (5 0L,

lines_per_page Br 5 paginate_output —if#
R, F8& 8 5 DU rAT
b

full filename R

extensionoutputnode &%

SEIT (P45 1 TS R 2% Python for Spark I,

ATDAGER “ it 7 mOR MBI o I EdE AD
%: SR, B AT DU SR, el U2 B, ft
KRB EFRSR AR NI R SHo6, ALK
Tt EE A B,
Python for Spark {7

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_output", "extension_output")
node.setPropertyValue("syntax_type", "Python")

python_script = """

import json

import spss.pyspark.runtime

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

schema = df.dtypes[:]
print df

node.setPropertyValue ("python_syntax", python_script)

R {51

JHHHE script example for R
node.setPropertyValue("syntax_ type "R")
node.setPropertyValue("r_syntax", ”prlnt(modelerData$Age)”)
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& 231. extensionoutputnode &%
extensionoutputnode J&: BmI JEPERGIA
syntax_type R FEEIBITW A - RIER
Python (R ZHt&EE) .
Python
T_syntax FIFER XA THATHEAIEH R A
Hixo
python_syntax FRFER FF IR S3 () Python IR S
&k,
convert_flags StringsAndDoubles T T i bR s 7 B o
LogicalValues
convert_missing PR R TR B9 R
NA {H,
convert_datetime PRk HETH TR/ B A H s 5 #AR
&R R4y R H A/
[EIf =5
convert_datetime_class POSTXCE XEEEITH TH5 € B4 H#AsH
POSIXIt HA ARG A B b
o
output_to Screen feEm A (Screen 5
File File) .
output_type Gzaph feE = g2 SR Fith
Text
full_filename EZRES FH TP AR s H A SR
graph_file_type HTHL SR SRR (Chtml
cou & .cou) ,
text_file_type HTHL FE 7 ORI H B SR
TEXT (.html. .txt = .cou) ,
cou

kdeexport B

Kernel Density Estimation (KDE)® fifi ff] Ball Tree 8% KD Tree &%k DA TRICR A 1),
A FEEE TR ES . FHE TREMEHE RS S, ETHEMITREN A (i,

KDE) il T HEA I —EHELE 15, SPSS Modeler FHH KDE A=A KDE

BRI RN T KDE FERIAZORHIERTH FH S50, 19 R Python #1755,

& 232. kdeexport B4

kdeexport Jatk s JEPEH IR

bandwidth double BREEN 1,

kernel TR FEFARINK: gaussian 5 tophat, &k
H{EM gaussian,
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& 232. kdeexport B4 (82)

kdeexport Ja Tk s JEPERGIA
algorithm FrTE B EE: kd_tree. ball tree

8¢ auto, BRETENBT.

metric T HR FEH AR N AR E R, X T

kd_tree ik, MUPARDUHITIES:
Euclidean. Chebyshev,
Cityblock. Minkowski,
Manhattan. Infinity. P, L28{ L1,
XNT ball_tree Hik, MPATRDU#ATLE
£#: Euclidian, Braycurtis,
Chebyshev, Canberra., Cityblock,
Dice. Hamming, Infinity.
Jaccard. L1. L2, Minkowski,
Matching. Manhattan. P.
Rogersanimoto. Russellrao.
Sokalmichener, Sokalsneath &
Kulsinski, HRE{E N Euclidean,

atol float HAERRIEE RN R E, RN BZEBE
SEEPRIT, HEEN 0.0,

rtol float HASE RIS RN B 2, BRI BEB T
SHEPIT, HEEN 1E-8,

breadthFirst boolean WERN True DMER) BRI E, KEN
False DA RIIREMIC 1%, BREEN
True,

LeafSize B JREM I KN, BUE{E N 40, BHRILE
A HE BE I IERE,

pValue double FEE R Minkowski F T FE &N EE AT
“PE” ., BREEN1.5,

matrixnode B4

RERE” TR DR, ATERTFRZERXR, W REEHTE2RW NS
TEZAIRRER, (Btha] T Erbid 7 By v B2 MR R,

Nl
node = stream.create("matrix", "My node")
# "Settings" tab
node.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")
node.setPropertyValue("column", "Na")
node.setPropertyValue("cell _contents", "Function")
node.setPropertyValue("function_field", "Age")
node.setPropertyValue("function", "Sum")
# "Appearance" tab
node.setPropertyValue("sort_mode", "Ascending")
node.setPropertyValue("highlight_top", 1)

node.

setPropertyValue("highlight_bottom", 5)
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node.setPropertyValue("display", ["Counts", "Expected", "Residuals"])
node.setPropertyValue("include_totals", True)

# "Output" tab

node.setPropertyValue("full_filename", "C:/output/matrix_output.html")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("paginate_output", True)
node.setPropertyValue("lines_per_page", 50)

& 233. matrixnode B4

matrixnode J&1% B Ja@ PEfiid
fields EE (Selected)
Flags
Numerics
Tow FE
column FE
include_missing_values PR fERE TSt 2 G EE A
FERRAE (ZH) MRGHAE
(Z1E) o
cell_contents CrossTabs

Ki# (Function)
=

function_£field sz
function Sum
Mean
Min
Max
SDev
sort_mode Unsorted
Ascending
Descending
highlight_top G WRAEE, WHNEHE,
highlight_bottom e WRAEE, NMNE,
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& 233. matrixnode B4 (¢

matrixnode JE: BiRRY JE PSR
display [Counts
Expected
Residuals
RowPct
ColumnPct
TotalPct]
include_totals PR
use_output_name PRk faE R A B X 44,
output_name FIFER W5 use_output_name Hy
H, W€ EHATR,
output_mode Screen F 48 Wi T s A AR B
) HFRAL B
File

output_format

Formatted (.tab)

Delimited (.csv)

HTML (.html)

Output (.cou)

FFHa7E A,
Formatted 1 Delimited #%
AR AT BT RY
transposed, MATER[EER
AT RIS,

paginate_output PR ¥ output_format /& HTML
W, ik H 5 01,

lines_per_page Bz 5 paginate_output —if#
R, F8& 8 DR T
b

full_filename FRPE

meansnode B4

CEME T REINH 2 (RIS S T B < MR TEME R, DR RE S AR
EEE. BN, R DALLBITRICH AiEHFEMON, BB Rk B R ERZ e E

e AN SRR 3 2 IMRNEEA T EE R

Nl

node = stream.create("means", "My node")
node.setPropertyValue("means_mode", "BetweenFields")
node.setPropertyValue("paired_fields", [["OPEN_BAL", "CURR_BAL"]])
node.setPropertyValue("label_correlations", Tzrue)
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node.setPropertyValue("output_view",
node.setPropertyValue ("output_mode",

"Advanced")
"File")

node.setPropertyValue ("output_format", "HTML")

node.setPropertyValue("full_filename",

“C:/output/means_output.html")

& 234. meansnode B

meansnode J& 1k iR JETERA
means_mode BetweenGroups feE BEEEWE F P THISES T
AR,
BetweenFields
test_fields [fieldl ... f6EY means_mode XEN
fieldn] BetweenGroups M%7
B,
grouping_field TE feE T H T B

paired_fields

[[fieldl field2]

[field3 field4]

F6EY means_mode ZEN
BetweenFields INZE{#H FHAYF
B,

o]

label_correlations bR fee et P2 BRI hR
%, INTEY4 means_mode XE
i BetweenFields BfA W
i HE,

correlation_mode Probability 15 ML 2R 24 oHE AR A
Ko

Absolute

weak_label TR E

medium_label TR ER

strong_label TR ER

weak_below_probability e 24 correlation_mode & &N
Probability i}, fe@39tH%
B FHE, IXNJE 0 2| 1 2 [A]
H—/ME, 40 0.90,

strong_above_probability e SEAH A2 FLE,

weak_below_absolute I Y correlation_mode K& N
Absolue i, f5@E55HFXM
Bl XA 0 2 1 Z | —
ME, 5140 0.90,

strong_above_absolute B SEAH 53 FHES

unimportant_label FRFER

marginal_label TR

important_label TR

unimportant_below I RFEEE M 2 FHE, X0

72 0 2| 1 2R —ME, BN
0.90,
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X 234. meansnode B (42)

meansnode J& %k BmIo JEPERGIA
important_above b gt
use_output_name Fr& fEE R A A BE .
output_name TR ER i RIZFR,
output_mode Screen FEE N 0 T R A AR B Y
SRR A=
File

output_format

Formatted (.tab)

Delimited (.csv)

HTML (.html)

Output (.cou)

faE A,

full_filename

FLFHE

output_view

Simple

Advanced

FEE A iyt P R ) SIS 2
AL,

reportnode [E1¥

“H” TR AT AR R

Nl

node = stream.create("report",

o, HAEEE SR, BN IS B BRI HMRIA

o SER] DA SCA R E i BUAS X, DUE SEE SRR S, EIdAE
B HTML ARICDANAE “Htl” IR BIREIRIN, AT DR AUE S SCAE K,
SRR CLEM FIAR, AT A REEREM M R o

"My node")

node.setPropertyValue("output_format", "HTML")

node.setPropertyValue("full_filename",

node.setPropertyValue("lines_per_page", 50)

node.setPropertyValue("title",

node.setPropertyValue("highlights", False)

"C:/report_output.html")

"Report node created by a script")

& 235. reportnode @14

reportnode &1k BmRR Je 1 BEHA
output_mode Screen a2 N T s AR Y
H EAROLE
File

output_format

HTML (.html)

Text (.txt)

Output (.cou)

AT S 2R,
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& 235. reportnode B14% (&%)

reportnode J& 1k BmI JE P B

format Auto ik A shik Bt ez
R PR E R HTML % B

Custom g, E B A HTML

N E, 1HEE Custom,

use_output_name PR faE R A B T4,

output_name FrFER U5 use_output_name H
H, NFEE AR,

text FIFER

full _filename FIFER

highlights ik

title TR

lines_per_page e

routputnode Bt

R

S EAEE CRYER] R BAIA, "] DAMER “R fd”
TR TR PE 0 B BAHRRISE R, S04 At m] DA
XA, WAlDUREE, WS g misn
FHETTRA 5580, AT DR R B I E S,

& 236. routputnode B

routputnode J&1%: B JEPERA
syntax FrFER
convert_flags StringsAndDoubles

LogicalValues
convert_datetime PRi&
convert_datetime_class ——

POSIX1t
convert_missing PRi&
output_name Auto

TE
custom_name TR
output_to Screen

File
output_type Graph

Text
full_filename FIFER
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& 236. routputnode B (4L)
routputnode JE: BmI JEPERGIA
graph_file_type -
cou
text_file_type HTML
TEXT
cou
setglobalsnode [E1%
AR R SIEIF IR AT /E CLEM RIS AL EME, Flan, wTRARIX
@ W RN— NN FER F I B 80 Eid 1 A\ K% @GLOBAL_MEAN (age) TE
CLEM RIAF A e F AR A S,
Nl
node = stream.create("setglobals", "My node")

node.setKeyedPropertyValue("globals", "Na",
node.setKeyedPropertyValue("globals", "K", ["Max",
node.setKeyedPropertyValue("globals", "Age", ["Max",

node.setPropertyValue("clear_first", False)
node.setPropertyValue("show_preview", True)

["MaX" ,

HsumH, "Mean"])
"Sum", "Mean"])
usumu' "Mean", HSDeVu])

& 237. setglobalsnode &%

setglobalsnode J& BmRR JE P A
globals [Sum Mean Min SirErE, EHEA, WA
Max SDev] MR TEES | HE IR E T

node.setKeyedPropertyVa
lue(
"globals", "Age",
[IIMaXII, IISumII,
"Mean", "SDev"])

clear_first Fri&

show_preview bR

simevalnode B4

UL T RO R RO TRI B AR BT IR, R A K% B B A

B IR,

& 238. simevalnode B4

simevalnode &

JE A

target

FE
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X 238. simevalnode B4 (&%)

simevalnode J&1%: B JRPERA
iteration FE
presorted_by_iteration boolean
max_iterations B
tornado_fields [field1...fieldN]
plot_pdf boolean
plot_cdf boolean
show_ref_mean boolean
show_ref _median boolean
show_ref_sigma boolean
num_ref_sigma e
show_ref_pct boolean
ref_pct_bottom bt
ref_pct_top G
show_ref custom boolean
ref custom_values [numberl...numberN]
category_values Category
Probabilities
Both
category_groups R .
Iterations
create_pct_table boolean
pct_table Quartiles
Intervals
Custom
pct_intervals_num g
pct_custom_values [numberl...numberN]
simfitnode B4
BRLET TRREBNTFERPEIRNSI 0, AR (SGER) B
i T, FRNEREUED ML ENTER, A5, FTMEHE “BHAR” 7 Rok4E

AL
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& 239. simfitnode B4

simfitnode JB1: BmI JEPERGIA
build e

XMLExport

Both
use_source_node_name boolean
source_node_name TR ER IETEA: RE BT A R 1 A E

HFRo

use_cases ALL

LimitFirstN
use_case_limit B
fit_criterion AndersonDarling

KolmogorovSmirnov
num_bins B
parameter_xml_filename R
generate_parameter_import boolean

statisticsnode B1%
=] “RUH” WREBEAXBFEFRNERLCEGEE, AN FRINLESIHT AT
e BRI
NGl
node = stream.create("statistics", "My node")

# "Settings" tab

node.setPropertyValue("examine", ["Age", "BP", "Drug"l])

node.setPropertyValue("statistics", ["mean", "sum",
node.setPropertyValue("correlate", ["BP", "Drug"])

# "Correlation Labels..." section
node.setPropertyValue("label_correlations", True)
node.setPropertyValue ("weak_below_absolute", 0.25)
node.setPropertyValue("weak_label", "lower quartile")

node.setPropertyValue("strong_above_absolute", 0.75)

"SdeV"])

node.setPropertyValue("medium_label", "middle quartiles")
node.setPropertyValue("strong_label", "upper quartile")

# "Output" tab

node.setPropertyValue("full_filename", "c:/output/statistics_output.html")

node.setPropertyValue("output_format", "HTML")

K 240. statisticsnode B4

statisticsnode Jg@1k g JEPERGIA

use_output_name Fri& fEE R A A BE .

output_name FRFER U5 use_output_name Ay
H, NEEMEHNAR,
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& 240. statisticsnode &% (52)

statisticsnode J& 1 Bl JE A
output_mode Screen FH 487 Mg T s FR AR B A dan
HEEFRE,
File
output_format Text (.txt) T HaE kA,

HTML (.html)

Output (.cou)

full_filename YR

examine B

correlate VIES

statistics [count mean sum

min max range
variance sdev
semean median

mode]
correlation_mode Probability a8 FRE R 2 4 M HEARTERE
Ko
Absolute
label_correlations ) TV
weak_label FIRFER
medium_label FIER
strong_label TR
weak_below_probability G 24 correlation_mode &N
Probability i, fEEFHHER
3 FHE, XN 0 E] 1 Z[H
f)—ME, 4N 0.90,
strong_above_probability e SEAE Y 53 FAE,
weak_below_absolute G 24 correlation_mode iXE N
Absolue i, $5EGGHIEH 7
FE, XA 0 21 ZEp—
ME, #1a1 0.90,
strong_above_absolute r SRAHSE 53 FHES

statisticsoutputnode [E1%

; . Statistics #H 5 SR VA IBM SPSS Statistics 12 L #4210 IBM SPSS Modeler %k
T 32 AL A YF 2 AR TBM SPSS Statistics 2t Fe, I3 2% IBM SPSS
=== Statistics FJFRTEIAR,

BRETNEEENEE, ESHE 384 MY [statisticsoutputnode JE14 .
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tablenode Ei%

e ‘K7 WRUFREEREEE, XEEIEL R IS AR, B4R ER AL
HEEE HECE R PR R A RS X T X SRR BN, ey SRR A A,
NGl
node = stream.create("table", "My node")

node.setPropertyValue("highlight_expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose_data", True)
node.setPropertyValue("full_filename", "C:/output/table_output.htm")
node.setPropertyValue("paginate_output", True)
node.setPropertyValue("lines_per_page", 50)

% 241. tablenode B4

tablenode Jg1t: Bmn JE P e
full_filename TR W RREL, BB HTML B, )
e PEFE S SR A TR
use_output_name Fri& feE R H B E X4,
output_name FIT W use_output_name NE, N5
TE 5 R
output_mode Screen F 87 M H T s iR A A Y
HArLE,
File

output_format

Formatted (.tab)

Delimited (.csv)

HTML (.html)

Output (.cou)

RITHEE fn A,

transpose_data bRt SHETEERYE, FITRRTE, 5
FRIET,

paginate_output bri& 2 output_format /& HTML i, fif
it L,

lines_per_page e 5 paginate_output —iff FH,
feE B MM T I TR

highlight_expr TR ER

output TR HR R, AIER BN 7 i i i

JE— N REI5IH,

value_labels

[[Value LabelString]

[Value LabelString] ...]

MT MEXREERE,
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R 241. tablenode B &t

tablenode &1 B JE Pk
display_places B FFEOLE TR IN B (T
PA REAL 1B FEY) o {H 9 -1 I
A E,
export_places B NFBOLE SN R (YT
DA REAL B FEL) o (HN -1 N
fEH A E,
decimal_separator DEFAULT NI E I FERF (T LA
REAL 7B FELD) &
PERIOD
COMMA

date_format

"DDMMYY" "MMDDYY " "YYMMD
D""YYYYMMDD" "YYYYDDD"D
AYMONTH"DD/MM/YY""DD-
MM-YYYY""MM-DD-YY" "MM-
DD-YYYY""DD-MON-
YY""DD-MON-YYYY""YYYY-
MM-
DD""DD.MM.YY""DD.MM.YY
YY""MM.DD.YYYY""DD.MON
.YY""DD.MON.YYYY""DD/M
M/YY""DD/MM/
YYYY""MM/DD/YY""MM/DD/
YYYY""DD/MON/

YY" "DD/MON/YYYY"MON
YYYYg Q YYYYww WK YYYY

R 7B E HERN (AT DA DATE
B TIMESTAMP fEERFER)
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R 241. tablenode B (4%)

tablenode &

Bl

JEPEBL

time_format

"HHMMSS "
"HHMM"
"MMSS"
"HH:MM:SS"
"HH:MM"
"MM:SS*"
"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"
"MM.SS*"

"(H)H.(M)M. (S)S"

N B B RAE R (VAT LA TIME
8¢ TIMESTAMP 16817

"(H)H. (M)M"
"(M)M.(S)S"
column_width B NFBOLBEYRE, [HN -1 TR
RIS E N Auto.
justify AUTO N BT TFRE
CENTER
LEFT
RIGHT
transformnode E1%
“EEHR” T O ER SIE R DA I R A R, AR S R AL e Tk
LS TR
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Nl

node = stream.create("transform",
node.setPropertyValue("fields",
node.setPropertyValue("formula",

[IIAGEII ,
"Select")

y node")
"INCOME"])

node.setPropertyValue("formula_log_n", Txue)
node.setPropertyValue("formula_log_n_offset", 1)

& 242. transformnode B1%

transformnode J& 1% Bkl JE P BEH
fields [ field1... fieldn] AR A B
formula 2% (All) FORN A A il 2 i E

%R (Select)

formula_inverse FRi& FR B M A AR,
formula_inverse_offset M FRA P L FH B AT
&, PRAFHPEE, SN
MTRIEER 0,
formula_log_n Fria& TS ML log , 2k,
formula_log_n_offset e
formula_log_10 Fra& RN NAER log 10 2,
formula_log_10_offset W
formula_exponential FRi& T NAERYEE (ex) &
i,
formula_square_root PR FIE 75 N AT - T AR AR HR
use_output_name Fria& feE =S BE X 4.
output_name string A5 use_output_name NE,
W5 E 5 FH Y 44
output_mode Screen FHTHEE ML 7 A B
HEERMLE,
File

output_format

HTML (.html)

Output (.cou)

AT aEim A,

paginate_output Fris 2 output_format 2 HTML
IF, 9 T,

lines_per_page Br 5 paginate_output —if#
RN, fa& 8 5 DA T
s

full_filename string FOREAE SO e A RO S

%O
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317 2 SO EENE

BESHDTREN
DA M F TR S 2
R 243. RESHTABEM
JE & JE A
publish_path FRFER SR AR RGN SECAE
rootname % #F.
publish_metadata Fr& FE7E B A B B UG I A A H DA
I A TR B R i T BiE S
publish_use_parameters Fr& 8EBETE *.par XHHEERSE
publish_parameters FRYERAIFER e E EHENSEL
execute_mode export_data REEPITT EMARSGR, EEER
117 M B 3R AT
publish
asexport Bi%

A LA# F Analytic Server §Hi7E Hadoop 73 Z\ X &4t (HDFS) FizdfTii.

il

node.setPropertyValue("use_default_as", False)
node.setPropertyValue("connection",
["false","9.119.141.141","9080", "analyticserver", "ibm", "admin", "admin",6 "false

"’""’""’""’""])

3R 244. asexport B1%

asexport JBM: BmIm JE PERIA

data_source TP ER BARIRATR,

export_mode FIVER feE R ERS HIEYENINE EE
BIER, R HBENERIER,

use_default_as boolean MBI E N True, 1HMHHIRS 5
options.cfg XFHELEMTE
Analytic Server &z, IRILEN
False, THffFHILT SAEE,




& 244. asexport B4 (82)

asexport JgM:

JE A

connection

["string", "string

gll,
"string

"string

,"string

,"string",

,"string

n n
I

n n
I

strin

,"string

strin

gu, "S‘tIing" ,"S‘tIing"]

X2 E Analytic Server ZERE
Az BFIREME, #&8:
["is_secure_connect",
"server_url",
"server_port",
"context_root",
"consumer", "user_name",
"password", "use-
kerberos-auth",
"kerberos-krb5-config-
file-path", "kerberos-
jaas-config-file-path",
"kerberos-krb5-service-
principal-name", "enable-
kerberos-debug"], Hr
is_secure_connect: fERES
L 2%, HEN true 51
false, use-kerberos-auth:
fer B & Kerberos IAIE,
{8} true 8 false, enable-
kerberos-debug: fEREEH#
F Kerberos INIERYE A, H
B0 true 8¢ false,

cognosexportnode [E1¥

o

o F I s, E X Cognos 21 ODBC &%,

Cognos iEE
Cognos ERIE MR,
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& 245. cognosexportnode @%

cognosexportnode J& |#ERH JE PERGIA
i 3

cognos_connection |["string", "flag", "string", "string", "string"] | ¥|F @1, HFE Cognos iRS5s
HIERFEAE R, 00!
["Cognos_server_URL",
login_mode, "namespace",
"username", "password"]

Hr:

Cognos_server_URL 2 &R
Cognos 5525 URL,

login_mode f&7~/& & 5 FH B 44 %
%, HAEN true 8f false; WHRIE
BN true, LRE NIIFEILE R

nn
o

namespace fEEH T B FRFS 2RIIL
SINER R T,

username fll password &M T&3
Cognos %5 2810 FH P 44 F0 3R,

3R] DA DA77 SRR

login_mode:

-anonymousMode, fi/4:
['Cognos_server_uzrl',
‘anonymousMode ',
“namespace", "username",
"password"]

-credentialMode, #iln:
['Cognos_server_url',
‘credentialMode’,
"namespace", "username",
"password"]

-storedCredentialMode, fil
gn: ['Cognos_server_url',
'storedCredentialMode',
"stored_credential_name"]

Hrp,
stored_credential_name 2f%

fiiZErh Cognos EUEMIAAFR,
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R 245. cognosexportnode B1% (4L)

cognosexportnode J& |#ERH JEPERGIA

T

cognos_package_nam [5fF BARATE S HEIM Cognos BHEEM
e FEAZRRIAFR,

/Public Folders/MyPackage

cognos_datasource |ZFfFE

cognos_export_mode [Publish

ExportFile

cognos_filename ERFER

ODBC &%
ODBC i#ERE S F—1 ¥ databaseexportnode EMAHFE, H AT datasource EIHETLRL,

databaseexportnode &%

“BARPEFH” T R EHES NS ODBC FRERICREUETR, 25 A\ ODBC #iE
% IR, ZEIRIRLIEAE, HENZEERIRBIEA SR,

N/l

Assumes a datasource named "MyDatasource" has been configured'''

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

i# Export tab

db_exportnode.setPropertyValue("username", "user")
db_exportnode.setPropertyValue ("datasource", "MyDatasource")
db_exportnode.setPropertyValue("password", "passwoxrd")
db_exportnode.setPropertyValue("table_name", "predictions")
db_exportnode.setPropertyValue("write_mode", "Create")

db_exportnode.setPropertyValue("generate_import", True)
db_exportnode.setPropertyValue ("drop_existing_table", True)
db_exportnode.setPropertyValue("delete_existing_rows", True)
db_exportnode.setPropertyValue("default_string_size", 32)

# Schema dialog

db_exportnode.setKeyedPropertyValue("type", "region", "VARCHAR(10)")
db_exportnode.setKeyedPropertyValue ("export_db_primarykey", "id", True)
db_exportnode.setPropertyValue ("use_custom_create_table_command", Tzrue)
db_exportnode.setPropertyValue("“custom_create_table_command", "My SQL Code")

# Indexes dialog
db_exportnode.setPropertyValue("use_custom_create_index_command", True)
db_exportnode.setPropertyValue("custom_create_index_command", "CREATE BITMAP
INDEX <index-name>

ON <table-name> <(index-columns)>")
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db_exportnode.setKeyedPropertyValue("indexes",

"region"]])

“MYINDEX", ["fields", ["id",

& 246. databaseexportnode @14

databaseexportnode &1k B JE Pk
datasource FrFE
username TR
password FREE
epassword FIFER EHUTIERE, RN R, B4
RN RS, TEMER “TH” g
) B TR , AXREZE
B, B3RS 47 U MRS
HASH S FH,
table_name FrFER
write_mode Create
Append
Merge
map FITER F TR i 7 B AR PR L 248 e
ZFR ({AE write_mode
Merge MBI FAERD o
NTFEI, FrAFRAEIT Mt
AHeFH. BHREFRNEENFE
IR A
key_fields HlIZ fee ATEREFRIIR TR, MEYE
T B B AR BRI R
join Database
A (Add)
drop_existing_table AN
delete_existing_rows AN
default_string_size pe sy
type T B B g5 8 1
generate_import PRi&
use_custom_create_table_c |#i& i custom_create_table j@iEE
ommand HbRifE CREATE TABLE SOQL @
.
custom_create_table_comma | ZfFEf FEE FA B S bRl CREATE
nd TABLE SOQL @& fifi
use_batch Fra& R @ 2 BRI A =

%I, Use_batch 4 true ¥4
AT B R THE A I T RE
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& 246. databaseexportnode @14 (4L)

databaseexportnode J& 1k BmI JE PE B
batch_size T FE B TEAR R B N AT A IR B R
HIIE SR
bulk_loading off FEEHLRMERE, NEAIH T
ODBC fl External MHAMIEIA,
0DBC
External
not_logged PRi&
odbc_binding Row fgE i ODBC it & ks
BATH BRI E
Column
loader_delimit_mode Tab M@ MR Rt E IR, $5
TEE GRS, 188E Other i&
Space [ml

Hfh (Other)

loader_other_delimiter

B DR E Y, BlaES
()o

loader_other_delimiter FIFE

specify_data_file bR FRAEN True B ATEGE NHEIMY
data_file B, fEz/EMEHA]
PAYEEHL 225 N BIBUR RS AR
XA FERIE,

data_file FITER

specify_loader_program bR FREN True IAEGE RHEAY
loader_program @M, HEiZE
PR AR E AN 2 AR P AR B
RN E,

loader_program FITER

gen_logfile Fra& PR True I RIS NHHY
logfile_name, fEiZ%JEMH:rn]
PAYEE RSS2 L SC Ry S AR AR
RS H &,

logfile_name TR ER

check_table_size Fris FrisA True IS AR TRAGE DA
HRAREE R NG N5
IBM SPSS Modeler SHi 1740
¥o

loader_options FrTER fEEmEREFNEMSE, Fia -
comment 1 -specialdir,

export_db_primarykey bR TEEHETB RS BT T,
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& 246. databaseexportnode @14 (4L)

databaseexportnode &k B JE LB
use_custom_create_index_c | Fri& WMRFREN true, NNATE RS
ommand Ja B E X SQL,
custom_create_index_comma | F/5 MEEHBEEN SOLEN, fsEH
nd TAFERRSIH SOL fs, (Al
FrERSIN, ZEHEEBES, WF
FiRe )
indexes.INDEXNAME.fields WAEEIN IS B IR 5 A A 2
HEEZRTIFH TR,
INDEXNAME bri& TSR E RS BEH
"use_custom_create_i SQL, EZH FRZEIIRA,
ndex_command"
INDEXNAME TR E fEEH THE&R A E X SOL,
"custom_create_index_ HZH R ZERRE),
command"
indexes.INDEXNAME.remove |#7id& WHRHN True, BLEMNEGIEHF
BERiEEM RS,
table_space TR ER faE Kol R = A,
use_partition bri& Fa e K Ol A0 B 7B
partition_field FIFER FEE DM FENE

e XN T HLERREE, n] DAFEE DAS AT R 480 7 ZOR GBI B R AR (Filan, SOL HyEEaE)
CREATE TABLE MYTABLE (...) COMPRESS YES;) . N7 X#tINGE, 124t 7@ M

use_compression fll compression_mode, 1 AR,

& 247. 6T E45I08E8Y databaseexportnode B

databaseexportnode Jatt: Bmnl JE PR
use_compression fA/R1E MREER True, ALKAFHNHITE

AEippaNelfE =8
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& 247. B T [E4EINRER databaseexportnode 14 (£2)

databaseexportnode J& 1k s JEPERGIA

compression_mode Row HE SQL Server £4 2 1 R 46905
Page
Default ¥ E Oracle BUREMESI, BIER,

{E OLTP, Query_High,

Direct_Load_Opera |Query_LowArchive_High #
tions Archive_Low Z/PHEZ Oracle 11gR2,

All_Operations
Basic

OLTP
Query_High
Query_Low

Archive_High

Archive_Low

SRS A E 225 | B2 CREATE INDEX 2Rl

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX",
["use_custom_create_index_command",

True] )db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX",
["custom_create_index_command",

"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"])

s, AT POEE B RGE IR

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id",
"region"],

"use_custom_create_index_command":True,
"custom_create_index_command":"CREATE INDEX <index-name> ON

<table-name> <(index-columns)>"])

datacollectionexportnode EB1%

Data Collection §:Hi¥5 55 DA Data Collection i3z iAZ &R -5 F AR N HHE0E, 0

“424% Data Collection ¥l A AT B ¥4 1.
NGl
stream = modeler.script.stream()
datacollectionexportnode = stream.createAt("datacollectionexport", "Data
Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata_file", "c:\\museums.mdd")
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datacollectionexportnode

\museumdata.sav")

datacollectionexportnode.
datacollectionexportnode.

.setPropertyValue("merge_metadata", "Overwrite")
datacollectionexportnode.

setPropertyValue("casedata_file", "c:\

setPropertyValue("generate_import", True)
setPropertyValue("enable_system_variables", True)

& 248. datacollectionexportnode &%

datacollectionexportnode J&1k BmI JEPERGIA
metadata_file FRFER S H AT EAE S A TR,
merge_metadata Overwrite
MergeCurrent
enable_system_variables bRk FeESHM .mdd TR N
1 Data Collection RGIL &,
casedata_file FIFER 2SO EEERT . sav ST
HFRs
generate_import br&

excelexportnode B1¥

_— Excel SH 7 /LA Microsoft Excel .x1sx A& b EHE, EIErNERESITEL
EXCEL] i UG B3B3 Excel HITH-SFHA M,

N/l

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport",

excelexportnode.setPropertyValue("full_filename",
excelexportnode.setPropertyValue("excel file_type",

"Excel", 200, 200)
"C:/output/myexport.xlsx")
"Excel2007")

excelexportnode.
excelexportnode.
excelexportnode.
excelexportnode.

setPropertyValue("inc_field_names", True)
setPropertyValue("inc_labels_as_cell_notes", False)
setPropertyValue("launch_application", True)
setPropertyValue("generate_import", True)

& 249. excelexportnode B4

excelexportnode Ja Tk BmI JEPERGIA
full filename TR ER
excel_file_type Excel2007
export_mode Create
Append
inc_field_names PR faE TR R A ] ML SR LA
FHIE 1T,
start_cell FIFER faE S H G B TTS,
worksheet_name FIFER 25 N TAER TR,
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& 249. excelexportnode B14% (£2)

excelexportnode Jatk BmI JEPERGIA

launch_application PR faE R A N AL R LA
Excel, THIERE, WHTE “H#Bh
MR MIEHE ( “TH” ¥
o> “FEEIN AR ) HEE
JE 8] Excel FUEAZ,

generate_import PR FEE 2 A A ORI T 8K
PESCHF Excel ST M

extensionexportnode B1¥

E'@_ BT YIRS R, #ATLUEST R 52 Python for
= Spark Ak S H EHE,
Python for Spark ;5fjl

JHHHE script example for Python for Spark
import modeler.api
stream = modeler.script.stream()

node = stream.create("extension_export", "extension_export")

node.setPropertyValue ("syntax_type", "Python")
python_script = """import spss.pyspark.runtime
from pyspark.sql import SQLContext

from pyspark.sql.types import =

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

print df.dtypes[:]

_newDF = df.select("Age", "Drug")

print _newDF.dtypes[:]

df.select("Age", "Drug").write.save('"c:/data/ageAndDrug.json", format="json")

node.setPropertyValue ("python_syntax", python_script)

R :fjl

JHHHE script example for R
node.setPropertyValue ("syntax_type", "R")
node.setPropertyValue("r_syntax", """

write.csv(modelexData,

"C:/export.csv")""")

& 250. extensionexportnode &%

extensionexportnode J&: BmIo JEPERGIA

syntax_type R FEEIBITWNHIA - RIER
Python (R ZHt&EE) .

Python

r_syntax TR ER FIia1TH R AR S 1EE,

python_syntax FRFER SHATH) Python A YR 515
%o
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& 250. extensionexportnode B4 (£2)

extensionexportnode J&: BmI JEPERGIA

convert_flags StringsAndDoubles BEREIUH T hr s Bl

LogicalValues

convert_missing bR OETH R E 8 R
NA {H,

convert_datetime PR IR T B4 H BAE H R
R4S A R R H A/
[EIE =W

convert_datetime _class POSTXCE IXEEE T T e 2% H s H

POSIX1t BRI RIS A B R A
o
jsonexportnode 1%
JSON S5 s A ISON #& =k Hi Bdz
[JSON]

& 251. jsonexportnode @14

jsonexportnode J&1k BmIoy JEPEHGIA

full_filename TR FEE R (RFERER) S

string_format records f67€ ISON FrrEks R, GhE(E
A records,

values

generate_import PR feE 2 M A B E T H A
PR “ISON SN i f.
BA{E N False,

outputfilenode B1¥
- SEESCHESHT AU EEE R H B E RSO S R IXONTF AT AR H A BT B
LR R E AR AR H A .

Nl

stream = modeler.script.stream()

outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full_filename", "c:/output/flatfile_output.txt")
outputfile.setPropertyValue("write_mode", "Append")
outputfile.setPropertyValue("inc_field_names", False)
outputfile.setPropertyValue("use_newline_after_records", False)
outputfile.setPropertyValue("delimit_mode", "Tab")
outputfile.setPropertyValue("other_delimiter", ",")
outputfile.setPropertyValue("quote_mode", "Double")
outputfile.setPropexrtyValue("other_quote", "x")
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outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate_import", True)

& 252. outputfilenode B4

outputfilenode JB1: sy JE PR iR
full_filename TR SRR
write_mode Overwrite

Append
inc_field names bri&
use_newline_after_ records I
delimit_mode Comma

Tab

Space

Hfth (Other)

other_delimiter = Svias

quote_mode None
Single
Double

Hftt (Other)

other_quote R
generate_import PR
encoding StreamDefault
SystemDefault
"UTF-8"
sasexportnode 1%
“SAS FH” 1 RIBA SAS A& U HEHE, DUEROZEIEIEA SAS 8 5 SAS HRAR
EE* A HA=MATHE SAS X% SAS for Windows/0S2, SAS for UNIX #i1
SAS V7/V8,
NGl

stream = modeler.script.stream()

sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full_filename", "c:/output/
SAS_output.sas7bdat")
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sasexportnode.setPropertyValue("format", "SAS8")
sasexportnode.setPropertyValue("export_names", "NamesAndlLabels")
sasexportnode.setPropertyValue("generate_import", True)

& 253. sasexportnode B
sasexportnode Jatt: BimIoy JE PR
format Windows A] 2% B R T B o
UNIX
SAS7
SAS8
full_filename FIFER
export_names NamesAndLabels AT EBFEZM IBM SPSS
Modeler F5H FRIU 2] IBM
NamesAsLabels SPSS Statistics Bt SAS HIAL &
#“,
generate_import T

statisticsexportnode B14%

- Statistics S H 77 s L IBM SPSS Statistics .sav 5 .zsav ¥ i £3E, IBM SPSS
Statistics Base FlHAH 5a] PLLEL . sav 8% . zsav X, Xfg LT IBM
. SPSS Modeler HR L2770 1,

xRN EBHENEER, ESME 385 Tl Tstatisticsexportnode B

tmlodataexport T 2@ tE
IBM Cognos TM1 SHi 5 sk Cognos TM1 i & rf DAL B A% 20 5 B,

& 254. tmlodataexport TR B M

tmlodataexport Vi@ B JEPERGIA
admin_host TR HR REST API B FA14HT URL,
server_name TR ER M admin_host HIEEER TM1 iRS5 41944
No
credential_type inputCredential 8¢ | TR FEIUERA,
storedCredential
input_credential LB Y credential_type & inputCredential
W, fEEE. HP AL,
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& 254. tmlodataexport TT S B4 (£2)

tmlodataexport 1)@k Bhgnl FAER )

stored_credential_name FIRFER Y credential_type Hy
storedCredential if; 57 C&DS AR%s#s L
LA FR,

selected_cube T BREURE S B 2 EERE AR, Flan:

TM1_export.setPropertyValue("selec
ted_cube", "plan_BudgetPlan")

spss_field_to_tml_element |%i3% L EIH TML TT R JUZ Ffride 22 4E BRI
_mapping B B 5 4 I RER 7 e RE T :

[[[Field_1, Dimension_1, False],
[Element_1, Dimension_2,

True], ...], [[Field_2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,
True], ...1]

A 2 PHIFRA TR E R R TR
FIERER N T LARER 2 SRl

w1 IR ([[Field_ 1,
Dimension_1, False], [Element_1,
Dimension_2, Truel, ...]) AT TM1 4k
JE LR R

F—1 3 EY R EHE R, 26 =0
IRER TN EEIER T4EE TR, Hlan:
"[Field_1, Dimension_1, False]" F
Field_ 1 Wt84%] Dimension_1;
"[Element_1, Dimension_2, True]"
/RN Dimension_2 %# T Element_1,

w20 FIEZAFIER ([[Field_2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,

Truel, ...1) AT TM1 IS4 = mEt

2
= 1%\0

F— 3 {EYIRIERNETCEMHEE, F=
MiRIEH TR R EZ IR ER,
"[Field 2, ExistMeasureElement,
False]" #/R Field_2 MLyt
ExistMeasureElement; "[Field_3,
NewMeasureElement, Truel" FR
NewMeasureElement T2 N
selected_measure HIEREINIE4EE H
Field_3 BMLif#IE,
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& 254. tmlodataexport TT S B4 (£2)

tmlodataexport 1)@k Bhgnl FAER )

selected_measure IR FEEMEY4EE,
N1k
setPropertyValue("selected_measure
", "Measures")

tmlexport TRBE (FIEFE)
IBM Cognos TM1 SHi 5 s L Cognos TM1 i & ] DA EUIA% 20 S B,

1 %71 FUTE Modeler 18.0 ORNEREEH, BT I AR 2 tmlodataexport,

& 255. tmlexport T RB 4

tmlexport 1irnijE bi(8 | JE PERGIA
pm_host FATH TE: (UE T V16.0 f1 V17.0,

FAHA, Blan:
TM1_export.setPropertyValue("pm_ho
st", 'http://9.191.86.82:9510/
pmhub/pm")

tml_connection ["field", "field", ...,"f | 1 (& T V16.0 1 V17.0,
ield"]
HIFREME, HAEE TML RS 2RINERFEAE
B, X M: [ "TM1_Server_Name",
"tml_ username", "tml_password"]

g :
TM1_export.setPropertyValue("tml_c
onnection", ['Planning Sample',
"admin" "apple"])

selected_cube FE S BEE T BN 2 AR AR, filan:
TM1_export.setPropertyValue("selec
ted_cube", "plan_BudgetPlan")
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& 255. tmlexport T EEE (82)

tmlexpoxrt VirijE M

B

JE A

spssfield_tmlelement_mapp
ing

LIS

FMEIR) TML TR IRk 2 4EEdRSEM
R B 28 A AR 7o K&
[[[Field_1, Dimension_1, False],
[Element_1, Dimension_2,

Truel], ...], [[Field_2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,
Truel, ...]1]

A 2 DIIERHTHIANE R, M TR
BN BT LA S 2 RAl:

w1 BE—HIER ([[Field_1,
Dimension_1, False], [Element_1,
Dimension_2, Truel, ...]) AF TM1 4
JEMLEHE B

B 3 HAYIFRIGREEGHE R, 8=
RIERTIEREEIER THEITE, filan:
"[Field_1, Dimension_1, False]" Fm
Field_1 eitE] Dimension_1;
"[Element_1, Dimension_2, Truel" %
N Dimension_2 % T Element_1,

w2 FIEZAHIER ([[Field_2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,
Truel, ...1) AT TM1 UE4ERE TR ME
5B

F—1 3 EYRE RN E TR EE, F—=
Mi/RER T RRZAIEH TR,
"[Field_2, ExistMeasureElement,
False]" /R Field 2 B&f%|
ExistMeasureElement; "[Field_3,
NewMeasureElement, Truel]" Fx
NewMeasureElement &N
selected_measure AIEFAIMIELER H.
Field_3 ElBatEIE,

selected_measure

TATER

faE MY,

N1k
setPropertyValue("selected_measure
", "Measures")
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xmlexportnode E1¥

XML ST RURE R DA XML AS S 25, n] DO A1 “XML IR 9
<XML> A, DUERE S H BRI E T,

N/l

stream = modeler.script.stream()

xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full_filename", "c:/export/data.xml")
xmlexportnode.setPropertyValue("map", [["/catalog/book/genre", "genre"],
["/catalog/book/title", "title"]])

& 256. xmlexportnode B4

xmlexportnode J& 1k B JETERA

full filename FrFE (FR) XML T H SR e B AR RIS
%o

use_xml_schema PR feE R A HH XML X (XSD 5 DTD X
) =S HERN A,

full_schema_filename FIFER TR XSD B¢ DTD XA 522812 F1
44, 5% use_xml_schema &N true,
PN

generate_import bR A K B 5 B SRS [ 2R P Y XML
PR R

records I HER FRICFKIB A H XPath FIEF,

map SRS BB XML &54,

17 = SHTAESE 381
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' 18 &% IBM SPSS Statistics i iE Mk

statisticsimportnode B4

Statistics SX£F1T miM IBM SPSS Statistics R .sav B .zsav X8 UM ARTELE

' IBM SPSS Modeler HHYRAE X (AR —1&X) BEEdE,
ANl
stream = modeler.script.stream()
statisticsimportnode = stream.createAt("statisticsimport", "SAV Import",
200, 200)

statisticsimportnode.setPropertyValue("full_filename", "C:/data/druglin.sav")
statisticsimportnode.setPropertyValue("impoxrt_names", Txue)
statisticsimportnode.setPropertyValue("import_data", True)

& 257. statisticsimportnode &%

statisticsimportnode JE1E | EERH JETPERGA

full_filename T H R4 (R S

password R ., password SEUNTE

file_encrypted S AR E,

file_encrypted PR FER SR A 2 B RS IR I,

import_names NamesAndLabels REFEAS B A4 FIFR B I 75 1,
LabelsAsNames

import_data DataAndLabels AEFRAEFIARZE I 75 1
LabelsAsData

use_field_format_for_stor |#H/R(H IEES AN ES{HH IBM SPSS Statistics

age FEMAE R,

statisticstransformnode B4

Y . Statistics FHuY 5% IBM SPSS Modeler HEEGRETRIZ1THN%ERH) IBM SPSS

' g ; Statistics 1AM, T T2 IBM SPSS Statistics B AT REIA,

N/l

stream = modeler.script.stream()

statisticstransformnode = stream.createAt("statisticstransform",
"Transform", 200, 200)

statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na +
K.")



statisticstransformnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed

Drugs")

statisticstransformnode.setPropertyValue("check_before_saving", True)

& 258. statisticstransformnode @1

statisticstransformnode J& 1 Bgm JE PR IA

syntax TR

check_before_saving bR PRAFH NI w56 UE E 5 A RIS
%, WMRIEEIER, NEER—
SREEIRTE L

default_include bRk HXHEZEE, iH2ME 150
TR Tfilternode J@MEy i,

include Fr& BAXEZER, EZHE 150
TR Ffilternode @1y 3=/,

new_name FITER HREZER, E3HE 150

T Tfilternode By 0,

statisticsmodelnode EB1%

, Statistics AT S RRENSIEITIZ T4 B PMML ) IBM SPSS Statistics idF2 53 #7 Al
P REFREE, 1T TR E IBM SPSS Statistics FVF AT EIA,

Nl

stream = modeler.script.stream()

statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)

statisticsmodelnode.setPropertyValue("syntax",

"COMPUTE NewVar = Na + K.")

statisticsmodelnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed

Drugs")

statisticsmodelnode J&1: BmIo JEPERGIA

syntax FrFE

default_include brE BAXEZER, EZHE 150
T Tfilternode Bty 8,

include Fr& HREZER, E3HE 150
T Tfilternode J@ 1) /i,

new_name FIFER BXREZER, BESHE 150

TiRY Ffilternode J@ 1y 3/,

statisticsoutputnode B1¥

. . Statistics #iH Y £UA] V& B IBM SPSS Statistics JEF2 LA HT 8 H9 IBM SPSS Modeler %k
@ 2. A DAVI A2 ARFEHY IBM SPSS Statistics 4 it #2, 7 A ZE%E IBM SPSS
=== Statistics FJFATEIA,
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Nl

stream = modeler.script.stream()

statisticsoutputnode = stream.createAt("statisticsoutput", "Output", 200,
200)

statisticsoutputnode.setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A)
BP(A) Cholesterol(A)")
statisticsoutputnode.setPropertyValue("use_output_name", False)
statisticsoutputnode.setPropertyValue("output_mode", "File")
statisticsoutputnode.setPropertyValue("full_filename", "Cases by Age, Sex
and Medical History")

statisticsoutputnode.setPropertyValue("file_type", "HTML")

& 259. statisticsoutputnode &%
statisticsoutputnode J& 1k B JETEHA
mode Dialog %% “IBM SPSS Statistics Xfi%
NE” LB LR o
Syntax
syntax TR
use_output_name ) AV
output_name TR
output_mode Screen
File
full_filename FRYER
file_type HTML
SPV
SPW

statisticsexportnode B1%

Statistics 5 H ¥ £ LA IBM SPSS Statistics .sav 5% .zsav #& # H 5dE, IBM SPSS
Statistics Base A Fa] LLLEL . sav BY . zsav X, XAt T IBM
SPSS Modeler HRHLER 7S A

Nl

stream = modeler.script.stream()

statisticsexportnode = stream.createAt("statisticsexport", "Export", 200,
200)

statisticsexportnode.setPropertyValue("full _filename", "c:/output/
SPSS_Statistics _out.sav")
statisticsexportnode.setPropertyValue("field_names", "Names")
statisticsexportnode.setPropertyValue("launch_application", True)
statisticsexportnode.setPropertyValue("generate_import", True)

%5 18 % IBM SPSS Statistics i £UE M 385



& 260. statisticsexportnode @14

statisticsexpoxtn | #EA JB AR
ode Ja 1%
full _filename FIFE
file_type sav PA sav 8¢ zsav ¥R, filan:
zsav statisticsexportnode.setPropertyValue("file_
.typell , ||SaV|| )
encrypt_file PRi& FER SR A S AR
password FR B,
launch_applicatio |#r&E
n
export_names NamesAndLabels | Fi T-#5 B4 M IBM SPSS Modeler )5 H H IR 5] IBM
SPSS Statistics B¢ SAS HIZEE A4,
NamesAsLabels
generate_import bRk
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¥ 19 & Python i 5@

gmm B4

Gaussian Mixture® BAE—MERER HEE NG REE N &SI R AR SER

> AHERFTEEE S, PTRLEIRESHEETINET X K-Means 2R DAE & A XEHRAI
T7 R DS R S HT AR ORYE R, SPSS Modeler Hf{) Gaussian Mixture 15 4
N Gaussian Mixture FERIIZORHIERTH FH 240, LT S/ Python #7558,

* 261. gmm B4

gmm )&k Bgal JE A

use_partition boolean BN True 8 False DS E 2 A H Y
XEHE, HE{EN False,

covariance_type TR HR $6& Full, Tied. Diag 8¢ Spherical
DA E 77 22388,

number_component B fEEH TIRGHHEEIEE, F/IMEN
1, SREEN 2,

component_lable boolean {8 True DU EEHREIRE N TRIE, K
HH15E False DU EEREIIR IR E VAT
BE{E N False,

label_prefix FIT WERAE PR, IR nIEER]
%

enable_random_seed boolean SRR YT, HRATEE True,
FE{E N False,

random_seed B ARAEH TR, A2 feE T LRk
HUREA IR AL,

tol Double B HIE, GRE{EN 0.000.1,

max_iter I FEEBEHITIIR RIERIREL, TREERN
100,

init_params FrFE WEZEF ANPGRS, IR Kmeans
5 Random,

warm_start boolean {87 True MBS HIBIEN T —D
PIEAHRPIGI, EEEN False,

hdbscannode EB1%

Hierarchical Density-Based Spatial Clustering (HDBSCAN)® fii FJE B 2% ST ok A R B
TEEAVRR BRI IR, SPSS Modeler H1fJ HDBSCAN “1i 553 FF HDBSCAN JE R0
FHERHE S 1077 DA Python B, M8 —TFAAN T fREAREE A 741N, AT DA
FA T R BRI 2R AR



& 262. hdbscannode B4

hdbscannode J&

B

JE A

inputs

TE

MTRENEAT B

useHPO

boolean

{5E true B false A] SR HET
Rbfopt IESEMILL. (HPO), ZAfLAT H
IR ESHA S, FERTEAEAR RSl
BB AR AYIR 2, BB EN false,

min_cluster_size

L8

REMR/ANKN EEERE. SREEN
5

min_samples

B

B R0 Z i, AR RIREAR
B, ETEEEEE, WRIEE RN 0, AN
FAmin_cluster_size, H&{EN O,

algorithm

feE 2 HRE L best. generic,
prims_kdtree. prims_balltree.
boruvka_kdtree
boruvka_balltree, H&{EH N best,

metric

FEE THEARHEEE S22 (8] i T N P 2
fFFMFEFR: euclidean, cityblock.
L1, L2, manhattan, braycurtis,
canberra., chebyshev.

correlation, minkowski B
sqgeuclidean, HRE{EN euclidean,

useStringlLabel

boolean

6 true TR FATHRRIIRE, f6E
false FRMMBTREME, BHEEN

false,

stringlabelPrefix

TATER

U useStringlabel SEILEN
true, EATFRFEMRERISIEEME, A
AN cluster,

approx_min_span_tree

boolean

€ true FRRFTEZIE R/ INERM, 15E
false FRIRIEA EHPHEH E BRI
HEEN true,

cluster_selection_method

TAEER

FaE EL A F I Rh 7T R R R P B ER 25
eom 5 leaf, HLEMEN eom ( “FRET
FI” &%) .

allow_single_cluster

boolean

A true TRV HRELER, BREEN

false,

p_value

double

FEE L EARHEFR Y minkowski I, P
HEHp B, BREEN 1.5,

leaf_size

L8

2 AR E: (boruvka_kdtree 5
boruvka_balltree) K, iBEIEEHMH T
MR R, EEN 40,

outputValidity

boolean

67 true o false, DAEHIEEE “H
AR B R EFE AR

outputCondensed

boolean

H7E true 5 false, BUFHIZAN “#
R R AR (B
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& 262. hdbscannode B1% (%)

hdbscannode Jg 1k s JEPERGIA

outputSinglelinkage boolean {87 true o false, DAIBHIIZER “#
BRehm” R RETEERALE A,

outputMinSpan boolean 67 true o false, DAMFHIETH “&
INAE AR ARG CE AR B

is_split £ V18.2.1.1 HHTH,

kdemodel E1%

Kernel Density Estimation (KDE)® fififf] Ball Tree 8¢ KD Tree ik AV TR A 1),
A HEEETIEFS . FHE TR RS, T HEMTRERN 7% (i,

KDE) JZiifitfT HiA I —EHE LT, SPSS Modeler FH KDE 24571 KDE

BT RN TF KDE FERAZORHIERTH FH 280, 19 R H Python #7551,

& 263. kdemodel B4

kdemodel )& B JE PSR
bandwidth double REEN 1,
kernel EREREE FF AN gaussian, tophat,

epanechnikov, exponential,

linear 8¢ cosine, BRE{HN

gaussian,

algorithm FIT FHEFHM T kd_tree. ball_tree
¢ auto, BREENBED.

metric TRV ER I EE SN AN E R, T

kd_tree Bk, MPARIHITIESE:
Euclidean. Chebyshev,
Cityblock. Minkowski,
Manhattan. Infinity. P, L28k L1,
X ball_tree Hi%, MPARIUHTIE
#%: Euclidian, Braycurtis,
Chebyshev, Canberra. Cityblock.
Dice. Hamming, Infinity.
Jaccard, L1, L2, Minkowski,
Matching. Manhattan. P,
Rogersanimoto. Russellrao.
Sokalmichener, Sokalsneath ¢
Kulsinski, HRE{EN Euclidean,

atol float HAEAME RN RT B E, AN BREBE
SEEYHST, HREEN0.0,

rtol float M RN A Z, RN AZEEE
SEEYST, HREEN 1E-8,

breadthFirst boolean WM True DMERT EMILTTE, KER
False PAMERIREMI Tk, SREEN

M V18.2.1.1 FFth, EMLAN True,

breadth_first
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K 263. kdemodel B4 (£2)

kdemodel J&: s JEPERGIA

LeafSize B JKERIH- KN, SREER 40, HERIH(E
Al RE D E IR,

MV18.2.1.1 JFig, HEmH

leaf_size

pValue double feE s Minkowski T & & B AE AT

“PEH” . BREEN 1.5,

custom_name

default_node_name

use_HPO

kdeexport B

A

Kernel Density Estimation (KDE)® {# ] Ball Tree 5% KD Tree 8% A TRICR &),
HEGTMEFS]. FE TR RSN S, ETHEMTENAE (Fla,

KDE) @i T HixA I —EEEEE T, SPSS Modeler H1HY KDE Z:A5#1 KDE
R AN T KDE FERIRODRHERH S5, 17 A H Python METSEEL,

& 264. kdeexport B

kdeexport J& Tk

B

JE T

bandwidth

double

BREEN 1o

kernel

TATER

TEFARIAK: gaussian B tophat, #t
BN gaussian,

algorithm

TIEER

FEEHARE: kd_tree. ball_tree
8¢ auto, BREENBD

metric

TATER

e AR N A EE, ST
kd_tree Bk, MPARIRETIESE:
Euclidean, Chebyshev,
Cityblock, Minkowski,
Manhattan., Infinity. P, L28( L1,
XT ball_tree Bik, MPAURIUEATIE
$: Euclidian, Braycurtis,
Chebyshev, Canberra, Cityblock,
Dice. Hamming. Infinity.
Jaccard. L1, L2, Minkowski,
Matching., Manhattan. P,
Rogersanimoto. Russellrao.
Sokalmichener, Sokalsneath B¢
Kulsinski, #RE{EN Euclidean,

atol

float

BRIV N R E, BRI A ZEH R
SECERIIT, BEEN 0.0,

rtol

float

BRI RN B2, BORKIAZE T K
SEEPINT, BEED 1E-8,
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R 264. kdeexport B4 (82)
kdeexport Ja Tk s JEPERGIA
breadthFirst boolean WEN True DMERT BT, WEN
False PAMERIREMIC . SREEN
TIer
LeafSize B JIREREIHAR/N, SREET 40, FEXUIHE
A]HE T3 R M RE
pValue double FEEW Minkowski T & & ZAH A
“PIE” . BREEN 1.5,
smm B1¥
Gaussian Mixture® A2 — MR HRE WG IREEN ST MRS EGR
> AFRERFTAE SRR, TR ABEINAZ X K-Means R DIGLEH LRI

73 =GR AR T A B DRI A5

SPSS Modeler HHYJ Gaussian Mixture 3 s

NFF Gaussian Mixture FERIRLORMERHE IS8, Y S A Python AT,

& 265. gmm B%

gmm JE T s JETERGIA

use_partition boolean BB N True 8 False DB EREHH
X, BLE{EN False,

covariance_type FIFER $6% Full, Tied. Diag={ Spherical
DA B W T A,

number_component B fEEH TFIRGHAHEENEE, B/IMEN
1, BREEN 2,

component_lable boolean € True AR SRS IR B N FIFER, 5
BIEE False DMSERFIRE IR E NEF
SREEN False,

label_prefix FrFE WMARAE PR, IR n e ER]
%,

enable_random_seed boolean MRAE L HBEN AT, ABAFEE True,
& {E N False,

random_seed L WREEHREYRF, IR Fe e 2 T4 Rk
NIFEABIEEEL

tol Double feE WS ESE, $hEEN 0.000.1,

max_iter L FEREPUTIERRIEIREL, SEER
100,

init_params FITE WEEHHNPIGE S, &Y Kmeans
&¢ Random,

warm_start boolean $87E True DMERHEHIIEIBIEN T —1
ISR wa. SEER False,
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ocsvmnode B4

2 BAK SVM RN E A E I, W R AT T ANERN, e e AR S
a GO, DAMEIR SR T 2R A R T 02K, K SVM BT fi7E SPSS
Modeler A& ] Python HE{T5LH HAEE scikit-1learn® Python %,

& 266. ocsvmnode B4

ocsvmnode J& Bimpmy JE A
role_use FrYE 67 predefined DA FTIE X ffh, B

FHF57E custom DA E S FE AL, SR

Ly Pray >
}‘)\ V18.2.1.1 }FQD, %ﬂﬂﬁgﬁ (é\yg predeﬁnedo

custom_fields

splits FE X2 T R B AR YR,
use_partition /R B true B false, HE{EN true,

GIRIZREN true, ARAAEAVEBRIN, K
1 I SRz

mode_type TATER XM, ATREAY(E N simple B¢
expert, WHHEE THEE, Mo “Lx”
IR BRI SRR TRERIRES.

stopping_criteria T H XERIEAICEBGE T R, RIRERI(E N
1.0E-1, 1.0E-2, 1.0E-3. 1.0E-4.
1.0E-58(1.0E-6, HEEN1.0E-3,

precision float [EVREE (nu)o WIZREEIRAI SRR A1 R AT R 4K
B8, BIRERT O H/NTEHET 1.0/
Her, HREEN 0.1,

kernel FR FREREP RN, RTRERIE N
linear, poly. rbf, sigmoid =k
precomputed, FRE{EN rbi,

enable_gamma 1/R{E RTERAMBEZSE, 15EE true 5
false, BRE{EN true,
gamma float PO A% rbf. ZIMEA] sigmoid HA L

ZH, R enable_gamma ZELE N
false, ABAMSEKILE NERN, WRIE
BN true, HAGREEN 0.1,

coef0 float IX 2 PR R BRI, SO S IR N
M sigmoid MAZE LS8, BREEN
0.0,

degree BEL Z AR BRSO Z I NS
FIk2%, 1R ETREE, REER 3,

shrinking i /R {8 FTEE R G B Y )N a &k E, 15E
%€ true B false, HE{EN false,

enable_cache_size fi/R1E TG cache_size 28, HigE

true 8} false, HE{EN false,
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& 266. ocsvmnode B (82)
ocsvmnode Jg 1t Bhgnl JE A
cache_size float X R PRZEAFHI RN (MB), BREE N
200,
pc_type FrFE IXBIATAFRETERRAY, AIREAIEIT IR
_\_‘Zgz_ﬁo
lines_amount B REEAUSTERE LR KRITE. EHREN
T 1 f1 1000 Z [AIFEEEL,
lines_fields_custom 1h/RME FTEH lines_fields &%, #&a] L@
WS EdEE = TR E R A R E T
B, WRIZEN false, LK ETRATE
T, MRIEEN true, IBLAVEREEH
lines_fields ZHHEENTEL. N TR
RE, TR 20 MFE,
lines_fields TR X RZEENPHESIERTE BRI
FIZR,
enable_graphic /R TBIEE true B¢ false, AHEEHIH
(AN SRARZ T LB RIFR D IR SRR, 18
SR IEDTD
enable_hpo 1A /R {8 67 true o false DUA FHEZEF] HPO i%
T, WSRI%EN true, HF2K M Rbfopt
PAHZHER “BRE” I SYM R XnA]
RBIHPEEH AR target_objval 3
E X EFRN S AE,
target_objval float FAVEHZE L BEARREUE R T RIS
BIRERR)  (Flan, RASEE) . R
RIEERA, ALK SEOLE N IE
(Flan, 0.01) ,
max_iterations B SRR R OE RIS, TPEER
1000,
max_evaluations B SRS BRI BORIE R R IREL, HP R
SRR, BREEDY 300,
rfnode B14%
‘k BEATLARPARTT o 5 FE R AR R R S AR A R A SRR I s S Bl L REATLAR MRS TS
FUTE SPSS Modeler H i Python TS EIH HFF 2 scikit-1earn® Python /&,
& 267. rfnode B1E
rfnode Bt B JEPERIA
role_use Fr $67€ predefined PAMERTIE A€, 5
FHEE custom DMERERIFE2HBL, Bt
AN predefined,
inputs FE X2 A FBATR,
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& 267. rfnode B (£2)

rfnode JB1: s JE A

splits FE X BT 2RI FBRAFRIYIER,

n_estimators B TR R R, GREEDN 10,

specify_max_depth h/R1E fEE EHEARE, MR false, W4
KRN REEMMAN A yaigeE B2
At SR INT
min_samples_split, HLEEN
false,

max_depth TR MR KIRE, SREEN 10,

min_samples_leaf BEL /N RN TREE 1o

max_features TR ER TEEH RS HIN 2 B RHMESE

“WNSN auto, BN Tor2REEH
max_features=sqrt(n_features)
I EHXTEEHN

max_features=sqrt(n_features)

SWNERN sqrt, ARAHh

max_features=sqrt(n_features)

SURN 1og2, ok
max_features=1log2
(n_features),

A E N BT,

bootstrap fh/RME ERERMIN, (37 Bootstrap FEA, HRE{E
N true,

oob_score f/RIE i FHSAMEASRAL FIZ (L O R IERATE, A
>} false,

extreme A/R1E AR FEHLI . SRE{EN false,

use_random_seed h/RME fER LRI EHIEE R, thEEN false,

random_seed T TX B AR N L FH R BEN LB 7, TBTRTE
EREIEES

cache_size float XENEEFRARN (MB), GREEN
200,

enable_random_seed h/RME FTJ5H random_seed 2%, 57 true
gf false, SRE{EN false,

enable_hpo /R1E $67E true 5 false DA FAEEEH HPO %

I, WERIZE N true, ARAKER A Rbfopt
DAEfE “BfE” VAR XAk
FIFHP#EHLAT target_objval ZEE
X HFRA S AE,
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& 267. rfnode B (£2)

rfnode &1t Bhgnl JE A

target_objval float IERRE ST EFREREUE G T REAR A
FIEEIRR) (BN, RAREE) . RE&
FEER, B2 SEOEEHE N E
(Fan, 0.01)

max_iterations B AR R RIERIR L, TEER
1000,

max_evaluations B SRS BRI BCRAE R RIREL, HAP R
SRR AT, BREE 300,

smotenode BT§

&

B RIS SRAERTK (Synthetic Minority Over-sampling Technique, SMOTE) 1 5%
RO T T AR A SR R I SRR, BRI T T IR =TT
SMOTE Jd#2 15 ;5 7E SPSS Modeler i Python TSI HFFZE imbalanced-

learn® Python %,

& 268. smotenode B4%

smotenode BT Bmnl JEPERA

target_field T HART B

MV18.2.1.1 FF4h, BN

target

sample_ratio FITE HFEHERERE, MAMET258 “8
3)” (sample_ratio_auto) fl “iX&ELt
R” (sample_ratio_manual),

sample_ratio_value float IR B DB IR AR RS Z B IR
AEz b, BOHART 0 H/NTEET 1
HEE N B,

enable_random_seed fi/R1E WL EN true, 2 KBBEH
random_seed &M,

random_seed T X2 HBEN BT A e F R 7

k_neighbours B X TS R AR R B 2B R IR
=, HEEN 5,

m_neighbours B X R THE B &/ D BREAL T RIS
HRIEMBEIEE, RBETE SMOTE &k
A% borderlinel fil borderline2
i, A B HED, §E{ER 10,

algorithm_kind T HR SMOTE BiERIEAL: regular,
borderlinel 8¢ borderline2,

MV18.2.1.1 FF4h, BN

algorithm
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X 268. smotenode B4 (&%)

smotenode Jg 1k B JE A
usepartition 1i/R1E WRIEEN true, ILLCENGEARHT

MV18.2.1.1 FF4k, EmHEN

use_partition

RIS, BRETEDN true,

tsnenode EB1%

*

* W t- AR BEALATIRER A (t-SNE) 2 T Al L @ 4E8aE i TR, HOEUE moR O R e
HAREME. It t-SNE 7 57E SPSS Modeler H{#if Python M TSCBIH H 7522
scikit-learn® Python J&,

& 269. tsnenode B %

tsnenode JE Bmal JE PR

mode_type T HR f63E simple 5X expert 77l

n_components T RS FI4ERE (2D 87 3D) » f8E 2 8¢
3. TREEN 2,

method FIT $67E barnes_hut B¢ exact, HREEN
barnes_hut,

init T REVIIa, $57E random B¢ pca, HRE
{E°% random,

target_field FIT EART B ATR, TEHH E A 2 o e it
K, WRARfEE BinTE, A EGRE

MV18.2.1.1 FFl, Edvdsh R,

target

perplexity float PRI 2K 5 HAth & Ay S LR H e B Y Bl 40
TLRIEMR, BE, PREEK, FEN
RIERFE R, 15 EI%EE 5 f1 50 Z M
fH, B&EEDN 30,

early_exaggeration float IR 4GS R A B AR 2R E NS R H Y
BRRRE DS 2 M= H &, fEEN
12.0,

learning_rate float TEEH 200,

n_iter B AR RIERIREL, B/ IEDN 250, Bt
H1EY 1000,

angle float M R BB BT R A RN, $E
7E 0-1 VeI NIE, GRE{EN 0.5,

enable_random_seed #i/R1E BB N true LUBH random_seed &%,
B (E N false,

random_seed B ZUHFHIREHE RN 7, SRE{EDN None,

n_iter_without_progress B ANEHERNERRIERIREL, TREE 300,
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K 269. tsnenode B4 (£2)

tsnenode J& 1k

B

JE A

min_grad_norm

TATER

QUERBEEEARIE(ER T I BUE, BRI
1k BREMEDN 1.0E-7, AIREAERES:

"1.0E-1
.0E-2
.0E-3
.0E-4
.0E-5
.0E-6
.QE-7
.0E-8

P PR PR R

isGridSearch

fi/RE

WEN true DAEHZ N AIEF R EHRAT
t-SNE, #R&{EN false,

output_Rename

fi/RME

AR AR EHI AR, APAIETE true,
&€ false AHBMmAHH, BREE
A false,

output_to

TATER

¥ Screen 5 Output, HREEN

Screen,

full _filename

faE S 4.

output_£file_type

TATER

i A, 8 HTML 3¢ Output
object, HEE{EN HTML,

xghoostlinearnode B 1%

XGBoost Linear® 2 &£ AR F/EFE AR RS FE TR A BRI S se B, R FHEEDL
% BRI 590388, AEE eI ER& R 2585 H, SPSS Modeler H1f
XGBoost Linear 17 sif# F Python #7558,

& 270. xgboostlinearnode B4

xghoostlinearnode J& 1k B JE PR R

TargetField FE

MV18.2.1.1 4k, HandA

target

InputFields FE

MV18.2.1.1 R, HandA

inputs

alpha Double IXJ2 alpha &R RESE BIEEEM

By, o sUEKME, SREEN 0,
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& 270. xgboostlinearnode B4 (4%)

xghoostlinearnode J& 1k

B

JE A

lambda

Double

IXJ2 lambda &R RS 1ETEEE
%y, 0 BUER(E, SREEN 1.

lambdaBias

Double

X2 lambda fRZESMERTT RS, 1EfE
TR BRETEN O,

numBoostRound

MV18.2.1.1 FF4h, EMEN

num_boost_round

L8

PRI R & NIREME, BRENT 1
1000 Z [AAE, TEEN 10,

objectiveType

MBS EFREARY, FIRERIE N
reg:linear, reg:logistic.
reg:gamma, reg:tweedie.
count:poisson, rank:pairwise,
binary:logistic 8 multi, EFE,
NT & ER, HEEEH
binary:logistic Bimulti, 4NHRAHH
T multi, ABATFRERK TR
multi:softmax fl multi:softprob
XGBoost HiRJEH,

random_seed

B

FEALERR 7, AT 0 A1 9999999 Z[H|
T, HEER 0,

useHPO

fi/RME

87 true ok false DA AEEEH HPO %
I, WERIRE N true, ARAKER A Rbfopt
DAEBNEIR “BfE” #IE SVM R, ixn]
IXEFH P target_objval 2%0E X
1 B AR AT SAES

xghoosttreenode B 1%

XGBoost Tree® S M I HE A UL BERE R I FLARI RS ARSSB, HT1 B0 DIk

pad o R SI88 208, ARSI BI R385 3%, XGBoost Tree FLAT 1R
FIRTENE, FHROE T RS A TAZH PORBOT FEARIZH, BRI SPSS Modeler i
) XGBoost Tree 17 iU/ TROOLINRERIHE FHSE, 77 s Python #7528,

% 271. xgboosttreenode &%

MV18.2.1.1 FF4h, EMEN

inputs

xghoosttreenode J& Tk B JETPERA

TargetField FE HARTEL,
MV18.2.1.1 JFig, HEfH

target

InputFields FE WmANTE
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& 271. xgboosttreenode BI% (5%)

xghoosttreenode &1k B g R L

treeMethod EZEREE TR I 7715, ATRERYEN auto.
exact 8¢ approx, #RE{EN auto,

MV18.2.1.1 FR, HEafA

tree_method !

numBoostRound B BRI AR B NREUE, 1BTEEN T 1
11000 Z [HHME, GREEH 10,

MV18.2.1.1 FFR, BEMmH

num_boost_roSnd

maxDepth B PRI RIS, 1EfEEE 1 80E &
fH. SREEN 6,

MV18.2.1.1 FHh, HEmH

max_depth

minChildWeight Double RGN, THTEEE 0 80E
il GREER 1.

MV18.2.1.1 FE, BEMmfH B

min_child_weight

maxDeltaStep Double MR R R0 IR, 15T E(E 0 51
HEE, BREED 0,

MV18.2.1.1 R, HandA

max_delta_step

objectiveType T HR FSESSHEREE, RIRERIE Y
reg:linear. reg:logistic.

MV18.2.1.1 FFta, EmsH reg:gamma, reg:tweedie,

objective_type count:poisson, rank:pairwise,
binary:logistic 8 multi, HFE,
X—j‘ﬂ:tﬁ E*T, /\Hb1§ﬁﬁ
binary:logistic 8 multi, NS
T multi, ABAFERERKER
multi:softmax fl multi:softprob
XGBoost HARAY,

earlyStopping /R1E R RTE L DRE, SREEN
False,

MV18.2.1.1 FE, BEMmfH

early_stopping

earlyStoppingRounds L RESH IR T 2/ DR NMERTE L5 AR
A sedkE B, BRE(ERN 10,

MV18.2.1.1 F4h, HmsHN

early_stoppiﬁg_rounds

evaluationDataRatio Double FF RIS IR A SR EER, B ER
0.3

MV18.2.1.1 s, HandA

evaluation_data_ratlo

random_seed R BENLERP T BT 0 1 9999999 Z [H]

HECy, BRETED 0,
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& 271. xgboosttreenode BI% (5%)

xghoosttreenode Jafk s JEPERGIA

sampleSize Double AT =R ER SN TR, BEENT
0.1F11.0 ZHHE, REENO.1L

MV18.2.1.1 iR, BEmsh

sample_size

eta Double TS ERLER eta, WBETENT O
1 Z[AfE, SEERN 0.3,

gamma Double Tl L E g, iEieEEmE
¥, 0BEKE, GREEN 6,

colsSampleRatio Double Rt ERLEmBIEAR Gl o
BIEENT 0.01 11 Z|MME, LEER

MV18.2.1.1 FFE, EmLH L

col_sample_ratio

colsSamplelLevel Double Rt B EmsIEAR G5
H) o BIRENT 0.01 /1 ZAIE, Gt

MV18.2.1.1 FFth, BN B Lo

col_sample_level

lambda Double T s ERLE R lambda, 1EfE @A
B, 0BEKE, SHEEN 1

alpha Double T 6d ERLA T alpha, TEfEEITMAIEL
¥, OBEKE, HHEEN 0,

scalePosWeight Double AT AR R ZI A B A, 6h
HIEN 1o

MV18.2.1.1 iR, BEmsh

scale_pos_weight

use_HPO

BHX vi18.2.1.1 #ri
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¥ 20 & Spark i Bk

isotonicasnode B¢

L7

245

R )E FREVE LR, SPSS Modeler Y Isotonic-AS 7 sif#i ] Spark #E175L
B, BRAFRETEENEMEE, 1E2M https://spark.apache.org/docs/2.2.0/
mllib-isotonic-regression.html,

2 272. isotonicasnode B4

isotonicasnode &1t B JE AR

label TR IE MR N H A T IRF R R A &,

features FrTE I R A &

weightCol FR WERRMEENE T, REERN 1

isotonic 1/R1E HEMEFERETN isotonic b2
antitonic,

featureIndex B R featuresCol ER &S, ALILIE
HRTRIREMN RS, TREEN 0,

kmeansasnode E1%

K

K-Means /2fx i VR KRB —, EHEBIESRERZ I E XK, SPSS
Modeler A K-Means-AS 17 fiffi i} Spark #1758, % K-Means EIEHHELIE

B, 12 https://spark.apache.org/docs/2.2.0/ml-clustering.html, i&EFE, K-

Means-AS i 55 H 81Xt 70 28 BTG AD

& 273. kmeansasnode B4

kmeansasnode &1k & JEPERTA

roleUse

FITER ¥57E predefined TRl FHTIE X FA
t, $87E custom FREHEHIFERD
Bk, SRE{EN predefined,

autoModel Ai/R1E 1EE true FREHLE LFR ($S-
prediction) HFHAERNIESFE,
f67€ false FURMEHERIZIR, GLE{E
N true,

features FE% T AN TFEAIRYIFR (R
roleUse EBMHIZEN custom) ,

name FIFER B RIPE D FE AR (AR
autoModel EMEILE N false) ,

clustersNum B BORIRAEEE, HEEN 5.



https://spark.apache.org/docs/2.2.0/mllib-isotonic-regression.html
https://spark.apache.org/docs/2.2.0/mllib-isotonic-regression.html
https://spark.apache.org/docs/2.2.0/ml-clustering.html

R 273. kmeansasnode B (42)

kmeansasnode &1 & JE AR

initMode FIFER WG ETE, IRERI(EN k-means | |
8¢ random, HE{EAN k-means]| |,

initSteps B WA B (AR initMode IRE R
k-means||) . SREEHN 2,

advancedSettings A/RIE F67E true Forik FAIPUANE M AT
&R false,

maxIteration B RRMEARIEIREL, FEEN 20,

tolerance FITER EIEERNEZE, JREREEE
1.0E-1, 1.0E-2, ... 1.0E-6, H&
{6} 1.0E-4,

setSeed fi/R1E 8 true FoR{FEHERIFENIA T, B
“E A false,

randomSeed I EHIFENLIA - (U0 setSeed BN
true) .

multilayerperceptronnode &%

Z ERBHISRAET AR N THEMSEH 7 2K8E, HHZPMEHN,. 5B TeEsE

% FIZHR R —)2, SPSS Modeler F[J MultiLayerPerceptron-AS i sif# il Spark i
TR, BXRZEBHAZES (MLPC) IR, 1EZSMH https://
spark.apache.org/docs/latest/ml-classification-regression.html#multilayer-
perceptron-classifier,

& 274. multilayerperceptronnode &%

multilayexrpexrceptronnode B Je AR

Ja

features FE FEFA AR — DD FEL,

label FE FAVETIEIN E AR 7B

layers[0] B ZEZNRAMSEE, rEEN 1.

layers[1...<latest-1>] BEL P EE, SEEN 1o

layers[<latest>] B B, SREEN 1.

seed B SE il BEHLAR T

maxiter B THUTHIRAROE R EL, TREE 10,
xghoostasnode 1%

TIRINEIRZR5R 7 228, XGBoost EHEREMIRIENE, FHigf#t TRZXNFRZHL
P RE T2 2425, Ktk SPSS Modeler A XGBoost-AS 7 s /R T %0
RERNH IS8, 1£ Spark H3ZE XGBoost-AS 1 5,

ﬁ XGBoost EHHEIRT RIEN@mMEM;, RIEERNENTT A Emn e, Reke
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& 275. xgboostasnode B4

xghoostasnode J& 1k

B

JE A

target_field

TE

HAR 7 BB ARRI SR,

input_fields

TE

R BRI

nWorkers

Eicsd

FTIIZk XGBoost # R TAEFE P 1%L
B, BREEN 1

numThreadPerTask

L8

TIPSR, S ERN 1.

useExternalMemozry

fi/RME

AN NI E N RAT, BRE(EN

false,

boosterType

FITER

SERH PRI, AT FIETTN
gbtree, ghlinear o{ dart, SRE{EHN
ghtree,

numBoostRound

L8

FFRANEANREL, 1EeEHE 0 8 HE &
{H, SRE{EN 10,

scalePosWeight

Double

FF R HI EACEE AN AR R P, BRE(EN
L

randomseed

B

IXE R A AR S BURP -, BRE(E
0,

objectiveType

¥ > iR, FIRERYME N reg:linear,
reg:logistic. reg:gamma,
reg:tweedie. rank:pairwise.
binary:logistic 8 multi, EHFE,
XFhRE EHbR, HeefH
binary:logistic s multi, 4N5RfHAH
T multi, ARATPEAEERRKER
multi:softmax flmulti:softprob
XGBoost HARnEAY, Hr&E{EN
reg:linear,

evalMetric

FATER

AT RIESIRITHE R, RIEER, Ko
BoSAEE &, AIREAY(EN rmse. mae.
logloss. error. merror,

mlogloss., auc. ndcg. map 5k gamma-
deviance, BRE{EDY rmse,

lambda

Double

XA RAER L2 UIEARTE, $RIE
R RNY IR T ey, 0 sl
KfE, BREEN 1.

alpha

Double

AXRAER) L1 EARTE, HRIAER
RARIELRSY, IETEE MY, 08EX
{Ho ERE{EN O,

lambdaBias

Double

IXB A REEAEIR L2 U ATE, iR
/] ghlinear f2FMILZRAY, A4
lambda frRZEZLMERTHIZ TR, TEEE
EfECY, 0 sEXRIE, SREEN 0,
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& 275. xgboostasnode B4 (£%)

xghoostasnode J& 1k

B

JE A

treeMethod

TATER

R gbtree 5 dart 271287 AR
AT AR 775580 (CANREER
Htit 280 vTH, EfaEZ L
XGBoost Tree £598 7%, RAIHIETTCN
auto. exact Z{ approx. HREEN
auto,

maxDepth

L8

WIERKIRE, ETEE 2 SCE&E,
HEN 6,

minChildWeight

Double

FARAFEMSLFIFE (hessian) FIR/NE
M, EiEEME 0 sESE, REEN 1.

maxDeltaStep

Double

FRVEH] TP A A EE A SR A B R 1
&, TEEEE 0 s RfE, SUEEN 0,

sampleSize

Double

FRERFRINELHE LR, EEEN T
0.1Ff11.0 ZHMME, SEEN1.0,

eta

Double

IX 2 S5 BRHA TR A B 1B R A S K
W, EfRENT 0 F1 1 ZIAME, B
E7 0.3,

gamma

Double

IXERT IS TP X
HIBR/ MR N, TETEEAE AR, © BUE
KfH, SREEDN 6,

colsSampleRatio

Double

FE BRI SR FREA LR, BTN T
0.01 11 Z[RIMME, SREEN 1,

colsSamplelevel

Double

NP IBIIFIR FHALLR, 1§
FRENT 0.01 M1 1 ZRIME, SREEH
L

normalizeType

TATER

WERAFEF dart 2 AWK, B2 dart &
BHRILA TR = dart 28001, WS EORE
PR TR, 1BTET tree Bk forest, it
HIEN tree,

sampleType

TATER

REERIESRA, 15487E uniform 5
weighted, #R&E{EY uniform,

rateDrop

Double

dart RIS EFR, BEENT
0.0f11.0 ZMKME, BEENO.0,

skipDrop

Double

ForRPbI EFAMERY dart IR TS
BEENT 0.0f1 1.0 ZAMME, GrE(E
790.0,
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o 21 5 @ v RURTE

R TET AR EE M, R R M TR T R

& 276. KimBTREMS
JETEA R JETEI/EF R JEPERGA
execute_method Script
Normal
script FrFE
Bhas

A i A RS SRR AS AR s B T S

mySuperNode.setParameterValue("minvalue", 30)

ERTDAEH A NN AR RS EUE:

value mySuperNode.getParameterValue("minvalue")

ERMEET R
Al LA findByType() BREAE IR HH AR

source_supernode = modeler.script.stream().findByType("source_super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super",
None)

EHETRNEL

AJ DO 5 A FANE T i R BRI B BRI T MR E T B, B, BRIRE — NRE T A,
HrhspEE RS N A DAREEEE, AT DOE I 0] R A O SR S B B SR A4 R
(i full_filename BMAE®E) , W RAR:

childDiagram = source_supernode.getChildDiagram()
varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

EET R

AN SRR T VST A BI BT S N, IRAn] DU QY s, iRl Q2 A 1 sk AR R
SRR, VAR AR p P s AL RS A - A/l g 1T e B, an SR g
[EREP=1

process_supernode = modeler.script.stream().createAt("process_super", "My
SuperNode", 200, 200)

childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filtexr", 100, 100)
childDiagram.linkFromInputConnector(filternode)
childDiagram.linkToOutputConnector(filternode)
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bk A TRA5IH

R HR4E IBM SPSS Modeler 7 s OIS 2l 2 5 5 | FH o

1REIRA TR

RRAIE (MR REIRERD) AT DRI TS ], AR i O R — A, DRI R A5 H

HFRo

THER, XELFRE AT ARAELERN (62T IBM SPSS Modeler & A Ef) ARV, Z5(HE
SUSIMENR A TP R S, AL B —E apply. . . NHTZRAIATR,

T FEEFESLT, BB VNSERG I R, DO %5 EERE.,

7= 277 RERZIR (BIEERR)

BRI By
anomalydetection B

apriori Apriori
autoclassifier Bz 2Kes
autocluster Hahgk
autonumeric H a8
bayesnet DURH-Hir o 2%
c50 C5.0

carma Carma

cart C&R ##f
chaid CHAID
coxreg Cox A4
decisionlist RERAIZR
discriminant H1

factor PCA/AF
featureselection FHIEEHE
genlin I~ RS
glmm GLMM
kmeans K-Means
knn k-FIE AR ER
kohonen Kohonen
linear el

logreg Logistic [A]1
neuralnetwork FAPL I 25
quest QUEST




*® 277 RERZIT (BIERBEAR) (B2

BT By

regression S EE]

sequence 751

slrm E “F M B A5 Y
statisticsmodel IBM SPSS Statistics 5%
SVM AR
timeseries IR 7471

twostep R

R 278 {REBUREIR (BIEEERIZAR)

L ULB A B

db2imcluster IBM ISW 5%
db2imlog IBM ISW Logistic [A])5
db2imnb IBM ISW Ahs= UL
db2imreg IBM ISW [A]14
db2imtree IBM ISW PR
msassoc MS SRR
msbayes MS F2E DL
mscluster MS Jk

mslogistic MS Logistic [|])4
msneuralnetwork MS FHEZE RR 2%
msregression MS £
mssequencecluster MS JFHII 5k
mstimeseries MS I [E] 51
mstree MS R
netezzabayes Netezza DU 4%
netezzadectree Netezza (R
netezzadivcluster Netezza 733K
netezzaglm Netezza |~ £kt
netezzakmeans Netezza K-Means
netezzaknn Netezza KNN
netezzalineregression Netezza £ [H])H
netezzanaivebayes Netezza M3 DUH-Hir
netezzapca Netezza PCA
netezzaregtree Netezza [B] 4
netezzatimeseries Netezza I [E] 7%
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*® 278 WREURZI (MUBEREERR) &)

B FR U
oraabn Oracle Adaptive Bayes
oraai Oracle AL
oradecisiontree Oracle {5
oraglm Oracle GLM
orakmeans Oracle k-Means
oranb Oracle 2 D1rHr
oranmf Oracle NMF
oraocluster Oracle O-Cluster
orasvm Oracle SVM
HREENRE R

{6 P AV ARG 2B BOEAR B THR VRIS, S50 FER: A EE MBI RES SR G H, N T B RIX G
DU, Bl e S il AR IS S SO A AR (5 P e — Y 44 7R
Py G AR B T
1. DR FIERE:

TH > |k
2. HIEANET R,
3. EFR R A B DARR 4B BRI B B v
FE RIS | N, B TAT M7E SPSS Modeler 5 IBM SPSS Collaboration and Deployment
Services ZRIFREB FIANF, SPSS Modeler Z A4 T “BRseaiiifl” JEIT, HIEIUE B a5 FE 4
AT (A, AEIIEAITIEN, DAMERREA SRR , {H2, £ IBM SPSS Collaboration
and Deployment Services HiafTRI—HIARR, HIETARH, @RS RIERA AR BA E a4 DAk
XERGHEATRIARRY S, s B EIEIAE R ATERR S ai s (Flan, ¥RI0 clear generated
palette i&f)) , AJUBEAIXFE L,

faith SERI R FR

RSB T A A S RIS BT EA IR R
R 279. WHNRER LUK 6 X L AU AY T

analysisoutput Bakils
collectionoutput ®£E
dataauditoutput R H %
distributionoutput Pkl
evaluationoutput A
histogramoutput BHTE
matrixoutput FE R

B A 4451 H 409



& 279. MW REE LN G EXERBNTI R (52)

meansoutput FEE
multiplotoutput ZEPURE
plotoutput AU E
qualityoutput &
reportdocumentoutput N FRARE TR, B TR S Al Er 5
reportoutput &
statisticsprocedureoutput Statistics filH
statisticsoutput Giit
tableoutput =
timeplotoutput I MRS R
weboutput Web
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ki B MMHRAIA il iZF2 2 Python ARGl

DR T3 ik

AT IBM SPSS Modeler /1 Python ISl 5 IHRAIA Gl < [RIAY 22 A2, FHRBUA SCAI e I RAIA
IR Python BIARIE R, FEATIH, CREREbRHE SPSS Modeler [HaR IR Python a1,

—RES
[HIIAR GRS HERKRE EES THRERGEGDMAR, REERS RSN
if...then...else...endif fl for...endfor) , HIHMARSHIMEAIT, FHAEHEERERE L,
1E Python AR HI, 4EERE Y, It HE T H—BHEH1T A HTE [F — I 1485,

T SHIFIRGNG Python fRRDI, &S5/ IVORME, 1E9iEAsT, (EH] tab ZEXERITT A RES i S M4EHERITT
Btk —FE, (Hi2, Python IIACKARMERIR, XK NARRIXEA T/ L ARRIRIAT,

Iz 4wl _E XX

BAAR Gl b NSO TR EE AR TRIA RIS, B, AT HITIIARReE e BN, EIHEA Sl
o, ETSCRREER, XERE BT RIAA FR R RS TR S AP TIZIA AR B AR

£ Python IAZwfIH, AR - R SO@S modeler. script BHLAR AT X424, FI40, Python Jill
AA] DA AN A 15 TR T I A B 7 -

s = modeler.script.stream()

SRIG, AT DAEIE IR B B3 Rk FH 5 AR SR R R

L S5HK

3

[HIAA RSl e <. IXBEWE ARG 1Tl UG RSB TIa i ar 146, Flan:

£l

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"

Python { A1IE H I 2 CEREEIN R (B, K 5R) A RIRREL, Bian:

stream = modeler.script.stream()

typenode = stream.findByType("type", "Type)
filternode = stream.findByType("filter", None)
stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")



XFHER

IBM SPSS Modeler Fr—%%8 F ) Se#FTE R 21 Python IIAZRH I BAEZEMMS, XAl A BB E
SPSS Modeler |HIA R #18 Python IR, PAETE IBM SPSS Modeler 17 #{# .

& 280. XFHIERERIBRIZAHIZ] Python BIZSYRHIBYBRET

[ AS 2Rl Python JiIZ il
B, Bt 4 GElL
TR, BN 0.003 I
RS SHFAFER, F40 'Hello! I

TH: BEE ASCII FZAFHIF AT B FHE{E LA u 7B
A%, PABREREMIZRRN Unicode,

MG SH7R5E, Hlan "Hello again"

GEIC

T 5 9E ASCIT AT SR F L L u 1B
AI4%, DAFRPRE(T#R34 Unicode,

KF15eR, Bl

"""This is a string
that spans multiple
lines" ™"

GEIC

HF, Flan (1 2 3]

ZE5IH, il set x = 3

FTHREER (\), Bl

set x = [1 2\
3 4]

BRiERE, B

/* This is a long comment
over a line.x/

'" This is a long comment
over a line."""

TR, Bl set x = 3 # make x 3

X = 3 4 make x 3

undef I
true True
false False
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BEA

IBM SPSS Modeler Hr—2£45 F I2 B4 @ 2 1E Python AR HIM BAE S S, XAl AFS B A
SPSS Modeler |HIA R #14 Python I, CAETE IBM SPSS Modeler 17 #{# .

% 281 EEAHIRMALEHIZ] Python MIAEHIHMRET
[HIAIA Gl Python [ il
NUM1 + NUM2 NUM1 + NUM2
LIST + ITEM LIST.append (ITEM)
LIST1 + LIST2 LIST1.extend(LIST2)
NUM1 - NUM2 NUM1 - NUM2
LIST - ITEM LIST.remove (ITEM)
NUM1 * NUM2 NUM1 * NUM2
NUM1 / NUM2 NUM1 / NUM2
/= I
/==
X *%x Y X *xx Y
X<y X <Y
X <=Y X <=Y
X>Y X>Y
X >=Y X >=Y
X div Y X//Y
X rem Y X %Y
X mod Y X %Y
and and
or or
not (EXPR) not EXPR

bt B MIHIAIAZwHITR 2] Python A H] 413




FFEADMER

IBM SPSS Modeler F1—£E4 IS A AITEIA i 2 AE Python JIAS Gl BA <. X A] DAEF BRI A

SPSS Modeler |HIIA#15 Python fHIA,

DAMELE IBM SPSS Modeler 17 F{# F,

% 282. FEGOMERNIBIZAESREIZ] Python BIZ SR HIBRST

[FURANAS 2l

Python JiIA 2l

for VAR from INT1 to INT2

en&for

for VAR in range(INT1, INT2):

=14

VAR = INT1
while VAR <= INT2:

VAR += 1

for VAR in LIST

enafor

for VAR in LIST:

for VAR in_fields_to NODE

en&for

for VAR in NODE.getInputDataModel():

for VAR in_fields_at NODE

for VAR in NODE.getOutputDataModel():

enafor
if...then if ...
elgéif.“then elif cent
elgé elgé:
endif
with TYPE OBJECT 3E%§Q&Bﬁ
enaWith
var VAR1 REEEA B

Xt
belo

FEIRIAAR SR, 5122 R Z AT A BT

var mynode

set mynode = create typenode at 96 96

T VAR, Bilgn:

£ Python BIAGRTI, AR AEE XS AR TAIE, Fli:

mynode = stream.createAt("type", "Type",

96, 96)
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FEIRIA R, DHER A BT RARENZRISIHE, fla:

var mynode
set mynode = create typenode at 96 96
set "mynode.direction."Age" = Input

H5RWEIHAGRTIES —FE, £ Python BIAGRH I, XARBLTRIE, HIA0:

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction", "Age", "Input")

TR, MHFERE
FEINBIARSRIR, SRRTGT (A MHRIBTRD JER PR SEIEN T X8, FIl, “IRA” A

A derivenode ZHY:

set feature_name_node = create derivenode at 96 96

Python i) IBM SPSS Modeler API K& node J54%, Bt “IRAE" FEA derive 2% fFl4n:
feature_name_node = stream.createAt("derive", "Feature", 96, 96)

[HBAA G5 Python FAVA g il F 2 A4 FRHH I — 22 53 TR D AL R 5

EiEE

£ [HIAgR I FT Python BIARZw S, JEERAMHA, Fla0, EXWAEAGRGIEIMNES, TR R T
TN EREM N full_filename,

TR51H
VP22 [HIAAR (RS SRE BRI R ZE AT e B, AT AR EREE "X i
BHy AT N, RER HERT FERETH (SGEEAG) RENEA, IR T FERIRENER
(that /2 ZHMEE)

set 'Type':typenode.direction."Age" = Input
set 'Type':typenode.direction."Drug" = Target

£ Python [IASIH, SAVCEAEKT AN, REEEAHTREREENEL, F:

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

H: ARG, "Target" WE SHEFIFESISH,
54k, Python BIAT#F modeler.api #FfLAA ModelingRole K28,

FIR Python ARGl A FTRE R N B, (HeREM KB EERBITINPERE, X RVl (T — IR R
Te TEIHBARGRHIREIF, FExd 25an R R

AN, EZFFHARRERT A (AT DFET SOSIEHER) TR R RPREE T SRR o Flan, EIHEAY
il

# id65EMPB9VL87 is the ID of a Type node
set @id65EMPB9VL87.direction."Age" = Input
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DA A ER Python BAIAR G il FH S [F] — 7~ 51 -

typenode = stream.findByID("id65EMPBOVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

RRFHIZEREN

[HIAAGRHIEH set e kigE EH, set < EERAVIRNCA] U BIEE o PARMIA SR T AR ERIH T
B JE MR AE

set <node reference>.<property> = <value>
set <node reference>.<keyed-property>.<key> = <value>

£ Python JIAYRH I, @ K%L setPropertyValue() fl setKeyedPropertyValue(), nJPASE
PRI —£55, .

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

TEIHIA GG, FTDAEH get anS RSBV @ MEAE, Hlan:

var n v
set n = get node :filternode
set v = ~n.name

£ Python ARSI, @i FH %L getPropertyValue (), AIDASEERE—&5R, Hiln:

n
\

stream.findByType("filtexr", None)
n.getPropertyValue("name")

»ﬁiﬂ/m
EIHA SR, create & AT AIEGH T &, Hlan:

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

£ Python [IAZwIF, REA ZROIET RR7TIE, Fl:

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

TEIHIIAZRHI, connect a TR M MAYEERE, HI4n:
connect “agg to Aselect

& Python ARSI, link 77EH T QI R RIRVEERE, Hlan:
stream.link(agg, select)

EIHIAZHIF, disconnect i I FRRET 2 RIAVEERE, Hlan:

disconnect “agg from “select

£ Python BIAZRHIH, unlink JFIEMTRREN RZAIRIEERE, Bil:

stream.unlink(agg, select)
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FEIHIIAZRHI, position <M T4 RBAEFE A _E BT Lz [, il

position "agg at 256 256
position "agg between “myselect and “mydistinct

£ Python fIAYRHIH, @ HEHAMMAER 7% (setXYPosition #l setPositionBetween) , AIPA

KR —45 %, Bilgn:

agg.setXYPosition (256, 256)
agg.setPositionBetween(myselect, mydistinct)

T RIR(E

IBM SPSS Modeler H—%5 F B i E@ 2 1E Python BIAZRHIFP BE S @S, XAl ATSBIEK I G
SPSS Modeler [HIfiA #6474 Python fii4s, DAETE IBM SPSS Modeler 17 H{#H,

#® 283. T R RIER BRI YRHIZ] Python BIZ 4w HIBRST

[FURAIAS 2l

Python JIA 2l

create nodespec at x y

stream.create(type, name)
stream.createAt(type, name, x, y)
stream.createBetween(type, name, preNode,
postNode)
stream.createModelAppliex(model, name)

connect fromNode to toNode

stream.link(fromNode, toNode)

delete node

stream.delete(node)

disable node

stream.setEnabled(node, False)

enable node

stream.setEnabled(node, True)

disconnect fromNode from toNode stream. unlink (fromNode, toNode)

stream.disconnect (node)

duplicate node node.duplicate()

execute node stream.runSelected(nodes, results)

stream.runAll(results)

flush node node.flushCache()

position node at x y node.setXYPosition(x, y)

position node between nodel and node2 |node.setPositionBetween(nodel, node2)

rename node as name node.setlLabel (name)

RS

FEIRIA SR, 35S RE NI RIS ERIE T :

HHEAEIA, TEMLIERA T, TIRERAEM N REECERE 2 TS,
CFFHEIR, HARMAMERF S TR, DAMER S ATEE 2R R,
DA REVAS 2 [ F A AS G il R B T RSB A= 1

for i from 1 to 10
println Ai
endfor
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DA REVAS 2 [ F A AS G il 9 e SIE A 1

var items
set items = [a b ¢ d]

for i in items

println Ai
endfor

FAh, Jen] DAE R H ARG IA
R RSAAR 3 FH A F OGS R i e e PR R ) i R PR TIEARG
RPN B T R BRI TIEA
Python JAIA il i8S HLMZERIITER,  DARRIASE Python BAIA il - i THEURBER R B :

i=1

while i <= 10:
print i
i+=1

PARHAIASZ Python IS g il B e S B AR 1] -

i.tems = [IIaII’ IIbII’ IICII’ Ildll]
for i in items:
print i

FPAIEAER R 1%, F HAES IBM SPSS Modeler APL J7IR&E &5, MABEIAA] SR 22 MAAGwH B, AR
RBIERANAIE A Python BAIAS Gl o B PP SRR 15 1 9 7 B TR A

node = modeler.script.stream().findByType("filter", None)
for column in node.getOutputDataModel () .columnIterator():
print column.getColumnName ()

AR BRI

PATHABIAE, BT sk O SOR AR B R — D RE R, IS, AR
ZEHAP RN R, B A T U TR Bl A R

£ Python Y, BUTIHRAVIEFEA PR HUT AR AT TR Bl il ke DA 3 B0 T bR 5 51 2R =R [,
XA AT LS AR RA T [ P 745 R

[HRAIA Gl S RF R A =R T a2

-execute_all, HFHITIRABIFTE ATHA TR T Ao

~execute_script, HTHITHIHIA (SHAPITINIZREITLX) S

-execute node, FTFHATHEERI A,

Python IR gl ST RF—ZH 2 DL BRI 25

-stream.runAll(results-list), HTHATIRAHIFTA AT P TL 19 55
-stream.runScript(results-list), HTHITHREA (5HAPITIIZETLR)

-stream.runSelected(node-array, results-list), T R ITIE €M —AHT
5O

‘node.run(results-list), MATHATIEEMT A,
TEIHREA A a] DA R rl B ALY exit MR LR PIT, filan:

exit 1
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£ Python fEIAZR I+, LA RIA ] SEEL R — 45251

modeler.script.exit(1)

BIX RS EFEESLRIT R
FEIRBIASHIR, 45T AE T open @&THFBUA ., BULSURIAS, Bl

var sset s = open stream "c:/my streams/modeling.str"

7E Python iIASH, FE— DA MNKIEEITIIRIE TaskRunner 38, H HiXDIEATH THUTRLIE
%, fan:

taskrunner = modeler.script.session().getTaskRunnexr()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

TEIHMIA G fIR, ZRENR, ERTLUER save @<, Hilan:

save stream s as "c:/my streams/new_modeling.str"

FEHT Python A7 %K (# F TaskRunnex 2§, fil40:

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")

T IBM SPSS Collaboration and Deployment Services Repository HIH/ELE [HII A gw ] it retrieve
fl store M43 #F, Hlu:

var sset s = retrieve stream "/my repository folder/my_stream.str"
store stream s as "/my repository folder/my_stream_copy.str"

£ Python ARG+, FT OB S5 STERERAI7 6 X RRITIRI SF U RE,  B4n:

session = modeler.script.session()

repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream_copy.str", None)

T A7 825 1) R A R A RN AT TRCE,

IiR(E

NLIR
IBM SPSS Modeler Fr—2&4 KR EAE @ S AE Python BIASwHIh BA S @S, XA DU G A
SPSS Modeler [HIAR 8 Python A, DA#ETE IBM SPSS Modeler 17 H i,

7 284. FIRIERIIBRIZALRHE] Python BIZ< 4w I HIBRSY

(RIS il Python [z il

create stream DEFAULT_FILENAME taskrunner.createStream(name,
autoConnect, autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream TCEERI

load stream path ey el

open stream path taskrunner.openStreamFromFile (path,
autoManage)

bt B MIHIAIAZwHIIER 2] Python AW 419



3R 284. TR ERVIBMIZAYRHIE] Python BIZSYRHIRIBRET (£2)

LA A i 1) Python JHIA &l

save stream as path taskrunner.saveStreamToFile(stream,
path)

retreive stream path repository.retreiveStream(path,
version, label, autoManage)

store stream as path repository.storeStream(stream, path,
label)

SEER(E

IBM SPSS Modeler F1—%5 F U RIRE A AE Python IIAZRHITh BSR4, Xa] AFEBIEEIE
SPSS Modeler |HIAE#4 Python I, CA#ETE IBM SPSS Modeler 17 #{# .

& 285, {REURIERV BB ARHIZ] Python FIZ 4R BIBRES

T LA A i ) Python JHIA &l

open model path taskrunner.openModelFromFile (path,
autoManage)

save model as path taskrunner.saveModelToFile(model, path)

retrieve model path repository.retrieveModel (path, version,
label, autoManage)

store model as path repository.storeModel (model, path,
label)

iR

IBM SPSS Modeler Ar—&&5 F i~k 3RV E e 2 1E Python IR Zw R BAE 2, IX Al DAESBh K
H SPSS Modeler [HIIAE A Python liIA, DAETE IBM SPSS Modeler 17 i,

& 286. XA R(ERY RIS R Z) Python RIZS 2Rl HIRRSY

| LA A i 1) Python JIA il

open output path taskrunner.openDocumentFromFile (path,
autoManage)

save output as path taskrunner.saveDocumentToFile (output,
path)

retrieve output path repository.retrieveDocument (path,
version, label, autoManage)

store output as path repository.storeDocument (output, path,
Label)

|HEZAs4R5H1 5 Python B4R Z B EHhE S
[HRIA TR XS 40 B IBM SPSS Modeler TFEAISZHF, Python BIAGR S 2 5l AT AL 37 £5,

[HIAAR w4 7 HAPEARERN R (R S) KSR, IBM SPSS Modeler 8.0 JEHIMAS AR
FHREEN R, Python BAIAZwHI AN SRR Ko

Python BIA s IS £t 7 NHIRTANZHEE, [HBAIA G AR X LETIRE
- RN T X
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EEIRACER
RSN PN B E S
- HINER AN 5 = 7T ALk
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A IBM #9777, B EiRSS . HEAMRIC IBM BIATR AL, AEIFESEDIRERY ™M, FRPeiRss, #RATRAMR
B IBM 7, RRFEEURSS. (H2, ISR IBM = ah, BRFPERSs, WEMAP TR,
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IBM Director of Licensing

IBM Corporation

North Castle Drive, MD-NC119
Armonk, NY 10504-1785
EH
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WA
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AAEE A RTRE R S HORTT TGS R I 77 SRR IR, IACRIE R E IS, X o g AR BRI
HRA A, IBM AT DABE S A il Hh F3R ) b A T RN B 2R, T AT R

AEEAXSE IBM Web 3 s FEAT 5 R IR T 75 R WA SRR, ANDUMEMTT 5825 AR Web ¥l i
RIERIE, TIBEE Web 3l s AU BERIANE IBM 7 S BORHI — 8870, A AIRES Web bl s H R A4 IXURRRe H £ B 477K
i

IBM A] DUZ EIA N IE 24 R 75 200 A 3o & S i fR B A AR R T e A0 SR AR Rl 51
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KT IBM AR 7 [ BT 1 Y A B AT AT BER S8 eleaioiiml, MRS ATIEAT, BN MIGERR T BRI,

AfF BB EE HH LR E P BB S HREl. o8 T RATRESE R IR SR B, R ATRES
DN Al SRR SR AR. RIS RN, SRR DASOLS B, R A,

BiE

IBM. IBM #FRF1 ibm.com &2 International Business Machines Corp. 1£ £ERVF 24T ECE #EHIIX IR bRek i+
bR, HAr= SRR A FRA 2 IBM s A AR EbR, IBM RARAYEHTYIZR AT M Web LY
“Copyright and trademark information” #b3k18, MHEX: www.ibm.com/legal/copytrade.shtml,

Adobe. Adobe ¥R, PostScript 1 PostScript #fx/& Adobe Systems Incorporated 1£3&[EFl/ sk H M [E 5
S X TR A AR B AR

Intel. Intel bR, IntelInside. IntelInside ##R. Intel Centrino. Intel Centrino fFR. Celeron. Intel
Xeon, Intel SpeedStep. Itanium il Pentium /& Intel Corporation B3 -7\ &) #E 3 R H At F 52 sl X 1
FARERIE A AR,

Linux 4 Linus Torvalds 13 [FE 1/ ok E A E 52 sl X 73 i bR,

Microsoft, Windows, Windows NT I Windows #{#¥r/& Microsoft Corporation &3 [E /st H At [FE Z s i [X
AR

UNIX 72 The Open Group 7£ 32 EF1E At 5 st X B3 w.
Java FIFTE T Java BREFRFIERE Oracle F1/3E T Bl B AR A AR,

= e XA R R S 14
VISP A F AR A S T BRI VERT AL,

SRt
BRAIT 1BM Web 34 i (UEIZEFIIN, IETZ@ IR LSRRI Ao
AR

BRI DO 7 A NERTTEERDEAE G E HIX L Y, B 2REIE T a0, %F IBM NIAFFE
B, ERREN XL Y B KPR AT 0k e AR IRZE A,

ke

REATHEST A RINERE R, R MR RIS, (HAHERRETE T AN, RE IBM BIBHRIFA],
SRR RIS R, BASIESRARSMRER], 73 A el E X 2 R s H B 70 i)
R

PRAEAVE IR FBARZ T, SUAMSR T RE Y s U SREREE, BdE, AR
AMEMIPFRIAR, VFRIESUN,  TCIeHREIE 2 G & H,

R IBM I IX e b ) 2 A H A2 53 IBM HEARIERNESE FIRERER, IBM ARSI
AEFZ T HIVFRTA

TG TE, MO ORXEER, FRAEE2ETArEEHIERIEN (BHEATARIEE H EERTE
M o

IBM XX RPN EAEEMCRIE, AHRRI L “ZE0K" BOEEMER A, AAEEMERE CoitZ2H
HY, EREEERD PRE, EEARRTRESHEGEH M, IR CASGER TR AIRRI fRIE,
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J&E 1 354
DU R A

TR A G E T 207
&E 16
AT

J&ME 362
L

JARS 13
17377 5 30
PR 17
PRk

?E”ﬁlf
B3
RNARA

\

:>
Hﬂﬂm

RAITHAR 57

}

[C]

28
&7 405
fR55 83+ 60
Xt 62

IBM SPSS Analytic Server fE iR 61
IBM SPSS Collaboration and Deployment Services
Repository j&# 61

BT 26
ZERTIH

@ 115
B

24 405

A 1, 4, 5, 25

IAYRE 405

7 25

WEEM 405

&k 405
EHET A

E 153
EF T

B @
EHEEMETT S

JE Mk 155
B2 5 17
Al 5 28-30
A 21
RS

IARSE 48

[D]

ARG 17
HK SVM T A
& 392
ST A
5 A Gl 1 365
BRI E
BHIAHFEER 7
R T
BHIA S FEER 7
ETA Web i 1
& 193
TE N TTi 22
BN 21
TE B M 22
5%4}1%[12!& 1

R

e <

éf

H

=M
=t /\l>\w

[E]
I AS A

TR G 1 297, 317

[F]

iR T4 R
RN 49
JSON &R 52
XML AR 50

4E ASCII F#4F 20

PRt
@ 175

T A

5 s A G il 4 228, 3
JEIE

JE % 150



BRIEK (22)
XMER5IH 412
TR 417
FiRfE 419
FRARIRANE 420
FIIER) 414
SCRS I HHARAE 420
LY 412
13 414
BFEAT 413
R 412

AR
JEM 118

[J]

47 22

I
RN 47

BT

il
R17 1
MXASIHFA L
ERAZR 7
BT 7
FIFAIT 5, 8
T 8
G35, 6

fEA G S
A REA 1, 25
MARLAT 48
ERAER 7
IR T 7
IZIAIA 1, 25

T REA Gl JE 14 195

A LEA 5, 6
i, 25
FT326
Fi%ES 64
RGBT 4
FHFAIT 5, 8
EHJEM 65
K3k 25
KT R 173
T 8

5 R HARRA B FRA M 48
ifi{k 13-18, 20-22

T 9
ik 9

SuperNode i 25
JHIAR %S API
IRELH 5% 35
w35
AR 253 1]
HARKE 48
MR 1,13
|HAIAS 2l 413
WRSTIF 45
HiH T A 345
APAmL3,4
TEBY i 4

Python fAIAYgif 413

BAIA 2] APT
T RS 40
AEFEERIR 39
MAZIAIA 44
2t 44

VIR E AT R 38

RS 40
féij s/ 35
izt 40
2RfE 43
Tl 35
2 35
TeEUE 36

FA 30
BEEETT R 29
ZFr51H 407
BT A 29
kR 30
Bt 30
5831
TERIAR FEIR 45
1 AN 2 1) e 12
FHITR 365
AT A 195
AU 301
LR 63
FERETT
J&E 350
PURFI AT

1 e AR 2l 14 219, 306

[K]
B

PR R
JE 1t 348

TR EA Gl JE 4 301

[L]

AT R
J& M 165
T RIE SR
J&ME 151

iz

1 e AR 2 il J 14 296, 317

3llZ 14

b

B 67

M7 5,8

&k 28

&35 5, 6

AT 25
MAEMHIT S5, 8
AT

FMARE G 45
THIIIEIR 5, 6
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[M]

s
IINMZERHA 47
ELgmiS 60
miram%a 21
AT
ZH515% 58, 60, 61
2241 62
HAGRE 48
1217 IBM SPSS Modeler 57
parameters 59
PRI
ARG S 255 407, 409
AL
HIARYRE 255 407, 409
R AR YR E 4 301

B

[N]

AT
JEM 137

[P]

HEF 9

JEE 124
TRAETT

JEE 145
eIl

7 A w1 220, 306
?fﬁm

E/I& 110
SETHE SR

JE1% 375
PEAL T A

e 176

[Q]

T
YmiRIR 416
L 414
TEfifE 419
VAN % 419
MR 411
PREL 411
REUE M 416
AR w411
T8 415
g H 415
w411
FEHRIRAL 415
Hfth 420

THBRI, fth, FORREBRER 31

BRI 416
A 415
JE1E4 415
ARG 419
g3 417
—fRER 411
PUTIR 418

[S]

BUS T A

&k 187
BWEPRAETT S

&t 157
REERHETA

&k 356
WEEMN 27
FREZ N
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WXW%*%’*”
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iﬁiﬂﬁ%%? 48
D R i
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& 189
I R A A
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il 18
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JIAYRE 2 FR 409
i
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B

i8I 405

IR R 63
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3

HAYGS 63-65, 195, 301, 365

i 67

BRI 319

EAMASRS 65
BRESH A

B 368
BUm A 319
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B 81
BT 18
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B 393
REATLIR

T AR g R 265, 314

[T]

RHIEZE A A
HAGRE 4
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N 4
whnEl: 22
HFET A
B 149
@L%ﬁé
Gt ET R
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% 25
EIZAR T S
J&M 178
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[X]

M THZER 58
2 AS R

1 e AR 2w L JeE 14 251, 311
£ 4 ] )57

1 AR 2 il e 1 267, 313

2ot

1 AR 2w e 1 249, 311
ZelkJm M 249
Lt 7 Fr A B ALY

1 e AR 2 il JeE 14 257, 311
B4 28, 30
A

1 e AR 2 L JeE 14 270, 315
it e TP

JEE 124
AEER

TERIA A 45

[Y]

FEARTT S
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