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appliernode = stream.createModelApplierAt(results[0@], "Drug", 594, 187)
analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)

stream.linkBetween(appliernode, typenode, analysisnode)

analysisnode.run([])
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taskrunner = modeler.script.session().getTaskRunner()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/19/Demos/"

# First load the model builder stream from file and build a model

druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []

druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now load the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
model = taskrunner.openModelFromFile("rule.gm", True)

modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType('"derive", None)
plotnode = drugplot_stream.findByType("plot", None)
drugplot_stream.disconnect(plotnode)
modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)
plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.run([])
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stream = modelexr.script.session().createProcessorStream("featureselection",
True)

statisticsimportnode = stream.createAt("statisticsimport", "Statistics
File", 150, 97)

statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/
customer_dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)

4 IBM SPSS Modeler 18.2.2 Python 27 ) F r ¥ A — b+t X—>a ¥ - HA K



typenode.setKeyedPropertyValue("direction", "response_01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature
Selection", 366, 97)

featureselectionnode.setPropertyValue("top_n", 15)
featureselectionnode.setPropertyValue("max_missing_values", 80.0)

featureselectionnode.setPropertyValue("selection_mode", "TopN")
featureselectionnode.setPropertyValue("important_label", "Check Me Out!")
featureselectionnode.setPropertyValue("criteria", "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream
applynode = stream.findByType("applyfeatureselection”, None)

tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96,
applynode.getYPosition())

stream.link(applynode, tablenode)

tablenode.run([])
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execute 'Set Globals'
execute 'gains'

execute 'profit'

execute 'age v. $CC-pep'
execute 'Table'
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stream = modeler.script.stream()
superNode=stream.findByID('id854RNTSD5MB")
# unlock one super node
print 'unlock the super node with password abcd'
if superNode.unlock('abcd'):

print ‘'unlocked.'
else:

print 'invalid passwozrd.'
# lock one super node
print 'lock the super node with password abcd'
superNode.lock('abcd')
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s BB T4 — N EFBTALT 7Ry MEIZY—FLTHERRLET,

HLIE RV A2 Y T 5EE



« R4S KT 4N FEHEOREIEIZY —F L THRRLET, HEODRED 74 — L F2ERT 5G5S
N AVRSE- 3R

VA7 4= K% 1ENC 1 O3 OERT 30, /20 Shift F—F 723 Crl F— 2 L2 58D
T4 —ILREBEBRLFET, /. VAFrDOTOREZVZHEHL T, RERZESWTERO 74—l F25E
RUZED, 7—INVHDITRTDT7 4 — NV FEFREZTFEIRBRT 2P TEE T,

BIRATEER 74 — L RlE. HHLTOVARRY — A« RIRX—R—FF/—F « a7 —ICHEy%
T4 =V EDABPFRREIND LI TANR) U TEINTWEILIERELTLEEY, flziE, A bL
=D BATPXFHINDARY) =L« RTIRXA=R=FFHLTVWRHEIE. AL =T « X4 THLFH|
D74 —ILRDABPRRINET,

A B —=LTORMEFEIRIT

R EEITTIE, ERT DAY = 2B —HFMHFTEDONT, &= -/ — F2FEITT B/5E
ZHIECE X9, PIZIE. UTDOLSICTEET,

o JEEDMED true 2o false 2IZFEEDOWT, / — FEFEITTLI20E 5 02T %,
« J—FONL—TBWMITLTEITT 2D, BRICFEITT 2002 ERT %,

M7z TNESRMIE, APV =60 5T 270 15F) ¥ 72T TRELE T, VY T7XT2RRTHIC
& =TI & 54T FATE— F2BRL 7,

EFRT DM T RITEMEE, =T VT EIAT) EITE—RDPREINTOVEEAIE, A MY —24
FITRHCENCR D E T, A 7> a v T, FENEETEHOR YT S - a—-F2ERLT, A7V
b e ZT4 ZIZHEDF 22BN TEET, ZNEITHIE TR 37270 THICH2 THED )
Feed 27V 97 LET, XAVD 15T RTDFRRD [F723N b (XS ay A2V T ) FETE
— REFRRTZELIZEDD, RZ VT IBRXTOEFHICFRRENEST, 2FD, A7V T+ - 2574 &
—THHCH AR~ A ZAJRER A7V 7 M 2AEKT 2RI, B4 707 - Ry JADIFXERNL—T -
FFarvEMEHLTEHEZERTEET, HiOT..0 2200035, ARINIZR7 ) T MIZ
F, BRLIENV—TBHEDFRRINDG ZITHEELTLEE W,

ety F 7y T BIE LT RITVWET,

1ﬁ%ﬁ1%7&7@6%@ﬂfr%ﬁ%ﬁmﬁmjﬁ&yé 5%7Uv7vcf%#%ﬁﬂ®EMJ
RA707 Ry ZAZHEET, ZOXA 70T, /— REFETT 2002 TRHELD 35M4:%
BELET,

2. [T RDBIM X470 KRy 72T, UTOA T arr2EELET,

a. /J—F, SN EFETERET S/ —FEBERLEST, SRAZXVE2 27V 7 LTI —F#ER X
A7ar%E, HHO ) —FZ2EIRLET, VAFIATWVWE /— FRZTEIEEIT. =7 AR
—F =PRI — F. FEFAER — F. 2 REEH - FownwThprohray -5l
W/ —F2FRRTZ I, BRETANRY VI TEET,

b. &FDILHE, ) — REFITT 27D/ TREND LR EHEELET, TAMY—L NI RX—
B—), 7u—rOVER, T =Ty, 7203 THIC Truey © 4204 7> a D
MLOBEINTEET, A4 7027 « Ry ZZAD FEMT AT 2L, BIRT 3B L-T
HibhFd,

c APV =LA NFIRX—R—, FHATBERIVZAIDRERIA—X—2FIRLTHhE, ZONRTX—X&
—0 A 2B IRNLE T, HlZ2R HEFE Tk kEwng, MFELwvg, Tkb/phxwvg, MHE)
RETT, R, HEFIIISUT Ml 2, MEBXURKEZ AT L E T,

o« T — VB, FHABER Y A NSO EREFIRL 3, BIZIX EE). TEF. TR/IMEL
TR, F£7203 MTEEEZE DUV MCEENTWAAEEERD D £9, X, NEET) 25
BhEZ#ERL 3,

« TN, FHABER YR MRS T—TL « J— FEBEIRLT, 7—710 {7 & TH]
BEIRLE T, Ko, TR e DERERERL £ 5,

« HIZTrue, / — FEFICEITTARELD 255X, 20T arE2ERLES, 07>
a VEERTA2GE1E. EOIERTEZ T A—X—-13H ) FHA,
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BMERTRTORNZHRETDET, ATy S L 22RBERLFRDELET, #RLE/ — e,
J — FOFEITSND AN TRELRMED, 7R TOREL D 19472 —F1 Fle. HADFESR
fF (HOLETMZB0E)) FNcRREnE T,

4. 774V P T, /= FERFREFRINTWRIACFITEINET, /—FeFRHFEZVRAMATEERIZ
TR 1, /- FeRkFE227 Yy 7 LTGERL, 37270600 H 5 ERATEIE TR
HZ#EALTEFRZEEL X7,

o, T Y TR TOTECHAUTOFA S a v B HETEE T,

e ITRTRIEFICHHL, ZOF 7Y a ViF . B2 Y 77X IR REINTWSERFE TIHEi T 235581258
LET, &M [MTrue) OFRTO/ — Fid, IRTOEEDFHEEINTHS L HFPIFETEINFE T,
o« —~JEIZ1DOTFTORET, [IARTZIEFICTHE NERINTVWEIGEICOAFHTEET, ZOAF T a
VEFEIRT B 2. &ED [True) EHfliX N 255G, ZOEMICEEMNT SN TVWS /) — Rk, RD%
HEDFHI X N B RNCEITEINE T,

s POy PETiHli, 2OA 7> avZBEIRTEL, IBELESMD?S Truel OFHIiNNIEE N2
WD) — FDABEITEINF T,

AV )7 L DEITE PR

ZOMEZL DHETRIZ YT EFITTEET, HIZIE APV —L4 - A7V EFREREE7R Y
DAZYV T DEA 77T, TZDRATZ ) T 2T RRVE 7 Vw735, BERAIV T+ 2HE
ITLET,

B
1 [CORTUTRERFT REY

EIRLAT) A& V22V 7358, A2 YT MATERLE LITEREBEHES 217070y 7 25T
LETS,

>

2. DERLIATZETI REY

227 7 FDETIZ. ROWTIALDHIETITVET,

c RPN =L RZVFVERBRAR YRR c ZRZ VTP IDEA TR - Ry 272D [ZDRZ Y T+
BHEAT) F70F BERLATEHEIT 22U v 2 LET,

s TIANIDETHEL LT TZORZ VT M 2IYT) DRESINTVWE AN =L 2FETT 5,

- BEEICA XS54 7 « E— KT -execute 797 2HHLE T, FFL I 656R—YD Faw
VR -S4 VEIBOH] ZSRLTLIEZ W,

H: 2= —)—F ) Z47027 + Ry ZRT TZODRZY T 2FET) Z2BRLTVWEARED, X—
=) —F « 22U T ME. RA—r8—)— FDOETRICEITINE T,

A9 )T FRITOHHER

[ ZPY—L RZUTr ] BA4707 « Ry TZZADY —NAAN—ZH B HROFIERE . 27V 7 FFET
RRICEMCDE T, ZORERVE2HEHTZIE. AU FBIVCBREDRA M) —LDFETE2HIET S Z
EMTEET,

RER B
(MREH B4 707 - Ry 723, A2V T 254&—, CLEMREALKZ -, A2V %7
WBROTFX I 2RETIHE, FHRELVER—F J—RFTTFYy L — 2 ERTIGACHEHTE 3,
INHDHEBOVITNATTFRAMN2RETLZIHA. Ctrl + F F— 2L XA 707 - Ry 7127

HLIE RSP RAZY S FEEE 11



AL, A—VYLADBTFFAMEBIC 7 A —HALTWAZ 2R LE S, B /—F2EHLTY
256, PR, TRE) X707 F A MEED L, LB CLEM ALAX—DTFZA b - T4 =L F25
BA7aY « Ry ZRAZT77EATEET,

1. 7F X MEBANICH =YL EZBEWT, Crl+F X —%2# LT RR/EH XA 707 - Ry 7277
LALET,

MRITABTXRAMNEANTEZ, BEBBLZEHO Ry 78Ty - UZX M2 HEIRL 3,
.EBBRTFANRDIGEE. ASILET,
SRERRE) 22V LT, MBEEHIKLET,

B 22Uy 7 L THEDRIRNAEZBIRT 20, [IARTZEWY 227Uy 7L TIRTERITE
WU VARV AZEFLES,

6. BENPKRT T2, B4 707 - Ry ZADBHALET, 7F R MEET F3 283 L BRIZDBZRIRE
DHEDIREIN, F/ECrl+ FF—2HT e XA 70 ICHE7 7R LET,

BEAX S ar

RPN 2 KR RIEET. B 20E myvar 23 myVar VBT 20 37k Y, KXFE/NCTFER
XA 20 0EEELE T, ZOREHEFRERL, BT FRAMIBCAN LB ZHAINE
ER

BERDA  BMBRBEDFENICHDIAEN T IR VNI 2050 5EELE T, 204X T ay
BIEIRT % &, spider [P $ 2RI, spiderman %7213 spider-man I2—% L ¥ A,

IEBEB: FHEERHOS VR 722 FHAT 2050 REELET (KESR), 2OF 7Y a & ER
T3e. FBEEDA) 7Y a iz bEh, FOMEIERINET,

BIRXNETFFAIMDA: (FRTE2EH 7> a v 2 T 2586, BROEHFEZHIEL F3,
IERERBI V29 7 2

FREBRZERHT2 2, X723 MITXFEREDFRT ., ambdEFTRELFDY 7 A F /13 HiPH,
TOBMBERIZR TR EDEBEFIZOWTHRRTIZZ A TEE T, ROFBEORALYR—FIATVE

o b~ WO N

E

R 1 XFO—HK

Characters —¥

X XF x

\\ ME S

¥0n 8 EEDEEFF O F 0n (0<=n<=7)
¥0nn 8 HEEDEEFFOXF Onn (0<=n<=7)
¥0mnn S HEEDEEFHFOLFOmNn (0<=m<=3,0<=n<=7)
¥xhh 16 HEEDH Z 57D 3 F 0xhh

¥uhhhh 16 #EEDE% 750 3F 0xhhhh

¥t & 7 F ('¥u0009")

¥n BATSLF ("¥uO00A")

¥r i ("¥u000D'")

¥f WA — T SF ("¥u000C")

¥a 77— b (L) 3XF ('¥u0007")

¥e IR —T7 3 ('¥u001B))

¥cx X AR 2 HlfHSCF
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R2.NFUVSAD—H

XFT TR —

labc] a. b, 72X c (HHY 5 )

Mabc] a. b, F7E c DT (BIR)

fa-zA-Z] abhbzERITADD ZDESCF (HiPH)

Fa-d[m-p]] anbd, FEmds p WIESR). X, Ta-dm-p) IEET S Z
EHTEET

la-z&&[defl] anbz, BIUd, e. FRIEF(RE)

la-z&&["bc]] arbzDIb, b cERVEZDD (EER), TE. Tad-z) 2EE
TAHIECHTEET

la-z&&[~"m-p]] arbzDI3b, ML p TTERVWESD EER), 7213, Ta-lg-zJ

CIEETHILDHTEET

KR IFRESNIXFI SR

HliE INLFET 7 A —3
FEEOXF (TRIC—BT2H5EEE—BLARVWGEESH D )
¥d EREDEF: [0-9]
¥D Bt [~0-9]
¥s ZEFSCF [ ¥H¥N¥X0B¥f¥r]
¥S ZEH ST LAY [M¥s]
¥w 7 — KX [a-zA-Z_0-9]
¥W JET — RCF: [M¥w]
x4 IFBHRO—HK
RO —3
A 1798
$ (ES
¥b RO
¥B EEAVUANOS: L
¥A AT DRHE
¥7 REDITRUND AT DT
¥z ATTOT

HLIEZRAZYUFS b RAZY S SEE 13
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28 A7V NSEE

A7V T+ EEDBE

IBM SPSS Modeler D27V 7 M&RER# T 5 . SPSSModeler 2—#— « f V& —7 = — XA TEIMEL.
HOATOo 27 vV 2BEL. A~V ROV Ry IV RERITTH ALY S M EIERNTE %3, SPSS Modeler
NLSEBEZAZ Y TN 2EITTEET,

IBM SPSS Modeler ® 27 V) 7" M, A2V 7+ F37E Python TERE L TWE $, IBM SPSS Modeler Tffi
M &#1% Python @ Java X—Z D FELE% Jython LM E T, TDRZ Y 7 FFRBIE. LIT OKBETHER S

NTVWET,
e /J—F, RAMU—2L, a7 b, HH. BXUEZDfd IBMSPSS Modeler # 7Y =7 + 2 ST 2
i

FERA T2 P EBRETADIHHIAZZAZY S RF— R XY FERIZaTY FDE Y B
« T RFGRX—K—, BIUOEFOMDA TS =27 MTHEZHRET 2720070 P+ ROSEE
XY b, fTOMEE. BXXVTFIL FFZA D70y Z7OHE—F

IFD+t2 > a T, Python 227V 7 hFiE. Python @ Jython 2%, 3 X ¢f IBM SPSS Modeler AT
22V T R ERENEDBTDODRARS Ry 7 RITOWTHIALES, FEo a7 —ra<sy NI
DVWTOERIK, Dot aicbh 5,

Python & Jython

Jython i&, Python 227 V) 7 M FREDFHEED 1 O TH D, Java S Citid I, Java 7’7 v b7 4 —4 ¥
MEINTVWET, Python X BNRA TP =7 MEMIRZ Y T FFEETT, Jython ik, BALZARAZ Y

7'+ SRBOEEN M LARER i 2. Python &I1ZEL D, Java R~ > VM) ZHR— T+ T2 FTXTOH
HTHELZ S, 20kD, 7077 20ERRKHICIVM D Java 74 77 ) — %2 T2 2 e TEE T,
Jython Z{FHT 2. ZOEVWERHTE % KT, Python SEEOM X LIZE A Y DIEREZ T X

£,

227 FNEETH 3729, Python (B L % D Jython ) IFFENER THRNICa—F 4 V7 TE 3
Eh. BET 2370205 ADOERICR/NEBOREE LR EYLY LERA., 22— FIEWEERT (—EIZ117) A
NI BZEeNTEET, Pythonl3f VX =TV X —AKDRXZ7VFNFFETH D, JavallhH s ) a4
NOEERDH D XA, Python 7B LIEHBETXF AN - 7740 THY, XTI —DBR0V1E S
DPRESCRT S N1 AT LTI NE 3, Bl (ERFADMEREY) DIEh, EHERERE B
ERREY) DI HICFETEIN, FHITRBICRDET, a— RN L TToAZEEZHHICT AT 52,
MTEFET, LHrL., A7V T NOBRICEAFZEAbDD £, HlziX, REROZFEHFHL T
VRAT = ZT—ITRLRVED, TOEMEMHHTERAT— M XY PREITINLGEICED,. 20
FEiTor 2Bt T, ZOGER. Tl a2RELTEITL. T5—%2TN\v T3 M T
xFJ,

Python TlX, 7—&Xa—F3EH, Ho5WEbDEATV 27 b LTHRVETS, Lizd-T, 21t
DATV 27 Ve —HOa— FTHRETZ e TEE T, —HoM FUERL XTI RE) 347V =7 b
TR LEYL R 2 E#A T, ZDHWNE Python THHR— R T0WET, ¥ E— PSR TV3 X
MED1DOH D FF, ZTDXNMVEIZIETHIH None 23EI D HToHATVET,

Python 227V 7+ B XU Jython 27 1) 7+ DES R 7 ) 7 MMlizoWTIX, http://www.ibm.com/
developerworks/java/tutorials/j-jythonl/j-jython1l.html 5 X ¥ http://www.ibm.com/developerworks/
java/tutorials/j-jython2/j-jython2.html ZZHE L T 72 &\,



http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html

Python X2 ) 7k

Python 227V 7 F FEEDOLL T D H A K TiX,

IBM SPSS Modeler TA 27 V) 7 b 21E T 25 E&ICHERA I
ZUBEMEDRE VA Y R—F Y FOEY, 20T I Y IOEBEICOWTED EiIFE T,

H. IBM SPSS Modeler A T{#H$ % Python 27V 7 s OBIFEEIRD 2 DI+ R A ER 3 Z L BN TE

ES
1R(F

RARFES (=) ZEHALTITVWE S, BIZE E 131 2 x) LIS ZERBICRAT 21 UTDR7— T

AV PEEHLET,

x =3

2, XTI D T — 2B EBICRAT3EEICHHEHINE T, HlziE fE lastringvalues % Ty
WIS BBITKRAT 212, UTORT— X b 2ERLET,

y = "a string value"

RDOFNZ, KIEHEN 2 HEHE B X OBEEE 2. Z20HHZRL £,

x5 —RNLGHBREFS L VRERE T
R G|
X <y XDy ED/PNZVhE S p
X >y XDy EORZVRE S D
X <=y X By LIFhE 5 h
X >=y x DBy U EDE S H
X == XDy EELWVRE D D
X l=vy Xy EFELLRWNE D D
X <>y XBy EFELLROVDE S D
X +y y & X ICNET 2
X -y yEXDLBET S
X xy Xy 2RET S
x /'y x %y CRET 2
X *% Y XZyRIT>S
DAk

VM, —HOEETT, VAMNEEEOBOEEZERY ANSE Z BT,

V2 MOBEZIZIXEED X

ATDATI 27 b FHATEET, VAMNIEALEZZ 223 TEET, VAMNNOEROHIZ, B
FRBM, HIER, F23ERT BN EZEES L ET,

il

[]

[1]

["Mike", 10, "Don", 20]

ZEDY A b
H—p%s (BB 28TV A b,

4ODER 2 ODNFHNERL ., 2 DDREER)
PELVA T,
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(f1,071,08,9]] VAPZELV AL, B TVRAMIZEDY R b,
FIFBEZRDY X b

y = 2; . BROVAT, Zofilid, ZH ROV znRL
Y, X + y] ' TWVWEd,

DX MEBZEFCE DL TR enTEET, Hl2iE. LToLSCLET,

mylistl = ["one", "two", "three"]

ZOH%., TOVA N EDERIZZ7 7R TEEF, MZIE. UTOXS5CLET,

mylist[0]

CHUILLT D K S e b £9,

one

KREEI([]) WO, 4 > Ty 72 R, VA OREDQERZZMLE S, VA PORERIC
. 05X 24 Ty 2 AN oNET,

12DV R M2 OEBOBZDOHMEBEINT R TEET, ZHEIATA R IR ET, HlZIR
x[1:3] X x D2 BHOEZRYL 3FHOEREZFRLE T, REDA V7 v 7 AL, EREHD 1 OH b
DA VT 7 ATT,

XF75
XFHNE, He LT3 —#HOARED T TS, XFINE, LW TFINIRETRXRTDOARED S —
FUABEBBIOEETFEFR—PLET, HlZiE. "abcdef"[1:4] 1%, "bed" WO HAICD F
9,

Python Tl&, XFIIRIN 1 OXFHE LTRINFET,

XFHNY 7 IME, Bl ELB=E5HFICL s TERSNF T, H-5lHFZzHHLTERSO
5 THNIMT2 1 L IFTEERAN, ZHFIAMZHHA L TERSN L LTINMT2 £ 2 b
TEXY, XTHRHE—5IHRF () £ ZE AT () THEZ e ATEXT, SIAFOAMICIE, =2
=7 ENTORWMDGIHT, £723MEES ) BTS2 2R 7 — TIN5 ZAND N TE
£3,

il

"This is a string"

'This is also a string'

"It's a string"

'This book is called "Python Scripting and Automation Guide".'
"This is an escape quote (¥") in a quoted string"

N FTRY SN0 O FHNE. Python S—H— 12 k> THEICEKEX N ES, Zhickyh, E
WX TFHNE AT LD, B—FH| TR ZEEOS I AN EZREIEZDT 2N TEET,

"This string uses ' and " 'that string uses ".'

XD, RO XS,

This string uses ' and that string uses "

XFEHNZ, W ODDOHFREAY Y FEHR—FLTVET, RDORIZ, TUHDXY Yy FO—HZRL
£3,

FH2E XY NEEE 17



K6 XFHAV YR

XVv F

SETE

s.capitalize()

s DX TERLTFICLET,

s.count(ss $,start 3$,end??)

s[start:end] N®D ss OHKMEIEE T >~ L
3,

s.startswith(str {, start {, end}})
s.endswith(str §, start {, end}})

sHstr CHE->TWVWALEIDLETAMLET,
sWstr THRDOoTWVWANEIDLETAMLET,

s.expandtabs(isize})

R T B AR—ZA (T 74V D size ld 8) TEFL
£9,

s.find(str §, start {, endi})
s.rfind(str §, start {, endi?)

s OPT str DRIIDA VF v 7 AEBELET,
Honsnwiga, BRIx-1 1k 3, rfind
Z. GBS EICHRERLE T,

s.index(str {, start i, endii)
s.rindex(str §, start 3§, endt?)

SO T str DFRHIDA VT v 7 ARKRRBRLET,
HonsWiE4E., ValueError BFEAEL F9,
rindex . A5 EITHMEL FT,

s.isalnum NFHNWFERT N E D DR iERT 520D T X b,
s.isalpha XFHNDBHEFIPE S DR T 572D T A b,
s.isnum XFHNDEMEDE S D E MR T 272D T A b,
S.isupper XFHNW TR TCRLFEPE D D ERT 272007
A b,
s.islower XFHNBFTRTUNLFEDPE D DR T 572007
A b,
s.isspace XEFHNB TR TEAL TN E D D2l T 57200
TA b,
s.istitle XFHND, KXFOENTF & FEOFR T TN D >
— T VRATHIDNEIDEHRTE12DDT A b,
s.lowe:|:8 FTRTONLFIZEBLET,
Sl LIEpE FTARTANLFIZEBRLET,
S faancase) KX INCF T FRTHICIH L E T,

FTRTEA ML - F—=RTEHLE T,

s.join(seq)

seq NDOXFHN % s XKUY XFe LTRAELE
ER

s.splitlines(ikeep})

s BEBUITICHEIL £ 3, keep 2 true DS, K
T2RFELE T,

s.split({sep §, maxi}})

sk sep(F 74D sep FEALTFTY) 2ff
AL Tmax BlET MHEE) 1aHILE 5,
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K6 XFHXY YR (KK Z)

XV K fEHE
s.1ljust(width) ME23 width @7 4 —L R NTXXFHNE ERiZ L %
s.rjust(width) +
s.center(width) ° ° N
s.zfill (width) &2 width @ 7 4 — R NTXFHZ AR Z L %
3,
M&23 width @ 7 4 —iL K T T % ddidii 2 L
EJcIN
0 CH®HE T,
s.1strip() FHOZEAXTFEHIRL £,
o REOZELTEHIRL T,
SHAY KEOEAXFZHIRL 5,
s.translate(str §,delc?) delc DXFZHIRLIZHE T, T—7A2FHLT
SEEMILE T, strid, BEXH == 256 DXFF
THIVERDH £,
s.replace(old, new §{, max}) NFEH] 0ld BT ART. F 72103 max [#o HIRER %2
NFEH | new TEERZ FT,

IR
FRIE, RURF OB @) THEZaAXAY T, RYFEBIHAEILITOIRTDOTF A+
. ERO—E e R X TERINE T, BRI, TEON» S TEE T, UTORIT, EROMf
HiEERLET,

#The HelloWorld application is one of the most simple
print 'Hello World' # print the Hello World line

AT—= XAV FDIBX

Python DX 7 —hX Y bDI &y 7 ZIFIEFICHMTT, —KIT, &Y —ZATIEHER—XT—FX Y T
3, expression BLNassignment A7 —F XY FERVWT, FAT— XY MEF—U— ¥4 (if
R for BY) THED 3, EETEREFERITIX. 2— FHOEEDRAT— XY bORO Y ZIZTHHF
ATEZET, LT 2DOUEDAT = XY MBI GE KA T— A etIany () TRYZ4
ERbHDET,

FEWAT7— XY ME, BEROITIHRITIZ 2B TEET, ZOEHE. ROTIHIIEZAT—FX Y bD
KEICHES ) 2HEHT20ERHD 3, HIZRX UTOLS5CLET,

x = "A 1o0000000000000000000Ng string" + ¥
"another 10000000000000000000Ng string"

D HREEHHEIN (). KFEEIN([D). FEHHEIN () THEATWEHEE, FHElS2HAT2ZeR
{y AT —=FMX Vb2 URDBEATHLWTICHRITIZZeNATEE T, X UToXk351CLET,

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)

Shk Bl F
WA, R BBL 29, BEAUF—U— FICLRTEMNITIADIHHLEST, #ilFoE S+
BT EHEOFIIRT (KRFELIINCE) £ TR O TRIFUERD %A, TRTHES?S
ANE, — RIS EZE T 74 R— D EDIZTFREINTVWET, i FOLELTFD®RAIT, TF,
05 9 DHF. BRUTHXFEEWSHOTHHHHAGDOE THHATEET,

FH2ERAZYTNSEE 19



Jython IZid. ZH. BAEL. 72137 FRDHENMHHTERWTFHEI W 20H D T, ZO6DTH
FEE, ITOA 73V =2 T0E T,

« 27— bR MMEUHTE: assert, break. class. continue, def, del. elif, else. except.
exec, finally. for., from. global, if. import. pass. print. raise. return. try. B &
KFwhile

o X5 R —2— R as. import. BLX U in

« {li1:and, in, is. lambda. not. BX U or

TEY)R ¥ —7— F2HHT 2% ., @% SyntaxError AL 3,

d—-ro70Ov9
aA—-FO7uy2Zid B—X7— XY MRS NZGINCHERINE AT - XY FO V=T TT,
a—RFop7uy 2k, if, elif, else. for. while. try. except. def. B LU class DW\WIHID
AT —=bAXAY POBRACDHDELIENTEET, INOLDRAT—MXV FDHAICav Y () ZFHL
T, a—Fo7ay 7ZHiIEd, FlIZE UTOLS51CLET,

if x == 1:
y =2
z =3

elif:

y =4
z =5

a—K - 7uv 2 %2XY3720124 7Y MERINE T Java TEHEIAEHENS), 12D 7R
v IHNDIRTOITERICHAEIICA VT M FTE2RERHDEST, ZHNE AT FOEHED, a—F-
Ty DR T ERTTZDHTT, BHEIX LRLITLICADDAR—ATA VT LET, fTOA4 VT
Y MZE, BT TREBLAR=ZAZMHHT 2 ZePHRINATOET, AR—AXTRREIEEI L
BTEERA, B2 OFENRDTv Yy Z7DITIE. 1B SRS 2HERDHD T, £5TRY
Y. SyntaxError AL 3,

120a—F -« 7uy 72BN T 38807 — X (@urigklIa) i, E3anry TR -T1
fricsszedTcEgd, iR, UToXk5CLET,

if x ==1: y =2; z = 3;

A7V T hADEIHD5|EEL

270 FMHBEETZEIE EEETICAZ Y M 2RDRLEATE 2208 T3, a<v> k-
T4 ATTEINDFIHBUEZ. VR sys.argv NOfEE LTHEINE T, EXN2EOHE. a~v Y K
len(sys.argv) AL TEETE XS, UTIAIERLET,

import sys

print "testl"

print sys.argv[0]
print sys.argv[1]
print len(sys.argv)

ZOFITIX, import A< Y FiX, sys V7 AR E A VER—PFL T, TDZ FJARXFELTWE XYy K
(argy 2 ¥) ZEHTE 2 X5 L ¥ 3,

ZOFIDRZ Y FRE. UUToTEER L GEEIctx %3,

/u/mjloos/testl mike don

FRIEATOHCRD £75,

/u/mjloos/testl mike don
testl

mike

don

3
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11/

print ¥F—vV—FiE, ZOF—V—-FOEEDFIBELRRLE T, RAT— XY FDERAIZA Y ZHT
e, BATEHCEEhERA, UTIAIZRLET,

print "This demonstrates the use of a",
print " comma at the end of a print statement."

CHUILLT D & S Hice b £9,

This demonstrates the use of a comma at the end of a print statement.

for A7 —F XY ME, a—FDT7uy 72 KIETZ7-DIHEHLEST, UTIHZRLET,

mylistl = ["one", "two", "three"]
for 1lv in mylistl:

print lv

continue

ZOHITIE 3 DD FHNNY R b mylistl WCEDHBToHNET, VA MDOKERN1ITIC1I DT OHA
ENFET, ZHEFToOX>RHckY F3,

one
two
three

ZORITIE, for L= HERERIrDa— K- Jay 2 BEETLE-0N AT —X—1vAIY X b
mylistl OFHERDEERIEICEDET, A TL—X—k, TEOEXODEMRIDICT AN TEET,

iIfF AT =P XY ME FJMERT =M XY MTT, FEERFHEG L. FHBDRERIZIEDWT true F7213 false
PRLET, UTFHIZERLZET,

mylistl = ["one", "two", "three"]
for 1v in mylistl:

if 1v == "two"

print "The value of 1lv is ", 1lv
else

print "The value of lv is not two, but ", 1lv
continue

ZOHITIE, 4 7LV —&—1v OfEDFHlE N E T, 1v OfED two DIFHEIE. 1v 2% two TIERWHEI
BENBZAMN) YT CIEZERBZRA M) Y ITPRENET, LD, RoXS1HhahEd,
The value of 1lv is not two, but one

The value of 1lv is two
The value of 1lv is not two, but three

BEXY YR

math €Y 2 —A06, AHBEAEXY Yy FITZ7EATEE T, RORKIZ, TNHDXY Yy FO—H%ZR
LET, FIHEEDRVIED ., I RTOMEIIFEH/NMURE L TRENET,

R7ZHEEAV YR

XV K fEH

math.ceil(x) X DRIHMERFE/ NG LTRLE S, 24U,
x L EORNDOEETT,

math.copysign(x, y) X%y DS TIRLET, copysign(l, -0.0)
F. -1 EIRLE S,

math.fabs(x) X DAEIHEZ IR L E3,
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R7ZEEXYV YR @ZF)

XV K fEHE

math.factorial(x) xERZERLET, x PWEOGE, £ TR
WA, ValueError AL 9,

math.floor(x) X ODIRMEZFE/ NI LTGRLE S, Z4Ud. x
UTORAKDERTT,

math.frexp(x) x DIREL (m) 58 (e) & (m, e) DAL L TR
LET, mIZFEH/NEUS, e 3BT, x == m *
2%%xe D EF, xi))—hno)i% X (0.0, 0) %
BL., ZNLANDEGEIX0.5 <= abs(m) < 1%
BLETD,

math.fsum(iterable) iterable OH OIED EHE A IFE NBUS DRI % K
L%9,

math.isinf(x) FE/ NG x DIEE I3 BOER KN E S % F
v 7 LET,

math.isnan(x) FEVINIUE x 23 NaN GERUE) 228 5 e T = v 7
L%,

math.ldexp(x, i) X * (2%x1i) ZIRLE T, ZAud. REMICEEE
frexp DT,

math.modf (x) X D/INEER & BEEGEZ2R L E 3, FMERIEMA & b x
DS % 5| ZfkE, FEVNIGE TS,

math.trunc(x) Integral ICYIDIETHNZz Real fEx ZIRL &
R

math.exp(x) exxx ZIRLE T,

math.log(x[, base]) FEE L7-Mfi base I3 % x DIEEERL 5,

base ZIEE LR WIGE X x O BAWME IR X N E
R

math.loglp(x) 1+x (base e) DHANKZIRL £7,

math.1log10(x) XxD1I0ZEE T 50 ERLET,

math.pow(x, vy) xZyRLGELES, pow(1.0, x) B
pow(x, 0.0) X xBEREZIENaNTHBE L
TH, WIC1EZELET,

math.sqrt(x) X DFEFIRZIRLET,

BeABIRTm A<, AHB=ABABX Yy R DD FT, ROKIZ, ThHDXYy FERLET,

®8 ZABHXY YR

P AN %

math.acos (x) X DWRZEE T 7 Y TERLET,
math.asin(x) DFIERE 77 Y TIERLET,
math.atan(x) x DMIERER Y7V TIRLE T,
math.atan2(y, x) atan(y / x) 77 TIERLE T,
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KR8 ZABBAV YR @#HE)

XYy R EDJERES

math.cos(x) X DRG 2 Z7I TV TELET,

math.hypot(x, y) 2—27 Vv R/)VA sqri(x*x + yxy) ZiRL %
T ZHRER2LR (X, y) NOXZ LDk
XTI,

math.sin(x) X DIEE 797 Y TIRLET,

math.tan(x) XDIEEZ 7V TRLET,

math.degrees(x) AXxEIITUDOLEICEHRLET,

math.radians(x) AXEENPOIITICEMLET,

math.acosh(x) X OHIHFRARIL 2R L F 5

math.asinh(x) X OHMHFREIL 2R L E 3

math.atanh(x) X OHAHMIFREREZIRL 5,

math.cosh (x) X ORHIFRARIL 2R L £ 5,

math.sinh(x) X OBHIFEARILZIE L 5

math.tanh(x) x ORHIFRIERZ 2R L £ 5

2 ODBFERD DD £F, math.pi OfEIX, BEEEH pi T, math.e DEIX. BFEH e T,

JE ASCII XFD{EH

FE ASCIL X FR i3 %12k, Python Tl 3XF%% Unicode IZIIRNICZ= Y a— R EiF7Ta—- K93
WEDH D £3, IBM SPSS Modeler Tl&, Python 227 V) 7 MM& UTF-8 (3E ASCII X 7% B K — b3 3 fEie
Unicode) Ty a—RFINTWB e MESINET, UTDRZ Y 7 MI, Python 2 >4 5 —7% SPSS
Modeler IZ & > T UTF-8 ICEREINTWB 7=, a4 L ENE T,

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T X F./— F", 96, 64)

Lol #R// —FDITVIIELLSHD FHA,

SPFEEFAF SFNEFR

K 3. IEASCIXFREL/— R« SR (ELLERRINTLAEY)
A MY T YT EEKD Python IZ K - T ASCII XFFNCEBLINTWB T2, ZDTVUIIELL H

DEHA
Python Tl&, XFHNV T ZADRNC u XFEBINT 2 Z 212X - T, Unicode XFHN) 7 VR HEETE
£79,

stream = modeler.script.stream()
filenode = stream.createAt({"variablefile”, u"FT 2 F./— F", 96, 64)

2T XD, Unicode XFHIMER X, TRADBIEL L TRINET,

W2E XY T EEE 2



[T}
TIE[I:I.-

T A Pt

X 4. JEASCIINZEZESL / —R « SR (ELLERTINTLSB)

Python ¥ Unicode O fid. AEDHFHFAZEZ - KER MY 7T, DMy 7 eI - EFE
I T4 VEREIBEZ DD 5,

A7z o MERmTOATSIVT
FI7V 7 MEATR S I U NE, BREEOETLVE 07T ANTERT 2 & WO ERICHE N T
WS, A7V MNERTRSII VKDY, TarsIv s s 5 —2ED. a— FOEFEHAME
EXINFET, Pythonld. A7 =7 MERAEEETT, Python TEREINSE ATV =7 Micid. LIT DR
BHH E3,

e f{l—=: AT MEIMEATHD., ZHUIT R MATRETRITIIUIZ D FXHA, is T A ¥ is not 7
A ME. ZOHWNOEDIZHEELTVET,

c JREE, BA TV 27 MIIRERZWTEZ2XERDDET, 74—V EFERA VARV RAZE Y DEMN
. COHNDOEDICEELTWETS,

c B, A TI 2 M, RERRECEZ2XERHDF T, XV Fid. TOHMND-DICTFEEL
x7,

Python (IZiX, A7 Y=z MEMITR T I IV 7% R— b T 27-2DDODUTORERH D 5,

¢« PFGR R—=ADATT =227 MMike 757 RF. A7V 27 V2 ERT 30D FT L — T3,
7V NI, IREAZBODEEST SN TWE F— X EEETT,

« KVET 74 ALK B MK, Python 3, H—H{kRK r ZEMPEZ VK- L TWVWEF, Python DFTXRT
DA VARVR + XAV RliZ, RVETZ 7497 ThHY, ¥ 775k 2F—N"—54 FAAEETT,

« F—REWIC K B S b, Python TlX. BUHZER TN TEE T, BT L. 77 2D4MD 513,

FDIZIADAY Y FIZEoTODABHEICTZERATER LS5 CRDET, ZI5RAIE. . F—XRELHET
5720DXVy FREELET,

VDSADESE
Python 7 7 ZDHTIX, ZHE XYy FOMAZERTEZET, Java L £Z4 D, Python TE, 12DV

— 2 774N (Y 2—)) THEOBORHZ FRAERERTEET, L7z -> T, Python DEY 2—)L
1 Java DRy 5 —DIPTWBR EEZ B ENTEET,

Python Tld class A7 — " XY P EMHHL T 7 RZERLE T, class A7 — b XV NI, ROFEK
c:tofh\ij—o

class name (superclasses): statement

or

class name (superclasses):
assignment

function

JIOABRERTIH IR, FREOHORART— b XV 2R T2 TEE T GRLZL T
BOEEA), ZHICED, Z29RADTRTDA VAR VATHEINEZ 7 S ABEIMERINE T,
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72 EEOBOBBM ERZIDR TS dTEFT EARLELS THIMOIEEA), TNSDBEERICK
D, XV FBRERENET, A== 52DV R MNIFTF>arTF,

I RAZEFAA—FTOH (Y a—L, B, E£REFZIR0H) THEETRINILED FEA. BROZE
BEERZ L TR RSB TEIENTEET,

DR e AR ZADIERK
75203, 7R (HB) BHEOFESRS 752 - 4 VAR VADERICHERLES, Z75ADA VARV R
PER T 212X, ZO7 ADPEEBTH 20D EIS5CNFCHELET, 222X X772 %2EBLTL
FEEW,

class MyClass:
pass

I IARTREEEDTDITNERAT = XY MPRETTN I 708 LTRENEPARETH L7280, Z
ITlEpass AT — MA Y FEFHLTOE T,

UFDAT— X ME. 75 A MyClass DA Y ARV AZIERL 5,

x = MyClass()

DR ADIRAZIZANDEHEDIENM
Java L B D, Python TIZZ 94 7Y b MBI FADA VAR VAR JEEEEZBMT 2 ehTEES, £H
ENBA VARV RFLOBTITT, HlZIE, 4 VAR VAR X ICEROBMEZBEMT 321213, LT kS
WLTEDA VARV RIZH LUWEZREL 9,

x.attrl = 1
x.attr2 = 2
x.at%rN =n

VABESLUAY Y FOESE
T IRARINA Y RENLEBE IRTIIREN TF, 77 ANTERSINLBRIE IRTXY Y F T
To AVYRIE, Z77RADA VAX VA (HEE LTself UM E ) 2FE 1518 LTRITEWD £3,
Bz, Z77RBEBLXUOXY Yy FEERT I UTOa—rFE2ANLETD,
class MyClass

attrl = 10 j#class attributes
attr2 = "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

def method2(self):
print MyClass.attr2 #reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3 #make an alias for method3

75 ZONAITIE. 7 RABHECHT 3 ITRTOBEE 7 S AL TEMTIHELRDHD 2T
(MyClass.attrl 72 ¥), 4 Y AX Y RBEMHICHNT 2301, TNT self ZHTEMTI2LEN DD T
(self.text 2 ¥), 7 7 RADIMITIZ. 77 RABEMHIINT 2 IXNTOBRE 7 7RG TEMT %0
(MyClass.attrl R¥), 77 ADA VARV ATEMTE X EZIF7ADA VAR AT 5L x.attrl
BRELTR)VRERHDET, Z7I7ZADIMATIE, 4 VAR VAT B3 TRTOBBE Y S ADAL
AR ATEMTZ2ERDD 3 (x.text 2 ¥),
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FERTEH
TIAR=F BREERTZZ2212ED, T—RZEMTE2IENTEES, 7794 R— ERIIT V&
ATELZDIFZFDI7 FIABRIIBONE T, __xxx £/21F __xxx_yyy £ WIH AT 2 D THRZRIIC

HIC) A2 ES T 5 &, Python $—H%—i3, EEINLAENCHIINICY 7 2428 L TRERE
P e (5 R ORI 1 o N -

class MyClass:
__attr = 10 #private class attribute

def methodl(self):
pass

def method2(self, p1, p2):
pass

def __privateMethod(self, text):
self.__text = text #private attribute

Java L #2722 D | Python TlE, A Y RAX Y RAZEIINT 2SRITTT self TEMT IHLENDHD £,
IEEAY7: this OEHIEH D 8 A,

L2

75 A AT DHEER. ATV MMERIT RS S I U DOREER L3, Python ik, H—fkKr %
BEROEAGZHR—TFLTVET, H—HRKIZ. Z— =T FZAB 1L DOLDPEETERVWIEEZEKL
T3, ZEMKII. BROR—N—F IANTFETELZILEERLE T,

BHIZ MDD FRDY T ISR ERTDHIETRELET, TEDOHD Python 725 2% Z—n—70 5
22T BN TE XS, Python ® Jython SZETIX, EHE X 2 I3HHEICHATE 3 Java 7 7 213 1 077
JTF, A== 72 REWMTI2HEEIHD THA,

A== FADTRTDBEBERAY v FIRWTHOY 77 522 FEL. TDZ 57 ZABEERIC K - T
HATE21E0, BESCAY Yy ROEBREINATOWRIINWITEED I A4 7 o fHT222dTEZ T,
YT 72D, VARV ABTEDOGCHEATE, A== 732D, VAR VA EHTEZ S, &
NDBRVET 74 X O—PFITT, THoDEEEIC X > THAMADAIREICR D, ERBBEZICHD 3,

il

class Classl: pass #no inheritance
class Class2: pass
class Class3(Classl): pass #single inheritance

class Class4(Class3, Class2): pass #multiple inheritance
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¥ 3 & IBM SPSS Modeler TDAZ Y 7 b

AU ) 7 sDOiELE
IBM SPSS Modeler (2iZ, UTO 3FEHDOR 7 ) T+ 23H D £,
-ﬁ;;—A-X&U?Lm\i#xbuwAmiﬁ%ﬁﬂiétmm@%éh\xbUwAWm%%é
« A—2%— ) —FK « 27U FbMIE. A==/ —FOEMERFIHT2-DICEHINE T,
c ARV ET7RY RV T MEREEYy T ay c A7 YT MIE, SEIERAMN) LD THETE
T 2D TEE T,
XFEXFERAY Y F% IBMSPSSModeler DX 7 ) F M THEHATAZENTE, ZNHXY Y RIZLoT

SPSS Modeler DJEHILHEEEIC 7 7 XA TEE S, THOHDRAY Y Fik. K h EELEEERIERT A=D1
IIR—TVD IMFEATE XY+ APL) THEHINET,

AbV=L, Z=NN=/—F « AbV=L, BLVFLTIFL

ZLDEA, AV =L EWVWIGEIE, 77 A6 —RENZA Y —LTHN, A—2%—/—KNT
HHEINZZA MY —ATHN, FAUEREZRHSE TS, —RIC. A MY —ald, B0Vl S - ETrHE
B —FOEEZEBWRLET, LrL. RAZVUT+OEEIE. HOWBRGAITIRTORENY R— T &
NEZHOITEDDERA, 2FED. RZ VT MEEE X, EDAMY)—L4 - N7V FEFHLTVWSED
DEBBMLTVWEILERD D T,

AMU—L
Z F U —21%, IBMSPSSModeler DFELZ FF a2 X2 b+« XL 7 TF, A MY — LR E v— R, fRE,
BIXUOETTZ2I8TEET, APV —LAIIZIE, $FX—&F—, Za—2 L, A7V, BXU*Z
OMDIEREEEMNIT A TEE T,

A=]\—=/) =K « A Y=L

A= —)—F « AU —A11F, A——) — FHNTHEHINZFEEDZA Y —LTT, BHEDOARMY —

LAEFRE, HWZY Y Z2XNTWE ) —FREENATVWET, ZA—N—/—F « 2 FY—A4al%, UTFTD Xk
IBBPTHEDA M) — AL B >TVWET,

e RIRXA—R—BEIUAZVFMEI ZA—N—/—F « AbY—LTIEHRL, A==/ —F «- X FY—LA
EPHIALTWS Z——/ — FIZEHEMFSNTVET,

« Z—X— /) —F « AMY—AIZIEF A==/ —FOEEIZGC T, BIIOAhaxr & — - ) —FH
HaxrrR—+ ) —FhRbhHZEd, ZhoDaxrsX—- /7 —RKiE, A—2—/—F « 2 —LIZ1ER
PELED, A—8— ) —F - AN =20 5EREWMDODHE LD T 272dIfHHIN, X—%—/—F
DYERIRFIC HENINCER S N E 3,

AATI5 L
RAT7Z5 5 W05 HBIZ. @EDATN)—LER—08—/)—F « MY =2 FTTHR— XN 51
HE (/ — FOBIMHIBR. /7 — FEOHEROEERY) EEATVET,




AU —=LDOET

UTFORE, R bY—AHOFTRTORTAHE — F2EFT 2RO Y TABKL TDAPY =2 - 2
707 CF.

modeler.script.stream().runAll(None)

MTofls, A MY —LHNDFTRTOFEITARE, — REFEITLF T,

stream = modeler.script.stream()
stream.runAll(None)

ZOHTIE. AP — LB T stream IR L TWVWE T, \BHE. AZUPMIA M) —LFHIERA MY
—AND ) — RREETRDIHHINE D, A M) —AZEBICHNT 3 e EFTF, XA MY —A
PRRNT AL EER T A2 2210k oT, AZ7 U A ML DBICR D 9,

A9VF k- aTFXFb

modeler.script €V a—E, A7V PR FEFTINZ a0 TXF AP 2RMELEST, ZOET2—L
&, EITHHIZ SPSS Modeler 27V 7 MCHBINIZA Y R—FXNFT, ZOET2—F, RAZ VTR
ZOFRITERBICT 78 AT 520D LT 2 4 DO EER L TVWET,

« session() BEIE. 227V Dty a v BRIRLET, By avid, A M) —LABRETT LD
XA TWBa s —L=, SPSSModeler Ny 7Y K (g—H)L Fat X, FhiZxy F7—2 SPSS
Modeler Server) 22 EDIEREZ EZ L T T,

e stream() BAEUI. APV —L L RA—R—)/—F - 27V CHEHTEZS, OB, EIfTHD R
P —2L « AZVTFFERFRA——)—F - ZZYTFFEFRAELTVWARA M) —LAZIRLE T,

« diagram() BIEIX. RA——/—F - X7V S CHATEZ T, TOBEZE. A——/—FADX
A7 L%BLET, ZFOMDRZ Y FrDEA TOBE. OB stream() B R LA R
RBLUET,

« supernode () BIBUE. R—r8—/ —=F - X7 VS CHHTE XS, ZoBEMI. EfThoxrV 7
FEFIBELTWS ZA——/ — RERLET,

IhS AODBBE 12 ROKICEW L X5,
£ 9.modeler.script BB OEN

A2 YTk 247 |session() stream() diagram() supexrnode ()
2 V0 Ny = tyrarERL (A2 V 7 MiEEKE |stream() EFRL |[%&L
E3cE DOIREDEHINR

A MY =2 BZ
. Ny F - E—FK
-stream A 7Y =
JICEkoTHEEXRN
7oA MU —=21) D,
None 2R L ¥£73,

A MY =24 tyraryERL | APV —2%1BL |stream() &R [7L
E3c) E3c)
A—28—/—F tyrarzRL [APYV—LZEREL |A—2—)—F X | A==/ —F%
E3a E3a PU—2%RLE [BRLET
\j‘

modeler.script €V a—iF, BT a—FRTRZ VP 2R TT2HESLERLET, exit(exit-
code) BAEUZ. X2V T MOFETREILL, HHEINLBHEOK Ta-FERLET,

28 IBM SPSS Modeler 18.2.2 Python 227V X h A —F+ X—>a ¥ « HA F



A MY —LHIZERINTVAE XYYy RO 12 runAll(List) B D FF, ZTDXY v ik, IXRT
DEITARE — F2ETLE T, /—FZ2ETT232 e TAEREINIETFTLERTIHNE fEEENZY
2 MZBmEnE 3,

BE., AM)—L2FETTIE, ETARY I 7RYOHIMEREINET, 2o hExy TFv—7F
572012, A7V 7M. VA ML E 2 B8Rt cE 3, FIZE. ULToeEshH T,

stream = modeler.script.stream()
results = []
stream.runAll(results)

EITDBRET T2, FTIC Lo TERINEA TV 27 M2 results VA M 677 A TEE T,

Bz ./ — FoEig
ZL DA, AN =21, A MY —LDFETHNICEE T E2RENDH LN DOhDRT X —R—%HHL
THEMMBREINATVWET, TNODRIRX—R—2EET 3120F. UTOEEZITVET,
1. E#ET 22 M) —2HND /) — KERDIT 3,
2. /—FERERA MY —L (BEZWEMA) OREEEEFET 5,

J—FD&EE

AP —LTIE, SFEXERAFETHFDO/ —FERDOTFZeNTEZT, TNHDXY Yy RERDE

WKEHLET,

FKI0.BEFZD/ —REBDIFBOHDAXY YR

XV K R ED™ el

s.findAll(type, label) it 7 7 ELT =28y S\ L%ERD
FTRTDO/— ROV R RIRELF
T, T—REEITLDN
FThHa None DEFIEZ. S5 —
DRI RAXA—R—DMFERHEINF
R

s.findAll(filter, HEitEr 7 7 HBELE74LE—TZIFTAND

recursive) NBTRTD/—FOEEEERL
%3, recursive 77 7 True
DEGEE. FBELZA MY — 4K
DA—— ) — F b BINZ
R

s.findByID(id) J—F ELEZIDD ) — FERTHZ

DX 5% — FDBEELRWVGE
¥ None IR L £3, MZRIIXIRIT
A MV —LIZREEINET,

s.findByType(type, label) [ /—F TBELTF—&AE 3oL
o/ — R, HB3WNIZFOM ;%
Bo/—FZ2RLEST, T—X

B E 7213 ARTOWT 08 None
DFEF. I —HDRFTA—&
—DMERHINEST, —HT B/ —
RO D 2 5E81%, EED /) —
K2R xhEd, I3/ —FK
W WgE, R DX None T,
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RI10.BEZD/—RERDITBHEHDXY v E (FHix)

AVvw F B % G
s.findDownstream(fromNode | &£3iEr S5 7 IBELE/ —FDUR MO BR
s) L. €L/ —FOTHICH 3

—HED /) —FERLET, BRI
N3V A ME, RINHEE LT
J—RbEENET,

s.findUpstream(fromNodes) (it 7 7 FBELE/ —FDVU R 26K
L. 8ELE/— RO ERICH 3
—HD /) —RFERLET, KX
N3 R M, BONHEE LT
J—FdHEENFET,

s.findProcessorForID(Stri| /— K WBELEZIDD ) — FZIRIHH, ZF
ng id, boolean recursive) DEI7%/ — FHRFIELRVGE
1 None Z3B L %3, recursive
777 true DHEEF, TOX
A7 77 LNOEE 7 — Kb Rk
WWHRRINET,

BIZIE. RAZV TR T 7 RATADRBEDOHBIE—D T4 IR — « J—FERA MY —LARREENT VB
B FDTANER— « J—FliE, UTORZ VP 2FEHLTRDITAZ N TEE T,

stream = modeler.script.stream()
node = stream.findByType("filter", None)

HEWVNE, J—FDID(/—F - &ZA4707 - Ry 72D TER] ZTITRENT WD) B37h 555813,
ZOIDEMHLT/ — FE2MRBTEZT, 21X LTk 1CLET,

stream = modeler.script.stream()
node = stream.findByID("id32FJT71G2") # the filter node ID

JONT1—%2HRETS
J— R, RAFY—n, EFL, BEOHADFTANTIZE, 727 RARET, 3L A Y OBEIC R ERER

TaRT4—DBHYFET, @H. TuTs—F. AT VOMEBXIUAMBIEEE T 27D
ENFT, AT 27 bDTaRT 4 DTV EABLIOREHEHTEZIAY y FERORICEH L F

Jo

RI1L ATz FOTANTA — DTV ELRBLUREDTHD XY v R

P AN BRY % ]

p.getPropertyValue(proper |4+ 7Y =7 b BB LT a7 4 —DERERT

tyName) P ZEDX ST BT 4 —HTF
FELRVWEEIE None iR L F
ER

p.setPropertyValue(proper | % L BELETa 854 —DERRE

tyName, value) LE7,

p.setPropertyValues(prope [ L BELEIa 8T 4 —DERRTE

rties) LES, 77— -3y 70D
BHEEZ, TuRT4 —HERT
F—t, ZOoSa 71 —IZEID
HTEREDD LETHIREI T
WX,

30 IBM SPSS Modeler 18.2.2 Python 227V ¥ A —+ X—>a ¥ « HA F



K11 ATz bOTONTA—DTIELRAELVEREDT=DHDXY v R (Fix)
XVw R B % G
FI7T = b BELEZTa 74 —DEBXIV
.getKeyedP tyVal / :
s BB AT 5T W2 F— %3RS
., FOXdRTaT 4 —F 7
¥ —DTEE L2 WGELE None

ZIRLUET,
p.setKeyedPropertyValue ( L faE LZ;:Lj)D)Qi—/( —BLUF-
propertyName, keyName, DEZHRELET,

value)

BIZIE, APV —LDEBEICHEIAEET 7> 4L« J— FOEEPFRETIHEIZ. UTORZ Y 7 %2
HTE%E3,

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)
node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUG1n")

HBEWNE, TANR— « J—FB 74—V EIAARY)ITTEET, ZOHEIE. 74—V KA
SLTHEDANLET, HlZX, UMTo X5 L ET,

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

/= FDERER M) —LOEE

LW —REHEDOA ) —AIZEMT 3588 ETEEFEDORX MY —AI12 /7 — REBIT 5121,
HELTDOERZITVE T,

1. /— FEERT 3,

2. ) —FZHEDRA M) —A 7012V 7T 3,
J — FD1ERL
APV —LTIE, SFXERFET/ —FR2ERTEZT, TNHDXY Yy RERORICEH L T,
F12. /—RZERTBTHDAY YR

VAN BRY DR wtHH

s.create(nodeType, name) [/—F BELRET—XBD ) — K EER
LT, $8E LR MY — 2128
LEY,

s.createAt (nodeType, J—FK BELET—&8D ) — F2ERN

name, X, y) LT, $EELZA MY —LDIEE

L7=5GANCBML 3, x<0 %
7213y < 0 DGE. GFIERE X

NFEEA
s.createModelApplier(mode | / — F Bt A7 22
10utput, name) FBIRELZETIL - 754

Y— - J—FEERLET,
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BIZE APV —2WIZH LT — &8 — R2/ERT 21213, UTOR 2 Y 7 2EHATE X7,

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")

J=RKDY>orh) UE%
A MU= LW — FRERT 3568, 20/ —FE2FEHTZICE// — RO —Fr v RAICER T2
PERHDET, AP —AKZIE. /—FEVYIBIOV VY IBETADDEL DAYy RBHH F
T, INHDAYy FERDRICEHLET,

FI13. /—FREUVIBLIVI VIERTDHDXAY YR

XYy K B % G|

s.link(source, target) 2L AN )—Fe&—% vk /)—F
DEH L WY > 7 2B L %
ER

s.link(source, targets) %L AN/ —REetEEINTZVR A
DEX—7y PORITH LWY ~
7 ZEL £,

s.linkBetween(inserted, |7L o250/ —F - 4 Y RAZVR

source, target) AN/ —Fe&x—Fy k- )—

R) ofEic/ — FEEGE L AL
72/ —FOMNBENRZNSD ) —F
DN 2 XHICHKELET, A
H)—Fe&Z—Fv bk J)—FD
MDERHEY > 7 BRINCHIBR X L
x93,

s.linkPath(path) L J—F A VREVADBDOH L
WRZAERERR LS, ROID ./
— K 2FLHD ) —FIZ) 7 X
N, 2FBHD ) —FH3FHFD /) —
Rz vz, LITRHERICY &~

J7EINET,
s.unlink(source, target) |7 L AN/ —=FRe&H—=Fv b /=K

ORIDEREY > 7 2HIRL T,
s.unlink(source, targets) |7 L AN/ —FefEEEIN X =7y

F VX MNHADHEF TV 227 + D
BOERY > 27 ZHIBRL £,

s.unlinkPath(path) L J— K+ 4 VYRR ADBITFAE
T B2 FTRTHIFRL £3,
s.disconnect (node) L fEEXN-/—FE, EELEA

FY—2NDOMBDOITRTD ) — F
DDV > 7 ZHIFRL 5,
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RI13. /—REBYVIELIV) VIR TRIHDAY YR (Fix)

AV R B % G
s.isValidLink(souzrce, boolean BELIANT/—ReR—=Fy
target) b —FORICY 7 B2ERT

X 25813 True 23R L ¥ 5,
DXV vy RiE, HBELEZRNY
— AW AEDATI 7 bHEL
TWwbzZe, ANM/—Kk»n3y)>o
PigftcE, X—Fv b+ /—FK
WY ORI bEe, 2D
RV VI EERLTHRA Y
— LNICTERDIFEAE L RWZ %
MELET,

DRCRITH I - A7) 7P ME UTOED2DXR 7 2FITLET,
LAERETZ 7 ANVAN I —F, 740K — « )—FK, BXUOT—IVHh /7 — FEERT %,
2. /— FEL2HET 5,

BLAER I 7 ANAN ) — RIZT7 7 ANVEEHRET %,

4. FERH DS TDrug) 74—V KET74NMRY) 7T 5,

5.7 =7« J—REFITT 5,

stream = modeler.script.stream()

filenode = stream.createAt("variablefile", "My File Input ", 96, 64)
filternode = stream.createAt("filter", "Filter", 192, 64)

tablenode = stream.createAt("table", "Table", 288, 64)
stream.link(filenode, filternode)

stream.link(filternode, tablenode)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
filternode.setKeyedPropertyValue("include", "Drug", False)

results = []

tablenode.run(results)

J - f:CZ)‘f'Z/7T€" r'\ igijgg\ 35<¥:Zfﬁﬂlm%

7 — FOESRERRE T TR, ZLOBEICA M) =240 7 — FOBIESHIBRDINRETT, /—FDA
VR— b, B, BIXUOHIRRICHEHTEAXY Yy F2EROEBICEHLET,

§14 /—l\\\%/r\//—r\)— I\\ E?ﬁg\ EBJ:U‘EIUBI%T%TC&)@X\/ ‘yl\\\

P AN B iRy Wt

s.replace(originalNode, 7L TEELZZA MY —LDEELE/

replacementNode, —F2@E#LES, TD/—F

discardOriginal) LB — FOWMAN, FEELK
Z MY =L T EATW
LZREDRDHD FT,
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K14. /) —FREAVR—F, B, BEVHIRTZHDXAY YR (B )

XYy R BRY D% GrLl]
s.insert(source, nodes, —& BEXNFZVZAFHAD ) — Koo
newIDs) V—ZilALET, fEEShk

VX FADTRTD/ — K3, $5
FELEARM)—LIZEETATVWS
CHEXNFE T, newIDs 757
Z. /— FZ2H LWID 245
T30 F-FEFEDID Zay
—LTHAT202ERLET,
AP —LHDTRTD/— KD
IDIEETHZ L EEINTY

B2, IELEZA P =LY
— 2+ A MY —LHBEILCTH S
By D77 7% True ITRET
LREDRHDET, ZDXVv

RiEFHLLEAINZ/ — KDY
ZFEIBLETH, /— FOIEF
WBERXINTVELA (DED.JE
FEANVZA D/ — RDJEFE
PHFLBRLETHB EIERD T8
Ao

s.delete(node) L FEELEA M) — L biEELT
J—REHIFRLES, /— Fid,
BELEZA MY — AKX > THiE
INTVWABRRENRHD FT,

s.deleteAll (nodes) 2L FBELEAN) — L8 E LT
FTARTD/ — FEHIFRLEI,
BENDTRTD ) — R, $65E
LA MY —AIELTWVWARE
BHHET,

s.clear() %L FBELLZA MY =06 FTXRTO
J—RFZHIFRL £7,

AM)=LAD/—FDFZ/N—X
— R EF LT, FED ) — FOEREFITIRICHS / — FEBALZWEER”DDET, AN
—LIZE. TReD /) —FEBNTZ2-DIHEHTEZZLDXY Yy RRHHET, TOALDXYy K%
ROFIWCEHL T,

KI5 ERENLCIITRO/ — P2 T27cDDXY v R

XYy R B % Wt

s.iteratox() 4T —K— BELREA M) —LZEERLTY
5/)—K A 7027 DA T
—X—%IRLUET, next() B
DN LDOENICA b Y — ADE
HXNDLE, A TL—X—0DF)
TEIIRER T,

s.predecessorAt(node, J—FK fBE LT/ — ROIRE I N 1E#
index) DFAT ) —FZIRTH, ATy

I AMEREBZ TV BEEZ
None ZiRL ¥ 3,

34 IBM SPSS Modeler 18.2.2 Python 227V & A —+ X—>a ¥ « H4 F



IAH

K15 EREFLIITRO/ —RZHBNTEDDXY v K #Hix)
XY R B flioH el
s.predecessorCount(node) |int feEaNiz/ — FOEEDET/
— NOEZERLET,
s.predecessors(node) —& feEaniz/ — FOEEDLIT/
— P%i&bij‘o
s.successorAt(node, J—F fBELZ/ — FOIEE L EED
index) i) — RERTD, A ¥ F v
AR EZEZ TWB5EZ
None ZiR L %3,
s.successorCount(node) int feE a7/ — FOEZD®KE/
— F@%&%ﬁbij—o
s.successors (node) —% fHEINT/ — ROEHZOHR/
—FZRLET,

DHE F T ISHIBR

PERDZZ V) F T, LFOBID & 5%, clear a~ ¥ FOXFXERMHEHENI R— FERTVET,
« clear outputsid., IXRTOHNEEZ =T ¥ Ly 2 LHIBRL X3,

« clear generated paletteld. EFL ) RL vy FRLITRTOETIL F7y PEHELET,

« clear streamit., XAV —2DOFHGEHIFRL 75,

Python 227V 7 h T, kOB Y b R—bINFET, A MV —L w32V r, HliIvr—
Y. BEISEFIL 2= ¥ 2HEETBI2E, removeAll() a~> FERFEHLET, U ERLE
KRR

« ANV =LA v =Yy RHET2HAE:

session = modeler.script.session()
session.getStreamManager.removeAll ()

c B3 =Yy ZEET 255

session = modeler.script.session()
session.getDocumentOutputManager () .removeAll ()

BTN A=V X BHET IHE:

session = modeler.script.session()
session.getModelOutputManager () .removeAll ()

FICET 3 EHRDAF

=R, F—K - AvHE—b - J—FBXUF—X - T/AE—b - J—F, EFUBE —F, 20
MOFED ) — FRY, IEXERATIY —CHBESNET, &/ — Ficid, /— FIclT 3 158x R
DI BEDHATESZZL DAYy EBHDET,

J—FDID. 4. BEUITRVZHIGT 272DITHHTES XY vy F2ROKRICEN L X3,
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F16. /—R®DID. %&Fl. BLUIRNILEZEFETROHDXY W R

XVv F

R {EpH

]

n.getlLabel()

string

TBELR — FORRINILEIR
LET, IR TaNT 4 —
custom_name DIE ¥ 72 5 DX,
DT BRT 4 —PRELFHITIE
724, use_custom_name 1%
T4 —DPREINTORWEGED
ATT, ZhSoGZE. T~
¥ getName () DfEICH D 5,

n.setlLabel (1label)

%L

TBELRE/ — FORRT NLEHR
FLET, LWV NPT
FITRIRWGE. ZOXXFINN T
%7 4 — custom_name I[ZE| b
EToHh, HBE LT NUDMESE
B L2774 —
use_custom_name T False A%
HbLTohEd, Zhlbos
BlE. ZBTFHH custom_name
WEIb B THN, TrT 4 —
use_custom_name | True ¥

HDETohET,

n.getName ()

string

HBEXN-/— FOLRIZRL %
R

n.getID()

string

BELE//—FOIDZRLET,
FLw/ — RBEREN 3720

W2 FLWID MER SN E T,

CDIDWF AN —2D—EE L
T/ —FPREEFEEIND L EIT, /
— RTABbEN, AV —L1%
BV 2 Z12 7 — F ID MR X
Nz 51k ET, =770, F
FL — R RA R Y — A2 A
INBGE, AN — R
HLwAT7Y 22 b RiEh,
HFLOWIDPEID B THENET,

J—RICHETA2Z2DMOEREZEETADICHEHTEAAY Yy FERORICEH L 7,

+F17. /—RICBBITBBERZEIETRHDAY YR

AV F

R Y k!

Wt

n.getTypeName ()

string

D/ —FDRZYVTFIEERL
T3, ZHUX. ZD/—FDHL
WA YRRV RAEAERT B 72D
fEHTZ 2%HTEFRI LT,

n.isInitial()

Boolean

DRI D J—F (R —L4
DREFEICH B /) — F) TH 56
i, True ZiRL 3,

n.isInline()

Boolean

AL IAL 7 —FK(AMY
—LDHFICHB /) —F)TH?
BEE, True ZIRL 9,
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+17. /—RICEAT3BEREEISTE12HODAY v R (i X)

AV R BRY D% GrLl]

n.isTerminal() Boolean NG S — R (RN Y =20
KEICHZ /—R) ThBHGEIR
True I BRL %3,

n.getXPosition() int Z MY —LHND /) — FD x (A
7y FEIRLET,
n.getYPosition() int Z MY =KD/ — KDy LEA
Ty P EIRELETD,
n.setXYPosition(x, y) L ZFY—AHND ) — FDOfiiE xR
ELET,
n.setPositionBetween (sour |7 L HBEXNZ/ — FOBIIHMET S
ce, target) IR MY =D/ — RO
ErRELET,
n.isCacheEnabled() Boolean Fy v alBMNREGEIX True
FIRL. Z9ThRWEAEIL False
PIRLUETD,
n.setCacheEnabled(val) L IDATT 2 bDFrvTak

BRhEEENCLET, Fv
Va0 DIEEICFy Y
SaNENCREE, Fryvia
X7ovrad3nEd,

n.isCacheFull() Boolean FrviaBtno VDR ET
True #iBL., Z 5 TRWESIX
False iR L ¥ 7,

n.flushCache() L D/ —FDFyvak T Ty
a2l ¥ET, FrvraHIT
RV ERWV XNV TRWES,

HEIDD XA,
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AT A7) 7 API

A7k API DEIE

22797k APLIZ X D, WEIAW SPSS Modeler BAEIC 7 72 RT3 2 e TEE Y, ZZECTHALTE
72XV y FidWwihd APLO—ETH D, BIITA VER—FE2ITOHRLITHAZY T AR
JXATHIENTEET, /72 L. APLZ SR 2T 20BN DH 2551F. LFODAT—F XY R T
FRIIC APL 24 Y R— F T 3R0ERD D T3,

import modeler.api

ZDimport A7 — kXY ME. ZLDAZ Y T~ APLI DFITHEICHED £5,

A7 V7 MAPIZ@E U THMRIEER 7 7R, XYy K, BXUORIX—=XDFTERLEHA Nid. TIBMSPSS
Modeler Python Scripting API Reference Guide] ¥ \\5 XEIZHENTVWE T,

P11 hREL - TV E2—%FERLE/— FDOIRE

29R—IVD T /) —FDOWMEKI Dtra>rTld. BREEL LT/ —FORATHEFHALTA MY — A

D) —FERBTIHERLELE, BEICXoTiX. XOINANLRMELINEICZDET, ZOXD7%

MR EET 2121%, NodeFilter 79 AB XL A MY —24® findAll() XV y FZFEHLEST, 2O

FOMRIZLIT D 2 B TITVWE T,

1. NodeFilter Z#EIE L. H AR L+ N—Ta D accept() XYy REEETIHLWY I AEMER
LE9,

2. Z2DHLWIZ I ZADA VAR YATA MY —AD £findAll() XYy FEFFOHLE T, LD,
accept() XYy RTEREINLEELTIRTD /) — F2RINET,

AP =D/ —FD5B, /J—RDFx v TalEGINIHE-o>TWE /) — REMET 3 HEZLITOHNC

RLET, BRENSZ//—RODVRMEMHLT, 256D/ —RKDFXFy v a%77v>ad30ENE

TREIENTEET,

import modeler.api
class CacheFilter(modeler.api.NodeFilter):
"""A node filter for nodes with caching enabled"""
def accept(this, node):
return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findAll(CacheFiltex(), False)

fl2: A= —DIERICEDZT. T LI M) —F-R3 771 VD EHZEI—H—
DEIGTEDLSICT S
I —H —IZ PSAPI Z NFIX B WX 51T 572512, PSAPI BAROF-UHLZ/M LT

session.getServerFileSystem() W5 XYy RZEHL, 774V« ¥ RXT4 - A7V 27 M2 AE
MTEET,

MU ofliZ. IBM SPSS Modeler Server IZ##it 3 3 21— — DOMERICEONT, T4 L7 VY —F /37 7
ANDERE L —F =PI TE L X5 T2 HERZRLTVET,

import modeler.api

stream = modeler.script.stream()
sourceNode = stream.findByID('")

session = modeler.script.session()
fileSystem = session.getServerFileSystem()



parameter = stream.getParameterValue('VPATH')
serverDirectory = fileSystem.getServerFile(parameter)
files = fileSystem.getFiles(serverDirectory)
for £ in files:
if f.isDirectory():
print 'Directory:’
else:
print 'File:’
sourceNode.setPropertyValue('full_filename', f.getPath())
break
print f.getName(),f.getPath()
stream.execute()

AX2T=2: T—2ICHT 315k

2 MY —ANTERERD /) — R EWCERIATWA D, &/ — N TCHEHATBERY X /21374 —L R
WS AEREFEHTEEY, kb, #ilziX Modeler UL TlE., YV — b E-I3EFTORMEL 1223 7 4
— NV REERTEET, ZOBEREIT—X - T LEHINE T,

AZVT I J—REHADTE74 =V REFARDZZEICEST, 7—&X - ETNRLXTI7ELRT S
YHAE[RETYT, —HD/ —F T ANWTFT—& - =TV hT7T—% - EFADELCTY, HlZIE V—
Fe/7—FiE, La—FEIREZDZZIT. 7—X - ETAEREEHTZZ I ERA, —FHD/ —
F (74— FER —FRE) TR, FILVwW74— L FE2BMTEES, o/ —F (740K — ) —
R iE. 74—V FOEFIEZEELED, 74— L FZHIRLZD T2 TEE T,
LIFofTid, 227V 7 MMIfEHED IBM SPSS Modeler druglearn.str 2 bV — A2 AL, WIhh oD
AT 4=V EDRRELZIREDETADN 7 4 — L R ICHEREINET, ZUE. UTo ks 2fbh
£9,

1.7—28 ) — R oW hT7—% - FTNVICT 7R RT 5,

2.HNTF—& - ETNADE T4 =V EEAL—-TFT B,

3.BAN T4 =N DT NE— « J—FEEHET B,

4. ERPDETNVOLHEEET %,

5. ETNWAER ) — REFETT 5,

i :druglean.str A MY —2 DR V7 M 2FETTLH1IC, A7V T SiB% Python TRET S Z &
PENBVTLEE W (ZDZ MY — AL IBMSPSS Modeler DIHANA—Y a Y TERRENT WA 725, A b
U—2DAZ YT FEREBEILVI S —ICEHEEINE T),

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filter", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue ("use_model_name", True)

lastRemoved = None
fields = typenode.getOutputDataModel ()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
continue

# Re-enable the field that was most recently removed
if lastRemoved != None:
filternode.setKeyedPropertyValue("include", lastRemoved, True)

# Remove the field
lastRemoved = field.getColumnName ()
filternode.setKeyedPropertyValue("include", lastRemoved, False)

# Set the name of the new model then run the build

c50node.setPropertyValue("model_name", "Exclude " + lastRemoved)
c50node.run([])

40 IBM SPSS Modeler 18.2.2 Python 27V A —+ X—a ¥ « HA F



DataModel A 7> = 7 T,
DEZLDAY Y BHH FET,

F—&X « ETNHND T 4 —L FERFZIVNCETBIERICT 7R T 2720
INBEDAY Yy RERDRIZEHL X T,

+F18. 74— LR FHIFFICEATRIBHRICTIERTE1-0D DataModel 7T T b « XV w R

2

VAN

B D™

GrLl]

d

.getColumnCount()

int

F—& - ETNLHNDH DO EIRL
£9,

.columnIterator()

45— R

A% 72 4 )VIE] OFFANERF
TRIATL—X—%KRLET,
ATL—=R=13FDA VARV R
ZRLET,

.namelterator()

45L—K—

BHD&RTE 77 AVIE) OFF
ANEFTRIATL—X—%RL
b

.contains(name)

Boolean

FEE LARIDFDZ D
DataModel WICTEET 25 E 1T
True iR L. FELZRWVWEEX
False #IRL ¥3,

.getColumn(name)

1l

RS NAHTDINZR L £9,

.getColumnGroup (name)

ColumnGroup

FBE LA IN—T%RTHh, {5
E LT N— T DEE LR NG
Elx None 2R L %95,

d.getColumnGroupCount () int TDF—& « ETILHDFH| 7L —
TOR IR L £,

d.columnGroupIterator() |4 7L —%— BN N—T % EFIETA T L
“‘&"%i&bi?o

d.toArray() Columnl] F—& « BEFNZHOEH| ¥ LT

BRLET, T T4 0E ©
WANEFRICZZ D £3,

®74 L F (Column # 7Y =2 1) ik FICHT 2 8IS 7 7 L RT3 7:00% DAY v FXEER

TVWEF, UToRIZ, 26DV y FERLET,

KI9.FNCETRIERICTIERTRHD Column 7T o b « XY w R

AV R RY OB i

c.getColumnName () string FlOXRTZR L £5,

c.getColumnlLabel () string BlD S5 ~LEIRT . FIES L
HBEMT ST 0 WA 132
XA EIRLE T,

c.getMeasureType() MeasureType FIDORER A T2IBRLUET,

c.getStorageType() StorageType FIDA L= « XA THIBLE
ER

c.isMeasureDiscrete() Boolean FIDSHERRL DI AL True ZIRL
¥9, by MERE 77RO
FE, BER e R E T,

c.isModelOutputColumn() Boolean HH3E TV IF DEGEE True
ZIRL X T,
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K 19.FICEATRBRICT VLR TZDD Column TV b+ XV vy R HiX)
P AN Y %! GrLl]

.isStorageDatetime() Boolean D2 L —URs. Bigl. A
FERA L AR TDEDYE
Ald True ZIKL %9,

O

c.isStorageNumeric() Boolean FNDRA b L — I DEEEF 721358
BEE True ZIRL %9,
c.isValidValue(value) Boolean Taﬁbtf MIDAMNL—ITH

M EE True ZIR L. B
5”@@75) 5 E valid &

BLET,
c.getModelingRole () ModelingRole FNDE FNAAERDIZE 2 K
j‘o
c.getSetValues() Object][] ﬁ'J@ﬁ?‘JJEﬂEODﬁEﬁU%iBT#\ fid

751%72@‘1 BERIANRE
l\ﬁ”“CZCL\ iNone%b’?Li

ER
c.getValuelabel (value) string FIDED 7~V ERT >, fHIZT
~ADBEM T S TWR WS
BRI EIR L E T,
c.getFalseFlag() EAE R/ o THalse EGHfEZ RS 2, fE

Vi) ﬁ)%iﬁb\i BERIAND T Z
TRITI WG iNone%’iLi
I,

c.getTrueFlag() FITO 2T o Ttrue) FEFEZ RS D, {H
DD HIRWIGEE 735087 5
THRITI WS None 23R L ¥
B

c.getlLowerBound () FT b FIOMED THRAEZ RS 2> ED T
#t‘omw%é?i =SVt S it
WA IE None IR L £5,

c.getUpperBound() PV I DED _ERREZ R 3 5 ﬁb)
75)67211\1% F 72135 p3 e
AQIRY = iNone%ELiTo

SB35 1E ?Iik??%zxé‘ébit/utv)x Vv FiZlZ. DataModel # 7Y = 7 MIZERI N TV A [EZ%
DAV FBHDET, 22213, RD2ODAF— A ME, AL LET,

dataModel.getColumn("someName") .getModelingRole ()
dataModel.getModelingRole ("someName")

ERSNIATOI I FADTIER

APV —LZFETTHIE, @E, BMOENAT7Y =27 V2 ERT20ERDHD ET, ThoDEMD
F7Y =7 ME. FRETL CREOFITTHAT 2 FHmeRMty o) Iy 2 enTEXT,

TEOITIE, A MY —20DFtASE Y LTdruglearn.str A MY — A Z2HEFHLTVWE T, 20T
. ARV —L2DFTRTDO/—FEFETL, MREZVRAMIBHLET, X, X7V 7 M TIEREReE
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WOWTIL—7L., FEITOMEr LTELNzETLH 1% IBM SPSS Modeler €7V (.gm) 7 7 A L &
LTHRFEL. EFL%E PMMLIZZ ZR— L E T,

import modeler.api
stream = modeler.script.stream()

# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream
models = []
stream.runAll (models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunnexr()
for model in models:
# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelOutput)):
continue

label = model.getlLabel()
algorithm = model.getModelDetail () .getAlgorithmName ()

# save each model...
modelFile = modelFolder + label + algorithm + ".gm"
taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML...

modelFile = modelFolder + label + algorithm + ".xml"
taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

RRAVFEIT7 7 AF, I AT AIEIERUHEEEITTLZ2DIEMTT, 207 7 XA TR EER X
Yy FOBEHELLTORIRLE T,

R 20. S FEATRNEBEERTITIODDEIRAIRTISADOXAY v R

XYy R R EpH Wil
t.createStream(name, 2 RY— A P2 MY —2 2B L OGRL %
autoConnect, autoManage) o IERFATA MY —2BERL

T2 —HF =25 AAHITT 2 E
2dHBHa— FTid, autoManage
75 7% False IZXET 2 0E

BHHET,
. L BEXNT-7 7 A NVEREHERHL
t. D tToFil N
GoounortoutoE Toranane. TR N —LOBE 7 7 4 MIC
fileFormat) IV AR—FLET,
t.exportModelToFile(model | 7 L fREXNT7 7 ANEREEHEHL
Output, filename, TETNVE T 7 A NVITT T AR—
fileFormat) FLET,
t.exportStreamToFile(stre |# L fBEINT27 7 A VB EHH L
am, filename, fileFormat) TRAMN)—LET 74T T R
7]‘3’_ ]\ Lij_o
t.insertNodeFromFile(file | /— F BEXINT=7 7 AP — K%
name, diagram) AR B, FBEINIEAT T

LIZHALTERELES, /— K -
FITV 2 P R—0%— ) —F
F 7Y =7 bDRTDEFHAIAAIZ

RS2 2N TEET,
t.openDocumentFromFile (fi | DocumentOutput TBEXNTT7 7 A5 FF a2 X
lename, autoManage) VM EHRAAATELETD,
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R20. S FEATRNIEBEERTTIODEIIEFTISRADAY v R (FHix)

XY R 2R (DL Wt
t.openModelFromFile (filen | ModelOutput HEINT27 7 ANDSETILE
ame, autoManage) FHAIRATIERL ET,
t.openStreamFromFile(file |z bV — 4 ESINZT7 7 ANADPHARNY —
name, autoManage) LEFHAAATIRL F5,
) %L BEINTT7 7 A VDN K ¥

t. D tToFil

Hoeamaneoumpat, FiToname) 2 XY N RRELET,
t.saveModelToFile (modelOu | 7% L feEEIN7 7 A LVDEGFRICET
tput, filename) WERIFELET,
t.saveStreamToFile(stream | 7% L BEINT7 7 4 LDEFFICA b
, filename) V=R FLET,

I 5—Qig

Python S3BIClE. try...except a—F - 7mrv 7ic&?3 =7 —UEHEboTVWET, A7V T+
TIhZzFHT e, flste vy L. MLLRITRERAZ V) BT LTLESHERIET 5 2
EDBTEET,

TRED R 27 1) 7 MMEITlE. IBM SPSS Collaboration and Deployment Services Repository 7 & & 7L % B
LE22 L TV0ET, ZORETIIBINIRET ZAEESH D ET B, VA M) —our( V&
FIERPIE L BREINTVARWEER, VRI M) —DRADRRs TV AREEREZONET), A2V
TN TZEDOERENFHAET 2 . ModelerException 2821 — X% 3§ (IBM SPSS Modeler 12 & - TA K
INBHFNE. TXT modeler.api.ModelerException 225 RAELTWVWET),

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

W A7V 7 MMECX o Td, B Java NS RET 25808 HD £5, Zhoofisid
ModelerException 22 HIRAEL TWEEA, ZNSHDHIINE F ¥ v FF 27202, BIID except 71 v
IEMFEHLTINTD Javaffit e F v v F 552D TEET, LLTKHIERLET,

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:

print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

AbV=L, £y>ar, ELUVX=N=/=F : NFAX=Z—

NRIRA—R—Z, EHAZ VT FOFTHEEEEWICI—T 4 7T 3DTIEHRL . EITRHICETIEEIC
ERTT, I RXA—R—2ZDHIZ. AP —LDGEELRICUAETERLEST, 2Fh, APV —LF
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72 E A== = FDNRFTA =& — - T—=TNLOHHL LT, FkiFa~vyF - 5L 0DRIFTX—-&=-¥
LTERLET, UTORITRT LS, Stream 7 7 2B X f SuperNode 7 7 Z1%, ParameterProvider
FT7P 27 ML TEREINGZ —HOBEBEFHELEL TVWET, vy a il getParameters() D
FEQHLBHEEENTEY, BMUHTE, ZAS0BEBERERERT I A 7927 PBIRENE T,

K 21. ParameterProvider 7 7 10 MIC K> TERIN TV EHK

XYVv R B iRy Wt
p.parameterIterator() AT —&— CDATI 2 FPDINTA—R—
HORETFZRELET,
ParameterDefinition fEE SN AHTE RO T X —&

p.getParameterDefinition(

parameterName) —DNRTX—R—EEERLZ

T AYTENRIRA—R—PZ

DFaNAL B—IFE LR WVIGE
I None IR L 3, fRIE. X
Vv RBFERH E N7 TOE
FEDAF v T avy b TH5BARE
HHH, ZORIZZD T aNA
R—%BELTHRIA—Z—IZHL
TITbNEER KN TWS

CEIRY LA,
p.getParameterlLabel (param | string BEXNTZ TR —R—D T~
eterName) ZRLET, ZHTHT7X—

R —DFE L2 W51 None %

BLET,
p.setParameterLabel (param |7z L EBEINZ G =R —DF~UL
eterName, label) ZRELE T,

ParameterStorage TEEXINTNRTA—Z—DRA ML
.getP terSt 7 sl o=
e —VEBLET, %UTB1T

X — R —DPEE LRV EZ
None ZiIR L %3,

ZL HESINTNTIXA =K —DA ML
.setP terSt o
Eaigmeigiﬂgmgf sgiiggé) - %ETXL% LEJ,
p.getParameterType(parame | ParameterType EXNEANTRA—R—DF—&
terName) BZRLET, ZHUT 27X
— X —=DMEE L2 WI5E X None
ZIRLUET,
p.setParameterType(parame |7z L IEXINTEARATXA—R—DF—&
terName, type) RZRELE T,
p.getParameterValue(param |+ 7Y = Z k JEEXNT T X — R —DE%RER
eterName) LET, &M T2189 X —%—
HIEE L7205 E I None 2R L
x93,
p.setParameterValue(param |7 L FEEINI T X=X —DEEH
eterName, value) ELET,

T ofIcid, 220 X Tlfg7r —&22HEit LT, PENAT —ZIARDEOVEHBREZRL £5, R,
ZOMEBMTAPY =L« RIRX—R—ZFELET, THIT, ZDRA MY =L - XF X=X —% 5
J— FTHEHLTZDHEEEZ 7 — X bR L7212, /D D7 — XIS T 2 BEHMNET L ZERL £9
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ZORITIE. A7) T NTEREME ) — FEREERT 2720, 1EULWEZSEME 2 — FoicERE
KTEZLWIHT. FEHARENCZ>TWET, LA, BHEA MY —AZHINSERIATWS 29,
CDHIETRNIRXA =R —%FRET 3 L EFTT,

279 7 EOBRIIDERTTIE, FENAD TR D IENEBZ BN T2 A MY —L4 - T X—Z—Z/ERL
T3, ¥l A7V NCRES T I VvFeETAERT T 712 — REER L, MEIZERL 3,

import modeler.api
stream = modeler.script.stream()

# Initialize a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

ZORZY FIEITEMTOR MY — 2B L £5,

() - —
telco.saw Angregate Tahle
-@>
. ) —» C?k.
Select Type churn
X5 207N BEEND RN —L4

220 7 MIOLITOESTlE. HiFt 79 v FORKIMTT—I0 « J—F2ETLET,

# First execute the table node
results = []
tablenode.run(xresults)
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A7V ZIPIOLTDED TR, 770 « /= FOFTIC Lo TERSN LT —T VN7 78 AL
T, AZ VT FTERIC, T—INDITRERICOVTRE L., FNALE D ROV EHEL £ 3,

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income 1000000.0

min_region None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

A7) 7 b OLLTDOEDTlE. FEHNRAD R DICNEIBZHFH LT, LENSIER L7z TLowestRegion] X
P =L RFIR—R—FRELET, A7V T FTRERIC, HECOEBEZE T — X154 LTET
Ve AR —%FEITLET,

# Check that a value was assigned

if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue ("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.xun([])

270 7 M EEELITIORL 3,

import modeler.api
stream = modeler.script.stream()

# Create a stream parameter
stream.setParameterStorage ("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

J## First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
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table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(zrow, 0)
row += 1

# Check that a value was assigned

if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue ("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.xun([])

JO—NI)LiE

ra—rUER, HEELL 74—V FOBREOENMEZIHET 2DIHHL XS, Zhso0ZiE
i, A MY —AHNOERDEGFINST7 7 ATEET, Fr— ULHEIE, A MY —2hoHETT 7 +E
ATELEWVWIRTAMY) =L - NTRXR=R—=HTVET, AFV =24+ RXTX—X—r DOHERIZ,
A7V TR avy R A UPHMRATEOTIERL, TR —VULDORIE/ — RBFEITIN S & BEf
JONEREHBNICERINEZ LT, AN =270 —ULHEHIZTZ 72T 512E,. AV —A
@ getGlobalValues() XY v FEMIHL F T,

Globalvalues A 7Y =7 bid, U TORITRITEBMEEREL TVE T,
& 22. GlobalValues # 7 T ML > TEEINTUVLWSEHK

AV R U ((D)] Wil

g.fieldNameIterator() LTV —&R— ra—rOufix 1 O ERo%K T
4=V RHDORIEFZIRLE T,

g.getValue(type, ERAZE S/ fEESINT T —2BBINT7 4 —

fieldName) L RED T e —UEZPIR L F

T, BRSO SRVIEER
None ZiIR L £3, IR NS HIX
—fBIcEIE T, FERDSEEET
WERIDBIDEZ RS X 5127 5]
HEMEDID D 3,

g.getValues(fieldName) <~y 7 fEINT27 4 =L R ZOBEHID
TV —2BlYy TRIRLE
T 74— RRBIFOT b
U =237 05513 None 23R L %
\j—o

GlobalValues.Type (&, HHARERENMETED X4 T2 ERL £ 3, UTOENMETEFEHAIEET
KR

« MAX: 7 4 —)L RO FAMH,
« MEAN: 7 4 —/L F D (A,
« MIN: 7 4 —/L R D 5/IMH,
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« STDDEV: 7 4 —/L F O {EHE(F =,
« SUM: 7 4 — L RO EDEET

Bz, UTFDRZ 1) 7 Mid lincome) 74—V ROFEECT /LA LET, ZD74—LFiE, 7/n
—NVOFRGE ) — Rk > TEESh T,
import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")

BHROZA M) —LDWIE: 2270 A9V Tk

BRDZ M) — A2 T 21213, AR R7ay A7) P 2HFHTA3MRERHDET, RZVF7 0
¥ A7V 7 MiE. IBMSPSS Modeler UL N THRE L TEfTT 20, Ny F + E—FTasryF -4
NRIRX—R—Y L TETZILHRTEET,

UTFTDOREZRE70y 27 Y7 ME22O0DA M) — L REET, —HDRAMY —2FETARERL.
2HFHDRA MY =2 TFHEDO %2 7y bLET,

# Change to the appropriate location for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/18.2.2/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunnexr()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to_K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[0].getName())
applyc50.setPositionBetween(derivenode, histogramnode)
plotstream.linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.run([])

# Finally, tidy up the streams
buildstream.close ()
plotstream.close()

EHWRROHNZ BANTWABRA P Y —A (A MY =241 AT THOTWVWETRTDOR MY —L4) & KB
FTAIHEZRLTVWET, ZhE. AZF78Y A7)V PR TOAYFR—FINBZZLREELTLE
W,

for stream in modeler.script.streams():
print stream.getName()
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HEERAZYFT DLV

Ok aryTiE. RAZV POy P FVHICOWTHERZFHALE S, 24X, AU —20
FEIT2BIELED, 220 T TSN SRV —F2FHA LD, %72, IBM SPSS Collaboration
and Deployment Services Repository TA 7Y =7 MZ7 72 A LD T3 EENEENT T,

AMN)—=LETOEE
AP —LBETTBE, BR—3IF)L « J—FERTF 74 bDORMICHEELENZEZFCTETEINE T,
HRHWZIEC T, FIDIEFTRITEIEZ 2D TEET, A M) —L20FETIEFEZEETZIE, (A Y —
LADTART4— ] BA7aT « Ry 72D [FEf7) 27T, UTOFIEEFEITLET,
1. 22027 ) S EHAELE T,

2.V —NN—=D [F72xNV b RAZVF 2B REXEI7Vy 7L T, 774V EDAN) —4 + &
ZVFNEBMLET,

3.7 74N PDARNY—L « A7V T FOXDEFZ., EBRICETTLIERICEELE T,

J—=RDIL—=7
for L —72/FHLT. APV —LHNDITRTD/ —FZ2L—FTEET, HIZIX. LUTFTDORZ Y 7 M|
WBIRTD//—RZ2L—FL, 74LE— ) —FRIZBIFB374 LV FE&ERLFIEELET,

RBRIZ T4 NE - INZ 74—V ERRLSTH, TODAZV T NI T4NR— - J—FEFEOED X
ISBAPMY—LBVWTHHHTEET, 74—V FEAZREMNICAFICEET3I12E. IRTD 7 4
— VR BET T4 NE— « J—FEEFRIGENT 27513 T9,

# Alternative 1: using the data model nameIterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# namelterator() returns the field names
for field in node.getInputDataModel().nameIterator():
newname = field.uppexr()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iterator():
newname = field.getColumnName() .uppex()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

CDAZ )T MIBEDA M) —2HADITRTD/ —RKEL=TL, &/ — KB T4NR—=THH0E >
PEFrzv I L LET, /J—FBI74NVR—TH25E6. FD/—RFRDET4—1LRKEL—-TL,
field.upper() B Z 7-1% field.getColumnName () .upper () B E#H L T, #AHiZ KX FICE
HLET,

IBM SPSS Collaboration and Deployment Services Repository ADF TS
I bADT7ER

IBM SPSS Collaboration and Deployment Services Repository D 7 4 2 Y A% FE L TWA5EEIE. X2V
T avy REHEHLT 479227 2 VRY PVIRKHLEZD, YRS MUDPSEBE LD TEET,




URSM)VEFHALT, Z0E—F54 X 7V r—ay, V=), BV Va—>aroarysrx
AFT, 7= A=V ETABIOCEETZ2FHUA TS 272 b4 794 0% EHLET,

IBM SPSS Collaboration and Deployment Services Repository N\ D3

VRIS FVIZCT 7R RAT3I2iE, £9. SPSSModeler 2—H— 4 VR —T 2 —AD V—)L | X =a2—%F
Fida<wr R 406, VR PVIH L TENREREZRETI2DENRDD T, FHLIE, 69X
—> @ [ IBM SPSS Collaboration and Deployment Services Repository ¥ D55y SR L TL X\,

DR MIADTIEADRERLT
VRIS MVZIEEy a2 778X TE2ET, HlIZR UTOLS1CLET,

repo = modeler.script.session().getRepository()

VRS PIDSDATS T FORIF

A7V TRAT, AMY—24, EFL, B, BXUO/—F Ry, XFEXERATIOT M7 7€ RT
5I12i%. retrievex BREZMHL 3, BUSEHBOENEZLITORITIRLET,

x23. B8R ) 7 BB

F7T2 b 24T (VRS MY

ARV —LA repo.retrieveStream(String path, String version, String label, Boolean
autoManage)

ETIL repo.retrieveModel(String path, String version, String label, Boolean
autoManage)

o repo.retrieveDocument(String path, String version, String label, Boolean
autoManage)

J—F repo.retrieveProcessor(String path, String version, String label,
ProcessorDiagram diagram)

BlZix, UTOBEEFRHLTY RS FUDRSRA M) -2 USTEE T,

stream = repo.retrieveStream("/projects/retention/risk_score.str", None, "production", True)

ZOBNZ. FBEL 7 A MK —9 5 risk_score.str A MY —AZEISLET, FLD production
BEDN=Ya YDA M) —LZ2HUST 20285 L. miL2D 5 X — & —1F SPSS Modeler 232D A k1
—LBEHT20REELET BIZI1E, Z0FEE, SPSSModeler 2—%#— 4 Y& —T7 2 — AN FRIN
TWARHAEI, TAM) =L RTRZZDA M) —LDRREINET), RbDIZ, FFED. 7 UfFFD
BRoN—Ya YEMEHT I UTOXS51CLET,

stream = repo.retrieveStream("/projects/retention/risk_score.str", "0:2015-10-12 14:15:41.281",
None, Tzrue)

HENRN—TareIRVLDEHD/NT XA —&—5 None DIFE. BHAN—Ta VBRI NE T,

DRI MIADFTTS U DR

27V TP ERHLTYRI PVIRATY =27 b 28T 21213, storex B2 L £9. MBI D
FERIELLTORITRL £7,

R 24. M) 7 SR
AT b ZAT [ VKR M VBER

AFY—LA repo.storeStream(ProcessorStream stream, String path, String label)
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xR 24. BN T ) 7 B (K Z)

FTS2 b 24T | VRS FVEE

ETIL repo.storeModel(ModelOutput modelOutput, String path, String label)

i repo.storeDocument(DocumentOutput documentOutput, String path, String
label)

J—F repo.storeProcessor(Processor node, String path, String label)

Bl Z1E, LT LT risk_score.str A b U — ADFRA—Y a VBB TE F9,

versionIld = repo.storeStream(stream, "/projects/retention/risk_score.str", "test")

ZOfNE. FAN—Ya DR M) =L BIAL T, 240U "test" T LR BEMT T IR
NN —aronNn—Yay v—h—%"RLET,

W 7 NVEFHIAN—Y 2 e BEM T 2 RWIGEIE. 701 None BZIEL TL 2 X0,

DRI R 73 INFDER

URSMIANTIANALE—ZHEHTZZIET, A7V 27 b e —7 BN CBMTE, £ 7922 b
DEEZB LA T D FET, UTOHD X512, createFolder () B Z R L To # VX —% 1ERK
LT X0,

newpath = repo.createFolder("/projects", "cross-sell")

ZOFNX, T/projects) 7#1&—IZ Tcross-sell] LWOH 7+ L EZ—ZER LT3, Z O
. FR 7 A LX—DEERZAERLET,

TANE—DEHIEETET 21213, LUTD X 512 renameFolder () BIEUEHH L TL 72X W,

repo.renameFolder("/projects/cross-sell", "cross-sell-Q1")

BAID NI A =X —3HFEESIND T+ VX —DEESNATHD 2HBHD NN IRX =R —IZZDT VK
=D B2 H LWARTTT,

2D T+ AR —ZHIERT 25121, LUTD & 512 deleteFolder () BIREEH L TL 7Z& W,

repo.deleteFolder("/projects/cross-sell")

F7Txv b0y oLV Y IER

A7V IS, 727 bE2uy I LT, PO —YF—DHEONN—a Y EEHFLEZDH LA
—ParEERLBEVEIICTAZIENTEET, uv 73Nt ouy 25 BET32 %
TEE7,

A7V v eny 2By VERT5S VR y JRAERDEBD T,

repo.lockFile (REPOSITORY_PATH)
repo.lockFile (URI)

repo.unlockFile (REPOSITORY_PATH)
repo.unlockFile (URI)

F 7Y 27 b OREB X CEUEFEIRE. REPOSITORY_PATHIC X > T, VRS MY —HNOF TV =2 D
FRDNIRD HNE T, RRAZ5|HFTHA, RUIDXFE L TRy YaZ2HHT20ENHDET, KX
Fr/ICFIEEAN LA,

repo.lockFile("/myfolder/Streaml.str")
repo.unlockFile("/myfolder/Streaml.str")
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T2, ATV VOEERD 5121, VAR bY— - XA TiX7% < URI (Uniform Resource Identifier)
ZEFTE 9, URIIXIZHESY spsscr: 28 A, TRHIARTHENTWARLERDH D 5, (AKX
DXYFELTRBRATy S al TS e TE, AR—RIHBENTIHELDD £, D% D, K2R
WTIEAR=Z2DRD DI %20 ZEEHAL £3, URI TlE. KXFE/NMLFREEINLEEA, WL O0fl%
2T L RD\ED T,

repo.lockFile("spsscr:///myfolder/Streaml.str")
repo.unlockFile("spsscr:///myfolder/Streaml.stxr")

FIT 27 bR Y ZIEITRTON—Ta3 DA77 M HEHINET, fNN—YarruvrEk
oy 7RSI 2IETEERA,

ES1LINZ D — FDERK

BEICE->TIE. A2V T MIRAY—FEERTZ2DEDNDH 2000 LNFHA, HlZIE. AT — KT
REXNT—&X - V=R T7 7R ALEWGER YT, BE (AT — FiX, ROGATCHET 2 2
EMTEET,

« T=EAR—ZAAN/ = FBLUHN/—FD/—F « a7 4 —,

e =Nzl I ZHDav sk - 4 U518

« TIVAR=bF 7 —FRD Ry ZTDOERT 25X =K =+ T 74 )V.par 7 7 A VITIREZ D
T = RN= A T 0RT 4 —,

d—P— s L R =T =D 5 . Blowfish 7TV ZLIZEH WGBSR — RE2ERTE M
T3 GEHHICOWTIE, http://www.schneier.com/blowfish.html #ZHE L TL Z X W), SRV —F%
BEbL7zo, Z2ORT—F%2a—LTRZ YT - 7749 avr R 74 V5| BUCHEET % Z
LMW TEEF, databasenode B X Uf databaseexportnode I T2/ —F - mX7 4 —
epassword IR B L2 T — 2L $ 7,

1 BB RT— RE2AERT 2120, V=il X=a—05ROBEHEZBERL T,
IRAY—FDLya—FK..]

IRZT— R Ry 7 212827 — RRIEELET,

BB 22V v o293, SURLMIREEALINI SR T — FRERINET,

Jav—) RERUB 7V 7338, B LENZRNRT—FRZ7 )y PR—Ficar—3xhxd,
AT —REHMNDRZ ) T o7 X =2 =120 T E 3,

o b~ W N

AV T FOEBE

(ZZF70Y A7V BA700 « Ry ZADY —AN—ZH 5 RVEERX 270y 7Fh
., TRTDAZYV POV Ry VA MET DI ENTEET,

°

K6 Ab)—L«RTVTEDY—=)LN— 7>

A7V T FOREBRICI—RICZ I —DH-o7G0. T7— %2535 X v - #IET 2 EIEFED
FRENE T, TT—DHBZTERRTBITNE. XA707 - Ry JADTEICH B 74— KN 7 1ER
Vw7 LTREE N, T - R CHFARRINE T,
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ARV E < SAUHDBDRIVT

WEIFLZ—F— LA VR —T 2 —An5 TN X REEE. A7V TCEITTEZILNTEET,
IBM SPSS Modeler ZEF#H T2 ¥ =12k, a~vYF 934 Y FTREZ 7y « 2790 P 2fEE L TE
fTLTL XV, ITichlERLE T,

client -script scores.txt -execute

-script 7 ZIIEESINIRA Y S Eu—- RTS8 %, -execute 77 VEARZ YT M- T AL
FOITRTOaAR Y FEETTLIEEZRLTVET,

BY V- D E#%

LIRTD IBM SPSS Modeler ®V ) — XA TER XN R 2 ) 7 M GEEREDY UV —XATHLEEL L THIE
LET, 2L, BT - 75y bBRRA MY —LICHEWIZHAZIN (T 7 L FEE). A MY —LHD
ZOEOMGF 7y FeEEMIFREMETI2E60H D T, IOADLERIITHLNE0E D i,

"EFAZANY— LB A 7Y avBRY THOEFARENY F7>ay Y=y > TF TV a
V> Ta—HF—FFTay ) > LGl OREICE->TERRDFT, MZ2I1E, BEFEOFZy F2HIBRLT
HLWwFFy hE2HAL, 77y NOB#RZUHETZHY Y —ZA0n6DA 2 ) 7 s DEBEPLERIGED
HNET,

WEDY V)V —=ATERLZAZ V) ME, DEIOV ) —ZXATEIMELRZWZ eBHD 3,

HOWY Y =X TIER SN AZ V) S B3Dsa~vy REHFEHL, 20a~<vY FRY ) —RZ3nTHr LMo
a< Y FICEZMZONT (FE BT WAHEEE, HWENMKARL LTHR— bINE TN
FIFFCEEX v —Y b RRINE T, HlZiX, H generated ¥—vV— Kldmodel I, clear
generated (¥ clear generated palette CEZMZoNF T, HWEZMS X7V 7 MIKAL L
TEMEL I, BHEHRRSINET,

APV =LETERADTI7ER

%< @ IBMSPSS Modeler / — KT, €7, 797, BEUOT—INVERT 2ol A7 =7+
PEREINET, oDl hnZ L, ZhLEDOFEITOEHE T2/-D1ICA7 ) Ty WMERTEZH
HALEIEENTVET, TALDHEIZ. arFrY avysF HiIZaryFFeEng) 7L —{bX
NFEF, arFFIE. FarrFEHNT 22X 7FR3ID EHHAL 7722 TEET, TNHDEIC
7R ATEHEE, 20arTFERTAER ((ary7ry €71 ) &> TERZD 3,

BziE, 2L OFHIEFLVHAITIZ. PMML WS XML O—FZ2H LT, EFVCHET 21ER (&0 E|
TTF43Pay V)V—WEHTZ 74— L EP, —a—I1L 3y hI—2HND=2—a YOEHHIEL Z
DREREY) ZRFELET, PMMLEZHHT2ETAVHITIE, ZOERICT 7L RAT 27D HTES
XMLaY 7>y 7 VERELET, ITIHZRL 5,

stream = modeler.script.stream()
# Assume the stream contains a single C5.0 model builder node
# and that the datasource, predictors and targets have already been

# set up
modelbuilder = stream.findByType("c50", None)
results = []

modelbuilder.run(results)
modeloutput = results[O]

# Now that we have the C5.0 model output object, access the
i relevant content model
cm = modeloutput.getContentModel ("PMML")

# The PMML content model is a generic XML-based content model that
# uses XPath syntax. Use that to find the names of the data fields.

FHEERZUS DRV BB



# The call returns a list of strings match the XPath values
dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name")

IBM SPSS Modeler i, 227 V7 T TOay7>y £E7LEHR—-bMLET,

TN ATV ETFNATEHIE LTRBEIN A HMR T — IV BT —RIC7 7R TEE T,
« XML Y 7YY EFMXMLIERTIREZ N2> 7oV IIT7 78 ATEE T,

«JSON 257V EFN:ISON FERATIRESN/za v Ty VT 7 ATEET,

HEH YT BEFAVEED 74—V RICET AEOENIC T VA TEE T,
R7ZTeDHREa LT FFN:2 DD 7 4 — L FOEDHEIOERN F 7213 2 2OfEFID 7 4 —v
RORICH BEICT 72 ATEE T,

KD/ =R, ZN60ary7rY ETAREENTOVRVWI EICER LTI,

. IR

« Ao Hr

« SLRM

« TCM

« TXRTOD Python / — F

« IXRTOD Spark / —F

e TRTDF—ER—R EFNAERK /) — R

« JRIRFEREE T

« STP

F=7N aA>FoY EFIL
T—TN aryrFrv ®2TUE, BHiRITEAOT - XTI AT B0t ARREL £5,
REDFINDOEIX, TRTRAML—=IDRA THFELCTRIFUIRD A B2, XTI F 721358,

API
% 25. API
RV i AV R B
int getRowCount () DT —TNVHNDITORERL ¥
R
int getColumnCount () ZDT—TNVHNDOHNDOEEIRL F
RS
a2l getColumnName (int fHEINIENA Ty 7 LB
columnIndex) HBHNDHUETEIRLET, DA
VT RAZ 0SB ED 3,
StorageType getStorageType (int fBEEINTA VT v 7 ANEICDH
columnIndex) BHIDA ML =T A4 THEIRL
T3, DA VT 73005
REDE T,
Object getValueAt(int rowIndex, [$EESINTATA VT v 7 RABIN
int columnIndex) Ao F o 72 ZDOMBIZH BEE
BLUET, f728D4 Ty IR
OB mED T,
void reset() ZDayr vy E7IVICEERT
NN EHA L =B ITART
HELET,
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J/—=F&ELUHA
CORTIEK, TORATDaryTyY ETAEGOHNEERT2 / —FE VA MLE T,
r26./J—RELUVEAD

J—F4 i 277 1D
table table "table"
2207 rofl

stream = modeler.script.stream()
from modeler.api import StorageType

# Set up the variable file import node
varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")

# Next create the aggregate node and connect it to the variable file node
aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)
stream.link(varfilenode, aggregatenode)

# Configure the aggregate node

aggregatenode.setPropertyValue("keys", ["Drug"])
aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])

# Then create the table output node and connect it to the aggregate node
tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)

# Execute the table node and capture the resulting table output object
results = []

tablenode.run(results)

tableoutput = results[0]

i# Access the table output's content model
tablecontent = tableoutput.getContentModel ("table")

# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), ¥
tablecontent.getStorageType(col), ¥
tablecontent.getValueAt (0, col)
col = col +1

RZVT LD TNy 7| 27203 LT O XS IR FREINET,

Age_Min Integer 15

Age_Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
Drug String drugyY
Record_Count Integer 91

XMLOYTVY ETI
XMLa Y 7>y EFATIE, XMLR—ZADAYFY VT /LA TEET,

XML aY5>Y 50E, XPath RICEH DL avB—2 2y N7 7 XT3 2 E— P LET,
XPath i, FECH LI Y OBRZ 3IENEZLEL T30 EERTLIXTFHTST, XMLaYy Ty £
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FE, LEIERIT T2 FOERE . XPath DY R— FTHEEMLE L 23RO a3 V4 VIZDWT,
FMAENEZELES, ZRICKD. Python 227U F 6 DEH UASEHNIZR D £9,

XML Y7y E7ME, XMLXEEZ XTI LGRIBEEAEENRTOET, 22k D, Python
2217 2= -k, HHWKL > TLEZ LW Python 24 75V 2 AL T XML 2f@fi cE %3,

API
R 27. API
B D i AV ¥ G0
XE5 getXMLAsString () XML 237588 LTRL £,
Q] getNumericValue(String PSR % 5l U 7 AR 2 UE e LT
xpath) RLET BI2E AR —8F
ZBEZOEE I TP LET),
boolean getBooleanValue(String FEINT AR Z M L - A5R
xpath) 7= EE LTRLET,
X F5 getStringValue(String e SN2 —HT 5., Bk
xpath, String attribute) |{EX7zEXML/—FEDOWVWThH
hERLET,
XZEH D) X~ getStringValues(String BEXINZAI—ETBTRT

xpath, String attribute)

DEMWMEEZIZXML / — FED
UZMERLET,

XFHDUR DY R b

getValueslList(String
xpath, <List of strings>

BEXNTZRIIC—HT B FRT
DEMMHEDO Y R b2, BERIGE

(key:string, value:list
of string)

xpath, String
keyAttribute, <List of
strings> attributes,
boolean includeValue)

attributes, boolean WE XML/ — MMEE IR L £ 55,
includeValue)
Ny>a =TI getValuesMap(String F—BHEIZXML J — FEi%

F— LTI Y a T
—INERL, £ fEESINL
JEBMEEOV R 2T =TV EHE L
TRLET,

boolean

isNamespaceAware ()

XML S —4 — 234 i 22 % 7k
LTWBRERD B 7Y 5 hEiE
LEd. 7741 MdFalse T
7

void

setNamespaceAware (boolean
value)

XML 28— — D3 Hij 2% % 78

LTCWBREDRDZ0E D DR
ELET, TOXYy FTIE, #
FEDPEH L TEENEIES S
NBEIITTB7HIT reset()

HPFEH L F 5,

void

reset ()

Zoaysyy eI EEA
FHENHNEHA L =B FTRT
HELET (Frvyadini
DOM A7 =2 b2 ¥),

/=FELTVHD

TORTIE., TORATDaryTvY EFAZEUOHNZERTS / —F2UXFLET,
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£28. /—RELUESN

J—F4 i 277 1D
IFEAYDETIL EILA— IFEACDERTNI-ETIL "PMML"
"autodataprep" AN "PMML"
&/ v X0l

AVFIVITIRARTE7DHD Python A7V FrDa—FiE, UFTDOXS51ZK%D %7,

results = []

modelbuilder.run(results)

modeloutput = results[0]

cm = modeloutput.getContentModel ("PMML")

dataFieldNames cm.getStringValues("/PMML/DataDictionary/DataField", "name")
predictedNames cm.getStringValues("//MiningSchema/
MiningField[@usageType="'predicted']", "name")

JSON O>FTY T

JISONarv 7Y EFMIISONFERDa >y 7oy R—r 2T 27-DIHHEINE T, TOET
LT, YOMEICT 7 AT 202 MUOH LTS8 L TWwa Z e ZHif2 e LT, FEOH LothME % i
TE 2 XDICT 2EARMNZ API M2t X N 5,

API

% 29. API

B Y il XY R Wt

7B getJISONAsString () JSON a2 ¥ 7Y &2 FHe LT
BLE,

Object getObjectAt(<List of FEEINIRADA T =7 b

cbjecta> path,
JSONArtifact artifact)
throws Exception

BLET, fEEINL— PR
VIRZNVTHZA[REMEDH D,
DFPEFT LT Y DIL— FHMEE
HAXNhFEd, BREXNZMEIE. VT
TSCTFH, R EEL 2%
T—IWETH 2, HD0E
JSON 5% JSON 7' = 7 +
% 7213 JSON ERFDW§h) T
HHAEEED H D T,

Nya 7=
(key:object,
value:object)

getChildValuesAt(<List of
object> path,
JSONArtifact artifact)
throws Exception

PNRAMISON A7V =7 b E4ET
BEX, fEEXN 2D FEE
BLET, Z0LANDEEIE XV
FRLET, 7—7VADF—IZ
XFHTI . BEMST s T
2. VT I AT R
FH. EET—NETD 2D,
H %\ Z ISON Y (JSON A+
7T x 7 b FEF=IE ISON EF| DN
ITHD) THHAEREED DD F5,
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R 29. API (#i %)

B fifi XY K G|

ATz DR+ getChildrenAt(<List of 273 ISON B 246 335813,
object> path path, BEXNZADA TS 27 +D
JSONArtifact artifact) VA MZIRLET, Z2hlbto
throws Exception BEXNVERLET, REXN5HE

. VT I, B L
FRET—NETHZ0, DDV
% JSON A4 (ASON A 72 =
7+ %£721% ISON EF oo
) THAHREMEDH D 7,

void reset() ZDayi vy EroUI BEER
oM A ML =9 % FTANT
HELET Fryvradh/
DOM A7 =7 b ¥),

2007 kol
JISONFERICE S WTH N ZERTAHIEALR — ) — F2H 25813 UToa—F2FHLT, 7y 2
Dy FMIZETRERICTZERTERIENTEET,

results = []

outputbuilder.run(results)

output = results[0]

cm = output.getContentModel ("jsonContent")

bookTitle = cm.getObjectAt(["books", "ISIN123456", "title"], None)

# Alternatively, get the book object and use it as the root
# for subsequent entries

book = cm.getObjectAt(["books", "ISIN123456"], None)
bookTitle = cm.getObjectAt(["title"], book)

# Get all child values for aspecific book
bookInfo = cm.getChildValuesAt(["books", "ISIN123456"], None)

# Get the third book entry. Assumes the top-level "books" value
# contains a JSON array which can be indexed
bookInfo = cm.getObjectAt(["books", 2], None)

## Get a list of all child entries
allBooks = cm.getChildrenAt(["books"], None)

ATV ETLELIURTILOHA ATV ETIIL

Flfeta>r 7oy ETATIE, 74—V FILIHEBETEAH A EZEDHEN X7 7 2ATEET, R
T OEH YTV EFATIE, 74— L RORTZETHETX AHEIERIE 74— FRNOEIZT
v ATEET,

At DRI T O DRH D X7,
« Count

« UniqueCount

« ValidCount

- E5E

e Sum

. S/)M#
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- RAME

. EEH

- D

- StandardDeviation

- StandardErrorOfMean

- EE

- SkewnessStandardError
- RE

e KurtosisStandardError
e Median

- E— kK

« Pearson

« HOER

e TTest

e FTest

—EDEIZHE—DFFRE DB ED ALY L. FOMOHEIZRT Z OFigtOHEE DAY LT,
INSEEMTE/ —FEMUTIORLETS,

o RLIbHERE 2 — RG22 AR L. MBI 7 4 — L FBEE SN TV A HERRT T DGt 2 AR TE %
Jo

« F—REBEHE—F:HEER L, ==L A 74—V EDBIBEINTWVARESIIRT T Ot 24K
TE%9,

cOEEHE) — R 74—V FORTERE T2 &, £REHE 74—V FOEEMO 7 4 —L FEHE I
B3y, RPZOEeAER L E 9,

EHAgE Ry Ty EFL e Fitd. ZOBED /) — FOKREL 20 ) — FRNOFEDTH I & - TH
EFhHhEI,

ColumnStatsContentModel API

£ 30. ColumnStatsContentModel API

B i XY R Wt

List<StatisticType> getAvailableStatistics() | ZDEF NI BELFIE 2R
LEd, ST LDHBIXRTDT 4 —

NV RPFXTOMEI OEZEFOD
JTREHD EEA,

List<String> getAvailableColumns () RTDSETHE XN RDF| % K
LE9,
Number getStatistic(String HNZBEEAT T S 7 MEHEZRIR L
column, StatisticType * 3,
statistic)
void reset() ZDaryryy 5L EERA
F ORISR L =Y B FTANT
HELET,
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PairwiseStatsContentModel API

K 31. PairwiseStatsContentModel API

B i P AN ]

List<StatisticType> getAvailableStatistics() | ZDEFNCHEHFEELRE 2R
LET, BILDHBITRTDT 1 —
VR TRTOMETDOEZRSD
TJTEHY FEA

List<String> getAvailablePrimaryColumn | izt E XN MRD 1 XA
s() ZIRLET,

List<Object> getAvailablePrimaryValue |HiFtDEIEXNTNRD 1 XH|D
sO) HZ2E L £7,

List<String> getAvailableSecondaryColu | #iFIDiFIE X N=MHRD 2 KH|%4
mns () ZIRLET,

Number getStatistic(String N BHEATT & N EHEZ R L
primaryColumn, String 9,
secondaryColumn,

StatisticType statistic)

Number getStatistic(String 1 XRHME Y 2 ZHNZEEEAT T 541
primaryColumn, Object TeMiEHEZ IR L %5,
primaryValue, String
secondaryColumn,

StatisticType statistic)
void reset() Zoayryy I BEEA
FONTNEA ML =Y %2 FTART
HELE T,
/—FEBLUHD

CORTE, TOXRATDaryTry EFARGELHNERERTS / —F2VXAMLET,

£32. /—RELUVEA

J—F4% HIPIESD 2>+ 1D b

"means” "means” "columnStatistics"

CFEE/ — F)

"means" "means” "pairwiseStatistic
SII

CFafE, — K)

"dataaudit" "means" "columnStatistics"

(F—&ME ./ —F)

"statistics" "statistics" "columnStatistics" |¥ED 7 4 —)L RO MEF

INGEDAEREIN

GoabFiEt 2 — F) 3

"statistics" "statistics" "pairwiseStatistic [ 74— L FAMHBELTW
s" LG DAERINE

Gd#iEr 2 — ) 5o
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from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile", "File", 96, 96)
varfile.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIN")

# Now create the statistics node. This can produce both

# column statistics and pairwise statistics

statisticsnode = stream.createAt("statistics", "Stats", 192, 96)
statisticsnode.setPropertyValue("examine", ["Age", "Na", "K"])
statisticsnode.setPropertyValue("correlate", ["Age", "Na", "K"])
stream.link(varfile, statisticsnode)

results = []
statisticsnode.xun(xesults)
statsoutput = results[0]
statscm = statsoutput.getContentModel ("columnStatistics")
if (statscm != None):

cols = statscm.getAvailableColumns()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " =",
statscm.getStatistic(cols[0], stats[0])

statscm = statsoutput.getContentModel ("pairwiseStatistics")
if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns ()
scols = statscm.getAvailableSecondaryColumns()
stats = statscm.getAvailableStatistics()

corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)

print "Pairwise stats:", pcols[0@], scols[0], " Pearson = ", corr
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VI b7 O

FARV—=T 4 V7~ RTDaAx YK - 74 YEFHL, XD KL 512 LT IBM SPSS Modeler % fZ#) T =
£73,

1. IBMSPSS Modeler 34 YA b —iLE& N TWB3ary¥a—&X—T, DOS2DFha<wrF-Farrt -
U4 RURHEET,

2.IBMSPSS Modeler f >R —T7 2 —A%A VR 57T 47 - F— FTEHIT 5121, modelerclient
avw Y REANL, HWTHIZIZRD X 5 s #E AL ET,

modelerclient -stream report.str -execute

ERARERBIE (7 2N ITE D, F—N—ADEH., APV —2Du—F, X7V T FDFET, /235
BIH U THD T X — X —DIEERITO T B TEE T,

AR « 51 5| 8DER

IBM SPSS Modeler OEEI#ZEE T 272D, a~vY K 54 VD518 (7527 L MIN£3) 20D
modelerclient a2~<> FIZEMTE %3,

BRoEEDa~ Y K - 4 VElEEATEZ S, chbna~vrF - 74 VBlEucO>WTIZZ Dt
YarTHALET,

+£33.IYYR - AV 8DESE

CIE (D) k] SR

AT LD G ZELE. FPEv Y 66 R—TVD 272405
B ZBRLTLEXW,

NRIRX—Z—D5F|E L. FPEYZ 6T R=VD [5G X—&R—D
518 ZBIRLTLLEX W,

P — N — D5 E ZHLWE, P 7 68— D TH—N—FFFD

GIEy ZBIRLTLEE W,
IBM SPSS Collaboration and Deployment Services |#£L £ &, 69 *R—>® [IBM SPSS Collaboration

Repository ##t D 5 €% and Deployment Services Repository ##% D 5 1444
DYy Z72BRL TSIV,
IBM SPSS Analytic Server ##5t D 514X FEL<1E, 70 R—Y D [1BM SPSS Analytic Server

FERos1 81 Dby 7E2BRLTLIEE W,

FlzIE, LFDO X512 L T -server, -stream BX U -execute D7 7 ZHIZ R L TH — N — 12k
L. ANV —2%Za—RFRBIUETTEET,

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

O—HhL 77347 DA VA= BMETIHE. —N—FEROF I FETT,
AR=2EGORIXA—R—(HE_EF | HTFTHO Z 2P TEE T, FIZIE ROXS51TkHD FT,

modelerclient -stream mystream.str -Pusername="Joe User" -execute
y



F7-. IBMSPSSModeler D2A57—r 227U T +d, ZHEHN -state 7527 -script 7 7 7 %[

LT,

CDOHETHEITTEE T,

H:a~y FOMEN I XA —XZ2/HHT 258 5IHFORMCHL S 2ES BENHD 9, ZHTX
D, XA ORI AHIBR S e <72 D 95

ARXVER « SAUEIBDOFINY YT
a<wY RS54 F Ny 74 3121F modelerclient 2~ F2EH L., #@YIL5I15ZEH LT IBM
SPSS Modeler ZEEI L 3, ZAUCE D, a~ Y FRTEBEDICETINS I ZMEETE XT3, T/

by ary XFGRX—&—] 470 - Ry 7R (YV—)L] X=a2—,

tyTary S5 AXA—KR—0DFK

E) DATUER G4 UL EEINDINTA—X—DERHERT LI TEE T,

SRATLDG|
TP e e [ VR -T2 —ADATVE « FA VI EBEEBTHHATER S AT LS MERORISRLF
5,
KR 34. AT LDF |
518 e

@ <commandFile>

@ XFIHMITI7 7 A NVKELDRTZIICED, avr F- VR MEEET
2B TEET, modelerclient a~ > FIC @SB F 2518 EET
LYy, FORIBUCIEEENa~ Y R - 774 AhDa<sy R, av K-
FA VIHRESINTVWADERIC XS WX E T, LI 70—
D MO BOHAEDLEI Dy 7 2B TL XN,

-directory <dir>

TI7ANMDEET AL M) =2 RELET, B—A)L - E—FTWE, 20D
TAaLZ M) =@ 72 ol I TS, H: -directory
c:/ £7iE -directory c:¥¥

-server_directory
<dir>

TIANMDT—=ZHY == T4 L7 P —%2RELET, -directory
75 7 TIREINIMEET L7 P =k, ORI E T,

-execute

EEgic, EERfice— FERZRA MY —A, AT — b, R 70) T+ %
FITLET, APV —LRAT— b TCREERLLAZY T bpn— X568
X, A2V EINEITENET,

-stream< A b U —LA>

EEFERC, FBEELZA MY —A20—FLET, BHOANY) —L2EETE
FID, BRICIEELLEAN) —ADBEDR M) — AIICHEINE T,

-script<ZAZ V7 k>

EERFICIBELZRAZ Y R0y X2 v R2a—FLEd, FTHBALT
WEZ Y —ARAT— MIIMATINDIEETEE I, BEFFFICIZLOD
A7V T MR- RFTEERA,

-model <EFIL>

EER I, IBEOERETL ((gmER 774 0) 2 —F LT,

-state<AX7—1b>

EEEC, BELREREADAT— e —RFLE T,

-project<7ur =7
k>

fEEL7uy =27 beu—FLET, BHFKIZIZ, ey +2 1oL
n—FT&EXEA,

-output <Hi 71>

EEFEC B EEINZEIA TS 27 ((couFBER 7740 Zu— R LE T,

-help

avY R - A4 VEIRDIVANERRLET, 2O TS avriEETS L.
D5 BT TR TEHRINT, NLTHEILFRRINET,

-P <name>=<value>

AR—= b 79T  NRIRAXA—R—DREZMHHENET, /—FOTa 74—
Ry b e RFTRXR—R—-)DRTBIHEHTEIHTEET,
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Hia—Y— VR —Tx2—RATTFI7#1LF T4 LI N RETEFT, TS avit7rt
2T, (7740 X=a—0 EEFTALVZ P —DFRE] £33 H—N—=F4 L7 bV —DFk
Wl BFERLE T,

ook e @100 m Bl

0—RINLEAT7I 27 MBS 25 8Z DR LIEEL T, BEFICa~<Y R - 74 026, BE
DAY =L, AT7T—bF, BIUOHNZe—-F3T2Z 08 TE%x7, HlXIE report.str & train.str
D2FFDA MY —2%Zv—F, FITT2IE, avyF - 74 VICROa~x Y FRIEEL T,

modelerclient -stream report.str -stream train.str -execute

IBM SPSS Collaboration and Deployment Services Repository h5D A7 o foO—F

7 7 4 )L E 721X IBM SPSS Collaboration and Deployment Services Repository (7 4 2 > ZA03H % 55

DREDA T 27 M EGAAL I N TE DD, 77 A VHOEIEEE spsscr: BLU, 7> 2> T
file: (74 227 LDA 7Y =27 b)) A IBMSPSS Modeler iICA 7Y = 7 F DMBEGFTZRLET, Lidod

PRUERRIE, RO 7 7 ZWCHEHATE T,

e -stream

e -script

e -output

- -model

« -project

BHEFEHERALT, 27927 bOGMEHEET 5 URLZER L 3, HlZIE. ROLHCkDET, -
stream "spsscr:///folder_1/scoring_stream.str"., spsscr: OFEHEEFDH 2355, IBM SPSS
Collaboration and Deployment Services Repository NDHX iR L a~ > FTHRET 2 HENH D
F9, FOH, FIZIE. 70 avwry FERO LS TR 5,

modelexrclient -spsscr_hostname myhost -spsscr_port 8080
-spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

ARV R4S URILZHHTZ2REDNH S Z L IHERLTL ZX W, HijfiZz REPOSITORY_PATH X
PR-—PINTOWERA (ZFDEEE. X7V T VATOAEENL £3), IBM SPSS Collaboration and
Deployment Services Repository H# DA 7Y = 7 b ® URI F#fllicoOWTIE, 51 R—Y D [IBM SPSS
Collaboration and Deployment Services Repository NDA 7Y 2 7 v ADT7 7t R #SBLTL XN,

NTA=2—D5| 8

IBMSPSS Modeler Da< > F « 94 YEITRIZ, I RX—X—% 757 LTHHAT 2B TEET,
avw YR S4BT -P 75 7R LT, -P<name>=<value> DJERTRIRA—R—%FRIT L

ATEET,

NRIRX—=& =, XROWTNHIITHRD T3,

o iR R —&— (F7213. CLEM R CHEBFHINZ X —&2—),

ce A0V b e RFIRX—=R—(/—FDTuRXT4 —2MEINZZLdDHB) INHEDNRTX—X—lF, R
P —2HD /) — FOREEZEETZ7=-DIFHINET, FLIXK 75R—D [J—FpFax
T4—OWE] Oy Z7EBRLTLIEIWN,

« IBM SPSS Modeler DB #ZEH T 2 7-DICHVSENE, ALY R e IV « RFIRX—K—,

Bz T—&X -V —RADZ—HF—HL XAV — %2, XDESICa~v> R - 74>D 757 LTHEE
TREIENTEET,

modelerclient -stream response.str -P:databasenode.datasource="{¥"ORA
10gR2¥" ,userl,mypsw, falset}t"
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JERZ. databasenode /— F « %74 —® datasource X5 X —ZX—DERFE U T, L <
1Z. 93 R—I D [ldatabasenode 7 u 854 —J ZSHELTLZE W,

Iya—FRLERRAY— F2ETEEE. BEORTXA—X—% true CHRELRITNELRD EFXRA, £
2o T—EZR—ZADI—HF —Z L RAT — FOFNHIIEAR—ZA %2 ANBWTLEFI W (FL. 2—F—%
RNRRAT — FIZEBIZTATAR=—ZADEENIHEIE. CORDTIEHH FEA),

W/ — FOLHEIRIEE T 256, —EHIANT/ — N4 2HEA 20605 EMI ST Ay —7F
AZRENRDH D FT, HlZE, ERiOFlOFT—& AN/ — F4D Source_ABC TH 35E. AJEILLTO &
212D FET,

modelexrclient -stream response.str -P:databasenode.¥"Source_ABC
¥" datasource="{¥"ORA 10gR2¥",
userl,mypsw,truet"”

UTOTMLF—& YV —2DFID X512, HiEb I XA —X—Z2R35|HTORNCIEMES b DHETT,

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:¥Share¥TM1_Script.str -P:tmlimport.pm_host="http://9.115.21.163:9510/
pmhub/pm"
-P:tmlimport.tml_connection={¥"SData¥",6 ¥"¥" K ¥"admin¥" K ¥"apple¥"}
-P:tmlimport.selected_view={¥"SalesPriorCube¥",6 ¥"salesmarginf%¥"?}

F: 7 —&Z~R—24%4 (datasource 70874 — P IZ 1 DL EDZAR—Z, ¥V X F ((HIEFF) & dIEE
N3), FLETRPEENL5GEE. THidB e ZHE5 R BRXE2HEHL T, 2hzxFy e LTHRS Z
EMTEZT, FIZIE. "{¥"db2v9.7.6_1linux¥"3" F7213 "{¥"TDATA 131¥"1", X512,
datasource XFHNDMHEIZFEICROFID & 51 ZEG A/ PN THAE$, "{¥"SOL Server

¥" spssuser,abcd1234,falsel",

H—N—EHED5|

-server 7 7 71X, IBMSPSS Modeler I2,87' ) v 7 « —N—12##Hi 35 X 5f/RL. -hostname, -
use_ssl, -port, -username, -password, B X -domain ® 7 Z 7% ffiH L T, IBM SPSS Modeler
WRT Vw7« = N=1ZEH T 2 EETRLE T, -server 5B fEEINTVWRWEE, T74L
e —nN—FEZa—h - B—N—DEHXNET,

i
NIV w7« = N— 12T 312

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

P—N— s I RE—ITHHT BT

modelerclient -server -cluster "QA Machines" ¥
-spsscr_hostname pes_host -spsscr_port 8080 ¥
-spsscr_username asmith -spsscr_epassword xyz

P—N— « 75 2R —I1ZHHET %121, IBM SPSS Collaboration and Deployment Services % f# L 7=
Coordinator of Processes AT, L7=d o> T, -cluster 5|8 E VRS M) —EhiA 7> a v
(spsscr_x*) & DIHHTE2RLEDNDH D T, FHEL LI 69— D I'IBM SPSS Collaboration and
Deployment Services Repository ##HtD5180 O Ny 7 2SI L TL 72X W,

| 35 H—N—&KDF
518 (]

-server IBM SPSS Modeler ##—— « £— FTHEITL, 7772 -hostname, -
port, -username, -password, B XU -domain ZFHHL T 7V v
AR A Tl it 222 A D=
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+ 35, —N—EHDO5 |18 Fix)

518 e

-hostname <name> P—N— P VDRAMGEREELET, —N— - E—FTLO2AHAT
XEHA,

-use_ssl P CiFH 3 % SSL (secure socket layer) 8 EL 3, D7 77134
7> a T3, SSLEMAKEDT 7 4L hEREIX not T,

-port <number> FBELY —N—DKR=-+EB, ==+ E=FTL2AHTEZEEA,

-cluster <name> R ES —N—TE R, =N — - I IR X —ADEHEIEEL ET,

Z D50 hostname, port. BL U use_ssl 5IHDRETT, name i
7 I AR =%, %7213 IBM SPSS Collaboration and Deployment Services
Repository AD 7 5 2 X — %Al 35 —EDURI TI, —nN— -7 I
& —%. IBM SPSS Collaboration and Deployment Services % {#F L C
Coordinator of Processes THEMH XN F T, L LIE. 69— D [1BM
SPSS Collaboration and Deployment Services Repository #0515y D b
Vw72 LTL &N,

-username <name> P N—Zu I T 2DDL—Y—%, —N—-E—FTL2AHT
EFHA,

-password <password> |V —N—IZRTF VT EEHDNRAT— K, —nN—-FE— FTL2AHT
XFEHA

¥ : -password 51 ZHH LR WHEE, XAV —RFDODANEZERT 2 1
VT IMBERREINE T,

-epassword P—N—Zu 7 F T 2DDEE AT — K, ==+ FE—=FTLD
<encodedpasswordstring> |FIFT& ¥ A,

IF BB s 2 7 — RlE. IBM SPSS Modeler 7 U 7 —>a>d Y —)L |
XZa—MOERTEZIENTEET,

-domain <name> P—N—iZu 7 F T BBRHEHT S R XA V%, B—"—FE—FTLD»
FHTEEEA,
-P <name>=<value> AR=F T T RGAXA—X—DREBEWHEHEINET, /—RFDT 74

—(RBY b RNITRX—R-)DRTBIMFHT LI HTEET,

IBM SPSS Collaboration and Deployment Services Repository 3E#i D5 |k

a< ¥ K- 4 > %&FH L T IBM SPSS Collaboration and Deployment Services T4 7Y = 7 2 {R1FE L /=
DELDH L7 D § %12id, IBM SPSS Collaboration and Deployment Services Repository (2 #1725t & 15
ETDREDRDD T, UTIHIZRLET,

modelerclient -spsscr_hostname myhost -spsscr_port 8080

-sSpsSscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

Pt fET DI TE 25O~ R e ROKITRLE T,

5 36. IBM SPSS Collaboration and Deployment Services Repository 3§D 5 |41

5% S

-spsscr_hostname <k X %% | IBM SPSS Collaboration and Deployment Services Repository 73

72IEIP 7 FLR> A VAP =NENTVEY—N—DKRAM{ERITIP 7 FLAT
ER
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5 36. IBM SPSS Collaboration and Deployment Services Repository 3HiD 5 | $1 (%t =)

51 B Ea

-spsscr_port <number> IBM SPSS Collaboration and Deployment Services Repository 23
Pt KB LR — PS5 TY GEKE. 8080 257 7 4L MH),

-spsscr_use_ssl PO % SSL (secure socket layer) Zf8EL 4, D7
72703 AT a T, SSLEHKDT 7 4 v b E&GER not T,

-SpsSscr_username <nhame> IBM SPSS Collaboration and Deployment Services Repository (Z

OQrAr 3 a0 —%—4,

-spsscr_password <password> |[IBM SPSS Collaboration and Deployment Services Repository (2
Ot YT E3DDNRRAT— T,

-spsscr_epassword <encoded |[IBM SPSS Collaboration and Deployment Services Repository (2
password> QG T EEHDOTya— FENERAT— K,

-spsscr_providername <name> | IBM SPSS Collaboration and Deployment Services Repository
(Active Directory %7213 LDAP) "D 7' I $ 2 3R5F 7 1
NAR—, ZHE AT 7 (@—FH1 - YRI Y —=)DS 1
NA X =% AT 25837 ETT,

IBM SPSS Analytic Server #E#: D5 | ¥

a2 F 54 »%H L TIBMSPSS Analytic Server T4 7Y =27 F 2R FELDEO LD T3
%, IBM SPSS Analytic Server N\O BRI ZIEET 20ENH D £3,

¥ : Analytic Server @7 7 #+ )L k DX, SPSS Modeler Server 25X N E§, 2—¥—1F, [V—
JV) > TAnalytic Server %5t | #{#H L C. #HD Analytic Server ##i % EHT 2 2 b TEE T,

ERERET 272DIHATE 25O 2 ROKRITRL T,

5 37. IBM SPSS Analytic Server ¥t D35 | #1

5% S

-analytic_server_username IBM SPSS Analytic Server iZu 74 > § 572D 1 —% —%4,

-analytic_server_password IBM SPSS Analytic Server iIZa 74 > § 572D A T — K,

-analytic_server_epassword [IBM SPSS Analytic Server iZ1 274 >3 % 72 DEGFE(L A7 —
Ko

-analytic_server_credential [IBM SPSS Analytic Server IZ R 274 >3 % 72 DIl § % EA&TE
o

EHO5 | BDEAEDE

BRO5IERARLIca~<> R - 77 A VRER L. BRI @ GBI TZD0 7 7 A VA ERET S
CENTEZET, 293232 LIC&-T, avrF - 74 VX2 EFHEEHEL, 0SICL3a~v Y FED
HIRRICEE T 2R RIRT 2 e TEE T, HlZIE UToEEia~ > Fid <commandFileName> 23R
TI77ANTIHEEEINRTWA5IHEZHFEHAL %I,

modelerclient @<commandFileName>
T7ANELRATY R+ 77 A NANADNRRICAR—ZADBH 5551F. LTFDOXS L TEIH/FTHAZ T,

modelerclient @ "C:¥Program Files¥IBMY¥SPSS¥Modeler¥nn¥scripts
¥my_command_file.txt"
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ZDavwY R 77402, AEX =17y TRACEBNIEE L TW 23 XRTO5 | ZELRT 2 2 8N T
%3, fHi:

-stream report.str

-Porder.full filename=APR_orders.dat

-Preport.filename=APR_xrepoxrt.txt

-execute

AR T7ANEREARLT, avY R - 77 A VAZIEET 258 0HIBHEEZ IR LET,
AT E 1O ERIZa~y FETERTAXNELRDH D £7,

e avw Y F 77 AL, @CommandFile 51 Z AR ZRNWTL EE W,

HoemEa~<w N 7455 71
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P78 aNRT4— Y77 L VR

ZONT1— - VI7 L ADBE

J—F, APV —2L4, Tl b, A==/ —RIZHLT, BELDXFEIERTuT4 —%EE
TEET, 4Hl. R, BLOEY— by iRy, IRTO/—RFIZHBED 074 —5H D 3T,
FO—HT, /—RDEALFWZEHERTaRT 4 —3dDHDET, Fr vV IR ——/—FOEfER
COELANLBAMN) —LBEESRIZ2 o740 FET, 74—k, EEDODL—Y— -
AVBR—T =AML T7I7LATE (J— RO T arvz2RETEIXATOY - Ry 7 X2HLEER
) F, ZLOEMREY IR FETHHHATEE T,

e TUuRT4—IE. Ok ayTHHINTVWBE LS, AZVTF o677 RATEE T, 3£ K
. 73— IFux54—D YRy 7] #BRLTLEIW,

« /= RDTORT 4 —F A=) = F - NT X=X THEHAT B I TEE T,

« J— RO a7 4 —IlZ. IBMSPSS Modeler OEEIfIca~> K« 94 « AT a>vo—E e LT
AT2z22dTEET (-P 77 7%2H),

IBM SPSS Modeler D22 Y 7 +Tld, /= FBXUIR MY —LDTRART 4 —iF, KRBy kX5
—R—YIENET, ZOHA RTE, RBv b RF5X—K—% ) — FERERA L) —2DT0RT ¢4
e (‘:.I%E%‘Z LVCL\ij—o

TANTAL =D AV IR
TaxT 4 =3, LTI v Ey 7 2% FHLTRETEET,
OBJECT.setPropertyValue (PROPERTY, VALUE)
EQAEY

OBJECT.setKeyedPropertyValue (PROPERTY, KEY, VALUE)

FaT 4 —DfEIF. LTS &y 7 A% HH L THETX%9,

VARIABLE = OBJECT.getPropertyValue (PROPERTY)
EQ S
VARIABLE = OBJECT.getKeyedPropertyValue (PROPERTY, KEY)

Z ZT. OBJECTIX/ — FE7/=ZH 1. PROPERTY I TEBE L TW3 / — K a5 4 —D A, KEY
Fx— 7uxT4 —DFXF—HTT, HlZIE. UTOS U Ey Z72ARFHLT, 740X — + ) — FEHRR
L. IRTDI74 =V RZEZLEICT 74NV MEREL. FRT =X 5 Age 74—V RE 74121
YILETD,

filternode = modeler.script.stream().findByType("filtexr", None)
filternode.setPropertyValue("default_include", True)
filternode.setKeyedPropertyValue("include", "Age", False)

A MY =20 findByType (TYPE, LABEL) Btz {3 % & .IBM SPSS Modeler TSN TV 5 TR
T/ —FEBRRITZIeITEZT, P TYPE £7213 LABEL DWIFNEIEE T 2 HE N H D
s



BE&Ett7ansFs—

270 T RN O 2 MBS 2 Gt T a7 4 — 2T 212E. RO 2 EOTEND
hET,

o TR T4 AR— FREANTUR ) —RRED, B — RO Ta T4 —HEELT B,
« BRO T T 4 —EERHCIEE T 22143 5,

EMHLT 02— 1 —-2ADBEL

T—INMDEMIRA VR —T 2 —2ARDHE - FIZE, TR, 74 0Z— BXUANT A -
J—FREEWMRETEZRIZ VT NI, IELLENTENE7-DIC—EDMHELY ETFTI20ENRHDD 75,

INSOREL T T 4 =1 1 DDEATF B e RN T X O BHER ARV ETT, hbD T a7
4 — T, BH—0@Al o4 & D) EHLLHIDPDETH D, ZOHRNEF—MENE T, ZOFEHR
BT L2, T4 0K — « J—FTIE 74— RITLIZ 1ODEHRIEH (%7 4 —V EHENMED) B
BREXNET, COFHRESBRTE-0D12, 7408 — + J—FiZ 74— FZ I 1O0OERIER 2%
BLET (B 74—V D true P false 7)) 2D F BT 4 —121E. E (True) 71345 (False) DIED K
EXINTWED, FREEESINSAEEDLDH D 3, mynode E\WD 74 X — - 7 — K (LMD 12,

Age LWV 74 — LV EDBBHEGEEEZTAZEL LD, INEFT7ITT I, RDLSIT, F—Age &
fi False Zf8 €L T 7,87 1 — include ZRTL £,

mynode.setKeyedPropertyValue("include", "Age", False)

FEROTONT 1+ —DEREBE

ZHD ) —RIIHLT, BHO /) —FBXUO0R M) —2D7a 74 — 2 RHCEDYTCEZ e TEZE
T, ZAUX. multiset a< Y FEZky b Ty 2 I cunxd,

BEICE-o T, b7 —DExbdTERRZL DD T, LUTIHIZRLET,

sortnode.setPropertyValue("keys", [["K", "Descending"], ["Age",
"Ascending"], ["Na", "Descending"]])

gL 7a 74 —Db 5 1 DODFIE. /= FPEELTWARLTHZD . — K EIEEO a7 4
—DBRETEXBZZLTT, T74LFTiE. multiset 370y ZHDITRTO T T 4 —%RFELTH
5. RO T aRT 4 —FEXHESOWT T 72 are2RITLET, HIZEEEE7? 7 AL - /J— FEEHR
FTHLEIZ, 74—JLK - TR T4 =% 2RAT7 v SR TCHRETD o7 —PELET, ZUL i
HORENPBENIIHRDET/) — FHRA—EBLERWEDTY, 7374 —% multiset ¥ LTEZFETHUE, 7
— X c EFIVLEEHTZENCHFTD T ORT 4 —DRRETE, =7 —DEEINE T,

HIgR

J—=RDTuRT 4 =D Ry Z AT, BEEERESFERHINATWET, EREEREITBIHE X
70 7 b OERICERLD 5,

K38 222y I IATERINIIZELEH
AL =ik

abs AHiE

len R

/N H/ME

ISIN I IN |

correl ELES

covar I

num BT F 723 HUE
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K38. OBy IRATRHAINSREG #i )

=130 =2k

pct N—tr M ERZEE

transp 2

xval PRI

var TELE TR (A1 — R0)

J=FESVRMIV—-LOTONT1—DH

J—FBIOA PV —2D 7187 4 —1%, IBMSPSS Modeler D X F X RGHECHEHAINE T, &Y
oD 7anT 4 —id, BEORX M) — 208 HEL T 2DICHOWONEAZ Y F 7y RY
V7b, $REHE—DA M) —2HNO 70 ROHBFLICHWONEZA MY —L « AZ YT bRE, RV
V7 ro—He LTELNET, Z—%— /) —FKNT, /—FDO7FaxX574—Z2FHLT/—F - X5 X
—R—BEETEHIELDHTEET, bodEARNLRL LT, IBMSPSS Modeler DiZEjFfIca~ > K -
AV FTvare Ll TFaT4—%REETZILHTEET, a~vrF - 74 VOEFHFHS, -p 5l
BEEETE AvV =4 - 7ax74 —2fHLTAMN) —LOREELLETHIEDTEET,

£39. /—RELUVRA M) =—LOTONT1 —D B

T 4 — U
s.max_size J—RsD7u74— max_size XL FT,
J—RsD7a,87 4 — max_size ZRXLE T,
s:samplenode.max_size D/ —RiE, IV T - )= RTRIFINUER
D EH Ao
BEOA M) =Y Ty 7 - J—FD, 7
:samplenode.max_size o7 4 — max_size FRLET (Y7 -

/=R 1o TRIFUIRD FEA).
J—RsDFa7 41— max_size XL 7,

s:sample.max_size TD—FRiE. Y FYLS - ) — RTRFUISE
D EHA.
F— Al ) — R — S L
t.direction.Age ;?&$/ FtDAge 74—V FOEEIZRL

AL RRx ) — N F /T — FOBERIEES
ZRERHD T,

:.max_size

s:sample.max_size Oflix, / — FOEEZTERICHART 2H0EDI RN EZRLTVET,

t.direction.Age Oflix. 1 2D/ — FORERMEIMERDEZFFOHHRME L2 D 2wy b XD b EHZRYS
HiL, —Hozxvy PEEHENTESZ L ZRLTVET, ZOk5RRay ME, BB E /213808
7;7013){)5:4’ — t afﬂij—o

J—=Fo7ONT«1 —DHEE

J—RofEHI I, MEOBEME T T4 =Dty FOHE ézh“cmi?‘o T/, 70T 4 =1
7 =&Y 3, KNG TF—XZBORE, 7527, 2R3 XFHOHE, a5 —DRERX
FHIINCIE L W T — X BNCREINE T, BHNICRETCERWVWEAREZ I —BRELE T, FHUTH

L. 7,874 —&M8H, Discard. PairAndDiscard. ioJ:UfIncludeAsText D & 5 BAERIZEDH
FHEIEELTWAZdHD ET, Z0GAE. @#ENOENEDNIZGE I T -1k ET, 7778
a7 44—k, true BX U false DEZFHL TitAAEN D0, RESINLZLELH D £3 (0£ff,

OFF. off. No. NO. no. n. N, f. F. false. False. FALSE. 72130 72 ¥ b {HDFKERICFTHK X 1L

BI7E AT 4— VI 7L VR T5



FI0, TuRT 4 —HOFHARAARICLZS —DIREETIHELDDET, ZOMOEIZFIRTELE B
INFET, true ¥ false ZHHT 2 2. 25 LAREADNEBITIONED), ZOHA4 RIZHESRBT—T1L
TlE,. WELTa 874 =120 F Puxi4—oi@l) #ic, R 2 i3It d,

D/—F - FANT1—

BE L DS a7 4 —H3, IBM SPSS Modeler FDFRTD /) — K (R—8—/ — R &) THmEIcHbN

TVET,

xR40. B/ —R - 7ONT1 —

Tanss—4% 7= Fany 4 —DiN
use_custom_name flag
name string A MY — LS D — P& E R
R T DMAABEH T T 4
—TCY (H#F3 1 —¥—=&
5E)o
custom_name string ) — RDHZAEZ L(L—F —FE)
HrtRELE T,
tooltip string
annotation string
keywords string A7 =7 MZBEEMNT ST
5%—U—FDVRXMZIEET S
gk 2a vy b T3 (Hi:
["Keywordl" "Keyword2"]),
cache_enabled flag
node_type J—RERATZCICBRT 57
source_supernode DI X 15 e AAB Y 7 1
process_supernode T — FlZIE. ) — R
terminal_supernode eal inocome 0);1: 5 AT
A7V 7 NHIHEET 2 TXTD {%@ . .
/‘—‘}‘\\% "Cg;»ﬂ‘j%’fkbbckx
userinputnode £ 7%
filternode D k5% A4 7T
HETHZLDTEET,

A==/ — FEHFD T 07 4 =&, D/ — F e, ERNCEHIL %5,

FELE, 449 R—Y

DIFENER—2—)—FDTAXT4—J] DI I7ESBLTLITEEN,
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5 8 i Stream 7’0 85 4 —

AZYTFMICED, TFEXFERAMN) =200 T4 —ZHHITE2IBTEET, ANV —20D7 1
NRT4—%ZRT2120F, UTD X 5%, A7V TV 2T 27200FTAY Yy RERETLZHLEND

DX7,
stream = modeler.script.stream()
stream.setPropertyValue ("execute_method", "Script")
i

J—FR 774 —Z2FEHALT, HEDZA M) —LHNDK /) — FESZEINE T, KDALY —L4 - ZY
UMz, Z2oflERLET,

stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "¥n¥nThis stream is called ¥"" + stream.getlLabel() + "¥" and
contains the following nodes:¥n"

for node in stream.iterator():
annotation = annotation + "¥n" + node.getTypeName() + " node called ¥"" + node.getlLabel()

+ ||\||||

stream.setPropertyValue("annotation", annotation)

ORI, /=K Faxss—Z2FHLT. AMY—2HDITRTDH/— KDY R MEEHRL, ZDV
ZFERA PN —2ADERICEZAATVEST, ZOFERIZ. XD X512k b F3,

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"
derive node called "Na_to_K"
variablefile node called "DRUG1n"
neuralnetwork node called "Drug"
c50 node called "Drug"

filter node called "Discard Fields"

ANV —=2DTRNRT 4 —FRDFRITRLET,

& 41. Stream 70O/XT+ —

Tanyis—4 T—H TRy 4 —D
execute_method Normal

Script




K 41. Stream 7O/NT+ — (Fi %)

Funyis—4

7 S

Ty 4 —0D

1

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
“DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

g 0 YYYY

ww WK YYYY

date_baseline

number

date_2digit_baseline

number

time_format

"HHMMSS"

“HHMM"

n MMSS n

"HH:MM:SS"
“HH:MM"

"MM:SS"

“(H)H: (M)M: (S)S"
“(H)H: (M)M"
“(M)M: (S)S"
"HH.MM.SS"
“HH.MM"

"MM.SS"
“(H)H.(M)M. (S)S"
“(H)H. (M)Mm"
“(M)M. (S)S"

time_rollover

flag

import_datetime_as_string

flag

decimal_places

number

decimal_symbol

Default

Period

Comma

angles_in_radians

flag

use_max_set_size

flag

max_set_size

number
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K 41. Stream 7O/NT+ — (Fi %)

TRy s —4% T —5H Fang 4 —DHH
ruleset_evaluation Voting
FirstHit
refresh_source_nodes flag A MY — LETRIZ, A/ —F
FHEINICY 7Ly > ad 300
WREFHL £9,
script string
annotation string
name string H: ZoTmsF 1 — 3 FHARD
HHTY, ANV —2%%EZEET
25 E0E. BB TIRIET 2 BEH
HHET,
parameters 2RV 7Ry X797 FAH
BARM) =L RITR—K—%H
HT2581Ic. ZO7aRT4—
AL ET,
nodes AHEA T 22 L T2 E W,
encode SystemDefault
n UTF_8II
stream_rewriting boolean
stream_rewriting_maximise | boolean
_sql
stream_rewriting_optimise_cl boolean
em
execution
stream_rewriting_optimise_sy boolean
ntax_
execution
enable_parallelism boolean
sql_generation boolean
database_caching boolean
sgl_logging boolean
sgql_generation_logging boolean
sql_log_native boolean
sql_log_prettyprint boolean
record_count_suppress_inp | boolean
ut
record_count_feedback_int |integer

erval
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K 41. Stream 7O/NT+ — (Fi %)

Funyis—4 F—2% FuRg 4 —D S
%Jr;’%_stream_auto_create_node_ boolean %u;g;%gg;;:) Egﬁojfﬁ
Baldia—Y—RENMEHIIE
ER
: bool true PG, EFIL - EAX =7
Sre‘ate_model_appl1eI_:Eor_new ootean %}uib\z;}b%{g&?é j\: ;:é)
EFIL T4 TR VBRI
. HLWETIL - TTTA v —
MEMXNET,
¥ : IBM SPSS Modeler Batch 2\
—Yar 15 ZHHLTVWA5E
F. A7V S NATHRWIZET
V7T T4 EBINT 20D
HhHETD,
create_model_applier_upda teEnabled ETIN T TI7A4¥Y— ) —FD
te_links e HELEMIICER T 2 ) > 2 Off
doNotCreate HPEHRLET,
create_source_node_from_b | poolean true DHGH. V—R - EILX =0
uilders HLWY =2 N ZERT 2 =
W77 T4 TIREHY VIR
X, FILWAT — K258
NEI,
create_source_node_update AJ17 — RO HERBIRHIC/ER S
. teEnabled .
_links creatoDisabled 2V OBEEERLE T,
doNotCreate
has_coordinate_system boolean IhE true ICERET B, A bV
— LRI PERER D S E
ER
coordinate_system string BN X N7 B PR R D 44
deployment_area AN —LDERGIEEFERL
delRef h .
ggoiiﬁg res I, ZODfE% None ICRET S
None . oERT Y MY <X
NEH A,
scoring_terminal_node_id |string AN —LDRATYITTS
FERERLEST, A MY —2HD
¥ORX—IF)N - J—FKTHR2
TV e TS5 Fe LTHERAT
ERE I
scoring_node_id string RaAF7V T TI3FDFT v b
PERLE T,
model _build node_id string 2 MY —LDETFANERK S, — K%

ERLE9,

80 IBM SPSS Modeler 18.2.2 Python 227V X h A —F+ X—>a ¥ « HA F




O AN/ — R e 54 —

ABD/—FoHEBEIONT1—

FTARTDOAN —RIZHBETE 70874 —2R—EICLET, 20ORIC. FFED ./ — FICEET 215
DREEF T,

i 1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGINn")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

il 2

ZOARZ VT MEI FBESNT 2T =& 774 M, BEATOXFHN 2K T Region EWVWS 74 — L R
FNTWRZ e ZRHEE LET,

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full_filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat_square_brackets_as_lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom_storage_type", "Region",
StorageType.LIST)

# ...and specify the type if values in the list and the list depth
varfilenode.setKeyedPropertyValue("custom_list_storage_type", "Region",
StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom_list_depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...

varfilenode.setKeyedPropertyValue("measure_type", "Region",
MeasureType.GEOSPATIAL)
# ...and finally specify the necessary information about the specific

# type of geospatial object
varfilenode.setKeyedPropertyValue("geo_type", "Region", "MultiLineString")

varfilenode.setKeyedPropertyValue("geo_coordinates", "Region", "2D")
varfilenode.setKeyedPropertyValue("has_coordinate_system", "Region", True)
varfilenode.setKeyedPropertyValue("coordinate_system", "Region",

"ETRS_1989_EPSG_Arctic_zone_5-47")



R42. AN/ —RoE@ETSONT 1 —
Faniis—4 T—Am FTans 1 —D i
direction Input 74 =L EOEEDF—THRT 4 —,
Target A
Both NODE.direction.FIELDNAME
None E i In & Out 3BEIEXNE Lz, SBOV Y —
ATEY A= PP EIN 588D D £5,
Partition
Split
EE
RecordID
type Range T4 =L REDF—RH, ZOTuNT 4 —%
Default \ZRXET % & values 7 u 87 1 —IZT
Flag % TN TOEIFHEEE N, value_mode % Specify
WRET D2, ZFND Read 12Vt y PENFET,
Set value_mode 7° Pass % 721 Read 73§ TITERIE X
NTW35E. type DREC L > THEER TS Z
CiExHH FHEA.
Typeless
Discrete B
NODE.type.FIELDNAME
Ordered Set
Default
storage Unknown T4 —ILEDA ML= « XA THTEAAAEH X
- 70D)\°7—‘/f o
String
fERE:
Integer
NODE.storage.FIELDNAME
Real
Time
Date
Timestamp
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K42. AN/ —RoHEBIONTa — WL E)

FuanyFis—4 T =5 Fans 4 —DHH
check None T4 =LK « ZALA T HEHFHOBREHDOF— - T %
%’f o
Nullify
EREA
Coerce
NODE.check.FIELDNAME
Discard
Wazrn
Abort
values [fH ] e (#i) 7 4 — L RO GE. REYIDEL FR/IME
THREDMEIPRAMEICZD 5, BFE (LY M)
74—V RDEE. TRTOEEZEELET, 775
TR G, RAIDIED false (18) %, HEDED
true(E) #RLET, 2OTaRNT4 —%2RKETS
Y. value_mode 7u %5 4 —DEA HENIC
Specify IKIREINE T, AL —JF, VR D&
HIDMEIZHEDSNTIRED 5, HlZIX, REIDED
XFH DA, AP L —F String ICREINE
5,
fEREA
NODE.values.FIELDNAME
value_mode Read RDF— X DRZFE LRI 7 4 —)L FIC %
TEIHEEZPRELET,
Pass
ERE
Read+
NODE.value_mode.FIELDNAME
Current
DT a T 4 —IZ Specify ®EZICIIFZETER
Specify VI ICHE LT ARV, BEOMEGHT 51
1. values 774 — B RELET,
default_value_mode [Read TRTDI7 4 — NV FCEEHRET R0 F 7+
NI DHEZEELE T,
Pass
fEREA
NODE.default_value_mode
COFEICIDREED 7 4+ —L FOEEIR.
value_mode 7m X7 4 — %= HHT 2 & 4 ——
T4 REINBZZEenHHET,
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K42. AN/ —RoHEBIONTa — WL E)

Funyis—4

7 S

Zans 4 —0H

extend_values

flag

value_mode 2% Read IR E S NG EITEH SN
F9, HLLHARAARER, 74—V FORHFD
EICBMT 2581, TEHRELET, HLHA
AATEERBRE LT, BEHREOEEZHET 25813,
FZRELET,

fEHE

NODE.extend_values.FIELDNAME

value_labels

string

7 NVOIRECHAL 5, BUEZRICREL %
KR

enable_missing

flag

THEFHELEEE. 74—V FOREHEDEBYIE
N D F T,

R

NODE.enable_missing.FIELDNAME

missing_values

[value value ...]

RI[PT =R ZRmT 7 — XMEZEEL X7,
A

NODE.missing_values.FIELDNAME

range_missing

flag

TaRT 4 =B TIHEINTWBREAE, 74 —L
FIC/RIEME (Z2E) OFHEPER SN TV E0E 5 9
PIEELE T,

fERE

NODE.range_missing.FIELDNAME

missing_lower

string

range_missing 2 E (true) DS, KRIBHEHFHD
THREZHEL £ 7,

M

NODE.missing_lower.FIELDNAME

missing_upper

string

range_missing 2 E (true) D&, KRIBMEEHIPH D
FRREEZREL £7,

fEHE

NODE.missing_upper.FIELDNAME
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K42. AN/ —RoHEBIONTa — WL E)

Furnyis—4 F— & Ty 4 —DitiH

null_missing flag ZDTaNRT 4 =D TIREINTVS &, XL (V
7 27 TIE $nulls & LTERSINERER
E) IRIEEE Rz s,

fEHE

NODE.null_missing.FIELDNAME

whitespace_missing |flag ZOTaRT4 =P TIRESINLTWVWD . ZZHE
(AR—=Z, &7, BLOYIT) 721 2 & LEIZRIE
HEAREINET,

MR

NODE.whitespace_missing.FIELDNAME

description string 74—V RDTLVE I HHADIEEICHA L £
ED

default_include flag T4V PO E LT 4 =)L RE @i E 5 H
TANR—=D T 200 EELTSF— - a7
4 =0

NODE.default_include

fil:

set mynode:filternode.default_include
= false

include flag B4 =NV FEHEHT 20T 4 NR—=%h T 20%
WET 5% — « F18F 4 —:

NODE.include.FIELDNAME

new_name string
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K42. AN/ —RoHEBIONTa — WL E)

Furnyis—4 F— & Ty 4 —DitiH

measure_type Range / ZOFxF—fTET a7 4 =i, 74— RICBER
MeasureType.RANGE [ J 5N /-REZERTZ7-DIMHHTE S WS &
T, type YHLILTVWE T, B3 DIE. Python

Discrete / A7) 7 hT. getter A I MeasureType fH
MeasureType.DISCR | iR 3 —7/T. setter BI%IZ MeasureType fHD 5
ETE HED1O0%2ETILDTELZLVIHTT,

Flag /

MeasureType.FLAG

Set /
MeasureType.SET

OrderedSet /
MeasureType.ORDER
ED_SET

Typeless /
MeasureType.TYPEL
ESS

Collection /
MeasureType.COLLE
CTION

Geospatial /
MeasureType.GEOSP

ATIAL
collection_measure |Range / INET 4 =L F FEIB0DVRN DBE, ZOF
MeasureType.RANGE | — = Fm <7 4 —&, HiEE & 2 EICBEMNT 5
NEREXA TEERLET,
Flag /

MeasureType.FLAG

Set /
MeasureType.SET

OrderedSet /
MeasureType.ORDER
ED_SET

Typeless /
MeasureType.TYPEL
ESS
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K42. AN/ —RoHEBIONTa — WL E)

FuanyFis—4

7 S

Zans 4 —0H

geo_type

Point
MultiPoint

LineString

MultilLineString

Polygon

MultiPolygon

HEZER 7 4 — L DA, ZOF—ftE Fu X7
4 —IZED. TDT 4 —)L R ERTHIFEZER L T
27 NDRATHERINE T, 2L, [EOV R
FOFEILBELTWARELRD D 7,

has_coordinate_syst

em

boolean

HIFZEE 7 4 — L FDGE, 2O 7 u 74—k
D, TDT74 =)V RICEERDD B0 D 0 DER
INEd,

coordinate_system

string

MR 7 4 — L RDFE, ZOF—ftETu 7
4 —=I2EkD, TDOT74 =L RO EERNERINE
T

custom_storage_type

Unknown /

MeasureType.

WN

String /

MeasureType.

G

Integer /

MeasureType.

ER

Real /

MeasureType.

Time /

MeasureType.

Date /

MeasureType.

Timestamp /

MeasureType.

TAMP

List /

MeasureType.

UNKNO

STRIN

INTEG

REAL

TIME

DATE

TIMES

LIST

ZOF—ffExTa T4 —ld, 74 =NV FDA =N
— A R APV ZERTH-DIMEHTE S
¥\ T, custom_storage ¥FEML TWE T,
%752 DI, Python 227V 7 hT, getter BIEDYH
IZ StorageType E%Z X3 —77T. setter BIEIZ
StorageType fEO S HD 1O ETI L HTE S
WS HETY,
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K42. AN/ —RoHEBIONTa — WL E)

Faniis—4 T—Am Fany 4 —oHH
custom_list_storage |String / VAF 74 =V EFDHAE, ZOF—ftE T 74
_type MeasureType.STRIN | =2 XD, EBLRZEDR ML —2 XA TDHEE
G ENET,
Integer /
MeasureType.INTEG
ER
Real /

MeasureType.REAL

Time /
MeasureType.TIME

Date /
MeasureType.DATE

Timestamp /
MeasureType.TIMES

TAMP

custom_list_depth integer V2 74— FDEE. 2OF—(TEX a7
—IZ&D, 74—V RDOEIPIEEINE T,

max_list_length integer HIBRZER & 72 1R E A D VTR O RE RO 7 — &
DAIMEHTEE ST, VAMORAEEZFRET S
3. VA MCANDE Z DB TEZEZOBEREL
£79,

max_string_length integer T =X B OF — X TOAEHRIRET, SQL 24

WML TT—7NEERT 2 S EHINET, 7
— RDOBARLFHDEEASLE T, Ziuc kb,
TN EREI NN, ZDOXFHEED DD
Wk RkEXickhb 3,

asimport 7O/\7T 1 —

Analytic Server AJJ1C X b, Hadoop 7E{ 7 7 A /L + ¥ A5 (HDFS) TA MY —LABRFEITTBEI LN TE
£79,

]!

node.setPropertyValue("use_default_as", False)
node.setPropertyValue("connection",
["false","9.119.141.141","9080", "analyticserver", "ibm", "admin", "admin",6 "false

II'IIII'IIII'IIII'IIII])

5K 43. asimport 7O/NT« —

asimport Fm X7 4 — 5 R ST 1 —DH

data_source string T =& Y —ZXD i,
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5% 43. asimport 7O/NT«1 — (Fi %)
asimport Y 87 4 — Vabents £ TaR7 4 —D

use_default_as boolean True CRELHE. —n—
® options.cfg 7 7 £ L THEK
ENTWVWB T 740 D Analytic
Server #ZfE A XL E T,
False KRELHAE. 2D/ —

FOEHOMER SN F T,
connection ["string","string", "strin [ Analytic Server #fi DFEMl % & e
g", VXD TaT 4 —, BERUEX
"string", "string","string | BhH T3
", "string", ["is_secure_connect",
"string" ,"string", "server_url",
"string","string" ,"strin|"server_port",
g"] "context_root",
"consumer", "user_name",
"password", "use-

kerberos-auth",
"kerberos-krb5-config-
file-path", "kerberos-
jaas-config-file-path",
"kerberos-krb5-service-
principal-name", "enable-
kerberos-debug"], Z Z T,
is_secure_connect idt ¥ =
TEMDER I NS S 2 ER
L. f#iZ true £721% false T
¥, use-kerberos-auth i
Kerberos FRAEDMERH X 5 2 &
%R, fEHIX true £7210
false T, enable-
kerberos-debug i Kerberos
PRAED TN 7« T— ROME &
N5 S 0%RL,. fHIE true
%7213 false T,

cognosimport /— RO ZFO/NT 1 —

IBM Cognos A 11/ — Fi&. Cognos Analytics 7 — X X—2ZAm 557 — X% A »HK— b

e =g

31
node = stream.create("cognosimport", "My node")
node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/
servlet/dispatch",
True, IIII, IIII, IIII])

node.setPropertyValue("cognos_package_name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].
[BRANCH_CODE]", "[GreatOutdoors]

. [BRANCH] . [COUNTRY_CODE]"1)
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3R 44. cognosimport / — R D TO/NT+« —

cognosimport /— F® |F—&%H! A=AV R RO 1
TaNT 4 —
mode Data Cognos 77— & (77 4L b) £721F LK
— b EAVKR=FTENEIDEFEEL
Report ESER
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5% 44. cognosimport / — RO 7ONT+1 — (i =)

cognosimport /— F®D
TNy 4 —

7S

Fans s —oH

cognos_connection

["string" flag, "string",
"string" ,"string"]

Cognos ¥ —N— DR OFFMZ &tV
ArDTaT 4 —, BEREUTOEEB
D T3, ["Cognos_server_URL",
login_mode, "namespace",
"username", "password"]

Z ZT,

Cognos_server_URL IZ. Y — A A&
I TW5 Cognos #— 3—@D URL T
ERS

login_mode &, Efiw 74 V2R
BEMEILERL. true ¥7213 false
DWITNLIZHD FF, true ITRET
ZHEFUTOET7 4 =L REHT "
WEE LT XV,

namespace (&% — N—ADn 77 ViZ
AT 2%V 74 —RALS 0L K
ZRLET,

username ¥ X If passwozxd i& Cognos
R Sl o = 70 i BR[O E
__HS__% Z/ng'— FVC‘\‘;—O

login_mode offbH b iz, LTDE-F
HEHARET T,

« anonymousMode, #l:
['Cognos_server_url',
"anonymousMode ',
"namespace", "username",
"password"]

« credentialMode, #i:
['Cognos_server_url',
'credentialMode’,
"namespace", "username",
"password"]

. storedCredentialMode, #i:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Z ZT. stored_credential_name
E. UARY MY —HTOD Cognos DE
MIERDHEITTT
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5% 44. cognosimport / — RO 7ONT+1 — (i =)

cognosimport /— F® |F—&%H! A=AV R RO 1
TaNT 4 —
cognos_package_name |[string TR e F T2 " L VER—PFLT

W3 Cognos 7 — X » Y — X GEFIXT—
RR—R) DIRAB X UV4HT, Kihl%
~LET,

/Public Folders/GOSALES

FiRATY T 2DARENTT,

cognos_items

["field" "field", ... ,"field"]

AVR—b T2 1O0FRFEROT—
R F 7Y 27 NDLHI, field DIEI
iX. [namespace].[query_subject].
lquery_item] T%,

cognos_filters field T—R%EA K- HENEAT 5 7
A /L&_Oj%ﬁﬁo
cognos_data_paramet |[list F—RZDTa YT kT RX— &K —DfH,
ers Al EHDO R 7 EKIEINTH A, EED
R7F A= TRYID, FHRERIEK
FEINCTHAE T,
=
[["param1", "value"],...,["paramN",
"value"]]
cognos_report_direc |field LAR=b2A VR=1PTBHT74NVH—%
tory 72138y - — D Cognos 28 &, I
ZRLET,
/Public Folders/GOSALES
E: ATy 2DBENEMTT,
cognos_report_name | field AVKR=FTBLER—FDLER— DN

BRINCH 382 ¥ £,

cognos_report_param
eters

list

LA—bF - 5 X—&—DfH, &HiLH
DRTIIKIEMTHA, BEDORT7IZa
VR TRXYIY ., AT RAEINCRH
&ij—o

&=

[["param1", "value"],...,["paramN",
"value"]]

92 IBM SPSS Modeler 18.2.2 Python 27V A — X — g -

AR




databasenode 7O/\7 1 —

="
DIZHFHTEET,

{5

import modeler.api
stream = modeler.script.stream()
node = stream.create("database",
node.setPropertyValue("mode",

"My node")

"Table")

F—RR—2Z + /— FlZ. Microsoft SQL Server, Db2. Oracle 72 ¥ ODBC (Bafit%! 5
— BR— A BT AMOXEXERR T —INST—REAL VER—FT 3

node.setPropertyValue("query", "SELECT * FROM drugln")

node.setPropertyValue("datasource", "Drugln_db")
node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")
node.setPropertyValue("tablename", ".Drugln")

3 45. databasenode 7O/NT« —

databasenode 0 357 4 —

L

Fans 4 —oH

mode Table

Query

XA70Z <Ry ZADay ra— el
HLTTF—&R—RI2HH T 51213, Table
EHEELE T, SOLZMH L GERaN
T —RBR—=2I27 Y — & 1791213
Query I8 E L ¥ 3,

datasource string

T —ZN—2% (TR OEEZZHR),

username string

password string

7 — ZN— 2 i DE (TR OFEEEZS
1o

credential string

IBM SPSS Collaboration and Deployment
Services IZRE XN T W 3 BI{IEHR DL
Al 2D B %7 4 —%, username 7’1
2XT 4 —= password 7 8T 4 —DAX
DOIHHT 2 e TEET, BEMER
DL—HF—=FH L RRAT —FiE, T—FX—
AT IV ART B72DDI—HF =L IRR
T— FIZ—HLTWA3RERHD ET,

use_credential

True $7-1% False ICEREL 7,

epassword string

22V FHNTHNRRAT— REA— RFa— R
ft32Rbbic, Tra— FENRERRY
. F%*Eibij—o

LI, 54 R—Y D MBS XA Y — K
DERR) DIy Z7E2SRLTLIEXN,
DT aRT 4 =, EITRICHARD H
A2z b %3,

tablename string

7R RT BT —7ND 4,
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5% 45. databasenode 7O/NT 1 — (i ¥)
databasenode 71 %5 4 — T—xH Faxs s —0HH
strip_spaces None NFEHNIDHBD AR— AR IHET 57200
F 7T arTT,
Left
Right
Both
use_quotes AsNeeded I =% T —EAR—RITEET DL EIT
T—=IN% NG T S RFCHT Y S 0
WCAR=ZARAIFRDBEENT VD XS54
560
Never
query string EETH7TY—%2KRTSQLa— FEis
ELET,

H: 7 —&Z~X—2% (datasource 70 87 4 — ) ICAR—ZADEETN 255G, datasource,
username, B XU password OfEFID 787 4 —DRHH I, ROEATH—DFT—& V—2 X
T4 —EERHTZILHTEZXT,

& 46. databasenode 7O/N7+ — - datasource EH
databasenode 7R %7 4 — 5 — W Fu5 4 —D B

datasource string HX

[database_name,username, passwor
d[,true | falsel]

Bt X2 — R R LRI X —X
— T3, true THET B, RAV—F
PMMERFNCES X TS,

TR YRR EET LGS, COBRXEHEHLET, 2720, 2—F - FRE AT - FELET
235E. username 7R 87 4 —F721% password Y a7 4 — B FHTEX T,

datacollectionimportnode Z7O/\7 1 —

- Data Collection 77— & + 4 ¥ R— 1} « 7 — RN, HTiGABEHMSCHHE XN 3 Data
Collection Data Model IZEED W& T — &2 A Y R—PLET, 2D/ — F&ff
Fi3 %121%. Data Collection Data Library 234 2 b — L XN TWEAERH D T3,

{51

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")
node.setPropertyValue("metadata_file", "C:/Program Files/IBM/SPSS/
DataCollection/DDL/Data/

Quanvert/Museum/museum.pkd")
node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source_type", "File")
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node.setPropertyValue("casedata_file", "C:/Program Files/IBM/SPSS/

DataCollection/DDL/Data/

Quanvert/Museum/museum.pkd")
node.setPropertyValue ("import_system_variables", "Common")

node.setPropertyValue("import_multi_response",

"MultipleFlags")

5% 47. datacollectionimportnode 7 /\N T+« —

datacollectionimpoxrtnode
Fany g —

7 S8

Ty 14—t

metadata_name

string

MDSC D44 i, Rk ED
DimensionsMDD (&, FE¥#EfY72 Data
Collection X X7 —& « RF¥ a2 X MHM#
AEXNZDEDOHZ R L ET, 1F
PIZ, ROMBEZIEETEE T,

mrADODsc

mrI2dDsc

mrLogDsc

mrQdiDrsDsc

mrQvDsc
mrSampleReportingMDSC
mrSavDsc

mrSCDsc

mrScriptMDSC

R 72ED none 1. MDSC 232\ Z & %
RLUET,

metadata_file

string

XX F—ZDBIENEND 7 7 4 LDEH,
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3R 47. datacollectionimportnode 70O /N T« — (Fi &)

datacollectionimportnode
Tangy 4 —

7 S

707 4 —0 B

casedata_name

string

CDSC O %4Hil, AT 2HEIILTOLE
HT7,

mrADODsc
mrI2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc2
mrSavDsc
mxrScDSC
mrXmlDsc

Rk 72 fED none &, CDSC AN Z & %
RLUET,

casedata_source_type

Unknown

File

Folder

ubL

DSN

CDSC DY —R « XA THRRLET,

casedata_file

string

casedata_source_type 23 File D ¥ &
WS, F—AR - T=XDEENET7 74 V%
FBELET,

casedata_folder

string

casedata_source_type 2° Folder D &
X, TR TEADPEEND T ALK
_%*Eibij—o

casedata_udl_string

string

casedata_source_type 23 UDL D ¥ &
2. T—RA + T—RBEENDET—X -V
— 2D 7= D OLD-DB #f5t X 7| & 5 7E

Lij_o
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3R 47. datacollectionimportnode 70O /N T« — (Fi &)

datacollectionimportnode
Tangy 4 —

7 S

707 4 —0 B

casedata_dsn_string

string

casedata_source_type 23 DSN D ¥ %
I, T—& + Y —RAD72HD 0DBC #Hfi L
FHZEEL £7,

casedata_project

string

Data Collection 77— X R—=ZA N 57 — X -
F—REHRAADE &I, Y27 bOD
YHTIZANTEET, 2o r—=2 - 7
—XDF—RZANZONVWTIE, ZOBER L
HOEFIZLTEBLDBELDY £,

version_import_mode

All
Latest

Specify

EN=Ta YOWMDIPWHEEERLE
=R

specific_version

string

version_import_mode 43 Specify D &
X2, A VKR=PENBT—R - T—&D
N=TarZERLET,

use_language

string

FHESRED 7 NUMEH S N5 EH D
LDRE S ERLET,

language

string

use_language D3 E (true) DHHE. AT
FHT25Ea—FEERLET, 5ib
a—Fix, F—R - 7—XNTHHTEZ S
HO1LDICT2RENDD 7,

use_context

string

FEDaYTHFA NN ATIENZ BN
HEPEIDEERLET, IV TFA
M, JEEICEE T 2R 2L X E S
TR E R E T,

context

string

use_context 23 (true) DIFE. ANT
2AVTFAMNEERLET, AT X
AME, F—RA - T—XNTHHTE S+
DIDITFTHRENDD FT,

use_label_type

string

RED Z X0V XA TH AN SN2 REH
HENEIPEERELET,

label_type

string

use_label_type 2 E (true) DIFAE. A
NTBITNL - XA TRERLET, IR
e RAFF, =R« T—=XHNTHHT
EZHDLIDICTI2HENRDD T,

user_id

string

BRI e 74 VBT — ZR— 2
DFE. T—& + V—RRZ 77X T B
DD —H—1ID £ AT — FaiEftcx
x7,

password

string
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3R 47. datacollectionimportnode 70O /N T« — (Fi &)

datacollectionimportnode |F—&%Hl T 4 —DHH
Fany g —
import_system_variables Common A VR=PEINDIATLAEREIREL
£9,
None
All
import_codes_variables flag
import_sourcefile_variabl |flag
es
import_multi_response MultipleFlags
Single

dataviewimport 7O/\ 71 —

a ?#&'El*—'

:EI::-LJ ’_]\Lij_o

il

stream

dvnode = stream.createAt("dataviewimport",

modeler.script.stream()

J—FT, 7—=& + Ea—0O7—X% IBMSPSS Modeler 214 7R

"Data View", 96, 96)

dvnode.setPropertyValue("analytic_data_source",
[*","/folder/adv", "LATEST"])

able_name", ["","com.ibm.spss.Table"])

dvnode.setPropertyValue("t

dvnode.setPropertyValue("data_access_plan",

["","DataAccessPlan"])

dvnode.setPropertyValue("optional_attributes",

[["","NewDerivedAttribute"

11)

dvnode.setPropertyValue("include_xml", True)
dvnode.setPropertyValue("include_xml_field", "xml_data")

5 48. dataviewimport 7 /NT 1 —

dataviewimport 1 87 4 —

F— 2

Fans 4 —0

analytic_data_source

string

IBM SPSS Collaboration and Deployment
Services IR EI N T —& L a—
ATV b RRFKE, HHT E A=Y
aryDONN=Tar TN,

["Object ID","Full path",
"Version"]
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* 48

. dataviewimport 7ONT+4 — (ft X)

dataviewimport 7 v 87 ¢ —

7 S

Farns 4 —0i

table_name

string

DT =X La—THINET—X
2= T—=T), T=INFIE Ry r—=
TEHMiENTVWIHENDH D 5, IBM
SPSS Collaboration and Deployment
Services Deployment Manager 7 54 7 >~
;25 BOM Z 7 AR—F L, T AR
—s&ENFzip 7T—HA4 T HAD
default.bom 7 7 f L ZFHNB Z &I X
5T, N Fr—YZRISTEET, vr
— %1%, BOM 2% IBM Operational
Decision Management (iLOG) 7> & 4 > 7K
— FENGEZRE, BIJFE U TRITA
37D A

["Object ID", "Name"]

data_

access_plan string

IMT—R Ca—7—X2RMtT 57
DIHEHENDE T —& 727 & A5G,

["Object ID", "Name"]

optional_attributes

string

HAALIER S N BED Y X by

[["ID1", "Namel"],
"Name2"]]

["ID2" ,

include_xml

boolean

XOM A YRR VR F—=RERFDT 4 —)
FZ#AA LS A1 True, IBM
Analytical Decision Management @ iLOG
J— IR 5E2RE, #HRExh
Z#EIE false T, ThEA VTS
L. ZROBMNZNHEHIRFEES S 2 b3
HHET,

include_xml_field

string

include_xml 2% true ICRE X N=5HE
WZBINS % 7 4 —IL R D 44,

excelimp

ortnode 70O0/\F 1 —

{51

{To
node

node.
node.
node.
node.

node

Excel 4 ¥ R— b / — Fl&. Microsoft Excel 225 xlsx 7 7 A A ERTT—4& %4 >~

rTrri
EXCEL

use a named range:
stream.create("excelimport",

setPropertyValue ("named_range",

setPropertyValue("excel_file_type",
setPropertyValue("full_filename", "C:/drug.xlsx")
setPropertyValue("use_named_range", True)

"My node")

n DRUG n )

A—FLZFET, ODBCTF—& + ¥V —RIARETT,

"Excel2007")

.setPropertyValue("read_field_names", True)
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#To use an explicit range:

node = stream.create("excelimport",
node.setPropertyValue("excel_file_type",
node.setPropertyValue("full_filename",
node.setPropertyValue ("worksheet_mode",
node.setPropertyValue ("worksheet_name",

"My node")
"Excel2007")
“C:/drug.xlsx")
"Name")
IIDIugII)

node.setPropertyValue("explicit_range_start", "Al")
node.setPropertyValue("explicit_range_end", "F300")

7 49. excelimportnode 7O /N7 1 —

excelimportnode 7o X7 4 — |F—%H TaxT 4 —DHH
excel_file_type Excel2007
full_filename string RRZEL, TR T 74 V.
use_named_range Boolean ZHI SN T-HHEH PR T 208 5 5
ZIEELE T, BOBE. StAAUHEIHY
8T % DIZ named_range 7 a7 4
—DfERE N, Z2oflov—2r>—Fe T
— X PO EIFHINE T,
named_range string
worksheet _mode Index T— O — A Ty P ATERSIN
TW5DH (Index), F/IIHAATTERS
Name NTVWB DD (Name) ZFEEL 3,
worksheet_index integer HAIADRET — T — DAL VT v T
o BMPIDV—27 > —MZ0, 2%FHIZ 1.
EWVS XA Ty 7 ADBIEL X T,
worksheet_name string FARADNRNE T — 7 > — + DA,
data_range_mode FirstNonBlank HFHDOREHEEEELE T,
ExplicitRange
blank_rows StopReading data_range_mode 2 FirstNonBlank @
L EIZ, ERTONEAERRRELE T,
ReturnBlankRows
explicit_range_start string data_range_mode 23 ExplicitRange ® ¥
=2, mAACHIBEORIGRZIEEL F
KR
explicit_range_end string
read_field_names Boolean fEE S NTHFA DB DITH 7 4 =L K

G e LTSN E S D ZREL
£79,

extensionimportnode 7O/\7 1 —

A

PERDA Y R—=b - V=R 2fEHTZE. RRZY
7" b £ 721% Python for Spark 227V 7 s ZFETL
T, 7—XR%A4 VYR—=—FTEET,
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Python for Spark Dl

JHHHEHE Script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_importer", "extension_importer")
node.setPropertyValue ("syntax_type", "Python")

python_script = """

import spss.pyspark

from pyspark.sql.types import =

cxt = spss.pyspark.runtime.getContext()

_schema = StructType([StructField('id', LongType(), nullable=False), ¥
StructField('age', LongType(), nullable=True), ¥

StructField('Sex', StringType(), nullable=True), ¥

StructField('BP', StringType(), nullable=True), ¥
StructField('Cholesterol', StringType(), nullable=True), ¥
StructField('K', DoubleType(), nullable=True), ¥

StructField('Na', DoubleType(), nullable=True), ¥

StructField('Drug', StringType(), nullable=True)])

if cxt.isComputeDataModelOnly () :
cxt.setSparkOutputSchema (_schema)
else:
df = cxt.getSparkInputData()
if df is None:
druglist=[(1,23,'F', 'HIGH', 'HIGH',0.792535,0.031258, 'drugY'), ¥
(2,47,'M',"LOW', '"HIGH',0.739309,0.056468, 'drugC') ,¥
(3,47,'M',"LOW', 'HIGH',0.697269,0.068944, 'drugC') ,¥
(4,28,'F',"'NORMAL', 'HIGH',0.563682,0.072289, 'drugX"') ,¥
(5,61,'F',"'LOW', '"HIGH',0.559294,0.030998, 'drugY') ¥
(6,22, 'F', '"NORMAL', 'HIGH',0.676901,0.078647, 'drugX') ¥
(7,49, 'F', 'NORMAL', 'HIGH',0.789637,0.048518, 'drugY') , ¥
(8,41,'M','LOW', 'HIGH',0.766635,0.069461, 'drugC') ,¥
(9,60,'M', "NORMAL', 'HIGH',0.777205,0.05123, 'drugY') ¥
(10,43,'M',"LOW', "NORMAL',0.526102,0.027164, 'drugY')]
sqlcxt = cxt.getSparkSQLContext ()
rdd = cxt.getSparkContext().parallelize(druglList)
print 'pyspark read data count = '+str(xrdd.count())
df = sqlcxt.createDataFrame(rdd, _schema)

cxt.setSparkOutputData (df)

node.setPropertyValue ("python_syntax", python_script)

R DOFl

JHHHFE Script example for R
node.setPropertyValue ("syntax_type", "R")

R_script = """# 'JSON Import' Node v1.0 for IBM SPSS Modeler
# 'RISONIO' package created by Duncan Temple Lang - http://cran.r-project.org/web/packages/
RJISONIO
# 'plyr' package created by Hadley Wickham http://cran.r-project.org/web/packages/plyr
# Node developer: Danil Savine - IBM Extreme Blue 2014
# Description: This node allows you to import into SPSS a table data from a JSON.
# Install function for packages
packages <- function(x){
X <- as.character(match.call()[[2]])
if (!require(x,character.only=TRUE)){
install.packages(pkgs=x,repos="http://cran.r-project.org")
require(x,character.only=TRUE)

%
# packages
packages (RISONIO)
packages (plyr)
JHHE This function is used to generate automatically the dataModel
getMetaData <- function (data) {
if (dim(data)[1]<=0) {

print("Warning : modelerData has no line, all fieldStorage fields set to strings")
getStorage <- function(x){return("string")?

t else §
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getStorage <- function(x) {
res <- NULL
#if x is a factor, typeof will return an integer so we treat the case on the side
if(is.factor(x)) 1
res <- "string"

1 else §
res <- switch(typeof(unlist(x)),

integer = "integer",
double = "real",
character = "string",
"string")

return (res)

¥
3

col = vector("list", dim(data)[2])
for (i in 1:dim(data)[2]) {
col[[i]] <- c(fieldName=names(data[i]),

fieldlLabel="",
fieldStorage=getStorage(datal[i]),
fieldMeasure="",
fieldFormat="",
fieldRole="")

mdm<-do.call(chind,col)
mdm<-data.frame (mdm)
return(mdm)
¥
# From JSON to a list
txt <- readlLines('C:/test.json')
formatedtxt <- paste(txt, collapse = '')
json.list <- fromJSON(formatedtxt)
# Apply path to json.list
if(strsplit(x="'true', split='
' ,fixed=TRUE) [[1]][1]) %
path.list <- unlist(strsplit(x='id_array',6 split=','))

i=1
while(i<length(path.list)+1)1{
if(is.null(getElement(json.list, path.list[i])))+{
json.list <- json.list[[1]]

telsef
json.list <- getElement(json.list, path.list[i])
i<- i+l
3
3
# From list to dataframe via unlisted json
i<-1

filled <- data.frame()
while(i < length(json.list)+ 1){
unlisted.json <- unlist(json.list[[i]])
to.fill <- data.frame(t(as.data.frame(unlisted.json, row.names = names(unlisted.json))),
stringsAsFactors=FALSE)
filled <- rbind.fill(filled,to.fill)
i<- 1+1
k
# Export to SPSS Modeler Data
modelerData <- filled
print(modelerData)
modelerDataModel <- getMetaData(modelerData)
print(modelerDataModel)

node.setPropertyValue("r_syntax", R_script)

3 50. extensionimportnode 7O /NT 1 —
extensionimportnode 71 75 ¢ — F— 2 A FuRF 4 —D B
syntax_type R R £7z1% Python D &5 5D R
VT EFATTLNEEL X
Python TRMBTFTIZANVETT )
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3R 50. extensionimportnode 7O /X7« — (%t &)

extensionimportnode 71 35 4 — Vabet £ FTans 4 —D A

r_syntax string FITTBHRRIZUVTS b U &R
v 7 R,

python_syntax string %4T¥ % Python 227V F k&
YRy TR,

fixedfilenode 70O/\7« —

il

node

node.

node

10],
12,

node.
node.

HEE7 74+ —FRT, BEEITA4—NLVE - TFAF - T2 40T —X%A

) YE—FLET, TIT. 77 AADT 4 FREYSNTOE AN, [ LA

POBES>TEIFEEXENTVEST, avPa—X—4RKDOTFr—%, [HEDS X
TLDTF—REEE., LRALEBEERE 74 — LV FEXRCHEEIN TV T,

= stream.create("fixedfile", "My node")
setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")

.setPropertyValue("record_len", 32)
node.
node.

setPropertyValue("skip_header", 1)

setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 7], ["BP", 9,
["Cholesterol",

22], ["Na", 24, 25], ["K", 27, 271, ["Dxug", 29, 32]])
setPropertyValue("decimal_symbol", "Period")
setPropertyValue("lines_to_scan", 30)

5k 51. fixedfilenode 7O /NT 1 —

fixedfilenode 71 875 4 — T—2% Fas 14—t
record_len number HLa— FOXFREEELE T,
line_oriented flag HZLa—FOREDBATXFEAFXv L
3
decimal_symbol default T =XV —=ATEDLILTW B/ NSRS,
Comma
Period
skip_header number BHDL 3 — OIS THMAT 2178 %5
ELET, FIRBLEZEHET 25521
LB F T,
auto_recognize_datetime flag AT — &0 AR E 23R % B EIC R
ETENEIDPEEELE T,
lines_to_scan number
fields list gl 7 a7 4 —,
full_filename string BIABT 7 ANDT 4 L7 M) —% B

e A,
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5% 51. fixedfilenode 7O/NT 1 — (Wi X)

fixedfilenode Fu 85 4 — 7 — &Kl s 4 —DHH
strip_spaces None 4 ¥ R— RSP DB D AR—R %
WELEI,
Left
Right
Both
invalid_char_mode Discard F— R AP OEPIERFE (XL, 0. £7=
WBHREOTL Y a— FHIZFEEL TWRWX
(Discard). f&E X 7= 1 LFDELETAHIE
BT REEHZ F 3 (Replace),
invalid_char_replacement string
use_custom_values flag
custom_storage Unknown
String
Integer
Real
Time
Date
Timestamp
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5% 51. fixedfilenode 7O/NT 1 — (Wi X)

fixedfilenode 0 85 4 —

7 S

Farns 4 —0i

custom_date_format

"DDMMYY "

"MMDDYY"

"YYMMDD"

"YYYYMMDD"

"YYYYDDD"

DAY

MONTH

"DD-MM-YY"

"DD-MM-YYYY"

"MM-DD-YY"

"MM-DD-YYYY"

"DD-MON-YY"

"DD-MON-YYYY"

"YYYY-MM-DD"

"DD.MM.YY"

"DD.MM.YYYY"

"“MM.DD.YY"

"MM.DD.YYYY"

"DD.MON.YY"

“DD.MON.YYYY"

ZDTaRT 4=, HRRL (=P —
RE) A ML= PIREINBGE DA
X,
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5% 51. fixedfilenode 7O/NT 1 — (Wi X)

fixedfilenode 0 85 4 —

7 S

Farns 4 —0i

"DD/MM/YY"

“DD/MM/YYYY"

"MM/DD/YY"

"MM/DD/YYYY"

“DD/MON/YY"

"DD/MON/YYYY"

MON YYYY

q 0 YYYY

ww WK YYYY

custom_time_format

"HHMMSS "

"HHMM"

"MMSS*"

"HH:MM:SS*"

"HH:MM"

"MM:SS*"

"(H)H: (M)M: (S)S"

"(H)H: (M)M"

"(M)M: (S)S"

"HH.MM.SS*"

"HH.MM"

"MM.SS*"

"(H)H. (M)M. (S)S"

"(H)H.(M)M"

"(M)M. (S)S"

ZDTUART 4 —IE, HRRL (—HF—
WE) A DL —IUDHEEINBHE DA

MEhEs,
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5% 51. fixedfilenode 7O/NT 1 — (Wi X)
fixedfilenode 7B 87 4 — 7= Furs 4 —o
custom_decimal_symbol field HAR L (L—HF—FFKE) A L —IhFE
EEINIHEDABHINE T,
encoding StreamDefault FTEAMDIZYaA— FHEEZEELET,
SystemDefault
"UTF-8"

gsdata_import /— RO 7O/NT 1 —
' <y T TR TR T — R A=V T 2y T a VITEDATIZIE, H

@ mmmi - FEEALET.

3+ 52. gsdata_import / — R D Z7O/NT 1 —

gsdata_import /—FD 7w X |F—4H ZTans 1 —OitH

TA—

full_filename string a— R L7%ZW.shp 77 A LD 2% AL ¥
K

map_service_URL string o~y 7 —E XD URLZ AL F
s

map_name string DTN T4—=ZE . vy - RDm b
D7 A NE—HEEPIENENE T
(map_service URL 23 255D HA),

jsonimportnode D 70O/\7T+ —
JSON AJ1/ =K, ISON 7 7 A b7 =R %A Y R—=FLET,

[JSON]

% 53. jsonimportnode ® 7O /NT+4 —

jsonimportnode ® Fm X7 [ F—&H Fany 4 —DiH
full_filename string NRAEEL, TR T 74 Ve
string_format records JISONR MY Y7 D7+ —<v MEIEEL
F9%, 774 M& records TT,
values
auto_label N—Y 3 18.2.1.1 TEM
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sasimportnode 7O/\T7T —

B SAS £ ¥ KR— bt « J— KT, SAS 7 —4& % IBM SPSS Modeler N4 Y K— L ETF,
SA5%

{5

node = stream.create("sasimport",
node.setPropertyValue("format",
node.setPropertyValue("full _filename",
node.setPropertyValue ("member_name",
node.setPropertyValue("read_formats", False)
node.setPropertyValue("full_format_filename",
node.setPropertyValue("import_names", True)

"My node")
"Windows")

"C:/data/retail.sas7bdat")
"Test")

"Test")

% 54. sasimportnode 7O /XT+« —

sasimportnode 7B 7§ — 5 — FuRT 4 —D
format Windows AVKR=P FT27 74 1DIEA,
UNIX
Transport
SAS7
SAS8
SAS9
full_filename string NRAS GO, TRIRT 7 AN, ZDH
Az AN LET,
member_name string FEEL/ZSAS F 7 VAR—=b - 774D
BAYVR-PTERUN—RIBELE T,
read_formats flag HBEINEER 774006, F—&ER
(BT RNVRY) i HIABE T,
full _format_filename string
import_names NamesAndLabels AV R— MRRICERZ B SRV Y
Yy 733 AERTRELET,
LabelsasNames

simgennode 70O0/\7T —

PIal—varAER//—FRICEh, ¥IaL—TarNBROTF— R ERGICERT

S BN TEET,

CDrE 2—F—IEDMEI D2 M L TRilD 54EKT %

. BEOERETFT—ZIZHLTIIal—aryo4Tidd/ — F2ETFLTESN
omEHALT BEICAER T2 e TEEd, 2L, ETLDANICAE
EMED D 2R TFHIE T DFERZFHE$ 2 & =@ T,
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3R 55. simgennode 7O /NT+ —

simgennode 71 85 4 — T—5R FanT 4 —DFHH
fields ML 7 a7 4 — Bz 28
correlations gl a7 4 — 5] % 28
keep_min_max_setting boolean
refit_correlations boolean
max_cases integer H/MEIX 1000, FAfEIE
2,147,483,647 T3,
create_iteration_field boolean
iteration_field_name string
replicate_results boolean
random_seed integer
parameter_xml string RT R =K — XML & XFH 2 LTR
LEd,
fields D

T, UToOM 2T 2MELShzAay b I —-ZTT,

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, locked, [distribution3], min, max]

D

distribution i, #HHDES . 2K . BHEOKRTCEORT7ZEL Y A N TT, F0MIER
DEIWERINZT T,

[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Unifoxm",[["min",6"1"],

["max","2"11], "*, "*1])

BIZX, ZHAMOE—T 4 =V FE2ERT 2/ — FN2ERT 272D, UTDORZ VT 2T %
BOVHDET,
simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)

simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],
[“pIOb“, 0.7]]], IIII, IIII]])

ZHSHTIE. N prob D2 DD NI X =R —FfHL I, ZHSMTIE, &AME L RKRMEIZY K- b
Y, XTI LTEINET,

¥ :distribution ZEHRETLZ I LIITEEHA, ZHUE. fields a7 44— e HICHFHL Z
R

TFofITid, BN ITXRTODHEA T2 RLET, NegativeBinomialFailures &
NegativeBinomialTrial @fj/7 T L EWHA thresh ¥ LTANZINTWE Z L ITERLTL X
(VAN

stream = modeler.script.stream()

simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel",6"1"],["shape2","2"]111, "", ""]
binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" ,"1"],["pzob",6"1"]] "

1, e
categorical_dist = ["Field3", "String", False, ["Categorical", [["A",0.3],["B",0.5],["C",0.2]111, "", ""]
dice dist = ["Fieldd", "Real”, False, ["Dice". [["1" ,"8.5"1,["2","0.5"117, " "]
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exponential_dist = ["Field5", "Real", False, [“Exponentlal [[ scale l ]
fixed_dist ["Field6", "Real", False, ["Fixed", [["value" (NI "]
R

17, ",
gamma_dist = ["Field7", "Real", False, ["Gamma", [["scale" l ] [ shape oAy, Ty, ““]
lognormal_dist = ["Field8", "Real", False, ["Lognormal", [[ a","1"1,["b 111, ", ""]
negbinomialfailures_dist = ["Field9", "Real", False, [" NegatlveBlnomlalFallures [ pIOb "0.5"],[" thresh
neghinomialtrial_dist = ["Field1@", "Real", False, [ NegatlveslnomlalTrlals [[ prob 20, " thresh”
normal_dist = ["Field11", "Real", False, ["Normal", [["mean" l ] [ stddev "2"111, i "]
]

poisson_dist = ["Field12", "Real", False, [“Poisson [r" mean "1"]

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN" [l 3] ] [ END [2 4] "1, [ PROB [[0]5] [0 5]] 111,

triangular_dist = ["Field14", "Real", False, ["Triangular", [[ min" 0 1, [ 1 ] [ mo e"
uniform_dist = ["Field15", "Real", False, ["Uniform", [[”mln "1"], [ max 2 ]]]
weibull_dist = ["Fieldl6", "Real", False, ["Weibull", [["a", ng" 1, ["b", "1 ] ["c","1" ]]] nw, oy

simgennode.setPropertyValue("fields", [¥
beta_dist, ¥

binomial_dist, ¥
categorical_dist, ¥
dice_dist, ¥
exponential_dist, ¥
fixed_dist, ¥

gamma_dist, ¥
lognormal_dist, ¥
negbinomialfailures_dist, ¥
negbinomialtrial_dist, ¥
normal_dist, ¥
poisson_dist, ¥

range_dist, ¥
triangular_dist, ¥
uniform_dist, ¥
weibull_dist

D

correlations Dl
I, UToExeERT 2 EEkaEnz21y b T X—XTT,

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],
[field2, field3, correlation]

D

MBI, +1 526 -1 S TOEROHT TS, BB ELBIETEET 2 B TEXT,
f;“*ﬁﬁ%bi TRTOCRESNET, TR T4 —V FOFET 2356, HBEISMHEBEIT (£7213%K)
RETDHEBDY, RNTFAPTRRENET, THRT 4 =V FBFET 255

@‘5 ZLETEXEA,

statisticsimportnode 7 /\F 1 —

)

"]

"]

fEShTw

P IBM SPSS Statistics 7 7 £ L+ / — K&, B R 2 #H 3 % IBM SPSS Statistics T
' fFHXNS sav 7 7 A VERD T — & B X L IBM SPSS Modeler IZIREEX N7z F %

w¥a s 77 ANERAAAET,

D —FDOTaT 4 —IZOWTIE., 421 R— D [statisticsimportnode 70 %7 4 — ) IZE#E SN T

W,

tmlodataimport /—FD7ONT 1 —

IBM Cognos TM1 AJ1/ — K&, Cognos TM1 7 —ZR—ZAn 567 — X% A4 Y R— b

a LET,

5% 56. tmlodataimport / — R D FO/NT 1 —

tmlodataimport /—Fd 7 n |F—X2H TaNT 4 —DHH
NT 4 —
admin_host string REST API M7k Z F % ® URL,
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5% 56. tmlodataimport / — R D ZF7ONT 1 — (i X)

tmlodataimpoxrt /—F7rn |F—42H Fans s —O N
NT 4 —
server_name string admin_host 22 53R L7 TM1 H—nN—0D %

Hilo

credential_type

inputCredential %
7213
storedCredential

BIRIEMD XA T2 RS 7DIEHEINE T,

input_credential list credential_type 4% inputCredential @
LEIEF FXA v, 2% BIXUIRRY
"F%?Eﬁbijo

stored_credential_name string credential_type %’ storedCredential

DY =X, C&DS ¥ —N—DERIGROLRETZ
BELET,

selected_view

[”7/{_}1/F””7/f
—L R

BRI TML F 2 —7DFEM 2. SPSS AD
T—=RDAVKR= I+ 2fTHF2—-T7 La—D
HHTRETLVRA RO TaATF 4 —, DITIH
ZRLED,
TM1_import.setPropertyValue("selec
ted_view", ['plan_BudgetPlan',
'Goal Input'])

is_private_view flag selected_view DNEHEHAL 2 —TH B30 S
PEEELET, 774 ME false T
ER

selected_columns ["74—NEF"] BIRL 2B IEE L E T, fEETE5HEIZ L

DDATT,

il
setPropertyValue("selected_columns
", ["Measures"])

selected_rows

[”7/{‘—_}1/}\‘\””74
—L R

BHRUZATZEEL £

fl:

setPropertyValue("selected_rows",

["Dimension_1 1",
"Dimension_3_1",

"Dimension_2_1",
"Periods"])

tmlimport / — FD70O/\Tr — (BELE)

IBM Cognos TM1 AJ1/ — KX, Cognos TM1 57— X R—ZAn 5657 — X% A4 VR — b

a LT,

H:ZD/—Fi. Modeler18.0 THIEXNE L, ZHICEXHDL ) —FDXZ7 V) 7 M4
tmlodataimport T3,
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5K 57. tmlimport / — RO FONT+1 —

tmlimport /— RO 7Fm 54 | F—&HK FaxR7 4 —0DHH

—

pm_host string H:N=—Yar16.0BLU017.0 DHEDA

AR M ITIhlZRL £5,
TM1_import.setPropertyValue("pm_ho
st", 'http://9.191.86.82:9510/
pmhub/pm")

tml_connection [field", "field", ..."f | : N—2 2 ¥ 16.0 LU 17.0 DBHED A
ield"]
TM1 H—N—DHEHDFMZ EL VA DT
a7 4 —, JERERXDEEBHTT:

[ "TM1_Server_Name", "tml_
username","tml_ password"]

LIrichlzmrL £3,
TM1_import.setPropertyValue("tml_c
onnection", ['Planning Sample',
"admin", "apple"])

selected_view ["7 4= F""7 4 BRI TML F 2 —TDFEM L. SPSSAD
—L R T—RDAVKR=—+ZT5Fa2a—T La—0D
HHTEEL VR DT RT 4 — LITIH
ZRLETD,
TM1_import.setPropertyValue("selec
ted_view", ['plan_BudgetPlan',
'Goal Input'])

selected_column ["74—F"] BIRLYZHRELE T, EETEZ2HEIXL
DDATT,

i
setPropertyValue("selected_columns
", ["Measures"])

selected_rows ["74—=nF""T7 4 [FERUIATRIEE L LT
—JL R
il
setPropertyValue("selected_rows",
["Dimension_1_1", "Dimension_2_1",
"Dimension_3_1", "Periods"])

twcimport /— RO 7ONT 1 —

R YR=PLET, ZNEMHFHLT, D25OBEZZETHROXRT —X %
BETEES, ZAuckh, HHRERRD EHTEREORR T — X2 Z2FMHL T,
ERERERA X3 DOKRTEEOL IR R YY) a—2a YORFIHEILTS
MW TEET,

: TWC AS)/ — FiZ. IBM ES X ZAD 1 D TH % The Weather Company 72 55 HR T —
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5k 58. tweimport / — RO FONT+4 —

twcimport /— R m | F—4H
NT 4 —

Fans s —oH

TWCDataImport.latit |Real
ude

BEOMEEZFR [-90.0790.0] THEE
L%,

TWCDataImpozrt.longi |Real
tude

BEOEZFRA [-180.07180.0] TR
EFLET,

TWCDataImport.licen |string
seKey

The Weather Company 225 AF L7z 5
AV R - F—ZIEELET,

TWCDataImport.measu |English
rmentUnit

Metric

Hybrid

MEHRMZIEELE T, fEETZ5HE
¥, English, Metric, Hybrid T%,
Metric 237 7 4+ )V M T,

TWCDataImport.dataT |Historical
ype
Forecast

ANTEERT—RDRAL TEEELE
3, fHETX= Z{HIX, Historical ¥7-
!X Forecast T%, Historical 237
7 F ) FTT,

TWCDataImport.start |#&%k
Date

TWCDataImport.dataType iZ
Historical Z#5&E L =& 1d. FtGH
% yyyyMMdd OFERTHEL £,

TWCDataImport.endDa %
te

TWCDataImport.dataType i
Historical #f§E L7=5&1E. % TH
% yyyyMMdd OFERTHEL £,

TWCDataImport.forec |6
astHour
12
24

48

TWCDataImport.dataType i
Forecast Z18E L =85 &1%. BRIt
LT6, 12, 24, F/-1X48 Z4EEL ¥
KR

userinputnode 7O /N7 1 —

. AP A S — FRAFTIUL. BODS. 55 VEHEOTF—XEEELT, &
=8 W7 — 2RI ERTE ST, Chid. TRAERMORET — Xt v b RIERT
e BHAR IR B £,

il

node = stream.create("userinput", "My node")
node.setPropertyValue("names", ["testl", "test2"])
node.setKeyedPropertyValue("data", "testl", "2, 4, 8")
node.setKeyedPropertyValue ("custom_storage", "testl", "Integer")
node.setPropertyValue("data_mode", "Ordered")
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3R 59. userinputnode 7O /N7« —

userinputnode 71 7 4 — T—5R Fang 4 —OHH
T—H
names J—RICEOERINTZT74 =L EFHDY
AN EREFE TR IEEERr Y b,
custom_storage Unknown 74— RDRA ML=V RET DK
j—\ :‘L\"_ 3 Q] b4 ]\o
String
Integer
Real
Time
Date
Timestamp
data_mode Combined Combined 2MEE XN/ E. L a— R,
ty M RNEKEDZhZNHAAS
Ordered LRI OVWTEREINE T, ElENhizL

a— R, 2274 — L FOED
BUEDREICHEL L2 b ¥, Ordered 28
fEEEINGE. T2 1T2ERT 5729
12, &L a— RORYH S 1L EDEDHEL S
NET, EFEhzra— . 74—
L RICBEBEM I 5N TV AR AKDEIZE L
KB ET, Ih/hSnwF—XEZ2F>7
4 =L R, XVETHED SNET,

values F:zora74 -k
userinputnode.data ICE X1z S/
72, HHLZRWTLZE W0,

variablefilenode 7O/\7 1 —

F = AIZEE7 74V /) —FT, AIZEEZ74—1LVEK - TFAF 7740, DD 74—

: VBB —ETHET7 4 =V FNOXFBDRZ L a—-FEBLT 7 A A0 5. T
—RERAHAIAAET, 2D/ —FiE, FEREDAY X—+ T7X A M2bH 5OERD
HBT 7 ANMHHEHTEET,

il

node = stream.create("variablefile", "My node")
node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node.setPropertyValue("read_field_names", True)
node.setPropertyValue("delimit_other", True)
node.setPropertyValue("other", ",")
node.setPropertyValue("quotes_1", "Discard")
node.setPropertyValue("decimal_symbol", "Comma")
node.setPropertyValue("invalid_char_mode", "Replace")
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node

node.
node.
.setKeyedPropertyValue("values",

node

.setPropertyValue("invalid_char_replacement",
node.

setKeyedPropertyValue("use_custom_values", "Age", True)

setKeyedPropertyValue("direction",

setKeyedPropertyValue("type",

IIAgeII' IIInputll)
IIAgeII' IIRangell)
"Age", [1, 100])

5 60. variablefilenode 70 /NF+« —

variablefilenode 7u 3574 |F—4H TaR7 4 —D
skip_header number RHID L 3 — R OSEIH TS 2 37
ZHEELET,
num_fields_auto flag HFLa— KD 74—V FOEZEBHBINC
RELET, La—FiE, UTFTHED
ZRENH D ET,
num_fields number HLa— KD 74—V FOEEFHITHE
ELET,
delimit_space flag 77 ANDT 4 =)L K% XY 23X FriE
ELET,
delimit_tab flag
delimit_new_line flag
delimit_non_printing flag
delimit_comma flag ZoHE, AVRIFA MY —LNTT 4 —
IV RDORY)D e e MiiXY) D 55 DA
TH 39, delimit_other # true IZF%
FE L. other ’m 71 —ZfHL., a2~
~ERXYUIDEE LTHEELE T,
delimit_other flag other 7a X7 4 —ZfEHL T, #RAX A
RUIhEEEr L1 —YF—DIEETEET,
other string delimit_other 7% true IZB&E STV
2 ZIMHHINARXYI DS ZHEE L
s
decimal_symbol Default T—& V) =ATHEbLI TV B/ NG S
ZHEELET,
Comma
Period
multi_blank flag RO T2 77 /XU XF% 1
DOXYIY 7 LTRNE T,
read_field_names flag T—& 7 7 A IVHORIIDITEHND X
e LTHRDFNE T,
strip_spaces None 4 ¥R — MRIZSCFHNDFIHR D A R— R
PWELET,
Left
Right
Both
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5% 60. variablefilenode 7O/NT 1 — (i X)

variablefilenode 7854 |F—&H TaR7 4 —DFHH
invalid_char_mode Discazrd F— R AN OPIELRFE (XL, 0. £/~
WHEDO T Y a— FHIFEL TR
(Discard), ¥EE XN/ 1 XFDiL 5 TARIE
RN TFREEHZ %3 (Replace),
invalid_char_replacement string
break_case_by_newline flag ITRYID XFDBBATXFTH 5 Z & &fh
ELET,
lines_to_scan number BE LT —28% 2% v V3 21780k
FRELET,
auto_recognize_datetime flag AN 7 — 20BN % 72132 BB
FETILEIDEIHRELE T,
quotes_1 Discard 4 v R— b COR—5|HfF DN %%
FBELET,
PairAndDiscard
IncludeAsText
quotes_2 Discard 4 ¥ R— b TOZEHG | AT O %
FRELET,
PairAndDiscard
IncludeAsText
full_filename string HAABRT 7 ANDT4 LT M) —% 5
LIER AT,
use_custom_values flag
custom_storage Unknown
String
Integer
Real
Time
Date
Timestamp
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5% 60. variablefilenode 7O/NT 1 — (i X)

variablefilenode v 85 4

—

7 S

Zans 4 —0uH

custom_date_format

"DDMMYY"

"MMDDYY"

"YYMMDD"

"YYYYMMDD"

"YYYYDDD"

DAY

MONTH

"DD-MM-YY"

"DD-MM-YYYY"

"MM-DD-YY"

"MM-DD-YYYY"

“DD-MON-YY"

"DD-MON-YYYY"

"YYYY-MM-DD"

"DD.MM.YY"

"DD.MM.YYYY"

"MM.DD.YY"

"MM.DD.YYYY"

"DD.MON.YY"

"DD.MON.YYYY"

HAR L (=Y —3KE) A b L —I D5
EEINABEDOABEHEINE T,

HOE AN/ —FoTa 74— 117



3R 60. variablefilenode 70O/ T« —

(FE &)

variablefilenode v 85 4

—

7 S

F 0T 4 — D]

"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

118 IBM SPSS Modeler 18.2.2 Python 227 ) Fr e A — b X —>a > « HA R




5% 60. variablefilenode 7O/NT 1 — (i X)

variablefilenode v 85 4

—

7 S

Zans 4 —0uH

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"

"HH:MM:SS"

"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"

“(H)H: (M)M"

"(M)M: (S)S"

"HH.MM.SS"

"HH.MM"

“MM.SS"

"(H)H.(M)M. (S)S"

HAR L (=Y —3KE) A b L —I D5
EEINABEDOABEHEINE T,

"(H)H.(M)M"
"(M)M. (S)S"
custom_decimal_symbol field H AR I (L—F—E) A b L —IDE
EEINLGEDOABEHEINET,
encoding StreamDefault FEIAMDTYaA— R HFEZIEELET,
SystemDefault
"UTF-8"

xmlimportnode 7/\T 1 —

P Y XML AT/ = RFZ2FEHLT, XMLIERXDTFT =X ZRX MY =212 Y R—-FTEET,
[<XML=> | FA4LIZ M) =D 1DODT7 7 ANVEREITRTDI 74NV %L VR—FTEET,
F 7 a T, XMLIEEEZHAADAF—< 77 A L EBEETEET,
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il

node = stream.create("xmlimport", "My node")
node.setPropertyValue("full_filename", "c:/import/ebooks.xml")
node.setPropertyValue("records", "/author/name")

3R 61. xmlimportnode 7O /N7« —

xmlimportnode 7R 35 ¢ — F— 2 Fu5 4 —D B
read single PO F— X -« 7 7 4 VEFAAL (77
ANR) D T4LZ PY—HADFTRTD

directory XML 7 7 A VG AIAAE T,
recutse flag HELETALZ M) —DFTRTOHSTF

AL Z MY —26 XML 7 7 4 AEBIIT
HARLPE D PERELE T,

full_filename string (WEH) A Y R—=FF 5 XML 7 7 4 LD5E
ERABLXSIT7 74 V4% (read =
single DIHA),

directory_name string (WE)XML 7 7 A VB Y KR—= T 5T 4
L7 bV —DERNRAE XU (read
= directory DHAE),

full_schema_filename string XML #i& %2 5 AiAEe XSD 7 7 4 L E 7213
DTD 7 7 A VDSEERABIU 7 7 4L
Ho TONRTRA—R—F2FHT L, i
ZXMLAN 7 7 4V oitAAAE T,

records string La— FOESRZERT S XPath I (1 : /
author/name), AJ17 7 £ LT Z DER
BT 228z, it a— FER
SNFET,

mode read ITARTDT—XZiAAL (T 7+ 1)
D, mARAUHEEEZIEELE S,

specify

fields A YR=FT2HEHE EZHeE®E OV X
Fo UZARADETA T 4I1E XPath R T
ERS
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10 =

La—FRiE/ — D 7ua)Nsy 4 —

appendnode 7O /\T 1 —

il

node

node.

La—PFE/—FT, va—Foty b2EFTLET, La— NEN/ — Pl #

b EHBTORSSF—RXBRERZF—X - Ly F2HASE L HEIEIEE T,
= stream.create("append", "My node")
setPropertyValue("match_by", "Name")

node.setPropertyValue("match_case", True)
node.setPropertyValue("include_fields_from", "All")
node.setPropertyValue("create_tag_field", True)
node.setPropertyValue("tag_field_name", "Append_Flag")

5K 62. appendnode 7O /NT+« —

appendnode 7085 4 — [ F—xK Furs 4 —0HH

match_by Position XA Y e T—=&R ) —=AHFDT 4 —)L FDAIL

& (Position) . ¥ ANT—Xty FHHD
Name 74—V F4% (Name) 2RI LT, T—X&
ty FVEBINTEET,

match_case flag 74 =L R HEEET 5 & 2ITRCF e
XFDOXA[ZHIMZ L £T,
include_fields_£from Main
All
create_tag_field flag
tag_field_name string

aggregatenode 7O/\T 1 —

il

node

La— FEEH — T, —EO AL a— FERENEF S H L a— NICE %

ETS ZET,

= stream.create("aggregate", "My node")

# dbnode is a configured database import node
stream.link(dbnode, node)

node

.setPropertyValue("contiguous", True)
node.
node.
node.
node.

setPropertyValue("keys", ["Drug"])
setKeyedPropertyValue("aggregates", "Age", ["Sum", "Mean"])
setPropertyValue("inc_record_count", True)
setPropertyValue("count_field", "index")




node.setPropertyValue("extension", "Aggregated_")
node.setPropertyValue("add_as", "Prefix")

7 63. aggregatenode FO/NT+ —

g&é&

aggregatenode 7174 |F—xH FaRF 4 —D

—

keys list HEHCF—L LTHATES2 74— LD

—ERRINZFT, HIZIE F—- 74—
R Sex ¥ Region OGA. —EEMEF
D, BIUHIBN ¥ SOZNFNOMAED
I L CTERIL a— FAMEREINE T (4

DD—ERHAE D),

contiguous flag AL F—HEFOTRTDOLa—FRAN
WK —MEEINTWB5E B 21X, AN
¥ —- T4 —LFRIZY—FENBHAR). Z
DT arZERLET, ZO0F 7 a
VEEIRT AL, RT7x—<VADMAELELE

ER

aggregates HEHT28UE7 + — L R BIXUEREINT
WBEEHE— P2 RRT G T a8 7
14—

aggregate_exprs IREZ7 4 — VRO AR, 2D 74—V K%

AT Z/-DICHEHIEER e s
—t33x— Fa74—, Hi:

aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX",

"MAX('Na')")

extension string BHEEG 7 4 —L FITHIL S8 SR
TSR EZIEE L 27 (ToflZSR),

add_as Suffix

Prefix

inc_record_count flag HEFHL a— FZ2ERT 2 D IcEita
ATV a— FBzIEET %2B8M7 4 —L
FARERR L 3,

count_field string La— FEHT 4 — L FOARTZIEE L %
K

allow_approximation Boolean Analytic Server TOHEET DFITIRAICIEFHET
DIEMZFFAI L E 5,

bin_count integer EPITHEAT 2 B EL 3,

balancenode 70O/\7 1 —

NFGUR ) =FRT, 7—X £y FPEELLFMFICES LS, 7—X kv b
> DR EEBIELE T, T Y AAT, h%btw¢k£ofmﬁﬁﬁama®ﬁA
2. La— FOREFEL 35,
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il

node = stream.create("balance", "My node")
node.setPropertyValue("training_data_only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]])

£ 64. balancenode 70O /NT 1 —
balancenode 7B X5 4 — | F—xH FuT 4 —D B

directives EEXNEBEICHESWT 7 4 — L RED
HE RGN T 270 0EL T a7 4
— (ROHIESILTL 72X W),

training_data_only flag HERT—RDABNT v 2LEND K51
ELET, 7= XKD 74—V FBA MY
— LFTIEEINTORWEE, 2ot T
g \/ai%*ﬁéhij—o

D —=Fo7TanT 4 = ZXROEREMHL 5,

[l number, XXFH 1 ¥ [ number, SLFH] ¥ ... [number, XXFH) 1]

1 XFH RS DAL S (CES AT ZERH). ZOREICI A7 —TXF" ¥ " RI5ET 208NN
HHET, " ¥ "NFEF (THEXFTHDIDET, ThEFHALT, 5I8ZRPLIRATEDRTS 2
EWTEET,

cplexoptnode 7O/NT

CPLEX D fi#{t / — FiZ & . OPL (Optimization Programming Language) €7\ -

% 2 7 4 L% A UM B0F (CPLEX) N— 2 0 B MRS X N T 5, = o)
F&HEIX IBM Analytical Decision Management #5 T RTHET 323, IBM Analytical
Decision Management D@72 L IZ, SPSS Modeler T3 CPLEX / — RZ{#HTZ 3
XOWmbFELL,

CPLEX D fwif{tid & T OPL IZDWTEEL < &, IBM Analytical Decision Management
DERE B TLZE W,

£ 65. cplexoptnode 7O/NT«

cplexoptnode 71235 4 F— 2% FURF 4 —DFi
opl_model_text string CPLEX Oiifift. 7 — R23FAT L. Fidifb.o

R EAR T % OPL (Optimization
Programming Language) 27 ) 7'+ 71
77 b

opl_tuple_set_name string ANT =R T S, OPLETILDRS
Nty b, ZHUIRETIERL, 22
THIZE-oTHESIND Z L IXEHEDD %
BhAo BIRENLT =2 V—ADT 4 —
VR Ry U RRET 27-DICDAME
HUTLZEE W,
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5 65. cplexoptnode 7O/NT 1 (Fi %)

cplexoptnode 712 %5 4

7 S

Fars 4 —0i

data_input_map

Mgk 7 v 74 DY
A b

T—R YV —ADANT 74— F vV
7o ZAUTRMETIERL, A7V T MK
STHEINZ I LIZEEDD A, E
RENETF—E Y —ZADT 4 —ILE <
VU RRETL-DICOAERLTLE
W,

md_data_input_map

MEE T a7 4 DY
A b

OPLINTERINIEX I ILED T 4 —IL
F=vbr7, Blozhztuaxics s
T4 —NEF F—=& V=2 (ANT—R&),

I—HF—lF, T—&X VAT IZEFNFR
PEANCRETEE ST, ZORIZV T+ %
RS2, Tu 874 ZEEZREL T,
ITRTOVY Y 7% —EICRETEE

To COFEF, 2—HF— VX —Tx—
AWIFRREINFEE A,

DESNCOE NS PR RECT S EP
<7,

T—=RI—RART: T =R —ADRT,
I TR V=R Ry TXY IR
RENFT, HlZIE. 0_Products_Type
DEE. R 0TI,

F—=BRI)—=AAVTFOIRT—R Y —
AU — R (AT v I R), TH
. ERIERICEC TIRESNLE T,

A I—F:F—=& YV —2D AN/ —FK
EFER). ZhlF 7—&X V=R Fuy7%¥
T FIRENE T, HZIR,
0_Products_Type D&, AJ1/ — Rk
Products T3,

il A 2 — R BED CPLEX D&tk /
— RicEf S NzHai 7 — F (FR). Zh
F.F—& V=R Fay FZxY NI FRE
NnE ¥, HlziE, 0_Products_Type D
B, BlEA/ — Fid Type T,

XNy b T—&X « V—ADXTNL
tv + 44, ZAUL. OPLINDEFE L —F
LZRAENDH D 5,

RINT4—=INVERH:T—R I —ADXS
Nty b 74—V KH, ZHIE OPLXT
Lty VEBRNDERE —HT 5 0HEH
HHET,

APL—=T R4S 74—V F A bL—
D RAT, fEETE B{EIZ, int, float.
F721% string T,
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5 65. cplexoptnode 7O/NT 1 (Fi %)

cplexoptnode 712 %5 4

7 S

Fars 4 —0i

T—=RI74—NFHh:T—R -V —ZAD7
4 =L K44,

fi):

[[0,0, 'Product', 'Type', 'Products', 'pr
od_id_tup','int', 'prod_id'],

[0,0, 'Product', 'Type', 'Products', 'pro
d_name_tup', 'string’,

'prod_name'],

[1,1, 'Components', 'Type', 'Components'

"comp_id_tup','int', 'comp_id'],

[1,1, 'Components', 'Type',
‘Components', 'comp_name_tup', 'string’
, 'comp_name']]

opl_data_text

string

OPLIZHHT 2Z. 2FE D T —RDEF.

output_value_mode

string

{EETE 2fHIX. raw £7/-1X dvar T,
dvar Zf5E€ L7256, 2—¥ =& THJ1
& 7T OPL ® HWEIE o £ £t = 1 H
WHRETA2REND D T, raw ZIFEL
7256, BENcBfRR <, BIEBDER
Hhxhzd,

decision_variable_name

string

HIBE A AIE. OPLNTERINE T,
Z AU, output_value_mode 7w 87 4
M dvar ICRE SN TV BRIGEEICDOAER)
22D 9,

objective_function_value_
fieldname

string

HAOCHERT 2 BBEEED 7 4 — L K
%, 774/ & _OBJECTIVE T3,

output_tuple_set_names

string

ANT=EZ 0 DHEFMERINZX T LD
#fl, ZAUX. EERDA Ty 7 RE
LTCoRE xR, 8o )1 THA
I enTHHEhEs, THHE T
¥, OPL NDOREEBER L BEME2HD
RENRDHD ET, BBDA VT v 7 ADD
256, ZAIVEE. ar<(,) THE
NZRENRDHH T,

H—p & 1o Products T3, Xt
J 3 % OPL E#!¥ dvar float+
Production[Products]; T9J,

B D2 T LD
Products,Components T3, X3 2
OPL ‘EZ&!X dvar float+
Production[Products]
[Components]; T3,
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5 65. cplexoptnode 7O/NT 1 (Fi %)

cplexoptnode 71 85 4 T—5R Fang 4 —OHH
decision_output_map gl e 740V |OPLNTERSINHhINA2ZEEH e Eh
Z b 74—V REDEDT74—NLFE vy
7y VAMADBLY T4 74 13 HEELT
“5Ty,

R4 OPL W T3 2 2844,

APL—= « 24 T HEET Z B{HIZ.
int., float. F%kiXstring T,

Wh7s—NVEFH:BRMEOEREZS
ZAR—PF) NOFHHENZ 74— F £,

il

[['Production', 'int', 'res'],
['Remark', 'string', 'res_1']['Cost"',
'float', 'res_2']]

derive_stbnode 7O /N7 —

1l

node

\ AR=R + BRA L Ry Z A+ —Fi, HEE BE BXUZRSL ARV TDHK
QD T4 =N o, AR—A-MH-Ry 7 22 RESEET, HEDRHNWAR—R + X
AL RO TZAEANYTT7O e LTHAT R TEET,

= modeler.script.stream().createAt("derive_stb", "My node", 96, 96)

# MA4DLI—KR] E—RDIHE

node.
node.
node.
node.
node.
node.
node.

setPropertyValue("mode", "IndividualRecords")
setPropertyValue("latitude_field", "Latitude")
setPropertyValue("longitude_field", "Longitude")
setPropertyValue("timestamp_field", "OccurredAt")
setPropertyValue("densities", ["STB_GH7_1HOUR", "STB_GH7_30MINS"])
setPropertyValue("add_extension_as", "Prefix")
setPropertyValue("name_extension", "stb_")

# TNTT7T] E—RDBE

node.
node.
node.
node.
node.

setPropertyValue("mode", "Hangouts")

setPropertyValue ("hangout_density", "STB_GH7_30OMINS")
setPropertyValue("id_field", "Event")
setPropertyValue("qualifying_duration", "3OMINUTES")
setPropertyValue("min_events", 4)

node.setPropertyValue("qualifying_pct", 65)
K66 AR—R « BAL+RyIR+/—ROTOANT+1—
derive_stbnode 7m {7 | F—&%Kl a7 4 —Dith
/f N—
mode IndividualRecords
Hangouts
latitude_field field
longitude_field field
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R66. AR—R + BA L~ RyIR -« /J—ROTONT1— (i)

derive_stbnode 7 85 | F—&%l Tans 1 —D i
,f —
timestamp_field field
hangout_density density B, ARNREEEIIOWTIE,
fdensities) ZZML TLZE W,
densities [density,density,..., %% density (X, STB_GH8_1DAY 7% ¥ O XX F5|
density] T3,
¥ D density BERTH 2 221DV T
i, #lf23H D £3, geohash DHE. GHL
25 GH15 Dz fEHTE %S, oD
T, UToEzZEHTE%ES
EVER
1YEAR
1MONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
1MIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field field
qualifying_duration 1DAY FHITRITIUIR D FH A
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Hours
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
AMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events integer RNDHEMNLEEREIZ 2 TS,
qualifying_pct integer 155 100 OHFIFTRITFIUIR D £ A
add_extension_as Prefix
Suffix
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R66. AR—R + BA L~ RyIR -« /J—ROTONT1— (i)

derive_stbnode 7 85 | F—&%l Tans 1 —D i
,f —
name_extension string

distinctnode 70O /N T —

: HHLa—F -/ —FT, EHELa-FEHIRLET, 2056, RUIOEHETSL
= aA—REF—R - A M) —2ZETH, ThE BPIDOLa— REWHEL T, 20%
DEHLI—FET—X - AP —LIZELET,

il

node = stream.create("distinct", "My node")
node.setPropertyValue("mode",
node.setPropertyValue("fields",

"Include")
[IIAgeII IISeXII])

node.setPropertyValue("keys_pre_sorted", True)

& 67. distinctnode 7 O/NT 1 —

distinctnode 70 54 — | F—xHK Iy 4 —DHH

mode Include F—&R e M) =LA RZRIDEL L a—F %
BB, RPIDELL 3 — FEHFEL T,
P —LAICETZENTEET,

grouping_fields list La—RRFE—TH20E5r2HWT 2

Tedicfibhd 74—V FERRLET,

WH:ZoFa87 4 —1i%, IBM SPSS Modeler
16 LIETIIEIEX R TVWE T,

composite_value

MEfkx ey b

ToRZZR LTIV,

composite_values

MEfL R ey b

ToflZBIRL T ZE W,

inc_record_count

flag

B L a— FR2IENRT 272083 ah
ATV a— FEEIEET %8BI 7 4 —
RFE2ERLET,

count_field

string

La—FER 74— L ROLHETIZIEEL %
T,

sort_keys

Mg b2 m v b,

H: 2o 7a7 4 —1i%. IBM SPSS Modeler
16 LIETIREILEENTVWE T,

default_ascending flag

low_distinct_key_count |flag F— - T4 =N PRV a-FNERIED
BRO—EOEZROXIEEL X T,

keys_pre_sorted flag FUF—EHEHEOTRTOLa— FBAN
TV —FbE s KS5FEL 73,

disable_sql_generation |flag
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composite_value 7O/NT+ —DFl

composite_value Fmu %7 4 =i, UFO—KERich-oTwET,

node.setKeyedPropertyValue ("composite_value", FIELD, FILLOPTION)

FILLOPTION ! [ FillType, Optionl, Option2,

f:

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

setKeyedPropertyValue ("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue ("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue ("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue("composite_value",
setKeyedPropertyValue ("composite_value",

L]0 ERICRoTVWE T,

“Age“, [IIFiISt“])
IIAgeII' [Illastll])

IIAgeII' [IITOtalII])
”Age”, [”AVeIage”])
IIAgeII' [IIMinII])

IIAgeII' [IIMaXII])

"Date", ["Earliest"])
"Date", ["Latest"])
"Code", ["FirstAlpha"])
"Code", ["LastAlpha"])

HARL AT arTlE, BROGIBHMHETHD, ZhbiFyvRbeLcEmMENE T, HlX DT

DEIWTKEYFET,

node.setKeyedPropertyValue ("composite_value",
node.setKeyedPropertyValue ("composite_value",
node.setKeyedPropertyValue("composite_value",
node.setKeyedPropertyValue ("composite_value",
"Separated"])

node.setKeyedPropertyValue("composite_value",
node.setKeyedPropertyValue ("composite_value",
node.setKeyedPropertyValue ("composite_value",
node.setKeyedPropertyValue("composite_value",

composite_values 7O/\F+1 —®D )

"Name", ["MostFrequent", "FirstRecord"])

"Date", ["LeastFrequent", "LastRecord"])
"Pending", ["IncludesValue", "T", "F"])
"Marital", ["FirstMatch", "Married", "Divorced",
"Code", ["Concatenate"])

"Code", ["Concatenate", "Space"])

"Code", ["Concatenate", "Comma"])

"Code", ["Concatenate", "UnderScore"])

composite_values 7u X7 4 —i, UTFO—KERICHE->TVET,

node.setPropertyValue("composite_values", [
[FIELD1,
[FIELD2,

1)
11l

node.setPropertyValue("composite_values", [
[“Age“ , [”FiISt”]] ,

["Name", ["MostFrequent", "First"]],

["Pending", ["IncludesValue", "T"]],

["Marital", ["FirstMatch", "Married",

["Code", ["Concatenate", "Comma"]]

D

extensionprocessnode 7O/\ 71 —

"Divorced",

[FILLOPTION1]],
[FILLOPTION2]],

"Separated"]],

A

HSRDZH ) — N2l T 28, RRZV T M Exk
I% Python for Spark 27 V 7 s Z{#HH LT, AtV
— LB T—XERE L, BUR LT — X &R
WHTZ ¥,
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Python for Spark Dl

JHHHE script example for Python for Spark
import modeler.api
stream = modeler.script.stream()

node = stream.create("extension_process", "extension_process")

node.setPropertyValue ("syntax_type", "Python")

process_script = """
import spss.pyspark.runtime

from pyspark.sql.types import =
cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():

_schema = StructType([StructField("Age", LongType(), nullable=True), ¥
StructField("Sex", StringType(), nullable=True), ¥
StructField("BP", StringType(), nullable=True), ¥
StructField("Na", DoubleType(), nullable=True), ¥
StructField("K", DoubleType(), nullable=True), ¥
StructField("Drug", StringType(), nullable=True)])

cxt.setSparkOutputSchema (_schema)
else:

df = cxt.getSparkInputData()

print df.dtypes[:]

_newDF = df.select("Age","Sex","BP","Na","K", "Drug")

print _newDF.dtypes[:]
cxt.setSparkOutputData (_newDF)

node.setPropertyValue ("python_syntax", process_script)

R DOFl

JHHHE script example for R
node.setPropertyValue("syntax_type", "R")

node.setPropertyValue("r_syntax", """day<-as.Date(modelerData$dob, format="9%Y-%m-%d")

next_day<-day + 1
modelerData<-chind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",6 fieldStorage="date", fieldMeasure="",fieldFormat="",

fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")

5% 68. extensionprocessnode /N T« —

extensionprocessnode 7 | 57— &%l Fany 4 —DitH

QNTF 4 —

syntax_type R RE¥E7IE Python DB LD R Y 7 %5
TI20HEELET RHBT 74 FTY),

Python

r_syntax string FITTHRAZVT s - VR IR,

python_syntax string FIT3 % Python RZ VT2V Ry I A,

use_batch_size flag ANy FILFE R EFHATREIC L £ 7,

batch_size integer BN FIZEDDLT—X La— RO ETs
ELET,

convert_flags StringsAndDoubles ‘757?'&74 — IV REET 204

LogicalValues val,

convert_missing flag RIEMEZE R O NAHICEERT 27004 T
a,

convert_datetime flag HER L7213 B /RLAIERXOZELZ R D
HA /R EW T 272D F T2 a vy
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3% 68. extensionprocessnode 7O /NT+ — (fE X)

extensionprocessnode 7 | 57— &%l Tans 1 —D i

QINTF 4 —

convert_datetime_class | [ .o o HIER £ 23BN /RLERXOZERD 5 5,
POSIX1t CDOWKOER LT 2028 ET 57

DDA T av,

mergenode 7O /NT 1 —

La— RS/ — R, BROATTLVa—FR2EGE L. AJT74— L RO EEE-IT
be o —fE a1 o0l ILa— FERERLET, OB, NEEEE T — X LA
OF—XDE 5%, BREY—ADODF—REEETIHAIEILET,

il

node = stream.create("mexge", "My node")
# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)
stream.link(salesdata, node)
node.setPropertyValue("method", "Keys")
node.setPropertyValue("key_fields", ["id"])
node.setPropertyValue("common_keys", True)

node.setPropertyValue("join",
node.setKeyedPropertyValue("outer_join_tag",

"PartialOuter")

"2", True)

node.setKeyedPropertyValue("outer_join_tag", "4", True)
node.setPropertyValue("single_large_input", True)
node.setPropertyValue("single_large_input_tag", "2")
node.setPropertyValue("use_existing_sort_keys", True)
node.setPropertyValue("existing_sort_keys",

[["id", "Ascending"]])

& 69. mergenode 7O/NT« —
mexgenode 7’ RNT 1§ — 5 R FURT 4 —D B
method Order T—R 77 ANVTOYAMEILa— K%
WMETALES D 12U EoFxF— 74—
La—FEEET 20D, IBEXIN/-5
Conditi a8 L a— Fe2ET a0
ondition S5, 1RF—REy PEFTRTD 2 RF—
2ty NNDOBITORT ZHEET 20D
Rankedcondition PEEELET, WINhoBED, 7714
FREFEHLT, 727 DEV—EH»5 T~
7 DEV—BOIAT TN TO—EHY — k
INFET,
condition string method 2% Condition ICFE XN T W55
B.La—FE2EDLE-IIWET 250%
BELET,
key_fields list
common_keys flag
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5k 69. mergenode 7O/NT+ — (ft X)
mexgenode 7 8T 4§ — T—2H A= 2V R RO 1
join Inner
FullOuter
PartialOuter
Anti
outer_join_tag.n flag TR T4 =T, nlZ 5=ty b
DFER XA 707 Ry 7 ATRKREND
RTHTT, EOXIRBRT—XEy MIT
HoTHARERR L a— FEERT 5 0l6E
MWHD2DT, BBOXITUZIETEX
ER
single_large_input flag EDD AT & LR TH R E R AT 215
ELRELEITODE S EEELE T,
single_large_input_tag |string 99— -7 =Xty bOER) X4 707 -
Ry JRACRKREND X THEIRELET,
o774 —DOHRIZ, 1 DDA T —
Xty b UHPHRETERVE WS KT,
outer_join_tag Fm 74 —2IIHE TR
BB ZEIWHERLTEI W (F—=&28n >
T EXFHNEVIENDHD D),
use_existing_sort_keys |flag AP TTIF—+ T4 —LRTY— KA

PEIDEIEELE T,

existing_sort_keys

([, 'Ascending']
¥[SRI,

TTCRY—rENZT4 =LY — T
MZEEELE T,

'Descending']]

primary_dataset string method #% Rankedcondition DA,
BENDIRT =&ty VEBEIRL T,
T MBSO EMEEZ 2 Z e TE
ESc)

rename_duplicate_field |Boolean method % Rankedcondition DFEICZ

S DTaNRT 4 =" YITHEL. B LT —X
Y — A0 6 B S L7z [F U AR 2 RO E
D7 4 =V EDBREROFEET — XLy b
BENLTVERHE. ZhoDT—% V=2
DERTHBT 4 —)L KDFIRH L DFEHEIC
BIMXHET,

merge_condition string

ranking_expression string

Num_matches integer merge_condition &

ranking_expression IZEDOWTIRE
5 —HOH, B/MEE 1. RAMEIX 100 T
I
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rfmaggregatenode 7O/\ T —

il

node
node.
node.
node.
node.

node.
node.
node.

V—try, 7V 7xvy, v3x&XY—RFM) DL a— FEH ) —FEFHT 3 L.

et BADBED L5297 ay « F—RZERR, REAOTF—XZHIR, BOO S
VI ay TREITNRTHEATIHETA22eRTEET, ZUTED., &K
®F57$7?ay@ﬁ%\F?/ﬁ?/a/ﬁ\pﬂ6®b7/ﬁ7/a/® R
BEN—ERRINET,

= stream.create("rfmaggregate", "My node")
setPropertyValue("relative_to" "F1xed")
setPropertyValue (" reference date "2007-10-12")

setPropertyValue("id_field", "CardID")
setPropertyValue("date_ fleld" "Date")
setPropertyValue("value_field", "Amount")
setPropertyValue("only_recent_transactions", True)
setPropertyValue("transaction_date_after", "2000-10-01")

3R 70. rfmaggregatenode 7 /\N T« —

rfmaggregatenode 71 % | F— &Rl FTans 4 —D i
74—
relative_to Fixed FIUHFTZTarD)—krIREHEZIR
ZHMZHEELET,
Today
reference_date date Fixed 23 relative_to ICE&REXINTWS

Ji]‘lil bo)&’fﬁﬁﬁf%ij‘o

contiguous flag T—& « AFY—LHTRHL ID ZHDTN

TOLaA— FBR—HIZERINBZ LHICT
— RV —FLTWAEE, ZOF T ay
PERT 2 R SH (LT3 Z e TE

E

id_field field BEBIONS V¥ sy a v R#lT 570
DIHEHT 274 -V FEEELE T,

date_field field V-t S 2itB I 2D fEHENSH
74— F2BERLET,

value_field field 3RV —fHEFR ST 2 7DIMEHT 57
4 —Jb F%*E‘ﬁbij—o

extension string BHEEG 7 4 — L FITHIL S8 SR
T3 ERERZIEEL £,

add_as Suffix extension Z#EEFE L TEMT 20, ¥
TIBEEEREE LTINS 20 2HEE L 95

Prefix

discard_low_value_reco |flag discard_records_below s E DA ZH

rds ML ET,

discard_records_below |number RFM O &RTEFIHE T 2 58 H Sz wn

N UH Y a rOFMOR/IMEEIEE S
LeMTEZT, HOHMIZ, EIRXINT-
lvalue] 74— L FICEHEL £,
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5 70. rfmaggregatenode 7O/NT+« — (ft =)
rfmaggregatenode 71 % | F— &%l Tans 1 —D i
TA—
only_recent_transactio |(flag specify_transaction_date £7z1%
ns transaction_within_last #&EDMEH
ZEMNCLET,
specify_transaction_da |flag
te
transaction_date_after |date specify_transaction_date 2 EIR X
TWAEBICOAEHTEET, 740
DB ENHBDO 7 F 7> a>DH
NZEHEELET,
transaction_within_las |number transaction_within_last 25&EIRX
t TVWAHLBIOAEHTEES, La—F
BB ENZHD 1) —t v HHEH
DHD B X2 DIF - A O BB & O
¥(H. B, AEZ3E8 2HEELET,
transaction_scale Days transaction _within_last 25EIRX N
TWVWAHBEICDAFHTEES, La—F
Weeks ﬁiﬁj\*ﬁL:Eihé?é@ |—l) — \/‘\\/%@EJ
DHEAD B XD DIF - MM O E & O
S 3 - B3, 1=t
Mon_ths ﬁE(EI\ ﬂ\ Hif\-&iﬁzﬂ&) %*E%Lij—o
“
save_r2 flag BHEED2HFEHICRED NS v I a v
DHNZFRRLE T,
save_r3 flag save_12 DMER XN TV BHE DA
TEFET, FEEOIFHICEED T
PorraryoHMEERRLET,

Rprocessnode 7O /NT 1 —

R 21/ — ¥ TlX. IBM(r) SPSS(r) Modeler 2 kU —
R LDBTF—REREL, ZOF—XEMEDH R X

LRAZVT AL TEETEZS, 7—X

ZHEEL, T—XIEA MY —LITRENFT,

i
node = stream.create("rprocess", "My node")
node.setPropertyValue("custom_name", "my_node")
node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-

%m-%d")

next_day<-day + 1

modelerData<-cbhind(modelerData,next_day)

varl<-c(fieldName="Next

day",fieldlLabel="",fieldStorage="date", fieldMeasure="",fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
node.setPropertyValue("convert_datetime", "POSIXct")
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5 71. Rprocessnode 7 /\NT+ —
Rprocessnode 71 85 4 — | F— &Kl Tans 1 —D i
5374 string
convert_flags StringsAndDoubles
LogicalValues
convert_datetime flag
convert_datetime_class e —
POSIX1t
convert_missing flag
use_batch_size flag Ny FUHEZFHRGEIC L 5
batch_size integer BNy FIZEDDZT—X La— FORE
ELET

samplenode 7O /T —

YTV J—FTE, La—Fod 7y bEERLET, Bk, 2

T = FAR— - H I, JEEES WHElL) Yo Ik, XEXERY VLo EEL

il

PR—PFPEINTVET, F TV, 7= 2ADM L, BXUGHDED
DEETALIA—FERIINIOHF IS a vy —70 8RB b £ 5,

/* Create two Sample nodes to extract
different samples from the same data */

node

node.
node.
node.
node.

node

node.
node.
node.
node.
node.

= stream.create("sample", "My node")
setPropertyValue ("method", "Simple")
setPropertyValue("mode", "Include")
setPropertyValue ("sample_type", "First")
setPropertyValue("first_n", 500)

= stream.create("sample", "My node")

setPropertyValue("method", "Complex")

setPropertyValue("stratify_by", ["Sex", "Cholesterol"])
setPropertyValue("sample_units", "Proportions")
setPropertyValue("sample_size_proportions", "Custom")
setPropertyValue("sizes_proportions", [["M", "High", "Default"], ["M",

"Normal", "Default"],
["F", "High", 0.3]1, ["F", "Normal", 0.3]])

3+ 72. samplenode 7O /NT 1 —

samplenode 71 85 4 — F—aR Taxs 4 —Di
method Simple
Complex
mode Include fBEEIN G2 TLa—RE2ED D
7 (Include), %% (Discard) L 3,
Discard
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% 72. samplenode 7O /X7« — (ft &)

samplenode 71 87 4 — Vet £ Tans 1 —D i
sample_type First YN T HERRRELET,
OneInN
RandomPct
first_n integer BEINZNERETOLIA-FEED S
PIELET,
one_in_n number NnFBEHZ WKL a—FEEDLIPHELE
E
rand_pct number BOHEIPWETIZLa— RO R—L YT —
VEEELET,
use_max_size flag maximum_size BXEDMHHZEMIL £ T,
maximum_size integer T—=X - AM)—LIZANDEEFT—X -
A MV —LADBHERT 29 IO RKRE
ERELET, ZOA T aYidAETH
D, ZD7=H, First ¥ Include MEE X
NTWVW3E XIWEINET,
set_random_seed flag TR L= NFREDMHEHZEML %
E
random_seed integer FYRL =R UCHHT2EEZHEEL
£9,
complex_sample_type Random
A
sample_units Proportions
Counts
sample_size_proportion |Fixed
s
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions number
fixed_counts integer
variable_proportions field
variable_counts field
use_min_stratum_size flag
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% 72. samplenode 7O /X7« — (ft &)

samplenode 71 87 4 — Vet £ Tans 1 —D i

minimum_stratum_size integer DA T aviF, Sample
units=Proportions T &k o THEHMEL V>~
TAPMER S NI HEICDABEHEINE T,

use_max_stratum_size flag

maximum_stratum_size integer ZDF T aviF, Sample
units=Proportions I & o THEHMEL V>~
TADPHER E NGB ICDOAEHENE T,

clusters field

stratify_by

[field1 ... fieldN]

specify_input_weight flag
input_weight field
new_output_weight string

sizes_proportions

[[string string value]
[string string value]...]

sample_units=proportions BL U}
sample_size_proportions=Custom D
Ba. Bl7 4 =L FOEOEZ SN 5HA
BOEDHEZIEELE T,

default_proportion

number

sizes_counts

[[string string value]
[string string value]...]

@74 -V FOEOEZ N5 HAED
BFOMEEREL T, FRAAEZ
sizes_proportions ¥l TWE I, HE
TR BHEIEELET,

default_count

number

selectnode 70O/\Tr —

S, — R T REORFICEOWT, 7—=X - A ) —Lapbla—FO¥ T

_?;.
R2ERTxE3,
Bl
node = stream.create("select", "My node")

node.setPropertyValue("mode",

node.setPropertyValue("condition",

"Include")

Ly PEBRLDELZD TEE T, B FEOEEMBICEE S 5L a—

"Age < 18")

% 73. selectnode 7O/NT+ —

selectnode 71 35 4 — T — & FarNy 14—t
mode Include FIRLZZLa—FZ2ED 50, FX0WET
LZhEEELE T,
Discard
condition string La—FEED5H, FRIEHEED» DM
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sortnode 7O/\NT 1 —

Y—1F ) —=FT, 1DFREEHBDO 7 4+ — L FEIZHESWT, La—-Fz2RIEEL
H> KRNI Y — P LE T

B

node = stream.create("sort", "My node")

node.setPropertyValue("keys", [["Age", "Ascending"], ["Sex", "Descending"]])
node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use_existing_keys", True)
node.setPropertyValue("existing_keys", [["Age", "Ascending"]])

R 74. sortnode 7O /NT+ —

sortnode 7’1 85 4 — 52 Fa s 4 —o Sl

keys list V—rORMEY RBE 74—V FERELE
T V= FOFMDBEESI N TORVWES,
T 74V M EHINE T,

default_ascending flag T4 bDY —MEEEEL T,

use_existing_keys flag ACERAXNZ74 =L RDY — b EZF
HALTY = 2&EELT 208 5 0%HEE
LET,

existing_keys FTTRY = SN Ts—NAREY =17
MEZEELE T, keys 7a 874 — L [AL
EREFEHL XTI,

spacetimeboxes 7O/\T 1

ZAR—Z + BA 1+ Ry 7 & (STB) l&. Geohash ODZERIMRIBFTZ IR L 728 DT
0 To BARENICIE. STB ST DX THIC. 2235 & O % BRI 208 L 7= feisk
<3,

5 75. spacetimeboxes 7O /N T+«
spacetimeboxes v X7 | F—xHl Fars 4 —0t
4
mode IndividualRecords
Hangouts
latitude_field field
longitude_field field
timestamp_field field
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5% 75. spacetimeboxes TO/NT+ (§i %)

spacetimeboxes 7 %7
4

7 S

g&l;

Fany 4 —DHH

densities

[density, density,

£ density (X, XFHITT, Hi:

density...] STB_GH8_1DAY
densities VAT H % 72D OFIRIFET
5 ICHERLTLEI N,
geohash O, GH1-GH15 OfE% T X
R
COHATE, UFOMEHATERT,
EVER
1YEAR
1MONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2 MINS
1 MIN
30SECS
15SECS
10SECS
5 SECS
2 SECS
1SEC
field _name_extension string
add_extension_as Prefix
Suffix
hangout_density density H—%E (L2 H)
id_field field
qualifying_duration DAY ZAUE, XFINCT ZRENRDD T,
12HOURS
8HOURS
6HOURS
4HOURS
2HOURS
1HOUR
30MIN
15MIN
10MIN
SMIN
2MIN
1MIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events integer B/MHEIZ 2 T,
qualifying_pct integer 1755 100 OHEFHICT 2 DERH D FF
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streamingtimeseries 7O /\T

\ Z MY — I U ZWERIIDH  — Flid. 1 DD R T v P THRRIIEFAZER L TR a
VY LET,
H:ZDR MY — 3V ZRERYIGHT 2 — Fld. SPSS Modeler N—3 3 > 18 THEIE X
NV I FNVDR MY — I Y TRRINGH / — RICE DL DT,

3R 76. streamingtimeseries 7 /\7T «

streamingtimeseries 71 %5 4 fiE Fuaxy 4 —DiRN

targets field 2 bV — 3 IRERY G
Wi/ —FiE, A 7>ar
T12oMEDAST 74—
N REFHEE UTHH
LS. 12 EoRR
T4 =V ER%EFHLE
T, B Z74 -V FB&
CEAT 14— FIEH
LEFA, FELLIE
217 R—I D F—f&i1y7%
ETNUAER S/ — R m
NT4—1 DI %
S LTL I,

candidate_inputs [field1 ... fieldN] EFALCHHAINS AT
TR THER T 4 —
Fo

use_period flag

date_time_£field field
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% 76. streamingtimeseries 7O /X7« (§t &)

streamingtimeseries 70 %7 4

fiti

Fans 4 —o

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour

Hour_nonperiod

Minute

Minute_nonperiod

Second

Second_nonperiod

period_field field
period_start_value integer
num_days_per_week integer
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day integer
start_hour_of_day integer
timestamp_increments integer
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% 76. streamingtimeseries 7O /X7« (§t &)

streamingtimeseries 70 %7 4

fiti

Fans 4 —o

cyclic_increments

integer

cyclic_periods

list

output_interval

None

Year

Quarter

Month

Week

Day

Hour

Minute

Second

is_same_interval

flag

cross_hour

flag

aggregate_and_distribute

list

aggregate_default

Mean

Sum

Mode

Min

Max

distribute_default

Mean

Sum

group_default

Mean

Sum

Mode

Min

Max
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% 76. streamingtimeseries 7O /X7« (§t &)

streamingtimeseries 70 %7 4

fiti

Fans 4 —o

missing_imput

Linear_interp
Series_mean
K_mean
K_median

Linear_trend

k_span_points integer
use_estimation_period flag
estimation_period Observations
Times
date_estimation list date_time_field % f{#
3 258120 AR
BETY
period_estimation list use_period Z{HH T 3%
Gal DA HAIRE TS
observations_type Latest
Earliest
observations_num integer
observations_exclude integer
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level_shift flag
expert_outlier_innovational flag
expert_outlier_level_shift flag
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% 76. streamingtimeseries 7O /X7« (§t &)

WintersMultiplicativ
e

DampedTrendAdditive

DampedTrendMultiplic
ative

MultiplicativeTrendA
dditive

MultiplicativeSeason
al

MultiplicativeTrendM
ultiplicative

MultiplicativeTzrend

streamingtimeseries 71 %5 4 fifi Tax7 4 —DiH
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local_trend flag
expert_outlier_additive_patch flag
consider_newesmodels flag
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTzend
SimpleSeasonal
WintersAdditive

futureValue_type_method

Compute

specify

exsmooth_transformation_type

None
SquareRoot

Naturallog

arima.p

integer
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% 76. streamingtimeseries 7O /X7« (§t &)

streamingtimeseries 71 %5 4 fifi Tax7 4 —DiH
arima.d integer
arima.q integer
arima.sp integer
arima.sd integer
arima.sq integer
arima_transformation_type None

SquareRoot

Naturallog
arima_include_constant flag
tf_arima.p. fieldname integer {REBIE,
tf_arima.d. fieldname integer miZBAEA,
tf_arima.q. fieldname integer miZBAE A,
tf_arima.sp. fieldname integer {REBIE,
tf_arima.sd. fieldname integer miZBAEA,
tf_arima.sq. fieldname integer miZBAE A,
tf_arima.delay. fieldname integer {REBIE,
tf_arima.transformation_type. None fEZZ R B
fieldname

SquareRoot

Naturallog
arima_detect_outliers flag
arima_outlier_additive flag
arima_outlier_level_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
conf_limit_pct real
events field
forecastperiods integer
extend_records_into_future flag
conf_limits flag
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% 76. streamingtimeseries 7O /X7« (§t &)

streamingtimeseries 71 %5 4 fifi Tax7 4 —DiH

noise_res flag

streamingts 70 /\7 1 — (BELb)

H:ZDILDRA MY — I U FWERIITHT / — Fi SPSS Modeler D x—Y a2 > 18 T

FELE X, B LA b U — 3 v PRI ) — FIcB &z 5NE LTz, - 0F L
W/ — FiX, IBM SPSS Analytic Server DIEERIER L. Vv 77— X2 0UH T % X
HEETENTVWET,

ZARY—=3IVZTS 7 —Fid, 129DR7 v FTHRIIEFLVZERLTRaTY »
ZLUET, B — FEKREDD FR A,

il

node = stream.create("streamingts", "My node")
node.setPropertyValue ("deployment_force_rebuild", True)
node.setPropertyValue ("deployment_rebuild_mode", "Count")
node.setPropertyValue ("deployment_rebuild_count", 3)
node.setPropertyValue ("deployment_rebuild_pct", 11)
node.setPropertyValue("deployment_rebuild_field", "Year")

5 77. streamingts 7O /N T« —

streamingts 7B X7 1 — F— Y FURT 4 —D B

custom_fields flag custom_fields=false OHHEIE. LD
T8 ) — FOBRENEHEINE T,
custom_fields=true DHEIZ.
targets & inputs ZIEET 2 HLE DD D

£7,
targets [Z74—F 1.74—0b
K N]
inputs [Z74—F 1.74—)
K N]
method ExpertModeler
Exsmooth
Arima
calculate_cont flag
conf_limit_pct real
use_time_intervals_node |flag use_time_intervals_node=true D
Al FRoOR/EIXS 2 — 8 OFEHFH
INETD,

use_time_intervals_node=false @
&%, interval_offset_position,
interval_offset. BX U
interval_type Z15E T 2 LENH D ¥
K
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% 77. streamingts 7O/NT 1 — (i %)

streamingts 7m X7 1 — T—5m Faxs 1 —DiH
interval_offset_position | . ... . .. LastObservation i3, r%%ﬁo)ﬁiﬁg,ﬁﬁiﬂﬂ
LastRecord ffi; 2% L %7, LastRecord %, RiE®D
La—Fro#bhieE 2R LET,
interval offset number
interval_type Periods
Years
Quarters
Months
WeeksNonPeriodic
DaysNonPeriodic
HoursNonPeriodic
MinutesNonPeriodic
SecondsNonPeriodic
events field
expert_modeler_method AllModels
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive |flag
expert_outlier_level_shi |flag
ft
expert_outlier_innovatio |flag
nal
expert_outlier_transient |flag
expert_outlier_seasonal_ |flag
additive
expert_outlier_local_tre |flag
nd
expert_outlier_additive_ |flag
patch
exsmooth_model_type Simple
HoltsLineaxrTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive

WintersMultiplicativ

€

exsmooth_transformation_

None
type SquareRoot
Naturallog
arima_p integer RRYIETFAAER ) — ROBHELRL 71

XT 4 —
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% 77. streamingts 7O/NT 1 — (i %)
streamingts 7m X7 1 — T—5m Faxs 1 —DiH
arima_d integer FERVNETNAAER , — FOGEELRIL 71
RT 4 —
arima_q integer FERVNETNAAER , — ROBFELFIL 71
XNT 4 —
arima_sp integer RRYIETNAAER , — ROGELRL 71
RT 4 —
arima_sd integer RERINETAAER , — FOFALRL 7 v
RT 4 —
arima_sq integer RRYIETFAAER ) — ROEHELRL 71
XT 4 —
arima_transformation_typ [ | RERVNETNVAER , — FOGEEFL 71
€ SquareRoot INT 4 —
Naturallog
arima_include_constant |flag RRINETAAER ) — FOGFE LRI 71
RT 4 —
tf_arima_p.fieldname integer RERFNETNAAER ) — FOGZELFRIL 71
RT 14— (BB,
tf_arima_d.fieldname integer FERIIETNUAERR , — ROGEEEEIL 71
RT 4 — (rZBEH,
tf_arima_q.fieldname integer RRINETANER ) — FOFA LRI 71
}\07—4 o f\‘gggﬁﬁﬁo
tf_arima_sp.fieldname integer RERINETNUAER ) — ROEGE LRI 71
RT 4 —o (RZEREH,
tf_arima_sd.fieldname integer RERVIETNUAERK , — RO EERIL 71
T4 — RZBEH,
tf_arima_sq.fieldname integer RERFNETNAERK , — ROBHEERIL 7 m
RT 4 — (BB,
tf_arima_delay.fieldname |integer RERVIETNUAERR ) — ROGEERIL 71
RT 4 — (riZBEH,
tf_arima_transformation_typ None
e. SquareRoot
fieldname Naturallog
arima_detect _outlier_mod
None
e Automatic
arima_outlier_additive flag
arima_outlier_level_shif |flag
t
arima_outlier_innovation |flag
al
arima_outlier_transient |flag
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% 77. streamingts 7O/NT 1 — (i %)

streamingts 71 85 1 —

7 2

Fans 4 —oH

arima_outlier_seasonal_a
dditive

flag

arima_outlier_local_tren
d

flag

arima_outlier_additive_p
atch

flag

deployment_force_rebuild

flag

deployment_rebuild_mode

Count
Percent

deployment_rebuild_count

number

deployment_rebuild_pct

number

deployment_rebuild_field

<TJa4—IJLE>
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BIALE 74—V EFRE// —FDO7u s 4 —

anonymizenode 7OA/\T 1 —

— EHL, — NiE. 74—V FERED FTROFRGEZZER L, TDT —X 2R L%
ﬂ T AR MO — Y —DEEH R E DMOFEMIERE L ¥ OEEFREZEH LT

ETNEMPTE DL LT 2EEICERATT,

il

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIN")
node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)

node.setKeyedPropertyValue("enable_anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set_random_seed", "Age", True)
node.setKeyedPropertyValue ("random_seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", Tzrue)
node.setKeyedPropertyValue ("use_prefix", "Drug", True)

node.setKeyedPropertyValue ("prefix", "Drug", "myprefix")

& 78. anonymizenode 7 O/XT+ —

anonymizenode 71 874 | F—A2K FT 4 —0D B

—

enable_anonymize flag Iz True KRET S &, 74— FEOEHALST 2
T47WRDET (2D 74—V FO TEAME) FIT NE
VW ZERLGED. FCHERICZD £9),

use_prefix flag THVE True ICEEET B L. 2 — Y — 1R O HIEHRA
SNET (L—F —IEEOBERAEE STV 2
Blo NvTa XYy RIZkoTERALENSE 74—
RICERA XN, D74 —FD MEEZER 4702
D T2—F—FpE| 794 « KX VEBRT B 2L L%
<7

prefix string MEz @ X477 - Ry JADTFAL - Ry 7R
WHRIHRF 2 A1 5 L EAF TS, 77 40 b DA
BZ, b ficisEe s htuizugE&lE, 77 4L MET

KR

transformation Random Transform XY v FIiZ kD BRI /274 =L FDZE
R F X — & —DIMESEZRy (Random) 22[EE (Fixed) 72 % Ik

Fixed ELET,

set_random_seed flag IHE True TRET 5 &, fHESI N> — FMEIHEH X
NF T (transformation » Random IZREINTWVS
580

random_seed integer set_random_seed 28 True KR EINTWVWABIFE, 2D

FanT 4 —FEBO Y — Fickb £9,




% 78. anonymizenode 7O/NT+ — (}i %)

anonymizenode X7 4 | F—2H Fans 1 —D N

scale number transformation 25 Fixed ICEREZINTWVWARIGES. 2D
g2 r—n1Be LTHEAXINE T, AR —EIZ
BHE 10 TTH, DINEHIET 272D TEE T,

translate number transformation 23 Fixed R EINTWVWAEEE, &

EEERHe LTI T T, RAEHEIZES 1000
T2, DI NZfilET 2720 P TEE T,

autodataprepnode 7O /\T 1 —

T — X O HEHE(R (ADP) / — R TlX, 7 —&XoHr. EEEDFER]. MEDDH 3 F/-1F
BRI WABEED H B 74 — L F DR 7Y —=> 7 BEIZS B LWVWERED

b Wi, B R 2 Y — =2 7B RO Y ¥ 7 FRE A LS 7 1 —< Y 2D [
RIS ZENTEET, BRCHIMLEINLFTET/ - F2HHL, /—FT
BEEEZERBICHEATEE S, LM EICC TEEOENRE XUKR, S
FLBRBEDORICAEEEZ L2 —TEET,

{1
node = stream.create("autodataprep", "My node")

node.setPropertyValue("objective",

"Balanced")

node.setPropertyValue("excluded_fields", "Filter")
node.setPropertyValue("prepare_dates_and_times", True)
node.setPropertyValue("compute_time_until_date", True)
node.setPropertyValue("reference_date", "Today")
node.setPropertyValue("units_for_date_durations", "Automatic")

3R 79. autodataprepnode 7O /\NT 1 —

autodataprepnode 7u 85 4 | F—&Hl FTans 4 —D A
objective Balanced
Speed
Accuracy
Custom
custom_fields flag H (true) DFER.HWED /) — FDX—4
v b AT 0T 4 =L R EZFEE
TEIENTEET, & (false) DIHE
. RO 7T =48 — FH L BIEORE
DEHINET,
target field LODOMRT7 4 =V REHRELE T,
inputs [field1 ... fieldN] ETFNTHHIND ATTE T THIZEL
74—V EF,
use_=frequency flag
frequency_=field field
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% 79. autodataprepnode 7O /NT 1 — (i =)

autodataprepnode 7u 85 4 |F—&Hl FTans 4 —D N
use_weight flag
weight_field field
excluded_fields Filter
None
if _fields_do_not_match StopExecution
ClearAnalysis
prepare_dates_and_times flag FTARTOHMN/KR 7 4 =L RADT 7+
A% HlEL £5,
compute_time_until_date flag
reference_date Today
Fixed
fixed_date date
units_for_date_durations Automatic
Fixed
fixed_date_units &£
Months
Days
compute_time_until_time flag
reference_time CurrentTime
Fixed
fixed_time time
units_for_time_durations Automatic
Fixed
fixed_date_units Hours
Minutes
Seconds
extract_year_from_date flag
extract_month_from_date flag
extract_day_from_date flag
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% 79. autodataprepnode 7O /NT 1 — (i =)

autodataprepnode 7u 85 4 |F—&Hl FTans 4 —D N

—

extract_hour_from_time flag

extract_minute_from_time |flag

extract_second_from_time |flag

exclude_low_quality_input |flag
S

exclude_too_many_missing |flag

maximum_percentage_missin | number
g

exclude_too_many_categori |flag
es

maximum_number_categories |number

exclude_if_large_category |flag

maximum_percentage_catego |number
ry

prepare_inputs_and_target |flag

adjust_type_inputs flag
adjust_type_target flag
reorder_nominal_inputs flag
reorder_nominal_target flag
replace_outliers_inputs flag
replace_outliers_target flag
replace_missing_continuou |flag
s_inputs
replace_missing_continuou |flag
s_target
replace_missing_nominal_i |flag
nputs

replace_missing_nominal_t |flag
arget

replace_missing_ordinal_i |flag
nputs

replace_missing_ordinal_t |flag
arget

maximum_values_for_ordina |number
1

minimum_values_for_contin |number
uous

outlier_cutoff_value number
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% 79. autodataprepnode 7O /NT 1 — (i =)

autodataprepnode 7u 85 4 |F—&Hl FTans 4 —D N
outlier_method Replace
Delete
rescale_continuous_inputs |flag
rescaling_method MinMax
ZScore
min_max_minimum number
min_max_maximum number
z_score_final_mean number
z_score_final_sd number
rescale_continuous_target |flag
target_final_mean number
target_final_sd number
transform_select_input_fi |flag
elds
maximize_association_with |flag
_target
p_value_for_merging number
merge_ordinal_features flag
merge_nominal_features flag
minimum_cases_in_category |number
bin_continuous_fields flag
p_value_for_binning number
perform_feature_selection |flag
p_value_for_selection number
perform_feature_construct |flag
ion
transformed_target_name_e |[string
xtension
transformed_inputs_name_e |[string
xtension
constructed_features_root |string
_hame
years_duration_ string

name_extension
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% 79. autodataprepnode 7O /NT 1 — (i =)

autodataprepnode 7u 85 4 |F—&Hl FTans 4 —D N

—

months_duration_ string
name_extension

days_duration_ string
name_extension

hours_duration_ string
name_extension

minutes_duration_ string
name_extension

seconds_duration_ string
name_extension

year_cyclical_name_extens |string
ion

month_cyclical_name_exten |string
sion

day_cyclical_name_extensi |string
on

hour_cyclical_name_extens |string
ion

minute_cyclical_name_exte |string
nsion

second_cyclical_name_exte |string
nsion

astimeintervalsnode 7/\ 7+ —

o RIS Lo BT L VBERT 7 4 — b 7 (R L CHEE S PR TT 5 a3, BRIIRS
©] ) KR LT, BEA S ERE T, TR TORER DS £ b X
¥,

%X 80. astimeintervalsnode 7O /\N T« —

astimeintervalsnode 7u X574 |F—&H Iy 4 —DHH
time_field field 1 ODERI 7 4 — L FOAFFI XN F

T, /—FiZ. 2074 — L F2EiH*x—
CLTHHLT, MEzEfLEd, 22
TRBE I+ — NV FEHHT 2. ZD 74
—V RIERREA 7y 7 28 U TR

NnExd,
dimensions [field1 field2 ... INBHDT74 =NV RFEZHHLT. & 74—
fieldn] LR OfEICHEED &, il 2 DRFERFIHDER X

Nxd,
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£ 80. astimeintervalsnode 7O/N T+ — (Bt X)

astimeintervalsnode 7’n X574 |[F—&H Fany 4 —DHH
fields_to_aggregate [field1 field?2 ... INBD7 4 =KX FE 74 =1 FD
fieldn] PAMIZEEO—E e U CHEFEINE T,

ZOEY =2 ENTWVWRVTXRTOD
T4 —ILED, J—FbEEEINDET—
LRI NE T,

binningnode Z70O0/\7 1 —

T =25 ) — ¥ T BHFD 1 D F 721 3B EGR (BUEHEPE) 7 4 —L KO EICE

e SUT, HBIICH L DA (2 v M) 74 =L R ERL 3. BRI, e
WAZ 4= F%, FEPLDIRAECLDNATILN=T2EL, FiLwh7ray) — -
T4 —NVFICEBTZIENTEET, Fi74 -V PO 2RSS, DEHIR
WEDWT T4 =V FER — FE2AERT 2 2N TEEXT,
Bl

node = stream.create("binning", "My node")

node.setPropertyValue("fields", ["Na", "K"])

node.setPropertyValue("method", "Rank")

node.setPropertyValue("fixed_width_name_extension",
"Suffix")

node.setPropertyValue("fixed_width_add_as",

node.setPropertyValue("fixed_bin_method",

node.setPropertyValue("fixed_bin_count", 10)

node.setPropertyValue("fixed_bin_width", 3.5)

node.setPropertyValue("tilel0", True)

" binned")

"Count")

5% 81. binningnode 70 /\NT« —

binningnode 71 87§ — T—5R ZTans 4 —DiH
fields [field1 field?2 ... ZAREE Th oo e A CRBUEEEPE) 7 4 — v
fieldn] Ko BED 74—V FZEERFICE 259
HTxF9,
method FixedWidth 74— ROy (I7a)—) D5
H Rz RhD 5k
EqualCount
Rank
SDev
Optimal
rcalculate_bins Always J— FRETEINL T I, EUREHE
Sh, BEYIREe oz T -2 B I
MENTZFHOE NGBME NS 21T
ZHEELET,
fixed_width_name_extension string 7 7 4V b DILERFIE _BIN T,
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% 81. binningnode Z70O/NT+ — (§i %)

binningnode 71 X7 1 — T—5R FTans 4 —D A
fixed width_add_as Suffix WERTF% 7 4 —L R ZLORBRIGENT 3
A (Suffix), F /=1 JeEHICBINT 2 5
Prefix (Prefix) ZH5E L £9. 7 741 b DILK
X income_BIN T3,
fixed_bin_method Width
Count
fixed_bin_count integer 74—V FOREERE Y (BT
—) BEPET 2 DI T 2B EE
LE5,
fixed _bin_width real L YOREZEH T2 72D 2E (&
BE7-13ER),
equal_count_name_ string 77 4V b DILERFIE _TILE TS,
extension
equal_count_add_as Suffix EEED SN 2 HH L CTEREINS 7 4 —
VRIS U TR X L2 RIR 725, Suffix
Prefix (HZHEE) 20 Prefix (RREHE) 222 f6E L X
3o T 74N MOHERTIE, _TILEWZ N %
MF7=bDicb 3, NEIETT,
tiled flag ZNENM25% DFr —RE &L, 4590
DY UEERLUET,
tile5 flag 520D5 MY RERLET,
tilel0 flag 10 fHD+ i (Fon) B rz4Em L F
ER
tile20 flag 20D =+ v BAER L F T,
tile100 flag 100 D EHIL X=X A NL) BV %
ARLET,
use_custom_tile flag
custom_tile_name_extension string 77 4V b DILERFIX _TILEN T3,
custom_tile_add_as Suffix
Prefix
custom_tile integer
equal_count_method RecordCount RecordCount O FiEX. DL a—
F2Be ZEh B TEd, —/.
ValueSum ValueSum Tk, & Y DEDEEIHFE T
KRB ESICLa—FEE DY TET,
tied_values_method Next AR DIED 7 — R ICEE I NS L
L=
Current
Random
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% 81. binningnode Z70O/NT+ — (§i %)

binningnode 71 X7 1 — F—2R Zans 4 —0H
rank_order Ascending ZDFmT 4 —IZlE. Ascending (b o
EHNIWHED 1 2 B) T2k
Descending Descending (b o ¥ b KEWHEA 1 & 72
BYDEENET,
rank_add_as Suffix XS avix, v, TIDLH
R BIUSVIZDR—t T —IIHH
Prefix SNET
rank flag
rank_name_extension string 7 7 4V b DILERFE _RANK T,
rank_fractional flag 74—V FOED, 7> 7 2 IERIES
—2XDEADEFCTREL/-EICR % X
T =R MILES, 77
DHARIZ0-1 OHEHPHADEICZD 7,
rank_fractional_name_ string 77 4V b DILERTIE _F_RANK T,
extension
rank_pct flag &IV IW BRRERROL a3 — FET
PREINE 10052 NET, 727D
N—t ¥ 7 —IiF, 1-100 OHEFHDMEIZ
BhET,
rank_pct_name_extension string 7 7 4L b DILERFIE _P_RANK T3,
sdev_name_extension string
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name_extension string 7 7 4V b OYRRF1E _OPTIMAL T3,
optimal_add_as Suffix
Prefix
optimal_supervisor_field field T =R FENDFDIEIRI N7 14—V
ROBERT 28 74 — L e LTEIK
N7 14—V F,
optimal_merge_bins flag T AEBPNI VW VR XD KEIREE
B icBms s e 2EELET,
optimal_small_bin_threshold integer
optimal_pre_bin flag T—X+¥ vy bDHEFTT — X pEEFETT

5ZERLET,
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% 81. binningnode Z70O/NT+ — (§i %)
binningnode 71 {5 4 — T —5H Fany 4 —DHH
optimal_max_bins integer BEICEHOE 2B LRV E 52,
REZfEELET,

optimal_lower_end_point Inclusive

Exclusive
optimal_first_bin Unbounded

Bounded
optimal_last_bin Unbounded

Bounded

derivenode 70O/\7 1 —

- T4 =V EFER/ — FT, 10FREROBFE 74—V Es, T—XHEEEET
5 A0, FiLWw74 — L EREERLET, AT, 24 7R 7527, &LF. RAT7—

Fe Vb, BEUOEBROR 74—V FBER XN E T,

il 1

# Create and configure a Flag Derive field node

node = stream.create("derive", "My node")
node.setPropertyValue("new_name", "DrugX_Flag")
node.setPropertyValue("result_type", "Flag")
node.setPropertyValue("flag_true", "1")
node.setPropertyValue("flag false", "0")
node.setPropertyValue("flag_expr", "'Drug' == ¥"drugX¥"")

# Create and configure a Conditional Derive field node

node = stream.create("derive", "My node")
node.setPropertyValue("result_type", "Conditional")
node.setPropertyValue("cond_if_cond", "@OFFSET(¥"Age¥", 1) = ¥"Age¥"")
node.setPropertyValue("cond_then_expr", " (QOFFSET(¥"Age¥", 1) = ¥"Age¥" ><
@INDEX")

node.setPropertyValue("cond_else_expr", "¥"Age¥"")

il 2

CDRZY T ME BEDERAL VN EEDARY SOFELULGEFRZY) O X BEEY Y FEE%2 £ 3 XPos
¥ YPos £\ 9 2 DDEUEADH B Z e FRHRE LTWET, TORZ U F MLk, BEDEERTE
DEERT XPEFEY Y A & PP 25T E T2 7 4 —V RAERK — RDMERE N E T,

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new_name", "Location")
node.setPropertyValue("formula_expr", "['XPos', 'YPos']")
node.setPropertyValue("formula_type", "Geospatial")

# Now we have set the general measurement type, define the
# specifics of the geospatial object
node.setPropertyValue("geo_type", "Point")
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node.setPropertyValue("has_coordinate_system", True)

node.setPropertyValue("coordinate_system",

"ETRS_1989 EPSG_Arctic_zone_5-47")

# 82. derivenode /N T« —

derivenode 7 RF 4 — | F—xH FrT 4 — 0 B
new_name string HLWw7 4= F 4,
mode Single 12D 7 4 =)V R (Single). £7z1%
87 4 — L FH (Multiple) 25
Multiple LET,
fields list BT 1+ =L R EEIRT 2581272
¥, Multiple £— KT,
name_extension string HLWT 4 — NI 240k
TEEELET,
add_as Suffix WHEF% 7 4 —IL 4O Prefix (4%
UH, $RUEEY). F 720X Suffix (k. %
Prefix Ef) e LTEMLET,
result_type Formula YERRTREZR T LW T 4 — L R D 6D
DFEE,
Flag
Set
State
Count
Conditional
formula_expr string T4 =V FER —FOHF LW 4
—L MEZETE T 53,
flag_expr string
flag true string
flag false string
set_default string
set_value_cond string FiE DEICERERN T S 752 12
fit9 2 X5 wTEll e 874 —,
state_on_val string F > (On) DM %7358 D
74—V FOHEZIEELE T,
state_off_val string F 7 (Off) D&M Z W72 THEDH
74—V FOEEEEL T,
state_on_expression string
state_off_expression |[string
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3 82. derivenode 7ONT 1 — (i ¥)

derivenode 7’ X5 4 — | F— &M Fany 4 —DHH

state_initial On Z1La— FTHLWVW I 4 —IL FDOH]
Wi LTOon £/ 0ff 2% b Y

Off TE9, ZOfEIR. ZhEhDsf

DG E D T ICEL L £,

count_initial_val string

count_inc_condition string

count_inc_expression |[string

count_reset_conditio |string

n

cond_if_cond string

cond_then_expr string

cond_else_expr string

formula_measure_type

Range / MeasureType.RANGE

Discrete /
MeasureType.DISCRETE

Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless /
MeasureType.TYPELESS

Collection /
MeasureType.COLLECTION

Geospatial /
MeasureType.GEOSPATIAL

Zo7uR7 4 —2HHLT, 1ER
XNz 7 4 —v RICBEEMN T sz
REZERTLIEHNTEET,
setter BBUCIX. XTI,
MeasureType DED W%
TN TEELT, getter lE, HIC
MeasureType DIEZIR L ¥ 3

collection_measure

Range / MeasureType.RANGE
Flag / MeasureType.FLAG
Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless /
MeasureType.TYPELESS

INEET 4 =LK (RZDI0DY A })
DLGE. ZOTaRT 4 —i%, HEE
i AECEEM I SN RE XA
TEEELET,
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3 82. derivenode 7ONT 1 — (i ¥)

derivenode a5 4 — | F—4xHl

Zans 4 —0uH

geo_type Point
MultiPoint
LineString
MultilineString
Polygon

MultiPolygon

HFZER 7 4 — L FDGBE. 207
gRTFT4—=IZ&D, D74 =LK
METHIFHER A TS 27 DX A
THERINE T, ZHE, HDOVY
ANDRIEEELTOVIRHREND
%I,

has_coordinate_syste |boolean
m

HFZER 7 4 — L RDBHAE, 207
X744 =&, TOT74 =R
WA D B0 8 S B EEI N
e

coordinate_system string

HFZEf 7 4 — L FDOBZE, ZOF
a7 4 —IC&D, D74 —LF
DFEERDEFRINE T,

ensemblenode 7O/\F 1 —

~ TIHYTN e )= FTR, 205 B EAMULEDETN - STy FRHAEDET
120DFEFNVED S LD EMATRHZIREL X7,

+—

il

# Create and configure an Ensemble node

# Use this node with the models in demos¥streams¥pm_binaryclassifier.str

node = stream.create("ensemble", "My node")
node.setPropertyValue("ensemble_target_field",

"response")

node.setPropertyValue("filter_individual_model_output", False)
node.setPropertyValue("flag_ensemble_method", "ConfidenceWeightedVoting")
node.setPropertyValue("flag_voting_tie_selection", "HighestConfidence")

# 83. ensemblenode FO/NT+1 —

ensemblenode R 85 4 — F— &

g 4 —D

ensemble_target_field field

T INTHHAINEITART
DEFILDNERT 4+ —L KR IGE
L%d,

filter_individual_model_o |flag
utput

A DEFALDRATY VT HER
ZHHIT 20089 2IEEL £
R
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K 83. ensemblenode 7O/NNT+ — (i ¥)
ensemblenode 71 35 4 — T — & Fang 4 —DHH
flag_ensemble_method Voting TUHYTIN c RATRRET S

ConfidenceWeightedVoting

RawPropensityWeightedVoti
ng

AdjustedPropensityWeighte
dVoting

HighestConfidence
AverageRawPropensity

AverageAdjustedPropensity

7D 2 HiERiEEL %
T ZOFEF. BRI N5
M7 7874 — LR THIHE
WCOABEHINE T,

set_ensemble_method

Voting
ConfidenceWeightedVoting

HighestConfidence

FUHYTIN - RATRRET S
72D 2 HEEIEEL £
T, ZOREX, BIRININR
BHFEL T 4 — L R THBBEEI
DAFEHINET,

flag_voting_tie_selection

Random
HighestConfidence
RawPropensity

AdjustedPropensity

HERGESEIRXN5E, A6
FEEDRRFTEZIEE L T,
ZDRE, BRI NTNRH 7
SURIT 4 — LR THIHEICD
AEHINET,

set_voting_tie_selection

Random

HighestConfidence

HRGESEIRE 56, Alh
FEEDRRFTEEEEL 3,
ZDOREX, BRI NT-NR D4
BT 4 — LR THEHEEICDA
BWHXNET,

calculate_standard_error

flag

SR T 4 —)L REGRI DS,
FEHERLE DETEMN T 7 4 L hTH
XA, JEXINTME 7= 1XHEE
S EDEr DEREZHEA
L. ZR5DHEER EUT EH W
MERLET,

fillernode 70O0/\ 7T+« —

e
-+
.++

B — FT, 74 = VFEOBEBRA ML —YDEERITVE T,
@BLANK(QFIELD) ® k57, CLEM&HICESWTHEEZEMRTZ2 LN TEE T,
F/. IRNTOZEHESR XV EEREDHEICERT 2 ZdTEET, @/ —F

d. T2 — P IS HERZ L KBEOE S MRABThNE

ER
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il

node = stream.create("filler", "My node")
node.setPropertyValue("fields", ["Age"])
node.setPropertyValue("replace_mode", "Always")

node.setPropertyValue("condition", "(¥"Age¥" > 60) and (¥"Sex¥" = ¥"M¥"")
node.setPropertyValue("replace_with", "¥"old man¥"")

3R 84. fillernode 7O /NT 1 —
fillernode 71 37 4 — T—5R ZTans 1 —DiH
fields list MEINTEHRINZHEOT—XE Y b
D74 —)L KB
replace_mode Always FTRTOE, ZZAME, F 723 XOUEZ B
TEXFET, T fBELRREMFIHE SN
Conditional T, BRTEETY,
Blank
Null
BlankAndNull
condition string
replace_with string

filternode 70O/NT 1 —

TANZR— J—FRiZ. 74—V FED74LE—#B1E (BEE)., 74—V KEZDE

_h !
S FRBEY =R ) =FroHID )= FANDT7 4 =V RDZy T2 TVWET,
Bl
node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new_name", "Drug", "Chemical")

node.setKeyedPropertyValue("include", "Drug", False)

default_include 71 %5 4 —Dflifll: default_include v %54 —DEEHRELTH. ITRTD 7 4
— VR HEIICHI D AZN D RA XN TE2DITITED D A, HIZ, BHEERIATWAIEE
T 2T 74N EBREZINZZF T, ZHUE, (740K — -/ —F ") Z470r - Ry JAT

(FI2ANPTI74—NVERZEEDZ] 227 Vv rFdIe, KENICFEATUTE, flZIX XORZY Tk

EFERITTHEEELE T,
node = modeler.script.stream().create("filter", "Filter")

node.setPropertyValue("default_include", False)

## Include these two fields in the list

for £ in ["Age", "Sex"]:
node.setKeyedPropertyValue("include", £, True)

FTALE 74 —ILRERE/ —FDOTa 574 — 165



ZAUT XD, Age (Filit) 74— R & Sex (MR 74—V KD — RZEBH L, ZOMIXTRTRAZNE
T RS, MCAZ VT MEFHOFEITLETH, 2008 R 74—V REIRELET,

node = modeler.script.stream().create("filter", "Filter")

node.setPropertyValue("default_include", False)

## Include these two fields in the 1list

for £ in ["BP", "Na"]:
node.setKeyedPropertyValue("include", £, True)

ZHTED, XBIZ2D0DT7 4 =L KRBT 4 ARX—IZBEBMENZDT, Gat4 74—V F (Age (4E#r). Sex
(MR, BP (LE). Na(F bV T AHE) B 74 X —%@EHRLET, DF D, default_include OfE%
FalselZVU+ty FLTH, IRTDT74 — L ERHEWICY LY FENZDITITEDD THA,

FORbLH A2V P 2EHTEIN 74 0E— ) —F X470 KRy 7 ZANT default_include
Z True ICZDORFRTEE T2 2, BfENRNICRD, D4 74—V R EGED 4 7 4 —L RIXERAF
ENFT, (740 F— - J)—F ] ZBA47ul - Ry Z7ZANDa>y ru— L TERTZ I, ZOHAER
REHEFET 25 2 TRICLBF T,

% 85. filternode 7O /NT+ —
filternode 7 X7 4 — 5 — 2 Al FuRF 4 —D G

default_include flag TI7AN DL LT 4 =)L Rl
BIEDZHT 4 VR —=%PT 2D HEE
%‘3_53’\”_ ¢ 7013}\0“7—-4' o

ZDTaRT 4 = RELTDH, TXNTD
74—V A HEIRICEL D AT 7= D BR
NENZDTH2DITTEHD FTHA, E
IRU7=74 =N ED, FT741 bTIEED
AEND DA EINZ R RD 72T
T, FEE. ToOFIZSEL T X0,

include flag 74 =L R B IALDRRINT 202D F
- 70D}€5‘/f o

new_name string

historynode 7O /T —

RERS — RIZ & D, DAL a— RO 74 =V FOTF—X%Z &, Hill 74 —0 R

o IFRESNE T, ERIL — i3, %< 08a, BRIIF— 2 ¥ ORI 7 — 212
W SNET. BRI — FRMAIT BRI, V= b -/ — FEALT, 7—4%
V—hLTBLILBTEXT,

il

node = stream.create("history", "My node")
node.setPropertyValue("fields", ["Drug"])
node.setPropertyValue("offset", 1)
node.setPropertyValue("span", 3)
node.setPropertyValue("unavailable", "Discard")
node.setPropertyValue("fill_with", "undef")

5 86. historynode 70 /XF« —
historynode 71 %75t — T —&% Zans 4 —D i
fields list JBREONGR 574 =LK,
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% 86. historynode 7O/XT+ — (fii X)
historynode 7@ 35 1 — T—m FaxR7 4 —0DHH
offset number RERY 7 4 — L FMEZHH T 2 8L 2
— P BIEDOL 2 — FDOWL DOHIZH %
MEREELET,
span number EEHMH T 25 L a— RORICH
ZLa—FEEHEELET,
unavailable Discard RERY e U THAS 2RO L a— KA
W =Xty hOJEHHOH L a— FEE
— FOMD N HEEZFEELE T,
Fill
fill_with String RERVELFIHCE VWL a— REFE
32 DIZHER T 2ME (Number) %7213
1 F5 (String) ZfEEL E 3,

partitionnode 70O0/\7T 1 —

T=&RX53 /) — P T, ETAHEREDEE, 72X, BIOBELOZRT - HIZ, 7

= CRBM LY Ty MEHEIT 37— XKD T 4 — FAERSNE T,
1l
node = stream.create("partition", "My node")

node.setPropertyValue("create_validation", True)
node.setPropertyValue("training_size", 33)
node.setPropertyValue("testing_size", 33)
node.setPropertyValue("validation_size", 33)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue ("random_seed", 123)

node.setPropertyValue("value_mode", "System")

% 87. partitionnode /N7 1 —

partitionnode 7 X754 | F—xHl FT 4 —D B

new_name string J—=RIEDERINIT =X R5G 7 4 —
NV RDHETTT,

create_validation flag MEEA DT — X XD ZAENT 208 5%
BELET,

training_size integer FEHAXZICEID LTS L a— FED —
+ > 5 — (0-100),

testing_size integer TAMHEZIED LTS L a— FED R
—t 75— (0-100),

validation_size integer MEEAXICE DY T3 L a— FED —
t 7= (0-100), MEEH T — 2 X7 %4
ML EEWEGEEIFERINE T,
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5% 87. partitionnode 7O/NT+4 — (ft X)

partitionnode 71 54 |F—&% Tans 1 —D i

training_label string ZWHF— XKD TN,

testing_label string TAMHT—=ZX7D TN,

validation_label string BREH 7 — 2 X5 D Z )b, BEEH T — %
X ZERLBRWEEIIEHIhE T,

value_mode System T RHPDET = RRX G ERT T-DIHH
SNZMEEIEELE T, HIRIE. FEHYY

SystemAndLabel TR YATLERL, TN

Training, £72132D 2 2% HAELET

Label 1 _Training ® k5 IcRZNE T,

set_random_seed Boolean I—H—FEEDT VXL - — FEHHT
MEIPERRELE T,

random_seed integer I—HF—ERDIF XL - >—FDfE, ZD
EFEH XIS X 512T 5123,
set_random_seed % True IZFRET 34
BEHHET,

enable_sql_generation |Boolean SQL 'y vanNy 72 {FHLTLa— %
T—=RXACEH DB TENE I EEEL
g

unique_field L a— FOEAEATHDIR URIBER GIET
T—RRXNZEHDETE XS5, ANh74—1
FEELET, ZOMEMPHEHINS XS
129 %1Zl%,. enable_sqgl_generation %
True ICHET 2HLELRH D 3,

reclassifynode 7O/\7 1 —

TR0/ — P&, H2H7T)—EHDOEY FHHIDLy MTEBRINET,
g: TR — Vi ATV ="M NLD, oRHIRT &2 v—F{LLEL
7D T RGEEHILBEE T,

il

node = stream.create("reclassify", "My node")
node.setPropertyValue("mode", "Multiple")
node.setPropertyValue("replace_field", True)
node.setPropertyValue("field", "Dxrug")
node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])
node.setPropertyValue("name_extension", "reclassified")
node.setPropertyValue("add_as", "Prefix")
node.setKeyedPropertyValue("reclassify", "drugA", True)
node.setPropertyValue("use_default", True)
node.setPropertyValue("default", "BrandX")
node.setPropertyValue("pick_list", ["BrandX", "Placebo", "Generic"])
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3R 88. reclassifynode 70O /\T« —
reclassifynode 7’1 %7 1 — T—5R FTans 4 —D A
mode Single 12074 =NV RDA T —% FHOH
T 2545, Single AL £7,
Multiple Multiple () 2T % &, —EIcHE
BD7 14— R FERICETEET,
replace_field flag
field string Single E— KT LAEAITE A,
new_name string Single €E— FTLHTZ X EA,
fields [field1 field?2 ... Multiple E— R TLEHTZ EE A,
fieldn]
name_extension string Multiple €E— FTL2HHTE £E A,
add_as Suffix Multiple E— FTLFHTE 8 A,
Prefix
reclassify string 74— F AL T R T 4 —,
use_default flag 774N MAZFHL £,
default string 774 MAZHEEL £
pick_list [string string ... Z—H = BEHIOH LWWEZ 1 > R— |
string] LT7—7LVHNADRKry &> - )X b
TR THDLIENTESLLSICL
EScae

reordernode 7O/\T 1 —

74—V EEF — KT, FRO 74—V FFRICHEAT 3 IEF 2 EHLET. 20

Bt IR, =70, VR b, BERT4—AF - Evh—kY, SETZERIBHO7
4 —VROFRRICHAINE T, ZOBEE. EIERT—Xty MIBWT, F
EDT74—LREIDBELLTTAHACRILE T,

il

node = stream.create("reorder", "My node")
node.setPropertyValue("mode", "Custom")
node.setPropertyValue("soxrt_by", "Storage")
node.setPropertyValue("ascending", False)
node.setPropertyValue("start_fields", ["Age", "Cholesterol"])
node.setPropertyValue("end_fields", ["Drug"])

£ 89. reordernode 70O /NT + —
reordernode 71 85 4 — F—A2R TNy 54—t
mode Custom fEx BERNCIE OB X /2D, 22— —48%E
DIEFZIEET DI ENTEET,
Auto
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% 89. reordernode 70 /NT 1 — (§i X)

reordernode 7 87 4 — T—5R FTans 4 —D A

sort_by Name
Type
Storage

ascending flag

start_fields [field1 field2 ... FH 74—V R 26D 74 =L FRD
fieldn] BICHWAZINET,

end_fields [field1 field2 ... 74— FiZ,. 2heD 74—V KD
fieldn] AiCHATIhE T,

reprojectnode 7O /\T 1 —

SPSS Modeler Tl b A& —DZEMIFHEIRL, K22 Tl (STP) / — R, =v 7
. PR, — PR OIEEIE, HEEBEREEHAL 5, HEEBEERZMEHT 54 VR
— b TXOPEEREEET 51203, FE - F2HHL T ZE W,
5% 90. reprojectnode 7 /NT 1 —
reprojectnode 7@ 875 ¢ — Vabat £ Faxs 4 —0DHH
reproject_fields [field1 field?2 ... AR EINZIRTDOT74 =L xR R
fieldn] FLET,
reproject_type Streamdefault T4 =V ROBREHTEZBEIRL E 3,
Specify
coordinate_system string 74— FIZTE X4 5 BERE R D i,
i
set
reprojectnode.coordinate_system
= “WGS_1984_World_Mercator”

restructurenode 7O/ T —

MK, — R T, BB ERWE 75774 = RE Zhh Rl 74—V ROfAE

—EE THDDZLIENTELE 74—V FDIN—TNEHL FT, BlZIX, credit, cash,
B X & debit DIED payment type £ \ND HHTD 7 4 =V FD3H 5 HE. 3 20H LW
7 4 —JV K (credit, cash, debit) BIERINET, ZDHLITIX, EEDOFADEE
BHBHIeNTEXT,

il

node = stream.create("restructure", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("include_field_name", True)
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node.setPropertyValue("value_mode", "OtherFields")
node.setPropertyValue("value_fields", ["Age", "BP"])

3+ 91. restructurenode 7O /NT+ —
restructurenode 70 %5 4 — F— 2R Fans s —0DHH
fields_from [category category
category|
all
include_field_name flag HMREND 74 =L FRAIZITTD T 4 —
N RGBEFEHT 20 DERLET,
value_mode OtherFields BN EINE 74— L FOEZIEET S
7edDE—RFZ/RLET, OtherFields
Flags PHRET LA MHT 274 -V FEIEE
TRMENDHD T (T2SM), Flags
ZHET 255, HEEED 7 2 7T,
value_fields list value_mode %% OtherFields D&
WETT, D74 = Fe LTHRAT
6 74 _}]/F%T‘éﬁbij—o

rfmanalysisnode 7O /N7 1 —

e V—try, 7V 720y w2 XY — RFM) O/ — R 2T 2 &, Rk
) ALZZDOBEDL WAL (V—t ), EDOL bWHEICHAT 20 (7Y 7
VIN RIUH I a Y RETOIBHE L (R Y —) ZWEET 5 2 XIT X
ST BROBBVEERL LRI LBEZOLNL DY OEE»ERINCIET SN TE

£7,

i
node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")
node.setPropertyValue("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")
node.setPropertyValue("tied_values_method", "Next")
node.setPropertyValue("recalculate_bins", "IfNecessary")

node.setPropertyValue("recency_thresholds", [1, 500, 800, 1500, 2000, 2500])

5+ 92. rfmanalysisnode 70O /NT+ —

rfmanalysisnode 7’mr 35 | 7 —4H VA= 2V RO 1

/f —

recency field V—try 74—V REHEELET, 2O
T4 =V RIEHMN 24 LRAX Y TEITH
F2BUE TS,

frequency field TV Iy 74— REREELET,

monetary field YRRV — - T4 =V RERELET,

recency_bins integer X3 —kry CUroBEIREELE
K
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£ 92. rfmanalysisnode 7O /N7 1 — (i %)

rfmanalysisnode 7 85 | 57— &%l A= 2V R RO 1
,f —
recency_weight number V=t >y F—=RIGHH SN2 EAZTEE
L %79, The defaultis 100.
frequency_bins integer ARENBZ 7V 7T EYOMEBIREL
£79,
frequency_weight number TV TrY FRICHEAIN L EARTE
ELET, 774/ MEIZ10TT,
monetary_bins integer EREINDZT AR — - OB EIEEL ¥
ER
monetary_weight number AR — - F—RIEH SN EAREE
LES, 774V MEI 1T,
tied_values_method Next AISFEBDED 7 — X ICHEZ NIV %
feE.,
Current
recalculate_bins Always
IfNecessary
add_outliers flag recalculate_bins 7% IfNecessary i
WEZSNTVWALEMHHATEES, &KES
nde, TROEYOTZHBLa—RKn T
RovvicEmEh, ERov >0 kb 3
La— KB RO icBmEnE s,
binned_field Recency
Frequency
Monetary
recency_thresholds {8 & recalculate_bins 23 Always IZRE X
NTCVWBIHEMHHTEES, V—tr> b
YO ERBIOTHROBEZIEEL £7,
H2E D EROBEMERRDE > D TROD
MIfEE LTS E T, BRI, [10 30
60] X RAIDE I 10 BL 30 D LRB
FUOTHROMEND D, 2FBHDOE V2
30 XU 60 DEIMEDH 2 L EFRL F T,
frequency_thresholds fiE i recalculate_bins 7% Always IZFZE &
NTVLRHEMHHTEX T,
monetary_thresholds fiEi & recalculate_bins #% Always ICFRE X
NTVWLHEMHHTEET,
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settoflaghode 70O /N7 —

T TRE) — KT, LOMULEOZHF T 4 — NV FICERINH T3 —(HICHED

[N Wi, BEOD TS ZET 4=V ERIREL ¥,

1
node = stream.create("settoflag", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("true_value", "1")
node.setPropertyValue("false_value", "0O")
node.setPropertyValue("use_extension", True)
node.setPropertyValue("extension", "Drug_Flag")

node.setPropertyValue("add_as", "Suffix")
node.setPropertyValue("aggregate", True)
node.setPropertyValue("keys", ["Cholesterol"])

& 93. settoflagnode FT/NT+ —

settoflagnode 7’ 37 4 — T =5 Fany 4 —DiHH
fields_from [category category
category]
all
true_value string 7o RBET DRI — FOERT
5H (true) DEZIEEL T, 7741
MIT T,
false_value string 7 RBETHL X/ — RPEHT
%1% (false) DEZIEL 3, 774V
MEF T
use_extension flag Wi 2 787 4 — 0V FOEREEEE 7213
AR LT, R T2EHL £9,
extension string
add_as Suffix R 03 E B EE (Suffix) £ 713 HE0ER
(Prefix) £ LTEMENZ Z L 2REL X
Prefix X
aggregate flag F— 74— RIZESVWTLa—-F %S
M= L ET, H (true) ITRE XN
La—RH1DOTbHdL, ZL—THD
TRTDT7 7787 4 =)L RHEEINTR
b i '—g‘o
keys list F— 74— F,

statisticstransformnode 70O/\7 1 —

—\ Statistics Z#f2 7 — KiZ. IBM SPSS Modeler ® 5 — & + ¥ — 223 2 IBM SPSS
2 Statistics > X v 7 R » 2=y FOBRIREZITVWET, 2D/ — N, 54k 20

i 5.z 57 IBM SPSS Statistics 0 21 ¥ — A3RET S,

FTA1®E 74— K
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ZD/—FDOFaRT 4 —IZDOWTIX, 421 R—I D Tstatisticstransformnode 1@ %37 4 — j 1ZE0HE X
NTVWET,

timeintervalsnode 700/\7 — (BELE)

%) ¥ : 2D — KlZ SPSS Modeler DN— 3 > 18 THEIE X L. T L WIERG 2 — Rz
!, BEXHZoNE L,

KX/ — T [RIIT — X DETAMAERHICK D ZHEE L. BHEIIGCTIN
NEER L %5, HOMREIIFEICZT 5N THRWEEIE, La— FEIC—F#HO/™
bz L 2BSC T, EZTHLAEDEF LD TEX T,

il

node = stream.create("timeintervals", "My node")
node.setPropertyValue("interval_type", "SecondsPerDay")
node.setPropertyValue("days_per_week", 4)
node.setPropertyValue ("week_begins_on", "Tuesday")
node.setPropertyValue("hours_per_day", 10)
node.setPropertyValue("day_begins_hour", 7)
node.setPropertyValue("day_begins_minute", 5)
node.setPropertyValue("day_begins_second", 17)
node.setPropertyValue("mode", "Label")
node.setPropertyValue("year_start", 2005)
node.setPropertyValue("month_start", "January")
node.setPropertyValue("day_start", 4)
node.setKeyedPropertyValue("pad", "AGE", "MeanOfRecentPoints")
node.setPropertyValue("agg_mode", "Specify")
node.setPropertyValue("agg_set_default", "Last")
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& 94. timeintervalsnode 7/NT+ —

timeintervalsnode 7o X574 |F—%H FTans s —D N
interval_type None
Periods
CyclicPeriods
Years
Quarters
Months
DaysPerWeek
DaysNonPeriodic
HoursPerDay
HoursNonPeriodic
MinutesPerDay
MinutesNonPeriodic
SecondsPexDay
SecondsNonPeriodic
mode Label La— NZEBE LTIV EMNIT S
(Label) 2>, F3f5E S N-HfF, 24
Create LARYT TR 7 4 — v B2 HE
DWTRINZ T %D (Create) 5
ELET,
field field T =D LRINEHWET 25813 &L
a— FOHMNEEIRAERST 74—
FZ2EELF T,
period_start integer IR % 7238 ER 5 % BAR O BHARIIRS % 45
ELET,
cycle_start integer TEER S 2 B OB A 71,
year_start integer WHATRER X7y XA 7D, BRPIDX5H
A%,
quarter_start integer HHATRER X7y XA 7D, BPIDX5H

A% VU=,
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& 94. timeintervalsnode 70O/NT+« — (i )

timeintervalsnode v 85 4

—

7 221

7ans s —ouH

month_start

January
February
March
April
May

June
July
August
September
October
November
December

day_start

integer

hour_start

integer

minute_start

integer

second_start

integer

periods_per_cycle

integer

IR S 2 Wi | &Y A 7 v N IR

fiscal_year_begins

January
February
March
April
May

June
July
August
September
October
November
December

VIR DX 7y D5 E . REHEE MG
FLHEHEELE T,

week_begins_on

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

Sunday

X GEL - O HY D
ORI, B2 ok, HYE7=bo
ME) o, BAPBEIEHERELE T,
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& 94. timeintervalsnode 70O/NT+« — (i )

timeintexvalsnode 71 X574 |F—&%Kl Fany 4 —DHH
day_begins_hour integer FEMAN X7 (HE72 b oRfE. HE7-
D DOEL. H4720 oRE) o, H2Mh %
LI ZHEELE T,
day_begins_minute &
day_begins_second ZfHAEDHET
8:05:01 @ Xk 51z, IEMERIZIZ$5E T
XE3, TOMAFIZSELTEX
W,
day_begins_minute integer ERAR 72 X5 (H 2472 o R RE% H 2472
hDE. HE7=0 0BE) O, HA%EE
RO ZIEE L3 (BlR1X 8:05
D 5),
day_begins_second integer ERA 22X 5 (H %72 b ORFEIEL, H 2472
DO HY7-D ofE) . H2 A E
IO ZIEE L 3 B 2IE
08:05:17 ® 17),
days_pez_week integer BRI GB 72 D 0 IR, F 2472 D
DOFFEE. HY7=D on. HY7=boD
ME) 0. BLE7-D OHBEEELET,
hours_per_day integer FEMAN X7 (HE72 b ORfEE. HE7-
hOE. H4720 ofME) o, 1 HOKF
M EfELET,
interval_increment 1 HY47 b o5 e H47: b oBEIzOW
T, &L a— FHBETOIEE 72305
2 %*E‘Ebij—o
3
4
5
6
10
15
20
30
field _name_extension string
field_name_extension_as_pr |flag

efix
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& 94. timeintervalsnode 70O/NT+« — (i )

timeintervalsnode 7u 54 | F—xH Fay 54—t

—

date_format " DDMMYY"

"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
“DD.MON.YY"
“DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
“DD/MON/YYYY"
MON YYYY

g 0 YYYY

ww WK YYYY

time_format .

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M:(S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"
"(H)H.(M)M.(S)S"
"(H)H. (M)M"
"(M)M. (S)S"

aggregate Mean 74—V RFOEHAERRELET,
Sum
Mode
Min
Max
First
Last

TrueIfAnyTrue
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& 94. timeintervalsnode 70O/NT+« — (i )

timeintervalsnode 71 X574 | F—%% Fay 54—t
pad Blank 74—V ROTHEFEZEELE T,
MeanOfRecentPoints
True
False
agg_mode All BB TT 740 P OBETTRT
D74 =)V R EiHFRIITIET 20
Spec:Lfy 5%7)%%5%1/?3—0 if:@i\ @ﬁﬁ\j‘é 7
14—V R EBBRTEEL 3,
agg_range_default Mean HRA 7 4 —L R 2 EEHT 2 & =
T257 74 NOBEBERELE T,
Sum
Mode
Min
Max
agg_set_default Mode HFM T 4 =NV R RS 5 & ZICfEH
T257 74 bOBEBERELE T,
First
Last
agg_flag_default TrueIfAnyTrue
Mode
First
Last
pad_range_default Blank SR 4 — L R RT 4 v F e &
WHHT 2T 740 FOBKREIREEL $
MeanOfRecentPoints ER
pad_set_default Blank
MostRecentValue
pad_flag_default Blank
True
False
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& 94. timeintervalsnode 70O/NT+« — (i )

timeintervalsnode 7u X574 | F—X%l Fany 4 —0H

max_records_to_create integer RANETTHET 2 & ZIERT 2 RAL 2
— FEIEEL X9,

estimation_from_beginning |flag

estimation_to_end flag

estimation_start offset integer

estimation_num_holdouts integer

create_future_records flag

num_future_records integer

create_future_field flag

future_field_name string

transposenode 7O /N7 —

TR ) —RT, La—F»BR 74— Rk, 74— FBRLa—Ricks x>

il

2 ATREFIAD T — R 25 £9,

node = stream.create("transpose", "My node")

node.setPropertyValue("transposed_names", "Read")

node.setPropertyValue("read_from_field", "Timelabel")

node.setPropertyValue("max_num_fields", "1000")

node.setPropertyValue("id_field_name", "ID")

3+ 95. transposenode 7O /NT 4 —

transposenode 7 X574 | F—&HK a5 4 —DH

transpose_method enum TN L%, TiEH ) (normal), TCASE
725 VAR ~\J(casetovar). VAR 72 & CASE
~J (vartocase) DHFLSIEEL T,

transposed_names Prefix DR ATAIABRED a7 4 —, L
W7 4 =)L R, F5E S - HEEEEE

Read (Prefix) IZHESWT HBINICIER T & % 5,

¥ BIFOT— 2D 7 4 =V R 67
4 — IV RBEFHRAALZENTEET
(Read).

prefix string NER ) ATHABHED Ta 74—,

num_new_fields integer DEE | ITHIAEFED a7 4 —,
HERHEHT 2580 ERT 2LV 4 —
N RORKREEZEELE T,
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5k 95. transposenode 7O/NT 1 — (Fi ¥)

transposenode R 87 4 | F—&K Fans 4 —oH
read from_field field DEHE ) AR AGED a7 4 —, i
DHAAEND 74—V K, ZHUFIA VR
R 2LENT2T7 4 =V R THDZ e
BTT, £ THRWVWESI. /— FRETX
nzexlTTs— #%ibi?
max_num_fields integer LEH | fTAIAEFED 7 m )\?4’ — 74
—V R o AHIZ AR LG E R BEITK
BD74—NLF %{’FEJZLZ,CL\J: ST, 74—
VRO ERZHEEL T,
transpose_type Numeric HEH ) ATABEO T T 4 —, 77
AL b TLEEBRID 7 4 =L R DAD 175
String PBANEZONETH, Kbz, BUET 4
—VEDARR L (2= —RE) ¥ 7k v
Cust b EEIRE I TR TOXLFH| 7 4 =L K
ustom EANBRADZ LB TEET,
transpose_fields list NEH ) THABHEO Ta87 4 —
Custom (L —H—E) A 7> = /%ﬁ)ﬂ
THLEXIT AT ANEZ S 74—V %
FEELE T,
id_field_name field DEE | ATHIAETED a7 4 —
transpose_casetovar_id |field rCASE7§)E>VARJ\(casetovar)Jﬁﬁﬂl.*é?
fields HEDTaRT 4 —, BEDT7 14— %
AT IR T4 =NV R LTHATSZ
ERZIIANET,
fieldl ... fieldN
transpose_casetovar_co |field [CASE %5 VAR “\ (casetovar) | {TFIAE
lumnfields HiEoTakT 14—, BEOT74—NL ¥ %
74 =P LTHHATZZEZ2RZITA
Nnx 7,
fieldl ... fieldN
transpose_casetovar_va |field FCASE 75 VAR “\ (casetovar) | {74 AR
luefields FEDTaRT 4 —, EEOT74 -V %
fEZ7 14—V R LTHAT2Z2RITA
Nnx 7,
fieldl ... fieldN
transpose_vartocase_id |[field T'VAR %25 CASE “\ (vartocase)) 174

fields

ﬁ&@fﬂﬂ%4— BEO74—L K%
DEH I+ — VR LTHEHTAZ L2
D‘]\fhiTO

fieldl ... fieldN
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5k 95. transposenode 7O/NT 1 — (Fi ¥)
transposenode 71 854 | F—&K A= 2V R RO 1
transpose_vartocase_va |field T'VAR %5 CASE ~\ (vartocase) ] 1TFIAE
lfields FEDOTaRT 4 —, EEDT7 4 —L %
AR 74—V R LTHATZ2 2%
FANE T,
fieldl ... fieldN

typenode 7O /\NT 1 —

=— T=ZB)—FT, 74—V FDARTF=Re a7 —Z24EELET, HIZIZ,

e #7414 —= BRIz, IEDORE A, AFRE, HFEL, £33 77 27) 2HEEL. K
BEY S2AT5 INVNDODUHED 20D F T a v EREL.ETFAERDO HINIZHT 3
T4 =V RDKEEREL, 74—V EREHEOITNNVEREL, 74—V FOEERTE
ELET,

1

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC",
"dIUgD", ndrugxn,

"dIUgY" , "dIUgZ"])
node.setKeyedPropertyValue("null_missing", "BP", False)
node.setKeyedPropertyValue ("whitespace_missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value_labels", "BP", [["HIGH", "High Blood
Pressure"],

["NORMAL", "normal blood pressure"]])

HHEDOGE. 1 EFrD /) — FBIELLERET 2 X912, 77 7%RKE/ — FD fields from Yo 87 4 —
DI, T—FB ) —FEERIA VAR LT IR ENDZGERDNET, 74—V EEA VA
22T BI2E. RDESIT, T—TN -« J— RE2ERLTETTIEIFTT,

tablenode = stream.createAt("table", "Table node", 150, 50)
stream.link(node, tablenode)

tablenode.run(None)

stream.delete(tablenode)
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5% 96. typenode FO/NT+1 —

typenode 7 |7 —&#l TaR7 4 —DHHN
QINTF 4 —
direction Input T4 — L FOBEDF—TORT 4 —,
Target H i In & Out 3FEEEINF Lz, 5%
DY Y —=ZATREY K= I HMEh s
Both BRHDFT,
None
Partition
Split
Frequency
RecoxrdID
Type Range 74— RO RfE
LUENE 7 4 =V RD TRA T 2RI T
Flag W
F L72), type % Default ICERET S &
Set values ST X —X—REXZ7 V7L E
K
Typeless value_mode Ol Specify DHEH.
Read IZ
. Vty FLET,
Discrete value_mode 73 Pass % 721 Read I23%
EXh
OrderedSet 256, type % E L T value_mode
Iz
default BEEDD A

ARSI F— 2L, 7—&
) — RICFRRENDE T — XAV 138z

DEFT, ROLSITHIGL 3 HFR >
ity MY - > AFIEFE Y M -> )H

FRBER- > H 7oy — Al
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% 96. typenode Z7O/NT+ — (Fi %)
typenode 7 |57 —%% 7Tans 4 —D i
QINTF 4 —
storage Unknown T4 =L RDRA L= « XL AR
AEHF— - TaT 4 —,
String
Integer
Real
Time
Date
Timestamp
check None T4 =LK« X4 T HEHOREHD X
b 70D){)?‘_4’ o
Nullify
Coerce
Discazrd
Wazxn
Abort
values [fi ] HEA 7 4 —L RO BGE. BRYDMED )
ETHREDEIRAMEICRD £F, HFE
74—V RFDHE, TRTOEZRREL
¥9, 77 7MDGE. BAIDOED false
() %, WEDEDS true (H) 2L L 5,
CDTONRT 4 —ZRET S L,
value_mode v 87 1+ —D{ED HEN
IZ Specify IKREINE T,
value_mode [Read EOREFELZRELET, DT asx
7 4 —IC Specify R ERICIIFHETE R
Pass WIERFEELTLEZ W, REDEE
A3 2121%, values a7 4 — %%
Current
Specify
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% 96. typenode 7O/NT 1 — (Ft X)

typenode 7 |7 —&#l TaR7 4 —DHHN

QINTF 4 —

extend_valu |flag value_mode 2% Read \CFE I N7 HE

es WHEHENE T, #L<FmAbALEE,
7 4 —b KO BFOMEIENS 25513,
TEZRELE T, HLLHARAALEE B
LT, MFOEERHET 258, F i
RELET,

enable_miss |flag TERELIHE. 74— FOXIEED

ing

BEFEINCZD 9,

missing_val
ues

[value value ...]

RIFT —R%eRT T —XEEEEL T,

range_missi |flag 7 4 =)L RICRIEME (B2 H) OHIFHHER
ng ENTVEDLE I EREELET,
missing_low |string range_missing 23E (true) DA, KiF
er E#PH O TRRMEZEE L £ 3
missing_upp |string range_missing 23H. (true) DA, KiF
er fEEA O FRREZIEE L E5,
null_missin |flag TERELRBE, XMEY 7927
g TIE $null$ & L THERS N D RIEFRH)
WREEE AR E T,
whitespace_ |flag TEZRELESA, ZHEARR-Z, &
missing 7. BXUHIT) 2 ETEDRIEME ¢
Raangd,
description |string 74— FOFHAZIEEL FT,

value_label
s

[[Value LabelString] [ Value LabelString] ...]

HORTDIZDDTNILEFEEL E T,

display_pla
ces

integer

T4 =V EPFRIREIND & TN D
M ERELET REALRA L =D 7
4 =V RIZDOATEH), -1 ZRET S L.
ZAFV—LDFT7H L IDBEHINE T,

export_plac
es

integer

T4 =L FBRHTEND & ED/NEED
M ZE LET (REALRA ML —TD 7
4 =V RIZDATEH), -1 ZRET S L.
ANV —2DTF 7V IBFEHINE T,

decimal_sep
arator

DEFAULT

PERIOD

COMMA

74— RO/NEGEERIEELE T
(REAL R FL—T D7 4 =L RIZDOAHE
o
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% 96. typenode 7O/NT 1 — (Ft X)

typenode 7
QINTF 4 —

7 S

Zans 4 —0i

date_format

“DDMMYY"
“MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
“DD-MM-YY"
"DD-MM-YYYY"
“MM-DD-YY"
“MM-DD-YYYY"
"DD-MON-YY"
“DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
“DD.MM.YYYY"
“MM.DD.YYYY"
“DD.MON.YY"
“DD.MON.YYYY"
“DD/MM/YY"
"DD/MM/YYYY"
“MM/DD/YY"
“MM/DD/YYYY"
"DD/MON/YY"
“DD/MON/YYYY"
MON YYYY

g 0 YYYY

ww WK YYYY

T4 =V EFOHMERZHELET
(DATE ¥ 721X TIMESTAMP 2 L —Y (D 7
4 =L RICDOABERHEINE D),

time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M:(S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"
"(H)H.(M)M.(S)S"
"(H)H. (M)M"
"(M)M. (S)S"

74—V EFOHMERERELET
(TIME £ 7213 TIMESTAMP X F L —3 D 7
4 =L RICDOABEHXNE D),

number_form
at

DEFAULT

STANDARD

SCIENTIFIC

CURRENCY

74 = FICBIEDOFZRIE R 2 E L %
EX

standard_pl
aces

integer

74— E R TR REINE L &
D/NERLLT OB ZIEE L %3, -1 %
RETDL. ANV —=LDT 74 )b bDHH#
Hahx3, BfFD display_places &
Oy FCHZORENEHEINE T, B
XL TVET,
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% 96. typenode 7O/NT 1 — (Ft X)

typenode 7 |7 —&#l TaR7 4 —DHHN
QINTF 4 —
scientific_ [integer 74 =L EHRREROBA TR REINS
places L ZO/NBERLL T O R %0E L %
T, -1EBRETHE. APV —LDT 7
AV EBEHENET,
currency_pl |integer 74 =)V R EEDOEA TR REINS
aces XD T 4 = FO/NEERLUT ONTE % 3%
ELET, -1Z2RETHE. APY—24
DT 7+ EBEHINET,
grouping_sy |DEFAULT T4 = RN —=T VRNV ZRE
mbol LE3,
NONE
LOCALE
PERIOD
COMMA
SPACE
column_widt |integer 74—V NHNEZRELET, -1 2w
h SEEIEET 5 L. FliFE Auto ICRE &
NEI,
justify AUTO 74— RICHFBZREL 5,
CENTER
LEFT
RIGHT
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% 96. typenode 7O/NT 1 — (Ft X)

typenode 7
QINTF 4 —

7 S

Zans 1 —0HH

measure_typ
e

Range / MeasureType.RANGE
Discrete / MeasureType.DISCRETE
Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet /
MeasureType.ORDERED_SET

Typeless / MeasureType.TYPELESS

Collection /
MeasureType.COLLECTION

Geospatial /
MeasureType.GEOSPATIAL

ZOFxF—ftxTa 74 —F, 74 —LF
WREM NI RERERT 57201
EFT&E 2 25 T, type LFELIL T
WES, BR2ZDIE, Python 227V 7+
T, getter BA¥A3H1C MeasureType fE%
IB$—J7 T, setter BI%KIC MeasureType
EDSHDL1OZEETIHTEZ LW
5 JI{_\:I;'C\\?O

collection_ |Range / MeasureType.RANGE INET 4 —IL R (FEXDB0DY R L) D
measure B, 20X —fFE a7 —id, Eilfte
Flag / MeaSUIeType . FLAG ti %){IEKEQS'@{TJ‘H Ehfcﬁgg /f 7°%i
FELET,
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
geo_type Point HIBRZER 7 4 — L RO GE, 20X —fF %
T T 4 —IZED, TDT 44— FHRK
MultiPoint THIFERA 7O 27 P DR A THER
ENFET, ZHU HOY X PDIRS L #E
. . BLTWVWARENDD £7,
LineString
MultilineString
Polygon
MultiPolygon
has_coordin |hoolean HIFEZEf] 7 4 — L RDFE, 2D T T
ate_ system 4 —IZ&D, ZD7 4 =L RICEERDE D
EDLEIDPERINET,
coordinate_ [string W 7 4 =V FDGE, 20X —{F&
system THNRT 4 —ITED ZDT 4 =L RO JE

BERVERINE T,
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% 96. typenode 7O/NT 1 — (Ft X)

typenode 7
QINTF 4 —

7 S

Zans 1 —0HH

custom_stor
age_ type

Unknown / MeasureType.UNKNOWN
String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp /
MeasureType.TIMESTAMP

List / MeasureType.LIST

ZOFxF—ftxTa 74 —F, 74 —LF
DA—N—F4 F APL—VEERT D
7=DIMFEHTE 3 205 /T,
custom_storage ML TWVWE T, &
725 DlE, Python 227V 7 T, getter B
AV IZ StorageType %R T — /T,
setter BIEXIZ StorageType fED S5 H?D 1
ORETIELDBTELLWVIHNTT,

custom_list

gtorage_typ
e

String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp /
MeasureType.TIMESTAMP

YRAL 74—V RDOGE, ZOF—ff&F
ORT4—=I12&h, HiEraEOR ML
—I RATHBHEEINET,

custom_list |integer VAN 74—V FOEE ZOF—ET

_depth 274 —=Ii2&D, 74—V FDOHEI DS
EXNET,

max_list_le |integer MW E 2 3EGOVWThrORER

ngth For—2oAfHTEEd, YR
DIRAEERET 5121F, VA MTAND
CEDTEZEFEOPREREL X7,

max_string_ [integer 7 — ZBUAREH O 57— 2 TO A HAEET,

length

SQLEAEM L CT—I N2 ER T2 &
WHEHEINE T, 7 —XDHRALFHD
HEE AN LEST, ZhUucEkb, 7—701C
ERENDBHNN, ZDXFHNEED B DIT
‘o kEXickb 3,

FTALE 74— L RRE/ —FDOTa 874 — 189
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Y iy

5

1273 75 2k 2 — RO a5 4 —

IS5 71k / —FoE@E70ONT1—

DOk arTid, I IER — RTHEHTE2 0874 —i2onWT, @ yays— /) —

R ZATEEDTOT4 —bEDTHHAL 3,

R97. 7R/ — RoEL@O/NTv —

output (.cou)

7572k — Foiirn | F—2% a4 —DiHH
NT 4 —
title string XA PLEIEELE T, fil"Thisis a title."
caption string fpaiz e € Lk 3, f:"This is a caption."
output_mode Screen 77 ER ) — RO NBERRENE . 7
FANMNEEAENE L EEELE T,
File
output_format BMP HDXATEEELE T, HIRREREA 7
. &/ —FIBCTELET,
JPEG
PNG
HTML

full_filename string

75 7R — R ol a7 70,
FDRAL 77 ANBEIELE T,

use_graph_size flag

TICHAT 2B mX DT a7 — 2 FHL

T 77D A XDBHRLTHREZINEINE D

DPEEELES, HEHIINBE T 712k

FHELEST, BT - J— FICBfERTEE
Ao

graph_width number

use_graph_size 23 True DA, 77 7 DI

P ELTHEELE T,

graph_height number

use_graph_size 2’ True DA, 7/'7 7DE
I VTRREL T,

F7ar 71— FOEMIL

BRI —nN—1L A - 724 =L REDT TS ay « 74— FRiZ. ROFID X312 a7 4 —fHIC
non e ) REET Ak, BT AN TEE T,

plotnode.setPropertyValue("color_field",

")




BOIEE
FE, @S, TR, BIXUIRNLOMEIK, Ny P ailES #) THED? 16 EXFIITIEET S I NTEE
T, BlZIE. 79 70EERZOICTAITE. ROXEIEELET,

mygraphnode.setPropertyValue("graph_background", "#87CEEB")

ZIZT. BAID2Hi 87 3Rt EER. KD 2H#i CEZFOER., RED2H EBIZHFOEEZRLET, &
M, 0005 9 £/23 A5 FOHHDEICKZD £, ZALDEEMHAL T, R-H%-F (RGB) Dtaxts
ELETD,
F:EB%2RGB THETALE. 2—-HF— A VE -T2 —RAD74—LF ¥y h—%FHLTELWaI—
FERETRAZENTEET, Pod—%2HNOED LIZHhIRIE, Z208a— Y —i b v MIER
INFET,

collectionnode 70O /\NTr —
HBHBESS T - ) —F T, BOBE T 4+ — FOEICHFIZBUE 7 + —1 FDfED

il W7o 7%RRLET (BEMESZ7 - J—FTWRR. B AN T 212205 703k
BENFT), BithES 2 713, EXREOKHEE © BT 2887 4+ —L R
EFRRTBGEHKIBET, 3T 7 7EMEHLT, 2t s 73V —HIcER
T5URNERZEMT 2D TEET,

1
node = stream.create("collection", "My node")
{## "Plot" tab

node.setPropertyValue("three_D", True)
node.setPropertyValue("collect_field", "Dxug")
node.setPropertyValue("over_field", "Age")
node.setPropertyValue("by_field", "BP")
node.setPropertyValue("operation", "Sum")

# "Overlay" section
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")

node.setPropertyValue("animation_field", "")
# "Options" tab
node.setPropertyValue("range_mode", "Automatic")

node.setPropertyValue("range_min", 1)
node.setPropertyValue("range_max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 5)

% 98. collectionnode 7O/NT 1 —

collectionnode 71 85 4 — | F— &M Faxs 4 —0
over_field field

over_label_auto flag

over_label string

collect_field field

collect_label_auto flag

collect_label string

three_D flag

by_field field
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5% 98. collectionnode F/NT+ — (Fi %)
collectionnode 7m 35 4 — | F— &% 7Taxs 4 —DiH
by_label_auto flag
by_label string
operation Sum
Mean
Min
Max
SDev
color_field string
panel_field string
animation_field string
range_mode Automatic
UserDefined
range_min number
range_max number
bins ByNumber
ByWidth
num_bins number
bin_width number
use_grid flag
graph_background color EUED 'S 71, ZDR 7> a vy DBRINIH
A TWVWE T,
page_background color EHED 75 71k, ZDv TS a DRI
BHXNTWE T,

distributionnode 70/ 7 1 —

W7o 7 ) — KT, a—rOEECHNRY., VFRVE (B73)—) OHIRE
. ErRRLET, BE. o7 - J—F2HHALTTF RO 2FRRLET
M, FOTF—RIFETFTVOIERENCAT VR« J— REFHHLTEBETEET,

1

node = stream.create("distribution", "My node")
# "Plot" tab

node.setPropertyValue("plot", "Flags")
node.setPropertyValue("x_field", "Age")

FA2F IS I/ENR — RO Fa 87 4 — 193



node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("normalize", True)
node.setPropertyValue("sort_mode", "ByOccurence")
node.setPropertyValue("use_proportional_scale", True)

% 99. distributionnode 7 /NT 1 —
distributionnode 7u X7 |F—%#l FOF 4 —0D B
4 —
plot SelectedFields

Flags
x_field field
color_field field F—=N—=VLA + T4 —LF,
normalize flag
sort_mode ByOccurence

Alphabetic
use_proportional_scale flag

evaluationnode 7O/\F 1 —

A, — Rk, FHIETOLOFHEG E BEBICHW SN E T, i T 7T, BT

Ve EORRE LORETFHT 202FRLET, ZHUTX > T, FHEYL FHIOEHEE
WHEOWELa—FBRY —bENET, ZLT, La— F»PESA X (G0 o7 —
FIHEIE R, BOMDE D3 2T 3 HMEDMED. BV ITH SEIETER I E
T, ERNCIE. EEOETADERR 2B TRENET,

il
node = stream.create("evaluation", "My node")
# "Plot" tab

node.setPropertyValue("chart_type", "Gains")
node.setPropertyValue("cumulative", False)
node.setPropertyValue("field_detection_method", "Name")
node.setPropertyValue("inc_baseline", True)
node.setPropertyValue("n_tile", "Deciles")
node.setPropertyValue("style", "Point")
node.setPropertyValue("point_type", "Dot")
node.setPropertyValue("use_fixed_cost", True)
node.setPropertyValue("cost_value", 5.0)
node.setPropertyValue("cost_field", "Na")
node.setPropertyValue("use_fixed_revenue", True)
node.setPropertyValue("revenue_value", 30.0)
node.setPropertyValue("revenue_£field", "Age")
node.setPropertyValue("use_fixed_weight", True)
node.setPropertyValue("weight_value", 2.0)
node.setPropertyValue("weight_field", "K")
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 100. evaluationnode 7/NT+ —

evaluationnode 70 "7 4 — | F— &K Fany 41—l
chart_type S
Response
Lift
Profit
ROI
ROC
inc_baseline flag
field _detection_method Metadata
Name
use_fixed_cost flag
cost_value number
cost_field string
use_fixed_revenue flag
revenue_value number
revenue_field string
use_fixed_weight flag
weight_value number
weight_field field
n_tile Quartiles
Quintles
Deciles
Vingtiles
Percentiles
1000-tiles
cumulative flag
style Line
Point
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% 100. evaluationnode 7O/NT « — (i )
evaluationnode 7’0 85 4 — | F— X Fany 41—l
point_type Rectangle

Dot

Triangle

Hexagon

Plus

Pentagon

Star

BowTie

HorizontalDash

VerticalDash

IronCross

Factory

House

Cathedral

OnionDome

ConcaveTriangle

OblateGlobe

CatEye

FourSidedPillow

RoundRectangle

Fan
export_data flag
data_filename string
delimiter string
new_line flag
inc_field_names flag
inc_best_line flag
inc_business_rule flag
business_rule_condition |[string
plot_score_fields flag
score_fields [field1 ... fieldN]
target_field field
use_hit_condition flag
hit_condition string
use_score_expression flag
score_expression string
caption_auto flag

graphboardnode Z7O/\7 1 —

A\ 75 I7RK—F+ /) —FTld, B—D/ — X FXEREED I 7L TV E

T, O/ —FERMFEHALT, MiET27—&% 74—V REFERL, #RLET—X
WHHTE2 77 7% 8 RTEEd, #ERLAZ74 =L NICHEIRWT Z 7 O
. /= RIZXo THEMNCRIL SN E T,

H: 7727 24 71T UTENR T T4 =2 RELRGE B, XTI 710U Ty_field
PELESGR). ZO7uxTy s —3EHINET,
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WU, XFEXERTIT7 X470 TEE) 270 T8 74—V F2HYVET, 2D74—LF
. BRERAZ ) PP TCIEHE—F IR TOVEE A,

il
node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")

node.setPropertyValue("x_field", "K")
node.setPropertyValue("y_field", "Na")
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5% 101. graphboardnode 70 /N7+ —

graphboard 7’1 %
TA4—

7S

Ty 4 —>D N

graph_type

2DDotplot
3DArea

3DBar

3DDensity
3DHistogram
3DPie
3DScatterplot
Area

ArrowMap

Bar

BarCounts
BarCountsMap
BarMap
BinnedScatter
Boxplot

Bubble
ChoroplethMeans
ChoroplethMedians
ChoroplethSums

ChoroplethValues
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5% 101. graphboardnode Z71/\NT+ — (i %)

graphboard 7u X | 7 —&H AT 4 —D F
TA4—

ChoroplethCounts

CoordinateMap

CooxrdinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap
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5% 101. graphboardnode Z71/\NT+ — (i %)

graphboard 7m % | 57— 2%l Fany 41—l
TA—
PointOverlayMap
PolygonOverlayMap
Ribbon
Scatterplot
SPLOM
Surface
x_field field XBHDH AR L (L—F—FE) TR
NEEELE T, 7NV TOAEH
SEESER
y_field field YE D AR L (2 —P —FKE) FX
NERELR T, 7NV TOAER
TEXJ,
z_field field 3RILT 7 7 D—ETHEAL £,
color_field field t—Fh vy STHALX T,
size_field field NI Ty NCHALET,
categories_fiel [field
d
values_field field
rows_field field
columns_field field
fields field
start_longitude |field S~y 7ORHITHEHAL £7,
_field
end_longitude_f |field
ield
start_latitude_ [field
field
end_latitude_fi | field
eld
data_key_field |field XFEXFERh~y FTHHALE S,
panelrow_field |[string
panelcol_field string
animation_field |string
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5% 101. graphboardnode Z71/\NT+ — (i %)

graphboard 7u X | 7 —&H AT 4 —D F
TA4—
longitude_field |field < v 7 OEEETHER LT,

latitude_field field

map_color_field |field

histogramnode 70O0/\7 —

LARNTTL ) —FTlE, BE7 4 — LV FOMEOHBBEENREINE T, £ 05

e By BRI T A= RiE BERETVOREEERNC T — X 2N B 7 DI X
NEF, MBI 7 J—FReEM BAMNT T4 —FRIZ&D, T—RANDREH
DUIELIEHAS D 5,

il

node = stream.create("histogram", "My node")
# "Plot" tab

node.setPropertyValue("field", "Dxrug")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")

node.setPropertyValue("animation_field", "")
# "Options" tab
node.setPropertyValue("range_mode", "Automatic")

node.setPropertyValue("range_min", 1.0)
node.setPropertyValue("range_max", 100.0)
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 10)
node.setPropertyValue("normalize", True)
node.setPropertyValue("separate_bands", False)

5% 102. histogramnode 70 /\NT 1 —
histogramnode 7 854 — |F—&%Kl FBIF 4 —D B
field field
color_field field
panel_field field
animation_field field
range_mode Automatic
UserDefined
range_min number
range_max number
bins ByNumber
ByWidth
num_bins number
bin_width number
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5% 102. histogramnode 7O /N7« — (ft X)

histogramnode 7 85 4 — |F—&%l FrT 4 —D B

normalize flag

separate_bands flag

x_label_auto flag

x_label string

y_label_auto flag

y_label string

use_grid flag

graph_background color EUED 275 71, ZDR 7> a vy DBRINIH
HEATWE T,

page_background color EHED 75 71k, ZDv T a r DRI
BHENTWVWE T,

normal_curve flag ERDD A —7 % HWHITERRT 2008 5
ZIRELE T,

mapvisualization 7O /\T ¢

< v TR — Fid, BB A2 AT, BT — X2 —HDOE L
LTy TREFRTBIENTEET, FBIEHE—OHIBEZM 74—V TS, #l

& 2R, BEAREEZEO~y 7 L, 20 RGEROE, JIIOE, BHIOEZHRT 2 Z e
TZ%E9,

5k 103. mapvisualization 7O /NT 1

mapvisualization % | F—&#Hl Tans 1 —D i
T4
tag string AHO & 7 O4HERELET, F7 4

LRDXRZ, ANH 7 — RicHEi s hi-E
JFPICED S BUET S (BRI 0B X 73 1. 2
FHOBR 2 7032 £S5 HETHRIEH
EEINFED),
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% 103. mapvisualization 7O/NT+ (i %)

mapvisualization 7m X |F—xHl
T4

Zans 4 —0uH

layer_field field

<~y 7R LTERRTE, 7—& kv
O 4 — L FE2ERLES, 7

7 4L b DFEIRANFIZ, XD Y — MEIZED
x%7,

. H%_XL*]J-){_:I;

c fTR MV T

- ZAE

« RS

« BEATA MY V2

. Wik - 2P

FIUREXAL T2FHEDO2OD 74— KN

HAGE. T74N TR, KEIOTLT 5
Ry METRHD 7 4 —L R ERENF

3,

color_type boolean

BHEQEERIE Y 4 — L RDTRXTD 7 4
—F ¥ —IHEHAT A0 A== T4 —
NREEHT20EEELET (F—1N—L
4 74— RTWE, 7—% -ty tofio7
4 — L FOMEIZEDSWT, 74 —F v —I12fh
PRTHNET), FEETZ BMHIZ,
standard ¥7/-1% overlay T3, 7741
Mi& standard T3,

color string

color_type IZ standard Z&R L 735
A, Fay 78y 2iE, la—H%— %7
Tarv) o IFRR ZTEHZ 7557 hT
oV -0l EETEL Yy PBEER
£7,

FIANED 757 A5y —Df) 13,
17T73,

color_field field

color_type IZ overlay % #EIR L /=54,
Fay &Y i, B UGERE A
HM74 =V FERLET—X -ty b2HDT
NTD74 =LV EREENET,

symbol_type boolean

BHEDFEEZHIIE Y 4 =L ROFTRTOL

a— RIGEAT 20, A—N—L A iE%Z#H
H320%EELES (F—1"N—L A 5T
. T—=% -ty bOMDT 4 —L FOHEIZ
HOWT, R4V bPOREETA VP EHEX
NFEF), fHETEBMHIX standard F721F
overlay T3, 7 74/ M& standard T
‘3_0
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% 103. mapvisualization 7O/NT+ (i %)

Zans 4 —0uH

symbol_type IZ standard Z3&iR L 7235
A, Fay 7&8o 2, vy 7 EIgRA >
N RRT DDA IN S DR
HE» EEhE T,

symbol_type IZ overlay #&R L /=5
G, Fay XXy icid, e LGEREN
JHEE 7 4 — L REFRILT—X -y b2 5
DHF T 4 — VR HFRET 4 =L F %
B3 ATV =BT 4 — L ERITRTEF
NnNEI,

BHEDY A X% I 7 4 — L FDOTRTD
La—RIEAT 30, A—"—=L A1 DVA
AuHHT 2hEEELET (F—1"—1 A1
DY A XTlE, 7—& -ty bofio7 4 —
L RDEIZHEDSNT, dE7/a DY A4 X
FRRFMORKIDEHINTT), HETE
% fEiZ. standard £7-1X overlay T3,
7 7 4L MZ standard T9,

size_type. point. F7zlZmultipoint
IZ standard Z3ERL7GE. Fay FXY
2iE, ER LRS00 4 X0 #IRIEE
EFEhET, linestring 721
multilinestring DFAE, Fuavy XY v
WiE, MOKRKS OFEREEPEZENE T,

size_type IZ overlay &R L =54, F
0y XY E, B UTERIRE W
T4 —IVREFLCT—X -ty "D TN
TDO74—VEREENET,

mapvisualization 7m X |F—xHl
T4

symbol string
symbol_field field
size_type boolean
size string
size_field field
transp_type boolean

EHED BB R HIBE 7 4 — L RDFTRTOD

La—RICHEHT 20, A—N—L A1 EfE
EHEHATE0EEELET (F—N—1L A48
WETE, 7—&X -ty bofid 74— F
DIEIZEDWT, G5, . FRIEZAFD
BBEDOL NUVPEEINET), fEETE
%{El%. standard ¥7-iX overlay T3,

77 %)L M& standard T3,
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% 103. mapvisualization 7O/NT+ (i %)

mapvisualization X | F—4#Hl Tans 1 —D i
T4
transp integer transp_type IC standard %3%R L 7245

Ay Fay 7Z8 0, EBRE L L0
FUHE» S S E T, ZOHEIR, 0% (&
HH) 225 1009% ((EHH) £ T 10% %A THEMNL
9, vy 7 LEORL Vb B A
FBOZEBE ZHRELFT,

size_type IZ overlay Z#ERL=54E. F
gy IRYIE. B UTERS
T4 —IVFRERLCT—=X -ty F2HLDTN
TO74 =V EDREENET,

points. multipoints. linestrings.
BELUmultilinestrings, polygons B
X multipolygons (il FE) 0BG, 77
AL ME 0% T3, I FME T polygons
BXUmultipolygons DHE, 77 4L k
3 50% TT (ChHDEZAMEDO TDEHNE N
fRxh s Z ez} 37:0),

transp_field field transp_type IZ overlay =R L 7=
A, Fay 7&YciE, Be L GERI N
JHBE T 4 — L RERILT—& -ty b2 5
DIRTD7 4 =L EBEFENET,

data_label_field field <y TDF—& S~ LTHRIT 2 74
— L REEELE T, BRI, ZOFRKEDE
HEDEPZAEOEOGEE. T—&8 XN
L% name 74 —/L RIZLT, FAZFhD%
AEOAHIZZDD N TEET, 20
72, ZZTname 74 — L REFERT S L,
ZNOHDHHIDBYy FITRRENDE LS
“hET,

use_hex_binning boolean REEYHEEEML, TRTOERF R
v IR EAMILES, 774 PT
F. ZORERA 7R 2TV T,
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% 103. mapvisualization 7O/NT+ (i %)

mapvisualization 7m X |F—xHl
T4

Zans 4 —0uH

color_aggregation B X\ string
transp_aggregation

NALURDEIEFEHT2RA VMBIl
T I —nN—LA ] 74—V FEFERL-E
Bl NAFBOHFIZHBZTRTDORAL > M
DOWNWT, ZDT7 4 =L FDFTRTOEZEH
TEIRERDNET, Lo T, vy S
WHT2IXRTOD TF—nN—1L A ] 74—
RIiZoWT, EEtBEBEIEEST 208 LD D
b

fEHPTRE R SR TRIE ZE TR L £ 3,
A (ERE B L —D):

« Gt

« SEHE

o /IME

« KA

o HLE

o B 1 AR

o 553 i

HGA (RS, B, 214 2235207
DAL —):

« EEE

o /MHE

« IAME

2FA AT A

« E—F

- /IME

o AMH

7 5 JEl

c WFNLHEDGEIFE

o« WIFNLBBDLGE IS

custom_storage string

74—V RBERDRA ML =Y XA TEFE
LEd, 774/ M& List T, List %
fEE LS EE. KD
custom_value_storagea > tu—i &
list_depth 2> b o — L HERICHD %
ER

custom_value_storage string

74—V R TIERL, VANNOEED
AMNL—Y RATHHRELET, T 74
MlZ Real T3,
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% 103. mapvisualization 7O/NT+ (i %)

mapvisualization 7m X |F—xHl
T4

Zans 4 —0uH

list_depth integer

VAN 74—V FOREIZHRELET, &
FERESIZ 74— L FD&A 12Xk o
THEZY, ROFEEHENE T,

« B4V F-0

cAfTANV VT -1

« ZAE -2

. *E;E&){_\:I: - :I.

s BEATA MY V-2

- ZAIEHE -3
UZMIEHLUETHIFEZER 7 4 —LFD
BATe . FORBED 7 4 —)L FICRERE
XEMREL TBLDEDRHD T, KEI
OB bBEe, 74—V FREHTEEYE
Ao

7 7 4V MHEIX 0, H&/MEZ 0, FRAMEIX 10
T,

multiplotnode 7O/\7r —

M7« J—FTlE. 12DX 74— L FRIZHLTEBRDY 74—V FE2ERTS
Bz ERIDBER S NE T, ¥V 714 =L RIZBNZORTIERIEHh, 2hzh TR XA L]
T4—=LE% IS4 12, IXE—F] 74— F% IY—b] IZEELEEHAK
J—FRICHELET, 77 713 BROZROEFH 2 EHchb> TR T2 =

WL H ET,
1
node = stream.create("multiplot",
{4 "Plot" tab
node.setPropertyValue("x_field",
node.setPropertyValue("y_fields",

# "Overlay" section

node.setPropertyValue("animation_field",

node.setPropertyValue("tooltip",

node.setPropertyValue("normalize", True)

"My node")

[IIDIugII, IIBPII])
node.setPropertyValue("panel_field",

")

node.setPropertyValue("use_overlay_expr", False)

node.setPropertyValue("overlay_expression",
node.setPropertyValue("records_limit", 500)
node.setPropertyValue("if_over_limit",

"'teS't")

"PlotSample")

5% 104. multiplotnode 70 /\N T« —

multiplotnode 70 X5 4 — |F—%&H Fany 4 —DiN
x_*field field
y_fields list
panel_field field
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% 104. multiplotnode 7O /NT 1 — (§i X)
multiplotnode 7u 54— |F—&H 7Taxs 4 —DiH
animation_field field
normalize flag
use_overlay_expr flag
overlay_expression string
records_limit number
if_over_limit PlotBins
PlotSample
PlotAll
x_label_auto flag
x_label string
y_label_auto flag
y_label string
use_grid flag
graph_background color BHED 77 7k, 20t T a ORI
HEATWE T,
page_background color EHeD 75 71k, TDv 7T a >y DRINIH
BHENTWVWE T,

plotnode 7O /N7 —

AR ) — RC, Bl 7 1 — L RS OB REINE T,
M AR EEH L TIERTE£7,

{5

node = stream.create("plot", "My node")

# "Plot" tab

node.setPropertyValue("three_D", True)
node.setPropertyValue("x_field", "BP")
node.setPropertyValue("y_field", "Cholesterol")
node.setPropertyValue("z_field", "Drug")

# "Overlay" section
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("size_field", "Age")

node.setPropertyValue("shape_field", "")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "BP")
node.setPropertyValue("transp_=field", "")

node.setPropertyValue("style", "Point")

# "Output" tab
node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "JIPEG")
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node.setPropertyValue("full_filename", "C:/temp/graph_output/

plot_output.jpeg")

3 105. plotnode 70O /NT« —

plotnode 7 %5 4 — F— R Fas 4 —D
x_field field XBAD T AR b (22— —FIE) 7L EHE L
¥3, FNLTOAHHTEET,
y_field field YEIDH AR L (=Y —FE) 7NV EFHEE L
¥5, INLTOAEHTEET,
three_D flag yHEIDH AL L (=Y —F&E) 7 NNVEHEL
%9, 3D/ 7DINILTOAEATE X
ED
z_Tfield field
color_field field F—=nN—=VLA T4 =T,
size_field field
shape_field field
panel_field field &H 73V —@RD 7 7 OIEBIE S %
HEUEIZ T I T 4 — VR EFEELE
T, 771 ot Eh. BRO7 I 7
BLOOH NIV 4V FOIZERREINE T,
animation_field field ToX—a ML TEFZCERRT S —
HD T 7 7 2ERLTT —XEDH T3 —
ZRET 5, HEMERLEZ T I 78T 44—V R
ZHRELET,
transp_field field ATIV =T IR D L RIVDFEEE %
LT, 7—XEOh TV —%2KT 74 —)L
FZEEL £, s 7 7 CIfEHTE
THA.
overlay_type None A —N— LA BRAFRE NS, LOESS T
EBEREIND D EREL FT,
Smoother
B3R
overlay_expression string overlay_type 75 Function ICEE XN TW
I h2AZELE T,
style Point
Line
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5 105. plotnode 7O /NT 1 — (Fi %)

plotnode 71 %5 ¢ —

7 S

Zans 41—

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

X_mode

Sort

Overlay

AsRead

X_range_mode

Automatic

UserDefined

X_range_min

number

X_range_max

number

y_range_mode

Automatic

UserDefined

y_range_min

number

y_range_max

number

z_range_mode

Automatic

UserDefined

z_range_min

number

Z_range_max

number

Ty A=

flag

records_limit

number

if_over_limit

PlotBins
PlotSample

PlotAll
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5 105. plotnode 7O /NT 1 — (Fi %)

plotnode 71 87 1 — 7 —5% Furny 4 —DiN

x_label_auto flag

x_label string

y_label_auto flag

y_label string

z_label_auto flag

z_label string

use_grid flag

graph_background color D 7S 7k, ZDv 7> a DRI
A TWVWE T,

page_background color EHED 75 71k, ZDv T a r DRI
BHXNTWE T,

use_overlay_expr flag overlay_type OfXb D ICBEIE XN 5 FiE,

timeplotnode 7O/\7T 1 —

il

node

node.
node.
node.
node.
node.
node.
node.

Wi 757« ) —FT, RRAINTFT—ZD 12 Foty F2FRLET, @R, &
le FNCHEEX S — F&2FHA LT TimeLabel 7 4 —VFZERLE ST, ZDT7 4 —JL
Rid, x$c o V21 3720 HINE T,

= stream.create("timeplot", "My node")
setPropertyValue("y_fields", ["sales",
setPropertyValue("panel", True)
setPropertyValue("normalize", Tzxue)
setPropertyValue("line", True)
setPropertyValue("smoother", True)
setPropertyValue("use_records_limit", True)
setPropertyValue("records_limit", 2000)

men", "women"])

# Appearance settings

node.setPropertyValue("symbol_size", 2.0)
3R 106. timeplotnode 7O /NT+ —
timeplotnode 7R %5 4 — 5 — R P54 —D B
plot_series =5
ETI)L
use_custom_x_field flag
x_field field
y_fields list
INFIL flag
normalize flag
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5 106. timeplotnode 7O /N7« — (§i %)

timeplotnode 1 85 4 —

7 S

Fans 4 —>D N

g

flag

A1k

flag

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother

flag

panel % True IZF&E LA IO A, FiEft
ZEUGBIZBINT E 9,

use_records_limit

flag

records_limit

integer

symbol_size

number

Y= — A XEHEELE T,

panel_layout

Horizontal

Vertical

eplotnode 7O/\T+

E-Plot (N"—X&) / — FT, BU& 7 4+ —)L K EDOEBRIREINE T, ZAUIBHX . —
f RICEMLTWETH, A7 aVidE D, K zo/ — RICEEOHHR S Z
Efz T AVR=—Tz =R EHLET, #7778 EZFHT 2121, Z2oR—% L
et AL —FERMFRALED,

3R 107. eplotnode 70O /XT «

eplotnode 7’1 37 4

7 S

Fars 4 —0

x_Tfield

string

DO XENCRRT 274 — L REBIEEL
x99,

y_field

string

MOYENCRKRTBE 74— L FZIEELE
RS

color_field

string

DETHNUE. BHITHI— v 7 F—n
— LA WHEHT2 74— L REHEELE
T,
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5 107. eplotnode 70O /XT+ (fi %)

eplotnode 71 85 4 Vbt £ Faxs s —0HH

size_field string DETHE HITHA X vy T A =N
—LAREAT 274 -V FRIEEL X
T

shape_field string PETHE, HHTHER~Y 7 F—N—
VAWEHT2 74—V REHRELET,

interested_fields string HACED 274 — L REEELET,

records_limit integer HATERT 2L a— ROmKBEIREL
£9, 200037 7 4V M T,

if over_limit Boolean records_limit ZH X TWAELEEIC. T

VTN AT arERE TTRTOT—
B2EER] AT a b o HHT 2
PEEELES, Y71 T 740
THYH.records_limit I2FET % £ T,
HAELICT — 2DV ) U 7B iT0E

T, TRTOTF—2%ZFEH 2EETS
Y. records limit ZfEH X, TXT
DT =R KAV IDPEREhET, Zh
Wb, 74— AN KIEIZKTT 3
AREMED D 2 Z L ICIHEE L TR W,

tsnenode 7O/\NTr

t 731 Stochastic Neighbor Embedding (t-SNE) 1%, &R T — X DRELD 7= DY

T T USNEWL A Y FORMEREKICAIRL 23, SPSS Modeler
'ﬁ' D t-SNE / — Fid Python THEEXNTE D, scikit-learn® Python 514 75V —

BREE LET,

# 108. tsnenode 7O/N T«

N— 318211715 target

WCHHIPEESNE L,

tsnenode 7185 4 F—5H Fanxy s —>0HH

mode_type string simple — F %721 expert — F %15
ELET,

n_components string HHIABZER DRTT (2 KT $7213 3 K
TC)o 2 F7F3ZIEELET., T 74
MZ 2 TT,

method string barnes_hut 73 exact ZfEE L %
3, 774/ & barnes_hut TI,

init string HHIAADHIHAL, random F7-1X pca
PHEELET, 774 M& random T
T

target_field string WRT 4 =N FH, ZOBHNTF770D%

T—=v KD ET, HR74—L K
PRRELRWVWE, 7771231 apHHX
nE3,
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£k 108. tsnenode 7O/NT+ (Fix)

tsnenode 7’0 85 4

7 S

Fars 4 —0

perplexity

float

Perplexity i&. D ZHAEEE 7 LT Y X
LTSN 2 BB OBUCEEE L £ 3,
HE, 7—&X 2y PAREWVZE, BEE
X b Perplexity b KE< KD EF, 5
5 50 D DEZENT 5 2L 2ERL T
7ZE W, 774/ ME 30T,

early_exaggeration

float

WHIAAZEMNCZ BT 5., JTTOZER O HR Y
FAR—DKEE, BLUOII7RX—RD
ElEZHIE LS, 7741083 12.0°T
3

learning_rate

float

7 7L M& 200 TT,

n_iter

integer

BEL DI R IER, 250 DL EICEREL T
XV, T4 ME 1000 TH,

angle

float

HERA Y I OHELET/ — KD
YA X, 00056 1 DOBOERIEEL T,
F74)MX0O.5TT,

enable_random_seed

Boolean

random_seed XTI X — X B H T B
E, true TRELE T, 7740 M
false T3,

random_seed

integer

T 2E8 — K, 77+ & None
TTO

n_iter_without_progress

integer

MRS DI CHRIIM. 77 41 1 1E 300
<7,

min_grad_norm

string

B VAP DOL EWEZ TE B854,
RE(EFREnE T, T741 ME
1.0E-7 T3, fEETEAHIMUTDOE B
b Vé‘j_o

«1.0E-1
+ 1.0E-2
.0E-3
.0E-4
.0E-5
.0E-6
.0E-7
.0E-8

[ ]
S EE N

isGridSearch

Boolean

R D FE 72 % Perplexity T t-SNE % %17
T2, true ICRELET, T 741
MiX false T3,

output_Rename

Boolean

HAR L ERET D5EE true 215E
L. s BT 285801
false Zf5EL X3, 7 74V MiX
false T3,
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£k 108. tsnenode 7O/NT+ (Fix)

tsnenode 71 %7 4 T—Hm Fang 4 —OHH

output_to string Screen £7/-1% Output Zf8E€L % ¥, 7
7 4V & Screen T,

full_filename string W77 ANVHERELET,

output_file_type string 774 R, HTML 721 Output

HTML T,

webnode 70O0/\T 1 —

il

Web 7757 « J—FT, RO VAENME (DI T3V =) 74— ROEDEEZRDH
@: THRENE T, ZDF T 7Tl HHEOBIZRT DI EX T RIBOEHIH
XNFET, Web 57« )—F2MEHLT, iz, Ea~—X - %4 FTHAZIH

TS EETEREMOMBREHETE LT,

node = stream.create("web", "My node")
# "Plot" tab
node.setPropertyValue("use_directed_web", True)

node

.setPropertyValue("to_field", "Drug")
node.
node.
node.
node.
node.

setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
setPropertyValue("from_fields", ["BP", "Cholesterol", "Sex"])
setPropertyValue("true_flags_only", False)
setPropertyValue("line_values", "Absolute")
setPropertyValue("strong_links_heavier", True)

# "Options" tab

node.
node.
node.
node.
node.
node.
node.
node.
.setPropertyValue("link_size_continuous", True)

node

setPropertyValue("max_num_links", 300)
setPropertyValue("links_above", 10)
setPropertyValue("num_links", "ShowAll")
setPropertyValue("discard_links_min", Txue)
setPropertyValue("links_min_records", 5)
setPropertyValue("discard_links_max", True)
setPropertyValue ("weak_below", 10)
setPropertyValue ("strong_above", 19)

node.setPropertyValue("web_display", "Circular")

£ 109. webnode 7O/NT 1 —

webnode 71 %5t — 7—2% FaRT 4 —D
use_directed_web flag

fields list

to_field field

from_fields list

true_flags_only flag
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%+ 109. webnode 7ONT+« — (¥t X)

webnode 1 85 4 — T —AH 7TaNT 4 —DH
line_values Absolute
OverallPct
PctlLarger
PctSmaller
strong_links_heavier flag
num_links ShowMaximum
ShowlLinksAbove
ShowAll
max_num_links number
links_above number
discard_links_min flag
links_min_records number
discard_links_max flag
links_max_records number
weak_below number
strong_above number
link_size_continuous flag
web_display Circular
Network
Directed
Grid
graph_background color D25 70iF, ZDXr Y a >y DRI
XA TVET,
symbol_size number Y—Hh— YA REIEELE T,
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BA3HE ETNMNER, — FD a5 4 —

—RRBETIVER ./ —FO70O/NT1 —

RDTaT 4 =1k, BEERZZTXRTOETAAER — FICHBETT, lRHDOETAIER, — RICEEL
TiE, REWBUTRF 2 XY MAIcHistzits LTS,

& 110. — N BRETIVER ./ — RO 7ONT+ —

TaRT 4 — fiEt Fuars 4 —OHH

custom_fields flag H (true) DHEX BED )/ — FD X —
o b AN ZOMT 4 — L R R
TRETHZeNTEET, 4 (false) D
Baid. BRO 7T — &8 — FHh BB
DRENERINET,

target field ETNDEA FITE T, H—DNR 7
4 = R EZER-DONR T 4 —L K

- o EIEELET.

targets [field1 ... fieldN]

inputs [field1 ... fieldN] EFLVCHAIND AN EETHE
B74—NF,

partition field

use_partitioned_data flag X537 4 =L KRB ERINZHE. 2D
FTTavFHET-ZEXGHhHDT
—RXDANPETNVEFIMER SN S &
ST LE T,

use_split_data flag

splits [field1 ... fieldN] DEIETNVAERIMHERT 5, 74—V F
BN %9, use_split_data »’
True KRESIN TV A HEICDAER
T,

use_frequency flag BETIN XA TS TENTHEBD, &
BT 4=V FBIEERT 4 —L FH
REDETATHHAINET,

frequency_=field field

use_weight flag

weight_field field

use_model_name flag

model_name string =Y —HEET 2FHET N4

mode Simple (E#h)

Expert




anomalydetectionnode 7O /\T 1 —

. HEMEMRE , — FT, [EFR) 7—XDRRX—VIZERLRWEE T — 2R NE
EHAILET, Z0/— BT, SHUESEENO A X — IS TR E S Rd o720, fil
" EHELTOWZO0E-ED Lkh o T3HAETH, SMUEE#IITE %3,

B

node = stream.create("anomalydetection", "My node")
node.setPropertyValue("anomaly_method", "PerRecords")
node.setPropertyValue("percent_records", 95)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("peer_group_num_auto", True)
node.setPropertyValue("min_num_peer_groups", 3)
node.setPropertyValue ("max_num_peer_groups", 10)

5% 111. anomalydetectionnode /N7« —

anomalydetectionnode b % |{ifi FaxR7 4 —0DHH
TA4—
inputs [field1 ... fieldN] BEEREE T I IBED AT 7 4

— L RIZESWwWTLa—F22R27Y
—=VJLET, R—F v b-Tq4—
ARIFEHLERYA, EAT7 14—
FBIXUEH 7+ — LV RBHEHLE
A, HLAZ 217 R—VD —
W2 ETAAER ) — FDO T a7
4—] DIy 7RSI LTLIEX

(VAN
mode Expert
Simple
anomaly_method IndexLevel La—FIZEREL L TI7 9 7%28E
T27200, EHEZRD 5 DITHH
PerRecords SNBTEREELE T,
NumRecozxds
index_level number BEC LTI I RRET D7D
BN EMEZIEE L 9,
percent_records number HEF—ZHADL a— FOEE (%)

WKWEHOWTLa—RIZ7 572 H/E
T390, BEZHRELET,

num_records number HEF—ZANDL a— FOBITHED
WCLa—RRZI7 77 %RET B7
HOD, MEEZHRELET,

num_fields integer BREL - FICRETE 74—
46
impute_missing_values flag
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% 111. anomalydetectionnode /N7« — (Fi %)

anomalydetectionnode 71 % |{ifi FTans 4 —D A
TA4—
adjustment_coeff number RO AR ICE T 7T

— 74 =)L FEICIEEIN-EEED
BADNT VAR 57-DICfHHX

N5 MH,

peer_group_num_auto flag Y7 N —7HEHECGGTE L %
KR

min_num_peer_groups integer peer_group_num_auto 23 True IZ

RESINTWVWREEMHEHIIZ Y
7 IN—TORNEEIEELET,

max_num_per_groups integer 7« IV—TORKBEREL %
ER
num_peer_groups integer peer_group_num_auto 5 False

WEREINTWAIGEICHHENS
V7 s IN—TDRERRELE T,

noise_level number 75 ARY ¥ 7RO IUED U T
EERELE T, 000505 FTOD
BEEEEL TN,

noise_ratio number JAZXDNY 77 ) Y IAHEHER

ZavR—xrMZEHYTHND,
XEY) —DEDEIRELE T, 02
505 FTOMEEIEELTL XV,

apriorinode 70O0/\7T 1 —

Apriori / — KT, =& bl—L -ty bR L, HERNENPRDFTELZL—

= A%BIEIMLE T, Apriori I21%, 5 ML — VEITIESD D, FERA > 7 ¥
ZERAEEFERAL T, KERT—X by FOIMBMNEINE T, KREREE
DI EE. —MIZ, Apriori DI AEIRICEE T EF T, REFTE 2 0 — L BUTRICH
FRixHH FHA. T2, K 32 DRHERGEZRONL— VBB TZ £ 5, Apriori T
F. AN T4 A REHIN 74—V FDOITRTHEDTIT)—THBZ B DETT
M, ZOBEDO T —XICEDLETRELINTVEDT, & XV RT75—< A%
KHLET,

il

node = stream.create("apriori", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("partition", "Test")

{## For non-transactional
node.setPropertyValue("use_transactional_data", False)
node.setPropertyValue("consequents", ["Age"])
node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])
j## For transactional
node.setPropertyValue("use_transactional_data", True)
node.setPropertyValue("id_field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content_field", "Drug")

# "Model" tab

node.setPropertyValue("use_model_name", False)
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node.setPropertyValue("model_name", "Apriori_bp_choles_drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true_flags", False)
node.setPropertyValue("optimize", "Memory")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("evaluation", "ConfidenceRatio")
node.setPropertyValue ("lower_bound", 7)

3R 112. apriorinode 7O /N7 1 —

apriorinode 7’7 4 — [{fi FURT 4 —D B

consequents field Apriori & 7 VIEHERNIZNR T + —L B
BIUAN 74—V FORER e LM 2HH
L¥Ed, BEAZ4 -V RBIOERT7 1 —
VRIEEHLEEA. L IE, 217 R—
PO T %ETNVER — RO T a s
T4—] DMy ZEBRLTILEI W,

antecedents [field1 ... fieldN]

min_supp number

min_conf number

max_antecedents number

true_flags flag

optimize Speed

Memory

use_transactional_data |flag fH2S true DA, £ M7 ¥ a > ID
DAA7EMMDO N o HF 7> a > ID1S
HAZLTWES, Ra7Yyra3hss—
RAPRETETEZYRAT =<V AHG
LABRWER, T—2E2nETLEIe B
#OL X9,

contiguous flag

id_field string

content_field string

mode Simple (Efl)

Expert
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£ 112. apriorinode 7O /NT 1 — (ft %)

InformationDifferenc
e

apriorinode 7o X574 — |fH ZTaxs 4 —DitH
evaluation RuleConfidence

DifferenceToPrioxr

ConfidenceRatio

NormalizedChiSquare
lower_bound number
optimize Speed ETNAAERPHEE L X TV —D Y B 5IT K
DEELEN 20 Z2HELE T,
Memory

associationrulesnode 7O/\7 1 —

z

7YYL —ay - )b—)b -+ J—RiX Apriori / — RIZBITOE 323, Apriori & 13%
b, 7YIIT—yay =L J—FREVAL - TRENUETEET, X5
2. 7Y YT —a Yy s b—)b - J— K% IBM SPSS Analytic Server ¥ HIZffiH 3 %

& By 77— X O EE R AL O 2 ATREIC 72 D £9

& 113. associationrulesnode 7 /N7« —

associationrulesnode 7 | F—&Hl Ty 4 —DiH

QINTF 4 —

predictions field ZOVARAMHNDET 4 =L R, L—LDF
74—V FeLTOAFRTDZIENT
EEIEN

conditions [field1...fieldN] ZDOVRAMNDET 4 =L FiE, L—1LD5E

e L TOAERTEIENTEET,

max_rule_conditions integer 1ODIL—IIZED DI EBNTELEFDOR
KE FMEX 1, FRKEIE 9 T,

max_rule_predictions integer 12ODNL—ZEDDBIENTESTHIODR
KE FMEE 1, FKEE 5 T3,

max_num_rules integer N—NAERED— e L TARTIENTE

BV =V DFRAR, FMEZ 1. RAMER
10,000 T3
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£ 113. associationrulesnode 7O/NT+4 — (Fix)

associationrulesnode 7
QINF 4 —

7 S

Zans 1 —0uHH

rule_criterion_top_n

Confidence
Rulesupport

Lift
Conditionsupport

Deployability

B2 W3 5L — L EHE, ZOHRAIZI D,
ETFNVHNOD EALN DL — L BIRE L%
j—o

true_£flags

Boolean

INEYICRET S, L—LDORERAIZ,
true DEZEFDOT7 57 7 4 —iL R7Z1F 4L
HNIRICHE D £5,

rule_criterion

Boolean

INEYICRET S, ETILDOMERIZ,
L= VFHEDEZHH L TL— L 23Rt X
NnNEI,

min_confidence

number

0.1 225 100;: EFINMIC X o THEMX N
—ILIZ DWW TIRIKRDERFEEE L LD
N—t v Ml, ZZTHEEXIEELD D
RWFEZE L NV 2RO — LN E FILIC
Ko TERINGE. ZDL—IVIEHEES
NEI,

min_rule_suppozrt

number

0.1 55 100: EFNMIC Kk o THER IV
— DWW THRARR SN E 2 L — L H R — b

DR—t v ME, T TIHREINMHEELD

HEVIL—IL R —F LRLERDOIL—IL
METNVIC K > TERINHE., ZDL—
VTSI N E T,

min_condition_support

number

0.1 7525 100: TS ko ThER I N
— DWW TIRIKIR A E 2 & F K — b D

R—tr M, ZZTHEEXNEID B

BWEEH E—F LRV ZEOIL—ILE
T Ko TEREINGE, ZDL—LiX
WX ET,

min_lift

integer

1556 10; BT KXo TEBX NI L—L
WOWTHRIKRBHBERY 7 b LAV EZRL
T3, TITHESINLMEID BENY 7
P LARILEHRDOIL—ADBRETMCE - THE
WENGE, FOL—LIFHEIRET,

exclude_rules

Boolean

ZoTuanT 4 —EHHLT, ETMCLS
L—LDVERTT Y U TR LR WESE 7 4
—ILFDY R EEIRLET,

f4: set :gsarsnode.exclude_rules =
[[[fieldd,field2, field3]],[[field4, field5]]] - []
IR EXNEZ 74 —ILEDVY R MDA, T7—
TILVHNDETIZIRD 5,
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£ 113. associationrulesnode 7O/NT+4 — (Fix)

associationrulesnode 7 |7 —%%l Fans 4 —DH
QINF 4 —
num_bins integer ARl 4 — L RO v Elde e 725 HE)
CYOBERELET, RMEZ 2. BAE
1¥10 T3,
max_list_length integer RAEPAHZITRTOY R 74—V F
WHEAXNE T, ZZTHEEXIN=8%
R LT, VA MNOERNETNVOWET
FHxhET, ZZTRESNZHEZEZ
ZERICOVTIE, INTHEINE T, K
/MEIZ 1. ®AfEIZ 100 T,
output_confidence Boolean
output_rule_support Boolean
output_lift Boolean
output_condition_suppo |Boolean
rt
output_deployability Boolean
rules_to_display upto HAT7T =T NMIRREINE L=V DERKE,
all
display_upto integer rules_to_display T upto Zi%E L /=%
Bk, BTN FRREINZL—LDE
ZIEELE T, MHEIZ L TT,
field_transformations |Boolean
records_summary Boolean
rule_statistics Boolean
most_frequent_values Boolean
most_frequent_fields Boolean
word_cloud Boolean
word_cloud_sort Confidence
Rulesupport
Lift
Conditionsupport
Deployability
word_cloud_display integer R/ME 1. KMEE 20 T,
max_predictions integer RAATITHNT 2B ANNTHEHATE 50 —1

DI KEL,

FAZEETNAUER S/ — KD T m7 1 — 223



£ 113. associationrulesnode 7O/NT+4 — (Fix)

associationrulesnode 7 | 57— &%l TaR7 4 —DHH
QINF 4 —
criterion Confidence JL— L DRI % HIT S % 72 8D O R % %R
LE7,
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats Boolean BUFHZEHOL—L 2 2a7NICED 3
MEIPERELET,
check_input NoPredictions
Predictions
NoCheck

autoclassifiernode 7O /N7 —

- HENOHE  — KX, 2 FBEOKERE (yes/no. churn/don'tchurn 72¥) 24T 2% < D

cé* B EFAE RS OB L, 52 bR AOREDT 70— F2ERC L
MTELEIHDET, ZLOETAER T LY ZLIIHIGE L. HET 35
BREDA T ay, ZLTRREZHE T 2/-DDRERLFRTZ A TEE T,
D) —FT. BEINEA TS a VIZEHESWTETLOE Y FBERIN, FEEX
NIFHHEIHE DWW TREDBEMN 7 V713 T,

il

node = stream.create("autoclassifier", "My node")

node.setPropertyValue ("ranking_measure", "Accuracy")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_accuracy_limit", True)

node.setPropertyValue("accuracy_limit", 0.9)
node.setPropertyValue("calculate_variable_importance", Txue)
node.setPropertyValue("use_costs", True)
node.setPropertyValue("svm", False)
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5k 114. autoclassifiernode 7O /NT« —

autoclassifiernode 71 35 4 —

il

Zans 4 —0i

target

field

7 2 7RIROE S, BEInE
—RZ12ODHNR7 4+ —LFBX
1O EDANI 74—V REAH
ALES, EAZ4—ILIFBXIY
BT+ —VRBIEETEHI D
TEFET, sl iE 217 R=Y
D Ty 7%E T AER , — R D
FansF4—1 DMy 7 E2BHE
LT,

ranking_measure

Accuracy
Area_under_curve
Profit

Lift

Num_variables

ranking_dataset Training

Test
number_of_models integer ETN Ty MIEENDSET

LD, 1t 100 DREOBEETE
ELET,

calculate_variable_importance |flag
enable_accuracy_limit flag
accuracy_limit integer 0 & 100 D DEH T,
enable_ area_under_curve flag
_limit
area_under_curve_limit number 0.0 ¥ 1.0 DREIDE,
enable_profit_limit flag
profit_limit number 1 DL EDEER,
enable_lift limit flag
lift_limit number 1.0 Zi#Z % FH,
enable_number_of_variables_lim |(flag
it
number_of_variables_limit number 1 DL EDEEHL,
use_fixed_cost flag
fixed_cost number 0.0 Z#i 2 % FHL,
variable_cost field
use_fixed_revenue flag
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3R 114. autoclassifiernode 7O /N T+« — (Fi %)

autoclassifiernode v 8574 —  [{i Fany 41—l
fixed_revenue number 0.0 Z#iz % FH,
variable_revenue field

use_fixed_weight flag

fixed_weight number 0.0 2 2 5528,
variable_weight field

1ift_percentile number 0 & 100 D DEE T,

enable_model_build_time_limit (flag

model build time_ limit number a2 DETLDENEFNE HERT
572D H B R 2 HIR $ % 72
DITH B RE T 2 BHL

enable_stop_after_time_limit flag

stop_after_time_limit number HEIDEDOFEITD -0 DA
IR 2 HIFR 3 % 72 I I A2 % 3%
E T 5 FEE.

enable_stop_after_valid_model_ |flag

produced

use_costs flag

<algorithm> flag RED 7L XLDHEHDE
. W EYIDEZ LT,

<algorithm>.<property> string HMEDOTZLIYZLAD T A, T 4

—EEFELET, FELLIE
226 R—=ID I7VITYXL - T
OXT4—DWEI DY I %
S TL XN,

POV L « FONT1 —DRE

HEIDHE —F, BEE — F., HEIZ SRRV Y7« J—RIZOWTIE, /— FBEHT3RED T
NIV ZXLDTaRT 4 —F, RO—BIEXEMEHL TRETEET,

autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)
U ichlzrmL £5,

node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")
HEIDHE  — RO 73V X A4, cart, chaid, quest. c50, logreg. decisionlist. bayesnet,
discriminant, svm B X knn T3,

HEEME — RO 7032 ) X a%403. cart, chaid. neuralnetwork. genlin., svm, regression.
linear BX U knn TT,

HENZ 52XV 7« J—FDO71ra) Xs40, twostep, k-means, B XU kohonen T,
TanRT 4 —HlE FTNTV XL — ROLDIILE LI N TV S EHETT,
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VA RREDAFGRZELTLIV XL » a7 4 —ld, RD XS5 X—HIHAFTHOLHEND D %

j‘o

node.setKeyedPropertyValue("logreg", "tolerance", "1.0E-5")

KD X, BREOMEEZ a7 4 — OB TEZdTEZXT,

node.setKeyedPropertyValue("decisionlist", "search_direction", ["Up",

"DOWn"] )

FED7LaY XLDFEHOER)., ENEUIDZEZ 512, XROLS5 LT,

node.setPropertyValue("chaid", Tzxue)

F:HIDE — FCHEDTALIY R L - A7 a YAMERATRE TR WES. ER3MEOFMA TR L,
1ODHERITZIEETEX2 L XX, EED/HFET/  —FI7 272X T2 2 FUHKIER, X270 7 H2d

BHINET,

autoclusternode 70O/\ 7+ —

HEIZ 52X 27 7 — Rk, AROREEEF DL a— RO —T%28HIT 22

By SRRV VY T FARMEL. HIRLE T, / — FIdfio BEbe 7R ) — 1
& LA L5 CEIEL. EROMS AhEDT TS 2 v B0 E 7L EROET TR
ECEET, ETNME, VR E— - ETNLDODERABE7A4NMZY) VI BRXUT VY

RT3 2 B 7 H5 K% (] L C L L B2 D 7 1 — L | 0 BB 1 S TS

ZREELF T,
Bl
node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking_measure", "Silhouette")
node.setPropertyValue("ranking_dataset", "Training")

node.setPropertyValue("enable_silhouette_limit", True)
node.setPropertyValue("silhouette_limit", 5)

& 115. autoclusternode 7O/NT 1 —

autoclusternode v 85 4

—

fiti

Ty 4 —D 5

evaluation

field

H:Dh, BEEDEZHET S 74

—IFEEILEST, £/ ENETS
FAR—MNT 4 —L RO EEXHIT 2
D ENFTFIEHIZETANID T 4 —
VR ETFHT 20 %83 572D ff
HIT BN TEET,
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£ 115. autoclusternode 70O/NT+1 — (§i &)

autoclusternode 7’u X751 |{#i Ty 4 —DitH

—

ranking_measure Silhouette
Num_clusters
Size_smallest_cluster
Size_largest_cluster

Smallest_to_largest

Importance
ranking_dataset Training
Test
summary_limit integer LR=-PMC—ETZ2ET VO, 1L

100 DO EIRE L E T,

enable_silhouette_limit |flag

silhouette_limit integer 0 ¥ 100 DTS,
enable_number_less_limit |flag

number_less_limit number 0.0 & 1.0 D DFEH,
enable_number_greater_li |flag

mit

number_greater_limit number 1 DL EDBEEL,
enable_smallest_cluster_ |flag

limit

smallest_cluster_units Percentage

Counts

smallest_cluster_limit_p | number
ercentage

smallest_cluster_limit_c [integer 1 E DL,
ount

enable_largest_cluster_1 |flag
imit

largest_cluster_units Percentage

Counts

largest_cluster_limit_pe | number
rcentage

largest_cluster_limit_co |integer
unt
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£ 115. autoclusternode 70O/NT+1 — (§i &)

autoclusternode v 374 |fld ZTans 1 —D i
enable_smallest_largest_ |flag

limit

smallest_largest_limit number

enable_importance_limit |flag

importance_limit_conditi

Greater_than

on
Less_than
importance_limit_greater |number 0 ¥ 100 D OFEHT T,
_than
importance_limit_less_th |number 0 ¥ 100 DEDEEHKTT,
an
<algorithm> flag FRED 713 Y) X LD HEHOER)., R
ZUIDEZET,
<algorithm>.<property> string BED7LIY X LD Ta T4 —{H

ZRGELE T, sl CE 226 R=Y
DIZNITYRL - TaNRT 4 —DFR
L DMEy 7B TIZEW,

autonumericnode 7O/\F 1 —

HERUE, — FTld, 2O EIERGELZMEM L, HEiiy 2 BUEHFIP ORTR 2K

&,

& HDTETNAZHELHKRLES, 20/ —F&, BEOE — FeRUCGETHE

L. 1EIDETAAERD SR T, BEOMHAGOEDOA T a v HEHLEAT 7LD
VAXLREIRTZZ e TEET, HTEAZ 7 LIV XALKIE, =2a—F)b %y
h 7 —2 . C&R Tree. CHAID, ##f, — i, K-+ - RZ bl <> (SVM)
BEFENTVET, T UE, HE, NI — RIS EROFIHEHD

WTHIRTEE T,
il
node = stream.create("autonumeric", "My node")
node.setPropertyValue("ranking_measure", "Correlation")

node.setPropertyValue ("ranking_dataset",

“Training")

node.setPropertyValue("enable_correlation_limit", Tzrue)

node.setPropertyValue("correlation_limit", 0.8)

node.setPropertyValue("calculate_variable_importance", True)

node.setPropertyValue("neuralnetwork", True)

node.setPropertyValue("chaid", False)

& 116. autonumerichode 7/NT+ —

autonumericnode 35 4

—

i

Tansy 4 —oH

custom_fields

flag

H (True) DGHE. 77— &8 ) — FRIE
ODRHBDICHARL « 74—V FRE
MERXNE T,
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K 116. autonumericnode 70O /NT+ — (§i &)

imit

autonumericnode Y X7 | fii FaoRT 4 — D

target field HEEE — N 12O HR7 4 —L
FBXU 1O EDAN 74—V %
FHLES, EA74— L IFBIUE
B4+ —NVFHIEETLEIENTEX
o FELIE, 207 R—T D Ty
BETIMER — FD T a7 4 —
DI ZZBLTLEIN,

inputs [field1 ... field2]

partition field

use_frequency flag

frequency_field field

use_weight flag

weight_field field

use_partitioned_data flag F— XX T 4 =V ERERINTH
BIE, FUF - 2GR FLOH
PFIHFHINE TS,

ranking_measure Correlation

NumberOfFields
ranking_dataset Test
Training

number_of_models integer BTN - F Ty MIEENSET LD
o 1& 100 DO ZHE L £
E

calculate_variable_impor |flag

tance

enable_correlation_limit (flag

correlation_limit integer

enable_number_of_fields_ |flag

limit

number_of_fields_limit integer

enable_relative_error_li (flag

mit

relative_error_limit integer

enable_model_build_time_ |flag

limit

model build_time_limit integer

enable_stop_after_time_1l |flag
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K 116. autonumericnode 70O /NT+ — (§i &)

autonumericnode 7 354 | fii

—

Farsy 4 —0

stop_after_time_limit integer

stop_if_valid_model flag

<algorithm> flag BED7LITY X LDFROER.,
M EZET,

<algorithm>.<property> string HEDOT7ZILITY X LD T T 4 — [l

EFRELET, L, 226 R—Y
D IFZLITYL - FaT4—DF&
El DIy 7ESIRLTLEX W,

bayesnetnode 7O /N7 —

- Bayesian network (N4 X) / — F 2§ 2 &, Bl XN/ 1FdlEs & SRS N7 1H

ofs BRI ORIME B A DED T L I1C &> CHEREFLEIBR L. RAED LR T
TEE3, 2D/ — R FIZHEICHH XS Tree Augmented Naive Bayes (TAN)
B & Markov Blanket v b7 —ZICERELETTVET,

{51

node = stream.create("bayesnet", "My node")
node.setPropertyValue("continue_training_existing_model", Tzrue)

node.setPropertyValue("structure_type",

"MarkovBlanket")

node.setPropertyValue("use_feature_selection", True)

# Expert tab

node.setPropertyValue("mode", "Expert")

node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("independence",

"Pearson")

5% 117. bayesnetnode /N7 1 —

bayesnetnode 71 %5 4 —

fiti

FEF 4 —D Hi

inputs

[field1 ... fieldN]

Bayesian network ("4 X) &7/
HM—DWR74—NL FBLEUY 121
FOANI 74 =N FEFHLE T,
i 7 14— MIZ HEIIC D E
F9, LI 217 =P D —
W2 ETAAER S — FD T a7
4—=] DMy IZ7EBRL TS
W,

continue_training_existing_ |flag
model
structure_type TAN Bayesian Network («\ A X) % H§EEHF
WAEH S 2 M2 L £5,
MarkovBlanket
use_feature_selection flag
parameter_learning_method Likelihood BHOMENEEEINS / — FREDEH
T EMERT TN HEET 27201
Bayes ﬁﬁh\éﬁ‘zi%a&gibi?o
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5% 117. bayesnetnode 7O/NT 1 — (#i ¥)

bayesnetnode 71 5 4 — fiEl a4 —DiHH
mode Expert
Simple
missing_values flag
all_probabilities flag
independence Likelihood 2 DDEHDRT ORI B HWIZ
HAZLT0WEH0E S 0ZdHiis 57
Pearson DITHW R HEZIEEL 73,
significance_level number TN M2 TS B T2 b D ENEE 5
ibij‘o
maximal_conditioning_set number WS ERE W 3 2 2RO

KBEEELET,

inputs_always_selected

[field1 ... fieldN]

Bayesian network (« A X) H§EEHEIZ
T—=Xty bOEDT 4 =L FEH
WA 2228 ELET,

W R T 4 =L FIEERES N
95,

maximum_number_inputs number Bayesian network (A X) H§EECffi
M52 AN74 =N RORKEEE
ELET,
calculate_variable_importan |flag
ce
calculate_raw_propensities |flag
calculate_adjusted_propensi |flag
ties
adjusted_propensity_partiti [Test
on
Validation
buildr 70/\T7T 1 —
RIEE ) — R& S % &, IBM SPSS Modeler {2 &
R XN TVWEETMERB L ET L - a7 ) v
IHFITTEIRDDHIARLDRRAZ Y T hEA
NTEETD,
i
node = stream.create("buildxr", "My node")

node.setPropertyValue("score_syntax",
result<-predict(modelerModel, newdata=modelerData)
modelerData<-cbind(modelerData,result)

varl<-

c(fieldName="NaPrediction",6 fieldLabel="",6fieldStorage="real", fieldMeasure="",
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fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

& 118. buildr Z7ONT 1 —

buildxr v 54 — fifi FaxR7 4 —0DHH

build_syntax string EFAAEBRHADRAZ YRRy
7 X,

score_syntax string ETN c RATYITHDORAZ Y S
]\ M \\/\\/& v 7Xo

convert_flags StringsAndDoubles 7 57’_5."97 14—V R Z BT 270D

LogicalValues FTTav,

convert_datetime flag HERX % 7213 B RZIE X O 2L %2
R O AR RICEI T 2 720D F
T av,

convert_datetime_class POSTXct HEER % 7213 BN /LB XD Z D

POSIX1t 5., EOERKOER 2 ZHT 20 %16

ETB0DF T ar,

convert_missing flag RIEMEZE R D NAEICEIR T 272D D
FFav,

output_html flag RETN-FF Y FDRTIIT T 72K
RTBEDDOF T a v,

output_text flag RETN-FFYy POXTITRAYY —
NDTFAMNEEZADLDD L
TTav,

c50node 70O0/\FT 1 —

C50 /—FRiZ, 4>Pay - YU—il—l -ty FOELELLZERLET,
P, CDEFIL, B LA TRADERDOMEE b7 5F 7 4 —1L Fiz ESnTHy 7
— AEREILET, HRT74—AFid, #73) —TRINUIED XA, EHOHE|
20O EOH TN —F I HETEE T,

il

node = stream.create("c50", "My node")

# "Model" tab
node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "C5_Drug")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("output_type", "DecisionTree")
node.setPropertyValue("use_xval", True)
node.setPropertyValue("xval_num_folds", 3)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child_records", 3)

# "Costs" tab

node.setPropertyValue("use_costs", True)
node.setPropertyValue("costs", [["drugA", "drugX", 2]])
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£ 119. c50node 7O/NT 1 —

c50node 7R 87 4 — fifi Fany 4 —DiHH
target field C50 ETMEIH—DXRT 1 —L B
JO 1O EDATIZ7 4 =V %
LES, BEAZ74— LV RFHIFETEE
T FLIE, 217 =YD Ty
BETNMAER = FDTaRT 4 =D
MY 7B TLEI W,
output_type DecisionTree
RuleSet
group_symbolics flag
use_boost flag
boost_num_trials number
use_xval flag
xval_num_folds number
mode Simple
Expert
favor Accuracy FEFE (Accuracy) F 7213 —%(b
(Generality) %33R,
Generality
expected_noise number
min_child_zrecozxds number
pruning_severity number
use_costs flag
costs structured gk i Ta 74 =T,
use_winnowing flag
use_global_pruning flag T 74V N TIEA >~ (True)s
calculate_variable_impor |flag
tance
calculate_raw_propensiti |flag
es
calculate_adjusted_prope |flag
nsities
adjusted_propensity_part |Test
ition
Validation
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carmanode 70O/\T 1 —

{5

node

o5 CARMA EFLIX, ANEREHRT7 4 — L FZEELRLSTDH, T—Xh5HL—)b

gL Dty FEMHLET, Apriori ¥ IRV, CARMA / — N Tld, AIIESMH R —
FETTIE R L, b= - B R — b @R EROM G DY RK—b) ZXige L
WERORENARET T, UL, EREIN NN — N2 X XERT TV —2a v T
EHTEZAZ e 2BHLET, MZIE. ZOKRIBS — X ICERGEEET 2 THE 2 F558
L35, BMEREY - R GEHESEP) OVR M RHNE B TEE T,

= stream.create("carma", "My node")

{# "Fields" tab

node
node
node
node

.setPropertyValue("custom_fields", True)

.setPropertyValue("use_transactional_data", True)
.setPropertyValue("inputs",
.setPropertyValue("partition", "Test")

## "Model" tab

node

.setPropertyValue("use_model_name", False)
node.
node.
node.
node.
node.

setPropertyValue ("model_name", "age_bp_drug")
setPropertyValue("use_partitioned_data", False)
setPropertyValue ("min_supp", 10.0)
setPropertyValue("min_conf", 30.0)
setPropertyValue("max_size", 5)

# Expert Options

node

.setPropertyValue("mode", "Expert")
node.

setPropertyValue("use_pruning", True)

["BP", "Cholesterol", "Drug"])

node.setPropertyValue("pruning_value", 300)
node.setPropertyValue("vary_support", True)
node.setPropertyValue("estimated_transactions", 30)
node.setPropertyValue("rules_without_antecedents", True)

& 120. carmanode 7 O/NT 1 —

carmanode R 85 4 —

fiti

Zans 4 —oH

inputs [field1 ... fieldn] CARMA EFIUINR 7 4 —)L F TR
S AN 74—V FOVRMNEMRHLE
T, HAI4— LV IEBXUERT 4 —
ARIIMFALERTA, LI MY
w7217 R=ID TRy ETNAE
B — RO a7 4 — 1%L TL
72 &,

id_field field EFAAERDID 74—V F ¥ LTHA
TZ) 7 A —J)L P o

contiguous flag ID 74—/ RO ID BEFET 2085
PEIEELET,

use_transactional_data flag

content_field field

min_supp BiE (o=t 1) AIPESRAFHERH (H R — b)) TR < v—
NVEIFICEE L 3, 77 40 MEE
20% T3,

min_conf Bl os—t > 1) 77 L MBI 20% T3,

max_size number 77 4L MHEIX 10 T,

HAZEETNAUER//  — KD Tr 87 4 — 235



& 120. carmanode 7O/NT+1 — (§i %)

carmanode 71 87§ — fifi Fans 4 —OH
mode Simple 77 %) M& Simple TF,

Expert
exclude_multiple flag BRDIERZ ROV — L ZBRINL 5,

77 4V M& False TT,

use_pruning flag 7 74V & False T3,
pruning_value number 7 7 4L M 500 T,
vary_support flag
estimated_transactions integer

rules_without_antecedent |flag
s

cartnode 70O/\7r —

c C&RTree (DL ERY V=) /—Fi&k, T4>Pa>y - vV —rEWKL. FROB

AHT BEE TR E I ETEL X5 ET, ZOHREHRNZ T — XX 0% A
LTH¥ELa—FEEBDE XY MBI L, £AT v TR E R/NRIC 2
T3, VU—D/—FH ¥ TH2eEZILNZDE. /—KHIHDZT—RAD
100% 25, WR7 4 — L RDHLZREDH TV —IHHINEHEETT, MR 4
—VRBIUAN 74—V RNiE, BUEHFH 72030 730 — (BRFERL EFR, 75
N PBHEHTEEST, IXRNTORBE 2 5ETT Q2D0H 77 —TDA),

1l

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])
# "Build Options" tab, "Objective" panel
node.setPropertyValue("model_output_type", "InteractiveBuilder")
node.setPropertyValue("use_tree_directives", True)
node.setPropertyValue("tree_directives", """Grow Node Index O Children 1 2
Grow Node Index 2 Children 3 4""")

# "Build Options" tab, "Basics" panel
node.setPropertyValue("prune_tree", False)
node.setPropertyValue("use_std_err_rule", True)
node.setPropertyValue("std_exrr_multiplier", 3.0)
node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use_percentage", True)
node.setPropertyValue("min_parent_records_pc", 5)
node.setPropertyValue("min_child_records_pc", 3)

# "Build Options" tab, "Advanced" panel
node.setPropertyValue("min_impurity", 0.0003)
node.setPropertyValue("impurity_measure", "Twoing")

# "Model Options" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Cart_Drug")
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% 121. cartnode 7ONT 1 —

cartnode 71 %5 4 — i Ty 4 —0 N
target field C&R Tree ETMIE 1L DDXRT 4 —b
FBIX 1O EDASI 74— K%
FHLES, B 74+ — L FBHIEET
XF3, FLIE MY T 217 R—
COI—fRNZETAER — FD T 1
N7 4 =g ZZRLUTLIEZEWN,
continue_training_existi |flag
ng_model
objective Standard psmiZIEFWICKRE VT — Xt v Ml
&, Server DFERMBHETT,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree_directives string VY —DREDODT A VI T4 T
) ZHEELET, TA4LIZT4 T
) (&, BT RO TR 7 — 7L
ZEhEEs 572012, ZEO5|HFFCH T
ZEPTEXT, T4LI2T74 7. T
—RXRETINY VT F T a DL
BEFIKET 27D . OTF7—&2t v
M L TE— b TE R A,
use_max_depth default
Custom
max_depth integer RAY U —X (055 1000),
use_max_depth = Custom DFEIZ
DAMERL %7,
prune_tree flag F—=N=T4 v PLRBRVEIIIYVY —
ZEIELE T,
use_std_err flag VA2 2B B EmKAE (IFHEAE) 28
L%,
std_err_multiplier number RARZE,
max_surrogates number R ARABZERL
use_percentage flag
min_parent_records_pc number
min_child_recoxds_pc number
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5 121. cartnode 7O/NT 4 — (Fi &)

cartnode 71 87 1 — fifi Fany 4 —DiHH
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured HiE kT a 74—,
priors Data
Equal
Custom
custom_priors structured MLl 7 m T 4 —,
adjust_priors flag
trails number T—APEEANTDAYR—F Y
b BTG
set_ensemble_method Voting BTV AR D T 7 10 MEEL
— )b
HighestProbability

HighestMeanProbabilit
y

range_ensemble_method Fi5MiE BRI RD T 7 + L FEEL—IL,
Median
large_boost flag FICKERT Xty FDT—RT 4
YIRBHALET,
min_impurity number
impurity_measure Gini
Twoing
Ordered
train_pct number F—=nN=74 v FPilktY b,
set_random_seed flag MREEHEA T a v,
seed number
calculate_variable_impor |flag
tance
calculate_raw_propensiti |flag
es
calculate_adjusted_prope |flag

nsities
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5 121. cartnode 7O/NT 4 — (Fi &)

cartnode 71 85 4 — fili Ty 4 — Dt

ition

adjusted_propensity_pazrt |Test

Validation

chaidnode 700/\7 1 —

il

CHAID

CHAID / — Ri&T 14 >V ay - vV —%4EWM L, h4 ZFEHEHEZHEH L TRER 57
H|2#AIL £3, C&R Tree BL N QUEST / — F & &5 T, CHAID . 3E 2 77l

U—%ERTEET, 2 BETENIEUA LD TS v F RO E2EKRL F
To MRT7 4 =NV FBIXUE AN 7 4 =L R, BEEFH GHER) F/23h 730 -8
72 H %3, Exhaustive CHAID & CHAID DEIERR T, RIREMED & 2 70E| TN TEFAN
5Zr T, I IVHERZEONETH, HTERRDBEL D F T,

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")
= stream.createAt("chaid", "My node", 200, 100)
stream.link(filenode, node)

node

node.
node.
.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.
node.
node.
.setPropertyValue("model_output_type", "InteractiveBuilder")
node.
node.
node.
node.
node.
node.

node

node

node

node.
node.
node.
node.

setPropertyValue("custom_fields", True)
setPropertyValue("target", "Drug")

setPropertyValue("use_model_name", True)
setPropertyValue("model_name", "CHAID")
setPropertyValue ("method", "Chaid")

setPropertyValue("use_tree_directives", True)
setPropertyValue("tree_directives", "Test")
setPropertyValue("split_alpha", 0.03)
setPropertyValue("merge_alpha", 0.04)
setPropertyValue("chi_square", "Pearson")
setPropertyValue("use_percentage", False)

.setPropertyValue("min_parent_records_abs", 40)
node.

setPropertyValue("min_child_records_abs", 30)
setPropertyValue("epsilon", 0.003)
setPropertyValue("max_iterations", 75)
setPropertyValue("split_merged_categories", True)
setPropertyValue("bonferroni_adjustment", True)

& 122. chaidnode 70O/N7 1 —

chaidnode v 85 4 — fili Ty 4 —DitH

targe

t

field CHAID EF/VITH—DXR 7 4+ —L K
BIUO12DLEDOATT 7 4 =L R & f#
FALET, B 74+ — L RBIEETE
F9, FHLLIE 217 =YD T
HIRETANER S — FD T a7 4 —
DIy Z7EBIRLTLEE W,

ng_mo

continue_training_existi |flag

del
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K 122. chaidnode 70O/NT7+ — (fix)

HighestMeanProbabilit
y

chaidnode a5 4 — fifi Fany 4 —oH
objective Standard psmiFIFFICKREVWT =&ty Ml
X4, Server DIEHDLETT,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree_directives string
method Chaid
ExhaustiveChaid
use_max_depth default
Custom
max_depth integer =K U —FE (0 225 1000),
use_max_depth = Custom DA
DAL X5,
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured Mgl T a7 1 —,
trails number T—APERE@EANTDAYR—F Y
b BTG
set_ensemble_method Voting BTV AR D T 7 10 MEEL
— )b
HighestProbability

range_ensemble_method Fi9ME HINRD T 7 4L M AEEL— L,
Median
large_boost flag FHCRELRT XLy FOT—RT 4

Y7 RBEMLET,
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K 122. chaidnode 70O/NT7+ — (fix)

chaidnode 7m %7 1 — fifi ZTans 1 —D i
split_alpha number S EIDFEKIE
merge_alpha number e DHEKUE,
bonferroni_adjustment flag Bonferroni X v K% ffifl L CTH =i
Rz T,
split_merged_categories |flag =Y LA T3V —DETEI R
chi_square Pearson 1A 2 FiiEtORIRICHER S 5 )5k
(Pearson ¥ 721X L L)
LR
epsilon number R X 3 LV ERDRNEL,
max_iterations number IR D 7= 8 D e K AE B
set_random_seed integer
seed number

calculate_variable_impor |flag
tance

calculate_raw_propensiti |flag
es

calculate_adjusted_prope |flag
nsities

adjusted_propensity_part |Test
ition
Validation

maximum_number_of_models |integer

coxregnode 7O /\T 1 —

Cox ##imElls / — REFEHAT 2, 150D L a— RDIFFETTA RV b FETOR
Q DF— ZDEGFEFAR R T, TFLE. FROANY FBANEEOIEED
ETHEEDRE () WCRE T HMERE2 TS 2 A FEREERL 5,

il

node = stream.create("coxreg", "My node")
node.setPropertyValue("survival_time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal_criterion", "Conditional")
node.setPropertyValue("survival", True)

& 123. coxregnode 7O/NT+ —
coxregnode 0 87 4 — fifi ST 4 —D B

survival_time field Cox [AllfE 7 ik AFREOH 3 1
DDT7 4=V FEMHEALET,
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5% 123. coxregnode 7/NT« — (Fi X)
coxregnode 71 87 4 — i FTans 4 —D A
target field Cox HIIFETINIE 1 DDXR T 4 —
NEBEXFL1DMUEDAS 74 =1
FRMERHLET, sEL <, 217 R
— VDI RETAER — KD
TaNRT4—1D MY 7 EBRLT
QAR
method Enter
Stepwise
BackwardsStepwise
groups field
model_type MainEffects
Custom
custom_terms ["BP*Sex" "BP*Age"
mode Expert
Simple
max_iterations number
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
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5% 123. coxregnode 7/NT« — (Fi X)
coxregnode 71 87 4 — i FTans 4 —D A
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
removal_criterion LR
Wald
Conditional
probability_entzry number
probability_removal number
output_display EachStep
LastStep
ci_enable flag
ci_value 90
95
99
correlation flag
display_baseline flag
survival flag
hazazrd flag
log_minus_log flag
one_minus_suzrvival flag
separate_line field
value number B % 7213 string 7 4 =L FIZx U THEDFEED 2D
Ba, T7A40E AT aro
Mean) ZZ®D 74— RTHAL
£,
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decisionlistnode 7/\7« —

F4¥ary - URAb-—FiE BEHCEET 525072 2 HOEROE WD
%y L BV RIER R % 7 /N — P E Rl 7 A > bR BAILE T, BIZAL, B3
AREED D720 b LR F v U R—VIHFREINCEZ 2 REMED H 2 R R T Z
ERTEZT, EREXDZEML, FRELE T 2701 TAEINTHRRT
5Z8WEoT, EDRARICHTAHFEETVICEHAT LI ENTEET, 714
Jay YR - ETTUE. L—NLDY XA ISR EIL, FBL—IUIZIFEH R
PEENET, L—NFEFICEHAXN., T I38B0DOL—ILT, ERIFEED

ER
{1
node = stream.create("decisionlist", "My node")
node.setPropertyValue("search_direction", "Down")

node.setPropertyValue("target_value", 1)
node.setPropertyValue("max_rules", 4)
node.setPropertyValue("min_group_size_pct", 15)

R 124. decisionlistnode 7O/N T+ —
decisionlistnode 7B %7 |{i#i FRT 4 —D B
/f —
target field T4¥¥ay VAL ETMIELDOD
WRI74 =L FBIL 1O ED AT
T4 =)V RZMHLEST, E-7 1 —
NEBIEETEFET, FFL X 217
=Y O T2 ETNAER ) — KD
7axRT4—JD My 7S TL
72E W,
model_output_type T
InteractiveBuilder
search_direction Up XY ORBRICEEL L3, Up
. EOVEROME. Down IHRWAER
Down @*ﬁ?{;’}: IEJD’G?—Q
target_value string FBE LRV, 7 7 ZITEEOED
HEXNET,
max_rules integer KO ZEBRNT 227X DR
min_group_size integer wPNETX b A
min_group_size_pct number BN X b A X (= b E
L0
confidence_level number IRV NERIGEIMNT 27201235
HODLLT 57012 EDOLEEZM LT
572D AT 7 4 =V R Fo/m/NL
=M,
max_segments_per_rule integer
mode Simple
Expert
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£ 124. decisionlistnode 7O/\NT+ — (fit =)
decisionlistnode 7u 7 |l a4 —DiHmH
4—
bin_method EqualWidth
EqualCount
bin_count number
max_models_per_cycle integer 2k DMZRIE,
max_rules_per_cycle integer 7R =L DBRIE,
segment_growth number
include_missing flag
final_results_only flag
reuse_fields flag Bl OL—MIZFRREINBEANI 74—
F) OFEHZFFAI L £7,
max_alternatives integer
calculate_raw_propensiti |flag
es
calculate_adjusted_prope |flag
nsities
adjusted_propensity_part |Test
ition
Validation

discriminantnode 7/\7 1 —

HB AW E 2T, BP9 R T4 v 7 EGE D EERIRGEZIL TS Z BN TE L ITH,
NSOGB L 5GE. PR T 4 v 7 BRI S 284 20 H 20
fRickzh 3,

il

node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("method", "Stepwise")
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K 125. discriminantnode 7 /N T —

discriminantnode m 87 |{id Taxg 4 —DHH
,f —
target field HIRIIHT ETIMITHE—DNR 7 4 —v
FBLUL 1O EDOASTI 74—V F%E
FHLES, EA74 -V FBXUE
74—V FEMEHLEEA. ELL
F. 217 R=Y O T—ff#Y72E TAAERK
J=FDTaRT4—JD Iy 7 %S
L TLZE W,
method Enter
Stepwise
mode Simple
Expert
prior_probabilities AllEqual
ComputeFromSizes
covariance_matrix WithinGroups
SeparateGroups
means flag B S, X4 78a 7 - Ry 7 20H
FtA T a v
univariate_anovas flag
box_m flag
within_group_covariance |flag
within_groups_correlatio |flag
n
separate_groups_covarian |flag
ce
total_covariance flag
fishers flag
unstandardized flag
casewise_results flag B A4 7a s - Ry 7 20k
AT a v
limit_to_first number 77 4L MHEIX 10 T,
summary_table flag
leave_one_classification |flag
combined_groups flag
separate_groups_covarian |flag IN—F G BATHNA T a v
ce
territorial_map flag
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K 125. discriminantnode 70O/X7T 1 — (i %)

MahalanobisDistance

discriminantnode 71 %7 | i Fany 4 —oH
4 —
combined_groups flag ST N—T IR A TS a >
separate_groups flag IN—THEAAN A 7> a >~
summary_of_steps flag
F_pairwise flag
stepwise_method WilksLambda
UnexplainedVariance

SmallestF
RaosV
V_to_enter number
criteria UseValue
UseProbability
F_value_entry number 7 74V MHEIX3.84 TT,
F_value_removal number 77 4V MHIZ 2.71 TF,
probability_entry number 77 # /L MHIX 0.05 T3,
probability_removal number 77 # /b MHIX 0.10 T,
calculate_variable_impor |flag
tance
calculate_raw_propensiti |flag
es
calculate_adjusted_prope |flag
nsities
adjusted_propensity_part |Test
ition
Validation

extensionmodelnode 70O/\F 1 —

R

ke TN - /- F2EATZ L, RAZYT MK
721& Python for spark 22 1) 7 F ZEITL T, fR

DIERB LR a7 ) U ITWTEET,

FAIE ETNAAENR ) — RO T a7 4 — 247




Python for Spark Dl

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_build", "extension_build")
node.setPropertyValue ("syntax_type", "Python")
build_script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.mllib.linalg import DenseVector

from pyspark.mllib.tree import DecisionTree

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()
schema = df.dtypes[:]

target = "Drug"
predictors = ["Age", "BP", "Sex", "Cholesterol", "Na", "K"]

def metaMap(xrow,schema):
col =0
meta = []
for (cname, ctype) in schema:
if ctype == 'string':
meta.append(set([row[col]]))
else:
meta.append((row[col],row[col]))
col += 1
return meta

def metaReduce(metal,meta2,schema):
col =0
meta = []
for (cname, ctype) in schema:
if ctype == 'string':
meta.append(metal[col].union(meta2[col]))
else:
meta.append((min(metal[col] [0],meta2[col] [0]),max(metal[col][1],meta2[col][1])))
col += 1
return meta

metadata = df.rdd.map(lambda row: metaMap(row,schema)).reduce(lambda x,y:metaReduce(x,y,schema))

def setTolList(v):
if isinstance(v,set):
return list(v)
return v

metadata = map(lambda x: setTolList(x), metadata)
print metadata

lookup = {%
for i in range(0,len(schema)):
lookup[schema[i][0]] = i

def row2LabeledPoint(dm,lookup,target,predictors,row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictors:
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
pval = dm[predictor_index].index(row[predictor_index])
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval,DenseVector(pvals))

# count number of target classes
predictorClassCount = len(metadata[lookup[target]])

# define function to extract categorical predictor information from datamodel
def getCategoricalFeatureInfo(dm,lookup,predictors):
info = {t}
for i in range(0,len(predictors)):
predictor = predictors[i]
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
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info[i] = len(dm[predictor_index])
return info

# convert dataframe to an RDD containing LabeledPoint
lps = df.rdd.map(lambda row: row2lLabeledPoint(metadata,lookup,target,predictors,row))

treeModel = DecisionTree.trainClassifier(
1ps,
numClasses=predictorClassCount,
categoricalFeaturesInfo=getCategoricalFeatureInfo(metadata, lookup, predictors),
impurity="'gini',
maxDepth=5,
maxBins=100)

_outputPath = cxt.createTemporaryFolder()

treeModel.save(cxt.getSparkContext(), _outputPath)

cxt.setModelContentFromPath ("TreeModel", _outputPath)

cxt.setModelContentFromString("model.dm", json.dumps(metadata), mimeType="application/json")¥
.setModelContentFromString ("model.structure", treeModel.toDebugString())

node.setPropertyValue ("python_build_syntax", build_script)

R DOl

JHHHE script example for R
node.setPropertyValue("syntax_type", "R")
node.setPropertyValue("r_build_syntax", """
$K,modelerData)

modelerDataModel

modelerModel

un ||)

modelerModel <- lm(modelerData$Na~modelerData

& 126. extensionmodelnode 7O/NT+« —

extensionmodelnode 71 % | fii Funy 4 —DiiH

T4

syntax_type R R 7213 Python DE¥E5D R 7)) 7 b
RFETTEPEELET RYBT 740

Python FTI),

r_build_syntax string EFNMAERFHDORAZ Y S h > &y
7 A,

r_score_syntax string EFIN - RaAF7VIFITHORRZ Y S
]\ ¢ \\/\\/& v 7Xo

python_build_syntax string ETNAERH D Python 227V 7k &
Ry TR,

python_score_syntax string ETI) - 237 7 HOD Python X7

VI h e VR T Z,
70T 4 — VR BT B720D

convert_flags StringsAndDoubles

LogicalValues FTa,
convert_missing flag RIE(E%Z R D NAEICEHR T 372D D
FFav,
convert_datetime flag HAEER 723 B /R R0 280
R O HM /AR ICEI T 272D A
Fa v,
convert_datetime_class POSTXct HAER E 723 H A/ R R 0 Z D
POSIX1t 5, EOEROELK L LT 20 %15

ETAEDDOF T av,
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K 126. extensionmodelnode 7O/X T+ — (i &)

extensionmodelnode v % |{i Ty 4 —DitH

T4

output_html flag RETIN-FFY bDRITT T T7%FK
REBHDF T ar,

output_text flag RETFNFFY FDRTICRAYY —
NDT XA MM EFEZALDD L
Fa v,

factornode 7O/\7 1 —

T 7 — FICI&, 7 X OB R B0 5400175 7 — 2RIk 2 FBID D

il T, EWAIHT (PCA) : AN 7 1 —L KO MIEES DRI S NE T, MABHC
ERS 25 (EMICZH2) HEI, 74— ROty b 2RO TEZ R T 2 DIT&IL
EET, BTN —EOBIT « —L K OB <2 — > % BT 5 AT T3
AIEhET, EBLOTFETS, ED 74— K kv b OMHREHRMCERT 2
DEDOIRE T 4 —L RO BHAEZETT,

il

node = stream.create("factor", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("inputs", ["BP", "Na", "K"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Factor_Age")
node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("method", "GLS")

i# Expert options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_recoxrds", True)

node.setPropertyValue("matrix", "Covariance")
node.setPropertyValue("max_iterations", 30)
node.setPropertyValue("extract_factors", "ByFactors")

node.setPropertyValue("min_eigenvalue", 3.0)
node.setPropertyValue("max_factor", 7)
node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

# "Rotation" section
node.setPropertyValue("rotation", "DirectOblimin")
node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

5 127. factornode 70O /N T« —

factornode v 75 4 — it FuRTF 4 —D B

inputs [field1 ... fieldN] EWTIHHFET VIR T 4 —v
RFTHRAANZ4 =L RFDY R % #
HALZ3, EA74 -V IFBIUEHK

74—V FRIEFEHLERA, FFLL

Z. P 217 R—YD T2
ETFNUNER/ — FDTa 74 —1%S5
HLTEE W,
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% 127. factornode 7O/NT 1 — (fii =)

factornode 71 87 1 — fiEl Funy 4 —DHm
method PC
uLS
GLS
ML
PAF
Alpha (77 7)
Image
mode Simple (Hifli)
Expert
max_iterations number
complete_records flag
matrix Correlation

Covariance (HHE)

extract_factors ByEigenvalues
ByFactozrs

min_eigenvalue number

max_factor number

rotation None
Varimax
DirectOblimin
Equamax
Quartimax
Promax

delta number rotation C DirectOblimin ZZEiR L

72356, delta DEZIEETE 3,

EZIEE L2WESIX, deltad T 7
+ v MEZ R,

FAZE ETNAAER S — RO a5 4 — 251




% 127. factornode 7O/NT 1 — (fii =)

factornode 7’u 35 4 — fifi Ty 4 —DitH

kappa

number rotation T Promax % 3&ER L /=55
kappa DfEZIEETZ 5,

EE4EE LR WEEIE, kappa DT 7

AL MEZ R,
sort_values flag
hide_values flag
hide_below number

featureselectionnode 70O /\F 1 —

il

node

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

FigEER — FC. (REEOEIGLR YD) FREICESVWTANT 74—V FE2 R

E 7)== 7 L CHIBRICD T, 18E L7z BEICHIN 2R D DA 74—V RO EHE
EE2Z 7T LET, Bl BADEBENANI 74—V FEET -2ty bH
HB LT, BETROETY Y IZZFENPEIIODTL & 52

= stream.create("featureselection", "My node")

setPropertyValue("screen_single_category", True)
setPropertyValue("max_single_category", 95)
setPropertyValue("screen_missing_values", Txue)
setPropertyValue("max_missing_values", 80)
setPropertyValue("criteria", "Likelihood")
setPropertyValue ("unimportant_below", 0.8)
setPropertyValue ("important_above", 0.9)
setPropertyValue ("important_label", "Check Me Out!")
setPropertyValue("selection_mode", "TopN")
setPropertyValue("top_n", 15)

BHHEEIREF L2 ER LU CET 2582 00%,. A= 22y Fray 2270 7 Lo KiEaE
RETNDERY 2L TLZEW,

3% 128. featureselectionnode /N7« —

featureselectionnode Fm % |fi Fans 4 —DHH
74—
target field FrEEIRE 7OV E N S BE

LEFHl74—NFEZ 70T L
F39, BEAZ4— LV EBXUEKRY
4 — IV RIHHLEEA, FELL
X, 217 =YD TRy E T IAE
B/ —RDO7axXT74—1DMy
PHIBLTLEE W,

screen_single_category flag True DIFE. BL a— FEIZLERFA

CAhTa)—i2EZ kol a
— RFEFO74 — L REEHNLET,

max_single_category number screen_single_category 7%

True DYEIMEM SN 2 RIEZ T
L%,
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5 128. featureselectionnode 7O /NT 1 — (ft X)

featureselectionnode 71 % |{ifi TaxR7 4 —DHH
TA—
screen_missing_values flag True DEHE. La— FORED —
Y FTERITLa— PRI S % T,
ZIELRBET 4 — IV FERT Y
—=>7 (&) LET,
max_missing_values number
screen_num_categories flag True DHFAE. L a— FORBUTHL
TZIEH7a)—%2WSTHN
T, 74—V EERZV—=v T (E
Al) L3,
max_num_categories number
screen_std_dev flag True DGE. fEEINTF/IMELLT
DIEMEREAET, 74— L RER 7Y —
=7 (ER) L3,
min_std_dev number
screen_coeff_of_var flag True DA, HHESINRIMELT
DFERELT, 74—V R ERA TV —
=7 (&Rl LE5,
min_coeff_of_var number
criteria Pearson AT =R TZH T —
FHMEDZ > 7 {F Dk &ic, EER
Likelihood ENEHE Y T2 PERN ZFEE L X
ER
CramersV
Lambda
unimportant_below number B R JEEEE LTERE 7 >
JHF 3% e 2RI NS HIMEp
ZIELE T, 0.005 1.0 DfE%E
ELET,
important_above number 0.025 1.0 DfEEIEEL £ 3,
unimportant_label string FEES 7D IRLEIEELET,
marginal_label string
important_label string
selection_mode Importancelevel
ImportanceValue
TopN
select_important flag selection_mode 23

Importancelevel IZFXE XN TW
%L &, HER T 4 —L REERT
2EIDEIEELE T,
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5 128. featureselectionnode 7O /NT 1 — (ft X)

featureselectionnode Zm % |{ifi TaxR7 4 —DHH
TA—
select_marginal flag selection_mode 7%

Importancelevel IZEXE XN TV
e Z W BRI 4V REEIRT S
PESIPEIELE T,

select_unimportant flag selection_mode 23
Importancelevel IZFE XN TV
Y FIC HETRWT 4 — L N 2%
RT2NESIDZIEELET,

importance_value number selection_mode 7%
ImportanceValue ICEE XN TV
2 X AT 2 0EMEZEE L ¥
3, 025 100 DIEZHEEL 5,

top_n integer selection_mode 73 TopN IZFRE X
NTW3 e =12, T2 5EEZE
ELET, 04005 1000 DIEEIEE
Lihﬁ_o

genlinnode 7O/\7 1 —

2 — ALK E FOUE, $5E L7z ) > 27 BRI X - THEIBZEROIE T3 X O & v 5

[ HIBIRICR 2 &5, —HPHEFLRILELZDDTY, X5ICZDEFLTIE, JF
IERDHONEBEREMHHAT 22 e TEFET, MR, a7 v 7RG &
v b FRICET 2 u /e SV, 2 LTI D AFEFARY . #iEtE
TLADOEREEIEZ S BENTVET,

il

node = stream.create("genlin", "My node")
node.setPropertyValue("model_type", "MainAndAllTwoWayEffects")
node.setPropertyValue("offset_type", "Variable")
node.setPropertyValue("offset_field", "Claimant")

3+ 129. genlinnode 70O /N7« —

|

genlinnode 7’1 87 4 — (1 Fany s —Di]

target field —ALFREE T X, AEBE T
FIRIDLODNRET7 4 — L FBLU
1O ED AN 7 4 =V RBRBETT,
HAT74—ILRBIEETETET, FFL
iE, 217 R—=P D T—fzETN
B —FD 774 —1] DMy
7RSI TLEE N,

use_weight flag

weight_field field 74—V D7 — & B3 A7) T
B

target_represents_trials |flag
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% 129. genlinnode 7O/NT 1 — (#it %)

genlinnode 71 %7 4 — fifi A= 2V R RO L]
trials_type Variable
FixedValue
trials_field field T4 =NV RDTF—=2BNI7 5 7RI% 7
FIERRT S,
trials_number number 7 7 4V MHIZ 10 T,
model_type MainEffects
MainAndAllTwoWayEffec
ts
offset_type Variable
FixedValue
offset_field field 7 4 =)L D7 — & AT A2 C
E
offset_value number R THHVEDRDHD FT,
base_category Last
First
include_intercept flag
mode Simple
Expert
distribution BINOMIAL IGAUSS: A Y R,
GAMMA NEGBIN: & 2 JH) 1,
IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL
neghin_para_type Specify
Estimate
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% 129. genlinnode 7O/NT 1 — (#it %)

genlinnode 71 85 4 — fifi A= 2V R RO L]
neghin_parameter number 77 4L MHIZ 1T, ATHRVWER®
BV ENRDD T,
tweedie_parameter number
link_function IDENTITY CLOGLOG: ffim 2"« = A F R - 1/,
CLOGLOG LOGC: it %L,
LOG NEGBIN: B4 2 JHZ3 1,
LOGC NLOGLOG: 112« =4 F 2 - n 7,
LOGIT CUMCAUCHIT: &fa—F v b,
NEGBIN CUMCLOGLOG: a2 - v 4 F 2 -
o7,
NLOGLOG
CUMLOGIT: B> v b,
ODDSPOWER
CUMNLOGLOG: #fEiun 2y - <4 F X -
PROBIT a2
POWER CUMPROBIT: 47ty k.,
CUMCAUCHIT
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT
power number fEIX 0 THRVWEMTHI2BEDLDD F
ER
method Hybrid
Fisher
NewtonRaphson
max_fisher iterations number F 74V MEIZ1TY, EOEEIHET

IRHEHTEXT,
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% 129. genlinnode 7O/NT 1 — (#it %)

genlinnode 70 85 4 —

fiti

Zans 4 —0

scale_method

MaxLikelihoodEstimate

Deviance
PearsonChiSquare
FixedValue
scale_value number 774V MHEIX 1 T, 02EZ 54
BEnHY £9,
covariance_matrix ModelEstimator
RobustEstimator
max_iterations number 77 4L MHEIX 100 TS, 0 L L%
BT eEHTEET,
max_step_halving number 77 4L MHIZ 5 TF, IEOREMET
UMEHTE X9,
check_separation flag
start_iteration number 77 4L MHIZ 20 TY, [EDOREHE
ROBMEHTE LT,
estimates_change flag
estimates_change_min number 77 4L MHIX 1E-006 TF, IEDHK
2T HAEHTE£T,
estimates_change_type et
Relative
loglikelihood_change flag
loglikelihood_change_min | number IEOBUEIZ I DMERTE LT,
loglikelihood_change_typ |[#axt
e
Relative
hessian_convergence flag
hessian_convergence_min |number EFORMER I FEHTEET,
hessian_convergence_type |#&xt
Relative
case_summary flag
contrast_matrices flag
descriptive_statistics flag
estimable_functions flag
model_info flag
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% 129. genlinnode 7O/NT 1 — (#it %)
genlinnode 71 %7 4 — fifi A= 2V R RO L]
iteration_history flag
goodness_of_fit flag
print_interval number F74NMHEK 1 TS, EOBHTH
LRENDHD £,
model_summary flag
lagrange_multiplier flag
parameter_estimates flag
include_exponential flag
covariance_estimates flag
correlation_estimates flag
analysis_type Typel
TypeIll
TypeIAndTypelll
statistics Wald
LR
citype Wald
Profile
tolerancelevel number 7 7 4L b EiZ 0.0001 T3,
confidence_interval number 7 7 4V MHIZ 95 T,
loglikelihood_function Full
Kernel
singularity_tolerance 1E-007
1E-008
1E-009
1E-010
1E-011
1E-012
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% 129. genlinnode 7O/NT 1 — (#it %)

genlinnode 71 %7 4 — fifi ZTans 4 —D i

value_order Ascending
Descending
DataOrder

calculate_variable_impor |flag

tance

calculate_raw_propensiti |flag

es

calculate_adjusted_prope |flag

nsities

adjusted_propensity_pazrt |Test

ition
Validation

glmmnode 7O /N7 1 —

- —IRACFRANE S E TV (GLMN) 3B SR HER L =72, RRDBIEIER D & 72
e 2EENHH, fEEXNZ) V7K EN L TRTFB X UOHRE RIS ICEE#E L, 8
: HIDSHHBITE 2 X 512D F LTz —BALRIEIRS £ 7 WK, BRI REIGE 5IE

ERZEERY T — X OBEHELR< LV FLARNVICELET, SEIERETAEIAN—-L

£7,

3R 130. glmmnode Z70O/NT+ —

glmmnode 71 %7 4 — fifi TaR7 4 —DitH

residual_subject_spec structured WBELEATaY A7 4 — L FO
AEDEICED, F—&t vy PHOHSER
ER—RICERINDG Z e BRBETT,

repeated_measures structured RIS 2BEDREICHERH NS 7 4

—J)L Fo

residual_group_spec

[field1 ... fieldN]

KA REE BT X — X —D Tt
v NRERTDE T4 —LF,

FAZE TN — RO T a5 4 — 259



% 130. glmmnode 7O/NT 1 — (fii %)

COMPOUND_SYMMETRY

IDENTITY

TOEPLITZ

UNSTRUCTURED

VARIANCE_COMPONENTS

glmmnode 71 35 1 — fiti FaRF 4 —D ]
residual_covariance_type |Diagonal WD BRSPS E L 95,
AR1
ARMA11

custom_target

flag

D — FTERI NG 2
T 570 (false) ¥7z1% target_£field
WK E o THEEINZH AR LR ZAE
3 %5 (true) xEEXLE T,

target_field

field

custom_target #% true DIFERSR
ELTHAT 274 —F,

use_trials

flag

TR EEET 28BM7 4 —L KX
B EZ, SR 74— R —HDRITH
RBETAIRARARY FTHBHEIT
FHSTZ20EIERLES, T 74
L M false T9,

use_field_or_value

field

Value

T4 =V RERIMEZMFEH L TERITE
BMEBETANES0ERLET,

trials_field

field

AT DIEEICHFERT S 74— F,

trials_value

integer

AT DR IS 5 H, 8ET
%6, R/IMEIZL T,

use_custom_target_refere
nce

flag

NARLBRA T —%H TV —
@i‘f%‘%’ﬂi@ﬁﬁ?é# 85 71))%7?\‘[/ ij—o
77 4L M3 false TT,

target_reference_value

string

use_custom_target_reference 2’
true DHGEHEHAT 2SR T3V —,
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% 130. glmmnode 7O/NT 1 — (fii %)

glmmnode 71 )87 ¢ —

fiti

Ty 4 —D N

dist_link_combination

Nominal (%%)
Logit

GammalLog
Binomiallogit
PoissonLog
BinomialProbit
NegbinlLog
BinomiallLogC

Custom

MNROMED BT 2 —KET I,
Custom %Z3ER L T,
target_distribution Tt X7z
VA MO ERELE T,

target_distribution

Normal

Binomial

Multinomial

Gamma (H>Y)

Inverse

NegativeBinomial

Poisson

dist_link_combination %% Custom
DILE DI RDIED 731,
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% 130. glmmnode 7O/NT 1 — (fii %)

offset_value

offset_field

glmmnode 71 85 4 — fifi Tax7 4 —DiH
link_function_type Identity B AN R 5 ) > 2
i
LogC target_distribution 2%
Binomial &, VA MEATWS
Log YOV BB THHEHTEET,
target_distribution &3
CLOGLOG Multinomial DIHE.
CLOGLOG. CAUCHIT. LOGIT.
Logit NLOGLOG, % 721X PROBIT %{#f T
S
target_distribution 23
NLOGLOG Binomial M B LT}
Multinomial A DA,
PROBIT IDENTITY. LOG. % 7-1% POWER % {fi/H
T
POWER ES
CAUCHIT
link_function_param number T2V 7RSI X —&—1{H,
normal_link_function £
link_function_type %% POWER D5
BOABEHENET,
use_predefined_inputs flag EENRZ74 =NV EREASI 74— K
CLTLERTEREINI 74— R
325 (true) fixed_effects_list
D74 —ReT25h (false) BIEE
LEd, 774 & false T,
fixed_effects_list structured use_predefined_inputs 2% false
DEE EEMB 74— P UTHH
THEIAN 74—V REEELET,
use_intercept flag true (77 4V 1) OHE. ETMIIE
BUEZEAET,
random_effects_list structured SURLMRE LTIHRET S 74 —L
ROV X bk,
regression_weight_field |field DNMOEAT 4 — LR LTHAT 2
74 = F,
use_offset None F7%y VERET A HIEERLET,

fili None 1. 7%ty FfEHI WL
eEEKRLET,

offset_value number use_offset 23 offset_value DO
&7y MHERT 51E,
offset_field field use_offset 2 offset_field o

A7ty MEZHEHT 5 1E,
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% 130. glmmnode 7O/NT 1 — (fii %)

glmmnode 71 %5 4 — fiti AT 4 —D F
target_category_order Ascending H7a) —AExgoyY — ME, {EData
. T—XNOY — MERERT 5 X5
Descending fEELET, 774/ & Ascending
T,
Data
inputs_category_order Ascending A1 73 BIFTRT 4 —v R Dl KNE,
fEi Datald, 7—&XHNDY — MEZEH
Descending THEOBELET, 7740 ME
Ascending T3,
Data
max_iterations integer TN XALTETEINDREORKR

BIETT, BOETIELRVWER, 77
L Ml 100 T3,

confidence_level integer ETIVRED XFEHEE DT E I3
LHEERE, BT WER, &/
ElX 100, ¥ 7 #+/L FMHEIX 95 TT,

degrees_of_freedom_metho |Fixed HHEE G EHREICEIEIN S ik
d ZHEELE T,
Varied
test_fixed_effects_coeff |Model RIRXA =R —HELLZE< ) v 7 R
ecients ZEHE T 21
Pi={e:

use_p_converge flag NIRX=R—IORDA T a v,
p_converge number EHFMEREDIEDHE,
p_converge_type .

Relative
use_1_converge flag WEIENCRDA T2 a v,
1_converge number EHF IXMEEDIEDE,
1_converge_type -

Relative
use_h_converge flag Hessian [NSRD * 7> a >,
h_converge number EHFRMEREDIEDHE,
h_converge_type P

Relative
max_fisher_steps integer
singularity_tolerance number
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% 130. glmmnode 7O/NT 1 — (fii %)

glmmnode 71 %7 4 — fifi Tax7 4 —DiH
use_model_name flag ETNDHRAR LZREHT 5
(true) AT Ak o THERE N4
& #H S 2% (false) ZHEEL 5,
77 %)L M& false TT,
model_name string use_model_name 2% true D & XIT,
T 2ETLZIEELE T,
confidence onProbability 2a7) Y ITOMEEZEE T 3 AU
&b EVWTHIER, TR EVT
OnInCIease ?ﬁuﬁﬁ;ﬂfg‘t Z%E&:%L\%iﬁuﬁﬁg&zk@

%)o

score_category_probabili |flag
ties

true D&E, A7V —EXROTFHI
WEREERLET, T 740 M
false T3,

max_categories integer

score_category_probabilities
Dtrue D Z2WZ, HHT 273V —
DR ZREL X3,

score_propensity flag

true DHZE. 74—V KD Ttrue] @
FROMERERT 7 7 7R 7 4 —
A ROMEMZR a7 ZAERL %7,

emeans structure

FEEMBVA T DE AT -7 4
— L RIZOWT, #EEREEEg 2 AT
ZMEIDEIETELET,

covariance_list structure

FEENRYV A DA T —HT 4

—IL RIZoWT, #EE I EFET
ZEEWEEER R T 200 AR A

EEFEHT 22 %2EELET,

mean_scale Original

BHRH

WRDITDREIZFEDONT (F7 4L
M. F7230 7 BEBERUCEESWT
BRI R T 208 5 hits
ﬁbij_o

comparison_adjustment_me |LSD
thod

SEQBONFERRONI

SEQSIDAK

BEROM L TIREREZ RITS 255
WER S % 5T %

gle 7ONT 1 —

ﬁ GLE 13, M2 IEEH AL TE2 X3 ICHHEFLZIEE L= DTH Y., EEX
v =) Y 7 BEN L TRTB X ORZRICHICEE L, BHSHBETE2 X512
B F Lz, —BEHEIRS T IR, B R a2 &, JEEHS i DR
F—RBEEDS G F LA - EFLET, SEXEREFADSHD ET,
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5% 131. gle 7O0NT+ —

gle 7085 4 — fifi Ta)x7 4 —DitH
custom_target flag RO/ — FTEBRININREHHT 25
(false) £7-1% target_field i &k » THg
EENT AR LR ZMEHT 20 (true)
ZERELET,
target_field field custom_target A% true DIFERERYL LT
{ﬁﬁﬁj_é 7/f —)L Fo
use_trials flag AATERZHEE T 28007 4 —L F XI3MAE
. WRT 4 = PR —HORITLHET S
BABANRY P THEHEMEHT 20 S
DPxRLET, 774 ME false T,
use_trials field or_val |field T4 =V RERIIEERFEH L GTREEE 1R
ue ETHENEIPERLET,
Value
trials_field field TR OIEEICHEHT 2 74— F,
trials_value integer TR DR E AT 2EH, f5ET 545
&, wMEZ 1T,
use_custom_target_refer |flag HARLBIRA T =% T2 — AR
ence WHERT 20250 R"LET, 77441
% false T3,
target_reference_value |string use_custom_target_reference 2% true
DLEHHT 2R A 73 —,
dist_link_combination NormalIldentity SRDOMED T T 2 —fRET I,
GammalLog target_distribution TEftxh 21V 2
b2 & 5370 % SRS 5121 CUSTOM Z3ER L
PoissonLog £9,
NegbinLog
TweedieIdentity
NominallLogit
Binomiallogit
BinomialProbit
BinomiallogC
CUSTOM

HAZEETNUER/ — KD Tr T 1 — 265




£ 131.gle 7ONT+ — (i &)

gle 71 RF 4 — fiEl FaRT 4 — D
target_distribution Normal dist_link_combination %% Custom D
B DXRDMED 577
Binomial
Multinomial

Gamma (H>¥)
INVERSE_GAUSS
NEG_BINOMIAL
Poisson
TWEEDIE

UNKNOWN

266 IBM SPSS Modeler 18.2.2 Python 227 ) Fr A —r X —>a > « HA R



£ 131.gle 7ONT+ — (i &)

gle 7R RF 4 — i FuRT 4 —D M
link_function_type UNKNOWN SR E % RN BEE T 2 ) > 27 BI%LG
target_distribution 2% Binomial 0¥
IDENTITY A, UTeREHTE 3,
LOG UNKNOWN
LOGIT IDENTITY
PROBIT LOG
COMPL_LOG_LOG LOGIT
POWER PROBIT
LOG_COMPL COMPL_LOG_LOG
NEG_LOG_LOG POWER
0DDS_POWER LOG_COMPL
NEG_BINOMIAL NEG_LOG_LOG
0DDS_POWER

GEN_LOGIT

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_L
0G

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

target_distribution A% NEG_BINOMIAL
DG T ZERTE XY,

NEG_BINOMIAL.

target_distribution A% UNKNOWN D35
a. UTz#EHTE%9,

GEN_LOGIT
CUMUL_LOGIT
CUMUL_PROBIT
CUMUL_COMPL_LOG_LOG

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

FAZEETNAUER/ — FD T T 4 — 267



£ 131.gle 7ONT+ — (i &)
gle 7085 4 — fifi Ta)x7 4 —DitH
link_function_param number 3 % Tweedie 85 X — &,
normal link_function E£7ziZ
link_function_type %% POWER DFED
A INET,
tweedie_param number RS2V BT X — & —1H,
dist_link_combination 73
TweedieIdentity ICERESINTWVWE 1, £
721 link_function_type 4% TWEEDIE @
LEICOABEHATE XY,
use_predefined_inputs flag ETNABE T4 =V EEASI74 =L REL
ThERTERSIN 74—V FET 5
(true) fixed _effects listd®7 4 —/L R
3 %0 (false) #fEEL £ 7,
model_effects_list structured use_predefined_inputs 7% false ©;
By ETAMER T4 =L Fe LTHAT 2 A
74—V EFERELET,
use_intercept flag true (77 4V b) OYE. ETVICERIHE
EAET,
regression_weight_field |field TMDEAT7 4 =V R LTHAT 274 —
LR,
use_offset None F7ty VERETHHEERLET, B
None l&, A7ty FMfEHEINRWZ L 2K
Value WL E T,
Variable
offset_value number use_offset 7 offset_value DGE A7
v MRS 21E,
offset_field field use_offset 2t offset field D& A7
v MEIEEAT 21H,
target_category_order Ascending Hra) —BNRDOY— ME, 7740 M
Ascending T3,
Descending
inputs_category_order Ascending HFTYRITHE T 4 —L ROV RNE, 77+
)L Mi& Ascending T3,
Descending
max_iterations integer TNTY XL THEITSNSEKIEORKERT
3, ADBTIERVER, 7740 MEZ
100 T,
confidence_level number E TR D X REHEE DFTEICH 3 2 EE
£, BOBTIERVEL, &/MEIX 100, 7
7 # )V MEIX 95 T,
test_fixed_effects_coef |Model NRIRXR—R—WEHLETE~ N v 7 R EEE
fecients ERAYRe
TR{E
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£ 131.gle 7ONT+ — (i &)

gle 7085 4 — fifi Ta)x7 4 —DitH

detect_outliers flag true DHE. 7TV XLT, ZHESZR
LTRTORPMITNNT BEDH 5 IUE %
ML E 3,

conduct_trend_analysis flag true OEE. 7L TY X ATEHAERO L v

ROt ZRITL X5,

estimation_method

FISHER_SCORING

NEWTON_RAPHSON

BAEHEZ LI XL ZIEELET,

HYBRID
max_fisher_iterations integer FISHER_SCORING estimation_method %
FEHLTWAGED, RARIERE, &H/IME
13 0. BKMEIX 20 T,
scale_parameter_method MLE 2 =)L T X —RDOWEIHERT 2 5iEx
FIXED FEELE T,
DEVIANCE

PEARSON_CHISQUARE

scale_value number scale_parameter_method 2% Fixed IZ5%
EINTWRGEICOAFHTEE T,

negative_binomial_metho | = BHOZHEDMI T X — X OHEEDEH T

d FIXED BIIEERELE T,

negative_binomial_value |number negative_binomial_method %% Fixed i
REINTVLLEICOAFHTEET,

use_p_converge flag NIRXA—=Z—IRDF T a v,

p_converge number EHEIFEEDIEDHE,

p_converge_type flag True = #faHE, False = FHXHE

use_l_converge flag MNEENRDOA 7> a v,

1_converge number EHF ZIMMEEDIEDHE,

1_converge_type flag True = ¥finH{l, False = HIXHHE

use_h_converge flag Hessian NS DA 7> a >,

h_converge number EHEIFEEDIEDHE,

h_converge_type flag True = #faHE, False = FHXHE

max_iterations integer T XL THETEINDEKIEORKEET
T BOTIIRVWER, 7740 MAZ
100 T,

sing_tolerance integer

use_model_selection flag RIXA—ZLEWEE EFLOERGHEa >

fa—LEEMZLET,
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£ 131.gle 7ONT+ — (i &)

gle 7054 —

fitd

Zans 4 —0

method

LASSO
ELASTIC_NET
FORWARD_STEPWISE
RIDGE

ETFNVDFRGE, 213 Ridge #EHAL T
WAGERIERLGEEZIREL 5,

detect_two_way_interact
ions

flag

True DFE, ETMICEID AN T4 — L F
D2 BROLZEEHP BEICHRE X E
ER

Zoayra—ii, EFTANFEIRDOA (2
— P = DERTCNREZER L T0RW) TH
D, OERX N7 method 25 Forward
Stepwise. Lasso. %7-!3 Elastic Net D3G5
WKOBEMILTLEE W,

automatic_penalty_param
s

flag

£ 7ILEIRO method 28 Lasso F 7z Elastic
Net DIGED AMHRIEET T,

Z OMSREZ (I LT, Lasso ¥ 7= Elastic
Net ZHOEIR G RICEEMA T Sz R T
4 RXTX—=REATTLET,

True DFE. 774V MEDFEHINE T,
False DGHE. RFNLT 4 NIRXA—XBPER)
Wk, DAXLMEZ AT TEE T,

lasso_penalty_param

number

£ 5L EIRD method 73 Lasso % 7-1% Elastic
Net Tdh D, automatic_penalty_params
S False DGAICDOAMHTE£F, Lasso
DRFNVNT 4 NTRXA=REHEELET,

elastic_net_penalty_par
aml

number

EFILEIRD method #% Lasso ¥ 721Z Elastic
Net T» D, automatic_penalty_params
2 False DGHEICOAFHTE X T,
ElasticNet XX =& 1 DRFI)NT 4 285
A—REHEELET,

elastic_net_penalty_par
am2

number

EFILEIRD method 3 Lasso % 7213 Elastic
Net TH D, automatic_penalty_params
A False DEEICOAEHTEET,

Elastic Net X X —& 2 DRFINT 4 T
RA—=REHEELET,

probability_entry

number

FER X7z method % Forward Stepwise @
LAl oAEHTEES, SIROUEITHET
% Fitet A EOFREKEZIEE L £ 7,

probability_zremoval

number

EIR X 17= method %3 Forward Stepwise @
GAECOAMEATEET, MROBREICHET
% F it EOBRKELIRE L £,
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£ 131.gle 7ONT+ — (i &)
gle 7085 4 — fifi Ta)x7 4 —DitH

use_max_effects flag 2 ?R?S nrz method /3 Forward Stepwise @

max_effects a> ra—LE2HMMILET,

False DGHE. HETHI3MEDT 741 MK
M. ETILICIREEX N AR OB S U A
FEWEHDEL L RITNUIRD T8 A,

max_effects integer ERIEMA T v T4 REER A EEERT
BOMBOBRAIEEELE T,
use_max_steps flag max_steps 2> bR —LEEHMILE T,

False DGHE. A7 v 7DT 7 5L A,
E VIR SN2 R OB S U R Z RS
L7200 3FrELLRTNEIRD £X

Ao

max_steps integer ZRIEMA T v T7 4 B method % fif
H5 2802 AT v 7ORKEEIEEL F
K

use_model_name flag ETINDHAR LT %5 (true) &

AT BT K o THERI NI4T EFEH T %5
(false) Zf5EL ¥ 3, 7 74/ MiX false

T3,

model_name string use_model_name 2’ true ® & =12, M
BETLERIEELET,

usePI flag true DG, THIZBOEEEI IR INE
ER

kmeansnode 70/\N7 1 —
c% K-Means /— KT, 7—&X « vy " DREREZINVL—T (DFED I FTARXR=)AN, 75

AR TEINET, TOHIET, FEBDI FRAR—%ERL, 7 TAX=IZL 2
— FEEDRLEDYTT, T EABL CHETADRLEINRLS KD ET, 7
FARX—DHDZHHEL £3, K-means T, fERZTHIT2DTIERL. AN 74
—ILEDEy FANDASRX—V RGN T S0, [HEfiLEE c LTHsh
27 ABEHEINET,

il

node = stream.create("kmeans", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("inputs", ["Cholesterol", "BP", "Dxug", "Na", "K",
"Age"])

# "Model" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Kmeans_allinputs")
node.setPropertyValue("num_clusters", 9)
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node.setPropertyValue("gen_distance", Tzrue)
node.setPropertyValue("cluster_label", "Number")
node.setPropertyValue("label prefix", "Kmeans_")
node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("stop_on", "Custom")
node.setPropertyValue("max_iterations", 10)
node.setPropertyValue("tolerance", 3.0)
node.setPropertyValue("encoding_value", 0.3)

3R 132. kmeansnode 7O /X7« —
kmeansnode 7187 4 — fifi FURT 4 —D B
inputs [field1 ... fieldN] K-means ET UV AT 74 —L KD+
v bTO ZRAZ =2 iTVETH, At
RI4 =NV FEIFEHLEEA, EAT
4=V IFBIOERHT 4+ —V FIEEH
LEHA, FFLLIE 217 =YD [—
72 TAAER S — D T a7 4
—] DMy 7 ZBRLTLEI N,
num_clusters number
gen_distance flag
cluster_label String
Number
label_prefix string
mode Simple (Biff)
Expert
stop_on Default
Custom
max_iterations number
tolerance number
encoding_value number
optimize Speed ETNUAERDHEEL XE) —DEE S
WX bRk 20 2fEELET,
Memozry

kmeansasnode /N7 —

K-Means (¥, J&d —fRICHEHXNZ 7 52AZ V7 7AITYVZXLD1DOTY, &
DF7NVTYVZALE, T—R RA Y 27 FRX) LT, BEMiERIN D 5

K 2 X EVER L £3, SPSS Modeler ® K-Means-AS / — Fid Spark THEXN TV E
3, K-Means 7,13V X LI22OW T L < 1. https://spark.apache.org/docs/2.2.0/
ml-clustering.html ZZ B L T &\, K-Means-AS / — FTlE., 773V ZEHD
BERCV Y Ry b Zva—74 YV HIRNICETINS ZLICHEL TR
W,
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K 133. kmeansasnode 7O /NT+ —

kmeansasnode R 85 4 —

fiti

Ty 4 —D N

roleUse

string

ERBEADEENZAEHT 5121%
predefined ZfiE L. 11—V —&E
74—V RDEND B TEMHT 121X
custom ZfEELE T, T 740 MZ
predefined T3,

autoModel

Boolean

L EREIN-Ra7 V7 74—
NRIZT 74 4 ($S-
prediction) ZfHH$ %1id true %
BEL., IAXRLHZHHAT 2121F
false ZfeELE3, 7 74V M&
true T3,

features

field

roleUse 71 87 4 —7% custom IZFK
EEINTVWBIGEDASTHD 7 4 —L
FHDY A b,

name

string

autoModel Fm 87 4 —78 false I
REXINTWBIGED, HiL AERIN
J22ayy s 74— Ko i,

clustersNum

integer

Ve 227 522 —D8, 77+ F
X5 T3,

initMode

string

WHHEL 7 L3 XA, FEETE SMHIZ.
k-means|| ¥£7/21% random T3, 7
7 #)L MiE k-means| | T3,

initSteps

integer

initMode 2% k-means| | IZERE X
TVWAEEDOHWI LR T v 7O, 7
T4V ME2TY,

advancedSettings

Boolean

RDADDTaT 4 —% FHHAEEIC
THIIE true fEELE T, 774
JL MiE false T3,

maxIteration

integer

TIARY Y ITDRAKIER, T 7+
L ME 20T,

tolerance

string

RIEZEIET 23R &, fEETE 3¢
El¥., 1.0E-1, 1.0E-2. ..,1.0E-6
T3, 774 I 1.0E-4 TT,

setSeed

Boolean

HARL F VR L T— REMEHIZT 2
Wi true 2f6E€LE S, 7744 b
¥ false T3,

randomSeed

integer

setSeed 7@ 8T 4 —B true DGE
DHRARL TR — K,
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knnnode 70O/\7 1 —

k DEETH B35E. kit (KNN) /2 — Rid, FiLwr —2 %, FHIEBOH LW
Ch F—2WZwmDBITVKEDOA TS 27 bDOH T3V —F /213 E & BEEMNT £ 3, FE
L7er —2RBEWSEL, UL TWAEWT — 2B HEWICHALTOE T,

L

{5

node = stream.create("knn", "My node")
# Objectives tab
node.setPropertyValue("objective", "Custom")

# Settings tab - Neighbors panel
node.setPropertyValue("automatic_k_selection", False)
node.setPropertyValue("fixed_k", 2)
node.setPropertyValue("weight_by_importance", True)
# Settings tab - Analyze panel
node.setPropertyValue("save_distances", True)

< 134. knnnode 70O/NT+1 —
knnnode 7135 4 — fifi FURT 4 —D
analysis PredictTarget
IdentifyNeighbozrs
objective Balance
Speed
Accuracy
Custom
normalize_ranges flag
use_case_labels flag ROF T are BT E2F =y
7 Ry 7R,
case_labels field field
identify_focal_cases flag ROFATS a2 BT AF =y
7 Ry 7R,
focal_cases_field field
automatic_k_selection flag
fixed k integer automatic_k_selectio 2% False
DHEIDAEMTT,
minimum_k integer automatic_k_selectio 7% True @
GEZDAENTT,
maximum_k integer
distance_computation Euclidean
CityBlock
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3+ 134. knnnode 7O\ T« — (Fe %)

knnnode 7B 85 1 — fifi Taxs 4 —DHH
weight_by_importance flag
range_predictions B

Median

perform_feature_selectio |flag

n

forced_entry_inputs [field1 ... fieldN]

stop_on_error_ratio flag

number_to_select integer

minimum_change number

validation_fold_assign_b |flag

y_Tfield

number_of_folds integer validation_fold_assign_by_£fie
1d 7% False DEHICDAEINTT,

set_random_seed flag

random_seed number

folds_field field validation_fold_assign_by_£fie
1d 73 True DHEICDAFE TS,

all_probabilities flag

save_distances flag

calculate_raw_propensiti |flag
es

calculate_adjusted_prope |flag
nsities

adjusted_propensity_pazrt |Test
ition
Validation

kohonennode 7O/\F 1 —

- Kohonen / — R, =2—51 2w bV —ZD—FETHH, 7—X -ty + 275

e 2R LU TERZIN—TE2ERTI2HNTHEHATEES, v vV —70D%¥Y

- METTB e, FloLa— R~y PTHWILL IZFRREN, ELDORKENWL
a— REYEEN-E ZAIREREINE T, BEOSVI=y M EHEIT 2720124
WENTETFNLAT, 1=y FEELEBEOBIEZARNZ N TEET, &
. BB 7 9ROV TO Y MR BAEBELDHD 7,

il

node = stream.create("kohonen", "My node")

# "Model" tab

node.setPropertyValue("use_model_name", False)
node.setPropertyValue("model_name", "Symbolic Cluster")
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node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("time", 1)

node.setPropertyValue("set_random_seed", True)
node.setPropertyValue ("random_seed", 12345)

node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("width", 3)
node.setPropertyValue("length", 3)

node.setPropertyValue("decay_style",
node.setPropertyValue ("phasel_neighborhood", 3)

node.setPropertyValue("phasel_eta", 0.5)
node.setPropertyValue("phasel_cycles", 10)

node.setPropertyValue("phase2_neighborhood", 1)

node.setPropertyValue("phase2_eta", 0.2)
node.setPropertyValue("phase2_cycles", 75)

"Exponential")

£ 135. kohonennode 70O /N7« —

kohonennode 7B %7 1 — i FURT 4 —D B
inputs [field1 ... fieldN] Kohonen &7 /LIEINRT7 4+ —)L KT
CCATIZ74 =V ROV A MEMHHLZ
T BB 4 —NVIFBIUEAT 4 —
NERIFEHLEEA, FELLIE 217
R=I DI —IILETNER ) — FD
TaRT 4 =DMy 7 BB TL
7ZE W,
continue flag
show_feedback flag
stop_on Default
Time
time number
optimize Speed ETNMMERDEE L XEV —D B 5
WEDmEhI 02 EL 3,
Memory
cluster_label flag

mode Simple (Eifl)
Expert
width number
length number
decay_style Linear
Exponential
phasel_neighborhood number
phasel_eta number
phasel_cycles number
phase2_neighborhood number

276 IBM SPSS Modeler 18.2.2 Python 227 ) '+ & A — b X —> g > -

AR




% 135. kohonennode 7O /N7« — (ft X)
kohonennode 71 %7t — fiE Fany 4 —oH
phase2_eta number
phase2_cycles number

linearnode 7O/\7 1 —

- SRIERE T, SR L 10 % 0 T £ B 0 BIRIC S Tl
L HEE FHIL £,

il

node = stream.create("linear", "My node")

# Build Options tab - Objectives panel

node.setPropertyValue("objective", "Standard")

# Build Options tab - Model Selection panel
node.setPropertyValue("model_selection", "BestSubsets")
node.setPropertyValue("criteria_best_subsets", "ASE")

# Build Options tab - Ensembles panel
node.setPropertyValue("combining_rule_categorical", "HighestMeanProbability")

& 136. linearnode 7O/NT+ —

linearnode 71 87§ — fiE Fars 41—
target field LODMRT7 4+ — LV REHEELET,
inputs [field1 ... fieldN] ETNTHEHINSE ANEIFIANE

TR THZER T 4 =T,

continue_training_existi |flag

ng_model
objective Standard psmiZIEHICKENTF— Xt v Miff
F&h, Server DEERDBEET T,
Bagging
Boosting
psm

use_auto_data_preparatio |flag

n

confidence_level number

model_selection ForwardStepwise
BestSubsets
None
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% 136. linearnode 7O/NT 1 — (i %)
linearnode 7’1 87 4 — fifi Fany 4 —oH
criteria_forward_stepwis |AICC
e
Fstatistics
AdjustedRSquare
ASE
probability_entry number
probability_removal number
use_max_effects flag
max_effects number
use_max_steps flag
max_steps number
criteria_best_subsets AICC
AdjustedRSquare
ASE
combining_rule_continuou |F#H(E
s
Median
component_models_n number
use_random_seed flag
random_seed number
use_custom_model_name flag
custom_model_name string
use_custom_name flag
custom_name string
tooltip string
keywords string
annotation string

linearasnode 7O/\7 1 —

o FARIENFE T, R E 1O F I3ERO FHIE L O3 O BRI EE-DO W EfR
e MREFHL T,
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& 137. linearasnode 7O/XT+ —

linearasnode 71 %54 — [fifi Ty 4 —0 N
target field 1LODMRT7 4 — NV REHEELE T,
inputs [field1 ... fieldN] ETNTHEHINEANEIFIANE

T2 THIER 7 4 — L R,

weight_field field ETFTATHHAEINL I 74— K,
custom_fields flag 7 7 # )V MEIZ TRUE T3,
intercept flag 7 7 %) MEIZ TRUE TT,
detect_2way_interaction |flag 2 BRORZANEHZERT 2008 5 b
7 7 # /L MEIZ TRUE T3,
cin number ETNVREOMEMEZHE T 27012
T 2MEEOXME, 0 XD KEL,
100 K D/hSWEZIEEL £, 77
AL MEE 95 T,
factor_order ascending T2 EIFHIT 4 —L Ko CE,
77 4L MHlX ascending T,
descending
var_select_method ForwardStepwise FHTA2ETLVOERGE, T 741
MEIX ForwardStepwise T,
BestSubsets
none
criteria_ for forward ste |AICC ETFIVICEHREZIMZ Z2RED, F21E5E
pwise TADOIREHIRS 2R E DR DGE
Fstatistics T5EXHEHTBHGE, 7740 b
{E!X AdjustedRSquare T,
AdjustedRSquare
ASE
pin number T ZIZHEE XNz pin L EWEERTED
B/ p EHZFFORRBE T MBS
nExd, 774/ MHEIZ0.05 T,
pout number TZWRiEEE Nz pout LEWEED
KEVpHEEFHEOEFTLADTRTD
SIRPHIFRENE T, 7740 MEZ
0.10 T9,
use_custom_max_effects |flag RAEETNVTRRBOMREFEHT 5
NS D, T 7 4L MELX FALSE T
K
max_effects number RAEETIVTHHT 2MROERE
774V MEIZ LTS,
use_custom_max_steps flag BRABDRT v TRMEHT 208 5D

57 %L MEIZ FALSE T3,
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K 137. linearasnode 7O/NT« — (Fi &)
linearasnode 7 854 — |{ifi Faxy 4 —DHH
max_steps number 2Fw T4 R 7T ZLDEIRT
BIRARAT Y T8 7740 MHIZ 1
T,
criteria_for best _subset |AICC HHTA2EEDE—F, F74L ME
s ¥ AdjustedRSquare T3,
AdjustedRSquare
ASE

logregnode 7O /\T —

BYRT 4y 7 ERE ASI 74— FOEICES VT LY a— RESET 2 it Fik
Vs TF, HRENR L BCWE T, BUEEP T2 A F ) — 5t 74— R % fiif
LT,

Multinomial Example

node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", Tzrue)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Log_reg Drug")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("logistic_procedure", "Multinomial")
node.setPropertyValue("multinomial_base_category", "BP")
node.setPropertyValue("model_type", "FullFactorial")
node.setPropertyValue("custom_terms", [["BP", "Sex"], ["Age"], ["Na", "K"I11)
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)
node.setPropertyValue("l_converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")
node.setPropertyValue("delta", 0.03)

# "Output..." section

node.setPropertyValue ("summary", True)
node.setPropertyValue("likelihood_ratio", True)
node.setPropertyValue("asymptotic_correlation", True)
node.setPropertyValue("goodness_fit", True)
node.setPropertyValue("iteration_history", Txue)
node.setPropertyValue("history_steps", 3)
node.setPropertyValue("parameters", True)
node.setPropertyValue("confidence_interval", 90)
node.setPropertyValue("asymptotic_covariance", True)
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node.setPropertyValue("classification_table", True)
# "Stepping" options
node.setPropertyValue("min_terms", 7)
node.setPropertyValue("use_max_terms", Txrue)
node.setPropertyValue("max_terms", 10)
node.setPropertyValue("probability_entry", 3)
node.setPropertyValue("probability_removal", 5)
node.setPropertyValue("requirements", "Containment")

Binomial Example

node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Cholesterol")
node.setPropertyValue("inputs", ["BP", "Dxug", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", False)

node.setPropertyValue("model_name", "Log_reg Cholesterol")
node.setPropertyValue("multinomial_base_category", "BP")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("binomial_method", "Forwards")
node.setPropertyValue("logistic_procedure", "Binomial")
node.setPropertyValue("binomial_categorical_input", "Sex")
node.setKeyedPropertyValue("binomial_input_contrast", "Sex", "Simple")

node.setKeyedPropertyValue("binomial_input_category", "Sex", "Last")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale_value", 3.0)
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("l_converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")

# "Output..." section

node.setPropertyValue("binomial_ output_display", "at_each_step")
node.setPropertyValue("binomial_goodness_of_fit", True)
node.setPropertyValue("binomial_iteration_history", True)
node.setPropertyValue("binomial_parameters", True)
node.setPropertyValue("binomial_ci_enable", True)
node.setPropertyValue("binomial_ci", 85)

# "Stepping" options
node.setPropertyValue("binomial_removal_criterion", "LR")
node.setPropertyValue("binomial_probability_ removal", 0.2)

%< 138. logregnode 70/\NT+1 —

logregnode 71 85§ — il Furs 4 —0H
target field OQYR7 4wy 7 BIFETIVE L DDXS

RI4—NALFBLF 12U EDAS T
4=V REMFEHLEST, Bl 74—
FBIXUEAZ7 s —ILRNIIERHLEE
Ao BELIE. 227 =T T—E1Y
BETNMER — ¥ DT 08T 4 —
DIy 7% BHRLTLIIZEW,
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5 138. logregnode 70O/NT+ — (§i %)

logregnode 7B 37 4 — fii FRART 4 —0D HH
logistic_procedure Binomial

Multinomial
include_constant flag

mode Simple (Eff)
Expert
method Enter
Stepwise
Forwards
Backwards
BackwardsStepwise
binomial_method Enter
Forwards
Backwards
model_type MainEffects ETIN - XA TELT
FullFactorial 2MEEXN TV 3
FullFactorial By ATy TFREMEEI NIz LT
b, TSN ERA, Z2ORODIZ,
L [ N N
Custonm AR AT (Enter) DM SN E T,
EFIL » ZA 7T Custom MR E X
THL—Y—&KE 74—/ F (custom
fields) DMEE XN TVRWESIZX, £
MRETUDPERINZT T,
custom_terms [[BP Sex][BP][Age]]
multinomial_base_categor |string SRA T3 —DRE[EREEL F
y ER
binomial_categorical_inp |string
ut
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5 138. logregnode 70O/NT+ — (§i %)

logregnode 7 X7 4 —

fiti

Ty 4 —>D N

binomial_input_contrast

Indicator
Simple
Difference
Helmert
Repeated
Polynomial

RZE

aY bR MRRET B HERIEES
2773V — ANHDFx— - Tux7s
/f \-—O

binomial_input_category

First

Last

ZRA T3V —RET 2 HIEZIEE
T2 73V ANHDF— - T
7‘4 o

scale

None

UserDefined

Pearson

Deviance

scale_value

number

all_probabilities

flag

tolerance

1.0E-5

1.0E-6

1.0E-7

1.0E-8

1.0E-9

1.0E-10

min_terms

number

use_max_terms

flag

max_terms

number

entry_criterion

Score

LR
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5 138. logregnode 70O/NT+ — (§i %)
logregnode 7’1 87 4 — fiE TuRg 4 —D
removal_criterion LR
Wald
probability_entzry number
probability_zremoval number
binomial_pzrobability_ent | number
ry
binomial_probability_rem | number
oval
B4 HierarchyDiscrete
HierarchyAll
Containment
None
max_iterations number
max_steps number
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
delta number
iteration_history flag
history_steps number
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5 138. logregnode 70O/NT+ — (§i %)

logregnode 7’1 87 4 — fiE TuRg 4 —D
summary flag
likelihood_ratio flag
asymptotic_correlation flag
goodness_fit flag
parameters flag
confidence_interval number
asymptotic_covariance flag
classification_table flag
stepwise_summary flag
info_criteria flag
monotonicity_measures flag

binomial_output_display

at_each_step

at_last_step

binomial_goodness_of_fit |flag
binomial_parameters flag
binomial_iteration_histo |flag
ry
binomial_classification_ |flag
plots
binomial_ci_enable flag
binomial_ci number
binomial_residual outliers
all
binomial_residual_enable |flag
binomial_outlier_thresho | number
1d
binomial_classification_ | number
cutoff
binomial_removal_criteri |LR
on
Wald
Conditional
calculate_variable_impor |flag

tance
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5 138. logregnode 70O/NT+ — (§i %)

logregnode 7 X7 4 —

fiti

Ty 4 —>D N

es

calculate_raw_propensiti |flag

Isvmnode 7O/\7 1 —

, G HR—b - R X— - 2V (LSVM) / —F 2T 2, A—nN—T 1 v }T
o 2B, T=RE2ODIN—FOWTIPIHET 5 e TEET, LSVM
FRETHD, WD TEHDOLa— F2RLT Xty bRy, K#iZT—Xty b

T 52N TEET,

& 139. [svmnode 70O/NT 1 —

portance

lsvmnode 71 85 4 — i1 ZFans 1 —DEH

intercept flag ETNMVCYIRZEDET, T4
) MEE True T3,

target_order Ascending A7) =BINRDY — MEERTE
ELET, B RTISMEHE X

Descendlng h‘ihﬁ_o 5:\\77]'11/]\&3:

Ascending T3,

precision number WHRT7 4 —L RO REH
Continuous DHLEICDAHH X
NET, MElFOHEK DRI HE
TENRTRA—R—FIEELE T,
B/MEIX 0 TRAMEIXDD F¥
Ao T 74N MHEIZO.1TT,

exclude_missing_value |flag TruelZ9 2L, RIBEN1DOTH

S HHHEFLa— R E
3, 7 74/L MHIZ False T3,

penalty_function L1 FHT2RFILT 4 B OXA T
ZHRELET. 774 MEIF L2

L2 T3,
lambda number RFNVT 4 (ERUL) TR =&
calculate_variable_im [flag HEEOBUILMEZERT 5 E

FLADEE., TOF T a iz k
h.ETILOHTEICBIT 2T HIE
DHNERE LIRS VT 7HFR
ENEd, —HOETFNLTIX R
KT — &2t v b BT 25
BEBOEREE DOFHEIIZRE VR
M3 5728, —HDETILTIE
FIFNVIPTH IR oTVWET,
EROBEEZ, 74>Pav V)
AN ETFTNLTIEFEHTEEE A
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neuralnetnode 700/\N7T 1 —

B BRE RSN L LWA—Ya v D=2 —F)L 2y b7 —27 - ETFNANER ) — EHBZDY Y —R
THATEZE T, L= a VIZOWTIEROIETHA L %3 (neuralnetwork), [HN—Y a VTET
ABEBRBIOZRa7 ) Y TEETH, FiLWA—Sa B EHT 3 E9R 2SR EF T ®

BEDHLET, UTREAN—Y 2 YOFMTT,
1l

node = stream.create("neuralnet",
# "Fields" tab
node.setPropertyValue("custom_fields", Txue)
node.setPropertyValue("targets", ["Drug"])
node.setPropertyValue("inputs", ["Age", "Na",
# "Model" tab

"My node")

"K", "Cholesterol", "BP"])

node.setPropertyValue("use_partitioned_data", True)

node.setPropertyValue("method", "Dynamic")
node.setPropertyValue("train_pct", 30)

node.setPropertyValue("set_random_seed", True)

node.setPropertyValue ("random_seed", 12345)
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("accuracy", 95)
node.setPropertyValue("cycles", 200)
node.setPropertyValue("time", 3)
node.setPropertyValue("optimize", "Speed")
# "Multiple Method Expert Options" section

node.setPropertyValue("m_topologies", "5 30 5; 2 20 3, 1 10 1")

node.setPropertyValue("m_non_pyramids", False)

node.setPropertyValue("m_persistence", 100)

% 140. neuralnetnode 70 /X7T+« —
neuralnetnode 7o 85 4 — |fi A=AV R OF 1]
targets [field1 ... fieldN] Za—I0Fv b J—FIIE 1D
DEoxHR74 =1 e 128 ED A
74 =N ERRETT, ERBXIU
HAZ74— L NIIEHAINET, 7L
W, 207 =P D T e TAAE
B/ —RD7a T4 —1D v %
ZILTLEE W,
method Quick
Dynamic
Multiple
Prune
ExhaustivePrune
RBFN
prevent_overtrain flag
train_pct number
set_random_seed flag
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%R 140. neuralnetnode 70O/ T+« — (¥t =)

neuralnetnode 0 85 4 —

fiti

Zans 4 —0

random_seed

number

mode Simple (Eff)
Expert
stop_on Default ZiE—F,
Accuracy
Cycles
Time
accuracy number ZIEFEE,
cycles number HEFA T,
time number FERR (97)o
continue flag
show_feedback flag
binary_encode flag
use_last_model flag
gen_logfile flag
logfile_name string
alpha number
initial_eta number
high_eta number
low_eta number
eta_decay_cycles number
hid_layers One
Two
Three
hl _units_one number
hl_units_two number
hl units_three number
persistence number
m_topologies string
m_non_pyramids flag
m_persistence number
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%R 140. neuralnetnode 70O/ T+« — (¥t =)

neuralnetnode 71 %7 4 — [{i 7Tanxs 4 —Di
p_hid_layers One
Two
Three
p_hl_units_one number
p_hl_units_two number
p_hl_units_three number
p_persistence number
p_hid_rate number
p_hid_pers number
p_inp_rate number
p_inp_pezrs number
p_overall_pezs number
r_persistence number
r_num_clusters number
r_eta_auto flag
r_alpha number
r_eta number
optimize Speed ETNAERDPEE L XEY—DEH 5
WA EELIN 202 EL T,
Memozry
calculate_variable_impor |flag FEiElOY ) —RATHEHALE
tance sensitivity_analysis 7w 874
—lF. ZoFuT 4 =Tk D FEIEEh
F9, HVTBEART 4 —IFFRYR—
FERF TN
calculate_variable_importance
TBEIOLE T,
calculate_raw_propensiti |flag
es
calculate_adjusted_prope |flag
nsities
adjusted_propensity_part |Test
ition
Validation
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neuralnetworknode 7O /\F 1 —

&

Za—F) %y b J— R, ABOMIERZ RS 2 fikz Bk L7=ET L
PHEHALET, —a—I0 -2y b7 =2« J—Fi&, #8{RT 232802 L
MEIIalL—FLEF, WWHEEME, —a—0 2R L-b0rEBETEE

T Za—I0 s 2y M7= 23N REBHEERTH D, EESERLD, EH
T2 RIKROMETEL XOCBZORER LB ED D TH A,

il

node =

stream.create("neuralnetwork",

# Build Options tab - Objectives panel

node.setPropertyValue("objective",

# Build Options tab - Ensembles panel
node.setPropertyValue("combining_rule_categorical", "HighestMeanProbability")

"My node")
"Standard")

= 141. neuralnetworknode 7/NTFT+« —

neuralnetworknode 71 35 |fifi A=A RO ;]

/f —

targets [field1 ... fieldN] WRT 4 — L FEBELET,

inputs [field1 ... fieldN] ETNTHHAINDE ATIERIEIATE
TETRIZER T 4 = K,

splits [field1 ... fieldN TEIETUAEBICHEHT 5, 74— K

ZERL E5,

RadialBasisFunction

use_partition flag X374 =V ERERSINDHGE, 20D
AT a Y BFET - REXTPODT
— X DAVETNVRIHH SN S &
SITLET,
continue flag MFETLVOFEE 2/ L £7,
objective Standard psmiZIEFICRKEVWTF — Xt v Ml
Xt Server DERHRBETT,
Bagging
Boosting
psm
method MultilayerPerceptzron

use_custom_layers flag
first_layer_units number
second_layer_units number
use_max_time flag
max_time number
use_max_cycles flag
max_cycles number
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X 141. neuralnetworknode 7O/N T+ — (i %)

neuralnetworknode 71 X7 |{ifi FaR7 4 —DHH
,f —
use_min_accuracy flag
min_accuracy number
combining_rule_categoric |Voting
al
HighestProbability

HighestMeanProbabilit
y

combining_rule_continuou | FEi5E
s

Median
component_models_n number
overfit_prevention_pct number
use_random_seed flag
random_seed number
missing_values listwiseDeletion

missingValueImputatio
n

use_model_name boolean
model name string
confidence onProbability
onIncrease
score_category_probabili |flag
ties
max_categories number
score_propensity flag
use_custom_name flag
custom_name string
tooltip string
keywords string
annotation string

FAIE TN — DT a7 4 — 291




questnode 7O /N7 —

QUEST /— FIZix. T4 ¥ PVay « VY —O/EHIC 2 0O FEPHBEI AT,

QUEST

F9, ZAUL. KB C&R Tree M8 A E ¥ 3 2 JLFHR S 2 5 HE 5 2 &[RRI,

I D ZL ORENEREEICT 2 ATMENBE XN DY UV —NOEAZ KR T % X
ICEETEINTWVWE T, AN 74 —L RNiE, BUEHPH GHiGHAY) 1 T& T30, HEE
BlIH T3V —TRINEIRD FRA., TRTODENT 2 FIETT,

il

node = stream.create("quest",

"My node")

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")

node.setPropertyValue("inputs",
node.setPropertyValue("model_output_type",

node.setPropertyValue("use_tree_directives", True)
node.setPropertyValue("max_surrogates", 5)
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("use_percentage", False)
node.setPropertyValue("min_parent_records_abs", 40)
node.setPropertyValue("min_child_records_abs", 30)
node.setPropertyValue("prune_tree", True)
node.setPropertyValue("use_std_err", True)
node.setPropertyValue("std_err_multiplier", 3)

[IIAgeII, IINaII, IIKII, IICholeSteIo]-II, IIBPII])
"InteractiveBuilder")

5 142. questnode 70O /NT+ —

questnode 7B 85 1 — fifi FTans 4 —D i
target field QUEST E7/MFH—DNR 7 4 — K
BIO1IDO2BEDOANI 74— FaAl
HALET, B 74+ — LV RBIEETE
¥9, AL Py 7 217 R=Y
D MR EFAAER S — F D 7 a3
T4—J ZZRLTIIZE N,
continue_training_existi |flag
ng_model
objective Standard psmiXIEFICRKEVWT —Xt v MfH
&4, Server DIEHPDETT,
Boosting
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree_directives string
use_max_depth default
Custom
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5k 142. questnode 7O/NT 1 — (Wi ¥)

questnode 7B 87 1 — fifi ZTans 1 —D i
max_depth integer =K U —FRE (0 225 1000),
use_max_depth = Custom D&
DAEMALET,
prune_tree flag A=N=T4 v FLBVEIITY Y —
ZEELE T,
use_std_err flag VA28 B IR 7E (RBEHERZE) 2 f#
HLES,
std_err_multiplier number RARZE,
max_surrogates number RARRHEER,
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured MEL T a7 4 —,
priors Data
Equal
Custom
custom_priors structured gk 7 a 74—,
adjust_priors flag
trails number T—RAPFEREANTDAYR—%
b ETVELG
set_ensemble _method Voting BT =B RDOTFT 7 L FEEL
— b,
HighestProbability

HighestMeanProbabilit
y

range_ensemble_method B HHARG RO T 7 4 0 MEEL—I,
Median
large_boost flag FRcRERT Xty bDT—RT 4
Y RBEHALETS,
split_alpha number DHENDOEEKE
train_pct number F—=nN=7 4 v rPilktY b,
set_random_seed flag MREEHEA T a v,
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5k 142. questnode 7O/NT 1 — (Wi ¥)
questnode 7B 87 1 — fifi ZTans 1 —D i
seed number
calculate_variable_impor |flag
tance
calculate_raw_propensiti |flag
es
calculate_adjusted_prope |flag
nsities
adjusted_propensity_part |Test
ition

Validation

randomtrees 7O/\7 1 —

DETEEXT,

O AN

SPSS Modeler X—Y 3 »

Random Trees / — Fix. BEfED C&R Tree / — K ZM“CL\&T?E)\
ML CTH—DY ) — %ﬁﬁ?é & HIICE

By 7= &%

i tsh., BRoETAN

> 17 Ti Méﬂtﬁﬁtn—7k§73ﬂi?OMan
Trees / — FAERT B T4 2P ay VY —%2HL T, MROBHIEZ TR % 721X
COHEIHFNGE T —Z2X AL TEE L a— F2EROt

L, &RX7 v T TARMMEZR/PNRBICNZET, YU —D/ — FHflik

THBILEZLNDZDIF, /— FHIZH B —ZAD 100% D5, MRI74 —ILFDH 3
MEDATIV)—IZHEINIHETT, MR74—IVRBXUO A7 4 =L R,

BRI 72130 72V — (B

7 R,

Z227ETT 2oD% TN —TDA),

7 BMERATEE T, TRTODIE

3 143. randomtrees 7O/N T+ —

randomtrees 7R VT 4 — fiti FUNRT 4 —D B
target field Random Trees / — FTlid, E7MITIX
H—DXR7 4 =L FBLF 128 E
DAN T 4 =)V EDBREITRD £5,
B+ -V FBIEETEET, FFL
{iE, 217 R=P D I £ TNAE
K —=FDTa T4 =)Dy 7%
ZILTLZE W,
number_of_models integer TYH TN BT ARMEDO—ERE LT
%ﬁéh%%TW@ﬁ%ﬁﬁbiTo
use_number_of_predictors |flag number_of_predictors ZfH 3 %
MESPERELET,
number_of_predictors integer DENE TN OREERIEH S 2 THIME
DIEZEELE T,
use_stop_rule_for_accura |flag BE2METERVWESICETF LR
cy EHIETE0EIDEREL T,
sample_size number MO TR T =&ty NS

BEINC ATy —w Y AT A LT 312
F. ZofEENMNXLSLET,
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& 143. randomtrees 7O /\NT 1 —

(Fe &)

randomtrees 70 85 4 —

fiti

Fans 4 —oH

handle_imbalanced_data

flag

ETIVDNRBFFED 7 7 7 DRERT
HH.EBF L RWHERIINT 28 Eh
LAERDLEEIIEFIT/ NI VG EZ, T
— RIIAEENC I BT K o TH
TENBZT— P RS9 T Ty v
TWETIVDREICHERL 5 2 5 0]HE
W2 b F5, NEERT— 2D
PEMMCT e, ETADIET 2EE
LWEERDEERNEE D, X D igE €
FNABERINE T,

use_weighted_sampling

flag

False D5, %/ — FOERIE, HL
HERCHIEAIGEIRINE T, True ®
BE. ZRIIZEANTT 50, 2
JIBUTCEREINE T,

max_node_number

integer

ExDv ) —THREINE/— DK
K, ROGETZOMZBZZ L
DPEINZGE. YV —DOEIXELE
Lij—o

max_depth

integer

V) —DIRARKDFES, THTET DL
ﬁk% i{'?ﬂ: L \i j_o

min_child_node_size

integer

Bl — FOREIRITT / — R TAHFAS
oL a— FORMIEREL £,
T/ -FZEENL IR 5La—
FOBHZ ZTIRELZZBE D bD7%
WG, Bl — PRTEIENEE A

use_costs

flag

costs

structured

MLl T m o7 4 —, BRI EED
i, PRIzl BXFax b (FH]
DIEL K RWEE) D3 DDED Y A
FTF, UTWHIZRLET,

tree.setPropertyValue("costs",
[["drugA", "drugB", 3.0], ["drugX",
"drugY", 4.0]])

default_cost_increase

none

linear

square

custom

H EFRA RIS L TOAEN TS,

X MPINC T 7 4V MEZRREL E
ER

max_pct_missing

integer

WINLDATIDRIBIEOEIGHZ Z
TIHELZEI D KREVWGES, ZOAN
RV E T, FIME O, SKfELE
100 T,
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& 143. randomtrees 7O/NT+« — (§i X)
randomtrees 7185 4 — fili Ty 4 —DitH

exclude_single_cat_pct integer WIENDH T —EHHRZ ZTHEE
LizLa—RoElEXIhEWEE, 2D
7 4 =)L K 2T FAREED SR
EhEd, RMEIZ 1, BAMHEIZ 99 T
XS

max_category_number integer T4 =L RFANDH T —EHnZDE
EHZBHE. FDT7 4 =L RIEETL
RPN SN E T, mAMEIE2 T

ER

min_field_variation number SR 2 — L R D ZBERE D = DE
EDNEVEE ZDT7 4 =V REET
NEED SRR SN K T,

num_bins integer T — XA T TR S N A5G

WOAMEAINE T, AN L TH
H¥2ZE LWV 720y Erofsr
FELET, A 7> avix 2. 4. 5.
10, 20, 25, 50, 7213100 T,

topN integer WMETE2NL—NOBEHELET. 7
7 4V MEIX 50 T, ®&MEIX 1. &K
{E{Z 1000 T3,

regressionnode 7 O/\7T 1 —

“ AR, 7T — R BT 5 RV EHERI TR TH D TRl HE e D
Fs O EDBECZRNRICT 2 EREZEHE S TED 5 28k D FRIZTVET,

H: 5%V V=T, FEER — FIZHE — FICEERZ SN2 TERR>TWET, 5%, H
WIS ET V2T 2 e 2 BBD L XTI,

1l

node = stream.create("regression", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", Tzrue)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_weight", True)
node.setPropertyValue("weight_field", "Dxrug")

# "Model" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Regression Age")
node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping_method", "Probability")
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node.setPropertyValue("probability_entry", 0.77)
node.setPropertyValue("probability removal", 0.88)

node.setPropertyValue("F_value_entry", 7.0)

node.setPropertyValue("F_value_removal", 8.0)

# "Output..." section

node.setPropertyValue("model_fit", True)

node.setPropertyValue("r_squared_change", True)
node.setPropertyValue("selection_criteria", True)

node.setPropertyValue("descriptives", True)

node.setPropertyValue("p_correlations", True)
node.setPropertyValue("collinearity_diagnostics", True)
node.setPropertyValue("confidence_interval", True)
node.setPropertyValue("covariance_matrix", True)
node.setPropertyValue("durbin_watson", True)

< 144. regressionnode 7 /\NT+1 —

regressionnode v 87 ¢ — |{ifi FT 4 —D B
target field AFEFMIE—DONRT 4 — L FE
JCL1OUEDATI 74—V N2 EH
LET, EAZ74—ILRBIEETEZ
T AL PEY 217 R=VD
i€ FAAER S, — RO S a7
4 —J %%Hﬁ LT < fgé L\o
method Enter
Stepwise
Backwards
Forwards
include_constant flag
use_weight flag
weight_field field
mode Simple (Biff)
Expert
complete_records flag
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3 144. regressionnode 7O/NT+ — (fii %)

regressionnode 7187 1 — |{ili TR 4 — DG
tolerance 1.0E-1 FIBUE —ES I A/ EERHL 5,
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method useP useP :F fEIER %
useF useF: F {E% {HH
probability_entzry number
probability_removal number
F_value_entry number
F_value_removal number
selection_criteria flag
confidence_interval flag
covariance_matrix flag
collinearity_diagnostics |flag
regression_coefficients |flag
exclude_fields flag
durbin_watson flag
model_fit flag
r_squared_change flag
p_correlations flag
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3 144. regressionnode 7O/NT+ — (fii %)

regressionnode 7’1 87 4 —

fiti

Fans 4 —oH

descriptives

flag

calculate_variable_impor
tance

flag

sequencenode 7O /N7« —

=T VR ) —=FRT, =TTy, FRERERERNES T-2ND T Y
groTs I—Yay - b—ZBHLET, THRRERIEFCEZ 2MHEMIH 2714 T4 -+
Yy FOVR M2, =T R MBUIET, HlZIX BEPOTFZEDE T 78— >
—7 n—yaryEBALRESE. ZOBKEIROWBARIC z— Y7 7Y —0%
WBAT3A[EEMEDR DD T, ¥—F >R+ J—FIZCARMA 7Y T —Yay « )L—
L 72 XA LIZHEDWT WS 720, MIRNZ 2 B ERETY — 7 Y A0 &

=

nxy,
51

node = stream.create("sequence",

# "Fields" tab

node.setPropertyValue("id_field",

“My node")
IIAgeII)

node.setPropertyValue("contiguous", True)
node.setPropertyValue("use_time_field", True)

node.setPropertyValue("time_field",

"Datel")

node.setPropertyValue("content_fields", ["Dxug", "BP"])

node.setPropertyValue("partition",

## "Model" tab

"Test")

node.setPropertyValue("use_model_name", True)

node.setPropertyValue("model_name",

"Sequence_test")

node.setPropertyValue("use_partitioned_data", False)
node.setPropertyValue("min_supp", 15.0)
node.setPropertyValue("min_conf", 14.0)
node.setPropertyValue("max_size", 7)
node.setPropertyValue("max_predictions", 5)

# "Expert" tab

node.setPropertyValue("mode",

"Expert")

node.setPropertyValue("use_max_duration", True)
node.setPropertyValue("max_duration", 3.0)
node.setPropertyValue("use_pruning", True)
node.setPropertyValue("pruning_value", 4.0)
node.setPropertyValue("set_mem_sequences", True)
node.setPropertyValue("mem_sequences", 5.0)
node.setPropertyValue("use_gaps", True)
node.setPropertyValue("min_item_gap", 20.0)
node.setPropertyValue("max_item_gap", 30.0)
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5% 145. sequencenode 7O /N7« —
sequencenode 7R 87 4 — | fili A =2V RO b L]
id_field field V=T VA ETNEENRT B2, ID
T4 =V RZIEETIHLENPDD £,
EHRATYa TR 74— RE
1O EONE7 4 =V FEHEL X
T, HAZ74 —ILEBIXUEKT 1+ —
NVERIFEHLEEA, FFLLIE 217
R=Y D TR ETNANAER S — FD
FaxT4—1D My Z7ESRLTL
72E W,
time_field field
use_time_field flag
content_fields [field1 ... fieldn]
contiguous flag
min_supp number
min_conf number
max_size number
max_predictions number
mode Simple (E#h)
Expert
use_max_duration flag
max_duration number
use_gaps flag
min_item_gap number
max_item_gap number
use_pruning flag
pruning_value number
set_mem_sequences flag
mem_sequences integer
slrmnode 7O /\NT 1 —
\ SLRM (HC#EINEETN) /— F2EHT2 L ET V2 METE, BH—F13PD8
o OF LT —RE AL TR7— X EEHT 5 EFLOMEET 5 LR, EF0
OHEBH D ZITO> e TEET,
i
node = stream.create("slrm", "My node")

node.setPropertyValue("target", "Offer")
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node.setPropertyValue("target_response", "Response")

node.setPropertyValue("inputs",

["Cust_ID",

"Age", "Ave_Bal"])

3 146. slrmnode 70O/NT 1 —

slrmnode 1 5 4 — {ifi Fa s 4 —o i

target field WRT 4 =NV FEHFERERIET 57
BTHIBENDY T, BT 14—
MRBIETEET, FLAWE MY
v 7 217 R=Y D i€ FNAE
R —FDTa 74 —1 BBRLT
72w,

target_response field 75 7BITHIZRENDHD T,

continue_training_existi |flag

ng_model

target_field_values flag FTRTHEH:Y — 2D TR TOEEEH

L&,

TEEDEBEZERLE T,

target_field_values_spec

[field1 ... fieldN]

tance

ify

include_model_assessment |flag

model_assessment_random_ | number R THHVEDRDHD FT,

seed

model_assessment_sample_ | number R THIOEDRDHD FT,

size

model assessment_iterati | number AEHEL,

ons

display_model_evaluation |flag

max_predictions number

randomization number

scoring_random_seed number

sort Ascending BWRaA7ERIFMBENRaATOEEL 5
BROL T 7 —DERINCERIND D

Descending ZHREL T
model_reliability flag
calculate_variable_impor |flag

statisticsmodelnode 70O/\7 1 —

, Statistics 7L + / — F2EHT 2 . PMML Z/EA$ % IBM SPSS Statistics F#i
@ ERETLTCT— 22 BIOEHTAZENTEET, 2O/ —FiEk,. 94t
252 51 7= IBM SPSS Statistics D 2 P— 3 HETT,
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ZD)—FDOFaRT 4 =IOV TIE, 422 R—T D [statisticsmodelnode a5 4 —J ICEHHK XN T

W,

stpnode Z70O0/\T 1 —

o E), BRI 7 4 — L P, BEONE 74— AL FRFHLES, 0 —a 23,

‘z 22Tl (STP) / — Rid. By —>yay - 7—%, PHIHOAN 74— F (FHll

FNENOHEROETIEZ R T T —RDITRZHDPY £F, 7T—X20HT 2
Y. FOF—REMFHALT, SN CTHHAZINZEIRTT—XANOEEORr—>a >0
NEEEFTHTEET,

5% 147. stpnode 7O/NT 1 —

stpnode 7187 4 — T— 2 a7y 14—

('74—=NF) 27

target field ZHUINGE T 4 =L R TT,

location field ETNDHFRT 4 — K, HiBHZE
74—V FOAFAISNET,

location_label field location TERSNHFN
~NVEAAT B T DI N T
SN AT =74 — LK,

time_field field ETNVDORME T 4 = F, il
DODREZFFD 74—V FDAFFA]
INFET, APL—=Y XA TIX,
BEf. HEF, XA 0 2&> 7, %
BOWITNHLTRIIUIRD £8
Ao

inputs [field1 ... fieldN] A7 4—=LEDY R,

Ry 27

interval_type_timestamp

Years

Quarters

Months

Weeks

Days

Hours

Minutes

Seconds
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5% 147. stpnode 7ONT 1 — (fi X)

stpnode 71 %5 4 — Vabet £ Faxs s —0HH
interval_type_date Years
Quarters
Months
Weeks
Days
interval_type_time Hours STP EtHE AT 2RRIA > 7
v 7 2 DVERIRHIC LB R & 72 %
Minutes 5@%7:0@5;&%%”5&1\/&@_0
Seconds
interval_type_integer Periods T—& vy N EREET R, E

FfEA T 2 A 74—
RDGEDA, BEDOA ML
—)

RczxzHEIZ, 710
time_field ¥ L TEIRI N7
4 —=ILEDA ML =Y XA T2 X
S>TERRZDZET,

period_start integer
start_month January ETFNADA VT v 7 ZERE BGh
T5HTT, HlzIX. March 2%
February ELHE, 7—&% €y hORY]
DL a— KA January TH 5B &
March L7, ETVERIID 2 DD L
I—FZ2RAFXy LT3 APLA
_ VT 2 ZERE B L 7,
April
May
June
July
August
September
October
November
December
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5% 147. stpnode 7ONT 1 — (fi X)
stpnode 71 %5 4 — Vabet £ Faxs s —0HH
week_begins_on Sunday STP 7 — R HAERK L 7= FRefd] A
> Ty 7 ZADBA R
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
days_per_week integer RMEZ 1, RAER 7. EHOER
1T9,
hours_per_day integer 1HDS BT, ZDETFTAN ED B
RFfEEL, Il 20, 10 WCEEL 7%
. E7VE day_begins_at @
REZZBRgE S A, 10 IFRIC D7z o
TA T v 7 ZERZ T
day_begins_at fHIC— T 32X
DEETRAFy T LET,
day_begins_at 00:00 EBTADA VT v 7 ZERE FLG
THRMOMEZREL £
01:00
02:00
03:00
23:00
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5% 147. stpnode 7ONT 1 — (fi X)

stpnode 71 %5 4 — Vabet £ Faxs s —0HH
interval_increment 1 Z DS DEREIZ D F 23T H
JELET, 2, ETADT—
5 RDA T v 7 AR E G %

MNEBEZRELET, 2Fh, Hy
2 30 THEIRD X A 773 seconds
DEE. ETNVET—EDA VT
v 7 Z{EfE 30 B 2 IATVWE
4 TO

10
12
15
20

30

data_matches_interval Boolean INZENICHRET DL, ETLD
MEERHNIC, 7 — X 25EE D
interval_type IXZ# X %
K

BED T — XD TIRIELWER
12725 TWT, interval_type
&2 AU T 5 TR TOHRED
F—=RIZ—H LTV EEEX. 7
— X DL B ET IR
ko, zoFuarF4—%2 Y
BRELTLZEW,

ZDTaRT 4 =% YIIRET S
Y. TRTOEHa Yy ba—h
NI D 9,
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5% 147. stpnode 7ONT 1 — (fi X)

stpnode 71 %5 4 — Vabet £ Faxs s —0HH
agg_range_default Sum ZAud. @A 7 14— RIS
TN T 740~ DEEFIERTE
Mean ELET, 22—V —HEDEIIC
BRI & T EE R 7 4
Mi — L RIE, ZZRIBELRAET
i EEENE T,
Max
Median
1stQuartile
3rdQuartile

custom_agg

[[field, aggregation
method], []..]

T E:
[['x5'

'"FirstQuartile']['x4'’
"Sum']]

WL 7 B <7 4 —

AT VT RTRX—R—:
custom_agg

fl:

set :stpnode.custom_agg =

[
[fieldl function]

[field2 function]

]
Z 2T, functionid. &7 4
—)L R X 2 5E5HBI%cT
N

MHA) 27

include_intercept flag

max_autoregressive_lag integer BRAME 1, RARMEE 5. B EZ

1 T3, ZHUu, PHNAEERLIHE]
DLa—FOBERLET, L
MoT, FIZIE5ICRE LGS
. Do 5oL a— REfEH
LTHLOWTFHIBER SN T,

CZIWHEELE. ELR F—&
LDl a— FERX. =7 UICH
AIANENFET, LB oT, 2—
F—ZEFTLDRa7) v HIC
T — R HERMET 2 HENDHD
i'ﬁ_/bo
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5% 147. stpnode 7ONT 1 — (fi X)

stpnode 71 %5 4 — Vabet £ Faxs s —0HH
estimation_method Parametric 2L BT DT Y VT
%o
Nonparametric
parametric_model Gaussian Parametric ZERIHTHE T LD
J”/E‘?/g 5 )( e & o
Exponential
PoweredExponential
exponential_power number PoweredExponential E7 /1D
NEFEL AL, FMEIE 1, mAHE
X2 T3,
TSE %>
max_missing_values integer ETFILVATHAIENS, RIEEL
Forva—Fomgks—t>r b
fiE
significance number ETNAMFICB 2 IRGREEDOH
BKUE, STP ETFTAHMEEDTNT
DIRGE (2 DDBEERE. SR F
ME. R TREZZT) IS
SEEKEEZIEEL T,
hy 27
model_specifications flag
temporal_summary flag
location_summary flag Bt DERIRDIE TN E X
NENLESIDEIEELET,
model_quality flag
test_mean_structure flag

mean_structure_coefficients |flag

autoregressive_coefficients |flag

test_decay_space flag

parametric_spatial_covarian |flag

ce

correlations_heat_map flag

correlations_map flag

location_clusters flag

similarity_threshold number BEO L 2WlH, ZofEziEz

2y, Who o2k —DHELEED
+aizEnweHiran. 1207 5
AR —IREEEINE T,

max_number_clusters integer EFAHHICEDBZENTE S
7 37\5?—0)J:|§E{IE0
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5% 147. stpnode 7ONT 1 — (fi X)

stpnode 71 %5 4 — Vabet £ Faxs s —0HH

27N A Fary) 27

use_model_name flag

model_name string

uncertainty_factor number &/MEE 0, RAMEIZ 100 T,
FER D FRNCEH X 2 T
R OWZiEE L £9, 2N
. THlo ERe TRTS,

svmnode 70O/\T 1 —

o YR—b RTR— w2V (SVM) /= FEFEATHE, A—N—T4 v FFHIL
R B, F—RE2ODIN—FOVTNPICHET 22 e TEET, SYMIZ, JE

WICERDANI 74 =NV R BT =2ty b RY| L#iRT—&ty b2 IUHT 2
TEMTELT,

il

node = stream.create("svm", "My node")

i# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", Txue)
node.setPropertyValue("kernel", "Polynomial")
node.setPropertyValue("gamma", 1.5)

7 148. svmnode 7O /NT 1 —

svmnode 7R F 4 — fiE a7 4 —DHH
all_probabilities flag
stopping_criteria 1.0E-1 Bt 7ATY) X L% VWD E RS
0 ERELET
1.0E-2

1.0E-3 (default)

1.0E-4
1.0E-5
1.0E-6
regularization number CRIRXR=R—LLTHHILNT
WE T,
precision number R 7 4 —L KD RERN
Continuous DHEICDAHH X
nNEI,
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K 148. svmnode 7ONT+« — (i ¥)

svmnode 71 %5 4 — fifi Fany 4 —DHH
kernel RBF (77 4L 1) RIS D — 2LV BEE D
e
Polynomial
Sigmoid
Linear
rbf_gamma number kernel 73 RBF DIFEIZD AHH
INET,
gamma number kernel %% Polynomial ¥7z1%
Sigmoid DHZE D AMHINE
5,
bias number
degree number kernel %5 Polynomial DFEIC
DAFHINET,
calculate_variable_im |flag
portance
calculate_raw_propens |flag
ities
calculate_adjusted_ flag
propensities
adjusted_propensity_p |Test
artition
Validation

tcmnode 7O/\F 1 —
REERETY v 27tk BRYT—2NOBEELZKREZROMERFITEINE

Ba 3, REMERET Y 7Tl —EHONRRIZHE L. 205 DHRRINTHF
LA 52— HDOANBMEIEELE T, 20K, Tud—IY =%, ENRRINCOVWTH
CHEIFORRINIE TN ZHEL . NRRY e OBEEL KRG 2RO AN 721T 2 HD
IABE T,
% 149. tcmnode 7O/ T« —
tcmnode 7°n)§i‘/f —_— {ﬁ 70"2){?‘4’ ""ODI%RHH
custom_fields Boolean
dimensionlist [dimension1 ... dimensionN]
data_struct Multiple
Single
metric_fields field
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3% 149. temnode 70N T 1 — (i )
tcmnode 785 4 — fifi Taxg 4 —DHH
both_target_and_input [f1... fN]
targets [f1... fN]
candidate_inputs [f1... fN]
forced_inputs [f1... fN]
use_timestamp Timestamp

Period
input_interval None

Unknown

Year

Quarter

Month

Week

Day

Hour

Hour_nonperiod

Minute

Minute_nonperiod

Second

Second_nonperiod
period_field string
period_start_value integer
num_days_per_week integer
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3+ 149. tcmnode 7O/N T« — (Fi %)

tcmnode 085 4 —

fiti

Fans 4 —oH

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday

Saturday

num_hours_per_day

integer

start_hour_of_day

integer

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

list

output_interval

None

Year

Quarter

Month

Week

Day

Hour

Minute

Second

is_same_interval

Same

Notsame

cross_hour

Boolean

aggregate_and_distribute

list
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3+ 149. tcmnode 7O/N T« — (Fi %)

tcmnode 085 4 —

fiti

Fans 4 —oH

aggregate_default

Mean

Sum

Mode

Min

Max

distribute_default

Mean

Sum

group_default

Mean

Sum

Mode

Min

Max

missing_imput

Linear_intexp
Series_mean
K_mean
K_meridian

Linear_trend

None
k_mean_param integer
k_median_param integer
missing_value_threshold |integer
conf_level integer
max_num_predictor integer
max_lag integer
epsilon number
threshold integer
is_re_est Boolean
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3+ 149. tcmnode 7O/N T« — (Fi %)

tcmnode k5 4 — fili s 4 —DHH
num_targets integer
percent_targets integer
fields_display list
series_display list
network_graph_for_target | Boolean
sign_level_for_target number
fit_and_outlier_for_targ |Boolean
et
sum_and_para_for_target |Boolean
impact_diag_for_target Boolean
impact_diag_type_for_tar [Effect
get
Cause
Both
impact_diag_level_for_ta |integer
rget
series_plot_for_target Boolean
res_plot_for_target Boolean
top_input_for_target Boolean
forecast_table_for_targe | Boolean
t
same_as_for_target Boolean
network_graph_for_series |Boolean
sign_level_for_series number
fit_and_outlier_for_seri |Boolean
es
sum_and_para_for_series |Boolean
impact_diagram_for_serie |Boolean
S
impact_diagram_type_for_ |[Effect
series
Cause
Both
impact_diagram_level_for |integer
_series
series_plot_for_series Boolean
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3+ 149. tcmnode 7O/N T« — (Fi %)

tcmnode 785 4 — fifi Taxg 4 —DHH
residual_plot_for_series |Boolean
forecast_table_for_serie |Boolean
s
outlier_root_cause_analy |Boolean
sis
causal_levels integer
outlier_table Interactive
Pivot
Both
TMSp_error Boolean
bic Boolean
r_square Boolean
outliers_over_time Boolean
series_transormation Boolean
use_estimation_period Boolean
estimation_period Times
Observation
observations list
observations_type Latest
Earliest
observations_num integer
observations_exclude integer
extend_records_into_futu | Boolean
re
forecastperiods integer
max_num_distinct_values |integer
display_targets FIXEDNUMBER
PERCENTAGE
goodness_fit_measure ROOTMEAN
BIC
RSQUARE
top_input_for_series Boolean
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& 149. tcmnode 7ONT« — (Fi =)

tcmnode 185 4 — fifi Fany 4 —DiHH
aic Boolean

rmse Boolean

ts 70/NT 1 —

: R, — Rid. RERANT — 20 B8R, 1 AR O H ARR S E Sk
(ARIMA). 3 &k OS2k ARIMA (72 ZERID) E 7L 2 HERI L. 1R S 7 4 —
<V ADTREERL T, ZDRHRY]/ — Fid, SPSS Modeler N—3 = > 18 THE
IEXN7=LETORRS, — F e L TWE T, 2L, ZOHLWERY, — R
'&. IBM SPSS Analytic Server DREXTEH L T v 7 77— X 2 F % X 5 &Er S
NTHBH., FERETFNIZ SPSS Modeler XN—T a > 17 TiEMX N -H O 2 —7—
WRRSINFE T,

&R 150.ts 7O/NT o —

ts k74— fili Ty 4 —D N
targets field R/ — Rk, 7>

a>T12M DA 7
4 =V RETFHIEE LT
FHLERS. 12 ED
MR 4 —L REFHIL
T3, B4 - TFE
XUOEAT 4 — FIXfE
HLEEA, #EL LI
217 R—Y D %17
ETNMER/ —FD S m
T 44— DY I %
ZIRLTL XN,

candidate_inputs [field1 ... fieldN] ETFNLTHEHEN S AT
TR TRIZER T + —
Ko

use_period flag

date_time_field field
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& 150.ts 7ONT+1 — (i %)

ts Fuxs 4 —

fiti

Fans 4 —DHH

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour

Hour_nonperiod

Minute

Minute_nonperiod

Second

Second_nonperiod

period_field field
period_start_value integer
num_days_per_week integer
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day integer
start_hour_of_day integer
timestamp_increments integer
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& 150.ts 7ONT+1 — (i %)

ts T4 — i TaNg 4 —DHH

cyclic_increments integer

cyclic_periods list

output_interval None
Year
Quarter
Month
Week
Day
Hour
Minute

Second

is_same_interval flag

cross_hour flag

aggregate_and_distribute list

aggregate_default Mean
Sum
Mode
Min

Max

distribute_default Mean

Sum

group_default Mean
Sum
Mode
Min

Max
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& 150.ts 7ONT+1 — (i %)

ts Fuxs 4 —

fiti

Fans 4 —DHH

missing_imput

Linear_interp
Series_mean
K_mean
K_median

Linear_trend

k_span_points integer
use_estimation_period flag
estimation_period Observations
Times
date_estimation list date_time_field % f{#
3 258120 AR
BETY
period_estimation list use_period Z{HH T 3%
Gal DA HAIRE TS
observations_type Latest
Earliest
observations_num integer
observations_exclude integer
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level_shift flag
expert_outlier_innovational flag
expert_outlier_level_shift flag
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& 150.ts 7ONT+1 — (i %)

ts T4 — i TaNg 4 —DHH
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local_trend flag
expert_outlier_additive_patch flag
consider_newesmodels flag
exsmooth_model_type Simple FERCHEE R RE L %
3, 774 ME
HoltsLinearTrend Simple TY,
BrownsLinearTrend
DampedTzend
SimpleSeasonal
WintersAdditive

WintersMultiplicativ
e

DampedTrendAdditive

DampedTrendMultiplic
ative

MultiplicativeTrendA
dditive

MultiplicativeSeason
al

MultiplicativeTrendM
ultiplicative

MultiplicativeTzrend
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& 150.ts 7ONT+1 — (i %)

ts T4 — i TaNg 4 —DHH
futureValue_type_method Compute Compute 2T 2 &,
_ EFRO TR
specify L. FEROEDEIHE SR
£9,
TR L. B DY
AN (T 7> o, Bl
L7zRA ¥ F O, &
b L7 fE) 525
EIRT 20, HBE) Zff
M UTFECEZ AT
5ZeMTEEXT, HA
D74 =R Faxsr
4 —ZHEET 5123,
extend_metric_value
s7an74—%fERL
F9, UThlzRL %
E
set :ts.futureValue_t
ype_method="specify"
set :ts.extend_metric
_values=[{'Market_1',
"USER_SPECIFY',
[1,2,31%,
{'Market_2', 'MOST_REC
ENT_VALUE', ''%,
{'Market_3', 'RECENT_P
OINTS_MEAN', ''%]
exsmooth_transformation_type None
SquareRoot
Naturallog
arima.p integer
arima.d integer
arima.q integer
arima.sp integer
arima.sd integer
arima.sq integer
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant flag
tf_arima.p. fieldname integer miZBAE A,
tf_arima.d. fieldname integer mZREA,
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& 150.ts 7ONT+1 — (i %)

ts FuRF 4 — (1 TakT 4 —DHH
tf_arima.q. fieldname integer miZBAEA,
tf_arima.sp. fieldname integer mZREA,
tf_arima.sd. fieldname integer BRI,
tf_arima.sq. fieldname integer miZBAE A,
tf_arima.delay. fieldname integer {REBIEA,
tf_arima.transformation_type. None {5,
fieldname
SquareRoot
Naturallog
arima_detect_outliers flag
arima_outlier_additive flag
arima_outlier level shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
max_lags integer
cal_PI flag
conf_limit_pct real
events field
continue flag
scoring_model_only flag %< (1 TTHALD) ORERY
DETMIMERL T,
forecastperiods integer
extend_records_into_future flag
extend_metric_values field FHID =D DFFHKDEZ
Bitcxs koL %
KD
conf_limits flag
noise_res flag
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& 150.ts 7ONT+1 — (i %)

ts T4 —

fiti

Fans 4 —o

max_models_output

integer

HAHICFRRT B2ET LD
BERELEST, 774
L ME10 TY, WX
N=EFNLDOREDZ D
Ex@EZ 258, 7L
BHCEREINEY
Ao ZNTH, TTNMZ
2a7) 7 &R E
ffHTE% 3,

timeseriesnode 7O/\7r — (BELL)

™ i ZDOILDORERY — F i SPSS Modeler D N—3 3 > 18 THIE X 4L, #H LWRER
Bl —RICEE|ZIONE Lz, ZOFH LW/ — Fik, IBMSPSS Analytic Server @
HEERTERA L, By /7 =X 20T 2 X5 ICHREFEhTVET,

RERA 7 — R, KRV SIECEEE. 1 280 3 ARS8k
(ARIMA), B XUZZE & ARIMA (721 3ZEBEE) =7 A2 #HRI L, R 87 5 —
<V ADTHEERLET, BRI — Fid, BREXS 7 — FIck o THICEITE A

LRENDHD T,
1l

node = stream.create("timeseries",

"My node")
node.setPropertyValue("method", "Exsmooth")
node.setPropertyValue ("exsmooth_model_type",
node.setPropertyValue("exsmooth_transformation_type",

"HoltsLinearTrend")
"None")

K 151. timeseriesnode 7 /NT+ —

timeseriesnode 7’1 )87 4 —

il

Fans 4 —D

targets

field

KER% ) — R, A7
a > T12M EDOAS 7
4 =L RETFHEE LT
FRLERS, 128 ED
TR 74— FZ FHIL
3, B4 - TFE
FUEAT 4 — RIE#
BHALERA, LI
217 R—=T D T—fi%y7z
ETNAUER/ — R m
XT4—1 DY I %
ZIRLTLEEW,

continue

flag
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& 151. timeseriesnode 7O/NT+1 — (i %)

timeseriesnode 7 85 4 — fifi Tax7 4 —DiH
method ExpertModeler
Exsmooth
Arima
Reuse
expert_modeler_method flag
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level_shift flag
expert_outlier_innovational flag
expert_outlier_level_shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local_trend flag
expert_outlier_additive_patch flag
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTzrend
SimpleSeasonal
WintersAdditive
WintersMultiplicativ
e
exsmooth_transformation_type None
SquareRoot
NaturallLog
arima_p integer
arima_d integer
arima_q integer
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& 151. timeseriesnode 7O/NT+1 — (i %)

timeseriesnode 71 %7 4 — fiE Funy 4 —DiN
arima_sp integer
arima_sd integer
arima_sq integer
arima_transformation_type None

SquareRoot

Naturallog
arima_include_constant flag
tf_arima_p. fieldname integer =B,
tf_arima_d. fieldname integer {REBIEA,
tf_arima_q. fieldname integer BRI
tf_arima_sp. fieldname integer =B,
tf_arima_sd. fieldname integer {REBIE,
tf_arima_sq. fieldname integer BRI
tf_arima_delay. fieldname integer =B,
tf_arima_transformation_type. None mZREA,
fieldname

SquareRoot

Naturallog
arima_detect_outlier_mode None

Automatic
arima_outlier_additive flag
arima_outlier_level_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_local_trend flag
arima_outlier_additive_patch flag
conf_limit_pct real
max_lags integer
events field
scoring_model_only flag Z < (1 THALD) ORERY

DETVIZHEHL ET,
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treeas 70O/\NT 1 —

N Tree-AS / — FIZBEFD CHAID / — RIZIITWEH$53, Tree-AS / — Fldb v 77
A —xEmLT o0 ) — R T 2 2 v & NIRRT S ATE D R P

SPSS Modeler X— 3 »~

17 cEMmXNHhea—7—1cRRENET, 2D/

——Hi HA 2 THREE (CHAID) 2 L CTRERDENZ/HETZ LT, T4

Ve —BAERLET, CHAIDZZD XS WHHT 22T, JE20IEY ) —
%E;ﬁzf%i?o U, 3 LD T v F R ORI FEST A I e 2 EKL E
T MRT74 =NV FBEEAN 74— RiE, FUEEPE GEFGER) /-3 73—

72 b %%, Exhaustive CHAID 1% CHAID O{EBIERK T,

ATREPED B 2 3EI TR TR

5Z8T. IO XWHRZRONETH, SHERHMDIREILD £7,

& 152, treeas 7OINT+ —

treeas U N5 4 —

fie

7ars 4 —0g

target

field

Tree-AS / — K TlZ. CHAID EFWIZ

BE—DOWRI 4 — L FB XU 128

FOARTT 74—V B RBEIZD 5,
JEE T 4 — LV FHIBETEET, L

W, 217 R—Y D Tk TNAE
B/ —FDOTaT4—1D v 7%
ZIRLTL &N,

method

chaid

exhaustive_chaid

max_depth

integer

BV —EE 055 20), 7741
MM#EIX 5 T3,

num_bins

integer

T — XA A ST TR SN 55

WOAMEHXNE T, )\ﬁmﬂ,f@
H32Z LWV 72y Brofr
WELET, A 7> avix 2, 4. 5.
10, 20, 25, 50, ¥721¥100 T,

record_threshold

integer

ETFTNLTY Y —%ERT 5L X2, plE
DFEFAD SMBES A XD FERICY Y&
ZBLva—Ff, 774+ MZ
1,000,000 T3, X 10,000 DB
MTITVE T,

split_alpha

number

SE|OFEAKE, ZDfHEIX0.01 05
0.99 ¥ TT9,

mexrge_alpha

number

BOHEBEKE, ZOfElF 0.01 55
0.99 FTTY,

bonferroni_adjustment

flag

Bonferroni X Y v K& ffH L THEE
RAH %GR

effect_size_threshold_co
nt

number

HENREMEH T 2B — Koy
HBIIH T3V OEEEITONEY
ARXALEWVEZRELE T, ZOMEIX
0.01 2°% 0.99 £ TTY,
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K 152. treeas 7O/NT+ — (Fi =)

likelihood_ratio

treeas 7185 4 — i Ty 4 —0 N

effect_size_threshold_ca | number H TV AR EFEHT A8 — K

t DREBIUA T DIEEEITOM
RIAZXLEWHEERELET, 20D
fElX 0.01 2°5 0.99 £ TTY,

split_merged_categories |flag ~—=Y LA Ta) —OESEET,

grouping_sig_level number J— R =T DR EE 13615
J — RO EERES 5 7-DI1ff
HahZxd,

chi_square pearson HA 2 FlREF ORI SN 5 AL

(Pearson % 7213 E L)

minimum_record_use

use_percentage

use_absolute

min_parent_records_pc number 774V MHEX 2 TY, NI 1 &K
131004 27 VXY ME 1T, Bk
EOHEIZFREDE I D KRE I RITH
375D FE A
min_child_records_pc number F74NVMEZXLTYT, NI L &K
1100, £ 27 VUX Y ME1TY,
min_parent_records_abs number 77 )L MHEIX 100 TF, /M1 &
K100, 4 > Z7 VXY MI1 TS, B
FIEDEIZ TAIEDME K D K& R
D A
min_child_records_abs number F 74V MHEIZ50 T, BNT 1. B
Kix 100, £ 27 VX MIL1TT,
epsilon number I 3 e VEBOR/NE L,
max_iterations number IR D 7= 8 D K AE [BI%L
use_costs flag
costs structured a7 —, ERE EEo
i, PHIEN/ME. BXFa X b (FHl
HBIEL L BRWIEE) D3 DODHED Y R
FCTF, UTWHIERLET,
tree.setPropertyValue("costs",
[["drugA", "drugB", 3.0], ["drugX",
"drugY", 4.01])
default_cost_increase none 1 EERN S Ic o LT OAER TS,
linear a2 MIFINST 740 MEZREL £
KR
square
custom

326 IBM SPSS Modeler 18.2.2 Python 227V b —F X —a > -

AR




K 152. treeas 7O/NT+ — (Fi =)

treeas 7087 4 — fifi Fany 4 —DiHH
calculate_conf flag
display_rule_id flag T4 =R B 1o2a7) I HAI

BIMENF TN, ZHUIH L a— RE2E
DYTBHR—3IF)L - ) —FIZID &
Tf:@@ %) O)Tj—o

twostepnode 7O/NT« —

TwoStep / — R T, 2D F AR —(bFENMERHINE T, BUIDAT v I T
F. T2 1EERXET, RUHEOA N T — 22 EEgER—#EDOY T 72X

—WHEMLET, 2HB/HORT v 7 TR, BEZ 7AX—(bFiEE#FHLT, 772
FAR=" XD RERIFAX-IIHESIETVEE T, TwoStep Iid. FHTF— X
W 7 92X =R HIMMNCHET 2 WO RERH D 2T, £/, 74—
R+ 24 T7ORERPAKHET —& - 2y IR IMHETEZ T,

il

node = stream.create("twostep", "My node")
node.setPropertyValue("custom_fields", True)

node.setPropertyValue("inputs", ["Age",

node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_model_name", False)

“Na", "BP"])

node.setPropertyValue("model_name", "TwoStep_Drug")
node.setPropertyValue("use_partitioned_data", True)

node.setPropertyValue("exclude_outliers", True)
node.setPropertyValue("cluster_label", "String")

node.setPropertyValue("label_prefix", "TwoStep_")

node.setPropertyValue("cluster_num_auto", False)
node.setPropertyValue("max_num_clusters", 9)
node.setPropertyValue("min_num_clusters", 3)

node.setPropertyValue("num_clusters", 7)

3R 153. twostepnode 7O /NT 1 —

twostepnode 71 85 4 — fid Fany 4 —0H

inputs [field1 ... fieldN] TwoStep ETMINRT 4 —L KT
CCANIZ74 =V ROV R MEMEHLE
T BAT4 -V INBIOERT 1 —
LRI ENEEA, FHELIE b
Yy 7 217 R=Y D I—iyE71
B — RO Ta 74 —1 2B T
7ZE W,

standardize (1Z#1t) flag

exclude_outliers flag

percentage number

cluster_num_auto flag

min_num_clusters number

max_num_clusters number
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5% 153. twostepnode /N7 1 — (Wi X)
twostepnode 7B 87 1 — fifi FTans 4 —D N
num_clusters number
cluster_label String
#1E
label_prefix string
distance_measure Euclidean
Loglikelihood
clustering_criterion AIC
BIC

twostepAS D 7O/NT 1 —

TwoStep 7 7 A X —iX, WHEIZHSLLICEINE Z eV, T—X £y FAOBEAK
BIN—T (FE 7 F7RZ—) ZHLRICT R 2 R HNE U TREF IR Y
—LTF, ZOFHXTHHAINZ 7LTY LT, 1RO S22 v 7 FikL
R ZUTOBNRERZDD 5 (73 —ZHB I OEGERONE, 75
AR —BOHEER, R7r— V) 74%RE),

3R 154. twostepAS O FO/NT 1 —

twostepAS D 8T 4 — fifi Ta)xs 4 —DiH
inputs [f1... fN] TwoStepAS E 7 LI AN
74— FDYR % AE
HALEID, XR7 14—
RIXFEHLEEA, EA
T4 =V FBIUOERHY
4 =V RSN
Ao
use_predefined_roles Boolean F 7 %L F=True
use_custom_field_assignments Boolean 5 7 # )L b =False
cluster_num_auto Boolean 77 %)Lk =True
min_num_clusters B F 7 h=2
max_num_clusters B 77 %) b =15
num_clusters B F 7% b=5
clustering_criterion AIC
BIC
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5 154. twostepAS D TO/NT+ — (fi )

twostepAS D NF 4 —

fie

Zans 4 —0

automatic_clustering_method

use_clustering_criterion_settin

g
Distance_jump
Minimum

Maximum

feature_importance_method

use_clustering_criterion_settin
g

effect_size
use_random_seed Boolean
random_seed RN
distance_measure Euclidean

Loglikelihood
include_outlier_clusters Boolean 7 7 # )L k=True
num_cases_in_feature_ tree_ leaf i |[#% 77 %)L =10
s_less_than
top_perc_outliers B F7 %)L k=5
initial_dist_change_threshold N F7 %)L =0
leaf node_maximum_branches B F7 %)L =8
non_leaf node_maximum_branches B FI74) =8
max_tree_depth R F 7 %) k=3
adjustment_weight_on_measurement | %4 F7 ) k=6
_level
memory_allocation_mb uE F7 4L =512
delayed_split Boolean F7 %L bk =True
fields_to_standardize [f1... fN]
adaptive_feature_selection Boolean T 7 4L k=True
featureMisPercent B 77 %L h=70
coefRange e 77 % +=0.05
percCasesSingleCategory B F7 %)L =95
numCases B2 F7 4L h=24
include_model_specifications Boolean 77 # )L bk =True
include_record_summary Boolean 77 )Lk =True
include_field_transformations Boolean 77 %)Lk =True
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5 154. twostepAS D TO/NT+ — (fi )

twostepAS D I RF 4 — fifi a7 4 —DiH
excluded_inputs Boolean 77 %L b =True
evaluate_model_quality Boolean 77 %)Lk =True
show_feature_importance bar Boolean F7 L bk =True
chart
show_feature_importance_ Boolean F 7 4Lk =True
word_cloud
show_outlier_clusters Boolean F7 %)Lk =True
interactive_table_and_chart
show_outlier_clusters_pivot_tabl |Boolean 77 # )L bk =True
e
across_cluster_feature_importanc | Boolean T 7 4L k=True
e
across_cluster_profiles_pivot_ta | Boolean F 7 4L bk =True
ble
withinprofiles Boolean 77 L b =True
cluster_distances Boolean 7 7 AV k=True
cluster_label String

Number
label_prefix String
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HIUEETN - FFy b« J—FoTaxirs—

ETN - F Ty b —=FiE Mo/ - FeRtEEO T RT s =2 HELTOET, FHLE 76 %

=Y FED /) —F - Tux74—3 OrEY Z7E2BRLTILEI W,

applyanomalydetectionnode 7O /\T 1 —

BEEMEETAMEN  — P2 AL T, BEEREETL - 77y b2eERT2e0TEET, 20D
EFIN - FF Y bDRZ YT &IE. applyanomalydetectionnode T3, ETFNAAERK . — KEEKDZ 7 )
7" b DFHIE. 218 *R—Y D TFanomalydetectionnode 7187 4 —J ZSHL TL &0,

5% 155. applyanomalydetectionnode 7 /N7« —
applyanomalydetectionnode 71 | {ifi ZTans 1 —D i
NT 4 —
anomaly_score_method FlagAndScore (z2a 7V Y7 Hiz, fElkEh 22k %
K
FlagOnly
ScoreOnly
num_fields integer HT D74 =L RHL
discard_records flag La— RPN OHEEINI DY S Ik
RLUET,
discard_anomalous_records flag RELLI—FZRET L0, FRERET
BN La— NEREET 1O, 774
U ME BETRWY La— RAPFEEINS 2
%y off TF, ZHUTX L. on OHE
F, BEZLVa-FRERSNET, 207
187 4 —I%. discard_records BSE RN
BEWT. BT £5,

applyapriorinode 7Q/\T 1 —

Apriori EFILERL — RZHH LT, Apriori €7V « 77y " 2ERT RN TEET, ZOETFIL -
F7 v hDRZ VT %X, applyapriorinode T3, EFAMER . — FBEEDZ 2 ) 7~ OFEHIZ, 219 <
—>® lapriorinode 71 837 4 —1 2B L TLEX W,

3R 156. applyapriorinode 70O /N7« —

applyapriorinode 7 85 1 — fiE Fany 4 —DiH
max_predictions number (%%%)

ignore_unmatached flag

allow_repeats flag




5 156. applyapriorinode 7E/NT 1 — (%t %)

applyapriorinode 7m 85 1 — fifi ZTaxs 4 —DitH

check_basket NoPrediction
s

Predictions

NoCheck

criterion Confidence
Suppozrt
RuleSupport
Lift

Deployabilit
y

applyassociationrulesnode 7O /\T 1 —

TITIT—=ay b=V ETMMER/ — FREHLT, 7YY —ya v L=l E7)L F7 vy M EREK
THIENTEET, ZOETN F7y hDRZ Y T+ %% applyassociationrulesnode T3, ETNMAE
B — FBEEEZZY) 7 MET 2 HEICOWTIE, 221 R—Y D lassociationrulesnode 7@ 875 4 — 1 %
ZIRLTLEEWN,

5k 157. applyassociationrulesnode 7O /NT 1 —
applyassociationrulesn |5 —&#i T 4 —ohHH
ode 7 X5 4 —
max_predictions integer ZAFTINT 28 ANNTHEATE 51 —1
DRI
criterion Confidence N L DR R I3 5 7= 3 0 R % 4R
LE9,
Rulesupport
Lift
Conditionsupport
Deployability
allow_repeats Boolean U FHZEROL—LEZaT7HNIZED S
MEIDERELET,
check_input NoPredictions
Predictions
NoCheck
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applyautoclassifiernode 7O /N7« —

HEIDEETAER , — FEFEHAL T, BEISEETL - 77y bV 2AERT 2220 TEET, ZOET
Ve FFY DR Z YT L. applyautoclassifiernode T3, EFNAAER , — FD R 27 U 7 MEOEH
&, 224 =Y D [lautoclassifiernode v %7 4 —g ZBRL T ZE W,

5k 158. applyautoclassifiernode 70/N7+ —

applyautoclassifiernode 7 | {ifi TaR7 4 —DH

QN F 4 —

flag_ensemble_method Voting FUHYTIN c RATRRET S
oD T 2 AEEZIEE L ¥

ConfidencelWeightedVoting j—\o ;Qﬁﬁﬁbi\ BRI N R
MW7 787 4 =L RTHDB5HE

RawPropensityWeightedVoti COBBHENET,
ng
HighestConfidence
AverageRawPropensity
flag_voting_tie_selection |Random HihREABIRX N AEES. a8
R DIRRITIEZAEE L £ T,
BT 4 =V RTHBHHEICD
. AEHINET,
RawPropensity
set_ensemble_method Voting TUHYIIN c RATRPIET B

TS 2 /TR ARE L %
ConfidenceWeightedVoting | 5o CORUER, BERENIHR
My M7 4 — VR THDB5E

HighestConfidence COLBHINET
set_voting_tie_selection |Random HihFEABIRX N AEES. a8
AR DR T B2 EEL $9,
HighestConfidence ZDREF. BIRSNINRHH
FHT 4 =L FTHE2HEITDA
BHZNET,

applyautoclusternode 7O/\T 1 —

HENfZ 22297 - 7 WUER/ — RZEHLT, BEIZSRAZX VYT - TN - F7y b2ERT S
ZEMTEET, ZOETIL - F7y ORIV F M, applyautoclusternode TS, ZDETIL - F
7y PO T NRT 4 =3B D FRA, ETAER/ — FEERDRZ Y 7 OFEIIE, 227 R—2 D
Fautoclusternode 7B 87 4 —J ZZIRLTLZX W,

applyautonumericnode 7 /\F 1 —

HEEEETAAER , — REFHL T, BEIEUEET L - 77y bR ERTH D TEET, ZOET
e FF Yy FDRZ YT &I, applyautonumericnode T3, EFAAER , — FDZ 27 VU 7 MMLOEH
X, 229 R—Y D lautonumericnode 7087 4 — 1 #SIRLTLZX W,
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3R 159. applyautonumericnode 7O /NT 1 —

applyautonumericnode 7’10 |fifi ZTans 1 —D i
NT 4 —

calculate_standard_error |flag

applybayesnetnode Z7A/\T 1 —

Bayesian network (XA X) € 7UAERK 2 — FZ i L C. Bayesian network ("4 X) €7/ - 77 v b &
ERTEHZEDTEET, ZOETIL - F7y bORTZ YT ML, applybayesnetnode T3, ETUAE
B/ — RFBEDORZ Y 7 offflix, 231 R—2 D lbayesnetnode 7u %7 4 — 1 2SR L TLZX W,

3R 160. applybayesnetnode 70O /NT+ —

applybayesnetnode 71 37 |fid ZTans 1 —D i
4 —

all_probabilities flag

raw_propensity flag

adjusted_propensity flag

calculate_raw_propensiti |flag
es

calculate_adjusted_prope |flag
nsities

applyc50node 7O/\Tr —

C5.0 ET AR/ — REMHLT, C5.0ETNV - F 7y " EERTZ2I N TEEST, ZOETL - FF
v bDRX 7V T 4IE. applycsh0node T3 ETMAER/ — FEKO R 27V 7+ OFMIE, 233 =D
Fc50node Fm 87 4 — g ZSHLTLIEX W,

% 161. applyc50node 7O/NT 1 —

applyc50node 7B 85 4 — | fii FuT 4 — 0 B
sql_generate udf —iLt v b FEITRED SQL B/ A 7
a YOREWRMFEHLES, 774 b
Never 1@&3: udf Tj—o
NoMissingValues
calculate_conf flag SOL AR E T T o TV BIGEITH

HTEFEF, Zo7m 74 —iid &
HE NIy ) —HOEREIEIE X
NTVET,

calculate_raw_propensiti |flag
es

calculate_adjusted_prope |flag
nsities

334 IBM SPSS Modeler 18.2.2 Python 227 YV X h A —+ X—>a ¥ « HA F



applycarmanode 7O/\T 1 —

CARMA EFNWAER ) — 2 LT, CARMAEFIL - F 5y b 2ERT A e TEEST, ZOEFIL-
F7v bDRZ VT M. applycarmanode TS, ZDETINL « F7y vOfio a7 4 —13HD ¥
Hho ETNANENR — FEED X2 1) 7 b DX, 235 R—I D Fcarmanode 70837 4 —Jg Z&MRL
TLEE W,

applycartnode 7O/NT 1 —

C&R Tree EFNWAERN / — RZ2fH LT, C&RTree €7/ « % v b2 RT3 N TEET, TDE
T F Ty VDAY T MFIE, applycartnode TS, ETAAERK — FBEDO R 27V 7+ OFEIE,
236 R—I D Tlcartnode 7037 4 — g 2SR TL XV,

% 162. applycartnode 7 /\NT+« —

applycartnode v %7 ¢ — |fii FuT 4 —0) B
enable_sql_generation Never N—bt v b FELTIRFD SQL AR A 7>
a YOBREWMHEHL T,
MissingValues
NoMissingValues
calculate_conf flag SOL AR E T T2 o TV BIGEITH
Atxxd, Zo7ax74—12iX. 4
MEN2Y ) —HOMEEHENE F
NTVET,
display_rule_id flag T4 =L EB1o2a7y) vy IHII

BIMENFTH, ZHUIH L a— FzE
DYTrR—3IF -/ —KIZID %R
T=HDHDTT,

calculate_raw_propensiti |flag
es

calculate_adjusted_prope |flag
nsities

applychaidnode 70O0/\7 1 —

CHAID EFNWAERR / — FZ2@HA LT, CHAID €7/ « 5y b 2AER T2 e TEXS, ZOEFIL -
F5 v hDRAZ Y7 %X, applychaidnode T3, EFAMER — FEEKD R 7V 7 b DFEMIE. 239 <
—Y® [lchaidnode 7u 87 4 —1 SR TL X W,

5 163. applychaidnode 7E/NT 1 —

applychaidnode Properties | fifi TaxRs 4 —0D N
enable_sql_generation Never L=t v FEITRED SQL A A 7>
a YOREWMHEHALET,
MissingValues
calculate_conf flag
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5% 163. applychaidnode 7O /NT« — (§i %)
applychaidnode Properties | fifi FaR7 4 —DHH

display_rule_id flag T4 =V EMB1o2a7) vy THHIZ
BMENETH, ZhFFHLra—FzE
DYTBR—3IFL - J—FIZID &R
ThDDHDTT,

calculate_raw_propensiti |flag
es

calculate_adjusted_prope |flag
nsities

applycoxregnode 7 /\T 1 —

Cox ETNMAER/ — FEMHHALT, CoxETN - F 7y P 2ERTE2IENTEEST, TOETNL-FFy
FD R T N, applycoxregnode T3, ETNAER ./ — FEEDZZ ) 7+ OFMIE, 241 R—PD
Fcoxregnode 71 87 4 — 1 2SI L TL ZE W0,

3 164. applycoxregnode 7EO/NT 1 —
applycoxregnode 70 37 4 | fili ZaRT 4 —D
future_time_as Intervals
Ja4—ILR
time_interval number
num_future_times integer
time_field field
past_survival_time field
all_probabilities flag
cumulative_hazard flag

applydecisionlistnode 7O/\7T 1 —

T4¥¥ay c YRL cETAER/ — FE@HLT, 743Yay «c UR L - €7V - 75y bRAEK
TEHRIEDNTEET, ZOETIL - F7y ORIV F M, applydecisionlistnode T3, €T AERK
J—FEEDZZY) 7 hOFEE, 244 XR—Y D [Tdecisionlistnode 70837 4 — 1 #SIRLTL XV,

3R 165. applydecisionlistnode 7 /\NT« —

applydecisionlistnode 7 | Zanxs s —DitH
QN7 4 —
enable_sql_generation flag BRIRELLEZEX, T4>Yay -

2R BFAHSQLAT Y & 2y 7
3 X 9512 IBM SPSS Modeler 73/
TLES,

calculate_raw_propensiti |flag
es
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5 165. applydecisionlistnode 7O /N7« — (ft &)

applydecisionlistnode 7 |[fifi ZTans 1 —D i
QINTF 4 —

calculate_adjusted_prope |flag
nsities

applydiscriminantnode Z7O/\T 1 —

HIBIATE T AAER , — REMFHAL T, HRIoHET L « 77y v EERTE2IeBTEET, ZOET
e FFy hDZAZ Y T &L, applydiscriminantnode T3, EFAAERK — FEED X7 V) 7~ O
lZ. 245 _*—T @ [discriminantnode 70,87 4 —J #ZHEL T EZ X0,

3R 166. applydiscriminantnode 7O /X7« —

applydiscriminantnode 7 |fifi TRRT 4 —D
QINTF 4 —

gﬁlé

i}

calculate_raw_propensiti |flag
es

calculate_adjusted_prope |flag
nsities

applyextension 7OA/\NT 1 —

JLERET L - = FEMFEHL T, RETNL - F5
v NEENRTEZENTEET, ZOETIL FF

@“' v FDAZ VT h&IX applyextension TS, T
IMERK  — R EREZ X7V 7 MET 2 GIKICDONWT
1. 247 R—I D Textensionmodelnode 71 87
4 —J ZBRLTLEI N,

Python for Spark Dl

JHHHE script example for Python for Spark

applyModel = stream.findByType("extension_apply", None)
score_script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.mllib.linalg import DenseVector

from pyspark.mllib.tree import DecisionTreeModel

from pyspark.sql.types import StringType, StructField

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = cxt.getSparkInputSchema()
_schema.fields.append(StructField("Prediction", StringType(), nullable=True))
cxt.setSparkOutputSchema (_schema)

else:
df = cxt.getSparkInputData()

_modelPath = cxt.getModelContentToPath("TreeModel")
metadata = json.loads(cxt.getModelContentToString("model.dm"))

schema = df.dtypes[:]
target = "Drug"
predictors = ["Age","BP","Sex","Cholesterol", "Na", "K"]

lookup = {%
for i in range(0,len(schema)):
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lookup[schema[i][0]] = i

def row2LabeledPoint(dm,lookup,target,predictors,row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictors:
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
pval = row[predictor_index] in dm[predictor_index] and dm[predictor_index].
index(row[predictor_index]) or -1
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval, DenseVector(pvals))

# convert dataframe to an RDD containing LabeledPoint

lps = df.rdd.map(lambda row: row2lLabeledPoint(metadata,lookup,target,predictors,row))
treeModel = DecisionTreeModel.load(cxt.getSparkContext(), _modelPath);

# score the model, produces an RDD containing just double values

predictions = treeModel.predict(lps.map(lambda 1lp: 1lp.features))

def addPrediction(x,dm,lookup,target):
result = []
for _idx in range(0, len(x[0])):
result.append(x[0] [_idx])
result.append(dm[lookup[target]][int(x[21])])
return result

_schema = cxt.getSparkInputSchema()

_schema.fields.append(StructField("Prediction", StringType(), nullable=True))

rdd2 = df.rdd.zip(predictions).map(lambda x:addPrediction(x, metadata, lookup, target))
outDF = cxt.getSparkSQLContext().createDataFrame(xdd2, _schema)

cxt.setSparkOutputData (outDF)

applyModel.setPropertyValue("python_syntax", score_script)

R O

JHHHE script example for R
applyModel.setPropertyValue("r_syntax",
result<-predict(modelerModel, newdata=modelerData)
modelerData<-cbind(modelerData,result)

varl<-c(fieldName="NaPrediction", fieldLabel="",6fieldStorage="real",6 fieldMeasure=
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

un
’

5 167. applyextension F/NT 1 —

applyextension 7087 ¢ — |fifi Fans 4 —o0
r_syntax string ETN c RATYVITHDRAY
VTR vRy 7R,
python_syntax string ETIN 27 7 HO Python
ATV T Ry TR,
use_batch_size flag Ny FIUFHREHATREIC L £ 9,
batch_size integer BN FIEDDBT—R La—
FOREEEL T,
convert_flags StringsAndDoubles 757\’;’1\74 \—JI/ % Z#s 572
LogicalValues HDF T a v,
convert_missing flag RIEMEZ R O NA IS 572
DDA TTa v,
convert_datetime flag HATEA £ 7213 B /RZITER O

2R % R O /R ZE
?6%:@@*70\\/5 \/o
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3% 167. applyextension 7O/NT 1 — (Fi %)

applyextension 70 %7 1 — |[{ifi A= 2 R RO 1L
convert_datetime_class POSTXct HEER 7213 BRI A0
POSIX1t ZRDO>E, CORROEREE
T 2D RIEETR70DA T
a v,

applyfactornode 7OA/\NT 1 —

HFaMrETAER, — F2HL T, RFaHmET N - 77y bV 2ERT 28N TEET, ZOET
N F oy PDRZ )T L FAR, applyfactornode TS, ZDETIL - F Ty OO T RT 4 —EHD
FHA. ETFTALER S — FEEDZZ Y 7 FOFEIL. 250 R—2 D [factornode 71 87 4 — 1 2SR
LTL7EEW,

applyfeatureselectionnode 7O /\T 1 —

FEERETAENR , — P2 AL T, FBEERETL - 77y V2 ERT I8 TEET, 20D
EFIN - FF Y bDRZ YT &IE. applyfeatureselectionnode T3, EFAER ., — FBEEDRZ Y 7
F DFEHIE. 252 *—P D [featureselectionnode 71 875 4 — 1 BB TL X W,

5k 168. applyfeatureselectionnode 7 /NT+ —

applyfeatureselectionnod | f{j Ty 4 —DHH

e TunRF 4 —

selected_ranked_fields ETN T IUF—-NTHEINDS TV
IEDT7 4=V FEREELET,

selected_screened _fields ETIN T I —NTHREIND RXY
V-7 ENT74— NV REEEL
SR

applygeneralizedlinearnode 7O /\7T 1 —

—MACARE (genlin) EF AR — K EMA LT, —MILRELETL - F5°y P RAERT 52D TEF
Fo TDETIN - FF Y bDRAZ Y T+ &IX, applygeneralizedlinearnode T3, EFAAERR ./ — K HIKD
22797 DOFNE, 254 R—T D [Fgenlinnode 70 87 4 — 1 S TLZX W,

5K 169. applygeneralizedlinearnode 70 /\N7+ —

applygeneralizedlinearno |{fi Fany 4 —oH
de 70 R5 4 —

calculate_raw_propensiti |flag
es

calculate_adjusted_prope |flag
nsities

applyglmmnode 7O/\T 1 —

GLMM EFNAAERK / — FZHEH LT, GLMM EF)L « 759 V2 ERTAZ N TEE T, ZOEFIL -

F4y bDAZ VT b &k, applygimmnode TF. EFMAER ) — FEKORZ ) 7 b OFElE, 259 <
—Y® Tglmmnode 7B %7 4 —) ZBHL TV,

FHUAEETN - FFy b+ J—FDFa87 41— 339




5% 170. applyglmmnode 7O /NT« —

applyglmmnode 7 u 37 1 — |{id FTans 4 —D N
confidence onProbability R2a7) T OMEEZEHE T 2 H%E
EHEVTHER, L3R EVT
OnInCIease iﬁ”ﬁﬁ;ﬂ"gt 2%@6:%11\%@”%%8@
7)o
score_category_probabili |flag True KRESINLGE, B 73V =N
ties ROTHIMEREZERLE ST, H73V

— Tl 74—V EBERENET,
F7 4 X False T3,

max_categories integer RE2THT2H 73V —DRAET
EP

score_category_probabilities
2N True OBSICOAMEHINET,

score_propensity flag True ICHESINHE. 77 7ENS
ZELET N LT, RFEMER R 2
7 (Ttrue s OFEROMER) AL 3,
T—=RRXGBEMRIGE. TA L - T —
RRPCHDNWT, RF AR 2 7
SAEMLET, 774/ M False T

T,
enable_sql_generation udf A MY = LFETHD SQLAEMRA T a
VERETAEDIHEHLET, T—
native RAR—212F vy 2Ny 7 LT SPSS®

Modeler Server Scoring Adapter TA 2
TVTFTEN(RATVT TR
R—=IPA YA —VEABDT — XX —
2R L TV 3 5E). SPSS Modeler
WTRa7Vr 7350z ERTEE
j—o

57 4L MHEZ udf T,

applygle 7ONT 1 —

GLE ETNWAER / — FZHL T, GLEETILV F7y hE2ERTEZT, ZOETL FFry hODRZ YT
N 4& applygle T3 ETAMER — FEEE R Z ) 7 MET 2 HEICOVTIE, 264 =YD Igle 71

NT4—J ZBRLTLIIEEN,

% 171. applygle 7ONT+ —

applygle 7u 85 4 — i Tang s —oHM
enable_sql_generation udf ANV = LFETHO SQLAERA T a
VEBRETHLDIHEHLET, T—
native BN—RIZF v 22Ny 7 LT SPSS

Modeler Server Scoring Adapter % fifi ffl
LTCRaAZY 7T 50 Rary s
TRTRPA VA b=V FHDT — &
N—=2IZHHE L TV B3 H5A). SPSS
Modeler N CRa7 V) > 7§ %% 3%
RLET,
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applygmm Q70/\NT 1 —

HOZRE/ —RE2HHLT, FUREBEEETL - F5y b EERTEZST, TOETIL - F 5y FDR
7V 7 MG, applygmm T3, MITORD a7 4 =, N—Y a2y 18211 CHHATE %I,
EFNMER — FAEKERZ ) 7 MEFT 2 HEIZOWTIE, 425 =TI D Tgmm O Fa 854 — 1 S
LT,

5+ 172. applygmm O FOI/NT« —

applygmm @ 7037 4 — 5 — FrRF 4 —0DH

centers

item_count

total

dimension

components

partition

applykmeansnode 7A/\T 1 —

K-means EFNUAER / — RE[FH LT, K-means 5L - 75y " 2EMT RN TEET, ZOET
e F Ty bDARZ YT KX, applykmeansnode T3, ZDETIL - F7y v T v 87 4 —13dH

DEVA. ETAUER/, — FEERDZAZ Y T DML, 271 R—Y D TFkmeansnode 70 87 4 —J %
ZHLTL X0,

applyknnnode 7O /T 1 —

KNN EFUAER — RZEH LT, KNNETIL « F 7y b2ERT R B TEET, ZOETIL - F5

v bDRAZ VY T M4, applyknnnode TS, ETNAER/ — FEKRD R Z VU 7 b OFMlL, 274 =2 D
Fknnnode 7w 87 4 — 1) ZHHEL TL 7ZE W,

% 173. applyknnnode 7 0/\NT 4 —

applyknnnode 785 4 — | {ld FTaxs 4 —D N
all_probabilities flag

save_distances flag

applykohonennode 7O/\7 1 —

Kohonen EFNAER / — FZfH L C. Kohonen 5L «+ F7 v b2 AT A3 TEET, ZOET
e F Ty DR T AL, applykohonennode TS, ZDETIL « F7y v T u87 4 —13H
DEEA, ETAMENR — FEEDZRZ Y 7~ OiElE, 233 R—=I D [c50node 70 %7 1+ —1 S
LT,

applylinearnode 7O/ 71 —

MR NAAER, — REFHAL T, RETL - F 75y b EERTZ N TEET, ZOETIL - F7
v hDRZ VY7 M4, applylinearnode T3, EFAER . — FBEEDZZ Y 7+ OFEMIE. 277 R—
@ llinearnode 7B %7 4 —J ZZIRLTLZE W,
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5 174. applylinearnode 70 /\N7+ —

linear 7 X754 — i Ty 4 —0 N
use_custom_name flag
custom_name string
enable_sql_generation udf A MY —LFEITHD SQLAERA T a
VERETLIDIMHEHLET, T—
native AR—2Z S v > aNy 7 LT SPSS®

Modeler Server Scoring Adapter TR 2
TVYTTEN(RaATV T TRS
R—I3A YA —IVEBDT — RN —
21ZHERE L TV B 5E), SPSS Modeler
NTRa7V Y7350 37 —X
NR—=RIWZ Ty a2y 27 LT SQLTA
A7V T EDRERTEET,

puresql

57 4L MEZ udf T3,

applylinearasnode 7O /N7 —

Linear-AS E 7 L{ERR ./ — K& LT, Linear-AS €57V F7 v b2 AERTEE T, ZOETINL F5 v b
DA77 M4 applylinearasnode T3, ETNAAER/ — FEED R 7V 7'+ DFFEMIE, 278 R—T D
Flinearasnode 7 E 837 4 — g 2L TLE X0,

& 175. applylinearasnode 70 /XT+ —

applylinearasnode 7 37 |{ifi FBT 4 —0D B

/f —

enable_sql_generation udf F 7 4L MElZ udf T3,
native

applylogregnode 7O /\NT 1 —

BT 4w ZARFETAER ) — R2HEHLT. aPR54 v ZEIFETIL - F5Fy bV 2EKRTEZ L
MTEET, ZOETN-F7y bDRZ ) T+ %L, applylogregnode T3, ETNAAER/ — K HIKD 2
70 7 DFME. 280 R—T D llogregnode 7 u 874 —1 BB TL X W,

5% 176. applylogregnode 7O /NT 1 —
applylogregnode 71 37 4 | fifi Funs 41—

—

calculate_raw_propensiti |flag

es
calculate_contf flag
enable_sqgl_generation flag
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applylsvmnode 70O0/\T 1 —

LSVM EFAAEN, — RE2FEHL T, LSYMEFIL « F 5y v 2ERTEZ2Ze B8 TEET, TOETIL - F

7w FDRAZ )T M %X applylsvmnode T, ETFTAAER . — FBEEKRZ X7V 7 MET 3 15EICOWT
1%, 286 —Y D Flsvmnode 70 %5 4 —Jg 2B TL X0,

& 177. applylsvmnode 70/N7 4 —

applylsvmnode 710 %5 4 — fifi FURT 4 —D B

calculate_raw_propensities |flag RBEEAM R a7 25t BT 205 0%
FEELET,

enable_sql_generation udf Scoring Adapter (£ > Z F —LEHTW
L58) BERAEZEA Y ek A TR

native TV TT B0, T—ERXR=XDHNET R

a7V I EhEREELET,

applyneuralnetnode 7O /\7 1 —

2= 2y b2 - ETMER - FRFEHALT, =2—90 - 2y bU—2 - ETNL - FT Y
FEERTDEZIENTEET, TOETIL - FF5y bDRZ Y T+ %iE. applyneuralnetnode T3, EF
MERK — REERD R 27 1) 7 b DFEfIE. 287 R— D lheuralnetnode 7187 4 —J B L TL 2 X

Z R
[

TR BREBR SN L A= a v Dma—F 2y b U—2 F 57y bBZDV ) —RATHHATE
F9, ML= 3 YIZOWTIEROIETHIA L £3 (applyneuralnetwork), LAFTDAN—2 a VITBFE
LFHTEXE TS, A7V MN2EHLTHLWOA=—Va v 2RI A3 2BHHLET, [HN—Ta
YOFMESBEICHEH L TED 232, 2HUSHT 23 R— MISHKRDOV YV —RTHEIEINE T,

R 178. applyneuralnetnode 70 /\7T+1 —

applyneuralnetnode 7 % |{ifi Faxs 4 —0HH
TA—
calculate_conf flag SOL AW E NN > TV BIEEICHHT

2ET, 20TaT 4 —IZE. ERER
7=V ) —HOEEHENEEN TV E

R
enable_sql_generation flag
nn_score_method Difference
SoftMax

calculate_raw_propensiti |flag
es

calculate_adjusted_prope |flag
nsities

applyneuralnetworknode 7EO/\T 1 —

Za—=Ih Gy bT—=7 c BFUER - REHEALT, 2= %y FV—=7 - FTL - FT v
FEERTAZIENTEET, ZOETIN - F7y bODRZ Y T M %IE. applyneuralnetworknode T3
EFUAER S — REEKDZZ ) 7+ DFMIE. neuralnetworknode 7187 4 — 2B L TL Z X\,
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3R 179. applyneuralnetworknode /N7« —

applyneuralnetworknode 7 |fifi ZTans 1 —D i
QINTF 4 —
use_custom_name flag
custom_name string
confidence onProbability
onIncrease

score_category_probabili |flag

ties
max_categories number
score_propensity flag
enable_sql_generation udf ANV = LFETHDO SQLAERA T a
VERETAEDHEALET, T—
native RR—=RIZ Ty &2y 7 LT SPSS®

Modeler Server Scoring Adapter TR 2
TVTTEN(RATVIT TRS
R—PA VAN —=NEALDT — X R—
ZWZHEHE L TV BE). SPSS Modeler
NTRaA7) 7330, £/ 7 —X
N—=Z22F v a2y Z LT SOLTXR
a7 )T iRhEERTEET,

puresql

57 4 MHELZ udf TS,

applyocsvmnode O 7O/\NT 1 —

One-Class SVM / — FZ{#ifH L C. One-ClassSVM EFIL « F7 v 2 ER T2 e TEXd, ZDE
T« Fry VDR ) T M, applyocsvmnode TS, ZDETI « F7y FOMD T wo8T 4 =1

HHFEVA, ETUER, — REEREZRZ Y 7 MET 2 HEICOVTIE, 431 R—I D Tocsvmnode D 7
0874 — ] ZBRLTLIEE W,

applyquestnode 7O /N7 —

QUEST EFNMAERL, — RZEHA LT, QUESTET L « 5y b E2AERT 2 TEXT, ZOEFIL -
F5 v bDRAZ YT MFIZ. applyquestnode T, ETALER S — FEAKRDZZ U 7+ DX, 292 %
—Y D Fquestnode 7B 87 4 — g 2SR TL XV,

5% 180. applyquestnode 7O /NT+« —

applyquestnode 7185 1 — | fii Fany 4 —oiH
enable_sql_generation Never —ibty N FETRFD SQL ARkt 7
a YOREWHHALET,
MissingValues
NoMissingValues
calculate_contf flag
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5 180. applyquestnode 7O /XT« — (Fi &)
applyquestnode 785 1 — | i ZTans 1 —D i

display_rule_id flag T4 =V EMB1o2a7) vy THHIZ
BMENETH, ZhFFHLra—FzE
DYTBZX—3IF)L - /—FIZID &R
ThDDHDTT,

calculate_raw_propensiti |flag
es

calculate_adjusted_prope |flag
nsities

applyr 70/\NT 1 —

RIEFL — FAMHLT. REFL - F5y F2ART AN TEET, COEFL - F5Y FDRZY
7%, applyr T EFALER — FAKDZZ U 7 F OFEHIE. 232 R—2 0 Tbuildr 7087 4
—J ZZRLTLEEN,

5 181. applyr 70T 1 —

applyr 7’85 4 — it s 4 —D
score_syntax string EFN - RAT7YVITHDRAY
VT b oV Ry TR,
— 2 _ N P .
convert_flags StringsAndDoubles 72 7?.%? 1 VR 2 T 57
LogicalValues HDF T a v,
convert_datetime flag HATER % 7213 B /RZITE R O

Z#% R O HAT/ReZIE AU 2
TERDDOE T ay,

HAERX F 13BN /RAE XD

convert_datetime_class

t = S NI
oI BHO5 B, LOWROERES
BT 2DRIEET 272DDL T
a
convert_missing flag RIE(E% R O NA EICEH T 5 7
HOA T av,
use_batch_size flag Ny FUEEZFHAREIC L E T
batch_size integer BNy FITEGHET—R La—
FORERREL T

applyrandomtrees 7O /\T 1 —

Random Trees E FAAER, / — R % LT, Random Trees EF)N F% v M2 AR TEEF, ZOEFIL
F7y hDRZ VT %X applyrandomtrees TS, ETNWAERK , — K E&Z X7V 7 MET 2 /57kICD
WX, 294 XR—I D Trandomtrees 7R 837 4 — ) 2B TLFF X0,
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5 182. applyrandomtrees 7O /N T« —

applyrandomtrees 7m 35 |{id ZTans 1 —D i

4 —

calculate_conf flag ZDTaRT 4 =IF ERE LYY
—HOMEEFENIGERTVET,

enable_sql_generation udf A MY = LFETHD SQLAERA 7> a

VERETLHIOIMHHLES, T—
BR—=2VWZ Ty > 2Ny 7 LT SPSS
Modeler Server Scoring Adapter % fifi ffl
LTRay7yVyr7ssrRarzy)vrs
TRTRPA VA=V FEADT — XK
N— 2 LTV BHA). SPSS
Modeler NCR a7 > 73 3 0%k %

native

applyregressionnode 7E/\F 1 —

MR TAAER ) — REFHLC, BEETL - F Xy "V EERTE2I D TEEST, ZOETIL - F57
v bDR 7V T M 4IE. applyregressionnode TS, ZDETINL +F 7y hOdTa 74 —3HH
Ao ETFNMER — FEEDZZ Y 7+ DFEMIZ. 296 R—T D [regressionnode 7187 1+ —j 2 HH
LTL7EEW,

applyselflearningnode 70/\7 1 —

HOFEILEET N (SLRM) ETAAERR / — R2H LT, SLRMETL - 77y b E2AERT 5 Z e BT
F5, TOETIL - F Xy FDRZ Y T MFIX. applyselflearningnode TF, EFAAER — F HIED 2
270 7+ DOFME. 300 R—TD Fslrmnode 7087 4 — g 2L TL XV,

R 183. applyselflearningnode 70 /\X7+1 —

applyselflearningnode 7u % | {ifi FTany 4 —0EH

TA—

max_predictions number

randomization number

scoring_random_seed number

sort ascending FWRAa7 EFFENRaTOrE L%
Fod 7 7 —DERHNCERE NS 0t

descending ELET,

model_reliability flag MBE] R T TETLOEEEEERL

K

applysequencenode 7A/\T 1 —

= VR EBTFMMER ) — FEHEHLT, =45 YR - EFNL - FFY b 2ERTEI N TEET,
CDETIN - FF7y bDAZY T M &IE. applysequencenode TS, ZDETIL « F4 v FDOfhd F a8
T4 —EHYEVA, ETALER — FEEDZZ Y 7+ O, 299 R—I D l'sequencenode 7 1 %
T4 —J] ZBBRL TN,

346 IBM SPSS Modeler 18.2.2 Python 227V X h A —F+ X—>a ¥ « HA ¥



applysvmnode 70O0/\7T 1 —

SVM ET7NWAERN . — RZHH LT, SYIMETIL - 77y bEAERTEIENTEET, TOETIL - F7
v hDRZ VT M, applysvmnode TS, ETUAERK ./ — RBEED R 7 1) 7 b OFEHIE, 308 R—ID
Fsvmnode 7w 87 4 —J ZBRRLTLZE W0,

5% 184. applysvmnode 7O /NT « —

applysvmnode 70 %5 4 — fifi FURT 4 —D

all_probabilities flag

calculate_raw_propensities |flag

calculate_adjusted_propensi |flag
ties

applystpnode 7O /N7 —

STPETAAER / — REMHALC, B#ET2ETL 77y "V EERTE2IeRTEES, ZOETIL F5
vy MZEkbh, B 2 =7 RXETNVHADBRREINE T, ZOETN F7y bODRZ Y T AT
applystpnode T3, ETNAERK , — FEKZ X2 ) 7 MET 2 HEICOWTIE, 302 =YD [stpnode
TanRT4—) BBRLTLIIEEWN,

3 185. applystpnode 7E/NT 1 —

applystpnode 7 X5 4 — | 7 — %% TN 4 —DHH
uncertainty_factor Boolean B/MEE 0. BAf#lE 100 TF,

applytcmnode 70/\7« —

RFEARRE T Y > 7 (TCM) ETAERR . — RREHLT. TCMETL 77y bR AERTEE ST, ZDE
T F7y FDRIZ VT MR, applytemnode T3, ETAMER/ — FEKE R 7 ) 7 MET 251K
WTIE, 309 R—I D Ttcmnode 7 u 87 4 — 1 2B L TLFE W,

5% 186. applytcmnode 7O /NT+ —

applytcmnode a5 4 — e Fany 4 —DEHN
ext_future boolean

ext_future_num integer

noise_res boolean

conf_limits boolean

target_fields list

target_series list

applyts 7O/\NT 1 —

RERFIETAAERR ) — RZ2EHAL T, BRIIET L 5y h2ER T2 TEET, ZOETFL 75
v bDR IV T BX, applyts TS, ETNUER — KBERE R ) 7 MET 2 5EICOVWTIE, 315
—2D Tts Fu k74— ZHBRLTLEXW,
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5% 187. applyts 7OINT 1 —

applyts 7u 85 4 — fifi Faxs s —0HH

extend_records_into_future Boolean

ext_future_num integer

compute_future_values_input |Boolean

forecastperiods integer
noise_res boolean
conf_limits boolean
target_fields list
target_series list
includeTazrgets field

applytimeseriesnode 7O /\T 1 — (BELL)

BERHNETNUAERR ) — R2H LT, BRIIETFL « F5y F2ERTEXET, ZOEFL - F5 Y D
227V 7 v 4%, applytimeseriesnode TS, ETAAENK ./ — KBEED R 7 1) 7 b OFEHIE, 322 R—I D
Ftimeseriesnode w87 1 — (BEIb)) 2SR LT 7230,

% 188. applytimeseriesnode 7O /N7« —

applytimeseriesnode v %7 |{ili FRF 4 —D G
4 —

calculate_conf flag

calculate_residuals flag

applytreeas 7O/\NT 1 —

Tree-AS E7LAERR / — REHH L T, Tree-ASET)L 77y 2 4ERTEE T, TOETILF7 Y bOD
A2V 7 M %X applytreenas TS, ETUAERK — KEEKEZ X7V 7 MET 2 HKICOWTIE, 325 R—
DD Ttreeas 7 v %7 4 — ) ZHIRLTLZE W,

5 189. applytreeas FO/NT 1 —

applytreeas 7m 37 1 — fifi Funs 4 —OHH

calculate_conf flag ZoFaRT 4 —1F ERI NV Y
—HOMEEFEIEEThATVE T,

display_rule_id flag T4 =L EMN 1237 Y HAIZ

BIMXNFETH, KL a— REE
HDWYTBEZRX—3IF -/ —FIZID &R
Tf:@o)%)o)fj—o
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5% 189. applytreeas 7O/NT 4 — (i %)

applytreeas 7m 37 1 — fifi ZTans 1 —D i
enable_sql_generation udf ANV = LFETHOD SQLAERA T a
VEHRETLEDIHEHLES, T—
native &/\\“—XG:70‘7 “/1/§‘V7LVC SPSS

Modeler Server Scoring Adapter % fifi ffl
LTRazZY 73 an(Rarzyyy
TRTRIPA VA D=V FEADT — &
N—=2HEHE L TV 5358). SPSS
Modeler N CRa 7V v 73 5% 3
RLZET,

applytwostepnode 7O/\T 1 —

TwoStep EFAAERK / — FZ#H L T, TwoStep €5 « F7 v b 2AERT N TEET, ZOET
e F Ty hDARZ YT KX, applytwostepnode TS, ZDETIL -« F7y bOMD T w87 4 —13dH
DERA, ETMER/, — FEEDORZ Y 7 Dk, 327 R—=I D Ttwostepnode 70837 4 — 1 %
ZHILTIEEW,

applytwostepAS D 7O/NT 1 —

TwoStep AS EF/LAERL, — R &2 LT, TwoStepAS EF/L F 5y b 2ERT A2 e TEET, 20
TN FF Y bDRZ YT A applytwostepAS T3, ETFAER  — FEED R 27V 7+ O,
328 R—Y D MtwostepAS D a7 4 — ) 2L TLEX W,

5 190. applytwostepAS @ 7O /NT« —

applytwostepAS ® 7 85 4 |fifi TaxR7 4 —DHH
enable_sql_generation udf ANV = LFETHD SQLAERA T a
VEHRETLEDIHEHLES, T—
native &N"—XG:7O‘7 \.\/1/‘\‘77]./‘( SPSS®

Modeler Server Scoring Adapter TA 2
TV TTEMN(RAT7V T TRTS
R—=DA YA P —=NVFEBDT —RXR—
RIZHEHE LTV B 5E). SPSS Modeler
WTRa7V» 7350z ERTEX
j_o

7 7 # v MEZ udf T,

applyxgboosttreenode W O /\T

XGBoost YV — + /— RZE{#HL T, XGBoost Tree EF/L « % v F BN TEE ST, TOEFIL - F4
v DRV T M4E applyxgboosttreenode TS, LATDORIZH 2 70 %7 17 18.2.1.1 TEMES N F
L7zo ETMAER — FEERZZAZ Y 7 MET 2 75TEICDOWTIE, 439 =YD Ixgboosttreenode @ 7
T8 7 40 ZSRLTLIEXN,
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5k 191. applyxgboosttreenode @ 7O /N T«

applyxgboosttreenode ® 7'
NT 4 —

7 S

Farns 4 —0i

use_model_name

model_name

applyxghoostlinearnode @ 7 /\7«

XGBoost Linear / — F#{#if] L T. XGBoost Linear E5/)N « F% v 2 AR TEET, ZOEFIL « F4

v FDRAZ VT NI, applyxgboostlinearnode T¥,

CDETIL - F Ty FOMDTaRT 4 —1EHD

FH¥A. ETIUENR S/ — FEKRE RV 7 MET 257KV TIE, 438 R—I D xgboostlinearnode d

a7 40 ESBRLUTLIEEN,

hdbscannugget D 7O/\7 1 —

HDBSCAN / — R&{#ff LT, HDBSCAN EF/)L « 75 v b EAERTEE T, TOETIL - FFY FDRAY

) 7 h 44X, hdbscannugget T3,

CDETIN - FFy bOMDTa T4 —3HD FHA, ETALE

B — FEEEZZ Y 7 MET 2 HEICOWTIE, 426 R—2 D Thdbscannode ® Fu 54 —1 #&MR

LTLEE,

kdeapply ® 70O/\NT 1 —

KDE E7WAER/ — FEMFHLT, KDEETL « F 7y VE2ERTEET, ZOETINL - F75 Yy hDRY
) 7 b, kdeapply T3, ETAUER/ — FEWEREZEZXZ VU 7 MET 2 HIEICOVTIE, 427 R=TD

Fkdemodel D 7 u %7 4 — 1 ZSBLTL X0,

£+ 192. kdeapply ® 7O/NT+ —

kdeapply ® 7B 87 4 —

7 SR

FanRs 4 —o

outLogDensity

N—T3 1821150156
out_log_density ICHHINZE
SINE L7,

boolean

HI DXL E DE%R & 5 121d True %
HBEL. BRI T 3I1Cid False ZIBEL %
3, 774/ & False T3,
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HBASFE T —RXNR—R « EFTNMER/ — FD T a7 4

IBM SPSS Modeler &, 77— RX—Z « RV EX =056 AFTE 5, Microsoft SQL Server Analysis Services,
Oracle Data Mining, IBM Netezza® Analytics 2 E DT —& « v A =V T B X UPETNVERDY =L & D
BV R—PFLTVWET, IBMSPSSModeler x4 74 7 « T—XXR=Z « 7LV AL ZMFHLT, 77
Vr—a AP LDETADEEBIUORa7 Y Y IPIRTARETT, T—XN—Z - EFLIE, 2
D7y ayTHATZFaT 4 —2EHLTAZ Y 7 N TERB X ONET 2 Z 2 HAJEET T,

FlzIE. RDOAZ U F D5 [HE. IBMSPSS Modeler 227U 7k « 4 & —7 = — X% {#f L}z Microsoft
Favay - VY— - FFIULOERERLET,

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server_name", 'localhost')
msbuilder.setPropertyValue("analysis_database_name", 'TESTDB')
msbuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
msbuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique_field", 'IDX')
msbuilder.setPropertyValue("custom_fields", True)
msbuilder.setPropertyValue("model_name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.linkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql_generate", True)

tablenode.run([])

Microsoft €7 JLIERL/ —FDJOINT 1 —
Microsoft ETIJLIERK/ — RO Z7ANT 1 —

@B 7ONT1—
RO Fa7 4 —i. Microsoft 7 —&ZR—2Z « EFNARRL/ — RIcH5@ T,

3+ 193. $E®D Microsoft / — K « 7ONXT 1 —

1£5@ D Microsoft / — K« Fa x| fifi FaRT 4 —D FiH

TA—

analysis_database_name string Analysis Services 7 — & X — X D 44l

analysis_server_name string Analysis Services 78 & b D% Hl,

use_transactional_data flag AT =BT —=TNEREE s Z 0¥ T ar
BhrzfaE L £7,

inputs list T=INBRDASI 74— ¥,




3+ 193. HED Microsoft / — R « 7ONT+ — (fi &)

5@ D Microsoft 7 — F « 7% | {ill Faxs s —0HH

T4

target field FH 7 4+ —L F (MS Clustering % 7213 Sequence
Clustering / — FIZIZ&ZH L72W),

unique_field field F—T4—0F,

msas_parameters structured THATY XL+ XTRXR—=2—, FHLIE 353 %—
DD I7NTYVRL G RX—=—F—)] DY I %
ZIL T I,

with_drillthrough flag TRUNAN—=BD | TP ar,

MSF1>oay -vl)—

mstreenode XA 7D/ — FiZlE, FED IO T 4 —DWNERINTVWEVA, ZDE7>a ORI
» 33 Microsoft 7’ 87 4 — R B LTL X0V,

MS OSBRIV

msclusternode 24 70D/ — FiZid,. FED T RT 4 =R ERINTVEHA, D7 arDF
HEIZ B 2 58 Microsoft 7085 1 — R B LTLF X0,

MS 7Y I—>ay - Jl—I

RDT a5 4 —l%. msassochode A4 7D/ — FTCHEHTXE9,

£ 194. msassocnode 7O/\NT+1 —

msassocnode S VT 4 — fiFi Fany s —oH

id_field field T—RDEN IO avERELETD,
trans_inputs list FoUH I aryT—RDANIT7 4=V,
transactional_target field FHF—X (b T7Tay - FT—&K),

MS Naive Bayes

msbayesnode X4 7D/ — NIZIZ FFED 7T 4 —DEREINTVERA, ZOE7 > 2 YDFEHEI
» % 1Ll Microsoft 787 4 — &SI L TLZ W,

MS Linear Regression

msregressionnode XA 7dD ./ — RIZIX FFED TR RT 4 —DERINTVELA, ZDEITa D
B UEIC D B Hid Microsoft 7u 74 —Z S TL X0,

MS Neural Network

msneuralnetworknode %4 7D/ — FiZik, FFED T T 4 —RERINTVERA, TOEI T3
> D EHEIZH % I Microsoft 7187 4 — %2 B L TL X0,

MS Logistic Regression

mslogisticnode X4 7D/ — R, HED T BT 4 —DERINTVERA, ZOEI7>avDE
§EIZ & % 38 Microsoft Fu 87 4 — 2 BB L TL W,
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MS Time Series

mstimeseriesnode XA 7D/ — RIZIX FFED 70T 4 — DR ERINTVERHA, DI arD
BUHICH % I Microsoft 7 u 874 — 2 S LTL X0,

MS Sequence Clustering

KD 7T 4 —%, mssequenceclusternode XA 7D/ — FTHHATE X,

3k 195. mssequenceclusternode properties

mssequenceclusternode 71 % | fii Zaxs 1 —DitH

T4 —

id_field field T—RDEN I I a v ERELETD,
input_fields list NV I aryT—RDANI T 4=V K,
sequence_field field = X 1D,

target_field field FHT 4 =L F (F—IABRT - 2),

PILIVZXL « NGA—2—
% Microsoft 77— X RX—2Z + £F)L « XA 721X, msas_parameters 7o %7 4 — % {#HHL CHRETE
B, RDEIBFRFEDNRGRX =R —=PBH D ET,

stream = modeler.script.stream()

msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas_parameters",
[["MAXIMUM_INPUT_ATTRIBUTES", 255],
["MAXIMUM_OUTPUT_ATTRIBUTES", 255]])

INHDRT A=K —FSOLServer HHEUFEINET, &/ — FICHET 287 X —&—%2 FH 2121
L F X INRZT—ER=ZAAN /= FEHBELET,

2. 7 —=AR=2ZAAS] /) —RZHEET,

3.NF=R V=R FryFXYY - YR IDOAEMNRY —REERLET,

4. TF—=TN%) VAo EMNET TN ERL %7,

510K #27 Vv 27 LT, 7T—XXR=ZAAN/—FZHLCET,

6. 77 4 —% —BEFIRL 2\ Microsoft 7 — X R—2 « EFIUAER ./ — RZBIML X3,

7. 7—RR=R « ETNWAEN/ — FZ2HZ %7,

8. TZFANR—b ) XT7THHERLET,

ZDJ— FOFHTE % msas_parameters 7875 4 —HFERINF T,

Microsoft €5 JL « 74w b 7AONT 1 —

Microsoft 77— X RX—XZ + EFIUAENK/ — REFHEH L TERINEETIL - F7y vDTa 74 —% X
WRLET,

FHIASE T —AR—R « EFTNWEHRK// — KD T a7 4+ — 353



MS Foe>Par « Y-

RI196.MS T >Tay V- FONT1 —

applymstreenode 71 37 4 — | fifi ]
analysis_database_name string D/ —FliE, A MY —LDOHPTEERaT IR
£,

D787 4 —iX Analysis Services 7 — & X
— 2 DFANERH LU E T,

analysis_server_name string Analysis #— N— « K2 kDR
datasource string SQL Server ® ODBC 7— % - ¥ —Z %, (DSN) ®
i
sql_generate flag SQLAERZE ML E3,
udf

MS Linear Regression

5 197. MS Linear Regression ® 7O /NT+« —

applymsregressionnode 7’1 | fifi Wi

NT 4 —

analysis_database_name string D/ —RiF, AN —2L2DFTEERaTXN
3,

Z D7 a7 4 —I% Analysis Services 7 — & X
— 2 DHANAEH LU E T,

analysis_server_name string Analysis #— 83— + KR F DHH]

MS Neural Network

& 198. MS Neural Network @ /N T+ —

applymsneuralnetworknode |{ffi e

Fansy 4 —

analysis_database_name string D/ —FRiE, APV —LORTEHERaTIH
£9,

Z D7 uo8T 4 —I% Analysis Services 7 — XX
— 24 DAL L E T,

analysis_server_name string Analysis %—>3— « K2 + DEH(
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MS Logistic Regression

5 199. MS Logistic Regression D 7 /NT 1 —

applymslogisticnode v % |{ifi e

T4 —

analysis_database_name string D/ —FliE, A MY —LDOHPTEERaT X
£,

D787 4 —i% Analysis Services 7 — & X
— 2 DFANERH LU E T,

analysis_server_name string Analysis #— N— « K2 kDR

MS Time Series

K 200. MS Time Series ® 7O/NT+ —

applymstimeseriesnode 7’1 |fifi Wi

NT 4 —

analysis_database_name string ZD/)—RiF, A M) —2rDFTEERaTXN
3,

D7 a7 4 —I% Analysis Services 7 — & X
— 2 DFHANAFEH L E3,

analysis_server_name string Analysis #— 8— - 5K 2 b D
start_from new_predictio [FROTHIZIT S 0@ED TR EITO D EFEEL
n £7,
historical_
prediction
new_step number Tk FHI DB Z ER L E T,
historical_step number WEDTFH DR Z ERLE T,
end_step number FTHIOM TR Z EFR L E T,

MS Sequence Clustering

3R 201. MS Sequence Clustering D 7O /NT 1 —

applymssequenceclustexrnod | {ifi 5iBH
e 7 N7 4 —

analysis_database_name string D/ — KR, APV —LOFTEERAaTEIN
F3,

Z D7 a7 4 —1% Analysis Services 7 — XX
— 2L DFBRNAEHL £,

analysis_server_name string Analysis #— N— « K2 ~ DR

Oracle EFILIERK ./ —FO7ONT1 —

FISE T —XRN—R - ETNWMEKRK/, — DT a7 41— 355



Oracle EFILER/ —FO7ANT1—
KT 7 14—k, & Oracle 7—ZR—R « EFAMER . — FIcHETT,

& 202. Oracle / — ROHEO/NT+1 —

—fi 7%z Oracle 7 — RO Fu $7 |{id FORT 4 —D

,f —

target field

inputs field DV A &

partition field ETAMEDYH, 7R, BIUBGEOKER T
—YVHIZ, TR TRy b (T
M) ZHENIT B 74— K,

datasource

username

password

epassword

use_model_name flag

model_name string =Y —HEET SHHRET N4

use_partitioned_data flag X374 =V ERERBINIZLEAR, 2O T =
VNEFET - BRRE DD T —RDABET IV
MERIHEHINS X511 ET,

unique_field field

auto_data_prep flag Oracle 7— & @ HEWE(RHISARE 2 A #L £ 7213
L ET (11g 7T — X R—ZDAH),

costs structured a7 a7 — ERENA:
[[drugA drugB 1.5] [drugA drugC
2.111. 1 ND5IEIEEREOFHIZ X +TF,

mode Simple (Efl) |Simple KREXINTWVWARHE, HicD ./ — K -

FOaRT 4 —IZHERERTWB K512, FEDS
27 4 — AN T,

Expert
use_prediction_probability |flag
prediction_pzrobability string
use_prediction_set flag

Oracle Naive Bayes

RO Fm7 4 —iX. oranbnode 24 7D/ — FCHEHTEE T,

£ 203. oranbnode /N T+ —

oranbnode 71 87 4 — fifi Faxsy 4 —0HH
singleton_threshold number 0.0-1.0.*
pairwise_threshold number 0.0-1.0.*
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& 203. oranbnode 7O/NT+1 — (i %)

oranbnode 71 %7 4 — i FaxRs 4 —0HH
priors Data
Equal
Custom
custom_priors structured Mgt 7a 74—, [HEHEA:

set :oranbnode.custom_priors =
[[drugA 1][drugB 2] [drugC 3] [drugX
4] [drugyY 5]]

*mode A3 Simple ICRHESINTWVWARHE, Tu 874 =3 EHIIE T,

Oracle Adaptive Bayes

RoDFnm,7 4 —iX. oraabnnode 24 7O/ — FCHEHTEEI,

3R 204. oraabnnode 7O/XT 1 —

oraabnnode 71 85 4 — fii A= 2V RO
model_type SingleFeature

MultiFeature

NaiveBayes
use_execution_time_limit flag *
execution_time_limit integer X 1 L ETRINERD XA, *
max_naive_bayes_predictors |[integer fEF 1 L ETRhRIFNIERD EHA, *
max_predictors integer X LA ETRIFUIRD THAL *
priors Data

Equal

Custom
custom_priors structured MEl a7 — [HHEA:

set :oraabnnode.custom_priors =
[[drugA 1][drugB 2] [drugC 3] [drugX
4] [drugy 5]]

*mode 23 Simple KHE XN TWVWABIGES, a7 4 — X EHINE T,

Oracle Support Vector Machines

RDFa,7 4 —i%. orasvmnode XA 7D/ — FTCHEHTEE T,
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3R 205. orasvmnode Z7O/NT+ —
orasvmnode 71 85 4 — fifi a7 4 —DH
active_learning Enable
Disable
kernel_function Linear
Gaussian
System
normalization_method zscore
minmax
none
kernel_cache_size integer Gaussian 7 — 3 VEH, fEHIZ 1
PETRIFNERDERA, *
convergence_tolerance number fEZ 1 ETRIFNEIRD 8
Ao *
use_standard_deviation flag Gaussian 7 —x VEH, *
standard_deviation number fEX 1 ETRITNUERD £
Ao *
use_epsilon flag EIFETNLDATT, *
epsilon number fEZ 1 ETRIINIRD £
Ao *
use_complexity_factor flag *
complexity_factor number *
use_outlier rate flag BNy 7 DATT, *
outlier_ rate number B—NY) 7> FDATT, 0.0-
1.0.*
BH Data
Equal
Custom
custom_weights structured MLk T m o7 40— A
set :orasvmnode.custom_we
ights = [[drugA 1][drugB
2] [drugC 3][drugX 4]
[drugY 5]]

*mode 23 Simple KHE XN TWVWABIGEE, a7 4 — X EHINE T,
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Oracle —fZ{LIRBLETIL
RDT w7 4 —i&, oraglmnode XA 7D/ — FCHHATEZ T,

5k 206. oraglmnode 7O /NT+1 —
oraglmnode 71 37§ — il Fans 4 —oO
normalization_method zscore

minmax

none
missing_value_handling ReplaceWithMean

UseCompleteRecoxds
use_row_weights flag *
row_weights_field field *
save_row_diagnostics flag *
row_diagnostics_table string *
coefficient_confidence number *
use_reference_category flag *
reference_category string *
ridge_regression Auto *

0ff

On
parameter_value number *
vif_for_ridge flag *

*mode 23 Simple KHEINTWAIGE, Tr 74 — X EHINE T,

Oracle Fr>oa>y «w—

RDFa7 4 —%, oradecisiontreenode A4 7D/ — R CHEHTE %3,

& 207. oradecisiontreenode 7O /\NT+ —

oradecisiontreenode 1 % | fifi FOF 4 —0D B
TA—
use_costs flag

impurity_metric

Entropy (Z> hkOE—)

Gini
term_max_depth integer 2-20.*
term_minpct_node number 0.0-10.0.%
term_minpct_split number 0.0-20.0.%

FHIASE T —ER—R - T IWER/ — FD TS a7 4 — 359




R 207. oradecisiontreenode 7O/X T+ — (i ¥)

oradecisiontreenode 71 % |fii TaR7 4 —D

74—

term_minrec_node integer X 1 L ETR U 8
Ao *

term_minrec_split integer EZ 1 ETRITFNERD 8
Ao *

display_rule_ids flag *

*mode 23 Simple KHEINTWVWAIGE, TR 74 — X EHINE T,

Oracle O-Cluster

RDF 74—k, oraoclusternode XA 7D/ — R CHEHTZ X9,

3 208. oraoclusternode 7/NT+ —

oraoclusternode 7’1 %7 1 — |fifi Furs 4 —O
max_num_clusters integer fEX 1 U ETRIFNERD ERA, *
max_buffer integer EX 1Y ETRIFAIRD ERA, *
sensitivity number 0.0-1.0.*

*mode 23 Simple IZHRESINTWAGE, Tu 74 —ZEHINE T,

Oracle KMeans

RO Fa,7 4 —i%. orakmeansnode 24 7D/ — FTHHATE 9,

& 209. orakmeansnode 7O /NT+ —

orakmeansnode 71 35 4 — fifi Fang 4 —DHH
num_clusters integer EIE 1A ETRIFUIRD E8 A, *
normalization_method zscore
minmax
none
distance_function Euclidean
Cosine
k1& integer 0-20.*
conv_tolerance number 0.0-0.5.*
split_criterion Variance 7 7 4V M& Variance T3, *
14X
num_bins integer fEZ 1A ETRIFUIRD ER AL, *
block_growth integer 1-5.%
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& 209. orakmeansnode 7O/XT+1 — (i %)

orakmeansnode 7185 4 — fifi Fay 4 —0itiH

min_pct_attr_support number 0.0-1.0.*

*mode 23 Simple KHESINTWVWAIGE, Tr 74 —IXEHINE T,

Oracle NMF
RDT w7 4 —i&, oranmfnode XA 7D/ — FCHHATEZ T,
5% 210. oranmfnode 7O /NT 1 —
oranmfnode 71 %7t — fiE Fars 41—
normalization_method minmax
none

use_num_features flag *
num_features integer 0-1, 774N MEIZALIVZLIZE>TT—

ADPHHEESINET,
random_seed number *
num_iterations integer 0-500.*
conv_tolerance number 0.0-0.5.*
display_all_features flag *

*mode 23 Simple IZRESINTWAGE., Tu 74 —ZEHINE T,

Oracle Apriori

RDFaT 4 —I%, oraapriorinode XA 7D/ — FTHATE X,

5 211. oraapriorinode 70 /N T« —

oraapriorinode 71 i5 4 —  |ffi Fany 4 —DiN
content_field field

id_field field

max_rule_length integer 2-20.
min_confidence number 0.0-1.0.
min_support number 0.0-1.0.
use_transactional_data flag

Oracle &/Végib & (MDL)

oramdlnode XA 7D/ — KiZiX. FFED TR RT 4 —PERINTVWERA, TDEIZ T aYOFEIKZ
B 2HJE Oracle 7 %7 4 — B L T XV,

Oracle Attribute Importance (AI)
RDF7aRT 4 —l%, oraainode X4 7D/ — FTHHATEE T,
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K 212. oraainode 7O/NT 1 —

oraainode 7B X § — fifi Fur5 4 —D B
custom_fields flag H (true) D5, BED/ —FDX—7 v b,
AT EDMT 4 =V RREZRITET S5 T e HT
%79, 4 (false) DHER, EROTFT— &8
— PO BEORENFHINE T,
selection_mode Importancele
vel
ImportanceVa
lue
TopN
select_important flag selection_mode %’ ImportancelLevel IZi%
ESINTNWD & ZIZ HER T 4 —V P2 iRy
2MEIDERIEELE T,
important_label string B | 7D 7VEHEELE T,
select_marginal flag selection_mode %’ ImportancelLevel (28
ESNTVD LI HRT 14—V F2ERT 2
PESPEIRELET,
marginal_label string R, 207D VEBELET,
important_above number 0.0-1.0.
select_unimportant flag selection_mode % ImportancelLevel IZi%
ESINTND L ZIZ HETRWT 4 — L &
RT20EI0%EELET,
unimportant_label string JFEZE) SV 7DV EIEELET,
unimportant_below number 0.0-1.0.
importance_value number selection_mode %’ ImportanceValue IZ&%
EINTWS e X T2 0EIEZIEEL %
$. 025 100 DIEZFEEL 5,
top_n number selection_mode 73 TopN ICEREXINT WS &

X, T2 0EMEZEELE T, 0225
1000 DfEZFEEL £ 9

Oracle ®EFIJ) - 7y bO7ANT1 —
Oracle /— FZFEHLTERINZETL « FFy boFaT1s—% ., KIRLET,

Oracle Naive Bayes

applyoranbnode X4 7D/ — FiZid. FED BT 4 =D ERINTVEE A,

Oracle Adaptive Bayes

applyoraabnnode %A 7® / — R, FFED T 74 —DRERINTVEE A,

Oracle Support Vector Machines

applyorasvmnode &£ 7® / — FiZiZ, FED T a7 4 —HRERINLTVEEA,
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Oracle Fr>oa>y «wl)—

KD Fa7 4 —%. applyoradecisiontreenode XA 7D/ — FCTHHATE X,

R 213. applyoradecisiontreenode /N7« —

applyoradecisiontreenode 71 %5 |{ili Fany 4 —0EH
/f —

use_costs flag

display_rule_ids flag

Oracle O-Cluster

applyoraoclusternode &4 7@/ — FiZid, FHED T BT 4 —DERINTVER A,

Oracle KMeans

applyorakmeansnode X4 7® ./ — KiZld, FFED T u T 4 =D ERINTVERA,

Oracle NMF
KD 7T 4 —%, applyoranmfnode XA 7® ./ — KR CEATE T,

3 214. applyoranmfnode 7O /NT 1 —

applyoranmfnode 71 37 4 — fifi Fang 4 —DHH

display_all_features flag

Oracle Apriori
ZDETN - F7y MIRAZ VY TP MTHEHATZEE A,

Oracle MDL
CDETI - FFy MIRAZY T MCHEATEZRA,

IBM Netezza Analytics €7 JIULERR/—FD7ONT1 —

Netezza EFILIERK/ —FO7ONT1 —
RDOTaT 4 —I%, % IBMNetezza 7 — XA RX—R + EFIAENK / — RICHE TS,

&R 215 HBD Netezza / — K « FONNT+ —

@D Netezza /— K - o8 |l FarNF 4 —0DitiH
TA—
custom_fields flag H (true) DHEE, BHED/ —FOX—7v b, A

H. FOMT 4 — N R CZIEETAIENTEE
3, 15 (false) DIFEF. EROTFT— &AL ) — K95

BREDRENMEH S NE T,
inputs [field] ... fieldN] | ETVCEH XN 2 ASIE /G THER T + —v
Fo
target field MR T7 4 = F GEFEEE D7) =B,
record_id field —EOLa—FID 2 LTHEHINE 74 =LK,

BISE T —ERN—=R - ETNWMER ./, — FDTa 874 — 363




F: 215 HED Netezza / — K « 7ONT 1 — (#Hi X)
58D Netezza /— K - T |l Iy 4 —DHH
T4 —
use_upstream_connection |flag true (F7 74V 1) 0BG, LD/ — R THRES L
7= DM, move_data_to_connection 238
BINTWAREERMEFRAINEEA,
move_data_connection flag true DGE. 7 —Xid connection ICHEE S iz T
“‘&’\*‘XG\-@%}JL&?O
use_upstream_connection BEEINTW 2
BRI EEA,
connection structured EFUDBRIEE NS Netezza 7 — XX — 2 D i
X, fEEL T moRT 4 —, ERER:
['odbc' '<dsn>' '<username>' '<psw>'
'<catname>' '<conn_attribs>' [true]|
false]]
Z Z T,
dsn> ik 7F—%& - V—RHTT,
<username> & <psw> ¥, 7T —EZN—ZXDIL—H
—H e R — KT,
<catname> IW X v FHTT,
<conn_attribs> XEHGDOEMET S,
true | falseld. SAV— FRREMNE 5 hER
LS,
table_name string ETFUADBRIFEEINE T —EZRX—2 + 7T —7 LD 4,
use_model_name flag true D&, model_name 12 & » THHE X M7= 4
ZETLVOLETE LTHALE T, 25 TRV
By ETNAVZIES AT LI E o THEREINE T,
model_name string I—F—DHEE T HHHRET VA,
include_input_fields flag true DG, IRTDAN 74—V K% FHRICEL

T3, I TRWEE, record_id ¥ EFMIC &
STHERENTZT74 — L FOADBEINE T,

Netezza 71> g> « Y1) —

RDFa7 4 —I%, netezzadectreenode X4 7D/ — FTHHTEE T,
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& 216. netezzadectreenode 7O /NT+« —

netezzadectreenode 1 35
,f —

it

Zans 4 —0i

impurity_measure

Entropy (Z>hkOE—)

Gini

V) —DENER D BV & FF
flig2zDIffHHxNE, FHED
HE,

max_tree_depth

integer

V) —BRERBER AL XL
o 7740 MZE 62 TT (AIHE
72 i RAH)

min_improvement_splits

number

DEIDFRAET 2 A HEOLEDRK
/M, T 740 8% 0.01 T,

min_instances_split

integer

DEIDFEE T BANER S EIX R
TWwWiWnwla— Rom/PML, 77
FL M 2 T (AREZ2 F/IMEH),

B#

structured

7 7 ZADMNNEA, Mgt
a7 4 —, AP

set :netezza_dectree.weig
hts = [[drugA 0.3][drugB
0.6]]

FI7FNVEDEAETRTDY
AT1TT,

pruning_measure

Acc

wAcCc

F7 4L Mi& Acc (F5FE) T3,
wAcc (AT X FERE) (X, BY7E % i
HI 2B S ADEAREEL
3,

prune_tree_options

allTrainingData

partitionTrainingData

useOtherTable

7 7 4V kT,
allTrainingData MM L T
ETNVOREEZHEL £9,
partitionTrainingData % ff
HALT, T 2287 —X0E|
&%, useOtherTable Z{#f L
THELLT—ZR=X « 7—7
NO¥BEF—& -ty MEFHL
R

perc_training_data

number

prune_tree_options A3
partitionTrainingData (2%
ESNTWBIGE, EEICHAT
527 —XDENEGEIHEL T,

prune_seed

integer

prune_tree_options 2%
partitionTrainingData &%
ESINTWEGE, iR %Z R
BUCHHT 27 &L - =K,
T 74NV MI LT,

pruning_table

string

EFILDFEERHE T 2 72DICH
MO EF—&ty hOF—T
%o
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3R 216. netezzadectreenode 7O /NT 1 — (i =)

netezzadectreenode 7 37 | {ifi FaNT 4 —D I

4 —

compute_probabilities flag true DEGE. FHI7 4 —L FDIZ
. TEEE (ER) 74—V 24
ML ET,

Netezza K-Means

RDFaF 4 —I%. netezzakmeansnode XA 7D/ — FTCHHATE E7,

3 217. netezzakmeansnode properties
netezzakmeansnode 7w 85 | fii Fanxsy s —0HH
/f —
distance_measure Euclidean F—& « KA ¥ NEOFEREERIE T % A,
Manhattan
Canberra
maximum
num_clusters integer BT 527 AR, T 74V Z 3,
max_iterations integer ETNDEEZFILT RO 7NV X LD RIE
B, 7741 M5,
rand_seed integer INTRERORIBIERAST 27 VXL - >—=F, 77
4V Mk 12345,

Netezza R X « Xy kT7—%
KD S5 4+ —l%. netezzabayesnode X4 7D/ — FTHHTEE7,

5k 218. netezzabayesnode 7O /NT 1 —
netezzabayesnode 7m 87 | {ifi Fans 4 —DHH
/f —
base_index integer NESBEHORI DA 74 =L FIZHID B THNS
BIEDHA T 774N M 777,
sample_size integer JEMEDEMIFFEICREVHEHEHT 23 LD
¥4 X, 7740 & 10,000,
display_additional_infor |flag true DFH. X v =Y DXL TR - Ry 7RI
mation EBMOEWIRIDOERZFZRLET,
type_of_prediction best S 2Pl 73 R 240 FEE: o (FHBERE D
&b EWVIEE). i CEFEOEANM 2 THl). NNE
neighbors 5 (null LS D3 f5),
nn-neighbors
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Netezza Naive Bayes

RD S5 4+ —l%. netezzanaivebayesnode A4 7D/ — FTHHATE %7,

R 219. netezzanaivebayesnode 7O /N7« —

netezzanaivebayesnode 7 |fii Fans 4 —DHH

QN F 4 —

compute_probabilities flag true DIFE. FTHI7 42— FDIFEH . FEEE FEXR)
T4 =V RZERLET,

use_m_estimation flag true DS HEEHFIC 0 DFES 2 [AhEE S 2 m HEE N
EEFEHLET,

Netezza KNN

KD Fa,F 4 —ik. netezzaknnnode XA 7D/ — FTCHHATE %95,

K 220. netezzaknnnode /N T+ —

netezzaknnnode 7135 1 — | fid FRT 4 —D B
BH structured HAERST 7 AEH Y TrEk T 74—,
fil:
set :netezzaknnnode.weights = [[drugA
0.3][drugB 0.6]]
distance_measure Euclidean F—& « KAV MEOEEEZRIET 3 i,
Manhattan
Canberra
Maximum
num_nearest_neighbors integer FEDTr — 2D a5 . 774V M 3,
standardize_measurements |flag true DG, HEEOEZ TR S 2 BNICEGRIA S 7
4 =)V FOHEZEFELL T,
use_coresets flag true DG, KERZ 7 -2ty M L TR %
Edtssarey b - BTV EMHEHLTY
E3c

Netezza I F ARV VYT

RDFa,F 4 —i. netezzadivclusternode &4 7D — FTHHATE 9,

FHIASE T —EZR—R - T IUER/ — FD T a7 4 — 367




& 221. netezzadivclusternode 7 /N T+ —

netezzadivclusternode 7 |{ifi FuNF 4 —D
QINTF 4 —
distance_measure Euclidean F—& « KAV MEOERERIES 3 ik
Manhattan
Canberra
Maximum
max_iterations integer ETNDEEMEILT BRI, ETTH7ALTVX
LREDERKER, 7741 ME5TT,
max_tree_depth integer F—Rty NeRETEIENTEBLNLDEK
B, 774 M3 TT,
rand_seed integer IMEEHETZDICHEHINE T VXL — 1,
7 7 L Mi& 12345,
min_instances_split integer DEMEER R/ a— ¥, 774 M5,
level integer La—Rz2Rar7) r 73 5BELL, 7740

]\ 0; '10

Netezza PCA

KD S5 4 —lF. netezzapcanode XA 7D/ — FTHHATE X7,

3% 222. netezzapcanode Z7/\NT « —

netezzapcanode 7185 4 — | {ifi Fans 4 —DHH

center_data flag true (7741 b)) OEFE, ZOXF ST ariEF =
v 7 LIS E IMENC T -2t > &) ¥ 7% (%
7203 TEEEEE)) Z2ETLE T,

perform_data_scaling flag true DA, TWRNCT — XD A7 — 1 ¥ 72T\
£9, 25352 T, HOEEDEL S B THI
EIND L E, PP RENTRVWESICLET,

force_eigensolve flag true DG, EWRT O ZEIRE T 2HENKL Lo
TH IO EHERFEZMEHLE S,

pc_number integer T—=Xty NEEDTETERTOH, T 74 b

131,

Netezza [V —

RDT w7 4 —i&, netezzaregtreenode X4 7D/ — KR THHATE L7,

3R 223. netezzaregtreenode /N T« —

netezzaregtreenode 71 %57 |fifi A= 2V R RO L]
4 —
max_tree_depth integer Jb—F « J—RODORFHIY U —DK

ETZ23L\VOEAE, 77+
JL M 10 TF,
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3R 223. netezzaregtreenode 7O /X7« — (%t &)

netezzaregtreenode 71 %57 | fifi A= 2V R RO L]
4 —
split_evaluation_measure |Variance V) =% 08T 2 DITEH R
ZEME S 2 -G, 7
FADAREDRE, 774 b
GEE—DL T2 a v) i
Variance,
min_improvement_splits number V) —PICET LW B ERR X
2 HNTHIE Z2 D S ¥ 2 /MG
min_instances_split integer SEERER /N a2 — FEL
pruning_measure mse BEICEH S % 51k
r2
pearson
spearman
prune_tree_options allTrainingData 77+ )L b T,

partitionTrainingData

useOtherTable

allTrainingData ZfiH L T
ETNLVOREZHEL X7,
partitionTrainingData % ff
HLT, #3287 —20%|
&%, useOtherTable Z{#F L
THRELET—ZR—=Z + 7—7
NDH¥EF—& -ty FEFEHL
£,

perc_training_data

number

prune_tree_options 73
PercTrainingData ICFRE X
TWa5E, FECHEHTS 77—
Z2DOHENEZEELFT,

prune_seed

integer

prune_tree_options &3
PercTrainingData ICRRE XL
TWaGE. PRz HEIcHE
)Eﬁj—% 9 \/ﬁ\-L\ = Fo 5‘_“77]'
JVRME1TT,

pruning_table

string

ETFNDOMEEEHEE ST 27290121
HOBIETF—XtEy hDTFT—TI
%o

compute_probabilities

flag

true DA, EIh Y Tohizr o
ADTEBHINCEEFN BN E
EIOMEEELET,

Netezza f8E!

RDT w7 4 —i%, netezzalineregressionnode XA 7D/ — R TCEHATE X3,

FHASE T —EZR—R « T IUER/ — FD T a7 4 — 369




5% 224. netezzalineregressionnode 7 /N7« —
netezzalineregressionnod | {ifi T 4 —DHH
e TuNRF 4 —
use_svd flag true DG, JTTOY MV v 7 2D b D IR EE D
fREe b )y 7 2% L CGHRE  BUEDOFSE 2 7] F
XEET,
include_intercept flag true (F 74 8) OFE. YV a—aroeko
FEERM EL T,
calculate_model_diagnost |flag true DA, ETFLOBWEREHE L E T,
ics
Netezza B5% 5

RDOFa87 4 —i%. netezzatimeseriesnode 24 7D/ — FTHHATE 9,

& 225. netezzatimeseriesnode 7 /NT+ —

netezzatimeseriesnode 71 |{i Zaxs 1 —DitH

INT 4 —

time_points field ReR5 D BT £ 7213 0l % &
U]\jj 7 4 —JV F o

time_series_ids field BRYID & 74— K, A
TN ORERIINBE SN 255
WAL 7,

model_table field Netezza RFR%IE TV BRIEE 1L
3T —RN=R T —=TND%4Hi,

description_table field RERYSEB L UFHBHE SO AT
_j}l/o) %ﬁﬁo

seasonal_adjustment_table | field FEBCHBAL F 7 SR E R 53

TLAITY XL o TEHEXINT
FHI AR EE R TS 2 17—

UIZ 2N
algorithm_name SpectralAnalysis 721 RRIIET VY ¥ 7 WEHT 2 7L
spectral TV XA

ExponentialSmoothing %7
¥ esmoothing

ARIMA

SeasonalTrendDecompositio
n 7 std
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3R 225, netezzatimeseriesnode 7/N T+ — (Fi %)

netezzatimeseriesnode 71 |{ifi Ty 14—t
NT 4 —
trend_name N et ofER & 4 7,
A N - none
DA A -5
M DA - e
DM M - 55K

DM - &R E=

seasonality_type N FERCEE L ORI X 4 7
A N - none
M A - {0
M - 5%
interpolation_method linear {53 2 k5 1,
cubicspline
exponentialspline
timerange_setting SD 3 2 WP O 3R 8
SP SD - S AT L PE (RRH T — &
D 28 P % ()

SP-earliest_time BXL U
latest_time ZfEH L /-2 —¥
—faE

HIASE T —AR—R « EFTIWEKRK/ — DT a7 4 — 371



3R 225, netezzatimeseriesnode 7/N T+ — (Fi %)

netezzatimeseriesnode 71 |fifi A= 2V R RO L]
NT 4 —
earliest_time integer timerange_setting %% SP @
EA L s L 7 RIK
latest_tlme iﬁ = @Eﬁ&n’f@i’ J: U"f‘{ T’f@o
date
ik, time_points fHIZHES
time REDDHD ET,
timestamp il z1X, time_points 71—
FICHNDBEEN 2583, Zh
HHN T 20ESHD 5,
il
set
NZ_DT1.timerange_setting
- "sp

set NZ_DTl.earliest_time
= '1921-01-01"

set NZ_DT1.latest_time =
'2121-01-01"
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3R 225, netezzatimeseriesnode 7/N T+ — (Fi %)

netezzatimeseriesnode 7'
NT 4 —

it

Zans 4 —0i

arima_setting

SD

SP

ARIMA 713V X LD HE
(algorithm_name %3 ARIMA IZ
BEINTWVWAHHICOAMH X
NEI),

SD - system-determined

SP - user-specified
arima_setting = SP OHA.
KD A — R —Z i U CTZ=Hi
MDfEB X CIFFHIMEDEZ RE
LE7, Bl GEFHEIMD A):

set NZ_DT1.algoxrithm_name
= 'arima'

set NZ_DT1l.arima_setting
= 'SP’

set NZ_DT1.p_symbol
'lesseq'’

set NZ_DT1.p = '4'

set NZ_DT1.d_symbol
'lesseq'’

set NZ_DT1.d = '2'

set NZ_DT1.q_symbol
'lesseq'’

set NZ_DTl1.q = '4'

p_symbol

d_symbol

g_symbol

sp_symbol

sd_symbol

sq_symbol

less

eq

lesseq

ARIMA-p. d, g. sp. sd BL
SqQRTRX—X—DHHET T,

less- X h/hxn
eq-FLW

lesseq - ROMELLT

p

integer

ARIMA - H AHB D IEEHIE D

e

integer

ARIMA - B CHHRH 0 JEZHitEE
fiEi,

BISE 7 — R R—2
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3R 225, netezzatimeseriesnode 7/N T+ — (Fi %)

netezzatimeseriesnode 711 |fifi TaR7 4 —D

NT 4 —

d integer ARIMA - £ 7V N OBEI D IE
Z=H R

sp integer ARIMA - HCHBOFHitEDE &
[VATS

sq integer ARIMA - H CAHRE O B EilEE
fiH,

sd integer ARIMA - E LN OBE T D2
PR,

advanced_setting SD IR E DI ERIRE L £
E

SP

SD - system-determined

SP - period. units_period B
X ¥ forecast_setting Z{#/H
Lf:l"‘_ﬁf—jﬂé‘ﬁo

fil:

set
NZ_DT1.advanced_setting =
1 SP 1

set NZ_DT1l.period = 5

set NZ_DT1.units_period =
Idl

period integer units_period ¥ fHAEDHET
B LEZHEYA 7LD KX,
ARY MVIRFTICIZEA CE 4
Ao
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3R 225, netezzatimeseriesnode 7/N T+ — (Fi %)

netezzatimeseriesnode 711 |fifi TaR7 4 —D
NT 4 —
units_period ms period 2RI X N 3 Hif,
S ms- VR
min s-#
h min- 49>
d h - B
k d-H
9 wk - 3
y
g - quarters
y - years
Bz X, 158 period 12 1.
units_period iZ wk ZIgEL
£79,
forecast_setting forecasthorizon FTHIOER G ERZIBEELE T,
forecasttimes
forecast_horizon integer forecast_setting =
forecasthorizon T 3354,
date THOMEDMEZEEL £5,
time JBid. time_points fEIZHES
REBRDHD £,
timestamp ‘
B z1Z, time_points 74—l
RICHDE&EEN 2581, 2h
bHMNET2HEDNDHD £,
forecast_times integer forecast_setting =
forecasttimes OIGAE. Filll%E
date VERRT 3 7= (T B R HEE
LE5,
time . . . s
FEUE, time_points fHIZHES
timestamp REDBDHD £,

B z1Z, time_points 74—l
RICHDE&EEN 2581, 2h
HHMNE TE2LENDD FT,
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3R 225, netezzatimeseriesnode 7/N T+ — (Fi %)

es

netezzatimeseriesnode 7’ |{ifi Fang 4 —DHH

NT 4 —

include_history flag WBEDMEZEHINCED B0 S5
TR LET,

include_interpolated_valu |flag i XN EE I ED 20

IR LET,
include_history 2% false ®
BERHEHINEE A

Netezza —fig{L#z8Y

RODF a7 4 —iF. netezzaglmnode XA 7D/ — R THHTEXT,

5 226. netezzaglmnode 7O/NT +« —

netezzaglmnode 71 X7 ¢ — |{#i FuT 4 —D B
dist_family bernoulli DHDEAT s T 74 ME
bernoulli T3,
gaussian
poisson
negativebinomial
wald
gamma
dist_params number RS 2087 X — X —{H,
distribution &3
Negativebinomial D&E DA
BHINET,
trials integer distribution %3 Binomial @
BEoABEHINET, X—7 v
MNEN—HORITORET 5 X
FXERARY FDYA target
7 4 =) RIZIEA XY ML
trials 74—/ RIZIERATEIEL
NEENFT,
model_table field Netezza —MLARELE 7L DMRTF
ENBF—RZR—Z « F—T)ILD
E2Y: I
maxit integer TN ZLBEFTTELRIED
RREEL, 774 ME20T
ED
eps number 73 XL EEEETNDM

RBEEIET 2HKHEEDE (B2
R 774 MIX-3.0% D
1E-3 ¥7-1% 0.001 T3,
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3R 226. netezzaglmnode 7O /N7« — (fi &)

netezzaglmnode 71 %7 § —

it

Zans 4 —0

tol

number

AN O & LTIRbNL A H (Rl
£ T 74N ME-7.2F D
1E-7 (£ 7213 0.0000001) Z F A
LIMEDHEPEETRWE AT
FENETF,

link_func

identity
inverse
invnegative
invsquare
sqrt
power
oddspower
log

clog
loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom

cannegbinom

T2V 7%, 77+ b
¥ logit T3,

link_params

number

HFHT2V Y 7B TR =& —
i, 1ink_function %* power
% 7213 oddspower DIHE D A
HXh £,

BISE 7 — R R—2

s EFNAAER ) — RO T a7 4 — 377



3R 226. netezzaglmnode 7O /N7« — (fi &)
netezzaglmnode 7u 85 1 — |fifi Fany 41—l
. . _ N B L
interaction [[[colnames1],[levels1]], 74— K BIOZAAEAZIEE L
%93, colnames . AJ1 74—
[[colnames?2],[levels2]], N
.,[[colnamesN],[levelsN]],] FOURARTY, o, #7414 —
’ ’ ’ L RD level I3H1Z2 0TI,
fi:
[L0°K", "BP", "Sex","K"],
(0,0 ]]
[[ll g ll llNall] [0 0]]]
intercept flag true %G, ETNVICERIEE
EAFET,
Netezza ®FIJ)L - 4y bO7ONT 1 —
RDTaT 4 —1%, Netezza 77— EXR—Z « EF VY F7 F5 v MIHETT,
+ 227. Netezza ETI)L « 4y roEL@EONT —
Netezza €5/l *+ +5 v bD LGB 0 7 | fifi Fans 4 —DHH
/f —
connection string ETNADRIEE NS Netezza 7 — X R— R
DEERESLF,
table_name string ETADBRIFEEND T —EZR=R + T—=T )L
DEA:-IA

DETFTNLF Ty bDTaRT 4 =&, WNETEETIUER — FOGEELFRE LT TS,
ETN - F Ty bDRZY) T MBI TO®ED T,

K 228. Netezza ETIL +

TV RDRT) TR

ETN - FT v b

A2V T4

F4Tay VY —

applynetezzadectreenode

K-Means

applynetezzakmeansnode

NAX + 2w b

applynetezzabayesnode

Naive Bayes applynetezzanaivebayesnode

KNN applynetezzaknnnode

I T Ae VY 8N4 applynetezzadivclusternode

PCA applynetezzapcanode

[y 1) — applynetezzaregtreenode

FRA applynetezzalineregressionnode
R4 applynetezzatimeseriesnode

— R AR applynetezzaglmnode
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Hr6FH ) —FDT a7 4 —

B/ —FoFa 74 —i3, FroEED / —FoFaxs4— L
FuRT 4 —F,. HED /) —F - A2 a v BRIZ20wS Xhid. &
¥, ZOZWE T =N oEZEELT, TNZA MY =24 - 85X
BRI LE T,

DXy aryT, B/ —FTHEATE2R2Y T YHO T T4 — 2 AL ET,

BihoTwgd, 1/ —FoD
BEHHA Ty ML
—R—Y LTRET S L5725

analysisnode 7O /\T 1 —

I/ — T, FRITRLOMRNRINLTERS PUZERL £ 5, B
Q. kTR 1oMkoET - Fry MeowT, FEE KBRS FXE 5
BCHBL R T, F70. 90/ — FTEFHE7 VA L2 HEC = %7,

il

node = stream.create("analysis", "My node")

# "Analysis" tab

node.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve_accuracy", 3)
node.setPropertyValue("inc_user_measure", True)

# "Define User Measure..."
node.setPropertyValue("user_if", "@TARGET = @PREDICTED")
node.setPropertyValue("user_then", "101")
node.setPropertyValue("user_else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by_fields", ["Drug"])

# "Output" tab

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/analysis_out.html")

% 229. analysisnode 7 /\NT 1 —

analysisnode 7@ 35 4 — F— 2 FuT 4 —0 B
output_mode Screen W/ —FhoEEnsth
D, Ik EfEELE T,
File
use_output_name flag I—Y—FEDOH ST X
NEDLESIDPEIEELET,
output_name string use_output_name 7 E (true)
D EIT, HHT2H4HETEZEE
LET,
output_format Text (.txt) MDA 72EELET,
HTML (.html)

Output (.cou)




5% 229. analysisnode 7/NT+ — (Fi %)

analysisnode 7@ 85 4 — T =R FTans 4 —D A

by_fields list

full_filename string TA4RT T =& £LIEHTML
DN EEIRLI2HED, 1
7 7 A LD,

coincidence flag

performance flag

evaluation_binary flag

confidence flag

threshold number

improve_accuracy number

field detection_method Metadata FRIT7 4 =L R ITTDORER T 4
— L RIZED XS I—HT %

Name %Tgibij—o Metadata i

721% Name ZfEE L TL 2 &
(A

inc_user_measure flag

user_if BEIE

user_then BELE

user_else BE 1L

user_compute [Mean Sum Min

Max SDev]
dataauditnode 7O /N7 —
T T —ZME/ — Pk, REME, SVl B X OmEICE T 2 EHRofM. &7 41—
k2R FOBEWHEE. EX NS aRBS5 7R, TR R LHICRET 2 7-00F

il

Bl T d, BREIEELSL T TERREN, Y- LED, 7
PARXDTZ 7T — XU — F2ERT 5B TEET,

filenode = stream.createAt("variablefile", "File", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIN")

node

= stream.createAt("dataaudit", "My node", 196, 100)

stream.link(filenode, node)

node.
node.
node.
node.

node

node

node.
node.

setPropertyValue("custom_fields", Txue)
setPropertyValue("fields", ["Age", "Na", "K"])
setPropertyValue("display_graphs", True)
setPropertyValue("basic_stats", True)

.setPropertyValue("advanced_stats", True)
node.
node.
node.

setPropertyValue("median_stats", False)
setPropertyValue("calculate", ["Count", "Breakdown"])
setPropertyValue("outlier_detection_method", "std")

.setPropertyValue("outlier_detection_std_outlier", 1.0)
setPropertyValue("outlier_detection_std_extreme", 3.0)
setPropertyValue("output_mode", "Screen")
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& 230. dataauditnode 7O/NT+ —

dataauditnode 7 35 4 — T —5Hl TaxR7 4 —0DHH

custom_fields flag

fields [field1 ... fieldN]

F—N—LA1 field

display_graphs flag HITHIR D 75 7 FRR% 4 >
FEA 7T 57D HE
NEI,

basic_stats flag

advanced_stats flag

median_stats flag

calculate Count RIEEDOFHEIHEH L £9, &t
HAEDOWT I, ETWA
EIRL EH A

outlier_detection_method std NEB X CHEOR %
FBELET,

iqr

outlier_detection_std_outlier number outlier_detection_metho
d 23 std DFGE. SANEDER
WHHT 2 BEZEEL £5,

outlier_detection_std_extreme number outlier_detection_metho
d 2 std D5GE. AAUEDER
AT 28EZEE L 5,

outlier_detection_iqr_outlier number outlier_detection_metho
d 23 iqr %G, JMHUEDE R
WS 28U E L £5,

outlier_detection_iqr_extreme number outlier_detection_metho
d 23 iqr OHE. HMUEDER
WHHT 2 BEZEE L 5,

use_output_name flag 2 —H —FEDH S HMHE X
NELEIDERELET,

output_name string use_output_name 23E. (true)
DX, HHT 2HATZIEE
LE5,

output_mode Screen 1/ — R sEmREn s
D, HhkERELET,

File
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& 230. dataauditnode 7O/NT+1 — (§i X)

dataauditnode 71 85 4 — F—A2R Ty 4 —DitH

output_format Formatted (tab) [HJ1D&A4TRIEELE T,
Delimited (.csv)
HTML (.html)

Output (.cou)

paginate_output flag output_format 23 HTML D %;
B, s R=JIizpElxh s
XOWTLET,
lines_per_page number paginate_output ¥ iz
M3 2583, HR=-Ub7
DOITRERREL T,
full_filename string

extensionoutputnode 7O/\7 1 —

RO 7 — FTIE, MADH AR LRARZ VT
k % 721X Python for Spark 227 V) 7 M 2 L C.
F=EBIUOETN - 2a7 ) Y TOFERE ST
%: XFET, I TFRANERETTI 74 v THA
T&%xd, Hhk~x—yv—fEgo Hh 27
WEBMENEST, D50V Hhz7 74 M) &
AV FTEXET,

Python for Spark Dl

JHHHF script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_output", "extension_output")
node.setPropertyValue ("syntax_type", "Python")

python_script = """

import json

import spss.pyspark.runtime

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputDatal()

schema = df.dtypes[:]
print df

node.setPropertyValue ("python_syntax", python_script)

R DO

JHHHE script example for R
node.setPropertyValue ("syntax_type", "R")
node.setPropertyValue("r_syntax", "print(modelerData$Age)")
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& 231. extensionoutputnode 7O /NT+1 —
extensionoutputnode 71 35 4 — Vabet £ FTans 4 —D A
syntax_type R R % 721% Python D ¥H 5D A
VT REITTEEEL F
Python TRABTZ7ANLEFTT),
r_syntax string ETFNc RATVYITHDOR R
IVTR TRy IR,
python_syntax string ETN - ATV ITHD
Python 27V 7' s> v & v
Ao
convert_flags StringsAndDoubles | 2 7 JHRIT 4 — L R BT S
LogicalValues 72D T a,
convert_missing flag RAEME% R D NA fHICZEHLT 2
72DDA T a v,
convert_datetime flag HAE R % 7213 B A/ R R
DOER % R O HAT/RAIE I
BT 270D T ar,
convert_datetime_class POSTXCE HASE R F 723 B /R =
POSIX1t DEBD S B, LDOBRDER
BEWT D REET 270D
FFrar,
output_to N H I (Screen F721%
File File) 248 E L £ 7,
output_type Graph 7574 AINVHNERIZTFR
Text ]‘uujjj@ il 5} 6%“35‘23_%75)1%
ELET,
full_filename string AR ENTHNCHERT 27 7
A V4.
graph_file_type HTHL Hh7 740D 7 7 4 LD
cou (.html ¥ 721% .cou).
text_file_type HTHL TXFZA MDD T 7 4 L DR
TEXT (.html, .txt. F£7zi% .cou)
cou ZHEELET,

kdeexport 7OA/NT 1 —

H— 3 IVEEHEE (KDE)© 1Z, BallTree £7213 KD Tree D 7 LI Y X LR FEHL TS

A TURMEL L. AR LEE, BMRTY =7 Y, Fe ZDEFLOBES
PREALE T, KDE R E DR —Z2DTEN, &d K HH SN, BHREBEHTE
FE T3, SPSS Modeler ® KDE EFAMERB LU KDES I 2L —>a>yD/— K
Z.KDE A4 75V —Da 7 HEiEB IO LKL HHINZ X —22NBELET, &
N5D /) — R Python THEXNTVE T,
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5% 232. kdeexport 70O/NT 1 —

kdeexport 7@ 87 4 — Vbt £ Faxs s —0HH

bandwidth double 774V MI 1T,

kernel string #H 3 % H—*%): gaussian £k
tophat, 77 4/ M& gaussian T9,

algorithm string FHT2Y Y — - 713 X4 kd_tree,
ball_tree. 7zl auto, 7 7%/ hiE
auto T9,

metric string HHEEE T2 ZICHEHT XA MY v

2, kd_tree 743V X A DA,
Euclidean, Chebyshev, Cityblock,
Minkowski, Manhattan, Infinity,
P. L2, ¥ L1 5EIRL £5,
ball tree 713V X ADEEIE.
Euclidian, Braycurtis. Chebyshev,
Canberra, Cityblock. Dice,
Hamming, Infinity. Jaccard. L1,
L2, Minkowski. Matching,
Manhattan. P. Rogersanimoto.
Russellrao. Sokalmichener,
Sokalsneath, ¥7/21% Kulsinski 7» &3
HWLEF, 74/ MI Euclidean T
E

atol float WET DEROMENFFEE, —kic, TR
ErRELTHEFATHED LD FT,
774 MI0O.0TT,

rtol float HET HHEROENTEE, —ic, FE
ErRE T2 FTHENEND T,
F7 %L M& 1E-8 T,

breadthFirst boolean BELD 7 o —F 2 M3 1213, True
WERELET, REBED7 Fu—F 2 H
S 21213, False KERELE T, 774
JL M True T3,

LeafSize integer BEARE 122V ) —DV =7 ¥4 X, 77
AN MZA0TT, ZOMEEEET S L,
NI 4= VR KELRHER 5 2 576
MHHD F75,

pValue double X kY w712 Minkowski ZH L TW3
Hald, HHT2PHEEZIEELES. 77
AV ME1.5 T,

matrixnode 7O /\NF 1 —

r7u2%Ei /= F T, 74—V KEOBRERT T —IAEERLET, — N
D) —=FRiF, 2200 YRNVET7 4 =L FOBFRERTHEICISMEHINE TN
77787 4 — 0V R EIEEER T « — L R OBRERT D TEELT,
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il

node = stream.create("matrix", "My node")

# "Settings" tab
node.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")
node.setPropertyValue("column", "Na")

node.setPropertyValue("cell_contents", "Function")

node.setPropertyValue("function_field", "Age")
node.setPropertyValue("function", "Sum")
# "Appearance" tab

node.setPropertyValue("sort_mode", "Ascending")

node.setPropertyValue("highlight_top", 1)
node.setPropertyValue("highlight_bottom", 5)

node.setPropertyValue("display", ["Counts", "Expected", "Residuals"])

node.setPropertyValue("include_totals", True)
# "Output" tab

node.setPropertyValue("full_filename", "C:/output/matrix_output.html")

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("paginate_output", True)
node.setPropertyValue("lines_per_page", 50)

& 233. matrixnode 7 O/NT 1 —

matrixnode 7B X7 4 — 7 —5H FaxRs 4 —DHH
fields Selected
Flags
Numerics
row field
column field
include_missing_values flag Z—H—I1T &k B KIEME (FEH) &
AT LT & B RIEfE (L)
AT E NS 0
EODEEELET,
cell_contents CrossTabs
E3E3Y
function_field string
function Sum
Mean
Min
Max
SDev
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& 233. matrixnode 7O/NT+1 — ({2 X)

Residuals (3%%)

matrixnode 71 %5 4 — Vabet £ FTans 4 —D A
sort_mode Unsorted

Ascending

Descending
highlight_top number £ HTRWEGEIZH (true)
highlight_bottom number EurTHRVWEEIZE (true) .
display [Counts

Expected

RowPct
ColumnPct
TotalPct]
include_totals flag
use_output_name flag I —HF—FED N HIEH X
NEPESIDEIEELET,
output_name string use_output_name D3 E (true)
D EIT, HHT 2HATZIEE
LE7,
output_mode Screen W7 — R st nstih
D, HhkERELET,
File

output_format

Formatted (.tab)

Delimited (.csv)

HTML (.html)

Output (.cou)

Hhox4 72EELET,
Formatted & Delimited @
WAH, T—TNVHNTITL Y%
A Z B &8+
transposed 25 Z & T
EEIERS

paginate_output flag output_format 23 HTML D
B, s R=JIizpElxh s
XOWTLET,
lines_per_page number paginate_output ¥ Hicff
M3 2583, HR=-Ub7
DOITRZEREL T,
full_filename string

386 IBM SPSS Modeler 18.2.2 Python 227V X h A —+ X—>a ¥ « HA F




meanshode 7O/\T 1 —
5iﬁ EE ) — RTIR BN L2 —T T, £33 ET 274 — L FORT BT
-!Ill X

LWEWRD 20 E D el s 7012, FHZHERL £T, fIZE BoeieEns)
DRTETPIINGRZ L L 72 D Boe(etEiE B 2 % 0 e o L& L R TZBED 5
DI Z IR T 2 Z N TEET,

il

node = stream.create("means", "My node")
node.setPropertyValue("means_mode", "BetweenFields")
node.setPropertyValue("paired_fields", [["OPEN_BAL", "CURR_BAL"]])
node.setPropertyValue("label_correlations", True)
node.setPropertyValue("output_view", "Advanced")
node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/means_output.html")

& 234. meansnode 7O/NT 1 —

meansnode 71 >8F § — T —5R FaxRs 4 —0DHH
means_mode BetweenGroups F— RIZEITT A G E L
DOREFEZIEELE T,
BetweenFields
test_fields [fieldl ... means_mode 53
fieldn] BetweenGroups IZi%XE XN T
WHEEDTALL 74 —LF
ZHEELET,
grouping_field field TN—=T2FEeHBT74—LF
ZHEELET,
paired_fields [[fieldl field2] |means_mode %3

BetweenFields ICFREXNT
[field3 field4] |\VWA & = WK T2 74— F

DT ZHEELE T,
o]
label_correlations flag B Z NounsHi ek rEh s
PDEIDEIRELET,
means_mode 728
BetweenFields ICRREXNT
W3 EIZDA, I DREHE
HEh £,
correlation_mode Probability 3R (Probability) % 7= 1&f i
(Absolute) D ¥'% & 2> CHBEIC
o TARNEMFBZERIEELE
ER
weak_label string
medium_label string
strong_label string
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3K 234. meansnode 7O /NT 4 — (Fi &)
meansnode 7 85 4 — F—% Fany 4 —DHH
weak_below_probability number correlation_mode 2%
Probability IZERE XN TWL
%=z, HOWHEO S EIEE
BELET, ZOfEE. Mz
090D XS, 0 1T
LRERDH D FF,
strong_above_probability number 5 UV BE oD 57 EIiEL
weak_below_absolute number correlation_mode 23
Absolute ITERESINTWS &
=2, HOHEHBEO D EE L fEE
L3, ZOfElx filz1X0.90
DEIIZ, 02 1DRICTT B4
BRHHET,
strong_above_absolute number 58 WAHEE D 5 EIME,
unimportant_label string
marginal_label string
important_label string
unimportant_below number KWw7 44—V FEEEDSH
fE, Z DfEZ, Bl 21X 0.90 D &
212, 02 1 DFENTT 2 REH
HHET,
important_above number
use_output_name flag 2—H—FEDHNLHHHX
NEDLESIDPEIEELET,
output_name string 5 % %00,
output_mode Screen W7 = odmEnit]
DN ERIELET,
File
output_format Formatted (tab) |HJIDXATRIEELET,
Delimited (.csv)
HTML (html)
Output (.cou)
full_filename string
output_view Simple Hc Btz (Simple) ¥ 2 —
MFIREIN B, FEFFEM
Advanced (Advanced) ¥ 2 —HFR R I
B0 EIRELET,
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reportnode 7O /\NT 1 —

LR—b+//—=FT, BETFAL, BIUTFT—RRLT =28 N MORXEE
T, Tr—<y MEALE— FEERLET, LAE— FoBRE, BEFFR LT
— XD IR 2 ERTATFRA L 7o L— 2 HHLTIRELET, 7> 7L
—MADOHTML R 72 L, 72 T X7 TAT > av2HETHIL T, H
AR LDTFAMEARELRMTEZET, 77— bAD CLEM X ZHHL T,
F—RERFDOMOEEH N EEDZ P TEE T,

il

node = stream.create("report", "My node")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full filename", "C:/report_output.html")
node.setPropertyValue("lines_per_page", 50)
node.setPropertyValue("title", "Report node created by a script")
node.setPropertyValue("highlights", False)

5K 235. reportnode 7O /NT 1 —

reportnode 70 85 1 — 7 — 2Rl Funs 4 —o
output_mode Screen W7 — ol sHi
D, HhkzREL £7,
File
output_format HTML (html) 77 ANBIDRA TELEEL
£9,
Text (.txt)
Output (.cou)
format Auto HAOZHENIC 7 +—~ v b
ET B, TTL—MCEE
Custom NBZHTMLZFHL T 7+ —~

v VRET A EERT 2720
WHERALES, 7> 7FL—FA
DHIML 74—~ v b &EZH
9 31213, Custom ZI5E L

£79,

use_output_name flag 2 —HF —FEDH B HHH X
NEZPESIDEIEELET,

output_name string use_output_name D3 E (true)
D EIT, HHT 2HATZIEE
L9,

text string

full_filename string

highlights flag

title string

lines_per_page number
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routputnode D 70O/\7T 1 —

. RHES/—FTE. MEHDOHIRAEZRALARAZY S+ %
R FHLT, 7—XBLXUFETIL - 227V 7O
REDSMTEXT, IMETFANEREI T T 74
v CHITEES, HOE~r—Y % —HED
Th 2 7EmEhxd, H30 Hhzo >
ANV EAL LT PTEET,

3R 236. routputnode @ FTO/NT 1 —
routputnode D71 8T ¢ — 2% FURT 4 —D B
syntax string
convert_flags StringsAndDoubles

LogicalValues
convert_datetime flag
convert_datetime_class —

POSIX1t
convert_missing flag
output_name Auto

Custom
custom_name string
output_to Screen

File
output_type Graph

Text
full_filename string
graph_file_type o

cou
text_file_type HTHL

TEXT

cou

setglobalsnode Z7O/\T 1 —

T3, HlZIE. Za—LORE/ — FE2MHHALT, El EWOHARTDOT7 14—
FoffFEZEH L. X CLEM I @GLOBAL_MEAN (FE#5) BA%UE A L CHER @
PR EREET 2 2 e TEE T,

@ Ta—NLDRE — KT, T—XE2EBEL, CLEMXNTHEHTE 2 ZHEEZEH L
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il

node = stream.create("setglobals", "My node")
node.setKeyedPropertyValue("globals", "Na", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "K", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "Age", ["Max", "Sum", "Mean", "SDev"])
node.setPropertyValue("clear_first", False)
node.setPropertyValue("show_preview", True)

3R 237. setglobalsnode 70O /\XT+ —

setglobalsnode @ 85 4 — T—5R ZTans 4 —D N
globals [Sum Mean Min 74—V REFRET IMELS
Max SDev] a7 4 =%, XROEX TSR

TROIRERDD T,

node.setKeyedPropertyVa

lue(
"globals", "Age",
[IIMaXII’ IISumII,
"Mean", "SDev"])
clear_first flag
show_preview flag

simevalnode 7O/\F 1 —
PIal—yarviHii/— X FEEXINTHEINEINR T 4 — L RE2FHEL. N

i R7 14— PO oA e HERHZ AL 57
% 238. simevalnode 7O /XT 1 —
simevalnode 71 %7 § — T—2m Fany 4 —DitH
target field
iteration field
presorted_by_iteration boolean
max_iterations number
tornado_fields [field1...fieldN]
plot_pdf boolean
plot_cdf boolean
show_ref_mean boolean
show_ref median boolean
show_ref_sigma boolean
num_ref_sigma number
show_ref_pct boolean
ref_pct_bottom number
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K 238. simevalnode 7O/NT+ — (fi &)
simevalnode 7 35 4 — F—2% Faxy 4 —DHH
ref_pct_top number
show_ref custom boolean
ref custom_values [numberl...numberN]
category_values Category
Probabilities
Both
category_groups Categories
Iterations
create_pct_table boolean
pct_table Quartiles
Intervals
Custom
pct_intervals_num number
pct_custom_values [numberl...numberN]

simfithode 70O0/\ 71 —

ﬁh
k=1

PIal—yaryOhTED ./ —RIE, 74—V FDOTF— XD %

By N, BOHEATANEE T4 L RICEIDSTT S S al—a v ER/ — R %
AR (EEER) LET, 2%, YIal—Ya AR/ —F2FHLT, &3
2L — T REF—REERTZENTEXT,

+ 239. simfitnode 7O/NT 1 —

simfitnode 7 X5 4 — 7 — &l Fany 4 —DHH
build ol
XMLExport
Both
use_source_node_name boolean
source_node_name string AR ERITEFRFENSE AT —
FDH AR L%,
use_cases FAT
LimitFirstN
use_case_limit integer
fit_criterion AndersonDarling
KolmogorovSmirnov
num_bins integer
parameter_xml_filename string
generate_parameter_import boolean
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statisticsnode 7O /\F 1 —

Sxl SRR — Fold, BUER 7 4 — L RICBE3 2 AR R EEH SRRt X E 3,
T" D/ —FRT, HADT7 14—V FOEKHEHEL 74—V FEOHEBENGHEINE
R

il

node = stream.create("statistics", "My node")

# "Settings" tab

node.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["mean", "sum", "sdev"])
node.setPropertyValue("correlate", ["BP", "Drug"])

j## "Correlation Labels..." section
node.setPropertyValue("label_correlations", True)
node.setPropertyValue("weak_below_absolute", 0.25)

node.setPropertyValue("weak_label", "lower quartile")
node.setPropertyValue("strong_above_absolute", 0.75)
node.setPropertyValue("medium_label", "middle quartiles")

node.setPropertyValue("strong_label", "upper quartile")

# "Output" tab

node.setPropertyValue("full_filename", "c:/output/statistics_output.html")
node.setPropertyValue("output_format", "HTML")

K 240. statisticsnode 7/NT 1 —

statisticsnode 7185 4 — T —5i FaxRs 4 —0HH

use_output_name flag 2—H —FEDH B HHH X
NEZPESIDEIEELET,

output_name string use_output_name D3 E (true)
D EIT, HHT 2HATZIEE
L9,

output_mode Screen W/ —FhoEEnsdth
D, HOhkERELET,

File
output_format Text (.txt) HOD&EA TRIEELE T,

HTML (.html)

Output (.cou)

full_filename string

examine list

correlate list

statistics [count mean sum

min max range
variance sdev
semean median
mode]
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& 240. statisticsnode 7O/NT+1 — (i X)

statisticsnode 71 87 ¢ — 7 — 2Rl FaRT 4 — DG

correlation_mode Probability T2 (Probability) % 7=z i&HoxtE
(Absolute) @ ¥'5 & 2> CHEHIC

o TRV EMFTZZZIEELF

ER

label_correlations flag

weak_label string

medium_label string

strong_label string

weak_below_probability number correlation_mode %3

Probability IZEE XN TW
% =2, HOHB DS EIEE
fHELET, ZofEiE, flxid
090Dk iz, 0 1DRICT

LRVERDD T,
strong_above_probability number TR \WAE RS O 73 M,
weak_below_absolute number correlation_mode 28

Absolute ICEREXNTWS &
=2, FHOHEHBEO D EEZ fEE
LET, ZoOfEE, #1z1X0.90
DEIIZ, 0 1OBIZT B4
BRHDET,

strong_above_absolute number SR\ BE oD 3 EIiH,

statisticsoutputnode 7O /N7 —
Statistics 7]/ — K& {# 5 % &, IBM SPSS Statistics Tt * ZFFUH L, IBM

@ SPSS Modeler ¥ — X 432 = b 3 CE 4, X% X F 7% IBM SPSS Statistics
= TR T 7R RATEET, 2D/ —Fid. 94 2052 577 IBMSPSS

Statistics D 2 ¥'— B HET T,

ZD)—FDOFaRT 4 —IZDOWTIE, 423 R—I D [statisticsoutputnode B %87 4 —J 1T XN T
Wk 3,

tablenode 70O/\7T 1 —

— F—TN )= RT, F—EBPT—TUBRTERINET, ZOF— &KL, 774
B NCHEFADET, COBEEL, F—XOEERAELED. F—REHALT VI
KTLy 2K— 1T 2 REDDH B HEIELE T,

il

node = stream.create("table", "My node")
node.setPropertyValue("highlight_expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose_data", True)
node.setPropertyValue("full_filename", "C:/output/table_output.htm")
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node.setPropertyValue("paginate_output", True)
node.setPropertyValue("lines_per_page", 50)

3 241. tablenode 7T/ T+ —

tablenode 70 %5 4 — F— 2 Ty 4 —DitH
full_filename string TART T—&, FLIEHTML OH
NEBRLBEO. M7 740D
EAI
use_output_name flag -V —FEDOHNHMBFEHINS
PEIDEIRELET,
output_name string use_output_name 23E (true) D &
2, HHT 24 Z2IEELE T,
output_mode Screen WA/ —FroEmshsHIo, H
NEZEELET,
File
output_format Formatted (.tab) Hhox4 72EELET,

Delimited (.csv)
HTML (.html)

Output (.cou)

transpose_data flag L7 AKR— MENZT — X DIT4% A
a—RERTIIICLET,

paginate_output flag output_format 23 HTML D55, H
NPR=DIZnEENb EHICLZF
3

lines_per_page number paginate_output ¥ T 3
BEE HIIR—= B 7= ofiets
ELET,

highlight_expzr string

output string /J— FCECHEI N T — TV
NOBREREET 5., GiAID HH S
D}\c%/f o

value_labels [[Value LabelString] HDORT7DI=DD T NILEHFEL

[Value LabelString] ...]

Jo

display_places

integer

T4 —ILEBFRREINDE L XD/

EROMEE R EL £3 (REAL A F L

—PD7 4= RIZDATEH), -1 %
RETDHEAP)—LDFT 7 5Lk
MERAXNE T,
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K 241. tablenode 70O /NT 1 — (Ht %)

tablenode 0 5 4 —

7 2

Zans 4 —oH

export_places

integer

T4 =L ERHIEINDE L&D/
EROM#EUZ%E L £3 (REAL X b L
—ID7 4= RIZDATEM), -1 %
WETHE AR —=2DFT 751
PEHINET,

decimal_separator

DEFAULT

PERIOD

COMMA

74— RO/PNSEGEERIEEL %
T (REALZA FL—Y D74 —JLRIZ
D AE ).

date_format

"DDMMYY "
"MMDDYY "
"YYMMDD"
"YYYYMMDD "
"YYYYDDD"
DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"

“DD-MON-YYYY"

"YYYY-MM-DD"
"DD.MM.YY"
“DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"

“DD.MON.YYYY"

"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"

"DD/MON/YYYY"

MON YYYY
g 0 YYYY
ww WK YYYY

74— VFOHMEREZRELET
(DATE %7213 TIMESTAMP X + L —
DT 4 —ILRICOABEHINE

o
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K 241. tablenode 70O /NT 1 — (Ht %)

tablenode 71 35 4 — F—2% Ty 4 —DitH
time_format "HHMMSS" 74—V ROHMEAZRELET
(TIME %¥£7213 TIMESTAMP A + L —
"HHMM" D74 =L FICOABEHINE
o
""MMSS"
"HH:MM:SS"
"HH:MM"
"MM:SS"

"(H)H: (M)M: (S)S"

"(H)H: (M)M*"

"(M)M: (S)S"

"HH.MM.SS*"

“HH.MM"

"MM.SS"

"(H)H.(M)M. (S)S"

"(H)H. (M)M"
"(M)M.(S)S"
column_width integer 74— RIHEZREL T, -1
CWOEERETS % . FiEE Auto
WIRESINE T,
justify AUTO 74 =)V RIZHFBEZRELE T,
CENTER
LEFT
RIGHT

transformnode 7O /\F 1 —

FAY
fix)-+

2 — FIZ K o T, BR 7 4 —)L FIZHEH S 2 NS ORI R Z 3R L, I
MR T 5 ZeNTEET,
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il

node = stream.create("transform"

node.setPropertyValue("fields",
node.setPropertyValue("formula",

, "My node")
["AGE", "INCOME"])
"Select")

node.setPropertyValue("formula_log_n", Txue)
node.setPropertyValue("formula_log_n_offset", 1)

5% 242. transformnode 7O /XT 1 —

transformnode 71 35 4 — T —5R Fany 4 —DHH
fields [ field1... fieldn] EECHEHATE 74—V F,
formula All FTRTCOLEHZEHE T 50, %
RUTEBZEEH ST 20 216E
ST LI,
formula_inverse 757 WEREFHT 205 0%tE
ELET,
formula_inverse_offset Bl ACTHEHTEZT—X - A7y
FMEEELE T, 2—Y =25
ELRWERD, 7741 1+TO0
WEREINET,
formula_log_n 757 log n Z#aZEHT 2028 5 2
PHEELE T,
formula_log_n_offset e
formula_log_10 797 logro ¥R AEH T 2028 5
ZHEELET,
formula_log_10_offset e
formula_exponential 727 B A (&) 2T 205
PERfEELET,
formula_square_root 757 SEITIREE ST 208 5 5
ZHEELE T,
use_output_name 757 22— —FEDOH I AHFH X
NELEIDERELET,
output_name string use_output_name 23E. (true)
D xIC, HHT 2HATEEE
LE3,
output_mode Screen i1/ — Kol ns i
D, HOkERELET,
File
output_format HTML (.html) HOox4 72EELET,
Output (.cou)
paginate_output flag output_format 23 HTML D5
A, BhBR=—JicnElxh 3
E21ITLET,
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5% 242. transformnode 7O /N7« — (ft X)

transformnode 71 35 4 — Vet £ FaxR7 4 —DHH

lines_per_page number paginate_output ¥ Hicff
B3 2580, HIR=-YH7=
D DITEETEEL £ 35,

full filename string 77 ANVHINERT27 74
NAZRTRELE T,

HlreEHN/ —Fo T 74 — 399
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PATE LV AR—b « 27— DT ,57 4 —

HEOIVXAR—=bk/=—F - FONT1—

RDOTaRT 4 —F, TRTHOZIZZAR—F « /J—RHEBELTVWET,

R243. HBEOITIVRR—b -« /—R -« FONTo —

TaNRT 4 — fiFi Farxy 4 —DHH

publish_path string NEHENIZA R =V BIUNRT X=X
— 7 7 ANV T 2L — M EIEE
LEd,

publish_metadata flag ARXR=YDANBLUHI. 2007

— X ETNVEHRATEART X -7
7 ANEIERT 20 D 2iEEL %

ER
publish_use_parameters flag APV =L+ RFTX == *par 7 >
ANZEENEZDEIPEIEELE T,
publish_parameters string ® VY A k AT 25X —-2fELET,
execute_mode export_data 2RV —LBNHETIC — RERT
TEIPE I,/ — ROFETRICA MY
publish — 2% HEINIZRBT 208 5 %15
ELET,

asexport 7O/NT 1 —

Analytic Server =27 2R — MZ & D, Hadoop 7HLZ 7 A )L+ A7 & (HDFS) TR MU —L%F(TT5Z
EMTEXT,

1]

node.setPropertyValue("use_default_as", False)
node.setPropertyValue("connection",
["false","9.119.141.141","9080", "analyticserver", "ibm", "admin", "admin",6 "false

I

I|,||||,||||,||||,I|I|])

3+ 244. asexport 7OANT 1 —

asexport 7 X5 4 — F— R Fas 4 —D NN
data_source string F—& « Y —2D %R,
export_mode string IV AR— b LI2T—XEBEFED

TR -V —AIZBIMT
(append) 2>, BIFEOT7—% -V
— 2% FEX3 % (overwrite)
PEIEELET,




5% 244. asexport 7ONT 1 — (¥t %)

asexport 7 87 4 — Vabents £ TaR7 4 —D

use_default_as boolean True CRELHE. —n—
® options.cfg 7 7 £ L THERK
ENTWVWB T 740 D Analytic
Server #ZfE A XL E T,
False KRELHAE. 2D/ —

FOEHOMER SN F T,
connection ["string","string", "strin [ Analytic Server #fi DFEMl % & e
g", VXD TaT 4 —, BERUEX
"string", "string","string | BhH T3
", "string", ["is_secure_connect",
"string" ,"string", "server_url",
"string","string" ,"strin|"server_port",
g"] "context_root",
"consumer", "user_name",
"password", "use-

kerberos-auth",
"kerberos-krb5-config-
file-path", "kerberos-
jaas-config-file-path",
"kerberos-krb5-service-
principal-name", "enable-
kerberos-debug"], Z Z T,
is_secure_connect idt ¥ =
TEMDER I NS S 2 ER
L. f#iZ true £721% false T
¥, use-kerberos-auth i
Kerberos FRAEDMERH X 5 2 &
%R, fEHIX true £7210
false T, enable-
kerberos-debug i Kerberos
PRAED TN 7« T— ROME &
N5 S 0%RL,. fHIE true
%7213 false T,

cognosexportnode 7 O/\ 7 —

. IBM Cognos =27 AR — b + /— KiX, Cognos 7 — X N— A TanthHID I LN TE 2
@ BRATF— 2B Tr AKX — FTEET,

D — FDFE. Cognos #4%t ¥ ODBC i 2 CR T 20 EHNH D 7,

Cognos
Cognos ##tD 7B 8T 4 —IZRDE BHTF,

402 IBM SPSS Modeler 18.2.2 Python 227V X h A —F+ X—>a ¥ « HA F



3R 245. cognosexportnode /N T« —

cognosexportnode 7
QINTF 4 —

7 S

Zans 4 —0uH

cognos_connection

["Y?ﬁ” III 117 5 7‘\11, Miiﬁu Ill ui?ﬁ” u] n
eyl

Cognos ¥ —\— DR DMl % &
VA bDT a7 4 —, BEREUAT
DEBHTI,
["Cognos_server_URL",

login_mode, "namespace",
"username", "password"]
Z ZT.

Cognos_server_URL iX, YV —X723
X TWw3 Cognos #— 38— D
URL T3,

login_mode Z.E#n 74 > & {#H
TELESIDPERL, true £/
false DWWINNIZi D £3, true
WKRRET 2581 LTo& 74—
Fapd " ITREL TS W,

namespace (X% —N—Au 7t v
WHEHAST2 X274 —38GE 71
NAZZRLE T,

username 3 X X password I
Cognos #r—"—iZm 74 > ¥ 3 BRI
FHT 22— —HE AT —FT
E

login_mode DfXH DI LT DE—
RS HEHRIRET T,

« anonymousMode, #:
['Cognos_server_uzrl',
‘anonymousMode ',
“namespace", "username",
"password"]

« credentialMode, #i:
['Cognos_server_url',
‘credentialMode’,
"namespace", "username",
"password"]

FITE IV AR—bF -« /—FDFa 71— 403



3 245. cognosexportnode 7O /N7« — (§i %)

cognosexportnode 7 | 7 —%% FTans 4 —D N
QINF 4 —

. storedCredentialMode, fi:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Z ZT,
stored_credential_name iZ,
JRY b U —TD Cognos DELE

THEIDARITT T,
cognos_package_nam |string T—=RETIAKR—FLTWV?S
e Cognos 7 — &+ Y —Z (BEIXT—X
R—=2R) DRAB KMl Kizhlz
RLET,

/Public Folders/MyPackage

cognos_datasource |string

cognos_export_mode [Publish

ExportFile

cognos_filename string

ODBC #E#5%

ODBC 5t D 7187 4 —lZ XD+t 7 > a D databaseexportnode ISRENTWEHD LR LTI,
7272 L. datasource 7m %7 4 —IX AWM TIEH D R A,

databaseexportnode 7O/\ T —

F—RAR—RA + ZJAR—++/—FT, T—X%ZO0ODBCHILDY) L —aFL T

= SRV RREEABET, ODBC F— X + Y —ACEFADIE, F—K V-
ABHFEL, ZDF—% - Y —RIHT 5ESAAMRERE L TOHUEDB D %
¥

il

Assumes a datasource named "MyDatasource" has been configured

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

# Export tab

db_exportnode.setPropertyValue("username", "user")
db_exportnode.setPropertyValue("datasource", "MyDatasource")
db_exportnode.setPropertyValue ("password", "password")
db_exportnode.setPropertyValue(“table_name", "predictions")
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db_exportnode.setPropertyValue("write_mode",

"Create")

db_exportnode.setPropertyValue("generate_import", True)
db_exportnode.setPropertyValue ("drop_existing_table", True)
db_exportnode.setPropertyValue("delete_existing_rows", True)
db_exportnode.setPropertyValue("default_string_size", 32)

# Schema dialog

db_exportnode.setKeyedPropertyValue("type",

"region", "VARCHAR(10)")

db_exportnode.setKeyedPropertyValue ("export_db_primarykey", "id", True)
db_exportnode.setPropertyValue("use_custom_create_table_command", True)
db_exportnode.setPropertyValue("custom_create_table_command", "My SQL Code")

# Indexes dialog

db_exportnode.setPropertyValue("use_custom_create_index_command", True)
db_exportnode.setPropertyValue("custom_create_index_command", "CREATE BITMAP

INDEX <index-name>

ON <table-name> <(index-columns)>")

db_exportnode.setKeyedPropertyValue ("indexes",

"region"]])

“MYINDEX", ["fields", ["id",

3R 246. databaseexportnode 7O/NT+ —

databaseexportnode 7 87 | 7—&#l TaRT 4 —DH
£ —
datasource string
username string
password string
epassword string DRy ME, FITRICH AR
ALY 5, St 27—
REAERT 21, Ty —) X =
2 —D IR — NSy —1 )
PRHEALTEE WV, FL LI
54 R—Y D MHFS{LS2A T — F D
AR ODMEY Z7Z2BRLTLE
W,
table_name string
write_mode Create
Append
Ld—riEs
map string AN =L T4 =V KHE T—

RR—=ZHZICy B LET
(write_mode 7% Merge DIFHIC
D& GRN)o

WEDEGE., TRTD74—LF
FYv Y LTI AR— T
ZRENRHYET, T—HAR—=R
PICTEIE LW T 4 —)L R 83,
FLWIlE LTEMXNE T,
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3R 246. databaseexportnode 7O /NT« — (ft &)

databaseexportnode 7 37 | 57— &l A= 2V R RO L]
,f —
key_fields list FoWHHINEZA N —4 - 7
4=V RZHEELET, map 7'H
N7 4=, T—EZRXR—XTA}
J—2L+ 74— FHTHIET S
NEZRRLET,
join Database
Add
drop_existing_table flag
delete_existing_rows flag
default_string_size integer
Type AF—< XA TOFREWHVS
NaMELTm T 1 —,
generate_import flag
use_custom_create_table_c |flag custom_create_table Ay %
ommand i LC. #54ED CREATE TABLE
SQLavw Y FEEHELET,
custom_create_table_comma |string fEHED CREATE TABLESQL 2+
nd ¥ FoRb D IS 2 X552
YV FERIEELET,
use_batch flag ROTaNT 4 =F, T—EZRX—
ADNV7 - v — NHOFA T
> a v TF, use_batch iZHE
(True) DIEZFEE T % & THAL
DT —=RR=ZAAND A I v M
Wb %9,
batch_size number XEY—IZa3Iy bTBENCT—
ANR—RWZHKETHLa— Fz
FBELET,
bulk_loading off 2L - m— RFORBEERIEEL
9, ODBC B XU External H®D
0DBC A7 a v RTRLET,
External
not_logged flag
odbc_binding Row ODBC EHD L7 - m— RIZHB
B AT IFHA DN A
Column ¥R ERIEELE T,
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3R 246. databaseexportnode 7O /NT« — (ft &)

databaseexportnode 71 %7
,f —

7 S

Zans 4 —0i

loader_delimit_mode

Tab

Space

Other

WEET 1 7' AREEDNLY - 1
— FOEEIC, XY b TR
ZHEELEJ, Other 3.

loader_other_delimiter

TaT 4 — A EDE TER
L. ar=()D&5%XYhy
ZIRELE T,

loader_other_delimiter

string

specify_data_file

flag

H(True) D7 7 7% RET B L.
T data_file 7o 7 4 —
WEINCRD T, ZoTa T
4 —=IZlE, T—=EZR=RIZ )LD
20— RS 3BDEZIAALD T 7
ANBERABIRET 5 Z DT
EIESC

data_file

string

specify_loader_program

flag

H(True) D7 7 7% HET D L.
YT ® loader_program 7 m <
TA—=DENMIBDET, 207
%7 4 —IZiE, e —4— X
7V FNEREZETR ST ADHE
CY Rt EST 5 TEXE
‘3_0

loader_program

string

gen_logfile

flag

H (True) D7 7 7% RET D L.
LUF o logfile_name 23E RN
ZYET, ZOFaRT 41—
F, =7 — vl RERT A0
D, == D7 74 VK ETE
ETHIENTEET,

logfile_name

string

check_table_size

flag

H(True) D7 7 7 %RET S &,
IBM SPSS Modeler 2> 5 27 AR
— FENBTECHIELTT — &
R—=ZADTF—T )N Y4 X% iEE
WKHEINE B 237012, T—70K
BEREMINE T,

loader_options

string

0—&—-7077 LI LT, -
comment B XX -specialdir

D& MDEIBEIEEL LT,

export_db_primarykey

flag

BESINST4 =L ER T4~
U xF—YohriEELET,
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3R 246. databaseexportnode 7O /NT« — (ft &)

databaseexportnode 7 37 | 57— &l A= 2V R RO L]

4 —

use_custom_create_index_c |flag true OHE. TRTOA Ty

ommand 7 23 L THAX L SQL (22—
B —HED SQL) ZHEMT L &
KR

custom_create_index_comma | string HAX L SOL (—HF —F5ED

nd SQL) ARSI TWBEE, 4
YTy 7 ZOMEBUCE E NS
SQLa~vY FEIEELET, (Z
DEIF. TICRIREDA VT v
IR LT EEETEET,)

indexes.INDEXNAME. fields DBELGETIEESI N A VT v
I ARNER L. ZDA VT v 7 A
CEENB 74—V REEER
RLUET,

INDEXNAME flag FREDA VT v 7 AT LTHA

"use_custom_create_ & 2 SQL (2 —% —F8E D SOQL)

index_command" ZHME TN T 2 DIEH
SIhFET, BIORDRIZDH 5P
EHILTLIZEW,

INDEXNAME string HEINIA YTy 7 AR

"custom_create_index_comm N3 HAERLSQL(Z—H—f5E

and" DSQL) ZEHLET, Bk
DRIZH ZHEZIRL TS
W,

indexes.INDEXNAME.remove |flag True DHGE, FEESINLA VT
I ReA YTy 7 ADE Y M
HHIFRL 9,

table_space string TERESND T —TN « AR—%
FEELET,

use_partition flag DNy T2« 74—V RHBEH
INBEHIEELET,

partition_field string Ny a s 74—V FORE
PHELET,

H:—HOT—ZRX=2XTlI, =7 AR—-MHIFEMEIN 2T —EZR—2 T =TIV 2 ERT 5 e N TE
¥ (B 21X, SQL T CREATE TABLE MYTABLE (...) COMPRESS YES; Yf8EL E9). XD XSS
%7 4 — use_compression B X f compression_mode ZIEE L T, T DIEREZ I R— P L F 7,

xR 247. [ERE¥LEE%# 68 L 7= databaseexportnode 70/NT+« —

databaseexportnode a7 |F—x%Hl Faxs s —nHH

/f —

use_compression Boolean True TRE LG ER. Eiiicks 2
AR=MHOT =TV EAERLE T,
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K 247. [EfEI&RE% A8 L 7= databaseexportnode 7O /XT+« — (Fi &)

databaseexportnode 7 X7 | F—&H FONTF 4 —D G
,f —
compression_mode Row SOL Server 5 — X N — 2 D EfE L <L %
RELE T,
Page
default Oracle 7 — X N — 2D JEHH L NIV % FRIE

L %3, {HOLTP, Query_High,
Direct_Load_Opera [Query_Low, Archive_High. B&U*
tions Archive_Low 23 f{XFR Oracle 11gR2
PRBETT,

All_Operations
Basic

OLTP
Query_High
Query_Low

Archive_High

Archive_Low

CREATE INDEX a~Y FRZREDA > Fv 7 ZAHICERE T 3 HiER 3

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX",
["use_custom_create_index_command",

True] )db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX",
["custom_create_index_command",

"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"])

HWNE, FICUEE ANy 2 7=V EHVWTITI IS TEET,

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id",
"region"],

"use_custom_create_index_command":True,
"custom_create_index_command":"CREATE INDEX <index-name> ON

<table-name> <(index-columns)>"])

datacollectionexportnode 7 /\T 1 —

- Data Collection =2 2K — + + / — K&, Data Collection DHiIF#HEY 7 b7 = 7T
FHT 2R TT—2 2N LET, 20/ — FZEMHT %12, Data Collection
Data Library 284 Y A b — L ENTWBRENRDH D 7,

1l

stream = modeler.script.stream()
datacollectionexportnode = stream.createAt("datacollectionexport", "Data
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Collection", 200, 200)

datacollectionexportnode.setPropertyValue("metadata_file", "c:¥¥museums.mdd")
datacollectionexportnode.setPropertyValue("mexrge_metadata", "Overwrite")
datacollectionexportnode.setPropertyValue("casedata_file", "c:¥

¥museumdata.sav")
datacollectionexportnode.setPropertyValue("generate_import", True)
datacollectionexportnode.setPropertyValue("enable_system_variables", True)

R 248. datacollectionexportnode 7O /\NT 1 —

datacollectionexportnode 71 854 — |F—4#Hl TaxRs 4 —0DHH
metadata_file string HHTHEXRT =& 7741
DEZY:I
mexrge_metadata Overwrite
MergeCurrent
enable_system_variables flag IV AR—bEN/=.mdd 7 7

A JLIZ Data Collection > X7
LER GNP S EEEL
%9,

casedata_file string TR T=RPLT AR— b
XN .sav 7 7 4 LD,

generate_import flag

excelexportnode 7O /\NT 1 —

— Excel =27 ZK— b « /— RTlX. 7— &% Microsoft Excel .x1sx 7 7 4 LEAXTH
FACEr) HNLET, AF>a > T, /J—FPFETINS L TICHHIIIC Excel EEIL, =7
AR=F+FTB7 74 NVEETELIIGEIRTEE T,

{51

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport", "Excel", 200, 200)
excelexportnode.setPropertyValue("full_filename", "C:/output/myexport.xlsx")
excelexportnode.setPropertyValue("excel_file_type", "Excel2007")
excelexportnode.setPropertyValue("inc_field_names", True)
excelexportnode.setPropertyValue("inc_labels_as_cell_notes", False)
excelexportnode.setPropertyValue("launch_application", True)
excelexportnode.setPropertyValue("generate_import", Tzrue)

7 249. excelexportnode /N T« —
excelexportnode 71 7 4 — 5 — R FrRTF 4 —D
full_filename string
excel_file_type Excel2007
export_mode Create
Append
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3R 249. excelexportnode 7O/NT 1 — (i %)

excelexportnode 7 37 4 — Vabet £ FTans 4 —D A

inc_field_names flag T4 —=NVEENRT =7 —1+D
BAIDITICRRENE 0 S
ZIEELE T,

start_cell string T AR— T OBRE LV EIEE
LE7,

worksheet_name string EXALY—27 > — FDHR,

launch_application flag Excel DMERD 7 7 4 VTR

HENZWE I EIEEL
3, Excel ZiEZE)3 5 1%,
[AS— « 7Y —a)
RA7R7 Ry 7 A (YV—i)
X=a—=056 ~pS— - 77
Vr—>ay ) NTHRET 24
BhbHHFET,

generate_import flag HWhahkr—x- 774 1%
tAiATe Excel AJ1/ — RH34E
RENDDE DR EL F
T

extensionexportnode 7[/\7 1 —

RO AR—=1b » J—R2fffT 5. RRAZ
@- ) 7" b £7213 Python for Spark 227V 7 s 25T L

T, 7—R%ZL 7 AKR—PTEET,

Python for Spark Dl

JHHHE script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_export", "extension_export")
node.setPropertyValue("syntax_type", "Python")

python_script = """import spss.pyspark.runtime

from pyspark.sql import SQLContext

from pyspark.sqgl.types import =*

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

print df.dtypes[:]

_newDF = df.select("Age","Drug")

print _newDF.dtypes[:]

df.select("Age", "Drug").write.save("c:/data/ageAndDrug.json", format="json")

node.setPropertyValue ("python_syntax", python_script)
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R DOFl

JHHHE script example for R
node.setPropertyValue ("syntax_type", "R")
node.setPropertyValue("r_syntax", """write.csv(modelerData, "C:/export.csv")""")

3R 250. extensionexportnode 7O /\N T« —

extensionexportnode 71 35 4 — Vabat £ ZTans 1 —D i

syntax_type R R % 721% Python D ¥H 5D A
IV T REITTEEELF

Python TRABT7ANLETT),

T_syntax string FITTBHRRAZVTS b - U&R
v 7 R,

python_syntax string F473 % Python 227 1) 7 k-
YR T R,

convert_flags StringsAndDoubles | 7 ST 4 — )L R BT 5

LogicalValues 72D T a,

convert_missing flag RAEME% R D NA fHICZEHLT 2
72DDA T a v,

convert_datetime flag HAE R % 7213 B A/ R R
DOER % R O HAT/RAIE I
BT 220D T a v,

convert_datetime_class — HASE R F 723 B /R =

POSIX1t DEHD S B, ¥OERDER
REMAT E0EEET 572D
F ST av,

jsonexportnode D 7O/ T 1 —

JSONZZ ZAHK—b « /—FiZ, ISONFERTTF—42HHLE T,
[JSON]

3R 251. jsonexportnode ® 7O /NT+ —

jsonexportnode ® 7B N7 4 — T—5R Fany s —Dii]
full_filename string RRAEEL, TR2RT 74 V.
string_format records JISONZA RN T D75 —<v

FRIEELE T, 7740 ME

values records T3,

generate_import flag IJAR—FEINTT—& -7
7 A V& FHAIAT ISON £ VR
— b = FDERINEZNE
IMEHRELET, 77411
¥ False T3,
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outputfilenode 7O/\NT 1 —

- 799 k7740 T RE—}F « J— T, F—ZBXYH CFETRYTISNT=
EE FERXL 77 ANANHINEINET, ZOZ2E, MOy 7 v 2 7R KEHE Y
TR 2T ICHRARADBIERTT— X2 L7 AR— T 35512, RIbET,

il

stream = modeler.script.stream()

outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full_filename", "c:/output/flatfile_ output.txt")
outputfile.setPropertyValue("write_mode", "Append")
outputfile.setPropertyValue("inc_field_names", False)
outputfile.setPropertyValue("use_newline_after_records", False)
outputfile.setPropertyValue("delimit_mode", "Tab")
outputfile.setPropertyValue("other_delimiter", ",")
outputfile.setPropertyValue("quote_mode", "Double")
outputfile.setPropertyValue("other_quote", "x"
outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate_import", True)

3R 252. outputfilenode 70O/ T« —
outputfilenode 71 7 4 — Vaheb £1:! Fung 4 —0H]
full_filename string 7 7 4 LD,
write_mode Overwrite
Append
inc_field_names flag
use_newline_after_records flag
delimit_mode Comma
Tab
Space
Other
other_delimiter char %l
guote_mode None
Single
Double
Other
other_quote flag
generate_import flag
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5% 252. outputfilenode /N T+ — (fi %)
outputfilenode 7 85 4 — T =R FTans 4 —D A
encoding StreamDefault

SystemDefault

"UTF-8"

sasexportnode 7O /\T 1 —

SASTZAAK—bF -+ /) —FKT, SASELIXSAS HIfAY 7 b 27 « NRvFr—IThin
sash BATT— 2%, SASTHATHATE 7, 300 SAS 7 7 A AR FIHIHET
$ . SAS for Windows/0S2., SAS for UNIX. 7213 SAS NX—2 =3 > 7/8

il

stream = modeler.script.stream()

sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full_filename", "c:/output/
SAS_output.sas7bhdat")

sasexportnode.setPropertyValue("format", "SAS8")
sasexportnode.setPropertyValue("export_names", "NamesAndLabels")
sasexportnode.setPropertyValue("generate_import", True)

3R 253. sasexportnode 7O /NT 1 —

sasexportnode 7B 37 ¢ — Vet £ FaxR7 4 —0DHH
i Windows NYFZU b e FanFi— -5
X)L s T 4=V,
UNIX
SAS7
SAS8
full_filename string
export_names NamesAndLabels IV RAR—IMRIZT74 =L %

% IBM SPSS Modeler 2* & IBM
NamesAsLabels SPSS Statistics ¥ 721 SAS £
B BEN I £5,

generate_import flag

statisticsexportnode 7 /\T 1 —

) Statistics =2 AR — k « / — KT, IBM SPSS Statistics .sav 721 .zsav 7 + —~
v hTTF—&ZHMNHLEF, .sav £71F .zsav 7 7 £ LiE. IBM SPSS Statistics
Base BX U Z DO THAAL Z B TEE T, ZDFRIX. IBMSPSS
Modeler DF ¥ v o + 77 A L THHHEINE T,
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ZD)—FDFaRT 4 —IZDOWTIE, 424 _— D [statisticsexportnode 70 87 4 — 1 1T XN T
Wk 3,

tmlodataexport /—FD7O/NT 1

f IBM Cognos TM1 =27 AR — bk + 7 — K&, Cognos TM1 7 — X R—RZATHiANS Z
a YIMTEBBRTT— X2 L7 2K - FTEET,

3R 254. tmlodataexport / — RO 7O/NT 1

tmlodataexport /—FD7u |F—4H Zans 4 —DiH
INT 4
admin_host string REST API ® 7= A b % ® URL,
server_name string admin_host 22 5FHR L 7 TM1 H— N —0D %
Hilo
credential_type inputCredential & | BIIEIWMD XA T RT=DIFHINE T,
VA
storedCredential
input_credential list credential_type %% inputCredential @
LEIE. FXA v, 2% BIUIRRY
e F%ﬂgﬁbi\j—o
stored_credential_name string credential_type %’ storedCredential
DL EE, C&DS ¥ —N—DEMERD A%
fRELE T,
selected_cube field T—RDIY AR— MeDF 2 —7 DA,
DI ichlzrm L 5,

TM1_export.setPropertyValue("selec
ted_cube", "plan_BudgetPlan")

PBLTE LI AR—bF - /J—FDF 0874 — 415



% 254. tmlodataexport / — R D TO/INT+ (i %)

_mapping

tmlodataexport /—FD7u |F—42H Fans s —O N
2NT 4
spss_field_to_tml_element |list <~y FEND tml ERIZ EREIW X2 -7

Ea—D¥F4 Xy aryd—TchiInd
RO FEEA, EREIXDEBHTT
[[[Field_1, Dimension_1, False],
[Element_1, Dimension_2,

Truel], ...], [[Field_2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,
Truel, ...]1]

<y U IERERT2ODV RIS D F
T, FARYYaryADEREZEDCy LYY
F. LT 2 2xis L TWES,

Bl 1: JfId v 2 b ([[Field_1,
Dimension_1, False], [Element_1,
Dimension_2, True], ...1) & TM1 75
4 AT aryd~xy TIHRICHERINE T,

3ODEEROZFNEZNDY A MI, T4 AV
Yary vy EYIERERLES, 3FHD
T—UEIE. T4 AV aryDEEREIRT 3
MEIPERT ORI NE T, i
"[Field 1, Dimension_1, False]" 3.
Field_1 23 Dimension_ 1~y &3N3 Z
*ERLET, "[Element_1,
Dimension_2, Truel" Z. Element_1 2%
Dimension 2 I L TEIRINDZ Z L ZRL
9,

fl2:2F/HEHDY R b: ([[Field 2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,

Truel, ...]1) X TMIEMET—R T4 X~
YavERO~y SEHRICHEHINE T,

3ODEEFOZFNZNADY R NI, HIEHESE
DRy EYIERERLET, 3FHDO T —L
fEE. FTLVWERZEN T 208X DL %
IR 7D ENEF, "[Field_2,
ExistMeasureElement, False]" &,
Field_2 7’ ExistMeasureElement iZ< v
TEINBEZeERLET, "[Field_3,
NewMeasureElement, Truel" i&.
NewMeasureElement 23
selected_measure TEIRX W78l T — X
TARAYYayTHERHENDHD, Field_3
MERZS Y TEINBZeZRLET,
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% 254. tmlodataexport / — R D TO/INT+ (i %)

tmlodataexport /—FD7u |F—42H Fans s —O N
2NT 4
selected_measure string BT —2 T4 XA r>arziiELET,

i
setPropertyValue("selected_measure
", "Measures")

tmlexport / — FD7O/NT 1 — (BELE)

f IBM Cognos TM1 =27 AR —} « /— Ni&, Cognos TM1 7 —&X RX—ZXTaiAiH 5 Z
a B TEBHRTT— 227 AK-FTEET,

H: 20/ —Fi& Modeler18.0 THEILEINFE L7z, THWEE#DZ /) —FDR 7Y T M
tmlodataexport T3,

3R 255. tmlexport / — RO 7ONT+ —
tmlexport /— RO a 574 | F—&HK FaxRs 4 —0DHH

—

pm_host string HinN—Yar16.0BXU17.0 DHEDA

RA M, ITIhlZRLUET,
TM1_export.setPropertyValue("pm_ho
st", 'http://9.191.86.82:9510/
pmhub/pm")

tml_connection ["field”,"field", ..., "f | 1 : x—> 2> 16.0 B U 17.0 DB ED A
ield"]
TML Y —N—DEHROFME ZL VA DS
2T 4 —, ERIEIXDEBHTT:

[ "TM1_Server_ Name", "tml_
username", "tml_password"]

LrichlzmrL 75,
TM1_export.setPropertyValue("tml_c
onnection", ['Planning Sample',
"admin" "apple"])

selected_cube field T—=RDIY AR— MEDF 2 —T DL,
YTiwchlzrLET,
TM1_export.setPropertyValue("selec
ted_cube", "plan_BudgetPlan")

PLTEILIAR—bF - J—FDO 774 — 417



% 255. tmlexport / — RO 7ONT« — (Fi %)

tmlexport / — K574 |[F—42H FTans s —D i
spssfield_tmlelement_mapp |list <~y 7ENDE tml HERIZ GERS W F 2 -7
ing Ea—D¥F4 Xy aryd—TchiInd

“hEHA, BRIEIRDEBDHTT:
[[[Field_1, Dimension_1, False],
[Element_1, Dimension_2,

Truel], ...], [[Field_2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,
Truel, ...]1]

<y U IERERT2ODV RIS D F
T, TARXRYYaryADEEZDCy LYY
F. LT 2 2xis L TWES,

Bl 1: JfId VY 2 b ([[Field_1,
Dimension_1, False], [Element_1,
Dimension_2, True], ...1) & TM1 75
4 AT aryd~xy TIHRICHERINE T,

3ODEEROZFNEZNDY A MI, T4 AV
Yary vy EYIERERLES, 3FHD
T—UEIE. T4 AV aryDEEREIRT 3
MY I PERT ORI NE T, Hi:
"[Field 1, Dimension_1, False]" 3.
Field_1 23 Dimension_ 1~y &3N3 Z
*ERLET, "[Element_1,
Dimension_2, Truel" Z. Element_1 2%
Dimension 2 I L TEIRINDZ Z L ZRL
9,

fl2:2F/HEHDY R b: ([[Field 2,
ExistMeasureElement, False],
[Field_3, NewMeasureElement,

Truel, ...]1) X TMIEMET—R T4 X~
YavERO~y SEHRICHEHINE T,

3ODEEFOZFNZNADY R NI, HIEHESE
DRy EYIERERLET, 3FHDO T —L
fEE. FTLVWERZEN T 208X DL %
IR 7D ENEF, "[Field_2,
ExistMeasureElement, False]" &,
Field_2 7’ ExistMeasureElement iZ< v
TEINBEZeERLET, "[Field_3,
NewMeasureElement, Truel" i&.
NewMeasureElement 23
selected_measure TEIRX W78l T — X
TARAYYayTHERHENDHD, Field_3
MERZS Y TEINBZeZRLET,
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% 255. tmlexport / — RO 7ONT« — (Fi %)

tmlexport / — KD Fm 74

—

7 S

Zans s —ouH

selected_measure

string

BT —2 T4 X arZ2iELET,

i
setPropertyValue("selected_measure
", "Measures")

xmlexportnode 7O /\NT —

XMLZZ ZKR—=1F « J—=FTE, XMLIERDO 774 vicT—& 2L ET, &7
<XML> 2aryT, TVAR—FPLETFT—ZE2AMY —LIZHAAL XML AT/ — R 2B

TEET,

1l

stream = modeler.script.stream()
xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full_filename", "c:/export/data.xml")

xmlexportnode.setPropertyValue("map",

catalog/book/title", "title"]1])

[["/catalog/book/genre", "genxre"]l, ["/

3R 256. xmlexportnode 70O /\N T+« —

xmlexportnode 7’0 %7 ¢ — 5 — FaRT 4 —D

full filename string (WE)XMLZ 7 ZAKR—b « 77 L ILDZESR
RABIU 7 74 V54,

use_xml_schema flag XML X F—~ (XSD 7 7 A )L ¥ 7213 DTD
77 ANV BEALT, =7AR—-bZh
72T — X OME R GRS 208 5 D EfEE
L%,

full schema_filename string 32 XSD 7 7 A V%7213 DTD 7 7 A
NDFERRABIU T 7 4 V£,
use_xml_schema 7 true IZF%E AL TW
B EICDARAETT,

generate_import flag IIZAR—=—bEINLT =R - T7AN%A
MY —AICHAAL XMLAT — K% H
AR L £5,

records string L a— PO %29 XPath 1,

map string XMLAEEIZ 74 =V R BB~y Y7L

£3,
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i 18 ¥ IBM SPSS Statistics / — FDO a5 4 —

statisticsimportnode 7O /\F 1 —

P, Statistics 7 7 A )L+ / — FiZ, FUERZMH 3 % IBM SPSS Statistics T Z
| % .sav ¥721% .zsav 7 7 A VIERD 7 — X B X F IBM SPSS Modeler IZfR- 17 X 117
: Fryvya- - T77 ANV ERAAATT,

il

stream = modeler.script.stream()

statisticsimportnode = stream.createAt("statisticsimport", "SAV Import",
200, 200)

statisticsimportnode.setPropertyValue("full_filename", "C:/data/druglin.sav")
statisticsimportnode.setPropertyValue("import_names", True)
statisticsimportnode.setPropertyValue("import_data", True)

3R 257. statisticsimportnode 7O /X7« —

statisticsimportnode v % | 57— &%l FanT 4 —DHH
74—
full_filename string NRAZEL, TTRIRT 7 4 V.
password string RAT— K, password /87 X — &I,
file_encrypted /87 X —& X H B HNIC
RETIREDNDHDET,
file_encrypted flag 77 ANDNRRAT — FRESI TN S Y
2 7P
import_names NamesAndLabels BRGNS NV BT B 5k,
LabelsAsNames
import_data DataAndLabels iy 52T 2 )51k,
LabelsAsData
use_field_format_for_stor [Boolean A > R— FRFIZ IBM SPSS Statistics 7 4
age — IV RIEAEWMEHHT 208 5 02 HE
LE9,

statisticstransformnode 70/\F 1 —

Statistics Z#: 7 — FiZ. IBM SPSS Modeler D5 — & - ¥ — 212513 % IBM SPSS
[ @ Statistics Y &X v 7 R » A=Y FOBRRZITVWET, 2D/ — Fid. Sk 2
\ s 5.2 547> IBM SPSS Statistics 2 P'— 2SR ETF,



il

stream = modeler.script.stream()
statisticstransformnode = stream.createAt("statisticstransform",
"Transform", 200, 200)

statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na +
K.II)

statisticstransformnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed
Drugs")

statisticstransformnode.setPropertyValue("check_before_saving", True)

3= 258. statisticstransformnode /N7« —

statisticstransformnode v 85 4 — 5 2l FuRTF 4 —D Bl
syntax string
check_before_saving flag HE*RET 2800, ATTXH

=Y U Ry P ARRAEL E9,
SRy T ARG E R,
I5— Xovb—I%RRLE
T

default_include flag AL 166 =YD
filternode 7w %74 —1 D b
Yy 7 2ZRLTLIEEWN,

include flag LR 166 =YD
[filternode @ %7 4 —J @D b
Ey 7SR TLIEEWN,

new_name string L 166 R—=TVD
Ifilternode 7w %7 4 —1 @ b
Yy 72 BRL TSIV,

statisticsmodelnode 70O/\7 1 —

Statistics 7L + / — F2HH T2 . PMML Z/ERL 3 % IBM SPSS Statistics Tt
@ EREITLTCT—XEmMBIXIERT22enTEET, 2O/ — R, 94k
25z 517 IBM SPSS Statistics @ a ¥ — S AET9,

il

stream = modeler.script.stream()
statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)
statisticsmodelnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")

statisticsmodelnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed

Drugs")

statisticsmodelnode 71 35 4 — T—5R ZTanxs 1 —DitH

syntax string

default_include flag FFLCIE, 165 =YD
Ffilternode @874 —J4 @
Yy 7 2ZRLTLEEW,
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statisticsmodelnode a5 4t — T — & Fans 4 —0OHH

include flag L 166 R—=TVD
[filternode @ %7 4 —J D b
Ey 7 2SR TLIEEWN,

new_name string LI 166 R—=TVD
Ifilternode 7w %7 4 —1 @ b
Yy 72 BRL TSIV,

statisticsoutputnode 7O /N T —

Statistics i/1 / — FZ{HiH 3 % £. IBM SPSS Statistics F#it = Z M H L. IBM
7] SPSS Modeler ¥ — X 032 Z L B TE FF, X %X %74 IBM SPSS Statistics
= IFHREXCT 7R TEET, 2O/ — R, 942052 6507 IBMSPSS
Statistics ® a ¥'— 23 ET9,

il

stream = modeler.script.stream()

statisticsoutputnode = stream.createAt("statisticsoutput", "Output", 200,
200)

statisticsoutputnode.setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A)
BP(A) Cholesterol(A)")
statisticsoutputnode.setPropertyValue("use_output_name", False)
statisticsoutputnode.setPropertyValue("output_mode", "File")
statisticsoutputnode.setPropertyValue("full_filename", "Cases by Age, Sex
and Medical History")

statisticsoutputnode.setPropertyValue("file_type", "HTML")

3R 259. statisticsoutputnode 7O/ T« —
statisticsoutputnode 7B X7 1 — 5 R FRT 4 —0D B
mode Dialog 'IBM SPSS Statistics X1 7 1
Tl AT avERE IRy
7 TR LT 4 R—TERLE T,
syntax string
use_output_name flag
output_name string
output_mode Screen
File
full_filename string
file_type HTML
SPV
SPW

%5 18 % IBM SPSS Statistics / — FD 7137 1 — 423



statisticsexportnode 7 /\ T —

, Statistics =2 AR — F + / — KT, IBM SPSS Statistics .sav 721 .zsav 7 + — <
v hTTF—&%ZHNHLEF, .sav £7/21F .zsav 7 7 £ L&, IBM SPSS Statistics
Base BXUZ DO THAAL Z B TEE T, ZDFRIX. IBMSPSS
Modeler DF ¥ v o + 77 A L THHHEINE T,

{51

stream = modeler.script.stream()

statisticsexportnode = stream.createAt("statisticsexport", "Export", 200,
200)

statisticsexportnode.setPropertyValue("full filename", "c:/output/
SPSS_Statistics _out.sav")
statisticsexportnode.setPropertyValue("field_names", "Names")

statisticsexportnode.setPropertyValue("launch_application", True)
statisticsexportnode.setPropertyValue("generate_import", True)

3R 260. statisticsexportnode 7O /N7« —

statisticsexportn | 57— 2%l Fag 4 —D B
ode 7’05 4 —

full_filename string
file_type sav 77 A NV% sav ¥£7213 zsav TR TIRIFL £ 5, BUTfl
ZRLET,
zsav
statisticsexportnode.setPropertyValue("file_
.typell , "S&V")
encrypt_file flag 7 7 ANDNZAT — RMREZNTWE 0L 5 D,
password string NRAT — R,

launch_applicatio |flag
n

export_names NamesAndLabels | =7 2K — FREZ 7 1 —)L K 4% IBM SPSS Modeler 2> &
IBM SPSS Statistics % 7213 SAS Z8 & 1 BHEA T £ 3,

NamesAslLabels

generate_import flag
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55 19 ¥ Python / — RO X5 4 —

gmm D 7O/NT1—

HURAREOETIVIE, RIS T X =2 E2ROBERMEBDH I X3 M DEED» H TN

> TOT =R KA ¥ FHEREING LARET 2MERETNVTT, BAEETVE T —X
DITTHEE B KX CBIES U X 0 OHUDICE S 2 (B2 ELD AT 72 8 D —ffl K-
means 7 ARV T EZ LI B TEE T, SPSS Modeler DAV RESR/ —F
FAVRBETA T IV —DaT7BEEB IO I HHINEZ NI X =X RNHL %
T, 2D/ — FiX Python TEEINTWVWET,

£ 261. gmm OO/ T 1 —

gmm D 78T 4 —

7SR

Fars 4 —0

use_partition

boolean

True ¥721% False TR EL T, 77— XK
DT —REFRATEINE D NEIRELE
3, 774/ M False T9,

covariance_type

string

Full, Tied. Diag. F7zi% Spherical
ZHREL THDHEA T2RELET,

number_component

integer

BEayR—%Y bOHOBKEIEEL £
T, B/MEIZLITY., T740MEEZ2
T

component_lable

boolean

T IAR— FNVELFHNCHET 51
X True ZIBEL. 7 72X — L%
EICEHET 3121F False ZHEEL £ 7,
7 %L & False T3,

label_prefix

string

XFHNDT F AR — VT 58
Bl WEMZIEETEET,

enable_random_seed

boolean

VR L — RIS 25813,
True ZI8EL 3, 7 74/ Mid False
T,

random_seed

integer

ZUR L Y— REFRT 2551 BEA
Y INDOEBIHERT 2B EEEL F
T,

tol

Double

IRLEWEERIEELE T, 7740 MZ
0.000.1 T3,

max_iter

integer

FATT o REDRAREHZIEEL £, 7
7 4L ME 100 T,

init_params

string

AT 2R ENRTA—Z—2RELF
T, A7 a X Kmeans % 7z13 Random
T,

warm_start

boolean

REDEESDRE, HEDRXROMULH LD
WIHARRE Y L THEH S 512id. True %45
ELET, 774/ MX False T3,




hdbscannode ® 70O/\7 1 —

Hierarchical Density-Based Spatial Clustermg (HDBSCAN)® &, #fifize L8 %M

[im LTF—& -ty D2 T 2K~

HEOEWIEE) 2L £3, SPSS

Modeler ® HDBSCAN / — F i, HDBSCAN ATV —Da7EREB IR HEH
ENBNRTRXA=R=FRNHLET, \_0)/—1\&3: Python THEXNTEB D, &HIC

TN —T DB
T R7DIHEHTEES,

i))‘gfotb\ﬁm s

— Xy VEERLRAZIN—F 127 52X —AL

# 262. hdbscannode @ 7O /N T+ —

hdbscannode ® 7 35 4 —

7 B8l

%L:I

Fanxy s —oHH

inputs

field

IIRARY Y TDASTT 4 =LK,

useHPO

boolean

Rbfopt ICHED { N A »8—=8F X — X IR
L2 HEMTT 31201 true ZHE L. ER
I3 512i% false ZHEL T, A8
—RIRXA—REFEILEBINMCT 2, 87
X — R DEHE A A DB D BN
SN, I BETINDRER)
FTHMEML IR 3, 7740 ME
false T3,

min_cluster_size

integer

2 7 AR —DRNA X, BREIEEL T
(&, 774V I 5T,

min_samples

integer

HBERA IR a7 R4 e RzEh
572D DEFEDY > IV, BEERREL
T(fi\éb\o O&u ibf\-’ﬁlﬂ\
min_cluster_size WM F T, 7
74V ME O T,

algorithm

string

%2713 X L% best, generic,
prims_kdtree. prims_balltree.
boruvka_kdtree. 7%
boruvka_balltree 25 EEL X5, 7
7 L M best TT,

metric

string

FERERLSIN D A > A & > A D ERE% 51 E
THEXIHHTEIXA NIy %
euclidean, cityblock. L1, L2,
manhattan. braycurtis., canberra.
chebyshev, correlation,
minkowski. ¥ 721 sqeuclidean 2 515
ELET, 774/ M&euclidean T
K

useStringlabel

boolean

XFHND I FAR— VRS 51
X true ZHEEL. BEDO I F AKX — FX
LR 5121 false ZIEEL F5,
F7 %L & false T,

stringlabelPrefix

string

useStringLabel NI R =& =73 true
WKEREZNTWRIHER. XFHID F v
HHEFOMEZIEELE T, 7741 M D%
PEEFIX cluster T,
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& 262. hdbscannode ® 70O/NT+ — (i %)

hdbscannode ® 7 35 4 — F— &

Fars 4 —0

approx_min_span_tzree boolean

WERNAN Y = 70 ) — &2 F AL

512 true ZHFEELE T, EHEXDD
WHE YIS 255 1% false ZIEE
LES, 774 & true T,

cluster_selection_method string

EMEY V=607 T AR—%B8IRT 5729
WS 2 XYy K% eom £721% 1leaf
MOIEELET, 774/ Mi& eom
(Excess of Mass 7L 3V X L) T,

allow_single_cluster boolean

H—27 52X —fEREH T 2855813,
true ZFEEL T, 774+ M3 false
<5,

p_value double

X MY 2712 minkowski Z{HHLTW3
BEX. RSP EXEELES, 77
L ME1.5TT,

leaf_size integer

AR=ZA VY= FNTY XA
(boruvka_kdtree F7-1%
boruvka_balltree) ZfH L T\ 215
Bl VIV —DY—7 J—FHNDORAL Vb
BEEELE T, 774/ MT 40T,

outputValidity boolean

FEMEAL Ty TR TS IBETFIAHS
TEENDZDE D EHET 51213 true
F7-1% false Zf5EL F9,

outputCondensed boolean

EfEy ) — 7o IonETFLHAREEN
05 RIS 5121 true 7213
false Zf5EL E3,

outputSinglelLinkage boolean

HEEY )V — o 7nEr A B ICE S
NBDY D 2T 2121 true £721%
false ZHHEL E 3,

outputMinSpan boolean

BRNANRY =27 D)= 75 TIRET N
HINCEENZ 0 S 2 dilill$ 5 121&
true ¥7-1% false T L £ 9,

is_split

N—Y =z 18.2.1.1 TEM

kdemodel D 70O/\NT 1 —

H— 3 IVEEHEE (KDE)© (X, Ball Tree £7213 KD Tree D 7 LIV X LR FHL TS

A TURMEL L. AR LEE, BMRTY =7 VS, Fe ZOEFLOBES
PREALE T, KDE R E DR —Z2DTEN, &d K HH IR, BHREBEHTE
FiE T3, SPSS Modeler ® KDE EFAMERB LU KDES I 2L —Ya>dD/—F
WE.KDEZA 72V —Da7BiEB I NI FHINEZRIX—XERNHLET, &
N5D /) — R Python THEXNTVE T,

% 19 E Python / — RO 77 1 — 427



3R 263. kdemodel ® 0O /NT+ —

kdemodel ® 71 X5 4 — T—5H Faxs s —0HH

bandwidth double 774N MI1LTT,

kernel string f#/H3 %5 —+%/:gaussian, tophat,
epanechnikov, exponential,
linear., ¥7zlX cosine, 774/ M
gaussian T3,

algorithm string FHT 2V — 713V XA kd_tree.
ball_tree. F7/zlXauto, 77+ /L hiZ
auto T3,

metric string AT e JICHHT A2 X MY v
27, kd_tree 713V XA DEFEIZ,
Euclidean, Chebyshev, Cityblock,
Minkowski, Manhattan., Infinity.
P. L2, ¥ L1200 #IRL¥9,
ball_tree 713V X ADBAEIZ,
Euclidian, Braycurtis. Chebyshev,
Canberra, Cityblock. Dice,
Hamming., Infinity. Jaccard. L1,
L2, Minkowski., Matching.
Manhattan. P. Rogersanimoto.
Russellrao, Sokalmichener,
Sokalsneath, £7:21& Kulsinski 7» 5%
RLUZE$F, 774/ MI Euclidean T
ERS

atol float HET HHROMNTEE, — iz, FE
ERRELT 2 ETHEEN VD £9,
774 MIX 0.0 T,

rtol float WET DR OMENMIFEE, —fic, FE
EERELT2 e, FITHEED 2D 5,
T 74 MI1E-8 T3,

breadthFirst boolean BEED 7 Fa—F2H3T 5121k, True
ICREL £, RSEIEDT 7o —F % fl

Ne—Ta 1821105 M9 21203, False CREL£T, 774

breadth_first ICH4RIMNZEE X v bid True TS,

nFE L7,

LeafSize integer BEARE122V)—DYV =T ¥4 X, 77
AL MILA0 TS, ZOMEEEET DL,

N—T 321821195 NI 4= VR KELHE 5 Z 506k

leaf_size ICHHINLEXNE (L2 0

L7z

pValue double X MY w712 Minkowski Zf#H L TW3
Bad. HIT 2 PHEEZEELET, 77
NV MF1.5TT,

custom_name

default_node_name
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K 263. kdemodel D 70O/NT+ — (i %)

kdemodel ® 1 35 4 —

7 S

Farns 4 —0i

use_HPO

kdeexport 7O/\NT 1 —

H— 3 IVEEHEE (KDE)© 13, BallTree £7/213 KD Tree D7 L3 ) X LB EHL TS

AN TR L, HER LY, BEET Y OS7) v, P R DEFLOMS
AL E T, KDE R EDIEER—ZXDFEN, Fd L HH I, AHREEHE
FIE T, SPSS Modeler ® KDE ETNMAERB LS KDE> I 2L —>a>ydD/— K
3. KDE 94 75 ) —Da7 HEEB IO LI HHINEZ R FA—XENHLET, &
N5?D 7 — KX Python THEEINTVE T,

3R 264. kdeexport 7OINT«1 —

kdeexpoxrt 7 87 4 —

7 B8

Fars 4 —0i

bandwidth

double

FI7 4L MF 1T,

kernel

string

/55— %/ gaussian 721
tophat, 77 # /L M& gaussian T9,

algorithm

string

FHT 2V — 713V XL kd_tree.
ball tree. %7zl auto, 774V M
auto T3,

metric

string

HEEEATE T2 ZICHHT XA MY v
7. kd_tree 713V X LD A,
Euclidean, Chebyshev, Cityblock,
Minkowski, Manhattan, Infinity,
P, L2, £/ L1 2568RLET,

ball tree 713V X ADEEIE.
Euclidian., Braycurtis. Chebyshev,
Canberra, Cityblock. Dice,
Hamming, Infinity. Jaccard. L1,
L2, Minkowski., Matching,
Manhattan. P. Rogersanimoto.
Russellrao. Sokalmichener,
Sokalsneath, ¥7/21% Kulsinski 7» &3
RLUZEF, 774/ MI Euclidean T
E

atol

float

HET HMEROMENTEE, — i, 7T
ErREL T2 FTHEN LN T,
FI7F#)NLME 0.0 T,

rtol

float

THET HMEROENTEE, —ic. FE
ErREL T2 FTHENEND T,
F 7% M& 1E-8 T,

breadthFirst

boolean

BB 7 7a—F 2T 2123, True
WRELE T, ESBLED7 Tu—F%ff
A3 31213, False KRELE T, T 7+
JL M True T3,
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% 264. kdeexport 7O NT 1 — (Ft &)

kdeexport 7@ 87 4 — Vbt £ Faxs s —0HH

LeafSize integer BEARE122V)—DV =T ¥4 X, 77
AL MI A0 TS, ZOMEEEET D L,
NI =< VAT RKRELRERE 2 576
H2HDET,

pValue double X Vw2712 Minkowski Z{#H L TW\3

BEk. HHT2PEEEELES, 77
AL MT1.5TT,

gmm Q7O/NT1—

HIZBRECET ML, RANRT X —ZEFOBRMEBRDH 7 ZA5HDIEEDH TR

> TOTF— &R KAV IPERINZ LIRET 2HERETFTNLTT, BEET VL. T—X
DOFHGEREE B X BIES 7 20O FINCEE T 2 1ERZH D AT 720 O —f&1L K-
means 7 S ARV YT EZ LI R TEE T, SPSS Modeler DY REE/ — K
F. AV RBETA T IV —Da 7 EEEB IO I FHINZ NI X —X BN L %
T, ZD/— RiZ Python THEXNTVE T,

% 265. gmm O TO/NXT 1 —

gmm D7 INT 4 —

7— 28

Fang 4 —D

use_partition

boolean

True 721X False ICHREL T, T— &KX
DTF—REFHT NI PEEELE
T, 77+ MI False T3,

covariance_type

string

Full, Tied. Diag. F7zi% Spherical
ZHEELTHIHEA TR ELET,

number_component

integer

BEavR—32 OBOBBZIREL £
T, RMEIZ LTS, T 74V MEZ?2
T,

component_lable

boolean

T IAR— FOVELFHINERET 51
X True ZI8EL. 79 AX— FLEH
fEHICERET 3121 False ZIEEL £7,
77 %)L & False T9,

label_prefix

string

XFHD T 5 AR — S OVEFHT 385
B, HENPEETEE T,

enable_random_seed

boolean

7R L Y— REREHICT 255813,
True ZI8E L E3, 774/ M False
D

random_seed

integer

TURL = FEERT 25513, HEIES
Y INDERIMEM T 2B EHEEL X
b;_o

tol

Double

IRLEWHEZIEELE T, 7740 ME
0.000.1T7%,

max_iter

integer

KITT o REORABIBZEEL LT, 7
74V ME 100 T,
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£ 265.gmm O FONT 1 — (#i X)

gmm O FVRT 4 — 7 =R Furs 4 —o

init_params string AT 2VHRE TR =X -2 REL X
T, * 7> a ik Kmeans £ 7213 Random
T3,

warm_start boolean REDBEADE, HWEDRDOFERHL D

AR E Y LTHEH T 2121, True %215
ELET, 74 M False T3,

ocsvmnode O 7O/\F 1 —

One-Class SVM / — FTid, iR LFEE 7NV T Y X L2 EHLET, D/ —F
£ F. FHEMRAIOHWTHEATEEY, 20/ —Fid. 526hkd> 7L kv b
- DY 7 MEREBHIL, FHEA Y 2220ty MIET 20, BV EDEL
%3, SPSS Modeler ® One-Class SVM EFNLAER / — FiZ Python TEEXNTH
D, scikit-learn®Python 74 75 1) —% B L ¥ T,

& 266. ocsvmnode O T O/NT+ —

ocsvmnode O 7T 4§ — 7 — 5K FaRT 4 — D
role_use string ERFAHDIENZEHT 51213
e predefined Zf5E L. 2 —F—E 7«

e §-181'§'1ﬁ§%§@g —)L R O#E D ST EMAHT 5121E custom

CUSTOM_11€L0S (-l PHEELET, 774 M predefined

h‘i Lf:o ‘/ij-

splits field DEHD7 4 =NV FHDY X b,

use_partition Boolean true ¥/-1k false Zf68EL X3, 77
4L M true TF, true WKE&EL Y
Bl ETNVOMEIHIIFEE T — X DAH
FHINET,

mode_type string E—F, HHETZSMEIX. simple F721Z
expert T3, simple ZI5E L1254
3 TZF =] RTDFTRTDAT A
— RPN D E T

stopping_criteria string FEREREL DT, EET = B{HIT.
1.0E-1. 1.0E-2, 1.0E-3. 1.0E-4,
1.0E-5. ¥721X1.0E-6 T3, 774/
ME1.0E-3T9,

precision float FIFEREEE (= 2 =), FEBRAEB XY R—
b R7Z—D/NEERDOHIFHTT, 0 XD
RELCL.OMUTOREZIEE L TLLE
W, 774/ HMIX0.1TT,

kernel string TUTYZLTHHAT 2 H—FL &4 T

6T = 2fHiX linear, poly. rbf,
sigmoid. ¥7:1% precomputed T3, 7
7 4V M rhf T,
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& 266. ocsvmnode D TO/NT+ —

(KE &)

ocsvmnode O 7185 4 —

7 S

Farns 4 —0i

enable_gamma

Boolean

gamma 87 X — X Z G L ETF, true
F/213 false ZfEELE T, 7741 b
¥ true T3,

gamma

float

ZDNRFTRA—=RIIH =3 rbi, poly, B
XU sigmoid DHFEIWTDAERTT,
enable_gamma »$7 X — X% false &%
ELZBE. 2D87 X —&i% auto IZE
EXINFET, true TRELEA. 77
ANV MX0.1 T,

coefd

float

B =2V O LT HE, 2085 X
— &%, poly I—H B X sigmoid 7
— I DGEWZDAEN TS, 774k
X 0.0 T3,

degree

integer

%ﬁﬁ@ﬁ—%w%ﬁwmﬁo;®ﬂix
— &, poly =3 VDEEIZDAHER)
TS, EREOBEEZIEELES, 7741
MZ 3 TS,

shrinking

Boolean

it 2—VRT4 v 7 « AT arifl
M3 2050 %fEELET, true £/
¥ false I EELE T, 774 NI
false T3,

enable _cache_size

Boolean

cache_size XTI X —XEHMILF T,
true ¥7-1 false ZHEELE T, 77
L M false T3,

cache_size

float

H—FN FxvdadDH AR (MB), 77
4L MiZ 200 T,

pc_type

string

ATHERE 2 7 4 v VADRA T, FEET
% 547> a ¥ independent F 721X
general TI,

lines_amount

integer

75749 78D 5RKNTH. 155
1000 DR ZfEEL 95,

lines_fields_custom

Boolean

lines_fields I X —&XZHIIL., 7
FIHNCHARL « 74— F&FRT
X2 X951 L%d, false KREL S

B TRTD7 4 — L ERFRRINET,

true ITHE L7255 G, lines_fields »¢F X
—RTRELE 74 — L FDARFRRIN
F94, X7+ —< R FOMEA»PS, BKX
T20MHD 7 4 =V ERFRRINE T,

lines_fields

field

7T 74w ZICEEHE LTEDSE 74—
ILFHZHDY R b,
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& 266. ocsvmnode D TO/NT+ —

(KE &)

ocsvmnode O 7185 4 —

7 S

Farns 4 —0i

enable_graphic

Boolean

true £/21% false #IEELE T, 5

74 v 7 HMHZEMTL % § (R % 5k
L. AMY—L4 7740 %A X% HITK
LEWGER. COF Ty a v REMICL
TLEEW),

enable_hpo

Boolean

true ¥721% false IZfEE L T, HPO A7
TavEEMELITEMILE T, true
IZFRE S % ¥ Rbfopt 255EH X 41, HEIIC
Mf%5#7% ) One-Class SVM & 7L 3| Hl] X
NExd, ToHE. 2—F=HLTD
target_objval T X —&X—TEZEL
HEMEICEEL £5,

target_objval

float

HiEr 52 HRBE (> et d 5 €
TIOLDFRAER) OfE (Fl 21X, RIND FiE S
tEDfl), REZHDRHLEEIE, DS
TR =R —Z Y EH (0.01 R Y) ITRE
LTLEZW,

max_iterations

integer

ETNERITT ERANER, 77401
131000 T3,

max_evaluations

integer

HEXDEELEHRIT 2550, T4 E
T3 5 -0 OBEEEHE O R KB E, 77
L MlE 300 TT,

rfnode 70O/ T

SYRLTHLRAL + J—FiE, VU — - EFAREAEF LY UCHAT 2 1%
.k Y7 T RADEERFELER ML ET, SPSSModeler D7 2 XL T4 LA
F EFAAERL / — FiZ Python THEEXNTE D, scikit-learn® Python 74 7
TN =B LET,

% 267. rfnode 7O/NT 1

rfnode 7187 4 7 —5% Fuars 4 —0

role_use string TEFRFHDEEN 2T 2120
predefined Z#EE L. T —¥ —FE 7 4
— L FOED HTEMEHT 5121 custom
ZEELE T, 7741 i predefined
T,

inputs field ASTHD 7 4 =V FZDY R b,

splits field DERHD7 4 =L EHDY R b,

n_estimators integer TE S 2V -8, 774112 10T

ERS
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% 267. rfnode 70/NT 4 (Fi %)

rfnode 7 35 4 F— & TNy 4 —D N

specify_max_depth Boolean HNARLDERRKDFES ZIEELE T,
false DEE. V=7 BT X THIKR Y —
TIIZKBET, FRETXRTOYV —=7DH
> INEH min_samples_split AKiiiC
BRBET/— R 2EAZINET, 7740
M& false T,

max_depth integer V) —DIRKDFEX, 774/ X 10T
R

min_samples_leaf integer V=0 J—=FDERNIA X, 7741
317T9,

max_features string BREODE|ZRDZ L ZICEET D T4 —
F ¥ — D

- auto OGE. T
max_features=sqrt(n_features)

ZEMAL. [

max_features=sqrt(n_features) % {#
LET,

. sqrt DHAI
max_features=sqrt(n_features)
T3,

« log2 O&%E1E max_features=1og2
(n_features) T3,

F 7% M& auto T3,

bootstrap Boolean VU —DERIC T AT T B
IVEFHLES, 7740 ME true T
K

oob_score Boolean Out of Bag > % il L T—(L D
ERHELET, 7 74/L MAX false
T,

extreme Boolean Extremely Randomized Trees Z i L %
I, 774 & false TT,

use_random_seed Boolean MREPEHET 2. Chz2BEELET,
77 4L Mg false T,

random_seed integer V) — DOIERRIRICE § 2 L8 — k. T
BEOBKZIEELET,

cache_size float H—2I)L Fxv>aDH A X (MB), 77

F L MiE 200 T,

enable_random_seed Boolean random_seed T X — X B H ML %
3, true £/-id false ZfEE LT, 77
# b M& false T3,
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% 267. rfnode 70/NT 4 (Fi %)

rfnode 737 4

7 S

Farns 4 —0i

enable_hpo

Boolean

true £7-1% false IZ¥EE L T, HPO * 7
SarviERAMELIIEMMILE T, true
IZEXE T % ¢ Rbfopt 25EH & v, HEIWIC
MEoie ] V&L 74 LA EFAHMRH
MENET, ZOHE. 2—F=2LITOD
target_objval X7 X —XTEHRLH
BEICERZEL £ 55

target_objval

float

HiEr 52 HIBEE (> et d %€
TILDFEER) OfE (B 212, RAIDRESE
HDME), RESREBTHLZGE X, ZDo8
5x~&—%@%m@@ﬂ1mznﬁ%ﬁ
LT X,

max_iterations

integer

ETNEBTT 2 RARER. 7741
1% 1000 T,

max_evaluations

integer

HEXIDEEZEMHT 255D, ET1%
niW?TZ) 7;@@55%(n¥ﬁﬁ@ﬂijqﬁlﬁ 77
4V ME 300 TT,

smotenode D 7O/\7T+

EWSIFEDDF—N—H SV T - 7ATYILEFEMLUEST, Uk, F—

@ SMOTE (Synthetic Minority Over-sampling Technique) / — FIZ AR 7 — X -t v +

&@ﬂ@k@t@@ﬁﬁ@?&ﬁ%1éh&?}S%SWﬂda@SMmE7nkx
— Fi& Python THEEXNTED, imbalanced-learn® Python 74 75V —%

M\Ek L&,

£ 268. smotenode O 7O/ T+

smotenode O 7' X F 4 5 — W Fur5F 4 —D B

target_field field PUE P I

N—a» 18.2.1.1 55 target

WHHIDEEINE L,

sample_ratio string AARARLDHRDEZFEHTES L5I1CL
9, A7 avii. HE
(sample_ratio_auto) ¥ Lt E
(sample_ratio_manual) ® 2 DT9,

sample_ratio_value float ZhUE, v¥a VT4 — ZIADY T
BIINT 947V T4 — ZFADY >
TINVEDERTT, 0 LD KX 1T
TR D FERA, T 741 MZ
auto T3,

enable_random_seed Boolean true ICERE L7551 random_seed 7
D)\Oi‘/f ﬁ)ﬁ)‘b&vti D ij—o

random_seed integer BERELV—FickoTHEHINS > —

Fo
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R 268. smotenode D FO/NT+ (Fix)

N—=T 318211 H»5
use_partition ICHAIHNEE X
NE L7,

smotenode O 7B X F 4 5 W Frr5F 4 —D B

k_neighbours integer BIY Y TVEAEKT 272D T % &
IO, 774V ME5TT,

m_neighbours integer <A VT4 — Y IADERRIRINC
H20EESPHWT 2 7-DIEHT 55K
HHEOE, ZOA 7T a i, SMOTE 7
N3 X LDOFESHED borderlinel B &
* borderline2 DA D A FATHE
T9, 774/ MFT10TT,

algorithm_kind string SMOTE 7LV X A D FEfH: regular,
borderlinel. F7ziX borderline2,

N—Ta 182117056

algorithm ICHHINEE I NF

L7z,

usepartition Boolean true ITHRE LGB, ET VORI

FET-ROBPHEMEINET, 7740
M& true TS,

tsnenode 7O/\ T+

t 434 Stochastic Neighbor Embedding (t-SNE) 1%, &Rt T — Z DRBEALD7=d DY

%

BREE LET,

b % =TT, t-SNEE, 7—& KA ¥+ O 2 HESRICEH L £3, SPSS Modeler
D t-SNE / — FiX Python THEE XN TE D, scikit-learn® Python 74 77 1 —

£ 269. tsnenode 7O/ T+

N—Ta»18.2.1.1 55 target
WHHIDZEEINE L,

tsnenode 71 %7 4 T—5H Fang 4 —DHH

mode_type string simple £— F %7213 expert £— F %45
ELET,

n_components string HIAABZEB DRIT (2 KT 7213 3 K
TC)o 2 F/E3REELET, T 740
MI2T9,

method string barnes_hut £7zld exact Zf5EL ¥
3, 7 7%/ & barnes_hut TT,

init string HDHABDOYIIAL, random 7213 pca
ZEELET, 774 & random T
T

target_field string WRT 4 =N, ZODMNT T T7DH

F— 2y AR ET, WRT74—1LF
PIEELRWVWE, 77 712 1B FEHE
NEJ,
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&K 269. tsnenode 7O/NT+ (Fix)

tsnenode 7’0 85 4

7 S

Fars 4 —0

perplexity

float

Perplexity i&. D ZHAEEE 7 LT Y X
LTSN 2 BB OBUCEEE L £ 3,
HE, 7—&X 2y PAREWVZE, BEE
X b Perplexity b KE< KD EF, 5
5 50 D DEZENT 5 2L 2ERL T
7ZE W, 774/ ME 30T,

early_exaggeration

float

WHIAAZEMNCZ BT 5., JTTOZER O HR Y
FAR—DKEE, BLUOII7RX—RD
ElEZHIE LS, 7741083 12.0°T
3

learning_rate

float

F7 L & 200 T,

n_iter

integer

BEL DI R IER, 250 DL EICEREL T
XV, T4 ME 1000 TH,

angle

float

HERA Y I OHELET/ — KD
YA X, 00056 1 DOBOERIEEL T,
F74)MX0O.5TT,

enable_random_seed

Boolean

random_seed XTI X — X B H T B
E, true TRELE T, 7740 M
false T3,

random_seed

integer

T 2E8 — K, 77+ & None
TTO

n_iter_without_progress

integer

MRS DI CHRIIM. 77 41 1 1E 300
<7,

min_grad_norm

string

B VAP DOL EWEZ TE B854,
RE(EFREnE T, T741 ME
1.0E-7 T3, fEETEAHIMUTDOE B
b Vé‘j_o

«1.0E-1
+ 1.0E-2
.0E-3
.0E-4
.0E-5
.0E-6
.0E-7
.0E-8

S EE N

isGridSearch

Boolean

R D FE 72 % Perplexity T t-SNE % %17
T2, true ICRELET, T 741
MiX false T3,

output_Rename

Boolean

HAR L ERET D5EE true 215E
L. s BT 285801
false Zf5EL X3, 7 74V MiX
false T3,
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&K 269. tsnenode 7O/NT+ (Fix)

tsnenode Y1 87 4 7 —5% Fans 4 —0H

output_to string Screen £7/-1% Output Zf8E€L % ¥, 7
7 4V & Screen T,

full_filename string W77 ANVHERELET,

output_file_type string 774 R, HTML 721 Output

object ZEEL E3, 7 74 MiX
HTML T9,

xghoostlinearnode D 7 O/\ T«

XGBoost Linear® 1%, fRlEF V2 HAET LV E UTHHT 2A 7T —RT74 V7 -
TNANITVZALDEERFERETT, 7—RAT74 Y7 « 7ATVXLTIE, HORETIC
MDIRLEEEIE, 202 RNV EFIEMLU £3, SPSS Modeler @
XGBoost Linear ./ — K& Python THEEINTVWE T,

5% 270. xgboostlinearnode @ F /N7«

N—Ta>18211H»5
num_boost_round IC&RIHZE
éhi L/f:o

xghoostlinearnode ® 7w 37 | 7 — &Kl FRNT 4 —D

2

TargetField field

N—a 18211715 target

WHHIDZEBEINE L,

InputFields field

N— a3 18.2.1.1 5 inputs

WHHIDZEBEINE L,

alpha Double TINT 7 BN T 2T 4 V7 RTRX—=R&,
O U LDOEEOBEZFEE L TSIV,
T 74 ME 0T,

lambda Double FUEMUT =T 4 7 RFZRX—=K, 0
MEoEEOBIEZIEEL TSV, 7
ZHILMILTY,

lambdaBias Double FLENA TR T =T 4 27 RF
A =&, EFEOBEZIEELET, T 74
L MEOTT,

numBoostRound integer ETAERA D num boost round i, 1 %

5 1000 DEDEERIEELE T, T 741
ME 10 T3,
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% 270. xgboostlinearnode ® 7O /NT+ (it =)

xghoostlinearnode ® 71 7
4

7 S

Farns 4 —0i

objectiveType

string

FEEXZRI7DENEA T, FEETE 2HEIX
reg:linear. reg:logistic.
reg:gamma, reg:tweedie,
count:poisson, rank:pairwise.
binary:logistic., F7/lImulti TT,
7 7 JERDEE. binary:logistic
FzEmulti OAZFHTEE I,
multi ZEH 3 256, Xa 7HERICE
XGBoost HIYX 4 7 multi:softmax B
X Omulti:softprob R RENF T,

random_seed

integer

ELE — K, 0225 9999999 D #iH DIF
BOBMETYT, T741LFMIOTT,

useHPO

Boolean

true £7-1% false IZEE L CT. HPO 7
YavEAEMELITEMILE T, true
IZERE T % ¥ Rbfopt 233 X 41, HEIVIC
Mf%5#7% ) One-Class SVM & 7L A3 Hl] X
nNExd, ZoHE. —%—H»
target_objval X X —XTEHRLH
EEICERZEL £ 3,

xghoosttreenode A 7O/\ T+

XGBoost Tree® i, YV — EFNLEREAEF L LTHHAT A T —274 2 -
" FAT) R LDEERIETT, T—A7 1 7 - TAT) ZLTE, BOAETE
DR LR X8, 2R e RENRERWAOE TICBM L £3, XGBoost Y U —IXZ#K
MDD TEL, ZLD2—F—%2ERTRIIEDZHDRIX—R—DPHEINT
W¥3, ZD7=®, SPSSModeler ® XGBoost V'V —+ J—KTlX, a7 - 74 —F
Y —BIUOELEHINEZ AT XA =R =PRI TVET, ZD/— KX Python
THEEINTVWET,

3R 271. xgboosttreenode M 7O /N T«

xghoosttreenode O 71 37 ¢

7— 28

Fang 4 —D

TargetField

N—Ta»18.2.1.1 505 target
WHHIDEEINE L,

field

MR 4 —L K,

InputFields

N—Ta»18.2.1.1 55 inputs
WHHIDEEINE L,

field

A7 4=,

treeMethod

N—=ar18211»5
tree_method ICHRIMEHE XN
T L7

string

ETNLOMERDOY ) —Fik HETES
fElX, auto. exact. 7=l approx T
9, 774/ MI auto TT,
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% 271. xgboosttreenode D 7O/ T+ (§t X)

N—T3 182115056
evaluation _data_ratio ic%
BIDREBEINE LTz,

xghoosttreenode D 7 u 37 4 | F—4%l FTans 4 —0H

numBoostRound integer E T AR D num boost round i, 1 2>
5 1000 DEOMHEZIFEL £F, 7741

N—Ta 1821155 M3 10 TY,

num_boost_round ICHRIHZEH

INFE L7,

maxDepth integer V) —DREDRRFE, 1M EofEzis
ELET, 774 M 6T,

N—=Ta18211H»5

max_depth IZHHTNEE I N F

L7z

minChildWeight Double V) —DEED 25 DT DEADR/MHE,
O LDEEIEELE T, 774V ME 1

NeVa 1821155 T,

min_child_weight ICHRIHZE

HIhF Lk,

maxDeltaStep Double V) —DREDETAT v TDORKE, 0
UEDEZEELEST, 774130

N—Ta 1821155 T3,

max_delta_step ICHHINEHE

INE L7,

objectiveType string HEEZ7DHWEA T, FEETE BMHIX
reg:linear. reg:logistic.

Ne—T a2 1821105 reg:gamma, reg:tweedie,

objective_type IZ&R1HZEHE count:poisson, rank:pairwise.

XAFE LT, binary:logistic. F7ziImulti T3,
7 7 JERDOEE. binary:logistic
F2Emulti OAEZFHTEE I,
multi ZfEH 3 2558, XRa 7RI
XGBoost HIYX 4 7 multi:softmax B
X Omulti:softprob FRENF T,

earlyStopping Boolean IS IR T 508 5 774
LV M& False T9,

N—T a3 18.211»5

early_stopping ICHRINEE

INE L7,

earlyStoppingRounds integer FEEHATT 512, PR e FAFIE
Uy R IHEEL 7 — 2§ B E

}\\;__:‘/“E :/ 18.2.1.1 75)6 i)i\%b ij_o ?7?)»1‘&3: 10 wéj_o

early_stopping_rounds iZ#

AIPEEINE L,

evaluationDataRatio Double MFET 7 — IS 2 AN 7 — X DK,

FI7F )L ME 0.3 T,
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% 271. xgboosttreenode D 7O/ T+ (§t X)

xghoosttreenode ® 71 7 ¢ | F—xHl

Farns 4 —0i

random_seed integer BB — F, 0225 9999999 D #iH DI
BEOHMETT, 7741 MIOTT,
sampleSize Double WWEE S ZHIET 272003 73> T,

N—T3 1821105
sample_size WCHHINEE XN

0.1725 1.0 DEDHEERIEELET, T
T4V ME0.1TT,

T L7

eta Double WEESZHET 272004 —%, 005
LOMDEZIEELET, 7741 M
0.3 T9,

gamma Double WEEAS LT HET 27200k <, 0L L
DEEOBIEZIEL TSIV, 774
VM6 TY,

colsSampleRatio Double EHEEEZHEST 27200 1) —HlDFH

N—T3 182115056
col_sample_ratio ICHHIHZE
HXNhFE L

VT, 0.01 05 1 ODEERIEEL F
T, 774 MI LTI,

colsSamplelevel Double

N—T3 1821150156
col_sample_level ICHHIHZE

BEE S ZHIET 5 72D0 L ~LFI D5
YT, 0.01 505 1OBOEEIEELE
T, 774 MI LTI,

BINFE L,

lambda Double WREAEEZHET 27007 4%, 0L 1
DIEEOBEEIBEL T XV, 774
JLME1LTT,

alpha Double WREESEHET 27200717 7, 0L
LOEBEOBUEEZFEE L T ZS WV, 77
N ME 0T,

scalePosWeight Double T —& « 2y VERITZDDR I —

N—T a3 18.211»5
scale_pos_weight ICHHFIHZE
HIhF L,

ILDEDESL, 774NV MI1TT,

use_HPO

N— g > 18.2.1.1 FIZEM

% 19 E Python / — FD 7o %74 — 441
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5 20 ¥ Spark / — FD a5 4

isotonicasnode 70O /N7«

& Isotonic [EffE, [ER7 LY XD 77 IV —IZBL %3, SPSS Modeler ®
*ﬁ' Isotonic-AS / — Ri& Spark THEINTWE §, Isotonic [ElfF 7132V X ALIZDOW

AS TEEL <1, https://spark.apache.org/docs/2.2.0/mllib-isotonic-regression.html %

ST I,

&R 272. isotonicasnode 7O/NT+

isotonicasnode 7u 37 4 F— & g 4 —DHH

label string D7 aT 4%, Isotonic [AIIFAIFHE X
NENRDOEBERT T,

features string ZDTaRT 4 F BT,

weightCol string HAZ, HEOHERLET, 7741
31 T3,

isotonic Boolean ZDFanT 4k, XA 7D isotonic F
7213 antitonic DB HTH 2 0%ERL
T3,

featureIndex integer 2D 7 a7 4%, featuresCol A2
MHITH 255 DEERED A > 7 v 7 A H
Td, 741 MIOTT,

kmeansasnode 7/\7+ —

K-Means 1%, \d—fRNICHERHZINZ 75X XZ V7 7AITYVXLD1LDOTT, Z

2R EVERR L 3, SPSS Modeler @ K-Means-AS / — Fid Spark THEIXh TV

K DFZNVTYVZLE, T—=RBEA VIR IRARY VLT, BRMiERINEHD Y 5

¥, K-Means 713V XLIZOWTEL L 1. https://spark.apache.org/docs/2.2.0/
ml-clustering.html 2 L TL 72X\, K-Means-AS / — FTlX. #7573V ZEHD

LAYy Ry b 2 rva—T4 YIPBEHEINCEITINSG ZLICTEELTL X

W,

K 273. kmeansasnode 7O /NT«

kmeansasnode 71 87 4 — | fii FuT 4 —D B
roleUse string ERFEAORE AT 2101

predefined Z45E L. T —H¥ —RE
74—V RDEID B TEMHT 211X
custom ZfEEL E 3, 774 NI
predefined T3,



https://spark.apache.org/docs/2.2.0/mllib-isotonic-regression.html
https://spark.apache.org/docs/2.2.0/ml-clustering.html
https://spark.apache.org/docs/2.2.0/ml-clustering.html

& 273. kmeansasnode 70O/ T+« — (¥ix)

kmeansasnode 7u 87 1 —  |fld Fur5 4 —D B

autoModel Boolean L EREINEZRa7 )T 74—
ARIZTF 74V + 44 ($S-
prediction) Z{HH 3 %12id true %
BEL. AR LHEFEHT 212
false 8 €L %3, 7741 M

true ‘/Gj_o

features field roleUse 71 %7 1 —A% custom IZ&%
EEINTWBIEEDANHD 7 4 —L
F#HDV R b,

name string autoModel 7w 7 4 —73 false iZ

RESNTWBLHED, L L AERER
72Ra7V)rr 74— KoL,

clustersNum integer Bl S 227 59X X -0, 77+ k
135 T,
initMode string L7 v a) X4, FEET = B I,

k-means|| %721 random T3, 7
7 %)L M k-means| | T3,

initSteps integer initMode 2% k-means| | ICRE X
TVWBHLEDOILRT v 7O, 7
7ANVHME 2T,

advancedSettings Boolean RDADODT AT 4 —% HHAEEIC
T true ZfEELE T, 77 4
JL M false T3,

maxIteration integer 252K Y IDEKRKER, F7 4
L ME20TY,
tolerance string R I T 5 A, RETE B

ElXx. 1.0E-1, 1.0E-2. ..,1.0E-6
T3, 774/ MI1.0E-4 T,

setSeed Boolean HABRL TR — REERHIZT 3
Wit true 2f6ELE S, 7744 b
1% false T,

randomSeed integer setSeed 7B 8T 1 =2 true DHH
DHRRI T VRN T— K,

multilayerperceptronnode ® 7O /N7 1 —

ZEANA—E TR ET74—F 747 —FAL=2—=F 2y b7 =2 IZEDL )
HaRThh, HROBE»r oM N T T, I Yy P77 NORDBEIZRAEE

% INF T, SPSS Modeler @ MultiLayerPerceptron-AS / — Kl Spark TEEXNT
WET, ZE -t ha g (MLPC) IZDWTEEL <. https://
spark.apache.org/docs/latest/ml-classification-regression.html#multilayer-
perceptron-classifier # 2R L T 72X W,
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3R 274. multilayerperceptronnode @ 7O /NT 1 —

multilayerperceptronnode |5—x# FTany 4 —>D 5N

DTVRNRT 4 —

features field TFHIOATE LTHERAT 2 12 ko7
14— Ko

label field FHIOE®YE LTHAT2 74— K,

layers[0] integer EHHr =S rurEOR, 7741 b
X1T9,

layers[1l..<latest-1>] integer BRAEO, 7741V MI1TT,

layers[<latest>] integer HAOBOE, 77+1ME1 T3,

seed integer S N AV VNI

maxiter integer FITT2REDRKREE, 7741 M

10 T9,

xghoostasnode 7O /\T«

XGBoost 1%, WL T—RAFT4 V7 + FAITVRLDEERERETT, T—RAT4 Y

WIBANL £, XGBoost 3ZFMMEAMD TEL ., 2 DAY —Z2EHT2EDZ

ﬁ T TNTYALTIE, FODHEFICHRD IR LEE S8, 22 RV T

BDONRTA—ZPHBEINTVWET, ZD/=H. SPSS Modeler ® XGBoost-AS / —
FTWE, a7 - 74 —F vy —BXUOILKHHINERNTX =B RNHINTVET,
XGBoost-AS / — N Spark THEEXNTVWET,

5 275. xgboostasnode 7 /\NT «

xghoostasnode 71 %7 4 7 —5% Fang 4 —D

target_field field WMRO7 4 =L REHDY R b,

input_fields field ATTHD 7 4 =V R HDY R b,

nWorkers integer XGBoost E 7N DFEFIMEHT 27 —7
—O8, T7ANVMILTT,

numThreadPerTask integer V== IS ALY FOR, 7
7 A ME 1T,

useExternalMemory Boolean Frvrat LTHEIXEY —2fHT 3
ME DD, T 74N M false TT,

boosterType string RS2 7—R74 7 A4 7, #ERA]
HEZ2 A 7 a »iZ gbtree, gblinear,
Flddart T3, 7 74/ Mid ghtree
T3,

numBoostRound integer T—=RT 4T DITTY R, 0 LDOHE
RHEELET, 7740 ME10TY,

scalePosWeight Double EQEALHDEADNT VA ZHIEL £
T, 774N MILITT,

randomseed integer BEREV—FickoTHEHEINS > —
Ko 741 ME 0TI,
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% 275. xgboostasnode 7O /NT« (fi &)

xghoostasnode 71 87 4

7 S

Farns 4 —0i

objectiveType

string

YEEN, EETE 2l reg:1inear,
reg:logistic. reg:gamma.
reg:tweedie. rank:pairwise,
binary:logistic., F7/lImulti TT,
7 7 JERDEE. binary:logistic
FzEmulti OAZMFHTEE I,
multi ZfEH 3 2558, XRa 7RI
XGBoost HIYX 4 7 multi:softmax B
X Omulti:softprob R RENF T,
774 M& reg:linear TJ,

evalMetric

string

MEET — R DFiA bV v 2, T 741 b
DAYy 2iE, HIZGLTH DS TS
NFEJ, FHEETE AT rmse, mae,
logloss. error, merror. mlogloss.
auc, ndcg. map, E7iX gamma-
deviance T3, 7 7# /L Mi& rmse T
E

lambda

Double

BHAICET % L2 IEFLIEH, Zofi%z KX
T2, ETANEDESFNICHED 5,
O LOEEDOEMEZIEE L T2 W,

FI7F# )N ME1TT,

alpha

Double

BEAICET 2 L1 EFLIE, Zofi%E KX
T2 ETADRLDRTFINCZD 5,
OLLEDIEEOBUEZTEE L TL 72X\,

T 7L MEOTT,

lambdaBias

Double

@b IcBEd % L2 IEF{LIE, gblinear 7
— AT 4 VT RATHRERINTWSEY

BlE. TDT LR N, TR T — 25 4
VI NRGA=REMHHTEET, 0L

DIEEOBIEEEE LTIV, T 7+
L HEOTY,

treeMethod

string

gbhtree ¥zl dart 7—R7 4 > &4
TOMEREN TV EEEIE. YV —DlE
DIeHDIDY VY —=FHEATA =X (BX
CLIEDZ DDy ) — 5 X —&) 2 ffi
HTx%9, 2. 3 % XGBoost ¥
V—MER7 LT XL BFRELE T, &R
A[REMR A 7> a 1% auto. exact. %7z
X approx T3, 774/ M auto T
j‘o

maxDepth

integer

VU —DRKFEE, 2 EoEEiEEL %
T, T7AINLNI6TT,

minChildWeight

Double

FTCRHEZAL VARV ADER (AN T V)
DOE/NEE. O EDEEIEELE S, 7
7L MI1TT,
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% 275. xgboostasnode 7O /NT« (fi &)

xghoostasnode 7R 37 4 T—xH

Farns 4 —0i

maxDeltaStep Double

BV —DEAEPMETEL L5157
DDETAT v TORKAE, 0L EDER
IEELET, 7741 HME 0T,

sampleSize Double

Y 7Y TINE, FEA VAR AD R
ZRLET, 0.1205 1.0 OflOfEZTE
ETLET, 774LMX1.0TT,

eta Double

F—N—=T 4w T4 TR S T-DICER
AT THIEHTE2RAT Y 7 AL XD
g, 0205 1 DEDEZIEELE T, 7
74V ME0O.3TI,

gamma Double

V) —DHE ) — FEESIZ7ET 372D
BRI/ NDOBRAKT, 0 LLEDEEDO
EEIEELTEEIWN, 74T 6
T3,

colsSampleRatio Double

BV —EWET I, Fod TS
ADHR, 0.01 225 1 OBDEEIEEL
¥9, 774 I 1T,

colsSamplelevel Double

BRENZBIT A, ZFLULTOH DY 7
ILDHE, 0.01056 1 ODERIE
ETLET, 774 MI1TT,

normalizeType string

dart 7— R 74 V7 XA THfEHINT

WABEIR, 2D dart 8T X — & B XU
To3-oDdart ST X—XEFHTEE

T, TDONRIX—XZ, Effb7ray X
LEFHELET, tree £721% forest %
BELES, 7741 M3 tree TT,

sampleType string

BTV FAITYVRL XA T,
uniform ¥ 7z1x weighted Z{5E L %
T, 7 7#/L MI uniform T3,

rateDrop Double

Fay 77 FRdart 7—RX574 27 R
FTAXA—&, 0.005 1.0 DEDHEZEE
LES, 740 MF0.0 T,

skipDrop Double

¥y 7 Fay77v hDOHERD dart 7
— AT 4T T X—&K, 0.0051.0
DOEDEZEELE T, 7741 11X0.0
<9,
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218 A—N— ) —RFDFu s 4 —

28— — FEED 0T 4 — 2 ROFTRLET, HED/ — F - 0874 —H 2—r8— /) — |
A XIS Z L ICEB LTSN,

R276. 3—ZFI) « A—=N—/—ROTONT+ —
Fany s —4 FunF 4 —OME/MEDO VR | FuxFs—DHH
execute_method Script
Normal
script string
A=N—=/—=RDINF A= —
RO—RIEREZMEHL T, Z—2— /) —FDORIRA—R—FEREZIRET Z2DICRA 7Y T 2 {#H
TEZ%7,

mySuperNode.setParameterValue("minvalue", 30)

UTZfERLT, RIA—X—([HZRETHIENTEET,

value mySuperNode.getParameterValue("minvalue")

BEDX—N—/)—FORE
findByType() B Z AL T, A MY —LHDZA—— ) — FERRTEZXT,

source_supernode = modeler.script.stream().findByType("source_super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super",
None)

7ML/ —FoTONT+ —BE

A== ) —FHNDFEA T TS0 T7 7R TEZI2I2ED, A==/ —FOHIZHh T fbEngz
FFED/ —RD7aR74 —2RETEZT, HlziE, T—X2HAALTDICH T LI n-AEE
T7ANDHBATTA=—RN=)—=F3DH2 LET, UTDXS LT, FRATTI7LIIT77EAL,
BE ) — REMRTBILICED. 5itARAT 7 A LDLH (full_filename Fu 7 1 — % {#/H L CiE
E) RET A TEET,

childDiagram = source_supernode.getChildDiagram()
varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

2=I\—/— K D{ERK

A== ) — R ZDHG 2D HERT 256, FOGIETITO 2R TEE T, ZDEHITE,
RA—— ) — REAER L. FEXAT TSI 77A LT, HHO ) —FE2EHRLET, A—28—/—F
DEATTITLANDTRTD/) —F%, ANhaxrx— - ) —Feiaxrsk—-- /)—F ey x4
X5 FT A BNETT, HlziE. FTukr 2—— ) — FZ2ERT BHEE. RDESCLET,

process_supernode = modeler.script.stream().createAt("process_super", "My
SuperNode", 200, 200)



childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filtexr", 100, 100)
childDiagram.linkFromInputConnector(filternode)
childDiagram.linkToOutputConnector(filternode)
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A 72— FHDY 77 L VA

Z ZTi%. IBMSPSSModeler D/ —FDRZ Y 4DV 77 L AREMEL 5,

EFILFTT5Yy M

EFIN - FFY D (EREINEZETFTWVIE, /- F A7 e ATV 22 e AR, FORBEE
TBRTXET, RORIW, EFL - A7V VOBRBELE—EERRLET,

I D4HNE. IBMSPSS Modeler 7 4 >~ R DA EICH 2 T£71L] XLy FHNDETIL - F5 v k

RS T 57012, FRCHIAE S,

2a7YVYZOHWTRA MY —LIZEBMENEZETL s J—F%

ST %1213, apply. .. OEHEELMVIGIOHETE Y FREAINE T,
FlEE QRN T, HAlE X HHEOM T TETNVEBMT 5 2 ehs, RELZE 2 720 THRINE

K

®277. 8T - Ty bR CETIVERL XLy b)

ETNVH ETN
anomalydetection B EME

Apriori Apriori
autoclassifier HEh0 ¥
autocluster HEj 7 9 2%0 v
autonumeric H B8 E

bayesnet Bayesian network (\\ A4 X)
c50 C5.0

carma Carma

cart C&R Tree

chaid CHAID

coxreg Cox [AlF
decisionlist T4¥¥ary s YAL
discriminant HIA 3 Hr

factor Kot
featureselection R EIR

genlin — AR

glmm GLMM

kmeans K-Means

knn k Sl 5k

kohonen Kohonen

AR e

logreg 0YR7 4y 7 A

neuralnetwork

—a—I) Ry hT—7




#=277.F7I - Ty R TETIVERL LY b)) #Ex)

EFNA ETIN

quest QUEST

regression ARAY

sequence =T VA

slrm HOYHEIGEET IV

statisticsmodel

IBM SPSS Statistics 7L

svm Support Vector Machine
timeseries R4
TwoStep TwoStep

K278 ETI « FHY MG (FT—ER—X - EFTUVT1 INLY K)

ETFNA

EFI

db2imcluster

IBMISW 7 22 %) >

db2imlog IBMISW 0 P25 1 v 7 [A])F
db2imnb IBM ISW Naive Bayes
db2imreg IBM ISW [a]G

db2imtree IBMISW 74> ay - V) —
msassoc MS7YV> I —>ar - )L—jb
msbayes MS Naive Bayes

mscluster MS 27 SRRV

mslogistic MS Logistic Regression

msneuralnetwork

MS Neural Network

msregression

MS Linear Regression

mssequencecluster

MS Sequence Clustering

mstimeseries

MS Time Series

mstree MST4>Pay -V —
netezzabayes Netezza XA X = v N7 —72
netezzadectree Netezza 74> ay « VY —

netezzadivcluster

Netezza BH I S A XY > 7

netezzaglm Netezza —f{LAREY
netezzakmeans Netezza K-Means
netezzaknn Netezza KNN

netezzalineregression

Netezza fF%Y

netezzanaivebayes

Netezza Naive Bayes

netezzapca

Netezza PCA

netezzaregtree

Netezza [E]lF>Y V) —
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K278 FETIN TV RB((T—EZR—-2X

cETUYI NLY b)) #EE)

ETNA

%

netezzatimeseries

Netezza iR A

oraabn

Oracle Adaptive Bayes

oraai

Oracle AI

oradecisiontree

Oracle 74 >Yay « V1 —

oraglm Oracle GLM
orakmeans Oracle k-Means
oranb Oracle Naive Bayes
oranmf Oracle NMF

oraocluster

Oracle O-Cluster

orasvm

Oracle SVM

EET3ETILHDMEE

EREINTZETNVERIET A2DICAZ V) P N2l T 256, EEIT2ETLVHAEMHHLTWSEE, XY
VI EBHVEWVCRES ZEICERTILENRDD T, Zhzlilysdic, A7) 7 MERBRIIC, &
BMENTZET VB4R AT 22 BEO L ET,
BEHIZ2ETNHARETAIA T a v EERET DI
1. X=a2—oROEHZFERL £,

W—) > T2—HF—=FF>a ]
2.058Hy 27 %70y 7 L%,
BAERINET VI L TERE T 24R122IET 2123, THiOEFAVEZEHR) 23RLET,
HVEVWRETNVDOBIDD 256, A7V 7 MEITOENEIX SPSS Modeler ¥ IBM SPSS Collaboration
and Deployment Services ¥ DRI THE%Z D 3, SPSS Modeler 7 54 7> MZiZ HEINICHE U &RT 2o
EFNEBEMZ AL T ay [MHIOETLVEBEIRZS ) BHDET BIZIE. X2V T+ 2L—FT
K18 U ChERi R 2 %R 2 1E). Lo L. ZOA T avid, R A2 7+ IBM SPSS Collaboration
and Deployment Services TETEN 2L HIIFEHTEEEA, L—7DRTHIC, ETVIIHNTE2HVE

W SBE RN T 27 DI KIETERINLIETLOLREEE T2, BEDETAEZ V7T
22X D (clear generated palette XODENMAY)., ZORWEET 2 Z e TEET,

HARR%A
RDRIZT, SRTOWN AT =227 rofge, 2hZlflT 5/ — F2-RBRRLET,
R279. WA Tz bOEEE, £0A T2V bZEERT S/ — R
WhA72 =7 b oflk J—FK
analysisoutput FEEE T T
collectionoutput Ktk o 7
dataauditoutput T — X
distributionoutput W7o 7
evaluationoutput ERa i

8% A/ —F&ZDY 77 1L R 453



R279. BNAToT oV bOBEE, TEDA TV b 2RI S/ —F (&)

WhA72 =2 bRk J—F
histogramoutput LX 7T AN
matrixoutput 7 a2 HEE
meansoutput FIME
multiplotoutput w77
plotoutput B
qualityoutput o'

reportdocumentoutput DATV 2 POREIX — K2 oDbDTIERL., 7
nYxZ b LR— MHERINHITT,
reportoutput LE—F

statisticsprocedureoutput

StatisticsOutput

statisticsoutput FLIRHEET
tableoutput T =7
timeplotoutput ReRAN 75 7
weboutput Web 75 7
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f15% BHERD A7 Y 7 b1 S Python A2 ) 7 bADK

11

WERDZXI VT FDBITDOEE

Z 2T, IBM SPSS Modeler T® Python 227 V) 7 b RO R 7 ) T M DEWEEHN L, 1ERODRZ Y
7"t % Python 227V 7 MZBATT 2 5HEICDOWTHAL £9, %7z, SPSS Modeler OFFHERY 72K D 2
< Re, [A%EDPython 2~ FOVRAFHRLET,

—HREI B EE

PWERDZ 7 ) 7 M DBETDOKRERTIE, 0S A~y R« A7V FIRHEITKR->TVWET, ERORZ ) S+
X, fTHsmMTH Y. —EHoTuy Z#EE (if. . .then...else...endif ®. for...endfor 2 ¥) 235
2 LTH, A VT M RICE®RDE DD XA,

Python 227V 7+ Tlk, 4 7T MIZEKRLH D, F—D@mETa v 7IZg T 32EHDTE. BN
A VTV P ERTWABRLERD D 3,

¥ :Python a— K2 a b — LTS DT 2581k BFEIDETT, R7E2FEHLTA YT rEhTw
2173, =54 X2 — ET. AR—ZABFEHLTA VTV FPENTWBITERILESCRAZGELDD %
T, oL, SNHDTHRETA YTy b THh B IR EIN W=D, Python A7 U S M7 —%4
ML FE T,

AZVF bk« aVTFI

AZVTr-aryTFAMI, RAZV T MNEERITTIRE WX, A7V T MEFETTEAMY —LPXR
— = /) —R)BERELET, [ERKOXZV T ITIE., 2V 7F XA MIBERHYTT, 2F0H, HlziX, X b
U—2h - ZAZVTMHND /) — FBHRIE, FORTZ7 )T EETTEZ2A M) —2NIHEZEEINTE T,

Python A7V F Tk, A7V 7 b+ a>7F X MI, modeler.script €Y 2 —Z & o THHRINIZ
EftxnEd, HlZE Python A Y —4 « 227U FME, UToa—R2#HLT, 227V 7 F2ET
THBAM)—=LIZT 7 CRATEET,

s = modeler.script.stream()

APV —LICBELBEE, BENA 7Y 27 ML THOHT IR TEET,

> R ¥

WERDZAZ Y ME, a<=Y FERTTS, 2% h, X7V FDRITIE, ETT230EEHSa~2 KH
FHHICH D, RIX—R—DRIHEZ T, HlZE. LToeEshHTT,

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"

Python 1%, BH., BHZERIT A AT (BEVa—b, V7R, ATV 7 M) ITk-TiEEE)
SNBEBEHEHLET, HlZiX, UToeBHTT,

stream = modeler.script.stream()
typenode = stream.findByType("type", "Type)
filternode = stream.findByType("filter", None)



stream.link(typenode, filternode)
derive.setlLabel("Compute Total")

DX E

IBM SPSS Modeler TE L HHEXNZ—ED YT I - a<xY FBEKaxX >y b - a< ¥ FIZld, Python
27V rDEFa<xy FRHH ET, ZuE, SPSSModeler DEFFDERD R 7V 7 k%, IBM SPSS
Modeler 17 THHTE 3 X 512, Python 227V F M T 3 DIELH 5,

£280. VT IIINEAXY RDREDR T T D5 Python R ) T hADIT v E>S

ko227 Y7 Python 227V 7 b
B B4 G
PFE)/ MR, 11:0.003 E
H—5HfFcH TN/ FH, fi: ‘Hello’ [

¥ : JEASCII XFHREENTW B LT 7 71
V. $EUEEE u Z2fHF T, Unicode ¥ LTERLE T,

“HG A TH TN T, Bl “Hello

again”

GV
¥ : JEASCII XFDREENTW B XFH 7 511
V. BEFERE u 2T, Unicode ¥ LTEL F9,

Ruoseydl, B

“""This is a string
that spans multiple
1inesllllll

CifV

set x = [1 2 ¥
3 4]

YR b+, fl:[1 2 3] [1, 2, 3]

ZR OB, fl:set x = 3 X = 3

1T DML () Il o A 2
3, 4]

JayZoaxXxyt, fi

/* This is a long comment
over a line. %/

""" This is a long comment
over a line. """

fToaxyt, fil:set x = 3 # make x 3

X = 3 4 make x 3

undef None

true True

false False
BART

IBM SPSS Modeler T X K XN 3 —E8DEEFa~ > FiZld. Python 227U F rOEZEa~ >y FHdH
DEF, ZiUE. SPSS Modeler DEEFEDHERD X 7V 7+ %, IBM SPSS Modeler 17 TfEFTZ 2% k5

12, Python 227 V) 7 MZEHT 2 DITKRLH F T,
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K 281. EBEFDRRDRU) T D5 Python X7V T ADI v EVY
PERDAZY 7 b Python 2271 7 b
NUM1 + NUM2 NUML + NUM2
LIST + ITEM LIST.append (ITEM)
LIST1 + LIST2 LIST1.extend(LIST2)
NUM1 - NUM2 NUM1 - NUM2
LIST - ITEM LIST.remove (ITEM)
NUM1 * NUM2 NUM1 * NUM2
NUM1 / NUM2 NUM1 / NUM2
/= 1=
/==
X *%x Y X %% Y
X <Y X <Y
X <=Y X <=Y
X > Y X >Y
X >=Y X >=Y
X div Y X /Y
X rem Y X %Y
X mod Y X %Y
and and
or or
not (EXPR) not EXPR
& IL—7

IBM SPSS Modeler Tk < il Xh 2 —#D&fFa~y RBLX UL —F - 2= RiZid. Python 227V 7
Z k. SPSS Modeler DEEFEDHEFR D Z 7V 7+ %, IBM SPSS Modeler

FOREZFEa~wy REHD ET,

17 CTEEHTE %2 X 512, Python 27V 7 MZE#T 2 DITRLH F T,

% 282. %I —TDRKDR V) T EH5 Python R0 1) T hADI v EVT

PERDAZ Y 7 b

Python 227 1) 7 b

for VAR from INT1 to INT2

enafor

for VAR in range(INT1, INT2):

or

VAR = INT1
while VAR <= INT2:

VAR += 1
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+K282. X II—TFDREDR V) T D5 Python V) FhADITvEVT (i x)
kDR Z Y7+ Python 227 1) 7}
for VAR in LIST for VAR in LIST:
enafor -
for VAR in_fields_to NODE for VAR in NODE.getInputDataModel():
enafor o
for VAR in_fields_at NODE for VAR in NODE.getOutputDataModel():
enafor o
if..then if ..
elgeifmthen elif il
elge elge:
endif )
— NS
with TYPE OBJECT [F] S HERE 72 L
enawith
var VAR1 ZRES IFRE

ZEH

WERDZZ V7 h TR, EHEIBHRESNBANCES LE T, IR UTOeBHTY,

var mynode
set mynode = create typenode at 96 96

Python 27 V) 7 b Tid, ZEIVEIOSRBRICER ST E T, FlzIX. LTorEBHTY,

mynode = stream.createAt("type", "Type", 96, 96)

WERDZ 27V 7 TR, EROSIRE AN HE T2 R L CHRINCHIR S 2 B8 EZH3H D 15, BIZIX XU
TorEHTI,

var mynode
set mynode = create typenode at 96 96
set “mynode.direction."Age" = Input

e AEDAZ ) Z FEFEEFEEE Python 227V 7 F Tk, ZHEAETT, BlZIE. LUTorBHTT,

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction", "Age", "Input")
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4/"" r:s tii:tjs 2E;¢;:ZJK:EE%;£)|/(1)€§i<sz’1':Jf

TERDAZ VT YDEIFEIERATI2 I b« XA T (V= F, i, BEXUETN) TR, @8HE. 247
BATI 27 bDEAFITBMENHICRoTVWET, HlZE. 74— FIERK (Derive) / — FD & A
71X, derivenode T,

set feature_name_node = create derivenode at 96 96

Python @ IBM SPSS Modeler API 2%, node #EBHN & EN RV, 74 —L FERK/ — F (Derive) D
24 7%, derive TT, flziX, UTorBHTT,

feature_name_node = stream.createAt("derive", "Feature", 96, 96)

WERDAZ Y T b ¥ Python A7 1) T FTDRA THDOME—DEWE, X4 TEEFHPZWIETT,

J0ONT1—4%

TaRT 4 —ZiE RO A2 ) TR Python 27 Y P FTRILTY, Bz AIZEEZ77> 4L/ —F
Tk, 774 VOEMREERT S 70874 —&, MAFDORZ Y 7 MNEET full_filename T3,

/—RDEE

ZLDIERDRZ V) T M, WBEROMEBEZFHL T, £HEITZ /- F2EOFT77ALET, HlRIE
TFoa<y Rix, 700 Mype) ZFHLT, BITA M) —20FTTF—2A ) — FERKEL., [Age]
74— RO M (7213 TAAERDEE]) % Input i, TDrugl 74— K% Target (TRl X 2 fH) 1
RELET,

set 'Type':typenode.direction."Age" = Input
set 'Type':typenode.direction."Drug" = Target

Python 227 ) 7+ Tl&, Fa 74 —lHEHRET 2 -DOBMEFOH TN, /—F - A7V %
PRIV EIEE T 2 0 EL DD £ 5, HIZIX, UTorELTT,

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

H: Z5E, "Target" ZXFHG HF THORKEDRD D £ 5,
Python 227 Y 7 MlZ, ModelingRole %1% % modeler.api Sy 7 —Y CHHATZ I TEET,

Python A7V Fr D=y a ik, KDARBGELRDH D 32, /7 — FOMRILER 1L BOATHONS
72D, FURAL X TF =< VAPRLIBEDET, ERORAZ Y FrofITIE, /— FOMRIZ, a~v
YRZRIITbNE T,

IDICEBR/—FOMRBYR—FZIRTVET(/—FIDIE. /—F - X470l ITFER) &7 CHER
TEE9), HlzE. ko227 ) FrTid. UTO XS5 LET,

# id65EMPB9VL87 is the ID of a Type node
set @id65EMPB9VL87.direction."Age" = Input

IFoAZ Y 7 M&, Python 227V 7 s E#HLGEDER CHITT,

typenode = stream.findByID("id65EMPBOVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
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JONT1 —DES L RE
WERDZZ YT ME, seta~Y REMEHLT, HE2EIDHUTET, seta~v >y FOEAIZ, TrT4

—EREFRIZD N TEZT, UTORZ YT MI, o4 —2RETH72DD 2 5D0EMRER
EFRLTVWETS,

set <node reference>.<property> = <value>
set <node reference>.<keyed-property>.<key> = <value>

Python 227V 7k Tl&, BI# setPropertyValue() & setKeyedPropertyValue() Z{#HL T, [
URERPEOhE T, X, LTorshTI,

object.setPropertyValue(property, value)
object.setKeyedPropertyValue (keyed-property, key, value)

PERDRZ VT FTlE, geta~ Y REMEHLT, a7 —HII7 72X TEET, HlIZARX LT

EBHTI,
var n v
set n = get node :filternode

set v n.name

Python X2V 7 bTlid, BI% getPropertyvalue() ZfH L T, FICHERMIBFEONE T, HIZIX. U
DEBHTT,

n
\

stream.findByType ("filter", None)
n.getPropertyValue("name")

A M) —-LODOiREE

WRDZZ Y 7T I T, create a~ Y FEHEMALT, it/ — FEERLET, FIZIE ULTorsD
"C\;j‘o

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

Python 227V 7+ Tld, /— RZERT 272DDXFXERAY Yy FBRA MY —2ICHEZIRTOWE T,
flziE, UFTorBhTT,

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

WD Z Y FTlE, connect a~ Y REFHLT, /— ROV 7 2ERLET, FHlzIX. LTo
eBH T,

connect "agg to “select

Python 227V 7+ Ti&, link XYy AL T, /—FHDV 7 Z2/ERL X5, HIZIE UATok
BEDHTT,

stream.link(agg, select)

PERD R 7 ) 7 M TlE, disconnect a~ Y RZEMFHLT, /— KDY 7 %2HIFRL 3, Bl LL
TorBHTI,

disconnect “agg from “select
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Python 227V 7 FTlE, unlink XYy FEMHALT, /—FREOU Y27 %2HIBRLE S, HlxE. UTo
EBHTT,

stream.unlink(agg, select)
WERDZ 2V S TiE, position A<V FEMHLT, A MY —L4« FrnNRIZ/— FEEELED,
fhod/ — P/ —FZEELZZD LET, fIZIX. UToeBhHTT,

position "agg at 256 256
position ~agg between ~myselect and “mydistinct

Python 227V 7 FTlX, 2 ODHERK% 25 XY v K setXYPosition ¥ setPositionBetween Z{#H L T,
FUMRPEONET, UTIHlZRLET,

agg.setXYPosition (256, 256)
agg.setPositionBetween(myselect, mydistinct)

J —FiME
IBM SPSS Modeler TX SN 2 —ED /7 — FH#fFa~ > FiZid. Python RZ7 VS rORIFEa~< > F

BHYHET, T, SPSSModeler DEEEDHER D A7V 7 + %, IBM SPSS Modeler 17 T T% 3 &
912, Python 227V 7 MZE#T2DIXIBF T,

% 283. / — RI2EDREK DRV T D5 Python R ) T hADI v EVS
PERDAZ Y 7 Python 227V 7

create nodespec at x y

stream.create(type, name)
stream.createAt(type, name, x, y)
stream.createBetween(type, name, preNode,
postNode)
stream.createModelApplier(model, name)

connect fromNode to toNode stream.link(fromNode, toNode)
delete node stream.delete(node)

disable node stream.setEnabled(node, False)
enable node stream.setEnabled(node, True)

i nnect fromN from N .
disconnect fromNode om toNode stream.unlink (fromNode, toNode)

stream.disconnect(node)

duplicate node node.duplicate()

X te n
execute node stream.runSelected(nodes, results)
stream.runAll(results)

flush node node.flushCache()

position node at x y node.setXYPosition(x, y)

position node between nodel and node2 |node.setPositionBetween(nodel, node2)

rename node as name node.setlLabel (name)

==
WERDZZ )Tl PER=—FIRTWVBRERL—T - FF>ary2o9bhFET,
c WOV NN —TF 4Ty I AERD, 2 0DBMOEFOBTEL 5,
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« AR L—F, —HDOEEL—-T LT, BEDEEL—TERICAL VY FLET,
UTDOXZ )7 ME, WD Z YT TDOH Y Y ML —TDREITT,
for i from 1 to 10

println Ai
endfor

UTDOXZ 107 I WD YT TDOY—r R BAL—FOHITT,

var items
set items = [a b ¢ d]

for i in items

println Ai
endfor

T &S ifthox 4 FoL—F EHAIEETT,
e EFIL - XLy FDETI, FREHEII VY FOHRNEKIET 5,
e« J—FICAB 74— EFFELEF/ — o374 -V 2 KIEBET 3,

Python 227V 7+ Td, XFIXERXATDONL—T2HFRK—-—PLTVET, ITDODARZ Y 7 MiE, Python
22T TOHY Y MROL—TFDFITT,

i=1

while i <= 10:
print i
i+=1

FDOARZ Y7 ME, Python 27V T TOY—7 Y 2 BOL—FDHITT,

i.tems = [IIaII’ IIbII’ IICII’ Ildll]
for i in items:
print i

=Y RABN—FAIFZIEEICTHEITH D, IBMSPSS Modeler APL XV v R fiAEDbOESR Z I LD, fit
KDODRTZ VT MNDREDDL—A + =2 %P R—-FTEFET, DITOHNE, Python 227 7 T —4
VAR —TFREHLT, /- FhoH3 74— RERIETZHERZRLTVWET,

node = modeler.script.stream().findByType("filter", None)
for column in node.getOutputDataModel ().columnIterator():
print column.getColumnName ()

ARV —=LDOET

2RV —LDFEITHIC, EREINETAEREENA T2 v, WITRhDA TV 2 b - v r—
Dy —IBMENET, [ERORZ VTS ITIE A7V T MEIMEREIN2A T2 b2t T2 b -
TF =Ty —DHABIEET 30, EREINmRFOE . FOoRNEEAR L — Fhs 77T
LZRENRDD FT,

Python TD R bV — L DFETIE. ETICEIDERZINLETVELZENA TS 27 W23, FATEENCE
ENBVRAMIBEINDZEWVWIHTERDET, 20D, A M) —20FETHRIC, Ihfficr &
ATEET,

WRDZZ VT ME UMTD3 DDA MY —£EfTa<vy FEFR—-FLTVWET,

« execute_allldx, A MY —LHNDFTRTOFITAREX —IF)L » /= FEFITLET,

« execute_scriptid, A7V S MEITOFREICHEBFELRL, APV =L - RZ VT MEEITLET,
- execute nodeld, fEEL/—FZ2FEITLET,

Python 227V 7 MiE, LT D L5 REAMOBEKZ Y R—F L TWVWET,
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« stream.runAll(results-list) ¥, A VU —AHNDITRTOETAGEX —IF L - J— FEFEITL

e

« stream.runScript(results-list) &, A7V S M EITOFREICHEBFERL, A MV =L - RV T
FEFEITLETD,

- stream.runSelected(node-array, results-list) ¥, fEEL/—F Dty b%&, {EEL-HE
WCHEITLE T,

« node.run(results-list) &, f8€ L=/ — FEFEITL T,

WRDZAZ YT ITIE, AT a OB Ba—RFEEELexita~Y FEMHHLT, R MY —2L0DFEST
EHTTEZS, HlX. UToresbh T3,

exit 1

Python 227V 7+ TiE, UTORZ7 V7 P2 LT, AUCHERBPELNET,

modeler.script.exit(1)

Z27AN « DXATLESUVVRIS M) —ICLB3F TP I FADTIER

PERDOZRZ VT T, open 2wy FZHEHL T, BEFORX MY =4, 70, £REENAT7Y 27
ZHRICZENTEFT, HIZE. UToeBHTT,

var s
set s = open stream "c:/my streams/modeling.str"

Python 227V 7 Miid, £y > a v 67 7 ARRET. MU & 5 RIE¥E%ZFEITTZ % TaskRunner 7 5
A03HH FT, HlzIX. LToeBHTT,

taskrunner = modeler.script.session().getTaskRunnexr ()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

WRORZ VT 2HHLTATY =7 M2 RFT 51213, save a~x Y FEEHL T, fIZIX UTO
£BHTY,

save stream s as "c:/my streams/new_modeling.str"

[ D Python 227 U 7 D7 7 —FTlE, TaskRunner 7 7 22 HHLET, HlZE LUFOorBHT
E

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")

IBM SPSS Collaboration and Deployment Services Repository X— 2 DX, retrieve B L\ store
av Y R2FAT2ZXoT {ERODRAZ VTSP THR-PEIATVET, HIZIE UToeBDTY,

var s
set s = retrieve stream "/my repository folder/my_stream.str"
store stream s as "/my repository folder/my_stream_copy.str"

Python 227V 7 FTlE, kv ¥ a YIKEBMFITOLNTWR VRS M) — - 7V MZk->T, FAFED
BREIC T 7 2 TEE T,

session = modeler.script.session()

repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream_copy.str", None)

HiVRI M) =778 RTR3 W EBHRVRI N —FREEFHALTCEY Y a VBRI TV S0
HH D F T,
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A MU —=LIRE
IBM SPSS Modeler TX K X2 —ED A Y — A fEFa~ > FiZid, Python 227 7 b OEFa~

YEMBBHHFET, ZAUL. SPSS Modeler DEFDHERD A2V 7 k%, IBM SPSS Modeler 17 T T %=
% & 512, Python 27 1) 7 MIEHT 2 DITBRLH F T,

% 284. A M) —LBIEORRD XU ) T EH5 Python 7)) T hADI v E>Y

PERDZZ Y 7 b Python 227 1) 7 b

create stream DEFAULT_FILENAME taskrunner.createStream(name,
autoConnect, autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream [FISEFERE R L

load stream path [RIZEHERE 7 L

open stream path taskrunner.openStreamFromFile (path,
autoManage)

save stream as path taskrunner.saveStreamToFile(stream,
path)

retreive stream path repository.retreiveStream(path,
version, label, autoManage)

store stream as path repository.storeStream(stream, path,
label)

ETILDIFE

IBM SPSS Modeler T X XN 2 —HDE T UEIEa~ > FiZiE. Python 227V 7 DFFa~< v K
BHHFET, ZiHUX. SPSS Modeler DBFDERD A7V 7 k%, IBM SPSS Modeler 17 T T%= % &
912, Python 227V 7 MZE#T 2D B F T,

% 285. ETIVRIEDWRERD R V1) T D5 Python RO V) T hADITvEVS

ko279 7 Python 22 V) 7 b

open model path taskrunner.openModelFromFile (path,
autoManage)

save model as path taskrunner.saveModelToFile(model, path)

retrieve model path repository.retrieveModel (path, version,
label, autoManage)

store model as path repository.storeModel (model, path,
Label)

F¥aX> MEAiEE

IBM SPSS Modeler TX K HH XN 2 —ED FF 2 X > M HEEa~ > FIZiE, Python 227V 7+ DfF
Fa<xr R2HHEIT, ZHUuE. SPSS Modeler DEEFDHERD A 7 1) 7+ %, IBM SPSS Modeler 17 Tf#
FATE2% X512, Python 227 ) 7 MZIEHT 2 DIXLHB FE T,

F286. R a XY FHIBREDRERD RV ) T EH5 Python RV ) T hADI v E VY

wkoz2Z7 v 7 Python 227 Y 7

open output path taskrunner.openDocumentFromFile (path,
autoManage)
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F286. RF¥a Xy FEIRIEDRFRD X T 1) T EH 5 Python A7) T hADI v EVY (K &)

WERDRAZ YT b Python 227 Y 7 I+

save output as path taskrunner.saveDocumentToFile (output,
path)

retrieve output path repository.retrieveDocument (path,
version, label, autoManage)

store output as path repository.storeDocument (output, path,
label)

KD ZXIV) T R E Python X7 V)T FDEDHRDEL

LAY — -« 2279 7 M. IBMSPSS Modeler 7m ¥ =27 + O#fEZ Y RK— b LTW%E 3T, Python 227V
7 ME, BE. Oz R—-FLTOVEEA,

WERODZ 7 ) T ME AT = A T2 7 8 (RM) = BIFETILOHAGDE) 2L S0P K-
FLTWES, A7 — ATV 27 Mi&, IBMSPSS Modeler 8.0 DU, BElE X% L7z, Python 22
VFME AT = AT 27 b2 R—-—PLTOVERA,

Python 227V 7 M&, ERDRA 27 V) 7 b TIIMEHTEZW, UTOEMOEREZ R L TWE T,
« VI RER L BBUER

o T L

« KO EERAHITRE-T

c EBDOY— K« =T 4 — - EVa—)b

8k BIERD R 2 Y 7 b5 Python 227 ) 7 s ADEAT 465
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