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stream = modeler.script.stream()

neuralnetnode = stream.findByType("neuralnetwork", None)

results = []

neuralnetnode.run(results)

appliernode = stream.createModelApplierAt(results[0], "Drug", 594, 187)

analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)

stream.linkBetween(appliernode, typenode, analysisnode)

analysisnode.run([])

ZDAZY T MMIDEITFIZDOWT, IRIZHAL £9,
« 1 f7THTIK BEOA M) — L2 URTERZERL £7,

H1#wmAZVT A2 TIEE 3



2 fFHTIK, =2—J)V Xy hUY—2 UK — J—FE2RELZT,

3ITHTIR, EITRREMMTE LY A M 2EKRL T,

4 7THT, =a2—I) 2y bT—=2 EF)V 77y bHPERINET, Zhik, 3 fFHTEHLEY
IS E T,

THTIE, TNV 77y bOETIVEM — FAMERSI N, A MY — LI EI N E T,

fFTHTIE. Drug WD EZRIDODH ) — RBER S E T,

fTHTIK, T—28 ) - RNE2RELET,

fTHTIX, 5 fTHTERUZETVEM ) —RE2, T—R8 ) — N2 o/ — R ORI THER L £

o

BT, b/ — RRFEITEINT, bR — b3S N XS,

SRS, ARV —LEBUOPSMER LU TETTEA2) I N2HHTLZ e EARETT, A2V T b
B —MIZOVWTIER, R2 Y T SEOMER SR T ZI W,

Jython J— RDH 4 ZHIR

Jython 1F& A2 Y 7% Java N1 FI—FIZIa Y84 )LL, £OD Java N hI— NiE Java KA~ >
Y VM) ko TEGFEINET, 7701, Java TRE—DOAAL FI—F - 77 1LY 1 RIEHIEAS
DEd, ZD7®D, Jython N1 haA—RZ2O0—RFU LS & ULAEBIZ, JVM BERFERTTLIL2HD %
3, IBM SPSS Modeler 1%, ZDFHEEZMS I LATEEEA,
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taskrunner = modeler.script.session().getTaskRunner()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/18.1/Demos/"

# First load the model builder stream from file and build a model

druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []

druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now Toad the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
model = taskrunner.openModelFromFile("rule.gm", True)

modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType("derive", None)
plotnode = drugplot_stream.findByType("plot", None)
drugplot_stream.disconnect(plotnode)
modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)
plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.run([])

e A2 ) PR EE oW TIR, [R2V T hSEOME) 223U TLEI W,
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ZOFITIE, EOEEN SEBCEIRET NV EERTHA M) —LE2HHEL, TOETVEZBEHAL T, BEX
NGBS D RBEHEREN 15 D71+ =V REXRRTET—TVEEKRLET,

stream = modeler.script.session().createProcessorStream("featureselection", True)

statisticsimportnode = stream.createAt("statisticsimport", "Statistics File", 150, 97)
statisticsimportnode.setPropertyValue("full filename", "$CLEQ DEMOS/customer dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)
typenode.setKeyedPropertyValue("direction", "response 01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature Selection", 366, 97)
featureselectionnode.setPropertyValue("top _n", 15)
featureselectionnode.setPropertyValue("max_missing_values", 80.0)
featureselectionnode.setPropertyValue("selection_mode", "TopN")
featureselectionnode.setPropertyValue("important label", "Check Me Out!")
featureselectionnode.setPropertyValue("criteria", "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream

applynode = stream.findByType("applyfeatureselection", None)

tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96, applynode.getYPosition())
stream.link(applynode, tablenode)

tablenode.run([])
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execute 'Set Globals'
execute 'gains'

execute 'profit'

execute 'age v. $CC-pep'
execute 'Table'
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RDFNE, A==/ =Koy rskdtay Z#@Ro;FEZFBALTHNET,

stream = modeler.script.stream()
superNode=stream.findByID('id854RNTSD5MB")
# unlock one super node
print 'unlock the super node with password abcd'
if superNode.unlock('abcd'):

print 'unlocked.'
else:

print 'invalid password.'
# lock one super node
print 'Tock the super node with password abcd'
superNode.Tock('abcd")
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RUET,

NABZEB e ET 51213, RO 7 4 =)V RIZAS LT,

ZH, BETAEMOEEEZZERLEST, [AM)—L RNRTA—=X—] /=T T/—-F o5y —] %

BEBIRLUET,

o [TARNV—=L RIA=R—] BERUZGE, BERRATA—X—2FRLTHLS, UFOVWTOLD
A7 avEFBALT (AN —LATHATREREGE), V-T2 KETE-TICEDN5A—R—23#
ETHEZEHELET,

- TR NVER, APV =L NFTRA—R—FHRETE70—NVEREENL X7,
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T—=7NVEERLUCT, HHETS {7 & 15 2 AHNUET,

- FEHTAN, TOLXTVavid, TONRITA=—R—NKEDOZCICESE%2 TEHTANT 55I17%#
RUET, W=7 ¥ 7K TWIZRD L, BERTXFANEANTEHUWIIDRERINET,
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~- GEEROBUERE LT, TEEER] 74—V NIZANTHINEOHEERE U CKEX—HE2HEHL 7,

- FEROBEHE LT, [FE®] 74—V NIADNTINEOEREHL U TKESF—HE2HHAL £,

BRI RO 7Y a VEER LU G681, [38#] 74—V RIZENTF A N2EMNT 5 &
SIZROENET, HIZIX, MEF—MEHIHENEE ©, [EBROBEIEFEE LTl 2K LEGEEIE. 20
T4 —=)VRIZ - EFTLVHIOEGE L ANTEET,

REDEHD T 14 —IL RDER
RIEZEERT2EE1F. 74—V RDOER]) X470 - xAy 7 A%FHLT, 1 2 EO74—L R %
BIRTEE9,

V— R DLTOWThrOA Ty a v EERTLI212&0, fHAERT =V RE2ERRHICY — b

TEHEZENTEET,

e J7ANE T—X AN —LDSBED ) — NIZEINZIEIZE 7+ =V NERRLET,

o Kl BT 4 —IVRETNTZ 7Ry MEIZY—PFLUTERRLUET,

s XA BT 4=V REHEDOREMEIZY — ML THRRLET, RIEORED T 1 —)L K2 RIS 515
BTN T,

DARPRS 74—V R%Z 1 [HIZ 1 DT OEIRTSH, £/ Shift F—F72F Cul F—2#HLAR»noHE
BDO74—IVREZBRUET, £/, VAMNDFORRVAMHLT, REIZESOWTEBEDO 71—V K%
HEIRUAEZD, TNV HOTRTDT ¢ —)V RZ2BIRE L IBIRRIR T A N TEET,

HIRARER 7 4 — )V RIE, HLUTWA AR =L - XTI A=K —F 713/ — K - 7o 50—y 5 7
4=V RDANPRRENDEIIZTANR) U ITINTVWEZEIZERLTLEI Y, flziX, AbL—
Vo RA TV FHIDA M) — L - RIA—R—%HHLTWEHEEIF AL =Y - X1 TBXFEH D7
1=V RDADPEKRINET,

AN) —LTORBFEET

S EFETTIE, EBTDHA MY —LHABDO—HERMIZEDIWT, Z—IF) - )= F2FETT LK%
filfcExd, HlIZIX AFOLSIZTEET,

o IBEDMED true » false DNZFEEDOWT, J —REFEIFTTEINE D »ETHIHT 5,

s J—=RON—=TEAUfTFULTEITTEO0, HRICEFTTE2O0%2EHT 5,

7z NERME, AP — LD [T 27D &4 YTXTTHRELES, T TR TE2FRRTHIC
& V=TI EHAT) ETE—-F2#RL XS,

T DM EHTEMIE, TV —TIRMA ST ETE-FARESNTVIEEIX. A MY —L4
FARCENIRD T, ATV avT, FMMNERGTEHDOAZV TN - a=REEK LT, A2V
N ZF 4 ZR—=IZE0 B2 2N TEET, ZNETOCE. M) Y7270 FHEICH S ThED F
el 22V w2 LET, AMVD [FEfF) RTORRN [F74NV N TP ay A7) TN EifTE
—RE2RRTELIIEDLY, A7V TIRRTDLETIZRREINET, 2FH, A2V T - 540 X—
TR AR A ZA[ER A2 ) T M2 ERTHENT, FA TS - Ry ZADIEIERN—T - 47
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vavEHifL TR EEETEET, oM. 220y o358, EREINEZRAZ) TR E
BLIEN—TERERREINEI EITEELTLEI N,

Fety b7 v TEBITIEMTERITVWET,

1.

(&) 72 70EMOFT THREMEDEN K22 & 221) w7 UT, I&HFEFTRDE
il X47u2 Ry 2 2A%HEFEd, ZOXA 77T, /J— RE2FEGFTTEEDITHE-THEND S
ZMbEBRELET,

[ ETRDEN X178 Ay 2 AT, UTFOA T arvziEelEd,

a. /J— R, FMMNEETERETS/ —NE2ERLET, 2R Z V2 21) vy 70T [ —RER]
XA4T7R7%2E, HHDO/ —RE2ERLET, VAPINTWE /) —RKRLTEZLEE. =7
AR—F =R, 757 - )—=F, EFYVF =K, ¥EEFHH// —FounwTFnrohsd
V—0lz ) —RERRTEIDIZ, FR2TA4NVR) VITEET,

b. MR, ) — R2EITT O THERDSLEM42BELET, [AM)—4 KT R
—R—] ., 7Za—=n"VEH . T5=7NHhev] | £7F ['FIZ Truel] ® 4 DOF TV =
YOWTNN 1 DERBIRTEET, XA 7075 - Ry 72 ADFEMZANT LM, EBIRT S
SElz ko TERLEY T,

e AMY—L NIA—=Z—, FHARELRVANPRONTA—XR—%2FIRLTHLSE, TONTA—
R—0 HEFAE ] Z2BRUET, HIAX EHEAE TEoRkEW] . TELW . Tko/hx
WL T T, iz, HERIZBUT MEl 2, B/MEb X OEKEEZ AL ET,

o U= VA, FHAAHERY A MRS AKEZERLUET, HIZIEX TEE) . TEE) .
AME] . TERORAED . £/ THEEERF2E] DY) AMIEENTWBSAREERD b £97, RIZ,
AT CSEREZENL £,

o T—TNHAEN, HHFRERY A MRS T =TI - J—KEENLT, 7710 [{7] &
(7)) Z&RUE9, iz, HET] CHEREZERLUET,

o HWIZ True, / — RZHEIZFEITTHIBEDRDHIGEIE. TOLXTvavzERLET, 204
VavEBERTLIGEIX. SIERTAENTIA—X—-IHD EHA,

MERTRTOEEEBETIET. ATV 1 & 2 ZRELRFIFHEVERLUET, ERLEZ/—R

. J— RPN EFTINBENIHEZTRELMED, TR TORKESD TE47 — K] Fle, TfHOBH

EZM (BOGEIEEZRT)] FICERRINET,

T7AIWVNT, /= REEMHBRFRINTVBIEIZETFINET, /—ReE&ME2) A MATEEZE

TIZBEIT 121k, /= ReE&M2 20y 2 UTEIRL, Y72 70HAMOINCH S EREZIEITE

FZFHALUCEFRZ22ELET,

I'El

HY

oIz, &M YT RTOTMIZHI2UTDA T a v aRETEET,

12

TRTCEZIEFIZFAG, Z04 7Y avid, {542 TR TICRRINTWBIEF TS 256 103%
RUET, &N [True] DTRTD/ — ik, IRTORMEDFEHHINTHPS 1 BIZTEITINE
ERS

—JEIZ 1 DT OHETF, [ITRTEIEFICHTM] 2B RINTVWEIHBEICOAFATEES, 204 7Y
3 VEEIRT B L. FMED [Truel LFEIEIND5E. TORMBICEENITSNTVWS /) — ik, kD
ZMDFHI X N B ENZE TSI NE T,

ROy N EFTIli, ZOA TV avEENTSEE, BEULSEMELS [Truel DFHIiINE X5 i
D) = RDANRETINET,
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27) T NDRETEFR

FTOMEL DHETAZ ) I 2ETFTEET, HIZXIE AMNV =4 - A2V T hFELZRAZRTE VD
AV TINORXATATT, [ZORZ) T N2FETF] RERVEI Vv T 58, ZRBRATY T NEFET
bij—o

e
1. TZORZY T NEET] KRV

MEINU7AT) RX &2 Vv o358, A7) T MANTERNLUE 1 73BT 217070y 725
fTLEY,

>

X 2. DERUZfTEREST] KRV

220 7 DFEFIX, ROWVTNHLDHETITVET,

o AMNY—=L - AZVTNEEZEFAZXYRTRY A2V T MOXATAT - Ry 72D [ZORAZ ) T b
BEIT] EE NERUIGT2ET) 22y 2 ULET,

© TIANPORITHELLT TZOAZ YT MaRIT) BRESNTVDA M) —L2HITT 5,

o BEEHIA VXTI T 47 - E—FRT -execute 757 &MALET, FLIE bE v 65 =Y
(D Ta<> R -S4 VEIBOMEH) EERLTEI W,

H: [RA—=N—) =K ZA4707 - RV Z2AT [ZOAZ) T 2FET] 2B TCWENRED, A—
N—)—FR - A2V T iF, A—N—) — RROEFEIZETINE T,
29 T NE{TOHK

(AR =L - AZVTN] BA4T70T - R T ADY =)= ZHEFRWHIERZ VIE, A2 7 NET
BRIZEMIZRDET, TOXRXVEFHTLZE, A2V T FBLIUOBREDAN) —LADEFEFILTEI &
MWTEET,

MR & B

Mg/ &) B4 7027 - Ry 7 RAE, AZVT - ZF4&—, CLEM A VAX =&, A7) %

ZREROTFAMNEHETIGE, FHELVER— -V —RTTF VL - 2EHETIGEIFEHTEE

T, INSDEBOVTNATTF A MERMETSIEE, Ctrl + F F— 2MLTCXI707 - Ky 7 AL

TI2XAL, H—YILRTFFAMAKZI T A — AL TVWAI 2R LET, 74008 —] J— K&

ALTWaEE, HlzIX, [&E] 2707 F A MNEE» S, £721% CLEM A LVE—DFFA b - 7o

— VRS RAT7aT - Ry ZALT IR ATEXT,

1. TFAMEBRNIZHA—VY L EZBENT, Cil + F F—2LC MR/ B X470 - Ry 7 A7
v AULET,

2. MEBEITETFXFAM2ANTE, BEMRBLUAZEHO ROy 78Dy - YA MROEINL X7,

3. BHTXAMEHIGEEIF. ANLET,

4. TWyZEWHE] 22Vv 20T, MEZHBLET,
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5. [@E# 227V vy 7 U TCHEDERNEZBHRT S0, [TRTEZEH] 27V 70 TIRTE
WBIR U2 VARV AR EHUET,

6. FHEVPKRTTDL, XA 70T - Ry 7 ANPALET, 7F A MAKT F3 29 & BRDMBRENE
PREDES N, 7213 Crl + F F—2MWS XA 70 ICHET 7 ALET,

MEBEAX T ayv

RXFENLF 2K - BEREIET, BIZIE myvar 25 myVar EALET 2085 e RXFENF
EXHTENEIPEBELE T, ZOFRCITHEBRLL, BRTFAMIEIZADLZEEVICHAINE
ED

ERRD A MEREBAEDFENICHOIAEN/ 2T FAMI T E2NEINEHRELET, ZOA TV a v
2T B & spider \ZBAT 2MRERIL. spiderman F 721X spider-man 1Z—FH U ¥ A,

ERMREL : ERRBOY Y2y 2 2% [MHTE20ESPEBELET (RESR), 204 7Y a v zER
T5HE, [FEREKROA] ATV avidEfbahn, ToMITEHINET,

BRINTZTFAIDA: [TRCEEH] ATV a Vv E2MEHAT 56, RBOHPHZHIEL £,
ERERBY &y 7 X

FEHREHAZFEHTZ . X7 E-BBITXFREDRET, a 05 d FTREXFDI 7 A 72134
B, fTORRELIIRTREDERIZOWTHRETLSZ A TEE T, ROBHEHOEHRNBY R— I hTH
7,

#® 1. XFO—E:

Characters —

X X x

\\ M55

¥0n 8 HEIEDEZFF DT On (0 <= n <= 7)
¥Onn 8 EIEDEZREDXFE Onn (0 <= n <= 7)
¥0mnn 8 HEEDMEZRFOXF Omnn (0 <=m <= 3,0 <=n <= 7)
¥xhh 16 H#IEDMEZE KD XF Oxhh

Yuhhhh 16 HEFEDMH % £ D% Oxhhhh

¥t R 7 3CF ("¥u0009')

¥n ATXXCF ("¥ul00A ")

¥r IRSCF ("¥u000D")

¥f A= T F ("¥u000C")

Ya 77— b (") 3CF ("¥u0007")

Ye TR —7F ('¥u001B')

¥ex XIS B il fH S

£ 2 XFTTAD—H :

XFET T A —3

labc] a. b, £7/1F ¢ (BHZ 5 2)

[Mabc] a, b, ¥7ziE ¢ YA OXF RIE)
la-zA-Z] a Dbz T2E A DS Z ORF (HibH)
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2 XFITITAD—H (FZ):

XFT T A

—
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a?o d F2E m 26 p (HES). £z,

TEET

la-dm-p] &HEETLE I LD

la-z&&[def]]

a bz, BLY A, e FlE f (RE)

la-z&&["bc]]

am”b zD5b,. bk c ZRVEZED EES). iR,

lad-z] fERET

5BILHTEEY

[a-2&&[ m-p]] aMo z D36, m 5 p ETCERVEZDLD (EHED), £k Talgzl
LHRETHILETEET

# 3. HiRESINLZXF I T X :

FHIRESNAEXTFY T A —
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¥d R DHE: [0-9]
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YW T — R F: [MYw]
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A 1788

$ (FEN

¥b FEOBIR

¥B FELAS DB SR

¥A AN DFdtA

¥7 BB DITRYIID AT DT
¥z AT
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IBM SPSS Modeler ® A2V 7 M¥REZ fiH3 5 &, SPSS Modeler 2 —H'— + f VX —7 = — XA CEIfE

Ls BAA 7V v28EL, a9V R -V VR I RARFEGFTEIAZ) TN RERTEET, SPSS
Modeler A5 EEZZ Y T N2EFTEET,

IBM SPSS Modeler D22 U 7 hi&k, A2 ) 7+ Z3E Python TIEKE N TWEJ, IBM SPSS Modeler
THEHAZN 2 Python O Java XN—ADFE% Jython LIFOET, ZORZ VT FiEIE. ML FOKEE
THBRINTWET,

e« J—FK, AMU—24, Tuvz2 b, Hh., BLXEZOMD IBM SPSS Modeler 7Y =7 b &I
ER-Y 2N

o ATV 2BETAIDIFEHEINEZAZ) TN AF—r AV MERIFavy ROy b

o B NITA—X—, BIUOEFOMOA TV 7 MIflizHRETE-ODAZY FhARDEE

e XYM, [TOMEE. BEIYVTFIIL FEFAMDOTHY ZOHER—

PAFDt 2> a v Tld Python A2 Y 7+ F5E. Python @ Jython F2%, & & U IBM SPSS Modeler

HNTAZY PR EFWIEDBEDODOEA Ry 7 AT DOWTHALET, e 7oy —av v R

IZDOWTOERIZ. Moy aizcdhh £9,

Python & Jython

Jython %, Python 227V 7 SFEDFEHED 1 DTH Y, Java Saa Caolb TN, Java 77V M 74— L4
LHMEINTWVWET, Python FEOARATY 7 MEMAZ Y T FFEETT, Jython &, WA LAZ

V7N SR04 ENER LEREZ i 2. Python &IZERD . Java RiE~v Y Y VM) 2V R—FT259TXT
DEBETEELE T, TDD, 7077 LDOERKIZ JVM D Java 74 77V —2 T 5 Z N TE
£, Jython Z2FHTH L, ZDEWEFHATE % LHKFIZ, Python SREOMCEITFE A Y OBREE (H

HTEx7,

A7) T NEFETHZ729, Python (BXUZD Jython F%) FEENELD CHERNIZII—T 1 VI TE
510, BET S 70205 ADIERICER/NBEOREE L AR EE LtA, I— RIZHERT (—FZI2 1 47)
ANTBHIENTEXY, Python 31 VX =TV EX—KDAZ Y FThSFETHY. Java IZHB TV 3V

NANDEREDH D FH A, Python 7B I AIZHLETFAL - 774V THD, (XTI =00

ME D DRESURIT E N 7-812) AT UTIIREI N E T, HifliaX (ERFEADMERY) DIFh, B
fE BBUELRLY) 726 T3 N, HHTRRIZARDET, I—RIIH U > 22 EZ2HEIZT A b
THIENTEET, L, A2V T MOMBIZIIAR RS H 0 £, Hl2IE, REBZOEHRZMHL
THEAVNRAT— - T T—TROIRVTZD, TOEEEMHTEAT— M AV MBREITINBEGEICERD
FTOERFOEEIREEINET, ZOGEEIE. TR L8R ELTEITL, T7—2T1\v 7352 LD
TEEY,

Python Tlk, T—XPI—FELEED, H50250%2 A7V b UTHRVWET, LEA->T, Tho
DATVz b —HOI—NTHETHI LN TEET, —HOM FUEPLEFRE) EA TV =7 b
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SOUVEDR 1 2H D ET, TOXIMEIZIE TS None 2EID M THLNTVWET,
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Python 22V 7 hE X Jython A2 ) 7 hOBER 27 ) 7 MU DWTIE,  |http://www.ibm.com/|
developerworks /java/tutorials /j-jython1/j-jythonl.htmlfs & Uthttp:/ /www.ibm.com /developerworks/|
ava/tutorials/j-jython2/jjython2.html &SI L T 72X\,

Python 2 7!') 7'k

Python A2 ) 7 N SFEDLATF DA A R Ti&, IBM SPSS Modeler TAZ ) 7 & EMR S 2556 1 fHiH X
NEAREEDREVWI VY R—2 Y hOMEYL, &P Tn I IV ORI OVWTIY EFET, Zhick
D, IBM SPSS Modeler N[ % Python 227V 7 s DRFEZIHD 5 DIZ+ R HHESTS Z 2T
EESC I

1BR1E

RATES (=) 2HALTIHVET, HIZIE E 3] 2 Ix] EWVWHIEBBUIZRATEI2E, U FOARAT—
FAYMEMHHL T,

x =3

LGE, XFFIEOT— 22 EBRIZRAT 256 ICblHINET, HIZIX. H la string value] %
lyl EWSEHIZRAT 21T, AFDOAT— AV M2MEHL X,

y = "a string value"
WOKIZ, E<BHINDWKERE TS JOHEHE T, ZOHHEZRL T,
# 5. —MNZRLBEE 7B K OBUEEE T

A Bl

X<y X By KDRNZTnrESH
X >y x DBy KDREVHED M
X <=y x Dy BARME S »

X >=y x By BAERE S D

X ==y x Dy EEFELVRE S H

x 1=y x Wy LELIBVRE SR
X <y x By EELIROVRE S
X +y y & x IZET3

X -y y % x oA B

X *y x Iy 2RHET S

x/y x % y CThH&ET3

X *% y x &y ®T5

) X b

DA M, —HDOHERTYT, VA MIMEEORDERZ AND ZLHTE, VA MDERIZIMERED XA
TOATV 2 hEMHATEET, VARSI EEZXDZHTEET, VA MNNOEREOHIT, HHEE
BN HIBR, £ 3BT SEICEINE 23R L X9,
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[ 22D A b,
[1] H—DHEE (R 250V A b,
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["Mike", 10, "Don", 20] 4 DOHEFE 2 DOXFHERL, 2 DOBYER) 25

YA b,
[01,071,18,911 VDANZEBY AN, BV TUVRAME, ZDY AN, Fi=
FERTEZEDO Y AN,
Xx=75y=2;2=3; BEOV AL, 2o, BHEROMVWHERLTVE
[1, x, ¥y, x +y] ER

V2 NZ2BBIZEID YT Z e cExd, HIZIE LT X3ICLET,

mylistl = ["one", "two", "three"]

FOH, ZOVADOREDERZIZT 7 ATEET, M. MFDOXESIZLET,
mylist[0]

ZHNEFTDO LS Ty £,

one

KEEIL (1) WOBMEIZ, 1> Ty 2R LIFEh, VA NOREDERZEZSRL T, VA MDEERIC
.0 BOIREDM VTV I ANMITONET,

1 2OV AMROEBOEZDOHIMZEIRT LI L TEET, TNEASTA A LI ET, HlxiL.
x[1:3] 1Z. x ® 2 BHOEEL 3 BFHOEEZERLET, KEDA VT v 7 Al EREHD 1 25
DA VTV I ATT,

XF5
XFH M LTRbh S —HMOREO LT TT, XFAIE, HLWLFAN R TRTORED Y —
TUABBB LCHEFEY R - UL, BIAIE "abedef"[1:4] X, "bed" WS HIINZARD T,

Python T, XFIFEIN 1 OXFFE LTRINET,

XFEH) T IV, Bg AR I EE I L s TEESINX T, B AMEFHLTESRBIND
XFHNIIT 2 ESZ LI TEFHAN, ZHIIHFZHEHALUTERSI NI X FINITE2E/ZenTE
F9, XFHNIHE—FHRT (1) £2E &R (") THOZ LB TEET, SIHFONMIZIE, =27
—TINTOWARWMBOFHRF, £72IEMHES ¢ 2T T2 A7 — 7SI N5 AR Z AND Z &M TE
E

il

"This is a string"

'This is also a string'

"Tt's a string"

'This book is called "Python Scripting and Automation Guide".'

"This is an escape quote (¥") in a quoted string"

ZEEX T TR S N EE DX FFE, Python N—H— 2 ko THEMICHKE I N ET, Zhicky, E
WX FHE AU, B—XFH TR ZEHOG A ZEBEI YLD THIENTEET,

"This string uses ' and " 'that string uses ".'

Zhuz kb, ko ksizhEnEd,

This string uses ' and that string uses ".
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XZHNE, WS DODPDOERBAY Y FEZYR—RFLTWET, ROEXIZ, TNH6DRAY Y FO—#ERL £
ED

F 6. XTHIAY R

AV R A

s.capitalize() s DT %2 KXFIZLUET,

s.count(ss {,start {,end}}) s[start:end] WD ss OHBIEEE 7YY M LET,

s.startswith(str {, start {, end}}) s M str THRESTWVWBENRESIDREZTAMLET,

s.endswith(str {, start {, end}}) s M str TBbOoTWENE SIS AE2TFAMLET,

s.expandtabs({size}) RTBAR=Z (TTAINDD size 1 8) TEMAL F
j‘o

s.find(str {, start {, end}}) s ODHT str DBRHIOA VT 7 A2BREBELET, RO

s.rfind(str {, start {, end}}) MORNES . WEIE -1 12D ET. rfind X, B2 5
TEITHMEL £7,

s.index(str {, start {, end}}) s ODHT str DERFHDA VT 7 A BB LET, RO

s.rindex(str {, start {, end}}) PS5 RWGE, ValueError LU 3, rindex X, A
MNOEIHREL £T,

s.isalnum NEHDPHENE D PR ERT 272DDT A b,

s.isalpha NFHPIIWEENE S D EMWRT 520D T A K,

s.1isnum NFHDPBAENE S D ZHERT H7-DDFT A b,

s.isupper XTFHPRTRTCRIXFENE D N EHRT H7-DDT A b,

s.islower NEHPTRTINLENE D D EHERTEH7-DDTF A B,

s.isspace XFHPRTRTCEAXTENE D D EHERT 720D 5 A
I\O

s.istitle XFHND, KX F-OEXF %R DR XTI DY —r v
ATHEIWEDDEMHERTE7-DDT AN,

s.Tower() TRTUNFIZEBUET,

s.upper() TARTRXFUTEBUE T,

-oysncased KXF )N BT AT £ T,
FTRTXA MV - F—RZEBLUET,

s.join(seq) seq NOXFH % s 2XKEDXFE LTHEELET,

s.splitlines({keep}) s ZEBATIZAEILET, keep DY true DFE, WiT%
RELUET,

s.split({sep {, max}}) s % sep (F7ANDMD sep IFEAXFTY) 2L
T max [ FT [HGE] THEILET,

s.1just(width) TEAY width D7 4 —IV RN TXENEZLERZLUET,

s.rjust(width) iEH width D7 ¢ —)L RN TXF & ARIA L £,

s.center(width) s . e .

S.Zf'l]](W'ldth) mﬂib) width @7 « —JI/}\V\]VCY%W’E'#:‘H%T%KL/&TO
0 THDET,

s.1strip() REHOEAXTEHIRL T,

&ngy KROZEAXTEBIRL £3,

S-Strip HEE Y KROEAXTENRL T,

s.translate(str {,delc}) delc DXEZHIRLZET, T—TL2MEHLT s 2%
L ET, str X, BEA == 256 OXFHTH B HED
HHET,

s.replace(old, new {, max}) SCFEH] old 2T ART, 7201k max o B E R 2 XX TS
new TEIMZET,
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SER

R, R R vy va) @5 #) THREZ2IAVITT, RYRESTHRFELITOTIRTOTFF A b
. RO —#e RAINTEHRINE T, ERIE. (R0l TtcE 93, UTOHIT, HEROMHH
EERUET,

#The HelloWorld application is one of the most simple
print 'Hello World' # print the Hello World line

AT—MXY NDOEX

Python DAT—F AV bDY Ry 7 ZFIEHICHMTYT, —MIZ, &Y —AfFREBE—AT—bAVRT
3, expression BEX U assignment AT —h AV FERVWT, FAT— AV MIF—TU—FE (if ®
for 72&) TIRE D £9, AT EZIFERITIE. I —FHNOMEEDOAT— M AV FOMOEZIZTHHIA
TEET, 14712 2 DBEDAT— AV I HEHEG, £AT—MAVY M2 Ian Y (5) TRYIS
MBERHD £,

FBWAT =M AV ME, HEOGFIZHITSZZENTEET, Z05E. IROITITHITEAT —h AV FDR
RBIZHE S ¥ 2HHT22ER’HD £9, HIZE, UTFTOXSICLET,

x = "A 100000000000000000000ng string" + ¥
"another 10000000000000000000Nng Sstring"

HHEEDFEEIN ((). KM (). £23HEN () THEATWLSEAE, HidseMATI R
VAT —=bAV P EAVIOBEATH LU WIS ZENTEET, fIZIX. UFDOXSITLET,

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)

a5 Bl F

WAk, ARG BEL 29 A, BLXUOF T - RIZKETEMNITBZDIMEHAL T, #lFoEI IR
T, BHOXFFHET (KXFELIFNT) 2T () TRIINWERY FHA, THRTHI%
B, —RICHEBZ E X T T4 R= MDD DT TFHEINTWE T, M FDEECTFO®RAIT, KT,
075 9 DT, BIUOTHXFEEZ WS OTHHHBIZHAEDETHATEET,

Jython 1213, 2% BEL 72372 7 ADAFNIIHHTE RV FHEN NS O2H D T, ZN5DFH

FEIX. AROATFITY) =izt unEd,

o A7 — M A Y MNEEUHEK: assert. break, class. continue, def, del, elif, else, except. exec,
finally. for. from. global. if. import. pass. print. raise. return. try. X while

o NI A—R—FEHEES: as. import, B L in

e % T: and, in, is, lambda, not, 8L or

YR F—T — RE2HT 5L, @E SyntaxError 2AFEL £77,

O—kKop7avy

I—RFO7ay 27k, B—AT7— AV DB INBGRICHEAINEAT— AV NIV —TTT,
a—Rp7ay 27k, if, elif, else. for. while, try. except. def, B XU class DVTND AT —
AV PDBAIZEHEEL ZENTEET, INSDAT—MAY bOFAIZaT Y () ZAHLT, a—
Fo7nmy 7%&GTE3, 2, UFOLSIZLET,
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if x == 1:
y =2
z =3
elif:
y =4
z=5

a—F - 7Ry 2 EKYSEOICA Y F Y bREHEINET (Java TRAOFEMAFEHENZ), 1 207

Oy Z7HNDOTRTCOFERUMBEIZS YT Y NTE2BERHDET, TNk, A VT NOEFED, a—

R 70w 20T 2RTEDODTT, @EIZ. LALVITLIZ 4 DDAR—ATAI VYTV MLET, [TOA
VFY MR, BT TCRBLAR=ZAZMHTEI PRI NTVET, AR—RAL X T2EEIESLZ
CIFTEEEA, EVa2a-ILVOERNMBOT O Y Z7OFFIE, 1 WMIE»SFBRTA2HERDD £T, £5 TRV
&. SyntaxError 23FAEL T,

1 203—K - 70y 72RT2EBDAT—FAY N (Aol ) &k, 2338 Y TRY->T 1
fTicgdsZedTcExd, HlRE AFOLSICLET,

ifx==1:y=2; z =3;

A0V T RADEIEDE|IZEL

A7V T MBI EEETZ X, BEETICAZY S E2BORLUFEHTE -0 TT, a~v K- 5
A UVIFTHEINSSIBIE. VAN sys.argv AOMEE LTHEINE T, EINEEOEITZ, a~v UK
len(sys.argv) ZHHLUCHETEET, UTIHIZRLET,

import sys

print "testl"

print sys.argv[0]

print sys.argv[1]

print Ten(sys.argv)

ZDHITIX, import IV R, sys VI ALK EASVER—FLUT, ZDT T AFHELTVEAY v K
(argv &) ZHHATEBL5IZLET,

ZOFEIDAZ ) T RE, BAROfTEMHALCEHTE XTI,
/u/mjloos/testl mike don

FEFITLAF OHIIZ 7 £97,

/u/mjloos/testl mike don
testl

mike

don

3

il
print F—T7—FiE, ZOF—TU—FOEBRDGIHERRLET, AT —bAVFOEAIZI VT EHKIT D
. BTN EENEEA, DRI ZRL T,

print "This demonstrates the use of a",
print " comma at the end of a print statement."

CHNRLATFD LS itiizen £9,

This demonstrates the use of a comma at the end of a print statement.

for AF—hMA VMK, I—RDOT7av 7 2KETHZOIFEHALET, AFICHlZ2RLET,
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mylistl = ["one", "two", "three"]
for 1v in mylistl:

print 1v

continue

ZOFITIE, 3 DDOXFEFINY AN mylistl (ZH OGS TonFET, VAMDKERN 117121 DT OH
FHENFET, ZHREFUATOLS BB HITRD £,

one
two
three

ZOHITIX, for V—TFWEZTLDa— K- Javra2EETL-0C, 1 F0—X— 1v XY A b
mylistl DFEROMZIEIZEVET, 1T7LV—Z—1F, FEOEIDERL ID IZT5ZeNRTEE
‘—;—O

if A7—=MAVME, AT AV ITT, FEZFHMMGL. FEMORERIZEDNT true 7213 false
ZRUET, ANICHlZRU £7,
mylistl = ["one", "two", "three"]
for 1v in mylistl:
if 1v == "two"
print "The value of 1v is ", lv
else

print "The value of Tv is not two, but ", Tv
continue

ZOHITIH, 1TV —&— v DEIFHINET, Tv OED two DHFEIEX. 1Iv B two TlEARWEE
WREINDA M) VI FRERZAN) VIR ENE T, Tk, ROXSICHIENET,

The value of 1v is not two, but one
The value of Tv is two
The value of Tv is not two, but three

BEAY YR
math £V a— i, HABEEAY Y KIZT 2L ATEET, RORIT, REDAY Y KO—HER
UET, BCHEDRVIRD ., TXTOMBTFINGEE LTEShET,

x®7BEAVY YR

AYw R EEERS

math.ceil(x) X ORIFEZZE/NERE U TGERLET, ZHhid, x BLE
DOR/NDIEBTT,

math.copysign(x, y) X &y ODFSTELET, copysign(l, -0.0) i, -1 %
igbij_o

math. fabs (x) x OMKEZERL 9,

math.factorial(x) x BEZIELET, x BADIFE, 738 THRWEG
4. ValueError FEAEL T,

math.floor(x) x DFRMEZFE/NGSE UTGRUET, ZHid. x BLFD
WARDEHTT,

math. frexp(x) x OAREL m) EE (e) 2 (m, e) DAL L TEL X
Fo m IXBEI/NEUR, e 1TBET, x == m » 2#%e 72D
F9, x BVEODHEIE (0.0, 0) ZEL., ZNUNDOY
Al 0.5 <= abs(m) <1 ZEKUZT,

math.fsum(iterable) iterable D DIED EMERZFE/NIHOMZIRL £7,
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K7 BEAYYEF HE)

AV R R

math.isinf(x) FEUNBUS x DIEE AR RN E S E2F v
LET,

math.isnan(x) BN x DY NaN GEBUE) 502 Fzvy I L FE
ER

math.ldexp(x, i) x * (2%+%i) ZRUFT, Tk, REFIZEE frexp @
WTT,

math.modf (x) x O/ BEE 2R ET, EERXHAGEE x OFF
BaEG EHE, BE/NMUTT,

math.trunc(x) Integral IZYJ DTSN 72 Real fH x 2L ET,

math.exp(x) exxx &KL FET,

math.log(x[, base]) 5 U7-1H base 12T 5 x OXWEEKL £3, base
EEELRVWIGEIE. x OBERNEEINET,

math.loglp(x) 1+x (base e) DHANEKL £,

math.1og10(x) x D10 ZEETHAHERLET,

math.pow(x, y) x %y BUTCELET, pow(1.0, x) BX pow(x,
0.0) 1. x B¥OF/E NaN THH2LTH, HIZ 1
EERLUET,

math.sqrt(x) x ONXFitR%ERL £7,

BEBEBUZMA T, AHLZABEBAY Yy FEH D T, MORKIZ, ZThoDAY Yy FemRLEd,
8 ZMEABAV YR

Ay R (EORERES

math.acos (x) x DWREEZTVTVTERUET,

math.asin(x) x DWIERKEZ V7 Vv TRUET,

math.atan(x) x OWEEZ2SY 7V TIRLET,

math.atan2(y, x) atan(y / x) 277V TCRLET,

math.cos (x) X DRZEHEIITVTERLULET,

math.hypot(x, y) =279y KA sqri(xxx + yxy) ZRUET, TH
FERP SR (x, y) ~NDRT MLVOREXTY,

math.sin(x) X DIEREIYTVTERLUET,

math.tan(x) x DIEHEEZIITVTRUET,

math.degrees (x) A X 253V 7UNSBIZEHBL £,

math.radians (x) i x ZENSSVT VICERLET,

math.acosh(x) x OWIMAFRAREZ R L £,

math.asinh(x) x DM AHFRIE 2R L £,

math.atanh(x) x OWNAFREREZKL £,

math.cosh(x) x OMHFRRKERL £9,

math.sinh(x) x OXNHHFERZEZR L £ 7,

math.tanh(x) x OMMFREREZRL £9,

2 DOBEFEEBL H Y £, math.pi DMK, HFEEH pi T, math.e DIEIZ, BEEEH e TT,

24

IBM SPSS Modeler 18.1 Python A2 V) T h&F—hA—Ta v - AN




3F ASCIl XFDfEHA

FE ASCII XFZMHT 5I21E, Python Tld, XF4% Unicode IZH/RMIZT Y a—NEAFTa—F
TEBENDH Y 3, IBM SPSS Modeler Tlk, Python A2V 7' hiE UTF-8 (JF ASCI XF%&HKR— b
$ 5% Unicode) TZYaA—RFINTWHEAEINET, BLFDOAZ Y T &, Python 227314 F —
7% SPSS Modeler IZ& > T UTF-8 IZHEINT WD, AV RAILINET,

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T A F./— F", 96, 64)

LU, #ER/ —FDOIN)VIFZIELSH D £HA,

o]
I]ﬂﬂ].-

SF§8.'afTaF AfwWars
3. I ASCII XF%E&L/ —F - I~ (IELSERINT W)

ANV - VT ZVEKRD Python 12X 5T ASCH XFFNIEHBMINT WS 72D, TD T NIVFIEL L
HYEHEA,

Python Tld. XFH YV T I IVDHEIZ u XFEIEMT S I £IZ& > T, Unicode XF4)) T 7 )V & F5ET
EEEE

stream = modeler.script.stream()
filenode = stream.createAt(“"variablefile”, u"T X F./— F", 96, 64)

ZIZ &Y, Unicode XFEFUIDPMERR I, TRIUDPIEULLS RRINET,

FARS—F
X 4. JE ASCII XF%2EL/—FK - IV (ELKRREINTNW3B)

Python & Unicode OffifIZ. AFEOHMHZHA - RKE LMY I TY, TD MY 723K 725&
XAV T VEREPBZ DY £T,

A7V MERTATSIVY

A7V MEM TR I IV TE HEMBEOET NV E TS5 ANTHERT 5 & W BERIZES N TY
¥9, ATV MRAITRIIIVIICED, TuTIIVS - TT=HRD. I — NOFEMHMMEEX
NET, Python . A7V MEMSFETT, Python TEHRINDA TV =7 M, MUFOREA
HHET,
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o Al KATVzZ MMANTH Y, ZNETFANARETRITNERY A, is TAME is not T
Z M, ZOHHBDEZOIZFEELTWET,

o JREE, BAT VI NI, REBEBNTEZIBLENHVET, 74—V KA VARV AERZEDE
Mix, ZOHKDEOIZFEEL TWET,

o BV, BA TV NI, REZBETELIHLENHDET, AV Y NIX. ZOHMKDZOIZHELE
LT,

Python (Z1&., IV MEAITO TSIV T YR T EODOUTORMED L £,

o VIR - R=ADX TV MEK. 77 A, ATV bfERT 220D F T L —bTT, &
TV M IRABODEESITONTVWATF—XFEETT,

« RVET 74 ZLITEBMkK, Python &, Bk ZEMWKEZ YK —FLTWEY, Python O
RTCDAVARVA AV RiZ, RVET T4 9 272THO, ¥ 72725 A285F4——F1 RHA[8E
—C“j_o

o T REEMIZ & B T VAt, Python Tld, EBMZRTILATEET, BT, 77 205Min S
., FOIZIADAY Y RIZE>TOARBHIZTY 7 ATEBRLSIZRDET, Z75AITIE, T—4X %
BEHTDHEZHDAYw KEEEL X7,

95 ADESR

Python 7 7 ADHTIE, BHEAY Y FOM2EHRTE XY, Java £ R4 D, Python TlX 1 2DV
—A - T77AN (EVa—) ) THAEOBOAMI 7 A% EHTEET, Lzh > T, Python DEY a—
i Java DXV T —=VIZPUTWBEEZX DI ENTEET,

Python Tl class AT —hMA YV MEFHLTY 7 A2EHL ET, class AT— b AV M, ROBNX
2> TWET,

class name (superclasses): statement

or

class name (superclasses):
assignment
function

IIAREET DL EIZE, BREOBORA AT —MAVMNERRTEZZENTEET ERLRLTH
BWEHA), ZNUTED, 2F7ADTRTDA VAR VATHEING Z 7 ABEIMERSINET, £
7o, EEOHOBEM €HZ2HLRTHILETEET GABLALSTEHOETA), ITNSDBEBERIC &
D, AV RBEREINET, A—N_—2F2ADY) A MNIA T3 T,

05 AZIEAT=T DR (EVa—)b, B £/1327 7 A0d) TEETRITINIERY 2HA, EROZE
HeERLTRIULZ I ARZSRTAILNTEET,

DSR4 VRY Y ZADIERR

752k, 75 A (A BHEORRR I I A - A VARV ADERIZHEHALEST, 25 ADA VARV A
PERT 212k, TOZIANEBTHEI2PDIDIZPOCHLET, 222X, RO 5 A2FELTL
AN

class MyClass:
pass

26 IBM SPSS Modeler 18.1 Python A2 ) Fh&A—h A= ay - HA K



IS AR TEREIREEDITEIAT— AV IBBRETITN OS54 LTRIERAETH S0, T2
TlX pass AT—MAVIMZMHHLTVWET,

UTFDATF—MAYNE, 77 A MyClass D1 VARV AZRERLET,
x = MyClass()

DFR A VRY YV ANDREEDENM
Java L5720 Python TIEZ I TV IR ITADS VARV AZ@EEZENT 2 LR TEET, &
FINBEAVARVAIZ 1 2FFTT, MIZIE, A VARVA x IZEBORBMZEINT 3121%. MTFD X
SIZLUTEFDA VAR Y AZH UWMEE R EL 9,

1
2

x.attrl
x.attr2

x.attrN = n

VS ABMBLUXY Y RKOESE

7T ANV RINEEBITIIARNTIIAENE T, Z7IANTEEINZBERIEITARTAY YR T
T AVY KRNI, 77ADA VAR VA (EEEUT self LIEOET) 2% 1 518 LTI %
T, BRI, 77 ABUEBIUOAY Y REEHRT DL, UFOa— N2 ANLET,

class MyClass

attrl = 10 #class attributes
attr2 "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

def method2(self):
print MyClass.attr2 #reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3  #make an alias for method3

77 ADNMTIE, 77 AEHIINT 2T RXTOSR%E 7 7 A/ TERMTLILENDHD £ T
(MyClass.attrl 72 &), A Y AX Y AEMHEIZHT 22HIE. TRT self ZHTEMTLILENHD T
(self.text 72&), 7 7 ADMMUTIEX, 77 AEMHIZHNT 2T RTOSR%E 7 7 A4 TERMIT 50
(MyClass.attrl 72 &), 7T ADA VARV ATEMTE (x 27T ADA VAR VAL TSHE x.attrl 72
Yedd) RERHDET, 77 ADIMUTIE, A VARV AEBIINTE2TRTOLRREZ S ADA VA
R ATERITHIHBENRD D T (x.text &),

ERTEH

TIAR— BREFRTHILICED, TR2RMITEIENTEET, I R- LT 7 &
ATELDEFEZEDI T AARIZBONET,  xxx £721E _ xxx_yyy EWHERT 2 O NRZE RN
7 C) 4HliZEET 5 &, Python S—H—i%, HEINEHAIMZHEINIZZ 7 A/ ZEBMNL TRMKE 1z
BREFERLUET, BleRLET,

class MyClass:
_attr =10  #private class attribute

def methodl(self):
pass
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def method2(self, pl, p2):
pass

def _ privateMethod(self, text):
self.__text = text #private attribute

Java 720, Python Tlk, 1 Y ARV ABEITH T 2S5 RIETRT self TERMiTIHEIRDHD £
T, BB this OMHIXH L £HA,

“\:7?2

7T A MART BEREIE. ATV MEM TR ST I VORI L £9, Python (X, k%
EMAOMAZYBE—PFLTWVET, B—& T, A—RX—2F AN 1 DUNMFETERWVWI L2 EKEL
¥9, LEMK 1T, BEROA—NR—T FADNFETEZEI L 2EKLUET,

WAL, MDY FADY T I A%ERT S L TERLEY, EREDOHD Python 7 7 A% XA —/3—7
FAIZETBHI LN TEEY, Python @ Jython FEHTIE, EEEF 7 IEMEIMAKTE S Java 77 AT 1
DIEFTT, A== 522 MLTIH2HEIEIH A,

A=NR=T FZADTRTDFEMERAY Y RIZWITNOY 7277 RZEFMAE L. DT T AAMKIZ & > T
TE51ED, BEP AV Y RPBBEINTOARTNWIERD I I TV I offT I TE T, ¥
TIIGADA VAR Y AIEBEOECHEATE, A—N—2FADL VAR VALBHTEET, Zhn
RVET 74 AL O—HITT, 5D L > THAHANAREIZR D, IRNED TR0 T,

il

class Classl: pass #no inheritance

class Class2: pass

class Class3(Classl): pass #single inheritance

class Class4(Class3, Class2): pass #multiple inheritance
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g8 3 Z IBM SPSS Modeler TOXRX 7 7k

20T NDiESE

IBM SPSS Modeler (Zi%, A F®D 3 FEDORAZV T IAH Y £T,

e AMUY—=L-ZAZVUT N E B—ANMN)—LOETFEHIEITSZOICHHI N, A MY — ARITEHS
nEd,

o A—N—)—KR -2V Th 1F. A== —ROEE2HIHTE-DIZFHINET,

o AXVRTHY A2V T hERIFEYyYay - A2V T 1 TEIFERAN) LT THELT
BT -OHHTEET,

XFXFEHRAY Y R%E IBM SPSS Modeler DAZ ) T hTHHTEIENTE, ZTNHAYY FIZEk->T
SPSS Modeler DJAFILEBEIZ T 7 ATEE T, ZTNH6DAY v Rk, &0 EEREERZIERT 57201
[39 "=V [ 4 3% 22 ) 7k APLJ | CHMAHINET,

AMY—=L, A==/ —=KR-RNY—L, BLUOVIYM1T7IS A

2L DGE. ARV —L LWIEEIF, 77060 —RINBEAN) —LTHN, A——/)—KHT
FHINLZA M) —LThh, AUEKRZRESET, —MIZ, A MY =A%, BEWITER S N2 FETEexR
J—FOEGEERLET, UL, 22V 7 hOEAIE. H5WIEHTTRTORENT K- I hs
DIFTEDDEFRFA, 2F0, ATV TMEEE X, EOAN) =L - NY)TUREFHHALTVWEDN %R
MUTWARBELRDD ET,

AMNY—LA

A MY —Al%, IBM SPSS Modeler DX RFax v bk - XA T7Td, AM) =41 7FE. 2— K., &
B, BIXUOEFTTEIENTEET, AP —=L4I1TF, NTRA—=—K—, o=, A7V T+, BXO
TOMDEREZEEGIIEZ B TEET,

A—N—/)—K - Z2N)—LA

A—=N—)—=F - A"V =LA 1F,. A== —FKHNTHEAINZHEEDOA ) —LTT, @HEOAMY —

LEFEE, BWZY 73 NTWb/ —FK2REEnhTnwET, Z—N—/)—F - ZAMJ) =A%, LFD LS

HMETEEDAN) —LERES>TWET,

o NIRAXA—X—BIUVARAZ) T MF, A==/ —F - AM)—=ALTlFH, A==/ =K+ ZAh)—
LEFIELTWAA—— ) — RIZBEMNITONTWET,

o A—NR—J—FK -+ ZAMY =L, A==/ —FOMEIZ)GUT, BIIOATIAXTX— "+ ) —K®
Hhaxrox— ) —=KB¥bv T, ThooaxrsXx—- J—FKik, A==/ =K Z M) —=L4IZ
HREPELZD, A==/ =R - ARN) =Ll HREMO B LZDTE57-DIHHETH, A—/38—
J — ROFERKRHZ BB ER I N E T,

AT I35 A
BAT 7T L LW HGEX, BEDOAN) =L A==/ =R - AN —=LDHTHHR— I b
it () — FOBMPHIR, / — FEIOBESOLEERY) 2GATHET,
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ANY—LDET
AT, APV —LHNDTRTOEFTHRE) — REEITTIRELEY VY TINVEREL TDARN) =L - A7
) S NTT,

modeler.script.stream().runAl1(None)

UFo#lE, A —LHDTRTOETARE — F2FEITLET,

stream = modeler.script.stream()
stream.runAl1(None)

ZOHTIE, ANY —ABZH stream ITHIILTWET, @HE, A2V T MIAMNY —LFHIFARMNY —
LAAD ) —NEEBRTBEEOIFEHAINEZD, A M) —L2BBIIKNT 2 LHEMTT, AN —L%K
WMT 2L EERTHZEIZE>T, A2 MK 0fERIZRD £7,

22K -aVvFER b

modeler.script EVa— )ik, A2V S IBREFINZIVTFAMNERRMIELET, ZOEY a2 -V,

FEITHFIZ SPSS Modeler 227 V) 7 MZHEIZA v R—FENET, TOEVa—NVF, A7) T A%

DFETRBIZT VAT 27200 iE%RMT S 4 DOBBMEER L TCVET,

+ session() BAEUZ. A2V T b0ty avERELET, By vavid, AMN)—LEZEFTTEEZHIC
X TWABE T =)L, SPSS Modeler Xy 7TV K (@—H) - Fatv A, Fldxy h7—2
SPSS Modeler Server) 7 & DIE#HZEHRL £7,

o stream() BEUIZ. ANV —LEA—NR—J)—K - A7) T NCHATEET, ZOBEBIZ. EiTHD A
Y=L A2 )T hERRA—N—) =R - 22V T EZHRAELTVWSEA M) —LZKUET,

« diagram() B¥UIX, A==/ =K - 22V T CHEHATEET, ZOBKIE. A—R—/—FKHNDOX
AT775L%ELET, TOMDODAZ) T DXL TOHEE, OB stream() B L HUAA%
BLUET,

+ supernode() BE%EUZ. A==/ =R - 22V S bCEHTEET, ZOBEKT. Eirdhoxs) S
EHALTWAA—R—) — RERLUET,

NS 4 DOEBEENEROFRIZENL T,

% 9. modeler.script BEBDER
A2V TN - R4T  |session() stream() diagram() supernode ()
ARy ETHY tyvavERELET | A2 YT MREBKOB | strean() LFAU L

TEOEHNRLA MY —
L Bz, Ny F o
£— N -stream %7
vavitkoTHEIN

T AR Y =LY A,
None iR L ¥£7,
AMY—=24 tyvavEELUET | A MY —LZKLUET |stream() &[FEU %L
A== ) —F tyavaERULET | AN —L%2RLET | A==/ =N+ A | A==/ —F%EL

V—LzREUEY EScH

modeler.script EVa—id, TIA—RTRZ VT 2R TITDHESEHELET., exit(exit-code)
%L, A2V T hOETEEFIEL, BEINZBEOMKTI-FE2ELULET,
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ARV —=LHIZEZINTWBEAY Y RO 1 DIZ runAll(List) B FET, ZTDORAY Y KiZ, §XRTOD
EITARE ) — REETLET., / —RE2EFTTARIETERINZETIILVERIEHE L, EBEEXINAY A B
EMENE T,

WE, AN —LEFETTEE, ETARI I 7 REDHNIMNERINE T, ZOHhEFy IFv—95
iz, A7V ME VA M I BB ERMETE T, IR IFDEBDTY,

stream = modeler.script.stream()
results = []
stream.runAll (results)

FEIHWETT DL, RITICEoTHERINZA TV 22 MT results VANRST VR ATEET,

BEFED ./ —RO&E

% DGE. AN —LF ANV —LADFEFTHNIEET I2BERDH DN DPDNT AR —%{HHL T
HEMEREINTWET, INODNTRA—R—%2BETLHI12F, UTOEEEZTVWET,

1. BEAEITBEAN)—LHAD ) —RERDIT 5,

2. J—FRFEHEREAN)I =L (HBEVWIEHE) OREELET 5,

J— Rtz
ARV —ALTlE, SEITELHETHED ) —FE2RDIFIEZZIEMRTEET, ZNO6DAY Y RERDEIZ
IS

# 10. D/ —RFERDIF5720DAY v R

AV R Ry ED i
s.findA11(type, label) EitEr 77 HELET—&BE S ER2TAR

TO/—FOVAMERLETS, T—
RELE 72135 X)L DOWT DAY None
DIFEIE, B —HDNT A=K =
fEHENET,

s.findA11(filter, recursive) HitEr 77 BELETA VX —TZITANhLNS
TRTD/) —RNOELSEZRELUET,
recursive 7 7 7'M True DFE L.
FBELEZAN) —LHDA—IN— ) —
NEMBINET,

s.findByID(id) J—FK EELZ ID O/ —RERTH, TD
EO% = RBEFHELBZWEESIX
None ZRU £9, MBIIHITANY
—LIZ[REEINET,
s.findByType(type, label) J =K BELET—2MEIET L ERED
J—R, HB5WNEFOM G ERKD ) —
REERLET, T—XBFE LD
WITNHD None DIEIFE. 5 —F
DNRTA=R=DfFHINFET, —
T3/ —FPERD 551X, £ED
J—RWREINEST, —FHIT B/ —F
i WGE, RO EIX None TT,
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* 10. BAFD /) —FEREDTFBLHDAY v K (FiE)

AV w R RO DR i
s.findDownstream(fromNodes) Hi 5 7 BELEZ/ —RDU A OBREL,

BELZ/ —ROTRIZHDE—HEHD /)
—RFZRUET, BSNDY AN

X, BIZHEELZ/ —RbEFEhZE
ER

s.findUpstream(fromNodes) Hi o7 7 BELE/—FDOVZAMRSKREL.
BELE/ —FOLERIZHD—HED
—RZERUET, BINBHYU AN

X, BANCHEELR S —RbEaENZE
ER

BZIE, AZV TR T I AT EREDOHLE—DTANE— - ) —FKPAN) —LIZEENTWBE
EH. FDT4NR— ) —FKiZ. UTORAZV T 2FEHLUTRDIT AN TEET,

stream = modeler.script.stream()
node = stream.findByType("filter", None)

HBEWE, /J—RDID (/=R - X470 - Ky I72AD [FER] ZTIREINTWDB) B854
X, ZD ID Z2EHAL T/ — F2RBETEET, FlRIE, LFROLSIZLET,

stream = modeler.script.stream()
node = stream.findByID("1d32FJT71G2") # the filter node ID

TANRT 4 —%HRET D

J—FK, ANV =LA, EFIL, BIOCHIDTRTIZIZ, TI7ELAFBET., FLALOEAICRETRER TS
O TF =250 FET, B@BE. TuNNTo—F. ATV VOBEB I UONEEZEETE-DIZHHI N
9, ATV bDTANRT A —DT7 IV ABLOREIMEHTEDLIAY Y REZRORIZEHL T,

R ATV 7bD70aNTF 4 —DT7 7 ABLIVOBREDTZHDAY v R

AV R Ry Eom Gl
p.getPropertyValue(propertyName) |4 7Yz 2 b BELTaRT 4 —DEZETH,

ZTDEOBTaNT 4 —=PEELEV
% None ZIRL £9°,

p.setPropertyValue(propertyName, |72L BELZTaRT r —OfEEHEL F
value) E
p.setPropertyValues(properties) U BELETONRT 4 —Df%RHREL £

T, TunNTa— -3y TOLKIHEE
i, JuanRTF o —fERTI—L, %
DTaNT 4 —IZEH DY TEREND

LIETHRE N TVET,
p.getKeyedPropertyValue( ATV b R U 7a8T 1 —Dffi s & R
propertyName, keyName) HFENTVEF—2ETH, ZTO&

DR TANRT 4 —F I F—DEFEMEL
WAL None ZIEL 9,

p.setKeyedPropertyValue( L BELZTaAT s —BLU0F—0DfHE
propertyName, keyName, value) ABELET,
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BIZIE, AN —ADEHEIIHAIALEET 74V - /) —ROEZH[/ETBHEEIZ. UFDOAZY) 7 %2
TEE9d,

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)
node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUG1n")

HBEWE, TANVEX— )= PoT4 =V RETANLVRY VI TEET, ZOHBIE. 71—V RAICH
LTHB AN LET, BIRIE BMFDOLIICLET,

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

J—ROERERN) —LDER
HLW — REBEOA N —AEMT 2550850 FTHEOA N — A1 — REEMT 2121, @
WL ROEEZITVET,

1. /= RNZfEKY %,
2. J=FaBFEDOANY) =L - T7u—IZ) V7T 5,

J — RDYERK

AR —ATHE, SEIERFAKRT/ —FE2ERTEEZT, IN6DAY Y RERORIZENL T,
® 12. /= RZAMEKT 572D AY v K

AV R R D% Bl

s.create(nodeType, name) J—NK BELET—X80D ) — NEEKL
T, BELAEZA MY —LITEMNL E
ER

s.createAt (nodeType, name, X, y) J—K BELEZT—X8D ) — NEEHRL

T, fBELA MY —LDIBE L2
FRZEMLET, x <0 £t y <
0 DL, BIRREINERA,

s.createModelApplier(modelQutput, |/ —F Bt nzETVEIA TV M h
name) SIRELUZETN - T T34 — - J
— FZEKLET,

BIZIE. AP —=LRIZHLWT =K — R2ERT 5121E, AFORA2 ) Fh2HTEET,

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")

J—RDY) o &) v URR
AR —=LAHIZHLW — REERT B5E. FO/ —RE2HHTIICE) — ROy —r v A2 T 556
ERHOET, APV —AIZF, /—F2VVIBIOC) VIBBRTE2DD%L DAY Y KBHD T,
INS5DAY Y RERORIZEHL T,
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£ 13 /—R2VVIBLOY VIBRT 270D AY v R

AV R

RO DR

At

s.link(source, target)

A

V—Z+ /) —R&ZEx=7yv k- )—F
DOEZH LW v o7 2EKL X7,

s.link(source, targets)

AV

V=X /) —=RefEEEIh=ZV AN
DER—=7Ty FORIZHFLWY Vo %
ERLL £,

s.linkBetween(inserted, source,
target)

AN

fid 2 2O/ =K A VARV A
(V=R )= ER=FY - ) —
Ry Ofic ) — N&28ki L, ALK
J—ROMENRZINSD . — KDz
BBHEEDIIHRELEST, V=R J—
fex—4y - ) —ROBOERE)
VI DEANCHIRE N E T,

s.linkPath(path)

AV

=K A VAR Y ZADMDH LN
ARERUET, AD) — FH 2
ZHD/—RizVvrdh, 2 ZFEHD
J—FMN3H/ZED/—RIZV X
N, UFEBICY v o7 a3nEd,

s.unlink(source, target)

U

V—Z+/)—R&ZR =7y k- )—F
DOFOBEEY) v 7 2YIRL 7,

s.unlink(source, targets)

ANV

V=R ) =ReBEINR=7T Y
F  VZAMNHADEA TV 27 DD
Bz v 2EIBRL T,

s.unlinkPath(path)

A9V

J)—FK A VARV ADBIIEIET S
NRAZTRTHIKRLET,

s.disconnect (node)

U

BEXNn/~/ —Fe, EBELEZANY
— LAHDMDTRTD ) — RORD Y
VI EHIRLET,

s.isValidLink(source, target)

boolean

BELEY—RA - J—REX—7y
ke J—FRORIZY v 2 2ERTE S
BEE True Z RLET, ZORXY Y
RiZ, 88 LAA M) —AIZl DA
TV vMNELTWEZE, V—
A=K KP™) vorigtcE, 2—
Ty b J=FR) 27 2ZIFHMN5
Ze, D&Y VI EEKRLTH
AN —LNIZIERPFBE L RN &
EMELET,

UTRIZRTH TN - 22D F i, AFD 5 DDX AT 2FEFLET,
1. ALEET77ANVAN/ —R, Z74V&— - J)—FK, BLUOF—TNVHH ./ — RE2EKT 5,

J— FELZERT 5,

SAREE- RS
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AIERT77ANVAT ) —FIZT7 7 A NVAERETS 5,
MERH DS Drugl 74—V KE2 71 VRV VT T 5,
T=TN )= NEFETT 5,




stream = modeler.script.stream()

filenode = stream.createAt("variablefile", "My File Input ", 96, 64)
filternode = stream.createAt("filter", "Filter", 192, 64)

tablenode = stream.createAt("table", "Table", 288, 64)
stream.link(filenode, filternode)

stream.link(filternode, tablenode)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
filternode.setKeyedPropertyValue("include", "Drug", False)

results = []

tablenode.run(results)

J—RDA4 vR—N E#. BLUHIKR
J — RO 1T TRL, 2L DBERIZAMN) —LAD ) — ROBEH#HDPHIGEBETT, /—FD1 v
R— b, &, BIOYIRICHHTESAY Y REROFRIZERH L 7,

K 14 /—NaEAVR—b B BICHIRTS272ODAY v R

AV w R RO fEDR A

s.replace(originalNode, 7L BELULEZAN)—LDEELE /) — R
replacementNode, discardOriginal) FEHBLUET, DO/ —ReEf) —
RO AN, BELEZA MY =L &
STHREINTWARENRDHD £,
BEINEZVAIAD/ — ROV —
EFHALET, eI N/ZY A MAD
FTRTD/ — K2, FEELZANY —
LMIEENTWBEHEINET,
newlDs 7771k, /—RZ&IZHL
W ID 2EKTEO0, £2IEEBRFD
ID #a—LUTHHAT DO %EmRL
¥4, AMV—LHNDTRTD/ —F
O ID XEAETHZDLEEINTND
72, FBELEZANY—LEY—X -
AN —=LDEULTHBGEE. ZD7
Z 7% True IZRETHHELNH D F
T, ZDAY Y NIIFHLIFHAEINT
J—=FRDYVANERULETH, /—F
DIEFIZEZEINTVETA (OF
b, EFEIZALIY A D — ROIERE
ERTULEREUTHDEIERY £H
Ao

s.delete(node) L BEUEAN) —LDSIEELEL/ —
KEHIBRLES, /—RiE, fBELE
AN —=LIZEoTHAINT VSR
EAHDFET,

s.deleteAll(nodes) A EELEA N —LAhoEELETAR
TDO/—RF2HIFRLET, £ENDT
RTD/ =R HBELEZAR) — A
WIZELUTWARERH Y £,
s.clear() L BEULEAN)—LADRSTARTD /) —
RZHIBRLUET,

a7

s.insert(source, nodes, newlIDs) -
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AN)—=LRHRD/—RKDMNZ/N—2R

— AR LT, BFED / — RO EREZIETHRICHD /= REH N LU IZWEERHL T, A MY —
LT, TNS5D ) —REBNTE-DIZFHATELLL DAY Y RBHVET, TNSEDAY Y KEIRD
FIZHEH L ET,

#£ 15, ERELETHRO ./ — K28 T25200AXY v R

AV R R fHD R B
s.iterator() 1FL—&X— BELEZAN)—LIZEENTVWS )

— R ATV MDA TFL—R—%
BUET, next() BEEOIEOHL D
FIZA N — LR EFEINDGE,
TLU—X—DOHfEIIREHRTT,

s.predecessorAt (node, index) J—FK BELZ/ —ROREINEEZEDOE
77 —FEETH A VF v I ADE
AEBATHEHEE None ZRU X

R

s.predecessorCount (node) int fBEInsg/ — RoEEDRT ) — K
DEERL ET,

s.predecessors (node) —& BEIN~ /) — RoE#EDRT /) — K
ZRUET,

s.successorAt (node, index) VAN BELRZ/ — NORE L - EEDKRS

J—=RERTH, 1T v T AR
ZHZTWA5E1E None 2B U &

-g—o

s.successorCount (node) int BEINE /) — FOE#EOER / — K
D EERLET,

s.successors (node) —% BEINE /) — FOE#EOHEE/ — K
ZRUET,

IHB DHEE X ITHIER

kD A2 ) FRTIE, UTOBDES7%, clear A3V ROI X ERMGHENYR—FINTVWET,
« clear outputs (&, IRTOHNEHHZY =T ¥ Ly b2 SHIFRU £,

« clear generated palette X, [EFTIN| XLy hRSITRTODETI 7y bEHEELET,

« clear stream (X, A MY —LDHFEHIRL 7,

Python A2 U 7+ Tid, FEROEEE Y bR K- I hEd, AbY—4L v2—Vy, HhHvHr—Y
Y. BECETN 2=V ¥ ZHEET DT, removeAl1() IV FEMHAL X9, UTFITHIZRL X
ER

e ANV—L 2=V YENHETIUE:

session = modeler.script.session()
session.getStreamManager.removeAll ()

s HORFA =Yy RHETLIGA

session = modeler.script.session()
session.getDocumentOutputManager().removeAll ()

c ETN XYV EHETHHG:
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session = modeler.script.session()
session.getModelOutputManager().removeAll()

J—RICET B ERDODAF

J=FiE TR - AVE—bF V= RBLOT X - ZIAKR—F - J—F, ETIVHE —F, ZoOft
OO/ — FRY, SEIEAATIV-ZHHINET, &/ —FITid. /= NIcET 2 EHRE o
51-DIMHTELLS DAY Y FDBHY £,

J—R®D ID, &¥il. BEOT ANV ERETEEDIHHTESEAY Y RERORIZEHNL 9,

% 16. /—FD ID, #4Hl, BLOTNVERGFT ELDDAY v R

AV R FDY oY 1A

n.getLabel() string HBELE /) —RFRDOFRINLEEL X
I, TN TaNRT 4 —
custom_name DEE 722 DIk, ZDT
ONT 4 — IR H TR L
use_custom_name FH ST 4 —H3FE
TNTVARWEEDATY, Thbist
DA, TLIE getName() DAHEIC
A BN

n.setlLabel(Tabel) 7L BELL/ —FORRIRNVEZEL
F9, HLWLT RN ETFHITIER
WS, ZOXFHNTaRT 1 —
custom_name (ZHE D YT 5N, FEEL
eI RVPEREI NS XS TusT
1 — use_custom_name Z False A3#|
DEToNET, ThBUANDEEI,
ZEXCEHH custom_name (ZE[D YT
53, FHIXT 4 — use_custom_name
IZ True BEID Y THNET,

n.getName() string eIz —FoL4iizEL X,
n.getID() string BELE/ —FD ID #2RUEY, &

LW/ — R2MERE B 70Nz, #HL
W ID MMEENhET, ZD ID

E, ANV —=LD—FE LT/ —KH
RiEEhd e &z, /— NTkkifb
N, AN —=LZEfEVWIZEEIZ)—F
ID WREEND LSRR XT, &
U, ELZ/ — KRB A MY —AIZ
HAINhBGE, AINEZ — Rk
LA 7v s heRBREN, HL
W ID HED L THENET,

J—RIZET 2 2DMDIEHREINET L72DIHHTE LAY Y RERORIZENL £7,
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F 17. /—NIZET I E2IG T 57dDAY v R

AV R

RO DR

At

n.getTypeName()

string

D) —RDAZ) T 4%E2RELUZE
T, ZhiE, 2D/ —FRDHL WA v
ARV AZMERT BDICHHTE S
ZHiEE LT,

n.isInitial()

Boolean

INHEHD /=K (AMY—=LD
FHEIZH B ) —R) THEEHIE.
True ZKUE 7,

n.isInline()

Boolean

A4y - ) =K (AMVU—
LOTEIZH B ) —F) THBEE
I, True 23 BL 7,

n.isTerminal()

Boolean

I /=K (A MY —=L0DF
RBiZHB /) —FR) THHEEIX True
ZIRLUET,

n.getXPosition()

int

ARV —LHAD) — KD x fiEL 7
ty MEERLUET,

n.getYPosition()

int

ARV —LHND /) —FD y hiEA 7
Y ba2BLUET,

n.setXYPosition(x, y)

ARV —LHAD ) — RO BEZBZTEL
7,

n.setPositionBetween(source,
target)

BeIh/ —FOBIZANET S LS
IZAMY—=LHND /) — KDHEEBRE
LET,

n.isCacheEnabled()

Boolean

Xy vaNERRIGAEIT True 2K
L. Z5TRWEEIL False ZBL
9,

n.setCacheEnabled(val)

U

ZDATIV I bDF vy vy kAR
FFESILET, Frvradn
SIEVDIGFEIZF ¥ v ¥ a M EshIz A
b, FyvvaldrvoviaIngt
EDS

n.isCacheFull()

Boolean

Fr v rat o XWDOEEIE True
ZRU, 5 TRWEEIX False %
ELUET,

n.flushCache()

U

ZD/)—FRDFyvarzr7Iva
LEd, FyvyadaRchngs
PV IENTRWGES, MBS £
A,
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B4E XVYTHN API

27V T N APl OBE

22V APL 2 XD, HEE\ SPSS Modeler #HEIZT7 72 A $ 22 &AW TEET, ZZETHIALT
AV Yy KMignwidne API O—#TH v, BIITT VR—b2THORTHAZY T ML SBEERINIZ
TIRATBHIENTEZT, 72720, APl 7 7 A% BRI B2BERDZ5E51E. MFOAT—F AV b
THIRIZ API 24 VY R— b T E2BERH D T,

import modeler.api
ZO import AT —hAYV MK, Z< DAV T APl OHITHEIZRD £,

22V 7 b APL 2@ U CTHMWREZR Y A, AV Y N, BEUENIA-2D%R%BTA P, [IBM
SPSS Modeler Python Scripting API Reference Guide] &\D XEIZHENTVWET,

Bl 1: ARG L - T4V I—%FALL/ — KDKRE

(31 X—=YD [/ —FOWEKI D> a v TiE, MBEREEL LT/ —FOXA THEHFMALTAMY =4

D/ —RNEREZETHHZRUE LR, HBEICL-oTE, KONHNBZRERNBEIZRD T, 2O X5 %H

RaEEHETL121E, NodeFilter Z I ABXIUPA RV —L4D findA11() AV vy R2MHLZXT, ZOHEOMK

RIIATD 2 BB TITVWE T,

1. NodeFilter ZILAREL. HAXL - N—=Ta D accept() AV Y REEETIHLWT T AZEHRL
9,

2. ZOHLWIZFTADA VARV ATAN) —AD findA11() AV » RZIFCHULET, ZhizkD,
accept() AV Y NTCEBINHRERZ 2T ITRTO /) —FPRINET,

ARV —=LD/—FD5L, /= FOFv v YaPFIliioTnd /) — FERET S HiEEZ L TOFNTR
LET, BINZ/ —FDODYVAMEMEHLT, TNoD /) —FDOFvyvaz7IvyadannlENtds
ZEMTEET,
import modeler.api
class CacheFilter(modeler.api.NodeFilter):

"""A node filter for nodes with caching enabled"""

def accept(this, node):
return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findA11(CacheFilter(), False)

Bl 2: 2 —H—DIERICEDE, TALIRMN)—FALE 7714 ILDEHRE L
—HF—HARETZESLDHICT S
I—H—IZ PSAPI Z I ERNWE 5125572012, PSAPI OO HLZ/H LT

session.getServerFileSystem() WS AV w REZHL, 774N - VAT L - ATV bEERTE
9,

AR oH#lix, IBM SPSS Modeler Server 12863 5 2 —H —DMHERIZE SO WT, T4 L2 M) —F7/=17
TANVDIERE LY —DEETEL L DIZT L5 HEERLTVWET,
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import modeler.api
stream = modeler.script.stream()
sourceNode = stream.findByID('"')
session = modeler.script.session()
fileSystem = session.getServerFileSystem()
parameter = stream.getParameterValue('VPATH')
serverDirectory = fileSystem.getServerFile(parameter)
files = fileSystem.getFiles(serverDirectory)
for f in files:
if f.isDirectory():
print 'Directory:'
else:
print 'File:!'
sourceNode.setPropertyValue('full_filename',f.getPath())
break
print f.getName(),f.getPath()
stream.execute()

AETFT—4: T—8ICET B I1ER

A RY —LANTIFERD ) — P BEWMIERINT WSS, &/ — RCHEHABERF EZIET7 2 — I RIiZ
I aEmEEHTEEd, 22k b, HlZIEX Modeler Ul Tlt, V—bEIFEHOREL LT ¢
—I)VRZBEIRTEET, ZOBERET—X - ETNLVEFENE T,

22V TME S FREHRADTE 74—V REHFRSEZLIZEST, T—X - ETNVIITI7RATEHI L
LHHETYT, —D /) —RTiE. AHNTF—X - EFNVEHANT—% - EFAAELTT, HlAIEX V—h -
J—FRliE, VIa—RENGREZBZZIT. T—X - EFVELFETEZIL3HD EHA, —HD/—F (7
1 =V NERR /) — R 8) Tl L7« =)L RZEBINTEET, o/ —F (74 )V &X— - ) —Kigk)
. 74—V RDLRIZEFH LD, 74—V RZHIBRLAEZDT 22N TEET,

LFROHITIE, A2 1) 7 MIFERED IBM SPSS Modeler druglearn.str A MU —=ALZ[FHL., WTHhro
AT 4 =V REBRELUZDIREBOET AN T 4 =V T ICHEINE T, Zhik, RO X3 icfrbh g
ER

T=RM ) =R poHNT—R - ETNMIT VAT 5,

HWhT—% - ETVOKET 4+ =V NEL—TF 5,

BANIT4—=IVRDT 4 VR — - ) —REEET S,

BEHOETIVOLIZEET S,

ETFIVIEE ) — R 2ET77 5,

Ok » e

H: druglean.str A MY —LDA2Z Y T ME2EFTTLENZ, A2V 7 FFiE% Python ITRET LI L%
BNRVWTLZI W (ZOA MY =A% IBM SPSS Modeler DIH/N— 3 Y TEREINT WS 72H, A b
V=LDA2ZY) T FEFERE VA —ITREINET),

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filter", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue("use_model name", True)

lastRemoved = None
fields = typenode.getOutputDataModel ()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
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continue

# Re-enable the field that was most recently removed
if lastRemoved != None:
filternode.setKeyedPropertyValue("include", lastRemoved, True)

# Remove the field
lastRemoved = field.getColumnName ()
filternode.setKeyedPropertyValue("include", TastRemoved, False)

# Set the name of the new model then run the build

c50node.setPropertyValue("model_name", "Exclude " + TastRemoved)
c50node.run([])

DataModel 7Y 27 MZlZ, T—X - EFTIVHADT 4 — )V REHIFIHIZETABRICT 7 AT B0
DL DAY Y RBHDET, ZTNSDAY Y REROFRIZEHL 7,

#£ 18 74— R EIFINHEHTEIBERIZT 2 AT 570D DataModel 7727 b - AV v K

AYw R Ry EDT Bl

d.getColumnCount () int FT—R - ETINVHOFDOEEEL ¥
ER

d.columnIterator() 15 —&R— £5% 177 14)IE] OFAIERE TR

TA4T7LV—X—%KLET, 17V —
R—FH DA VAR AREKELUET,

d.namelterator() 15 —&— £y DZE R 774 )VIE] OfFANE
FTETATFL—X—%2KL X1,
d.contains(name) Boolean HE LA DOFN Z D DataModel

PIZIEIET 2581 True 23U, #
ELRWEGEI False ZIKUL X,

d.getColumn(name) % BEINLEONERL 7,
d.getColumnGroup (name) ColumnGroup BELURAZIV—T%KRTH, f8EL

725N — THRIELE LR WAL
None %#3RL £7,

d.getColumnGroupCount () int IDTF—X - BEFNHDOH T N—TD
BERLUET,

d.columnGroupIterator() 1TV —=&— BTN —TRIERIEST AT —&
—&RUET,

d.toArray() Column(] T—R - BTNEFOESE LTEL
F9, ik 77 )VIE] O AIER
2720 ¥9,

%74 —=J)VK (Column A7 ¥ x2 b) 1ZiF, FNCEATIHEMIIT 7L AT EDDLE DAY Y FHREF
NTVWET, IFDOERIZ, ThoDAY Yy RERLET,

# 19. FNZET BBHRIZT 2 ATB20D Column A7V bk XV w KR

AV R RO EOR HAA

c.getColumnName () string YoguiERLET,

c.getColumnLabel () string FID T ROV EET D, FIZ T XIVHEE
HAT SN TWRWEE 134X FY) %
ELUET,

c.getMeasureType() MeasureType FIOHIEZA TE2KELET,
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# 19. BT BBHMIZT 22 AT B720D Column A7V b - AV K (ki)

AV w KN Ry EDm A

c.getStorageType() StorageType DA NV =Y - XA THEEKUET,

c.isMeasureDiscrete() Boolean FIHSEEE L DG AL True 2R U F
T, kw ’NUFEAIZT I IROFL,
B R d 4,

c.isModelOutputColumn() Boolean FINRETFIWVHIFIDOBEE True %K
LET,

c.isStorageDatetime() Boolean FIOA ML=, B4l B 7=

WBRXA L AR TOMDIGE T
True ZiRLU £9,

c.isStorageNumeric() Boolean FIOA NV — VDB E - I3FERDG
Al True Z23RUE T,
c.isValidvalue(value) Boolean EELUEMERZDOA N L —YTHEMR

LA True 23K L. BT DOMEH
N BIGEE valid 2EL T,

c.getModelingRole() ModelingRole DT MEROBRE %2R L 7,
c.getSetValues() Object]] FIOE YA DEH %R D>, DI

PORWEE E-I13FA Yy NITR
WISEIE None ZEL £,

c.getValuelLabel (value) string FIDED Z X)LV &R T D, fHIZ T X)L
PELEA T S NTWARWESIFZE T F
HEELET,

c.getFalseFlag() ATV b FD [false] FEFMEZET D, EHS

MORWEE £ -IIFN T 5 TR
WI5EIE None Z3BELU £7,

c.getTrueFlag() FITV b FID Ttruel FEFEZET D, EHD
MO RWGE IR T 5 TR ThR
WIGEIE None Z2EL £,

c.getLowerBound() FTVo b FIDMED FRRAEZ KT H. ERDH 5
WG E E 2 I3 EG I TR WG A
1% None Z3EL F79,

c.getUpperBound() FITVz b FIDMED ERRMEZ KT H. @005
HWEE F 3PN T WG S
& None ZKL £9,

FNZBETARBHMIZT 7R ATRIELAEDRAY v RiZlE, DataModel A 7Y 7 MIEBBINT WA [EIL%
DAV RBRHDET, 22IE, KD 2 DOAF—F AV NI, ALHDO2ELET,

dataModel.getColumn("someName") .getModelingRole()
dataModel.getModelingRole("someName")

EMSINATO I MADTIER

AR —ABREFTT BT BE, BN HA TV b2ERTAISERHDET, ZNS5DEMDF
TVl M, FHETIV CABEOETTHHAT2ERE2RMETE2HN) 1I2T5Z 2R TEET,

42 IBM SPSS Modeler 18.1 Python A2V 7 h&A—hA—vay - FA R



TEoB T, A M) —LDFKBAE LT druglearn.str A M) —AZHEMFHLTWET, ZOHT
. ANV —=LDFTRTD /) —FE2FETL, #EREZVANMNIEHLET, iz, A7) 7 b TIIFER2KIZ
DWT—TL, EfFOfERE LR oNZET IV % IBM SPSS Modeler E7 )L (.gm) 77 1)L &L

THEL, EF)V% PMML T2 AKR—bML T,

import modeler.api
stream = modeler.script.stream()

# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream
models = []
stream.runAll(models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunner()
for model in models:

# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelOutput)):

continue

label = model.getLabel()

algorithm = model.getModelDetail().getAlgorithmName ()

# save each model...

modelFile = modelFolder + label + algorithm + ".gm"

taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML...

modelFile = modelFolder + Tabel + algorithm + ".xml"

taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

RAVFTI T AF, K<HHATEHSIEIERUHE2EFTTLDOIMER T, 20T T ATHAAGERA Y

v ROERWEZLFORIRLE T,

# 20, K<HHTANMEAEITTEHEODRAIETFTISADRAY v K

AV R RO ED

B

t.createStream(name, autoConnect, |A MU —2L
autoManage)

FHIA MY —L2ELUTRUET,
JERFTANY) =L &R LTCa—Y
—POARAHUZT EHBERHLI—F
Tl&. autoManage 73 7% False (Z
HETIDLENRDHY T,

t.exportDocumentToFile( AV
documentOutput, filename,
fileFormat)

BEINEZ77AVERZHEHLTA
N) =L D% 7 7AWV AR
'—}\bi‘j_o

t.exportModelToFile(modelOQutput, 77U
filename, fileFormat)

BEIhE77AVERZ/MHLTE
FNETFANIIZIAR—P LFE
7,

t.exportStreamToFile(stream, U
filename, fileFormat)

BEEn-z7 71 VEREMFHLTA
M) =% 7 74T AR—bPL
7,
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# 20, K<MHHTINEAREITTEEODRATFEGTITIADAY v K (%)

AV w R RO DR i
t.insertNodeFromFile(filename, VAN BEINEZTTALDS ) — REHA
diagram) A, FBEINZRA T T LIZHIA
LTELEYT, /—F - F7Vz2 b
CA—N—) =K - TV +DW
FOHARARMFHATHZ N TESE
‘g—o
t.openDocumentFromFile(filename, |DocumentOutput BEINET7AADRS RFaAvb
autoManage) BEAAATEL ET,
t.openModelFromFile(filename, ModelOutput BEINEZT7AUDSET IV R EA
autoManage) AATELUET,
t.openStreamFromFile(filename, AMYU—A BEINETTALRLAN) — L%
autoManage) FAAATIEL ET,
t.saveDocumentToFile( A BEINEZT 71 IVOEGHIZ R¥F 2 X
documentOutput, filename) VRERELET,
t.saveModelToFile(modelOutput, L BEINET 71 IVDBFICETIVE
filename) BREFELET,
t.saveStreamToFile(stream, A BEINEZT 7AIVDEBFTIZARNY —
filename) LEHRGFLET,

IT5—0DUIE

Python S&EIZIZ, try...except I— K« JHY 712X BT T —MEL b TWETS, A2V T MNT
IhzEFEHETEE, flhzE2 Ty L, HULUBRTIUEAZ D) TR TLUTLUESMERZLUETEZ 2

TEXY,

FEDAZ Y 7 MiITIE, IBM SPSS Collaboration and Deployment Services Repository 7*5E 7 )L %
WAELESELT0ET, ZOBRETRFENPRETSHBRESHD £ A, VARV M) —ouro
VEREHRPIELSBEINTORWEGER, VRV M) —DNRZARR> TV EILENREZONET), A
70T NTZOHEHEBVHKAET 5L, ModelerException AR —X 1 EF (IBM SPSS Modeler (2 & - T4
X B HIAME. TR T modeler.api.ModelerException 7 SIRAEL TWET),

import modeler.api

session = modeler.script.session()

try:

repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

fE: A2 0 7 MMEIZE > TR, BEED Java BIAPRETHEERH D 9., T oDFIsMNE
ModelerException 2 SIRAELTWERA, TNSDHISEF v v F T 572012, BIID except 7H Y 7
EHHALUTIANTO Java filAh 2 F ¥ v F T2 ENTEET, UTNITHIZRLET,

import modeler.api
session = modeler.script.session()

try:
repo = session.getRepository()
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m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

Ab)—=b Eyvay, BICR—N=J =R - RSA=F—
NIA—R—E, BEAZ VT NORTHEEBEEWIZI—T 1+ V7T 20 TR, ETRICETSEICHE
T, "NIA—X—LZDMHEIZ, AN —LDGHELRUAETERLET, DD, A MY —LFRIF
A=N=) —=RDNRFA=R—+ T—=TNVDHHE LT, £/AEFIATV R - I VDNRITA=R—L LTE
#LET, LTFORITET L DIZ, Stream 7 7 AH KU SuperNode 2 7 Ald, ParameterProvider 7 7
VIl MIkoTEHIND HOEKEZFEELTWET, v ¥ a3 iZid getParameters() DIEOH L
PHEINTEL, BUHT L, TNS5OBBEERTE2A TV 27 PRI NET,

# 21. ParameterProvider & 73 =27 MZ ko> TEHZEINT WS

AV YR RO EDH i

p.parameterIterator() 1T —&X— IDFTVLI FDIRTA—R—%D
KETFZERLUET,

p.getParameterDefinition( ParameterDefinition BEINARZFDONTA =KX —D

parameterName) NIA—R—EHEEELUET, 4T

BTG A—=R—=NID TN X—IZ
FAEL 22 WIEAIE None 23U £,
FERIZ, AV Y RO S Nz
TOEHZDAF Yy Tay hTHLHH
ML, TORIZZOTENI K
—ZBELTHNITIA—X—IZHLTHTH
NEEERRMEINT VWS LT £
A,

p.getParameterLabel (parameterName) |string BEINZNRTIA—Z—DFT RV %K
LET, FHMTEINTA—X—DEE
LW EIE None ZEL ET,

p.setParameterLabel (parameterName, |7 U BEINIZNTA—R—DT )%
Tabel) ELET,

p.getParameterStorage( ParameterStorage BEINEZNTA—R—DA N L=
parameterName) BELUET, BMTHRTA—x—

FAELUBRWESIE None Z2EUE T,

p.setParameterStorage ( AV BEINEZNTA—=—R—DAML =V
parameterName, storage) AEL T,
p.getParameterType(parameterName) |ParameterType HEINENRATRA—R—DF— X%

BUET, FUTENRNTA—R—F
FELURWEST None Z2IRL £,

p.setParameterType(parameterName, |72L BEINERTIA—R—DFT —2H%
type) BELET,
p.getParameterValue(parameterName) | 47z 7 b BEINENTA—XR—DfE%ZRL £

I, FUMTBENTA =R —REFEEL AR
WIHEIE None ZIBL 7,
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% 21. ParameterProvider 7 7Y 227 MZ Lk > TEHBINTVWBEHE (HiX)

AV w R RO DR i
p.setParameterValue(parameterName, | 72 L BEINENTIA—R—DEEHEL
value) 7,

UFROHITIE, A2V T NTEET—XE2EH LT, FHNAT X PRBEVEREZEL T, KIZ, *
DHEBTARNY) —L - NG RA—Z—2HELET, 5T, TOAMY) =L - NTRA—R—%ZMHE ) —
RTHFALTZDMHEEE T — X PSR LI, ERODOT —RIZHT 2BEHMNET VEERL £,

ZoflTiE, A2 ) T NTEMEME ) — FEEZAERT 5720, IELUWEZ ST 7 — R EsAE R
TEREWHHT, FHARLBHNZZR>TWET, LAL, @EHAMY —ARHINERINTWE D, &

DHIETNRIA =R —%EZET 5 {EFNTT,

22 T MDA DES TlE, SEEHNRADRRE RN ZBINT 2 A N) —L4 - NS X=X —%EHKL %
T, ¥/ A2V T INTREETIVFEETIVERT 7V FIZ /) — REERL, HEICERL £,

import modeler.api
stream = modeler.script.stream()

# Initialize a stream parameter

stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate"”, "Aggregate", 294, 142)

aggregatenode.setPropertyValue("keys", ["region"])

aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")
# Reference the stream parameter in the selection

selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

ZDAZY) T MITIEUATOA MY — L %ERLET,
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Bl - e ]

telco.say Angregate Tahble

-@>
'?')" —_— ) — C';)_'a
Select Type churn

X5 220 7 MI»rSBESNDEARY —A

A7V FIHIDOLLTOES TR, EEF 7SV FOKMTT—T I - J—RE2ETFTULET,

# First execute the table node
results = []
tablenode.run(results)

A2 T MIDOUTOEHDTIE, T—T N - J—ROEFIZE>TERENEZT—TNVERIZT 2R ALE
I, A2 T NTIRKRIZ, T—=TILOFRIEIZIOVWTREL., EHRANRESEVERZEL 7,

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

A2V T DTS T, SFNADP R BRI Z M LT, PARNC/ER L 72 [LowestRegion] A
FU—L NI RA—R—%FELET, A7V T MTIHRIZ, BEDHBEFET — X SMINLTET
V- ENR—2FETUET,
# Check that a value was assigned
if min_region != None:

stream.setParameterValue("LowestRegion", min_region)

else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

22 T MilekE L RITR U E T,
import modeler.api
stream = modeler.script.stream()

# Create a stream parameter
stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)
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# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

# First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])
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' a—/nN)LE

JH—NUEE, BBELZ7 4 — )V NOEREOENMGI B EZEIR T 5720 HL £9., Zh s DEFEIZ
. AN —LHNDEEOHHNSGT 7 ATEES, = UUEIEL, AN —LDSKFTT 7 2AT
EEHRLVWIHTAR) =L - NIA—R—LPTVET, ARV —L - RNITA—X—LOMEIL, A7V
TERATU RN - TAUNSRATEDOTIERL, 70— OUMEDRKE /) — RBEFI NS L BEMA T 50
TAEDHEICERINEZ T, AN =207 0= NUEIZT 72 AT 5I21F, AN =240
getGlobalValues() AV v RZFOH L X7,

GlobalValues A 7Y =2 M, MFORIZRTEKEZEHELTVWET,

£ 22. GlobalValues 77V 227 MZE->TEBINT VBB

AYw R Ry EDm A

g.fieldNameIterator() 1FL—X— sa—N)UExE 1 DU ER>& 7«
—VREHDOKETZEERELET,

g.getValue(type, fieldName) AV S/ BeInzr—2MsLl0 74— K

fHor7a—UEEERL £, ERR
DS RWGAIL None ZIEL T,
RENBEIE—RIZBAETT D, [k
DEETIHH ORI DM EET & 51274
LHREMED DD T,

g.getValues(fieldName) v BEINZT7 1+ — IV RZ{OBMAD T v
M)—2EL~YY TEELEYT, 74
=V RIZHGFEOTY MY —2R0WEE
1% None %#3EL F79,

GlobalValues.Type . HHTRER B EBDO XA T2 EHE L £, U TFOENKEEAAHHTTRETT,
o MAX: 7 o1 —)b K DEAAE,

+ MEAN: 7«4 —)L K DEH{E,

o MIN: 7« —Jb KDEUIME,

« STDDEV: 7« —Jb K DIEHE(R =,

o SUM: 7 4 — IV RDIEDEET.

FIAE, ARDOAZ Y 7 M Tincome] 74 =)V ROVIHIZT 7 ALES, ZOT7 14— Rk 71
—NIUEDEE ) — RIiZk > THEINE T,

import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")

BEOZANY)—LDOWMIE: 24 R7OY RV Y T K

BEOARN) — L2 T A2, AZ Ry A2V T N2EHTARERHDET, AKX K70
v A7) 7 bhlE. IBM SPSS Modeler Ul NTHEL TEFT LN, NvF - E—RKTaAavry K- I9
YV eNRXTGRA—R—L LUTCTETIENTETET,

UTFORAZY 7y A2V 7 bME 2 DOA M) —L%2HEET, —HOA MY —LIXETIVEZMERL.
2 ZHHOANY —LFFPHEDO D42 7oy N UET,
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# Change to the appropriate location for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/18.1/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunner()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to_K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[0].getName())
applyc50.setPositionBetween(derivenode, histogramnode)
plotstream.1linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.run([])

# Finally, tidy up the streams
buildstream.close()
plotstream.close()

X oHIZROBNE, BIWVTWABA M) =L ([AMY—=L4] XTTHVWTWETRTOA N —24) % KEL
M2 EE2RLTCVWET, ZHd, AX VK70 Y A7) TR TOAYR—bEINBZ iziEELTL
72X\,

for stream in modeler.script.streams():
print stream.getName()
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BE5E RVYThDEV K

Dk 2y arTiE, A2V T RO Y FEFWHIZOWTHEZBALET, Zhi2id. AM) —LD5HE
TEBIELREZD, 220 TSI NZAAAT—R2MHL~ZD. £7-. IBM SPSS Collaboration
and Deployment Services Repository TA 7Y =2 MIT 7 ALED TEEENEENET,

A M) —LRITOEE

AN —=L%2FETTEE, R—=IF)N - J—=RBT 73V ORI EEE S NZHF TEITINET, K

BIZIEU T, BOIEF THEITIEZ I TEET, AN —L0EFIEFEZEETSI2E,. AN —4

DTART 4 —| XAT707 - Ry 72D [EF) 2TT, MFOFIEEZETLET,

1. ZOA2 )T NEHELET,

2. V= N=D [FT7x)Vh A2V T E2EM REVE2IZVY LT, T7ANVIDANY =LA -
A7V T N EBMUET,

3. TIZANMDARNY) =L - A7V T NOXDEFEZ, EBRIZEFTTIEFIZEEL XTI,

J—RDI—TF
for V—7%2{FHLT, APV —ALAHNDODTARTDO/ —RKE2IL—TT&ET, HlxiE. LTFTORXZ) 7 Ml
TRTD/—RK2LV—=TL, 74NVE— J—RIZBIIE7 1 =NV REERXFIZEHLET,

ERIZ T AN XU INDE T4 — IV EBRRLTEH, ZOAZV T ME T4 NVE— J—FRZ2E>28D LS
BMARM)—=LAIZBWTHMBHTEE T, 74—V RLZREMICRKXFIZETET5I12E, IRXRTOT 1 —J)b
RE2ET T4 NVER— - ) —RELEFZBIGENT 5710 TT,

# Alternative 1: using the data model namelterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# namelterator() returns the field names
for field in node.getInputDataModel().namelterator():
newname = field.upper()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iterator():
newname = field.getColumnName().upper()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

ZDAZY) T MEIBEEDARN) —LHADTARTD/) —KELVL—=TL, &/ —KDBTANR—=THENEI N
EFzvIUET, /= RBRT74NVR—TH2EE. TDO/—FOE 71—V FRE2L—-TL,
field.upper() BEI¥E7-1% field.getColumnName().upper() BEEZMHHL T, &% KX FIZEFE L X
-a_o
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IBM SPSS Collaboration and Deployment Services Repository FN®M 7
Tz MADT7IER

IBM SPSS Collaboration and Deployment Services Repository @7 A &V Az fRA L TWAHHEIX, A
VTN AV REMHLT, A7V b2 V)RV PVITKMLZD, VRV MUDROHELZD TE
9. UKV PV EMALT, 2 X=FI34 X 7TV r—vay, V=, LV Va—rar0a
YTIFANT, TR XAV ETABIUHEET S THUA T2 b DIATYA 7V EEHL X
ER

IBM SPSS Collaboration and Deployment Services Repository ~ D5

VDRI MVIZT 7R AT 5121k, £9. SPSS Modeler 21—H%— A VX =T —AD [V—)] A=a—
FFavYR SAvs, URY M ICH U TENSERERETILEND D T, LI
= ® [IBM SPSS Collaboration and Deployment Services Repository it D515 [ &ML TL 72
AN

VR NIANDT U ERADEST

VRV M)y Yavhroe 772 ATEET, Hl2IX. UMFTOLIITLET,

repo = modeler.script.session().getRepository()
DRI N)DhLDATY I NOEBF

A7V T RANT, ANV =4, BTN, HH, BLY /) —RFRY, IFIFERATVI7MNITI78RATS
IZIE, retrievex AR ZMAL £9, BEEBOENZUFDORIZRELUET,

# 23 WBAZ Y T MEK

ATz BA4T UARY b B

A MY —LA repo.retrieveStream(String path, String version, String label, Boolean autoManage)

ET NV repo.retrieveModel(String path, String version, String label, Boolean autoManage)

Hh repo.retrieveDocument(String path, String version, String label, Boolean autoManage)

/—F repo.retrieveProcessor(String path, String version, String label, ProcessorDiagram
diagram)

BIZE, AFOBEEEFEHLTYRY MRS A M) —L2EETEET,

stream = repo.retrieveStream("/projects/retention/risk_score.str", None, "production", True)

ZofNE, FBELZT7 AR =5 risk_score.str ANV —LZHFLET, TF)LOD production &k
EDON=Va VDAMN) = LzHETHE02#A L, RED/NT A —&X—iF SPSS Modeler BZDA Y
—LEEHTEhERELET WBIAIE, ZORE, SPSS Modeler 2 —H'— 1 VX —7 2 —ANKRZ

NTWBEEIZ, TAMN) =L ZTIZZFDARN) —LDBRREINET), RbDIZ, FED, 7T
DW=V a vEMHATBIZE, MFTOESI1IZLET,

stream = repo.retrieveStream("/projects/retention/risk_score.str", "0:2015-10-12 14:15:41.281", None, True)
W N=Va v IO HD/INT A=K =13 None DIFGE., &HFN—Va VIERINET,
DRI MNIANDFT T U bDIRH

AV T REMEHLUTYRY MVICAT Y 27 bEENT 51213, storex BIBEMAL $9, BB D
ENEATDRIZRL £,
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F 24, ¥IHA 2 ) T BB

FITV I AT URY B

ARV =4 repo.storeStream(ProcessorStream stream, String path, String label)

ET N repo.storeModel(ModelOutput modelOutput, String path, String label)

i repo.storeDocument(DocumentOutput documentOutput, String path, String label)
J—F repo.storeProcessor(Processor node, String path, String label)

Bl Z X, AR OREE [ L T risk_score.str A MY —LDFHHNN—Y a v EEMTEET,

versionld = repo.storeStream(stream, "/projects/retention/risk_score.str", "test")

ZOHNE, FFEAN=Ya VDA M) =LKL T, T "test" TV EBEMNIT T, FHIER S 1
N—Ta D=3y v—hH—%FKUET,

T T NV ERFHA—Y 2 v CEEA 72 K ROVBIAIX, T AULITIE None ZIELTL 2 &0,
JRI MY TG DER

VRV PMIANTTIANK —ZEHTEHZIET, A7V bEREBIN—THIZEBMTE, A 797D
BEDZ LD R TR0 ET, ATFOHID & 512, createFolder() BAEEFEHL T 7 A VX —%2{EFKL T
7ZE W,

newpath = repo.createFolder("/projects", "cross-sell")

ZoflE, T/projects] 74X —IZ lcross-sell]l EWOHM 7 AN X —2/ERL F9, Z DBEIHUL,
7 ANV R —DREENAZBLET,

TANE—DEZFEEFET HI1Z1E, LFD & 512 renameFolder() B ZFHL TL7ZE W,

repo.renameFolder("/projects/cross-sell", "cross-sell-Q1")

BRIDINT A =R —ZHAEEINDE T ANVE—DRERNATHD, 2 BHDNRITA =R —=ZZTDT7 VX
—IZDF5HUWAEITY,

BT ANKX—%HIET ZI21E. BATFD KL 512 deleteFolder() BIEZMAHL TL X\,

repo.deleteFolder("/projects/cross-sell")
7z honyv oLy VER

A7) T o, ATV 2av 2 UT, EFhO2—HF—BREON—Va VEEHLEZDHL W N—
VavaEEHRLRNWESIIZTAERIENTEEY, avI23NEA TV bony 7 2@BT5Z b T
9,

ATV ey 2BLT0 Y VRRT Y VR 7 AFRDEE D T,

repo.lockFile(REPOSITORY_PATH)
repo.lockFile(URI)

repo.unlockFile(REPOSITORY PATH)
repo.unlockFile(URI)

FT7YV o bOFAFEE L OCHUFEEE. REPOSITORY PATH 2L > T, YUARY MY —HNOX TV =7 s DEGH
IHOONET, NAZBHAKFTHA, KYOXFEUTATI Yy Y a2HT2HENHD £9, KXFLN
XFIFXAILU A,
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repo.lockFile("/myfolder/Streaml.str")
repo.unlockFile("/myfolder/Streaml.str")

T, ATV bOgFHERDZIZIE, VKRV MY — - XA T < URI (Uniform Resource
Identifier) % T& £9, URI ﬁiﬁ#wﬁw EEA, FBRIZFANTHENTOWARENRH D £
T, RAREO XFEL UTIEAT Y Y a2 /l5 28N TE, AR-AIHEBATEILELHD FT, D
F0, RANTREAR=ZDRDDIZ %20 Z2FHL £9 ., URI TlE, KXFE/NXFIEEHUEEA, O
KOWEZEITEHEROEY TT,

repo.lockFile("spsscr:///myfolder/Streaml.str")
repo.unlockFile("spsscr:///myfolder/Streaml.str")

ATV bRy ZRFETARTON=Ya DA TV MUEHINET, &N—Yarzuay 2 fizid
0y Zfifkrd s Z 2T E XA

ES1b/ XA — KDERK
LBEICEoTIE, AZV T MIRRAY—=RE2EBRTILERHE0EANERA, HIZIE AT — RKTH
HEINZT =R V= RIIT VR ALZWEERETT, B3 AT - Ni&, ROGHTHHEATSEZ &N
TEZET,
s T—RAR=ZAAN /= NBIOCHN/ —FD /=K T 51—,
s Y—N—zusAr352d0av R T4 V5H,
o IJVAR—b -/ —FRD IR XRTDOERTENRNTA—K— "+ T7A) par 77 A NVITREIND
T — XN — A TANT 4 —,

I—HY— - AV R—=T =AM 5, Blowfish 7TV ZALIZEDWREEANAT - RE2ERTEZ 2N

TZFET FEEMIZDOWTIE, |http://www.schneier.com /blowfish.html| % £ L TL 72X\, NXAT—R
BELz6, ZONRAT—=RE2IE—-LTAZY T - T4 RV N T4 VBIBUTIRET S Z
EMTEET, databasenode B & F databaseexportnode (Z{FHT S — K - @35 1 — epassword &
5 b SN2 — RE/EML £ 9,

1. BB AT = REERTHI2E, V=] A=a—05ROHEZERL T,

(AT —RpxTra—NK..]
2. [R2AT—=F] Ry 2R A7—R&2BELXT,
3. Bkl 22Vv o922, JVRLIEEAAINEZASAT = RBERKINET,
4, [a¥—]| KEx V27V r35e, BElbEnz A —=KKR2 )y FPR-Rizarv—-3Inixd,
5. NRAT—=RZHBKDAZ ) T RPNRT A=K =12/ fIF £ 7,

27 T NOKRE

(ZZxv K70y A7V T ] 4700 Ry IZADY—=NAN=IIHI2FVVRERX V270w oTh
X, Howpd2A4 TR T roXERRICKRETCE T,

)

B 6 A=A -ZAZVT DY —)VN— T4V
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A7) T PNOMERFIZA—RNIZZ T —2ho75E6,. T7—%2BETI Ay -V L HRETIBIELHENR
RENET, TIT—DHETE2RRTBITNE. X477 - Ry ZADTEIZHB T 14— KNy 7 iEHRZ
Vw7 LUTLKEIN, T —DNRTHRARRINET,

ATV R - SAVYDLDRIY) T

WHEIZI—Y— - A VX —T 2 —ApofFbNb LI REfEE2, A7) T NTEFTTLZIENTEET,
IBM SPSS Modeler #&EHT AEZIX, I~V K -S4V ETAZR Y R7yRY - AN —L%EELTHE
FLTLEZI W, IFzHlZRLUET,

client -script scores.txt -execute

-script 77 ZWHBEEINSZAIY T EU—FRTE5Z L%, -execute 7T 7RIV TN - Ty A
DIRTOAY Y REFE[FTTEILZRLTVWET,

BY ) —REDHEBREMN

PART® IBM SPSS Modeler @V ) —ATIER I N/ A 2D 7 M, @FEHAEDD ) —ATHEAFELR L TH
ELET, 270, EFN - F7 Y "HA N —AICHBINCFHA I (F7 4V FEE). A MY —AN

DZDOFEDOFF 7Ty N2 BESHMI - IMETIEELRH D T, TUREBRIITLNE N E S0,

[EFNEANY —LITEM A 7Y avBEC HOEFLVEREM A 7vay (V=] > [F7Y
av|s>la—¥— F7Fvarv) > HEM ) ORTIZL->TEALRY 9, HIZIX BEFEDFT Y b E2HIFR
LTHLWFTZ Yy b2FEAL, 77y FOEBRZUHETZHY Y —ANS5DAZY) 7T NOEENRBELRGE
NHhET,

BAED ) V= AT LA 2 ) T hiE, BETD Y ) —ATREFELIRNZ EDH Y £7,

WD) —ATERINZAZV T H2av Y FEFHL, Z2Oa<vy R Y 23 nNTHr oo a
YYRNIZESHMIONT (721, BIEENT) WAESIE, HWEMMKRE LTHR—- I hETH, H
RrzZBm Ay v =V RREINET, HlZIE 5\ generated F—7 — R model 12, clear generated
l& clear generated palette IZEEHA ONE T, HWEEMS A7V 7 MIMEKARE UTEMEL 35,
BLERRINET,

AN —LETERANDT IR

%< @ IBM SPSS Modeler / — R T, €5, 757, BEOT—T VAT -2 Lot hxr7v 2
MPEREINET, TNSOHIDELIZ, TNUBEOEITOIRE L T5720ICA 7Y T h2fHHTESH
AREPEENTVET, INSDfEIX, avFrY avFF (BIZaryFFeiFEng) 227 v—71k
ENFET, AVFFIICE, KAV TFFEHNTEEXTEZIEID 2HULTT 7R ATEET, 260D
BIZT 72 ATEHEX Oy TFRMEATEIEX (TavyFyy €570 ) &> THRERD 9,

BlzIE, 2L OFHETVHEFTIE, PMML &\W5 XML O—F2#HL T, EFIVICETIHER (&9
ETT4vVay VIV—WMEHTET7 -V P, =a—J)V 2y NUV—JHND=a—0 Ok HikL
ZTOWERY) #REHLUET, PMML 2iHT 2T IVHENTIE, TOBRIZT 7 ATE20ICH/HT
E5 XML av7 Y ETVERMELET, UFICHIZRLET,

stream = modeler.script.stream()

# Assume the stream contains a single C5.0 model builder node

# and that the datasource, predictors and targets have already been

# set up

modelbuilder = stream.findByType("c50", None)
results = []
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modelbuilder.run(results)
modeloutput = results[0]

# Now that we have the C5.0 model output object, access the
# relevant content model
cm = modeloutput.getContentModel ("PMML")

# The PMML content model is a generic XML-based content model that

# uses XPath syntax. Use that to find the names of the data fields.

# The call returns a list of strings match the XPath values

dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name")

IBM SPSS Modeler . A2V FNTUTFDarvyFrY EFLEYHR—-MLET,

e T=TN AVTUY BT fTLHE UTREINGEMAET —TNVEAT—RICT 72 ATEZE
ER

« XML 2¥7VY E7): XML BFRATREINZI VT UVILTIRATEET,

« JSON av 5>V E£5): JSON R TIHRESI NIV FUVILT IR ATEET,

o FfEEta YTy BFIL: BED T 40—V RIZET AHEIOENIZ T 7 ATE LT,

s R7YZEDFFEFH YT VY T2 DDT 4 =)L ROROHEOERNE/-1E 2 DDMEBID 7 1 —
VROBIZHBIEIZT 78 ATEET,

F—7) aAVFUY EFIL

F—=TN ATV BETFNVE, BHILFEAOTF—RIIT 7R AT E5-00BMARETVAEREL 9,
REDFINDMEIX, TRTAML—=YDXA THEUTRITNIERD FHA B2, XFH FE 72 13F
).

API

* 25. API

R f# AV R A

int getRowCount () ZDTF—=TINVHDITOEERL T,
int getColumnCount () ZDTF—TNVAHDOFIOEZREL 7,
String getColumnName (int columnIndex) BEININA VT Yy 7 ALLEIZH D

IO ERELET, FIOA VT v
AE 0 olhELET,

StorageType getStorageType(int columnIndex) BEINIA VT v 7 AMBEIZH 55
DANL—=Y X4 TREKELET, 4
DAVFYIAE 0 MOHhELF
‘3—0

Object getValueAt(int rowIndex, int BrEINTA Ty 7 A8 X O%4
columnIndex) VTFw O ADAEIZH BEEREL F
T, fTLHIOA YTy I AL 0 S
BELET,

void reset () ZoavFyy EFIVIZEEMNT S
NEHNPA R L=V 2 TRTHELE
?—0
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J—RBELUTHAD
ZDOERTIE, TORATDAVTFUY EFIVEEOHEERTE/ —FR2)AMLUET,
* 26 /J—FBXUOHH

U= T4 % 3277 ID

table table "table"

291 7T kDfl

stream = modeler.script.stream()
from modeler.api import StorageType

# Set up the variable file import node
varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")

# Next create the aggregate node and connect it to the variable file node
aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)
stream.link(varfilenode, aggregatenode)

# Configure the aggregate node

aggregatenode.setPropertyValue("keys", ["Drug"])
aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])

# Then create the table output node and connect it to the aggregate node
tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)

# Execute the table node and capture the resulting table output object
results = []

tablenode.run(results)

tableoutput = results[0]

# Access the table output's content model
tablecontent = tableoutput.getContentModel("table")

# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), ¥
tablecontent.getStorageType(col), ¥
tablecontent.getValueAt (0, col)
col = col +1

A2V ThD [FNAw T BT, RTFO LS B hnErRENET,

Age_Min Integer 15

Age_Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
Drug String drugY
Record_Count Integer 91

XML JIvF>vY EFI)
XML 252y EFATIE, XML R—ADIAVFUVIZT IV ATEET,

B 5= A2V T Dk b
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XML 2 Y5>y EF)IE, XPath RIZEDIK A VR—F VM7 7 AT 5HREEZ T R— ML X7,
XPath i, MOHULEAEDOERFZIXENZLEL T E0%2ERTHXTHITT, XML 2TV
EFIVIE, TFXFERATVT bOEEE, XPath DY KR— M TEELEL L0 3 V81 LIZDON
T, FFMiZRNAZRLUES, ZZX D, Python A2 U 7 RS DIFOH UASHMIZZR D £7,

XML 272V EF)CIE, XML XE2XFH e UCGRIEBREGEENTVWET, 2k,
Python A7V 7 b a—HF—iF, HAZEL>TEELW Python 7177V %2 HLT XML Zf#frCc

Er BN

API

# 27. API

RO AV R A

String getXMLAsString() XML %#XF¥ e LUTRUET,

(] getNumericValue(String xpath) N % R U 7z AE SR R i e U TR L
£ WARIE, SARIC—HT BEE
DEEH DY UET).

boolean getBooleanValue(String xpath) HBEINEANARZIMLUZRERE2 T
— U LTRELET,

String getStringValue(String xpath, BEINZRAZ—HT 5, BiMEE

String attribute) 721 XML / — FEOWT %38

LET,

XFHDY R b getStringValues(String xpath, BEINEZNRAI—HTE2IXRTORE

String attribute)

MAEE 721X XML / — R{ED Y Z b
ZRUET,

XFHDYRMDY R

getValuesList(String xpath, <List
of strings> attributes, boolean
includeValue)

BEINAERAIL—KHTEITRTOE
MEDY AN %2, BEREEIX XML
J—NEXHIZELUET,

Ny ¥a F—7TI) (key:string,
value:Tist of string)

getValuesMap(String xpath, String
keyAttribute, <List of strings>
attributes, boolean includeValue)

X—@MEE/~E XML / — Rz ¥
=L LTATENY Y2 =T
ZRU, 72, fBEINZEMEEDOY
ANET—TVEEUTELET,

boolean

isNamespaceAware()

XML /S—H —23ZFi 22 2 383k L T
WARERHEZNESPERLET,
F7 ) M False T,

void

setNamespaceAware (boolean value)

XML /8 —3 — D3 A28/ % 583 L C
WERERHENESIDEZRELE
T, ZDRAY Y KTk, BEOFTH
ULTCEENEVPIEINS L5295
7217 reset() HLIFTCHL X9,

void

reset()

ZoavFrYy EFIMCEEMNT S
NEHEA RN L =V 2T RNTHELE
T (Frvyadi/z DOM 7Y
=7 MR E),
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J—RBELUTHAD
ZDERTIH, TOXRLTOarvFrY EFALERELHNEEHRTSE/,  — K2V AMNLUET,
* 28 /J—FBXUOHH

J—F# 4 avs+ ID
FEAEDETIVL ENLY— FEAEDERINLEETIV "pMML"
"autodataprep" L "PMML"

27) T hDpl

AVTFUVIIT 7R ARTH72DD Python A2 ) T hDI—Rid, UFDLSIZRD 7,

results = []

modelbuilder.run(results)

modeloutput = results[0]

cm = modeloutput.getContentModel ("PMML")

cm.getStringValues("/PMML/DataDictionary/DataField", "name")
cm.getStringValues("//MiningSchema/MiningField[@usageType="'predicted']", "name")

dataFieldNames
predictedNames

JSON JVF>VY EFIL

JSON a>F >y £F)VIE, JSON JERD AV F oYY R— b2 MET220IHINET, Z0OF
TNTIE, EOMHEIZT 72 AT ERZFOCHEUIGARBL TWE Z L 2HifEE LT, FFOH L THMEZ it
TEBLDICTHHE RN API PRt E T,

API

# 29. API

RO E Ay R A

String getJSONAsString() JSON 2V F VY XFHE LTEL
9,

Object getObjectAt(<List of chjecta> BEINENADA TV &KL
path, JSONArtifact artifact) ¥9, EBEINIL— MNEEYS XL
throws Exception ThHhHUEENH D, TOHEIEI Y
TYYVDL—BMERINET, K
NAHMHEIZ. VT VXTI, B E
B, 37 -VETHED. HEW
1% JSON HE#) (JSON # 7Yz 7
N E7213 JSON BFIOWTha) T
HrAfeELH 0 9,

Ny F—7T) (key:object, getChildValuesAt(<List of object> |/SZAY JSON A7V 7 h%{ETH
value:object) path, JSONArtifact artifact) ElE, BEINEAADTEERL ¥
throws Exception T, TNUNDGEIT XNV ERL £
T, T IVHDOF—IEXFHTT
2, BEMAF SN TWAEIZ, VTS
WXFF] B ER. kT
ETH B2, H5ViE JSON BEY
(JSON # 7Yz b E7-1% JSON
oW nh) ThHLAEEELH Y F
ER
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% 29. API (%)

RO AV w R A

FTT I RDY R b getChildrenAt(<List of object> NADY JSON HeFl %2595k, 18
path path, JSONArtifact artifact) |EINNADATI 7 bDY A b
throws Exception ZRUETS, TNUNOBEEIZXILVE

ELET, BENBHEIZ. VFILX
FHI, B FER FET-VET
HBh, HBWIE JSON FEY
(JSON # 7Y x % b £71% JSON M
FoWwsng) ThiaEEELH 0 F
ER

void reset() TOaAvFVY EFIVICEET S
NEWRA P L=V TRTHEELE
T (Fyvvading DOM 7Y
=7 hNRY),

29T kDfl

JSON ERIZEDWTH N ZERTIHODELE—) = FA3H 55451, U FOoa—R2HHLT. 7y 72
Dy MIETHIBRIZT 7 ATEZeNTEXT,

results = []

outputbuilder.run(results)

output = results[0]

cm = output.getContentModel ("jsonContent")

bookTitle = cm.getObjectAt(["books", "ISIN123456", "title"], None)

# Alternatively, get the book object and use it as the root
# for subsequent entries

book = cm.getObjectAt (["books", "ISIN123456"], None)
bookTitle = cm.getObjectAt(["title"], book)

# Get all child values for aspecific book
bookInfo = cm.getChildValuesAt(["books", "ISIN123456"], None)

# Get the third book entry. Assumes the top-level "books" value
# contains a JSON array which can be indexed
bookInfo = cm.getObjectAt(["books", 2], None)

# Get a Tist of all child entries
al1Books = cm.getChildrenAt(["books"], None)

BfRstav Ty ETIMBS LR TEOHEOVYTVY T
JIfiEta Y 7Y EFLTR, 74— VR ICEHETE 2#E (1 ZROME) 7278 ATEET,
R7ZTLOMFEF IV T VY ETFATE. 74—V RORTHTHETE 285 E721E7 + —)L RROfEIZ
TORATEET,

FETDOREZIZIZ T OHDRH D £,
* Count

* UniqueCount

* ValidCount
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. EHfE

e Sum

e Min

* Max

R il

- O

» StandardDeviation

» StandardErrorOfMean

- EE

» SkewnessStandardError
* KurtosisStandardError
* Median

* Mode

* Pearson

« Covariance (H42#)

* TTest

* FTest

—HBDEITE — DRI DIZEDAIZFEHE L, £ OMODEIEART T L DG DB EDAIZFE M L £T,

INSEEHTE /) —F2UFIIRUET,
o FUIRHREN — B FUREEF R AR L. MBI T 4 — L RAMBERESI N TV A5 EIERT T L Ofigt 2 B T E

£9,

o TRWE — N AR L, A—NN—L A T4V ERBEINTVIHAEIERT T L D% 4

KTE X9,

o EH)—K: T4 =NV KRKORTEIKTLZEE, £/2EHE 70—V RDERMD T 1+ —)L RER & H
WAL EIZ, RYZTLO#FHEERL T,

MR Iy T Y BTV EHKEHE, TORED ) — NOBREL T D /) — RNOBRED 512 & > T

ESUR- 3 0

ColumnStatsContentModel API

% 30. ColumnStatsContentModel API :

RO E AV w R EAE!

List<StatisticType> getAvailableStatistics() ZOETIVCHAMRERFFI 2K L £
T, BTLBTATDT 4 =L KA
NTOFGFDIEZFO>DIFTEH Y
A,

List<String> getAvailableColumns () MEt P B I NN ROF L EEL £
j_o

Number getStatistic(String column, FNZEEEATT SN MEHMEZ IR L £

StatisticType statistic)

ED
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# 30. ColumnStatsContentModel API (i) :

ZUR i

AV R

At

void

reset()

ZoaAvFyy EFIVICEEAT S
NEHBA R L —V2TRTHELE
‘3_0

PairwiseStatsContentModel

3% 31. PairwiseStatsContentModel API :

API

Rl AV w R A
List<StatisticType> getAvailableStatistics() ZDETFIINVCHHATRER K 2K £
T, BTLHBTRTDT 4 =L AT
RTOMEDEZEFEFODITTIEH D £
A,
List<String> getAvailablePrimaryColumns () FEtDEE I NN ERD 1 )Y 4 %
ELET,
List<Object> getAvailablePrimaryValues() et E I RO 1 RIIDOE
ZRUET,
List<String> getAvailableSecondaryColumns () HEtWatRE I =050 2 kIl4%
BUET,
Number getStatistic(String primaryColumn, | FIZBEHEAF I S -#iEHE 2K L £
String secondaryColumn, E
StatisticType statistic)
Number getStatistic(String primaryColumn, |1 RFIME & 2 RFNZBENT I 507z
Object primaryValue, String MEHEZRL £7,
secondaryColumn, StatisticType
statistic)
void reset() ZDavyF vy BFIVIZEREAMT S
NEHNBA ML —Y2TRTHELX
ERS

J—RBLUHED

ZDERTIH, TR TOaVyFrY EFARELHNEFEHRTSE/  — K2V AMNLUET,

#* 32. /—NBXOH:

J =K% 44 avyJ ID e

"means" "means" "columnStatistics"

(E¥H/ — 1)

"means" "means" "pairwiseStatistics"

(F¥a/ — )

"dataaudit" "means" "columnStatistics"

(T—RE/ —F)

"statistics" "statistics" "columnStatistics" FEED 7 4 — )b R RGE X

(GlkgEEt ) — 1) N-GEDAERINE
ER
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# 32 /J—FNBIUHH HE):

J— K% HH# avs5J ID

"statistics" "statistics" "pairwiseStatistics
GRik#Ear 2 — F)

74—V RHBHELTW5
GEDAMERINET,

291 7T kDfl

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile", "File", 96, 96)
varfile.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGLn")

# Now create the statistics node. This can produce both

# column statistics and pairwise statistics

statisticsnode = stream.createAt("statistics", "Stats", 192, 96)
statisticsnode.setPropertyValue("examine", ["Age", "Na", "K"])
statisticsnode.setPropertyValue("correlate", ["Age", "Na", "K"])
stream.link(varfile, statisticsnode)

results = []

statisticsnode.run(results)

statsoutput = results[0]

statscm = statsoutput.getContentModel ("columnStatistics")
if (statscm != None):

cols = statscm.getAvailableColumns()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " = ", statscm.getStatistic(cols[0], stats[0])

statscm = statsoutput.getContentModel ("pairwiseStatistics")
if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns ()

scols = statscm.getAvailableSecondaryColumns()

stats = statscm.getAvailableStatistics()

corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)

print "Pairwise stats:", pcols[0], scols[0], " Pearson = ", corr

p B

CER
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B6EITVR-F14VEIH

Y I RY T T7DEE
FARV—=F 4 V7 - VATLDARV R - T4 VEMHAL, RO X S51Z2L T IBM SPSS Modeler % #Z&ET
E2

1. IBM SPSS Modeler 731 Y A =L INTWBIYFa—&X—T, DOS 2Fba~vr K- Far
Mo RUREEET,

2. IBM SPSS Modeler f Y X —T7 x— A% A VX575 47 + E— RTHEEITS121F. modelerclient
AV READL, SO THIZIZIRO & 5 2@y msi s AL ET,

modelerclient -stream report.str -execute

FEAMRERBIE (772) 2L, —N—~ADEH, AN —2b0u—K, A7V T NOFE, £/EH
FIZIG U THD NI A =R —DIELXITO N TEET,

av Y R -S4 VBIEOFER

IBM SPSS Modeler D& ZZEH T 57212, IV K- A VD (7527 LHIPENET) 240
@ modelerclient I~ RIZEMTE XTI,

EHOBEDa<Y YR - SAVEIBEFHATEET, 2ho60avry K- ST UVEBIZO>WTIRZDXR 7Y
a vy THBRLUET,

* 33 avvF - I UEIBORSE :

Bl DFERH SR T

VAT LADBIEK FELIE, b I 66 R—=VD [V 2AF LD51 8 &%
LT 722w,

NI A =R —DFIH HL<k, v I[67 R=TUD X5 A—X—D8KJ |
EZIRLUTLZE N,

URSPAC 2 THOLIE FHL<E, v I[68 R=VD TH—N—FHDsH |
ESBLUTLIEZI N,

IBM SPSS Collaboration and Deployment Services FHLU<E PV I[69 R—TY D BM SPSY

Repository #zftD 5[4 [Collaboration and Deployment Services Repository #%|
[Fios B g 2L T X,

IBM SPSS Analytic Server #5® 514X FLLIE, bEwH[70 R=T D TIBM SPSS Analytic
[Server TR D BB e B LTL X\,

FIZIX, AFD L SIZ LT -server., -stream B LU -execute D7 F 7 HIAGH L TH — N—I1ZEH L.
AM)—L2O—RFRBIUOEFTEIET,

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

O—H) 253147V RDA VAN EERET GG, Y—N—EROIBIIAETT,

AR=2ZEGENTA =R —EE " E AT I LB TEET, IR ROXSITm 7,
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modelerclient -stream mystream.str -Pusername="Joe User" -execute

¥ 7-. IBM SPSS Modeler D AT —h & A2V T hE, TNFN -state 77 27°& -script 77 7 %{HifH
LT, ZOHETEITTEET,

fE: av Y RTHEN I A - R 2T 2561, sIFORICHESZ2ESBERDHD T, Zhick
D, XFH ORI HAPHIIRE e < 2D £7,

ARV R - SAVBIEDT NNy T

av YR I14VETFNAY 7T A5I21F modelerclient I~ REMAL, @MYL Z2MHL T IBM
SPSS Modeler ZEEIL 3, ZHizkD, IV RRFTEREVICELFEINL I 2MEAFCEET, £ix.

tyvay XIA—X—] X470 - FxyvI7A ([YV=)l] A=a—,

twyay NTIRA—KX—DH

E) DA VK - SAUNSLEINBZINRTA—R—DE2HERT LI LETEET,

DS WNOEIE:

I—HF— A VR —Tz—ADIAXV K - FA VI BEETHHTESL VAT LB EZROFRIZRLUE

EP
£ 34. AT LDBIE

51K

B R

@ <commandFile>

@ XRIZBITTI7ANVEEZRRT A LIZED, av v R VA RBETSZ L
MTEZT, modelerclient IX Y RIZ @ »SthE A58 e2fETd L. TDFIHUC
BEINaY VR - 77000y K, IV N - T4 VIZHREINTVWED
CRID &S ICBE I NE T, #ELLIE. v Y70 R=VD HERD B DM AE D
[EllezmL T EE W,

-directory <dir>

TI7HANEOERET A L7 M) —2BELET, =L E=RTlE 20T« L7
M) =7 —xeHHomATHAINET, #l: -directory c:/ F7zlk -directory
C:¥¥

-server_directory <dir>

FIANVIDTF—=RAY—N— - Fo LI N)—%&ELET, -directory 757 T
BEINEET L2 M) =ik, BRI ET,

-execute

BRI, BEFICoO—-RINEZAMN)—LA, AF—b, FHEAZV T NE2EGTLUE
T APV —=LRRAT =P TEBRLLAZY) T Ba - RNEINEGEE. A7) T vED
METINET,

-stream <A b U —2L>

EHERIZ, BELEZAM) —LZ2B—FLEY, HHROALM) —L2BETEEIIN
BRBRICIELZA MY —LADRBHEDA MY —AIHEINET,

-script <AZ U 7T h>

BEFIZ, BELEZAZ Y RETEY 22) Fh20—-FULET, FTHWLTWBE R
M) —LARATF—MIIATINEIBETEETH, BEKRIZIEZ 1 DOAZ2) T ML
Mra—RKTEEHA,

-model <E T J)L>

HEIRIZ, BEOERKETIV ((gn JERT771)) 2a—FL %9,

-state <AF— bk>

EEFRZ, BELREHADAT— b2 —RNLET,

-project <7 B Y b>

fRELZ7nY s beu—FLEY, BEFRIZE, 7Yz %2 1 DU —FR
TEEHA,

-output <ti)i>

BHERFIZ, RAFSNZENA TV 22 b (ccou BRTZ7 7000) Zu—RLET,

-help

AR YR TAVEBDOVANEERRLUET, 2O TV arvziEEdsde, o5
I RTHEHEINT, NVTHEPERRINET,

-P <name>=<value>

ABR=FT YT - NIRXA=RZ—DOXEIMHHINES, /—FOTaTF4— (Zay
b NTA—&—) OREIFHATHILETEET,
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Ha—Y— - AR —T 2 —ATTIAINDE - T4V N)—LBETEET, TOFTa iy ox
ATBIE, (7740 Ama—0 EET LI ) —DFKE] /2 [V—1N"— FoL 27 ) —D
WE] ZEIRLET,

BEI774)lo0—R

O—RINZEA TV MR T 25182V KLUIBEL T, EEICavY N - I1 06, HED
AN =L, AF—F, BIOHENZO-FTLZe2TEET, HIZAIE report.str & train.str @ 2
FEOAN) —Lz0— N, FFTHICEF avV N I VICRODAY Y REBELET,

modelerclient -stream report.str -stream train.str -execute

IBM SPSS Collaboration and Deployment Services Repository 5D A 72 = ¥
boo—R

7 7 A4V ¥7z1% IBM SPSS Collaboration and Deployment Services Repository (7 4 2 > Ah3d % 558)
MOREDA TV 27 M aGRAALC I ENTED2D, 7 7 A IVHOHEEEE spsscr: BELO, ATV a v
T file: (T4 A2 LEDAT Y2 b)) H IBM SPSS Modeler (24 7Y 2 bOMESGHFE2RLET, L
FLOHEHRHE, DT T 7 IHATEE T,

e -stream
e -script
e -output
* -model

* -project

BHEEEZHEHALC, A7 Y7 VOSFEEET S URL Z2/ERKLET, HIXIE, IROX 5127420 F

3, -stream "spsscr:///folder_1/scoring stream.str", spsscr: DIZHEFD D 254, IBM SPSS
Collaboration and Deployment Services Repository ~"DEX 4z AU 2~ N THRET 2 HELVH
DEIT, TDEH, HIZIE, 70 a2 RIFRO X522 £7,

modelerclient -spsscr_hostname myhost -spsscr_port 8080

-SpssCr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring_stream.str" -execute

<YV R - I4VhS URL 2T 206ENHE ZLIZERLTLEI, Hiffizz REPOSITORY PATH |
PR=—PFINTVETA (ZDHEIZ. A2V T NATOAEE L £7), IBM SPSS Collaboration and

Deployment Services Repository DA 7Y =2 @ URI i DWW TIE, [52 X—Y D [IBM SPSS|
[Collaboration and Deployment Services Repository WDA 7Y 27 hADT 7 v A ] BB L TL X
W,

INT A —4—DB|E

IBM SPSS Modeler @~ > K « 4 VEFFIIZ, XNTA—R—%T7F 7L L TFEATELIENTEE
3, ATV - SAVDBIEIZ -P 757 BMHL T, -P <name>=<value> DR TNIT A —X—%FKT
ZEenTEET,

NI RA—=R—IF, ROWTNNITHED 7,

o Hffiie T A—&— (F7/2lk, CLEM R CHEHZEHHINEZ NI A—-K—) ,

« 2BY b NFTA=R— (J—FDTONF 4 —LIFENEZ L HH D), INOEDNTA—R—|F, A
FN)—2thD /) —ROFREELEETL-OICMHINET, FHLLIE P75 =YD [ — K|
(DT u T 1+ —DOE] ESIL T X,
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o IBM SPSS Modeler DEE #ZH T A2-bIZAVSNE, ATV R SV - NFTA—K—,
BIZIE, =% V—=ADA—Y—=ZEL XA T—=R%E, ROIDIZAXVK - I VDT753 7 LTHRET
B EMTEET,

modelerclient -stream response.str -P:databasenode.datasource="{¥"ORA 10gR2¥", userl, mypsw,
true}"

JZA1. databasenode / — K - FH/8F 1 —D datasource /87 A—X—DFARLFALTY, FL I |
BS ~X— D [databasenode 7H/8F 1 —J [FHHLTLEE W,

W/ — RO&N2IBET 2546, —EA/FT/ —F&4Z2HA, ThH5D5HN2MHESTCIATr—7F
ZREDRHD F9, X, HROHOT—X V—A J— RE4HID Source_ ABC TH 355, AL
T kSizkb 7,

modelerclient -stream response.str -P:databasenode.¥"Source ABC¥".datasource="{¥"ORA 10gR2¥%",
userl, mypsw, true}"

UTD TM1 T—& V—ZADHD X512, G NST A —X—%2RTIHBFONIZIZHIZ S BETT,

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:¥Share¥TM1 Script.str -P:tmlimport.pm_host="http://9.115.21.163:9510/pmhub/pm"
-P:tmlimport.tml_connection={¥"SData¥",¥"¥" ¥"admin¥",¥"apple¥"}
-P:tmlimport.selected view={¥"SalesPriorCube¥",¥"salesmargin%¥"}

Y —N\—EFEDEIEL

-server 77 2%, IBM SPSS Modeler (287 ) w27 - H— N— 2T 5 & SR

L. -hostname, -use_ssl, -port. -username, -password, 5 XU -domain @7 7 7 %ffHL T, IBM
SPSS Modeler 1287 1) v 7 - H—N—IZ8Hi T 5 HiEEERLUE T, -server I EEI N TV W
E. TI7ANVDE - —=N—FzFa—HhN c =N —PFHINET,

¢l
NIV w7 - = N— T 511

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

P—N— - T AR—ITEEFET A2

modelerclient -server -cluster "QA Machines" ¥
-spsscr_hostname pes host -spsscr_port 8080 ¥
-spsscr_username asmith -spsscr_epassword xyz

Y—N— - 7T AX—IZHHi T 5 1Z1E, IBM SPSS Collaboration and Deployment Services % i L 7=
Coordinator of Processes MAETT, L7zA > T, -cluster 5I18ZVKRY bV =4t T a v
(spsscr_») L HIZHATIHENH Y £T, FELIE. MY I 69 =YD [IBM SPSY
[Collaboration and Deployment Services Repository 5t D 51%(J [# S L T Z&E W,

+ 35, Y—nN—FEO5I

GIES BhEE

-server IBM SPSS Modeler %% —/N— « £— NTHEIFL, 777 -hostname, -port, -
username, -password, B XU -domain ZEHLT/NRT VY v o - H—N—iZEHKi L
E AR

-hostname <name> P—N— - IV VDRAMKERELES, Y—N— - E-FTULPAATEEE
Ao
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£ 35 b= N—EROBIM K E):

G1E /EEA
-use_ss] Hfi T % SSL (secure socket layer) Z¥8EL T, ZD7 77 AT a v

T3, SSL KD T 7 4V M FEIX not T,

-port <number>

BELEZY —N—DKR—-+FS, Vy—N— - E—FTULIMHEATEEEA,

-cluster <name>

RN EY —N—TRRL, == I F2AX—~OHEHGEHRELET, D5l
3 hostname. port . B XU use_ssl BIBDORFETT, name 1F27 7 AKX —4,
7213 IBM SPSS Collaboration and Deployment Services Repository WD 2 7
AR —% @Bl TS —~ED URl TY, Y—/"— 27 FAX—{L IBM SPSS
Collaboration and Deployment Services %Zf#if] L T Coordinator of Processes T
HHINET, #ULLIE FEvyH[IBM SPSS Collaboration and Deployment|
[Services Repository B D5l % [ BHLTL 72X\,

-username <name>

Y—N—ltu 49500 —¥—%, ¥—N— - E—FTULPHHTEEE
v

-password <password>

Y—N—za A v d5720DNNAT—K, ¥—N— - E—RTLPFHTEFEHE
/LJO

$E: -password I EMHALRWVEGEE, SAT—ROANZERTLZ a7 A
BRINET,

-epassword
<encodedpasswordstring>

J—N—1z 0 A T 532DDESNNAT— R, y—N_— - E—RTUL»FHAT
S EHA,

SE: WS b/ XA T — Rid, IBM SPSS Modeler 7 7V 7r—>a>vd [WV—)L| A=
A—HERTEIENTEET,

-domain <name>

Y—N—iza 74 v BBIEHT S KA A V&, —nN— - E—RKTURHHAT
FEHA,

-P <name>=<value>

AR—=b T T+ NI A =KX —OFEIMFHAINES, /—FOTa 71— (A
Oy b RNITA—K—) OREZMFHT LI LETEET,

IBM SPSS Collaboration and Deployment Services Repository %MD

51%1

ax YR - 74 v%RHLT IBM SPSS Collaboration and Deployment Services TA 7Y = 27 b % {#{F
U7z ED L7209 %121, IBM SPSS Collaboration and Deployment Services Repository (2%l 72 £
MietHESTHHENRD £, ATFIChlZRLET,

modelerclient -spsscr_hostname myhost -spsscr_port 8080

-Spsscr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring stream.str" -execute

Pl RET 272 DIEHTE 25D —FE2RDEITRLE T,

# 36. IBM SPSS Collaboration and Deployment Services Repository 5t D 514X

51K

B

7 KL A>

-spsscr_hostname <F A F# F7zid IP |IBM SPSS Collaboration and Deployment Services Repository 234 > A

=N TWEY—N—DHKRAM{ERZIFIP TRVATT,

-spsscr_port <number>

IBM SPSS Collaboration and Deployment Services Repository » 8t %
KRR — hEFTT GEKE. 8080 277 7 4L M) .

-spsscr_use_ss]

Pefi T % SSL (secure socket layer) ZfHEL 3, TD7 I 7%
7 arTd, SSL MDD T 7 4V MBGER not TY,
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# 36. IBM SPSS Collaboration and Deployment Services Repository ¥fiD 515 (i &)

k4 B e

-SpssCr_username <name> IBM SPSS Collaboration and Deployment Services Repository (21 2%
VEEHDA—T -4,

-spsscr_password <password> IBM SPSS Collaboration and Deployment Services Repository (2127
VI BDDNAT — R,

-spsscr_epassword <encoded IBM SPSS Collaboration and Deployment Services Repository (21 2%

password> VEBEEDDIY - RINFNAT -,

-spsscr_providername <name> IBM SPSS Collaboration and Deployment Services Repository (Active
Directory F7zi& LDAP) ~NDW 7 7 VR 2FGE 7T 01 X —,
NiE, 21747 (A=A - DRI M) =) OTaNA X—%EHT 5
BHREAETT,

IBM SPSS Analytic Server E#iD 3|4k

av v RN 4 %MHLT IBM SPSS Analytic Server TA 7Y =7 M &{EFELZDIMOHILZD T 21
l&. IBM SPSS Analytic Server ~DER L2 EET 2B ENH D £7,

1: Analytic Server D7 7 4 )L h DEjftid. SPSS Modeler Server 2 SHfF I E g, 2 —HF—i&, [V
—J)v] > [Analytic Server #ifi] ZfiHIL T, JMHD Analytic Server ##iz €#$TH5I L HTEX
‘j—o

Pt e RET 2 DITHHTE 55 BMO—HE2ROKRITRLET,

% 37. IBM SPSS Analytic Server ¥t DA

G1k8 B EH

-analytic_server_username IBM SPSS Analytic Server {2074 VT 572D 1—¥—4,
-analytic_server password IBM SPSS Analytic Server (20274 v § 572D/ AT =R,
-analytic_server_epassword IBM SPSS Analytic Server ({21274 V9 5720 DHEH{LSAT — K,
-analytic_server credential IBM SPSS Analytic Server (2127 > 9 % 7z 2 ER&IEH,

BEHROBBDOEAEDLE

BEOBIEEGBULZa~<x Y N - 774V EERL, BEFIZ @ 5T TED 7 71 IVAEBET S
ZeNTEET, 25952 2IC&->T, IV RN IV kpEE2HEMmEL, OS IT&Bav Y NED
FIRICBE T 2 MEZ LT Z e NTEE T, HIXIX. AFORE I~ KX <commandFileName> 2A3/R9
T7ANMIRESNT WS BEMEHL £,

modelerclient @<commandFileName>

T7ANZERATY R - T 7 A NADNRAZAR=AR D L 551F, UTFTD LS ICUTHIHAFTHAET,
modelerclient @ "C:¥Program Files¥IBM¥SPSS¥Modeler¥nn¥scripts¥my command file.txt"

ZDAXYR - 774N, AZ =Ty TR EL TW SN TO5 M ZGTLRT 52 LA TE
F9, UFIChlZRL £9,

-stream report.str

-Porder.full_filename=APR_orders.dat

-Preport.filename=APR report.txt
-execute
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AV R - T 7ANVEERLUT, AR Iy AN EIBET AGEDOHIREHEEZIZRLUET,
o 147220 &E 1 2O EE AT A~y 2R T50ENH O 7,
e IV K - T77AJANIZ, @CommandFile B ZMHAATRNWTLEE N,

Hewmavryr-SrvEl 71
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BT7TEJONNF4—- Y77 L VR

JONRF4— - )T 7 LY ADBE

J—FK, AMYU—=AL, AV b, A—=N—)—FRIZHLT, BELL DI XL a5+ —2EET

EF9, L4ui. TR, BV - b RE, TRTO/—Riz@o o Xrs—5H D T, FD

—HT, /—ROXA FIZEERTaNT =D ET, FY VIV IPA—N—) —ROEEREDE

VAR ARN) — L822I 7071 —bH0FET, AT =% EEDI—-Y—  f 2 X—

TT—AMOT VX ATE (/—ROATVavafETdEIRATHY - Ky 7 A2 GERY). £

7o. <K OFEHE L 3B 5 JETHMHTE £,

e TUNRTFA—lFE, TOX I aVTHHINTWE EDIZ, A2V T o7 oA TEET, L L
| T7anTF =DV Ry 7 A] EBBLTLES W,

o J—RoTunXTs—lF, A—NR—=) =R - RIA—R—hTClHTLEILNTEET,

o J—RD7u/XF 1 —IF. IBM SPSS Modeler DS IZa~v Y NS4y - A TS arvyo—EL LT
HATA2ZILHTEET (-P 777 %2,

IBM SPSS Modeler DA 27V 7' hTlk, /= FBLIOCA M) =070 RX7 1 —i%, K< AT kX5
A—R—LIHEINET, ZOHA FTE, AV b - NTA—X—% ) —FRELEFAMN) LD T RT7«
—CE#H LTV,

220 S NEEOHME. A2V TR ERSBL T I,
TONT4—DI VYV IR

TanTF =it MFOYV Vv Ry 7 2ARFHUTCRETE T,
OBJECT.setPropertyValue(PROPERTY, VALUE)

F7-1%
OBJECT.setKeyedPropertyValue(PROPERTY, KEY, VALUE)

TURTF 4 —DfElF. UTFOY YRy 72 A% FEHLTCIRETE T,

VARIABLE = OBJECT.getPropertyValue(PROPERTY)
F7-E
VARIABLE = OBJECT.getKeyedPropertyValue (PROPERTY, KEY)

Z Z°C. OBJECT &/ — R E 721X ). PROPERTY (FATEMMLTWAE/ —F Fu N5+ —D4HI, KEY 1
X— 7T —DF—HTT, HlZIE, UTOY YRy 2 2A%RMBHLT, 74X — /J—RKEREL.
TRTDZ7 4=V REELIIIZT7ANVIEHREL, NIRRT —205 Age 74—V RE2 T4 INVRY VT
LT,

filternode = modeler.script.stream().findByType("filter", None)

filternode.setPropertyValue("default include", True)
filternode.setKeyedPropertyValue("include", "Age", False)

A MY —AL®D findByType(TYPE, LABEL) B ZfifH3 % &, IBM SPSS Modeler T INTWVWEFT T
D) —RERBETEIENTEET, D D TYPE £7/21% LABEL DWI N2 ETAMBEND D F
‘—5—0
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g7 onRF 1 —

220 7 SRR O RN 2 A BT S oG T a8 T 0 — 2T 512E, RO 2 FEEO GERD

DETI,

o T—RAEL TANR— FERENTVRA ) —=RRED, EHR ) — NOTaRT 1 —ZEEELT
5,

s HROTUNT 4 —mERIZIEET RN 2RMET 3,
B9 —T7 T —2ADEEL

T—=I VMDAV R—=T 2 —=AHb /) — N, FIZIX, 7—2H, T4V R— BLXUONNT VR -
=R ERe35A27) 7 ME, EULKBITINA 72D~ EDME 2 ETFI A2 0ELRHDET, Z
NS OMEEL T T RT 4 —1ZiE, 1 DOMATFH LR T L O EMLRLIPBRETT, ZThoDTuT+
— Tk, B0 TOARTE D L EMAATEBETHY, ZOLHNEF—ENE T, ZOFEHRES
e b7, 740X —- ) —=FRTWE 74— RZT2IZ 1 DOBRIEE (&7 1 =)V KBENED) DR
FInEd, ZOHREZRT L2012, 74VE— J—=RE74 =) RZkiz 1 DOFHRIEE 2HE L
FT (74— IVRD true B false 7). TDTTNNT 1 —IiZik, E (True) E7213M4 (False) DIEAERE
INTVEH, FXEEINL AN H D £9, mynode EWVWD T 4V R— - J—F (EFM) 12, Age
WS T4 —IVRDBHDBGEEEEZATCAZIL LD, TNEATIZTDITIE, IROD L ST, F— Age & fH
False Zf8EL T7HE/85 17 — include Z&EL X7,

mynode.setKeyedPropertyValue("include", "Age", False)
BHOTONT 1 —DREEE

LD ) —RIZRH LT, EEO /) —FBLUTAMN) =20 70T 4 —Z2FABIZEH OB TEI N TEE
T, TR, multiset IV REAIFEY N Tuy e ENnTHVET,

BEIZE T, #EE L TaT s =D EbOTEHMRZ DD ET, UTIHIZRLET,
sortnode.setPropertyValue("keys", [["K", "Descending"], ["Age", "Ascending"], ["Na", "Descending"]])

a7 7a 7T =065 1 DORHIE, /= FPLELTVWRLTHZD /) — N EIZEBO 7a 7 1
—DRETEHILTT, T74)NFTI multiset Z7 0V Z7HNOTRTHOTONRTF 1 —2FRELTH
5, fHHDTaNRT 4 —FBREIHEOWTT 7 avrzEFLET, FIZEEEE — N2 EHT L L &I,
Ta4—V K- TuaRT =% 2 ATy TR TERETDLTI—DELET, ZhiEk, MAOFENHE
B ET/ — KB —EBLRWEZOTY, a5 1 —% multiset £ LTEHRETNE, T—X - EFTIL
EHEHTAENCHAD TANT 4 —=DHRETE, T —MWHEINET,

AbS T

J—=RO7anNF 4 —DY Vv Ry I ATIE, EEERENPFEHINTVET, EREE2EZTBEITIE. X2
)7 DIERICIRSE D £ 5,

# 38. VR ATHAIN D EAEZIETE

B Tk
abs F T
len R
/0N H/IME
15PN I AAE
correl FHEE
covar 3k
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* 38 YURY I ATHAINDEERRE )

BT Rk

num BT 7 13 HUHE

pet N—t v 738G

transp ZEitE

xval I AEMRFE

var FEEZIIEH (A1 —FT)

J—REBLCRAN) —LD7O/NRTFT 4 —DFfF|

J—=FBLCANY =207 F 1 —IF, IBM SPSS Modeler DX X ERGH CHHINE T, —M&
FIZZnoD7a 71—k, HEOA N —LXHEZHEMETE272ODICHONE AR Y RT7THY A
VT, FREFE—-DAN) LA T O ADOHELIZHWONEZ AN =L - AT YT RRYE, A
VT ro—@eLTflibhvEd, A==/ —=KHNT, /—FO7aX71—2fHLT/—FK- - XFA—
R—%fRETHIEHTEET, Lo HHAKZRL X)L T, IBM SPSS Modeler DitEjfFiza~ > K -
FAY AT arve L T7anNT s —REETEHILHTEET, IV VN T4 VDOEEIKRHZ, -p 5l
BEREETNE, AN =4 - TJORT 4 —Z2FHUCAN) —LDREEEHETELIIENTEET,

£ 39. /—FBIUOAMN)—2DT 0T 1 —DH

TuNRT 1 — AU
s.max_size J—NK s ®7BRT 1 — max_size 2RLET,
) J—NK s 7085 1 — max_size #RLEI, ZTD/
s:samplenode.max_size R FYTY /—l;’éf;lj‘ﬂii&*)iﬁho
BHEDOAN) —LthDY T v T - J =KD, Tunss
:samplenode.max_size 14— max_size #RULET (HvF Vv -/ —=Fix 1

DETTRINERD 2HA).
o] ) J—FK s OFBNRT 1 — max_size &KL EJ, ZD/
s:sample.max_size SR FY TS ) RTR R D A,

, , F—RAE ) — N t O Age 74—V ROEEERL F
t.direction.Age +

. . oo MG o ) — N FE 2L — ROFEEAEIRT T 508
:.max_size R E T

s:sample.max_size OHlE, / — FOFHEZ TR T HBEN LN LEZRLTWET,

t.direction.Age DfliZ, 1 DD/ — NOJEMEIMER DOIE % RO Bl Al D Zmy b & 0 & EMERGE
2. —Ho2Aay M EEEITELZZZ2RULTVWET, ZOL5HR20y M, #ELE - I3EM T
ORT 4 —2IEEN T T,

J—Ro7anF1 —0BE

J—ROREEI LIz, MADOERZTa T4 =Dty PRHEBEINTWET, £/, &7 3F 1 —i12iF
FT—RENH Y T, RN T—XBOBE., 757, TRIEXENOGE. TANT 4 —OHKE TR
FIZIELWTF — ZBUZREINET, MERICRETERWGERI SR EL T, ThiL, 7o
NT 4 —ZHED, Discard, PairAndDiscard, B LT IncludeAsText @ & 5 AR AMEDHFIFHZ 7€ L TW»
5ZrbH0ET, Z0EAE. BANDEIMEDLNZIGEIITS -0 X, 75378 TaRF 1 —IF,
true BL Y false DEZMHHAL THAREND D, RESINDHEDNDH D £9 (0ff. OFF, off. No.

B 7%= JasF4—-U77LrRA 75



NO. no. n. N, f. F. false, False, FALSE, F7zi& 0 R EHMOBRERFIZFRIMEINETH, o875 1 —
BEOGARARHZIT T —DPHETIHEEEHVET, TOMOMEIFTRTELAELRINET, true &
false 29 5L, 25 LAZRILVEITONET), ZOHA NiZhb2RT— 7Tl #ilElk7mx
TA—IZZDEE [Tu 710 —0FHWH] iz, HHERL EEIZEBEINTVET,

HED/—RKR - 7OnNF4—

B < DTENT 4=, IBM SPSS Modeler DT RTD/ — K (A—"—/ —NEEE) CTHEIZflib
NTWET,

F 40, LBDO /) — K - FToF 1 —

TOaNRTF 4 —% F— X1 TN 4 — DN
use_custom_name flag
name string ANV — LG LD — R EIRE

J B AAAEH 7O/ F 4 —TF
(BEF 2132 — % —%E),

custom_name string J—=ROHAZR M-V —FE)E%
fBELET,

tooltip string

annotation string

keywords string A7V MZEEMNT SN TS F

—TU—FDYAMEBET HEE(EA
oy M TT (Bl ["Keywordl"
"Keyword2"]).

cache_enabled flag
node_type source_supernode J—=RERLTZLIZHBRT 572012
process_supernode [FRINEHAAKREH 7O/ 87 1
terminal_supernode —, BIZIE, 7 — R % real_income
22V T NHIZHEETS S DX BRAFEZITTSRT 2R0D
TRTD/)— K% IZ, userinputnode F7ziZ
filternode D &k 574 &1 S THRET
5ZrETEXET,

Z—=N—=) = REHADOTOF 1 —iF, i/ — KRR, @EICHPLET. FL<iE, rev
Be5 X—TD [ 20 = A——)— KD 7071 —] [ BELTLEZ W,
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% 8 = Stream 7O/XF 4 —

AV FMZXY, TFEIFERAN) =0T T o —ZAHTEIZENTCEET, APV —LDT BN
T4 —%2ZHTHITE. UTDES%, A2V TS MNE2MHTEZODETAY Yy NERETHIHLELHD X
j—o

stream = modeler.script.stream()
stream.setPropertyValue("execute_method", "Script")

1l

J—=RK JuanRsFs—%&FHLT, HEDAM) —LHNDE ) — KRB EINET, IRODARND =L - AT
)Mz, ToHERLUET,

stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "¥n¥nThis stream is called ¥"" + stream.getlLabel() + "¥" and
contains the following nodes:¥n"

for node in stream.iterator():

annotation = annotation + "¥n" + node.getTypeName() + " node called ¥"" + node.getLabel()
+ II\II n

stream.setPropertyValue("annotation", annotation)

Zofltiy, /—F TaxssFo—%2FHALT, ANV —=LHNDOITRTD/—=FDY AMEEKL, TDY
ARZANY) —LDFEPRIZESAATOVET, ZOFERIX, RO LS 1ZHD £7,

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"
derive node called "Na_to_K"
variablefile node called "DRUGIn"
neuralnetwork node called "Drug"
c50 node called "Drug"

filter node called "Discard Fields"

ANV —=LDTANRT 4 —BROKIZRLET,

# 41. Stream THF 4 — :

TUNT 1 =% T =2 THNT 4 — D
execute_method Normal
Script
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# 41. Stream TONRT 4 — (R E):

TanRT 4 —%

F— R

TanNF 4 —0

At

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD. YYYY"
"DD.MON. YY"
“DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
“DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

date_baseline

number

date 2digit_baseline

number

time_format

"HHMMSS"

n HHMMII

IIMMSS n
"HH:MM:SS*"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS*"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

time_rollover

flag

import_datetime_as_string

flag

decimal_places

number

decimal_symbol

Default
Period
Comma

angles_in_radians

flag

use_max_set_size

flag

max_set_size

number
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# 41. Stream 7TONT 4 — (R E):

TaNRT 1 —% F— X TaNRT 1 — D
ruleset_evaluation Voting
FirstHit

refresh_source_nodes flag ANV —LEGRIZ, AN/ —F%EH
Bz 7Ly ad b7t L
E I

script string

annotation string

name string Fr ZOTuNT 4 —EHAIRD EH
T, APV —L#Z2LEETDGHE
3. HATRIET 2RERH D 7,

parameters ARy R7BY A7V TRARS A
M) =L - RTA—K—%FHHT 5
BT, ZoTaRT e — &AL E
ER

nodes FEMIEBI T2 ZRL TN,

encode SystemDefault

"UTF-8"

stream_rewriting boolean

stream_rewriting_maximise_sql boolean

stream_rewriting_optimise_clem_ boolean

execution

stream_rewriting optimise syntax_ |boolean

execution

enable_parallelism boolean

sql_generation boolean

database_caching boolean

sql_logging boolean

sql_generation_logging boolean

sql_log_native boolean

sql_Tlog_prettyprint boolean

record_count_suppress_input boolean

record_count_feedback_interval integer

L_Jgti:stream_auto_create_node_ boolean true DHEIFA MY — LFEEOFE

BX A PERHINET, TS oGEIEa
— Y —REVBHINET,

create_model_applier_for new_ boolean true DA, ETIV - EX =034

EFI

VWETFILVEERT 2L ECT T4
TREHY o RRTE FLWE
TN - T T34 =rEBMEINET,
$E: IBM SPSS Modeler Batch /N\—
ay 15 AL TVWREEIE. A2
V7 NANTHARMIZET IV 7754
TEEMT E2HBERHD T,
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# 41. Stream TONRT 4 — (R E):

TanRT 4 —% T— R TaRT 4 — DA
create_model _applier_update links |createEnabled ETN-TTIA4Y— -/ —NOHF
createDisabled BRI /ERR T 2 Y v OFEE% E 35
doNotCreate
l./ ij‘o
create_source_node_from builders |boolean true DHFH, V—A - EX =%

LW — AN ZERT B EIIT S
T4 TREHY o RRITNE HL
WAS/ — RABBIMENET,

create_source_node_update_links

createEnabled

AN/ — R OHEBEINR I AERS 5 Y

createDisabled voDREAERLET,
doNotCreate
has_coordinate_system boolean IN% true ITHRET DL, AU —
LRI EERPEH TN E T,
coordinate_system string BRI N7 B R D A4 T,
deployment_area ModelRefresh ANV —LORERMAELZERUET,
?ng ZOffi% None ICEET B L. DR
one FESANENEVTHESIE ST
scoring_terminal_node_id string AN =LDARATIV VT TIVF %
ERUES, AP —LHDEDX —
SNV =RTHERATV VT T
FUFELUTHHEATEET,
scoring_node_id string AATVVTTIVFOF Ty bEiE
RUET,
model_build_node_id string A MY —=LDETFIVER — K %ER

LEY,
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FO9E AAN/—ROTAONRTF 14—

V=R - /—ROHXBTONT 1 —
TRTOAS/ = FICH@ET 27037 1 =2 I —FKITLE T, TORIT, RED / — RIZB T B 1E#
frEEd,

5l 1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

Bl 2

ORIV T ME BEINZT—X 774, HEEITOXFEY %2KT Region &\ 7 1 —)V RAE
FNTVWBZLEHIRELET,

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full_filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat_square_brackets_as_lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom storage type", "Region", StorageType.LIST)

# ...and specify the type if values in the 1ist and the Tist depth
varfilenode.setKeyedPropertyValue("custom Tist_storage type", "Region", StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom Tist depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...
varfilenode.setKeyedPropertyValue("measure type", "Region", MeasureType.GEOSPATIAL)
# ...and finally specify the necessary information about the specific
# type of geospatial object
varfilenode.setKeyedPropertyValue("geo type", "Region", "MultiLineString")
varfilenode.setKeyedPropertyValue("geo coordinates", "Region", "2D")
varfilenode.setKeyedPropertyValue("has_coordinate system", "Region", True)
varfilenode.setKeyedPropertyValue("coordinate_system", "Region",

"ETRS_ 1989 EPSG Arctic_zone 5-47")
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# 42 V=R -/ —KOH@BEBTONTF 14—

TanF 4 —% F— XA TanNF 4 —DFH
direction Input T4 =V ROBEDF—TaNRT 1 —,
Target HHE
Both NODE.direction.FIELDNAME
None SE: ff In & Out IFEEIEX N FE LA, 5DV Y —RT
Partition Y R— M EINEHBELHD T,
Split
SRR
RecordID
type Range T4 =V ROTF—=RM, ZDOTaNRTF 1 —% Default (Z
Flag BET D&, values TENT 4 —IZBTETRTOfEI
Set HESI N, value_mode % Specify IZEXET 2 &, Zhd
Typeless Read 12V vy I EF, value mode »% Pass ¥ 721
Discrete Read BT TIZRESINTWVWBIEA, type DHRFEIZL -
Ordered Set TWEERZITLZIEHY THA,
Default AR
NODE. type.FIELDNAME
storage Unknown T4 —NVERDANL =Y« ZA THEGEAAAGEHF— -
String TanRF 14—,
Integer EEREN
EH NODE.storage.FIELDNAME
Time
Date
Timestamp
check None T4 —=)VR - R FEHFAOHMEHOF— - TuT+
Nullify %
Coerce AR
Discard NODE.check.FIELDNAME
Warn
Abort
values [value value] MR (HPH) 7 4 — IV NOBE, B OMED B/IME TR
BOMEPERRMEICRD £, HFM (Y M) 71—
ROGAE, TARTOMEREL T, 777 HOGAE,
A DED false () %, BBEDMEDS true (H) ZRUZF
T, ZOTUNRT 4 —%BET DL, value_mode T H I
T4 —DEDEHEIC Specify IZRTEINET, AL
—Vi, VA NDOBHIDMEICEIWTHRE Y £9, Hlx
. A DAY Sstring DYE. A b L — VI String 123
EINET,
AR
NODE.values.FIELDNAME
value_mode Read RDOT—ZDZIFEURHZ 7 4 — IV FIZfEZZRET D5
Pass BEEREL X7,
Read+ fHAERX
Current NODE.value_mode.FIELDNAME
Specify DT uRNT 4 —IT Specify REHEIZIFFETE RN

CITHERELTLEI W, HEDMEEZMEAT 5T,
values 751 —2&KELET,
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F 42 V=R J—RoEL@ETORT 14— (FZE):

TURT 4 —# T — X TR T 1 — DA
default_value mode Read FTRTDT 4 =V NILHEEBRETB72DDT 74V D
Pass HEEEEL £,

HHEA
NODE.default_value_mode
ZOHREILEBRED T 1+ =V FOFEIL, value_mode
TOaNRT 4 —EFATEEA—N=FA RINBEI LN
HYET,

extend_values flag value_mode 7% Read IZEXESNIZGHITEHINE T,
UL GARAATL R, 7 14—V ROBEAFOMITEMNT
B5E13, T ZRELVET, L <FARATIEE B
LT, MFDMEEEST 2581, F 2 EL XY,
A
NODE.extend_values.FIELDNAME

value_labels string MBI VOREICHEALET, BUEZEICEELET,

enable_missing flag T Z2RELGE. 714 —)V FORBIEDEBH P AR

By EY,
B
NODE.enable_missing.FIELDNAME

missing_values

[value value ...]

RIET — 2% RS T—REEZBELET,
B
NODE.missing_values.FIELDNAME

range_missing

flag

TUNRT A= T TREINTWSEA, 74—V RIZ
RIEME (ZEH) OHEHEDERZSNTVWDINE S PEEEL
E

fAEA

NODE.range_missing.FIELDNAME

missing_Tower

string

range missing 23E (true) DIFE. RIEMEFEFH D T IEE
ERELET,

HRER

NODE.missing_lower.FIELDNAME

missing_upper

string

range missing M E (true) OHE, KRIBMEHIPH O _EIRAE
EREELET,

FHHEER

NODE.missing_upper.FIELDNAME

null_missing

flag

ZOTANRT 4 =N TIZFEEINTWDE, XV (V7
FY 27T $null$ & UTERRI NS RERME) EKRIE
e RaInEd,

B

NODE.nul1_missing.FIELDNAME

whitespace_missing

flag

ZO7uaNT4 =N T IZREINTVWD L, EHMHE (A
R—=2Z, &7, BLOWIT) 721 %2 ECHEIZREMHE E A
INEYJ,

A

NODE.whitespace missing.FIELDNAME

description

string

T4 =V DT EIZHADEEIHHL X,
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F 42 V=R J—RoL@ETORT 4 — (}5E):

MeasureType.DISCRETE
Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET
Typeless /
MeasureType.TYPELESS
Collection /
MeasureType.COLLECTION
Geospatial /
MeasureType.GEOSPATIAL

TRNRT 4 —% T — & A TaRT 4 —DFH
default_include flag TIANMOMEE UTT 4 =)V REBBIEEI0T 1
VR —ZPFE0DREETEHF— - TOF 41—,
NODE.default_include
Bl:
set mynode:filternode.default_include = false
include flag BI4—NVREHEHATEN T4 NVEZ =20 D% EE
TE5F— - TunF o —
NODE.include.FIELDNAME.
new_name string
measure_type Range / ZOF—[ETaNT 0 —=lE, T4 =V NIZBELERNIT S
MeasureType.RANGE NEREREHETH7-ODIZHEATES L \WD HT, type
Discrete / CHEMLUTVET, BRB5DIE, Python A2 Y 7T,

getter BIEAYH I MeasureType fH %K T — /T, setter
BE#IZ MeasureType fHD S HD 1 D% ET I HTE
5LV ETT,

collection_measure

Range /
MeasureType.RANGE

Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET

INET 4 =LK (XA 0 DY AN OFE, ZOF—
& TonRF 4 —id, B L2 HEICEEMT SR
EXATEEHLET,

Typeless /
MeasureType.TYPELESS
geo_type Point HPZEf] 7 4 =V DG, ZOF—FE o571 —
MultiPoint IZ&D, TOT7 4 =)V RPRTHEEMA T2 bD
LineString RATHEREINET, Tk, [EDV A PDHEX LI
MultiLineString HGLTVARENRHD £,
Polygon
MultiPolygon
has_coordinate_system boolean R 7 0 — L RDBE., Z07aX5 1 —I12& b,
ZDT 4=V RIZBERDR D ENE S PREHRINE
ER
coordinate_system string WHEZEM 7 0 — L ROBE., ZO0F—fE7u Ny g —

kD, ZOT7 4=V ROMERANERZINE T,
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F 42 V=R J—RoEL@ETORT 14— (FZE):

TanF 1 —% F— TanT 1+ —DOFHH

custom storage_type Unknown / ZDF—(FETaNRT 14—k, 74—V FOLX—N=5F
MeasureType. UNKNOWN AN ANV—VREZETE-ODIMHHATESE VD A
String / T, custom storage EHMLILTWVWET, HR2DIE,
MeasureType.STRING Python 22 Y 7 +T, getter BIEAVE I StorageType
Integer / fE%3E 3 — /5T, setter BEEIZ StorageType fHD 5> H D
MeasureType.INTEGER 1 D%ETILHTERLWVWSETY,

Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP
List / MeasureType.LIST

custom_list_storage type String / VAN 74 =NVFOHBE ZO0F—[ETa 571 —1Z
MeasureType.STRING T, HEELRLEDOA N —Y X4 THEEINE
Integer / ERS

MeasureType.INTEGER
Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP

custom Tist_depth integer YAR 74—V FRDEE, 2OF—(F&7an T4 -1
L0, T4V ROEIPEESNXT,
max_list_length integer HEEZER & 2 FEAD VT NI DOREEZFFDOT — X DA

HHTEEY., VANDORAKEZHET HI11E, YA
MZAND ZENTEHLHEERDHEREL £,

max_string_length integer F—RIRH OF — X TOMEATEET, SQL % LK
LTT—7NWEERT LS IHHINET, 740
BRAXFHIOMEEZ AN LVET, ZHZkh, 7—7C
BRI NBHNN, ZOXFHEED DD RES
2D 9,

asimport 7’'0/357 1 —
Analytic Server AJJIZ & D, Hadoop K7 74V - ¥ AF L (HDFS) TA MU —LZ&FETTEHZ LN
TEXY,

l

node.setPropertyValue("use_default_as", False)

node.setPropertyValue("connection",
["false","9.119.141.141","9080","analyticserver","ibm","admin","admin","false","","","",""])
&K 43. asimport THINT 4 —:

asimport 7 H/SF 4 — T — & TaxXF 1+ —DFHH]

data_source string T—=R =AD&,
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*K 43. asimport THNT 4 — (i F) :

asimport 71/ %F 1 —

F— A

AT 4 — D

use_default_as

boolean

True (ZFHEL GG, ¥—1"—D
options.cfg 7 7 1 VT I T W
%7 74 )V h® Analytic Server i
MMEAINET, False IZHEL 2
A, IO/ — Fo#gmE»MERI N E
ER

connection

["SCFBI, "SR, KR, X
§U","3‘(?—5”","i?—ﬂ","i?—%", ]
XFEH" XX XA, X F S
n ,ui$§uu]

Analytic Server DMl &Y
AbDTanT 4 —, BRERDO LS
D T9: ["is_secure_connect",
"server_url", "server_port",
"context_root", "consumer",
"user_name", "password",
"use-kerberos-auth",
"kerberos-krb5-config-file-path",
"kerberos-jaas-config-file-path",
"kerberos-krb5-service-principal-
name", "enable-kerberos-debug"],
Z ZT. is_secure_connect ¥t ¥
THEGEPMEAINENE D hERL,
fEl% true £721% false TY,
use-kerberos-auth (¥ Kerberos Z2FE
MEAINENE S ERL, fHIZ
true 7z false TY,
enable-kerberos-debug (& Kerberos
REEDT N 7 - E—=RNWPMFHINDS
MESIPERL, flIE true E£721F
false TY,

cognosimport / — RO 7O/ F 4 —

ES

.,

1

node =

stream.create("cognosimport", "My node")

IBM Cognos V —* -/ — K&, Cognos Analytics 7—XX—ANLT—R%EA VK-t L

node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/serviet/dispatch",

True, n II’ IIII’ IIII])

node.setPropertyValue("cognos_package name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].[BRANCH CODE]", "[GreatOutdoors]

. [BRANCH] . [COUNTRY_CODE]"])
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# 44. cognosimport /) — KD THINRT 14— :

cognosimport / — KD 7/

TA— 7 — X TuNT 1 — D

mode Data Cognos T—4& (T 7AW P) E7ziELAR—
Report hNeAVR— b T BENEDIERELET,

cognos_connection ["XFF), T 5 7, Cognos ¥ —N—DHEEOFHMEZEL Y A b

SIS

OTaNRTF 14—, BFRIEUTFDOELEH T,
["Cognos_server_URL", Togin_mode,
"namespace", "username", "password"]
ZZT.
Cognos_server URL (&, YV — AWM I T
W% Cognos #—/N—®d URL T,
Togin mode (X, E&ZT 24 V2 FHT 20
E5MmERL, true £/ false DWITH
M0 £, true IZERETEHESIE. ML
TOET7 4=V REBT " IZTHELTLE
W,
namespace (¥ —N—ADOZF T
2%FaV 74— unNA XERLFE
ER
username ¥ & password & Cognos ¥ —
N=Zu 7 F v §58ICHHAT 52 1—Y—%
ENRAT—RTT,
Togin_mode DRV IZ, AFDE— R ff
MHATEET Y,
+ anonymousMode, #:
['Cognos_server_url',
'anonymousMode', "namespace",
"username", "password"]

+ credentialMode, #:
['Cognos_server_url',
'credentialMode', "namespace",
"username", "password"]

+ storedCredentialMode, #:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Z Z T, stored_credential_name (&, Y
RY MY —NT®D Cognos DEIIEHRD
HHTTY,

cognos_package_name string

T—=R ATV bEA VK= LTWVD
Cognos 7—4& + V—A (BEIXT—XR—
) DNAE LR, RICHIZERLUET,
/Public Folders/GOSALES

F: ATV aDAEBERTY,

cognos_items ["field","field", ... ,"field"]

A VR=1F2 1 2 3EHBOT—X -
ATV N4 fild DRI,
[namespace].[query_subject].[query_item] T

ER
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* 44. cognosimport / — KD THNRT 4 — ({i¥) :

cognosimport / — KD 7/

TA— 7= TN T 4 — D

cognos_filters field T—REA VKR NTHANIEAT ST 1)V
2 — D%,

cognos_data_parameters list T=RDTBY T - RXTA—R—DfH, £

B LAED AT I ZRIFIMTH A, EEDRT 1%
IV TREID . SCFAI AR RAEIL T A

E

FH

[["param1", "value"],...["paramN", "value"]]
cognos_report_directory field VR—F2AVKR— b2 4V X —F721F

Ny r—=Y® Cognos /N A, IKIZHIZ R L

9,

/Public Folders/GOSALES
¥ ATV aDANETY,

cognos_report_name field A VK= TBELR=FDLF— MDAERN
12 BN A L &,
cognos_report_parameters list LAR—=Db - RXT A=K —DfH, &EjEMHEDR

TIEKRIEM TR A, EEORTIEa VY~ TK
1o, XFEH RIS KGR CHAE T,
EHRX

[["param1", "value"],...["paramN", "value"]]

databasenode 7O/X5 1 —

F—RR—=2Z + J— NiX, Microsoft SQL Server, DB2, Oracle 7 ¥ ODBC (BHE T —& X

= A AT EEE RS S Uh ST — A% A VA= T BOIMATE £ T,

1l

import modeler.api

stream = modeler.script.stream()

nnode = stream.create("database", "My node")
node.setPropertyValue("mode", "Table")
node.setPropertyValue("query", "SELECT * FROM drugln")
node.setPropertyValue("datasource", "Drugln_db")
node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")
node.setPropertyValue("tablename", ".Drugln")
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# 45. databasenode THAINT 4 — :

databasenode 71 /8F 1 — T—RE TENRT 4 — DB
mode Table XA47as Ry ZA0ay ra—LEHEHL
Query TTF— R R—AIZEEGT 5 121d, Table %$87E
LEd., SQL 2L TRIRINEZTF — X R—
A7) — %72 Query ZHEL £
‘a_o
datasource string T—RAR—=2% (FRROFEE2SMH),
username string T — R R = AR OFHM (TR DERZ22M1),
password string
credential string IBM SPSS Collaboration and Deployment
Services IZfAE X NT W B ERERDLET, &
D FaF ¢ —I&, username FW/NF 4 —%
password ZHXT 4 —DROOIZFHHATEZ
EIMTERT, EREHROL-—F - LAY
—RNiZ, T—ER—-AIZT I AT BH-HD2
—HF—HLNRAT = NIZ—H LTV HEDD
D9,
use_credential True F721% False IZREL T,
epassword string APV T MHNTRAT—REN—Fa— Nb3
2Rz, Tva—RINEZANAT—- N2
ELET,
FLUIE Py [54 "=V D THEF{E/SA]
7 — FOER) ESRLTLZTWn, Zo7R
NT 4 =l ETRCEARY HEHICRD £
ER
tablename string TR AS BT — T IVDA4R,
strip_spaces None XEFIDREDAR— A RIEET B-0DA T
Left v avTy,
Right
Both
use_quotes AsNeeded JIY—%T—RR—ATEFT L EIT—
Always TN e ZGRABTHOHE S hEEEL
Never £ WAIE, T—INKEFZIZAR—ZRP
HHEPRPEENTWD &S5 REGH).
query string EETHITY—%KT SQL a—Nz2HEEL
9,

H: T— R RX—=2% (datasource 7HNFT 1 —KN) 12 1 DU EDAR—=Z, EUA N ( §IEFF] & HIF
XN 3), FEIEETMAREEN2 541, THESE ZHIHAFN BRXZ2{4HL T, 2hiEXFo e LTHR
DT ENTEET, HIAIE, "{¥"db2v9.7.6 Tinux¥"}" F7zIik "{¥"TDATA 131¥"}", X 5IZ, datasource
XFHOMEILFE IR DOHFI D & 51z ZEHF AR hfFl TR A £ 3, "{¥"SqQL

Server¥",spssuser,abcd1234,false}",

H: T—RRN—2% (datasource THNT 4 —N) IZAR=ANEENSHE. datasource, username, B
LU password DERMD T H T 4 —DRDDIZ, MOBATH —~DFT—X V—A a5+ —%HfHT
5ZLHTEET,
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# 46. databasenode 7 Q3T 1 — - datasource [EAG :

databasenode 71/ F 1 — T—XE TaNRT 4 — DB

datasource string =K .
[database_name,username,password[,true |
false]]

BENNZAT = REFRH LR WAST A =R —T
J, true IZERET D &, NAT — RHMEHR]
iZEE kI E T,

Fe stV ARBETBYE, CORREMALET. £EL. 2—F—HELEART — FAEHT 5
%4, username 78T 4 —F 721% password FHNT 4 —RfHTE X,

datacollectionimportnode 7' O/37 4 —

: Data Collection T —%& « 1 Y R— 1k - /— Nk, fiGAARS CHEHA XS Data Collection
Data Model IZEDWFHET -2 %21 v AR—bLET, 2D/ —KN2HHT 521, Data
Collection Data Library 734 YA b —LINTWVWIHRENRH D £,

1l

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")

node.setPropertyValue("metadata_file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("casedata_name", "mrQvDsc")
node.setPropertyValue("casedata_source type", "File")
node.setPropertyValue("casedata file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("import_system variables", "Common")

node.setPropertyValue("import multi_response", "MultipleFlags")

# 47. datacollectionimportnode 71 /3T 4 — :

datacollectionimportnode 711 /%5 ¢
— TR 08T 4 —DHY

metadata_name string MDSC D44, 4k fED DimensionsMDD
1%, BEHER)Z: Data Collection A ZF—2X + K
FaAVIDBHHAINIBEDH LI L ERL
T, 1EZNIC, ROMEEBETEET,
mrADODsc

mrI2dDsc

mrLogDsc

mrQdiDrsDsc

mrQvDsc

mrSampleReportingMDSC

mrSavDsc

mrSCDsc

mrScriptMDSC

Rk B D none (X, MDSC 272\ Z & %7K
LET,
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2 47. datacollectionimportnode 7 W13 T 4 — (§i &) :

datacollectionimportnode 7 12 /%5 «

- T XR THRT 4 — D
metadata_file string ART—RDIEIE D 7 7 1 VDT,
casedata_name string CDSC D4, HHATERHIIUTOLEE DT
ER
mrADODsc
mrI2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc2
mrSavDsc
mrScDSC
mrXm1Dsc
FEFk72ED none X, CDSC AW Z &%&mRL
ESE I
casedata_source_type Unknown CDSC OV —R - R4 TERLET,
File
Folder
upL
DSN
casedata_file string casedata_source_type »¥ File D& EiZ, 7 —
A TANEEND T 7 ANVERELET,
casedata_folder string casedata_source_type %% Folder D& EiZ, 7
— A T=RDBEENE T ANK—EREELE
ED
casedata_udl_string string casedata_source_type ¥ UDL D& EiZ, 7
=R TADEENDE TR -V —ADD
® OLD-DB £ 7ol L &9,
casedata_dsn_string string casedata_source_type ¥ DSN O & &2, T
—X -V —AD7=HD ODBC i X 74 % &
ELET,
casedata_project string Data Collection 7 — X R—=ZMP 5T —2Z « T
—REFHAMALEZIZ, TOYV I MNOA/HTE
ANTEET, TOMDIr—A - T—=RDT—
ZBUZDONWTIE, ZOREZZHEADERIZLT
BELABERHY 7,
version_import_mode ATl BEN=Va vOWMHFEWHEEZERLET,
Latest
Specify
specific_version string version_import_mode %% Specify ® & EiZ, 1
VR—=PINDZT A TRDON—Va vk
EELET,
use_language string FESFED T NVPMEHI N BERDH LY

IMEERLXT,
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% 47. datacollectionimportnode 7V NT 4 — (§i &) :

datacollectionimportnode 7 H2/%5 «

- 7 — X TN T 4 — D
Tanguage string use_language M E. (true) DFH. ASITfHA
THEEI-—FE2ERLET, i8I — NI,
T—A - T=ZATHHATE2HD 1 2127
LZRENRHYFET,
use_context string REDIAYTFANPADINDEBEND D H
EOEEHLET, AaVTFFAML INEZ
BT 2 HE LML ST 5D I N E
ER
context string use_context M E (true) DHE, ANT S
YIEFAMEERELEY, AVTFAMNK T
—Z - T—=XRNTHHATEZZHD 1 21275
BERBHD T,
use label type string FFED T ) XA THRATINERBRENDH 5
MESPEEHLET,
Tabel type string use_label type H°E (true) DHFE. ANT 5
TRV RATEEHZVET, TNN - XAT
&, F—A - FT—ZNTHHTEZHD 1 D
KT ERBENHD ET,
user_id string R T 7oA VDRI T — X XR— A DY
B TR V—ARIT I RARTE-dDI—
Y= ID & NAT—-N2RHtTE£T,
password string
import_system variables Common A VR=FEINBEVATFLERERELET,
None
A1l
import_codes_variables flag
import_sourcefile_variables flag
import_multi_response MultipleFlags
Single

excelimportnode 7’O/\5 14 —

Excel 1 KR —1F /—RiX. Microsoft Excel 7*5 xlsx 77 A VERTTF—&X %21 Vi KR— b

f.-' .
(BT | LE¥. ODBC F—%& - V—ARFRETT,

Wl

#To use a named range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.x1sx")
node.setPropertyValue("use named range", True)

node.setPropertyVa]ue("namEd_r‘anEe", "DRUG")

92 IBM SPSS Modeler 18.1 Python 227 Y F h &t —hA—> 3> - 1 K




node.setPropertyValue("read field names", True)

#To use an explicit range:
node = stream.create("excelimport", "My node")

node.setPropertyValue("excel file type", "Excel2007")
node.setPropertyValue("full filename", "C:/drug.x1sx")

node.setPropertyValue("worksheet mode", "Name")
node.setPropertyValue("worksheet_name", "Drug")

node.setPropertyValue("explicit_range_start", "Al")
node.setPropertyValue("explicit_range_end", "F300")

# 48. excelimportnode 7HINT 1 — :

excelimportnode 7 1/ 1 — T — X TanRT 4+ — DA
excel _file_type Excel2007
full_filename string NA%GL, BRET 7144,
use_named_range Boolean AHTT SN HPAZ BT 208 S5 hafaE
LEd, HDBLE, tARTHIFEZEEST 20
IZ named_range ZHE/ ST 4 —MEHI N, F
DD T — 22— b & T — X O T 1L
INET,
named_range string
worksheet_mode Index T—0Y— MR VTV I ATERINTWVS
Name D7 (Index), FZRHAATERINTVED
7 (Name) ZHEUL £7,
worksheet_index integer FARAGARET =TV — b NDA VTV I A,
POU =2 —=ME 0, 2 FHIZ 1, &I &
WA VT Y I ADVRLET,
worksheet_name string ARG R E T — T ¥ — b DA,
data_range mode FirstNonBlank HIPROPE FEEfREL £9,
ExpTicitRange
blank_rows StopReading data_range_mode %° FirstNonBlank D ¥ EIZ,
ReturnBlankRows ZEEAT DB R R REL £7,
explicit_range_start string data_range_mode %% ExplicitRange ® & E1Z,
FAAOHIFHDRBRZEL £7,
explicit_range_end string
read field names Boolean HBEINHEADHRADITN 7 « =LK (F))
ZEUTHHINENE S »E2EBELET,

extensionimportnode 7'O0/X7 4 —

R:

Rk A YR —b - /= RZ2HHATLEE. R A7V T M &7
I& Python for Spark A2V 7 h&2ETFLT, T—X %A1
VE—-RMTEET,
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Python for Spark Dl

##### Script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_importer", "extension_importer")
node.setPropertyValue("syntax_type", "Python")

python_script = """

import spss.pyspark

from pyspark.sql.types import =*

cxt = spss.pyspark.runtime.getContext()

_schema = StructType([StructField('id', LongType(), nullable=False), ¥
StructField('age', LongType(), nullable=True), ¥

StructField('Sex', StringType(), nullable=True), ¥

StructField('BP', StringType(), nullable=True), ¥
StructField('Cholesterol’, StringType(), nullable=True), ¥
StructField('K', DoubleType(), nullable=True), ¥

StructField('Na', DoubleType(), nullable=True), ¥

StructField('Drug', StringType(), nullable=True)])

if cxt.isComputeDataModelOnly():
cxt.setSparkOutputSchema(_schema)
else:
df = cxt.getSparkInputData()
if df is None:
drugList=[(1,23,'F',"'HIGH', 'HIGH',0.792535,0.031258, 'drugY'), ¥
(2,47,'M',"LOW', "HIGH',0.739309,0.056468, 'drugC"') ,¥
(3,47,'M','LOW', "HIGH',0.697269,0.068944, 'drugC') ,¥
(4,28,'F',"'NORMAL', 'HIGH',0.563682,0.072289, 'drugX') ,¥
(5,61,'F',"'LOW',"HIGH',0.559294,0.030998, 'drugY"') ,¥
(6,22,'F',"'NORMAL', 'HIGH',0.676901,0.078647, 'drugX'),
(7,49,'F',"'NORMAL', 'HIGH',0.789637,0.048518, 'drugY"'),
(8,41,'M',"'LOW',"HIGH',0.766635,0.069461, 'drugC') ,¥
(9,60,'M', 'NORMAL', 'HIGH',0.777205,0.05123, 'drugY"') ,¥
(10,43,'M',"LOW', 'NORMAL',0.526102,0.027164, 'drugY')]
sqlcxt = cxt.getSparkSQLContext ()
rdd = cxt.getSparkContext().parallelize(druglList)
print 'pyspark read data count = '+str(rdd.count())
df = sqlcxt.createDataFrame(rdd, _schema)

¥
¥

cxt.setSparkOutputData(df)

node.setPropertyValue("python_syntax", python_script)

R Dl

#### Script example for R
node.setPropertyValue("syntax_type", "R")

R_script = """# '"JSON Import' Node v1.0 for IBM SPSS Modeler
# 'RISONIO' package created by Duncan Temple Lang - http://cran.r-project.org/web/packages/RJISONIO
# 'plyr' package created by Hadley Wickham http://cran.r-project.org/web/packages/plyr
# Node developer: Danil Savine - IBM Extreme Blue 2014
# Description: This node allows you to import into SPSS a table data from a JSON.
# Install function for packages
packages <- function(x){
X <- as.character(match.call()[[2]])
if (!require(x,character.only=TRUE)){
install.packages(pkgs=x,repos="http://cran.r-project.org")
require(x,character.only=TRUE)
}

}
# packages
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packages (RJSONIO)
packages (plyr)

### This function is used to generate automatically the dataModel

getMetaData <- function (data) {
if (dim(data)[1]<=0) {

print("Warning :
getStorage <- function(x){return("string")}

} else {

getStorage <- function(x) {
res <- NULL

modelerData has no Tine, all fieldStorage fields set to strings")

#if x is a factor, typeof will return an integer so we treat the case on the side

if(is.factor(x)) {
res <- "string"
} else {
res <- switch(typeof(unlist(x)),
integer = "integer",
double = "real",
character = "string",
"string")
}
return (res)
}
}

col = vector("1ist", dim(data)[2])
for (i in l:dim(data)[2]) {
col[[i]] <- c(fieldName=names(data[i]),

fieldLabel="",
fieldStorage=getStorage(data[i]),
fieldMeasure="",
fieldFormat="",
fieldRole="")

}

mdm<-do.call(chind,col)

mdm<-data. frame (mdm)

return (mdm)

1
# From JSON to a Tist
txt <- readlLines('C:/test.json')
formatedtxt <- paste(txt, collapse = '')
json.list <- fromJSON(formatedtxt)
# Apply path to json.list
if(strsplit(x="'true', split='
' ,fixed=TRUE) [[1]]1[1]) {
path.1ist <- unlist(strsplit(x='id_array', split="',"'))
i=1
while(i<length(path.Tist)+1){
if(is.null(getElement(json.list, path.Tist[i]))){
json.Tist <- json.list[[1]]

telsef
json.list <- getElement(json.list, path.Tist[i])
i<- i+l
1
}
}
# From 1list to dataframe via unlisted json
i<-1

filled <- data.frame()
while(i < length(json.Tist)+ 1){
unlisted.json <- unlist(json.list[[i]])

to.fi1l <- data.frame(t(as.data.frame(unlisted.json, row.names

filled <- rbind.fi11(filled,to.fi11)
i< 1+

}

names (unlisted.json))), stringsAsFactors=FALSE)
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# Export to SPSS Modeler Data

modelerData <- filled

print(modelerData)

modelerDataModel <- getMetaData(modelerData)
print(modelerDataModel)

node.setPropertyValue("r_syntax", R_script)

& 49. extensionimportnode 7TV NT 4 —

extensionimportnode 71/ /85 4 — T — X TanRT 1 — O
syntax_type R R F7z2i% Python DEHLDAY
Python D7 EEGTEPEELET R

NFT AT,

r_syntax string FIFTEH R AZVTh - vRy
7 A,

python_syntax string $479 % Python A2 YU Tk - ¥
VR TA,

fixedfilenode 7’0/NF 1 —

S, BEERE/—RFRT, BEEZ71—NVKN - TFAb - T4V TF—REAVE=-ILET, T

() T TTANDT 4 = RIEEG S NTWE AN, [ UMY 51 F > TR FHES

- TVWET, IV —R—EHDOT &P, HRDOVATLOTF—R75EE, VIELIEEEER
T4 =V FERTHREINTVET,

il

node = stream.create("fixedfile", "My node")

node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

node.setPropertyValue("record_len", 32)

node.setPropertyValue("skip_header", 1)

node.setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 7], ["BP", 9, 10], ["Cholesterol",
12, 221, ["Na", 24, 25], ["kK", 27, 27], ["Drug", 29, 321])

node.setPropertyValue("decimal_symbol", "Period")

node.setPropertyValue("lines_to_scan", 30)

# 50. fixedfilenode 7 W8T 4 — :

fixedfilenode 71/ %7 1 — 7= TaNT 4 — D
record_len number HZELI—NOXTFHERELET,
Tine_oriented flag FZLI—FORROBATXFEAFY TUE
ER
decimal_symbol Default T—=R YV =ATHbLN T B/NBUSEL S,
Comma
Period
skip_header number YOV 3— ROLETHHET 2178%2BE L
9, FIRHMU AT 5508 1T& b E
ER
auto_recognize datetime flag AN T — 2D HMFE 72 3R %2 BB RE T
2MESPERELET,
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# 50. fixedfilenode 7HNT 4 — (i ¥) :

fixedfilenode 7' 11/X7 1 — T — XA THNRT 4 —DFHH
lines_to_scan number
fields list g 7 aos T 1 —,
full_filename string MARART 7TANDT 4 LI M) —2ELHER
TR
strip_spaces None A VR— MFIZXFHDRIHED AR — A &2
Left L9,
Right
Both
invalid_char_mode Discard T—RAIDPORIERE (X, 0. £7238
Replace HEDTY A= RFIZEELTOWRWYT) 25
— X ASIM O HIFRT %% (Discard)., fEEI N
o1l XFDHSTAERNFRESHAET
(Replace).
invalid_char_replacement string
use_custom_values flag
custom_storage Unknown
String
Integer
=8
Time
Date
Timestamp
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# 50. fixedfilenode 7H T 4 — (i ¥) :

fixedfilenode 711/ %5 1 —

5= R

TaNRT 4 — D

custom_date_format

"DDMMYY"
“MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
“DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD. YY"
"MM.DD. YYYY"
“DD.MON. YY"
“DD.MON.YYYY"
"DD/MM/YY"
“DD/MM/YYYY"
“MM/DD/YY"
“MM/DD/YYYY"
“DD/MON/YY"
“DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

ZDTaNRT 4 —lF, HARL (=Y —FE)
ARV =UDREINIGEOAEHINE
‘j-o

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM. SS"
"HH.MM"

"MM. SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

ZOTaNRT 4 —lF, HARL (=Y —FE)
AP L=V EEINIGEEOABEHAINE
ER

custom_decimal_symbol

field

AARL (=P —FE) AP L —IDPRES
NEGEOABEHAINET,
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# 50. fixedfilenode 7HNT 4 — (i ¥) :

fixedfilenode 7' 11/X7 1 — T =28 TaRTF 4 —DFH
encode StreamDefault FEAMDTZYI—RNGEEEBELET,
SystemDefault
"UTF-8"

gsdata_import / — KD 70O/XXF 1 —

Ry T FToRRMEER T X2 T —& A=V vy ¥a VIZDRALITIE, HERZERA

. 31— KL ET,
~

F

# 51. gsdata_import / — KD T 0T 1 —

gsdata_import / — KD 7o X541 — |F—XxH a1+ —DHH

full_filename string O—RU7\W shp 77 A IVDRAEATLET,

map_service_URL string Bt~y 7 Y=Y AD URL 2 AN LET,

map_name string ZDTaRT 4 =i, v T Y- ADRE LA
DT F VK —REEVEAN TN E S (map_service_URL
EZHHT2HEDAR),

sasimportnode 7'O0/\5 1 —

P

®
" = __:"

il

node = stream.create("sasimport", "My node")
node.setPropertyValue("format", "Windows")

SAS 1 iK— bk - /—NT, SAS T—X% IBM SPSS Modeler ~T ¥ R—bh L T,

node.setPropertyValue("full filename", "C:/data/retail.sas7bdat")

node.setPropertyVa]ue("membEr_name", "Test")
node.setPropertyValue("read formats", False)

node.setPropertyValue("full format filename", "Test")

node.setPropertyValue("import_names", True)

# 52. sasimportnode TWNT 4 — :

sasimportnode 711/ %5 1 — T — &

PAEAC AR S OF L

format Windows
UNIX
Transport
SAS7

SAS8

SAS9

AVR=FTET7 71 ILVDER,
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# 52. sasimportnode THNT 4 — (&) :

sasimportnode 711 /8%F 1 — F— X R T NT 4 — D

full_filename string NALEDT, TR T 74 NV%, ZOAR%
AU,

member_name string fHE L7 SAS NIV AKR—h - TS
AVR—FTBAVN—RHELET,

read_formats flag BEINZBRT 7 0n s, T2 &
BTNV E) ZHiAilAET,

full_format_filename string

import_names NamesAndLabels A VA= MHIEBH EER TN VET Y E Y

LabelsasNames 745 HERRELET,

simgennode 7’'0/37 1 —

— VIalb—YvavER/—FRIZkD, YIalb—Ya RO T—XERBITERTEI N

B TEET, 20L&, 2V BB EMEAL TR SERT 20, BEOERET

4 —RIIHLTYIab—ya Vil — REFET L TES NN 2 LT B RS
L5ZeNTEET, TN, ETIVOATCAEENL B 2R TFHIE TV OFE R % FElis
5y E:izENTT,

# 53. simgennode THINT 4 — :

simgennode 711/ %F 4 — 7 — & TaRT 1 — D

fields gL TR T 1 — Hlz 2R

correlations Mg T a T ¢ — iz 21

keep_min_max_setting boolean

refit_correlations boolean

max_cases integer B/MEE 1000, ERAAEIE 2,147,483,647
<7,

create_iteration_field boolean

iteration_field_name string

replicate_results boolean

random_seed integer

parameter_xml string NIA—Z— XML 2XFF& UTEL
9,

fields Dl

I, DANORX MY sMiEltESnizAmy b NIA-XTT,

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, locked, [distribution3], min, max]

1)

distribution X, DAEHZDES L., Tk, BYEDKARILEDORT2E5LY A MTT, &0MITIRD
EOITEEINE T,
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[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min","1"],["max","2"]1]1], "", ""11)

BIZIEX, —HPMDOR—7 4 — V& ERT D/ — FEERT 572012, BFOA2 Y T 2MHT 254
NHYET,

simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)
simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],
[Ilprobll’ 0.7]]]’ IIII’ Illl]])

ZIHAATI, n & prob @ 2 DDNTA =X =L XY, ZHDMTE, BIMEZ RAMEIZY A -
FENT, EXFHELUTEINET,

7E: distribution ZEBERET A I LIITEEHA, TN, fields AT =L HIZFEHL £7,

UTOHITIE, BZAO5NDTRTODMHERA T2 0UET, NegativeBinomialFailures &
NegativeBinomialTrial DG TU EWMEDS thresh L U TANINTWE Z LIZIEELTLZE W,
stream = modeler.script.stream()

simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel","1"],["shape2","2"11], "", ""]

binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" ,"1"],["prob","1"111, "", ""]

categorical_dist = ["Field3", "String", False, ["Categorical", [["A",0.3],["B",0.5],["C",0.2]1], "", ""]

d.lce_d.lst = [IIF.ie'|d4II’ IIRea'lll’ Fa'lse’ [IID.iceII’ [[Illll ,“0.5“],[“2“,“0.5“]]], IIII’ IIII]

exponential_dist = ["Field5", "Real", False, ["Exponential", [["scale","1"]]], "", ""]

fixed_dist = ["Field6", "Real”, False, ["Fixed", [["value","1" 111, "", ""]

gamma_dist = ["Field7", "Real", False, ["Gamma", [["scale","1"],["shape"," 1"]111, "", ""]

Tognormal_dist = ["Field8", "Real", False, ["Lognormal®, [["a","1"],["b","1" 111, "", ""]

negbinomialfailures_dist = ["Field9", "Real", False, ["NegativeBinomialFailures",[["prob","0.5"],["thresh","1"]1], "", ""]
negbinomialtrial_dist = ["Field10", "Real", False, ["NegativeBinomialTrials",[["prob","0.2"],["thresh","1"]]1], "", ""]
normal_dist = ["Fieldll", "Real", False, ["Normal", [["mean","1"] ,["stddev","2"11], "", ""]

poisson_dist = ["Field12", "Real", False, ["Poisson", [["mean","1"]]], "", ""

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN","[1,3]"] ,["END","[2,4]"],["PROB","[[0.5],[0.5]]1"11], "", ""]
triangular_dist = ["Field14", "Real", False, ["Triangular", [["min","0"],["max","1"],["mode","1"]11], "", ""]

uniform dist = ["Fieldl5", "Real", False, ["Uniform", [["min","1"],["max","2"]11, "", ""]

we.lbu'l'l_d.lst = [IIF.ie'|d16II, IIRea'lll, Fa'lse, [Ilwe.ibu'l'lll, [[Ilall,lloll],[Ilbll,lll II],[IICII,IIIII]]], IIII, IIII]

simgennode.setPropertyValue("fields", [¥
beta_dist, ¥

binomial_dist, ¥
categorical_dist, ¥
dice_dist, ¥
exponential_dist, ¥
fixed_dist, ¥

gamma_dist, ¥
lognormal_dist, ¥
negbinomialfailures_dist, ¥
negbinomialtrial_dist, ¥
normal_dist, ¥
poisson_dist, ¥

range_dist, ¥
triangular_dist, ¥
uniform_dist, ¥
weibull_dist

1

correlations D1

Inix, AP 2T Gk hizAny b NI A-RTT,

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],
[field2, field3, correlation]

1)

MBE. +1 225 -1 FTOEROETTYT, MHBEIIBELRRSZITREET AN TEET, EEINTL
ROWHENE, TART 0 WWEREINET, R T 1 =)V ROFEET 254, HEMHEIZHBETH (F721FK)
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ETRETDIHBEDRDHY, FOTFAMNTRRINET, AALRT 1 =V FPIFET 25A, / — N EET
THILETEEEA,

statisticsimportnode 70O0/87 1 —

G IBM SPSS Statistics 7 7 AL - / — Ri&, A UBAZ{HT S5 IBM SPSS Statistics T/ &
N2 sav 77 ANVEADT—2E LT IBM SPSS Modeler IZf#FEnizF vy >a - 774
NEGRAHBET,

IO/ =KD TaNRT 4 —IZDWTIE, | 355 *R—=TV D [statisticsimportnode 7 H 8T 1 — 1 [Zid#k <
TWVWET,

tm1odataimport / — KD 7 O/85 1 —

IBM Cognos TM1 AJ1/ — Rit, Cognos TM1 T —ARX—AN56T—X %A VY FR—bbLZE

@
‘a_o

# 54. tmlodataimport / — KD T W NT 1 —

tmlodataimport / — KD 7051 — | F— Xl TaRT 1 — DA
admin_host string REST API O A MO URL,
server_name string admin_host 2> S53ER L7z TM1 ¥ —/N— D47,
credential_type inputCredential £7z13 | BRWEHD X1 T2 R eDIfliHEINE T,
storedCredential
input_credential list credential _type %% inputCredential @& ZF i,
KAy, a—F =%, BEEASAT-F2HEEL
9,
stored_credential_name string credential_type A% storedCredential ® & Zli&,
C&DS ¥ —N—DEMEHRDO#ATZIEEL 9,
selected view ["7 4=V K" "7 ¢ | BEREN7Z TM1 Fa—TOFEME, SPSS ~ADF
—JU K1) —ADA VER— EFISFa—T La—0D4HTE

GLVANDTENRT 4 —, PIRNIZHlZRL £7,
TM1_import.setPropertyValue("selected view",
['plan_BudgetPlan', 'Goal Input'])

is_private view flag selected view WEHHE 2 —TH 50> % IEE
LEY. 774/ MA false T,

selected_columns ["7 1= K" ] BIRUFIZ2BELE Y, HETEHHAIR 1 2
DAHATT,

#: setPropertyValue("selected columns",
["Measures"])
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# 54. tmlodataimport / — RO THNT 1 — (i)

tmlodataimport / — KD a5 4 — | F—X TEANT 1 — D3]
selected rows ["7 14—V K" "7 |RERUZTEBEELET,
— )L K] f#il: setPropertyValue("selected rows",

["Dimension_1_1", "Dimension_2_1",
"Dimension_3_1", "Periods"])

tmiimport / — KD 7 0O/X7 14 — (BELL)

IBM Cognos TM1 AJJ/ — Rl Cognos TM1 7 —XRX—ZAp5T7—X%&A VK- ML ZE

) ¥

HE: 20/ — FiE, Modeler 180 THILINE L, THUIEESHDL /) —FDAZ ) T M4
tmlodataimport T3,

# 55, tmlimport / — RDTHINRT 4 — :

tmlimport / — KD 7 0/XF ¢4 — F—RE ZTanF 1+ —DHH

pm_host string FEr oN—Vay 160 BLT 170 DHED A
FA M, ARITHIZRU 7,
TM1_import.setPropertyValue("pm_host",
"http://9.191.86.82:9510/pmhub/pm")
tml_connection ["field","field", ... F:oN—=Yay 160 BLY 17.0 DBEDOA
,"field"] T™M1 ¥ —N—DHEfRHOFHMEEL Y A DT as
T4 — BRIFRDEBEHTY: [
"TM1_Server_Name","tml_ username","tml_

password"]

UTFizhlzRL 7,
TM1_import.setPropertyValue("tml_connection",
['PTanning Sample', "admin", "apple"])

selected view ["74—=)VR" "7 ¢ [5EREIN TM1 Fa—TDFHME. SPSS ~DF
— LR —ZDA VR=EFFIFa—T La-0&4iTE

GLVAMDTENT 4 —, PANIZHlZRL T,
TM1_import.setPropertyValue("selected view",
['plan_BudgetPlan', 'Goal Input'])

selected column ["7 14— EK"] BERUZZFZHRELET, HETEHHEAEIFZ 1 D
DATY,

Bi: setPropertyValue("selected columns",
["Measures"])

selected_rows ["Z7 44— K" "7 |BRUEGTERELET,
—JL K] f5il: setPropertyValue("selected rows",

["Dimension_1_1", "Dimension_2_1",
"Dimension_3_1", "Periods"])
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twecimport / — KD 70O/ F7 14 —

TWC V—Z -/ —Ni&, IBM EYR2AD 1 DTH2 The Weather Company 75 KHRT —
‘ REAVE—PLET, CHNEFALT, »3EHOBEEEEFHRORRT — X 2 AT X

F9, Tk, HHMERERD EHECTEBEOLRT—XE2HALT, BRLEZM EX

BEEODRRTEDOEVRA - V) a—Ya VOBRIZEITAEZeRNTEET,

* 56. twcimport / — KD T HNT 4 —

twcimport / — KD 7a/XF
1= F—Z TaNRT 4 — D
TWCDatalImport.latitude FE MEOHZEA [-90.0M90.0] THELZ
‘a_o
TWCDataImport.longitude FEH DM EFR [-180.0M180.0] THEL
9,
TWCDatalImport.licenseKey string The Weather Company 7o AF L7271
U - F—BELET,
TWCDataImport.measurmentUnit English HEBMEZBELUET, BETE SHEIL,
Metric English, Metric. Hybrid T3, Metric A
Hybrid F7FIVNTT,
TWCDataImport.dataType Historical ANTEERT—RZDRA TEREBELET,
Forecast fEETE A1fIX, Historical F7zlk
Forecast T, Historical AT 74 )L+ T
ER
TWCDataImport.startDate Integer TWCDataImport.dataType |2 Historical %
fBELEEIE. BigHZ yyyyMdd OFEX
THREL X7,
TWCDataImport.endDate Integer TWCDataImport.dataType (2 Historical %
BELZEAK, ¥THZ yyyyMMdd DIER
THREL XTI,
TWCDataImport.forecastHour |6 TWCDataImport.dataType |2 Forecast %15
12 ELBEIE, KEIZHLT 6, 12, 24, &
24 7ld 48 ZHEEL X,
48

userinputnode 7’0O0/35 1 —

S~ DA — RERATIE, B S, 55 \VREHFEOF— X #EHLT, 48T — X
ERICERTE 29, SNk, EFVERMORET — 2ty b aERT 55474 LI
b o LET,

Wl
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node = stream.create("userinput", "My node")
node.setPropertyValue("names", ["testl", "test2"])
node.setKeyedPropertyValue("data", "testl", "2, 4, 8")
node.setKeyedPropertyValue("custom storage", "testl", "Integer")
node.setPropertyValue("data mode", "Ordered")

# 57. userinputnode TTNT 4 —

userinputnode 71I/%F 4 — T — X TN T 4 — D
data
names J—=RIZ&VERKSINZT =V REDY A b
EREFITRTHEE AT Y b,
custom_storage Unknown T4 —IVRDANL—=U%HETEMKRT, F
String — -2y b,
Integer
EH
Time
Date
Timestamp
data_mode Combined Combined AMEEXINZGE, La—Fid, &
Ordered v Ml & BN/ BRIED 2 W E Nl A G DRI

DVWTHERINET, ERINZLa— R

2. FNEFND T 4 —)V ROMEOBEDOREIZ %
L<7Zh £9, Ordered HgEINLHE. T
— RITRERTBEHIZ. &L a— ROEF|H
5 1 EAOEIISNET, EkEIhsLa—
REUE, 7 10—V RIZBhEMIF ST W B K
DIEIZFLUL D ET, LD/NIVWTF—XfE%E
o714 =Rk, XVETHD S X T,

values E: 2O 7 a8F 1 —I% userinputnode.data
WWEEHZ o0, HHLRVWTLES
[

variablefilenode 7’0O0/%57 1 —

P o AR/ — T, ERZ74—LVK - FTFANM-T740, DED 74—V FHEZ—ETHL
'_ 74— RHOXFHARAL S L A= REBLT 7405, FoRERAAARET, 20/
.4 —Rix, EEEO~y 4= - FHA N PHHMOWERA DS T 7 4 M bHATE LT,

1l

node = stream.create("variablefile", "My node")
node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node.setPropertyValue("read field names", True)
node.setPropertyValue("delimit_other", True)
node.setPropertyValue("other", ",")
node.setPropertyValue("quotes_1", "Discard")
node.setPropertyValue("decimal_symbol", "Comma")
node.setPropertyValue("invalid_char_mode", "Replace")
node.setPropertyValue("invalid_char _replacement", "|")
node.setKeyedPropertyValue("use _custom values", "Age", True)
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node.setKeyedPropertyValue("direction", "Age", "Input")
node.setKeyedPropertyValue("type", "Age", "Range")
node.setKeyedPropertyValue("values", "Age", [1, 100])

# 58. variablefilenode 70 NT 1 — :

variablefilenode 7' /%7F 1 — T — X H THRT 4 — DI
skip_header number BAID LV 32— KOS TG 5 XF 8% e
023
num_fields_auto flag ZELI—RD7 14—V FOBEHBMNZRE L
9, La—Fid, dITXFTRDLDEBEND
DET,
num_fields number HBELI—-ROT7 14—V RNOEETFHTHEEL £
ER
delimit_space flag T7ANDT 4 =)V REXY S XTFEEEL £
‘3_0
delimit_tab flag
delimit_new_line flag
delimit_non_printing flag
delimit_comma flag 0BG, AVEAN)—LHNTT =R
DREY O XFEHRE DL TOH G TH S 72
&, delimit_other % true IZ%E L. other
TaRT 4= FHL, arvERYEEe
UTHELET,
delimit_other flag other U T ¢4 —ZfHL T, #AXLKY]
DEEEI -V —IRETEXT,
other string delimit_other A% true IZZEINT VB L E
IZHHENSXY RS EEEL T,
decimal_symbol Default T=R YV —=ATHbh TV E/NUSEL S &
Comma ELET,
Period
multi_blank flag BROMET 277y 7RO XFE 1 DD
KEIh X7 LTHVET,
read_field_names flag T—=& - 77 ANHDOEHDITEHD T )L L
UTHD BN E T,
strip_spaces None A ¥V R— MREZSCFFIDOFIHED AR — A % fifi =
Left L&Y,
Right
Both
invalid_char_mode Discard TR AP ORERTE (X, 0. £/
Replace BAEOT Y a2 — FHIZEEL TWARWXE) &
T =X AHDSHIRT 5D (Discard), 8E X
N 1 XFOFHSTAELRL TR ESHAE
3 (Replace),
invalid_char_replacement string
break_case_by newline flag TTEYI D XXFDRWAITFTH D T L ZHREL £
ER
Tines_to_scan number BELT — 8 EAx v 3 21182 EL

9,
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# 58. variablefilenode 70 8T 1 — (i &) :

variablefilenode 71 /X5 1 —

5= &7

AT 4 — D

auto_recognize_datetime

flag

ANITF — R DB & 72 1200 % E B R
BMESPERELET,

quotes_1

Discard
PairAndDiscard
IncludeAsText

A4 VA= M TORE—FHFOWHE Lz EE L
EC

quotes_2

Discard
PairAndDiscard
IncludeAsText

A VAR — b TOHGI OB SEEREL
9,

full_filename

string

FARAT 7 ANDTF 4 L7 N) —%2E&0%E
TR0,

use_custom_values

flag

custom_storage

Unknown
String
Integer
EH
Time

Date
Timestamp

custom_date_format

"DDMMYY "
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD. YY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON. YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/ YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

HAARL (=P —FE) AL —IUMPRES
NEGEOHREBHINE T,
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# 58. variablefilenode 7V NT 4 — (i &) :

variablefilenode 7T /XF 1 —

5 — &7

TaNRT 4 — D

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)s"

AAR L (A=Y —FE) AL —VUPEES
NHGEDAHMHAINET,

custom_decimal_symbol

field

AAR L (A=Y —F&E) AP L —UDBEEZ
NHGEDAHMAINET,

encode

StreamDefault
SystemDefault
"UTF-8"

FF¥FAPDTaA—-RNAFEZBELET.

xmlimportnode 7’0O0/37 1 —

P XML AJj/ —FZ[HALT, XML JBPADT =X &2 A MY —LIZA Y R—-bTEET, T4
<AML> | JR)=D 120774 VEERTRTOT 7 A LEA VE—ITEET, 7V a7,
N XML &% HARECAF—< 77 A VERETE XY,

Wl

node = stream.create("xmlimport", "My node")
node.setPropertyValue("full_filename", "c:/import/ebooks.xml")
node.setPropertyValue("records", "/author/name")

# 59. xmlimportnode 7T/NT 4 — :

xmlimportnode 71/ /$F ¢ — T — X TaNRT 1 — D
read single BIDT =& - 77 A IV EHHMAL (T 74
directory M 2. T4LZ M) —HOTRTDO XML 7
7 AN EGAAAET,
recurse flag HELEZTALIZ M) —DFTRTOY T T4 L
7 hY =56 XML 7 7 A )VEEINTHRAAD
MEIPEBELET,
full_filename string (W) 1 v A—FrFT5 XML 7 74 VD5EEN

ABLUV T 7140V% (read = single DHH),
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# 59. xmlimportnode 70T 1 — (fi &) :

xmlimportnode 711/ %F 1 —

F—

TaNRT 1 — D

directory _name

string

(BE) XML 774 )V% 1 VK= TB5F1 L
7 8 —DRENAB I CLHE (read =
directory D¥%H),

full_schema_filename

string

XML Hidi%FEAAT XSD 7 7 1 V721

DID 77 A IVDRENRAB L7 711V 4,

DRI A—R—ZMHTSE L, HiEE XML
AT 7 ANDSHEARAAET,

records

string

La— NOERZEHT S XPath X (1 :
/author/name), AJ17 7 1 WIZZ DEZRHH
HW¥aZeiz, HiLwlb a— RABMERI N E
TO

mode

read
specify

TRTCDT = REFRAHRIAL (T 7 4V M) W,
MAACHEZEELET,

fields

1K= T 2HE EHELEM) OV X,
VA MHNDET AT LiE XPath RTT,

dataviewimport 70O0/35 1 —

£
ED

1l

stream

dvnode = stream.createAt("dataviewimport", "Data View"

modeler.script.stream()

dvnode.setPropertyValue("analytic_data_source",

["","/folder/adv", "LATEST"])

F—X ¥a— J—RT, =& ¥a—DF—X% IBM SPSS Modeler iZ1 > R—hrL %

, 96, 96)

dvnode.setPropertyValue("table _name", ["","com.ibm.spss.Table"])
dvnode.setPropertyValue("data_access_plan",

[*","DataAccessPlan"])

dvnode.setPropertyValue("optional_attributes",

[["","NewDerivedAttribute"]])

dvnode.setPropertyValue("include xm1", True)

dvnode.setPropertyValue("include xml field", "xml _data")

# 60. dataviewimport THINT 4 —

dataviewimport 7' /XT 1 —

F— A

TR T 4 — DA

analytic_data_source

string

IBM SPSS Collaboration and Deployment
Services (ZREINZHWT—X Ca— 47
Vxl b, RAHKE, FHTEAN-—VaDON
—Tay IN),

["Object ID","Full path", "Version"]
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# 60. dataviewimport 7HINT 4 — (i ¥)

dataviewimport 7R /X5 ¢ —

5= R

TaNRT 4 — D

table_name

string

ST —X Ca—THEHAINEGT—X Ya—
T=T N, T=TNRIE, Ny — U TEMX
NTWBHBENDHY £, IBM SPSS
Collaboration and Deployment Services
Deployment Manager 7 71 7 ~ b %*5 BOM
ELIAR—PML, ZTIAKR—bINE zip 7
=74 THD default.bom 7 7 A L EFARD
ZEiZ&oT, Ny r—Y2RETEET, N
v —U%1E, BOM #»' IBM Operational
Decision Management (iLOG) %5 A »FK— b
INLGEERE, WAL TRINERD X
A,

["Object ID", "Name"]

data_access_plan

string

DT —X Ca—iiT— R 2843572012
HHENET—& 727% A5 HE,
["Object ID", "Name"]

optional_attributes

string

MARLIEE S N EED Y Z b,
[["ID1","Namel"], ["ID2", "Name2"]]

include_xml

boolean

XOM A Y ARV A T=R%&FDT 14—V %
FAATEE L True, IBM Analytical
Decision Management ® iLOG / — FAYHifH
INLGHEERE, HREINLREIL false
TY, IN2AVIITHE, ZROBNMNEL
HARET LD X7,

include_xml_field

string

include_xml A% true (ZFE X NBEIZEM
57 14— KDAH
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F10E LO—KREZRE/ —RFo7a/x5F4—

appendnode Z7'O0/X7 4 —

La—F@M/—RT, La—Foky bzEfELEXY, La— MBI/ — & FEEH» T
i = WIS T —ANRLDZT—X -y MEMAGEIHEIELLET,

1l

node = stream.create("append", "My node")
node.setPropertyValue("match_by", "Name")
node.setPropertyValue("match_case", True)
node.setPropertyValue("include_fields_from", "A11")
node.setPropertyValue("create tag field", True)
node.setPropertyValue("tag_field name", "Append Flag")

# 61. appendnode 7THINT 4 — :

appendnode 7T/ %F o — F— R TaRT 4 — DA
match_by Position ALY - T—=R V) —=AFD T 4 — ) NOALE
Name (Position) . ¥7/ZIZANT =KLy bFDT 1 —
NV R#% (Name) 2FHHEZLT, T—F kv h2E
mcExd,
match_case flag 74—V REEIIET 5 & EITKRLFENLFED
KilzH/5z U9,
include_fields_from Main
A1l
create_tag_field flag
tag_field_name string

aggregatenode 7 O/X7 4 —

LVa— R/ —FC, —#O ANV a—F2ENEF SN DL I - NIZES#MI 9,

;.,.

1l

node = stream.create("aggregate", "My node")

# dbnode is a configured database import node
stream.link(dbnode, node)

node.setPropertyValue("contiguous", True)
node.setPropertyValue("keys", ["Drug"])
node.setKeyedPropertyValue("aggregates", "Age", ["Sum", "Mean"])
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node.setPropertyValue("inc_record count", True)
node.setPropertyValue("count_field", "index")
node.setPropertyValue("extension", "Aggregated ")

node.setPropertyValue("add as", "Prefix")

# 62. aggregatenode THINT 1 — :

aggregatenode 71/ 8F 1 — T — X2

TN T 4 — DA

keys list

HFHIZF—L U THHTES 70—V KD —ER
RENFET, HIXIE, F— - 74—V D Sex

& Region DA, —EAR M & F O, BXUH
BN &S DENTNOMAEDLEIZK U THEET
La—R2MEEINET 4 20—REihflash
),

contiguous flag

FUF—flz2fEodRTOLa— RBAIIZT IV
— I N TV BIAIE AL F— -7
4=V RIZY = ENBGE), 20X TvavE
BINLET, 2O TV avzERTEE, T
F = VAPHEELUET,

aggregates

HEHTHIHME7 1 =L R, BLUERINATWS
HHE-NE2ERRTIMELTOT 1 —,

aggregate_exprs

IRET 4+ =V ROARTZ, TD7 14—V REFHE
FTE5OITMHINSEFAN TR —fbT 5%
— JunTF 14—, UTFIZHlERLUET,

aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX", "MAX('Na')")

extension string BHEEGH T 1+ — )V NITHIR S 2 BEUEEE & 72 13 8%
REEZRELET (FOH%EZH),

add_as Suffix

Prefix

inc_record_count flag BV O—F2ERT B DICE G S AT
LVa—NEefed 287 « =V F2EKL X
ED

count_field string La—NERT 1+ -V FOARITZEEL T,

allow_approximation Boolean Analytic Server TDHEE DEITRHZNETHLFT D
ERLEFFAILEY,

bin_count integer WM THEAT IV BERELET,

balancenode 'O/ 4 —

£\ NSUR - J—RT, =& - &y MBELEZMHIZES £510, F—& - &y F ORI
> BEELET, AT VART, #ELEEERIC L > TRANE (rue) OEAI. LI—KOK

RERELET,

Wl
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node = stream.create("balance", "My node")
node.setPropertyValue("training_data_only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]])

% 63. balancenode 7037 4 — :

balancenode 7T/ 85 1 — T — X ZaNF 4 — DM

directives FBEINZBUEIZIE O WT 7 4 =L NEDEI& %
VTS B 72D DREEL T a8 T o — (IROHIE
ZHILTLZI W),

training_data_only flag FUT—ROBNRNT U AEINE L SE/EL &
T, T—REHDT7 4 =)L REMNA N — LhTHE
INTVWERWGESE, 204X TVavidfHInhzE
‘3—0

D/ —=RDOTaNT 4 —FROEREHEHL £ 7,
[[ number, SXFH] 1 ¥ [ number, LFHI] ¥ ... [number, SXF5 1]

il e XTHOA GG (CZHIIAFZ2MA), TORBIZT AT -7 " ¥ " 2IRET 2 LEDN
HOET, " ¥ XFE THEXFTHIHLET, INEMAHLT, 5IBEZ AP I<HATEHRETSHI L
MTEET,

derive_stbnode 70O/X5F 4 —

—\ AR—=Z-WE-Ry 7 A - /=R, BE, RE, BLIUTXAL - AZVTOET 4=V R
.QD' 5, AR—ZAMWf-Ry 7 A2 REIEET, FEOEH VAR AWM-Ky 7 22NV TT Y
FELUTHMTAEZEETEET,

1l

node = modeler.script.stream().createAt("derive stb", "My node", 96, 96)

# A<Dl 3—K] E—RKDFE

node.setPropertyValue("mode", "IndividualRecords")
node.setPropertyValue("latitude field", "Latitude")
node.setPropertyValue("longitude field", "Longitude")
node.setPropertyValue("timestamp_field", "OccurredAt")
node.setPropertyValue("densities", ["STB_GH7_1HOUR", "STB GH7_ 3OMINS"])
node.setPropertyValue("add _extension_as", "Prefix")
node.setPropertyValue("name_extension", "stbh ")

# INVTT7o M E—RDBE
node.setPropertyValue("mode", "Hangouts")
node.setPropertyValue("hangout_density", "STB_GH7_3OMINS")
node.setPropertyValue("id field", "Event")
node.setPropertyValue("qualifying duration", "3OMINUTES")
node.setPropertyValue("min_events", 4)
node.setPropertyValue("qualifying_pct", 65)
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£ 64 AR—ZA RA L Ry oA J—RDOTanF 41—

derive_stbnode 7' XF 1 — F— XA T NF 4 — DA
mode IndividualRecords
Hangouts
latitude_field field
Tongitude_field field
timestamp_field field
hangout_density density B GBI D W T,

ldensities] ZZMHL TL 72X\,

densities [density,density,..., density] % density &, STB_GH8_1DAY 7% & D 'F4T
‘a—o
F: D density BWEMTH BT OWTIE,
#nd D £9, geohash D&, GHL 75 GH15
DiiZEMHATEET, ZOHHTIZ, UFDME%
fEHTE £
EVER
1YEAR
IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
1OMINS
5MINS
2MINS
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field field
qualifying_duration 1DAY XFHTRITNE R D FEA,
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Hours
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
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£ 64 AR—A XA Ry ZA J—ROTaNTF 14— ($i¥)

derive_stbnode 7'H /ST 1 — T — X TaRT 4 —DFHH
min_events integer BNDERLTERUEILX 2 T,
qualifying_pct integer 1 225 100 OHPHTRIFNIXAR D FHA,
add_extension_as Prefix

Suffix
name_extension string

distinctnode 7'0O0/357 1 —

A BELI—F - /=T, BHLVI-FEHIRLET. 2054, BRYOEETLLI-F%
£y Fo g AN Y= BICHET A, £ BHIOLI— FERELT, TOROTEL I— i
i 4 FeR AN —LIZPELET,

1l

node = stream.create("distinct", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("fields", ["Age" "Sex"])
node.setPropertyValue("keys pre_sorted", True)

# 65. distinctnode 70T 4 — :

distinctnode 7T /85 1 — F— X1 ZaNF 4 — DN
mode Include FT—R - AN —LIIRYIOEHEL I—-NE2ED
Discard L0, BUYIOEHL I—-RE2HEL T, RbDIZ

TRTOEHLVI—FE2TF—X - AM) —LIZ)E
FTIENTEET,

grouping_fields list L= RPE—THE0EDDEHWTE7-HD1C
bz 74—V REXRRLET,

F: 2D aT 10—, IBM SPSS Modeler 16
BETIEFEIEINTVET,

composite value MiEhkAoy b ToflZZR LT ZIW,

composite_values HiEfk Aoy b TORZEZRLTSEIW,

inc_record_count flag FEE L I - FERERT B70ICEi AN
L a—FERZEHEET HEM7 1 =V F2EKL X
ER

count_field string La— REHT + -V ROA4RTZEEL £7,

sort_keys gl Aay b, FE: 207 uRF 4 —iE, IBM SPSS Modeler 16
BgECIRpILEnTWE S,

default_ascending flag

Tow_distinct_key count flag F— - T4 =N FIZDRwLa—-FEREDTY
—EOEEROLIBELET,

keys_pre_sorted flag FUF—lx2EOTRTDOL a— NBASH T
NV =TEnd L5 FHELET,

disable_sql_generation flag
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composite_value 7’'0O0/37 14 — Dl

composite value 7H/NF 14—, AFO—IERIZHR-oTVWET,

node

.setKeyedPropertyValue("composite value", FIELD, FILLOPTION)

FILLOPTION & [ FillType, Optionl, Option2, ...] EWHERIZHR>TWET,

fl:

node.
node.

node
node

node.
node.

node

node.
node.
node.

setKeyedPropertyValue("composite value", "Age", ["First"])
setKeyedPropertyValue("composite value", "Age", ["last"])
.setKeyedPropertyValue("composite_value", "Age", ["Total"])
.setKeyedPropertyValue("composite value", "Age", ["Average"])
setKeyedPropertyValue("composite_value", "Age", ["Min"])
setKeyedPropertyValue("composite_value", "Age", ["Max"])
.setKeyedPropertyValue("composite value", "Date", ["Earliest"])
setKeyedPropertyValue("composite value", "Date", ["Latest"])
setKeyedPropertyValue("composite value", "Code", ["FirstAlpha"])
setKeyedPropertyValue("composite_value", "Code", ["LastAlpha"])

HARL ATV arTik, BEROGENPBLETHY, THNSHFVAMELTEMNMENET, X, T
DEHITHY FT,

node

node.
node.

.setKeyedPropertyValue("composite value", "Name", ["MostFrequent", "FirstRecord"])
setKeyedPropertyValue("composite_value", "Date", ["LeastFrequent", "LastRecord"])
setKeyedPropertyValue("composite value", "Pending", ["IncludesValue", "T", "F"])

node.setKeyedPropertyValue("composite_value", "Marital", ["FirstMatch", "Married", "Divorced", "Separated"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate"])
node.setKeyedPropertyValue("composite _value", "Code", ["Concatenate", "Space"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "Comma"])
node.setKeyedPropertyValue("composite value", "Code", ["Concatenate", "UnderScore"])

composite_values Z'0/37 1 —Dfl

composite_values 7T/8F ¢ —i&, ARO—ERITR>TWET,

node

1)
il

node

1)

116

.setPropertyValue("composite_values", [
[FIELD1, [FILLOPTION1]],
[FIELD2, [FILLOPTION2]],

.setPropertyValue("composite_values", [

["Age" s ["F'i rstu]] R

["Name", ["MostFrequent", "First"]],

["Pending", ["IncludesValue", "T"]],

["Marital", ["FirstMatch", "Married", "Divorced", "Separated"]],
["Code", ["Concatenate", "Comma"]]
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extensionprocessnode 7'O/XF 1 —

PLRAH ) — R&2FiHT 5L, R A2 T hE/iE

E@- Python for Spark A2 ) 7+ &MHL T, A Y=L
F, 5T —XEHUFL, B LT —RIZEHEZ#EATE £
ED

Python for Spark D

#### script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension process", "extension_process")
node.setPropertyValue("syntax_type", "Python")

process_script = """

import spss.pyspark.runtime
from pyspark.sql.types import =*

cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = StructType([StructField("Age", LongType(), nullable=True),
StructField("Sex", StringType(), nullable=True), ¥
StructField("BP", StringType(), nullable=True), ¥
StructField("Na", DoubleType(), nullable=True), ¥
StructField("K", DoubleType(), nullable=True), ¥
StructField("Drug", StringType(), nullable=True)])
cxt.setSparkQutputSchema(_schema)
else:
df = cxt.getSparkInputData()
print df.dtypes[:]
_newDF = df.select("Age","Sex","BP","Na","K","Drug")
print _newDF.dtypes[:]
cxt.setSparkOutputData(_newDF)

node.setPropertyValue("python_syntax", process_script)

R Ol

#### script example for R
node.setPropertyValue("syntax_type", "R")

¥

node.setPropertyValue("r_syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")

next_day<-day + 1
modelerData<-cbind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat="",

fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

# 66. extensionprocessnode TV /NT A —

extensionprocessnode 711/

4 — 7z TaRT 4 —DFi

syntax_type R R 71 Python DEHLSLDAZ Y T & FETT
Python LZDEELET R BT 74V T,

r_syntax string FITTE R AZIVT -V VRY I,

python_syntax string F479 % Python A7V T b - YV Ry IR,

KA S

% 10 =

La—REE// —RDTa5F 14—
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2 66. extensionprocessnode TWNT 4 — (i &)

extensionprocessnode 7'11/%F

LogicalValues

4 — F— x A TaNT 4 — D

use_batch_size flag Ny FUHERZ AR LE T,

batch_size integer BN FIZEDDIT—X LIA— NOBEEEL
7,

convert_flags StringsAndDoubles TR T 4 =)V NEEMRTB72DDF T a

\/0

convert_missing

flag

RIEMEZ R O NA EIZE T 272004 T 3
N

convert_datetime flag HMEX 2R HA/HZIERDEH%Z R OH
/R BT 5720 DA TV a v,
convert_datetime class POSIXct AMERNEZIXEM/RAEROEHD S5, &
POSIXTt

DIERDE BT 0 2i8ET 22004 T
valy,

mergenode 7'O0/37 1 —

La—REia/ — R, BEROADLVI—-REREL, A7+ -V RORFELE—H%2E
>» 120NV I—-FEERLET, ZOKRIE, NREET -2 LBAAOT—2DLS
B, RILDY —ANSDT —RERET HHEIKILL T,

Wl

node = stream.create("merge", "My node")
# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)

stream.link(salesdata, node)

node.setPropertyValue("method", "Keys")
node.setPropertyValue("key fields", ["id"])
node.setPropertyValue("common_keys", True)
node.setPropertyValue("join", "PartialQuter")

node.setKeyedPropertyValue("outer join_tag", "2", True)
node.setKeyedPropertyValue("outer join_tag", "4", True)
node.setPropertyValue("single_large_input", True)
node.setPropertyValue("single_large_input_tag", "2")
node.setPropertyValue("use existing sort keys", True)

node.setPropertyValue("existing sort keys", [["id", "Ascending"]])
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# 67. mergenode THINT 4 — :

mergenode 7' H /8T 1 — F— &R TaNRT 4 —DHH
method Order F—& 774NV TOY XA MEZVI— RS
Keys TENRESIH 1 D2UEDF— 74— REME
Condition ALTF— 74—V FADFAULMEIZLVI—-F%
Rankedcondition FEETENE DD, BEINEFM2HZTEHE
WL I—REHEETIENEIL. 1 IRT -y
FEFTRTD 2 XTF—Xty hNHDOEFTDRT
EMAETEINESINERELET., WTNOBESE
b, FVINIREMHHLT, 77 DEW—K
Mo T VI DEN—HDIEIZT RTDO—ENY —
rENET,
condition string method 7% Condition IZFEINTVWBEE, L
I—N2E5D2FIIHETIRMEEEL £
ER
key_fields list
common_keys flag
join Inner
FullQuter
PartialQuter
Anti
outer_join_tag.n flag ZOTuNRT 4 =Tl n X [Tty FOiE
R Za7ur - Ry ZAZRRINDERTHT
T, EDEIBRT—XEy MITH->THAR%ESR
L a— REEKT 2uEEMERHZ5DT, HED
RITH{ERECTEET,
single_large_input flag 1ED AT & A THERIR & 70 AJJ 2 H8E Uik
W LEITONEIDERBELET,
single_large_input_tag string [5—Y . F—Xty bOER] X4 707 - KR
VI AIRREINDRTZER/ELET, 207
O T 4 =DK1 2OANT—XEY bL
MRETERVE WS KT, outer_join_tag 7
ORT 4 =L BHETFREDIEIERLTLES
W (FT—=ZMMPRT 7 XTI VWS EVD D
UDR
use_existing sort_keys flag AIWTTIZHF— - 74—V RTY = bFAPY
SN EELET,

existing_sort_keys

['3C7%]", '"Ascending'] ¥ [’
SCFF] ', 'Descending']]

TTIZY—brENETs—VREY—NARI%ZE
ELET,

primary_dataset

string

method A% Rankedcondition DE&IE. HEEAAND
1 RT—REy FEBIRUE T, 4, Ao
BOEMEEZBZENTEET

rename_duplicate_fields

Boolean

method %% Rankedcondition DEFEIZI D TN
TA—% Y IIEREL, BRBET—R V=AM
WS NZF U 2R D2EBD 7 + —)v RHE
BOBET— Xty MZEENTWBES. F1
5DTFT—& JV—=ADERITNT 14— FOF R
HUDEHEIZEMINET,
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# 67. mergenode THINT 4 — (fi &) :

mergenode 71 /NF 1 — T — XA TaNRT 4 — D

merge_condition string

ranking_expression string

Num_matches integer merge condition & ranking expression (2D

WTREND —HO, HMEK 1. BRRAE
100 TY,

rfmaggregatenode 7’00/ 7 4 —

S\ V—kvy, 7V7Tvy ¥AX)— (REM) OLa— PR — R2@HT5 &, BED

(3> BEDNSVHF IV Ay - TR EIE, KEHOT— X EHR. ROORT U F sV -
T—RETRTEAAFIHEETAIENTEET, ZhIZLD, BREDO NI VY IV a v O
W, bsv¥FIva v INSD NI T IV a v OEHEGEN -EERINXT,

Wl

node = stream.create("rfmaggregate", "My node")
node.setPropertyValue("relative_to", "Fixed")
node.setPropertyValue("reference date", "2007-10-12")
node.setPropertyValue("id_field", "CardID")
node.setPropertyValue("date_field", "Date")
node.setPropertyValue("value_field", "Amount")
node.setPropertyValue("only recent transactions", True)

node.setPropertyValue("transaction date after", "2000-10-01")

% 68. rfmaggregatenode 7HINT 4 — ¢

rfmaggregatenode 71 /85 1 — | F—XF TanRT 1+ — DA
relative_to Fixed NS UH I ar D) -k UAHEINSE AN
Today EIRELET,
reference_date date Fixed 2% relative to IZFHEINTWVWEHEIZ
DAFHTEET,
contiguous flag T—=& - AN —=LHTHU ID 2F2FTRTO
La—NBBIIRRINDE LT —R%EY —
FLTWREGA, 2O TV a v 2ERT S LM
HEEELTHIENTEET,
id_field field BEBIONIVF 7 a v 28T 5010
HAT27 41—V REEELET,
date_field field V=t v ERFHETLOIHHINDHAT ¢
—)V R &L 9,
value_field field YRR —(HEFHRTEOIFEHTET 1 =L
FEIEELET,
extension string BEER T+ — )V FITWIS S & 2 BEEE & 72 138
RFERELET,
add_as Suffix extension ZERER L U CEMT 25, /i3
Prefix UAREE LTS 202 8E L ET,
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# 68. rfmaggregatenode 7HINT 4 — (Fi &) :

rfmaggregatenode 7 /85 1 — | F—XHl TanRT 4 — DA

discard Tow_value records flag discard_records_below FEDHAZEIIZL £
ER

discard_records_below number RFM D& 2R T2 58IZHHI VLS

VYT a vOFMOR/MEZIEET S Z LT
EET, HOBALE, BRI N7 Tvaluel 7+
— )V RIZBEL £7,

only_recent_transactions flag specify_transaction_date X7z
transaction_within_last ZEDMAZARIZL
ES I

specify_transaction_date flag

transaction_date_after date specify_transaction_date PSERINTWVWS

BIZDOAEHTEES, T—2BDHICEENL
BOLNS VY avOAMNERELET,

transaction within last number transaction_within_last 2ERINTWEH5E
WZOAHTEET, La—NBoMmicagEns
BO 1) —w U RHEH] OHMPS I HhDIFE-
A OB L OFEE (H, B, A E7ZI3FEEH)

ERELET.
transaction_scale Days transaction_within_last 2NERI N TWBH5E
Weeks WZOAFHATEET, La— NBRoMIcEENS
Months ‘o T) -k HEH] OHMNDS I PDIE -5
Years MR OB L O (H, H, AZZIEER
ERELET,
save_r2 flag FEED 2 FHIZEED T V¥ 2 3 v OH
eRRLUET,
save_r3 flag save_r2 BRI NTVWAGAICOAMEMTE
T, HEED 3 FHICRED T Vo ay
DHAZRRLET,
Rprocessnode 7'O0/37 4 —
— R Z#1 /) — N Tl&, IBM(r) SPSS(r) Modeler A b U — 2
( R MOEF—REREFL, TOF—XEMHDHA AL L R A

VTP EEHUCEAETEET, T -XLHE K, 74
AR —LIBENET,

il

node = stream.create("rprocess", "My node")

node.setPropertyValue("custom_name", "my_node")

node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")

next day<-day + 1

modelerData<-chind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
node.setPropertyValue("convert datetime", "POSIXct")
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2 69. Rprocessnode 7THINT 4 — :

Rprocessnode 7 11/5F 4 — F— & TaNT 4 —DFHiH
syntax string
convert_flags StringsAndDoubles
LogicalValues
convert_datetime flag
convert_datetime_class POSIXct
POSIX1t
convert_missing flag
use_batch_size flag Ny FRILEFHAREICLE S
batch_size integer ENYFIZEDET—X LI— ROBEHEL

ESEN

samplenode 7'O/37 4 —

o BTN ) =FTE, Va—FOY 7y bEBRLUES, BV TN, 272%— -4

- VI, IREEMER (REEAL) YU TR Y, XEI ATV ILVOBENRYR- IO THE
T, VTV T N7 A=<V ADMELE, BIOHOZODEETAL I—-NEHIEH
SUH I arvDIN—TOREFITERIZILET,

1l

/* Create two Sample nodes to extract
different samples from the same data =*/

node = stream.create("sample", "My node")
node.setPropertyValue("method", "Simple")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("sample_type", "First")
node.setPropertyValue("first_n", 500)

node = stream.create("sample", "My node")

node.setPropertyValue("method", "Complex")

node.setPropertyValue("stratify by", ["Sex", "Cholesterol"])

node.setPropertyValue("sample_units", "Proportions")

node.setPropertyValue("sample_size_proportions", "Custom")

node.setPropertyValue("sizes proportions", [["M", "High", "Default"], ["M", "Normal", "Default"],
["F", "High", 0.3], ["F", "Normal", 0.3]])

# 70. samplenode 7V NT 4 — :

samplenode 71 /85 1 — T — R T NRT 4 — DA
method Simple
Complex
mode Include BEINLM%20-TLI-R248505N0
Discard (Include), H%#E (Discard) L %7,
sample_type First YT T hAEREEELET,
OnelInN
RandomPct
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# 70. samplenode 70 XF 1 — (i %) :

samplenode 7' H/%F 1 — F— &R 7TaxNT 1 —DFHH
first_n integer BEINEZNERETOL I— RE2ED D 0HE
L9,
one_in_n number n BHZILICLI—-FR28050HELET,
rand_pct number HEOLPEEST DL I RO — VTV %R
ELET,
use_max_size flag maximum size FEDMFHEANZL X,
maximum_size integer T—R AP —LAIZANS EET—X - A b
VLD olERT IV TIVORKEEEREL
T, ZOATYaVEILRTHY, ZD7d,
First & Include 2MEEI N TN D & EIHikE
INET,
set_random_seed flag FURL Y= FREDHHEANZLET,
random_seed integer FURL =N UTHATHEEEEL £
EDS
complex_sample_type Random
Systematic
sample_units Proportions
Counts
sample_size_proportions Fixed
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions number
fixed_counts integer
variable_proportions field
variable_counts field
use_min_stratum_size flag
minimum_stratum size integer ZDA T a ik, Sample units=Proportions
2 & o THEMERY V TUDMER S N2 5812 DA
BHINET,
use_max_stratum_size flag
maximum_stratum size integer ZDA T 3 vk, Sample units=Proportions
2 & o THEMERY V TUDMER S Nz 5812 DA
BHINET,
clusters field
stratify_by [field1 ... fieldN]
specify_input_weight flag
input_weight field
new_output_weight string
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* 70. samplenode 7N T 1 — (fi &) :

samplenode 71 /85 1 — T — R TaRTF 4 — DA
sizes_proportions [[string string value][string |sample_units=proportions PO
string value]...] sample_size proportions=Custom D&, JE{b
T4 —=IVRDEDEZ SNBHMAELEDIE%E TG
ELUET,
default_proportion number
sizes_counts [[string string value][string |/E{L7 + —V RDMEDEZ SN D AGDLEDHE
string value)...] EIBEL 9, HAKEIE sizes_proportions
EUTVWETH, #lETIRR<BREREL X
‘a—o
default_count number

selectnode 7’ O0/X5F7 1 —

S ) — R T, BEDERMIZHEINVWT, T—X - AN =451 T—ROY Ty b %

> MR DL D TEET, BRI BROMEBCHEET 51 01— F2RRTE
‘a_o

il

node = stream.create("select", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("condition", "Age < 18")

# 71. selectnode THAINT 4 — :

selectnode /%5 1 — T — XA THuNT 1+ — D

mode Include BIRLZLIA—RNRE2EDDH, EI3MEST ZH
Discard ERELET,

condition string La—Rz2&D50, X72I3E» DR,

sortnode 7O/XF7 1 —

o V=17 =FT. 1 DFLBEHDOT 4 — FEIZHEDIWT, LI — FEFIEE 72 BEIEI
M V—hLET,

il

node = stream.create("sort", "My node")

node.setPropertyValue("keys", [["Age", "Ascending"], ["Sex", "Descending"]])
node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use_existing_keys", True)
node.setPropertyValue("existing keys", [["Age", "Ascending"]])
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# 72. sortnode TOINT 14—

sortnode 7'H/XT 1 — TR H T T 4 — D

keys list V- DEMEEERLEZ T4 =V REEELET, V
— FOAMPEEINTVIRWES, T 74 b
PEAINET,

default_ascending flag TI7ANVMDY — MEEEEL £,

use_existing_keys flag I N7 4 =V FDY — MEZHHL T

V— b ERELTENE S PEEBREL T,

existing_keys

TTIZY—hINET 14—V REY—bNHl%ZE
EFLET, keys 7T 1 =R UERZMHH
ULET,

spacetimeboxes 7'O0/37 1 —

,.--—\ Space-Time-Box (STB) . Geohash DZEMMZRIGAT & ILRL 726 DTY, BMARMIZIE, STB
f‘ ,I R OSFFIT, ZERB & O & BRI EI L SR T T
I.

Ne—

# 73. spacetimeboxes THINT 4 —

spacetimeboxes 7H/NF 1 — 7 — &R THRT 1 — DB
mode IndividualRecords
Hangouts
latitude_field field
Tongitude_field field
timestamp_field field
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# 73. spacetimeboxes 7HINT 4 — (fi¥)

spacetimeboxes 7N F 1 —

F— s

TaNT 4 —DFHiH

densities

[density, density, density...]

#% density 1k, XZHITY, Hil: STB_GH8_1DAY

densities DEXNTH 572D DHIBRMNFELET S I &
WWHERBLTLEX N,

geohash D&, GH1-GH15 OfEZHHTE %
‘—3—0

ZOWATIE, UTOMEZMHEHATEET

EVER
1YEAR
IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
SMINS
2 MINS
1 MIN
30SECS
15SECS
10SECS
5 SECS
2 SECS
1SEC
field_name_extension string
add_extension_as Prefix
Suffix
hangout_density density B (L2 2R)
id_field field
qualifying_duration 1DAY L, XFFNZTHERERHY ET,
12HOURS
8HOURS
6HOURS
4HOURS
2HOURS
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events integer B/MEE 2 T,
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# 73. spacetimeboxes 7 HINT 4 — (fi¥)

spacetimeboxes I/ F 1 —

5= &

TaNRT 4 — D

qualifying pct

integer

1 55 100 OHEPHIZT 2 HENH D FT

streamingtimeseries 7’'0/37 1 —

=)

ARV =3IVIWRA ) —RiE, 1 2DAT Y FTRHRFIETVEERLTCAIT) VI LE

‘j_O

F: ZDARY =3I VRS — R, SPSS Modeler N\—Y 3 > 18 THFILI WAV Y

FILVDANY =3IV TS ILEEHDEEDTT,

# 74. streamingtimeseries 7 AINT A —

streamingtimeseries 7 /87 1 — fiE TENT 4 —D I
targets field ANV = IV TWERH — N

. AFvarvc 1 2UED
AN74 =V REFHEE LT
L, 1 DU EDORHRT 1 —
VRETHLES, ERT 1 —
NVREBXIUCEAT 1 =)V NIEff
AULEEA, LI ME
w187 R—=I D T—i 7|

ETIVER/ — RO T/ 87 1|

FlleslLTEx N,

candidate_inputs

[field1 ... fieldN]

EFIVCTHEHAINS AT EZIE
FHIZEHT « =LK,

use_period

flag

date_time_field

field

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod

period_field

field

period_start_value

integer

num_days_per_week

integer

¥ 10 FE La—REE/ —Fo7Ta5 1 —
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F 74. streamingtimeseries T NT 1 — (fi &)

streamingtimeseries 71/ %5 1 —

f

TaNRT 4 — D

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

integer

start_hour_of_day

integer

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

list

output_interval

None
Year
Quarter
Month
Week
Day
Hour
Minute
Second

is_same_interval

flag

cross_hour

flag

aggregate_and_distribute

list

aggregate_default

Mean
Sum
Mode
Min
Max

distribute_default

Mean
Sum

group_default

Mean
Sum
Mode
Min
Max

missing_imput

Linear_interp
Series_mean
K_mean
K_median
Linear_trend

k_span_points integer

use_estimation_period flag

estimation_period Observations
Times
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# 74. streamingtimeseries T NT 1 — (fi &)

streamingtimeseries 7' /8F 1 — fiE TanRT 4 —DHH]
date_estimation list date_time_field % {9 5%
BIZDOAHEHFETT
period_estimation list use_period ZfifHT 255
OHBMATHETT
observations_type Latest
Earliest
observations_num integer
observations_exclude integer
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level_shift flag
expert_outlier_innovational flag
expert_outlier_level_shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert outlier Tocal trend flag
expert_outlier_additive_patch flag
consider_newesmodels flag
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
DampedTrendAdditive

DampedTrendMultiplicative
MultiplicativeTrendAdditive
MultiplicativeSeasonal
MultiplicativeTrendMultiplicative

MultiplicativeTrend
futureValue_type_method Compute

specify
exsmooth_transformation_type None

SquareRoot

Naturallog

arima.p

integer

KA S
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F 74. streamingtimeseries T NT 1 — (fi &)

streamingtimeseries 71/ 8F 1 — fE TaNRF 4 —DHH]
arima.d integer
arima.q integer
arima.sp integer
arima.sd integer
arima.sq integer
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant flag
tf_arima.p. fieldname integer 122 RBIEU,
tf_arima.d. fieldname integer 2R,
tf_arima.q. fieldname integer 22 RBIEUH,
tf_arima.sp. fieldname integer 2R,
tf_arima.sd. fieldname integer 122 BIE,
tf_arima.sq. fieldname integer {EERRBUH,
tf_arima.delay. fieldname integer 122 BIE,
tf_arima.transformation_type. fieldname |None 1EERBUA,
SquareRoot
Naturallog
arima_detect_outliers flag
arima_outlier_additive flag
arima_outlier_level shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_Tocal_trend flag
arima_outlier_additive_patch flag
conf_limit_pct real
events field
forecastperiods integer
extend_records_into_future flag
conf_limits flag
noise_res flag

streamingts 7’0/37 1 — (BELb)

%)

bR/ — N3pEHL EEA,
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1l

node = stream.create("streamingts", "My node")
node.setPropertyValue("deployment_force_rebuild", True)

node.setPropertyValue("deployment rebuild_mode", "Count")

node.setPropertyValue("deployment rebuild_count", 3)
node.setPropertyValue("deployment_rebuild_pct", 11)

node.setPropertyValue("deployment rebuild field", "Year")

# 75, streamingts THINT 4 — :

streamingts /T 1 —

F— R

THNT 4 —DHH

custom_fields

flag

custom_fields=false DHFHIL, EHDOT—X
B — FORENMEHEINET,
custom_fields=true DHEIL, targets &
inputs ZfEETHHELH D T,

targets [field 1.7 « —)V F N]
inputs [field 1..7 4« —)L K N]
method ExpertModeler
Exsmooth
Arima
calculate_conf flag
conf_Timit_pct real
use_time_intervals_node flag use_time_intervals_node=true DH&EIE, LI
DI — FOBGEDEH TN E T,
use_time_intervals_node=false DF&IL,
interval_offset_position. interval_offset.
B XV interval type #IBETIHENH Y F
ER
interval_offset_position LastObservation LastObservation (&, [T DAR 2 BHIE ]
LastRecord #&KUE9, LastRecord ik, [Hm#EDOL I—N
Moy EE] 2RLUET,
interval_offset number
interval_type Periods
Years
Quarters
Months
WeeksNonPeriodic
DaysNonPeriodic
HoursNonPeriodic

MinutesNonPeriodic
SecondsNonPeriodic

events field
expert_modeler_method Al1Models
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level shift flag
expert_outlier_innovational flag
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75, streamingts THNT 4 — (Fi &) :

streamingts 7' /8F 1 — T— X T NF 4 — DB
expert_outlier_transient flag
expert_outlier_seasonal_additive |flag
expert outlier Tocal trend flag
expert_outlier_additive_patch flag
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type None
SquareRoot
NaturallLog
arima_p integer KRIIE T AR, — D& LE L Ta8T
,r —
arima_d integer R 41E TIER, — ROBELFRIL T a7
4 —
arima_g integer KRFIE T AR, — D& LHE L 7a8T
,r —
arima_sp integer R4 E TR, — ROBALRIL Ta T
,r —
arima_sd integer KRIIE T MR, — RDG&ELHE L 7 a8T
{ —
arima_sq integer BRIETMER ) — FOEELREL a7
,r —
arima_transformation_ type None RRFETIVER ) — FOBAE LR T a7
SquareRoot -
NaturallLog
arima_include_constant flag KRIIE T AR, — D& LE L TaRT
,r —
tf_arima_p.fieldname integer Héf;ﬁﬁﬂ-'ETJM’EEJZ/ —ROBELEL T
o AZEEBEUH,
tf_arima_d.fieldname integer H%;ﬁﬁU%TJW’EEE/ —FOGE LR TaRT
1 —o IR,
tf_arima_q.fieldname integer Hﬁ?"éﬁﬂ%ﬁ‘:ﬂ/{’?ﬁ}i/ —ROBELEL T
o AZERBUH,
tf_arima_sp.fieldname integer ﬁ;ﬁﬂ:’&TJW’EﬁJZ/ —RFOGELEREL TuRT
o AZZEBIBH.
tf_arima_sd.fieldname integer H%ﬁﬁ”%?‘]l/ﬁ;ﬁx/ —ROBELEL T
1 —o AR,
tf_arima_sq.fieldname integer Hﬁ%ﬁﬂ%?lw’ﬁﬁfi/ —ROBELHEL TaRT
o R,
tf_arima_delay.fieldname integer H%?;ﬁﬁﬂ%-r)b{’ﬁﬁ}i/ —ROGBELEL ST

1 —. {REREHA.
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# 75. streamingts 70T 14— (i &) :

streamingts 7T /XF 1 — T— X T NTF 4 — DA
tf_arima_transformation_type. None
fieldname SquareRoot
Naturallog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive flag
arima_outlier_level shift flag
arima_outlier_innovational flag
arima_outlier_transient flag

arima_outlier_seasonal_additive |flag

arima_outlier_local_trend flag
arima_outlier_additive_patch flag
deployment_force_rebuild flag
deployment_rebuild _mode Count
Percent
deployment_rebuild_count number
deployment_rebuild_pct number
deployment_rebuild_field <74 —JV K>

cplexnode D7 O/XF 4 —

_ \ CPLEX Dii#fl/ — Fiz & D, OPL (Optimization Programming Language) €7 )V - 7 7
% AV ER UM (CPLEX) <= ADRELOMIED RIS NE T, Z ORI BM
X ' Analytical Decision Management %5 i FI#ET9 A%, IBM Analytical Decision
Management DHZ72 LIZ, SPSS Modeler TH CPLEX / — RZfHTES L5120 %L
720

CPLEX Dt &0 OPL IZD2WTFEL < &, IBM Analytical Decision Management @
ERezmLTI IV,

# 76. cplexnode DT HIST 1 —

cplexnode D 7T /3F 1 — F— & TURT 1 — D

opl_model text string CPLEX Ofgiflt/ — Rizk > TEIFE N, &
HALD#ER%Z KT % OPL (Optimization
Programming Language) A2 Y 7'k - 7u s

Z I,
opl_tuple_set_name string ANT =2 HiEd 5. OPL ET VDX )
v b,
opl _data_text string OPL 2§ 2248, 20T —XDEH,
output_value_mode string f{ETE BMEIL, raw F721k dvar TT, dvar

ERELEA, 2V -1 ) 27T
OPL O HMBEH DL %2 K HIHEE S %
REPDH Y T, raw ZIELLGA, AR
BfR72 <. HIBEEAERH I X,
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2 76. cplexnode O THINRT 14— (i ¥)

cplexnode O 7T /T 4 — F— 2R TaNT 1 —D i

objective_function_value_fieldname |string HWHIZEHT 27 1=V R&, T740 ME
_OBJECTIVE TY,
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B11E J4—IRERE/ —RD7O/NRF 14—

anonymizenode 7O/X5F 1 —

= EAL — N, 74—V RAPMHEDO FROKRGEELHML, DT —2Z2RLET, Zh
ﬂ . D 2 —F—HIES P T OMOFEIEHREZ 2 EOEEEREHEH L TET IV EMETE
B2EITHELAICAMATY.

Wl

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")
node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)
node.setKeyedPropertyValue("enable_anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set_random_seed", "Age", True)
node.setKeyedPropertyValue("random seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", True)
node.setKeyedPropertyValue("use prefix", "Drug", True)
node.setKeyedPropertyValue("prefix", "Drug", "myprefix")

# 77. anonymizenode T INT 4 —

anonymizenode 7T/ %7 ¢ — I — 2 TaRT 1 — D

enable_anonymize flag INE True ICEET D L. 71—V FEOEZLET 7T 1
TIZRDET (FDOT7 14—V KD TELMHE] T NEwv) %25%E
RUZEEH, AUKBRIZRY £9),

use_prefix flag IN% True IZRFET D L. 2—F BT OHEHHEIEH TN
9 (LY BEOHEEIEEINTVEEA), Ny ¥

a - AV Y NIZEoTERLTINE 7« -V NIC#EHAI N, %
D74 —)VFO MEZEWR] X470 70 [2—HF—FFE] I
Uk RRVERRT B L L ASTT,

prefix string MEZE#) X1 T787 - KRy ZADTFAL - Ry 7 AIH
JHEER AT B Z L L RI%ETY, T 74V b OFHEEHL, @5
IZIESNTVARWERIE, 774V MATT,

transformation Random Transform AV v FIZ&bDEALLINEZT « — IV FOEHANS
Fixed A —R—=MEMES (Random) 2 [EE (Fixed) 2R EL T,
set_random_seed flag Iz True IZRET DL, BES NV — NMEXHEHI X
$ (transformation % Random IZFHE XN TWVWBIHE),
random_seed integer set_random_seed A% True IZHEINTWBEHE, ZO 70N
T4 —EEBDO Y — Rz £7,
scale number transformation %% Fixed IZFEINTWVWAHE, ZDMHEIEA

rF=lVA LUTHEAINET, KA —IVHIZER 10 TY
P, BINEHIET 0L TEET,
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# 77. anonymizenode 7O T 1 — (i &)

anonymizenode 711/ %5 o —

T =28 TN T 4 — D

translate

number transformation %% Fixed IZEREINTWVWBEHE, ZOMEIFE
B UCTHAINES, RAEHEILER 1000 T2, H
INEHIETBEDIZESTEET,

autodataprepnode 7O/\7F 4 —

-

Wl

HE T — X ¥fi (ADP) / — R Tlx, T—2 4. BEEMEO#HN, MEDH 3 F 7213 %217
ROWHREMEDH B T 4 —IVRDOAI ) ==V BB UZH LU WEEORE, FflhR s
V=V B XOY ) VT RHEEMHA LA T A =V ADAERERITS 2N TEX
T, BEIZHBLEI WA HET/ —FE2EHAL, /- FCHEMZERBLCEHTEET,
FEBEICR U CTEEOERS SR, HEEAIMMEEDRICEEZ2 L Ea—TE %

ER

node = stream.create("autodataprep", "My node")
node.setPropertyValue("objective", "Balanced")
node.setPropertyValue("excluded fields", "Filter")
node.setPropertyValue("prepare_dates_and_times", True)
node.setPropertyValue("compute_time until_date", True)
node.setPropertyValue("reference date", "Today")
node.setPropertyValue("units_for date durations", "Automatic")

# 78. autodataprepnode TWNT 1 —

autodataprepnode 1137 ¢ — 5=z T F 4 — DA
objective Balanced
Speed
Accuracy
Custom
custom_fields flag H (true) DHEIE, BIED /) —ROX =7y
Mo AT, ZOMT7 4 =V R ERIBET DT
EWTEET, B (false) DEHIK. EROT
—RB) = RO LBEOHRENEHINE T,
target field 1 2ONRT 4+ =V RERELET,
inputs [field1 ... fieldN] ETNVTHAIND ADE I TFHUERT « —
VR,
use_frequency flag
frequency_field field
use_weight flag
weight_field field
excluded_fields Filter
None
if _fields_do_not_match StopExecution
ClearAnalysis
prepare_dates_and_times flag TRTCOHM /W7 + =V RADT 72 2%
HEL £,
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# 78. autodataprepnode TV NT 1 — (i &)

autodataprepnode /%7 o — F— X TanRT 1 — DA
compute_time_until_date flag
reference_date Today
Fixed
fixed_date date
units_for_date_durations Automatic
Fixed
fixed_date_units Years
Months
Days
compute_time_until_time flag
reference_time CurrentTime
Fixed
fixed_time time
units_for_time_durations Automatic
Fixed
fixed_date_units Hours
Minutes
Seconds
extract_year_from_date flag
extract_month_from_date flag
extract_day_from date flag
extract_hour_from_time flag
extract_minute_from_time flag
extract_second_from_time flag
exclude_low_quality_inputs flag
exclude_too_many_missing flag
maximum_percentage_missing number
exclude_too_many_categories flag
maximum_number_categories number
exclude_if_large_category flag
maximum_percentage_category number
prepare_inputs_and_target flag
adjust_type_inputs flag
adjust_type_target flag
reorder_nominal_inputs flag
reorder_nominal_target flag
replace_outliers_inputs flag
replace_outliers_target flag
replace_missing_continuous_inputs |flag
replace_missing_continuous_target |flag
replace_missing nominal_inputs flag

H11E T4V RBRE/ —FOoTa5 1 —
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# 78. autodataprepnode TV NT 1 — (i &)

autodataprepnode 71 /XF 1 — F— X Rl T STF 4 — DA
replace_missing_nominal_target flag
replace_missing_ordinal_inputs flag
replace_missing_ordinal_target flag
maximum_values_for_ordinal number
minimum_values_for_continuous number
outlier_cutoff_value number
outTier_method Replace
Delete
rescale_continuous_inputs flag
rescaling_method MinMax
ZScore
min_max_minimum number
min_max_maximum number
z_score_final_mean number
z_score_final_sd number
rescale_continuous_target flag
target_final_mean number
target_final_sd number
transform_select_input_fields flag
maximize_association _with_target flag
p_value_for_merging number
merge_ordinal_features flag
merge_nominal_features flag
minimum_cases_in_category number
bin_continuous_fields flag
p_value_for_binning number
perform_feature_selection flag
p_value_for_selection number
perform_feature_construction flag
transformed_target_name_extension |string
transformed_inputs_name_extension |string
constructed_features_root_name string
years_duration_ name_extension string
months_duration_ name_extension string
days_duration_ name_extension string
hours_duration_ name_extension string
minutes_duration_ name_extension string
seconds_duration_ name_extension string
year_cyclical_name_extension string
month_cyclical_name_extension string
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# 78. autodataprepnode TV NT 1 — (i &)

autodataprepnode /%7 o — F— X TanRT 1 — DA
day_cyclical_name_extension string
hour_cyclical_name_extension string
minute _cyclical _name_extension string
second_cyclical_name_extension string

astimeintervalsnode 7'0O0/X

71—

MR ZHRE L, HUWEHET 1 =V F2/ERL THEP P27 5581, BRXS/ —F%

3 79. astimeintervalsnode 7T INT 4 —

LS, BEA»SERMAE T, $ATORMRIAY R—-FEhEd,

astimeintervalsnode 7' H /85 1 — F— X TaNF 4 — DM
time_field field 1 DOHEfERE 7 =)V NOAFAINET, /

—KRiZ, 2074 =NV REHEHF—L UTHH
UT, HfaEmlEd, ZZTEET «—
REMHTEE., TD 71—V RIZER~T T
v IR UCHREEINETS,

dimensions

[fieldl field2 ... fieldn]

INS5DO7 4 —=)VREFHLT, £714—J)F
DfEIZEDE, lx DRRIIDPER I NE T,

fields_to_aggregate

[field1 field2 ... fieldn]

IN6D 71— ik, W7« — FOHH
AHFEMUHO—Re LTEHEINET, Zoy
A—=IZEEFNTVRNTRTDT 1 —)L KD,
J =R oREINET—EroRAINE

ER

binningnode 7'0O0/35 1 —

>

T=RpE ) — T, BEED 1 DE - I3EHOER EEHPE) 7« —)L FOEIZHED N
T, BEAIZHLWARE (Y M) 70 =)L RZ2/ER L £9, HIRIE HHININA 7 1 —
NVRE, PHLSDOREIZLBDPAIN—T2EL, HLOVATFITY — - 74— )L NIZEH#T

LZLIWTEET, FH 74—V ROV RERTE L, DEMIZEDNTT ¢ —IV FERK/
—R2ERTEIENTEET,

1l

node = stream.create("binning", "My n
node.setPropertyValue("fields", ["Na"

ode")
, IIKII])

node.setPropertyValue("method", "Rank")
node.setPropertyValue("fixed width_name_extension", " binned")
node.setPropertyValue("fixed_width_add_as", "Suffix")

F1l ¥ T4 =V RERE/ —ROTaNTF 14—
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node.setPropertyValue("fixed _bin method", "Count")

node.setPropertyValue("fixed_bin_count", 10)
node.setPropertyValue("fixed_bin_width", 3.5)
node.setPropertyValue("tilel0", True)

# 80. binningnode 7 W IXT 1 —

binningnode 71/ %5 1 — T — 2 TanRT 1 — O
fields [fieldl field2 ... fieldn] | ZEHaLRBE b D (CEUEMEDH) 7+ —IL K,
BEDT7 4 =)L FZFERIZEIZHEITE X
ES
method FixedWidth FR 74—V ROy (AFTV =) OHEE
EqualCount D B Hik,
Rank
SDev
Optimal
rcalculate bins Always J— KM EFINLT LT, CUNREERE
IfNecessary N, BRI T = X AEE S D H,
FET—ZPPEFOL Y B ITEME 5
PO izBMEnsZid»rzfEEL 7,
fixed_width_name_extension string 77 AV N DIIRTIE _BIN TY,
fixed_width_add_as Suffix HIRT % 7 1 =)V FEDOREZITENT 55
Prefix (Suffix). F72IXETUEMNT 25 (Prefix) %
BELET, 774V ORI
income_BIN T9,
fixed_bin_method Width
Count
fixed_bin_count integer W7 4+ —VFOREEEYY (7T —) &
ERETL2DICMATZBMEHREL £7,
fixed_bin_width real CYOIEERET 270 MAT 5 BHE
721X EH),
equal_count_name_ string 77 AV S OHERTE _TILE T,
extension
equal_count_add_as Suffix DA ZEAL TERIND T 1 —IL I
Prefix WUCHHAI DR TA. Suffix (BEHE)
» Prefix (BER) »2ETLET., 7741
N OHEIRFIX. _TILE (2 N 2172 D17
DEd, N Ty,
tiled flag FNENWR 25 % DT —AEEL, 4 HAEOD
YUEAERLET,
tiles flag 5200 5 i rEERLET,
tilel® flag 10 D +06L (FUv) EraERL ET,
tile20 flag 20 D = +nhie > 2K L 9,
tilel00 flag 100 D EHE (=¥ XA N) v ERER
L%,
use_custom_tile flag
custom tile name extension string 77 4V b DT _TILEN TY,
custom_tile_add_as Suffix
Prefix
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# 80. binningnode FHNT 14— (§i X)

binningnode 711/3F 1 — F—xH TaRTF 4 — D
custom_tile integer
equal_count_method RecordCount RecordCount D J5ikik, MUHDL a—N%2%&
ValueSum U AZEID M TET, — A, ValueSum Tl
HEVDEDEFHBRELIZARD LS a—F
ZEIDHTES,
tied_values_method Next HEBFRBOMED T —RXIZRHEIND Y %8
Current o
Random
rank_order Ascending ZDTaNRT 4 —IZlE, Ascending (ot b
Descending INEWMED 1 272 5) F721% Descending (H
SEHREWVWHEMN 1 42) BEENET,
rank_add_as Suffix DX Tvavik, vy, FIVIOHKR B
Prefix VoD —y F=VITHEHAINET,
rank flag
rank_name_extension string 77 4V b DIEIE T X _RANK T,
rank_fractional flag 7+ — NV ROMEDR, F v &IREBTr—2A

DEADEECHRELZEzns L5i1c, r—
ATV LET, FVIDHKRIT 0 -1
DOFPHDMEIZ AR D £F,

rank_fractional_name_ string 77 AV b OHLIRTIE _F_RANK T,
extension
rank_pct flag &I VoD, AREERREO L O — NEUTHRE

I, 100 EEnEdT, IV 7DR—k Y
F—UlE, 1 - 100 OFFHOEIZZ D £7,

rank_pct_name_extension string 7 7 4V b OHLIR 71X _P_RANK T,
sdev_name_extension string
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name_extension string 77 4 b DIEET X _OPTIMAL T,
optimal_add_as Suffix
Prefix
optimal_supervisor_ field field T =X NE DT DIERI N7« —I)V NHEH
BRIDEE 7+ — L N LTRENZT 1 =)L
[
optimal_merge_bins flag T AERANE W Y E LD RERBEEY Y
BT 22 EBELET,
optimal_small_bin_threshold integer
optimal_pre_bin flag TRty FOHEIT X AEEFTTEIL
ZRUET,
optimal_max_bins integer BEIZZHOE Y 2 FR LWL ST, ER%E
fBRELEY,
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# 80. binningnode THNT 14— (§i X)

binningnode 71 /X5 1 — T— X% TN T 4 —DEH
optimal_lower_end point Inclusive
Exclusive
optimal_first_bin Unbounded
Bounded
optimal_last_bin Unbounded
Bounded

derivenode 7'0O0/35 1 —

T4 —=NVRER/—FT, 1 2FHEFEROBET =LV 1S, T—XHEEZERT L1,
LW7 4=V RZEKLET, 2T, ZA4TR, 757, &F, A5—b, AUV b, Bk
VEMERDET 4 — IV RBMER I N E T,

W

51 1

# Create and configure a Flag Derive field node

node = stream.create("derive", "My node")
node.setPropertyValue("new name", "DrugX Flag")
node.setPropertyValue("result_type", "Flag")
node.setPropertyValue("flag_true", "1")
node.setPropertyValue("flag_false", "0")
node.setPropertyValue("flag_expr", "'Drug' == ¥"drugX¥"")

# Create and configure a Conditional Derive field node

node = stream.create("derive", "My node")

node.setPropertyValue("result_type", "Conditional")
node.setPropertyValue("cond_if _cond", "@OFFSET(¥"Age¥", 1) = ¥"Age¥"")
node.setPropertyValue("cond_then expr", "(@OFFSET(¥"Age¥", 1) = ¥"Age¥" >< Q@INDEX")
node.setPropertyValue("cond_else_expr", "¥"Age¥"")

Bl 2

ZDAZYTME FEDKRA VN HEDA XY MBFELUEMRE) O X FEiEe Y BiEz R
XPos & YPos X\5 2 DOEEFNNH B Z L EHIRLE LTWET, TORZ Y Mk, KiEDREIER
TZDMERT X JEMEE Y RS0 S BRI 2 EH8HT 5 7 0 — I RIEK — RBMER SN E T,

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new_name", "Location")
node.setPropertyValue("formula_expr", "['XPos', 'YPos']")
node.setPropertyValue("formula_type", "Geospatial")

# Now we have set the general measurement type, define the
# specifics of the geospatial object
node.setPropertyValue("geo_type", "Point")
node.setPropertyValue("has_coordinate_system", True)
node.setPropertyValue("coordinate system", "ETRS 1989 EPSG Arctic_zone 5-47")
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% 81. derivenode THINT 1 —

derivenode 71/ 85 1 — T— X TaRT 4 — D
new_name string FLWT 1 - R4,
mode Single 1 207 4 =)V N (Single). F7I3#
Multiple 7 4 =)V Nh (Multiple) Z45E L £
ERS
fields list BT 1 =)V R 2 BT 2858127217,
Multiple €— N T,
name_extension string FLWT 4 =)V FAICHHT 28R T %
HELET,
add_as Suffix AR T-% 7 14 — )V R4 D Prefix (JLHA,
Prefix PEURRY). ¥ 7213 Suffix (BE. BEER)
ELUTEMLET,
result_type Formula TERATRE R LW T 1 =L R D 6 DDFE
Flag H,
Set
State
Count

Conditional

formula_expr string 74—V KR/ —FOHLWT 1« —)b
Rz R 25,

flag_expr string

flag_true string

flag_false string

set_default string

set_value_cond string R DAEIZBIEAT T & - Sk 2 245
% &S ITiE LT a T 1 —,

state_on_val string > (On) OFM%E-TIHEDHR T
1=V RDEZHEL X,

state_off val string F 7 (Off) D&Mz THEDHH 7
1 —IVFOEZEEL X7,

state_on_expression string

state_off_expression string

state initial On HZLA—FTHLWT 4 —)L K OFHIE

off EUT On 7% off 2HIDMTET,

ZDfEIR. ENENDOREN NSNS
NP N (A V3

count_initial_val string

count_inc_condition string

count_inc_expression string

count_reset_condition string

cond_if_cond string

cond_then_expr string

cond_else_expr string
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% 81. derivenode 70T 4 — (i Z)

derivenode 7T /NF 1 —

F— A

TaNT 4 — D

formula_measure_type

Range / MeasureType.RANGE

Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

Zo7TaNT 4 —2HFHLT, FREH
727 4 = RIZBEM T o N REZE
BTHZLVTEET, setter FAFUC
X, XFFH, MeasureType DED WY
NDEPETIENTEET, getter 13,
H1Z MeasureType DfEZIRL £,

collection_measure

Range / MeasureType.RANGE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED SET
Typeless / MeasureType.TYPELESS

INET 4+ =V N XA 0 DVAN) D
Ba. 2o7unT 1 —ik, Hifte s
EICEEMN SN RER A TE2EHL
£7,

geo_type Point WHZEM T « — LV FOFE, ZoSaxs
MultiPoint TA—IZ&D, TDT 14—V RHBRTH
LineString ATV bDRA THREHEI N
MultilineString F9, ZhiE, OV A NDES LEBEL
Polygon LTWABBERHD £,
MultiPolygon
has_coordinate_system boolean B2 7 « —L FOBE, Zo7axn
FA4—IZ&Y, ZOT 12— RIZHEER
MBHENEDPDRERINET,
coordinate_system string WERZER] 7 « — )V FDEE, 2o 7 ass

T4 =2k, TDOT 14— FOMEER
WEHZEINET,

ensemblenode 7'O/XF 1 —

TUvY TN ) —=FTlE 2 2FRBZENAMEOETI - F 7y hEHAEDET 1 DOE
TNEDE LD EHALTFHIZIEL £,

=
s

Wl

# Create and configure an Ensemble node
# Use this node with the models in demos¥streams¥pm binaryclassifier.str
node = stream.create("ensemble", "My node")

node.setPropertyValue("ensemble target field", "response")

node.setPropertyValue("filter individual model output", False)

node.setPropertyVa]ue("ﬂag_eﬁsemb]e_metﬁod", WConﬁdenceWe1’ghtedVot1’ng")
node.setPropertyValue("flag_voting tie selection", "HighestConfidence")

#* 82. ensemblenode T TINT 4 — :

ensemblenode 711/ 87 1 —

F—

ZTaNTF 4 — DO

ensemble_target field

field

TUY VTNV THHENETRTDE
FLONET =L RERELET,
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# 82. ensemblenode AT 4 — (i &) :

ConfidencelWeightedVoting
RawPropensityWeightedVoting
AdjustedPropensityWeightedVoting
HighestConfidence
AverageRawPropensity
AverageAdjustedPropensity

ensemblenode 7'/ 8F 1 — T—XH TUNTF 4 — DI

filter individual model output flag % DETFTNDAIT Y v THER %]
HT2NESPEEELET,

flag_ensemble_method Voting TYH TN AATERET B72D

IS 2 AEE2BELET, 20
ElX, BININZHEN T 57T 4
— IV RTHEIEGEIILOABHEINE
E

set_ensemble_method Voting T TN - AATEPRET S72D
ConfidenceWeightedVoting AT hERZEBEELET, Z0FK
HighestConfidence EL, BRI NN RPGER T 1 —
VRTHIGEIZDOABHINET,
flag_voting tie selection Random HRFEMRIRI N 5A. WERE
HighestConfidence DR FiEEZIRELEST, ZOHRE
RawPropensity k. ERINEZNRB T IR T 1 —
AdjustedPropensity WRTHBGEIZOABEHAINET,
set_voting_tie_selection Random HPFEDBIRE Wz 56, AS R
HighestConfidence DR SiEEREL£T., ZORE
i, BRI NI RPEERLT « — L
RTHhIGHETOABHAINET,
calculate_standard_error flag HWRT 4 = PRl o6,

MAEDFEMNT 7 4V hTEEI 1,
HEXINAZEE I3 HEINZEEE
DiEE DAERZFHRL. T 5 DHEE
MENIEE LW ERLUET,

fillernode 7’O0/X5F7 1 —

._++..
+>

%<, RIBEDOBESMADPTONET,

1l

node =

stream.create("filler", "My node")

node.setPropertyValue("fields", ["Age"])

node.setPropertyValue("replace_mode", "Always")
node.setPropertyValue("condition", "(¥"Age¥" > 60) and (¥"Sex¥" = ¥"M¥"")
node.setPropertyValue("replace with", "¥"old man¥"")

# 83. fillernode 7R NT 4 —

B — KT, 74— )VREOBHEPA L —VDEEL{TVE T, OBLANK(GFIELD) D X S
7. CLEM &fFIZESWTHAZ BT N TEET, £/, TRTORAMHED XIVEZ K
EDMEIZERTZIHTEET, B/ —FNE, T—XB ) — N #IHHI NI GEH

fillernode 7H /37 1 —

F— AT

ZaxXT 1 —DFHH

fields

list MEINTEBINZEDT—XLY FD7T 1
—)U NEf,

F1l ¥ T4 =V RERE/ —ROTaNTF 14—
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# 83. fillernode 7HNT 4 — (fi %)

fillernode 7'1/35 ¢ — T2 TuRT 1 — DB

replace mode Always TRTOM, ZAME, EHIFXIVELERTE
Conditional 9, £33 BELALEICESWT, B
Blank TE%9,
Null
BlankAndNul1

condition string

replace_with string

filternode 7’0O0/87 1 —

TANE—+ ) —=FT, 1 D2DAHN/—FKhrofid 1 DDAH/ =K, 74—V FKZE27 1)L
2V VT (W#E) U, 71—V REEEEL, £/, 74—V FEEHEMITET,

vl

Wl

node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new_name", "Drug", "Chemical")
node.setKeyedPropertyValue("include", "Drug", False)

default_include 7’0 37 ¢ —Dffif: default_include 7HNT 1 —DfEEZFRELTH, TRTDT 1 —
WV RDPEHENIZE D IAEFNZ DR SN0 T2 TR D FHA, HIZ, BEERINTWAIEE I
TEHET AN IPREINDEZTTT, ZHE, 74 0VE—- )= X470 - Ry Z2AT [F7
FNWRNTTA4—=NVREEDD] 22V)Vv o352 ke, BEMZALTT, HIZIE IROAZY T N2E
795 MELET,
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the 1ist
for f in ["Age", "Sex"]:

node.setKeyedPropertyValue("include", f, True)

TNIZE D, Age (4Eln) 74—V K& Sex (MERI) 74—V RA/ —RFZz@#E L, £OMIXTXTERIAZ N
F9, R, MUAZV T h2HEOEGFLETY, 2 DOBELLE 71—V REHRELET,
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the list
for f in ["BP", "Na"]:

node.setKeyedPropertyValue("include", f, True)

ZHIZED, E5122 D07 1=V RR T4 VX —IZEMINZDT, &t 4 71—V K (Age (FFip).
Sex (MEA). BP (ME). Na (MY D LMHE) BT 4 VR —%@#LET, DD, default_include Df
% False IV Yy FLTH, TRTOT7 4 =V FVREHBRIZV £y FEINEDITTIEH Y THA,

ZORHLY, A2V T NEMHTED [TV X—- ) —=R] BA4T7HT - Ry 7 ANT
default_include % True (ZZDIFRTERT S &, EMEAKIICARD, EED 4 71—V FiF LD 4
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74 =)V RIERAINE T,

e, ZOMEMBEEMT LSS A TRITESL X,

% 84. filternode W NT 1 —

[F4NVKX—+ ) —FK] X470 - Ry ZANDOAY va— )V TERKRTSZ

filternode 7’1 /35 1 —

—

g

TuNRT 1+ — DA

default_include flag

FI7FINOMHEE LT 74— RAEE#IE
BIPTANVR—FNTBEDDIEEET HF— -
Tany 1 —,

ZOTENT 4 —EFELTH, TXRTDT 1
—IV RHPHBPICE DA ENZ DRSNS D
TEHELIITIEDY FHA, EBRULEZT 4 —K
M, T AN DNTIEEDAEFNE RN IS
MERDZEZITTT, FEMIE. ToflzsRL
TLEZ W,

include flag

T4 =)V RERDRALPRAT E22DF— - 7
08T 1 —,

new_name string

historynode 7’0O0/87 1 —

Wl

node

node.
node.
node.
node.
node.

R\ BERF/ —RIZ& b, BV I— RO 74 =V ROTF—XE2EL, Fill7 «+ — IV ROBMER SN
=9 . BRI — FiE, 2 < OB, KERIIT — 274 L OB G 7 — 2 IS hE . 1
R — NEMAST BT, V—b /= F2M@ALT, T-2%2Y—-bLTBELILHTE

9,

= stream.create("history", "My node")
setPropertyValue("fields", ["Drug"])
setPropertyValue("offset", 1)
setPropertyValue("span", 3)
setPropertyValue("unavailable", "Discard")
setPropertyValue("fi11_with", "undef")

# 85. historynode TWINT 1 —

historynode 7 H/3F 4 — T — 2 TaNRT 4 — D
fields list BEONR L7257 14—V,
offset number RRH 7 ¢+ — IV NEZE T 2B I—F
P, BEDOL I— RDOWL DHiIZH B0 % 15
EFLET,
span number EEHET 2R L a—RORIZH B L
aI— FEEREL 7,
unavailable Discard R4 & ULCTHAT 2ROV 33— RP¥7%20nT
Leave — Xty bOEREDOHL a2 — N2 EEITHEL
Fill FIH, TORERFMEN VWL I— RDELY
T hHEERBELET,
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# 85. historynode THINT 14— (§iX)

historynode 7'11/%7 1 — T — &AL TORF 4 — DB
fill_with String RRIMELFATE WL O—- K2 FHT 5
Number DIZHEAT B (Number) F 7213 X751
(String) Z#EEL %7,

partitionnode Z'0O0/37 1 —

Py FREA ) — KT, EFAMEDEH . FA L. BEORIOEZT— VT, Fe X B
(f=t) VUEF TRy MAEIT BT —REDT 4 — b EARERE N ET,

Wl

node = stream.create("partition", "My node")
node.setPropertyValue("create _validation", True)
node.setPropertyValue("training size", 33)
node.setPropertyValue("testing_size", 33)
node.setPropertyValue("validation_size", 33)
node.setPropertyValue("set_random_seed", True)
node.setPropertyValue("random_seed", 123)
node.setPropertyValue("value _mode", "System")

# 86. partitionnode THINT 4 —

partitionnode 7185 1 — F— XA TuRT 4 — D

new_name string =Rk ERINEZT—XXGT7 4=V RD
£HITY,

create_validation flag MAEHD T — XX 2R T 2085 e fiE L
7,

training_size integer FEARSICEH DY TEL I— RO =k VT
—% (0-100),

testing_size integer TAMHRZIZE DY TE L3 — PO -k
F— (0-100).

validation_size integer MEEARMZE DY TE L 3= RED A=V T
— (0-100), MEEEHT — X X5 % AR L3R\
BIIEHEINET,

training_label string FEHAT - XKD TN,

testing_label string TANHAT—XEK5HFD TN,

validation_label string BEERT — 2 KA DT~ BEEHT — X X5 %
AR USRI N E T,

value_mode System T—RPDET — XX ERT=OIMHIND

SystemAndLabel ExEfEEL T, HIXIX FEEY IV v
Label AT LEEH 1. 0 Training, /I D 2

DEMAE DY 1_Training DL DRI NFE
ERS

set_random_seed Boolean A—Y—/ED T VXL - V= FEMFHATENY
IMERELET,
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# 86. partitionnode THINT 14— (§i ¥)

partitionnode 7T/ %F o — T — R TanRT 4 — DA

random_seed integer A—Y—EEDT VR L - ¥— ROfE, ZOEHN
fEHE NS L5123 5121, set_random seed %
True IZEETHHENDH D £7,

enable_sql_generation Boolean SQL Py ¥any ZEFHLTLa—-RET—X

KAIZE OB TENE I DEBEL T,

unique_field

L a— NAPEMER TR DR U ATRER FIETT — &
KAZHO S THES, A7 -V FefEEL
9, ZOMEPEAIND LSBT,
enable_sql_generation % True (ZFET D HH
nHHET,

reclassifynode 7'00/37 1 —

; \ T—RGM) —NIZED, HBH7T)—HDOEy FAJlOLy MIEBEINET, T—X 5
8}. ' BX, A7 IV —%2EHELZD. SNHOT— 2 %2 V=TI LB THEIELLET,

+>

Wl

node = stream.create("reclassify", "My node")
node.setPropertyValue("mode", "Multiple")
node.setPropertyValue("replace_field", True)
node.setPropertyValue("field", "Drug")
node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])

node.setPropertyValue("name_extension", "reclassified")

node.setPropertyValue("add_as", "Prefix")

node.setKeyedPropertyValue("reclassify", "drugA", True)

node.setPropertyValue("use_default", True)
node.setPropertyValue("default", "BrandX")
node.setPropertyValue("pick Tist", ["BrandX", "Placebo", "Generic"])

# 87. reclassifynode W /XT 1 —

reclassifynode 7'/ 8F 1 — T— 2 T RTF 4 — DA
mode Single 12074 —=)VROATIT) —%2EHNET 55
Multiple &, Single ZMAL £, Multiple (%)

EHEATLE, —EICEERD 7 1+ —)V F 2 [FIK
ICEMTEET,

replace_field flag

field string Single E— FTU»EATE £EA.

new_name string Single E— R TULMMEHTE £ A,

fields [field1 field2 ... fieldn] |Multiple €— FTUMEHATE £ A,

name_extension string Multiple €E— R TUDMEATE £H A,

add_as Suffix Multiple €— RTUMMEATE £ A,

Prefix
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# 87. reclassifynode 7HINT 4 — (i)

reclassifynode 7 11/35 1 — = a2 El TU AT 1 — DI

reclassify string 74—V MEAME L T a 8T 1 —,

use_default flag T7 ANV MERMEHL ET,

default string T AN MEZREL T,

pick_list [string string ... string] | 2 —¥ =25 BEEIOFH L WMEZ A VK- LT
T7VHADO Ry TR - YA MERT—R
THHLEZENTELLIIZLET,

reordernode 7O/NF 4 —

1l

node

node.
node.
node.
node.
node.

=N 74—V RIEF = KT, FHRO7 1 = RERICHAT 27 2EHL £ T, 2O,

B F=TN, VAL, BEUT4 =LK - Euh—RE, SETERBHITOT 1 -V FOLRI

b ERESNET, TOBEL SEXERT XLy MIBLT, HED 74 —L K& L) 2]
DA S T STAZE S

= stream.create("reorder", "My node")
setPropertyValue("mode", "Custom")
setPropertyValue("sort_by", "Storage")
setPropertyValue("ascending", False)
setPropertyValue("start fields", ["Age", "Cholesterol"])
setPropertyValue("end_fields", ["Drug"])

% 88. reordernode THINT 4 —

reordernode 7'1/%T 1 — T — R H THRT 4 — DI
mode Custom % BB TR 20, 2—F —8EDIE
Auto FEBETDIENTEET,
sort_by Name
Type
Storage
ascending flag
start_fields [field1 field2 ... fieldn] |F#L7 « =V Rk, ZThS5D 7 14— RDHIC
HAZINET,
end_fields [field1 field2 ... fieldn] |FH 7« =V FiE, ZTHhS6D 74—V RDHIIZ
HAINETS,

reprojectnode 7 O/XF 1 —
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# 89. reprojectnode THIRT 4 —

reprojectnode 711/ 85 1 — T — X2 TaNRT 4 — DA

reproject_fields [field1 field2 ... fieldn] |BEEFINEZTRTDT =L FEIVZAMLE
‘3_0

reproject_type Streamdefault 74 =)V NOEEFHERERLUET,

Specify

coordinate_system string 74—V FITHEFA S N5 BIER D40, :
set reprojectnode.coordinate_system =
"WGS_1984 World_Mercator"

restructurenode 7’O/XF 1 —

=N B — NT, #FERE /I 57T 4=V RE, Zhh 5RO 7 4 —)L KOETHD 5

'1$- ZEMTEDLT A=V RDIN—T~EHBL £, IR credit, cash. B XV debit DFED

b4 payment type LD EZFIDT 1 =V RDBHB5E. 3 DOFLWT 4 —IV K (credit. cash,
debit) BMEKINE T, ZDEXITIE, EBOXZHLOEEZEDL I ENTEXT,

1l

node = stream.create("restructure", "My node")

node.setKeyedPropertyValue("fields from", "Drug", ["drugA", "drugX"])

node.setPr‘oper‘tyVa]ue("inc]ude_fier_name", True)
node.setPropertyValue("value_mode", "OtherFields")
node.setPropertyValue("value_fields", ["Age", "BP"])

% 90. restructurenode 7HINT 4 —

restructurenode 7 T/8F 1 — T—XH TaRT 4 — D
fields_from [category category
category]
all
include_field_name flag R END 7 4 — IV RZIZTED T 1+ — IV R4
EEATENEI D ERLET,
value_mode OtherFields HERINE 71—V ROEEEET 570D
Flags E—R%ZmRUET, OtherFields ZET 5
&L MHT 70—V R REBETDHENDH D
9 (F22), Flags 2EET 254, A
BEBED7 57 TF,
value_fields list value_mode 7% OtherFields DF&IZMHET
T, Q7 4 — VR UTHHTS 7« =LK
EHRELXT,
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rfmanalysisnode 7'0/35 1 —

) =k, 7U2x0y, XXX )— (REM) OOH/ — FE2EHT 5 &, BERICBALK

i DREDL SWEED (V—t > Y), EDLSWHEIZEAT 20 (7V 27T vy), b vy
7 avREKTWSSHELZD (V2R =) 2RAETEHZLiIEk->T, RBbBVEEF LR
LLEZLNLDIXEDOHENERBNIIET LI ENTEET,

il

node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")
node.setPropertyValue("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")
node.setPropertyValue("tied values method", "Next")
node.setPropertyValue("recalculate bins", "IfNecessary")
node.setPropertyValue("recency_thresholds", [1, 500, 800, 1500, 2000, 2500])

# 91. rfmanalysisnode 7 W/XT 1 —

rfmanalysisnode 7 H/%F 1 — T — TENT 4 — D
recency field V—kvy 74—V RNEHEELEY, ZO7 4
—IVREHA 24 LRR Y T E A
’C“‘g_o
frequency field TJVITVY T4— NV RERELET,
monetary field YRR — - T4 =V RERELET,
recency_bins integer BRI -y CUVOBERELET,
recency weight number V=t vy F=RIZEAINIEAEEBELE
. The default is 100.
frequency_bins integer EEhE 7V 7Ty CUOBEREL
‘j_o
frequency weight number TVITVY TRIHEASINDEEAEFEL
9., 774V Mk 10 TY,
monetary_bins integer EREINEI XX — - CVOHEREL T,
monetary weight number AR — - T=RICHHINDPEAZEEL
T, FT7ANMRME 1 TT,
tied_values_method Next A G HEBDOMED T — X ICHE S ND Y 2 HE,
Current
recalculate_bins Always
IfNecessary
add_outliers flag recalculate_bins #% IfNecessary IZEEINT
WBGAMHATEEY, ESIND L, TROY
YOTIZHBL I KA FROEIZBINE 1,
EROCYOEZHBL - REEROY VIZE
mEhEd,
binned_field Recency
Frequency
Monetary
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F 91.

rfmanalysisnode 7' F /3T 1 — (i &)

TaNT 4 — D

recalculate_bins % Always IZFREINTWVS

LefliHTEEY, V—krY VO ERB L
O FROBEZIBELET, 2D EROM
EDROE VDO FROMMEL UTHEAINET,

Bl ZIX, [10 30 60] 1k, mHIDOEVIZ 10 B &

U 30 D EREBLOTEOBMERHD D, 2 HHD
Eizik 30 BLU 60 OBlfELVH B EHL F
ER

recalculate bins 2% Always IZHEINTWVS
LEHHTEET,

rfmanalysisnode 71T /3F 1 — T — R
recency thresholds fiE
frequency_thresholds i fE
monetary thresholds fifi fifi

recalculate_bins % Always IZREINTWVS
LaHHTER Y.

settoflagnode 7'0O0/35 1 —

1l

node

node.
node.
node.
node.
node.
node.
node.
node.

TIUHRE) —RT, 1 DUEDAFR T+ =V FIZERINAAT T —fHIZE OV, &

iﬁﬁz D75 787 4 =V RDREL £,

= stream.create("settoflag", "My node")

setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])

setPropertyValue("true_value", "1")
setPropertyValue("false_value", "0")
setPropertyValue("use_extension", True)

setPropertyValue("extension", "Drug Flag")

setPropertyValue("add as", "Suffix")
setPropertyValue("aggregate", True)
setPropertyValue("keys", ["Cholesterol"])

K 92. settoflagnode 7T /NT 1 —

settoflagnode 7 1I1/%5 1 — T — 2 TaRT 4 — D
fields_from [category category
category]
all
true_value string TITERET DL I — FBERTLE
(true) DIEZBELET, T 74X T T
3_0
false_value string 77 RBETDHLEC — DT LB
(false) DIEZIEELET, T 74V DMEF T
ED
use_extension flag W7 7 787 1 —)V N OERER F 72 3B
eUT, fLRFEMMLET,
extension string
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# 92. settoflagnode 7HINT 4 — (fi %)

settoflagnode 711 /%5 1 — T —XH TaSTF £ — D

add_as Suffix IERF AR (Suffix) F 72 IXEHETE (Prefix)
Prefix cLTEMEnhsZe2iEELET,

aggregate flag F— - 74—V NIZEIDWNTLI—-FEII)IL—

TLUET, B (true) KFEESIN/ZLI—NF
N1oOTEHBE, INV—THOTRTDY
FURIT 4 =)V RDBEMT D £T,

keys

list F—-T714—=IF,

statisticstransformnode 7’'0O0/X5 4 —

= Statistics 25t/ — Nk, IBM SPSS Modeler ®F— X - ¥V —RI{Z5xt3 % IBM SPSS Statistics
VURY A AV ROBRETVWET, 2D/ —Fid, I VANEZ 507 IBM
SPSS Statistics M I ¥ — R RETI,

IO —=RKDTaNRT 4 —IZDWTIE, | 355 =T D [statisticstransformnode 7 1 /3T 1 — | [ZFl#k &
NTVWET,

timeintervalsnode 7°0/37 1« — (BELL)

vl

node

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
node.
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ZoNE U, BREIKS  — KT, BRIIF— X DEFMERAICK A 25T L. BEITSL
TINNEERLET, EOMEIEFIZZEITSNTOWAREWESIK, L a— FEIC—HOME
REHMBIZGUT, HERBEUZDEFLEZDTEET,

= stream.create("timeintervals", "My node")
setPropertyValue("interval_type", "SecondsPerDay")
setPropertyValue("days_per week", 4)
setPropertyValue("week begins_on", "Tuesday")
setPropertyValue("hours per day", 10)
setPropertyValue("day_begins_hour", 7)
setPropertyValue("day_begins_minute", 5)
setPropertyValue("day_begins_second", 17)
setPropertyValue("mode", "Label")
setPropertyValue("year_start", 2005)
setPropertyValue("month_start", "January")
setPropertyValue("day_start", 4)
setKeyedPropertyValue("pad", "AGE", "MeanOfRecentPoints")
setPropertyValue("agg_mode", "Specify")
setPropertyValue("agg_set default", "Last")
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# 93. timeintervalsnode 7 INT 4 — :

timeintervalsnode 71/ X5 ¢ —

5= X7

a4 —DFHHA

interval_type

None

Periods
CyclicPeriods
Years

Quarters

Months

DaysPerWeek
DaysNonPeriodic
HoursPerDay
HoursNonPeriodic
MinutesPerDay
MinutesNonPeriodic
SecondsPerDay
SecondsNonPeriodic

mode

Label
Create

La— RIcliE LTI~ &5 (Label)
M, ELFBEINZHMA, ZAALARY
7. EIEER T 4 =L RicE DO WT R E
W3 5 (Create) 2T L X T,

field

field

T2 o RAIEHET 51, £ a—
FOHMN 23R AZ2RT 71—V F2faE
LEd,

period_start

integer

JAHE & 72 3 PEER S S WM O BsA I & faE U
9,

cycle_start

integer

TEER S 2 B DB Y 1 7L,

year_start

integer

HEHFREIRK 53 XA TD, BRYIDXKIHAS
i

quarter_start

integer

BHWRERE D XA T D, mAIOKZPAS
U,

month_start

January
February
March
April
May

June
July
August
September
October
November
December

day_start

integer

hour_start

integer

minute_start

integer

second_start

integer

periods_per_cycle

integer

TEERS B D, &Y 1 7V HNOHIHEE,
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% 93. timeintervalsnode 7087 4 — (fi &) :

timeintervalsnode 7’1 /%7 1 — T— X TN T 1+ — D
fiscal year begins January PWEHARAL DX D&, REHEEDVRE S
February HzEELET,
March
April
May
June
July
August
September
October
November
December
week_begins_on Sunday ERR Xy GBYS7200HE, H4720 D
Monday FEFIE. HM720 0498, HY72 0 o)
Tuesday D, AP ELMHEIREL £7,
Wednesday
Thursday
Friday
Saturday
Sunday
day_begins_hour integer ERIN X5y (HY72 0 ORFE. HY4720
DR, HE7=0D O O, HHMHEE 5
M#x#EL £, day_begins_minute &
day_begins_second Z#AEHET 8:05:01
D&, FHERELZEETCEET, TO
A E SR L TLZEW,
day_begins_minute integer TS (H Y72 0 ORI, H %7z
DR, HE7ZD OWE) O, HAUGE D
MonzfEELET HIXIE 805 O 5),
day_begins_second integer MR XS (HY72 0 ORI, HY720
DR HE7 D M) O, HOP X 5
MOMEREL £ B 08:05:17 D
17).
days_per week integer EHIRRX S Y20 DEK. HY720 D
REfE. HYM 720 058, HY720 O
D, BE-DOHBERELET,
hours_per_day integer SEWIN 22X 4y (H472 0 ORI, H%47- 0
DR, HEY720 OBE) O, 1 HORREK
ERELET,
interval_increment 1 HY7- 0 on%e HY 72 b oMUz 2\ T,
2 HZLa— NHES O E - IEEEEEL
3 7.
4
5
6
10
15
20
30
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% 93. timeintervalsnode 7085 4 — (i &) :

timeintervalsnode 71/ X5 ¢ —

5= X7

A=A 0!

B

field_name_extension

string

field_name_extension_as_prefix

flag

date format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM.YYYY"
"MM.DD. YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

time_format

"HHMMSS"

n HHMM n

IIMMSS n

"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

aggregate

Mean

Sum

Mode

Min

Max

First

Last
TruelfAnyTrue

74—V FOEFGEERELET,

pad

BTank
MeanOfRecentPoints
True

False

T4—LVRDHE

EAEREEL X9,

KA

w11 &=

T4 —VREE/ —ROTaF 4 —
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% 93. timeintervalsnode 7087 4 — (fi &) :

timeintervalsnode 7'11/35 ¢ — T— 2 TN T 1+ — D
agg_mode A1l BEZIELTT 74V s OBETIRTD 7
Specify 1=V RNEEFFELIIRET E2NE I 1EE
ELET, &kd HHTE7s— Ve
BefmEelxd,
agg_range_default Mean WAL+ — IV R E2EEI T2 L 2 ITHHT S
Sum T 7 AV b OBBEREL £,
Mode
Min
Max
agg_set_default Mode FEMT 4 -V N 2EET S EITHTT S
First 774N hOBEBEREL XY,
Last
agg_flag default TruelfAnyTrue
Mode
First
Last
pad_range_default Blank BGHLT 4 =V RERT 1 V7T 5 & &l
MeanOfRecentPoints He27 74V bOEBERELET,
pad_set_default Blank
MostRecentValue
pad_flag_default Blank
True
False
max_records_to_create integer RINEFRIES 5 & ST RV F
BefRElL 9,
estimation_from_beginning flag
estimation_to_end flag
estimation_start_offset integer
estimation_num_holdouts integer
create_future_records flag
num_future_records integer
create_future_field flag
future_field_name string

transposenode 7'O0/X7 4 —

I\ THIAE ) — RT, LaA— KA 74— RIZAD, 74—V RALa—Rizkd k>, 5K
() LHINDF — R E2ZML ET,

il
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node = stream.create("transpose", "My node")
node.setPropertyValue("transposed_names", "Read")
node.setPropertyValue("read from field", "TimeLabel")
node.setPropertyValue("max_num_fields", "1000")
node.setPropertyValue("id field _name", "ID")

# 94. transposenode TV INT A —

transposenode 7'11/%5 1 —

F— &7

TENT 1 — D

transpose_method

enum

THIAE HE%E, @] (normal), [CASE »
5 VAR ] (casetovar), [VAR %% CASE
A~ (vartocase) DHASIEL £7,

transposed_names

Prefix
Read

NEH ) fFHABHEO Ta 7T —, Lo
1 =)V R&IE, 1BE I N BEHEE (Prefix) (23
SWTHBMIZERTEEY, £2013. BEOCT
—RXANDT 4 —IVEMPST 4 =V RELEFRALADL
ZENTEET (Read),

prefix

string

Da% | ATHABHED 7a T 1 —,

num_new_fields

integer

D@ TV ABHED Ta 70—, k%
T 2561, ERT2H LW 1 —)L RO
K zHEELET,

read_from_field

field

DAY | AT ABHIED a5 1« —, ZRiHH
ARAENBE T4 =R, ZHIFA VARV AL
NET4—NVRTHEIENVBETYT, T5TH
WS, /= RDRFEFEINE L EIZT T -
HELET,

max_num_fields

integer

DA TIABLFEDO TANTF 14—, 71—
RS ART 2 AR HE IR, BHEIZKED T 1
—IVREERLUBENEDIZ, 7140 =V D LR
EERELET,

transpose_type

Numeric
String
Custom

DA AR AEOTANTF 1+ —, T7 4
N CIIHERRLD 7 4 — IV KD ADITHI N AN Z
SNFETH, Kb, BEZ7 -V FDHIALR
L (A—F—%E) Y7y PEEREZITTA
TOXFH T4 =V REANEZLZETEE
ER

transpose_fields

list

NEY | TPIABHED T 985 1 —, Custom
(L —F—%E) A7V avEHEHTLE EIT,
T EANBEZD 70—V R E2EBELET,

id_field_name

field

DEH | FAABRHED T T 1 —,

index

field

[CASE 7% VAR ~ (casetovar)| 74 A& A
Bo7anssF 14—, EOT 14—V FEA VT Y
AT =V RELUTHATEI L 2ZITAN
7,
fieldl ... fieldN

column

field

[CASE #*5 VAR /N (casetovar)] 175 A&
FEDOTONRT 14—, EERDT7 4 =V FEFT 1 —
LVRELUTHATAZ 22T ANET,
fieldl ... fieldN
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# 94. transposenode 7T ST 4 — (i &)

transposenode 711/8F 1 — T — R TaNRT 4 — D

value field [CASE 75 VAR - (casetovar)l 178 A%A
EOTUNT 14—, BEOT 1 —VREMET 1 —
LVRELUTHAT I 22T ANET,
fieldl ... fieldN

id_variables field VAR 75 CASE “\ (vartocase)l 115 AE);
HEOTHRT 4 —, BHDT7 4 —V F% ID £
74—V REUTHATL I 22T ANTT,
fieldl ... fieldN

value_variables field [VAR #»*5 CASE ~ (vartocase)l 175 A&H
HEOTaNRT 4 —, BEDT « —)V e EL8 7
4=V RELUTHATS I 2% T ANT S,
fieldl ... fieldN

typenode 7'O/X7 4 —

F—&RB ) —RT, 74—V ROAXTF—RETunT 1+ —%2$ELET, Hl2IE, &871—
VNI, WIEORE (#ER, #ER, JEFR, F/21Ed7572) 2L, KEEE VAT A
IIVDMBD DA TV aviEH‘EL, EFVEROEHMIZNT S 7 4 —L FOBE %2 HE
U, 74—V REEDIRVEREL, 74—V ROMEEZHEEL £7,

.@.’.
...’,
-

Wl

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC", "drugD", "drugX",
"dr‘ugY" s "drugZ"] )
node.setKeyedPropertyValue("null missing", "BP", False)
node.setKeyedPropertyValue("whitespace_missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value labels", "BP", [["HIGH", "High Blood Pressure"],
["NORMAL", "normal blood pressure"]])

HELFEDIGE, 1EPD /) —RFPIELSBRET 2L 512, 75 7&%E/ — KD fields from 71/8557 4 —D
5T, TR ) —RNEBZRIIA VARV AT EHEDRDHIIGEDRHVET, 74 —IVKEBES VAR Y
24T BITIE, RO LS, T—T NV - ) —RZ2HERELTETT BT,

tablenode = stream.createAt("table", "Table node", 150, 50)

stream.link(node, tablenode)

tablenode.run(None)
stream.delete(tablenode)
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# 95. typenode TWNT 4 — :

typenode 7'H/%

54— 5 — THNRT 4 —DFHH
direction Input T4 =V ROBEDF—TaNRT 1 —,
Target E: OfEH In & Out FEILEINFELEZ, SBD
Both VY —=ZATIEYR— Pl Eh 28568050
None ES
Partition
Split
Frequency
RecordID
Type Range 74—V RORE
Flag GABTZ 7 4 =V FD T&A4 7] LIFEN TV
Set F U7z), type % Default IZEET 5L
Typeless values NI A—R—FEEZ 7 VT LET,
Discrete value_mode DAY Specify DIFE. Read 12
OrderedSet Ve hLET,
default value_mode 7% Pass F 7zl Read IZFEI N
254, type ZELTH value_mode (2
IWEH D FHEA
E: N CHAINSE T —XBK, F—&R)
— NIZRREINET—RB L IZBAD T, X
D& ST L 9 #HiFER > difty M-
> #FIEF 2y M > JHPEEE- > A7 T
1) — 7
storage Unknown T4 —=IVRDA ML= - X1 THEGHAAE
String A¥x—- 7y —,
Integer
Real
Time
Date
Timestamp
check None T4 =R R TLHEOMEBEHD X — - 7
Nullify aNT 4 —,
Coerce
Discard
Warn
Abort
values [value value] MR T 1+ — L ROGE, BRI ER/MAT
BEBEOMEFPRKEIZRD £, HBEHL T+ —L
RDGE, TRTCOMFEERBELET, 7771
DA, BOIDMEY false () %, BEDED
true (B) 2RLET, 2070 T1—%F
ET B e, value mode 7 T/8F 4 —DfEAH
Iz Specify IZHEINET,
value_mode Read EOZREHFEEZRELET, 20751 —
Pass IZ Specify ZHEBHIIIERETE RN LIZHE
Read+ BUTLEIV, HEDMEEMEHAT 5ITIE,
Current values 705 1 —2HELET,
Specify
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* 95. typenode TTNT 1 — (&) :

typenode 7'H1/%
TA—

7 28

a4 — D

extend_values

flag

value mode 7% Read IZFE X N7-BE I
INET, FILLFHARAALZMEZ, 71— K
DEEAFOMEIEMT 2551 T 2% ELE

T, UL BARAZMHEEERL T, BAFOMHE
EWETIHAE. F 2RELET.

enable_missing

flag

T 2FELEEE. 74—V FOXRIEEDBH
PEMZRD £9,

missing_values

[value value ...]

R[T =22 RT T —RHEEBEL £ T,

range_missing

flag

74—V RIZREEME (22H) O#EPFAVERS D
TWBEPESIPEBELET,

missing_lower string range missing A E (true) DA, KRIBMHEH
PO TRMEEIEEL T,

missing_upper string range missing M E (true) DL, KRIEEHE
O ERMEEIEEL 3,

null_missing flag T 2#FELEE. XUE (Y7 T T7 Tk
$null$ & U TERRI NS RESHM) I3RIEMME
ERAERINET,

whitespace_ flag T 2RELGE, HAE (AX—A, &7

missing BIUOSST) FIrEEUENPRIBEE BRI h
7,

description string 74—V ROHHEZREELET,

value_labels

[[Value LabelString] [ Value LabelString] ...]

HEDORTDHDIT )V EEELET,

display_places

integer

74—V REREREIND & = D/NEE DN E
HELET REAL AL —=YD7 1 —)LRIZ
OHEM), -1 ZHRETHE, ANY—LDF
TANIPMEHINET,

export_places

integer

T4 —IVRRRRINDB & EDO/NBERDOMIE %
HELET REAL AL =YD T 1 =L R
DOAHEA), -1 ZZRETDHE., AMNV—LDT
T A EDBEHINE T,

decimal_separator

DEFAULT
PERIOD
COMMA

T4 =V RO/NBEFE B EEELUET (REAL
ARV =YDT 1 =)V FIZDOAE),
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* 95. typenode TTINT 1 — (f7 &) :

typenode 7'H/%
TA—

7 8

TanNTF 4 —DFH

date format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM. YYYY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON. YYYY"
"DD/MM/ YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

qQ YYYY

ww WK YYYY

T4 =)V FOHMEAZHKEL £3 (DATE ¥
7-1% TIMESTAMP A RL —Y D7 4 —)IL RIZD
AEAINED),

time_format

"HHMMSS"

n HHMM n

IIMMSS n

"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS*"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

T4 =)V FOHMEARZHEL £T (TIME ¥
7213 TIMESTAMP A RL —Y D7 4 —)IL RIZD
AWAINE D),

number_format

DEFAULT
STANDARD
SCIENTIFIC
CURRENCY

T4 =V RIZBEORRIERNEZHRELET,

standard_places

integer

T4 =)V RPEEERTRRING & ED/INK
MUTONEEZIRELES, -1 2/ET D
Y.L AN —=LDF 7 AN IPHEHINET,
BEFD display_places AHR Y hTH I D
PEBEINETH, BEFEELEINTVET,

scientific_places

integer

T4 =LV ERRZEROEATERRENDLED
INBUSDA T O R &% EL £9, -1 2&%ET
Ly, APV —LDF 7 AV EDBHHEINE

j_o
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* 95. typenode TTNT 1 — (&) :

typenode 7'H1/%

54— F— 2 H THRT 4 —DFHH
currency places |integer 74—V EPEEDOHANTERINDLEDT
1 =)V OB RO se LEd, -1
ERETDEL. ARV —LDT 7 AV DA
IhET,
grouping_symbol |DEFAULT TA =NV RIZI V=TI v RV EHEL F
NONE ER
LOCALE
PERIOD
COMMA
SPACE
column_width integer 74 =V RIZHEERELET, -1 EWVWIHE
EZRET D L. FlIEIE Auto ITREINET,
Justify AUTO 74—V RIZHEEEREL T,
CENTER
LEFT
RIGHT

measure_type

Range / MeasureType.RANGE

Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

ZoF—HMETERT =ik 71—V NIZHE
WA ONREZERTL7-DICHHTES
EWVWI T, type CELILTWEY, B b
D%, Python A2 1) 7 M T, getter BIBHH
IZ MeasureType fl% K3 — 5T, setter B%K
IZ MeasureType fED 5> HD 1 D% ET I &b
TELHXWVWSHTY,

collection_

Range / MeasureType.RANGE

INET 4 =V K (EEA 0 DY A D) OBE,
IDF—fETaNT 0 —iF, HfEe B HEIZ

measure Flag / MeasureType.FLAG
Set / MeasureType.SET Bty o RERAS TEEHRLET,
OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS

geo_type Point MR 7 « =V RDEGE, Z0F—(t& o
MultiPoint NTF 4 —IZ&b, ZO7 14 =)V RHEKT L
LineString ATV DR THREHSWET, Zh
MultiLineString X, EOV A NDEI LBELTVWDRBREIRDH
Polygon DET,
MultiPolygon

has_coordinate |boolean HMEEZEH 7 « —V RDGHE, 2O7TaNT 1 —

system 2k, ZOT7 4 =V RIZEERRD L0 E D

PHREHRINET,
coordinate_system|string HPEZER 7 ¢ — L FOEE, ZoF—fF& 7o

NRF4—IZ&b, ZDT 14— ROBERIE
HEInET,
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* 95. typenode TTINT 1 — (f7 &) :

typenode 7'H/%
T4 — T— 2

TanNTF 4 —DFH

custom_storage_ |Unknown / MeasureType.UNKNOWN
type String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP
List / MeasureType.LIST

ZOF—f(ETaNNTF 1 —lE, T4 =V KDA
—N=FA R ARV =VREHKT DD
FATE 3 &\ S T, custom storage & H{
LTWET, BL5DHk, Python 227 Y 7 b
T. getter BIEAYHIZ StorageType fH% KT
—J T, setter BIEIZ StorageType fHD 5 5
D1 2EWFTILHETEDLWVIHTT,

custom list_ String / MeasureType.STRING
storage_type Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP

VAN 74 =)V RDBE, ZOF—HH& 70
N7 —=IZ&b, HEiFFLR2EOA N L -V
RATHREINET,

custom_list_depth|integer

VAN 74 =0V RDHBE, ZOF—{t& 7 n
NF4 =2k, 74—V FOEINEEIH
E

max_list_Tength |integer

MR % 2 I3 EED VT NI DOREL2 ST
—ROMMEHATEET, VA INDERAREZH
FETBHIE, VAMIANS Z N TELHEE
OEERELET,

max_string_length|integer

F—RBAH OF— X TOIAHEHTRET,
SQL #EMUTT—T N E2EHRT S L &2
HENFET, T—XROBMAXZEIDMEE ASIL
F9, Tk, TTMICERIN B
M, FTOXFHEEDLDIZHDRKES IR
DET,
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B12E JS7K/ —ROTONT 14—

727 /—ROHEETONT 1 —

ZDXvrvarvTik, 7K/ —RTEHTELZ T —izonwT, @k TuNrF -2 ) —
R XA TEEDTONRTF 4+ —EEOTHHLET,

# 96. 7’5 7ERK — Rod@ T o7 4 —

77 7R — Rpdti@ a5

1 — T — XA TaNT 4 — DM
title string A FIVEBELET, Fl:"This is a title."
caption string fifgai & fg € U £9, l:"This is a caption."
output_mode Screen TS5 TEK ) — R oDHAREREINE D, 774
File INAEZRENDIPERELET,
output_format BMP WHoXA TERBELVET, HAOWEEREAS T &
JPEG 77 AL J =R U TEL £,
PNG
HTML

output (.cou)

full_filename string 75T — RirSEREI N7 57D, HihkD
NALT7ANHERELET,

use_graph_size flag TIZHIHT DR mE O Ta T+ —2ffHL TS
TV A ZXPHRUTEREINENE S 2L £
T, EEICHAIIND TS 7ICETHELET, KBS
77/ —FRIZIMEHTEEEA,

graph_width number use_graph_size 2% True DHFA. 77 7 DIEEZ Y I &
WVETHREL 7,

graph_height number use_graph_size % True DEH., /7 7DEHI &2
BB TIHREL XY,

A7vav 74— ROEML

BAAMDA—N—L o - T4 —)VLRREDF T ay - 74— RiZ, ROBAD X 512 T 8F ¢ —fHIZ "
(BT ERETAHI LY, LT AR 2N TEEXT,
plotnode.setPropertyValue("color field", "")

BOEE

FKE, P, TR, BLOITNVOMEIE, Ny v adls #) THED 16 EXFHTHEET LI LMNTE
9, BRI I T7DERELMIITHICIE, ROXERELXT,
mygraphnode.setPropertyValue("graph_background", "#87CEEB")

ZZT, mAID 2 M 87 Xt EE, IRD 2 #i CE 13D EZ, WED 2 Hf EB 3FD=ZRLUE

T, BHIE. 0 225 9 2k A 25 F OHIFOMHEICARY T, ZhoDfEERMAL T, K-Fk-F (RGB)
DEZEEEL T,
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H: 1% RGB THETIHE, 22— Y — 41 VX —Tx—ADT714—)LVK ¥y r—%2fHLUTELWEI
— RZRETHIIENTEIT, Py h—2HWOAD LIZhERIE, Toa— R K»B¥Y—I)Lk v MIER
INET,

collectionnode 7’O0/8F 1 —

HET 57 - )= RFT, MMOBHET « — )V KON 2 BUE T « — )V ROMEDES Z 7

M ARRUET EEHESS7 - J—RTR. LANSACMEY S 7IMERENET) . 4
FHES 7 7%, EHIREOREE & HIZEIT IR T 1 =V R ERRT DEEICHELE F
T 3T I 7ERMALT, fAEHT IV —HIZRRT IV RVEMZENTZ2ZL S
TEET,
il
node = stream.create("collection", "My node")
# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("collect field", "Drug")
node.setPropertyValue("over_field", "Age")
node.setPropertyValue("by field", "BP")
node.setPropertyValue("operation", "Sum")

# "Overlay" section
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
node.setPropertyValue("range min", 1)
node.setPropertyValue("range max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin _width", 5)

#* 97. collectionnode 7T 4 —

collectionnode 711/ %5 1 — 7 — XA THaNT 4 — D
over_field field
over_label_auto flag
over_label string
collect_field field
collect_label_auto flag
collect_label string
three_D flag
by _field field
by_label_auto flag
by label string
operation Sum
Mean
Min
Max
SDev
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% 97. collectionnode 70N F 4 — (%)

NTVWxTd,

collectionnode 7' 11/3F 1 — T — X H Ta T 4 — D
color_field string
panel_field string
animation_field string
range_mode Automatic
UserDefined
range_min number
range_max number
bins ByNumber
ByWidth
num_bins number
bin_width number
use_grid flag
graph_background color D 7S5 7%, ZDXv Ty a yORIICHIAE
nNTnxd,
page_background color XD Z S 7MiF, 20X 7Y a v OBINZEHX

distributionnode 7’0/YF7 1 —

Wl

node = stream.create("distribution", "My node")

# "Plot" tab

node.setPropertyValue("plot", "Flags")
node.setPropertyValue("x_field", "Age")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("normalize", True)

node.setPropertyValue("sort_mode", "ByOccurence")
node.setPropertyValue("use proportional_scale", True)

3+ 98. distributionnode 7 AT 4 —

W77 - ) —=RT, a—rOREPERNZY, Y URIVE (BF 3V —) OHBSEE % KR
U, W, #2757 /- R2EALTT—ROAREH2RRLETH, Z0F—KIEE
- 4 FOVDEREIZNT VA - ) — RE2FHLUTEBETE T,

distributionnode 711 /%5 ¢ — F— R TuT 4 — D
plot SelectedFields
Flags
x_field field
color_field field F—=nN=VLA - T4 —=ILF,
normalize flag
sort_mode ByOccurence
Alphabetic

12 ® IIIER - FOTaT 1 —
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% 98. distributionnode 70T 4 — (i %)

distributionnode 7'/ %5 1 —

=R H

TaRT 4 —DEH

use_proportional_scale

flag

evaluationnode 7'0O0/37 1 —

e

T — KiE, FHE T OFM L LI S hET, ST 7T, EF L ARSE DR
FEORETHT2h2RALET, TNCE>T, FUIKE FROMEEE I ES L a—
RASY— R 3nEd, ZUT, La— Ra%HA 2 (46 07— Tepflsn, &ao
EUR BT B EEDMA, B A S MR- S NE T, FEICIE, EROTFANR
BBMCREINET,

Wl

node = stream.create("evaluation", "My node")

# "Plot" tab

node.setPropertyValue("chart_type", "Gains")
node.setPropertyValue("cumulative", False)
node.setPropertyValue("field_detection_method", "Name")
node.setPropertyValue("inc_baseline", True)
node.setPropertyValue("n_tile", "Deciles")
node.setPropertyValue("style", "Point")
node.setPropertyValue("point_type", "Dot")
node.setPropertyValue("use_fixed cost", True)
node.setPropertyValue("cost _value", 5.0)
node.setPropertyValue("cost_field", "Na")
node.setPropertyValue("use fixed revenue", True)
node.setPropertyValue("revenue value", 30.0)
node.setPropertyValue("revenue_field", "Age")
node.setPropertyValue("use_fixed weight", True)
node.setPropertyValue("weight_value", 2.0)
node.setPropertyValue("weight field", "K")

# 99. evaluationnode 7WINT 14 — :

evaluationnode 71/ %7 1 — F— XA T 4 — D3
chart_type Gains
Response
Lift
Profit
ROI
ROC
inc_baseline flag
field_detection_method Metadata
Name
use_fixed_cost flag
cost_value number
cost_field string
use_fixed_revenue flag
revenue_value number
revenue_field string
use_fixed_weight flag
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£ 99. evaluationnode 7HINTF 4 — (f2¥) :

evaluationnode 7R/ X5 1 —

F— A

TanRT 4 — DA

weight_value

number

weight_field

field

n_tile

Quartiles
Quintles
Deciles
Vingtiles
Percentiles
1000-tiles

cumulative

flag

style

Line
Point

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

export_data flag
data_filename string
delimiter string
new_line flag
inc_field_names flag
inc_best_line flag
inc_business_rule flag
business_rule_condition string
plot_score_fields flag
score_fields [field1 ... fieldN]
target_field field
use_hit_condition flag
hit_condition string
use_score_expression flag
score_expression string
caption_auto flag

12 ® IIIER - FOTaT 1 —
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graphboardnode 7'O0/35 1 —

, 777K —=NK-+/—NTld, 5—0/ — NI FIFALMHEDO I/ I 72 BELTVET, ZD

T J—REMEHLT, MIETET—X - 714 =V RZ&ENE, #BRUAZT—XIfHHTES7 5
TEBNTEET, BRULAZ 70—V RIZELTWRWS S 7O EIZ, / —Rick->THS)
BRI N E T,

He: 797 XA T UTRSRTeRT 0 —%2RELHGE BIAIX. EART I 7IZX LT y field
ERELEEE). TOTaRT s =3 EHINE T,

H: ULIC, SEXERTST 2470 T8 X702 T8 74—V ERHOET, ZO7 41— K
X, MEAZ ) FPTIEYER—FrEINTVWERTA,

1l

node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")
node.setPropertyValue("x_field", "K")
node.setPropertyValue("y field", "Na")
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# 100. graphboardnode

TanNT 4 —

graphboard 7 B35 «

7 s

TaRT 4 — D

graph_type

2DDotpTlot

3DArea

3DBar

3DDensity

3DHistogram

3DPie

3DScatterplot

Area

ArrowMap

Bar

BarCounts

BarCountsMap

BarMap

BinnedScatter

Boxplot

Bubble

ChoropTlethMeans
ChoroplethMedians
ChoropTethSums
ChoroplethValues
ChoroplethCounts
CoordinateMap
CoordinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap

PointOverlayMap
PolygonOverlayMap

Ribbon

Scatterplot

SPLOM

Surface

77 7 DR E#N L £,

12 %3 757K/ — RO TaNs 1 —
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# 100. graphboardnode 7V/8F 4 — (i &)

graphboard 7 1/%5 «

— e 2 TaNRT 1 — D

x_field field x WO A AR L (=Y —FE) TN %E
BELES, IRV TOAEATE £
ER

y field field y DB AR L (A=Y =) TN E
BELET., FNVTOABHTEE
ER

z_field field 3 W77 7 D—HTHEML £T,

color_field field t—bh -y STHALET,

size_field field NTN - Tay NCHEALET,

categories_field field

values_field field

rows_field field

columns_field field

fields field

start_longitude_field |field

end_longitude_field field

start_latitude_field |field

end_Tatitude field field

R~y TORHTHBL T,

data_key field field TEIERYY STHEALET,
panelrow_field string

panelcol_field string

animation_field string

Tongitude field field <y 7 EOEECHEHALET,
latitude _field field

map_color_field field

histogramnode Z'0O0/35 1 —

A\ EANT T L= RTR BT + -V FOMOEBBEIREWET, £<O5A, L
Liah NTT L= Rid BEPE T VOB T - X 2R DI N TS, BT

7= REFkk CANTTL ) —=RIZED. TRADOREHEA UIXUIXHS 227220

9,

1l

node = stream.create("histogram", "My node")

# "Plot" tab

node.setPropertyValue("field", "Drug")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
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node.setPropertyValue("range min", 1.0)
node.setPropertyValue("range_max", 100.0)
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 10)
node.setPropertyValue("normalize", True)

node.setPropertyValue("separate _bands", False)

# 101. histogramnode 7 HINT 1 —

histogramnode 7'11/%5 1 — T — X TanRT 4 — DA
field field
color_field field
panel_field field
animation_field field
range_mode Automatic
UserDefined
range_min number
range_max number
bins ByNumber
ByWidth
num_bins number
bin_width number
normalize flag
separate_bands flag
x_label_auto flag
x_label string
y_label_auto flag
y_label string
use_grid flag
graph_background color BHD S 73, 20X oy ayOREYIZHIEX
NTVWET,
page_background color D 7S 781%, ZOXv Ty a yORIIZHIAZ
NTVWET,
normal_curve flag EBRMED I — TR EINIRRT 208D a2 iEE
LT,
mapvisualization 7’0/37 1
<y THTEAL — RiE, EERO AR EZIT ANT, MBI T -2 %2 —Hoge LTY Y
\ TERRTDHIENTEET, FEIER—-OMIZEM T + — VR TT, #HlZIE HAEEZEO
(@,  TY7EL. XOLCUBOR. IO, MOFMERY S LHTEET

O
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# 102. mapvisualization 7HINT 1

mapvisualization 7R/ %5 ¢

5= &7

TaT 1 — D

tag

string

AJHOR 7 DO&H % HELET, T7AL D
RZNE, AIW ) — Rz I Nz 7T I &<
BUETT (BAOERZ 7% 1, 2 FHOHER X
N 2 WS HETHEMENRESNE D),

layer_field

field

Ry T EIZEELUTRRTS, T—X -y b
SO T ¢+ — L RNEZEIRLET, T74L D
BEBIRNAIZ. ROV — MEIZESE X7,

« B - R

s fIANV VY

. LK

. HEUR

o HBUTANY VS

. mfE - ZAEH
HUREXA 72D 2 2071 =V R¥H3

Ger. T 7 AN NTIX, ZEIOTIVT 7y MiE
THEHDT 4 —IL KIEREINE T,

color_type

boolean

DG AWML 7 4+ — )L RDTRTDT 4 —F v
—IZHEAT B0, A—N—LA T4 REHE
HT2h2BELET (A—"—La T714—JLK
Tk, T—X - & bOMD T 1+ —)V NOfEIZH
DWC, 74 —Fr¥—ZtahPfirohxd), BE
T& %{HIF. standard 721X overlay TY, T
7 #J)V M& standard T,

color

string

color_type IZ standard ZERL 24, Ko
IR, =Y — - F T av] o
[®R] 270ZHB (757 H5FaV—of)H
Fl YEUEBASLY "BREENET,

FIHANVID (757 5TV —nf] 1%, 1
—C“‘j_o

color_field

field

color_type IZ overlay Z3EIRULZEGAE, Fov
TR, Be UTERINAMEY + —L
REFALT—=R -2y bDRSDTRTDT 1+ —)b
KR&EENET,

symbol_type

boolean

DTS2 7 + — L RDIFRTHLa—FK
WZHEHT 20, A—N—VLAid52#EHT51%
BELET A—N—VLAREETIE, 7—% - &
v DD T 4 —)b ROMEIZHEINT, HA1 Vb
DHETAAVHETEINET), EETESMHE
%, standard £7zl% overlay T%, T 74/ b
& standard T,

symbol

string

symbol_type |2 standard ZERLU 754G, PR
VTR, vy T RIZRA Y N ERERRT S
FOIHEAINIESOEINEHAVEENE T,
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# 102. mapvisualization 708 F 1 (i ¥)

mapvisualization 7R/ %5 «¢

5= &

TaNRT 4 — D

symbol_field

field

symbol type Z overlay %##IRL7-BE. Fu
W TR NZIE, B UTERRE WY « —
WRERUT =X -2y bROOZHFIMT 1« —)L
B EFEL 7 ¢ =)V R, FREATITY 8T 4
— VKB TRTEENET,

size_type

boolean

DY A X2 BT 4 — L RDOTRTOL a—
WZHEHAT B0, A==V 1OV X EEHT
ZEEELET (F—NN—L 1 DY 1 XTI,
F—&X &y bOMD T 14— KDEIZEED W
T, #WETAAVDY A XEIFBDORSHREH
INET), FEETEBMHEIX, standard 721X
overlay T9, T 74/ M standard TY,

size

string

size_type. point, F7zIX multipoint (Z
standard ZEIRUL7ZEE, Fay X7 L
X, BIRUL B0V 1 XOENHE»EENF
9, linestring 721X multilinestring O
A, Fay FXxY zid, HOKRS OERIEE D
HENET,

size_field

field

size_type (T overlay ZERUEGE, Fav
TR, B U TERINME Y 1 —)L
REFELT—Z -2y "HR6DTARTDT 1 —)b
KRB &EENET,

transp_type

boolean

EHYEOERE 27—V ROITRTHOL a—
WZHEHT A0 A—N—L A BBEEEHTS
PEBELET A—N—L1BBETIE, T—
Ry hOMDT 4 — ROEIZEINT, &
S . R ZAROERED L RV HEFE X
NEY), HETEAMHIL, standard 721X
overlay T9, T 7 #/) M standard T9,

transp

integer

transp_type k standard BEIRUI-SGE, PR
v TR, EEE L NVORIREH?E £
Mi?o:@ﬁﬁd\%(Kﬁﬁ)#elm%@i
BH) £T 10% ZIATHEMLES, vV T LOR
AV, MR ERFZAROEHEEEZREL
ERS

size_type (T overlay ZERUGE, Fav
TR, B UTERINME Y 1 — )L
REFEULT—Z -2y "R S6DTARTDT 4 —)b
KR¥&EENET,

points, multipoints, linestrings, 8& U
multilinestrings. polygons & & U*
multipolygons (& N/E) O&HE. T 7 4L Mk
0% T, & FNETH\ polygons B X
multipolygons DT, 77 4V ME 505 TT
(ZNSDZAFRD TOEPEVEI NG Z & &t
F57=0),
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# 102. mapvisualization 708 F 1 (i ¥)

mapvisualization 7R/ %5 ¢

5= &7

TaT 1 — D

transp_field

field

transp_type (Z overlay ##ERL7-HBE. Fo
v IR A, B UGERI MY ¢ —
LVRERUT =X -2y bRSDOTRTDT 1 —
NVEDBEENET,

data_label_field

field

IV TDTF—X SRV ELUTHETSE 74—
KEEELET, HIXIX, ZOREOHEMLDE
NELAFXDEDOEEIX, T—X L% name

T4 —=IVRIZLT, TNENDOLAOL4HTEE
HBZePRTEET, TDDH, TIT name 7
14—V REBERT DL, TNS5DLHETNT Y TIT
RBRINB LD T,

use_hex_binning

boolean

AAYUVDE AL, TRTCOE Fay 7
RO VvEASNILET, T7ANVETIE, 20
EFA T80 TVWET,
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# 102. mapvisualization 708 F 1 (i ¥)

mapvisualization 7 H/3F 1 F— &R 7TaxNT 1 —DFHH
color_aggregation B & string NAYUREEFERAT AR MEIZLT T4
transp_aggregation —N—VLA] T4 = FEBERLUEZEGEIE, A

FEDHIZHZTRTDORAS Y MZDOWT, DT
A=V RDTRTOMEEEFT E2HENDHY F
T, ULEdoT, vy FIZ#HTETRTO T4
—N=VLA] 714 = RIizoVWT, EHHEE%EE
ETHEHENRHD ET,

A RE AR SRR B2 IRIZR L £ T,

TR (EBEIFEBDOA L=V
. Gt

o CEYH

- ME

o KA

o s

o 1 HANRIEK

53 AR

MR (R, HAF, £A2E R LAZ Y TDR
FL =)

« FfE

75 JH:
s WINMPLVHEDGEITHE
o WINLWBBEDGE I

custom storage string T4 —IVREERDANL—Y XA THBELF
T, T7 AN ML List TY, List 2fBEL
Bi&id, RO custom value_storage 2> M H—
¥ Tist_depth I ¥ hE—ILAMERNIZAR D £

j_o

custom value_storage string T4 = RERTIFRL, YA MNNOEEZDA b
L=y RAT%2BELET., T 74 & Real
T,
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# 102. mapvisualization 708 F 1 (i ¥)

mapvisualization 7R/ %5 ¢ F— XK T NF 4 — DA

l1ist_depth integer VAN 74— VROHEIEZELET, HEL
WEE, MY + =V RDORA STk o THEY

D, IROFEHEIZHENE T,

e« FAVbH -0

« fTANY VT -1

« A -2

« BB -1

- BEAGAN) VT -2

. LA -3

DA MEHUETHBZEM T -V RO XA T
E. TOMED T 4 =V RIZHEREZ 2H0EL
TELBENRDHY £, REHIVBDD L, 7
14—V REHHTEEEA,

T 7 A4V MEK 0. B/AMEIL 0. AL 10 T
g_o

multiplotnode 7'0O0/37 1 —

A\ WIS 7 )—FTlE. 1 20 X 74—V RIZHUTEBED ¥ 71—V R2RETEEND

B EENET, ¥ 71—V NN EZOHMTERIEIN, TNEN ARV T4 =V %
(42142, X E=F] 74—V F%Z [V—=F] ZEREULZEBAR — NIZHEHY L £,
W77 701, EEROEROELT 2 EHIChZoTHET I &K IbET,

il
node = stream.create("multiplot", "My node")
# "Plot" tab

node.setPropertyValue("x_field", "Age")
node.setPropertyValue("y fields", ["Drug", "BP"])
node.setPropertyValue("panel field", "Sex")

# "Overlay" section
node.setPropertyValue("animation_field", "")
node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use_overlay expr", False)
node.setPropertyValue("overlay expression", "test")
node.setPropertyValue("records Timit", 500)
node.setPropertyValue("if_over_1imit", "PlotSample")

# 103. multiplotnode 707 1 —

multiplotnode 7’1/ X7 1 — T =X TanRT 4 — O
x_field field
y_fields list
panel_field field
animation_field field
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# 103. multiplotnode 7087 1 — (i &)

multiplotnode 7'H/ X5 1 — F— X R TaNRT 4 —DEIH
normalize flag
use_overlay_expr flag
overlay_expression string
records_Timit number
if_over_Timit PlotBins
PlotSample
PTotAll
x_label_auto flag
x_Tabel string
y_label_auto flag
y_label string
use_grid flag
graph_background color HHeD 7S 7%, DTy a yORIIZHIAE
nNTnxd,
page_background color D 7S 7, 20X 7Y a v OBINZEHX

NTVWxTd,

plothode 70O/X5 1 —

A ) — T, BUE7 « — )V FEOBGEIREINE T, FERIE A (@A) 723

Wl

ZHEMAUTHERTE XY,

node = stream.create("plot", "My node")

# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("x_field", "BP")
node.setPropertyValue("y_field", "Cholesterol")
node.setPropertyValue("z_field", "Drug")

# "Overlay" section

node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("size field", "Age")
node.setPropertyValue("shape_field", "")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "BP")
node.setPropertyValue("transp_field", "")
node.setPropertyValue("style", "Point")

# "Output" tab

node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "JPEG")
node.setPropertyValue("full filename", "C:/temp/graph output/plot output.jpeg")
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# 104. plotnode 70X T 1 — :

plotnode 7'H/XF 1 — T — & H T RT 1 — DA
x_field field x WIDA AR L (=P —FE) TRVEEBEL F
T, INIVTOAEHATEET,
y field field y MOA AR L (A= —3%E) TNNVEEEL £
T, TN TOAEHATEET,
three_D flag y MO AR L (=P —FT) FNNVEHELE
T, 3D 5 T7DIRVTOAMEATEET,
z_field field
color_field field F—=nN—=VLA - T1—)LK,
size_field field
shape_field field
panel_field field HAT TV @R DT 7 DI T 548
FFTIIMT 4V RERELET, 7771k
X2 fb) Sh, EBOTZ 701 2OHAY
1Y RVIZRRINET,
animation_field field TEA—Ya VEMBHLUTEEFICRRS S —HD s
TIERMERLTT—RMEOH T T — % FiHET 5,
HBEWMEIZT7 ST =V R ERELET,
transp_field field AT TV =T EICEBR D VIVOEREEFEAL
T, T—RMEOHT TV —%KT 71— VR EIET
LEY, s s 7 CIMERTE 8 A,
overlay_type None F—N—L A BEBAFRRI NS D, LOESS Fiik
Smoother NEREINELEHRELET,
Function
overlay_expression string overlay type % Function IZFREINTVDE L E
AT NEANERBEL T,
style Point
Line
point_type Rectangle
Dot
Triangle
Hexagon
Plus
Pentagon
Star
BowTie
HorizontalDash
VerticalDash
IronCross
Factory
House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan
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* 104. plotnode 71X T 1 — (fi &) :

plotnode 7'H/XF 1 — T — X H TR TF 4 —DHIH
x_mode Sort
Overlay
AsRead
x_range_mode Automatic
UserDefined
x_range_min number
X_range_max number
y_range_mode Automatic
UserDefined
y_range_min number
y_range_max number
z_range_mode Automatic
UserDefined
z_range_min number
z_range_max number
jitter flag
records_Timit number
if_over_Timit PlotBins
PTotSample
P1otAl1
x_label_auto flag
x_label string
y_label_auto flag
y_label string
z_label_auto flag
z_label string
use_grid flag
graph_background color D Z S 7iF, ZDX 7Y a ORI X
NTVET,
page_background color HAED 25 7%, ZDv 7Y a vy ORMIZHTX
NTWET,
use_overlay_expr flag overlay type OfUb DIZFEIET NS FE,
timeplotnode 7'0/X7 4 —
,.-"h‘* KR4 — R T, RRHIT—2D 1 DEAEDOXy bE2FRRLET, @, BOICKEKXS ) —
”@1 RZ2fiH U T TimeLabel 7 « —)VRZ{ERLET, TD 7« —IVFiE, x T XV ELIT 2
e EOIHAZhET,
Wl
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node = stream.create("timeplot", "My node")
node.setPropertyValue("y_fields", ["sales", "men", "women"])
node.setPropertyValue("panel", True)
node.setPropertyValue("normalize", True)
node.setPropertyValue("1ine", True)
node.setPropertyValue("smoother", True)
node.setPropertyValue("use records limit", True)
node.setPropertyValue("records_Timit", 2000)

# Appearance settings

node.setPropertyValue("symbol_size", 2.0)

# 105. timeplotnode 7WT/NT 4 — :

timeplotnode 7’1 /35 ¢ —

F— R

TaxT 1+ —DHH

plot_series

Series
Models

use_custom_x_field

flag

x_field

field

y_fields

list

panel

flag

normalize

flag

line

flag

points

flag

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother

flag

panel % True IZFHE L7IGAIZDMA, Fi{bz 8K
HRNTENTE 7,

use_records_limit

flag

records_limit

integer

symbol_size

number

v —H— YA XE/ELET,

panel_Tayout

Horizontal
Vertical
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webnode 70O/857 1 —

Web 7’57+ J—FRT, BEOYVFRIVE (IF73TV—=) 74—V ROMEDOBRDME HRE

@ NET, 2025 7T, BHEORIE2ETAEDICEEIEIREOEIAHEHENET, Web 2

77 /—FNEMHALT, FIZAIE BE a~v—A - %4 M CHAIhZI EIERFMBOEGRE

PHETEET,

il

node = stream.create("web", "My node")

# "Plot" tab

node.setPropertyValue("use_directed_web", True)
node.setPropertyValue("to_field", "Drug")
node.setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
node.setPropertyValue("from fields", ["BP", "Cholesterol", "Sex"])
node.setPropertyValue("true_flags_only", False)
node.setPropertyValue("1ine_values", "Absolute")
node.setPropertyValue("strong_Tinks_heavier", True)

# "Options" tab

node.
node.

node

node

setPropertyValue("max_num links", 300)
setPropertyValue("Tinks_above", 10)

.setPropertyValue("num_Tinks", "ShowA11")
node.
node.
node.
node.

setPropertyValue("discard_Tinks_min", True)
setPropertyValue("Tinks _min_records", 5)
setPropertyValue("discard links max", True)
setPropertyValue("weak below", 10)

.setPropertyValue("strong_above", 19)
node.
node.

setPropertyValue("1ink_size_continuous", True)
setPropertyValue("web_display", "Circular")

#* 106. webnode 7 INT 1 —

webnode 7'H /ST 1 — T— & TaRT 4 — DI
use_directed_web flag
fields list
to_field field
from_fields list
true_flags_only flag
line_values Absolute
OverallPct
PctLarger
PctSmaller
strong_links_heavier flag
num_T1inks ShowMaximum
ShowLinksAbove
ShowA11
max_num_11inks number
1inks_above number
discard_links_min flag
Tinks_min_records number
discard_links_max flag

12 %3 757K/ — RO TaNs 1 —
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% 106. webnode 7HINTF 4 — (fr¥)

webnode 7'H /ST 4 — T— KR TuRT 4 —DFHH
links_max_records number
weak_below number
strong_above number
link_size_continuous flag
web_display Circular
Network
Directed
Grid
graph_background color D ZS 7k, 20X 7Y a v OBINIEHX
NTVWET,
symbol_size number N—=Hh— YA XEEELUET,
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£ 13 E ETIVER/—RO7ONRT1—

— R ETIVEER / — RO 7 O/R5F 4 —

WD TaNT 4 —lF., BEELZIZITRTOF—ER—Z «- EFNERK— Rizit@mcd, @MoETFIVIER/
—RIZBEL Tk, BEIZIGUTRF 2 XY MAICHIS ZZ#H L TWET,

* 107. —ABRETFTIVIER, — FO a5 1 —

TanNT g — fi#i T TF 4 — D

custom_fields flag H (true) DHHEIE, BIED /) — RO X =7
v b AT ZOMT 4 — L Rig ¥R RE
TEHZENTEET, B (false) DHEI
LD T —REL ) — R 5 BUED R E DM
HEhEd,

target field ETLDRA TIZE>T, B—DHRT 1

EiEe or — IR ERIFEBRONE T + — )V N2 fEE

targets [fieldl ... fieldN] LE9d,

inputs [field1 ... fieldN] ETNCTHAIND AN E X FHEE T
1 —=JV K,

partition field

use_partitioned_data flag K374 =)V REBRERINBGE., ZOA
T aVi3ERT - AEXAPSDT XD
AWETIERIHEHEIND LI LF
ERS

use_split_data flag

splits

[field1 ... fieldN]

DEETNVAERIZMHET 2, 74—V %
HIRU 9, use split_data % True IZ7%
EINTVWDBGEIZOAERTT,

use_frequency flag HETN - ZATTERTDEED, HA
74 =V RBLUERT «+ = FHRED
ETFIVCHHEINET,

frequency_field field

use_weight flag

weight_field field

use_model_name flag

model_name string A=Y —DIRES HHE T V4,

mode Simple (E#f)

Expert
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anomalydetectionnode 7'0O0/X5 1 —

P BEMERE ) — R T, TIEEER] T—RONX = IZ&BURWER 7 — 200l % 355 L
& $T, O/ —FT. ANESBEHO AR — M TIEE SAD 5720, EELTNEDN
. Eo X0 LAaNok 0 THHATE, AMIEEHBIITE £,

il

node = stream.create("anomalydetection", "My node")
node.setPropertyValue("anomaly method", "PerRecords")
node.setPropertyValue("percent_records", 95)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("peer_group num auto", True)
node.setPropertyValue("min_num_peer groups", 3)
node.setPropertyValue("max_num_peer_groups", 10)

# 108. anomalydetectionnode 7 W8T 1 —

anomalydetectionnode 711 /3F 1 — fi# TaT 1 —DHH
inputs [fieldl ... fieldN] HEMEBRIET VIR, BEDAN 7 1 —
NRIZESWTLa—FR2R7)—=v
JUET, Z=7T v b+ 71—V NIifH
ALEVA, BEAT 14—V B LUERK
T4 —IVRBHHALEEA, FHLIL
rw o187 R=V D Tz E T
[(Esk ) —FDTu 51 —1 3L T
{7ZEW,
mode Expert
Simple
anomaly_method IndexLevel La—RNIZBEFEL LTI 7%%ET 5
PerRecords 72D, DEEERRDZDIZHHIND
NumRecords HEEREL £,
index_level number HEL LTI I T %EET 572DDEHIN
HEMEEZEEL T,
percent_records number FHF—ZAANOL I— ROEE (%) 123
DWTLA—RIET7 I 7 %{ET S0
D, BEEHRELET,
num_records number FERF—RZNDOL 3= ROEIZFEINWT
La—RIZT7 77 %RET L7200, B
MEZELET,
num_fields integer FRELIA-RNIIRESTLE 71—V F
ﬁo
impute_missing_values flag
adjustment_coeff number PEEE OSBRI e h 7 T — - 7
1 =)V IR E S N BE D EAD N
TUARELB-DIZFEHINAE,
peer_group_num_auto flag Y7 - ZVv— TR HBIZEE L £
ERS
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2 108. anomalydetectionnode 7HNT 4 — (}i &)

anomalydetectionnode 7’11/ %F 1 — 1 a5 1 —D

min_num_peer_groups integer peer_group_num_auto %% True IZF%E X
NTWBHAIBHINEET - 70—
TORNEEREL 7,

max_num_per_groups integer Y7 - IN—TORAEEERELET,

num_peer_groups integer peer_group_num auto A% False (ZF¢E X
NTWAEHEIHEHINZET - ZL—
TOBERELET,

noise_level number 7T AR VT RDINAEDILEL S %
WELET, 0 25 05 £TOMEMHEE
LTL 7230,

noise_ratio number JARXDNy 77 ) TIfiHEh S 3
vR=FrMIHIDETOENDG, AEY
—DREZHEELET, 0 225 05 XTO
BEIHEL T I,

apriorinode 7O0/X7 1 —

, Apriori / —RT, T—&X»5)L—)b - &y b L, HRABEPHRDREL V-V %5]
'ﬁé EMUE T, Apriori 121d, 5 FEONL—VBERGEDRH O, EERA VT v 7 AEBEE
HALT, RERT—X - Ly PHPPREITWIEINE T, KERMEOL A, —#ic,
Apriori O FDEHRICFETEE T, MRFTEDZNV—VBUTRHIZHIRIZD D £¥A, 2. &
K 32 OFifeMEFFON—NVEMITE £T, Apriori TlE, AT+ =)V RNEHNT7 1 —
VROFTRTHAT TV —Thd I eDBBETTH, ZOMEOT— 2 IZAbE TR
TWADT, DXV TH =3V RAEFEHLET,

1l

node = stream.create("apriori", "My node")

# "Fields" tab

node.setPropertyValue("custom _fields", True)
node.setPropertyValue("partition", "Test")

# For non-transactional

node.setPropertyValue("use transactional data", False)
node.setPropertyValue("consequents", ["Age"])
node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])
# For transactional

node.setPropertyValue("use transactional _data", True)
node.setPropertyValue("id field", "Age")
node.setPropertyValue("contiguous", True)
node.setPropertyValue("content_field", "Drug")

# "Model" tab

node.setPropertyValue("use model name", False)
node.setPropertyValue("model_name", "Apriori bp choles drug")
node.setPropertyValue("min_supp", 7.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_antecedents", 7)
node.setPropertyValue("true flags", False)
node.setPropertyValue("optimize", "Memory")
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# "Expert" tab
node.setPropertyValue("mode", "Expert")

node.setPropertyValue("evaluation", "ConfidenceRatio")

node.setPropertyValue("Tower_bound", 7)

# 109. apriorinode 7HINT 14 —

apriorinode 71/ %5 1 — fifi TanRT 1+ — DA
consequents field Apriori & TIVITEHERNILNR 7 « — IV R B X
UCAD 74—V RORRESM2HAL T,
HATA =V FBIOERT « — IV FIEEHL
FHA, FLE My o[187 =Y
(TR ETNIER . — RO T a7 1 —] |
ESRLTLZEIWN,
antecedents [field1 ... fieldN]
min_supp number
min_conf number
max_antecedents number
true_flags flag
optimize Speed
Memory
use_transactional_data flag
contiguous flag
id_field string
content_field string
mode Simple (Hafl)
Expert
evaluation RuleConfidence
DifferenceToPrior
ConfidenceRatio
InformationDifference
NormalizedChiSquare
Tower_bound number
optimize Speed EFNMMEEDPEELAEY —DELSIZE D H
Memory HLENEEEELET,
associationrulesnode 7’0O0/XF 1 —
PN TYYIT—Yay =) J—NRNid Apriori / — FIZEITWE T A, Apriori &I3HRZD, 7
:._ E ) VYI—=vay b= J=RRFVAL - T—RENETEES, S5, TYVT—Vav

V=)L J — K% IBM SPSS Analytic Server &ILIZfiHT 2L, Yy 75— X DML &M

IRAFVLER DRI A AT REIZ 8 D £ 9,
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# 110. associationrulesnode 7 AT 4 —

associationrulesnode 7' /3F

94 —

5 R

TaNRT 4 — D

predictions

field

ZDVAMHADET 4 = RiE, V—1LDOFill7
A=V RELUTDARRTDBIENTEET,

conditions

[field1.. fieldN]

CDVANADET 4+ = RiF, LV—ILDE&ML
LTOAFRRTDIENTEET,

max_rule_conditions integer 1 DDN—IIZEDD I ENTEBEMORK
B, BuMEIX 1, BKEIK 9 T,
max_rule_predictions integer 1 DO —IZEDB I ENTELTFRIORK
B, BUMEIZ 1. &KX 5 T,
max_num_rules integer W=D - U TARTIENTE LI —
VOERKRE, BoMEIX 1, BoKfElX 10,000 T
g_o
rule criterion_top n Confidence ExEHET 2L — L HHEE, ZoH#EIZIY, ET
Rulesupport VADEA. N DL —UASEIRE N E T,
Lift
Conditionsupport
Deployability
true_flags Boolean INE Y ITRET DL, V— VORI,
true DIEZFEDT T2 7 4 —)V K721 HSULELN
RIZHKD ET,
rule_criterion Boolean IN%E Y ITRET S L. ETVORERIZ, L
—VEEDEZFHL TL—LBRAEINET,
min_confidence number 0.1 225 100: EFNMIZE > TEREI NN —IL
IZ DWW TRIEBR B E AR EEE L NV DS—k > b
fll, ZTTHRESNLMELD BEVHEREEZL Y
EREON—NVBET ML > TERI NIZGA,
ZON—VIFERINET,
min_rule_support number 0.1 725 100: ETFIMZ X > THEK I NV —IL
IZDOWTHRARRBERIL—IV - hDA—%
v Ml, ZZTHRESINAEL D BEDIL—L
YR=—F VLRLERDOLV—IDBETIMIZEST
BRI NG E, TOM—IVIIHEINE T,
min_condition_support number 0.1 75 100: ETMZ &> TERESNEZL—IL
IZOWTIRIERSERZAET R— D —-& b
fif, 22 THRESIN/ELD BEORMAETF— b
VARV ERFDILV—IVHRET I Lo TERI N
BE., TOL—IVIIHEINE T,
min_lift integer 1256 10: ETIMT o TERSI L —iZD

WTERERAERY 7N LRLVERLES, Z
ITHRESNZELDHEN) 7N LRLVER
DN —NVMET VT > TEREINGE, TOD
V=V I N E T,

13 = EFIMER/ —Fo7oy+— 191



% 110. associationrulesnode 7A/NF 4 — (K &)

associationrulesnode 7’1/ %5

1 — 7 — XA TR T 4 — D

exclude rules Boolean ZOTuRT 4 —ERFEHLT, ETNVIZLBN—
NVOLESTEE ULTHALZWEET 1 =L FD Y
AMEBERLUES,
f: set :gsarsnode.exclude_rules =
[[[field1,field2, field3]] [[field4, field5]]] - [] PNIZ
BEINZT 4=V ROV AN, T—TLHD
BT E T,

num_bins integer HfEAL T« =V ROV AEIGL RS HEIE YD
BaEREL T, R/IMEIR 2, &AMHEIZ 10 T
ER

max_list_length integer BAREVPAHRTRTOY AL 74—V FIZHE
HAEnhxd, ZZThESNE%E ERE LT,
VA MNOEENETVOMECHEHINET,
CITHREINBEBASERIIOVWTE, T
NTHERSNE T, mwMald 1. &AMl 100
T,

output_confidence Boolean

output_rule_support Boolean

output_Tift Boolean

output_condition_support Boolean

output_deployability Boolean

rules to display upto HHTF =T IWIZERREND L —IVDIRKE,

all

display_upto integer rules_to display T upto ZFEL7ZHEEIE.
HHT—TIVCFRENE V-V OMEREL £
T BUMEIZ 1 TY,

field_transformations Boolean

records_summary Boolean

rule_statistics Boolean

most_frequent_values Boolean

most_frequent fields Boolean

word_cloud Boolean

word_cloud_sort

Confidence

Rulesupport

Lift

Conditionsupport

Deployability
word_cloud display integer BAMEE 1, &AKfEIZ 20 T,
max_predictions integer AATIZHT2EANITHEATE V-V DERK

8
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# 110. associationrulesnode 7 A/8F 4 — (K &)

associationrulesnode 711/ %5
4 — F— R THRT 4 — DI
criterion Confidence W=V DIREEHW T B7-DDREZERL £
Rulesupport ES
Lift
Conditionsupport
Deployability
allow_repeats Boolean WU FHEREOIL—NVERAITHNIZEDENE S
MERELET,
check_input NoPredictions
Predictions
NoCheck

autoclassifiernode 70O/857 1 —

BB/ — Fid, 2FEHOKSE (yes/no.

churn/don't churn %2 &) 24U 5% << DHEAKS

f :%% EFVEMES LOHEL, 525N AORBEDT TH—FFRRZ LHTES LS I
. ROET, ZLOETIMMERT VTV XLHIGL., FET 2 HE et 7Tvary, &
UCHRZHIRT 50D MELBINT L2208 TE LT, 2O/ —FT, fBEINEZL TV
IVILEDVTETNOL Y MPEEI N, BEINAHEIH DOV TEREOBEMI T VI~

TENEd,

1l

node = stream.create("autoclassifier", "My node")
node.setPropertyValue("ranking_measure", "Accuracy")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_accuracy Timit", True)
node.setPropertyValue("accuracy limit", 0.9)
node.setPropertyValue("calculate variable_importance", True)
node.setPropertyValue("use_costs", True)
node.setPropertyValue("svm", False)

# 111. autoclassifiernode 7 W8T 4 — :

autoclassifiernode 71 /85 1 — fifi TaNT 1 —DHH
target field 77 7RO GG, BEISE — K
X1 20K T =L ERBLO 1 D
DAEDOAN T 4=V RZEHHLET,
BHAT A —IVEBIOERT7 1 =LK
bEETH I TEET, FHLL
X, PEw 187 R=V D [—Ki7)
s/ —Fo7a x5y -1l
ZHLTLEZI W,
ranking_measure Accuracy
Area_under_curve
FZE
Lift
Num_variables
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# 111. autoclassifiernode 7HNT 4 — (§i &) :

autoclassifiernode 7'H /%7 1 — fifi T NTF 4 — DA
ranking_dataset Training
Test

number_of models integer EFN - FTY NIZEENBZETILO
B, 1 & 100DROELZFEL X
ERS

calculate_variable_importance flag

enable_accuracy_limit flag

accuracy limit integer 0 & 100 DHEDEHTT,

enable_ area_under_curve _limit flag

area_under_curve_limit number 0.0 & 1.0 DHDEH,

enable_profit_Timit flag

profit_limit number 1 D%,

enable_ lift_Timit flag

Tift_Timit number 1.0 %R 5FE,

enable_number_of variables_limit flag

number_of_variables_limit number 1 M D%,

use_fixed_cost flag

fixed_cost number 0.0 %82 5FEH,

variable_cost field

use_fixed_revenue flag

fixed_revenue number 0.0 %82 %%,

variable_revenue field

use_fixed_weight flag

fixed_weight number 0.0 22 5FEHK,

variable_weight field

1ift_percentile number 0 & 100 DD TT,

enable_model_build_time_limit flag

model_build_time_limit number % DEFNDENTNEBEET 72
DT % ] & HllBR 3% 72 D12 73 8K
ZERET DB,

enable_stop_after_time_Timit flag

stop_after_time_limit nuniber HEI 3 B DO FAT D 728 O LA AR5
Z PR 2 72 DI RFEI R & 3 E 5 52
.

enable_stop_after_valid_model_produced flag

use_costs flag

<algorithm> flag RN 7)) XLOMHOER, &
NePoEZET,

<algorithm>.<property> string HeEo7Va) L0 TaNF « —

ERELET. #LE hEv

195 X—=YD [7)LITY XL - 7E)N

[T+ —DFE] FZRUTIEZE W,
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7ILTY XL - TONRT 4 —DERE

HEIS8 — N, HEEE — N, HEZ 9 AX— - /= RNIZ2WTIik, /— RKWHEATREDT7 LTV
ALDTaNRT 4 —F, WO—BERNEHHL CRETEET,
autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)

UTFichlzRL £,

node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

HEIDHE/ — ROT7) 3 XL4%1E, cart, chaid, quest, c50, logreg. decisionlist, bayesnet,
discriminant, svm XU knn TT,

HEEUE , — RO 7L T A L4410, cart, chaid, neuralnetwork, genlin, svm, regression, linear &
O knn TY,

HEIZ AKX — - 7 —=KRDO7)IV XLk, twostep, k-means, B K kohonen T,
TRRTF 4=k, ETNVITV AL = FOEOIIXELINTWEIEETT,

VA RREDAZFHEEZELTNITY XL - 7037 1 =k, RO LS IZ—FBFHFTHOHELD D X
ER

node.setKeyedPropertyValue("logreg", "tolerance", "1.0E-5")

WD E S, EEOEZ TaRTF 4 =28 YTHrI s TEXT,

node.setKeyedPropertyValue("decisionlist", "search_direction", ["Up", "Down"])

REDT NIV XLDMADESR), Eshz21 025121, RO LSI1IZLET,
node.setPropertyValue("chaid", True)
W AEOE/ — R CHEDOT VI XA - A7V a UHBMEHTRE TR WEES, £ I3E0HE Tldz <.

1 DOMEZITERIBETED L EiF, BEOHET/ —FIZT7 278 AT2LEEHUHIRA, A7) T MIH
HHINET,

autoclusternode 7’O/35 1 —

HEIZ 5 A&— - ) —Fix, AEORMEZE 2L a— ROV -T2 52075 280 v
@? T ®TNEHREL, WEUES, /— NIhoBEE T VIER S — N R U & 5 IZ8E
& L. BEOMAEDEDA TS 2 Y 2 H DT FUEROEG CRIETE £ 3, TFE, 2
FAR— - BETFNVOERAMEZ 74 VR )V ITBEOT VI T BRI L T
BU, FED7 + — )V NOEEFIZE DOV THEZREL £,

1l

node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking measure", "Silhouette")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_silhouette_Timit", True)
node.setPropertyValue("silhouette Timit", 5)
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3+ 112. autoclusternode 7 HIXF 4 —

autoclusternode W /37 1 —

fil

TaRT 1 — DA

evaluation

field

Fr DA, BEEOMEFETSEZT =R
EHALUET, £ ENEF T AK—
M7 14—V ROMEZEKBITBHh, ENZ
ERHEIZETANIDT 4=V RETHITS
NEBNT B7-DIZMHHATAEIENTEE
ER

ranking_measure

SiThouette
Num_clusters
Size_smallest_cluster
Size_largest_cluster
Smallest_to_Tlargest

Importance
ranking_dataset Training

Test
summary_limit integer VR—MI—ETHETILVOH, 1 & 100

DD ZREL £,

enable_silhouette_limit flag
silhouette_limit integer 0 & 100 OEDEHKTT,
enable_number_Tess_limit flag
number_Tless_limit number 0.0 & 1.0 DREDFEL,
enable_number_greater_Timit flag
number_greater_limit number 1 U ED#EE,
enable_smallest_cluster_limit flag
smallest_cluster_units Percentage

Counts
smallest_cluster_limit_percentage | number
smallest_cluster_limit_count integer 1 L EDEE,
enable_largest cluster_limit flag
largest_cluster_units Percentage

Counts
largest_cluster_Timit_percentage |number
largest_cluster_Timit_count integer
enable_smallest_Targest Timit flag
smallest_largest_limit number
enable_importance_limit flag
importance_limit_condition Greater_than

Less_than
importance_limit_greater_than number 0 & 100 OREDOEETT,
importance_limit_less_than number 0 & 100 OEDOEETT,
<algorithm> flag D7 VIV XLOMEHAOER, Hsh%

WoEx£d,
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% 112. autoclusternode 7037 4 — (fi &)

autoclusternode 71 /8F 1 —

f

TaNRT 1 — D

<algorithm>.<property>

string

BEOTILITY ZLDTaNT ¢ —fH%
FLUET, #FLLIE. by o195 =]

DD I7NIT) XL - 707 1 —DH]

B e 2mLT<EE,

autonumericnode 7’'O/85 1 —

o HEEUE ) — F Tl 20X FIERAELEMAL, T 2 BETHOMERZROTET
\ 4 NEHEUBKLET, 20/ — N ABNE — ReEUGETEHEL, 1 HOETFIE
‘.' RDNRAT, BROMAELEDA TV a Vv EMALRT TIVIY XALEEINTLZ LN TE
9, FHTEE7 LI ALIZE, =2—F)b - 2y T —2, C&R Tree. CHAID, #i%l
EE, — A LRBIEE, PR—F - RZ ML - Yy (SVM) BEENTVWET, EFIVI,

FHE, TS —, FRREHINEZEROBICE S W TR TE £ T,

1l

node = stream.create("autonumeric", "My node")
node.setPropertyValue("ranking measure", "Correlation")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_correlation_Timit", True)
node.setPropertyValue("correlation Timit", 0.8)

node.setPropertyValue("calculate variable_importance", True)
node.setPropertyValue("neuralnetwork", True)
node.setPropertyValue("chaid", False)

# 113. autonumericnode 7T INT 4 —

autonumericnode 7T /NT 1 — fi#l Ta8TF £ — DI

custom_fields flag H (True) DG, T — 2B — FFED
ROVIZHAR L - 71—V RELEIEA
INES,

target field HEEE ) — Rk 1 20K 71—V KRB
FO 1 DBEDANT 4 =V REMEHAL F
T, HAT A -V RBLOEHT « —IL K
LIET LI TEET, FLE b
Yy o[ 187 R=I D T—gi7E TV IERK]
[/ —Fo7u 71 —] EsRLT7ZE
W,

inputs [fieldl ... field2]

partition field

use_frequency flag

frequency_field field

use_weight flag

weight_field field

use_partitioned_data flag T—RREFT 4 =V REPERINTVWEY

B, BT — RO T L ORI
INET,
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# 113. autonumericnode 7N T 4 — (fi )

autonumericnode W /3T 1 — 1 Fa8TF £ — D
ranking_measure Correlation
NumberOfFields
ranking_dataset Test
Training

number_of models integer ETN - FTY MIEENBZET VO, 1
& 100D OB ZHREL X7,

calculate_variable_importance flag

enable_correlation_limit flag

correlation_limit integer

enable_number_of_fields_Timit flag

number_of_fields_limit integer

enable_relative_error_limit flag

relative_error_limit integer

enable_model_build_time_limit flag

model_build_time_Timit integer

enable_stop_after_time_Timit flag

stop_after_time_Timit integer

stop_if_valid_model flag

<algorithm> flag KD 7 LT X LDMEHOER, 1%
TR EI,

<algorithm>.<property> string BED7 LI XLDTaNT 4 —(tzk
ELUET, LR by 2[195 =
DD T7)VTY) XL - TanTF 1 —DK
[€] oL T ZEw,

bayesnetnode 7'O/37 4 —

Pon RAZX - Fxy bT=2 - J=FEMHTZ L, BHIShZERS L ORI N2 EHRE FEEO
oY) HIa flatrbe s 2 L2k > THEREF LR L, REOREEMITE T, /— FiZ
. FIZHBITHAIND Tree Augmented Naive Bayes (TAN) ¥ &' Markov Blanket v

P =2 IZERELNTTVWEY,

il

node = stream.create("bayesnet", "My node")
node.setPropertyValue("continue_training_existing_model", True)
node.setPropertyValue("structure_type", "MarkovBlanket")
node.setPropertyValue("use feature selection", True)

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("independence", "Pearson")
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# 114. bayesnetnode 7T /NT 1 —

bayesnetnode 7'H /8T 1 —

fi&

TaNT 4 — D

inputs

[field1 ... fieldN]

RAZX -2y bT—=2 - EFNIFHE—D
HE7 =NV RKBLT 1 2B EDOAK T
=)V NEMEALEYT, #@iE7—IL N
BHEBMIZ X ET, FHLIE b

Yy 2187 R=Y D T—iH72E 7 ILIH
%/ —Fo7o5F1—JlEsRLTL
723\,

continue_training_existing_model flag
structure_type TAN Bayesian v M7 — 2 ZHEHERHZEH S
MarkovBlanket SHEEEERLU XY,
use_feature_selection flag
parameter_learning_method Likelihood BOMEPRBEI NG /) — NEDOLMA &
Bayes WRT—TNEWHET Z72DIZHNE S
HafEL 7,
mode Expert
Simple
missing_values flag
all_probabilities flag
independence Likelihood 2 DOEHDRT QBN E HANTHAL
Pearson LTWENE DD &FHET 27212 v
LR ERELET,
significance_level number MNIEZ WS 5 720D EE%ZEE L
£7,
maximal_conditioning_set number VAL A b R aPE L R PN

EHRELEY,

inputs_always_selected

[field1 ... fieldN]

RAX 32w NI —=IREERIZT -2k
Y RNDEDT 4 =)V KEFIZHEHT S H
ERELET.

R T 4 -V RESTENEINE
ERS

maximum_number_inputs number RAZX - 2y b7 —IHEETHET S A
74—V ROBRKEEHFELET,

calculate_variable_importance flag

calculate_raw_propensities flag

calculate_adjusted_propensities flag

adjusted_propensity partition Test

Validation
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buildr 7’O0/857 4 —

R W) — N2 (i35 &, IBM SPSS Modeler /&R
'j.R."’ ENTVBEFAMERBLVOETIN - 227V V7 % %7
/ TEEDOHAZLD R A2 ) P2 ANTEET,

1

node = stream.create("buildr", "My node")

node.setPropertyValue("score_syntax",

result<-predict(modelerModel,newdata=modelerData)

modelerData<-chind(modelerData,result)

varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",fieldMeasure="",

fieldFormat="",fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")

% 115. buildr 7035 4 —

buildr 7H/XF 1 — i 78T 4 —DFH

build_syntax string ETIUERHAD R A7) T - v Xy o
Ao

score_syntax string ETFN - AATVVIHD R A7) T b -

VR T,

convert_flags

StringsAndDoubles
LogicalValues

TR T 4 =)V KEEMTE-DDLT
valy,

convert_datetime flag HMER 2R EN /B ADLHZ R
DHAN /LRI LIS 2720DA T 3
:/o

convert_datetime_class POSIXct HNEA & I HA /LR DO ZEHD 5

POSIXTt b, EOWADLEL & LW %0 & fRET

57-0DF T ay,

convert_missing flag RIEfEE R O NA (HIZEHT 2720DF 7
vav,

output_html flag RETN - FTY NDRTZT T 7 %FR
T5-0DF T a,

output_text flag REFN-FTFYMDODRTIZR IV =)

DFFAMNEESALGZDOL T 2
Vo

c50node 7’O0/85F 4 —

C50 /—FRliF. T4¥Vay - V)= )—) -y hOYEo5ha2EHELET, ZOETFIL
A . &L AL TRADHROMEE 75T 7 1 =L FILESWTH Y T EHELET, 8
3.0 §74— LRI, BTV —TRINIERD A, EEONEE 2 DYDY T F L — TSIz

DETEET,

il
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node = stream.create("c50", "My node")

# "Model" tab

node.setPropertyValue("use_model name", False)
node.setPropertyValue("model_name", "C5 Drug")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("output_type", "DecisionTree")

node.setPropertyValue("use xval", True)
node.setPropertyValue("xval_num_folds", 3)
node.setPropertyValue("mode", "Expert")

node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child records", 3)

# "Costs" tab

node.setPropertyValue("use costs", True)

node.setPropertyValue("costs", [["drugA", "drugX", 2]1)

# 116. c50node 708 F 1 —

c50node 71 /%5 ¢ —

fi

ZaNF 4 — D

target

field

C50 ETNVIFHE—DHR7 1+ —IVRELOD
1 D2 EDOAHNZ7 4+ =V REHHLET,
BAZ74—IVFHEETEET, FHLLS
i, bEv[187 R—=TD T—RHZE T
Uik —Fo7a 54— ezl T
{7Z&EW,

output_type

DecisionTree

RuleSet
group_symbolics flag
use_boost flag
boost_num_trials number
use_xval flag
xval _num_folds number
mode Simple
Expert
favor Accuracy K (Accuracy) 7z —M{k (Generality)

Generality

%8R,

expected_noise number
min_child_records number
pruning_severity number
use_costs flag
costs structured IhidMgfkE iz 7a 71+ —T7,
use_winnowing flag
use_global pruning flag T 7 ANV N TIEA Y (True),
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test
Validation
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carmanode 7'O/8F 4 —

o~ CARMA EF VX, ANELZRRR 74—V REZRELELSTE, T—Z156)L—DEy b

&8 AL £ T, Apriori & IKAMNIZ, CARMA / — KTIE, HHEAMYH— b7 T
o V=)l - R — b AiREMLEROMADYR— ) 285 UEBEOREHNAEET
T, ZHIE EREINL L EIEIERT IV —2 a v CIERTEA I L 2 EKL £
T, B, ZOKRIEY — A GE T 2TEE 2 KR L 5, MY — YA (i

ZfF) DVANEFARDZENTEET,

il

node = stream.create("carma", "My node")

# "Fields" tab

node.setPropertyValue("custom _fields", True)

node.setPropertyValue("use_transactional _data", True)

node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model name", False)
node.setPropertyValue("model_name", "age bp drug")
node.setPropertyValue("use partitioned data", False)

node.setPropertyValue("min_supp", 10.0)
node.setPropertyValue("min_conf", 30.0)
node.setPropertyValue("max_size", 5)

# Expert Options

node.setPropertyValue("mode", "Expert")

node.setPropertyValue("use pruning", True)
node.setPropertyValue("pruning value", 300)
node.setPropertyValue("vary_support", True)

node.setPropertyValue("estimated transactions", 30)
node.setPropertyValue("rules_without_antecedents", True)

% 117. carmanode 7V IXT 1 —

carmanode 71 /NF ¢ —

fil

TaNRT 1 — D

inputs [field1 ... fieldn] CARMA ETNVIEHRT7 4+ =)L FTRL,
AT 4—=NVRDYAM%FHLET, E
AT 4=V REXCERT « =V N idfHA
LEtA, LK MY 7187 R—
VD TR ETIVEE — RO 7N
[F1 -zl c<EZI N,

id_field field EFNMERD ID 74—V K& UTHAT
574 =K,

contiguous flag ID 74— F®D ID MEfET 205 0%
fBRELXY,

use_transactional_data flag

content_field field

min_supp number(percent) AR FEFH (Y R — ) TR, =L
FEPCBEL £ 9, 77 4V MAIK 20% T
ERS

min_conf number(percent) 77 4V MEE 20% TT,

max_size number 77 4V MEX 10 TT,
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£ 117. carmanode 7ONTF 4 — (%)

carmanode W37 1 — fili TaRT 1 — DI
mode Simple T 7 4 M& Simple T,
Expert
exclude multiple flag EERORERE” OV —LVEBALET, T
7 4V & False TY,
use_pruning flag T 74 & False T,
pruning_value number 74V Mi& 500 TT,
vary_support flag
estimated_transactions integer
rules_without_antecedents flag

cartnode 7’ O0/X5F7 4 —

- C&R Tree (DEEEEFY ) —) /=R, Ta¥Vary - VU—&AEKL, FEOBRIEEZ T

AT WMEZBIHETELEISIILET, ZOHERERNZT - XX 2MHALTEE L I—- N2
BEDOE T AV MIAEIL, EAT Y TTARMEEZB/NBIZIIZET, YY) =D/ — 28 THi
Bl THREEZONDZDIE, /—RFZHBET75—AD 100% 7. {RT 14—V RO H 5EE
DOHTF ) —IZHHEINBHETT, AR T4 =V RBITCANT 1« =)V Nid, BUEHPH % 72
EATI)— (BB EF, 750) WMEHRTEET, IRTONME 2 HETT 2 2
DY T ZIN—TDH),

1l

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])
# "Build Options" tab, "Objective" panel
node.setPropertyValue("model _output type", "InteractiveBuilder")
node.setPropertyValue("use_tree_directives", True)
node.setPropertyValue("tree_directives", """Grow Node Index 0 Children 1 2
Grow Node Index 2 Children 3 4""")

# "Build Options" tab, "Basics" panel
node.setPropertyValue("prune_tree", False)
node.setPropertyValue("use_std_err_rule", True)
node.setPropertyValue("std_err_multiplier", 3.0)
node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use percentage", True)
node.setPropertyValue("min_parent records pc", 5)
node.setPropertyValue("min_child_records_pc", 3)

# "Build Options" tab, "Advanced" panel
node.setPropertyValue("min_impurity", 0.0003)
node.setPropertyValue("impurity measure", "Twoing")

# "Model Options" tab

node.setPropertyValue("use_model name", True)
node.setPropertyValue("model_name", "Cart Drug")
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#* 118. cartnode 7V INT 4 —

cartnode 7H T 1 — 1 TH AT 4 — DI
target field C&R Tree ET VL 1 DOMEKET 1 —)L K
BLU 1 D2BEDAN T 4 =V NEMHAL
9, ERT7 4 —)VFLIBECTE LY, it
ULLIE, bEY 2187 "=V T—fkif7]
EFVER —Fo7u x5+ —1 3k
LTL7EIN,
continue_training_existing_model |flag
objective Standard psm IZIEFIZREVWT =Xy MIFHEAZ
Boosting ., Server DRV BETT,
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree_directives string V) —DEEDODT 1 V7T 47 (X)
ERELET, T4LV2T7147 (N) ik K
T8I AR O T AT — TR % [ 5 72
WIZ, ZHOFAFTHL I A TE X
T, TALVIT 4TI, TXPETIVY
YT X TV a v DU EEITRTET B
7, DT — 2y MU Tt
TEEEA
use_max_depth Default
Custom
max_depth integer BRVY =S 0 25
1000), use max_depth = Custom DHFEHIZD
AMEML ET,
prune_tree flag A—=N=T 4w bLEBEVWESIZY ) —%H]
ELUET,
use_std_err flag VA2 BT 5 mAE (BEERRE) 2L
9,
std_err_multiplier number BRFE,
max_surrogates number B ARAREEZE R,
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured Mg 7 e 1 —,
priors Data
Equal
Custom
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% 118. cartnode 7HNTF 4 — (fi¥)

cartnode 7H /8T 1 — 1 TH AT 4 — DI
custom_priors structured &L 7T a R T 1 —,
adjust_priors flag
trails number T—ANEZEANTODIAVE-—F V- E
TIVEL,
set_ensemble_method Voting AT IV —HIRRO T 7 V MESGIL—
HighestProbability IS
HighestMeanProbability
range_ensemble_method Mean HEEDSRD T 7 4V MEE IV —IL,
Median
large_boost flag FZRERT =Ry NOT—AT 1V
ZEHLET,
min_impurity number
impurity_measure Gini
Twoing
Ordered
train_pct number F—=nN=7 1y btk y b,
set_random_seed flag FEREHBA TV a v,
seed number
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test
Validation

chaidnode 7’0O0/X5F 1 —

CHAID / —R@ET 4> Var - VY —2ERL, B RhEEHMEZ M U TRl a0 # %
A0 BILET. C&R VU —# LT QUEST / — R E3i>T, CHAID W, 3 2 HIEY U —% K

S CEEF. ThE HENEN 3 MU LEDT S F AR L REIRL EF, HET 1 —L K
BEOANT7 1=V Nk, BUEHIPH (EGRLD) 72k 7TV —2 7% 0 9, Exhaustive
CHAID & CHAID DEIEMT, WREMEOH 2 NE TR TEFRLZ LT, LD IWVWIEREE
SNFTH, HEREEELRDET,

1l

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node = stream.createAt("chaid", "My node", 200, 100)
stream.link(filenode, node)

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")

node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "CHAID")
node.setPropertyValue("method", "Chaid")
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node

.setPropertyValue("model output_type", "InteractiveBuilder")
node.
node.
node.
node.
node.
node.

setPropertyValue("use_tree_directives", True)
setPropertyValue("tree_directives", "Test")
setPropertyValue("split_alpha", 0.03)
setPropertyValue("merge_alpha", 0.04)
setPropertyValue("chi_square", "Pearson")
setPropertyValue("use_percentage", False)

node.setPropertyValue("min_parent_records_abs", 40)
node.setPropertyValue("min_child_records_abs", 30)
node.setPropertyValue("epsilon", 0.003)
node.setPropertyValue("max_iterations", 75)

node.
node.

setPropertyValue("split_merged categories", True)
setPropertyValue("bonferroni_adjustment", True)

# 119. chaidnode 7087 1 —

chaidnode 7T /%5 1 — il Tu T 4 — D
target field CHAID €T I)VIEHE—DRHRT7 41—V EB
KO 1 DB EDANT 1 =V FEMEHL E
T BT 4 —VRBIETEET, FEL
ik, PEw I 187 R=V D [—f§i) 7% €|
[FfEsk ) — Fo7a 54— [ezEL
TLEZW,
continue_training_existing_model |flag
objective Standard psm FFEHIZKREVWT =Xty MIHE
Boosting ., Server DER{VBETT,
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree_directives string
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth integer BRYY =S 0 25
1000), use max_depth = Custom DEEIZD
AMEAL XTI,
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured Mg 7 e T 1 —,
trails number T—ANEHEANTOAVER—F V- E
TIVEL,
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# 119. chaidnode 7RXT 4 — (%)

chaidnode 71 /%7 1 — fili TaRT 1 — DI
set_ensemble method Voting AT IV —HINRDOT 7 4V MEGIL—
HighestProbability 17N
HighestMeanProbability
range_ensemble_method Mean ARG R DT 7 4 MEGIL—IV,
Median
large_boost flag FZRERT -2y NOT—AF 1V
ZHEAL XY,
split_alpha number EIDH K
merge_alpha number fEE DAY,
bonferroni_adjustment flag Bonferroni AV v R & {{ifH U CHEMERMA
Z I,
split_merged_categories flag Y=Y UAT IV —OHELEI%HF,
chi_square Pearson AA 2 FRFOFHFICMHI NG HE
LR (Pearson ¥ 7z IX )
epsilon number HIfs X 3 IV EBO RN,
max_iterations number IR D 72 8 D e K R AE 115
set_random_seed integer
seed number
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test
Validation
maximum_number_of_models integer

coxregnode 7'O0/\7 1 —

P Cox Mg/ — NEMHATH L, fIHYD L I—NOFEEF TSNV b ETORHEOT—XD%E
( % HEFLVABELET, X0 MHROARY MBANBROEEDHETEEOIE () 12

FEd HlfER 2 FIT B EFBBEFRL 7,

1l

node = stream.create("coxreg", "My node")
node.setPropertyValue("survival_time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal criterion", "Conditional")
node.setPropertyValue("survival", True)

13 = ETFIMER S —RFo7ar+— 207



# 120. coxregnode T W INT 14 —

coxregnode 7' H/%F 1 — fiEl 7TaxNT 1+ —DHH
survival_time field CoxHll#ET VX £FRMOHZ 1 DD
74—V FEMHERLET,
target field Cox [EIFETIVIE 1 DDOHHRT 4 —I K
BLO 1 DB EDAL T« —)V R E{HH
LEd. #L<E by [187 <
o T—fisETNVER/ — RO 70|
PFr—iEsmLTEsw,
method Enter
Stepwise
BackwardsStepwise
groups field
model_type MainEffects
Custom
custom_terms ["BP*Sex" "BP*Age"]
mode Expert
Simple
max_iterations number
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
removal_criterion LR
Wald
Conditional
probability_entry number
probability removal number
output_display EachStep
LastStep
ci_enable flag
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# 120. coxregnode 70T 1 — (i &)

coxregnode 7N F 4 — I THAT 1 — DT
ci_value 90
95
99
correlation flag
display_baseline flag
survival flag
hazard flag
log_minus_log flag
one_minus_survival flag
separate_line field
value number®l F 7213 string T4 =)L Rz U CTEDOIEEN N
G, TI7HND - ATV avD [Mean)
ZD7 14— VRTHHALET,

decisionlistnode 70O/857 1 —

P Ta4yYar - YUAL -/ —RNE BREFICEET 252507 2 HORROE WS U < I3
?, WRIE R BT TSN TE e S A Y N R ST, I MNB TR DS

L RF ¥y U R—VIZIFEMIZEZ 2 THREODH 2R EHETIENTEE T, FERD 2B
JIL., $EHRZ KT 272D MOET L EBRTERET LI EICL T, EVRRIZEAT2H
BEETNCBATEIENTEES, T4V Var - UAb - EFVE, L—ILDY X R
SIER I N, B — IR ERPEENET, V- VFEZICHEH SN, —T 250
DIV—IVT, FERPPFED ET,

1l

node = stream.create("decisionlist", "My node")
node.setPropertyValue("search_direction", "Down")
node.setPropertyValue("target _value", 1)
node.setPropertyValue("max_rules", 4)
node.setPropertyValue("min_group_size pct", 15)

# 121. decisionlistnode 7 W INT 4 —

decisionlistnode 7'/ %5 1 — fill a5 1 —D I

target field TAvYVay VAR ETNVE 1 DOK
£74—LVRBLT 1 2BEDANT 14—
WRZEMHEALET, BT« — IV FBIEE
TEFET, FHUIE MY 187 R—
DD {7 E T IVIER ./ — KD 7 aN
T4 ) ESRLTIEZIWN,

model_output_type Model
InteractiveBuilder

search_direction Up LI RA Y hOMBIZEEL £9, Up &,
Down FHWEROME, Down IHEWIER DR
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% 121. decisionlistnode 7037 4 — (fe &)

decisionlistnode 7' 11/37 1 — i TUNT 4 — D
target_value string BELRWESEIE. 77 7 ITIEEOMEAE
EINET,
max_rules integer BOERINT DT AV hOERARE
min_group_size integer BN AN -4 X
min_group_size pct number BN AN - AL =k hEL
)
confidence Tevel number LAV NERITENT 37201253 bUL
T BRDIC, FEDREE [ LT 27
A7 4 =V BRI/ U E WM E,
max_segments_per_rule integer
mode Simple
Expert
bin_method EqualWidth
EqualCount
bin_count number
max_models_per cycle integer U 2 b DRI,
max_rules_per_cycle integer YAV V=)V DOKREEIE,
segment_growth number
include_missing flag
final_results_only flag
reuse_fields flag B OV —IWZERRINE AT 4 —ILR)
DEFEHZFFTL X9,
max_alternatives integer
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity _partition Test
Validation
discriminantnode 7'O0/XF 4 —
- HHIAIZ L 2T, BYAT 4 v 7R L D B LK ZLTH I EATEETH. IhoD
\ il / AL 75 G, OV RT 1 v Z RN T B4 B D 5 VIR TR D £7,

1

node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("method", "Stepwise")
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* 122. discriminantnode 703 4 —

discriminantnode Z'11/%F ¢ — fil TaNRT 1 —D i
target field HRIDH ETVIEHR—DNR7 4 —ILFE
XU 1 2BEDAN 7 4 =)V R ZMHL £
T, HATZ A —IVRBLOERT7 + —V K
BEALEEA. LR by
187 X—Y D [— i E T IVIERE/ — K|
DT7UNT 4 —] EBRLTIEZIW,
method Enter
Stepwise
mode Simple
Expert
prior_probabilities AllEqual
ComputeFromSizes
covariance_matrix WithinGroups
SeparateGroups
means flag [FEML D) X0 7us - Ry 7 204G
FTav
univariate_anovas flag
box_m flag
within_group_covariance flag
within_groups_correlation flag
separate_groups_covariance flag
total_covariance flag
fishers flag
unstandardized flag
casewise_results flag FEM ) X0 7us - Ry 7 Z0HiE
b
Timit_to_first number T 7 4V ML 10 T,
summary_table flag
leave_one_classification flag
combined_groups flag
separate_groups_covariance flag TN — TRIFLS AT A TV 3 v
territorial_map flag
combined_groups flag fa N —THAERA T a v
separate_groups flag ZN— THBAERA T 2 v
summary_of_steps flag
F_pairwise flag
stepwise_method WilksLambda
UnexplainedVariance
MahalanobisDistance
SmallestF
RaosV
V_to_enter number
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# 122. discriminantnode 7 AT 4 — (Fi &)

Validation

discriminantnode 70/ %5 1 — fill a5 1 —D i
criteria UseValue

UseProbability
F_value_entry number T 7 4V MElZ 384 TY,
F_value_removal number T 7 &) MElk 271 T,
probability _entry number F 7 4 )V MEIX 0.05 TT,
probability_removal number 7 7 %)V MElk 010 T,
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test

extensionmodelnode 7’O/85F 1 —

3%

Python for Spark D5l

#### script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

WERET IV - /—FEHTLE, R A2V T bR
Python for spark A2V 7 b %FF7L T, #EROMERS
FOCRAITV Y INTEET,

node = stream.create("extension build", "extension_build")
node.setPropertyValue("syntax_type", "Python")

build_script = """
import json
import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.ml1ib.linalg import DenseVector
from pyspark.mllib.tree import DecisionTree

cxt = spss.pyspark.runtime.getContext()

df = cxt.getSparkInputData()
schema = df.dtypes[:]

target = "Drug"

predictors = ["Age","BP","Sex","Cholesterol","Na","K"]

def metaMap (row,schema):
col =0
meta = []

for (cname, ctype) in schema:

if ctype == 'string':

meta.append(set([row[col]]))

else:

meta.append((row[col],row[col]))

col +=1
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return meta

def metaReduce(metal,meta2,schema):
col =0
meta = []
for (cname, ctype) in schema:
if ctype == 'string':
meta.append(metal[col].union(meta2[col]))
else:

meta.append((min(metal[col][0] ,meta2[co1][0]),max(metal[col][1],meta2[col][1])))

col += 1
return meta

metadata = df.rdd.map(lambda row: metaMap(row,schema)).reduce(lambda x,y:metaReduce(x,y,schema))

def setTolList(v):
if isinstance(v,set):
return Tist(v)
return v

metadata = map(lambda x: setTolList(x), metadata)
print metadata

Tookup = {}
for i in range(0,len(schema)):
Tookup[schema[i][0]] = i

def row2LabeledPoint(dm,lookup,target,predictors,row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictors:
predictor_index = Tookup[predictor]
if isinstance(dm[predictor_index],list):
pval = dm[predictor_index].index(row[predictor_index])
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval,DenseVector(pvals))

# count number of target classes
predictorClassCount = len(metadata[lookup[target]])

# define function to extract categorical predictor information from datamodel
def getCategoricalFeaturelInfo(dm,lookup,predictors):
info = {}
for i in range(0,len(predictors)):
predictor = predictors[i]
predictor_index = Tookup[predictor]
if isinstance(dm[predictor_index],list):
info[i] = Ten(dm[predictor_index])
return info

# convert dataframe to an RDD containing LabeledPoint
1ps = df.rdd.map(Tambda row: row2LabeledPoint(metadata,lookup,target,predictors,row))

treeModel = DecisionTree.trainClassifier(
1ps,
numClasses=predictorClassCount,
categoricalFeaturesInfo=getCategoricalFeatureInfo(metadata, lookup, predictors),
impurity="'gini',
maxDepth=5,
maxBins=100)

_outputPath = cxt.createTemporaryFolder()
treeModel.save(cxt.getSparkContext(), _outputPath)
cxt.setModelContentFromPath("TreeModel", _outputPath)
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cxt.setModelContentFromString("model.dm", json.dumps (metadata), mimeType="application/json")¥
.setModelContentFromString("model.structure",treeModel.toDebugString())

node.setPropertyValue("python_build_syntax", build_script)

R DAl

#### script example for R
node.setPropertyValue("syntax_type", "R")
node.setPropertyValue("r_build_syntax", """
modelerDataModel

modelerModel

nn II)

3 123. extensionmodelnode 7 0 INT 1

modelerModel <- Tm(modelerData$Na~modelerData$K,modelerData)

extensionmodelnode 7 H /S fill TaRTF 1 — DI
syntax_type R R £7z1% Python DEHLDAZ Y T %
Python EHFTHPEELET R AT 74T
‘j-)o
r_build_syntax string ETMERHAD R A7V T - Ry
Ao
r_score_syntax string ETN - RATYVYITHDO R A2 YT b -
VURY T A,
python_build_syntax string ETIERAD Python A2V Tk - v
Ry T A,
python_score_syntax string EFTN - 237V Y IHD Python A2 Y
Th VRV IZ,
convert_flags StringsAndDoubles TR T 4=V KEEMT LD T
LogicalValues VENA
convert_missing flag R{EMEZ R O NA [HIZEBT 2720047
valr,
convert_datetime flag HMNEA L2 HA /LB ADLEZ R
DHN /LR RIZE# T 272D DA T a
:/o
convert_datetime class POSIXct HNTER & 723 HAN /IR RO LB D 5
POSIX1t b, CORADLEK e LM 20 e RET
B57bDF T ay,
output_html flag RETIN - FT Y bDRTNTTT 7 %ER
T272D0F T ay,
output_text flag RETIN-FTYIFDRXTIZR avyY—)
DTHFANMNEHERAL DDA TV 2
o
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factornode 7’O/8F 1 —

. T — Rzt 57— X OBMENE 2 BT 38005 F — X MRFED 2 s 0 £, *
§+ BT (PCA) : ASIT 4 — b KOMEREAITRILENET, BAVENCEET 3 (Hf1
%0 3B) WA, 74— Dty N kOSIERIET 301 b 25, EENE - —

DB T « —b RINOHRE S 2 — > & BT 2 AR TS NET, ©boDOFETS,

D7 14— K -y bOEREDRINEN T 2DEDOIRE T 1 — )V NOBRHAEHETT,

1l

node = stream.create("factor", "My node")

# "Fields" tab

node.setPropertyValue("custom _fields", True)
node.setPropertyValue("inputs", ["BP", "Na", "K"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Factor_ Age")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("method", "GLS")

# Expert options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_records", True)
node.setPropertyValue("matrix", "Covariance")
node.setPropertyValue("max_iterations", 30)
node.setPropertyValue("extract factors", "ByFactors")
node.setPropertyValue("min_eigenvalue", 3.0)
node.setPropertyValue("max_factor", 7)
node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

# "Rotation" section

node.setPropertyValue("rotation", "DirectOblimin")
node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

# 124. factornode TVTINT 4 —

factornode 70 /XF ¢ — il 07 1 —DOH
inputs [field1 ... fieldN] ERA /N TFETIVIEHRT 1 =V R T
L ANT74— VROV AMNEMHEAL &
T, BAT7A—IVNBIUTER7 1 —L K
BEALEEA. FHLIE. by
187 X—=Y D [—fiN7RE T IVIERE/ — K|
DT7ENRT 14— EBRUTLIEI N,
method PC
ULS
GLS
ML
PAF
Alpha (77 7)
Image
mode Simple (B&fl)
Expert
max_iterations number
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# 124. factornode 7HNT 4 — (&)

factornode 7'11/%7 ¢ — fill TURT 1 — DI
complete_records flag
matrix Correlation
Covariance (H4£8)
extract_factors ByEigenvalues
ByFactors
min_eigenvalue number
max_factor number
rotation None
Varimax
DirectOblimin
Equamax
Quartimax
Promax
delta number rotation T DirectOblimin % ER L 723
&, delta DIEZIBETE 5,
lxHEELRWEEIX delta DT 7 4L
M % .,
kappa number rotation T Promax % #INU 7254, kappa
DEEHETE 5,
fEZEE L RWEEIE, kappa DT 7+ L
i % 5 A
sort_values flag
hide_values flag
hide_beTow number

featureselectionnode 7O/3F 1 —

il

node

node.
node.
node.
node.

node

node

216

i\
5],

T4 =V RER ) —FT, (REMHEOEEKRED)
—= v UTHIBIZOT, B LZHEICHYNZEDDANT7 + —VROEEE R 5 v 7}

FHREIZHEOWT A7 —IVKEAZY

FULET, #l2E, BEOBHEMNAN 71—V RE2ELT X2y "D B2 LT, E&ETHE

DEFY VATIZENIBIZSTODTL & 52

= stream.create("featureselection", "My node")
setPropertyValue("screen_single category", True)
setPropertyValue("max_single category", 95)
setPropertyValue("screen missing values", True)
setPropertyValue("max_missing values", 80)

.setPropertyValue("criteria", "Likelihood")
node.
node.
node.
node.

setPropertyValue("unimportant_below", 0.8)
setPropertyValue("important_above", 0.9)
setPropertyValue("important label", "Check Me Out!")
setPropertyValue("selection_mode", "TopN")

.setPropertyValue("top_n", 15)
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ZERGEIRE TV 2R U CEA T 5 36 261013,

TINDER] SR L T XN,

F 125. featureselectionnode TN 4 —

5 R=YD T2AxR7ay 22707 +0fl ZEFER

featureselectionnode 71/ %5 1 — fiE TR T 4 — DA
target field ZRGEIE TIVIIHRENRIZBE L 72 P
W74 —VR2SVI2MIFLET, EA
74—V FBXOEET 1 —)b NIl
LEtA, #LLIZ, by y[187 <
=0 TR ETIVER — KD T
(08T 4 — ] EBRLTIZEW,
screen_single category flag True DEE, ML I — FBUZHARE U A
T3 —ZE L koL a—NER
D74 REENLET,
max_single_category number screen_single_category #% True DBH
SN ABMEEZEEL £,
screen_missing_values flag True DEE. L IaA— FORBD -k
FTEFTLI-NIcRBET, £7F
BRIEMET7 + =V KEAZ Y —=v T
(GEH) LET,
max_missing_values number
screen_num_categories flag True DG, L a— POz LTS
TELNTITY WS THNT, 7+
—WVREAZ) ==y s GER) LET.
max_num_categories number
screen_std_dev flag True DG, HE I Nz B/MEBLUT O
WHAT, 74— NVFRE2AZY)—=V
GEH) LET,
min_std_dev number
screen_coeff_of var flag True DG, BEINH/MEMLTD5S
BT, 74—V REAZY—=
(G#ERl) LET,
min_coeff_of_var number
criteria Pearson AT IV —=H/GUTHT B 0T TV —FH
Likelihood BT v 70 L &Iz, BERHELE
CramersV KT IHERMEEEL £7,
Lambda
unimportant_below number HE, R, FERELULTERET VS
T2 SIBHINDHME p 218E
LEF. 00 25 1.0 DEZHEEL £
ER
important_above number 00 25 1.0 ODEEZFEEL £,
unimportant_label string FEEIT L IDITNVERELET,
marginal_Tlabel string
important_Tlabel string
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% 125. featureselectionnode 7T /NT 1 — (Hi &)

featureselectionnode 7' 1/ %7 ¢ — fiE T RF 4 — DA
selection_mode Importancelevel
ImportanceValue
TopN

select_important flag selection_mode %% Importancelevel IZ
BEINTWDE EIZ, EERT 14—
FZERTENESPEHEEL T,

select_marginal flag selection_mode %% Importancelevel IZ
BEINTWDLEIZ, BRT - R
BERT2MESPEBELET,

select_unimportant flag selection_mode %% Importancelevel IZ
REINTWD L EIT, BETHRWT 1
—VREBERNTHNE DI NEEEL £
ED

importance_value number selection_mode %% ImportanceValue IZ
BEINTWDEEIZ, HHT20EH
ERELET, 0 225 100 DEEFHEL
9,

top_n integer selection_mode %% TopN IZFXEI N TV
BT, MY B oEEEEEL &
T, 0 5 1000 DIEEFHEL 9

genlinnode 7 O/37 4 —

N AR FOUIE, HEE L7 ) > 2 BT & o TREBAEONH T8 & UL R & BRI
\ B BHES. BMHMEFVERLELAEBDOTT, ¥5ICIOEFATE, FHIEHNTHOMEE
X YHTEEY, MAER. BYAT 1 v 2R, ATV F-2IcET A0
FRME TN, T UTKIITY 0 AFEEF LAY, Mt T 7L OIS < AEhTu E

BEAHTLZ

ER

Wl

node = stream.create("genlin", "My node")
node.setPropertyValue("model_type", "MainAndA11TwoWayEffects")
node.setPropertyValue("offset type", "Variable")
node.setPropertyValue("offset_field", "Claimant")

# 126. genlinnode 7V /NT 1 —

genlinnode 7T/ %7 ¢ — fi#i TENT 4 — D

target field —MARLET VX, ABUELIEZT TS
D 1 D2OHR71+—IVREXU 1 DB
EDOAN T 4 =V RKDBBETT, EAT 1
— IV RBEETEET, FELIE MEY
71187 R=Y D N7 E FIVIER / —|
[Fo7ea x5 =] EBBLTIEXY,

use_weight flag

weight_field field 7 4 =) RO T — AT EGALZ 1T,
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# 126. genlinnode 7'W/3T 1 — (fi¥)

genlinnode 71 /%F 1 — fE TaNRT 4 —DHH
target_represents_trials flag
trials_type Variable
FixedValue
trials_field field T4 =)V ROTFT =BT Z IR & 7 13H
FHTT,
trials_number number 77 4V MEE 10 TT,
model_type MainEffects
MainAndAT1TwoWayEffects
offset_type Variable
FixedValue
offset_field field 7 4 =)V RO T — X ELFERER 72 1) T,
offset_value number FERTHLEIBENDHDFT,
base_category Last
First
include_intercept flag
mode Simple
Expert
distribution BINOMIAL IGAUSS: 777 A,
GAMMA NEGBIN: 10 2 IHZ A,
IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL
negbin_para_type Specify
Estimate
negbin_parameter number T AN MEIE 1 T, ATRVWEREED
BENDHD ET,
tweedie_parameter number
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# 126. genlinnode 7H/NT 4 — (i ¥)

genlinnode 711/ 35 1 — E TaRF 4 —DHH
Tink_function IDENTITY CLOGLOG: ffim 2" - <A1 F A - 1,
CLOGLOG LOGC: #xi%%,
LOG NEGBIN: 1D 2 JEHA A,
LOGC NLOGLOG: B u ' - <A F R -1,
LOGIT CUMCAUCHIT: ZfEI—F v b,
NEGBIN CUMCLOGLOG: RfEfHH S - <A F X - v,
NLOGLOG CUMLOGIT: BFHE T v |k,
ODDSPOWER CUMNLOGLOG: R&fE&E TS - v F R - 1,
PROBIT CUMPROBIT: 27 mtw K,
POWER
CUMCAUCHIT
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT
power number X 0 TRWVWERTHAIBENDD £,
method Hybrid
Fisher
NewtonRaphson
max_fisher_iterations number FI7 4V MEIZ 1 T, EOBEHES A

fiHTE £,

scale_method

MaxLikelihoodEstimate
Deviance
PearsonChiSquare
FixedValue

scale_value

number

FI7HIVMEIZ 1 TT, 0 2BA5M0E
BHo X7,

covariance_matrix

ModelEstimator

RobustEstimator
max_iterations number F 7 4V MBI 100 TF, 0 PAEOREKE
EMHTE XY,
max_step_halving number T 74V MEIZ 5 T, EQBEEMER TR
FHTEET,
check_separation flag
start_iteration number F7 4V MElk 20 T, EOBEUEZ
MEHATEET,
estimates_change flag
estimates_change min number 77 4 )V MElX 1E-006 T, IEQOHMHET
IAEHTEET,
estimates_change_type AbsoTlute
Relative
Toglikelihood_change flag
Toglikelihood_change min number EQOBUEZ I ERATE £,
loglikelihood_change_type Absolute
Relative
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# 126. genlinnode 7'W/3T 1 — (fi¥)

genlinnode 71 /%F 1 — fE TaNRT 4 —DHH
hessian_convergence flag
hessian_convergence min number EQMEZ I MERTE £,
hessian_convergence_type Absolute
Relative
case_summary flag
contrast_matrices flag
descriptive_statistics flag
estimable_functions flag
model_info flag
iteration_history flag
goodness_of_fit flag
print_interval number FI7ANNMERE 1 T, FOBKTHS
BERHD T,
model_summary flag
lagrange_multiplier flag
parameter_estimates flag
include_exponential flag
covariance_estimates flag
correlation_estimates flag
analysis_type Typel
Typelll
TypeIAndTypelll
statistics Wald
LR
citype Wald
Profile
tolerancelevel number 77 4V MElE 0.0001 TT,
confidence_interval number 77 4V Mk 95 T,
loglikelihood_function Full
Kernel
singularity_tolerance 1E-007
1E-008
1E-009
1E-010
1E-011
1E-012
value_order Ascending
Descending
DataOrder
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
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# 126. genlinnode 7H/NT 4 — (i ¥)

genlinnode 7T/ X7 1 —

fil

TaNT 4 — D

adjusted_propensity partition

Test
Validation

glmmnode 7'0O0/35 1 —

N —ALARELE A E TV (GLMN) (3B E TV AR U 72720, RV ERNI ML R 556
Lg BHy, wEINE) VIBEEN U THTFB S OCHREREICHPICEE L, BHPHETE S

210 £ U7z, —MALKELRE ST T VT, BAELER D &, FEER 70 QMR 7

— REROWSEMRILF LA - EFIVET, SEIEIRETIANHD 7,

% 127. glmmnode 7TWIRT 1 — :

glmmnode 7T /NF 1 — fifi TaNT 4 — D
residual_subject_spec structured BELEZAT IV -7+ =)V FOMAE
LR-IZED, T—Xy NNOYERE
BIIEBEIND I VBETT,
repeated_measures structured

NETH2BEORKEICHHINE 74—
R,

residual_group_spec

[field1 ... fieldN]

KENBELEENS A —X =D&y b
BEHET DT 1=K,

residual_covariance_type

Diagonal

AR1

ARMA11
COMPOUND_SYMMETRY
IDENTITY

TOEPLITZ
UNSTRUCTURED
VARIANCE_COMPONENTS

BaORERMEZHELET.

custom_target

flag

LD/ — R TEHRINWAREMHEHT 2
» (false) £7ziF target field IZ& o> T
BEINEZH AR LR EHHAT E0
(true) ZEHLET,

target_field field custom_target A true DAL EL LT
T 57« —V R,

use_trials flag AT FEE T S 7 ¢ — )b R XU3ME
. WRT 4 = R —EHORITVHET
LRRZTIGA XY D THLGEIMHHT 50
EIMERUVET, T74)V ML false T
‘j_o

use field or value field 74—V R E-IHMEE MU CGRITRIECE

Value HETEINESPERLET,
trials_field field AATEBOREEIMHEHAT S 7 1 — IV F,
trials_value integer AT OFRE I T S H, HET 55

A, B/MEIZ 1 TY,
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# 127. glmmnode TVNT 1 — (i &) :

glmmnode 7 H/SF ¢ — fifi TaNRT 4 —DHH]

use_custom_target reference flag HARLBRAT IV =% 7 3) —Hx
RIZHHT 2N ES & RLET, T74
U hiE false T,

target_reference_value string use_custom_target_reference % true @

GEHT 22T I —,

dist_Tink_combination

Nominal (&%)
Logit

Gammalog
BinomiallLogit
PoissonLog
BinomialProbit

HRDMED AT 2 —KET IV,
Custom %3EIRL T, target_distribution
TREINZV A Mo aMEREL £
‘j—o

NegbinLog
BinomiallogC
Custom
target_distribution Norma1 dist_link _combination %% Custom D&
Binomial DX RDIED 534,

Multinomial
Gamma (H > <)
Inverse
NegativeBinomial

Poisson (K7 YV ))

Tink_function_type Identity WG % T RMEIZBEEN 1T B Y > o B
LogC target_distribution A%
Log Binomial DA, VA RINTWD
CLOGLOG oV v oBBTEERATEET,
Logit target_distribution A%
NLOGLOG Multinomial D&,
PROBIT CLOGLOG. CAUCHIT. LOGIT,
POWER NLOGLOG. F7zi% PROBIT Z{lifHiTE %7,
CAUCHIT target_distribution A%
Binomial LSk X OF
Multinomial BASLDIGE.
IDENTITY. LOG. F7zi% POWER %ZffiflTZ
ES
Tink_function_param number T2 v 7B T A — X —fH,
normal_Tink_function F7zi%
Tink_function_type %% POWER D& DA
HBHINET,
use_predefined_inputs flag BEEMKRT + =V 2 ANT 14—V REL
TERTEZRINZT 41—V KT BH
(true) fixed effects list D7 1 =L K&
50 (false) Z2fHELET, T74) b
& false TY,
fixed effects list structured use_predefined inputs %% false DFEH.

EERNR 7 « =V RE UTHAT A7
1 —)VFZEELET,
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# 127. glmmnode 7TVNT 4 — (i &) :

offset_value
offset_field

glmmnode 711 /35 1 — fE TaNRT 1 — D

use_intercept flag true (T 7 A4 D) DFE, ETFIVICERBUA
EEAET,

random effects list structured FVRLHBREUTHET S 71—V FD
Ak,

regression_weight_field field DHDOEART 4 — VR UTHATSE 7 «
— VR,

use offset None A7ky NEEET S HEERALVET, E

None X, A7ty MBI NANWZ L%
EBRUET,

Descending
Data

offset_value number use_offset 7% offset_value DHFEL 7 &
v MY 2 4E,
offset_field field use_offset A offset field DFEA T &
v MEIZHEH T 5 1H,
target_category order Ascending ATV —BHRDY — ME, fd Data
Descending X, T—ZNOY — MNEEZFHT S L 54H
Data EFLET, T 74N M Ascending TT,
inputs_category_order Ascending Sorting order for categorical predictors. fE

Data 1. T—&XWDOY — MEEZMFHTS &
SHEELEYT, T 740V MiE Ascending T
‘j_o

max_iterations integer TN TN XL TETS NS KEDRKEIE
TY, ADBTIERWEE, 774 MA
& 100 T,
confidence_level integer T TOVEREL D DX [EIHERE D FHRUZ A 3 B FE
B, ADETIIRWER, B/MEIX
100, 77 # )V Ml 95 TY,
degrees_of_freedom method Fixed HEEMEREMREICHIEIND Hikz
Varied ELET,
test_fixed effects coeffecients |Model NIA—g—WEEBE< MY v o X %3
Robust B35 hik,
use_p_converge flag NIA=R=WHDF T a v,
p_converge number EHFEZIIMEEDIEDHE,
p_converge type Xt iE
Relative
use_1_converge flag WNERENRDO A T 3 v,
1_converge number ZEH F 72 IHMEE D IE D,
1_converge_type MaxtiE
Relative
use_h_converge flag Hessian DA T a v,
h_converge number ZEHF RO EDHE,
h_converge_type HxtiE
Relative
max_fisher_steps integer
singularity_tolerance number
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&K 127. glmmnode 7V T 4 — ($i &) :
glmmnode 7 H/SF ¢ — fifi TaNRT 4 —DHH]
use_model_name flag ETNVDAARX LA %ERT D0 (true) &
AT LR o THERI N A2 FEHT 5
» (false) 2 ELET, T 74 ML
false T,
model_name string use_model name %% true D& EiZ, AT
PETIERELET,
confidence onProbability ATV VT OREERFRT A EEE (b
onlncrease FOWFHIER, 23ESEVFHRIER S
2 FHIZE W TR & D),
score_category_probabilities flag true DG, AT IV —BEIRO T HIRERE
ZEBLUET, 774NV ME false TY,
max_categories integer score_category probabilities A% true @
LEI, MHT AT IV —DRKREE
ELET,
score_propensity flag true DEE, 74— FD ltruel DFER
DIERERT 77 7RNRT 1+ — )V KO
MA3T7 2ERLET,
emeans structure BEEMRVAMDEATITY -7 1 —)b
RIZDWT, L% AT 5 &
IMERELET,
covariance_list structure EEZRY A MDEHT IV BT 4 —)L
RIZDoWT, HERL S ZFHET 256
WEHEERMRAT 20N AR MEEMSHAT
L EEELET,
mean_scale Original NEDITLDOREIZEDNT (T 7 4B,
Transformed (Z#2) F7I3 ) v o BT B DWW THERE AL
EHEFETENE D PEREL T,
comparison_adjustment_method LSD BE DI TIRERE 2 5473 2 561 E
SEQBONFERRONI M9 %Ik,
SEQSIDAK
gle 7O/XF7 14—
A\ GLE &, WHREZIFEHRIMHG L TEL IO ICMBET IV ELERLZHDOTH D, fFEI WY v
\£/ IBBENUCHTB KOCLEREICICER L, BAHETES X5 L7, — i

- V(& RitbiEA

# 128 gle 7085 14 —

BETMTIE, BRI R S, FEEM O OMEMI T — X 200 > B~
LNFLR)L - ETILVET, SEIERETIALDY £,

gle 70357 1 —

TERT 1 — DR

custom_target

flag

LD/ — R TEZRI NN E2FHT 20
(false) E7-1% target field X > THREI N -
HARLRREMHT S0 (true) Z2EHZLE T,

13 = ETFIMER S/ —RFoTa5r+— 225



&K 128. gle 08T 4 — (i &)

gle 7035 1 — fill TanNF 1+ —DiHH
target_field field custom_target 2% true DGENHE U THHT
574 =K,
use_trials flag AATEBERES 287 « —V NXUdEZ, X
K74 =V B —HOMTVFET B2 71 R
VINTHBIGEIHEHTENE I ERLET,
T 7 A MiE false TT,
use_trials_field_or value field T4 =)V NEMEERMHEL CETRS R fEES
Value EMESIMERLET,
trials_field field AAT DI E T 57+ —IV R,
trials_value integer AATEBOREEICMHAYT 5, BEST 56, &
/IMEIX 1 TT,
use _custom_target_reference flag AARLBEAT T —% 5 3 =R RITfH
HAT22E50%RLET, 774 M false
<7,
target_reference value string use_custom_target_reference 7% true DBFE(H
32587 IY —,
dist_Tink_combination NormalIdentity SRDED AT 2 —BE T IV,
GammalLog target distribution TRftEINB IV A M o4
PoissonLog M BHS 51213 CUSTOM 2L £ 9,
NegbinLog
Tweedieldentity

NominallLogit
BinomiallLogit
BinomialProbit

BinomiallLogC
CUSTOM

target_distribution Normal dist_Tink_combination %% Custom D& DXIH
Binomial DIED 5345,

Multinomial
Gamma (H > <)
INVERSE_GAUSS
NEG_BINOMIAL
Poisson
TWEEDIE
UNKNOWN
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* 128. gle 70T 1 — (fi &)

gle 705 1 — fE TanRT 4 —DHH
Tink_function_type UNKNOWN o Gl % FRAE I BEEAT T B Y Vo BREL

IDENTITY target_distribution % Binomial ®HE. AT

LOG EHTEXT,

LOGIT UNKNOWN

PROBIT IDENTITY

COMPL_LOG_LOG LOG

POWER LOGIT

LOG_COMPL PROBIT

NEG_LOG_LOG COMPL_LOG_L0G

0DDS_POWER POWER

NEG_BINOMIAL LOG_COMPL

GEN_LOGIT NEG_LOG_LOG

CUMUL_LOGIT 0DDS_POWER

CUMUL_PROBIT
CUMUL_COMPL_LOG_LOG
CUMUL_NEG_LOG_LOG
CUMUL_CAUCHIT

target_distribution A% NEG_BINOMIAL DIFé&,
DUrzfMHTEET,

NEG_BINOMIAL

target_distribution A% UNKNOWN D&, AR %
EHTEEY,

GEN_LOGIT

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_LOG

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

link_function_param

number

T 5 Tweedie /37 A — X,
normal_Tink_function F7zi%
Tink_function_type #% POWER D& D AJHEA &
nEd,

tweedie_param

number

il 2 ) v 7BBUN T A — & —fH,
dist_link_combination %% Tweedieldentity (Z5%
EINTWAH, £72iE link_function_type 2%
TWEEDIE DL AEIZDAEHTE £,

use_predefined_inputs

flag

ETNVHIRT 4=V REANT 4=V RELTE
RCEZESINIZ T4 =L RET BN (true)

fixed _effects list D7 1 — I K& §T5Hh
(false) ZfHEL £7°,

model_effects_list

structured

use_predefined_inputs #% false DFH., EFN
WMRT 4 — NV RELUTHEATAIATI 74—V K%
REL XY,

use_intercept

flag

true (T 7 A4V 1) OFE. €T IVICERIEE G H
7,

regression_weight_field

field

PFDEAT 4 —VRELUTHHETE 74—
Ko

use_offset

None
Value

AT7%xy bafEEd 5 iEkERLUE T, fH None
I, A7y bBAFEHINLNZ EERIRL £
‘j—o
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&K 128. gle 08T 4 — (i &)

gle 7037 1 — fil TaNT 1 — D

offset_value number use offset 7% offset value DFEA 7Y M
AT 5 4HE,

offset field field use_offset A% offset field DEFESA 7w MA
IR 51,

target_category order Ascending AT IV —BROY — NE, T7 4L &

Descending

Ascending TT,

inputs_category_order Ascending Sorting order for categorical predictors. T 7 F
Descending JV M& Ascending T,
max_iterations integer TNTY ZALTEITINE RKEDOERKEIKMTT,
ADHTIRBLVEE, 774V MilX 100 TY,
confidence Tevel number T IVRE D K ORI S 2 M,
BOTIFR VIR, F/MEIX 1000 77 40 b
filild 95 T,
test_fixed effects_coeffecients |Model NIA—R—WEHLE~ M) v I A%EIHT S
TR Tk,
detect_outliers flag true DHE, TNITV ALT, ZHMZRL T
RTCDODGMHNT B8N D B NEZ ML £
j-o
conduct_trend_analysis flag true OB, TV TY XL THARO b LY K4

raeFirLEd,

estimation_method

FISHER_SCORING
NEWTON_RAPHSON
HYBRID

BAEHET VI XL %2BELET,

max_fisher iterations integer FISHER SCORING estimation_method %{#ifHL T\
S5a0., BARERE, BuMEZ 0. BKMEIZ
20 T9.,
scale_parameter method MLE A=)V NT A =R OWERIMHHT B HEEEE
FIXED LET,
DEVIANCE

PEARSON_CHISQUARE

scale_value

number

scale_parameter method 7% Fixed IZFEINT
WHGHRIZDAMHTE X,

negative binomial method MLE B O IBSGHN T A =X OB T 55
FIXED EEBELET,

negative_binomial_value number negative_binomial_method A% Fixed IZEE X1
TWBERIZOAEHTE T,

use_p_converge flag NIA=R=WHDF T a v,

p_converge number ZEHFZIMMERDIEDH,

p_converge_type flag True = #fixi{f, False = FHXME

use_1_converge flag WEIEDNRDOA T a v,

1_converge number HHF 2 IIEREDIEDH,

1_converge_type flag True = #fX{fH, False = FHXIME

use_h_converge flag Hessian DA T a v,

h_converge number ZEHF RO EDHE,

228 IBM SPSS Modeler 18.1 Python A2V FheA—hA—va v - HA K




* 128. gle 70T 1 — (fi &)

gle 705 1 — fE TanRT 4 —DHH

h_converge_type flag True = #iX{fH, False = FHXIfE

max_iterations integer TINTY AL TEITINE KEOFEKEETT,
AOBTIZE WL, 77 4 )V M 100 T,

sing_tolerance integer

use_model_selection flag NRIA—RULEWMHELETIVORIRSGEIY b
—VEAMZLET,

method LASSO ETNVOERSIE, £721% Ridge Z2HALTWVS

ELASTIC_NET
FORWARD_STEPWISE
RIDGE

GEIFIEREGEZREL 9,

detect_two_way_interactions

flag

True DHH. ETIMTE D AT T 1 =V RIEOIN
FFz AR HEICRT T T,
Zoavha—iE, ETUHREHROA (Y
—RERTREER L TWRY) THH, ho
RE N7z method A* Forward Stepwise, Lasso.
7213 Elastic Net DEEIZOAEMZL T
X\,

automatic_penalty_params

flag

ETFILEIRD method A% Lasso X 7z13 Elastic
Net D& DAFEHFTRET T,

ZDMEREZ I L C, Lasso 7% Elastic Net
BRSBTS RF T 4 8T A
—RXEANLUET,

True DEFE. FT7 4V MEDFHHEI N X T,
False DL, RFINT 4 NTA-ZREMTR
D, WARLEEASITEET,

lasso_penalty param

number

EFIVENOD method A% Lasso F7zid Elastic
Net TH D, automatic_penalty params 7% False
DHBEIZDOMMEATE LT, Lasso DXFILT «
NIA-RERELET,

elastic_net_penalty_paraml

number

ETIVEIRD method A% Lasso X 7z1d Elastic
Net T& D, automatic_penalty params %% False
DEGEZDAHHTE £9, Elastic Net /87 X —
R 1DRFILVTF g RNIA-REHELET,

elastic_net_penalty param2

number

ETIVENOD method 2% Lasso ¥ 7zi% Elastic
Net T& D, automatic_penalty params A% False
DBFEZDAEHATE £, Elastic Net /37 A —
R 2 DRFNLVT 4 NIA-RERELET,

probability_entry

number

BRI N7z method A Forward Stepwise D&
COAEHTEEY, MROAEITHET S F #E
HYEDQHRKERIEEL 7,

probability_removal

number

NI N7z method A% Forward Stepwise D&
COAFMTEXT, ROREICET S F it
HEOHRKMERIFEL X7,
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&K 128. gle 08T 4 — (i &)

gle 7085 1 — fE

TaNRT 4 —DE

use_max_effects flag

BRI N7z method A Forward Stepwise D&
IZOAMHATE XY,

max_effects I > b —LEBAIIZLET,

False DFE. GETIRROT 7 40 M
ETVICRE I NDROBEN S 25\
HOLELL BTN RD £ A,

max_effects integer

ZREMAT v 77 A B HEEZGH T 25
BOMROBAREEHEL XS,

use_max_steps flag

max_steps I hO—LEESILET,

False DA, ATV TDT 74V MUK, €T
WIZREI N RO S U R 2RI L2 D
D3 EFLFELLRTNIERD FHA,

max_steps integer

RN A T v 77 A REVERK method %
LREUZHD ATy TORKBERREL T,

use_model_name flag

ETNDAAZLZEMEHT B0 (true) Y AT L
WWE-o TERIN-LETE2MEHT 50 (false) %
BELET, T74)ME false TY,

model_name string

use_model _name 7% true D& T, T EET
VERELET,

usePI

flag

true DGE, FHIEBROBEEEIGRINET,

kmeansnode 7'O/\F 4 —

1l

node

. K-Means / — KT, =X - 2y "DRBRDZIN—T (DEDITAR=) N, Z7TAR) YV
& JENET, COHET, HERDZ I AR —EEHL, 2T AR—IL a— K &M ELH
DUTT, TNUEFABLTCHETANREINLRLSREZET, 77 ARX—DHLERELE
$, K-means Tl&, #&REZFHITE2DTIEHRL, ANWTZ4 =V ROy NADNAAX—VEIHS

MZT Bz, PBEEHRZEY) LTHsnhd Tax AREHINE T,

= stream.create("kmeans", "My node")

# "Fields" tab

node.

setPropertyValue("custom fields", True)

node.setPropertyValue("inputs", ["Cholesterol", "BP", "Drug", "Na", "K", "Age"])
# "Model" tab

node.
node.
node.
node.
node.
node.
node.

setPropertyValue("use model name", True)

setPropertyVa]ue("modE]_namE", "Kmeans_allinputs")

setPropertyValue("num_clusters", 9)
setPropertyValue("gen distance", True)
setPropertyValue("cluster label", "Number")
setPropertyValue("label_prefix", "Kmeans_ ")
setPropertyValue("optimize", "Speed")

# "Expert" tab

node.
node.
node.
node.
node.

230

setPropertyValue("mode", "Expert")
setPropertyValue("stop_on", "Custom")
setPropertyValue("max_iterations", 10)
setPropertyValue("tolerance", 3.0)
setPropertyValue("encoding_value", 0.3)
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* 129. kmeansnode 7T /NF 4 —

kmeansnode 7T /XF 1 —

fil

TaNRT 4 — D

inputs

[field] ... fieldN]

K-means ETNWVIEAN 74—V FDx v b
T ITAR—DRATVETH, AR T «
— )V RIFHLUERTA, EAZ7 1= EB
SUOER 7« — LV RIXFEALEEA, L
<ld, bEw I 187 R—=VD [k 7 E|
[Ffipk s —Fo 7o 51 —1 ezl L
TLZX W,

num_clusters number
gen_distance flag
cluster_label String
Number
label_prefix string

mode Simple (B#f)
Expert
stop_on Default
Custom
max_iterations number
tolerance number
encoding value number
optimize Speed ETFIERANEE L AE) —DEBL 5T &
Memory DRI NS EEELET,
knnnode 70O0/37 1 —
N k BB THBHE. k mlifs (KNN) / — Ri&, Hilwr—2%, FHEBOHL W —Z
\on2/ CERBE k HOF TV hORTTY —F R REL BT T, BB LT —ARBH

WEL, L TwWaW T — 2B EWIENTWE T,

1l

node = stream.create("knn", "My node")

# Objectives tab

node.setPropertyValue("objective", "Custom")

# Settings tab - Neighbors panel
node.setPropertyValue("automatic_k selection", False)
node.setPropertyValue("fixed k", 2)
node.setPropertyValue("weight_by importance", True)

# Settings tab - Analyze panel
node.setPropertyValue("save distances", True)

#* 130. knnnode 7HINT 1 —

knnnode 71357 1 — il FORT 1 —D3
analysis PredictTarget
IdentifyNeighbors
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# 130. knnnode 70NT 4 — (Fi )

knnnode T3 T 1 — fili TUNTF 4 — DI
objective Balance
Speed
Accuracy
Custom
normalize_ranges flag
use_case_labels flag RDATY avefihbdsdFzy s - R
PR
case_labels_field field
identify_focal_cases flag RDOATY aveffihbdsdrFzy s - R
PR/
focal_cases_field field
automatic_k_selection flag
fixed_k integer automatic_k_selectio 7% False DIFEIZ
DAFHTT,
minimum_k integer automatic_k_selectio 7% True DHFAHIZD
AEHTT,
maximum_k integer
distance_computation Euclidean
CityBlock
weight_by_importance flag
range_predictions Mean
Median
perform_feature_selection flag

forced_entry_inputs

[field1 ... fieldN]

stop_on_error_ratio

flag

Validation

number_to_select integer

minimum_change number

validation_fold_assign_by field |flag

number_of_folds integer validation_fold assign by field #*
False DEEIZDOAEHTT .

set_random_seed flag

random_seed number

folds_field field validation_fold assign_by field %% True
DLGEIZDAER T,

all_probabilities flag

save_distances flag

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

adjusted_propensity partition Test
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kohonennode 7O/XF7 4 —

N Kohonen / — K, =a—F) - 2w NV —2D—FTHO, T—X - kwv b 2T TAX—1L
o= LTRBRZ IV —T2MET 2 HNTHEATEET, 2y hT—2O%ENZTT5 L. Hilbl
— DL Ia—FEH~y 7THEWELICERIN, BLVOREWL - RNFEHNZE Z5I1CK
REINET, MEOESNI=Y b E#ITEEODICERINEZETIVNT, £1=y b AVES
UBROBUEZHRL Z e N TEET, Zid, MRS AX—BIZOVWTDR v MR
LGERHY T,

1l

node = stream.create("kohonen", "My node")

# "Model" tab

node.setPropertyValue("use_model name", False)
node.setPropertyValue("model_name", "Symbolic Cluster")

node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("time", 1)

node.setPropertyValue("set_random_seed", True)

node.setPropertyValue("random_seed", 12345)
node.setPropertyValue("optimize", "Speed")

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("width", 3)
node.setPropertyValue("length", 3)

node.setPropertyValue("decay style", "Exponential")
node.setPropertyValue("phasel neighborhood", 3)

node.setPropertyValue("phasel eta", 0.5)
node.setPropertyValue("phasel cycles", 10)

node.setPropertyValue("phase2_neighborhood", 1)

node.setPropertyValue("phase2_eta", 0.2)
node.setPropertyValue("phase2_cycles", 75)

#* 131. kohonennode 7T INT 4 —

kohonennode 71/ 37 1 —

fl

TaNRT 4 —D

Bl

inputs [fieldl ... fieldN] Kohonen E T IVIEHR T 4 =V R TH&L,
ANT7 4=V ROV A MEBFHLES, &
W74 - IVRBLOEAT 1 =)V FIIHHE
LEtHA, #ELIE MYy [187 A—
DO TR ETVAER / — KD T TN
[F1 -l EsRLTIEI Y,
continue flag
show_feedback flag
stop_on Default
Time
time number
optimize Speed ETMERMPHEL AEY) —DEL 5T &
Memory DL s EEELET,
cluster_label flag

mode Simple (Baff)
Expert

width number

length number
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% 131. kohonennode 70875 4 — (i &)

kohonennode 7' H /8T 1 — fill T 8F £ — D
decay_style Linear
Exponential
phasel_neighborhood number
phasel_eta number
phasel _cycles number
phase2_neighborhood number
phase2_eta number
phase2_cycles number

linearnode 7O/8F7 4 —

PN ML E TV, WGe 1 DX 3BOFHE & ORI OBIRIZEED W Tl i § 2 7
o/ WL £,

T

Wl

node = stream.create("Tinear", "My node")

# Build Options tab - Objectives panel

node.setPropertyValue("objective", "Standard")

# Build Options tab - Model Selection panel
node.setPropertyValue("model_selection", "BestSubsets")
node.setPropertyValue("criteria_best subsets", "ASE")

# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

3 132. linearnode 7T /XF 1 — :

linearnode 7 H /7 1 — fil THNRT 4 — DA
target field 1 2OMRT 4+ =V RERELET,
inputs [fieldl ... fieldN] ETNCHHAIND AN EZIFIALE 21

FHIZEE T 4 =LK,

continue_training_existing_model |flag

objective Standard psm EIEFIZREVWT =Xy MIEHX
Bagging . Server DM NKETT,

Boosting
psm

use_auto_data_preparation flag

confidence_level number

model_selection ForwardStepwise
BestSubsets
None
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# 132. linearnode 7HANT 14— (fX) :

Tinearnode 7' 11/35 1 — fifl TR 1 — D
criteria_forward_stepwise AICC
Fstatistics
AdjustedRSquare
ASE
probability_entry number
probability_removal number
use_max_effects flag
max_effects number
use_max_steps flag
max_steps number
criteria_best_subsets AICC
AdjustedRSquare
ASE
combining_rule_continuous Mean
Median
component_models n number
use_random_seed flag
random_seed number
use_custom_model_name flag
custom_model_name string
use_custom_name flag
custom_name string
tooltip string
keywords string
annotation string

linearasnode 7’O0/8F 4 —

\=Z MUET,

% 133. linearasnode 7H/3T 4 —

FRELERE 7OV, R E 1 D £ 72I3EHO PRE & OFRELOBIRIZEE D W Ol R %2 7

linearasnode 7'H /N7 ¢ — fiEi TaNRT 4 — D
target field 1 2OMRT 1 =V RERELET,
inputs [field1 ... fieldN] ETNTHAIND ANELZIIASE I

FHIZER T « =LK,

weight _field

field

EFNTHAINE DT 1 =LK,

13 = ETNMER/ — N Tax5 1 —
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# 133. linearasnode 7037 4 — (¥t &)

descending

Tinearasnode 71/ X7 1 — i TURT 1 — DI

custom_fields flag 7 7 4V MEE TRUE TT,

intercept flag 7 7 # )V MEIZ TRUE T,

detect_2way_interaction flag BAMLHEHZERT 20 E DD, T 7
AV Ml TRUE T,

cin number ET IR OHEEME % RS 2 7212 H
TOMEEDOKE, 0 Kb KREL, 100 £
DNSWMEERIBELE T, 774 Ml
95 T9,

factor_order ascending AT IVPRT 4 =)V ROUOIE, 77

4V MEIX ascending T,

var_select_method ForwardStepwise RS 2ETNVDERGE, 774V MA
BestSubsets & ForwardStepwise T,
none
criteria_for_forward_stepwise AICC ETIVIHREMABZRED, £2EET
Fstatistics D OHIREHIRT DRENEZRET D L
AdjustedRSquare ST B8 T 7 A4V MA
ASE AdjustedRSquare TT,
pin number ZZIZEE N pin U & WEARGO R/
p AR OREMNETIITEMEINE T,
77 &)V MEIZ 0.05 TT,
pout number ZZIHREZI N pout LEWEL D KE
W p HERFDETNVHOT R TORRMHEI
BREnhEd, F7 40 MHIK 0.10 TT,
use_custom_max_effects flag BRET NV CTHRABOMEZMHT 20
S/ T 7 4V Ml FALSE T,
max_effects number BAREETIVCHAT 2RO AE, 77
AV MEIR 1 TY,
use_custom_max_steps flag BRBDOATY TRHEHTEINE S, T
7 A )V MEIX FALSE T,
max_steps number ATy TIAR TAIY) ZLWMEIET 5 K
RATY T8, 774V Mik 1 TY,
criteria_for_best_subsets AlCC HHATAHEDOE-F, F7 4 MilX
AdjustedRSquare AdjustedRSquare T,
ASE

logregnode 7 O/8X7 4 —

OYAT 1y ZERE. AT 4 =V ROMHIZESNTL a— RE 083 2iEIFETYT, M
" BN & TV E T A, BUERPHCTIRR L AT TY —HR 7 1 =V REHEHL T,

Multinomial Example
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node = stream.create("logreg", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")

node.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])

node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model name", True)
node.setPropertyValue("model_name", "Log_reg Drug")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("logistic_procedure", "Multinomial")
node.setPropertyValue("multinomial_base category", "BP")
node.setPropertyValue("model type", "FullFactorial")

node.setPropertyValue("custom terms", [["BP", "Sex"], ["Age"], ["Na", "K"II)

node.setPropertyValue("include_constant", False)
# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale value", 3.0)
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)
node.setPropertyValue("1 _converge", "1.0E-3
node.setPropertyValue("p_converge", "1.0E-7
node.setPropertyValue("delta", 0.03)

# "Output..." section
node.setPropertyValue("summary", True)
node.setPropertyValue("1ikelihood ratio", True)
node.setPropertyValue("asymptotic_correlation", True)
node.setPropertyValue("goodness_fit", True)
node.setPropertyValue("iteration_history", True)
node.setPropertyValue("history steps", 3)
node.setPropertyValue("parameters", True)
node.setPropertyValue("confidence interval", 90)
node.setPropertyValue("asymptotic_covariance", True)
node.setPropertyValue("classification_table", True)

# "Stepping" options
node.setPropertyValue("min_terms", 7)
node.setPropertyValue("use max_terms", True)
node.setPropertyValue("max_terms", 10)
node.setPropertyValue("probability_entry", 3)
node.setPropertyValue("probability removal", 5)
node.setPropertyValue("requirements", "Containment")

")
II)

Binomial Example

node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom _fields", True)
node.setPropertyValue("target", "Cholesterol")
node.setPropertyValue("inputs", ["BP", "Drug", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.setPropertyValue("use_model name", False)
node.setPropertyValue("model_name", "Log reg Cholesterol")
node.setPropertyValue("multinomial_base category", "BP")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("binomial_method", "Forwards")

%13 E ETFMMER /- RO TasTF 1 —
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node.
node.
node.
node.
node.

setPropertyValue("logistic_procedure", "Binomial")
setPropertyValue("binomial_categorical_input", "Sex")
setKeyedPropertyValue("binomial_input_contrast", "Sex", "Simple")
setKeyedPropertyValue("binomial_input_category", "Sex", "Last")
setPropertyValue("include constant", False)

# "Expert" tab

node.
node.
node.
node.
node.

setPropertyValue("mode", "Expert")
setPropertyValue("scale", "Pearson")
setPropertyValue("scale value", 3.0)
setPropertyValue("all _probabilities", True)
setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section

node.
node.
node.

setPropertyValue("max_iterations", 50)
setPropertyValue("1_converge", "1.0E-3")
setPropertyValue("p_converge", "1.0E-7")

# "Output..." section

node.
node.
node.
node.
node.
node.

setPropertyValue("binomial output display", "at each step")
setPropertyValue("binomial_goodness_of fit", True)
setPropertyValue("binomial_iteration_history", True)
setPropertyValue("binomial_parameters", True)
setPropertyValue("binomial _ci_enable", True)
setPropertyValue("binomial ci", 85)

# "Stepping" options

node.
node.

setPropertyValue("binomial_removal criterion", "LR")
setPropertyValue("binomial_probability removal", 0.2)

# 134. logregnode 70 /NF 4 — :

logregnode 7’ H %5 1 — fill

A= AL AR O E: ]

target field

OYATF 4w ZEBETFVIE 1 DONERT
4 —=NVERBEITP 1 2B EDASI T+ =LK
PHEALET, BRI — LV ERBIUTEA
T4 = RIIMFEHLEEA, FELLIE b
vy [ 187 R=V D T—%7RE FIIERE]
I/ =Fo7axs1—jEsBLTLIFLEX
W,

logistic_procedure

Binomial
Multinomial

include_constant

flag

mode

Simple (Ba#f)
Expert

method

Enter

Stepwise

Forwards
Backwards
BackwardsStepwise

binomial_method

Enter
Forwards
Backwards
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# 134. logregnode 7HNT 4 — (Fi &) :

logregnode 71/ %5 1 —

f

ZTaTF 1 — D

model_type

MainEffects
FullFactorial
Custom

EFI) - XA T2 LT FullFactorial A%g
EFEINTWBEE, AT v TRENEEX
Nz LTHh, EfreshEti, Tofb
DIz, BEEERAIE (Enter) 2MFAINE
7

EFI) - XA FIZ Custom BREINTH
A—Y—FET 14— K (custom fields)
PHEEINTVRWESIX, ERET LV
PHEINET,

custom_terms

[[BP SexI[BPI[Agel]

multinomial_base_category

string

SN T 3 —OREHTEEREL 7,

binomial_categorical_input string
binomial_input_contrast Indicator AV IANERES D HEERRET DN
Simple T3V —ATHDF— - TaRT 4 —,
Difference
Helmert
Repeated
Polynomial
Deviation
binomial_input_category First SWBAT IV —%IRET D HERHRET D
Last ATIAV—=AFADOF— - TaNT 1 —,
scale None
UserDefined
Pearson
Deviance
scale_value number
all_probabilities flag
tolerance 1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
min_terms number
use_max_terms flag
max_terms number
entry_criterion Score
LR
removal_criterion LR
Wald
probability_entry number
probability removal number
binomial_probability_entry number

13 = EFIMER/ —Fo7oFy 4 — 239




# 134. logregnode 7HNT 4 — (Fi &) :

logregnode 711 %5 1 —

fil

TanNF 4 —0

A

binomial_probability_removal

number

requirements

HierarchyDiscrete HierarchyAll
Containment

None
max_iterations number
max_steps number
p_converge 1.0E-4

1.0E-5

1.0E-6
1.0E-7
1.0E-8

0
1_converge 1.0E-1

1.0E-2

1.0E-3
1.0E-4
1.0E-5

0
delta number
iteration_history flag
history_steps number
summary flag
1ikelihood_ratio flag
asymptotic_correlation flag
goodness_fit flag
parameters flag
confidence_interval number
asymptotic_covariance flag
classification_table flag
stepwise_summary flag
info_criteria flag
monotonicity_measures flag

binomial_output_display

at_each_step
at_last_step

binomial_goodness_of fit flag
binomial_parameters flag
binomial_iteration_history flag
binomial_classification_plots flag
binomial_ci_enable flag
binomial_ci number
binomial_residual outTiers

all
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# 134. logregnode 7HNT 4 — (Fi &) :

Togregnode 7'H %5 1 — fE TaNT 4 —DHiH
binomial_residual_enable flag
binomial_outlier_threshold number
binomial classification_cutoff number
binomial_removal_criterion LR
Wald
Conditional
calculate_variable_importance flag
calculate_raw_propensities flag

Isvmnode 7’0O0/\5F 4 —

N MY R—F - R X— -3V (LSVM) /—F2HHTRE, A—N—T1 v sTHI LR
:EE, . F=2% 2 DD N—TFOVFNHHRT S L HATEET, LSVM BHETHD
f BOTHEHDOL I—RE2ELT— Xty by, RHiAT— Xty N2WHT LN TEE

—d_o

# 135. Isvmnode THINT 4 —

Isvmnode 701 /%F 1 — fE TanRT 1 — D

intercept flag ETNYFEEDES, 774N
fEI% True TY,

target_order Ascending AT TV —HGRDY — MEEZFEEL

Descending

9, ERMYETIREHINE T,
T 7 4 )V M& Ascending TI,

precision

number

R T 14—V NORED Continuous
DEEIZOMEHAINET, [IFOE
KOREIZEET ZNT A —X—%4F
FEUET, BUMEIR 0 THRAMIZHD
FHA, T AN MEK 0.1 TT,

exclude_missing_values

flag

True 1295 &, REFEN 1 2THH
&RV a— KBRS NET, T
7 &)V MEIX False TT,

penalty_function

L1
L2

HEHTBERFIVT RO EA T2TE
EFLET, T74NMEIZ L2 TT,

lambda

number

RFPNVT 4 (ERAL) RXTA—E—,
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F 135. lsvmnode 78T 14 — (i %)

Isvmnode 7'1/85F 1 — fil THNT 1 —DFH]
calculate_variable_importance |flag BEEOMEYZAEEERTEETFIL
DFE, TOLXTvavicky, £F
IVOHEREIZ BT B 2 T HUE DN E
EEmT 7 I7RRRINET, —If
DETIVTIR, FHIKRBRET -2 &
LY 556, RBOBEEEDE
BIZIER WD DD 572, —HD
ETNVTRHT 74NV I TA 72485 T
WEY, BROEEEIE, TV 3
Y VAN EFATIMEHATE Y
Ao

neuralnetnode 7’O0/35 1 —

B LRI N L WA=V arvD=ma—F )b - 2y hT =2 - EFIUER S/ — RHRZDY ) —2R
THEATEET, rILLANA=Y a3 VIZDOWTIKIROIETHH L £9 (neuralnetwork), [HN—Y 3 VTET
NWEERBIOCAITV VI TEETH, LAY aviz2lHT2L5A2) T 2 EHTHI %28
#BHOHLET, UFIXIHNN=Y 2 VOFMTT,

il

node = stream.create("neuralnet", "My node")

# "Fields" tab

node.setPropertyValue("custom_fields", True)
node.setPropertyValue("targets", ["Drug"])
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
# "Model" tab

node.setPropertyValue("use_partitioned_data", True)
node.setPropertyValue("method", "Dynamic")
node.setPropertyValue("train_pct", 30)
node.setPropertyValue("set_random seed", True)
node.setPropertyValue("random seed", 12345)
node.setPropertyValue("stop_on", "Time")
node.setPropertyValue("accuracy", 95)
node.setPropertyValue("cycles", 200)
node.setPropertyValue("time", 3)
node.setPropertyValue("optimize", "Speed")

# "Multiple Method Expert Options" section
node.setPropertyValue("m_topologies", "5 30 5; 2 20 3, 1 10 1")
node.setPropertyValue("m_non_pyramids", False)
node.setPropertyValue("m persistence", 100)

% 136. neuralnetnode 7 AT 1 —

neuralnetnode 711/ %5 1 — 18 T 1 —DEH]

targets [field1 ... fieldN] Za—=F) - J—=RiZiE 1 2P Eoxg
T4—=)VR& 1 D2UEDATT7 4 = FH
MBETT, BB LICERT 1+ =)L NI3HE
HENnEd, #FHLE Py 7187 X
— VD T imETIVEKR/ — PO 70
T4 —) SR T,
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# 136. neuralnetnode 7WNT 14 — (§i X)

neuralnetnode 7’1/ ¢ — fifi T NTF 4 — DA
method Quick

Dynamic

Multiple

Prune

ExhaustivePrune
RBFN

prevent_overtrain flag
train_pct number
set_random_seed flag
random_seed number

mode Simple ()
Expert
stop_on Default ZiE— K,
Accuracy
Cycles
Time
accuracy number [EIEFEE,
cycles number FEY A7,
time number FHEEEE (4).
continue flag
show_feedback flag
binary_encode flag
use_last_model flag
gen_logfile flag
logfile_name string
alpha number
initial_eta number
high_eta number
Tow_eta number
eta_decay cycles number
hid_layers One
Two
Three
h1_units_one number
h1_units_two number
h1_units_three number
persistence number
m_topoTlogies string
m_non_pyramids flag
m_persistence number
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# 136. neuralnetnode 7WNT 14 — (Fi X)

neuralnetnode 7'1/35 1 — fill TuRT 4 — DA
p_hid_Tayers One
Two
Three
p_hl_units_one number
p_hl_units_two number
p_hl_units_three number
p_persistence number
p_hid_rate number
p_hid_pers number
p_inp_rate number
p_inp_pers number
p_overall_pers number
r_persistence number
r_num_clusters number
r_eta_auto flag
r_alpha number
r_eta number
optimize Speed EFNMEEPEE L AEY —DEBL 5T &
Memory DEELE NS EEELE T,
calculate_variable_importance flag o EiEOY ) — AT
sensitivity analysis 70851 —i&, Z
DTONRT 4 =Tk DI hET, HW
TUNRT 4+ —FF T R—- bINE T,
calculate_variable_importance % H#)
LET,
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test
Validation
neuralnetworknode 7'O/X7 4 —
{,/’““ Za—=F) - xv hT=27 - =Rk AMOMIEREZ WY 2 HikEBMLLZETVE
Oy BRUET, Za—50 - &y bT—2 ) — Ik T 5SRO MMM % S < 2
e L—=hUEY, LHERAEZ, —a2—0Y 2Rl DeRBETEXT, =a—-J)b - %y

T =235 e — BB ETA T H . FESELD, HHT 5121 RIEROKEES &
CECEDHAGHR L P BED D 8 A,

1l
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node = stream.create("neuralnetwork", "My node")
# Build Options tab - Objectives panel
node.setPropertyValue("objective", "Standard")
# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

# 137. neuralnetworknode 70 /35 4 —

neuralnetworknode 7'H /85 1 —

f

TaNRT 1 — D

targets [field1 ... fieldN] HRET 14—V REHELET,

inputs [fieldl ... fieldN] ETNVTHHINDIANEZIADEZIE
FREHT 4 =V K,

splits [fieldl ... fieldN DEETNMERICEHERAST S, 71—V F%

ERU £9,

use_partition flag K274 =)V RWERINDGE, 20X
Ty aVIIERT - RERPSDT XD
AVETNVHELIMHEI NS L5ITLE
ERS
continue flag BEA7E TV D38 % ke
objective Standard psm IXIEFIZREVWT =Xy MIEHX
Bagging ., Server DEHNBETT,
Boosting
psm
method MultilayerPerceptron
RadialBasisFunction
use_custom_layers flag
first_Tlayer_units number
second_Tayer_units number
use_max_time flag
max_time number
use_max_cycles flag
max_cycles number
use_min_accuracy flag
min_accuracy number
combining_rule_categorical Voting
HighestProbability
HighestMeanProbability
combining_rule_continuous Mean
Median
component_models_n number
overfit_prevention_pct number
use_random_seed flag
random_seed number

missing_values

listwiseDeletion
missingValueImputation

use_model_name

boolean
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# 137. neuralnetworknode 7 HANF 4 — (it &)

neuralnetworknode 7'/ %5 1 — fil THNRT 4 — DM
model_name string
confidence onProbability
onlncrease
score_category_probabilities flag
max_categories number
score_propensity flag
use_custom_name flag
custom_name string
tooltip string
keywords string
annotation string

questnode 7'O/87 1 —

o QUEST /—RiZld, T4 v Vay -V —OMERIZ2 SIEOHENPHZEENTWET, Z

CDWEST

i KRB C&R Y U — M2 g & 4 2 MLELINE ) 2 JEdE 9 2 L FIFIZ, £ 0% < D4l

ZATRBIZ T 2 AJMESELR I N 08Y ) —NOBHM 2T 5 L5 ICHEFENhTVWET, A
J17 4 =)V RiE, BUE#EF (E) (CTEETH, HELBRE AT I —Taiduida b x

Hh, IRTOHENL 2 4T,

il

node = stream.create("quest", "My node")
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Drug")

node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("model _output type", "InteractiveBuilder")

node.setPropertyValue("use_tree_directives", True)
node.setPropertyValue("max_surrogates", 5)
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("use percentage", False)
node.setPropertyValue("min_parent records_abs", 40)
node.setPropertyValue("min_child_records_abs", 30)
node.setPropertyValue("prune_tree", True)
node.setPropertyValue("use_std_err", True)
node.setPropertyValue("std_err multiplier", 3)

# 138. questnode THIRT 4 —

questnode 7T ST 1 — fE

TaNRT 4 — D

target field

QUEST ETNVIFH—DXNL 7+ —IL KRB X
1 DB EDAI T 4=V REMFHLE
T, BER 74—V FEIEBETEET, FHLU
ik, MBS 187 R—=VD ik 7 E|
[FfEsk, — Fo7ax5 41— ezl L
TL7ZZ W,

continue_training_existing_model |flag
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# 138. questnode 7HINT 14— (§i¥)

questnode 71/ T 1 — fili TH AT 4 — DI
objective Standard psm IZFEFIZREVWT =Xty MIFEHE
Boosting ., Server DERHNBETT,
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree_directives string
use_max_depth Default
Custom
max_depth integer MRV Y —HE 0 25
1000), use max_depth = Custom DHFEHIZD
AL XY,
prune_tree flag F=N=T 4y LWLV Y —%H]
ELET,
use_std_err flag VAT B IKRAE (FRHERRE) 2L
£9,
std_err_multiplier number R,
max_surrogates number B ARAREZER,
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured Mg 78T 1 —,
priors Data
Equal
Custom
custom priors structured & T RF 1 —,
adjust_priors flag
trails number T—=ANEZRINTOaAVE—FV N - E
TV
set_ensemble_method Voting AT IV —HNRDT 7 4V MEGIV—
HighestProbability IR

HighestMeanProbability

range_ensemble_method Mean HHEDNRD T 7 3V MGV — L,
Median
Targe_boost flag RHZKRERT— Ry VDT AT 1V
ZEHLET,
split_alpha number DEDOE K
train_pct number F—=nN—T 4 v MhlEEY b,
set_random_seed flag MERAEEA SV a v,
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# 138. questnode 7HINT 14— (£i ¥)

questnode 7H/NF 1 — E TaNRT 1 — D
seed number

calculate_variable_importance flag

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

adjusted_propensity partition Test
Validation

randomtrees 7 0O/X5 1 —

A~ TYRL VY= J—FiE, BFED C&RT /= FEMTHWETH, Ev T —X &L T

Y YY) — R AERT S L R HIICRE S TS D, $ROET LA SPSS Modeler 11—

— ay 17 TEIMENZHAY 2T IZRRINET, FVXL V)= J—FIPERT 5T+
YVay VY—2FHLT, ROBHELE FRIE ZEABETEET., ZOLHEIHERNRT
—ZEREFEALCHEEL I RE2EBOE A Y MZHEIL, EAT v T TR % BU/NE
WHIZET, YI—D/ — KWl THEeHFERX6NEDIE, /—NFIZHET7—AD 100%
B, AR T 4=V ROHEIFEDHT TV —IIHRFINIHAETT, HRT7+— IV FBLUOA
H7 14—V NiE, BMEHFAE 37T — (BB EHEE, 752) »EHTEET., T
RTONEE 2 HETT 2 2OV TITN—TDH),

% 139. randomtrees 7T HAINT 4 —

randomtrees 71/ 87 1 — fi#i TaRT 4 — DA

target field FURL WYY — J—=RTlk ETIMIE
B—DHRET 4 —VEBEO 1 2B EDA
HT7 4=V KBRBEIZRD FT, BT«

— VRN EETEET, FHLE hEY
71187 X=Y O TN E T VIER S —|
[Fo7oxFs—] LTI,

number_of models integer TV VTN - ETEEDO—BRE LTH
FEINDETVOBEREL £7,

use_number_of predictors flag number_of predictors Z{HHT 2025 H
ERELET,

number_of_predictors integer S EE TV DR T 5 HE D
BEHRELET,

use_stop_rule for accuracy flag FIEE2M ETERVWEAICE T IVHESEE f
ET20EShERELET,

sample_size number RO T KRBT — X - v N EWUET 5

BRIZNRTr—< v AZBELEIEZI2E. 2
DEEZNELLULET,
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3 139. randomtrees THINT 4 — (F &)

randomtrees I/ T 1 — 1 TUNTF 4 — DI

handle_imbalanced_data flag ETINVDONRVIFED 7 T 7 DFERTH
D, HEULSAWKRIZHT 2EENDHE
ROEEDPIEFITNIWGEIEZ, T—XIF
Rz ET M & o’C%ﬁé?’Lé
T=bANT VT BTV TRETIV
DR EE 52 26D H D 7,
AYfi7e 7 — X OB E G T DL, £
TOVHUNET 5 EE U WRERO R E &
D, XOHMERETAIERINET,

use_weighted_sampling flag False D56, %/ — FOERIZ, F UHEE
TAERITEIRS N E S, True OEE, &
BUZIZEADMIT 50, 2T U TR
INET,

max_node_number integer % DY) —THEINDS / — FOHEK
B, MOBETZOHEBADZ VTR
INdHE. VY —OREIXMELL £T,

max_depth integer VY —DERRDES, THITET D ERE
FEIEL T,
min_child_node_size integer Bl —Rondlgicr/ — RTilFEEIns

LVa—Rom/NEERELET, +/— K
IZEENDZEIZHRBLA—ROENRZZ
THRELZEIDEDLWES, B/ —F

FoEENnNELA,
use_costs flag
costs structured Mg 787 1 —, BRIK, EBROMME,
FHIXN-MH, B J:U\:l A (FHIDIEL L
RWEGE) O 3 DOMEDY A NTY, BAF
2l ERUET,
tree.setPropertyValue("costs", [["drugA",
"drugB", 3.0], ["drugX", "drugY", 4.0]])
default_cost_increase none F: EFRNRIIH L TOABRTY,
Tinear AZAMMTFNTT 740N MEZEBEL T,
square
custom
max_pct_missing integer WENPDO AN DRBMHEDEEGHZ Z T
E LML D KEWEE, O ATIEERA
INET, BUMER 0. BKfEIZ 100 T
‘j_o
exclude_single cat_pct integer WIENPOAT T —ERZ ZTHRELZ

La—FRDEEIVEWGESE, TDT7 14—
WV R EEDBE T VEEI SBRAINET,
/MBI 1. &KX 99 TT,

max_category_number integer 74—V RANDOHT TV —EHKZ D%
Z 5%, TD 7 4 =) FIXE T IVHESED
SR I ET, BRMEIZ 2 TY,
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% 139. randomtrees 70NTF 4 — (i &)

randomtrees 7 H /87 4 — & TaNF 4 — DA

min_field variation number BT + — IV FOEBRENZ DEL D
INE WA, DT 4 — U FILE TR
NobrAAINE T,

num_bins integer T — R AR AT TR S N B AT D

AMFAINET, AFNTH L THHAT 2%
LW 2T yy ProBERELET,
F 7 avix 2, 4. 5. 10, 20, 25, 50,
*7-1% 100 T,

topN integer WETHIV—IVORERELET, T 74
VMBI 50 T, BAMEIE 1. BoAMEIE
1000 T,

regressionnode 7'O0/375 1 —

. MAER X, T X2 ENT 5 BN aRFIETH Y, FHISNZHOE S EROHIED
h;f BEWER/NRICTAEMREAZRmZ2YTIROEZLI2L) PHIZITVET,

i S0V ) — AT, HIEER — M3 — FIZESBIOND TREIZZE>TWE Y, 5%, il
BRI ISRELE T V2T 5 2 L 2 BEIOLET,

1l

node = stream.create("regression", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use weight", True)
node.setPropertyValue("weight_field", "Drug")

# "Model" tab
node.setPropertyValue("use_model name", True)
node.setPropertyValue("model_name", "Regression Age")
node.setPropertyValue("use partitioned data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping _method", "Probability")
node.setPropertyValue("probability entry", 0.77)
node.setPropertyValue("probability removal", 0.88)
node.setPropertyValue("F _value_entry", 7.0)
node.setPropertyValue("F_value_removal", 8.0)

# "Output..." section
node.setPropertyValue("model_fit", True)
node.setPropertyValue("r_squared change", True)
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node.setPropertyValue("selection criteria", True)
node.setPropertyValue("descriptives", True)
node.setPropertyValue("p_correlations", True)
node.setPropertyValue("collinearity diagnostics", True)
node.setPropertyValue("confidence interval", True)
node.setPropertyValue("covariance matrix", True)
node.setPropertyValue("durbin_watson", True)

# 140. regressionnode 7T /NT 1 —

regressionnode 711 /3F 1 — fi#i TaRT 4 —DEH
target field FIRET VB —DNRT 1 =V FE LT
1 DBEDAN 7« =V REMALE T,
HATZA—VFBIHETEEY, FELS
2., bEv 187 R—I D Tk E 7
[Vl —Fo 7o 51 —i ksl T
7ZEW,
method Enter
Stepwise
Backwards
Forwards
include_constant flag
use_weight flag
weight_field field
mode Simple (Ef)
Expert
complete_records flag
tolerance 1.0E-1 S EHI A/ EZEHL £,
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method useP useP : F fEfER % {5
usef useF: F fi % {#iH
probability entry number
probability_removal number
F_value_entry number
F_value_removal number
selection_criteria flag
confidence_interval flag
covariance_matrix flag
collinearity_diagnostics flag
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# 140. regressionnode TWNT 4 — (i &)

regressionnode 7H /T 1 — E TaNRT 1 — D
regression_coefficients flag
exclude_fields flag
durbin_watson flag
model_fit flag
r_squared_change flag
p_correlations flag
descriptives flag
calculate_variable_importance flag

sequencenode Z'O/\7F 4 —

1l

node

. V=T VA= RT V=T vy Vis, EREREREESMNED TR NOT Y YT -3
“_;._.%r_.* Vo=V ERBRIBLET, FHIRRBERIEF CREZAMEMIZHETA T L -2y FOY X NE,
V=V ALROET, HlZIE, EELPOFEDETIR— v z—T a—YarvEHEALL
5BE., TOBEBIROEARKIZY -y 7)) —LE2BATHAEMELEDLET, V=7
A+ /—FKRlZ CARMA 7Y YIZ—Yay - )b—)b- 7ILITYZXLZEITNTWE D, FE
M7 2 BEEETY — 7 v AR I E T,

= stream.create("sequence", "My node")

# "Fields" tab

node.
node.
node.
node.
node.
node.

setPropertyValue("id_field", "Age")
setPropertyValue("contiguous", True)
setPropertyValue("use_time field", True)
setPropertyValue("time_field", "Datel")
setPropertyValue("content_fields", ["Drug", "BP"])
setPropertyValue("partition", "Test")

# "Model" tab

node.
node.

node

setPropertyValue("use_model name", True)
setPropertyValue("model_name", "Sequence test")

.setPropertyValue("use_partitioned_data", False)
node.
node.
node.
node.

setPropertyValue("min_supp", 15.0)
setPropertyValue("min_conf", 14.0)
setPropertyValue("max_size", 7)
setPropertyValue("max_predictions", 5)

# "Expert" tab

node.
node.
node.
node.

node

node

252

setPropertyValue("mode", "Expert")
setPropertyValue("use_max_duration", True)
setPropertyValue("max_duration", 3.0)
setPropertyValue("use_pruning", True)

.setPropertyValue("pruning_value", 4.0)
node.
node.
node.
node.

setPropertyValue("set_mem sequences", True)
setPropertyValue("mem_sequences", 5.0)
setPropertyValue("use_gaps", True)
setPropertyValue("min_item gap", 20.0)

.setPropertyValue("max_item gap", 30.0)
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# 141. sequencenode 7 W INT 1 —

sequencenode 7' /NF o — fE TaNRT 1 — D
id_field field V=T VA ETNVEMERT I ID 7
14—V R EZEETHIHERDHDET, 5
AT avTRET - Re 1 DB
DHNRT A=V REEELXT, HAT A
—IVRBLUPEET ¢ -V FIMAL £¢
Ao LI by 7[187 XR=T]
I —f e T WVER/ — RO 7 a 87 1]
[Fl EsmLT<ZIw,
time_field field
use_time_field flag
content_fields [field1 ... fieldn]
contiguous flag
min_supp number
min_conf number
max_size number
max_predictions number
mode Simple ()
Expert
use_max_duration flag
max_duration number
use_gaps flag
min_item_gap number
max_item_gap number
use_pruning flag
pruning_value number
set_mem_sequences flag
mem_sequences integer
slrmnode 7’'O0/37 1 —
N SIRM (HOZEEEEETIV) /—RA2HHT L ETVEBETE, B—-F 3 HOH LWL
(=) AR L TR T — 2 2T 2 E PN ORET 52 L, TRALOHRMS D %17

S5 EeMNTEET,

1l

node = stream.create("slrm", "My node")
node.setPropertyValue("target", "Offer")
node.setPropertyValue("target response", "Response")

node.setPropertyValue("inputs", ["Cust_ID", "Age", "Ave Bal"])
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* 142. slrmnode 78T 4 —

slrmnode 7'H/XF 1 — fifi TENRTF 4 — DI

target field HNRT 4 =V FIFHEREFT7 5 78T
HEBENDHY T, BRI+ - FHE
ETEET, FLLIE My 187 <
=V T—RNRETIVER/ — D70
ST 1 - EsRuT<EZEwn,

target_response field T RTHEIBENRHYET,

continue_training_existing_model |flag

target_field_values flag TR —ADTRTOMEEMEHL %
ED
R 2 EINL 9,

target_field_values_specify [field1 ... fieldN]

include_model_assessment flag

model_assessment_random_seed number FEHTHOIBEDPDHD £,

model_assessment_sample size number EHTHEIBENDH £,

model_assessment_iterations number KEE,

display_model_evaluation flag

max_predictions number

randomization number

scoring_random_seed number

sort Ascending BWAIAT EZIHMENRAATOES 5 %2R

Descending DA T 7 —NRINIERINDE0EEEL

9,

model_reliability flag

calculate_variable_importance flag

statisticsmodelnode 7’'0O0/37 1 —

Statistics EF )NV - / — F&ffifHd 2 &, PMML %{Ed 3 IBM SPSS Statistics i & %5
FLTT— X2 0MBIOHHTEZIENTEZT, 2D/ -, IS4 VARGER 5
IBM SPSS Statistics ® I ¥ —RHKE T,

IO/ —=RDTaNRT 4 —IZDWTIE, | 356 *R— VD [statisticsmodelnode 7' H/8F 1 —] [IZE#K I T
WET,

stpnode Z’O/\F 4 —

RrZEfFH (STP) / — Rk, mr—Yav - F—%, FRAOAT 7« —L F (FHIE). K
2 T4 =R, BEONET7 4 —VRZ2MHLEY, Fur—ra itk 220 ERD
BEFUEERT T —RDITVERH Y £T, T—RenhiTsL, TOT—XE{HHLT, &
MTHAINIRT —2NDIEEOR r—Y 3 VOXNREEZ FHITE £,
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# 143. stpnode THINT 1 —

stpnode 7 /XF 1 — T — X TanRT 4 — DA

74—V FR] &7

target field IHENKET7 « =V RTT,

Tocation field ETFNOYATT7 4 =V R, Mz >
4=V RDOAFTINET,

Tocation_label field Tocation TERINGATIZT NIV &
NI LD INTHEREI NS AT
TV BT 1=K,

time_field field EFNORME T « =V R, H@HEHMOR
ExEEOT 4=V ROARFTENE
T, AML—Y &4 TE W H
e &AL ARVT | BEOWT D
THRITNIER D ER A,

inputs [fieldl ... fieldN] ANT7 4= FDY X},

MEX ) 27

interval_type_timestamp

Years
Quarters
Months
Weeks
Days
Hours
Minutes
Seconds

interval_type_date

Years
Quarters
Months
Weeks
Days

interval_type_time

Hours
Minutes
Seconds

STP M EHATHATARMET VT v o
ADVERSFIZ B R & 22 B B 720
OHBZEHIBL 7,

interval_type_integer

Periods
(KA YT I A 74—V KD
BEDM”, BEOA ML —)

T4 kv hEZL#T 5HE, #RT
X2IHHIZ. ETLOD time field &
ULTREBIREINAZT 4=V RDA ML —
V RATICEoTHERED XT,

period_start

integer
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*K 143. stpnode TN T 1 — (i &)

stpnode 71 /XF 4 — F— xR TaxNF 1+ —DFHH
start_month January ETIUDA Ty 7 AMEREBIRT 5
February HT3, HlZIE. March IZ3&%E L 7%
March G T—X Yy bOERHIOL =R
April January TH2 e Lo, EF VTR
May D2 DD I—=REAFYy7LT 3
June ADoA YTy 7 AERERBL E
July ER
August
September
October
November
December
week_begins_on Sunday STP 237 — X SER L 72Kl > 7
Monday v 7 A DB .,
Tuesday
Wednesday
Thursday
Friday
Saturday
days_per week integer H/MEIE 1, RAMEE 7, S EE 1
T,
hours_per_day integer 1 HOS>HT, ZOETANLED B
Mg, HzIE, 10 TERELEEE. €
TV day_begins_at DWZINZFAME X
. 10 Bficbz>TH v Ty 7 AfE
A% #&ily. day_begins_at fHIZ—3T
LZROMEETAFY TLET,
day begins_at 00:00 ETIUDA YTy 7 AMERE AT 5
01:00 R D2 EL £,
02:00
03:00
23:00
interval_increment 1 Z DR DFEED F 72 IEITH IR L
2 ¥, ZNE ETART—RDA YV
3 T v 7 A& BlRR T B ALiE & RAE L
4 9, 20, ¥HH 30 THIED X
5 A 7H seconds DHE, ETFNMIET—
6 RDA VT 7 AMERE 30 BT eI
10 ffVET,
12
15
20
30
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*K 143. stpnode TN T 1 — (#i &)

stpnode 7 /XF 1 — T — X TanRT 4 — DA
data_matches_interval Boolean INE N IKHETEHL., EFNVOHEE
HiZ, T—XHNEE D interval type
WZEMINET,
BEDT =2 P T TICELWERIZR
> TWT, interval_type &%z
HT BT RTOBRENT —RIZ—BL
TWVWAEEIR, T—XOEEDEHN
FIREIhBWwE Sz, 2o7a5g
—Z Y ITRELTLLEI W,
ZoT7unNT =% Y IHRET DL,
TRTOEE T Y b — VAR 2
DET,
agg_range default Sum Ik, R T 0 =LV MRS
Mean 5577 4N N OEFAEERBEL
Min T, A—Y—REOEFIZHEICE E
Max NTVARWERGRE Y ¢+ —LNIX, 22
Median IZHRE L AECHEI I E T,
1stQuartile
3rdQuartile
custom_agg [[field, aggregation gl 7o 1 —:
method],[]..] ATV TR RITA—=&—:
TE: custom_agg
[['x5" 'FirstQuartile']['x4' |BARIZHlZRL ET,
"Sum']] set :stpnode.custom_agg = [
[fieldl function]
[field2 function]
1
Z Z T, function I&., %7 1+ —IL K
THEAI N EFHBEMTT,
AR 27
include_intercept flag
max_autoregressive lag integer B/MEIE 1. RAMEE 5, SEME 1

TY, ZHiE, FHNZHEZRDHEIO L
I—-ROEERLET, LEB-T,
BIZIE 5 IZHELEEIE. DEiD 5
oL a—NZFHEHLTHLOFHIHR
ERENEST, ZZIZHEELE, B
R F—&ho0l a— NMERE, 5
WZHAAENE T, Lzh-T, 2
—F—FETFADAAT Y VI T
— X EHERKTILENLDD FH
Ao

estimation_method

Parametric
Nonparametric

ZEH LD BATHIDET Y v 7 Fiik,

parametric_model

Gaussian
Exponential
PoweredExponential

Parametric ZEMIILHNE TV DIERE /%
TRA—=K,
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*K 143. stpnode TN T 1 — (i &)

stpnode 7T /XF 4 — T — XA TaxNF 1+ —DFHH
exponential_power number PoweredExponential ETFILDNEHEL
NV, BUMER 1. mKIEIZ 2 T,
[FE) 27
max_missing_values integer ETNVHTHETINDS, REMHEZFD
L a— RDOmAX—+ > ME,
significance number ETIVIBSEIZ B 1 B IKEHREED A K
#E, STP & T7IVHEED T N TOME
2 DOMEHEEME, R F BRE, FF
BT M€z &) [T 5 HRKYE
fzfEl £9,
M) &7
model_specifications flag
temporal_summary flag
Tocation_summary flag G OEMRPETVHEDIZEEND
MEIMEREL £,
model_quality flag
test_mean_structure flag
mean_structure_coefficients flag
autoregressive_coefficients flag
test_decay_space flag
parametric_spatial_covariance flag
correlations_heat_map flag
correlations_map flag
location_clusters flag
similarity_threshold number HUEDOL E\WME, ZOHEZBAS
&L W I AR —DBEBED I
EWEHB I, 1 D07 T AR—IT
aInEd,
max_number clusters integer ETNVHEAZEDDILNTERI T
AR — 0 LR E,
eV AFvav) &7
use_model_name flag
model_name string
uncertainty factor number BMEIE 0. BOKfEIZ 100 T, ¥k

D PN X 02 NHEEN: (F458)
DEMEHFEL XY, ik, FHlO
ERRETFRTY,

258 IBM SPSS Modeler 18.1 Python A2V F bt A —hA—v a3y - HA K




svmnode 7 O/NF 4 —

o YR—b - RTZ—-3¥ (SVM) /= FEHEHT L, A—=N"=T 1y bF2HI 2%,
x&\\ FT—R% 2 DD N—=TDWTNNIDET BN TEET, SVM 1F, FEFIZEZHD AN

T4 =V REELT XLy Np¥,| KHikT—XEy EMT LI ENTEET,

il

node = stream.create("svm", "My node")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("kernel", "Polynomial")
node.setPropertyValue("gamma", 1.5)

# 144. svmnode 7 OINT 4 — :

svmnode 7T /XF 4 — 1l TaNRT 4 —DHH
all_probabilities flag
stopping_criteria 1.0E-1 BE LTIV TY) AL ENDIEIET B H
1.0E-2 EPRELET,
1.0E-3 (default)
1.0E-4
1.0E-5
1.0E-6
regularization number C RNFA=R=2LTHHONTWE
ER
precision number NET 1+ =NV FORED Continuous
DELGEIZOMEFINET,
kernel RBF (F7 #J)L 1) BHUZHIHI NS I — 2 IVEED X 1
Polynomial 7,
Sigmoid
Linear
rbf_gamma number kernel 7% RBF DHHIZDOAFHT N
£9,
gamma number kernel #% Polynomial F 7zl Sigmoid
DHEEIZDAMEHINET,
bias number
degree number kernel A% Polynomial DIFEIT D AH
XN ET,
calculate_variable_importance |flag
calculate_raw_propensities flag
calculate_adjusted_ flag
propensities
adjusted propensity partition |Test
Validation
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tcmnode 7 O/XF7 1 —

HHEMREETY V27 Tlk, BRI T—XAOEELRERREBEGROMREIRITINE T, BN
REETFV V7 TlE, EONRRINZFEL, TS OHRRINIST 5 —HD A SER %
BELET, To®k, TV —Yvy—id, ERARRFNZDOWTHCHRORRIIE 7L % HE
U, NRRFE OEERRNREBEBREZRFOANLZITEZID AAET,

# 145. temnode THINT 1 —

tcmnode 71 /%7 ¢ —

fie

PATAL AR 0]

Bl

custom_fields

Boolean

dimensionlist

[dimensionl ... dimensionN]

data_struct

Multiple
Single

metric_fields

field

both_target_and_input

[f1 .. ]

targets

[fl ... AN]

candidate_inputs

[f1 .. ]

forced_inputs

[fl ... AN]

use_timestamp

Timestamp
Period

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod

period_field string
period_start_value integer
num_days_per_week integer
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day integer
start_hour_of_day integer
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% 145. temnode 70T 4 — (i X)

tcmnode 71 /87 ¢ —

f

TaNRT 1 — D

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

list

output_interval

None
Year
Quarter
Month
Week
Day
Hour
Minute
Second

is_same_interval

Same
Notsame

cross_hour

Boolean

aggregate_and_distribute

list

aggregate_default

Mean
Sum
Mode
Min
Max

distribute_default

Mean
Sum

group_default

Mean
Sum
Mode
Min
Max

missing_imput

Linear_interp
Series_mean
K_mean
K_meridian
Linear_trend

None
k_mean_param integer
k_median_param integer
missing_value_threshold integer
conf_level integer
max_num_predictor integer
max_lag integer
epsilon number
threshold integer
is_re_est Boolean
num_targets integer
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% 145. temnode 70T 4 — (Fi ¥)

tcmnode T NT 1 — fill TUNTF 4 — DI
percent_targets integer
fields_display list
series_display list
network_graph_for_target Boolean
sign_level_for_target number
fit_and_outlier_for_target Boolean
sum_and_para_for_target Boolean
impact_diag_for_target Boolean
impact_diag_type_for_target Effect
Cause
Both
impact_diag_Tevel _for_target integer
series_plot_for_target Boolean
res_plot_for_target Boolean
top_input_for_target Boolean
forecast_table for_target Boolean
same_as_for_target Boolean
network_graph_for_series Boolean
sign_level _for_series number
fit_and_outlier_for_series Boolean
sum_and_para_for_series Boolean
impact_diagram_for_series Boolean
impact_diagram_type_for_series Effect
Cause
Both
impact_diagram_level for_series integer
series_plot_for_series Boolean
residual_plot_for_series Boolean
forecast_table_for_series Boolean
outTier_root_cause_analysis Boolean
causal_levels integer

outTier_table

Interactive

Pivot

Both
rmsp_error Boolean
bic Boolean
r_square Boolean
outliers_over_time Boolean
series_transormation Boolean
use_estimation_period Boolean
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% 145. temnode 70T 4 — (i X)

tcmnode 78T 4 — il TH AT 4 — DI
estimation_period Times
Observation
observations list
observations_type Latest
Earliest
observations_num integer
observations_exclude integer
extend_records_into_future Boolean
forecastperiods integer
max_num_distinct_values integer
display_targets FIXEDNUMBER
PERCENTAGE
goodness_fit_measure ROOTMEAN
BIC
RSQUARE
top_input_for_series Boolean
aic Boolean
rmse Boolean
ts 7O/NF 14—
2 RS — Rld. RERSID S fRECFRTA. 1 22O H ARRRERABE L (ARIMA), &

Ay
1‘&,

JULZER ARIMA (£723MEEBR) EFLVEHAIL, kDT 4 —< 2 20 T#l % ME

P LEd, ZOBRY — Rid, SPSS Modeler /N—Y a > 18 THEILX NWZLARTOKRRY] ) —
FEFBLUTWET, 272U, ZOHLWKRS]/ — Rl IBM SPSS Analytic Server D%
BEEHLTY Y T—X 20T 2 L5385 INTEY. $EETIVIE SPSS Modeler /¥
—Vay 17 TEMINZHEAIE 2 —T—ItRRINET,

# 146, ts TONF 4 —

ts TN F 1 —

fH

TaNT 4 — D

targets

field

B/ — Rk, A7 arT
1 2EDOATI 74—V R%EF
B UCTHERAL A2 S, 1 D
UEDORET 4 =N REFHRIL
¥9, BT+ — NV RBLUHE
AT 4=V NIEHEHLEE A,
HULIE, rEw 187 =
DO =7 € T IVIERN./ —|
RO7anxs 1 —] EsBLT
{7ZEWN,

candidate_inputs

[field1

... fieldN]

EFIVCTHEHAINE AT EZIE
FHIZEHT « =LK,

use_period

flag
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# 146. ts TANT 14— (K E)

ts a5 4 —

f

TaNRT 4 — D

date_time_field

field

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod

period_field field
period_start_value integer
num_days_per_week integer
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day integer
start_hour_of_day integer
timestamp_increments integer
cyclic_increments integer
cyclic_periods list
output_interval None
Year
Quarter
Month
Week
Day
Hour
Minute
Second
is_same_interval flag
cross_hour flag
aggregate_and_distribute list
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# 146. ts TANTF 14— (Hi ¥)

ts 785 1 —

fii

TaNT 4 — D

aggregate_default

Mean
Sum
Mode
Min

Max

distribute_default

Mean
Sum

group_default

Mean
Sum
Mode
Min
Max

missing_imput

Linear_interp
Series_mean
K_mean
K_median
Linear_trend

k_span_points integer
use_estimation_period flag
estimation_period Observations
Times
date_estimation list date_time_field Z{HH 3 245
BICOAFHFRETY
period estimation list use_period ZfHifHd 25EIC
DA HET S
observations_type Latest
Earliest
observations_num integer
observations_exclude integer
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_Tevel _shift flag
expert_outlier_innovational flag
expert_outlier_Tevel _shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local_trend flag
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# 146. ts TANT 14— (K E)

HoltsLinearTrend
BrownsLinearTrend
DampedTrend

SimpleSeasonal
WintersAdditive
WintersMultiplicative
DampedTrendAdditive
DampedTrendMultiplicative
MultiplicativeTrendAdditive
MultiplicativeSeasonal
MultiplicativeTrendMultiplicative
MultiplicativeTrend

ts 75 1 — fE TaNRF 4 —DHH]

expert outlier_additive_patch flag

consider_newesmodels flag

exsmooth model type Simple BRCEEERELE T, T7

AV MiE Simple T,

futureValue_type_method Compute
specify
exsmooth_transformation_type None
SquareRoot
Naturallog
arima.p integer
arima.d integer
arima.q integer
arima.sp integer
arima.sd integer
arima.sq integer
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant flag
tf_arima.p. fieldname integer B2 RBE,
tf_arima.d. fieldname integer R
tf_arima.q. fieldname integer 22 RBIEU,
tf_arima.sp. fieldname integer B EU,
tf_arima.sd. fieldname integer 12ERBH,
tf_arima.sq. fieldname integer {ERERBUT,
tf_arima.delay. fieldname integer 2R,
tf_arima.transformation_type. fieldname |None 2R,
SquareRoot
Naturallog
arima_detect_outliers flag
arima_outlier_additive flag
arima_outlier_level shift flag
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# 146. ts TANTF 14— (Hi ¥)

ts 08T 4 — i THRT 4 — D

arima_outlier_innovational flag

arima_outlier_transient flag

arima_outlier _seasonal additive flag

arima_outlier_Tocal_trend flag

arima_outlier_additive_patch flag

max_lags integer

cal_PI flag

conf_limit_pct real

events field

continue flag

scoring_model_only flag %< (1 JTHAL) DORERSIDE
TIVZHAL 9,

forecastperiods integer

extend_records_into_future flag

extend metric_values field FRID 7= DI DiE % HRHET
E5k51CLET,

conf_limits flag

noise_res flag

max_models_output integer HHIZERRT B ET VO %]

lEmEHTEXT,

MUEd, T7HLME 10 {8
T, HEINZETILORK
MIDEEBZBIG56. EFIL
WEHEAIZRRINERA, T
TH, EFNRFATITY VI

timeseriesnode 7' O/35 1 — (BEL)

e ¥ ZOILORRGI — Rk SPSS Modeler D/X—Y 3 ¥ 18 THelkI N, H L WKRF ) —

’ FizEEHrzonE Lz, ZOH LW/ —Fid, IBM SPSS Analytic Server DH8E % ifiH

L. B TF—X2MHT5IDICHTFINTWET, BRY — Rk, BRHD SO
#, 1 ZE0OHCHRMAEESHEEEE (ARIMA), 8 LU0EZEE ARIMA (£ 721 3MEEFE)
EFVEMBERL, FRKDAT k=< ZADFREERL T, HRY] —RiE, KEXS —

FIZE s THIZEITINOBERDH D £,

il

node = stream.create("timeseries", "My node")
node.setPropertyValue("method", "Exsmooth")

node.setPropertyValue("exsmooth _model type", "HoltsLinearTrend")
node.setPropertyValue("exsmooth _transformation_type", "None")
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+ 147. timeseriesnode T HINT A —

WintersAdditive
WintersMultiplicative

timeseriesnode 7'/ 87 1 — fiE THRT 4 — DI
targets field RRH ) —Flid, A7vayv
T 1 2BEDALT 4 —N
RZ&FHlE e UTHAL 2D
5. 1 DB EDOHET 1+ —
FeFPilLEd, EHT7+—
VRBEUEAT 1 =L FiE
FRALEEA., FHLE
My 187 "=V D |
[ 72 € T IVIERL — R D 7]
(@87 1 —J s LTLE
RN
continue flag
method ExpertModeler
Exsmooth
Arima
Reuse
expert_modeler_method flag
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level shift flag
expert_outlier_innovational flag
expert_outlier_level shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_local_trend flag
expert_outlier_additive_patch flag
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal

exsmooth_transformation_type None
SquareRoot
Naturallog
arima_p integer
arima_d integer
arima_q integer
arima_sp integer
arima_sd integer
arima_sq integer
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% 147. timeseriesnode 7HINT 4 — (fr¥)

timeseriesnode 7'/ 87 1 — fiE THaNRT 4 —DFHH
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant flag
tf_arima_p. fieldname integer 1R,
tf_arima_d. fieldname integer {RIERBIE .
tf_arima_q. fieldname integer 1R,
tf_arima_sp. fieldname integer {RIEBIE .
tf_arima_sd. fieldname integer R B,
tf_arima_sq. fieldname integer {RIERBIEH,
tf_arima_delay. fieldname integer 1R,
tf_arima_transformation_type. fieldname None (R BB,
SquareRoot
Naturallog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive flag
arima_outlier_level_shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_Tlocal_trend flag
arima_outlier_additive patch flag
conf_limit_pct real
max_lags integer
events field
scoring_model_only flag %< (1 /T8 ORRFID
ETVITHALEY,
treeas 7O/37 1 —
(ﬂ\\ H%AS/—Fd%ﬁ®CHMD/—PKM?piTﬁ\nwAS/fP@Evﬁ?—ﬁ%m
A BUT 1 20Y ) —#FHT 52 L & HICRAENTH Y, $EEFLH SPSS Modeler
.._..".

N—=ay 17 TEMENZEIC 2 —T —IIRRINET, O/ —Fi& 1 2 FEiGE
(CHAID) 2L TREZDE2EETEI LT, Ta¥Vary -V —%2ERLET,
CHAID 2ZD &5l 5Z 2T, ¥ 2 AV —%2AwKTEEd, Zhik, 3 HAED
TS UFEFEONEPEETE I 2BKLET, RE 71—V RBLTAHT 1 =L RI,
BUEMPH GEfET) £/213 7TV — 24 b £9, Exhaustive CHAID & CHAID DEIERK
T, RO H B2 DETRTEZFARL LT, LD LWERZBONT T, FHEMMEEL

Y EY,
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# 148. treeas TUINT 4 —

treeas 71 /8F 4 —

fil

TaNRT 1 — D

target

field

Tree-AS / — R Tli&., CHAID EFI)ViZiX
B—DWRT =V FBELU 1 2B EDA
N7 4=V RDBRBRBEZ D £F, BT 1
—)VRBEETEET, FHULE bEY
71187 R=Y D [N E TIVER/ —|
[FOTa T 14— EBELTLEZI N,

method

chaid
exhaustive_chaid

max_depth

integer

BV U —HE 0 75 20), 77+ MA
X5 TY,

num_bins

integer

T — X WEGEI AN THERE N5 EI120
AEAINET, ANZHUTHEAT2E
LW7U 27T vy CVvoBERELET,
A7 avix 2, 4, 5. 10, 20, 25, 50,
F721% 100 T,

record_threshold

integer

ETNTYV—2fERT 5L ST, p [HD
FHAPSHEY A XOEHIZT O EZ DL
a— R, 574V & 1,000,000 TI,
Bk 10,000 DEAITITWE T,

split_alpha

number

NEIDEZKE, ZOfEIE 0.01 55 0.99
£TTY,

merge_alpha

number

e DARKE, ZoOfEiE 0.01 225 0.99
¥ TTY,

bonferroni_adjustment

flag

Bonferroni XV v RZ{fiH L THEHERE
% iR,

effect_size_threshold_cont

number

HEDTRZHHT A8 ) — RO4EB
FOHTTYOKEEERITOMRY A AL E
WiizZELET, ZOMEIX 001 25
099 ¥ TTY,

effect_size_threshold_cat

number

AT TR REEHT BRI — RD5y
HBE LA T IV OEEETOIHRY 1 X
ULEWEEZBRELET., ZOMEIX 001 225
099 ¥ TTY,

split_merged categories

flag

X—=YUL7AT IV —DOFSE %,

grouping_sig_level

number

J— K ZN—=TORRGEE 364 ) —
RO GEEPRET H7-OIFHINE
E

chi_square

pearson
Tikelihood_ratio

714 2 TREIOFHEICH I ND HIE
(Pearson ¥ 7z 3L L)

minimum_record_use

use_percentage
use_absolute

min_parent_records_pc

number

T 74 MEX 2 T, BT 1. &K
100, £ > Z VAV MET 1 TY, BEED
fEIZFHEOME h REL RITNIERD F
A,
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3 148. treeas TONT 4 — (Fi¥)

treeas 7H/ST 1 — il TH AT 4 — DI
min_child_records pc number T 7 AV MBI 1 T, BUME 1. BRI
100, 1 Y27 VA ME 1 TY,
min_parent_records_abs number 77 )V ME 100 TY, BuME 1. K
100, Y7V AYME 1 T, BIEEE
DEIFTREEDME & b KEL BITNIERD
A,
min_child_records_abs number T 7 4V MEX 50 T, FNE 1. K
£ 100, 127U AYNMNE 1T,
epsilon number WX N3 2 IVEROR/NEL,
max_iterations number R D 72 8 D e K AL [,
use_costs flag
costs structured g T a7 10—, BRI, EEROME,
FHIEHE, BLXCFIA N (FHHPELL
BNGE) D 3 DOEDY A TY, BN
ZhlERU &9,
tree.setPropertyValue("costs", [["drugA",
"drugB", 3.0], ["drugX", "drugY", 4.0]])
default_cost_increase none e EPEN I L TOAEMTT,
Tinear AZAMMIFNZT 7 4V MEEFEL T,
square
custom
calculate_conf flag
display_rule_id flag T4 —)VRM 1 2237 ) v ZHIITEN
INFETH, ZHEFELI-REH YT
H5R—=3IF)N -/ —=FIZID ZRT7ZDD
HDTT,

twostepnode 7'O0/37 1 —

4l

node

node.
.setPropertyValue("inputs", ["Age", "K", "Na", "BP"])
node.
node.
node.
node.
.setPropertyValue("exclude_outliers", True)
node.

node

node

TwoStep / — R T, 2 BRED 27 7 A X — (b FEMEHINE T, BRIDAT Y I TR, 7T—4
%1 EERIET, RUBEO AT — X 2 EEHATREL —HDY 727 7 A X —IZEML T, 2

BHDOAT Y 7 TlE, BEI FAX—LFEREMEALT, 3777 AX -2 LD RERITA
A—IZREATETWE XY, TwoStep (21E, FE T — XITHR#EL 2 T 2 X — % HEIZHEE

THELEVWIHEDNHY £T, £/, 74— F -

J<UHETEET,

= stream.create("twostep", "My node")
setPropertyValue("custom fields", True)

setPropertyValue("partition", "Test")
setPropertyValue("use_model name", False)
setPropertyValue("model name", "TwoStep Drug")
setPropertyValue("use partitioned data", True)

setPropertyValue("cluster_label", "String")

RA TOREPKBUELT =X - £y FHRhE
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node.setPropertyValue("1abel prefix", "TwoStep ")
node.setPropertyValue("cluster_num_auto", False)
node.setPropertyValue("max_num_clusters", 9)
node.setPropertyValue("min_num_clusters", 3)
node.setPropertyValue("num clusters", 7)

# 149. twostepnode T NT 1 —

twostepnode 71/ %F 1 — fili T8 1 — D
inputs [field1 ... fieldN] TwoStep ETMIEHELT 1+ = R T%HL,
A7 4—=NVRDOY X %FEHALEY, &
AT 4=V B XCEET 1« —b IR
INFHA, FHULIE FEv 187 N
— V0 T —RINZET VIR — FD 70
(ST 4 -1 EERUTIEZ WY,
standardize flag
exclude_outliers flag
percentage number
cluster_num_auto flag
min_num_clusters number
max_num_clusters number
num_clusters number
cluster_label String
Number
label_prefix string
distance_measure Euclidean
Loglikelihood
clustering_criterion AIC
BIC

twostepAS DT O/XF 4 —

TwoStep 7 7 A&X—lF, BEIXF->EH LAV, T—XEy NNTOERRI V-7t (7=
377 A% —) T2 Z L2 HME UTRKEIINAHERY -V TY, ZOFHE THHA
INBTNTYALZIE, HERDIFTAR) VT RHELITELRLUTOENZRELH D £F
(77 TV =S L OEHRABONE, 77 AX—BOHIER, A7r—7) 7172,

# 150. twostepAS DT HINT 14 —

twostepAS D T NF 4 — fi#i TunRT 4 — DA

inputs [f1 .. AN] TwoStepAS E T IVIEAS 7
4= ROV AMEMFHLE
TAL HHRT 4 —IL R
LEFA, EAZ74—IRE
FUOER T « —)L Rig@ax
NEFA,

use_predefined_roles Boolean 57 4 )V b =True
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# 150. twostepAS DT HNT 4 — (i ¥)

twostepAS D T NF 4 — fiEl TaNRT 4 —DHH
use_custom_field_assignments Boolean 7 7 # )V b =False
cluster_num_auto Boolean T 7 4V F=True
min_num_clusters I F7 AN h=2
max_num_clusters B F7 A k=15
num_clusters I F7 4 h=5
clustering_criterion AIC

BIC

automatic_clustering_method

use_clustering_criterion_setting
Distance_jump

Minimum

Maximum

feature_importance_method

use_clustering_criterion_setting
effect_size

use_random_seed Boolean
random_seed B
distance_measure Euclidean

Loglikelihood
include_outlier clusters Boolean 77 4 )V b =True
num_cases_in_feature tree Teaf is less than | %% T 7 4 h=10
top_perc_outliers B F7 A =5
initial_dist_change_threshold B T 7 * ) k=0
Teaf_node_maximum_branches B F7 A =8
non_leaf_node_maximum_branches B T 7 A h=8
max_tree_depth B F7 A =3
adjustment_weight_on_measurement_level B T 7 A h=6
memory_allocation_mb A 77 # )V~ =512
delayed split Boolean T 7 4V h=True
fields_to_standardize [f1 ... N]
adaptive_feature selection Boolean F 7 4 h=True
featureMisPercent B 77 * )V k=70
coefRange Bl 77 x )V +=0.05
percCasesSingleCategory B 7 4 ) h=95
numCases R T 7 AV k=24
include_model_specifications Boolean 7 7 # )V b =True
include_record_summary Boolean T 7 4V h=True
include_field_transformations Boolean 7 7 # )V b =True
excluded_inputs Boolean T 7 4V h=True
evaluate_model_quality Boolean 7 7 %)V b =True
show_feature_importance bar chart Boolean T 7 4V h=True
show_feature_importance_ word_cloud Boolean T 7 4 )V F=True

%13 B EFNMER — RO TaF 1 —
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# 150. twostepAS D THNRT 14— (K X)

twostepAS D T NF 4 — fiE TaRXT 4+ —DHH]
show_outlier clusters Boolean 57 4 )V b =True
interactive_table_and _chart
show_outlier_clusters_pivot_table Boolean 7 7 %)V b =True
across_cluster_feature_importance Boolean 77 4V h=True
across_cluster_profiles_pivot_table Boolean 7 7 %)V b =True
withinprofiles Boolean 7 7 # )V b =True
cluster_distances Boolean 7 7 %)V b =True
cluster_label String

Number
label_prefix String
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F14ZE EFI-FHy b /J—Ro7OnNFT4—

ETINV-F Ty b J—=NiE Mo/ —RNERUEEO T T —2EAELTVWET, FLLIE MY
v 76 R=YD [HHED /) —F - Tu 51 —] [FSELTIZI W,

applyanomalydetectionnode 7’00/ 4 —

REMREETVAER , — F2MHEL T, BEMERKET IV - 77y FE2ERTHI N TEEY, Z0E
TN+ F7y MDA Y T N4IE. applyanomalydetectionnode TS, ETIWAERK /) — NEEKDZAZ ) 7+
Affli%, [ 188 =YD Tanomalydetectionnode 70 /37 1 —J S L T 723\,

# 151. applyanomalydetectionnode 7 WA INT 1 — :

applyanomalydetectionnode 7'H/87 4 —  |fH TaNRT 4 — D

anomaly_score_method FlagAndScore Aa7 VIR, BRIl RO ET,
FlagOnly
ScoreOnly

num_fields integer WEdT 571 —IVNEL

discard_records flag LVaO— RPN SERINDENE I PERLE

ER
discard_anomalous_records flag RELLV - R2HEET DD, EREFEE TRV

La— NZ2BEET 00, 774V M, R
HTRW VI—FHPHERI NG I L 2R off
T3, TR L, on DAL, BELL a—
RPFEEINE T, ZDTaF 10 —I%,
discard_records WEMRBEIZZT. BHHITR
DET,

applyapriorinode 7’0/37 14 —

Apriori €T IWVAERL/ — &ML T, Apriori €ET)V - 77 v N2EKTHI LN TEXET, TOET
V- F7y NDAZ Y T N4IE applyapriorinode T, EFIUAERK ., — REHEDZ 2 ) 7 L OFEMIL, |

[189 ~— D [lapriorinode 7H /X7 1 —J B L T I\,

# 152. applyapriorinode 7HINT 4 — :

applyapriorinode 7 1/ %F o — 1l TaRT 4 — DA

max_predictions number (&)

ignore_unmatached flag

allow_repeats flag

check_basket NoPredictions
Predictions
NoCheck
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2 152. applyapriorinode 7HNT 4 — (i &) :

applyapriorinode TN 4 —

fie

TaTF 4 — D

criterion

Confidence
Support
RuleSupport
Lift
Deployability

applyassociationrulesnode 7’0/37 4 —

TYYI—=vay b= EFIVER/ —RNEMHLT, 7Y YT—Yary b= 70V FT v bR
KB ENTEET, TOETINV F7 v bDARY Y T N4 applyassociationrulesnode T3, €T VA
B/ — RBA#KREAZ ) T MES 5 HEIZDWTIE, [ 190 X—Y D [lassociationrulesnode 7 H/ 87 1 —J |

EZRLTLLEZIN,

# 153. applyassociationrulesnode 7' W1 3T 1 —

INT o4 —

applyassociationrulesnode 7'

7= KA

TN T 4 — DA

max_predictions

integer

AATIZHTEAEANCEHTEEIL—ILDOFK

criterion Confidence W=V DIREEHW T B7-DDREZERL £
Rulesupport ES
Lift
Conditionsupport
Deployability
allow_repeats Boolean WU FHMEREOIL—VERAITHIZEDENE S

MmERELET,

check_input

NoPredictions
Predictions
NoCheck

applyautoclassifiernode 7’0/37 1 —

HEIDHEE T IVIER , — N2 LT, HEISHEET L
oy NOAZ ) TSI, applyautoclassifiernode T3, ETMER/ — RO A2 Y 7 MEDOFERIE,

[ 193 ~—2 D Tautoclassifiernode 7' H/ 87 1 —] [%

# 154. applyautoclassifiernode 7 W8T 1 — :

L

=N

cFTY NEREERTEIENTEET, ZOET

LTSN,

applyautoclassifiernode 7'1/%5 ¢

fid

FHT 4 — DB

flag_ensemble_method

Voting

HighestConfidence
AverageRawPropensity

ConfidenceWeightedVoting
RawPropensityWeightedVoting

TP YT AATERET S0
AT 2 HiEERELET, ZOF
Eld, BIRXNWGRNR T 5 78T 4
— VR THIGEIZOABEHINE
ERS
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# 154. applyautoclassifiernode 7HNT 4 — (Fi &) :

applyautoclassifiernode 711/ %5 1
— fill Ty 4 —DHH
flag_voting tie selection Random HRFENRIRI N 56. WG R
HighestConfidence DR FEEZTRELES, ZOHRE
RawPropens ity ORI N RN T T T T ¢ —
VR THIGEIOABHAINET,
set_ensemble_method Voting TUH YTV AATERET BH
ConfidencelleightedVoting T ke fREL£d, Z0X
HighestConfidence BN, BRI N/ R) Sy NELT o
—VRTHIGEIOAEHEINE
ER
set_voting_tie selection Random W FEDBIRS W26, AR
HighestConfidence DR FGEEBELET., TORE
3. BRSNIZJEPHELT -1
RTHhrGEITDABBHEINET,

applyautoclusternode 7’0O/3X5 1 —
B2 5 A& — - EFUER — R2FALT, B2 5 AKX — - 5L - F 7y h&ERT S LHTE
£9, ZOETN - FT Y VDAY Y T MNAIEL applyautoclusternode T, ZDETI - F7 v DD

TUNRT 1 =D Y A, ETFMER S — REKRDAZ ) T ORI,
[ Tautoclusternode 7 E /35 1 —J L TL X W,

applyautonumericnode 7 0O/X5 1 —

HEFEMEE T VER , — R2HL T, BEBEETIV - 77y b2ERT 2N TEET, ZOET
V- Fry NDOAZY) T4, applyautonumericnode T3, ETIVER ./ — RO A2V 7 MEOGEM I,
[197 *R— D Tautonumericnode 7H/8F 4 —J EHBL TLZE W,

# 155. applyautonumericnode 71 /NT 1 — :

applyautonumericnode 71/ %5 1 — | {H TaNRT 4 — D

calculate_standard_error flag

applybayesnetnode 7'O0/37 1 —

RAX -2y M7= - FETIMER/ —FEHEHALT, "AX - 2y bT—=2 - ET)N - F 7y beERT
5ILMTEET, ZOETIN - F7 Y "DAZ Y T NI, applybayesnetnode T3, €T WVERL/ — R
HARD A2 ) 7+ DM, | 198 X—2 D [bayesnetnode 7H/837 4 —J BHZBL TLZE W,

# 156. applybayesnetnode 7T /NT 4 — :

applybayesnetnode 7'11/%5 1 — fE TaNRT 4 — D
all_probabilities flag
raw_propensity flag
adjusted_propensity flag
calculate_raw_propensities flag
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# 156. applybayesnetnode 7HIRT 4 — (i &) :
applybayesnetnode 7' 11/%F 1 — E TaxXT 4+ —DFHH

calculate_adjusted_propensities |flag

applyc50node 7'0O0/357 1 —
C5.0 ETWAER/ — RZHLT, C5.0 ET)V - 77y hEERTHI LN TEXT, ZOETIV -+

v FDAZ Y T NI, applyc50node T, ETIVAERK . — REKD A2V 7 - OFEAHIE,
[Fc50node 7'H 8T 1 —] FHIL T ZE W,

# 157. applyc50node 73T 4 — :

applyc50node 7185 1 — fi#i TaNRT 4 —DHIA

sql_generate Never =ty NEFFRD SQL ERRA T 3
NoMissingValues DFEIHEAL £7,

calculate_conf flag SQL AEEMAIT R > TWALEIZHIHT

X9, ZOTaNNT =T, EFEEh
720 ) —HOMEEFENIGENTVE
ES

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applycarmanode 7'O0/37 4 —

CARMA EFNMER — RZHH LT, CARMA 5V - 77y h2ERTEIENTEET, ZOET
Vo Ty SO ) T MIE applycarmanode TS, ZDETINV - F7 v OO THNRT 4 —1EH Y
FHA, ETFMER — REKRDRAZ ) 7 hOFEMIL, [ 202 *—Y D lcarmanode 7H /87 1 —J |& 2
LTLEEWN,

applycartnode 70O/X5 1 —

C&R Tree ETWMESEMHL T, C&R Tree ET NV - 77y b2ERTHIENTEET, ZOET
Vo F Ty DAY T MAIEL applycartnode TS, BT VAR — FEKD A2V 7+ OFHIE.
=YD lcartnode 7087 1 —] [EBILTLZX W,

# 158. applycartnode TH/XT 1 — :

applycartnode 711/ %5 1 — fifi T8 1 — DA
enable_sql_generation Never =)ty METRO SQL ARA 7Y 3
MissingValues DFEIHEAL £7,
NoMissingValues
calculate_conf flag SQL DA > TWAEGEIZHIHT

X9, ZOTaNNT =T, EFEEh
720 ) —HHOMEEFIENEGENTVE
E

display_rule_id flag T4 —)VRHM 1 D237 ) v IHIITEN
INFTH, ZThEFELVI—FEHDYT
52 —=3F) - /=R ID Z2R37ZDD
HLDTY,
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# 158. applycartnode 7HNT 4 — (fi %) :

applycartnode 711/ %5 1 —

f

TaNRT 1 — D

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applychaidnode 7’0/ 4 —
CHAID €7 WAER ./ — K& LT, CHAID €7V - F7 v bE2ERTHIENTEEXS, ZOET
V- F7y NDOAZ Y T NZIE, applychaidnode T, EFMERK /) — REAKDOZ 2 1) 7k OFMIL, |

R05 X— D [chaidnode 7H/8F 14— [FZIRL T EE W,

# 159. applychaidnode 70 /8F 4 — :

applychaidnode Properties il 7087 4 — DA
enable_sql_generation Never =ty NEFFRED SQL kA T a
MissingValues VOREIMHHEL T,

calculate_conf flag

display rule_id flag T4 =LMW1 D237V I HHIzEmR
ENEITA, ThFHLVI—-RN2EDHT
5X2—3IF)N -/ —FIZID 2R3 7dD
HDTY,

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applycoxregnode 7'O0/37 1 —
Cox EFIMER ./ — REMALT, Cox EFN - F7 v h2ERTEIENTEES, ZOETN - F7
v bDAZ Y T MK, applycoxregnode T, ETIVER/ — REKRD A2 ) 7 - OFEM I,

(> Tcoxregnode 7 /3F 1+ —J [EHMEL T EI W,

# 160. applycoxregnode THINT 1 — :

applycoxregnode 7'1/87 1 — il TaNF 4 — D
future_time_as Intervals
field
time_interval number
num_future_times integer
time_field field
past_survival _time field
all_probabilities flag
cumulative_hazard flag
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applydecisionlistnode 7'0O0/35 1 —

TavYar - VAN ETMEE —FZ2MEHLT, To¥Yary - UAN-ETN - FT bRERT
5ZEMTEET, ZOETIN - FT7 Y hOAZ Y T NI, applydecisionlistnode T3, €T MER/ —

REAKDO A2V 7 b0, [ 209 *—2 D [decisionlistnode 7 H/8F 1 —] FBILTLZEI W,

# 161. applydecisionlistnode 7 W8T 1 — :

applydecisionlistnode 7T /3%5 1

- fH TaNT 4 — D

enable_sql_generation flag HIZRELZEEX, T4¥Yay - VYA
b EBTFNAD SQL NTwany i
% & 512 IBM SPSS Modeler %%idfT L %
ED

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applydiscriminantnode 7’'0/37 14 —

MR HE T VAR — R2MHEHLU T, HRDHET N - F 7y bEERTEIENTEET, ZOET
Vo F Ty NOAZ Y T NI, applydiscriminantnode T3, €T MER/ — FEKD A2 ) 7'~ OFEM
1. [ 210 *—Y®D [discriminantnode 7037 4 — ] [EZH L TL X W,

& 162. applydiscriminantnode 70 /3F 4 — :

applydiscriminantnode A= PAS P
- fE

ZTaNTF 4 — DO

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applyextension 7’0/357 1 —

PRERE T AR/ — R2@H LT, SHRET )V F7 v b

U 7 N1 applyextension T, ETIEER/ — FEE%E

w EERTAIENTEET, ZOEFIV 77y NDORY

22 7 ME$ B HEIZ OV TIE

| Fextensionmodelnode 7T/ 8F 1 —J [EHIRL TL &

W,

Python for Spark Dl

#### script example for Python for Spark
applyModel = stream.findByType("extension_apply", None)

score_script = """

import json

import spss.pyspark.runtime

from pyspark.mllib.regression import LabeledPoint
from pyspark.ml1ib.linalg import DenseVector

from pyspark.mllib.tree import DecisionTreeModel

from pyspark.sql.types import StringType, StructField
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cxt = spss.pyspark.runtime.getContext()

if cxt.isComputeDataModelOnly():
_schema = cxt.getSparkInputSchema()
_schema.fields.append(StructField("Prediction", StringType(), nullable=True))
cxt.setSparkOutputSchema(_schema)

else:
df = cxt.getSparkInputData()

_modelPath
metadata =

= cxt.getModelContentToPath("TreeModel")
json.loads(cxt.getModelContentToString("model.dm"))

schema = df.dtypes[:]
target = "Drug"
predictors = ["Age","BP","Sex","Cholesterol","Na","K"]

Tookup = {}
for i in range(0,len(schema)):
lookup[schema[i][0]] = i

def row2LabeledPoint(dm,lookup,target,predictors,row):
target_index = lookup[target]
tval = dm[target_index].index(row[target_index])
pvals = []
for predictor in predictors:
predictor_index = lookup[predictor]
if isinstance(dm[predictor_index],list):
pval = row[predictor_index] in dm[predictor_index] and dm[predictor_index].
index(row[predictor_index]) or -1
else:
pval = row[predictor_index]
pvals.append(pval)
return LabeledPoint(tval, DenseVector(pvals))

# convert dataframe to an RDD containing LabeledPoint

1ps = df.rdd.map(Tambda row: row2LabeledPoint(metadata,lookup,target,predictors,row))
treeModel = DecisionTreeModel.load(cxt.getSparkContext(), _modelPath);

# score the model, produces an RDD containing just double values

predictions = treeModel.predict(1ps.map(lambda Tp: 1p.features))

def addPrediction(x,dm,lookup,target):
result = []
for _idx in range(0, Ten(x[0])):
result.append(x[0] [_idx])
result.append(dm[lookup[target]] [int(x[1])])
return result

schema = cxt.getSparkInputSchema()

_schema.fields.append(StructField("Prediction", StringType(), nullable=True))

rdd2 = df.rdd.zip(predictions).map(Tambda x:addPrediction(x, metadata, lookup, target))
outDF = cxt.getSparkSQLContext().createDataFrame(rdd2, _schema)

cxt.setSparkOutputData (outDF)

applyModel.setPropertyValue("python_syntax", score_script)

R DOl

#### script example for R
applyModel.setPropertyValue("r_syntax",
result<-predict(modelerModel ,newdata=modelerData)
modelerData<-cbind(modelerData,result)
varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",fieldMeasure="",
fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")
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# 163. applyextension 7THINT A —

applyextension 71/ %5 1 — 1l T TF 4 — DA
r_syntax string EFN - AATVVIHD R A2
TRy IZ,
python_syntax string ETN - 237 Y Y IHD Python
AOVT bR TR,
use_batch_size flag Ny FAEREEAWREIZ L9,
batch_size integer ENYFIZEDET—X LA—FD
BeEEL 9,
convert_flags StringsAndDoubles T 0MT7 4=V KRBT EH-DD
LogicalValues Fray,
convert_missing flag REfEE R O NA HIZEHT 5728
DX T ay,
convert_datetime flag HETER 23 HAS /R R DE
% R OHN/MRARRCLHT 572
DDATav,
convert_datetime class POSIXct HMEA X 723 H AN /LI X D&%
POSIX1t DHH, EOWADEEZWT % »
EHRETDODF TV a Yy,

applyfactornode 7'0O0/357 1 —

HFAMETNER — F2BHLT, RFAMETN - +7y b2ERTHIeNTEET, ZOET
VoY SO ) T MIE applyfactornode T, ZOETIV - Ty OO TOT 4 —3H D &
Hho ETIMER — REEDAZ ) 7 OFEMIL, | 215 =YD [factornode 7H/8F 1 — 1 [#BIRL
TLET W,

applyfeatureselectionnode 7'0O0/35 1 —

BRGEIRETIVAER — REHLU T, Z2EEIRET IV - 77y bEERT LI LN TEET, ZOET
Ve Fy MDA T NI, applyfeatureselectionnode TS, ETIWER/ — NEARDZ 7Y 7 S OFEH
X, [ 216 ~— D [featureselectionnode 7' H /X7 14 —] [FBHHL TL 72X\,

# 164. applyfeatureselectionnode 7WIST 4 — :

applyfeatureselectionnode 7’11 /%

F 4 — fit TR T 4 — DA

selected_ranked fields ETN - TIUY-—NTHEINE TV
HEDT74— NV RERELET,

selected screened fields ETN - TIIUF—ANTHREINDE AT Y
—Z VTN T 4 =V RERELET,
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applygeneralizedlinearnode 7'0/%X7 1 —

— M bAREL (genlin) ETIVIERL/ — RZMHL T, —BALBELET IV - S 7y MERERTEZ LN TEX
T, ZOETN - FT Y FDARY ) T NI, applygeneralizedlinearnode T3, ETIWAERK ./ — K EEKRD X

20 7 h O, [ 218 =YD lgenlinnode 7H/ 8T 1 — 1 BT X0,

% 165. applygeneralizedlinearnode 71 /37 1 — :

applygeneralizedlinearnode 7'1/%

TA— fid TN T 4 — D
calculate_raw_propensities flag
calculate_adjusted_propensities |flag

applyglmmnode 70O0/87 1 —

GLMM €T IWAER/ — RZ&HLT, GLMM €5 - 7y h2ERTEINTEET, ZOET
V- FT Y NDAZ Y T &, applyglmmnode T, EFMERK / — RAKD 22 ) 7+ ORI, |

R22 R—Y D lglmmnode 70/3F5 1+ —J EFHIBLTL I\,

# 166. applyglmmnode 70N T 1 — :

applyglmmnode 711/ %F 1 —

f

TN 4 —DFH

confidence

onProbability
onlncrease

Aa7 V) VT DREEEZEHRT 2 A% (kb
EOWTHIER, F2I3RD S0 FHEfER
2 FHIZEWTFHIER & D),

score_category_probabilities

flag

True WKERESINZHE, T TV —JFRD
THEREZERLET, hTITV -8
T4 —=IVRWMEREINET, T4
False T9,

max_categories

integer

MRz PRI 207 T) —DRAETT,
score_category probabilities #° True O

BEIZOMEHINET,

score_propensity

flag

True KEINHE, 77 78GR %5
LETMIRH LT, RFAEEIATT

( Ttrue) DIEROMER) 2EKLET., T
—REDVBEMRIBE. TAN - T—X K
FIZHEDWT, FAREFEAMERNA I T B AR
LEd, 74 NI False TT,

enable_sql_generation

udf
native

A MY —=LFE RO SQL EA T a v
ERETDOIHHLET, 72—
ZNZ Ty > aNy 7 LT SPSS® Modeler
Server Scoring Adapter TA 37 ) N
0 (AATV VY TRTR=D1 VX b
—VERDT —RZR—= 2 LTV 5
#). SPSS Modeler A TAa7 Y v I § 3%
MEFEIRTEET,

7 7 &)V MEIX udf T,
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applygle 7’0/857 4 —

GLE ETMEK/ — FZ2MHHLT, GLE €7V 77 v hE2ERTEET, ZOETNV FT7v hDRA2Y
7 b 4E applygle T, ETMAER S — REKEZZ ) 7 MET 2 HEZDO0WTIE, | 225 R—=V D [gle|
o isF1—l sl T EEw,

% 167. applygle 70 3T 1 —

applygle 7185 1 — fiE TaRT 4 — D
enable_sql_generation udf A MY —=LEfFho SQL A Sy a v
native ERETLIEOIHEHLET, T—R~R—

AWz F w22y 2 LT SPSS Modeler
Server Scoring Adapter ZffifFHLTA 27
Vo730 (RaAT VYT TRTEHRA
VAR —VFEADT — R R = ZUTH g LT
W554). SPSS Modeler NCTAaT Y~
TN EERLET,

applykmeansnode 7'O0/37 4 —

K-means €7 WAEK/ — NZMHHAL T, K-means €TV - 7 v hNaEKT 5 eNTEEd, ZOET
Vo F Ty hOAZ Y T NI, applykmeansnode TS, ZDETIV - 77w hOMD TR T 4 —idEH b
FHA, EFMER/ — REARDOAZ Y 7 b0, [ 230 =2 D [kmeansnode 7 0/8F 1 —] [# %
LT ZEWw,

applyknnnode 7'00/37 1 —

KNN ETWVER/ — FEHEHAL T, KNN €70V - F7y b2ERTHZenTEEd, ZOETIL - F
Ty rDAZ )T NLIE applyknnnode T, ETIERL — FEAKDZZ ) 7 - OFHIE,
(@ Tknnnode 7H/XF 1 —J BT EZE W,

# 168. applyknnnode 7T/NT 4 — :

applyknnnode 71 %5F 1 — fifi TN 1+ —DEA
all_probabilities flag
save_distances flag

applykohonennode 7’00/ 1 —

Kohonen €7 IVIERL/ — RZM L T, Kohonen €5V - 77 v hE2ERTEHILNTEET, ZDE

T+ Ty DAY T S4IE, applykohonennode TS, ZDETIV - F 7y hOMD TaNT 4 —dEH
DEFA, ETIMER/ — RERDZZ ) 7 hOFEMIE, [ 200 R—Y D [50node 7 H/NF 1 —1 [ 2
LTL7ZEW,
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applylinearnode 7'0O0/35 1 —

KILE TR/ — RZMH LT, MBETV - 77y b2ERTHIENTEET, ZOETILV - FT Y
FDZ 2V T N/IEL applylinearnode T, ETIVER/ — RERDAZ ) 7 - OFEM I,
[ [linearnode 70 /35 1 —J FHIL T 72X\,

# 169. applylinearnode 71 /3T 1 — :

linear 70 /XF 1 — il TanRT 1 — D

use_custom_name flag

custom_name string

enable_sql_generation udf A MY —=LFE TR SQL EA T a v
native ERETDIOIHHLET, T—2R—
puresq] 2Ty aNy 7 LT SPSS® Modeler

Server Scoring Adapter TA 37 Y N D
LZ0 (AATV VT TRTR=D1 VX b
—VERDT — R R—= 2R L TV 51
&), SPSS Modeler N TAa7 VU V795
P FRRET AR Ty any s
LT SQL TAaT ) V7T E50%EENT
ERESC I

7 7 AV MEIX udf T,

applylinearasnode 7’0/37 1 —

Linear-AS E 7 WVAER./ — RZ L C. Linear-AS €7 F»7v b&ERTEET, ZOETIN F7v
FDAZ ) T NI applylinearasnode T, ETIVAERL/ — RAKDAZ Y 7 b OFI,
[ Minearasnode 7E /85 1 —J B L T2\,

# 170. applylinearasnode 7 HINT 4 —

applylinearasnode 7'/ 3F 4 — fiE TaRXT 4+ —DHH
enable_sql_generation udf T 7 A )V MEE udf TT,
native

applylogregnode 70O/X5 1 —

OYVAT 4y ZRFETIVER S, — REFALT, BYAT 0 v ZEFETIV - F 7y VE2EKRT S L)
TEEY, ZOETNV - 7Y DRI Y T 4L, applylogregnode T3, ETIVAEE/ — NEAEKDA 2
D7 N0, | 236 =T D [logregnode 71 /8F 4 — ] B TL I W,

# 171. applylogregnode 7TT/NT 4 — :

applylogregnode 711/ 85 1 — fill TuRT 1+ — D
calculate_raw_propensities flag
calculate_conf flag
enable_sql_generation flag
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applylsvmnode 70O/ 4 —

LSVM EFIUER — RZMH LT, LSVM €5 - 77y b2 EKT 22D TEET, ZOETIL -
T DAY T MK applylsvmnode T, ETIVAERL/ — NEKRZAZ ) 7 MET B HEIZDONWT
1, [ 241 R=Y D [lsvmnode 705 1 —] EZBLTLZI W,

% 172. applylsvmnode 7H 8T 1 —

applylsvmnode 7T %F ¢ — fi# THNT 1 — D
calculate_raw_propensities flag KIEMEAZ 27 23R T 20 E S haiEEL
E3 N
enable_sql_generation udf Scoring Adapter (1 Y A b= INTWVW5
native &) BERAERIE ok ATcRaTY v
TEN TAR—ZADHNFTCAITY v IF
L EEELEY,

applyneuralnetnode 7'0O0/35 1 —

Za—=9N -2y b= - FEFMER/ —FEFHLT, =a—-JV - Xy +T7—=2 - ETN - FT VL
EERTEIENTEES, ZOETINV - FT7 Y bDRZ YT MNAE, applyneuralnetnode T3, €T VA
B/ — REARDOAZ ) 7 SO, | 242 =T D Ineuralnetnode 7085 1 — ] | L T2
W,

ER: BREMPILRSNZZH L A=Y arD=a—J) - 2y bT =2 77y :BRIZDY Y —ATHAT
TET, HILLUA=Ya VIZOWTTIRDOIHTHAL £ (applyneuralnetwork), LAFTID/N— 3 VIFBIFE
EHHATEETN, A2V T ME2EHLUTCHLWA=Va v 2 EHTLIZL2BHOLET, HAN—-Yay
DFFMZ SRHICEHEH L TEY £, 2T LY K- MEISERDY ) —ATHEILINET,

# 173. applyneuralnetnode 70/ F 1 — :

applyneuralnetnode 7T/ %F 1 — i THENT 4 — DA

calculate_conf flag SQL ABEDEMZR > TV BIGEICHIHATE £
Ty TDTANRT 4 —IZiF, EFEINEZY Y —
T OMEGEHAIEETNTVET,

enable_sql_generation flag

nn_score_method Difference
SoftMax

calculate_raw_propensities flag

calculate_adjusted_propensities |flag
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applyneuralnetworknode Z'00/35 1 —

Za—=9) A2y bU=2 BETMER/ —FE2HEALT, =2—-V - 2y 7—=2 - TV FTv b
EERTEIENTEES, ZOETN - F7 Y bDRAZ YT M{IE, applyneuralnetworknode T3, €T
WAER /) — NEARD A2 ) 7 N OFF#lIE. neuralnetworknode 7H/ ST £ —F B L TL 23\,

# 174. applyneuralnetworknode 71 /3T 1 —

applyneuralnetworknode 700/ %5 ¢

- fil TaRT 4 — D

use_custom_name flag

custom_name string

confidence onProbability
onlncrease

score_category_probabilities flag

max_categories number

score_propensity flag

enable_sql_generation udf A M) —=LEfFho SQL A SV a v
native ERETDIOIMHLET, T—&R—
puresql ATy aNy 7 LT SPSS® Modeler

Server Scoring Adapter TA 37 Y N )
L) (AATV VT TRTR=D1 VX b
—FEADT =R N— 2T HH LT\ 55
&), SPSS Modeler N TAI 7Y Vo9 5
» FRET—EAR=2Z Ty any s
LT SQL TRAT VY V7§ Bh%ERNT
EESCI

T 7 AV ML udf TT,

applyocsvmnode @ 7 0O/X5 1 —

One-Class SVM / — R%{#f L C, One-Class SVM ETJ) - 7 v NEEKTEINTEET, Z0D
ETN - FT Y bDAZY T MK applyocsumnode T, TDETIV - F7 bOMD T E T 4 —IF
HYFEEA, ETIMER — NEKEZAZ Y T MET 2 HEIZOWTIE, [ 362 X—=T D [ocsvmnode O
Fu 51—l EsBLTIEE Y,

applyquestnode 70O0/37 1 —

QUEST EF7IMWER/ — RZMH LT, QUEST €5V - 7 v N2EKTHI N TEET, ZOET
V- F7y NDOAZ Y T N4IE, applyquestnode T, EFMERK /) — REAKDZ 2 1) 7 OFMIL, |
P46 _*—I D [questnode 7H/XT 14 —J [FZIHL T 230,

# 175. applyquestnode 7T IS8T 4 —

applyquestnode 7T /8F ¢ — 8 TaRT 1 —DHH
enable_sql_generation Never L=ty NEFRFD SQL LA T a
MissingValues VOBEFHL ET,

NoMissingValues

calculate_conf flag
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# 175. applyquestnode 708 T 1 — (fi &) :

applyquestnode 7 H/SF 1 — fill TaRT 4 — D

display_rule_id flag T4 —=)VRP 1 2237V I HINTEN
INETH, ZhiFZELa—RzEH YT

L5X—=3IF)N -/ —FIZID ZRT7=HD

HLEDTY,

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applyr 7’0/87 1 —
R MK/ — REHMALT, R EFL - F7y hEERT2IENTELT, ZOETFL - F7y hDRY
V7 Nk, applyr T, ETIUVER — READ A2V 7~ OFEfIE, [ 200 R=Y @ [buildr 7H/NF|
F=ijzsmiT<ran,

# 176. applyr 70T 1 —

applyr 7085 1 — I TORT 1 DT
score_syntax string ETIN - RAATYVVITHDO R A2
Th VRV IR,
convert_flags StringsAndDoubles TS50 T 4 =)V KEEHT LD
LogicalValues e
convert_datetime flag HAER E 72 I3 H A/ BRI R OB

% R OHMN/RHAERIZES 572
SOX TS a v,

convert_datetime class POSIXct HENER & 7213 B/ IRZI RN D25
POSIX1t DHH, LOWADLEZ LW % »

EHRETDODF T a v,

convert_missing flag RIEfEZ R O NA EIZEHT 2720
DATVav,

use_batch_size flag Ny FAERE I AWREIZLE T

batch_size integer BNV FIZEDDET—X LA—FD
Baefie LT

applyrandomtrees 70O /X5 1 —

TYRL VY= ETMER/ - REFHALT, Y85 YU— EFN T PEERTEET, 20
ETI FTY MDA ZY T MN/IE applyrandomtrees TS, ETMERR/ — FAKE X2V 7 MET 2 Hik
IZDWTIE, [ 248 =YD [randomtrees 70 /NF 4 —] FZHIEL TL X0,

K 177. applyrandomtrees 7 HIXT 1 —

applyrandomtrees 7 /85 ¢ — fE TaNRT 4 —DHH
calculate_conf flag IDTaNRT 4 =T, BRIV Y —
FOMEEHENEGEENTVET,
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# 177. applyrandomtrees 7 VUNT 1+ — (i &)

applyrandomtrees 7' %F o — fE TR T 1+ — D
enable_sql_generation udf A MY —=LETHRD SQL AR A T a v
native ERETIHOIHEHLET, T—&R—

22T w2y 2 LT SPSS Modeler
Server Scoring Adapter Z{#HHLTA3I7
VoG5 (AATV VT TRETRMNA
YA D= VERDT — RN — 2T HHE LT
W3HE). SPSS Modeler HTAI7T Y v
T EMERERLET,

applyregressionnode 7'O0/35 1 —

MRELENIRE TOVIER , — R&2MA LT, MEERETIL - F7y hE2AERTEIenTEET, ZOET
Voo FTy NDAZ YT MAIE applyregressionnode TS, TDETIV - Sy bOMD TONRT 1+ —iE D
DERFA, ETIMER/ — NEEDAZ ) 7 DML, | 250 =T D [regressionnode 7 1 /8T 1 — ] |
ZZILTLZIN,

applyselflearningnode 7'0/37 1 —

HOEEILEET L (SLRM) ETIVER/ — F2#AH LT, SLRM £7)b - 77y b2 AEKT 2 2 LHT
EET, ZOETN - FT Y FDARY ) T NI, applyselflearningnode T3, ETIAER/ — FEEKD X
20 7 b OFE, [ 253 =YD [slrmnode 7187 1 —] [EBIEL T X0,

& 178. applyselflearningnode 703 T 4 — :

applyselflearningnode 7 H /35 1 — fifi TuNT 1 — DN

max_predictions number

randomization number

scoring_random_seed number

sort ascending BWAAT EZIMENWAITDOEL 52RO 4
descending 77 —PRAIICERRINSE P EEELUET,

model_reliability flag (] RTTETNOEFEEZEELET,

applysequencenode 7'O/37 4 —

V= VA E®TMER - REFEALCT, Y=FT VA BTN FTY MEERTEIENTEET,
DETN - 7y bDAZ ) T NI, applysequencenode TT, ZDETI - F7 v hOMD T 37 4
—EHH EHA, ETMEK/ — NAKRDRZ ) 7 hOFEMIZ, [ 252 R—Y D [sequencenode 7 H /37|

FoiEsmLTzawn,
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applysvmnode 7'O0/35 1 —

SVM EFIAERK ./ — R&2FAHAL T, SVM EF)I - F7 v h2ERTEZZ N TEEd, ZOETIL - F

Tw bDAZ YT A, applysomnode TS, BT NMEK/ — FEKD A2 ) 7 b OFFEMIE,
(D Tsymnode 7037 1 —J FSILTLZI W,

# 179. applysomnode 70 /NT 1 — :

applysvmnode 7'11/3F 4 — [ T NRT 4 — DA
all_probabilities flag
calculate_raw_propensities flag
calculate_adjusted_propensities flag

applystpnode 7’0O0/35 1 —

STP ETMWAERL/ — FEMEALT, BETZETN 77y b2ERTHIENTEEY, ZOETN F
Ty MIED, HAOC 2 =T IZETNVHEANERINET, TOETN FT7 v bDATZ ) T M4

applystpnode T3, ETFTNEK / — NAKE Z 7 ) 7 MET 2 HEZ DV TIE, [ 254 =YD [stpnode]
TusF—J sl T,

# 180. applystpnode 7T 0/NT 4 —

applystpnode 7 1/ 1 — T — X2 TanRT 1+ — DA
uncertainty factor Boolean BMENE 0. BOKfEIX 100 T,

applytcmnode 7'0O0/37 1 —

REMARREET Y V7 (TCM) ETMEKR / — FE2#HL T, TCM €7V +7 v h2EKTEET, Z
DETN F7 v hOAZ YT M4, applytemnode TS, ETIUER/ — NEGKEZ A7) 7 MET 5 filk
IZDOWTIE, [ 260 =YD Ttemnode 7087 4 —J BRI L TL 72X W,

* 181. applytcmnode 7T 1 —

applytcmnode 7T /XF 1 — I TEAT 1 — D
ext_future boolean

ext_future_num integer

noise_res boolean

conf_limits boolean

target fields list

target_series list
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applyts 7’0/357 1 —

BRSETAAER /) — &ML T, BRIETL - F7y h2EKRTEEST, ZOETIV F7 v hDA
20 7 M4, applyts TF . EFMER — NEKE 220 7 MET 8 HHEIZOWTIE,
[(ts T T4 —] FEBRLTIEZI N,

# 182. applyts THINT 4 —

applyts 70 85 1 — fiE TanRT 1 — DR
extend_records_into_future Boolean

ext_future_num integer

compute_future_values_input Boolean

forecastperiods integer

noise_res boolean

conf_limits boolean

target_fields list

target_series list

includeTargets field

applytimeseriesnode 7°'0/35 4 — (BELb)
RERHETIVAERL, — REMHAL T, BRIIETN - 77y bE2ERTEET, ZOETIL - F7 Y FDA
2V 7 N4, applytimeseriesnode TS, ETIWER/ — NEAD A7) 7 N OFEM I,

[ Ftimeseriesnode 7T /3F 1 — (BEIE)] [E B LT Z &\,

& 183. applytimeseriesnode 7 HIST 1 — :

applytimeseriesnode 71/ /85 ¢ — fifi TaRT 1 — O
calculate_conf flag
calculate_residuals flag

applytreeas 7'0/375 1 —
Tree-AS ETIWAER/ — R&MH LT, Tree-AS €TV 77 v bE2ERTEET, ZOETIV F7 v b
DAY Y T N applytreenas TFo EFMAEE S — KEHKE 22 ) 7 MET 2 HEIZOWTIE,

YD Ttreeas 7087 4 —J [ BRL T ZI W,

# 184. applytreeas T NT 1 —

applytreeas 71 /%5 1 — fill TanRT 4 — D

calculate_conf flag ZOTuNRT 4 —ITiF, EFEnLY Y —
HOMEEAEIEETVET,

display_rule_id flag T4 =)V 1 D237 ) v HITEN

INFTH, ZhFK{/La—Rz2E D YT
52 —=3IF)N -/ —FRIiZID ZRT7HD
H DT,
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# 184. applytrecas 7THINT 4 — (i &)

applytreeas 7 11/35 1 — fill TaRT 4 — D
enable sql_generation udf A MY —=LHEITHRO SQL ARA T a v
native ERETIHIOIHEHLET, T—RR—

AT w2y 7 LT SPSS Modeler
Server Scoring Adapter Z{#HLTAI7
VG5 (AATVY T TRETRNA
YA VHERDT — RN — ZUTHHE LT
W3HE). SPSS Modeler HCTAI7T Y~
T EMEERLET,

applytwostepnode 70O/X5 1 —

TwoStep ETWERK / — RZ L T, TwoStep ET )+ F 7 v hEEKTHI LN TEEXT, ZOET
Vo F Ty MDA T MEIEL applytwostepnode T o TDETIV - F 7w hOMDTHNRT 4 —I13H D
FHA, ETFMER/ — REEKDZAZ Y 7 OFMI, | 271 X—Y O [twostepnode 7 0/87 1 — ] [#&
LT 7ZT W,

applytwostepAS @ 7 0O/XF 1 —
TwoStep AS ETNWVAERK/ — R &L T, TwoStep AS €TV 77 v ha2ERTHILNTEET, T

DETN F7v hDOAZ YT M4 applytwostepAS TS, ETIWERK S/ — REEKRDZ 7Y 7 - OFEH
13, [ 272 R=T D TtwostepAS D 705 1 —J B LTL X\,

% 185. applytwostepAS O THINT 4 —

applytwostepAS D 7T 8T 1 — [ Tu T+ — D
enable_sql_generation udf ARV —=LEfFHRO SQL A S a v
native ERETDHEOICHHLET, T—XR—

AN Ty > aNy 7 LT SPSS® Modeler
Server Scoring Adapter TAa7 Y Vg
LZ) (AATV VY TRETR=D1 VX b
—IVBEADT — R R—= 2L T\ B
). SPSS Modeler A TAa7 Y v I 3§ 3%
MEBEIRTEET,

77 AV MEIZ udf T,

applyxgboosttreenode @ 7 0O/X5 1 —
XGBoost Tree / — RKZ{#iH L T, XGBoost Tree €T - 7y hE2EKTEET, ZDETIL - F7 Yy

NDAZ Y T NI, applyxgboosttreenode T3, ZDETIV - F7 Y hOMD T E T 4 —iEH D FH
Ao BETIWAERL — KEKREZZ ) 7 MET 2 HIEICDWTI, [ 359 *—2 D [xgboosttreenode ® 7 0|

KFa—1rslLT< RS,
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applyxgboostlinearnode M 7°'0O0/\5 1 —

XGBoost Linear / — F%{#iflL T, XGBoost Linear €7 - 7 v &2 EKTEET, ZOETI - F
Ty DAY T NI, applyxgboostlinearnode T3, ZDETIV - FT Y FOMO TONT 4 —EH D

EtA. ETMESR — NEKEZ IV T MET B HEEIZDOWTIE, [361 RX—Y D [xboostlinearnode D]
TuiFs—lEsRLTEEw,
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FE 15 F T—IR— - EFTIEK/ —RD7TANT 1 —

IBM SPSS Modeler 1&, T—&ZN—2Z - Ry X —ip5 AFTE S, Microsoft SQL Server Analysis
Services, Oracle Data Mining. IBM Netezza® Analytics RE DT —X - ¥ 1 =V 7B L CE T VAEELD
Vol DR EYE— L TWET, IBM SPSS Modeler A 74 7 - T—&N—=2Z - 7)LIY X%k
LT, 7707 =2 a AP DETNVOMES KA 7V VI PRIRTARTY, T—-XR—Z -
ETNE 2OV a vy THMATETUNT A —EMHHALTAZ Y 7 TSRS KOURT 5 Z & & ke
T,

BZIE, ROAZ ) 7 SOF[HI%. IBM SPSS Modeler A2 V) 7k + 41 VX —T x—A%&EHLT
Microsoft 7>V ay -V — - EFILVOEKERLET,

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server name", 'localhost')
msbuilder.setPropertyValue("analysis_database_name", 'TESTDB')
msbuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
msbuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique_field", 'IDX')
msbuilder.setPropertyValue("custom fields", True)
msbuilder.setPropertyValue("model _name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.linkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql_generate", True)

tablenode.run([])

Microsoft EFIL{ERK ./ — R 7O/ F 4 —

Microsoft TFIL/ERR / — KD 7 O/F 14 —
HBEOTONT 4 —

D 78T ¢ —d., Microsoft T— X RX—Z + EFI)ILIERK/ — RIiZH@ETT,

# 186. Hl D Microsoft / — N - THIIST 1 —

@D Microsoft / — K - a5

1= i TUNRT 4 — D

analysis_database_name string Analysis Services 7 — X N — A D%,

analysis_server_name string Analysis Services A b DHH,

use_transactional_data flag AT =EPT=TNVERE I T o7 v a VR
MEEELET,
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# 186. WD Microsoft / — K - THaRF 14— (§i¥)

@D Microsoft / — K - X5

1= 1l TR 4 —DHH

inputs list F—=TNVEARD AN T 4 =K,

target field FHMT74—=VE MS 25 ARV - ) —REiFy—
TUATITARY VT - )= RIZIREL LRV,

unique_field field ¥—+ 740K,

msas_parameters structured TIUNTYZL - 85 A—&—, FHLIE dEv
P97 x=YD T VITV XL - XS A—x—] & BEL
TLEE W,

with_drillthrough flag [RUNZN—BY] ATV av,

MS Y3y -wl)—

mstreenode X 7D/ — RNiZiF, HEDO 7o FT 4 —DPREHEINTVWERTA, ZDOEIZTa VyOBFHEILH
538 Microsoft 7HNT 4 —2 BB L TLEE W,

MS VSR8V y

msclusternode XA 7D/ — RiZlk, KED 7uX7 1 —DREZINTVWERA, ZDOk 7Y a vDHEEIZ
» B IHIE Microsoft 7087 4 — 2L TLZE W,

MS 7V I—3ar - I)b—Ib
RO T35 14—, msassocnode X1 7D/ — RKTCHEHTEE T,

3 187. msassocnode THAINT 4 —

msassocnode 7 /NT 4 — il THNT 1 — DR
id_field field T—ADE LI vY I vavERELET,
trans_inputs list NV H I arvTF—RDAIT =LK,
transactional_target field FHT—R (b ¥Ivay - T—X),

MS Naive Bayes

msbayesnode X 7D/ — RiZiE, HED 7/ F 4 —DEBINTVWERA, 2Ok a vyOFEEILH
5 5@ Microsoft 7ANRT 4 —2 BB L TLET W,

MS #REDEIF

msregressionnode X 7D/ —RNiZld, BEDO 7uNFT 4 —REHEINTVWETA, ZDOEITaVDE
SHIZH BB Microsoft 7B /857 4 —2ZMBLTLZE W,

MS —a2—35J)L-Xxvy ND—2

msneuralnetworknode XA 7®D ./ — FiZld, KD 7uNXTF 4 —REHINTVEFA, TOXEIZT 3D
BEHIZH 5@ Microsoft 70N T 4 —2FRBLUTLE T,
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MS OY X7« v 0Oz

mslogisticnode X1 7M./ — RiZid, BrED 70T 4 —AEHBINTVERA, ORI Y 3 VOEH
IZH BB Microsoft 70T 4 — 2B L TLEE W,

MS 544 Y =X

mstimeseriesnode XA 7D/ — RiZid, KHED7TuNNTF 4 —PREHEINTVETA, ZDOEZ7VavDE
GEIZ B B IL3E Microsoft 7087 4 —2ZBLTLZE W,

MS —F VR -VFREY VYT
RD 71875 1+ —%, mssequenceclusternode X+ 7D/ — NTHEHATE T,

% 188. mssequenceclusternode properties

mssequenceclusternode 71 /%5 1 — fi# TunNT 1+ —DHH

id_field field T—AD{EN T T I a v ERELET,
input_fields list NIV H I avF—RDANT 1=K,
sequence_field field = A 1D,

target field field FH7 4 =K (F=TNEART =),

TILTY XL - INTA—4 —

% Microsoft 7—XX—2Z - E7)V + XA FIZIL, msas_parameters FHNT 4 —%2FHL THETE
5, MDEIBRFEDINTA—=R =D 7,

stream = modeler.script.stream()

msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas_parameters", [["MAXIMUM_INPUT ATTRIBUTES", 255],
["MAXIMUM OUTPUT ATTRIBUTES", 255]])

INSDNT A=K —F SQL Server Do WEBINET, %/ —NICEHETEINTA—-X—%2R35I121Z
Fy¥ UNRIZT—AR=AAN/ —NEEEL T,

2. T—AR—=AAN/—NZEEEET,

3. [F=% V=] KNav7XoY - YANPOERY —AZRERLET,

4. [7=7N%] VAIPOBENRT—TIVERERLET,

5. TOKl %#2Vv2ZULT, T—&R—AAN/—FEHALET,

6

7

8

—_

TanNTF 4 —% —ERKRUZ\W Microsoft 7 —ZRX—Z - EF)OUER ./ — RZ2EBMUET,
TFT—RAR—=Z - EF)WER/ — NE2HEET,
[T 28—b] ZXTEBERLET,

2D/ —ROfATE S msas_parameters FTXF 1 —DRRINET,
Microsoft E5J)L - 74 v hd 7O/ F 4 —

Microsoft T — & RX—2 + EFIVER /) — REFEHLUTERINDIZETIL - Fry bdTa5F0—%, K
IZRUET,
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W) —

# 189. MS T¥Vay -V —DTunF 1 —

MS F¥¥av -

applymstreenode 7 H /85 1 — fili EE

analysis_database_name string D/ =Rk, AN —LORTEEAITINE
ER
Z D7 uRT 14—l Analysis Services 7 — X X—2
ZOBANMHEAL £,

analysis_server_name string Analysis ¥—/V— - 5 A h D£Hi

datasource string SQL Server ® ODBC 7—%X - YV —2A % (DSN) @
€]

sql_generate flag SQL Az AL Ed,

MS #REDEF

£ 190. MS FFEIEIFD Ta 8T 4 —

applymsregressionnode 7T/ %5 1 — | A

analysis_database_name string ZO/—=FRiZ, AN —LOFTEEAITINE
ER
Z D7 uRT 14—l Analysis Services T — X N—2
FOFRINHEHL 9,

analysis_server_name string Analysis ¥ —/¥— - R+ DHAH]

MS —a2—5J)L-xy hNT—7

# 191. MS =2 —J)V - 32y NI —=2D7TaNF 1 —

applymsneuralnetworknode 7 1 /%5

®£— fi A

analysis_database name string ZD/—=FRix, AN =20 THBEAITINE
ER
ZD7uRT 14—l Analysis Services 7 — X X—2
HOFRNTAHEL £ 9,

analysis_server_name string Analysis ¥ —/3— - KA D]

MS O AT« v 7EE

% 192. MS OV AT 4 v Z[EgED TaNT 1 —

applymslogisticnode 71 /8F 1 — fifi EAE!

analysis_database_name string D/ —FiE, AN —LOFRTHEEAITINE
ER
Z D7 HRT 4 —I% Analysis Services 7 — X N—2Z
P OFHNAHEHL 7,

analysis_server_name string Analysis ¥ —/3— - FA DR
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MS 94 L-21)—X

# 193 MS ZA L - ) —XDTONTF 14—

applymstimeseriesnode 7'H/8F 1 — |ff A

analysis_database_name string D/ —=FiE, AN —LORTEEAITINE
EDS
ZDFuT 14—l Analysis Services 7 — X X —2
HOBHNHEHL £9,

analysis_server_name string Analysis ' —/3— - KA DR

start_from new_prediction MROFHZETS PBEOFEIT S N EBELZ
historical_ R
prediction
new_step number RO FHOBMERIHZEHZL £ 7,
historical_step number BEDO TR ORBRMEZERL £7,
end_step number FRIOMK TIRHZER/RL T,

MS —45 VR -SRI YVY

F 194 MS V=T VA IFAR) O TANT 4 —

applymssequenceclusternode 7 1I/%

F 4= fif B!

analysis_database name string ZD/—=FiZ, AN —LOfFTEEAITINE
ER
Z D7 uRT 14—l Analysis Services T — X N— 2
HOWINHEHAL £,

analysis_server_name string Analysis ¥ —/¥— - R+ DHAH]

Oracle EFIIERR/ — R 7O/NRF 4 —

Oracle ETIIERK ./ — RO 70O/R5F 4 —
WD TN T 4 —F, %& Oracle T— X R—Z - EFYVF - ) — Rizis@cd,

#* 195. Oracle / — R DL@E T a5 4

—fk#7: Oracle / — RO 7a5 1 — |[fE T RT 4 —DEEH

target field

inputs fieldD V) A b

partition field ETIVHEEDYE, TAM, BIUORGEOEAT -V
iz, T=2%MN Uz Ty b (YT 12
BT 14—,

datasource

username

password

epassword

use_model_name flag

model_name string Y —DRET BHRE T IV4,

Fop

%15 =

ET5
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# 195. Oracle / — RDILFE o NNF 14— (FiZ) :

Expert

—f&#)7% Oracle / — RDFa T ¢ — |l 0> 1 —DHH

use_partitioned_data flag K374 —IVRPEHREINZGE, ZOLF T avid
FET—ZEDDNODT — X DAHE T IVELEIZMHH
INBEIICLET,

unique_field field

auto_data_prep flag Oracle HET — X YEfiitRE %2 A0 £ 7= 13 sk L
$T (1lg F— K R—ADHK),

costs structured Mg L 7 aoRT 0 — AR
[[drugA drugB 1.5] [drugA drugC 2.1]]. [] N®DHI
BUIFEBRO PRI A M T,

mode Simple (&) Simple IZHEINTWBEHE, Hc D/ —K - 7o

NF 4 —=IZERENTVWB LT, KED T axT
—lFEH N ET,

use_prediction_probability flag
prediction_probability string
use_prediction_set flag

Oracle Naive Bayes

RO 7T /857 4 —i, oranbnode X1 7D/ — R TCHEHTEZ T,

% 196. oranbnode 7HAINT 14 —

oranbnode 7'/ %5 1 — fiE TUuNRT 1 — DA
singleton_threshold number 0.0-1.0.%
pairwise_threshold number 0.0-1.0.%
priors Data
Equal
Custom
custom priors structured & T woRT 2 —, HAERX

set :oranbnode.custom_priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* mode A% Simple IR EINTWVWBEE., THT 1 —|

Oracle Adaptive Bayes

G I NET,

IRD 7T X5 4 —I%. oraabnnode X1 7D/ — NTCHEHTE 7,

% 197. oraabnnode 7HINT 4 —

oraabnnode 71T 1 — fill TanRT 1 — D
model_type SingleFeature
MultiFeature
NaiveBayes
use_execution_time_limit flag *
execution_time_limit integer X 1 UETRIFNIERD FFA, *
max_naive_bayes_predictors integer fElE 1 PLETRTNER D FEA, *

300 IBM SPSS Modeler 18.1 Python AZ Y F bt A —hA =3y - HA K




% 197. oragbnnode 7BNTF 4 — (Fi¥)

oraabnnode 7'H/S7 1 — fiE THRT 4 — DB
max_predictors integer fldlx 1 U ETRTNERD A, *
priors Data
Equal
Custom
custom_priors structured W& T u k7 1+ —, HAERX
set :oraabnnode.custom priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* mode %% Simple IZHREINTWAEE, 7037 1 — 3 EHI N E T,

Oracle Support Vector Machines

DT a8 F 4 —I%, orasvimnode XA 7D/ — R TCHEHTE £,

7% 198. orasvmnode 7THINT 4 —

orasvmnode 7 H /ST 1 — il Tu T+ — DA
active_learning Enable

Disable
kernel_function Linear

Gaussian

System
normalization_method zscore

minmax

none
kernel cache_size integer Gaussian 77— JVER, fllk 1 BAE

THRITNERD EHA, *

convergence_tolerance number fEHIZ 1 BLETRINIERD A, *
use_standard_deviation flag Gaussian A — 3 JVEFH, *
standard_deviation number fEHIZ 1 BLETRINERD A, *
use_epsilon flag EFETVDOATT, *
epsilon number fllZ 1 METRINERD FEA, *
use_complexity_factor flag *
complexity factor number *
use_outlier_rate flag B—NY TV DATT, *
outlier rate number B—N) 7 DATY, 0.0-1.0*
weights Data

Equal

Custom
custom weights structured W& 7T RT ¢ —, HHER

set :orasvmnode.custom weights =
[[drugA 1] [drugB 2] [drugC 3] [drugX
4] [drugY 5]]

* mode A% Simple IZHREINTWVWBEA., 7T+ — 3 EHINE T,

Fop ET5
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Oracle —fi%{L#RE €

WD TaRT 1 —I%, oraglmnode X1 7D/ — R TCHHTEET,

# 199. oraglmnode 7N T 4 —

oraglmnode 7' W/ 37 1 — & TUNRT 1 — DI
normalization_method zscore

minmax

none
missing_value_handling ReplacelithMean

UseCompleteRecords
use_row_weights flag *
row_weights_field field *
save_row_diagnostics flag *
row_diagnostics_table string *
coefficient_confidence number *
use_reference_category flag *
reference_category string *
ridge_regression Auto *

off

On
parameter_value number *
vif_for_ridge flag *

* mode A% Simple IZEREINTWAEE, 70T 1+ —FBHINE T,

Oracle >3y -yl —

DT a7 ¢ —I%, oradecisiontreenode X1 7D/ — RTHHATE X7,

# 200. oradecisiontreenode 7N 4 —

oradecisiontreenode 7' XF ¢ —

fi&

TaRT 4 — DA

use_costs

flag

impurity_metric

Entropy (T hOE—)
Gini

term_max_depth integer 2-20.%

term_minpct_node number 0.0-10.0.*

term_minpct_split number 0.0-20.0.*

term_minrec_node integer X 1 A ETRIFNERD FHA, *
term minrec_split integer flflld 1 LETRNIERD A, *
display_rule_ids flag *

* mode A% Simple IZEREINTWAEE, 70T 1+ —ZBHINE T,

302 IBM SPSS Modeler 18.1 Python AZ Y F bt A —hrA—v a3y - HA K




Oracle O-Cluster

D 7 a5 4 —I%. oraoclusternode X1 7D/ — K TCHHTE X7,

3+ 201. oraoclusternode 7T /3F 4 —

oraoclusternode 7' 11/%F 1 — fi THNRTF 1 —DFHi
max_num_clusters integer flHiE 1 DAETRINIERD A, *
max_buffer integer fliE 1 U ETRINIERD EEA, *
sensitivity number 0.0-1.0.*

* mode %% Simple IZHEINTWAEE, 70T 1+ —ZBHINE T,

Oracle KMeans

WD 7 a5 1 —I%, orakmeansnode X1 7D/ — K TCEHTEF 7,

#* 202. orakmeansnode T EAINT 4 —

orakmeansnode 7'H/ST 1 — fil TN T 4 —DFA
num_clusters integer i 1 D ETRINIERD £8A, *
normalization_method zscore
minmax
none
distance_function Euclidean
Cosine
iterations integer 0-20.*
conv_tolerance number 0.0-0.5.*
split_criterion Variance 7 7 # )V M Variance T3, *
Size
num_bins integer i 1 ETRINIEZRD F8A, *
block_growth integer 1-5.*
min_pct_attr_support number 0.0-1.0.*

* mode %% Simple IZHREINTWAEE, 707 1 —3EHI N E T,

Oracle NMF

RO 785 4 —I%. oranmfnode X1 7D/ — KTCHEHTEFT,

# 203. oranmfnode T INT 1 —

oranmfnode 7'1/8F 1 — fiE TaNT 4 — D
normalization_method minmax
none
use_num_features flag *
num_features integer 0-1, T7ANMEEZT VT ALK TT—&h
SHftEINET,
random_seed number *

Fop

5 15 =

BTN - ETFIMER /) —ROTaT 1 —
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# 203. oranmfnode THINT 4 — (i)

oranmfnode 7' W/ 3T 1 — fill TanF 1+ —DHH
num_iterations integer 0-500.*
conv_tolerance number 0.0-0.5.%
display_all_features flag *

* mode %% Simple IZEREINTWAEE, 70T 1 —ZEHI N E T,

Oracle Apriori

RD 785 1+ —%, oraapriorinode X1 7D/ —RCHEATEET,

# 204. oraapriorinode TV INT 1 —

oraapriorinode 7 H/SF 1 — fill TR T 1+ — DA
content_field field

id_field field

max_rule_length integer 2-20.
min_confidence number 0.0-1.0.
min_support number 0.0-1.0.
use_transactional_data flag

Oracle &/\iditf (MDL)

oramdinode X1 7D/ — KiZld, FEDTONRT 4 —BREBINTVWERA, 2Ok a Vv OEHEIZH
5358 Oracle 7 XNT 4 —%2 2L TLZX W,

Oracle Attribute Importance

(AD)

WD 7T a5 4 —I%, oraainode X1 7D/ — KT TE X,

#* 205. oraainode 7WINT 4 —

ImportanceValue
TopN

oraainode 7W/NT 1 — il TR £ —DEAH

custom_fields flag H (true) DHEIE, BUED/ — DX =7 v b, A
T, ZOMT 4 =V KR EERBETHIENTEEX
T, & (false) DEEIF. EROT—XH ) — Ripo
BUEDOHREMHEHA I NE T,

selection_mode Importancelevel

select_important flag selection_mode %% Importancelevel IZE%E & T\
L EIL, BERT 4=V REERTZNE S %L
ELET,

important_label string [EHFE| SV 70T VERELET,

select_marginal flag selection_mode A% ImportancelLevel IZFREZINTW
HLEIT, BRT7 4 -V R EBIRT 05 i
L7,

marginal_label string B v 707~V EBELET,
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% 205. oraginode 7HINTF 4 — (fi¥)

ELET,

oraainode 7'H/ N7 1 — i TaNT 4 — D

important_above number 0.0-1.0.

select_unimportant flag selection_mode %% Importancelevel IZE%&E & T
BLEIL, BETRWT A — IV FEBENTEINE S D
EIRELXT,

unimportant_label string [JEESE) SV I7DTRVERELVET,

unimportant_below number 0.0-1.0.

importance_value number selection_mode %% ImportanceValue IZg%E &1 T W
HLEIT, AT s nEEEfREL XY, 0 225 100
DIEZIFEL T,

top_n number selection_mode 7% TopN IZEEINTWVWS & ZiT,

T B0EEEZEELET, 0 55 1000 OfE% 5

Oracle EF /) - 74y bDTANRFT 1 —
Oracle /— RZEHLUTEREINZETIL - FryboJaxre—%, (RIZRLULET,

Oracle Naive Bayes

applyoranbnode & 7D/ — FIiZiX, FED 7O NRT 4 —DNEXEIN TV EHE A,
Oracle Adaptive Bayes

applyoraabnnode XA 7® ./ — RiZix, FED 7 RT 4 —REHINTVEEA,
Oracle Support Vector Machines

applyorasvmnode %1 7D/ — RiZiE, FED TuRT 1+ —DEHIN TV EEA,
Oracle 7Y 3v -Vl —

D 71875 1+ —%, applyoradecisiontreenode X 7D/ — R TCHEMATE T,

# 206. applyoradecisiontreenode 71 /XT 1 —

applyoradecisiontreenode 7 H /85 1 — fi#i TENT 4 — D
use_costs flag
display_rule_ids flag

Oracle O-Cluster
applyoraoclusternode &4 7D/ — FiZiZ, MED 7N T 4 —DREHRINTVEE A,
Oracle KMeans

applyorakmeansnode X1 7® / — NIZi&, FED T O NRT 4 —DBEHEINTWVWEHA,
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Oracle NMF

WD T BT 1 =1L, applyoranmfnode X1 7D/ — NTHHTE X,

# 207. applyoranmfnode TVE/NT 1 —

applyoranmfnode 7 H/85F 1 —

fie

TaNRT 4 —DE

display_all_features

flag

Oracle Apriori

ZDOEFIN - FXy MIAZY) T MNZHEATE A,

Oracle MDL

ZDETIN - FTFY MIAZY T MNIEHTEEHA,

IBM Netezza Analytics E7I/L{ERRK ./ — KD 7T O/NXF 14 —

Netezza EFIILERR / — R 7O/85F 4 —
WO TaNTF 4 —lF, % IBM Netezza 7 —XRX—Z - ®EF Y7 - ) —Rizd@cd,

#* 208. @D Netezza / — K - TaNF 4 —:

@D Netezza / — F - 75«

fid

TaNT 4 — D

custom_fields

flag

H (true) DEEIE. BUED /) —FOX =7y b AJ,
TOMT 4+ — IV R EEBETHIEDNTEET, 4

(false) DFEIE, LFEOTF—XR ) — KB SBIEDH

PEEHINET,

inputs [field1 ... fieldN] ETNVTHAIND ADFZEFHUEHRT7 « —L K,

target field WET ¢ —V N GEEEELE 2137 3 —8),

record_id field —“HOLa—F ID &ELTATINE 7 4+ —IL R,

use_upstream_connection flag true (T 74V b)) OGAE, EFED/ —RKTlEsnk
HEft DFEM, move data_to_connection AMEE I N T
SGLERHEHINEE A,

move_data_connection flag true DHFE. T —XIE connection IZHEINAT— X

N—2ZBE L £, use_upstream_connection MSFEE
INTVEIGHEIIMEHAINEE A,
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F 208. HED Netezza / — K - 70851 — (F &) :

D Netezza / — K - 7185 ¢

- fil THRT 4 — D

connection structured ETAPREEFEEND Netezza T — X RX— ADEHE LT
Hl, b7 a7 0 —, FHER
['odbc' '<dsn>' '<username>' '<psw>' '<catname>'
'<conn_attribs>' [true|false]]
Z ZT.
<dsn> 1& T—X - V—AKTT,
<username> & <psw> (I, T—RXR—ZAD1—H—%&
NAT—RTY,
<catname> IH X T SH/TT,
<conn_attribs> 3R OEMIETT,
true | false I, AU —=FHPRBRERE S hERUE
ER

table_name string ETUDPRFEINDE T —ARX—R - T — T )IVDOH,

use_model _name flag true DA, model_name IZ &> THEINZAFZET
LVOEAFTE UTHALET, 25 TRWEE, ETL04
Y AT AR TEREINE T,

model_name string A=Y —DIRE T DHHE T V4,

include_input_fields flag true DHE, TRTOANT 1+ =V FEFRICEL £
T, £ TRWES, record id & ETIVIZ & > THRL
INZT 4=V RDOAPEINET,

Netezza 714> 3av -Vl —

D 7857 1 —I%, netezzadectreenode X1 7D/ — R TCHEHTE X7,

# 209. netezzadectreenode 7 A /NF 4 —

netezzadectreenode 7'/ NF 4 —

f

TR T 1 — DA

impurity_measure

Entropy (T hOE—)

V) — DA ENT e F B & AT

Gini LOIZMEAE NS, AHEDHIE,

max_tree_depth integer V) =R ATREAR R L RV, T
7 AV ME 62 TY (ABEAERK
1),

min_improvement_splits number S EIDIFELE S B AR D U D /N
i, 774V ME 001 TY,

min_instances_split integer NEIRFRET BHFRD HE I TWY
MWL a— FORNE, 77 A M
2 TS (ATREZRER/IME),

weights structured 77 ADMNMEA, ikl a 87

14—, HHEA

set :netezza_dectree.weights =
[[drugA 0.3][drugB 0.6]]

T7 ANV NDERITRTDY T AT
1 T9,
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# 209. netezzadectreenode 7 AT 4 — (Hi &)

netezzadectreenode 71 /%5 1 —

fie

AT 4 — D

prum' ng_measure

Acc
wAcc

T 7 A M Acc (FEE) TF. wAcc
(EATEHE) 12, BIEE2EHT 5
B2 S ADEAEERLUET,

prune_tree_options

allTrainingData

partitionTrainingData
useOtherTable

J 7 4 )V b TlX, allTrainingData %
FRUTCETIVOREEZH#ELET,
partitionTrainingData ZfHH L T,
fEHT %8 T —XDH &%,
useOtherTable Z{HH L THELZT
—RAR—R - F—TNDEEFT— X
ty bEMHHLUET,

perc_training_data

number

prune_tree options %
partitionTrainingData IZF%E XN T
WaGE, FEICMEHT ST - XD
BEEELET,

prune_seed

integer

prune_tree options #%
partitionTrainingData (ZFHE XN T
WagE, DHREREBBICHHE T S
FURL V=R, TT7AIME
T,

pruning_table

string

ETNDOEEEMET 572D @B D
BIETF—XEy hOTF—T V4,

compute_probabilities

flag

true DG, FHI7 + =L FDIF
. FEIEE (FER) 74—V N E2AERK
L/ i‘j_o

Netezza K-Means

RO 7T a 85 4 —I%, netezzakmeansnode X1 7D /) — K CHTEE9,

# 210. netezzakmeansnode properties

netezzakmeansnode 7T /%7 1 — 1 TuRT 1+ — D
distance_measure Euclidean F—& - BV MNIOBEEET S Sk
Manhattan
Canberra
maximum
num_clusters integer RS 227 52X =, 774NV NI 3,
max_iterations integer ETNOEEZEILTZHO TV T ALDRER. T
7 A bMIE 5,
rand_seed integer AFEROKEIEHTE TV XL - =R, T74)
& 12345,
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Netezza X1 X - xv N7 —

Z

DT a7 4 —1%, netezzabayesnode X1 7D/ — RTCHTE X7,

# 211. netezzabayesnode 7 W INT A —

netezzabayesnode 7'11/%5 1 — fifi TaNRT 1 — D

base_index integer WEE B DRI D AT 7 4 =)V RIZEI D TS50 % Hfl
DFHF. T 7 AN ME 777,

sample_size integer JEMEDIEAIET IR EWGEITHRNT 2~ TV DY A
Zo T 7 AV & 10,000,

display_additional_information  |flag true DEH. AV —YDXA TR - Ky 7 ZTEM
DHEPRIL DGR E R R L £7,

type_of prediction best T2 FHTLIY XLOHEE: FE FHEEIHS &

neighbors WiERE), ERE GEEDOEA E FRED, NN & (null A

nn-neighbors

I DEE).,

Netezza Naive Bayes

D 7B 8F 4 —I%, netezzanaivebayesnode X 7D/ — RTCEHTE X7,

# 212. netezzanaivebayesnode 7T /XNT 1 —

netezzanaivebayesnode 7'11/%F o

- il THNT 4 — DA

compute_probabilities flag true DA, Tl 7 1+ = KDIED, HEE (HBX) 7
1=V REERLET,

use_m_estimation flag true DGE, HEERIZ 0 OWEZZFNES 25 m HEE A

ZHALET,

Netezza KNN

D 785 1 —I%. netezzaknnnode X1 7D/ — R TCEHTEF T,

#* 213. netezzaknnnode 7T 4 —

netezzaknnnode 7'H/ 85 1 — & TR T 1+ — DA
weights structured HAERY T ATE D L THME LT a8 1 —, fi:
set :netezzaknnnode.weights = [[drugA 0.3][drugB
0.6]]
distance measure Euclidean T—=R - RA Y NEOBIRERET B AL,
Manhattan
Canberra
Maximum
num_nearest_neighbors integer FEDT — ADREFER, 774V M 3,
standardize_measurements flag true DG, HHEEOM ZFHE T S AT E KA 7« —
VR OREIE = BERL 7,
use_coresets flag true DGE, KEBRT — X2y MU CEHEZ @
ft¥2a7wy b - Hr 7Y IEMAHLTOET
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Netezza 9HH IS RY) VY

RO 7 a 87 4 —I%. netezzadivclusternode X1 7D/ — K CHHTE 7,

# 214. netezzadivclusternode 7 13T 4

netezzadivclusternode 7 11/ 87 o
- fif TRT 1 — DA
distance_measure Euclidean T—=R - RA Y NEOBIREE BT T B AL,
Manhattan
Canberra
Maximum
max_iterations integer ETNOFEEMEIET BRI, FEITT2T7NVTY ALK
HoRKEE, T7AV X5 T,
max_tree_depth integer TRy bEJETEIENTES LV RILVDRKRE,
TI7 ANV ME 3 TT,
rand_seed integer IMEEHST 272 DIHHINDE T VX LY =R, T7
)V M 12345,
min_instances_split integer DEVRERB/NL A — P8, T 74T 5
Tevel integer La—R&2a7) v 73 5EL XL, 7740 M
-1

Netezza PCA

D 785 1+ —%, netezzapcanode X1 7D/ — R TCHEHATE T,

# 215. netezzapcanode TW ST 4 —

netezzapcanode 7T /NF 4 — fi# TaRT 1 —DHH

center_data flag true (F74)VN) OBE, ZOFTvavEFzvrL
72856, AANZ T =20y 2V VI % (Fzik [
PERS) ) 2T LET,

perform_data_scaling flag true DGE. AWHNZIT —XDAT =) v 7 &RIT0E
T, £5925Z LT, HOERNRLD B THES 1
DLE DHPBENTHRVESIZLET,

force_eigensolve flag true DA, ZEHETIHEMELS Lo TH & b &ER
SikefMHLUES,

pc_number integer TRty b EBDTIEZEERSOB. T 74V
10

Netezza [E])FY ') —

IRD T 8F 4+ —I%, netezzaregtreenode X1 7D/ — R TCHEHTE £,

& 216. netezzaregtreenode 7 HIST 1 —

netezzaregtreenode 7' /N7 1 — f& Fa 8T 4 — D
max_tree_depth integer V=1t « /= FOFENZY Y =D ET

ELHLRIVOBRKE, 774 Mk
10 C9,
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# 216. netezzaregtreenode 7N T 1+ — (i &)

netezzaregtreenode 7 H /N7 o — E TaNRT 4 —DEIH
split_evaluation measure a4 W) — &N EIT B DI RE ARG % P
g5z hsd, 77 ADAR
MEDRIE, 774N~ (BAEME—D
7 7> a ) i& Variance,
min_improvement_splits number V) —IZH LW EIDMERR = 0 2 i
WZHIE %2 A X B /NG
min_instances_split integer SrEIMTRE BN L O — FEL
pruning_measure mse YEIZ AT 5 ik
r2
pearson
spearman

prune_tree_options

allTrainingData
partitionTrainingData
useOtherTable

F 7 # )V b TlE, allTrainingData #%
HFHLUTETVOMEZHEL £7,
partitionTrainingData Zffifj L T,
T 28T —2DE &%,
useOtherTable ZfH L CHEL~ZT
—RAR—=A - F=TNDFEHET—X -
ty bEMHLET,

perc_training_data

number

prune_tree options %%
PercTrainingData IZEREINTWS
L6, PRI T 208G %
fFRELEXY,

prune_seed

integer

prune_tree options %%
PercTrainingData IZFREINT WS
e, kR EBBICHERT 5T v
Kh-¥—K, 774V ME 1T
ER

pruning_table

string

ETFIVOREEEHETET 5 7-DIZME@B D
BIETF—XtEy hOTF—T N4,

compute_probabilities

flag

true DL, oYU To NI T A
DRPIEINZEENBERENE S h
EIEEET,

Netezza #&E![E])%

RD T B85 1« —I%, netezzalineregressionnode X1 7D/ — KTCHHATE X7,

# 217. netezzalineregressionnode 7 HIXT 4 —

netezzalineregressionnode 7’1/

TA— fid A=AV AR SOk 11|

use_svd flag true DEE. TOY MY v 7 ZADRD D IFRED R~
MUY o AL CHEE S BEOREZM LI X
ER

include_intercept flag true (T 74N N) OEFE, V) a—Y a3 vORKOKE
M kU ET,

calculate_model_diagnostics flag true DGE. ETNVOBMEFEL 7,
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Netezza BFR 75

RO T35 4 —IX. netezzatimeseriesnode X1 7D/ — KRTCHEHTE 7,

%% 218. netezzatimeseriesnode 7 T INT 4 —

netezzatimeseriesnode 71 /%F 1 — | {H TuRT 1+ — DA

time_points field R4 O HAT & 72 IXREZI D % G5 A
h7 14— K,

time_series_ids field RR5 ID 2567 1=V R, ASC
BERORRIPEENILETHEAL
ES

model_table field Netezza RFRIETUDREEINE T
—RR—=Z « T =T )D&,

description_table field KRB L VP2 EOCANT—7
VD,

seasonal_adjustment table field FRECE AL & 72 I3 HIRE 3 fF 7 v

T AL & » CEHRE S N=ZHiMER
BEARETIHEIT—T V4,

algorithm_name

SpectralAnalysis F7z1% spectral
ExponentialSmoothing & 7z
esmoothing

ARIMA

SeasonalTrendDecomposition ¥ 7zl
std

HRYETFTY Y AIZEHT S 7T
N

cubicspline
exponentialspline

trend_name N FBRECER LR R 1 7,
A N - none
DA A - 5N
M DA - fHINjEE
DM M- f55
DM - fEBUEE
seasonality type N BRI LD IR 1 7,
A N - none
M A - 0
M - f5EC
interpolation_method Tinear S % flE 5 %,

timerange_setting

SD
SP

3 5 IR [HI P D %A,

SD - VAT LPE (FRRFIT—2D
S % )

SP - earliest_time B LT
Tatest_time ZffMH U za—H—$&E
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# 218. netezzatimeseriesnode 7 EAINT 4 — ($i X)

netezzatimeseriesnode 7' H/XF 1 — |fii THNRT 4 — D
earliest_time integer timerange setting A% SP D& DEH
latest time date IEME S & OH& 71,
- time AL, time_points fHIZHED BT
timestamp HHET,
Bl Z 1L, time_points 7 4 —JL NiZH
& EN2 AT ZhEHANET
LZMENH Y ET,
i
set NZ_DTl.timerange_setting =
rgp
set NZ_DTl.earliest_time =
'1921-01-01"
set NZ_DT1.latest_time =
'2121-01-01"
arima_setting SD ARIMA 7 )L 3V XL DFEE
SP (algorithm_name 7% ARIMA (ZF%E &
NTWBEEIZOAEHINET),
SD - system-determined
SP - user-specified
arima_setting = SP D&, RD/S
FIRA=R—% ML TEHEOMES &
VHZHMEOMEEZREL £, # GF
ZHIMED H):
set NZ_DT1l.algorithm_name =
'arima’
set NZ_DTl.arima_setting = 'SP’
set NZ_DT1.p_symbol = 'lesseq'
set NZ_DTl.p = '4'
set NZ_DT1.d_symbol = 'lesseq'
set NZ DTl.d = '2'
set NZ_DT1l.q_symbol = 'lesseq'
set NZ_DTl.q = '4'
p_symbol Tess ARIMA - p, d. q. sp. sd BLT
d_symbo] eq sq T A =R —DHHFETTT,
o_symbol Tesseq less - L D/hIW
= eq - FL W
sp_symbol Tesseq - RDELT
sd_symbol
sq_symbol
p integer ARIMA - HCAMHEDOIEZHIMED LS
W,
q integer ARIMA - H OB OIEFHIMEEH
fiE,
d integer ARIMA - £ FVHOBEITH DI
BT,
sp integer ARIMA - HAMHEEDOZEHIEDEE

W,

Fop ET5

5 15 =

F—RZN—Z - EFIUER ./ —Fo 75+ — 313



# 218. netezzatimeseriesnode T HAINT 4 — (i ¥)

netezzatimeseriesnode 7'/ 87 ¢ — | fH T TF 4 — DA
sq integer ARIMA - H CAHBE D Z=HiME S HE,
sd integer ARIMA - E FILVHNOBEITY O
MERUE,
advanced_setting SD FEMIE T DI FEERE L £T,
SP SD - system-determined
SP - period. units_period XU
forecast_setting ZfiHL 7z —%
— %,
i
set NZ_DTl.advanced_setting = 'SP’
set NZ_DTl.period = 5
set NZ_DT1l.units_period = 'd'
period integer units_period &HlABDHLETHHEL
EMAIMT A 2 VDRE, AT MV
FEATICITEHCTE £ A,
units_period ms period MRELE N5 R,
s ms - IV
min s - &
h min - %
d h - ¥
wk d-H
q wk - 38
y g - quarters

y - years
B ZIE, 1 HEMIE period 1 1,
units period I wk Z#ELET,

forecast_setting

forecasthorizon

FUOIEKSTEEEL 9,

forecasttimes
forecast_horizon integer forecast_setting = forecasthorizon
date THHYE. THOKRRDOEZEEL
time 9.
timestamp R, time_points fEIZHE D HEA
HOET,
B z13, time points 74 —JL FIZH
& ENZGEF. I HMAET
ZMENH Y ET,
forecast_times integer forecast_setting = forecasttimes
date DA FHZEFERT 570§
time LMEEHELET,
timestamp R, time_points fEIZHE D BEA
HHET,
Bl ZIE, time_points 7 4 —JL NiZH
Nr&Ens8ail. b ANET
LZMENHY ET,
include_history flag BEDOMHEEHINZED N E S iR

LET,
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# 218. netezzatimeseriesnode 7 EAINT 4 — ($i X)

netezzatimeseriesnode 71/ %F 1 —

fie

TaNRT 1 — D

include_interpolated values

flag

S N DEEZ BT ED BN E D
%R U ET, include_history »°
false DEGIFfEHINEEA,

Netezza —fi%{bHRTY

WD T F 14 —|%, netezzaglmnode X 7D/ — R THEHTEET,

# 219. netezzaglmnode TWINT 1 —

negativebinomial
wald
gamma

netezzaglmnode 7 1 /35 1 — fifi TaRTF 4 —DEH
dist_family bernoulTi D[EDORA T, T 7 A4V ME
gaussian bernoulli TTY,
poisson

dist_params

number

RS 5 0Mm/N5 X — X —fi,
distribution %% Negativebinomial
DGEDABEHAINET,

trials

integer

distribution %% Binomial DHFED

AEHINET, X—7 v MEEIF—
HOMITPRET S EFIERARY
b DA, target 7 4 —IL KiZidA

Ry MY trials 74—V RIZiER

TR EENE T,

model_table

field

Netezza —M&{LARELE FILAUMRIE S N
LZF—=RN=A - T =TIV DHHI,

maxit

integer

TN ALWEITTEBREDHK
FE¥, 74 ME 20 T,

eps

number

THLUIT)XLDEESEETIVORER
(FIET 2R KREDME RIFR

i) TT7ANMIE -3, D% D 1E-3
F7-1 0.001 TY,

tol

number

AN 0 L UTHbINAE (BN
Fzi) TIANINE 7. DD 1E-7
(£ 721% 0.0000001) % F[a] %840 fE
MWEETRWE I Y FENhET,

T—ENR=2Z - ET)IVER/ — PO 707 1 —
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# 219. netezzaglmnode W NT 1 — (Hi &)

netezzaglmnode 7'HI /X5 1 —

fie

ZTaxXT 4 —DFHH

Tink_func

4|
inverse
invnegative
invsquare
sqrt

power
oddspower
log

clog

loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom
cannegbinom

fEHT2Y 7%, T7 4L b
logit T,

link_params

number

RS2 v IBBUNT A — & —1H,
Tink_function A% power F7ziZ
oddspower DFEDAEHINE T,

interaction

[[[colnames1],[levels1]],
[[colnames2],[levels2]],
...,[[colnamesN],[levelsN]],]

74— FEOXREEHEZEEL £
9, colnames &, AJI7 14—V FD
VARTY, £/, 71—V FOD
level 1Z%51Z 0 TY,

:
Leek","sp","Sex","k"1,[0,0,0,011,
[["Age","Na"], [0,0]]]

intercept

flag

true DIGE. ETIVIZEBUEZ & A
9,

Netezza 5 )L - 745y DT O/NRF 1 —

RO TaXF 4 —I%, Netezza T—XEZRX—RA - EF V) v 7 F7 v MIHEBEBTT,

# 220. Netezza €T )V - 77y bOIE T BT 1 —

Netezza E5)L - F7 v ho@7To5 1 — |[E

TaNRT 4 —DEH

connection string ETUDMRIFEIND Netezza 7 — X N—ADHE
ot S5,
table_name string ETAPREFEINDE T —AR—Z « T—T )LD

RV

Ao

HDOETNFTry O TaNRT 14—k, HIGTHETIV VIO —RDOEELFEUTT,

EFN - FTY MDA ZY FTRLIELTO@ED T,
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# 221. Netezza €TV« FX Y FDAZY T4

ETN - FT Vb

A7) TN

Fyvarv.-vy—

applynetezzadectreenode

K-Means

applynetezzakmeansnode

RAX - 2w b

applynetezzabayesnode

Naive Bayes

applynetezzanaivebayesnode

KNN applynetezzaknnnode

DHRIS AR T applynetezzadivclusternode
PCA applynetezzapcanode

[\l ) — applynetezzaregtreenode

R ] e applynetezzalineregressionnode
KR 51 applynetezzatimeseriesnode

— AR applynetezzaglmnode

ET5

5 15 =

T—=RAR=Z - EFTI)ER/ — RO T a7 14—
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16 Z A/ —Ro7anNT4—

HH /7 —=Ro7anxs s —id, E»r0EED ) —RoTaxXFs—AbhLELR->TWET, Hh/—Fo 7
ORT 14—k, HED /=R - A7 arvasEdsns L0k 2EE2HEAIA TV 27 MTERL £
T, TDZLFT—TUNSEZIELT, TNEZARY =L - NS A—XR—L UTHKET D LI RIGER
bl RVASY= 3

ok rsvavTe, B/ —RTCHHATELAZ2) T hHO T NNT 4+ —%BIHL 7,

analysisnode Z700/37 1 —

KGR — BT, FRIETIVORE) % 34l U C MR TR LU ES. 20/ — FTiE 1
O\ DLLEDETIL - F7y MioWT, PHIMEE EEfE% X X4 HECHiEL 9. £7-.
D/ — R CIEFPHIET VR L2 HEETE £,

1l

node = stream.create("analysis", "My node")

# "Analysis" tab

node.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve accuracy", 3)
node.setPropertyValue("inc_user_measure", True)

# "Define User Measure..."
node.setPropertyValue("user_if", "@TARGET = @PREDICTED")
node.setPropertyValue("user then", "101")
node.setPropertyValue("user else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by fields", ["Drug"])

# "Qutput" tab

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/analysis_out.html")

F 222. analysisnode 7HINT 4 — :

analysisnode 7H/8F 1 — T — X TaNRT 4 — DO
output_mode Screen WH/ — o ERIhsEHO,
File HhkzefEElEd,
use_output_name flag A=Y —FEDHNELPEHTND
MESIDEBELET,
output_name string use_output_name MEL (true) D&
T, HHT4HZBEL T,
output_format Text (.txt) Whor4 TEEELET,
HTML (html)
Qutput (.cou)
by fields list
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# 222. analysisnode 7HNT 14— ($iZ)

analysisnode 71/ 85 1 — F— 2R TaTF 1 — D

full_filename string TAAY, T—&, ¥7/ld HIML
D ERERL 2560, 77
A1 )L D4,

coincidence flag

performance flag

evaluation_binary flag

confidence flag

threshold (L T ULM#E) number

improve_accuracy number

inc_user_measure flag

user_if expr

user_then expr

user_else expr

user_compute [Mean Sum Min Max

SDev]

dataauditnode 7’0O0/3F 1 —
—— Fo R ) — RTI. KR, ANE, B X ORMEIC T 3 EOM, &7 ¢ —b F OB
Ga, LA RS S ARHES T TEED, TR EERICRAET 50O FEEMEL TV E
T, SRR L DT WA RTRRAS N, Y= FLED, TAHA ADS T TH5F— Rk

W) — FEERT 5 L RTEET,

1l

filenode = stream.createAt("variablefile", "File", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node = stream.createAt("dataaudit", "My node", 196, 100)
stream.link(filenode, node)
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("fields", ["Age", "Na", "K"])
node.setPropertyValue("display_graphs", True)
node.setPropertyValue("basic_stats", True)
node.setPropertyValue("advanced stats", True)
node.setPropertyValue("median_stats", False)
node.setPropertyValue("calculate", ["Count", "Breakdown"])
node.setPropertyValue("outlier_detection _method", "std")
node.setPropertyValue("outlier_detection_std outlier", 1.0)
node.setPropertyValue("outlier_detection_std extreme", 3.0)
node.setPropertyValue("output_mode", "Screen")

# 223. dataauditnode 7T 4 — :

dataauditnode 7'H/ ST 1 — T— KR T8 T 14 — DA
custom_fields flag

fields [field1 ... fieldN]

overlay field

320 IBM SPSS Modeler 18.1 Python AZ Y F bt A —hrA =3y - HA K




% 223. dataauditnode 7HNT 4 — ($5i¥) :

dataauditnode 7H/8F 1 — F— X R TaRF 4 —DHH
display_graphs flag HWHFTFIh D oS 7RKRE L V£
BA 7129 27DICHHINET,
basic_stats flag
advanced_stats flag
median_stats flag
calculate Count RIBEOFHEICHEMAL £, §H8A
Breakdown FEOWT N, £ H & RIS
520, FIFEBEoHERL £
/\/0
outlier_detection_method std Anfis & OREOM L k% HEE
iqr L7,
outlier_detection_std outlier number outlier _detection _method #° std
DG, HANEOERITHEHAT 55
fizEEL £,
outlier_detection_std_extreme number outlier detection method %% std
DG, AEDERIZHEHT 25
fizfELl £7,
outlier_detection_iqr_outlier number outlier detection _method A% iqr
DA SAEDERITMHHT 55
fEzfiel £9,
outlier_detection_iqr_extreme number outlier detection method %% iqr
DA, ANEDER IS 58
fEzfEEL 9,
use_output_name flag A—Y—FEDHNELPEHETND
MESI D EBELET,
output_name string use_output_name ME. (true) D &
ST, AT AR eREL X,
output_mode Screen W/ — R o ERINEHID,
File ke fREl £,
output_format Formatted (.tab) WOzt 72T T,

Delimited (.csv)
HTML (html)
Output (.cou)

paginate_output

flag

output_format A% HTML D&, H
IWR=IZREEND LI U E
‘3_0

lines_per_page number paginate output & I:IZ{HHT %5
Hlx, HAOR=UH 70 0f78iE 5
ELET,

full_filename string
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extensionoutputnode Z’'O/X7 4 —

WEEH S — R Tk, MEHDHAZL R A2V T %7
I& Python for Spark A2V 7 h2fEHAL T, T—48 &

E@- VEFINV - AAT V)V ITOMRESFTEET, DFIET

FANERWEF T I T o cHTEZT, Hhlkvr—
Uy —fEED THA) 27BmEnEd, 50 H
HET ANV RA LI N TEET,

Python for Spark D

#### script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension output", "extension_ output")
node.setPropertyValue("syntax_type", "Python")

p_ythOn_Scrjpt — unu
import json
import spss.pyspark.runtime

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

schema = df.dtypes[:]

print df

node.setPropertyValue("python_syntax", python_script)

R Ol

#### script example for R
node.setPropertyValue("syntax_type", "R")
node.setPropertyValue("r_syntax", "print(modelerData$Age)")

e 224. extensionoutputnode T INT A —

LogicalValues

extensionoutputnode 7' /%F 1 — T — X TaNT 1 —DFHH
syntax_type R R ¥721% Python DEBHLDA Y
Python VT N EFEGFTHENEELET R

MTF 74V N TT),

r_syntax string ETN - AATVYIHD R AT
VIR IR,

python_syntax string ETN - 237 Y Y IHD Python
ATV T v Ry TR,

convert_flags StringsAndDoubles T TRT 4 =V REEHTB2D

DA Tvayv,

convert_missing flag REEMEE R O NA fHIZZEHT 572
ODATav,
convert_datetime flag HAEAE X BN/ R 02
e R OHAMN /WL Iz g
Bl00F T ayv,
convert_datetime class POSIXct HAHERZ 72 3B /B R0 2
POSIX1t

BD>5H, YOEROEME T
EhERETLHODA T a v,
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#F 224. extensionoutputnode FVUNT 1+ — (i E)

extensionoutputnode 71137 ¢ — T — R H TR F 4 — DB
output_to Screen HJIIEA (Screen 721 File) %
File fBELET,
output_type Graph 7574 NV ERLIZTFA N
Text HOED S EEET B 0HREL £
ER
full_filename string R ENIZMZHERT S 7 7 1L
%0
graph_file_type HTML HWH7 714007 71V OFEHHE
cou (.html E7z1% .cou).
text_file_type HTML FTEANHIDT 71 IV OFELH
ESST (.html, .txt, F7ziX .cou) &
ELUET,

matrixnode 7'O0/37 1 —

JuAEEF ) —NT, 74—V FHOBKRERT TNV EELLET, —BEIZZD/ =K
X, 2 DOV VERIET 4 =V N OBRERTEAICLSHHINETN, 75787 1 —
R E 72 I3BUER 7 + — )V KOG ERT Z2HTEXT,

1l

node = stream.create("matrix", "My node")

# "Settings" tab

node.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")

node.setPropertyValue("column", "Na")

node.setPropertyValue("cell _contents", "Function")
node.setPropertyValue("function field", "Age")
node.setPropertyValue("function", "Sum")

# "Appearance" tab

node.setPropertyValue("sort_mode", "Ascending")
node.setPropertyValue("highlight top", 1)
node.setPropertyValue("highlight _bottom", 5)
node.setPropertyValue("display", ["Counts", "Expected", "Residuals"])
node.setPropertyValue("include_totals", True)

# "Output" tab

node.setPropertyValue("full_filename", "C:/output/matrix_output.html")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("paginate_output", True)
node.setPropertyValue("1ines_per_page", 50)

% 225. matrixnode 7THAINT 4 — :

matrixnode 7'H/8T 1 — T — X H THRT 4 — DI
fields Selected

Flags

Numerics
row field
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% 225. matrixnode TENRT 4 — (5 ¥) :

Descending

matrixnode 7T /8F 1 — T —XH Ta T 4 —D il
column field
include_missing_values flag -V X BRI (22A) ¥
AT LT KB RIEME (RV) B AT
LHIDOHIZEENSENE D »alE
ELET,
cell_contents CrossTabs
Function
function_field string
function Sum
Mean
Min
Max
SDev
sort_mode Unsorted
Ascending

Delimited (.csv)
HTML (html)
Output (.cou)

highlight_top number YO TRWIGEIZE (true) .
highlight_bottom number YU TRWEAIZE (true) .
display [Counts
Expected
Residuals (%&Z)
RowPct
CoTumnPct
TotalPct]
include_totals flag
use_output_name flag A—YF—FEDOHHPFEHINS
MES P EEBELET,
output_name string use_output_name ME. (true) d &
iz, RS AT ZRBEL £,
output_mode Screen Wl — K odgIns o,
File ke fEl £,
output_format Formatted (.tab) WHhHox4 TE2EELET,

Formatted & Delimited D/
M. T—TIVATIT L 5% AN X
ZEHiF transposed ZFES Z & A
TEZE9,

paginate_output flag output_format A% HTML D&, H
ImR—vizp#lahzd L51CLE
ED

1ines_per_page number paginate output X ILIZfEAHT 5
Hld. HAIR=Vdh-0 O %R
ELUET,

full_filename string
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meansnode 7 O/NF 4 —

8 S — R T, N U220 — T, F2E3EH TS 7 0 =V RORTRETE L VE
ﬂﬁ WHHBHE S D EHRB DI, THEEELET, FlaE, REHLEED O % crI
= WHRIBE U7 0 . B IE T % 521 7 dr o 72 R & 2\ - R D 5 OIS % Il T 2 2 & p8

TEET,

il

node = stream.create("means", "My node")

node.setPropertyValue("means_mode", "BetweenFields")

node.setPropertyValue("pai rea_ﬁ elds", [["OPEN_BAL", "CURR BAL"]])

node.setPropertyValue("label correlations", True)
node.setPropertyValue("output_view", "Advanced")

node.setPropertyValue("output_mode", "File")

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/output/means_output.html")

# 226. meansnode 7O INT 4 — ¢

meansnode 7 H/NF 4 — T — & TaNRT 4 — DA
means_mode BetweenGroups T — ZITFELTT B EEHEHLEL OfE
BetweenFields HERBELET,

test fields

[fieldl ... fieldn]

means_mode % BetweenGroups 2%
EINTVELEDT AN - 74—
VRERELET,

grouping_field

field

IN—TI2Eedb7 1=V K&
ELET,

paired_fields

[[fieldl field2]
[field3 field4]
..]

means_mode A% BetweenFields IZ7%
EINTVWD L EIZMHATE 71—
WRORT ZHEL XY,

label_correlations flag MBS Z NV R RSN D Y
S EIFEL ET., means_mode H°
BetweenFields IZZESINT VWS &
EIZDA, ZORENEMEINE
‘3’-0

correlation_mode Probability = (Probability) F 7= 1d#ixd i

Absolute (Absolute) @ &% 5 THBIZ S

NVEMFLZLEHRELET,

weak_Tlabel string

medium_label string

strong_label string

weak_below_probability number correlation_mode A% Probability
IRREINTWD & EZ, 55\ HE
DRENEZIREL £9. T DOEIF,
BIZIX 090 DL SIZ, 0 &1 D
MiZg 2 MERH D ET,

strong_above_probability number HR\NAEBE D 23 EE,
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# 226. meansnode THNT 4 — (%) :

meansnode 7T /NF 4 — Sz TERT 1 — D3

weak below_absolute number correlation_mode 7% Absolute IZ
BEINTVDEEIZ, FOHED
DENEERIEEL £9, ZOMEIZ, F
AE 090 DESIZ, 0 & 1 D
T AMENDH Y T,

strong_above_absolute number TR\ AHBE D 23 EIE,
unimportant_label string

marginal_label string

important_Tlabel string

unimportant_below number W7 ¢ —V FEEEOSEIE, Z

Otk BIAIE 090 DL ST, 0
1 OMIZTBZRERDY £T,

important_above number
use_output_name flag aA—YF—REDOHNAMMEA TS
MES P EEBELET,
output_name string 3 5 £,
output_mode Screen Bl — Ko g nztihion
File NkEEELET,
output_format Formatted (.tab) WHhox4 T72EELET,
Delimited (.csv)
HTML (Jatml)
Output (.cou)
full_filename string
output_view Simple HINZ 7R (Simple) ¥ a—A'K
Advanced MEND D, F72IFFER
(Advanced) ¥ 2 —2HRKRINDB 0
ZRELET,

reportnode 7'O0/37 1 —

r . LR—=b -/ —=FRT, AETFAM BLUOT—R2PTF—2hsErNMORE2EL, 74

—y MERL A= M EERLET, LE— ORI, BETFA L F— 2O UMK E
EHETHETFAN 70V E2FEALTHELET, 7V 7L —MAD HIML #2724
U, ¥72 THH] 27 TATYavazRETEHIET, HAXRLDOTF A MEAFEL2RMT
EFd, TV —FAD CLEM RZFHAL T, T—XEPZOMDEMEL 12 EHB &
WTEET,

Wl

node = stream.create("report", "My node")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/report_output.html")
node.setPropertyValue("1lines_per page", 50)
node.setPropertyValue("title", "Report node created by a script")
node.setPropertyValue("highlights", False)
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#F 227. reportnode TWINT 4 — :

reportnode 7/%F 1 — T — X # TaNRT 4 — DA
output_mode Screen B/ — N ohgIns o,
File HhkzefEeElLEd,
output_format HTML (html) TrANVHIDRAL TRIBELZ
Text (.txt) ER
Output (.cou)
i =N Auto WHEBEBIZ 7 +—~< v NRET
Custom L0, TVITL—bMIZEEND
HIML ZALT7+—<v b
T LEERSTSZOIHEAL
¥, 77— FAD HIML 7 #
=%y MREERMAT ST
Custom Z45EL £7,
use_output_name flag A—Y—REDOHNEVHEHEI NS
NESPEBELET,
output_name string use_output_name A H. (true) D&
T, R 4HZBEL T,
text string
full_filename string
highlights flag
title string
Tines_per_page number

routputnode @ 7'O0/357 4 —

# 228. routputnode ® T WINT 1 —

R A/ —KTliE, MEDOAIAXL R A7) 7 &2{HH
LT, T—XBLUEFI - 237 ) VI OERE HIFT
EXxT, T IFANVERERZ S ST v o TcHAOTE R
T, HAlk~vr—Y vy —fHEo TH7) 27ICENShE
T, DBV, HHET77ANMV XA LI FTEET,

routputnode D 7 H/NT 1 — T — R H TN T 4 — DA
syntax string
convert_flags StringsAndDoubles

LogicalValues
convert_datetime flag
convert_datetime_class POSIXct

POSIX1t
convert_missing flag
output_name Auto

Custom
custom_name string
output_to Screen

File
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# 228. routputnode O THINRT 1 — (§i ¥)

routputnode O 71T 1 — T T RT 1 — D
output_type Graph
Text
full_filename string
graph_file_type HTML
cou
text_file_type HTML
TEXT
cou

setglobalsnode 70O/X5 1 —

Ja—nN) - ) —KRT, F—X%&ZEHKL, CLEM R CHHTE3ENELZELE LU ET, Hlx

@ . SH—sS - ) — REMLT. ] 034807 1 —b KoSEEE B L. K
IZ CLEM T @GLOBAL_MEAN(ZF#b) BEEZ IR AL CHEH OREKINL I Z2H AT LI LN T
—_—

Wl

node = stream.create("setglobals", "My node")
node.setKeyedPropertyValue("globals", "Na", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "K", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "Age", ["Max", "Sum", "Mean", "SDev"])
node.setPropertyValue("clear_first", False)
node.setPropertyValue("show_preview", True)

# 229. setglobalsnode 7H /8T 1 — :

setglobalsnode 7T /8F 1 — F— X a5 4 — DM
globals [Sum Mean Min Max 74—V RN ERET HiEEL T a8
SDev] T4 =k, WO TSIET 2 HHE
NhHoET,

node.setKeyedPropertyValue(
IIg]Oba]SII, "Age", [IIMaXII, "SUm",
IIMeanII, IISDeVII])

clear_first flag

show_preview flag

simevalnode 7O/NF 14 —

YIialb—vaViHii/ — RiE BESNEZFHSNENET7 « =V RZFHEL, NRT7 1 —
% VR D44 L AHBIE R Z IR AL 9,

328 IBM SPSS Modeler 18.1 Python A2V F bt A —hA—va v - HA K



# 230. simevalnode 7 WANF 4 — :

simevalnode 7' H/ 87 1 — T — & HL T RT 4 — DA
target field
iteration field
presorted_by iteration boolean
max_iterations number
tornado_fields [field1...fieldN]
plot_pdf boolean
plot_cdf boolean
show_ref_mean boolean
show_ref_median boolean
show_ref_sigma boolean
num_ref_sigma number
show_ref_pct boolean
ref_pct_bottom number
ref_pct_top number
show_ref_custom boolean

ref_custom_values

[numberl...numberN]

category_values Category
Probabilities
Both
category_groups Categories
Iterations
create_pct_table boolean
pct_table Quartiles
Intervals
Custom
pct_intervals_num number

pct_custom_values

[numberl...numberN]

simfithode 7’O/85 14 —

YIialb—vay - TJqavTavy =K &7 14— RDT—XROMHN M %R
R, BRLBEETEINEER T4 =V NIZE YT Ty Iab—ya v R/ — REER (72

WEF) ULEd, 2%, YIalb—rvarvER/ —F2HLC, YIal—b+955—%

EERTLIIENTEET,

# 231. simfitnode THIRT 1 — :

simfitnode 7' 1/37 1 — 7 —xh THNT 4 — D
build Node

XMLExport

Both
use_source_node_name boolean

KA

L]

16 & Hl /) — KD 7TaNF 1 —
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# 231. simfitnode TUNT 4 — (i &) :

simfitnode 70 %5 1 — F—xH TN T 1 — DM
source_node name string ERELIERINEAL —FD
NAR L%,
use_cases ITART
LimitFirstN
use_case_limit integer
fit_criterion AndersonDarling
KoTmogorovSmirnov
num_bins integer
parameter_xml_filename string
generate_parameter_import boolean
statisticsnode 7’0/37 1 —
) FLBHER  — R, BUEEL T ¢« —)b FICBd 2 SRR 2 REHERA Rt S g g, 2o/ —
2x kT, {4 DT+ — b K OBEEARE 7+ — b KAOHEA G HE N ET,

Wl

node = stream.create("statistics", "My node")

# "Settings" tab

node.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["mean", "sum", "sdev"])
node.setPropertyValue("correlate", ["BP", "Drug"])

# "Correlation Labels..." section
node.setPropertyValue("label correlations", True)
node.setPropertyValue("weak_below absolute", 0.25)
node.setPropertyValue("weak Tabel", "lower quartile")
node.setPropertyValue("strong above absolute", 0.75)
node.setPropertyValue("medium_Tabel", "middle quartiles")
node.setPropertyValue("strong Tabel", "upper quartile")

# "Output" tab

node.setPropertyValue("full filename", "c:/output/statistics_output.html")
node.setPropertyValue("output_format", "HTML")

# 232. statisticsnode 7HAINT 4 — :

statisticsnode 7T/ 8T 1 — T =R TuNRT 1 — DA
use_output_name flag A—Y—REDHNIANEH NS
NESPEBELE T,
output_name string use_output_name M E. (true) D&
T, HHTAHEZBEL T,
output_mode Screen WHh/ — R oERIhsHHD,

File MOk EfREL £9,

output_format Text (.txt) Whoza4 7EEELET,
HTML (html)

Qutput (.cou)
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# 232. statisticsnode W NT 4 — (Fi X) :

statisticsnode 7T /%F 1 — T =& TaRT 4 — D
full_filename string
examine list
correlate list
statistics [count mean sum min
max range variance
sdev semean median
mode]
correlation_mode Probability €% (Probability) 7z I&iix{E
Absolute (Absolute) @ &5 & THBNIZZ
NVEMFEZEEBELET,
label_correlations flag
weak_Tabel string
medium_Tabel string
strong_label string
weak_beTlow_probability number correlation_mode % Probability
IZRESINTVS & EIT, FHWAHE
DREEZIREL £9. I OEIF.
BIZIX 090 D&SIZ, 0 &1 D
Mg 2 0ERH £T,
strong_above_probability number R\ HEE O 4 EIE,
weak below_absolute number correlation_mode 7% Absolute IZ
BEINTVWDEEIZ, FHOHHED
DEfEERIEEL £, ZOEIE, F
ZIF 090 D&SiT, 0 & 1 D
2T BRENHD T,
strong_above_absolute number T\ AHEE O 4 EIE,
statisticsoutputnode 7'0O0/37 1 —
== Statistics H11/ — N&ffij1 3% &, IBM SPSS Statistics Tt & ZIFFOH L. IBM SPSS

= Modeler T—X Z0H$5Z N TE&FET, ¥ FXF%4 IBM SPSS Statistics ST P& 127
JXATEET, 2O/ —FKid. A4 VARG Z 57~ IBM SPSS Statistics @ 2 ¥ —h3 %
BT,

IO —=RKDTaNRT 4 —=IZDWTIL, | 357 =YD [statisticsoutputnode 7 H/ 8T 1 — ] [IZF#&k X N T
WEJ,
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tablenode 7 O0/XF 4 —

F—=TN ) —=RT, T=EMRTF—TNVEATEREINET, ZOTFT—XiE, 771 0icHHE

B FRDET, ORI FoROMERALED, F—REHAPTVWEATT 2 AK— b
TEREND BB AL ET,

il

node = stream.create("table", "My node")
node.setPropertyValue("highlight_expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose data", True)
node.setPropertyValue("full filename", "C:/output/table output.htm")
node.setPropertyValue("paginate output", True)
node.setPropertyValue("1ines_per_page", 50)

% 233. tablenode 7R /XT 4 — :

tablenode 71/ 87 ¢ — T — R H TaRT 4 — DI

full_filename string TAARY, T—&, £/l HIML O
HEBERU 565D, 7 74 )LD%
Ao

use_output_name flag DAY —BEDHNHPMEHT N1 E
IMERELET,

output_name string use_output_name ME (true) D& FIT,
T 24 EREL £,

output_mode Screen Hh/ — Ko hsdtiho, B

File e LT,

output_format

Formatted (.tab)
Delimited (.csv)
HTML (html)
Output (.cou)

HODRA TEIBELET,

transpose_data flag T U AR—= MR T — R D75 % AN
AT, fTWh 74—V K%, B a—FK
ERTLSICLET,

paginate_output flag output_format 2% HTML D&, HIIHN
R=TIINEEINBEEIZLUET,

Tines_per page number paginate output & IIZHHAT 254
&, HAR=U B0 DT zEREL £
ER

highlight_expr string

output string J— R CHANIEEINZT—TIAD

SIERFFT 2, FAMY EH 7087
1=

value_labels

[[Value LabelString]
[Value LabelString] ...]

HDORTDEODIR)VEIRELET,
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# 233. tablenode 7R F 4 — (Fi &) :

tablenode 71 /%5 1 — T =X TuRT 1+ —DFHH
display_places integer T4 =V RRFREINDB & ED/NBERD
Mtz EL£9d (REAL AL —YD
74— FIZOAEM), -1 2RET D
&L ANV =LDTFT 7 AV IDEHEH
ES
export_places integer T4 —=IVEPHAEINDB & ED/NBERD
Ml z#ELET REAL AL —YD
74—V RIZOAEH), -1 2RET D
&, ANV =LDF 74V IHREHAEN
9,
decimal_separator DEFAULT 74 =)V NONBUSEE S 2 BEL T
PERIOD (REAL A R L =YD 7 4 —)L KIZD A
COMMA H)
date_for‘mat "DDMMYY" 74—V F@ H{qﬁZﬂééﬁﬁ L/ ij—
"MMDDYY" (DATE F7z1% TIMESTAMP A L —Y D7
“YYMMDD® 1=V RIZDOREHENET),
"YYYYMMDD"
"YYYYDDD"
DAY
MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY
q Q YYYY
ww WK YYYY
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3 233. tablenode 7HANT 4 — (fiX) :

tablenode 7H/ N5 ¢ — F_xm TEAT 1 — DT

time_format "HHMMSS " 74—V ROHMERZHREL £T
"HHMM" (TIME 7z1% TIMESTAMP A h L —Y D7
"MMSS" 1=V RIZOBREHZINET),
"HH:MM:SS"

"HH :MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

column_width integer 74—V NIFRERELET, -1 &0
SMEEIEET S &, FllEE Auto (ZEE
INET,

justify AUTO T4 =V RICHIFEEREL £T,
CENTER
LEFT

RIGHT

transformnode 7'0O0/37 1 —

B — RIZE 5T, BT« =)LV NITEAT SENICEBOR R 2 #INL ., SERIZHERT 5

ZEnNT o
fos EET

Wl

node = stream.create("transform", "My node")
node.setPropertyValue("fields", ["AGE", "INCOME"])
node.setPropertyValue("formula", "Select")
node.setPropertyValue("formula_log n", True)
node.setPropertyValue("formula_log_n offset", 1)

# 234. transformnode TWINT 1 — :

transformnode 7'H/%F 1 — F—XE TuNT 1+ —DHH
fields [ fieldl... fieldn] ECHATSE 71—V K,
formula A TRTOLBEFES 55, ERL
Select AW EHETANERELET,
formula_inverse flag WEMEMHATENE S 1 EBEL
9,
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# 234. transformnode TVNT 4 — ($i E)

transformnode 7' /%F 1 — T — & HL T RT 4 — DA

formula_inverse offset number RCHHTET—X - A7y b %
fBELET, -V -—PHELRW
RO, F74L T 0 IZREI D
£7,

formula_log_n flag log , Z#ZEMHTLNE D hrats
ELUET,

formula_log_n_offset number

formula_log_10 flag log,, Z#izfHT 205 0%
ELUET,

formula_log_10_offset number

formula_exponential flag R () ZHEHATZ20E S H
ZRELET,

formula_square_root flag AR M 508D R
ELET,

use_output_name flag A—P—REDOHNEVHEHEI NS
NESPEBELET,

output_name string use_output_name MHE (true) D&
T, R 4HZBEL T,

output_mode Screen Bl — N ohgIns o,

File HhkzefEeElLEd,
output_format HTML (atml) Whox1 7&2EELET,

Output (.cou)

paginate_output

flag

output_format %% HTML DA, H
IR =DizpBlEnd k512U F
‘3—0

lines_per_page number paginate output & ILIZfEHT 5
Hlix, HAOR=VUH 70 0fr kR
ELET,

full_filename string Z7ANVERNMERT ST 7 A4

ZIRELEXY,
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17 E T VAR—b~--/J—RO7ONT 1 —

HEBEBOTVRR—b-/—R-7FOnF4—
WDTaNTF 4 —lF, TRTOTIZAR—F - J—RizdE@lLTcunEd,

# 235 HBEOZIAR—bF - J—FK - a5 —

Tany 14— fill TanF 4 —DHH

publish_path string AEEINEZARA—VBEIUPNT A=K — -
T A VAT AL b EEELE
£

publish_metadata flag AA=YDANBLOHH, ThE5DTF—

R ETIVENRPFTIARXRT—X - T74
NEERTENESIhEiEELET,

publish_use_parameters flag APY =L RFTA—=R—7% *par 774
WIZEENDINESI D EBEL T,
publish_parameters string® V) A h BT ERTA—X—%2EELET,
execute_mode export_data AMY—LEARETIC) - REETTS
publish MESM - FOEFRIZA M) —L%

HERIZART 20 E S e BEL 7,

asexport 7’O0/37 4 —

Analytic Server T2 AR — MZ KD, Hadoop 787 7 1)V - ¥ A5 (HDFS) TA MY —L %379
LZEMNTEET,

15l

node.setPropertyValue("use_default_as", False)
node.setPropertyValue("connection",
["false","9.119.141.141","9080","analyticserver","ibm","admin","admin","false","","","",""])

# 236. asexport THINT 4 — :

asexport 7H/SF 1 — T — &AL TN F 4 — DB
data_source string T4 - — AD 4T,
export_mode string T AR—bLET— X2 BIFEDOT—

X ) —AIZEBINT 5 (append) 72,
WEDT—X - V=A% LEET3
(overwrite) »EEEL 7,
use_default_as boolean True IZHELEEE, ¥—1"—0D
options.cfg 7 7 A LV THEER I T W
%57 4 )V h®D Analytic Server i
REHEINET, False ITFHELZE
B, 0/ — FOEmPHHS N E
ERS
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# 236. asexport THNT 4 — (i) :

asexport 7/ 8T 1 —

F— A

AT 4 — D

connection

["SCFH", " XFF SR, X
§”|l’||I$§|Ju’njciyuu’ui?guu’ ]
pa= IR a= v TR o= 2 71 RS = 2 7]
n ’ujciyuu]

Analytic Server DMl Z &L Y
Zro7any 4 —, BRERDOLH
D C9: ["is_secure connect",
"server_url", "server_port",
"context_root", "consumer",
"user_name", "password",
"use-kerberos-auth",
"kerberos-krb5-config-file-path",
"kerberos-jaas-config-file-path",
"kerberos-krb5-service-principal-
name", "enable-kerberos-debug"],
Z ZT. is_secure_connect (¥ ¥ 2
THEGMBHHINELE S %2 RL,
1% true £721% false TY,
use-kerberos-auth (¥ Kerberos 8L
PRI NERES PERL, HIX
true 721k false TY,
enable-kerberos-debug (& Kerberos
RIEDT Ny Z - E=RNPFHINS
MEIPERL, B true £721E
false T9,

cognosexportnode 7'O0/37 1 —

- IBM Cognos T2 AR— 1| -/ — KRl Cognos 7 —XN—ATiHAINS I LN TELHAT
F—REIZIAR—FTEET,

D/ — FD#, Cognos #fit e ODBC #fiix EHT 2MENH D £7,
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Cognos i

Cognos #fii D 708 T 4 —ZRD E B H TY,

F 237. cognosexportnode TanNy 4 —

cognosexportnode 7 11/%5
,r —

5 R

TaNRT 1 — D

cognos_connection

[IlX?ﬁIJ II,II 7 5 7“11/113{?&‘” ”,”j(?&u M,uj(
o]

Cognos ¥ —N—D#E DMz &L Y A

rOTERT 4 —, BRI TOEED

T, ["Cognos_server URL",

login_mode, "namespace", "username",

"password"]

Z ZT.

Cognos_server_URL (%, YV — AHMEIHX

N TWs Cognos ¥—/X—D URL T

ER

Togin_mode (&, BRI A v 2MHT S

MEIDNERL, true E£721F false D

WIENHPIZRD FT, true ITHET D5

HliE. MO 74—V RERKT " (2

FELTLZIWN,

namespace (¥ —/N—ADTF 7 4l

352 F%a) 5 - onNs X%

~UZET,

username ¥ & O password (¥ Cognos

—N—ZRTA T BB T B

Y= NNAT— RTT,

Togin_mode OO D IZ, UTFDE—FH

fHHTRET T,

 anonymousMode, #l:
['Cognos_server_url',
'anonymousMode', "namespace",
"username", "password"]

+ credentialMode, f:
['Cognos_server url',
'credentialMode', "namespace",
"username", "password"]

+ storedCredentialMode, #:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Z Z T, stored_credential_name (&,
YRY MY —NTOD Cognos D EMIE
WDHHTTY,

cognos_package_name string T—REILZAKR— LTS Cognos
T=R V=X (BEIZT—ZX=2) D
NAB LU, RITHIZRLU £T,
/Public Folders/MyPackage
cognos_datasource string

17 #E T IAKR=F - J—=ROTaNRF 14—
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# 237. cognosexportnode 7THINT 4 — (Fi )

cognosexportnode 711/ %F
1 — 7 — & TanRT 1 — DA
cognos_export_mode PubTish
ExportFile
cognos_filename string
ODBC #i5%

ODBC ##%tD 70/ F 4 —1ZIRD & 7 > a D databaseexportnode IZRINTWBEDEFREULTY, 72
72U, datasource FH/SF 1 — AR TIEH D THA,

databaseexportnode 70O/35 1 —

F—RNR—A - TIAKR—F -/ —RT, F—%&% ODBC WtDYL—YaFiL- - F—& -
V—RAIZEZAAETT, ODBC F—X& + V—RAIZEZALITIE, T—& - V—APMFHEL., *

- DF =R V= AhT 28X ABMERE B L T\ B BEND D £5,

Wl

Assumes a datasource named "MyDatasource" has been configured

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

# Export tab

db_exportnode.setPropertyValue("username", "user")
db_exportnode.setPropertyValue("datasource", "MyDatasource")
db_exportnode.setPropertyValue("password", "password")
db_exportnode.setPropertyValue("table_name", "predictions")
db_exportnode.setPropertyValue("write_mode", "Create")
db_exportnode.setPropertyValue("generate_import", True)
db_exportnode.setPropertyValue("drop existing table", True)
db_exportnode.setPropertyValue("delete existing rows", True)
db_exportnode.setPropertyValue("default_string_size", 32)

# Schema dialog

db_exportnode.setKeyedPropertyValue("type", "region", "VARCHAR(10)")
db_exportnode.setKeyedPropertyValue("export _db primarykey", "id", True)
db_exportnode.setPropertyValue("use_custom create table command", True)
db_exportnode.setPropertyValue("custom_create_table_command", "My SQL Code")

# Indexes dialog

db_exportnode.setPropertyValue("use custom create index command", True)
db_exportnode.setPropertyValue("custom create index _command", "CREATE BITMAP INDEX <index-name>
ON <table-name> <(index-columns)>")

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields", ["id", "region"]])
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# 238. databaseexportnode 7V INT 4 — :

databaseexportnode 7'H /X5 1 — F— X TaNRT 1 — D
datasource string
username string
password string
epassword string ZOATy b, FETRCHAR A
270 £9, WSS AT — R 2Am
THITIE, Y= A=a—0 X
A7 — REEHY =V ZEHLTL
EEWV, FHLLIE by [54 N
[=YD THSb S AT = FDEm &
ZIRLUTLEZI N,
table_name string
write_mode Create
Append
Merge
map string APY=b T4 =V R{HET =N
— ARV YT UET
(write_mode 7% Merge DA IZDH
A5
BEDGE, TRTDOT7 11—V FEY
YEVIUTTI AR— T 2 0EDN
HYET, TXR—ANITFEL %
W7 4 =L AR, HrLwsile LTE
mEnxd,
key_fields list FAHEHINDZ AN =L - T 14—
WRNZEBELET, map THNT 1 —
., T—=RR—ZATAN) =L T4
—VFHNTHIGT 2NEZRRL &
j_o
join Database
Add
drop_existing_table flag
delete_existing_rows flag
default_string_size integer
type AF—< RATOREZHNSND
Mg 7T 1 —,
generate_import flag
use_custom create_table command  |flag custom_create_table A1 v hZ&{HH L
T, HMED CREATE TABLE SQL o<
YREEHELUEY,
custom create_table command string FEHED CREATE TABLE SQL I~ ¥ KN
DROYIZHHT XTI av v R
BELET,
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# 238. databaseexportnode 7WNT 4 — (fi &) :

databaseexportnode 7'H /X5 1 — T —XE TUNTF 4 — DI
use_batch flag ROTVNRT 4 —lF, T—ERXR—AD
SNV - a— RHOFMA T a T
9, use batch IZHE (True) DfH% 5
ET DL, FTHEADT =X R=ZAAD
I3y MAERNICARD T,
batch_size number AEY—IZI IV FFTBEICT—ANR
—AZEFETHLa- NEEREL £
ER
bulk_loading off NIVT - = ROREEEIBEL T,
0DBC 0DBC ¥ & T* External AHOAHINA 7
External vavERIZRLET,
not_logged flag
odbc_binding Row ODBC #H DNV 2 - m—RizslF
Column 5, i E=IZFGRmoN1 v K%
HBELET,
Toader delimit_mode Tab A TT ST LRREHDO NNV - m— R
Space DELEI, KE b XFOfEE EE L
Other ¥ 9, Other .
loader_other_delimiter
TuNRT 4 — L AEDETERL,
arvx () DEIERY D XFEEE
l./ i‘j_o
loader_other_delimiter string
specify_data_file flag H (True) D777 %%ETHL. B
D data_file 707 1+ =0 EF)
WD ET, ZOTHNT =12,
F—=RR=2ZN)VT a—R§ B
DEEZIABIDT 74 N LIS %4
ETBHIENTEET,
data_file string
specify loader program flag H (True) D7 57 %% ETH &, LA
R® loader program 7H/NF 4 —73
ARV ET, ZoTaRTF1—I1T
AR —&— 220 T M ERIE
THT T LDHRE G ERET S Z
EDTEET,
loader_program string
gen_logfile flag H (True) D7 7 7% & ET L L, LA
TOD logfile_name HERNIZAD £
T, ZOTUNRT 4 —IZiF T —
07 EERT B70D, —1N— LD
T7ANVEERETDHIENTEE
ER
Togfile_name string
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# 238. databaseexportnode 7TV INT 4 — (}r &) :

databaseexportnode 7'H /X5 1 —

F— R

TaNRT 1 — D

check_table_size

flag

H (True) D7 77 %K ET D&,
IBM SPSS Modeler 7*5 L2 AR—
FENBIFHUTHIELTTF— X R—=2A
DT =T B X eFRIIHEMIE
L1012, TTIVKRENEMINE
ER

loader_options

string

0—&— - 7asssiz6l
T, -comment B &£ -specialdir @
o7, Mol fEEL £7,

export_db_primarykey

flag

BEINETA—ILENTITA<Y
F—NEIMEEELET,

use_custom create_index_command

flag

true OHFE. ITRTDA VTV I A
IR UTHAX L SQL (2—¥—#8
FEDSQL) #AEMZLUET,

custom_create_index_command

string

F AR L SQL (2—HF—48E DSQL)
DEMZZINTWBIEE, 1Ty Y
ADPERRICEAZI NS SQL a~< v R
ERELET, (ZOMEIEZ, FIZRT
HEDA VT w7 AR LT EEET
EET,)

indexes.INDEXNAME. fields

MBERIGEREEINEZA VT Y I A
EERL., FOA VT I AZEEN
574 =)V RK&HE—ERRLET,

INDEXNAME "use_custom_create_
index_command"

flag

BEDA VT 72 AZHUTHAR A
SQL (—¥—18EDSQL) %A% E
sz T A0l EINES, &
MORDEIZH BH BB/ L TS
W,

INDEXNAME
"custom_create_index_command"

string

BEEnZA v Ty 7 AHHE NS
FIAR L SQL (2 —HF—HFEDSQL)
EHALEYS, BRORORIZHD
HlzERLTLEZY,

indexes.INDEXNAME. remove

flag

True DIGE, fBES NI VTV
ABAVTFYZADEY b SHIRL
N

table_space

string

ERENBT—T I « A_R— A %IEE
LET,

use_partition

flag

DIV T2 - T4 =)L RBERHIN
5E5BELET,

partition_field

string

DNy T2 T 4= FONEEH
AL ET,

H: —HOT—ZR=ATE, T AR— MHIZEMINEZT —ZARX—Z T—=TNVEERTEILNTE
9 (BIZIX, SQL T CREATE TABLE MYTABLE (...) COMPRESS YES; &fHEL ET), IRD XSz 7 m 7
1 — use_compression $ XU compression mode ZEEL T, ZOMREEZY R—MLET,
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# 239. EHEREBE 2 U 72 databaseexportnode 708 F 4 — :

databaseexportnode 7'H /X5 1 — T — X TaNRT 4 — D
use_compression Boolean True IZFEE L7-5A X Efic k27 AR
—MHDOTF =TV EERLET,
compression_mode Row SQL Server & — & R—AD ML N & #H
Page LEd,
Default Oracle T—ZR—ZADEMEL NV E2ZEL %
Direct_Load Operations 3, {H OLTP. Query High. Query Low,
A11_Operations Archive_High, & XU Archive_Low (ZIXiR{%
Basic i Oracle 11gR2 M\ ZE T,
OLTP
Query_High
Query_Low
Archive_High
Archive_Low

CREATE INDEX IV RERFEDA VT v 7 AHIZEE T % HiEE R34l

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["use_custom create_index_command",
True] )db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["custom create index command",
"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"])

HBHWE, FULHEEZ Ny Y2 T—TVERAVTITSZEHTEET,

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id", "region"],
"use custom_create_index_command":True, "custom create index_command":"CREATE INDEX <index-name> ON
<table-name> <(index-columns)>"])

datacollectionexportnode 7’'O0/37 1 —

y Data Collection T2 AR — bk + / — Ri%, Data Collection DHGFHHEY 7 bV = 7 THEHT
DR TT—&2%Z LN LET, 2D/ — N3 5I21F, Data Collection Data Library »*
- A VANV ENTVWERERHD T,

Wl

stream = modeler.script.stream()

datacollectionexportnode = stream.createAt("datacollectionexport", "Data Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata file", "c:¥¥museums.mdd")
datacollectionexportnode.setPropertyValue("merge metadata", "Overwrite")
datacollectionexportnode.setPropertyValue("casedata _file", "c:¥¥museumdata.sav")
datacollectionexportnode.setPropertyValue("generate_import", True)
datacollectionexportnode.setPropertyValue("enable system variables", True)

2% 240. datacollectionexportnode 7 W INT 4 —

datacollectionexportnode 71 /85 1 — T — R # TaRTF 4 — DA
metadata_file string HHTBEART =& - T 71 VDH
Ao
merge_metadata Overwrite
MergeCurrent
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# 240. datacollectionexportnode 71 NT 4 — (¥ &)

datacollectionexportnode 7'H /35 1 — T—XE TaNRT 4 — DA
enable_system_variables flag TOAR— I Nz mdd 77 A
IZ Data Collection ¥ AT L2 %
GUPESIPERELET,
casedata_file string JT—A s T=ABITIAR—-MEH
% sav 7 7 A VDT,

generate_import flag

excelexportnode 7'O0/37 4 —

r Excel TZ AR—bF /—RTlk, 7—4 % Microsoft Excel x1sx 77 A IVERTHIL £
EXCEL T, ATV a VT - KRR IND L SITHBINIC Excel AEHL, T/ 2K—+T37
S TANERT S &S IRINTE £7,

1l

stream = modeler.script.stream()

excelexportnode = stream.createAt("excelexport", "Excel", 200, 200)
excelexportnode.setPropertyValue("full filename", "C:/output/myexport.x1sx")
excelexportnode.setPropertyValue("excel file_type", "Excel2007")
excelexportnode.setPropertyValue("inc_field_names", True)
excelexportnode.setPropertyValue("inc_labels as cell notes", False)
excelexportnode.setPropertyValue("launch_application", True)
excelexportnode.setPropertyValue("generate_import", True)

F 241. excelexportnode 7 W8T 1 —

excelexportnode 7'H /85 1 — T — X TaT 1 —DHH

full_filename string

excel_file_type Excel2007

export_mode Create

Append

inc_field_names flag T4 =V RENT =2 — s DESY]
DIFIZRRINENE I D EBEL
7,

start_cell string T AR— ORIV EREL £
EDS

worksheet_name string HEIAL Y — 7 ¥ — N O,

Taunch_application flag Excel DMFERD 7 7 A NV THRUH X
NEMPES el 9, Excel
EEEBT S ARE, A= 7T
TVr—vav) X47ar Ry
A (TY—=I] A=a—=N05 I~
W= T TVr—=2av] ) AT
fRETIRENDHD £,
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#F 241. excelexportnode 7HNT 4 — (Fi &)

excelexportnode 7 H /87 1 — F— xR TN T 1 — DM
generate_import flag Hhanks—% - 774 VEHHA
AL Excel AJ1/ — RSN
LEMESMERBELET,
extensionexportnode 7'O/\F 4 —
@ HEET 2 AK— b - ) —FERMEMATSE, R A2 T M &
= 721% Python for Spark A2V 7 h%2ETL T, T—X%

I AR—FTEET,

Python for Spark Dl

#### script example for Python for Spark

import modeler.api

stream = modeler.script.stream()

node = stream.create("extension_export", "extension_export")
node.setPropertyValue("syntax_type", "Python")

python_script = """import spss.pyspark.runtime
from pyspark.sql import SQLContext
from pyspark.sql.types import =

cxt = spss.pyspark.runtime.getContext()
df = cxt.getSparkInputData()

print df.dtypes[:]

_newDF = df.select("Age","Drug")

print _newDF.dtypes[:]

df.select("Age", "Drug").write.save("c:/data/ageAndDrug.json", format="json")

node.setPropertyValue("python_syntax", python_script)

R DOl

#### script example for R
node.setPropertyValue("syntax_type", "R")
node.setPropertyValue("r_syntax", """write.csv(modelerData, "C:/export.csv")""")

& 242. extensionexportnode TaNT 4 —

extensionexportnode 7' /VT o — T — X TaNRT 1 — DA
syntax_type R R 7z2i% Python DEHLDAY
Python VI NEETTEMEELET R

NTFT7 ANV NTT),

r_syntax string FHHTDH R AZVT - YRy
7 X,

python_syntax string F179 % Python A2 Y Tk - ¥
Ry I,
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F 242. extensionexportnode THINT 4 — (Fi E)

extensionexportnode 7' %F o — T—XE Fa8TF £ — D
convert_flags StringsAndDoubles TS5 M T 4 — IV REZHT L7720

LogicalValues

DX Tvayv,

convert_missing

flag

RIEMEZE R O NA fHIZEHT 57
HOX T ayv,

convert_datetime flag HAER E 72 X B/ R R o2
e R OHAMN /WL IcZ#d
570D0F T ay,

convert_datetime_class POSIXct HEER £ 23 HAS /IBZITE R D2

POSIX1t

BD>H, YOEROEE T
EhEIEETLODA T a v,

outputfilenode 7' O0/35 1 —

. T774N - J—KRTlk, T—EBRYPOXETRY sNEZTFAL - 7y~ hang
=H T, ZDZ &, MOV T bz 7 RRHIEY 7 MY 2 TICHAADBEANTT—X %2 T

I AR— M BEEIT,

Wl

stream = modeler.script.stream()

‘6353‘0

outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full filename", "c:/output/flatfile output.txt")
outputfile.setPropertyValue("write mode", "Append")
outputfile.setPropertyValue("inc_field names", False)

outputfile.setPropertyValue("use newline after records", False)

outputfile.setPropertyValue("delimit_mode", "Tab")
outputfile.setPropertyValue("other delimiter", ",")
outputfile.setPropertyValue("quote mode", "Double")
outputfile.setPropertyValue("other quote", "x")
outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate_import", True)

# 243. outputfilenode 7HINT 4 —

outputfilenode 711/ %5 1 — T — & TanRT 1 — O
full_filename string 7 71 VDK,
write_mode Overwrite
Append
inc_field_names flag
use_newline_after_records flag
delimit_mode Comma
Tab
Space
Other
other_delimiter char B4
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# 243. outputfilenode 7HINT 4 — (i ¥)

outputfilenode 7'1/37 ¢ — T T RT 1 — D
quote_mode None
Single
Double
Other
other_quote flag
generate_import flag
encoding StreamDefault
SystemDefault
"UTF-8"

sasexportnode 7'O/\F 4 —

7 5 SAS TZAR—h ) —FKT, SAS £7/21Z SAS HEftY 7 b7 - Rulr—ITHMADT
@ — 2%, SAS WRTIATEET, 3 D0 SAS 7 7 1 VURMFIITETT. SAS for
" / Windows/OS2. SAS for UNIX. 721 SAS N—Y =3 7/8

il

stream = modeler.script.stream()

sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full _filename", "c:/output/SAS output.sas7bdat")
sasexportnode.setPropertyValue("format", "SAS8")
sasexportnode.setPropertyValue("export names", "NamesAndLabels")
sasexportnode.setPropertyValue("generate import", True)

# 244. sasexportnode TWIRNT 1 —

sasexportnode 7H/%F 1 — F—X R a1+ —DHH
= Windows NYFT YN TaRT 14— IR
UNIX Ve T 4=V K,
SAS7
SAS8
full_filename string
export_names NamesAndLabels ITOAR—PRFIZT7 14—V N&%E
NamesAsLabels IBM SPSS Modeler %% IBM
SPSS Statistics ¥ 7-1% SASZAH#
ZBEANT £ 9
generate_import flag
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statisticsexportnode 7'0O0/35 1 —

-

Statistics T2 AR — b -/ — K Tld, IBM SPSS Statistics .sav ¥721% zsav 74—~ v T

' ' FonmBHUET, sav ¥7-1F zsav 7 7 4 V1. IBM SPSS Statistics Base 5 X "7 il
OB THAMADLZ D TEET, ZDFAIL, IBM SPSS Modeler ¥+ v =2 - 771
THHEHINET,

IO —=RKDTENRT 4 —=IZDWTIL, | 357 =YD [statisticsexportnode 7 T /8T 1 — ] [ZFL#EH X 1T

WEJ,

tm1odataexport / — KD 70O/5 1 —

# 245. tmlodataexport / — KD T T 1 —

IBM Cognos TM1 T2 ZR— b -/ — Ri&, Cognos TM1 7 — X RX—ATHiAI S Z LM T
EHHARTT -2/ AKR—-bTEET,

tmlodataexport / — KD 705 4 — | F—XH ZTaxF 1 —DFHH
admin_host string REST API OFR A 44D URL,
server_name string admin_host 7 5ERL 72 TM1 ¥ —/N— D,

credential_type

inputCredential %7z
& storedCredential

BERERD XA TR RT-DIFHINET,

input_credential

list

credential_type #»% inputCredential D& & i,
RAAS Y, a—F =%, BLOIZAT - NE2HEEL
ES

stored_credential_name string credential _type % storedCredential @& &,
C&DS ¥ —N—DEMIEHROARTZHETL £,
selected_cube field T—RDIYAR—MEDF 2 —TOHH, BLITFIC

%2R L EJ, TML_export.setPropertyValue
("selected_cube", "plan_BudgetPlan")
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# 245. tmlodataexport / — RO THNT 4 — (i &)

tmlodataexport / — KD 75 1 — |F—XHE TENT 1 —D B
spss_field to_tml element mapping |list <y 7END tml BHRIF, BRINWEFa2-7 ¢

A—DIFT 4 Ay aryO—TrIFER) 18
Ao TERIFIRD & B DT [[[Field 1,
Dimension_1, False], [Element_1, Dimension_2,
True], ...], [[Field_2, ExistMeasureElement,
False], [Field_3, NewMeasureElement, True],
.1

RYEVIIERERT 2 DOV ANEHD T,
TAAYYaUANDEEEDT YL ZIE, ITD
Bl 2 iR LT WET,

Bl 1: BFIDOY A b: ([[Field 1, Dimension_ 1,
False], [Element_1, Dimension_2, True], ...])
X, TM1 T4 xXrYarovy FERIZERS N
9,

3 DOMEERFDZENTNDY A NE, T4 AVY 3
v v ¥rIERERLETS, 3 HHO T —LE
. TAAYYavOEREBRT S90S ER
TdIfAINET, #l: "[Field 1,
Dimension_1, False]" I&, Field_1 A%
Dimension_1 (¥ vy 7ENBI L amLET,
"[Element_1, Dimension 2, True]" (&, Element 1
» Dimension 2 2R U CERINDZ 2R L E
ERS

Bl 2: 2 HEEHDY A b: ([[Field 2,
ExistMeasureElement, False], [Field 3,
NewMeasureElement, True], ...]) &, TM1 #(i
T—R TaAAVYaVvBIEDOY Y THERICHERZ
NnEd,

3 DOMEEFOEFNFTNDOY A ME, HlEEED<
vV IERERLET, 3 BHO T —HEIE,
ULWEREERTEIBENDH LI L ERT O
HInEd, "[Field 2, ExistMeasureElement,
False]" I%. Field 2 »% ExistMeasureElement (Z
Ry SINBEILERLUET, "[Field 3,
NewMeasureElement, Truel" (&,
NewMeasureElement %% selected measure THERI
NEBUET — R T4 A2 arvThHhrHELRD

D, Field 3 BZhiZvy TEINBZ %2 RLUE
ER

selected_measure string BT —X T4AvyavERELET,
#: setPropertyValue("selected measure",
"Measures")
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tmiexport / — KD 7 O/3F 1+ — (BEL)

@ IBM Cognos TM1 T2 ZFK— b -/ — R, Cognos TM1 7 —&XN—ZATaiAil5 Z &M T
y ELRATT—R2T 7 AR-PNTEET,

JE: 20/ — FiE, Modeler 180 THEILINE Lz, THUEESHDE /) —FDRAZ ) T M4
tmlodataexport T,

# 246. tmlexport / — RO TN F 14— :
tmlexport / — KD a5 ¢ — =] THRT T DT

pm_host string o oN—=Yay 160 LT 17.0 DEED A
RA N, AFIZHlzRU £9,
TM1_export.setPropertyValue("pm_host",
'http://9.191.86.82:9510/pmhub/pm')
tml_connection ["field","field", ... FiroN—=Ya v 160 BXU 17.0 DFED A
,"field" ] T™M1 Y —N—DEHOFMZEL Y A D T TR
T14— BRFROELEBEDTT: [
"TM1_Server_Name", "tml_ username",
"tml_password"]

UTFizHhlzRUET,
TM1_export.setPropertyValue("tml_connection",
['PTanning Sample', "admin" "apple"])
selected_cube field T—RDILY AR— MEDF 2 —TDHHT, LRI
iz RUEd, TML export.setPropertyValue
("selected_cube", "plan_BudgetPlan")
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# 246. tmlexport / — RDTHNRT 14— (i ¥):

tmlexport / — KD a5 1 — F— R

a1 —DFHHA

spssfield_tmlelement mapping list

Ty TENDS tml BEEIL, BRINAZFa2-T ¥
A—DIFT 4 Ay aryO—TrIFER) 18
Ao TERIFIRD & B DT [[[Field 1,
Dimension_1, False], [Element_1, Dimension_2,
True], ...], [[Field_2, ExistMeasureElement,
False], [Field_3, NewMeasureElement, True],
.1

RYEVIIERERT 2 DOV ANEHD T,
TARAYYaVADEELZDOT Y IE, ITD
Bl 2 iR LT WET,

%l 1: &GOV A . ([[Field_1, Dimension_1,
False], [Element_1, Dimension_2, True], ...])
X, TM1 T4 xXrYarovy FERIZERS N
9,

3 DOMEERFDZENTNDY A NE, T4 AVY 3
v v ¥rIERERLETS, 3 HHO T —LE
. TAAYYavOEREBRT S90S ER
TdIfAINET, #l: "[Field 1,
Dimension_1, False]" I&, Field_1 A%
Dimension_1 (¥ vy 7ENBI L amLET,
"[Element_1, Dimension 2, True]" (&, Element 1
» Dimension 2 2R U CERINDZ 2R L E
ERS

Bl 2: 2 HEEHDY A b: ([[Field 2,
ExistMeasureElement, False], [Field 3,
NewMeasureElement, True], ...]) &, TM1 #(i
T—R TaAAVYaVvBIEDOY Y THERICHERZ
NnEd,

3 DOMEEFOEFNFTNDOY A ME, HlEEED<
vV IERERLET, 3 BHO T —HEIE,
ULWEREERTEIBENDH LI L ERT O
HInEd, "[Field 2, ExistMeasureElement,
False]" I%. Field 2 »% ExistMeasureElement (Z
Ry SINBEILERLUET, "[Field 3,
NewMeasureElement, Truel" (&,
NewMeasureElement %% selected measure THERI
NEBUET — R T4 A2 arvThHhrHELRD

D, Field 3 BZhiZvy TEINBZ %2 RLUE
ER

selected_measure string

BUET =& Ta4AV avzEELET,
#: setPropertyValue("selected measure",
"Measures")
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xmlexportnode 7'O0/\5 1 —

r y XML ZZAK—F - ) —KRTlk, XML ERD 77 A VizF—&&2 M LEd, A7V a v
=EML= T, T2AR—bPLAET—ZE2APY —LIZEHEAMAD XML AN/ —RE2ERTEET,

il

stream = modeler.script.stream()

xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full_filename", "c:/export/data.xml")

xmlexportnode.setPropertyValue("map", [["/catalog/book/genre", "genre"], ["/catalog/book/title", "title"]])

F 247. xmlexportnode 7TV NT 4 —

xmlexportnode 7 H /%7 1 — T — & ZTaRTF 4 — D

full_filename string () XML TZ ZAR—h + 77 A )VD5EEN
ABEOT7 71 NV4,

use_xml_schema flag XML AF¥—< (XSD 7 7 A )V £7zi& DTD 7

7AN) BHHLT, T2 AR— I NET—
ROMEEGFIHTE20E S0 EBELET,
full_schema_filename string 9% XSD 771 )VE7iE DID 7 7 1)
DEENAB LT 74 V4, use_xml_schema
M true IZRREINTWVWBEEIZDAMET

ED

generate_import flag IIAR—PEINZT—R - T7AIVEANY
— LITHEAAD XML AJ)/ — K2, HEIIZ
Y5 AV S

records string La— FOEMR%E/RYT XPath &,

map string XML #&EIZ7 4+ =V REZET Y E VL
ER
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2% 18 Z IBM SPSS Statistics / — KD 70O/8F7 1 —

statisticsimportnode 7’0O0/37 1 —

Statistics 7 7 1) - / — N, FAUHERNZ[HT 25 IBM SPSS Statistics THHA X NS .sav
7203 zsav 77 A NVERDT — & B L IBM SPSS Modeler (2R X N=F vy v a - 7
7 AN EGRAAAET,

1l

stream = modeler.script.stream()

statisticsimportnode = stream.createAt("statisticsimport", "SAV Import", 200, 200)
statisticsimportnode.setPropertyValue("full_filename", "C:/data/drugln.sav")
statisticsimportnode.setPropertyValue("import _names", True)
statisticsimportnode.setPropertyValue("import data", True)

F 248. statisticsimportnode THINT 4 — :

statisticsimportnode 7B/ X5 1 — | F—&7 TuRT 1 — D
full_filename string NAZEL, BRIET 71 V4,
password string NAT — K, password /¥ T X —&I&,

file_encrypted /85 A —&X X 0 HFNZHET
LRENDH ET,

file_encrypted flag T7ANDBNRAT = FIREINTVE Y S
yIRN
import_names NamesAndLabels B4 L BRSOV 2 BT 5 Bk,
LabelsAsNames
import_data DataAndLabels il e 7~V 5 fik,
LabelsAsData
use_field_format_for_storage Boolean A >R — MRHZ IBM SPSS Statistics 7 1 — )b

FIERERZ AT 2050 2EELET,

statisticstransformnode 7’0O0/%F 1 —

= Statistics 2t/ — NI, IBM SPSS Modeler ® 7 — X - YV —AIZx43 % IBM SPSS Statistics
VURY A AR Y RDEBIREITVWET, 20O/ —Fik, I VAREZSNnz IBM
SPSS Statistics ® I ¥ =23 KETT,

1l
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stream = modeler.script.stream()

statisticstransformnode = stream.createAt("statisticstransform", "Transform", 200, 200)
statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticstransformnode.setKeyedPropertyValue("new_name", "NewVar", "Mixed Drugs")
statisticstransformnode.setPropertyValue("check before saving", True)

% 249. statisticstransformnode TW/NT 4 —

statisticstransformnode 7' H/ %7 ¢ — T —XH TN T 1+ — D
syntax string
check_before_saving flag HEZRET HHEI, ABShiy

YRy O AERIELET, YR
I AN EIX, T T — - Ay
—UERRLET,

default_include flag FL<IE by [146 R=T D)
| Ffilternode 70137 1 —J [#&R
LTL7EEN,

include flag FLULIE, PEY 7146 X=VD
| Ffilternode 70835 1 —J [# &
LTI,

new_name string FELLIE. by [146 =T D)
| Ffilternode 7 01/3F 1 —J [# &R
LTSI,

statisticsmodelnode 7’0O0/X5 1 —

Statistics ET )NV - / — RK&2fifd 5 &, PMML Z{ER3 % IBM SPSS Statistics T & %5
FULTT—X20WBLOMHATEZIENTEET, ZO/—KFiE, F1 VARG SN
IBM SPSS Statistics @ 2 ¥ —MKE T,

Wl

stream = modeler.script.stream()

statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)
statisticsmodelnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticsmodelnode.setKeyedPropertyValue("new name", "NewVar", "Mixed Drugs")

statisticsmodelnode 71137 ¢ — T— R THNRTF 1+ —DFiA

syntax string

default_include flag FLIE, b v [146 R=T D)
| Ffilternode 7085 1 —J [# &1
LTL7ZEW,

include flag FHLUIE, PEY I 146 XR—=VD
| Ffilternode 7 01/3F 1 —J & &R
LTI,

new_name string FLIE, by 146 R=D D)
| Tfilternode 7B /85 1 —] &5
LTL7ZEwn,
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statisticsoutputnode 7’0O0/37 1 —

5 Statistics 151/ — RZffifHd % £, IBM SPSS Statistics Ffi & 2P H L. IBM SPSS
Modeler T — R0 $TH5Z N TEET, XFXF7% IBM SPSS Statistics DT E 127
IR ATEET, 2D/ —RiE. S EVADE5 X507 IBM SPSS Statistics @ 3 ¥ — A%
%TT,

Wl

stream = modeler.script.stream()

statisticsoutputnode = stream.createAt("statisticsoutput", "Output", 200, 200)
statisticsoutputnode.setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A) BP(A) Cholesterol(A)")
statisticsoutputnode.setPropertyValue("use output name", False)
statisticsoutputnode.setPropertyValue("output_mode", "File")
statisticsoutputnode.setPropertyValue("full _filename", "Cases by Age, Sex and Medical History")
statisticsoutputnode.setPropertyValue("file_type", "HTML")

# 250. statisticsoutputnode 7T A4 —

statisticsoutputnode 7'/ %5 1 — T — 2R THRT 4 — DA
mode Dialog [IBM SPSS Statistics X1 7 1
B ) A TvavEREFY YRy S
AT R —EERUET,
syntax string
use_output_name flag
output_name string
output_mode Screen
File
full_filename string
file_type HTML
SPV
SPW

statisticsexportnode 7'O0/35 1 —

Statistics T2 AR — bk - / — R TiX, IBM SPSS Statistics .sav 721X zsav 74 —< v I T

F—REHDUET, sav £721% zsav 7 7 1 VIE, IBM SPSS Statistics Base & & FF Dt
OB THRAMAALGZ DN TEET, ZDOFAIL, IBM SPSS Modeler DF¥ ¥ v ¥ a - 77 1)
THEHINET,

Wl

stream = modeler.script.stream()

statisticsexportnode = stream.createAt("statisticsexport", "Export", 200, 200)
statisticsexportnode.setPropertyValue("full_filename", "c:/output/SPSS Statistics_out.sav")
statisticsexportnode.setPropertyValue("field names", "Names")
statisticsexportnode.setPropertyValue("launch_application", True)
statisticsexportnode.setPropertyValue("generate_import", True)
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# 251. statisticsexportnode T /NT 4 — :

statisticsexportnode 7

=PATAE S T =& A THRT 4 — DI

full_filename string

file_type sav 77 AN%E sav £7213 zsav TR CTHRIEL £9°, BUFICHl 2R L
zsav ES

statisticsexportnode.setPropertyValue("file_type

encrypt_file flag T7ANDBNRAT = RREI N TN DD E DD,

password string NAT =R,

launch_application flag

export_names NamesAndLabels I AR—MRIZT 4« =)V %% IBM SPSS Modeler 7*5 IBM
NamesAsLabels SPSS Statistics 7z SASZAIZBEN 1T 9

generate_import flag
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%8 19 Z Python /— RO 7O/RF 14—

smotenode O 7 O/\XF 4 —

SMOTE (Synthetic Minority Over-sampling Technique) / — FIZAHEM T —X - v &2

@%- H1DDIA—N=H TV T FUIT)XLERELET, ZHIZkD. F—2OHHLD
OO EERFEIRMEI N E T, SPSS Modeler ® SMOTE FH¥ A /— Kl Python T
FEEINTE D, imbalanced-learn© Python 74 77V —%HEE LET,

#* 252. smotenode O T TINT 4 —

smotenode O 7 H/NF 1 — T— & TaNRT 1 — DA
target_field field WHET 14—V,
sample_ratio string AARLDHEDEZMFIHTE L LIIZL X

T, A7 avid, HE (sample_ratio_auto)
CHRDFE (sample_ratio _manual) @ 2 D
<7,

sample ratio_value FENBUR I, ¥TYa VT a— IITADY VTV
T A VT 14— 772D VTV
DEETYT, 0 LOAREL 1 UAFTRITFNIL
O FHA, 774N ME auto T,

random_seed integer HBHRAEV—F L THEHATINE Y — K,

k_neighbours integer B Y TN RV T B OIS B Bl
D, TT7ANVIE 5 TY,

m_neighbours integer XA VT4 — YV TUDRERRIH B

M ES UM 57D 258D
B, ZOA T avik, SMOTE 73V X4
OFFEFEAY borderlinel B XU borderline2 @
LA OAMMEAFRETT, 774V ME 10 {4
<7,

algorithm kind string SMOTE 7NV 3V XL DOFESE: regular,
borderlinel, F7zI% borderline2,

use partition Boolean true T L72BEIE. BTV OREICEY
T—RDAMEAINET, 774V M
true T9,

xgboosttreenode @ 7'O0/37F 1 —

XGBoost Tree©® &, YV — EFLERERET IV U THHATEIHAE T —AT4 V7 - 7TAd

oo )X LDEERIETT, T—AF 4 V7 - TATY XATHE, FOABTHED K L8
B, FNE BN RN EFIEMU £3, XGBoost Tree 13RHMEAMD TE L, £ D
I—Y—2FEFHTIIEEDEZEDNRNTA=ZBRHABINTVET, TD7H, SPSS Modeler
@D XGBoost Tree / — R Tlk, A7 - 74 —F vy —B LU0 L FHINE T A —XDA[HE
NTWEY, ZD/—Fid Python TEEINTVWET,
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% 253. xgboosttreenode D T W INT 4 —

xgboosttreenode D 7 11/XF 1 — T — X TaNRT 4 — D

TargetField field HRT 4=V,

InputFields field A7 14—V K,

treeMethod string ETNVOMERDOY ) —Fik, HETESHE
%, auto, exact, 7ziX approx TJ., 77
4 )V M auto T,

numBoos tRound integer E 7 IESAD num boost round fH, 1 75
1000 DFDOMEEIEELET., T 74 ML 10
ffcd,

maxDepth integer V) —DERDOERKEE, 1 LEDEZIFEL
¥F9, 74N bME 6 TT,

minChildWeight Double VY —DREDZDDTOEADE/NME, 0 B
FLoEEEELET, T7ANLME L TT,

maxDeltaStep Double V) —DIREDESAT Y TOERKE, 0 AR
DiEEHELES, 774NV ME 0 TT,

objectiveType string FERATDEMRA T, FEETE A{HIT
reg:linear, reg:logistic. reg:gamma,
reg:tweedie. count:poisson. M
rank:pairwise. binary:logistic, F7zI%
multi T3, 77 7EIROGE.
binary:logistic 721X multi OAZMHHT
EET, multi ZEHTRHE. A3 THRIC
¥ XGBoost HJZ 4 7" multi:softmax & X
multi:softprob RERRINE T,

random_seed integer LB — R, 0 25 9999999 D#iPH DT D
BIETT, TIALMT O T,

sampleSize Double WRES ZHET 5009 7Y 27, 0.1
5 1.0 OEDMEEEELES, T74V b
X 0.1 TT,

eta Double BEES ZHIHT 20D 1—%, 0 5 1
DEOMEEFEELET, 7740V ME 0.3 T
E

gamma Double BREAZHEHTS-00H <, 0 PLEDE
BEOBEEIBEL T IV, T74IL NI 6
T9,

colsSampleRatio Double BEEEZ2FET 200V ) =HoFH T
W, 0.01 225 1 OROEERELET, T7
ANV ME 1 TY,

colsSampleLevel Double BREESZHET 220D L LR OF YT
W, 0.01 225 1 OMOEEEELET, T7
A MK 1 TY,

Tambda Double WEHEAZHIEHT 272007 LK, 0 DLEOE

HOBMEZIEELTLEI Y, T7A40HMF 1
‘—C‘\‘a_o
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# 253. xgboosttreenode O T WINT 4 —

()

xgboosttreenode ® 7 /8F 1 — F— XA TaNRT 4 — D

alpha Double WREES 2 HIHT 52007V 77, 0 BLED
EEOBMEEZIEELTLEE W, T74 ME
0 T,

scalePoslWeight Double AT =% -2y bEFESITZODAT—ILD

FEDEAR, T7xNVME 1 TT,

xboostlinearnode @ 7’'O0/XF 1 —

XGBoost Linear© 1%, ffMESF IV EZERKETF L U CHEATIHAR T —2AF 427 - 73V
7 ZLDEEBEETT, T—2AF 4 V7 - TATY ALTHE. FOSEFIHDE LR
B, TR BRIV EHFITEIM U £9, SPSS Modeler @ XGBoost Linear / — Ki&

Python THEEINTWET,

#F 254. xgboostlinearnode D7 HINT 4 —

xgboostlinearnode ® 7' /%F 1 —

F—

{

TuRT 1 — DA

TargetField

field

InputFields

field

alpha

Double

TNT TMET —AF A 27 KT A=K, 0
M EDEREORIEE L LT RSV, 77
LVRE 0 T,

Tambda

Double

SULRIGI T —AF 4 07 N5 A—=&, 0 LA
LEOEZEOBEEEELTLLEEXW, T4V
MZ 1 TF,

lambdaBias

Double

FLR NA T AT =25 4 7 85 A —
X, FEOBEZR/ELET, T7AILMIT O
‘t‘\‘a_o

numBoostRound

integer

EFIUAEEHAD num boost round 1, 1 55
1000 ORIDEZEFEELET, T7A4L M 10
<9,

objectiveType

string

FERXRAIOHMNERA T, BETE BHIX
reg:linear. reg:logistic. reg:gamma.
reg:tweedie. count:poisson, M
rank:pairwise, binary:logistic, F7zIZ
multi T3, 77 7B RDIGE.
binary:logistic 721 multi OAZEFHT
SET, multi ZHHTHEG. A3 T7HERIC
¥ XGBoost HJZ 1 7 multi:softmax & &
multi:softprob 2SRRI NET,

random_seed

integer

BB — R, 0 725 9999999 DHIFHDLED
BAETYT, TI7ANLBNT O TT,
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ocsvmnode D7 O/8NF 4 —

One-Class SVM / — RTlE, IEERFE 7 LIV XL %2HHALET. 20/ — N, FHiEk
‘! BEOHMTHEATEEY, 20/ — Rk, 52600 Y7L - £y DY 7 MR %A
- U, iES Y MRZ0ey MZET 50, BIRWHAESHELUET, SPSS Modeler ®
One-Class SVM €5V v J— Kk Python THEEINTH Y, scikit-Tearn© Python 7
175)—%RELLUET,

#* 255. ocsvmnode D T AINT 4 —

ocsvmnode O S H/NT 4 — F A TERT T — DT

role_use string EFHIFADKE % AT 5121 predefined %
BEL, A=V —FE 71—V ROEH Y T%
T 512l custom 2HELET, T 74N
M predefined T,

inputs field AJHD 7 4 =V REZDY A b,
splits field NEFHDT 4 =V RLDY A b,
use_partition Boolean true 721k false 2HELET, T 74 b

% true T9, true TRTELEESIZ. T
NOREERIZEE T — R DARMMEHINE T,

mode_type string E— N, EETESHIX. simple E7ziZ
expert T3, simple 2 EELZHAX. T
FAN=D] ZTDTRTD/NT A =X HIER)
2720 %9,

stopping_criteria string FBRETL O TS, BETE 5MEIL, 1.0E-1,
1.0E-2, 1.0E-3. 1.0E-4, 1.0E-5. F7-iX
1.0E-6 TF, T 74 X 1.0E-3 T,

precision float FFREE (=a2—), FEHBREB LY HR—b -
NI R —D/INFEROHFE TS, 0 KhKkE<
1.0 ATFTOHYEZIFELTLZIW, F7 4
MZX 0.1 TY,

kernel string TNIY ZALTHATZ -3 247, §i
ETEAMHIE Tinear, poly., rbf, sigmoid.
F 721X precomputed TY, T 7 A4 Mk rbf

T,

enable_gamma Boolean gamma NI A —REEHIMMZLET, true £72
1 false ZfBEL £, 774 M true
T7,

gamma float ZDNRTA=REH—F) rbf, poly, BLO

sigmoid DEEIZDAHRI T, enable_gamma
NI A—R%Z false WWHELEGE, ZTDN
T A =A% auto IZEHEINET, true 1T
EULSE. 774K 0.1 TY,

coefd float 71— 2 VBB OMANL UTHH, ZDNRF A =X
%, poly H—F B LV sigmoid 71— D
BHEIZOAENTT, T 74N MEIZ 0.0 T
ER
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% 255. ocsvmnode D TANT 4 — (i ¥)

ocsvmnode D 18T 1 —

F—

TaNRT 1 — D

degree

integer

SIEAND N — 2 VRO, ZD/NF7 A -4
&, poly H—FRNVDBEIZDAEMTT, £
BOBRERELET, 774NV ML 3 T
‘a_o

shrinking

Boolean

i a— VAT 4w - A7 avaFHT
ENESIDEBELET, true 721 false
ZELET, T74NME false TT,

enable_cache_size

Boolean

cache_size XTI A—XEZHFHIZLET, true
E721F false 2HELE T, 774NV NI
false T,

cache_size

float

A=V F¥vadH A X (MB), F7 %)
& 200 TY,

enable_random_seed

Boolean

random_seed /8T A —XEAZLUET, true
7213 false ZEL Y. T 74 M
false TY,

random_seed

integer

WERHEDZDIZTF—R &2 Y v 7T BEIZ
AT BEE — N, TROBBE2EEL £
—d_o

pc_type

string

PATHEKE S 5 7 4 v JADRA T, fRETES
4 7Y a v independent F 7zl general T
E

lines_amount

integer

TI 74y 7IEDBEHRATE, 1 225 1000
OBBERELET,

lines_fields_custom

Boolean

Tines_fields /ST XA —XZEFHZL, 757
HIZHARL - T4 =V RERRTED LS
IZUET, false IZKEL-HAE, IXRTDY
4=V RDBFRINZF T, true THRELS
4. lines_fields /ST A —X THRELZT 1 —
NWROADPRKRINET, N7+ -V A LD
A5, KT 20 D7 4 —)V RPRRE
nEd,

lines_fields

field

7574w 7 IZREE LTEDD T 4 —IL K
PADDS
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20 % RA—/N\—/—RD7ORT 14—

A== —=FRBEEDTONRNTF 4 —2ROKRIZRLET, @D/ —F - o5 —H A==/ —=KNiZ
BHEINDZ LIZERLTLEZX W,

£ 256, R—3IF) + A== ) — RO FSUNRTF 1 —

TRNRT 4 —% TaNT 4 — OFEEMED Y Z b THRT 4 — DI
execute_method Script

R
script string

RA—IN—) = RDINTGA—4 —
WRDO—EEREMHHL T, A== —RDNFTA—R—ZERELIZHBETE-DIZAZY T N2MHT
%97,

mySuperNode.setParameterValue("minvalue", 30)

DFZMHLT, NIA—X—fHEZAHETEILENTEET,

value mySuperNode.getParameterValue("minvalue")

BEDR—/R— /) — RDOHE
findByType() BI#k AL T, ANV —LHNDA—1—/) - NERETEET,

source_supernode = modeler.script.stream().findByType("source super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super", None)

h7EeE/ —Ro7O/F 4 —5BE

A—=N=) = RHDFEA T T ITLIT7HATHILIZED, A== = ROduh 7wk i
ED/) —RDTANT 4 —%ZRETEET, FIRIE, T RE2HmARTZDIT ATVt nzaERT 7
ANDHBEANA=NN=) =R DHBLULET, LFRODXSIZULT, FRAT I ILIZT7 AL, BliE/
— REMERTDHILIZLD, GARAT 71 IVOLHT (full_filename 7R NT 4 — 2L THE) 2%
TIENTEET,

childDiagram = source_supernode.getChildDiagram()

varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

RA—/IR— ) — RDERK

A=N=) =R ZDONGZYIDPSIEKT 285G, AROGIETITO LW TEXT, TOLDITE A
— =) —RaEHL. TEATIZILIT772ALT, HAD/ — FEERLET, A==/ —FDX
AT T LHADITRTD /) —R&e, Ahaxrosk— -/ —FPHhaxrsk—--/—ReJ)rr73854L5
2T BZEEMETT, HlziE, 7atvr A== —R2EKT I8 ROLSIZUET,
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process_supernode = modeler.script.stream().createAt("process_super", "My SuperNode", 200, 200)
childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filter", 100, 100)
childDiagram.linkFromInputConnector(filternode)

childDiagram.1inkToOutputConnector(filternode)
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48 A. /—RKREZDYT77L VR

Z ZTl. IBM SPSS Modeler @/ — RKDAZ Y T 4DV 77 L A%EHEL £7,

ETI-FIYME
EFIL - FTY N EREINEZETILV) . /R - ATV b A TV oo b EFERIC, 7O
TZRTEEY, ROKRIZ, ETN - ATV 7 bOSRAE-TEFRRLET,

IS DOERTIX, IBM SPSS Modeler 7 1 > R D4 EfIzH 5 TETIV] Sy NADETIV - F7 v
NEBHT 72010, BAINE T, 237V YIOHMTA M) —LSEMEWEZETL - /=R
BT 521, apply... OEFEHIOCAZHOLRTEY MAEHAENET, FHLIE. MY IET
IW-"F7 v - J=FO7us7 1 RHBELTIEZIW,

T EEORNTIE, ALY BMEOMATET NVESRT I LW, RiLZEITS7-OICHBEINE
ED

£ 257. BTN - Ty b (TRTMER] ALy M)

ET IV ET IV
anomalydetection FHE

Apriori Apriori

autoclassifier HE5 4

autocluster HE)2 9 A& —
autonumeric SEDE

bayesnet RAZX 32y hT—=2
c50 C5.0

carma Carma

cart C&R Tree

chaid CHAID

coxreg Cox [A]%

decisionlist Fa4vYay YA
discriminant H 0

factor PSESAYT
featureselection BRGER

genlin — AR ]
glmm GLMM

kmeans K-Means

knn k Bof 5k

kohonen Kohonen

o T

logreg Oy 2T 4w 2 ElE
neuralnetwork Za—=I)NV- 2y rT—2
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£ 257. €T - Ty b (TETFMER] Sy b) (i) :

ETNE ET NV

quest QUEST

VG A I [ i

sequence DAnIZEVS

slrm HeZZInEET IV
statisticsmodel IBM SPSS Statistics € 7 )V
svm Support Vector Machine
timeseries KR 51

TwoStep TwoStep

F 258 ETN - FTY ML ([T=RR=2-ETVVT)] Ny h):

ET NV ETN

db2imcluster IBM ISW 275 2%Y v 7
db2imlog IBM ISW 1 Y25 1 v 2 [alF
db2imnb IBM ISW Naive Bayes
db2imreg IBM ISW [Hl

db2imtree IBM ISW F¥Vay -V —
msassoc MS 7VvxZ—rary - )b—Jb
msbayes MS Naive Bayes

mscluster MS 75 AR v

mslogistic MS B Y AT 1 v 7k
msneuralnetwork MS —=a—JJ) -2y hNJT—7
msregression MS KRB [E]
mssequencecluster MS Y= VA TTARY VT
mstimeseries MS A L) =X

mstree MS F¥vay vy —
netezzabayes Netezza XA X - Xy h 7 —2
netezzadectree Netezza 7+ > Yayv - V) —
netezzadivcluster Netezza SHI T AR ) VT
netezzaglm Netezza —#{LARTY
netezzakmeans Netezza K-Means

netezzaknn Netezza KNN

netezzalineregression

Netezza ##4 [A] )

netezzanaivebayes Netezza Naive Bayes
netezzapca Netezza PCA
netezzaregtree Netezza [E]}#Y U —
netezzatimeseries Netezza HfR%

oraabn Oracle Adaptive Bayes
oraai Oracle Al

oradecisiontree Oracle 7¥vVay - YVY—
oraglm Oracle GLM
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£ 258. ETN - FTY NG ([F—=ZR=Z - FFV 7] NLy b)) (HE):

ET IV ETN

orakmeans Oracle k-Means
oranb Oracle Naive Bayes
oranmf Oracle NMF
oraocluster Oracle O-Cluster
orasvm Oracle SVM
EHT 2 ETILEDDOE

ERINTEZETNVEBETLIOICAZ ) T 2T 5548, EETLIETLVAEZHEHLTWSE L, A2V
TEDRHVWEWIIRBEZEIZERTAIBERHDDET, INZ2EITE7-0DH12. A7) T MEKRHZ, 4K
INZET NI B4 2HHTEIZ 288D L ET,

HETHIETIVZIZEATAZA TV avezged 5zl
1. AZa—5ROIEHZERLET,

Y= > Ta—¥— F7vav)
2. @M 27227V vw o UL%T,
3. EREINEZETMCH L CEET LN A9 5121k, [HIOET L2 ER] 2ERNL X,

HVWEVWRETNOSEND 2E. A2V T MNETOHEIL SPSS Modeler & IBM SPSS
Collaboration and Deployment Services & D] TH#7 D £9°, SPSS Modeler 7 7 41 7 > MZIZHEIIZ
MUAHT 2R DOET VN EEESWMZA DA TV ay DHIOETVEZESHA L] BH0 T BIAIE X2
T EIV—TTHREL TR 472 /EK)., LPL, 204X 7Y avik, AUAZY T A IBM
SPSS Collaboration and Deployment Services THITI N2 L EIIMATE EHA, L — T DR THIIZ,
ETMCHT2H VR VLS EE#T 272 OICERKBETERSNLZET VOAMELET 20, BUEDOE
TNEZ)TTBHILIZED (clear generated palette XDENZE), ZDRMWZEFMET 2 Z LN TE

E S

HATNE

MDORIZ, TRTOMDNATV 27 bOEAE, TNEEKRT D/ —FE2—BERRLET, &XATOH
WA7Vz 2 b CHATE 2T AR MEADTRLY A MIOWTIE, XA TEEKTS/ —FD
TanF 4 —0OHM (5 7K — Kodban 7uns « —|e[H ) — Ko Ta 57 1 —) 23K TL
72X\,

#* 259 WhATY o bOREE, TOF TV 2V MafET S/ — N

A7y s~ O J—=F
analysisoutput il
collectionoutput Kitks s 57
dataauditoutput T — XM
distributionoutput vaxiil
evaluationoutput G
histogramoutput LARNTT A
matrixoutput A= S i
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#£ 259 BHA TV NOREEE, TOF TV bEREKTE ) —F () :

HAA 7Y =27 b ORI /=K

meansoutput Y fE

multiplotoutput <V F A

plotoutput s

qualityoutput mmE

reportdocumentoutput ZOATV 7 FOREIE —F2o6DEDTIE RS, YrY=:
7 b - VR—= MIERE NI TY,

reportoutput LAR—b

statisticsprocedureoutput StatisticsOutput

statisticsoutput AUIR AR T

tableoutput *

timeplotoutput KR35 05 7

weboutput Web
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4% B. kDR V) T hH5 Python RV ) 7 hAD#B1T

WRDRY YT NOBITOBE

Z 2Tl IBM SPSS Modeler T®D Python A2 U 7'k &SRO ) T DENEZER L, fEKDAZ
)7 h%& Python A2V 7 MIRAITT 2 HEICDOWTHML T, £72. SPSS Modeler DIFHEM)ZRHEkR
Davwy e, [AFED Python Aa¥ Y FDOYAMERLET,

—RRIRER

WRDAZ ) T hDFFTDREDIE, OS aA<X U K - A7V TR > TWERT, kDA ZY T b
X, fTfEMTH Y, DT oy ZREE (if...then...else...endif ¥, for...endfor 72 &) b5 L L
TH, A VT Y MNZIF—RIZERLED D FHA,

Python A2 ) 7 b Tk, 1 7Y MIBEK®RYEH O, A—OfHE 70y 7I2@ 5\EOTIE, AL~
WIZA VTV RINTVWIRENDD T,

I: Python I—FZa¥—UTHiD 12561 EEFPBETT, X72FHLTA YTy hEATH
5171F, TT 4 X—ET, AR—ZZMFHALTA VTV FINTWAITERILESITRZA 560D D £
T, LnL, 26D AREUA VT Y M Th B LR BRI NN zd, Python A2 Y T MILT—%4
Bl E 9,

AT -aAVFERR

27V Th - aVvTFRAMNI, A2V T MNEEGTTIEE BIAIX, A2V T NE2FEGFTEAN)—LPA
—N=/—=R) Z2EHLET, WKOAZVTITIE, IVTFFAMNIERHUTT, 2F0, HlzIE A+
V=L - A2V T MNAD /) —K2IRIEZ, TORZ ) T N2FEGTTEAN)—LNIIHEHEINET,

Python A7 U7 FTiE, AZ U T b - arFFZAME modeler.script €Y a2 —)UIZ & o THIRHIIZEE
flexn k3, HIZRIE Python A MY —LA - 22U T M UFOI—-RFE2EHLT, A2V 7 M 2EGT
BAMY LT 7 RATERT,

s = modeler.script.stream()

ARY —AICBE L BB, BEINA TV NI THETHT Z N TEET,

vy REFEH

WRDAZ Y T ME, AT FEATY, 20, A2V T MOZITIE, FITT2LEDH B FHE
BZHD, NIA—R—DPRBRIHEET, HlZIE UFDOEEHTT,

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"

Python (&, %, BMBAEECHT 24TV b (EVa—, VIR, FHEATVZIP) T&oTilR
FIhsBEBEFEALET, #lZIE BAFoeBb T,
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stream = modeler.script.stream()
typenode = stream.findByType("type", "Type)

filternode = stream.findByType("filter", None)

stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")

D7FZI)bEAXT b

IBM SPSS Modeler T& K HHINE DV T IV - ax Y FBLPIT AV b - a3 RiZiE, Python
227V 7 hORAFITY RAHY T, T4k, SPSS Modeler DEEFDHRDZ 2 ) 7 %, IBM SPSS
Modeler 17 THHATE % &£ 512, Python A2V 7 MIZWT 5DITEHET,

#260. VT INETARAY ROWRDAZ Y T N5 Python A7) T hADIvEVT

kDAL ) T b

Python A2V 7 b

B, Bl 4 EilRS;
TFE/INBUS SR, fl: 0.003 GV
B—2 T E NS, il 'Hello! iV

¥ E ASCI XENEGENTWABXFEHN) FI)VIziE, #
GEEE u Z2fF1F T, Unicode ¥ LTEL T,

ZHEHSIAR T ENZXFF], #l: "Hello again”

[
E: JE ASCII XFEREENTWBEXFESY F Iz, #
GEEE u 21T, Unicode & L TERLET,

Ruwsessl, fi:

"""This is a string
that spans multiple
'l.inesll un

G}

set x = [12 ¥
3 4]

YA, #l: [12 3] [1, 2, 3]

EE O, Fl: set x = 3 X =3

TOMkSE (%), Hl: x=11, 2,¥%
3, 4]

Juayroaxy bk, fi

/* This is a long comment
over a line. */

""" This is a long comment
over a line. """

fFOIAY b, fil: set x =3 # make x 3

x =3 # make x 3

undef None
true True
false False

372 IBM SPSS Modeler 18.1 Python A2V F bt A —hA =3y - HA K




RHETF

IBM SPSS Modeler T & < ffifH &2 — DA -3~ > RIiZiX, Python A2 Y FhOHE <Y K
HHET, TNiE. SPSS Modeler DEEFEDHRERKD A2 YV 7~ %, IBM SPSS Modeler 17 TEHTE % k

512, Python A2V 7 MIAEMT DI H £,

# 261. HRELOMUKDAZ Y T N5 Python A2 ) T hADI vV :

PERDAL ) T b Python A2 ) 7'k
NUM1 + NUM2 NUM1 + NUM2

LIST + ITEM LIST.append(ITEM)
LIST1 + LIST2 LIST1l.extend(LIST2)
NUM1 — NUM2 NUM1 — NUM2

LIST - ITEM LIST.remove (ITEM)
NUM1 = NUM2 NUM1 = NUM2

NUML / NUM2 NUM1 / NUM2

/= 1=

/==

X %% Y X *xx Y

X <Y X <Y

X <=Y X <=Y

X>Y X > Y

X >=Y X >=Y

X div Y X /1Y

X rem Y X%Y

X mod Y X%Y

and and

or or

not (EXPR) not EXPR
O

FEEI—T

IBM SPSS Modeler Tk < fifHE 115 O MFa~v Y RBEX PNV —7 - I3 < > RiZid, Python A2V

ThOREIT Y RDBH D £9, Tk, SPSS Modeler DEEFDHERD A Y 7'~ %, IBM SPSS
Modeler 17 TEHTE %5 &k 512, Python A2 VU 7 MIZE#T 5DITEIH £ T,

£ 262. e V=T DRKDA Y T RIS Python A7V T ADIy VT

pekoA ) 7 Python A2V 7k
for VAR from INT1 to INT2 for VAR in range(INT1, INT2):
endfor
or
VAR = INT1
while VAR <= INT2:
VAR += 1

for VAR in LIST for VAR in LIST:

endfor

48k B. WRDAZ V7 ~irS Python A2 U 7~ ADEAT
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K 262. FMENV—TOWKDAZ ) T N5 Python A7) T hADIv VT (i F):

kDA 2 ) T H

Python 22V 7'k

for VAR in_fields_to NODE

endfor

for VAR in NODE.getInputDataModel():

for VAR in_fields_at NODE

endfor

for VAR in NODE.getOutputDataModel():

if...then if .
elseif...then elif ...

else else:

endif

with TYPE OBJECT [F S RE 2 L
endwith

var VARL ERES IFTE
T

kDA 2 7 hTlE, BRIIBHEINDHE

var mynode

set mynode = create typenode at 96 96

Python A2V 7' kTl

I, A0S
mynode = stream.createAt("type", "Type", 96, 96)

IESULET, HlRE U FDEBHTT,

WIFIZERINET, HIZEE UFDEEHTT,

WRDAZ ) T M TR, ZHOSIE ~ HE 2 ML THRMIZHIRT 2 02083H 0 £9, BIZIE. B

TOEHHTY,

var mynode

set mynode = create typenode at 96 96
set “mynode.direction."Age" = Input

FEAEDAZY) T hFEELFBK Python A2 ) 7Tk, THEIARETY, FIXIX AFOEBDT

ED

mynode = stream.createAt("type", "Type", 96, 96)

mynode.setKeyedPropertyValue("direction","Age","Input")

J—R, HA. BLVEFTILVDOEYA T
RRKDAZ) TNDIEIERATVI b - 24T (=K, Hh, BLXUOETI) TlE, @, 217

MATY 7 hDRA TITEIME NI

71X, derivenode T,

set feature_name_node = create derivenode at 96 96

o TWETS, HlIRIE., 71— KERK (Derive) / — KD &R A

Python @ IBM SPSS Modeler API (Zld. node RSV & E NV, 74—V RERL/ — F
(Derive) DX 1 7%, derive T, HIZIX, ATDEE D TT,

feature_name_node = stream.createAt("derive", "Feature", 96, 96)

kDA Z Y T ME Python A2V T M TDORA THDME—DENE, XA THERHIRWI ETT,
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TanNT 4 —%
TuNRT 4 =k FEROA Y T & Python A7) R TRIUTY, FIAIE EET7 7ML - ) —
RTlE, 771 VOGHZ2EHRT D707 1 —Fx, WHDAZY) 7 MERET full_filename TY,

J—RDSHE

ZLDREKDAZ ) T M, BEROMBEZMHEHL T, £HITS/ —F2ROTITT7RALET, HIRIE
BFOawy Rig, 500 [MTypel &MALT, BYFANY —ADHTTF— KM — N 2REK L,

[Agel 74—V DKM (£7XET NVEKDEKE) % Input (2. [Drugl 71 —J)V K% Target (Fill
INLH) THRELET,

set 'Type':typenode.direction."Age" = Input

set 'Type':typenode.direction."Drug" = Target

Python 227 ) 7 rTld, 07 1 — 2 HET 27-OOBBEFOLTFIZ, /—F - A7V r b %
BRI EIRE T 2 H0ERH Y 3, HIZAIK, UFDLEDTT,

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

H: 2086, "Target" & XTFHIBIHFCHOLERH D £7,
Python A2V 7' k&, ModelingRole %/%% modeler.api Ny 77—V TCHHT LI LETEET,

Python A2 U7 D=V a3 iE, LOIIRBIGEMRH D T, / — NORKRIZER 1 HDATHOH
70, FURAL - NTF = UVANPRLS LD £, DAY T hOFITIE, /— FOMEKIZ, av
YRt bnE T,
IDI2&2/—FOREBHEIR—FEINTVWET (/=K ID X /=K - X700 IER] &7 T
RTEET), HIZIX, /RO ZY) T Tk, MFOLSI1ZLET,

# 1d65EMPBIVL87 is the ID of a Type node

set @id65EMPBIVL87.direction."Age" = Input

PAFDOA2Z Y 7 M&, Python A2V 7 b &AL ZLGAEDREUHITT,

typenode = stream.findByID("id65EMPBOVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

JO/NRF 1 —DEEEERE

PERDAZY) T RME, set AV REEALT, HEEHDYETET, set v FOHLAIZ, TunT+
—EHEEMITIDIENTEET, LFORAZ VT ME, TuR7 4 —%FETH2HD 2 DOEMHEEX
EFRUTVWET,

set <node reference>.<property> = <value>

set <node reference>.<keyed-property>.<key> = <value>

Python A2V 7 b Tk, B setPropertyValue() & setKeyedPropertyValue() %A L T. [ UHEHE
RELNET, HlzIX, MTFTOEBDTT,

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

kDA 2 ) T T, get AV RZMHHALT, 7071 —fHIZT7 72 ATEET, HlAIE BAFoe
BOTY,
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var n
set n
set v

o<

get node :filternode
~n.name

Python A2V 7 hTlk, B getPropertyValue() ZfEHL T, FUKREVIFOoNE T, HIRAIX, IR
LB TY,

stream. findByType("filter", None)
n.getPropertyValue("name"

n
\

AN —LDiRE

WRDA ) T RTlE, create I~V REMFHLT, L/ —FNEERLET, HlZIE UFOEBH
<Y,

var agg select

set agg = create aggregatenode at 96 96

set select = create selectnode at 164 96

Python A7V 7 hTiE, /—REERTH7-ODIFIERAY Y FAZA MY —LICHBEINTVET,
HlzZIX, AFDEEHTT,

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

kDA 2 ) T TlE, conmect IV REMHLT, /—FEO) V7 2EHRLET, HlxiE, AFoe
jab-/c\\—d—o

connect ~agg to “select

Python 22 ) 7 M Tl&, Tink XYy FZEHLT, /—FHEDY 7 2ERL £, #lZE BTFoL
BYTY,

stream.link(agg, select)

DA Z) 7 NTlE, disconnect IV REFEHLT, /—KEDOY V7 %2HIBRLET, #lXIE. DT
O)(\:a‘;_)\@wc‘j—o

disconnect ~agg from “select

Python A2 VU 7 M Tli&, unlink AV v REHEHALT, /—FEDY v 27 24lRLET, #IZIX RO
LBHTT,

stream.unlink(agg, select)

DA 2 T N TlE, position IX Y REMHALT, ANV =L - F¥ NI/ —NERELZD,
fid /) — REIZ/ — FZBEELZD LET, HlZIE UATFTDEEDHTT,

position "agg at 256 256

position "agg between “myselect and “mydistinct

Python A7V 7 b Tld, 2 DDHELDBAY v F setXYPosition & setPositionBetween ZffifHL T, [A
URERPFONE T, BUFITHIZ R 7,

agg.setXYPosition(256, 256)
agg.setPositionBetween(myselect, mydistinct)
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J— N2k

IBM SPSS Modeler T& <l E 1% —#D / — FfFa~ > FIZiE, Python 227 U 7 hDFEFEI Y
R2H D T, T4k, SPSS Modeler DEEFDHERKD A -V 7 k%, IBM SPSS Modeler 17 T T&
% & 512, Python A2 Y 7 MIEHS HDITRILE T,

K 263. ) — FEEOHERD A2 ) T Nipd Python A2 T hADI v VT

kDA 2) T H

Python A2 ) 7'k

create nodespec at x y

stream.
Stream.

create(type, name)
createAt(type, name, x, y)

stream.createBetween(type, name, preNode, postNode)
stream.createModelApplier(model, name)

connect fromNode to toNode stream.link(fromNode, toNode)

delete node stream.delete(node)

disable node stream.setEnabled(node, False)

enable node stream.setEnabled(node, True)

disconnect fromNode from toNode stream.unlink (fromNode, toNode)
stream.disconnect (node)

duplicate node

node .duplicate()

execute node

Stream.
stream.

runSelected(nodes, results)
runAll(results)

flush node

node.flushCache()

position node at x y

node.setXYPosition(x, y)

position node between nodel and node2

node.setPositionBetween(nodel, node2)

rename node as name

node.setLabel (name)

V="

RRKDAZ) TRTlE, HR=PINTWEIERL—=T - F T arvi2 2T,
o NUVIN V=T A VT v I AERMN, 2 DOBEOEROMTEIL T,
o V=AM N—F, HOEENL—T LT, BEDHEZ L —TEHIZNSNI VR LET,

DUTFOZXZ) T hik, ko270 FhTDOHh T Y ML —TDOHITT,

for i from 1 to 10
printin 7
endfor

UTDORZ) T M, ftEkD2A27) T hTOY—7 v ARV — T OHITT,

var items
set items = [a b ¢ d]

for i in items
printin ~i
endfor

UFDES D21 TDON—TEHHHABETT,

o EFTN - NLY FDETI, FHEFHEIARVY VOB ERET S,
o J—KIZAB T4 = RELF/ —FroHbd71 -V RENET S,
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Python A7V 7 hTH, IEIFEREATDONV—TE2HYKR—-FLTWET, LFOA2Z Y 7 I Python
A2V T NTDAY Y PRIV —TDHITT,
i=1
while i <= 10:
print i
i+= 1

URDAZ Y 7 MiE, Python A2V 7 FTOY—7 VAR )L —TDHITT,

.items = [Ilall’ Ilbll, "C", Ildll]
for i in items:
print i

V= v ARV — TR TH D, IBM SPSS Modeler API AV v REflAGbEd I Liz&b,
WRDZAZ ) T FOREFHIDLI—Z - F—=RA%&Y K- b TEET, BLFOHIE, Python 227 Y FhTY—
FUABN—TEMBALT, = FolB 74—V REKET S HEERLTVET,

node = modeler.script.stream().findByType("filter", None)

for column in node.getOutputDataModel().columnIterator():
print column.getColumnName()

2 M) — LOET

ANV —=LDFEFHIZ, ERINEZETNVELZBZHOA T 227 M, WInrOAT7Y 27 b -2 =Y
YIZEMENET, FEROARZ VT ITIE, A2V T MR EREINAA TV ATV - %
F—=V Y =P OMERET S, ERSINLEHOEINT, TOHNEEK L) — P67 78 AT 544
by £7,

Python TOA Y —ADFEFIE, FATT LV ERINAZET IV EIIHAOA TV 227 A FEATBIBUCIE
INBYANMIBEINELEWVWIHTREDET, 207D, AN —L0FTFERIC, KOfEHFIZT 7R
TEET,

WRDZZ VT ME IFD 3 DDA MY —ALFEFAv Y FEFR—-FLTVET,

+ execute all &, ANV —LHNDITRTCOEFHAREX—IFIN - /= NEEFTLET,

« execute_script 1&. AZ YU T FEITOREICEBRIRLS, AP Y=L ATV T REEGFLUET,
+ execute node X, EE L/ —RNE2FEFLET,

Python A7 U 7 hi&, BATFD K S RAMKOEEEZ Y R— LTV,

o stream.runAll(results-list) I&. A MU —LHNDITRTOETHAEEX—IF IV -/ —RE2FETLE
ER

e stream.runScript(results-list) (¥, A2 ) 7 MEFTOZREIZEARLRLS, ANV =L - A7V T FEE
TUET,

» stream.runSelected(node-array, results-list) &, 8@ L7/ —FKDtwv b%&, fEELUZIEHIZFETL
7,

e node.run(results-list) ¥, HEL-/ —RNE2EFTLET,

WERDAZ VT RTE, ATV a v OBBEa—-—FE2EELL exit YV FEMEHLT, A MY —LDET
ERTTEET, Bl IFDEEDTYT,

exit 1

Python 22V 7 bTlk, AFORAZ Y FhE2HHL T, AUERVIELNE T,

modeler.script.exit(1)
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774N« SRATFLBLVONVRIS N)—IC&BDA Tz MADT IR
kDA 2 ) T TlE, open ARV RZMFHLT, BEDA MY —LA, ETIV, £REHEIATY 0 b
RS ZEeMTEET, HIZIX AFOEBHTT,

var s
set s = open stream "c:/my streams/modeling.str"

Python A2 V7 MZIE, £y ¥arns7 7 AFEET, U &S RE¥EE2F/FTE S TaskRunner 27 5
2B Y £, BIXIE UFDELEDTY,

taskrunner = modeler.script.session().getTaskRunner()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

WHEDAZ) SN EFBHALULTAT V7 b2BIET BT, save IV RE2FHL T, HlxIE. ATO
t}sb"c‘\j—o

save stream s as "c:/my streams/new_modeling.str"

[ D Python A2V 7 D7 70 —F Tld, TaskRunner 7 7 A%2fEHL 3, HIZIEX, BAFDEBDT
ER

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")

IBM SPSS Collaboration and Deployment Services Repository ~\—ZAD#EAEIX, retrieve B LT store
AXVREHEATEIEEST, ERDAZ Y IR THR-MINTVET, AR BUFDOEBDTY,

var s
set s = retrieve stream "/my repository folder/my_stream.str"
store stream s as "/my repository folder/my_stream copy.str"

Python A7V 7 FTiE, £y ¥a VIZBEMNITOSNTWE YRV M) — - A7V MZkoT, AED
BREIC T 7 A TE £ T,

session = modeler.script.session()

repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream_copy.str", None)

H: VARV MY =7 2223212 ARV RY M) —HRzHEHL Ty Y a VAEEI A TWE L
by £9,

A MY —LgE
IBM SPSS Modeler T& < HINZE MDA M) —A#EI <Y RIZiE, Python A2V 7 D%

YV RAHY T, ik, SPSS Modeler DEEFEDRERD A2 Y 7 k%, IBM SPSS Modeler 17 Cffiff
TE2 &SI, Python A2V T MIEMT 2DITHENLHET,

# 264. AN —LEEDRERD A2 ) T IS Python A2 T hADIvEV T :

pekoA ) 7 b Python A2V 7 |k

create stream DEFAULT_FILENAME taskrunner.createStream(name, autoConnect,
autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream [ S5 RE 7R U

Toad stream path [F S RE 2 L

open stream path taskrunner.openStreamFromFile(path, autoManage)
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K 264 A MY — LBEDHERD A2 ) T w25 Python A2V T hADIvE VT (#i &) :

kD22 ) 7k Python 22V 7'k

save stream as path taskrunner.saveStreamToFile(stream, path)

retreive stream path repository.retreiveStream(path, version, label,
autoManage)

store stream as path repository.storeStream(stream, path, label)

ETILDERME

IBM SPSS Modeler T & < E 112 —#DETNVMET <2 FIZIE, Python 227U 7 hDEFEI Y
R9H D £9, Thid, SPSS Modeler DEEFEDHERD A2 ) 7 %, IBM SPSS Modeler 17 THHTE
% X512, Python A2V T MIZEWT HDITKIHET,

K 265. ETNVEIEDHERD A2 ) T vird Python A2 ) T hADI v E VT

WD) Tk Python 22V 7'k

open model path taskrunner.openModelFromFile(path, autoManage)

save model as path taskrunner.saveMode1ToFile(model, path)

retrieve model path repository.retrieveModel (path, version, label,
autoManage)

store model as path repository.storeModel (model, path, label)

R¥axXy NHAOEE

IBM SPSS Modeler Tk I NS D FFa X v MEJ#EEI < Y FIZiE, Python A2V 7D
FEa< >y RAH D £3, 21k, SPSS Modeler DEEZEDRERKD A2 V) 7~ %, IBM SPSS Modeler 17
THHATE S X512, Python A2V 7 MIAHBT LD EET,

#* 266, NF¥a Ay NUIEBIEDHESRDAZ ) T w25 Python A2V T hADI v E VT !

RERDAZ ) Tk Python 22V 7k

open output path taskrunner .openDocumentFromFile(path, autoManage)

save output as path taskrunner.saveDocumentToFile(output, path)

retrieve output path repository.retrieveDocument (path, version, label,
autoManage)

store output as path repository.storeDocument (output, path, label)

kDY) T ME Python X271 7 MDZEDHDEL

LAY — - 220 7 & IBM SPSS Modeler 70 =27 h D2 Y R— ML TWET, Python A2
D7 ME BE, ThEYR—-PLTOVEEA,

RRkDAZ) TRFE, ATF—b 8 ATV (AN —LBLTETILOMAEDLE) 2L 51T KR
—hLTWET, A7— AT Y2 M, IBM SPSS Modeler 8.0 BAB, PEiEI N E L7z, Python
A2V T NI AT ATV 27 b A2 R—-—PLTOWEFA,

Python A2V 7 ME, ROV 7 hTIREHATERW, INOBEMNOBEEZ ML TWE T,

. VI AEHRLBHES
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EEER

ARZEIIKE IBM PR TAHEB LY =V 2AIZOVWTER LS DOTT, ZOEEIE. IBM 7 5o
EETHERMINT VARV E T, 2L, Tz ATT3I2, AR TN EE RS 2
FIE L TCWABRERDHDIGELRDHD T,

AREIZHHOHG, —E A, FHEREEPHAIZEVWTIHEH#SINTVARWEGEERH D £, HATHHA
AlRE ARG, Y —E A, BIXTERIZOWTIX, HA IBM OEEENSEIZEFRLZIW, AEFT IBM
B, AT L FEEY-CRCERLTVWTH, T IBM 8, JTur I A £-EV—EADA
WEHAABETHE I 2ERTEIEDOTIEHH Y EFEA, ZNSITARZT, IBM ORINFIAHEEZIREST S Z
EDIN, BEEEMIZAE OB, Ta s I A, £V - ARHHTLIIENTEEXT, 2L, IBM
DA DEG Y T 7T LAOEEF 7213 — C AOFHI B L OMGEIX, BEROBLTIioTWiZZEET,

IBM &, AEICHHEINTWAIARICEL CREE EFEBETPOHD2E8) 2B L TWAEERH
DET, AEORMIL, BEHRIZINS ORI ODWTHEELZ LA T AL 2E®KT2H5DTIEHD £
HhA, EfHECOVWTOBMWELEIX, EBMICTRRMEEIIEE I,

T103-8510

UL e X H ARG A IR 1976215
HAT A - ©— - = AR
EH - W RE

WM PEME 5 1 2 > A PH

IBM 8L UOZDOEEE - IXHEDO F2thid, AFEZREYME UTHET 2 £ FORETREEL., AR
REE. € HAE A MEDLRIES & OEA EOBHAZREL 2 50T R TCOFRS U IFBUROMRGEEMT 2 A
LREVWEDEUET, HEIFHIBRIZ &> TE, EHROBITHEIZE Y. RIEELOHIRIEL S b
&, WITHEDHIRZZIF2EDE LET,

Z DRI IE, B A 23l d P E2 G0 HARH 0 £, ABREHMICAREI N, BPELEH
WEAZEDRUIHARENE T, IBM X FERLIZ, BEF, ZoXBIZEHEIN TV IHFEEZIEI T s
FLZHUT, MEFFREFEZITSZRHD ET,

AREIZBWT IBM UAD Web 1 MZEKRLUTWAIEERH D FTH, EHOLZOLHLZEZITTH
D, HLUTEFNSD Web ¥ 1 b2HRETEIEDOTIEHDD THA, THH5D Web V1 MZhBERNL.
ZD IBM #HFOEBO—ITIEH D EFHA, TNSHD Web V1 ME, BEMOBETIMHHEALZEI W,

IBM i, BEEPRET IV ERE. BERICHTLUTRASEEDAS Z LD\, HoHE & {E
TBHHET, B ULEMRTAIENTELEDELET,

ARTOT T LDTA 2y AMERH T, () MAKER LT 70200 7Ta s 76 (K7a 277 L
2ED) LORITOEHREH, BL (i) KBS N-EROMEMMHZREICT S22 2HKE LT, A
Tu7 I LAY A EREBEE TS AHIE, FRIGEK LT ZIW,

IBM Director of Licensing

IBM Corporation

North Castle Drive, MD-NC119
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A7 Y7 MMZBT 5 LElOEHRIE, BEYRHHREO N THAT L ZeATE LD, AHOGALH D
E S

ARETHHAINTVWE T4 VR - a7 0F - EToMDT 1w A&RIE, IBM Fii@D 707 5 A
L DOEHIZIE, IBM 70275 L0 THASGME,. £23Fn e FAEOLEIZEOWNT, IBM kit h
7,

I NTVWEMRET — & & BRI, fle U TRTHITOAREINTWET, FEEROMRIZRE
DREPHBSMAIZ L > TRBRD £,

IBM DA OBGHIZE T 2 EHIE. 20" OMGHE. Bk, B U IZZOMDO AR HTRERY — A0
SAFLEZHDTT, IBM X, TNS5DEFDTFANMIT-TEY VA, LW ->T, kB Iz
LETM. B, £23Z0OMOERIZOVWTIHEIETCE EFE A, IBM M OBFOMREICE T 2 EM
k. T o OB OMEEFICBRENL £T,
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