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IBM SPSS Modeler A7 U7 h&fHT 5 &, T - F7y MEREDOT A b 7O Az HEETE X
T, HIZIE. TF - AU —LA druglearn.str (IBM SPSS Modeler { > A ~N—I)VD F®D /Demos/streams/ 7
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stream = modeler.script.stream()

neuralnetnode = stream.findByType("neuralnetwork", None)

results = []

neuralnetnode.run(results)

appliernode = stream.createModelApplierAt(results[0], "Drug", 594, 187)
analysisnode = stream.createAt("analysis", "Drug", 688, 187)

typenode = stream.findByType("type", None)
stream.linkBetween(appliernode, typenode, analysisnode)
analysisnode.run([])
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taskrunner = modeler.script.session().getTaskRunner()

# Modify this to the correct Modeler installation Demos folder.
# Note use of forward slash and trailing slash.
installation = "C:/Program Files/IBM/SPSS/Modeler/16/Demos/"

# First load the model builder stream from file and build a model

druglearn_stream = taskrunner.openStreamFromFile(installation + "streams/druglearn.str", True)
results = []

druglearn_stream.findByType("c50", None).run(results)

# Save the model to file
taskrunner.saveModelToFile(results[0], "rule.gm")

# Now Toad the plot stream, read the model from file and insert it into the stream
drugplot_stream = taskrunner.openStreamFromFile(installation + "streams/drugplot.str", True)
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model = taskrunner.openModelFromFile("rule.gm", True)
modelapplier = drugplot_stream.createModelApplier(model, "Drug")

# Now find the plot node, disconnect it and connect the

# model applier node between the derive node and the plot node
derivenode = drugplot_stream.findByType("derive", None)
plotnode = drugplot_stream.findByType("plot", None)
drugplot_stream.disconnect(plotnode)
modelapplier.setPositionBetween(derivenode, plotnode)
drugplot_stream.linkBetween(modelapplier, derivenode, plotnode)
plotnode.setPropertyValue("color_field", "$C-Drug")
plotnode.run([])
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stream = modeler.script.session().createProcessorStream("featureselection", True)

statisticsimportnode = stream.createAt("statisticsimport", "Statistics File", 150, 97)
statisticsimportnode.setPropertyValue("full filename", "$CLEO_DEMOS/customer dbase.sav")

typenode = stream.createAt("type", "Type", 258, 97)
typenode.setKeyedPropertyValue("direction", "response 01", "Target")

featureselectionnode = stream.createAt("featureselection", "Feature Selection", 366, 97)
featureselectionnode.setPropertyValue("top_n", 15)
featureselectionnode.setPropertyValue("max_missing values", 80.0)
featureselectionnode.setPropertyValue("selection_mode", "TopN")
featureselectionnode.setPropertyValue("important label", "Check Me Out!")
featureselectionnode.setPropertyValue("criteria", "Likelihood")

stream.link(statisticsimportnode, typenode)
stream.link(typenode, featureselectionnode)
models = []
featureselectionnode.run(models)

# Assumes the stream automatically places model apply nodes in the stream

applynode = stream.findByType("applyfeatureselection", None)

tablenode = stream.createAt("table", "Table", applynode.getXPosition() + 96, applynode.getYPosition())
stream.link(applynode, tablenode)

tabTenode.run([])
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execute 'Set Globals'

execute 'gains'

execute 'profit'

execute 'age v. $CC-pep'
execute 'Table'
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BIRAIEEZR 7 0 — L RIE, AL TWA AR —L « NTA—F—F =3/ — R - TONTF 41—z
4=V RDANERINDEIICTAINA ) O TINTWEZECERELTLEEWN, flziE, AL —
DAL TRLFHDA R =L+ NTA—F—ZHHLTWAEEIE. A NL—2 - A1 TIFEHND T
A4 — IV RDOANERINET,

A MY —ATOFRHGFERTT

FUMEETTIE, ERXTHA MY —LNEO—BEHFITHEDONWT, ¥—IF)L - /) —REeETTLHEE
flEcExd, FlZIX. LFOLDICTEET,

o fREDMEN true 2 false MITHEDNWT, /—REETTLHINEDINEHIFET 2,

o J—RON—T%iFT L TETT D00, BRICETT2DONEERT S,

Wz NESMZ, APY—L0 [F7) 7D & 9T TTRELET. $TITE2RRT DI
E DV—=TIEIMT &7 ETE—-REERL I,

EFT DEMAEETEMET. DV—TIFRMEFEFET) BT T RARESNTVWSEHEEIE. A MU —4
FEITRHICAENCRDET, A7 a > T ZUEMEERTEHROZAIZY TS - O—REEKRL T, A2 U7
N ZF 4 7 —ICBOMIF B ZEMNTEET, INETOITE. &M YT TOETHRICHS THEO AT
Fd 22U I LET, AMD [EfF) FTOERN [FIHIVE AT ary AZ2UT b)) EfFE
—RERRTDHEHIEDD, AV VTN TOEHRICEREINET, DF0, AVUT KI5 45—
T A <A XAJREIR A7 ) T N 2AERT ZE1C, Y1787 - RV ADIEIEHIN—T -+
a EFALTCREEZERTEEY., MOMT.) 220y 0358, RSNz A7 ) 7 MNE, &
ZLEN—TEEHERINDZEITHERELTLZS N,

&Rty N7y TSI RN 2ITNWET,

1. &) 75 TOHRMOIT BHHESEOBM Ry > 22w LT, I&EFROBE
) #4707 Ry A2MEET., ZOF¥A 70T T, /J—RE2ETT DD THEND 55
thzEfEEL £,

2. T&HEFOBM Y1707 Ry VAT, UFOA 7> a zEELET,

a. J—F, &M ERTEHRETD/—REBRLET., ZIRAY 227y LT I J—RER] ¥
A7ar7%ziE, HHO / —RZ2EIRLET, UARINTWSE ) —RNELTELHREIE. TV AR
—h- /=R, ¥57- =R, BEFUY - J—R, TLEHEN/—RowTnhrohs3Y -4
W/ —REHFRTHLIIZ, BRETAIVAYY T TEET,

b. &UEOIME, ) — REFETT L0 THERNDDEMEE2BELET., TARY—4H NTA—
Hy—1 ., Za—=nnv2EH . TS—=viiht)v) . 7213 THIZ Truel ® 4 DOF T3>
DONWTNMN 1 DEBIRTEET, ¥4 707 - Ry 7 ADOFESICTANT 2T, BINT 55408
k> TEARD T,

e APU—L NIFRA—=HF—, FHTERUYZARNME/NT A=Y —ZRINLTMSE, TD/NT A—
Y—@ R 28R ET, #lzE HEFIT TXDREN] . FHLWw . TXko/hx
W), TR Z2ETY, KT, EBEFIINCT Ml 7. R/MEBXORKEZANLET,

o O—NVER., HHAMTRERY A MNSEREBINLET, FlzE. ey . 183 . TR
IME] . TERRME] .« £7213 DEERZE ] N A MIEENTWDEREERDH D £, KIT.
MEE T ENEEZ BN £,

F1wE Az eI ERE 11



o« TNV, HEHATRERY A NS T—T ) - J—REZRL T, 7—7)D 7] &
Mg) @R £9, Kz, NMERETF) SOBERMEZERL ET,

o #WIZ True, / — REWIZETIHDHENDDELEHIT. ZOF T aaBBRLET, 204 T
a >EBERTHEEIT. SSIGBIRT AT A5 —13HDEHE A,

3. WERTRTOFHZRETDHET. ATv Ty 1 & 2 20hERETHRORLET, BRLEZ/—R
L. J— RWNETINDENTTZTRELEN, BT Y TORMEEE O 1977 — K1 FlE. O
EEM FEOBGITMERE)) FICFERINET,

4. TITHIVKRT, /= REFHREERINTVBIEICHEITEINET., /—RELEBZV XA NATLEERZIZ
TICBET 51213, /—RELFEEZIZY I UTERL, Y75 TOEMOINCH 2 ERENTEZIZTR
FlzfEHL CEFZ=ZEELEXT,

I5I. &M TS TORRICH LU TOF T a P &RETEET,

o IRTZIAFRICHAM. ZOF T a3 id, BRUEET T TICERINTWSIERF TIHMEiT 555105
WLUET, £UEN [True] DITXRTD/ — RiE, TXRTOFEENHEHEINTNS 1| BETFETINE
7,

o —JEIZ 1 DFOET, [TRTEZIERICHM NBRINTVEEFICOAFEHATEET, 2047
> EERTDE, U [True) EFHESINDEGE. TOSFMICEBEMITSNTNDS /— Rid, RDE
DM S N D ETCEITSINE T,

s IOy FETHM, ZOF T 3 Z2EBIRTDHE, FHEELESLHENS [Truel DFEAMANE S NS5
D) —ROBMEFTINET,

AU T bDRTTE TR

FOMEZ L OFHETAIZY) T hZ2EFTTEETT, FIZIEX, AMI—A - AT EREFAY O R7OD
AV TRDIAT7ATT, [ZOAV VT R 7] RY =)D E, ZEREAV ) T N EET
LET,

(2]

K1 TcoxrU7~NeEEF) Ky

DRIRU72fT) Ry 27 Vw 7358, AVUTRNTERLE | 752E3BETTOTOy 7 2%
TLET,

>

K2 [BERL={7EET) A5

A7 U7 FOEFIE. RONWTNNDHETIHTWET,

e ARNU—AL - ZAVUTNERIZAY > R7OY AU TROYA 707 - Ry AD [ZOA7Y T K
ZHEIT) RF TER L7257 220927 L%,

s TIAINBMDOEFTHEELT TZOAZ VT MEFET] DHEESNTNRDHA R — A%%ﬁ?é

« BEWICAZHTUF 4T - E—RT -execute 777 2HALET. #L<IE FEY s X=T 7
[(O=C K- SACHBROBER EBRL TS0,
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H (=)= /=R ¥4 707 - K"y AT [CZOAZYTF2RET] Z2ERLTWDINED, A—
IN— /) — R« 27T NE, A—/8N— ) — ROETFRRICETINET,
227 ) T NEFOHE

[ZARY =L AZUT ] 4707 « Ry 7 ZADY—)LN=IZH DR IERY %, A7) T MERT
BRCAHEZNCRDET, ZORY U Z2EHTHE, AU T RBEIOCHEDA N —LADETEHIETEHE
WTEELT.

mELEHR

MRZER) Y170z Ry 7 AE. AZUT s 544 —, CLEM RENY —/E, AZ7YU T %

FRRXOTFTFA N ERETIHE, FLELAR—K J—RTF > T L — b 2EETIHEAICHHATESE

T, INSDEBONTNNTTFARNERETDHE, Ctrl + F F— Z2HLTHYAI 700 - Ry VAL

TOEAL, H=YNNTFF A MEBIC T+ —HAL TSI E2EERLET, (T4 0¥ —] J—RZ2f

ALTWaBHEE, FlzIX. TRE] 7072 MEENS., F£/21F CLEM REWLY—DOFF Ak« T4

— IV RMNSF A T7aT Ry T ATV ATEET,

. TFAMEBNICH—VILEBNWT, Cul + F F—2L T RZREH) Y1707 - Ry 7 AT 7

TALET,

BMBZTEZTFARNEZANTZN, BIBRRBLEZEHEHOROY 7T « UZRNSREIRLET,

BT F A NHH5E1E. AHLET,

REHFZR] 27w LT, REZRKLET,

& 227Uy LU THEDRBRNEZERT S0, [§XT2ER] 27Uy 7L TIRTERE

WFER LA A O A2HEBKLET,

6. BRENKRTTZE, 4707 - Ry 7 ANALET., TF A MET F3 29 EREOMRERIE
MEVREIN, £21E Cul + F F—2{TE5 1707 ICHEY VA LET,

A

BMBA T a

RXFENLTFEE « RBEIET, BIAE myvar 0¥ myVar ENLET 2N E DN E, RKXFENLF
ZRPTHMNESINZEIRELE T, ZOREICEFBRLS, BT FAMIFEITANLZEBDITHEAINE
ER

HERDH « BMBERIEDFENITHODAENZTF AN T EINEINEHEELET, 20X T a >
ZBIRNT D &, spider \TBT BRI, spiderman E 7213 spider-man 1Z—3 L £ A,

FERER . FHEEROL DYy 7 2A2HHTEINEDNEZIRELET (KESR), ZOF T g zER
T5&, FEEEOHA] F72aidEPbEInN, TOMITEHINET,

BREINETFALOA: [IXRT2BER AT az2fHT256, MROHEMZHI#EIL X,
IEREB 25y I A

EHRERZFERTDE, Y TERIBSATLFEREORER LT, a 5 d ETREXFDOY I AE-134
P, fTOBREZIIKR TREDERIIOVWTREBT S ZENTEET, ROFBEOEXHENTR—hINTn
ECIN

F/1E AU hERZ YT EE 13



K1 XFO—E :

Characters —%

X y? X

\ SRS,

¥0n 8 EVEDMEZFEDIF On (0 <= n <= 7)
¥0nn 8 HEEDMEZFFDXF Omn (0 <= n <= 7)
¥0mnn 8 HEIEDMHEZFF DO Omnn (0 <=m <=3, 0 <=n <= 7)
¥xhh 16 #EEDOMEZ R DT 0xhh

¥uhhhh 16 HEVEDMEZ 7D 3T 0xhhhh

¥t % T XF (¥u0009")

¥n RFT3CF (Fu000A")

¥r BIRSCF (Fu000D")

¥f WAR—T3F (Fu000C")

¥a 7 Z— bk (N)b) 3CF (¥u0007")

Ye T A —73F (¥u001B)

¥cx X IR % il ST

K2 XFUITAD—E :

XFTTA —%

labc] a. by E7ZIE ¢ EHMY T R)

['habc] a. by TZld ¢ A OXE (%)

la-zA-Z] a M5z T2l A NS 7 OFFE (Hi)

l'a-d[m-p]] a M do ELE m S p FIES). 213 Ta-dm-p) EHEETHIESHT

N
la-z&&[def]] a b zo BEUW A e. FRIT F(RE)
la-z&&[bc]] aMb z DIHB, b & ¢ ZRRWEHD (EES). £7/21d. Tadz) EEETS

ZEBHTEEXT

la-z&&[*m-p]]

a5z DO, m M5 p FTERVWEZHD EES). 2.
BETHIEHLTEET

la-lg-z) &

K3 FRIRESNLEXTFT TR

HARE S NELTFET T A —3
EEOXTE (TRICETHHAEELIT L BWEAERH D ET)
¥d EREDOEF: [0-9]
¥D DSt [70-9]
¥s ZEE ST | UY¥n¥xOB¥fYr]
¥S EIERESYY ISR Y|
¥w 7 — RXF: [a-zA-Z_0-9]
¥W T — BICF [¥w]
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#4. BRO—F

BRO—3% —3

A 178

$ (FEN

¥b EORER

¥B FBLAS DB

¥A AT DG

¥Z R EDITREUSND AT DFT
¥z AT DT

B1EAJVTNEAVUT NEE
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K28 RHVUTMERE

ROV T NERROBE

IBM SPSS Modeler D A7 1) 7 MEREZ[MHT 5 &, SPSS Modeler L—H— « o > —7 = — A THIE
L. WA 727 bEBEL, ORI AEERITTDHAT ) T NEERTEET ., SPSS
Modeler AN SHEBEAZ Y T N E2ETTEET,

IBM SPSS Modeler @ A7 U 7 M, A2 U7 NE#E Python TERINTWET, IBM SPSS Modeler T
il 2#1% Python @ Java X—ADFEE%Z Jython &[H:U\iT ZOAL )T NFEIL. LA OBERETHE
RSN TNET,

e J—R, AKNU—=4, YOz b, B, BIXEZOMD IBM SPSS Modeler 7 7 F a2
by

o FRATO I NEBRETHDIHERINDE AU T N AT =AY hERIFOAYROEY b

s B NITA—L—, BIOZOMOA TPV NEZERET D72DDAY ) 7T MO EFE

e JAXB, 1O/, BV TIIN TFAMOTOv I OHR—k

LLFD+tE2 2 a > T, Python A7) 7 NEiE. Python @ Jython FEZE, BXLUN IBM SPSS Modeler NT
AN T NEFNEDDTZDDIART > H Yy 7 DWW THHLET ., FEo7a/s—Lax > RigD
WTOERIZ. o7 aichbD xd,

Python & Jython

Jython &, Python A7 U7 hSFEDOFEED 1 DTHD, Java 5 Catilb S, Java 7T v b7+ —L&
MAESNTWET, Python [ TN A TV MEMALZ U T REFETT . Jython 1&, RALLAZ U

SREDAEFENEN EASRE A 2. Python &SIEZERD. Java (REET T > VM) 2R — T 5T XRTOER
BCTHELET. 20D, 7075 LOIERIFIZ IVM @ Java 714 751 —%fFHT2 I ENTEE
9, Jython ZfFIHT 2L, ZOEWVWEFHHTE % LRI, Python SO EIFEAEDOKREZFHT
EESCIN

A7V T NEHETHS7=D, Python (BEUNZD Jython FEH) [THENES THRMICI—T 1« 2 TE

H1E0N. BET 27005 AOERICER/NEOHE L AKEE LERAL, I— RIIMNERT (—Ei2 117
ANTBHZEMNTEET, Python 131 > —T U —KDAZ YT RFETHOD., Java IZHD 7Y T2/
TIVDEMEMNS D EH Ao Python 7OV T ATHRDTFAR - 77y AN THD, BEXLZT—N20nHhE
DRSBTS N1 ANWELUTHREINE T, Bl (ERFAOMERE) OIFN. EHERE
FEIEERL L) blZBICE TSN, HHTEICRDET, I— R L > 22 E 2R EICT A MY
LT ENTEET, UL, A7V T FOBRIZIIAFZEEHDET, AL, REXOLKEHEHL T
AN T— - TIT—TRERBND, TOEREMHTHAT—MAZ MRETINLGHAICERD. £
DETOEZITRIEINET., ZOYEIE. 7OV ILERELTETL, TI—2T N T THTENT
EE N

Python Tid, 7= I—FHED., H50260eF TP/ bELTHWET, LEN->T, £hH
DAT Yzl h—#HOId— RTEET LI ENTEET., OB EESCLFHRE) IATPzr b
TR <EERAT EMERTTN, ZOHNWIE Python THHR—FEINTVWET, YR—FINTVSX
JAEN 1 DHDET., TOXIMEIZIETHE None NEID LB THNTNET,
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Python A2 U 7 hBXW Jython A7V T NOELZ 7 ) 7 MM DWTIE,  |http://www.ibm.com/|
developerworks/java/tutorials/j-jython1/j-jython 1.htmIH & Ulhttp:/www.ibm.com/developerworks/java/tutorials/j-|
jython2/j-jython2.html| ZZH L T 72X W,

Python X2 U7k

Python A7 7 L E#EDLLFDH A RTIE. IBM SPSS Modeler TAZ U 7 N ZERT DG SN
HuJREMNE NI S AR—F% > hOMEE, HECT OV I D OB ONWTERD LIFEd., 21Uk
0. IBM SPSS Modeler N TR % Python A7 U7 N DREFEZEHD D DI TRRAMESS ZENTE
‘ij‘c

R
RAIER (@) 2HALTHVET, FAE # 13 2 [ EWSEHICRAT 2103, UFOAF—
hAY REMALET,

x =3

HEBI, XFHROT—5 EEBIRATIEAICHHEHAINE T, #IAIE. {8 a string value] & [y
EVDERITKRATZITIE, AFOAT—F A RZMHALET,

y = "a string value"
ROFIZ, E<HEHINBEETFBLIOCEMEERE TS, ZOHHAZRLET,
S5 — MRS HEIE R T35 K OB s T

T B

X <y x My ZO/MInESMH
X >y X By EDKEFNNED M
X <=y x Ny AR ED M

X >=y x Ny UbkmnESh

X ==y x My EFELWhES N

x I=y x My EFELLIBNNES )
X <>y x My EFELLIBNNED D
X +y y Z& x [ZIn&AEd 5

X -y y & x MHEET S

X *y x Iy 2RHETS

x/y x &y THRHET3

X *% y x &y FTD

DR b

AR, —HOERTY, UAMEIERORDOERZANDL ZENTE, YA MDOERIIIERDSY 1
TOFTT 7 hEEATEELT., UAMNIBAHEEZ LI EHTERT. YA MNOEFEOKIL, HEE
B, AR, RZITERT DEITHEME IR LET,

il
(1 22D A b,
[1] H-DEHR B 220U AN,
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 http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
 http://www.ibm.com/developerworks/java/tutorials/j-jython1/j-jython1.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html
http://www.ibm.com/developerworks/java/tutorials/j-jython2/j-jython2.html

["Mike", 10, "Don", 20] 4 DDOHEFE 2 DOXFHEHRE, 2 DOBKER) 258

DUA R,
[[1,071,[8,9]] DZREGOU AR, £ TUZRMI EOU RN, £
IFEEEHEDOY A K,
X=75y=2;2=3; BEOUA L, Zoflid, ZEREXDENTTZRLTVE
[1, x, ¥y, x +y] E

UARZERITEIDETHZEMTEET, HIAE LFOXIICTLET,

mylistl = ["one", "two", "three"]

ZFDH%, TOUANDEEDERICTY 7V EATEET, Hl2E. LFTOLSICLET,
mylist[0]

CHUILL PO K DI AITia D £

one

KEEW ([1) NOEUEIZ, 7>T7 v 27X EFEN, VA NOREOEREZHLET. UAMDJKERIC
0 MOIREDT 2Ty VAN ITENET,

1 DOUARDNSEROEZDHIFZBINT L LB TEET, ZNIXTF7 X ERENET, #lZE.
x[1:3] 13, x @® 2 FHOEFEE 3 FHOEEZBRLET., KBEOA T v 7 A, BREED 1 OH
EDA T I AT,

3F5
X7 EELTHODNS —HOAZDOXTTT . XFINL, HiLWCFHIBR LT R TORED Y —
TOABBBIMER TEYR— ML XY, #HIAIX "abedef"[1:4] 1, "bed" EWIHINTIRD X,

Python Tl&, XFIWEEIN 1 OXFHELTEREINET,

XFHN) T I, BRI =ZEHFAFICI > TERSINET., B—-5IHF2ERL TEREINS
XFHRMTEES I LB TEERAN, ZHIIAFEZEAL TERINDLFINIMTEELSIENTE
X9, XFHFNIHE—FIHFF () XLEELARF () THDIENTEET, SIHFORNMIICTIE. TA7
—TEINTWRWHOSIARK. £EBMLEE ¢ BT THIIATr T INLEIIHFEAND ZENTE
£9.

il

"This is a string"

'This is also a string'

"Tt's a string"

'This book is called "Python Scripting and Automation Guide".'

"This is an escape quote (¥") in a quoted string"

A FETRY S NEBHOLFFNE, Python N—H —IZX > THEMIZEE S NET., ZNTXD., £
WXFHNZ AN LTZD, B FH TR LZEEOGI AN EZRAESELZD TSI EMNTEEXT,

"This string uses ' and " 'that string uses ".'

ZNCED, ROESITHTTaNET,

This string uses ' and that string uses ".
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XFEFNE, WS DDDEMBAY v REYR—FLTWET, ROKIZ, TNEDOAY Y RO—FZERL £

"d_o
X6 XFHNX v R

AV R

EIERES

s.capitalize()

s O FERLFICLET,

s.count(ss {,start {,end}})

s[start:end] WD ss OHBEEZEZAT > NLET,

s.startswith(str {, start {, end}})
s.endswith(str {, start {, end}})

s 2N str THELO> TWENESINETAMLET,
s 2N str THDODO TWENESINETAMLET,

s.expandtabs ({size})

HTEAR—A (T 74V D size Id 8) TEML
ER

s.find(str {, start {, end}}
s.rfind(str {, start {, end}})

)
}

s DT str OFPIDOA TV 7 AZBRELET, D
MBEEWES, BRI -1 IR0 ET, rfind 1. G205
EITMBELET,

s.index(str {, start {, end}})
s.rindex(str {, start {, end}})

s DT str ORHIDA > T w7 AERELET, HD
MBI WIEE. ValueError 254 L £9, rindex 13, A
MHEEIHMRLET,

s.isalnum NFHNMERTNE S INEHERT DD DT AR,

s.isalpha XFHNINEENE DM EHRTDH72DDT A K,

s.isnum XFEINPBENE SN EHERT HDDT A K,

s.isupper XFININTRTRLFENEINEHERT D2DDT AR,

s.islower XFEIINT X TNLENEDIDEHERT H72DDT X K,

s.isspace EHIINT R TEALFINEDMEMHRT D720 DT A
bo

s.istitle XFEHIN. KXFOELFERFORBFLFIND—r >
ATHDMEIMEWBT DDDT A K,

s.Tower() FTRTNLFICEHBLET,

s.upper () TRTRLFICEHLET,

oousncased KLFINLFET TR L ET,

TRTHYA ML - F—AITEHBUET,

s.join(seq)

seq NOXFHIZE s ZRUIDLFELTHELET,

s.splitlines({keep})

s ZEEITICHFEIL £, keep WY true DFHE. HiT%
REFLET,

s.split({sep {, max}})

s % sep (F7AINED sep FEANFTY) ZHHL
T max BIET HEE] 2Bl £,

.ljust(width)
.rjust(width)
.center(width)
.zfi11(width)

w unun nu n

&MY width @7 ¢ — )V RNTXFS & LR A LET,
&MY width @7 ¢ —)V RNTXFES &2 AR A LET,
TE2Y width @7 ¢ —)V RN TXFFN 2Rz L Ed,
0 THHET,

dstrip()
s.rstrip()
s.strip()

w

JEHDOZEAX T EHIFRL T,
REOZEAXTZHIFRL X7,
JEHHEREBOZEHLTZHIFRL £7.

s.translate(str {,delc})

delc OXFZEHIRLZET, 7—T7INE2HHALT s 2%
L ET, str 13, BEID == 256 OXFHNITH DLEN
HOET,

s.replace(old, new {, max})

XFEH] old 2T RNT. F7/213 max HoHB &2 075
new CEZMZET,
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ER

HRIE, R2R \wia) s @ THESIAL T, R FREFHESFEACITOITRTOTFA b
W ERO—EERBENTEHASNET, R RO SHBTEXRT. U FOFIT, EROMEH
ZZERLET,

#The HelloWorld application is one of the most simple
print 'Hello World' # print the Hello World Tline

AT—bMA2V bOEX

Python DAT— b A2 bDT 2y 7 AFIEFEITHMTT, —KIT, &Y —ATEE—-AT—hAZ KT
F, expression BEW assignment AT — KA RZERWVWT, AT —KMA 2 MIF—T—FR% (Gf
for 72&) THREDV T, ZZATEAIFERTIE. O—RANOEEDAT— R A ROBOEZITTHHA
TEXT, 11722 DBEDAT =M A RRHLH5EG. AT —bAMZ2EIOOY (5) TRYS
WENH D ET,

EWATF—RA2 NI, BEOTICHEITSZZENTEET, ZOEE. ROTICEITSAT—RM A ROR
BICHES & 2HEATHILENHDET, #lZE. UFTOXDICLET,

x = "A 100000000000000000000ng string" + ¥
"another 10000000000000000000Nng string"

& HHEEI (). KM ([D. F2EHEM () THENTWL551E, MiEsEF AT Lk
<V AT—hAZRZEADROBEATHLWTICHR TS ZENTEET, I LTFOLDICLET,

x = (1, 2, 3, "hello",
"goodbye", 4, 5, 6)

wa Al F

Al 28 BEG VA BRUOF U RICARTIZMITD72DIEHL T, @#llToRI3EE
TIAN, EEHOLFIIHRT (RXFEZIINIT) FEETH O TRINBRDEEA. TRTHES A
A, —RICNEAELZR T IMR—FADOEDITTHISNTHET ., #HTORELFOEAIT, RFE,
0 M5 9 DT, BRUOTHRIFENS DO THHBICHAGDE THATEXT,

Jython 121, &%k, BEEL. WU I ADARNTHEH TERNWTHRENNSDONH D KT, ZNH5DTH
. RT3 =2 nTnETd,

o A5 — b A MEEUATR: assert. break. class. continue. def. del. elif. else. except. exec.
finally. for. from. global. if. import. pass. print. raise. return. try. BX N while

o INT A—F—fEHI: as. import. BXW in
o WK T: and. in, is. lambda. not. BLN or

Rt aF—"U—RZ2FEHTSHE, @BE SyntaxError DWHAEL E T,

J—Ro70vd

d—Ro70v7id, B—ZAF7—FA2 MG SINSEICERINDEAT—MA 2 FOTIL—TTT,
d—Ro7oy 7, if. elif. else. for. while. try. except. def. BXN class DVTNDAT—
FAYFDEAICHELS ZEMTEET., TNHDAT— A MOEAIZOOY (1) ZHEHLT. O—
Ro7oy 7 aHTET. FlzE. LFOLSICLET,
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if x == 1:
y =2
z =3
elif:
y =4
z =5

I—R - 70w 7 &2RY5720121 7> MRMERAINET Java TIEFEIINMEREINS), 1 D070
VI NDTRTOITZERCMEICAL 2T > FTH2HENRHDET, ZHUI 12T FOEEMN, I—K -
Ty 7O TERTZHTT, BRI, LXILITEIC 4 DOAR—ATTI T MLET, TO1 2T
CRIZE, AT TIRRBRSAR—ZAZHERTHIENMNHERINTNET, AR—AEYTEEESESL &
TEEHA, EVa—VORIMEDOT Oy 7D, 1 MiENSBIBETA20ENH D ET, £5Thn,
SyntaxError INFEALEL £75,

1 DOO—R - 70y 7 EBRTL2EEOAT—MA N (IO kT 2) 3. B2 a0 TRY-T 1
fIIZT2Z2EHTEET, HIZIE LFOLSICLET,

if x==1y=2; z=3;

ROV T bADSIHDEIZEL

AT NCHIEEET LT AERETICATY T RERORLEATES2OEHTY, a2 K-35
A ATTEINSSIEIE. UA L sys.argy NOEELTESNET, EINSEORFT, a2 R
len(sys.argv) ZfA LTRSS TEE T, AT ZRLET,

import sys

print "testl"

print sys.argv[0]

print sys.argv[1]

print Ten(sys.argv)

ZOFEITIE, import O Rid. sys VI ALK EACAR—FL T, 2OV FRATHEELTVWDAY v R
(argv 72 &) ZFHTESLDICLET,

ZOBDAZY T NI, LFOfTE2HL TREETEET,
/u/mjloos/testl mike don

FE RIS FOHAT2 0 T,

/u/mjloos/testl mike don
testl

mike

don

3

il
print F—T—RiI, ZOF—T—ROBEHZDSEEZERLET., AT—MAFOEAICO I ERITS
&L TR AICEENE T, ITFICHERLET,

print "This demonstrates the use of a",
print " comma at the end of a print statement."

ZHUILL RO LD e Tz £9,

This demonstrates the use of a comma at the end of a print statement.

for A7 —hAX NI, A-FOTOV I ERETHOIMEALET, BUFICHZRLET,
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mylistl = ["one", "two", "three"]
for 1v in mylistl:

print 1v

continue

ZOFITIE, 3 DOXFHNY AL mylistl IZED S TH5NET, UAFDOKREEN 1 712 1 DI DH
HNEINET, ZHUILLFOX S hic/izn £,

one
two
three

ZOFEITIE, for W—TNEHETLOI—R - JOy 7 2RETHENT, 17— — v AU X b
mylistl ODFEEROMEEIEICEVET, 1T —F—F. FEOEIOE# ID ICTHIENTEE
9,

if A—bMARMNI fBEAT—FACNTY, £RBEZFML. FHMEOKERITHE DN T true 7213 false
ZIRLUET., ANICHIZRLET,
mylistl = ["one", "two", "three"]
for 1v in mylistl:
if 1v == "two"
print "The value of 1v is ", lv
else

print "The value of Tv is not two, but ", Tv
continue

ZOFITIE, 1T —%— v DENFHESNET., v OMED two DIFEIL. v 2 two TIERWIEE
WICRENDBA MY T EIRERLEDZ AN MR EINET, UKD, ROLDITHASINET,

The value of 1v is not two, but one
The value of Tv is two
The value of Tv is not two, but three

HEAYYER
math B a—)6, BHAEEAY Y RICT V7 EATEXET, ROERIZ, THHDAY vy RO—EHZER
LET, BIHEEDRZWERED, IXTOMITFH/NUSEL TREINET,

K7 HFEA YR

AV R GRS

math.ceil(x) X DRIMEZFE/NEEELTRLET, 2, x Uk
DE/NDIEETT,

math.copysign(x, y) x &y DFFTELET, copysign(l, -0.0) I, -1 &
ELET,

math.fabs(x) x OFExHEZRL ET,

math.factorial(x) x BRERERLET, x NADOHE, TRFEETRNG
&, ValueError 2354 L £,

math.floor(x) X OFREZFE/NGSEL TGRLET, ZHUd. x LR
BARDEHTT,

math. frexp(x) x DIE m) EFRE (e) 2 (m, e) OHMAELLTERLE
T om IZFE/NE L e 13EEET, x == m * 2%%e &£7/20
£9. x PEOOHAEIT (0.0, 0) ZRL. TSSO
#13 0.5 <= abs(m) <1 ZRLET,

math.fsum(iterable) iterable OHDED ERERFE/NE DRI ZIRL £,
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K7 HFEXIw R ()

AV R

EDIERES

math.isinf(x)

FHIME x DEXEIAQBBANESHEF Y
LET.

math.isnan(x)

SREI/NEUS x A% NaN GEEE) MESIhEF v/ LE
7,

math.ldexp(x, i)

x * (2%+i) ZRLET, ZU. REITEEE frexp @
WiTY,

math.modf (x)

x O/NEEREBEEZR LT, #RIEMST ED x OFF
FEGIEHE, FENUETY,

math.trunc(x)

Integral ICYJDETHH72 Real fH x ZIRLET,

math.exp(x)

exxx ZIRL KT,

math.log(x[, base])

FEE L7-f# base 1T 5 x OXEZERLET. base
EEE LBWEAIL, x OBAREMNREINET,

math.loglp(x)

1+x (base e) DHAMEZERL F7,

math.10g10(x)

x D10 ZEETDHEZEZERLET,

math.pow(x, y)

x &y BLTERLET, pow(1.0, x) BEX pow(x,
0.0) 1&. x O FE/~ZIL NaN THBHELTH, HIT 1
ZRLET,

math.sqrt(x)

x OFHRERLET,

BEABBITINA T, AAB=ABEBAY Y FEHDET, ROERIZ, INH5DAY Yy RERLET,

xS =ZABEKAY v R

A R

EDIERES

math.acos(x)

X OWREEIT > TRLET,

math.asin(x)

x OWIEET7 > TIRLET,

math.atan(x)

DWEEEZT T > TIRLUET,

math.atan2(y, x)

atan(y / x) 257 > TRLET,

math.cos (x)

X DRZETIT >TRLULET,

math.hypot(x, y)

I—27Uw RJIVA sqrt(xxx + yxy) ZRLUET, Ih
BRENSE (X, y) NOXRZ MVDOESITY,

math.sin(x)

x DIERZET T > TRUET,

math.tan(x)

X DIEEES57 > TRLUET,

math.degrees(x)

i x ZIVT OMSEICERLET,

math.radians (x)

i x BENSTIT ATEBRLET.

math.acosh(x)

x OFMHEIFRRILZIR L £,

math.asinh(x)

x DOWMFRELZIEL £,

math.atanh(x)

x OHFMHEIFRIEREZIRL £,

math.cosh(x)

x O RILZEL X

math.sinh(x)

x OMHFRREZIRL XT

math.tanh(x)

x OMHIFRIERZIRL £T,

2 DOHFEERSDH D EJ, math.pi OfEIT. FFER pi TI, math.e DEIX. EFEEK ¢ T,
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JE ASCIl XFD{EH

JE ASCIl FZMHT 2I121d. Python T, XFFI% Unicode ICHURMICT > OA— REZIFITI—RT
HENH D EF T, IBM SPSS Modeler Tlid. Python A%~ U 7 ~d UTE-8 (JE ASCII XF&HYHR—hKT 2
BEME Unicode) TL>O— REINTWBHEMEINET, LFDOAZ U 7 K. Python I 2/%1 F—)
SPSS Modeler 1L > T UTF-8 IZERE SN TWAD, A2/ IV d,

stream = modeler.script.stream()
filenode = stream.createAt("variablefile”, "T X F./— F", 96, 64)

LU, #R/ —FOIRIVFIELLSHD EH A,

o
Ml

BF$5,'EfTEF AF AL
3. JE ASClI XFEEH/—FK - )L (IELSZRINTWHZEN)

ARU T - UFTZ)VEMED Python 12K > T ASCH XFHNIEMINTNSZD, ZOTNIUIIEL <
HOEF A,

Python Ti&. XFHIU T IV DRI u XFZEMT 5T EI2K > T, Unicode XFHN T T IVERETE
£7,

stream = modeler.script.stream()
filenode = stream.createAt(“"variablefile”, u"T X F./— F", 96, 64)

ZAUTK D, Unicode SCFFIMEREN, TNIVNIEL K ERENEKT,

FA RS

K 4. IE ASCll XFEEL/—FR -« N (IELSFERINTIND)

Python & Unicode DAL, AEFDHHZBALZ KRS/ MEY 7 TY, O MEY 7 ZFEMITH > 2 &R
T IA NERENBEE < HDXT,

7oz MmO o
FTTr MEMTOY I 27E, HEMEOETIVE IO S ANTHERT S E NI ERICTHE DI TN
F9, AT/ MERTOVIIDZICED, Oy SI 0T - TIT-NED,. O— ROFEMHINMERE S

NET, Python |&. 7PV MEMFIETT,. Python TEFRINDF TV MTiE. LN DR
HOEXT,
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e [l AT NAIERITHD., ZHUIT A MAJEETARTNUIARD EF/ A, is TANE is not T
A M3, ZOHMOEDIZHFEL TWET,

o BB, ATV NI REEKNTEDILENHVDET, 74— IV RPA DAY ALK EDR
X, ZOHMDOEDICHEEL TWET,

s WAEN, BT MI, REZBETEZILENHDET, AV v R, ZOHKNDZDITEE
LEd,

Python IZId. A7 =7 MEMT OV I 2 7Y R— T 50D TFORMENH D £T,

« VIR R—=ADF TPzl MERk. VT AL, 7220 bEERT 2572007271 —hTT, &
Tz ME RAEBFWDEED TSN TS T —FHIETT,

s RUET T4 ALICKBMK, Python F, H—MRKELEMPRKEZYR—HFLTNET., Python DTN
TOAZAI DA = Ay RiE, RUETY T4 w7 THO, BTITATLDF—/N—F1 RAAET
—g—‘o

o T—HREKNC K BN T IVIE, Python Tid, BUHEZRETIENTEET, BT &, 7T ADHMINS
. ZOIFTADAY y RICE > TORBHICT VEATELLDITRVET, VFAKKIE, 7—5%
BETHEDDAY vy REFELET,

VS ADERE

Python 7 7 ADH T, BEEAY Y ROWGZERTE XY, Java EHE/2 D, Python Tl 1 DDV —
A+ Ty7AN (EZa—J)b ) THEEOBORNMAY S A%EERTEET., LEA>T, Python DEZ a2—)b
I Java DN T —DIHTNWE EEZ DT ENTEEXT,

Python Ti& class AT — A REHHALTY I AZERLET., class AT — A2 ME, XkoERIC
2o TWET,

class name (superclasses): statement

or

class name (superclasses):
assignment

function

UIABERT D LS, EEOBDAA AT — AL MERRTHIENTEERT GRLESTD
BWERBA), UKD, VI ADTRTOA 2 AY P ATHESINS 7 FABEMERENET. X
oo EROBOBIY EXZ2iLib T 5 EbTEERT G LA THOHWERA). N5 DBEEERICEK
D. Ay RBMERSNET, A==V FADYANIF T a>TT,

DI ABRFIAI—TOH (EY2—)b, B £330 T A0H) TEA TRIFINTRD AL, BROZE
BZEERLTHECY SAESRITLIENTEET,

GSR A 2REY 2 ZADIER

VIR TR GEE) BIEORIECS TR - A 2 A S ADHERICHERLET, 7T ADA 225 2
EERT BIT1E, €OV IANMMTHENOES KT L ET, £EAE, KDY TAEBEBLTIE
Y2

class MyClass:
pass
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D IAETRESEDEDITIFAT— AL SBBETTNTOT T LELTREENRETH S0, T
Tl pass AT—hARZEFEHLTWET,

DFDAT—HFAZ NI, 7T X MyClass D1 2 AY > A&ERL £7,
x = MyClass()

DR ARV ANDEMEDIEMN

Java E®720 ., Python TV FAT 2 "IN T ADA DAY D AZEBHEZEEBMT S ENTEET, BH
INDBAAZ AT 1 DEFTT, FlzE, 1 2AFY A x TEROEEZEBMT 5123 LFOXD
WKL TZEDT DAY D ATH LNMEZERELET,

x.attrl =1
x.attr2 = 2
x.attrN = n

VSABMELVAYV Y FDESE

DI ANA 2 RENZEBIIITXRTOI IXENE T, VIANTERSINLZEEIITRTAY Y R T
To AVYRIE, VIADA ALY A IBEELT self EMENET) 258 1 5IEEL TZITWD X
T, FIZE. VI ABBEBIUOAY Y REERT ST, LFOI—REANLET,

class MyClass

attrl = 10 #class attributes
attr2 "hello"

def methodl(self):
print MyClass.attrl #reference the class attribute

def method2(self):
print MyClass.attr2 #reference the class attribute

def method3(self, text):
self.text = text #instance attribute
print text, self.text #print my argument and my attribute

method4 = method3  #make an alias for method3

7S ZADOWEITIE, 7T ARBHEICHT DTN TOSRE Y 5 AL TENTDHEND D ET
(MyClass.attrl 72&E), 1 > AY > ARBHEICHT 50T, TRT self BETEMTH2LENH D ET
(self.text 72E). 7 T ADIMITIE, 7T ABEITKHTEHITRTOBRE Y T A4 TERT 5
(MyClass.attrl 72&), VI ADA VAT VATEMTS (x 2T TADA 2 AY > AETSHE x.attrl 72
EETD) MENRHDET, VI ADIMUTIE, A 2 AY D ABBITHTH2ITXRTOSRE T T ADA > A
Y UATEMTHIHLENDDET (x.text 72E).

JERRER

TIAN— N BREEERTSZEICED, T—FERKTHIENTEET., 7T/ ERKIIT It
ATELHDFZDO7 I AAKIESNE T,  xxx FLI1E _ xxx_yyy EWISBAT @ BOFHEZITHT
) ARIZEESET &, Python /N—H—I3, EFINZLAENTHENICY 5 24280 L TRk Nk
EREERLE T, #ilaRLET,

class MyClass:
_attr =10  #private class attribute

def methodl(self):
pass
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def method2(self, pl, p2):
pass

def _ privateMethod(self, text):
self.__text = text #private attribute

Java EF72 0D, Python Tld. A 2 AY D AZEEITKHT H2ZILT T self TEMTL2MLENHDET,
REERAY72 this OFHIEH D £H A,

LTS

7T AEMET HDIEREIL. ATV MM T O I3 OWBEL L £, Python 13, H—{kKE%
BHAOM GZ Y R—MLTWET, H—H& X, A—/N—TFAN 1| DULDEETERNWI EZ2EERL
F9, ZHEMPK I, BEROA—N—V SANGFEETETLIL2EHRLET,

WA, MOV T AV T I I AZERTHIETERELET, EEOED Python 7 T A& A—/)N—0 5
BT EMTEET, Python @ Jython FEEETIL, EHZEELIIMZBITHKTES Java 7T AF 1 D
T, A== I AR M{THLEIHD £ A,

A== T ADTXRTDBEPLAY » RIZWTNOY T T ZICHEEL. TDV T ABKICE > THEA
TE2EFN, BESCAY Y RSN TORITIUIEBRED YV A7 O ISR THZEHTEET, H
TOIGADA VAY > AIEBEDOBFITHATE, A==V FADA LAY ABFEHTEET, o)
RUET 70 XL O—FITT, TS DOHEEEIC K> THAMANITREIC/ZD ., JERNB S IR0 £,

Bl

class Classl: pass #no inheritance

class Class2: pass

class Class3(Classl): pass #single inheritance

class Class4(Class3, Class2): pass #multiple inheritance
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% 3 EZ IBM SPSS Modeler TORZ U Tk

ROV T bDiESE

IBM SPSS Modeler iZ1d. EAFD 3 fEEOAZ U T hARH D X7,

e APU—=L-XZUTH I B—A M) —LOEFTZEHIETHDITHEHIN, A MU —LRNITHEMNS
NEk9,

« X—=/N—/—FK X277k d A—N—/)—RO#EZHETL-0ICEHINET,

c XX RO AU RNERIFEYa> c AU R IE SEIERA NI —LAITH> THET
ERETLHEDICHEATEET,

IEIE/ AV w R%&E IBM SPSS Modeler DAV U N THHATZZENTE, TNHAY Y RIZE-T

SPSS Modeler DJLAHIZHEFEIC T 7L ATEET, TNHD AV v R, KD EESEEEZIERT S-0I1C
BoRXR=D T5 42 2707~ APL | THEHINET,

APU—=A, R=N—/—=F - AMU—A, BE®ILTISA

2 DHE. AR —4A EVWIFEIF, 7y 0—-REINDBARN)—LATHN, A—/S—/—KRHT
HFHINA AN —ATHI. FUEKREREGET, —MIT. A MU =A% BEWIHER S NZFE TR
J—ROEBEZEWRLET, LML, AZUTNOBHEIET. 5055 TIXRTOEENTR—FaInb
DITEHOERA, DFD, AV T MEEREZIL., EOAR)—L - NUT > RZ2HEHALTNEDOMNER
WL TWBRLENRHD ET,

APU—A

Z RU—AlZ. IBM SPSS Modeler DF72RF 2 A~ - 147 T9, A MY—A13RE O— R, HFE.
BIXUOEFTAHZZENTEET, ARU—AIZIE NNTA—=F—, FTO—N)ME., A7V T, BLOAZED
O FRZBEEMTZZEHTEET,

A=NN—/—F - -APU—=A

RX=/)N—/—F« XhU—=A & A=/S\—/—RNTHHAINDZEEOA RN —ALATT, BHEDALY—

LEFRE, BWIZU 7 ZNTWS /—RigEnTtnEd, A—/X—/—F - ZhJ—=AlF, LLFDLD

BETHEEDARN) —AERBSTNET,

o NIA=HF—BXOZZYTMI, Z—/N—/—RK + AP —=ATIFHL, A—=/)\—/—F+« ARJ—
LA L TWE A—/N— ) — RICEEMTSENTNWET,

o ZA—/N\—/—R -+« ZAMJ—LAIZIE, A—=N—/—ROBEIZIECT, BIMOAHIXI Y —+ J—FR%
Hhaxry—- )—RRHp0ET, N0 —+ J—FRid, A—=/—/—FK - ZhJ—=AIZ
BREELZD, A==/ =R« ZM)—=LNSBEREWMOHELZ0THDICHEHIN, A—/8—
J — ROIERRRFIC HEIMICERR S N E T,

FATISA
A TSN EVWIHEIL. BEOARN)—LAEA—N—/—R - ZM)—LDWHTHR— I 5k
Be (/ — ROBIMOHIRE. /— REOBGOLERE) 25ATHET,
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AMY—LDEST
PLFoFlE. AR —LAHNOTXRTOETHRE ) — REFETTEIHRHS D TIINBIATOAR)—L « AV
)7 R TT,

modeler.script.stream().runAl1(None)

UTFoFSH, AU —LNDTRTOEFTARE/ — REETLET,

stream = modeler.script.stream()
stream.runAll(None)

ZOHITIE, A MU —LZEEE stream 1ML THWET, @H., A7 U T MIARM)—AFKLEFA NI —
LND ) —REEBETHLOIHEAENL 20, A M) —AZERITHNT 5 EEFTT, AU —LZHK
T DEREERT DI EICE> T, AV U T MIKOHRIC/RD £,

AROYFbh-aryrFFAb

modeler.script EYa—J)Lid, AV U T MNETFEINSATFANERMELET, 20D 2—)LT

FATHFIZ SPSS Modeler A7 U 7 MZHEINIZA >R —hENET, TOETD 2. A7 U TRz

DEITRBEICT VAT 500 HEZRMETS 4 DOBEKREERL TWET,

e session() BEEIE. AV VT ROty alERLET, Byiaid. AN —LEETTIHEDIC
FHRINTWS O —)L5, SPSS Modeler N\ 7 T2 R (O—H)L - YOt A, £Eid3xry hT—7
SPSS Modeler Server) 72 EDIERZEZERL 9,

o stream() BEEUE. AMU—LERA—/)N—/—R - 27U T THHATEET, ZOBEKIT. EfT7HhD XA
F)—=L« AU T FRIZA—=)S— /=R - AT rZHAELTWEA M) —AZRLET,

+ diagram() B3, A—/N—/—R - 27U TR NTHEHATEZET., ZOBEKII. A—/N—/—RHNDY
AT ILERLET, TOMDAT ) T DY A TOHE., OB stream() B ERICANE%E
BRLET,

* supernode() BA¥i3. A—/N—/—R - 2P U T NTHATEET, 0BT, EfTFHDOAZ U T H
AL TWAHA—/)N\— /) —RZRLET,

INS 4 DORFEKEHNZROFICENL X,

# 9. modeler.script BA%LDEEH
AZ2UT bk« 14T |session() stream() diagram() supernode ()
A5 Rr7ar T a ERLUET | AU T NEHRKEOH | stream() R AW

TEOEHMHEA MY —
L (BIZE Ny F -
T— R -stream 7
TavitkoTEIN

T2ARNU—L) D
None ZiRL £79,
ARU—LA Tyl alEBRLET | AN —L%FRLET |stream() ERU AQ
A—/)XN—/—R twlalZRLET | AN —LAZRLET | A—/N\—/—R - A | A—=/)X—/—R%ZEKL

U—LZRLUET ESCh

modeler.script EXa—JLid, & TI—RTAV U T hEKTITDHHEDERLET, exit(exit-code)
BIEUE. A7V T hOEFTEELL, BESNEBROK TI—RERLET,
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AP —=LAHITEREEINTNDE AV Y RO 1 DIZ runAll(List) 2%HDET, ZOAYV Y RiE, TXRTD
RITARE ) — RZ2ETLET, /—RZ2EFITBZIETERINDIETINERIFE L. BHESN/ZU A b
IGEMESNET,

HWE, AN)—LZ2FETITRE, ETIVCY I TREOHNINEREINE T, ZOHNTEFY TTFv—95
iz, A7V T M UA ML N ERZRETEET. A UTDEBDTY,

stream = modeler.script.stream()
results = []
stream.runAll(results)

FMETTDE, ETICE > TERSINIEA TP 27 M results UARDSETY VA TEET,

BIFED / — RDOSHEE

Z<DEE. AU —AIZ. AN —LADFETHIIERE T LHENH LN DOND/NNTA—F—Z2FHL T
HAMEEINTVET, INEDNTA—F—2ZLHT5I2id. LFOERZITNET,

1. BE#ETAA M) —LAND/ —RFERDIT5,

2. J—RERBARNI—L (HBEWVWIEMH) OFREEZELEET 5,

/ — FORE
AR —LTE, SESERAECHED ) — FERDTHZENTEET, TNEDAY Y REROEI
BHLET,

#10. BFD /) — RELEDIT /20D XY R

Ay R RO MR B

s.findA11(type, label) KT 27 RELET—HEETRNINEREDTA
TO/—RDYAMZERLET, T—
HRIF I T IV DONWTINNA None
DHEIE, BOI—HDINTA—F—n
FHINET,

s.findA11(filter, recursive) EEtT o7 BELEZT7 I —TZIFANENS
TRTHD/—ROEEZERLET.
recursive 7 7 77N True OHEIL.
HELEZAR)—LNDA—)N—/ —
RbmBINEd,

s.findByID(id) J—R fREL/Z ID ©/—R&ERTH, TD
KO — RINEFIEL IR WEIZ
None ZiRL £9, MRIIBITA MY
—ALIBRESNET,
s.findByType(type, label) J—R BELET—FRERIT TN ERD
J—R, BBNIZFDMHFERFHED ) —
RERLET, T—FREZIT4FTO
WITNMN None DAL HOI—F
DINTG A= —=MEAINET, —K
T3/ — RNEEDHEHIL. FED
J—RNREINET, —F|TBH/—R
N2 WS, ROMEIE None TY,
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#10. BItED ) — RZRDITZ720DAY v R (#E)

AV R RO iRy EA]

s.findDownstream(fromNodes) HE T 57 ELEZ—ROU XA MMBEREL.
fRELE/—ROTRICH D —HD /
—RZERLET., BREINBU AR

3. BUICHEELZ/ —RbEENE
ER

s.findUpstream(fromNodes) HitkE T 57 FBELE/—ROU X MMEREZEL.
fBELEZ/—ROERICHD—HD /
—RZRELET., BENBU AN

3. BROICEE L/ —RbEENE
9,

BZIE, AU T T7 AT ABREOH LD T4 )Y —+ J—RBA M) —AICEENT NS
B FTDTA4INI— ) —RiE,. LFOAZY T rZ2FHLTRDIFZZENTEET,

stream = modeler.script.stream()
node = stream.findByType("filter", None)

HDHWE, /J—RDID (/=R 14707« Ry 7 AD [TER] ¥ TIRINTNWD) Wonhd56
3. FO ID ZHHALT/ —REBRRETEET, #HIZIE, UFOXDICLET,

stream = modeler.script.stream()
node = stream.findByID("1d32FJT71G2") # the filter node ID

TONT4 —%ERET S

J—R., ZARU—=A, BTN, BEOHEATOTXRTIZIZ., 77 BAREET. 1FEAEDHEITRETRER
ONT 4 —MHOFET, @, 7074 —d. ATV FOMEBL VOB ZEFE T 5 -DICHIN
F9, AT hOTONT 4 —DT IV EABLUOREIHEHTEDAY v RERORICEHL £,

K1l 7227 FOTONT 4 —DT I CRABIORED/ZDHDAY » R
AV R RO DR G|
p.getPropertyValue(propertyName) |A 77 K FRELETO/NT 4 —DEERT D,

FTDOXDITOINT 4 —EIEL 72
AL None ZIRLET,

p.setPropertyValue(propertyName, |72l fBELETONT 4 —DfEEREL
value) 7,
p.setPropertyValues(properties) 7L BELETONT 4 —DEEZRELE

T, Ta)TF 14— v TOEKEH
Z. TanNFa—gEEITF—L, F
DT TINT 4 —IZEID Y TEHREND

HETHRINTWET,
p.getKeyedPropertyValue( F Tk fRE LT O/ ¢ —DEH LB
propertyName, keyName) FFosNTnEF—2KRTH, TOX

7T OINT 4 —FZIF—DFEL
I2WEETE None ZIRL 9,

p.setKeyedPropertyValue( A fRELZ7aNT 4 —BXUF—0
propertyName, keyName, value) EELET,
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FIZIE, ARY—LADEBEICHDZEET v 1) - J—ROEZEFRETIHEL. UFKOAZ YU T ~2H
TEET,

stream = modeler.script.stream()
node = stream.findByType("variablefile", None)
node.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUG1n")

HHNE, T4 — )= S T4 =)V RET4INFY T TEELRT., ZOHEE. 71—V RAITH
LTEBANLET, #IZIE, AFOLSICLET,

stream = modeler.script.stream()

# Locate the filter node ...

node = stream.findByType("filter", None)

# ... and filter out the "Na" field
node.setKeyedPropertyValue("include", "Na", False)

/= FDERER M) —LDEE
FLV/ — REBEDA N —AIEINT 28805 0 ETHHEOZ N — A2/ — REBIT 21003, 8
HUTF OMEEETNET,

1. /J—REERT B,
2. J—REMHEDARNY—LA - TJ0O—ICY 0T 3,

J — FDERK
AR —=ALTIE, SEIFERHET/—RZERTEET., INS5DAY Yy RERDERIZEHL T,
K12, /—REIEKTDZ0DKX v R

AV R RO DR B}

s.create(nodeType, name) J—R fRELET—8D ) — RZIERL
T, \BELEA N —LAITBML F
ERS

s.createAt (nodeType, name, X, y) J—R fRELET—Y®D ) — R&EERL

T, BELEARN) —LDRELREY
FHEMLUET. x <0 E72012 y < 0
DA, BIIRESNEEA.

s.createModelApplier(modelQutput, | /—R I NEETNHAAT Tz bh
name) SIRELEZETIV - T T I — "/
— RZEERLET.

BIZE, ABU—LNIZHLWT =8 ) — REERT 21213, MFOAZ U T hEfATEXT,

stream = modeler.script.stream()
# Create a new type node
node = stream.create("type", "My Type")

J/=FDUH &Y OERR
ARU—=LRNIZH LW —RZ2ERT 2556, €0/ —RZ2HT 213/ — RO =7 2 ATEHT 240
ENHVET, A=A /= REU I BER) DV RRT 572005 DAY Y REBH D ET,
INBORAY y RERDEITEHLET,
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#13. /=R 0BEN VRS D/20D X R

AV R

RO D%y

GrL|

s.link(source, target)

AW

YA )= REZ—Fy ke =R
DENZH LW > Z2ERLET.

s.link(source, targets)

AW

=2« J—RERESINZU AN
DEY =7y FOBIZH LW > %
L ET,

s.linkBetween(inserted, source,
target)

AN

o 2 DO/ —R-A2AZ A
(VA A N Al A
Ry offfic/ —RzE#ERL, #ALL
J—ROMBENZINSD / — ROMIC
BHEEOICHRELET, V=R J—
cer—4y k- J—ROBOEREY
O INERINCHIBRE N E T,

s.linkPath(path)

A0

J—=R A 2AY 2 ADMDH LN
AZERR L ET ., &HID/ — BN 2
HHD/—Ricy >N, 2 HBHOD
=R 3 FED/—RIZI &
. LAFRBRICY > 7 anEd,

s.unlink(source, target)

U

VA )= REZ—Fy k- ) =R
OMOEHEY > 7 2HIBLET

s.unlink(source, targets)

AW

V—A - J—RERESNIY—T Y
FeUZXMNOEFT 7 FOHD
B > ZHIBRL £9,

s.unlinkPath(path)

L

J—R A AY L ADMICHFRET S
AT RTHIBRL £9,

s.disconnect (node)

ANV

fBEINZ/ —RE BELEZANY
— AHNDOMDTRTH / — RO
> EHIBRLE T,

s.isValidLink(source, target)

boolean

BELEY =X« J—R&EF—F
ke J—ROBIZY >V ZERTES
BAEE True Z2IRLET., TOAY Y
Ri&, B L7ZA MY — Al 5 DA
Tz MNELTNWDI &, V—
A )= RN DU EigHTE, ¥—
Ty ke J— RN 20 EZITERNS
Z&E. ZDOEDRBY U EERLTS
A BU—APNICHERNFEAE L BN &
ERELET,

PARICRT > TI - A7 )T KNI, URD 5 DO A7 #ET LT,

—_—

J— RELZz#ERT %,

2
3. BRIy AIVAN ) —RIZT 7 A INVAHERET S,

4. FERHAMS Drugl 74—V RZET 4 IVEZ )2 TT 5,
5

. T=T) s )= REFETT S,
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stream = modeler.script.stream()

filenode = stream.createAt("variablefile", "My File Input ", 96, 64)
filternode = stream.createAt("filter", "Filter", 192, 64)

tablenode = stream.createAt("table", "Table", 288, 64)
stream.link(filenode, filternode)

stream.link(filternode, tablenode)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUGIn")
filternode.setKeyedPropertyValue("include", "Drug", False)

results = []

tablenode.run(results)

J—=RDA UR—b, B, BLUHIER
J— ROMERSERZ T TR, Z<OEEICA RN —LD ) — ROBEHCHIBROSHETT, /—RDA1 >
A—h. B, BIXOHIBRICHEHTEZ XAy REZROERICELYLET,

#4 S—REAR—k B BLOHIRT 272004 v R

Ay R B0 iR GAL]

s.replace(originalNode, 2L ELEZARM)—LDIRELR/—R
replacementNode, discardOriginal) EEBLET, T/ — REEH ) —
ROWAEMN, fEELEZA RN —AICX
STHAINTNBLENRDH D ET,
fRESNZUARMAND/ —ROIE—
ZHEALET, fRESNZU A MAD
TRTO/— RN, fRELEA MY —
LMMIEENTNB EHEINET,
newlDs 77 71&, /J—RZ&EITHL
W ID ZAKT 500, £RIEFEGFED
ID ZaE—LTHATLZOMNERL
F9, AN—LAHNDOTXRTD/—R
O ID FEAETHS EMETNTNS
=0, lBELEARN)—LEY—Z -
ARV —LRFECTHDEHE. D7
7% True ICRETDHEND D X
T, ZOAYw RiZFL<fHASTNZ
J—RDUARZRLETH, /—R
DEFIFEREINTOERAL (OF
0. EFIIANIYAND ) — RONEF
EVLTLULHRILCTHD EEFED 1
A)o

s.delete(node) QD FEELEARN)—LMSIEELRE / —
REHIBRLET, /—RiE. fFELL
AR =AIZE>TRAESN TV S,
WNHDET,

s.deleteAll (nodes) L FBELZARN)—LAMBIRELZTN
TO/—RZEHBRLET, EARNOT
NRTD/— D, FHELEZA N —L4
WCERLTWABENRHDET,
s.clear() L FBELIEZARN)—LMETRTD /) —
RZEHIBRL £,

i

s.insert(source, nodes, newlIDs) -
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AMV=LAD/—FEDFSIN—=R

RIS ERE LT, HED/ — RO LRERRTFHRICHS / — REBHILEVBERSHDET, 2 hU—
KT, TNE0/ — REBIITH DM TEZZ<OAY Y KB ET, TNEDAY Y RERD
RICEMLET,

K15 EHRFLIZFRD ) — RE#HHT 220D X v R

Ay R ROMEDR G

s.iterator() 15l —4— FBELEZARN)—AIZEENTWS /
—R ATV MDA TL—F—%
RLUET, next() BIRKDIFUHL D
FIZA RY —AWEREINDEE.
TL——OBERIREHKTT.
s.predecessorAt (node, index) J—R RELRE/ — ROI\EINEZEDLE
7/ —RZERTH., A>T v 7 ANEE
REWMZTNDHEEIE None ZIRL X

@_0

s.predecessorCount (node) int BEINZ/ — ROEZEDHET /—R
D ERLUET,

s.predecessors (node) —& fBEINE / — ROEHZEDRT/—R
ZRLET,

s.successorAt(node, index) J—R fBELZ/ — ROIEE LB OES

J—RERTN, A 2T w7 ANER
A TNHEEIT None Z2IRL X

ER

s.successorCount (node) int fBESINZ/ — ROEZEDOER / — R
DEZERLUET,

s.successors (node) — fBESINZ /) — ROEHDOEH / — R
ZRLUET,

IHHDHEEEITHIRR

WERkDAZ7Y T RTIE, AFOFIOL D72, clear AX 2 ROIFIERMFHEN T R—FINTNET,
 clear outputs . IXRTOHNEEHZYR—T % Ny bDSHIFRLET,

» clear generated palette |&. [EFTIV) NLy NS TXRTOETIV 77 v FEHEELET,

« clear stream (. A MU —LDFFZEHIFRL £,

Python A7 U 7 N TI&, DOty O HR—h3INET, ANU—4L %= v, Hh~vx—2
Y. BEAOETI Y%= v 2HETDHITIE. removeAl1() IX > REFHALET, UFICHlZRLE
‘—d_c

c AMU—=A XFR—=T ¥ Z2HET D546

session = modeler.script.session()
session.getStreamManager.removeAll ()

s B FR—=U vy 2HET H5A:

session = modeler.script.session()
session.getDocumentOutputManager().removeAll()

s BTN XX —T v EHEETHHE:
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session = modeler.script.session()
session.getModelOutputManager() .removeAll ()

/= FICET51FROAF

J— R, F=# - A F—bF S KBEUF—5 - TU/AFE— /=K, EFVME/ — K. Zof
OHED ) — R3E, EITERATIV—IHEINET, &/ — RITik, /— RICET 382 RO
BEDIHEATESS DAY v RSB ET,

J—R® ID. %, BEOTRIZEZRETHLEDIHEHTES AV v REZRORICEHILET,

#16. /—RD ID, %l BIATRIERGT D200 X v R

Ay R RO F

n.getLabel() string fRELEZ/—ROERTINIIVEERL
T, TN TONT 4 —

custom name DIEE/RZ DI, DT
O/XT o —INZECEHI TR <,
use_custom_name 7 L1/XT ¢ —Vi%
INTVWRWEEDA T, ZNLSt
DBE. T)UIE getName() DEIC
0%,

n.setlLabel(Tabel) L fBELRE/ —ROFRTI NN EHREL
9. B LWIT NN ELFHI TR
WHE. ZOXTFAINTONT 4 —
custom_name IZEIDHBTHN, HEL
NSNS K5I TaNT
4 — use_custom_name IZ False 7Vl
DY THNET. ZNLUSNOLEIR.
ZECFHIDY custom name 1ZEID YT
51, 7'0/XF 14 — use_custom_name
IZ True BEIDHBTENET,

n.getName() string fRESINZ /) —ROAHTERLET,
n.getID() string fBEL/—RD ID ZRELET. #

LW/ — RMERENB7=NC. #Hil
W ID WMERENET, 20 ID 13,
AR —=LD—HEL T/ — RIMREE
INBHEEIC, J—RTAELEN,
A N)—=LZERHWEZEZIZ/—R ID
NMEFFEShsEHi1IchknEd, =272
L. REFELE/—RWNA MY — A
AZINDEE, BASINE / — RITH
LWwA 7oz hERREIN, HLn
ID NED B TENET,

J— RIZBET 5 ZDMDEHRZRGT D72DITEHTE LAY v RE2RORIZELNL £,
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K17. /—RICBHT2ERERIGT 720D X v K

AV R RO D%y Wil

n.getTypeName() string DO/ —ROAZ) TR ERLE
T, 23U, D/ —RDFHLWA >
AY D AEERT DIDIEHTES
A ERCTY,

n.isInitial() Boolean INNRAD J—K (AFU—=LD
FHEICH D/ —R) THHEHEEIL
True ZiRL £,

n.isInline() Boolean N1 >s14> J—R (AKJ—
LADOHIZH S/ —R) THHHE
1X. True ZIRL£7,

n.isTerminal() Boolean NN J—R (ARU—LDEK
RBIiCHD /) —R) THHHEEIL. True
ZRLET,

n.getXPosition() int ARY—=LHND /) —RD x friE+~
v hERLET,

n.getYPosition() int AR)—LHND /) — RO y &+~
ty hERLET,

n.setXYPosition(x, y) L ARNU—LND /) — ROMEZERE L
i‘@_‘o

n.setPositionBetween(source, 2L BEEINZ /) — ROMIIET S LD

target) ICA MY —LKND ) — RONLE % RE
L¥ET9,

n.isCacheEnabled() Boolean Fr v alNE)RGEL True 23R
L. 25 TRWESIT False ZiRL
ESCPN

n.setCacheEnabled(val) sl IDATPr 7 hOF ¥ v aZ2HE)

FFEHNCILET, Frvann
SIENDBEITF v v 2 a NN
HE, FryvialdvoviadIng

7,

n.isCacheFul1() Boolean Fr v antnolFnogEEIE True
ZRL. £OTHRWESIT False &
RLUET,

n.flushCache() AP ZD/)—RDFrvarzTlIvia

LET, FvvialmTchnis
PN IENTRWEGES, FEBEIHDE
B,
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E 48T ROVUTH API

AU UZT bk API OHIE

AU TN APL 12D, WAV SPSS Modeler HEREICTY VAT 52 EMMTEET., ZIETHHALTE
Ay Ridndind API O—FTHO., BIMTA > H— EfThRTHAZ U T MNNSEEERIIZT
DEATHIENTEET, 2L, APl VT RS H2LENH L5813 LFOAT—FART
BIRIIIZ APL 21 >R — R T 208 NH D F7,

import modeler.api
ZO import AT — KA NI, Z<DAZUT N API OFITHEIZ/RD T,

AZUT b APl Z@UTHAMRRZY TA, AV Y R, BRONXIT A=Y D%ELREITA Bid. TIBM SPSS
Modeler Python Scripting API Reference Guide| &WD XEIZHFENTNWET,

Bl: hRAG L - 74NVI—%ERLEL/ — FDIRE

Bl RXR=2D T —ROBRKI D7 a>Tld, RBEHEELL T/ —ROYA THEFHALTA NI —A
D) —RERFTZHZRLELE, BEICE-> T, KORANEZRENLEICEDET., TOXI 3R
RaFET 5T, NodeFilter VI ABLVARY —LAD findA11() AV REFEHLET., ZOFEDOK
RKIFLLTFD 2 B TITWET,

1. NodeFilter ZHiAEL . HAF L+ NN—23 > D accept() AV w REFRETIHL WY T AZERL X
—d_o

2. ZOHLWITZADA VAT P ATARNI—=LAD findA11() AV v RZFOHLET, 2L,
accept() AV v RTERINHEZTEZTIRNTDO/ —RNRENET,

AR)—=LD/)—=RD55, /J—ROF+ v alNBEMIE>TNS ) — RERRT 2 H1EEZLT OFITR
L¥9d, BN/ —RFOUAMEFERLT. 260/ —ROFvy v a7y ad50E0LT 2
ZEINTEEXT,

import modeler.api

class CacheFilter(modeler.api.NodeFilter):

"""A node filter for nodes with caching enabled"""

def accept(this, node):
return node.isCacheEnabled()

cachingnodes = modeler.script.stream().findA11(CacheFilter(), False)

ASF—%: F—HCHT 2 1EH

A BRNY—ANTIIEED ) — RNEWIZER SN TWSEED, &/ — R THAWRERYE~IT 7« —JL RIZ
BT 2BMEHEHATEET, ZHUTLD, #AIE Modeler UL Tld, V— hERIFEFHOREEL DT 1 —
IWRZEINTEZET, ZOBRIIT—4 - EFILERENET,

AU TRE, /= REHADTE T4 =V REFARDLZEICEST, T—F - ETNIKTVEATLH I L

AT, MO/ — KT, ANF—% - EFNERNT—F - EFUBALTT, HlaE, V—h -
J— R, La—REEABRSEIT. F—F - EFNELEETHERBDERA, —BO/— R (7
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A4 =V B/ — R72 &) TR HilWwI =L RZEMTEXT, o/ —F (T4 )Ly —+ /=KL
E 74—V RO&ARTZAEELZD, T4 =)L RZ2HIBRLIZDTH I ENTEERT,

PLFOHITIE, A7 U7 MIFERED IBM SPSS Modeler druglearn.str A MU —AZHAL. WTHno
AN T 4=V REMRELIREDETIVNT 4 =)V RTEITHEINE T, 2. UFOLSIfrbnE
ER

T8 ) — "ot T —% - BETIWICT VAT S,

HHhF—% - EFTINOET 4=V REIN—TT 5,

BEANT 4 —=IVEDT 4 IIVF— - ) —REEET 5,

BEPOETIVOLHIEEFET 5,

ETIWHEE ) — REETT 5,

A S e

H: druglean.str A MU —LDAZ Y T MEETTHHIC. AV YT hFiE%E Python ICRRETHI L%
BINRNWTLZEIWN (ZOA MY —AIE IBM SPSS Modeler DHN—a > TERSNITWSZH, X b
U—=LADAZ )T REFERE LA —ICRESINED),

import modeler.api

stream = modeler.script.stream()

filternode = stream.findByType("filter", None)
typenode = stream.findByType("type", None)
c50node = stream.findByType("c50", None)

# Always use a custom model name
c50node.setPropertyValue("use_model_name", True)

lastRemoved = None
fields = typenode.getOutputDataModel ()
for field in fields:
# If this is the target field then ignore it
if field.getModelingRole() == modeler.api.ModelingRole.OUT:
continue

# Re-enable the field that was most recently removed
if lastRemoved != None:
filternode.setKeyedPropertyValue("include", TastRemoved, True)

# Remove the field
lastRemoved = field.getColumnName()
filternode.setKeyedPropertyValue("include", TastRemoved, False)

# Set the name of the new model then run the build

c50node.setPropertyValue("model_name", "Exclude " + TastRemoved)
c50node.run([])

DataModel 727 MZd, T—% « TTIVHND 7 4 —)V REZIZHNCETHERICT VAT D200
< DAY RNHBOET, ZNHDAYw RERDORICEHLET,

#18. T4 — IV REEIZINCET BIEHRICT 72 XT38 DataModel 777 |~ « X/ R

AUy R RO DR GoL]

d.getColumnCount () int FT—% « ETIVNDOINDOEZERL £
ER

d.columnIterator() 15 —4— BHE 757 A)VIE] OfFANEF Tl

TATLV—F—%RLEXT, 157L—
T —3FNDA 2 AY D AZRLUET,

d.nameIterator() 17L—=%— HEHO4ETE [T 7 A IVIE] Off AR
FCRIATL—F—Z2IRLET,
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K18 74—V REZIFFNEHT D EHICT 7 ER T 25728 D DataModel T 727 | « XV v F (# &)

Ay R RO DR FE

d.contains(name) Boolean 8E L=ZFTDFNN Z D DataModel
WIZTFET 581 True ZIRL. 77
TELRRWEEIT False ZIRL T,

d.getColumn(name) 5| EESNZ4RIOFERLET,

d.getColumnGroup (name) ColumnGroup FRELEIZIN—TERTMH, fFEL
BT — T INEIE L IR W&
None ZiRL £,

d.getColumnGroupCount () int ZDT—4 « BETIVNOFN T IV—T D
BERLUET,

d.columnGroupIterator() 17L—5— BN N —T & FIRKTA T L —F
—ZRLET,

d.toArray() Column([] F—% « BTV EFIOEFIELTRL

F9, NI T7 71 IVIE] OfFANEF
(A A=

%74 —JVE (Column 727 ;) IZid, FNCEHTHERICT VAT EHEDDE DAY v RINGE

NTWET, IFTDFEIC,

INEDOAY Yy RERLET,
#19. FNCEHTBIERICT 2B F2720D Column 77« XA w R

AV R RO DR i}

c.getColumnName() string SIDARTERLET,

c.getColumnLabel () string FNDZN)VZRI D, FNT T X)L
HAT 5 N TV ARWEE A2 T &
ELET.

c.getMeasureType() MeasureType FIDEIESY A T2RELET,

c.getStorageType() StorageType PDARNL—2 - A TERLET,

c.isMeasureDiscrete() Boolean FINEERIL DL ST True 2R L &
T, by FMlFERITT I 7RO,
BB E R I nEd,

c.isModelOutputColumn() Boolean FMETIVHHIFNOEET True 2R
LET,

c.isStorageDatetime() Boolean FIOZA L=, B4, BfF 7=
1351 L AT TOEOEEIT
True ZiIRL X9,

c.isStorageNumeric() Boolean FIDA L — N E I3 EHRDS
&l True Z2RLET,

c.isValidvalue(value) Boolean BELEMENZDA RN L= TERE
WAL True Z23BL. G375 OMEN
A 55E1F valid Z2RLET,

c.getModelingRole() ModelingRole FNIDETFIAERDEEZR L FT,

c.getSetValues() Object[] BN DA ZNIZAEDEFN 2K T H, EH 5

NG IRV S Iy NT
WAL None ZIRL £,
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£ 19. FNCBHT BIEHRICT 22X T B7280D Column 77k« XV R (%Z)

AV w R ROMEDR L]

c.getValuelLabel(value) string FIDMED Z )V 2RT )N, EHIZT )
IBEATT 5N TR W EITZe T
FERLET,

c.getFalseFlag() FTTT b FND Tfalse] FEFkiE 20X 90, fEAS

MEIRWGEEEZIFNNT Z 7 RITrs
WIB AL None ZIRLET,
c.getTrueFlag() FTTr FID Ttrue) EEREAEZRT D, (EAS)
NS WEEEZZFNNT 5 7 RITs
WA None ZIRL E9,
c.getLowerBound() ERAA R/ FIDED FIREZ R T D, [R5
BWEE FIIFNEGER TR WSS
X None ZiRL £79,
c.getUpperBound() A 7 FIOMED FIREZRTH. ERZNS
BN E E I35 INEGH TR WS
I3 None ZIRL £,

FNZBIT BIBMICT VAT HIFEEAED A v RIZIE, DataModel 772 27 MIEBZBINTWBEIZED
Ay RNHODET, EZI1E KD 2 DDAT—FA ML, AUbOZEELET,

dataModel.getColumn("someName") .getModelingRole()
dataModel.getModelingRole("someName")

ERENEATOL O MANDTOER

ABMY—=LZFETT DI, BE, BNOHNIA TP/ bEERTZ2LENHDFT, NS DBEMDF
Tyl bE FRETIV CIBOETTHRAT S ERERET D) T2 2 ENTEEXT,

TREDHITIE, AR —LDBESEL T druglearn.str AN —AZHEFHL TWET, ZOHIT
3. ARNY—LADTXRTO/—RZEETL, F#RZUANMIMBMHLET, XKiZ., A7 U7 MTIEEREEIC
DNWTI—TL. ETO/EELTHSNEETIVHSIZEZ IBM SPSS Modeler 7)) (.gm) 77 1J)LEL
THREL. EF)VE PMML =7 AHR— kKL ET,

import modeler.api
stream = modeler.script.stream()

# Set this to an existing folder on your system.
# Include a trailing directory separator
modelFolder = "C:/temp/models/"

# Execute the stream
models = []
stream.runAll(models)

# Save any models that were created
taskrunner = modeler.script.session().getTaskRunner()
for model in models:
# If the stream execution built other outputs then ignore them
if not(isinstance(model, modeler.api.ModelQutput)):
continue

label = model.getLabel()
algorithm = model.getModelDetail().getAlgorithmName ()
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# save each model...

modelFile = modelFolder + label + algorithm + ".gm"

taskrunner.saveModelToFile(model, modelFile)

# ...and export each model PMML...

modelFile = modelFolder + label + algorithm + ".xml"

taskrunner.exportModelToFile(model, modelFile, modeler.api.FileFormat.XML)

IADFATY T AR, K<HEHT2SEIERUHZETTL5OIMEMNTT, 2OV I ATHARTREIR A

v ROERZUFDORITRLEXT,

#20. K<HHITDUBEETTH/0DI XD FEFTT TADRAY v R

Ay R RO B
t.createStream(name, autoConnect, | A bU—AXA FHA RN —LZERLTRLUET,
autoManage) FERBETA M) —AZERL TL—Y
—MMEARARICT ZHENDH D T— R
Tld. autoManage 77 % False I
RETHDLENHDET,
t.exportDocumentToFiTle( 2L fBEEINZT7 7 1IIVEXZHEHLTA
documentOutput, filename, N —ADEBHE T 7 A)LICT 7 AR
fileFormat) LT,
t.exportModelToFile(modelOutput, |7xL fBEINZ7 7 IVEREFERLTE
filename, fileFormat) FNET7AIWICIZI AR—KLZE
ER
t.exportStreamToFile(stream, Q) BEEINZT7 7 1IIVIERXZMEHL TA
filename, fileFormat) FN)—LZT7AIVICZZ AR—FL
£7.
t.insertNodeFromFile(filename, J—R RESNZT 7 AIVInG ) — REHH»
diagram) AH. FBEINZFA TV T LITHiA
LTCGRLEY, /J—R-FT2xV K
EA—=NN—/)—R - FTTx7 bOM
T D AHAARIMERHT 2 ZENTEE
ER
t.openDocumentFromFile(filename, |DocumentOutput HESNLET 7 AIMSE RFa AT
autoManage) EHAIANTIERL ET,
t.openModelFromFile(filename, ModelOutput RESINZT 7 AIVIMNSETIVEHH
autoManage) AAUTIRLUET,
t.openStreamFromFile(filename, AR —LA BESNEZT 7 AIVMBEA RN —L%
autoManage) FAIRANTIRLET,
t.saveDocumentToFile( L BESINZT7 7 AIVDOBEANC RF 2 A
documentOutput, filename) S RERELET,
t.saveModelToFile(modelOutput, L RESINET7 7 A IIVOBFRIZETIVE
filename) RELET,
t.saveStreamToFile(stream, sL HESINZT 7 AIIVOHANIA R —

filename)

LERELET,
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I 5 —ninE

Python SaBICIE. try...except I— R - 7O V7 IZ XD LTI —UHEN D> TWET, AV U T KRANTZ
NEFERTHE, fisE Ty 7L, MLLUBRITIUIAZ Y TR T LU TLUEDBEZUET 5 Z &N T
S

FRED A7) 7 MMFITIE, IBM SPSS Collaboration and Deployment Services Repository 7 & E 7)) % i

LEDELTWET, ZOEETIIFNDFET D[RR H D ET HAE. VRPN —onr 1 &
BERNIEL SEESNTOUARVES®, URI M) —ONRANES TWHEENEZSNET), AV

T R TEDOFEENFKAET S E, ModelerException WA O —I41F T (IBM SPSS Modeler 124> TARKRS

N5H154EL. X T modeler.api.ModelerException M HIREL TWET),

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()

H: 227U 7 MEEICK > T BEHED Java BINADFETHHERH D ET, s OfsME
ModelerException MHIREL TWER . TNSOHNEF ¥ v F T 572D, BIMD except 7w 7
ZHEALTIXRTD Java piINEF v+ v FITHIENTEET., AFITHIZRLET,

import modeler.api

session = modeler.script.session()
try:
repo = session.getRepository()
m = repo.retrieveModel ("/some-non-existent-path", None, None, True)
# print goes to the Modeler UI script panel Debug tab
print "Everything OK"
except modeler.api.ModelerException, e:
print "An error occurred:", e.getMessage()
except java.lang.Exception, e:
print "A Java exception occurred:", e.getMessage()

AMU—=A, Eyoary, BEUVR—NK—/—F - NKNSA-5—

INTA—=F =L, BHEAZV T RORTHEEZEENCI—T 4 >V T250TIdAR<, EIFRFICIETHAICME
MTT, NIA—F—LZDfEIL, AN —LDBELFRUAETERLET. DFED. AMY—LFLE
A==/ —=BDNNITA—=F—+ T—=TNOHEHEL T, £LEFAYXC R FA2DNTA=F =L LU TE
#ZLET, LTFORITRTEDIT, Stream 7 7 AB K SuperNode 77 T Ald. ParameterProvider + 7 =
7 MZEOTERIND —HOEKZEEEL TWET, v aiZid getParameters() DIFUNH LANH
HINTHD, BUOHTE, ZNSOBEBEERTHF 727 FNREINET,

# 21. ParameterProvider & 717 MZK > TEEINTWDEI#

P LA RO D™ |
p.parameterIterator() K18 DA TP NDINT A—=5—4D
RETEZRLUET,
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2 21. ParameterProvider 17220 MZEk > TEHRINTWBEE (% Z)

AV R RO DR B
p.getParameterDefinition( ParameterDefinition RESINEAMERFD/NTA—F—D
parameterName) INT A= —EHFEZRLUET, %4UT

BINTGA—F =N DT ONA Y —IZ
FIEL 7R WEETE None ZIRL £7,
R, AV ROITOH & N7
TOEFDAFy T ay NTHDHH
BEMENHD, ZTORICZOTTONA Y
—ZWUCT/NTA—=F—IZx L TiThH
NEEENRBINTNS EIZED E
.

p.getParameterLabel (parameterName) | string REINIENTA—=F—D TN &K
LET, 4T D/NT A—F —DFE
L2 WEEIT None ZIRLET,

p.setParameterLabel (parameterName, | 7% L BEINLNT A= —DITN) &
Tabel) ELET,

p.getParameterStorage ParameterStorage HESNLNTA—F—DA N —
parameterName) ZRLUET, 4T H/NNTA—F—In

FELRNWEEIT None ZIRLUET,

p.setParameterStorage( A RESINENTA—H—DARL—
parameterName, storage) EBELET,

p.getParameterType (parameterName) |ParameterType BEINENTA—F—DT—F %

BLUET, ZUTDHINT A= =0
FELRWEEIE None ZIRLET,

p.setParameterType(parameterName, |70 BESINENTA—F—DFT—F %
type) BELET,
p.getParameterValue(parameterName) |47 7 b BESNIENT A=Y —DEZEIR L F

T, BT DHNT A=Y —DNEFEIEL
WAL None ZRLET,

p.setParameterValue(parameterName, |75 L BESNIENTA—Y —DEEFREL
value) *9,

DTFOHITIE, A7) T NTEET—F 5285 L T, FHNAT—IDNRBENWEEEZRL T, X2, £
DWEBTAR =L« NTA—F—ZFRELET, I5HIT, TOANI—L4A « NTA—F—E5L M/ —
RTHEAL TEOMEEET—F NSRRI L2, BDOT—Z I BB NET IV EERL ET,
ZOFITIER. AU T NTEREHE /) — RBEREART 5720, [ELWHEZSEHE 7 — RoRXITE AR
TEREZEVWDET, REHARHNIZR>TWET, LNL, BH AR —ARFIERNIMERIN TSRS, T
DHETINT A= —%RET 5 EMFEHTT,

A2 U T MAORAI DS TR, FEHRANR DARNEIREZNT DA R —L - NTA=F—ZFERL %
Yo Flew AV T ITRERHTIOFERTIVERT 7> FI0/ — ReElR L. MEICHERL £,

import modeler.api
stream = modeler.script.stream()
# Initialize a stream parameter

stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)
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# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use_field_format_for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)
aggregatenode.setPropertyValue("keys", ["region"])
aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)
selectnode.setPropertyValue("mode", "Discard")

# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region' = '$P-LowestRegion'")

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)
stream.link(statisticsimportnode, selectnode)

stream.link(selectnode, typenode)
stream.link(typenode, c50node)

ZOAZ YT MITEUFDOA MY —LZERL ET,

p—

F i, r .
.II N F N . FEEE
-."‘ E_] .__:' h ':._ §)-_ r ﬁ EEEE

g “\___ 4 :._ )

telco.say Angregate Tahle
Vs \ —E—h\ P
i f i %
= O 29
2?}}—————*h1j?; Csh
Select Type churn

K5, 2207 MilpsE5705 X N —A

2007 MIOLLF DT, HEHT T > F O TT =TI+ S — REFEITLET,

# First execute the table node
results = []
tablenode.run(results)

27U T MIOLLFOFEHDTIE, T—T) - /= ROEFICK> TERSNT—T IV Y 7 AL £
To AZUTRTIERIZ, T—TNOFEBICDONTREL. SEEHNANRDENFEERZRL £,

# Running the table node should produce a single table as output
table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None
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# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income

row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

A2 U T SOUTDOED T, SFERADNRBEWERZ#EA LT, BIANCER L LowestRegion] A b
U—=Lb - NITA—F—ZRELET., AV U T FTIERIC, HEOFEBREEET—INSBRIALTET I -

ENVY—zF T LET.

# Check that a value was assigned
if min_region != None:

stream.setParameterValue("LowestRegion", min_region)

else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria

c50node.run([])

2707 "Ml E L FIORUET,
import modeler.api

stream = modeler.script.stream()

# Create a stream parameter

stream.setParameterStorage("LowestRegion", modeler.api.ParameterStorage.INTEGER)

# First create the aggregation branch to compute the average income per region
statisticsimportnode = stream.createAt("statisticsimport", "SPSS File", 114, 142)
statisticsimportnode.setPropertyValue("full_filename", "$CLEO_DEMOS/telco.sav")
statisticsimportnode.setPropertyValue("use field format_ for_storage", True)

aggregatenode = modeler.script.stream().createAt("aggregate", "Aggregate", 294, 142)

aggregatenode.setPropertyValue("keys", ["region"])

aggregatenode.setKeyedPropertyValue("aggregates", "income", ["Mean"])

tablenode = modeler.script.stream().createAt("table", "Table", 462, 142)

stream.link(statisticsimportnode, aggregatenode)
stream.link(aggregatenode, tablenode)

selectnode = stream.createAt("select", "Select", 210, 232)

selectnode.setPropertyValue("mode", "Discard")
# Reference the stream parameter in the selection
selectnode.setPropertyValue("condition", "'region'

typenode = stream.createAt("type", "Type", 366, 232)
typenode.setKeyedPropertyValue("direction", "churn", "Target")

c50node = stream.createAt("c50", "C5.0", 534, 232)

stream.link(statisticsimportnode, selectnode)
stream.link(selectnode, typenode)
stream.link(typenode, c50node)

# First execute the table node
results = []
tablenode.run(results)

# Running the table node should produce a single table as output

'$P-LowestRegion'")

et

&
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table = results[0]

# table output contains a RowSet so we can access values as rows and columns
rowset = table.getRowSet()

min_income = 1000000.0

min_region = None

# From the way the aggregate node is defined, the first column
# contains the region and the second contains the average income
row = 0
rowcount = rowset.getRowCount()
while row < rowcount:
if rowset.getValueAt(row, 1) < min_income:
min_income = rowset.getValueAt(row, 1)
min_region = rowset.getValueAt(row, 0)
row += 1

# Check that a value was assigned
if min_region != None:
stream.setParameterValue("LowestRegion", min_region)
else:
stream.setParameterValue("LowestRegion", -1)

# Finally run the model builder with the selection criteria
c50node.run([])

sa—/nNJLi&E

ryo—)NUEE, fBELZT 4 =)V FOBHEOEKHEI EZEHE T H520IEHL XTI, I OEFEIC
3. AN —LNOEBEOEHNEST IV EATEET, J7O0—NUEIX, AN —LADNSA4FTTY VAT
ELHENIHRTARNI =L - NFTA—F—ELUTWET, ARU—L + NTA—F—EDHESIZ. A7
TRROAX R« A hERATEHOTIE RS, FO—=NHEDRE / — ROFEfTIN 5 EBEHEAT 5N
FFAENHBMICEHRINDZETT, AN =207 O0—=NVUEIZTY 7 E AT 5121, ARU—AD
getGlobalValues() AV w RZIUNHL £,

GlobalValues 77 M3, AFORITRTHEKZERL TNWET,
K22, GlobalValues 7217 MIZE> TEEIN TN DK

AV R RO D™ Ellil

g.fieldNameIterator() A& Z7a—=N)ViEZE 1 DLLEF D& T«
=N RHDKETERLET,

g.getValue(type, fieldName) ERAVE /BN BEINEZT—~RBINT =)L R

HOTO—=)N)UEERL ET, EAR
ONSBNEETX None ZIRL £T,
EENDMET—RICEIETT N, [k
DEIETIIHOMOEZKET L D127
HulfetEmNd D £9,

g.getValues(fieldName) sS4 fRESNEZT7 44—V READERIOT >
M) =250y TEERELET, 71
— )V RIZEEDOT Y M —NW0nEE
¥ None ZRL %9,

GlobalValues.Type &, fHAPIRE/RERIMETEDY 1 T2 ERE L X9, DL F OB ENFEHTRE T,
e MAX: 7 ¢ —)V R OEKIE.
¢ MEAN: 7 1 —)L R D1,
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o MIN: 7 ¢ —J)L R Di/IME,

e STDDEV: 7 ¢ —)b R DR,

o SUM: 7 4 — )V RDIEDEET,

BIZIE, AFDAZ U 7 M lincome) 7 4 =)V ROFEWBEHEICT 7 ALET, 2070 —)VRIE, ZFo—
INVEDERE ) — RIZE > TRtEEINET,

import modeler.api

globals = modeler.script.stream().getGlobalValues()
mean_income = globals.getValue(modeler.api.GlobalValues.Type.MEAN, "income")

BHOR M) —LDNE: R4 RK7AY RVYTH

BEEROZA M) —LEUITZI12E, AF > R7O> 2270 T hEaHHAT20ENRHDET, A K70
> A2 U7 K&, IBM SPSS Modeler Ul WTHiEL TETT S0, Ny F - E—RTaAX> R IA1
o NTA—Y—ELTETIENTEET,

PLFDOAZ > R7Oy AU T MI 2 DDA M) —ALZAEET, —HDODA NI —AMITETIVEERL.
2 ZHOA RN —LARBFHEMEOMiZ 7Oy NLET,

# Change to the appropriate location for your system
demosDir = "C:/Program Files/IBM/SPSS/Modeler/18/DEMOS/streams/"

session = modeler.script.session()
tasks = session.getTaskRunner()

# Open the model build stream, locate the C5.0 node and run it
buildstream = tasks.openStreamFromFile(demosDir + "druglearn.str", True)
c50node = buildstream.findByType("c50", None)

results = []

c50node.run(results)

# Now open the plot stream, find the Na_to K derive and the histogram
plotstream = tasks.openStreamFromFile(demosDir + "drugplot.str", True)
derivenode = plotstream.findByType("derive", None)

histogramnode = plotstream.findByType("histogram", None)

# Create a model applier node, insert it between the derive and histogram nodes
# then run the histgram

applyc50 = plotstream.createModelApplier(results[0], results[0].getName())
applyc50.setPositionBetween(derivenode, histogramnode)
plotstream.linkBetween(applyc50, derivenode, histogramnode)
histogramnode.setPropertyValue("color_field", "$C-Drug")

histogramnode.run([])

# Finally, tidy up the streams

buildstream.close()
plotstream.close()
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E£58 RoUTbDEVH

IOt arTid, AZVT RO FEFVWFITOWTHEEZHPILET, Zhicid. AU —L0%
fTREELEZD, AV YT N THEBIINZ/NAT—REZHHLZD, £/, IBM SPSS Collaboration and
Deployment Services Repository TH 77 MITY V2 ALZD T HIEENETENET,

APV —LAERTOESE

XFU LAEFEFTTDHE, Y—IFI) - /=BT 73 )L hORRICEREL SN EETEITINET, R
WU T, BIDIEF TETIEZIEHTEET., AN —LOETFIEFZEETHICIE. [AMU—A

@7DA74~J§47D9 Ry 72D [Ef7] 7T, UFOFIEEZETLET,

1. ZOAZ )T E2RELET,

2. V=IUN—=D [FI7x)IVb AZUT 2B K229 I LT, TI7HINEFDAR)—L « X
7UThEBMLET,

3. TI7AINBPDAMY =L« A7 U T FOXDNEFZE, EBRICFETTDIEFICEELET.

J—BRDIV—F
for W—7ZMHHL T, ARY—AHNDITXRTDO ./ —R&EIN—TTEET, X UFOZAZ YT Milld
TRTD/—RZIN—TL. T4 — J—RIZBIFZ 74— IV RGERLFITEELET,

FERIZT AN B INDE T 4 =)V RS TH, TOAZYTMIT4INE— J—REFFDEDLD
RARY—=AIRBWTHBMEHTEERT, 74 =)L RAZEHMICALFICAELE T ZITE, IRTOT 4 —)b
REETTAINET— - J—RERERITENT 52T TY.

# Alternative 1: using the data model namelterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# namelterator() returns the field names
for field in node.getInputDataModel().namelterator():
newname = field.upper()
node.setKeyedPropertyValue("new_name", field, newname)

# Alternative 2: using the data model iterator() function
stream = modeler.script.stream()
for node in stream.iterator():
if (node.getTypeName() == "filter"):
# iterator() returns the field objects so we need
# to call getColumnName() to get the name
for field in node.getInputDataModel().iterator():
newname = field.getColumnName().upper()
node.setKeyedPropertyValue("new_name", field.getColumnName(), newname)

ZOAZ VT NIBIEDA RN —LHNDTRTO /) —R&E)—TL. £/ —RKNT4 NI —THo0nEDI M
#Frzw I LET, J—RNT4NI—THDIEE, TDO/—ROKZET 41—V REIL—TL,
field.upper() B9%kF/=1% field.getColumnName().upper() BE%kZEMifH L T, ARiEZKLFICTEHEL X
—a—-o
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IBM SPSS Collaboration and Deployment Services Repository RA®D#
TOoxO0MADT7OER

IBM SPSS Collaboration and Deployment Services Repository DT 1t > A Z G L TWAHHIX, A7
Th A REFEALT, A7 FEURD RMUITKRHLEZD, URD MUDNSEIGLAED TEE

T, URPRUZMBEHALT, T2 —T7534A4X 77Ur—>ar, V)b, BEXXVVa—a>oar
TFARNT, 7= XA ETNVBIUOEETLTFHA T2 bOIA 70 A7)V EEBL £,

IBM SPSS Collaboration and Deployment Services Repository D&

DAY MIZY 72 A9%ICid. £9. SPSS Modeler 1—H— > —Tx2—AD V=) AZa—
FFaAR I02n5, URY MUICH LU TENIREGRZRET 2LENH D ET. FFLIE |69 X
[==® TIBM SPSS Collaboration and Deployment Services Repository {#ft D55 BB L T 7ZI W,

DR MIADT I ERADRT
VRY MUy a7 7 EATEET. AR UTFOXIICLET,

repo = modeler.script.session().getRepository()

VRS MNUDSDAT S 2o FOBIF

AU T RHNT, A=A, EFI). Hl1l. BEIOR ) —RARE, SFEIEEA T2 7 N7 7 8-ATS
I, retrievex BAEZMHAL £9, TEMEOENZUTORITRLET,

£23. WFEA 27 XK

ATV AT URY b U B

A RYU—L4 repo.retrieveStream(String path, String version, String label, Boolean autoManage)
ETI) repo.retrieveModel(String path, String version, String label, Boolean autoManage)

Ho repo.retrieveDocument(String path, String version, String label, Boolean autoManage)
J—F repo.retrieveProcessor(String path, String version, String label, ProcessorDiagram diagram)

BAE, UTFTOBEBEFEHRALTYRSRUNS AN —LAZRETEET,

stream = repo.retrieveStream("/projects/retention/risk_score.str", None, "production", True)

ZOFNE. fBELZT 4T =05 risk_score.str AMU—AZEELET., TFNI)LD production 1
EON—=2a > DA M) —LZRETENEHENL. BED/INT A—4—Id SPSS Modeler 73D A K1)
—LEETLENERELET BAIE. TOMEE,. SPSS Modeler L—H— o >4 —7 2 —ANFRIN

TWBEEIE, TARY—=A] ZTIZZFDOA M) —LNFREINET). RDDIT, BED, TIX)UAHTFO
W= 3 > 2FHT 2121, UFo&SiIcLET,

stream = repo.retrieveStream("/projects/retention/risk_score.str", "0:2015-10-12 14:15:41.281", None, True)
H: N—2a > ETX)VDOMEFDINT A—4—I8 None DG, W#Hi/N—a > MNRINET,
YR MUADF T 0 FDIGH

AT REHEALTYRY MUICAT P 27 b2iNd 21213, storex BIKZMMAL 9. HiBIKD
R ZLLFDORITIRL KT,
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24, WM 21T NBIE

ATzt ¥A4T URT +Y B

ARU—L repo.storeStream(ProcessorStream stream, String path, String label)

T repo.storeModel(ModelOutput modelOutput, String path, String label)

o repo.storeDocument(DocumentOutput documentOutput, String path, String label)
/J—R repo.storeProcessor(Processor node, String path, String label)

Bl ZE, AT OB ZEMEMA L T risk_score.str A MU —LDFHH/N—2a > E(MTEET,

versionld = repo.storeStream(stream, "/projects/retention/risk_score.str", "test")

ZOENE, FEN—a DA MY —AZKL T, Z3UT "test" TN EBEEATT T, FEITER SN
7ZN—23a > DNN—Ya > X—H—%Z2RLET,

B TAOVEHN— 3 > EBETT 72 < 2WBEIE. TAULITIE None EIEL T EE L,
VRIS MY ZFIIDER

DRZPRNINTI AN —5EATHIET, AT MmN —TRICEMTE, A7 7 0
BEENDON DT <20 ET, LFOFIOIDIT. createFolder() B ZMHHAL T7 4 IV ¥ —Z21ERL T
<EEy,

newpath = repo.createFolder("/projects", "cross-sell")

ZOHNE. T/projects] 7+ —IT Tcross-sell] EWVWIHFH T + IV —ZERL £, Z ORI,
FHLT AN —DEER/NAZRLET,

T AN —DLAFTEEET DI, AFDEL ST renameFolder() BEIEZMHL TS ZE W,

repo.renameFolder("/projects/cross-sell", "cross-sell-Q1")

RAIDINT A= —ZHREEINDE T I —DFEER/NATHD, 2 BHONIT A=Y —3ZDT )%
—IZDITBH L WARITY,

ZZD T FIVY —ZEHIFRT 5121, LFDLDIT deleteFolder() B ZMHL T ZE W,

repo.deleteFolder("/projects/cross-sell")

S5{E/IXR T — FDAER

BEICEoTE, AV YT MINAT—RERLRTLE2HERH DN HNER A, HIAIK NAT—RTH

EINT—H )AL TV BALEWEERETT, B/ AT—RIE, ROSFFHTHEHAT S Z &0

T&EET,

o T—HIR—ZAAN/—RBXUOHN/—RO/—FK - 7Oa)N7 41—,

e H—N—IZOJA 2950 aAX R - T4 5%,

s IUAR—K -/ —RO IR FTMEERTB/INTA—=F—+ Tv L)V par 77 1IVIHRESINS
T RN—=AER T ONT 14—,

d—H— A ¥ —Tx— A5, Blowfish 7L T ZLTEEDNWEREEAL/S AT — REERKT 2 Z &0

TEET GEHICOWTIX. htp:/twww.schneier.com/blowfish.html &ZHR L T /23 W), NAT— RZERH
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kL7, ZONAT—RZIE—LTAZUT - TyANRIAX R - T4 258U ET 52 EMWT
Z¥7 . databasenode 33X N databaseexportnode IZfEfd %/ — K - 70O/ F 4 — epassword [3IHF 1L
NAT—RZHHLET,

1. BEESAT = RZERTHITIE, Y—Ib] AZa—"5ROEEHZZERL 7,

INAT—ROTL>ad—FR..]

[(NZAT—R] Ry 7 AN AT—REEELET,

ML) 2270920358, T2 AIESILINZ/NAT— RPNERINET,

[AE—) Ry 27U T5E, BEEEINZNNAT—=RN7 )y TR—RicaE—ankxd,
AT —=REHHDOZA T )T M/ TA—F—IZHED T £,

A

AU VT hDIRE
(25> K70Y 2P UT R F4707 Ry I ADY—UN—EB2RARERY > &5 1) v 73N
2. HEWHYATOAL )T hOMLEREICRETEET,

K6 XABRU—L < X7 T RDY—)L)N— 71>

27T ROBREFIZI—RICZI—NHo72HE. TI7—2EETIAy—2 LRI HEEHTENE
RENFET, TT—DHATE2ERT DI, Y1705 - Ry T ADTFEICH B T 40— RNy 7IG#H%E 7
UwZ LTLEZENn, TI—2RTHRHAFZRINET,

ATV R - SAUDSDRIVUT

BEIII—Y— A =T —AMBITONDI IO REEERE, AV T NTEFTLZIENTEET,
IBM SPSS Modeler Z##)d 5RZIE, ORI ETAY >Ry « AN —LZEELTHET
LTLZZn, IFicHlzZRLUET,

client -script scores.txt -execute

-script 7T VIRESINIZA Y T hEO—RT B &%, -execute 7T TEAZUT K - Ty A )
DIRTHDAX Y REETTLHILEEZRLTNWET,

IBUU—XREDEHM

PIRT®D IBM SPSS Modeler DU ) — XA TERINAZZA 7Y 7 ME, BERHEOU ) —ATHLHELL TE)
ELET, 2720, BT - 77y bRA M —AICHBIZEASN (T 74 bi&E), AN —L4AN
OZDHHEOGFE Ty NeEEMAERIIMETIHE0HD0 T, TNNERIITHONENE SN,
TEFINVEARY—AIEBM A7 a B THOETFIVEER] 7> a> (V=) > T
avls>la—¥—FFTar] > HEMA ) OREICEI> TERARVET, #l2E, BEOFT v k&Y
LTHLWFTY Yy REFAL, 77y NOBBREZWLETHHY U —ANSDAT U T NOEENLERGE
MMHDET,

BFEDOV Y —ZATHERLEZAZY 7 M, BEIOU ) —ZATIEEELRRNWZ ENHDDET,

BTV Y —=ZATERSNIZAZ U T RH2AY 2 REMFEHL, 20aXY 2 RBY Y —AINTH 60
RORICESMASNT (T, BEEINT) WaAHER, EWEMKRELTHR—-FESNETA [
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RRlcEE XAy = ERINET, HAIE. W generated F—7— Rid model 1T, clear generated
Id clear generated palette ICEEMA SNET, HTWEBEMED AV U T MIMEKAE L TEEL 9%,
BEHFRINET,

APV —ARITTHEEADT /LR

%< ® IBM SPSS Modeler /— R T, EF). /77, BXUOT—INWEAT—yLEoHhA T2y
EREREINET, INSOHITDELIT, TNUBOETORMETLDICAT Y T NNEHATESH
ABENGENTHET, ZNSoMElE,. 227>y 257 EIca 7FERENn5s) ic7)l—71k
INEY, A>T FE. AT FEH#HNTHYTERZIID 2EHLTTY 7V BATEET, ZN5D
BIZY 7B AT5HEE, 203 T FNERTLEX (Ta>7>y £5)0) ) ITE->TRAEDET,

Bz, Z<OFHETIHIITIE. PMML EWS XML O—fZ2FHL T, E7)VICET2HE®R (%59
BTTFs>Par VI—RMEHTET7 40—V R, Za—F)V xv NIT—=VANOZa—0O > DOHERHHiEE
TO®ERE) 2ERBHLET., PMML Z2HT5ET7I)IVHATIE. ZOBERICT VAT HDIHHT

T2 XML a>7>2Y EF)VERELET, ANz RLET,

stream = modeler.script.stream()

# Assume the stream contains a single C5.0 model builder node

# and that the datasource, predictors and targets have already been

# set up

modelbuilder = stream.findByType("c50", None)

results = []

modelbuilder.run(results)

modeToutput = results[0]

# Now that we have the C5.0 model output object, access the
# relevant content model
cm = modeloutput.getContentModel ("PMML")

# The PMML content model is a generic XML-based content model that

# uses XPath syntax. Use that to find the names of the data fields.

# The call returns a Tist of strings match the XPath values

dataFieldNames = cm.getStringValues("/PMML/DataDictionary/DataField", "name")

IBM SPSS Modeler &, A7 U7 rTU RO T2 EFIETR—FLET,

e T AVFUY TF): fTEHELTRHEIN DM T — TN T —YICT IV EATEET,

« XML 2272 £F): XML B TRES N> T2 VICT7 7V EATEET,

« JSON 225> E£F)V: JISON BATRE SN TOVIIT IV EATEET,

s FIRETA T VY BT FED T 4 — IV RICET 5T OENICTY VA TEET,

« RPZLDOFEEIA>T VY EFIV: 2 DO T 4 — )V ROMOHET OB ERIT 2 DOEHDO T+ —)b
ROMICH BHEICT VA TEET,

F=) ATy TFI

FT—T) A>TV TFIVI. BT ENOT YT VAT HEOOBMAETET IV ERMEL T,
BEOHNOMEIL, TXRXTARL =201 THRECTRITFIUIRD /A BZIE, XFEHEITE
).

%53 A7) 70>k 55



API

# 25 API

R0 fifi Ay R ]

int getRowCount () ZOT—TINVHNOITOEEERELET,

int getColumnCount () ZOT—TIVHNOFINDEERL £,

String getColumnName (int columnIndex) REINIA T 7 AMBIZH S
FNOL4RTERLET, SO >T v
AWX 0 MBIBRED XS,

StorageType getStorageType(int columnIndex) BEINIA > T v ANEIZH D H
DARL—Y AT E#RLET, F
DA Ty I XL 0 MEIHRED E
ER

Object getValueAt(int rowIndex, int RESINITA > T v I ABLTFIA

columnIndex) STV ADMBEICD BEERLE

T, fFFEHOA Ty T A 0 M5
HBEDET,

void reset() ATV BEFIVICEERMT S

NENEHA L —2 2 I RTHEL
kR

J/—RBELXUHEAH
ZOETIH, 2o¥ 1T T
#26. /— RBLUHS

Y BTN ESOHNZEERT S/ —FEU A MLET,

J— kR4 HpIES ars5+ 1D
table table "table"
RO UT DB

stream = modeler.script.stream()

from modeler.api import StorageType

# Set up the variable file import node
varfilenode = stream.createAt("variablefile", "DRUG Data", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

# Next create the aggregate node and connect it to the variable file node
aggregatenode = stream.createAt("aggregate", "Aggregate", 192, 96)
stream.link(varfilenode, aggregatenode)

# Configure the aggregate node

aggregatenode.setPropertyValue("keys", ["Drug"])
aggregatenode.setKeyedPropertyValue("aggregates", "Age", ["Min", "Max"])
aggregatenode.setKeyedPropertyValue("aggregates", "Na", ["Mean", "SDev"])

# Then create the table output node and connect it to the aggregate node
tablenode = stream.createAt("table", "Table", 288, 96)
stream.link(aggregatenode, tablenode)

# Execute the table node and capture the resulting table output object

results = []
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tablenode.run(results)
tableoutput = results[0]

# Access the table output's content model
tablecontent = tableoutput.getContentModel ("table")

# For each column, print column name, type and the first row
# of values from the table content
col =0
while col < tablecontent.getColumnCount():
print tablecontent.getColumnName(col), ¥
tablecontent.getStorageType(col), ¥
tablecontent.getValueAt (0, col)
col = col +1

Z7VT RO [FNw T #7123 UFOXShnFErInExd,

Age Min Integer 15

Age Max Integer 74

Na_Mean Real 0.730851098901
Na_SDev Real 0.116669731242
Drug String drugY

Record Count Integer 91

XML aA>F>Y EFII
XML J>52Y FF)LTE. XML XR—ZDALTF VT VB ATEET,

XML 225>V B, XPath RICEDS A KR—F > M7 Vv AT B EEETR—KNLET,
XPath Kld. MO LT EDBEFEELITESZVEETEINEERT D LFHTT, XML > 72
T, SEIFA TP bOERE,. XPath DY R— N THEELEELZROT /81 ILIZDN
T, RN RZRLUET, Z3UTKD, Python A2 U T RS ORFOH UWNEMIC/ARD £,

XML d>7 > BT XML XEZXFHE L TRIEENETENTHET, ZHUTKD. Python
A7) T A—H—F, BRI ESDTEELW Python 71 77U EMHEHAL T XML 2T TEET,

API
#27. API
RO il AV R Gl
String getXMLAsString() XML ZXF5ELTRUET,
& getNumericValue(String xpath) INAZFN U=/ R a8l E L TR
F9 Wz NARC—HT23EHE
DO¥EHIT R LED),
boolean getBooleanValue(String xpath) FRESNTNARETHE L /=fE R 2 T
—MEELTRLET,
String getStringValue(String xpath, RESI NN —ET 5, @M =E
String attribute) 7213 XML J — RIEO T &R
LT,
XF5D R~ getStringValues(String xpath, BEINENRAI—KTHIXRTORE
String attribute) MEFE-IZ XML /—R{EDOY X +
ZRLET,
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#27. API (f2 &)

RO i

Ay R

GrL|

XFHNDUR DY R b

getValuesList(String xpath, <List
of strings> attributes, boolean
includeValue)

BEINEZNA—HTHTNTORE
PEED Y A b &2, HERBEIT XML
J—REEHITGRLUET,

Ny ra T—T)b (key:string,
value:1ist of string)

getValuesMap(String xpath, String
keyAttribute, <List of strings>
attributes, boolean includeValue)

F—EEEAIL XML J — REZz+
—ELTHRATA Ny 2 T—T)
kL, £z, EEINZEEEDOY
ANET—TNMEELTRLUET,

boolean isNamespaceAware () XML /S—H =2 Ei2e i 25808 L T
WEHMENHDZNESMNERLET,
F7#)V M False TT .

void setNamespaceAware (boolean value) XML /N—H—NARiZ2EMZ2 8% L T
NWOHLRENHDMNEDNERELE
T ZDOAYw KT BEOEOH
L TCEHENENREEINSLDICT S
7291T reset() BHIFUNHL ET,

void reset() DAY BTIVICEEEAT S
NTEWEA R —P 2T RTEELE
T (FrviadIh/z DOM F 7T
=7 N2 E),

J—REXUHAN

ZDOERTIE. 204 T0a>T2Y EFINVEGOHNZEERTS /) —REUZANLET,

#28. /—RBILUH

J— k4 it ars 7 1D

FEAEDETIV ENNY— FEAEDERINIZETIV "pMML"

"autodataprep" A "PMML"

y &/ AV AL

AT VT I8 AT S0 Python A7 U T hOI— R, LLFOXSIZ2D ET,

results = []
modelbuilder.run(results)
modeToutput = results[0]

cm = modeloutput.getContentModel

dataFieldNames
predictedNames

("PMML")

JSON a7V ETI

JSON >35> EFIVIZ,

cm.getStringValues("/PMML/DataDictionary/DataField", "name")
cm.getStringValues("//MiningSchema/MiningField[@usageType="predicted']", "name")

JSON RO >FT 2V OPR— N2t s7-0IcfflHanET, 20T

FIVTIE, EDQEICT VAT HNENFOH LBl TWa Z E&hifg & LT, FEOH LoehMiE 2 i
TELLDICT2HARNL API NI NE T,
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API

#29. API

RO fifi AV R Ei]

String getJSONAsString() JSON > F >V EXTFHELTRL
ESJCIN

Object getObjectAt(<List of chjecta> FBESINFZNADF T 7 h2RL

path, JSONArtifact artifact)
throws Exception

F9, fHEINZI— FEREHR X)L
ThiHamERHdD. ToHLEFa >
TV —MMERINE T, RS
NDMHEF. VT IICFH, B, E
¥, FREFTIVETHZN. HDN
13 JSON R&EY JSON 727 k
F 721 JSON EHIDNT D) TH
HHREME B H D FT,

Ny ra T—7) (key:object,
value:object)

getChildValuesAt(<List of object>
path, JSONArtifact artifact)
throws Exception

INAIN JISON AT N2
Bl BEINENADOTFHEERL £
T, TNUSNDOEEIIXINERL £

T, T—IINNOF—IIXLFHNTT

N BEEAT SN TWBEER. VTS
NI TN SN =l = 7
ETHDMN. HDWIE ISON FLEY)
(JSON A7 x/7 hFE7=IL JSON fic
FlOWTNN) THAHAREESHH D F
ER

ATz FDYR B

getChildrenAt(<List of object>
path path, JSONArtifact artifact)
throws Exception

JNAIN JSON EFIZfR 38613, 1R
EINEZNADF T FOYU A -
ZIRLUET, ZNLAHOBEEIXIV %
ELUFET, BRINBMEIZ. UTFIILX
FH BEL B FRETIVET
HBM, HDNT ISON R
(JSON #7277 h%7=I JSON f
FIDOWTND) THHuREESH D F
7,

void reset() ZOaACTY EFIVICEEAMT S
NENEBA L —22TRTEELE
T (FyviadIN/z DOM + T
7 Mg &),

y &/ vl Y7

JSON BRITEDWTH NI ZERT BN ENY —/ — FRH 25813, UFOoa—REfFHALT, Ty 7o
Dty MZETHERICT IV EATLHIENTEET,

results = []
outputbuilder.run(results)
output = results[0]

cm = output.getContentModel ("jsonContent")

bookTitle = cm.getObjectAt(["books", "ISIN123456", "title"], None)

# Alternatively, get the book object and use it as the root
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# for subsequent entries
book = cm.getObjectAt(["books", "ISIN123456"], None)
bookTitle = cm.getObjectAt(["title"], book)

# Get all child values for aspecific book
bookInfo = cm.getChildValuesAt(["books", "ISIN123456"], None)

# Get the third book entry. Assumes the top-level "books" value
# contains a JSON array which can be indexed
bookInfo = cm.getObjectAt(["books", 2], None)

# Get a Tist of all child entries
al1Books = cm.getChildrenAt(["books"], None)

st aryrT oy EFIVBLUORTZ S EDOHEStaYTY T

FIiEet a7 BEFIVTIE. 74—V RTEIEHETESHE 1 2ROMED K7 7 A TEET,
Ry ZTEOREA> T EFINTIE. 74—V RORTETEETELHEERIT 7 4 —)L FNOEIZ
TR ATEET,

et OREIZIZLATFO B DONH D £,
e Count

* UniqueCount

* ValidCount

- Fi5fE

- A&t

. BR/ME

« mAIE

. SEp

. DEE

» StandardDeviation

* StandardErrorOfMean

- EE

* SkewnessStandardError
* KurtosisStandardError
* Median

« E—F

* Pearson

o HOEL

e TTest

e FTest

— DI —DIIFTDHEDHITHE L. TOMDEIIRY TEDRETDOHEDHITHE L XTI,

INGZERT D/ —REUMIRLET,
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o RCibHEREE 2 — B FIRET &R L. BT 4 — IV BAMEE SN TR EHERARY TLOMEHEERTE X
ER

 TIBE ) — R FIEERL. A-N—L A T4 IV RMEESN TV HEIEARTY T L0t &4
RCTEXT,

e EHJI)—F: T4 =)V ROXRTY ZLTHEE, £HETHET7 4 — IV ROEZEMD T ¢+ —)l REHR & g
THEXIZ, XY ZEOHEZERL T,

RO > T > EFTIVEMENE. TORED / — FOEEEEZTD /) — RNDREDW FI1Z K> Tk
XDET,

ColumnStatsContentModel API

2 30. ColumnStatsContentModel API :

RO fid AV R L]
List<StatisticType> getAvailableStatistics() ZDETIVTHEAM e/ 2R L F
To BTLBITRTOT 4 =)V RAT
NTOMETDEZFFODITTEH D %
A,
List<String> getAvailableColumns () MR EITRE I N/ ROFN4ER L E
j_o
Number getStatistic(String column, FNZBEEMT SNtz R U E
StatisticType statistic) 7,
void reset() ZOaArT Y BFIVICBEEAMT S
NENELA R L =P 2T RTHEELE
ER
PairwiseStatsContentModel API
& 31. PairwiseStatsContentModel API :
RO fil AV R B
List<StatisticType> getAvailableStatistics() ZOETIVCHEATRE/KE 2R L £
T, BT LHEITNTDT 4 —)L KT
NTOfEtDMEZEFFDHOITTIEH D F
B,
List<String> getAvailablePrimaryColumns () MEIMEIRE I NE/HRO 1 KFl4%
RLUET,
List<Object> getAvailablePrimaryValues() FEDEEINZHRD 1 KADHE
ZRLUET,
List<String> getAvailableSecondaryColumns () MEIMEITR I NE/RO 2 KFl4H%E
RLUET,
Number getStatistic(String primaryColumn, | FIZEHE T S N/MMeHEZ R L £
String secondaryColumn, 7,
StatisticType statistic)
Number getStatistic(String primaryColumn, |1 KMl & 2 KINZEEA 572
Object primaryValue, String MaMEZzZRLUET,
secondaryColumn, StatisticType
statistic)
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& 31. PairwiseStatsContentModel API (%)

B0 i Ay R B

void reset() oA TV ETFIVICEEAIT S
NZHNEA RN L =2 2T RTHELE
ER

J/—RBEXUHEAH
ZDOETIE, T T T2 EFINEEOHANEERTS /) — K2 A MLET,
F32. /—RBLOHT :

J— K% iPIES ars F ID T

"means" "means" "columnStatistics"

CPH9 — K)

"means" "means" "pairwiseStatistics"

CE/ — K

"dataaudit" "means" "columnStatistics"

(T—IBE ) —F)

"statistics" "statistics" "columnStatistics" RED 7 4 — )b ROWRAE S

GLIR#EET / — F) NEGEDOHERINE
EBS

"statistics" "statistics" "pairwiseStatistics" T4 =)V RIPHEBEL TS

FLb#EEr / — B) BEDBERSNET,

RO UT Dl

from modeler.api import StatisticType
stream = modeler.script.stream()

# Set up the input data
varfile = stream.createAt("variablefile", "File", 96, 96)
varfile.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")

# Now create the statistics node. This can produce both

# column statistics and pairwise statistics

statisticsnode = stream.createAt("statistics", "Stats", 192, 96)
statisticsnode.setPropertyValue("examine", ["Age", "Na", "K"])
statisticsnode.setPropertyValue("correlate", ["Age", "Na", "K"])
stream.link(varfile, statisticsnode)

results = []

statisticsnode.run(results)

statsoutput = results[0]

statscm = statsoutput.getContentModel("columnStatistics")

if (statscm != None):

cols = statscm.getAvailableColumns()

stats = statscm.getAvailableStatistics()

print "Column stats:", cols[0], str(stats[0]), " = ", statscm.getStatistic(cols[0], stats[0])

statscm = statsoutput.getContentModel ("pairwiseStatistics")
if (statscm != None):

pcols = statscm.getAvailablePrimaryColumns ()

scols = statscm.getAvailableSecondaryColumns ()

62 IBM SPSS Modeler 18.0 Python A7 ) Fh&FA—hA— 3>« i1 R



stats = statscm.getAvailableStatistics()
corr = statscm.getStatistic(pcols[0], scols[0], StatisticType.Pearson)

print "Pairwise stats:", pcols[0], scols[0], " Pearson = ", corr
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F6E AV VER - S1 55

V7 bho 7 DES

ARV =T 2T« PATLDAR R - FA EMHL., XROXLSIZTL T IBM SPSS Modeler LT
=%7,

1. IBM SPSS Modeler 31 > A R—)lEdNTWAHIEa1—4—T, DOS DXV a~X>R-7O>7h -
T4 RUEREET,

2. IBM SPSS Modeler { > —7 1 —A%&A 5T 547 « T— RTEETSITIL. modelerclient O
ROREANL, BEWTHZIXKRD L D @ ssi%z2 AL £,

modelerclient -stream report.str -execute

ERATREZEIE (7 9 7) IR0, ==k, AU —Lr00—-F, A7 U7 FOFET, £idbh
FIECTHD /N T A= —DIFEZEITO TEMTEET,

ARk -S4 5 HDOER

IBM SPSS Modeler OfEEIZZET 572012, AXCR - S48 (757 EHENET) 28
@ modelerclient A~ > RICEMTE%XT,

EEOBEOINY R - SAVEIEZHHATEET, 2S5O0 KR - 12818 ICDOD0WTIEZDtr >
a > THIRLET,

#33. AR - T4 25O :

SIBORSH Z &

AT LDFIEk FHL<E FEVIR=DD T AT LDBIE |5
LTSN,

INT A—=F—DiI% FHEL<IE PEVITR=DD TXTA—F—0D51%] |
EZRLTLSZE 0N,

H—IN—HERH D55 FHLE PEv IR RX=20 TH—N—FRHD5IE |
ZHHELTSIZE N,

IBM SPSS Collaboration and Deployment Services LI, FEw I X—=2 D TIBM SPSS|

Repository %#tD 515 I@aboration and Deployment Services Repository {##5i D)
EET a3 AN -2

IBM SPSS Analytic Server ##i® 5% FLIE, FEwZ[0 R—=2 D TIBM SPSS Analytic|
Server #REDBIE BRI T /ZS W,

BIZIE, AFOLDIZL T -server, -stream BEN -execute D7 TV RIZFH L TH—/)N—I1THHm L.
AR —AZ0O— RBIREFTEET,

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

B—=H)b - 75147 2 bDA A=V EBGT 225G, T—N—HEEO5KIIARETT,
AR=AZZGONITA =Y —HRI_HIFAFTHD I ENTEET. A ROLIITHRDET,
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modelerclient -stream mystream.str -Pusername="Joe User" -execute

F 7=, IBM SPSS Modeler D AT —hrEAXZ U T R, TNEI -state 7TV & -script 777 &2 Fif
LT, ZOHETETTEET,

H: I R THIEMN I A=Y 2T 255, 5IAMFORNICHRESZESSENH D XT, JIUTX
0. XA OfFRPICGIRAAFRHIBR S 172 <720 X7

TNy AR - SALUDF]|¥

AR T4 22T\ 733121 modelerclient I RE[MHL., MUz 51%%E#HL T IBM
SPSS Modeler ZE L X9, TIUTKD., O REATPEBDICETIND I EEMIAETEET. £k,
tyar XNIA=F—=] ¥4707 Ky IA (WV—=)V] AZa—, Eyiar NTA-F—Di%
E) DARUR - TA DL ESINDENT A=Y —DIEEHRTZH I EHTEET,

AT LDGIE

A=Y= A 2F =T 22— ADAIX R+ T VICEHEHTHHATE S > AT LGB ERORITRL £

—a—o
£34. > XTAD5I#

1%

Lo (]

@ <commandFile>

@ YFIHITI vV AZRERTSHZEICKD, O R - URNRIEETDHZ &
MNTEEXT, modelerclient IX > RIZ @ MNOBELFIERET S E. FOFIEIC
BEINZIAXR - Ty IIHOIA R, AR I VIHEESNTHSED
ERUED I ENET, #FL<IE. FEYIZI0XR=20 MEEOFIEROMAE D
1Bl TS0,

-directory <dir>

FTIHFINOEET L7 M) —2&FELET, O—H)L - E—RTlE. 20T LY
M) =35 —% O A THEAINET, #il: -directory c:/ F7z1& -directory
Ci¥¥

-server_directory <dir>

FIFINVEDT—=F Y —N— T4 L7 N —ZRELET, -directory 75T
REINEET Ly MU =13, HhICERSNET,

-execute

HEZIC, BEFRICO—-RINEARY =LA, AT—b, FEEFAZUTFEFETLE
To APU—LPAT—FTRESAZ YT RO —RSNEHERZ. A7 T RET
MEFTESNEXT.

-stream <A hU—LA>

EERHC, fEELIEA MY —LAZO0—-FRLET, BROA N —LAZBETEEITN
REICHE LA N —ADNBHEDQ A MY —AICRESNET,

-script <AZ U7 b>

EBRC, fEE LAY R7y0y A7 T hEO0—RLET, FTHHLTWS A
R —ARAT—RIMATINGIFEETETETN, EHRFCIE 1 DOAZUT L
noO—RTEEH A,

-model <EF)l>

BRI, FHEDERET IV (gm WX T 7)) 20—RL £,

-state <A77 — k>

BEEIRIC, € LIeREFRADAT— 20— RLET,

-project <7017 b>

fBEL/Z7o o/ hEO—RLEY, EEFRFICE, Yoz M2 1 DLho—R
TExHA,

-output <Hi7I>

EERFIC, RESNZHEIAT 227 b (cou BT 7 1)) 2O0—RLET,

-help

AX R IAVEBBODUARNEFRLET, ZOF T a2/ ETHE. o515
BT RTEEINT, NV THENERSINET,

-P <name>=<value>

2= Ty T NTA—F—OFREIFEHINET, /—ROTO/NT 44— (AOv
K NTA=F—) OREIHHTHZIEHTEET,
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. A—YT— A2 —Tx—ATT 74NN T4 LI N —bFETEET, 2OF T3 Ty
Y2T21E, (7740 AZa—0 MEESTALZ MY —0OFE] /213 H—N— ST L2 U—
DFE] BN ET,

EE 7 y1I)loo—R

O—RINZEFT TP MR T 258 ZEVRLUIEEL T, EHRFICOTR - I10 2056, #EHEOD
AR =L, AT—bF, BEXUOHNEZO—RTDHIENTEET, AR reportstr & trainstr O 2 i
HOA RN —LZO0—R, E7T5IF, AXR - I RO RERELET,

modelerclient -stream report.str -stream train.str -execute
IBM SPSS Collaboration and Deployment Services Repository 5 DF* 7Y =7 hoo— R

7 74 JVE7=1Z IBM SPSS Collaboration and Deployment Services Repository (T & > AMNHSHLE) N5
BEDA T2V NGO ENTES70, 7 71 IIVAHDEERE spsscr: BLN, 723> T
file: (T4 AV LOF T2z b) 7% IBM SPSS Modeler IZ4 7227 FDMFERFTZRLET, LD
BHEEL, ROT I TITHEATEET,

e -sStream
e -script
e -output
e -model

e -project

PERFEMHL T 72027 FOREiRET S URL ZERLET, #IZAE ROKDITRD E

9, -stream "spsscr:///folder_1/scoring_stream.str", spsscr: OZZEEENDH 55, IBM SPSS
Collaboration and Deployment Services Repository "DAZNRFERZF LI~ > R TIHRETHLENH D £
T, TR0, BlIAE. 7V a2 REROLSITRD ET,

modelerclient -spsscr_hostname myhost -spsscr_port 8080

-SpSsCr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring _stream.str" -execute

OXR 4205 URI ZHT2L4ENH D ZEIERL T ZI W, HfliZs REPOSITORY PATH I
PHR—hINTWERAL (FOHEIE. A7 U T NN TOAEEL 7). IBM SPSS Collaboration and
Deployment Services Repository 'OOA 72 =7 b @ URI #FEflicOWTIE, [52 X—2 0 TIBM SPSS|
[Collaboration and Deployment Services Repository WA 727 hADT 7w X ) BB L T ZI N,

INT A =5 —D5|E

IBM SPSS Modeler DAY > K « T4 VEFRHZ, NIA—FY =T 537 LLTHATAHIENTEET,
AR - TADEIEIT -P 7ITZMEHAL T, -P <name>=<value> DX TNTA—F—%2FKIT &
MTEET,

INTA—=F =L, RONWTNMNITRDET,

o BN TG A—F— (F/=13. CLEM R TEEMFHAIND/NTA—F—) ,

e ZOY K NFA—=F— (J—FROTONFT 4 —EIEENDEZEHH D), ZNED/NTA—=F =T, A
N —LFD /) —ROBEELEETH-OIHEHINET, #LIZ, PEY IS RX=20 T —R|
(DT ONF 4 —OME) FBIL TSI,

« IBM SPSS Modeler DEENIZAEH T H72DICHNENS, AV E T4 « NFTA—F—,
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BIZIE, T—% - V= ADI—HY [ ENAT—RZ, ROLHICAX R IA42DT 7 ELTHRET
HIEINTEET,

modelerclient -stream response.str -P:databasenode.datasource="{¥"ORA 10gR2¥", userl, mypsw,
true}"

&1, databasenode /— K « 7O/SF 4 —® datasource /NTA—F—DEHXEFE LTI, LI
[87 X— @ Tdatabasenode 7 T/NF 4 —] [EHBHRL TSI W0,

IE: /) —ROAWZIRET 256, “HA/FT/ —REZHA, TNS0O5IA/EMNL S TIAr—77
LENHDET, FIZE ERIOFHOT—5 J—A J— RAHIDN Source_ ABC TH2HE. AT
TOXIITEDET,

modelerclient -stream response.str -P:databasenode.¥"Source ABC¥".datasource="{¥"ORA 10gR2¥",
userl, mypsw, true}"

RO ™1 7—% V—=Z20HID LS 1T, WE/NT A= — 2R 5 AR ORI S b HETT,

clemb -server -hostname 9.115.21.169 -port 28053 -username administrator
-execute -stream C:¥Share¥TM1 Script.str -P:tmlimport.pm host="http://9.115.21.163:9510/pmhub/pm"
-P:tmlimport.tml_connection={¥"SData¥",¥"¥" ¥"admin¥",¥"apple¥"}
-P:tmlimport.selected_view={¥"SalesPriorCube¥",¥"salesmargin%¥"}

B —N—EHED5|E

-server 7 F 771, IBM SPSS Modeler (Z/87 U w7 « B—N—IZ#Hi T 2L SR L. -hostname. -
use_ssl. -port. -username. -password, HBXUX -domain O 7T/ ZfHL T, IBM SPSS Modeler 1Z/%
TUw 7« = N—IZ8¥HT D HEZERLET, -server SIBNEESIN TV IWES, T 740k « 9
—N—FEFo—h)l - Y—=N—EHINET,

%l
INT Vw27« B — N—IZHEEHT 5I121T

modelerclient -server -hostname myserver -port 80 -username dminer
-password 1234 -stream mystream.str -execute

Y—IN— « T A —ITHHT DITIT

modelerclient -server -cluster "QA Machines" ¥
-spsscr_hostname pes_host -spsscr_port 8080 ¥
-spsscr_username asmith -spsscr_epassword xyz

H—/N— - 7T A —IT¥Hid 5121, IBM SPSS Collaboration and Deployment Services 2 f#if L 7z
Coordinator of Processes WA TY, L7=2> T, -cluster 51 &R MY —ffHi4+ 7 a >
(spsscr_*) EEHIHATHILENHDET, FHL<IE. hEwZ[69 =0 TIBM SPSS Collaboration|
fand Deployment Services Repository #5515 [ L T 72X,

FK 35 P—/IN—HHDTIH

5% EhESE

-server IBM SPSS Modeler ZH—/N— « &£— RTHEfFL. 757 -hostname. -port. -
username. -password, BEXX -domain ZFHHALT/XTYU v T « —/N—ITEH L
ESr N

-hostname <name> H—=N— X DRAMLZERELET, U—N— - E—RTLMFIHTEXE
VR
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35 H—/NN—EEEDIIH () :

5% BRG]
-use_ssl PR T % SSL (secure socket layer) ZEELET, ZOT7 I 73 A T a

TY, SSL AR DT 7 4 )L F&EIX not TY.

-port <number>

HE LY —N—DR— &S, —/N—+ E—RTLNHTEEE A,

-cluster <name>

AR ES—N=TIFR<, b=N— IV IAY =~ OEREHELET. D5l
3 hostname, port . BEW use_ss1 BIEDOMREFTT, name 137 7 A5 —%,
%7213 IBM SPSS Collaboration and Deployment Services Repository IND 27 T A4 —
Z#HT o —HED URI TY, Y—/N—+ 7 T A& —Id, IBM SPSS Collaboration
and Deployment Services %z L C Coordinator of Processes CTEMINET, 7
L <. hEw 7| TIBM SPSS Collaboration and Deployment Services Repository 1%|
[EDBIE [FBEL T 230,

-username <name>

HJ—N—=CO 7 F >3 570D —Y—%, b—/N— - TE—RTLMIATEEE
Puo

-password <password>

Y= N—=2OTF T 57DD/NNAT— R, —N— - E—=RTLMFIHTEEH
o 7F : -password BIERZEMHLBWEE, NATV—ROANZERTE 7O
FNFIREINET,

-epassword
<encodedpasswordstring>

H—N—12O7F > T E5EDDREE/NNAT— R, —/N— - E— R TLOMHHT
EFEH A, F: BEEL/SAT—RId, IBM SPSS Modeler 7 77U —3>® MY
)] AZa—MMSAERTHIENTEET,

-domain <name>

P=N—ZOTF T LEIEAT D RAA >4, —N— - E—RFTLMFIAT
EX-JcW I8

-P <name>=<value>

A=K7 9T« NTA=H—DREIMHHINET, /—ROTONT 14— (A
Oy b« NIA=F—) OREIMEMTZHILEHTEXT,

IBM SPSS Collaboration and Deployment Services Repository &M

518

O R+ I4 %% ML T IBM SPSS Collaboration and Deployment Services TA 7Y 7 M &R{EFEL K
DEDHIL7ZD 9 %IZIE. IBM SPSS Collaboration and Deployment Services RepositorylZ 4 )72 i 2 5 7E
THBENHOD XY, LANITHIZRL KT,

modelerclient -spsscr_hostname myhost -spsscr_port 8080

-spsscCr_username myusername -spsscr_password mypassword
-stream "spsscr:///folder_1/scoring stream.str" -execute

P2 BOE T 212 TE S5O —HZ2RDEITRL KT,

7% 36. IBM SPSS Collaboration and Deployment Services Repository 1#5i D513

1%

S

7 RLA>

-spsscr_hostname <A h44E 71X TP |IBM SPSS Collaboration and Deployment Services Repository 73 > A ~—

NENTWBEY—N—DKRANGERIZIP 7 RLATT,

-spsscr_port <number>

IBM SPSS Collaboration and Deployment Services Repository 73E#Hi % K8
L7R—b&ESTY GEHF. 8080 28T 7 )L M)

-spsscr_use_ss]

R T % SSL (secure socket layer) ZfRELET, DT I 7I13A
72 a T, SSL HAREDT 7+ )V FEREX not TT,

-SpSsSCr_username <name>

IBM SPSS Collaboration and Deployment Services Repository {21027 4 2§
L1001 —H—%,

#em AR S BE 69



# 36. IBM SPSS Collaboration and Deployment Services Repository 5 D51 (%5 Z)

1% B

-spsscr_password <password> IBM SPSS Collaboration and Deployment Services Repository (21727 >4
L7DDINAT— R,

-spsscr_epassword <encoded password> |IBM SPSS Collaboration and Deployment Services Repository {21172 4 2§
LEHDITIA—RENZNAT—R,

-spsscr_domain <name> IBM SPSS Collaboration and Deployment Services Repository (2107277 >4
LEICHERT D RAA >, TDOTI713A4 T3> TY., LDAP £7zi3
Active Directory ZfiH L TOV A > LABWERD, 2075 7I3EH LK
NWTL7ZE0,

IBM SPSS Analytic Server E&D5|#

a2 R 4 2 %MHLT IBM SPSS Analytic Server TA 7Y 7 haREFELZOROHLEZD TSI
. IBM SPSS Analytic Server NDHE RN HEHREIRE T HDHENH D X7,

7E: Analytic Server DFTIE SPSS Modeler Server NS HGEINET, VI14 7 > M ETEETSZ &L
TEE T,

P2 BET 120 TE S5O —TE2RDFITRLEXT,

7% 37. IBM SPSS Analytic Server 1% D51%L

1% BERLWI

-analytic_server username IBM SPSS Analytic Server IZO7F 2§ 52001 —H—4,

-analytic_server password IBM SPSS Analytic Server {07 F 2§ 5720D/NAT— R,

Iz
Iz

-analytic_server epassword IBM SPSS Analytic Server {ZO27HF 2§ 52D DREFL/NAT — R,
IZOS % 2T B DI fE T 5 BARER,

-analytic_server_credential IBM SPSS Analytic Server

BHOF|HDEAEDE

BEOBKEETRLZaAT R - 77 A I)VEERL., BERFIC @ EIHITTED T v 1 IIVAZERET 2
ZEMTEET, T5FTHZERXKDT, AV R - I VLB EHZE ML, OS ITXHIAYFED
HIPRICEE g DM Z MRS 2 Z ENTEET, FlZIEX. LUFOREI I~ > Rid <commandFileName> AVRT
T AIVTHRESINTWSEIEZHERL £,

modelerclient @<commandFileName>

T7AINARARY R « T 7 AIIANDNAZAR=ANH L5811, LFOLSITL THHMFTHA LT,
modelerclient @ "C:¥Program Files¥IBM¥SPSS¥Modeler¥nn¥scripts¥my command file.txt"

ZOARYE - Ty AINZiE, AF—F7 w TRICEBNCHE L TWed R TOLIEZERIR T 5 I ENTE
£9, UMHlZRLET,

-stream report.str
-Porder.full_filename=APR_orders.dat
-Preport.filename=APR_report.txt
-execute

ARZR - T7AINERZKRLT, AR - T 71 INVAZBRET 556 OHIRFHZRITRLET,
« 1 FTIZDE | DOBIKERIZAT Y REDRT ZLENH D ET,
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o OAX R« 77 AI)LNIZ, @CommandFile FIEZMAAETHZNWTLZE N,

e = a2 RS 28% T1
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78 ANTF4—-UI27L R

ZONnNT 4 —SBOEE

J—R, ARNU—=A, Z—=/)S—/—R, 7Oz 7 MIHL T, HZ 03I FIFh7a/N\7 4 —2EET

EET, ARl FER, BV =)L > &, IXRTO/—RiZE@o7anNsTs—bb0FEIN,. £0D

—HT, J—ROYATICHEERTONT 4 —bHVET, Fr v TOA—/N\—/—ROMEREDE
LRWIBA N =LA EEZSRBIT 2 70NT s —bHDFET, 7ONT 4 —1F, EEOI—YF— . 1 ¥ —
TIT—AMSET IV BATE (/—ROA T az2mEdry4 70y - Ry 7 A=< GERE)., £

77 < OEREIIRRD HiETHHEHTEET,

o JONT4—IE., ORI alTHHAINTNEEDIT, AZU TS T BATEET, FFL<
[T T =02y IR EBRLTIEI N,

o J—RO7ONT 4=, A==/ =R+ NTGA—F—HTHHATEHIENTEET,

o J—RoO7O/NF 4 —Id, IBM SPSS Modeler OEEFIFICAT RS> - AT a>o—#ELT
T2 EHTEET (-P 777 %MD,

IBM SPSS Modeler DAZ YU 7 RTld, /—RBIXUOARNI—=L2070/)8FT 14—, £<AOQw b+ NT A
—H—LIEENET, ZOHARTIE, AQvu b« NTA—=F—% ) —RFEZIZANI—LDT7O/)NT 14—
R L TWET,

22T NEEOFME. AV T FEESRL T EI N,

TANT4 =D VP9I R
TaNT 4 —d. UFOT >y 7 AR LTHRETEET,
OBJECT.setPropertyValue(PROPERTY, VALUE)

El N
OBJECT.setKeyedPropertyValue(PROPERTY, KEY, VALUE)

TONT 4 —DEE. RO > 7 AEMERL TG TEET,
VARIABLE = OBJECT.getPropertyValue(PROPERTY)

El=
VARIABLE = OBJECT.getKeyedPropertyValue (PROPERTY, KEY)

Z ZC. OBJECT &/ — RE/=1IH A, PROPERTY 1ZXTHHL TnW5 /— R 7O/ F 1 —D%4RI. KEY 1
F— JONTF4—DOF—ETT, FIZIE, LFDI 7 AZFHLT, 74 IV¥— J—RERZEL.
FRTCOT 4=V RZEDEIICT I EEREL. FHRET—INS Age 74 —IVRZT4IILFY T
LET,

filternode = modeler.script.stream().findByType("filter", None)

filternode.setPropertyValue("default _include", True)
filternode.setKeyedPropertyValue("include", "Age", False)

ARU—A® findByType(TYPE, LABEL) Bd¥kZ{fifd % &. IBM SPSS Modeler THAIN TSI RT
D) —REBMRTLHZIENTEET, D7 ED TYPE F£/213 LABEL ODWTNMMZIRETHHENH D £
j‘o
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wElkyanrag —

A7) T S EATEE O BARENE 21 BT B - e T O T 0 — 2 H AT 512, KD 2 BEOHIEND
nET,

o THR T4 F—, FREINT A J—RiaED, EMs ) — ROTONT 4 —HEHELT
%,

s BEOTONT 4 —ZERICIEET DR Z2HRMET S,
BHEA 9 —7 11— ADIEIE(L

T MOERIZA =T 2 —ANH5 /) — R, fIAE T8, T4 F— BIXUONT A -
J—REEEMBRETHAV Y T MI, ELLSITEND7-2DI—F O EEZETFT20ENHDET, =
NS OEE T ONT ¢ —IZid 1| DDA TH EHRTXOERRARNHETT, N5 087+
— T3, BH—0#pTO4FLD bEMRATDLETHD,. ZOLAHNETF—EEENET, ZOFERES
BBz, 7405 —+ J—RTIE 74—V RZTEIZ | DOBEWRIEH (&7 4 —)L RBENMED) DR
HFINFET., ZOBEREBRT L7201, 740 F— J—RiZT74—=ILRZTEIC 1| DOEREHZHEEL
FT (&7 4 —IVED true M false D)o DT O/NT 4 —ITIE. B (True) £72134 (False) DEDEE
INTVBED, FTHRREESNDAREENH D ET, mynode WD T 4 IILF— -« J— R (LFHMAD 1. Age
EVND T4 —IVRMBEILGEEEATHEL LD, TNEFTITTBHITIE. KDOLDIT, F— Age &Ml
False ZIFEL T/ O/8F ¢ — include ZFREL FT,

mynode.setKeyedPropertyValue("include", "Age", False)
BEOTONT 1 —DRTEHEBE

ZH D) —RIZHLT, BED /) —RBIOZA N =0T O/NNT 4 —ZRFFICED YL TEIENTEE
9, ZAUL, multiset A Y FFEidky b Jay 7 N TnEd,

BEICEoTiE, st 7o —NEbOTEMRZEDHDET, UNICHIZRLET,
sortnode.setPropertyValue("keys", [["K", "Descending"], ["Age", "Ascending"], ["Na", "Descending"]])

BiElt7ONT 4 =055 1 DOFEIT. /—RPLZEL T THZD /— R EICERD 7 O/87 «
—MRETEDLZETT, T 74V FTIE, multiset 170y ZVHNOTRTOT /T 4 —ERELTH
5. JHROTONT 4 —REICHEONWTT VL are2ETLET., fIAREEE — REEXRT D EEIT,
T4 =R TONRT 4 —% 2 ATV TICRTTRETHELT—NECET, ZHUL. WHORENE
i BET/— RN —EBLRWEDTT, 7O/)X7 1 —% multiset ELTERITIUL, 7—% - T
EEFTHANCHAD T O/NT 4 —INHETE, LI —NEEINET,

1031

J=ROTOaNT 4 =D 2F v AT, FEEBEME SN THET. AREEZREA TR, A7
U7 b DIERICENLE £,

K38 8w XTI N DEEEZ IS

B EER
abs i
len k&
B/ He/MiE
5PN A AE
correl THEY
covar o HL
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K38 28w XTHHINDEHEEIEE ()

=31 2k

num G =Y

pet N—t > FEREFHEG

transp %t

xval R FERRE

var AWELFER (A1 —RT)

J—=RELTCR MY —=ADTONRT 4 —DHI

J—RBIOA MY —=LDTTO/)NFT 4 —Id, IBM SPSS Modeler DI X FaBmicHAINET., &K
ZInNso7onNT 4 —id, BEROARN) —LACEBEZAMLET 5DICHNWSNSAY Y ROy AY
U7 b, FREE-ODAN)—LHNOTOEZOHMEICHNWSNEZ AR =L« AZU T E, 27
Tho—fELTHDODNET, Z—/S—/—RKNT. /—ROTOaNT4—2FHAL T/ —R - )NT A%
—ZRETHIEHTEET, bo EHEANR L X)L T, IBM SPSS Modeler OFEEIFFICAY R« 1
X Tra L TTONT 4 —ERETHIEDHTELT, IV R A > ORERFIC, -p 512
fBEITNE, ARU—L4 - 7ONT 4 —2FHLTARN)—LDOREEEAHET LI ENTEET,

%39, /= RBIUOZXNU—=LD7O/)NT 14 —DH

Jans 1 — F=UUS
s.max_size J—R s @710)87 ¢ — max_size Z&RLET,
s:samplenode.max size /i}i s 0?7°E11\i7‘f— max:size %i%%i?’o D)
- — R BT 27 J—=RTRINERD EE A,
BEOA M) =g > T2 7 - J—RD, 7a/NT
:samplenode.max_size {4 — max_size ZRLET (H>TU>T - J—RiF 1

DEFTRINIRD EEA).
J—R s @7 0/)8F 4 — max_size ZXLFET., 2D/

s:sample.max_size — R, Ty e )= RTHRITFUTARD EHE A
t.direction.Age FT—F8 ) —R t D Age 74—V ROEEZEXELET,
‘ wer ) wer ) — REEIE ) — ROMEEIEET 50
:.max_size .
- ENHDET,

s:sample.max_size OFL, / — ROFEEZTEEICHBT 2MHEN/LTNWT EZEZRLTNET,

t.direction.Age OHE. 1 DD/ — FOBHENMER OMEZFFDBAM/AE 2 DA Dy b XD b EMSSE
2, —Eo ATy MG EELTESZEEZRLTVNET, ZOL5AA0y ME. BhE{L £/ 1388~

—

O8N 7 4 —&EMEENET,

J—=Fko7anisF« —oHlE

J—ROFEEIEIC, MEBOER /T ONT 4 =Dty MBAEINTVWET, £, &£70/)857 1 —I2id
T—=HRINHOFET, —~RNBT—FROEE., 757, £REIXFIOHE. 7087 4 — DR E 5]
FICIEL WTF—FRICEREINE T, BEMICRETERVESIIT I -2 %ELET., TRUCHL., 7o
INT 4 —Z M8, Discard., PairAndDiscard. BXN IncludeAsText DX DA RNZEOHPH ZFEEL TV
L5ZEHHVET, ZOHE. @HENOENMEONLHEBICTI—IZRVET, 75787 0/87 1 —Id.
true BEW false ODEZEFHL THAAENDIDN, RESNDLENDH D F9 (0ff. OFF, off. No.

NO. no. n. N, f. F. false. False. FALSE. F7/21% 0 R EBMEORERICEHBIINT TN, T O/)X\5 4 —

%7 % JanNF4—-UT7vL>A T8



EOFHAIAARFICT T —MNEATIEEDHVET., TOMOEIZTITRTEERARINET, true &
false T B L., ZHLARBEIDEITISNETD), ZOHA1 Richa2RT—7)IL Tl #iElk 7o/
T4 —3FDEE [ 7O/NTr—DFH Mic, FHEREEDICREHBINTNET,

HiED/—F - TANRT 14—

¥%<OT0/NT 4 —7, IBM SPSS Modeler DT RTD J— K (A—/N—/— K& THEIZMHD

NTWET,

x40 HFHD/— K - TONT 14—

Fans 1 —4 T—yM TuNnT 1+ —OHY

use_custom_name flag

name string AR —LEE LD ) — RAERGHRE
TOHARAAHEHTO/NT 4 —TT
(HEE T ——3%7E).

custom_name string )= ROHNAH NA—F—FE) 4%
RELET,

tooltip string

annotation string

keywords string FT7 Yl MBEEMT SN TS F
—TJ—R0DU A b ZHET 2 MEEA
0w T (fl: ["Keywordl"
"Keyword2"]).

cache_enabled flag

node_type

source_supernode
process_supernode
terminal_supernode

27T NHIZRETHTRTD /) —

) —REHIATZEIBRTS720IC
HH SN D HAABEH 708 T ¢
—, FIZIEX. /— K% real_income
"BE D BAWZITTERT 2D D
IZ. userinputnode E7/zIX
filternode DL S5 1 JTHET
5ZEHTEET,

A—/N—/—REHFOTONT 1+ —id, o/ —REFRIC, BRNCHAL X,

FEL<IE. PEVZ

25 X=2 D 15 19 B Z—/N\—/—ROTO/)NT 41— [EBRLTI I,
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% 8 E Stream 7O/NFT 1 —

27T MK, SEIERA NI —L20TONT 4 —2HHTEENTEET, AMU—L20 7T/
T4 =BT, LTSk, AV T EFHT57200ETAY Y RERETHILENDD F
‘a—o

stream = modeler.script.stream()
stream.setPropertyValue("execute _method", "Script")

1

J—R JoaNF4—2HERAL T, BEOARN)—LAKNDOE ) — RBBRINET, KOAKY—L « A
U7 Mz, 2oflERLETD,

stream = modeler.script.stream()
annotation = stream.getPropertyValue("annotation")

annotation = annotation + "¥n¥nThis stream is called ¥"" + stream.getlLabel() + "¥" and
contains the following nodes:¥n"

for node in stream.iterator():
annotation = annotation + "¥n" + node.getTypeName() + " node called ¥"" + node.getLabel()
+ II\IIII

stream.setPropertyValue("annotation", annotation)
ZOFITIER, /—8 JanNs4—=FHLT. AR —LANOITXRTO/—ROYUY A MEERL., DU
AREZRN)—LDOERICEZALTVWET, ZOFERIT. ROXDITREDET,

This stream is called "druglearn" and contains the following nodes:

type node called "Define Types"
derive node called "Na_to K"
variablefile node called "DRUGIn"
neuralnetwork node called "Drug"
c50 node called "Drug"

filter node called "Discard Fields"

AR —=LDTOINT 4 —EROERITRLET,

41, Stream 7O/NT 4 —:

Jans 1 —t TR Tang ¢ —0HY
execute_method Normal
Script
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#41. Stream TO/NT 4 — (FEZ):

Jans 1 —%

F— 5

Tans 1« —oHW

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD. YYYY"
"DD.MON. YY"
“DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
“DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

date_baseline

number

date 2digit_baseline

number

time_format

"HHMMSS"

n HHMMII

IIMMSS n
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

time_rollover

flag

import_datetime_as_string

flag

decimal_places

number

decimal_symbol

Default
Period
Comma

angles_in_radians

flag

use_max_set_size

flag

max_set_size

number
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41, Stream TO/NT 4 — (FEE)

Fany 1 —t TR TaNT 4 — OB
ruleset_evaluation Voting
FirstHit

refresh_source_nodes flag A BU—LFETRIZ, AT/ —RZ&EA
BIICY 7Ly 2 a T BDICA L
£9.

script string

annotation string

name string F o7 ONT 4 —ITFAID HH
TY. AMU—LHEEETDHHE
13, A TIRET DBENRH D ET,

parameters 2H > R7BAY AZUTRHNS A
RU—L - 85 A—5 —ZBHT 55
BT, ZOTONT 4 —EHFALE
kR

nodes FHFL T EZZRL T30,

encode SystemDefault

"UTF-8"

stream_rewriting boolean

stream_rewriting maximise_sql boolean

stream rewriting optimise clem_ boolean

execution

stream_rewriting optimise syntax_ |boolean

execution

enable_parallelism boolean

sql_generation boolean

database_caching boolean

sql_logging boolean

sql_generation_logging boolean

sql_log_native boolean

sql_log_prettyprint boolean

record_count_suppress_input boolean

record_count_feedback_interval integer

use_stream_auto_create_node_ boolean true DHHIFA MU —LEHOFEN

B FHEINET. e OHBEIRLI—
P—REPHHENET,

create_model_applier for new_ boolean true OHFEH. T - EILY =2 L

TN

WETIVEIERTDEET VT4 T
BEH N RTNL HLWET
WV 7T I —BEMmEINET,
7£: IBM SPSS Modeler Batch /N—3
a2 15 ZHEALTWSEAEIL. A
U7 NANTHRICETIV 7751
YEEBMT2HLENHDET,
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#41. Stream TO/NT 4 — (FEZ):

Jans 1 —%4 F—HH TaNT 1+ —DFHW]
create_model applier_update links |createEnabled ETIN - TTIA4YV— - /—ROHH
createDisabled EMFITIERT 5 ) > 7 OREgE % %
doNotCreate
LE7.
create_source_node_from builders |boolean true DHFH. V—A - EILF =D L

WY — 2T ZER T B EEICT VT
4 TIREHY >Nz, #Hin
AT — RGBS NET,

create_source_node_update_links

createEnabled

AN — ROHEBEMRFIZIERT 2 Y

createDisabled O OfEEEERLET.
doNotCreate
has_coordinate_system boolean IN% wue ITREITHE, APU—
LERICERERDNEH S NET,
coordinate_system string BEIRE NI BEEER D AT
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FTIOE AN/ —FO7ONT1—

AN/ —FoRxBETOANT 4 —
FTRTOAN/—RICHBE TS TO/NNFT 4 —2RIC—EIZLET, TORIZ, BED /— RICBET 2 EHRMN
HEET,

%l 1

varfilenode = modeler.script.stream().create("variablefile", "Var. File")
varfilenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
varfilenode.setKeyedPropertyValue("check", "Age", "None")
varfilenode.setKeyedPropertyValue("values", "Age", [1, 100])
varfilenode.setKeyedPropertyValue("type", "Age", "Range")
varfilenode.setKeyedPropertyValue("direction", "Age", "Input")

il 2

DA YT M BESINET—F 7710, BEITOXFHN%EZKT Region EWD 7 4 —)V RIvE
FNTNWBZ EZRTEELET,

from modeler.api import StorageType
from modeler.api import MeasureType

# Create a Variable File node that reads the data set containing

# the "Region" field

varfilenode = modeler.script.stream().create("variablefile", "My Geo Data")
varfilenode.setPropertyValue("full_filename", "C:/mydata/mygeodata.csv")
varfilenode.setPropertyValue("treat_square_brackets_as_lists", True)

# Override the storage type to be a list...
varfilenode.setKeyedPropertyValue("custom storage type", "Region", StorageType.LIST)

# ...and specify the type if values in the list and the Tist depth
varfilenode.setKeyedPropertyValue("custom Tist_storage type", "Region", StorageType.INTEGER)
varfilenode.setKeyedPropertyValue("custom Tist depth", "Region", 2)

# Now change the measurement to indentify the field as a geospatial value...

varfilenode.setKeyedPropertyValue("measure type", "Region", MeasureType.GEOSPATIAL)

# ...and finally specify the necessary information about the specific

# type of geospatial object

varfilenode.setKeyedPropertyValue("geo type", "Region", "MultiLineString")

varfilenode.setKeyedPropertyValue("geo coordinates", "Region", "2D")

varfilenode.setKeyedPropertyValue("has_coordinate system", "Region", True)

varfilenode.setKeyedPropertyValue("coordinate_system", "Region",
"ETRS_1989 EPSG Arctic_zone 5-47")
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F42. V=X - /—RoH@m7o/NT 1 —:

Tuny 1 —t T TOaNnT 4 — O]
direction Input T4 =) ROBEOF—TO)NT 4 —,
Target HEHAEK -
Both NODE.direction.FIELDNAME
None E: fE In & out BEIEENELL, BDOU Y —ZXT
Partition I3 AR— MR NS HENH D £T,
Split
RecordID
type Range T4 =V ROF—=F8, ZOTO/NT 4 —% Default 1Z
Flag RETDHE, values TONT 4 —IZBET DT RTOMIL
Set HEIN, value_mode & Specify WZFRET D&, TN
Typeless Read 12Vt bEINET, value mode 7% Pass E7zld
Discrete Read DN TIZRESNTWEHHEA, type OREITES
Ordered Set THEEZTHTEEIHOER A,
Default HAEX -
NODE. type.FIELDNAME
storage Unknown T4 =V RDANL— « A THHHAAFEHF— -
String TaNT 4 —,
Integer AR
Real NODE.storage.FIELDNAME
Time
Date
Timestamp
check None T4 =R - ZA T EHBHOREBEHADOF— - TONFT 4
Nullify %
Coerce fFEHAERK
Discard NODE.check.FIELDNAME
Warn
Abort
values [fE fE] HEA i) 70—V ROBE., RO R/ME T
BOMPRKMEIZ/AD ET, £ (2y M) 74—
RFOHE., TXRTOMEEEL LT, 77 7HMOEGE,
WP DAED false (1) % . LMD true (3) ZHRLE
T, ZOTONT 4 —ERXET SHE, value_mode 7T/
T A —DENEHEIIC Specify ICFREINET, AL —
JiE. VA NORYIOEICE DIV THRED T, flx
. &AW DD string DEE. A ML —I1d Suing 1Z7%
EINET,
AR
NODE.values.FIELDNAME
value_mode Read RKDT—4 DZFIEURIZT ¢ —)V RICEZERET DH
Pass HBERELET,
Read+ HAEX
Current NODE.value_mode.FIELDNAME
Specify ZDTTINT 4 —IT Specify ZHEBITIIHETERNT &

WCHEELTLZES W, BEOEZMEHT 5I21d. values
TaNT 4 —ERELET,
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F42. V=X - J—RoH@ETO/NT 1 — (#Z):

Fany 1 —t TR TaNT 4 — DY
default_value mode Read TRTOT A= RIBEEZRET DDDOT 74 hD
Pass FEERELET,
HABL
NODE.default_value_mode
COBREIZLDEEDT 4 — IV ROFEEIX. value_mode
TONRT 4 —EEHTSEEA—N=F1 RENHTEN
HVET,
extend values flag value_mode A% Read \ZF%E S NHBITEASINET,
HLULSHBANLEZ, 74 —)V ROBHFOMEIZEMYS
DHEE. T 2RELET, ML<THARAALLEZES
LT, BEFOEZEETHHAIE. F 2RELET,
HEAE
NODE.extend_values.FIELDNAME
value_labels string I N)VOIREICHERLET, BiEZEITHELET,
enable missing flag EHRELEBS. 74—V ROXRIBMEOBHNE I

TOET,
AR
NODE.enable_missing.FIELDNAME

missing_values

[value value ...

]

RIET—HZRTT—IEEEELXT.
AR
NODE.missing_values.FIELDNAME

range_missing

flag

TONRT 4 —IN T ITRESINTVWSHEE, 74—V RIC
RIEME (Z2H) OHIFANERZR SN TNEINEDINEIREL
S

AR

NODE.range_missing.FIELDNAME

missing_Tower

string

range missing ME (true) OHFH. KIBMEHIPH O T IRME
EHERELET,

AR

NODE.missing_lower.FIELDNAME

missing_upper

string

range missing 2VEL (true) DIFE. KRIBMEEEHO LR E
EHEELET,

AR

NODE.missing_upper.FIELDNAME

null_missing

flag

ZOTONT 4= T IZRESINTNWDE, ) (V7T
R 7 Tid $null$ &L TERINDREREM) 1IRIE
EERZINET,

HAER

NODE.nul1_missing.FIELDNAME

whitespace_missing

ZO7UNT4 =N T IKRESNTNDE, ZEAME (A
R—=A, #7, BLOYIT) 2T & EOEITRIEME B
ENET,

AR

NODE.whitespace missing.FIELDNAME

description

string

T4 =V ROV FZIFHPAOREICHEHL £,

w9 @ AN/ —Ro7anNsFs— 83



F42. V=R - J—RoH@E7To/NT 1 — (#Z):

MeasureType.DISCRETE
Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET
Typeless /
MeasureType.TYPELESS
Collection /
MeasureType.COLLECTION
Geospatial /
MeasureType.GEOSPATIAL

Tuny 1 — Ty TunNF 1 — O
default_include flag FTIFINNOUIEELTT =)V REBBIELNT 1
B —&INTBENDIREET HF— - T0/NT 1 —,
NODE.default_include
fi):
set mynode:filternode.default_include = false
include flag BT 4= REEHAT 2N T 4 IV —ZENTD0NERE
ERCE A s VAL AP
NODE.include.FIELDNAME.
new_name string
measure_type Range / ZOF—fFETO/NT 4 =&, T4 —)b RICBEEAMAT S
MeasureType.RANGE NFEREEZERTHEDIHATEDENIEHT, type
Discrete / CHEPILTWET, B ixbDiE, Python A7 Y 7 KT,

getter BAEUNH I MeasureType & IR 9 — 5 T. setter
BYELIC MeasureType fHODED 1 DZEET I EHTE
5ENDHTY,

collection_measure

Range /
MeasureType.RANGE

Flag / MeasureType.FLAG
Set / MeasureType.SET
OrderedSet /
MeasureType.ORDERED_SET

NET =)V R (RSN 0 DY) OFE. ZDOF—
frE7a/)87 4 =13, El a5 EICEEMA T s NZR
YA TEERLET,

Typeless /
MeasureType.TYPELESS
geo_type Point WHZEM T 0 —)V ROEE, ZOF—(r&7o/87 1 —
MultiPoint ZKD, 2074 =)V RINKTHILZERA T2 27 b D
LineString FATINEREINET, ZHUL, HOU X NOFS L%
MultiLineString BLTWDLRLENRH D ET,
Polygon
MultiPolygon
has_coordinate_system boolean HWIEZER 7 =)V ROBE, 20T T/NT 14—k D,
DT 4 =)V RIEERD D DM ESMINEFRSINE
@_0
coordinate_system string HPZEM T 0 — )V ROBH, ZOF—(fFET a7 41—

IZED, ZOT 4 =) ROMEERNERZINET,
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F42. V=X - J—RoH@ETO/NT 1 — (#Z):

MeasureType.INTEGER
Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP
List / MeasureType.LIST

Tuny 1 —t Ty A= VA R GO L |

custom_storage_type Unknown / ZOF—fFETaNFT 14—, 74— ROF—N—F
MeasureType.UNKNOWN AR ANL—VEEHETIHEDIHATELENS A
String / T. custom storage EFALIL TWET., HixsDid,
MeasureType.STRING Python A7 17 T, getter BIXUNHIZ StorageType il
Integer / ZiIRG—7 T, setter BI%EUIC StorageType fEDSHD 1

DEETIEHTELLENVNI/HTYT,

String /
MeasureType.STRING
Integer /
MeasureType.INTEGER
Real / MeasureType.REAL
Time / MeasureType.TIME
Date / MeasureType.DATE
Timestamp /
MeasureType.TIMESTAMP

custom_Tist_storage_type

AN 74 =V ROEE, ZOF—(&ET0/87 1 —IC
F0, HBELELEZEDOANL—Y A4 TRRESINE
ER

custom_list_depth integer

AN 74 =V ROYEE, ZOF—(&ET0/87 1 —IC
K0, 74—V ROBEINRESINET,

asimport 7O/NXT 1 —
Analytic Server AJJIZ& D . Hadoop 7387 71 )L -
‘i—a—‘o

1

node = stream.create("asimport", "My node")
node.setPropertyValue("data_source", "Drugln")

7243, asimport 7TINT £ — :

AT (HDFS) TA KN —AZETTDHIENTE

asimport FONT 1 — =y

TaNT £ —OFH

data_source string

F—=4 ) — ZADE,

cognosimport / — RO Z70O/NT 1 —

@

1

IBM Cognos BI AJ;/— Rl&. Cognos Bl 77— X—ANWET—%%A 2 h—FLET,

w9 @ AN/ —RoTansTs— 85



node = stream.create("cognosimport", "My node")
node.setPropertyValue("cognos_connection", ["http://mycogsrv1:9300/p2pd/serviet/dispatch",

True’ n II’ IIII’ IIII])
node.setPropertyValue("cognos_package _name", "/Public Folders/GOSALES")
node.setPropertyValue("cognos_items", ["[GreatOutdoors].[BRANCH].[BRANCH CODE]", "[GreatOutdoors]
. [BRANCH] . [COUNTRY_CODE]"])

# 44. cognosimport / — KD 7 0/NT 1 — -
cognosimport /— FD 70N

TA— TR TanT 1 — O
mode Data Cognos BI T—% (T 74 )V ~) £/IL R
Report —hEA RN TEINEIDEEEL F
E
cognos_connection ["XFH" T Z T FA Cognos T —/N\—DER DM E S 2 ~
SCFF ICF] O7)NT 14—, BWRIIUTDEBDTY,

["Cognos_server URL", Togin_mode,

"namespace", "username", "password"]

ZZT.

Cognos_server URL 1&. V— AWM N T

W% Cognos —/N—® URL TT,

Togin_mode (. EATT A > ZMHAT S0

EOMZERL. true /213 false ODWVWITH

MIZIZDET, true ITRETDHEAIL. LA

TOET 4= REKT " TEEL T

=,

namespace (5 —/N—~DOZF L IHEHT

LtFa) T —RiE S ONAFERLE

KD

username HBL N password |& Cognos H—

N=IZOTF > HICHERT 51—8%—%

ENAT—=RTY,

Togin_mode DfRHVIZ, LLFDE— Rbffi

FTEETT,

 anonymousMode, f:
['Cognos_server_url', 'anonymousMode',
"namespace", "username", "password"]

» credentialMode, #i:
['Cognos_server_url',
'credentialMode', "namespace",
"username", "password"]

» storedCredentialMode, i
['Cognos_server url',
'storedCredentialMode’,
"stored_credential_name"]

Z Z T, stored_credential_name (&, U
R RYU—NTOD Cognos DEKIERD %
HINGERE
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#244. cognosimport /— RD T O/NT ¢ — (FZ)
cognosimport /— RK@® 70/
TA— F—F il TanF 1+ —OHM

cognos_package_name string T—=H ATz hEA R TN
Cognos 7—% V) —Z (BA¥IIT—F X—
) DNNAB LA RiZHlERLET,
/Public Folders/GOSALES

E: AT aDBHNEINTT,
cognos_items ["field", "field", ... ,"field"] A>B—R T2 | DELIFERDF—F -
FT2 T SO field DRI,
[namespace).[query_subject].[query_item] T

ER

cognos_filters field FT—FEA R NTDRNCEATZ T 4
& — D44l

cognos_data_parameters list F=HDTOAY Tk XTA—F—DfE., %

AT EEDORTIIKFEIMTH A, BEOXT 1T
O TRYD, SCFHNERIEKHFEIN TP A

ES

EHA

[["paraml", "value"],...,|"paramN", "value"])
cognos_report_directory field LIR—=h2A2R=—FF5 745 —%721F

N =D Cognos /N A, KICHIZRLE

E

/Public Folders/GOSALES
E: ATV aADANERTT,

cognos_report_name field AR —=F 2L HR—bDLER—DIEN
128 5 /8 A & 44T,
cognos_report_parameters list LIR—h - XTI A—F—Dfl, AFiEEDN

TIEREMTHEA, EHORTIFTa T TK
Yo, XFEINEREIREMTHAE T,

=1
[["paraml", "value"],...,|"paramN", "value"])
databasenode ZO/XF 1 —
F—HX—A + /—RiZ. Microsoft SQL Server. DB2. Oracle 7% & ODBC (BT —4 X—
AR EFHTASIEIERBN T —INET =Y EA R— T HDIHHTEET,

1

import modeler.api

stream = modeler.script.stream()

nnode = stream.create("database", "My node")
node.setPropertyValue("mode", "Table")
node.setPropertyValue("query", "SELECT * FROM drugln")
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node.setPropertyValue("datasource", "Drugln db")

node.setPropertyValue("username", "spss")
node.setPropertyValue("password", "spss")

node.setPropertyValue("tablename", ".Drugln")

%45, databasenode 7'T/NT 4 — :

databasenode 7O/ F 1 — F—5m Jans «—o0HMm
mode Table FA47as - Ry 7203 hOo—)LEFHL
Query TT— I RN—RAITHERT BT, Table ZHRE
LE9d, SQL 2L TRIRIN/IzT —F X—
AN TY—ZfTDI2IE. Query ZIEEL £
ER
datasource string FT—IN—2% (FREDIEEES).
username string T = N—ZEFHEOFEM (TrROFEEZ22R),
password string
credential string IBM SPSS Collaboration and Deployment
Services IZRE SN TV D ERIEHRMDAHT.
DT T)NT 4 —1d. username F/NT o —%
password 7 /XF ¢ —DRHVIZHEHT S Z
EIMTEET, BREFEROLI—TF—HENAT
—RiZ, T—IR=RIT VAT DHdDL
—HF—HENAT = RIZ—H L TWERLEND
DET,
use_credential True E721d False ITRRELET,
epassword string AU T NNTNAT—REN—RI—RET
HRH0IZ, T>OI—RINENRAT— REHE
FLET,
FELLIE. FEw I3 RX=20 TREH{E/N K]
J—RQAER] 2L T<ESWn, Zo70
INT 4 —ld. FITRHCE A0 FEHICRD £
@_0
tablename string 70 AT B T—T I DR,
strip_spaces None XFEHNORIED AN —AZHHET H=20DF T
Left D= I G
Right
Both
use_quotes AsNeeded DI —%T—IR—AEETEHEEICT—
Always TN EFNZEFI G THONESMEEE L
Never T WAL, TN EFNZITAR—AR
HFENEENTND LI REE).
query string HEETHITY—%KT SQL I—RZEHEEL

ES

H: T X—2% (datasource 7O/8T 4 —W) 1T 1 DUALEDAXR—Z, EUAF R ( KIERF] EBIE

END), TR TRNEGEENSHER.

MMEcs & —EG AR BLZ2EHL T 2275 e L THR

DT EMNTEET, HIAIX., "{¥"db2v9.7.6 Tinux¥"}" F7/=Id "{¥"TDATA 131¥"}". X 5IT. datasource
XFHNOMEIEHE IR OB DX DI ZERI A/ EHPFEINTHAE T, "{¥"SQL

Server¥", spssuser,abcd1234,false}",
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H: T—FRX—24 (datasource 7 O/NFT 4 —H) ICTAR—ZANEGENDHE. datasource. username. H
KW password OfEFHIDO 7T/ T 4 —DROVIZ, ROEATHE DT —% V—R TONT7 4 —&{HHT
5ZEHTEET,

# 46. databasenode 7'T1/NT 4 — - datasource [FEA :

databasenode FT1/XF ¢ — F— FTaNT £ — DR

datasource string £

[database_name,username,password[,true |
false]]
BEEENAT—REMALEZNWSITIA—=F—T
T, true WERFET D E, /AT — ROME AR
I EbEINET,

T8 )= AEEETLEE, COBRAEMEHLEY, ZEL, 2P —AFLEINAT-RELEET 2
B&. username 7 /XF ¢ —E 7213 password T O/NT 4 —ZEFHTEET,

datacollectionimportnode Z70/\F 1 —

I/‘\ Data Collection 7—%4 « A > AR— b « /— Rid, GHAERMS THEASINS Data Collection
| ) Data Model IZEEDWgHET—5 %2 >AR—hLET, 2O/ —REMHHATSI2IE, Data
b Collection Data Library 231 > A F—)LINTVWDRBHENH D ET,

1

node = stream.create("datacollectionimport", "My node")
node.setPropertyValue("metadata_name", "mrQvDsc")

node.setPropertyValue("metadata_file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("casedata _name", "mrQvDsc")
node.setPropertyValue("casedata_source type", "File")
node.setPropertyValue("casedata file", "C:/Program Files/IBM/SPSS/DataCollection/DDL/Data/
Quanvert/Museum/museum.pkd")

node.setPropertyValue("import system variables", "Common")
node.setPropertyValue("import multi response", "MultipleFlags")
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%47, datacollectionimportnode Ta/)NT 4 —

datacollectionimportnode FTI/NF ¢

- F—yM TaNT 4 — O]
metadata_name string MDSC D#4Hi. ¥EPE72MED DimensionsMDD
1%, FEUER7D Data Collection A% F—%4 « R
FaAINMEHINAHEDHSHZ EZRL
£9, ENT. ROEZEIFETETET,
mrADODsc
mrI2dDsc
mrLogDsc
mrQdiDrsDsc
mrQvDsc
mrSampleReportingMDSC
mrSavDsc
mrSCDsc
mrScriptMDSC
FFER72MED none X, MDSC M2 Z EZ&RL
S
metadata_file string AY T =P IND T 71 IV Diil.
casedata_name string CDSC D, HHTELMIILFOEBDT
K
mrADODsc
mrI2dDsc
mrLogDsc
mrPunchDSC
mrQdiDrsDsc
mrQvDsc
mrRdbDsc?2
mrSavDsc
mrScDSC
mrXm1Dsc
Fik72M6 D none 1d. CDSC M72WZ &Z&RL
ESr
casedata_source type Unknown CDSC DY —RA « ¥4 T&RLET,
File
Folder
ubL
DSN
casedata_file string casedata_source_type 2\ File D& &I, 7—
A T—=INEFEND T 7 AIVERELET,
casedata_folder string casedata_source type 7\ Folder D& &EIZ, 7T
— A TIDNEEND T AN —ERELE
K
casedata_udl_string string casedata_source_type # UDL O & ZIT. 77
— A TINEFENDT—F - —AD=D
@ OLD-DB ##i X752 taE L £,
casedata_dsn_string string casedata_source_type 7% DSN O &&EIZ, T

—4 ) —=2AD=HD ODBC ki L TH %45
ELET,
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# 47, datacollectionimportmode 7 T/NT 4 — (f£) :

datacollectionimportnode FTINF ¢

- T TanNT 4 — O]
casedata_project string Data Collection 7—% RX—ZAMNE/r—ZA + T—
Y EGmAHIADEEIZ, OV hOARTE A
NTEET., ZOMOr—A + T—5 DT —%
BIZONWTIE, COREEZZEADEIRIILTH
SWEMHDET,
version_import_mode ATl BZEN—2a POMOPFNHEEERLET,
Latest
Specify
specific_version string version_import_mode 7% Specify D& EIZ, A
SHR—REINBT—A - T—HIDN—Va
EHXELET,
use_language string BESHEO I NIVIMER I NZHENH DINE
IMEEHZLET,
Tanguage string use_language ZVEL (true) DG, AR
ITHEHI—REERLET, FHI— NI,
T—A - T=HINTHMATEZSHD 1 DITT
SEINH D ET,
use_context string WEDIAZTFARNANENSLEND B0
EONEERLET., A>TFANMI IBEIC
BT 5 E S bS5 DI NE
KR
context string use_context ME (true) DHFH. ANT 53>
THFANEERZLET, A>FTFAMNEL F—
A« T—HNTHHTZSHD 1 DIZT 24
FENHDET,
use label type string FEDITN) FATINANSN20END S
MEINEERLET,
Tabel type string use_label type 2YE (true) DIFH. ANT 5
TR - AT EERLET. TNV -1
X, r—Z - F—HYNTHHATESHD 1 D
2T 2ENHD LT,
user_id string BRI O T A N BE IR T — 8 R— A DY
BT AL T VAT B DIL—
P— ID ENAT—RERETEXT,
password string
import_system variables Common AR—FSINBI AT LEREREL LT,
None
A1l
import_codes_variables flag
import_sourcefile_variables flag
import_multi_response MultipleFlags
Single
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excelimportnode 7O /XT 1 —

Excel 1 > iR— b /— RlZ. Microsoft Excel 705 xlsx 7 7 A IIWVERTTF—F %21 >R—hKL
EXGET %£9. ODBC F¥—% + V) —ARFRETT,

o

il

#To use a named range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file_type", "Excel2007")
node.setPropertyValue("full_filename", "C:/drug.x1sx")
node.setPropertyValue("use named range", True)
node.setPropertyValue("named range", "DRUG")
node.setPropertyValue("read field names", True)

#To use an explicit range:

node = stream.create("excelimport", "My node")
node.setPropertyValue("excel file type", "Excel2007")
node.setPropertyValue("full filename", "C:/drug.x1sx")
node.setPropertyValue("worksheet_mode", "Name")
node.setPropertyValue("worksheet _name", "Drug")
node.setPropertyValue("explicit_range start", "Al")
node.setPropertyValue("explicit_range end", "F300")

# 48. excelimportmode 7'T/NT o — :

excelimportnode 7' TI/NF ¢ — F—5H FONT 4 —DF
excel file type Excel12007
full_filename string NAZZFE, BRIBT 71 N4,
use_named_range Boolean BRI SN B ZHHT 2N ES N ZiEE
LEd. EDOBE. GimADHIPEZIEET 20
IZ named_range ZL/NT ¢ —MEAH I, &
DD T —27 > — & F—% HP O E TS
SNET,
named_range string
worksheet_mode Index T=0 =MW 2Ty I ATERINTND
Name DA (Index). EZIZARTTERSNTNSD
7 (Name) ZfREL £,
worksheet_index integer MAADRET =T 2= DA 2T w7 A, W
MOT—r—RME 0. 2 FHIZ 1. EWwo &K
ITA T I AR LET,
worksheet_name string MARADNET =2 2 — b DA,
data_range mode FirstNonBlank HiPH DWRIE HIEEEEL ET,
ExplicitRange
blank_rows StopReading data_range _mode 7\ FirstNonBlank O & E 1T,
ReturnBlankRows ZEEfT OIE L Z R EL £9,
explicit_range_start string data_range mode 7% ExplicitRange ® & E1Z.
AR DHH ORI R ZEE L £9.
explicit_range_end string
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# 48. excelimportnode 7' T/NT 1 — (FE )

excelimportnode 7' TINTF ¢ — F—& R FONT 4 —DF
read_field names Boolean FRE S NLHBEORIDITNT 4 —IV R (F)
HELTHEHEINDENESNERELET,

fixedfilenode Z70O/X\F 1 —

EER/— KT BEE74—IVR - FFAL s Ty A ST —F %A 2 R—FLET,

EAE IT. 77 ANDT 4 =)L RERE SN TWERAMN, FUMENSHEE-> TESRETEEN
TWET, A2Ea—F—HRKOF—P. HERDIATFLDT—¥12E1F. LIELIEEEE
T4 = RBRTHRESN TR,

1

node = stream.create("fixedfile", "My node")

node.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")

node.setPropertyValue("record Ten", 32)

node.setPropertyValue("skip_header", 1)

node.setPropertyValue("fields", [["Age", 1, 3], ["Sex", 5, 7], ["BP", 9, 10], ["Cholesterol",
12, 221, ["Na", 24, 251, ["K", 27, 271, ["Drug", 29, 32]1)

node.setPropertyValue("decimal_symbol", "Period")

node.setPropertyValue("lines_to_scan", 30)

7249, fixedfilenode 7 /NT A — :

fixedfilenode 7T1/)XF 1 — T TONT £ —DH
record_len number HL - RO TREZHREELET,
Tine_oriented flag #LIA—ROKBOKITXFEAFYy T LE
ERS
decimal_symbol Default T = ATHDN TN S /NE R F.
Comma
Period
skip_header number ROIDOL I— ROFETEMET 275 aEEL
£9. FIRMLZEZERTL2HEREITELB X
ES
auto_recognize datetime flag ANT—4 QAN E73RLE AR E T
LHINESIMERELET,
lines_to_scan number
fields list gL 70T 1 —,
full_filename string HAABT 7 ANDT 4 LT B —ZEVTER
ACZE:IN
strip_spaces None A 2R — MR SCF N D i D A X — A & 5
Left L9,
Right
Both
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#49. fixedfilenode 7/NT 4 — (FEZ)

fixedfilenode FONTF ¢ —

F—H

TaNRT 1 —DFW

invalid_char_mode

Discard
Replace

T8 ANDERIERF (X, 0. F13E
FEDL > a— RHPIZEEL TWARWT) &7
— S AN SHIFRT 5 (Discard), 18T S 3172
| XFDORBE TAERYFEBEESHAET
(Replace).

invalid_char_replacement

string

use_custom_values

flag

custom_storage

Unknown
String
Integer
Real

Time

Date
Timestamp

custom_date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
“MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
“MM.DD. YY"
“MM.DD. YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
“MM/DD/YYYY"
"DD/MON/YY"
“DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

Zo7TaNT 4=, HAY L (A= —E)
AP L=V ESNIEAOABHEINE
@_0
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#49. fixedfilenode 7'O/NT 1 — (FEZ)

fixedfilenode FONTF ¢ —

F— 5

pARVAL R RO E:|

custom_time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)m"
"(M)M. (S)S"

ZOTaNT 4 —ld. AT L (A—T—RE)
AN =N EESNAGEOAHEMEINE
ER

custom_decimal_symbol

field

HARE I (=T —FKE) AL —VNEES
NHHEOHEHENET,

encode

StreamDefault
SystemDefault
"UTF-8"

THFAPDI>OA—REZREELET.

gsdata_import / — RO Z7ONT 1 —

Xy T T PHMER T - R T8 XA kv ia VICRDATNCIE, HIBRZERE A
/) —FREERLET,

# 50. gsdata_import / — KD 7 O/NT 1 —

gsdata_import /— ROQTOunNF 11— |F—&Hl TaNT ¢ — DN

full_filename string O—RLUZW shp 77 A IVDNNAEATILET,

map_service URL string BERo~xy 7 $—EZ® URL Z AL ET,

map_name string Zo7aNnNT 4 —IZiF, ¥y T —EZDFK A

DT I —REEDEMENET (map_service URL
EHEAT 5 DH).

sasimportnode ZO/XF 1 —

SAS T >R—bk +« /—RT. SAS 7—4 % IBM SPSS Modeler " > R—hFL X7,
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node = stream.create("sasimport", "My node")
node.setPropertyValue("format", "Windows")
node.setPropertyValue("full_filename", "C:/data/retail.sas7bdat")
node.setPropertyValue("member_name", "Test")
node.setPropertyValue("read _formats", False)
node.setPropertyValue("full_format filename", "Test")
node.setPropertyValue("import names", True)

#51. sasimpormode 7'T/NT A — .

sasimportnode 7T1/NTF ¢ — F— FTOANT £ — DR
format Windows 12 R=bT27 71D,
UNIX
Transport
SAS7
SAS8
SAS9
full_filename string NABED., FRBT 7). TOH4RTE
ANLET,
member_name string HELZ SAS hT 2 AR—b - T AN 5
A2R—=bTBAN—ZHFELET,
read_formats flag fRESNEZRXT7 v E, T &
BN E) ZRAHBABET .
full_format_filename string

import_names

NamesAndLabels
LabelsasNames

A R —MFICBEA EL B TNV ET Y E
T8 5 hkEREELET.

simgennode ZO/XF 1 —

TEXY, Z0EE, - —EDORIDMEEH L TRANSERT 20, BEFEORET

YIal—ra ER/-RIZED. YXal—2a HEOTF—F EEBIERT 5T LN
5

—HIHL Ty Ialb—2a G/ — ReFET LTRSS Z/HA L THERITAERT
HIEMTEXRT. UL, ETINDOANITARMEENEN B 2R TFHITET IV OFER 279
B EZIMENTY,

# 52. simgennode TI/NT A —

simgennode 7O/ TF ¢ — F— TONT £ — DB

fields g7 a8 T 4 — tlz=Zg

correlations gk 7 o/NT ¢ — =2

keep_min_max_setting boolean

refit_correlations boolean

max_cases integer B/MEI 1000, HAKEIL 2,147,483,647
<7,

create_iteration_field boolean

iteration_field_name string

replicate_results boolean

random_seed integer
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# 52. simgennode T/NT A4 — (§):

simgennode JTI/NT ¢ — F— TONT £ — D3
parameter xml string INTA—%— XML ZXFFELTRL
ESC

fields D
ZHE, LT O ZEHEHAT M EbINA0y b )NT A= TT,

simgennode.setPropertyValue("fields", [
[fieldl, storage, locked, [distributionl], min, max],
[field2, storage, locked, [distribution2], min, max],
[field3, storage, locked, [distribution3], min, max]

1)

distribution I&. HHHDES L. THUHS . BEOAREEOXRTZEELY A MTY ., E0MHITRD
SIERINET,
[distributionname, [[parl], [par2], [par3]]]

simgennode = modeler.script.stream().createAt("simgen", u"Sim Gen", 726, 322)
simgennode.setPropertyValue("fields", [["Age", "integer", False, ["Uniform",[["min","1"],["max","2"]1]1],

BIZE, “HPMORE—T 4 =)V REEKT D/ — REERT L2012, KFOAZ U T MEFERT 5856
NHOET,

simgen_nodel = modeler.script.stream().createAt("simgen", u"Sim Gen", 200, 200)
simgen_nodel.setPropertyValue("fields", [["Education", "Real", False, ["Binomial", [["n", 32],
[Ilprobll’ 0.7]]]’ IIII’ IIII]])

TIEAAATIE n & prob @D 2 DONT A=Y —ZHEMLET, ST H/IMEE BARMEIEY R —
hEnd, EXFHELTESNET,

T¥: distribution ZEBERETDIEIITEETY A, ZHUL. fields 7ONT 4 —EEBHIHHLET.

DTFOHITIE, BEXALNDTXRTONMMY A T%ERLET, NegativeBinomialFailures &
NegativeBinomialTrial DG TL EWEMN thresh ELTANINTWAS I EIZEEL TSI,
stream = modeler.script.stream()

simgennode = stream.createAt("simgen", u"Sim Gen", 200, 200)

beta_dist = ["Fieldl", "Real", False, ["Beta",[["shapel","1"],["shape2","2"11], "", ""]

binomial_dist = ["Field2", "Real", False, ["Binomial",[["n" ,"1"],["prob","1"]111, "", ""]

categorical_dist = ["Field3", "String", False, ["Categorical", [["A",0.3],["B",0.5],["C",0.2]1], "", ""]
d.lce_d.lst = [IIF.ie'|d4ll, IIRea'lll, Fa'lse, [IID.icell, [[Illll ,“0.5“],I:“Z“,“O.S“]]], IIII, IIII]

exponential_dist = ["Field5", "Real", False, ["Exponential", [["scale","1"]]], "", ""]
fixed_dist = ["Field6", "Real", False, ["Fixed", [["value","1" 111, "", ""]

gamma_dist = ["Field7", "Real", False, ["Gamma", [["scale","1"], [“shape“ 111, o]
Tognormal_dist = ["Field8", "Real", False, ["Lognorma]" [[*a","1"1,["b","1" 111, s "

negbinomialfailures_dist = ["Field9", "Real", False, ["NegativeBinomia]Fai]ures",[["prob","O.S"],["thresh","l"]]], o]
negbinomialtrial_dist = ["Field10", "Real", False, ["NegativeBinomialTrials",[["prob","0.2"],["thresh","1"]]], "", ""]
normal_dist = ["Fieldll", "Real", False, ["Normal", [["mean","1"] ,["stddev","2"]111, "", ""]

poisson_dist = ["Fieldl2", "Real", False, ["Poisson", [["mean","1"]]], "", ""]

range_dist = ["Field13", "Real", False, ["Range", [["BEGIN","[1,3]"] ,["END","[2,4]"],["PROB","[[0.5],[0.5]]"]1], "", ""]
triangular_dist = ["Field14", "Real", False, ["Triangular", [["m1n "7, ["max" "1"] ["mode" “1"111, v, "]

uniform_dist = ["Fieldl5", "Real", False, ["Uniform", [["min","1"],[" "

we.lbu'l'l_d.lst = I:IIF.ie'ldl6ll, IIRea'lll, Fa'lse, [Ilwe.lbu'l'lll I:I:II " IIOII] I:“b“,“]. II] I:II II Illll]]] IIII, IIII]

simgennode.setPropertyValue("fields", [¥
beta_dist, ¥

binomial_dist, ¥

categorical_dist, ¥

dice_dist, ¥

exponential_dist, ¥

fixed_dist, ¥

gamma_dist, ¥

lognormal_dist, ¥
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negbinomialfailures_dist, ¥
negbinomialtrial_dist, ¥
normal_dist, ¥
poisson_dist, ¥

range_dist, ¥
triangular_dist, ¥
uniform_dist, ¥
weibull_dist

1

correlations Dl

ZL, AP EFERT A ME I A0y b )XNTA—=FTT,

simgennode.setPropertyValue("correlations", [
[fieldl, field2, correlation],
[fieldl, field3, correlation],
[field2, field3, correlation]

1)

BT, +1 225 -1 ETOEBOHETTY . MBISBHELREIZTEET S IENTEXT, HESNTW
IROHBNE, TRT 0 ICRESNEKT . AR T 0 =)V ROEET 256, MHBEEIIHBETTY] (X3 H)
ETRETLDHENDD, RNTFAPTERRSNET. AR T 4 -V RBEFEET 256, / — R&eET
THILEETEREA,

statisticsimportnode ZO/\F 1 —

P IBM SPSS Statistics 7 7 f )b« /—RiZ, EUHEXEMFHT S IBM SPSS Statistics T &
( ) Ns sav 77 1A VHRDOF—F BL IBM SPSS Modeler IfREFENFvrvia - 771
N I EGRHIABET,

ZD/)—RO7T)NT 4 —IZDOWTIE, B21 XK= D [statisticsimportnode 7 0/NF 4 —J [ZEZHEK T TN
ij‘o

tmiimport / — RO 7ONT 14—
(D IBM Cognos TM1 A7]/— Rid. Cognos TM1 T—F X—AMNEF—4F %A > KR—hLET,

# 53, tmlimport /— RO 7 O/)NT ¢ —:

tmlimport /— RO ONF ¢ — F—& 1 TaNT ¢ —DFHN

pm_host string o N—=Y3 > 160 BEIY 17.0 DBEDH
RA M, ARl ERL £7,
TM1_import.setPropertyValue("pm_ host",
'http://9.191.86.82:9510/pmhub/pm")
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# 53, tmlimport /— RO TO/NT ¢ — ()

tmlimport /— RO ONTF ¢ — F—&# TaNT ¢ — D

tml_connection ["field","field", ... =3 160 BEU 17.0 DHEEDOH

,"field"] TMI1 H—N—OEHROFMEZEZL ) X ~o 71/

T4 = BRTKDEBDTY: [
"TM1_Server_Name","tml_ username","tml_
password"]
PARicHlzRL £,
TM1_import.setPropertyValue("tml_connection”,
['Planning Sample', "admin", "apple"])

admin_host string AEN—2a s 171 LA
REST API O7RA R4 @ URL.

server_name string EN—=Tar 171 DDA

admin_host MSER Lz T™M1 H—/N—D i,

selected view

["7 4=V R" " T —
W]

BRI N TML F2— T OFFfl &, SPSS ~AD T
—DA R=F 2T IF1—T Ea—D4il%
BLUAROTONT 4 —, LLFICHIZRLET,
TM1 import.setPropertyValue("selected view",

['plan_BudgetPlan', 'Goal Input'])

userinputnode 7O/XF 1 —

A—Y—AN/ —REFHTNE &IN5, HE5VEBHFOT Y EEEL T, kT —%

EMBIERTEET, UL EFUERAORET — 5ty MEERT 2587 S10a]
=5 %7,

il

node = stream.create("userinput", "My node")
node.setPropertyValue("names", ["testl", "test2"])
node.setKeyedPropertyValue("data", "testl", "2, 4, 8")
node.setKeyedPropertyValue("custom_storage", "testl", "Integer")
node.setPropertyValue("data_mode", "Ordered")

# 54. userinputnode 7/NT o — :

userinputnode 7T/XF ¢ — F— & FTANT £ — DR
data
names J—RICKVDEREINEZT 4 — IV REDY A K
ZRREEITRIHEL AT Y b,

custom_storage Unknown TA—IVEDA ML=V ZRET HMIET, F

String — 20w K,

Integer

Real

Time

Date

Timestamp
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# 54. userinputnode T/NT 4 — (FEX)

userinputnode 7T/NT 1 — F— R Tang 1+ —OHM
data_mode Combined Combined WHFEIN/ZHE. La—Rid, &
Ordered v M &R/ INRKEOENENMAEDEICD

WTAERSNET, ANzl a— REd3.
FNTNDOT 4 — )L EOEOEME DRI L <
72D ET, Ordered BIFESINZHE. T—%
TEAERT 27201, FLI—RORFINS 1
EHOMNESNET, EkcnNs L a— R
13, 74—V RIZBET T 5TV S RKDME
ICELLARDET, L0/MhSnWTF—FEzEHD
T4 =)V RIE. XIETHDSNET,

values E: 27 10/8F ¢ —13d userinputnode.data
ICEEMASNZD, HHLANWTES
W,
variablefilenode ZA/NT 1 —
— AR/ —RT, (JERET A —IVR - FTFAR - Ty, DEO T4 — IV REIT—ETHH
%H T4 =V RNOXFEMN R DL A—REBV T 7 ANNE, T aHHbhBEzd, 20/

1

node

node.
node.
node.

node

node

— Rl BEROANY Y=« TEANCHLHEDIENN DS 7 7 1IVICHFHATEET,

= stream.create("variablefile", "My node")
setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
setPropertyValue("read field names", True)
setPropertyValue("delimit_other", True)

.setPropertyValue("other", ",")
node.
node.
node.
node.

setPropertyValue("quotes_1", "Discard")
setPropertyValue("decimal_symbol", "Comma")
setPropertyValue("invalid_char_mode", "Replace")
setPropertyValue("invalid_char replacement", "|")

.setKeyedPropertyValue("use_custom values", "Age", True)
node.
node.
node.

setKeyedPropertyValue("direction", "Age", "Input")
setKeyedPropertyValue("type", "Age", "Range")
setKeyedPropertyValue("values", "Age", [1, 100])

# 55. variablefilenode 7'01/NT 1 — :

variablefilenode 7 T/\F 1 — T TOaNnNT 1 — O

skip_header number ®HID L O— RO THRAT 2 CFHEETE
LET,

num_fields_auto flag #ZLO—RD7 4 =)V RO ZE HEITRE L
£9, LO— PN, BT XFTROL2LENRD
D i@_'&

num_fields number HZLOA—FRDOT 4 =)V RO EFHTHEL £
ER

delimit_space flag Tr7ANDT 4 =)V REXYSLLTFEEEL E
KR
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# 55. variablefilenode 7'/NT 1 — (FEZ)

variablefilenode 7TI)NF 1 — F—HH TaNT 1t —DFHW]
delimit_tab flag
delimit_new_line flag
deTimit_non _printing flag
delimit_comma flag ZOHBE, ANXEFANI—LNTT 4 —IL B
DR L FEMRYVELFEOWMETH 57
®. delimit_other & true \ZFEL . other
TanT 4 —EFEAL. 3T ERYDEETE
LTHRELET,
delimit_other flag other 7ONF 4 —ZHHL T, HA¥ LKY)
DiLEEZ1—HY—NRETEET,
other string delimit_other 2% true WCEEINTNHEE
RSN ARYDEESZRELET,
decimal_symbol Default T—4 = ATHEDLDN TS /NIHEL S &5
Comma ELET,
Period
multi_blank flag BEOMETST I RO FE 1 DO
R0 EE L THNET,
read_field names flag T—4 + T 7 AINHOEYDITZHD T ) &
LTHODHFNET,
strip_spaces None A iR — NI SRS DR D AR — 2 2 W 3E
Left LET.
Right
Both
invalid_char_mode Discard T =8 ANMERIERIF (X, 0. £
Replace BIEOL > O— RHRIZHEIEL TWARWXT) %
T = AN SHIFRT %7 (Discard), HE S
72 1 XFORLF TARERL FEESMWMAET
(Replace),
invalid_char_replacement string
break_case_by newline flag TR LTFREITLTFTH L I E2fEEL X
KR
Tines_to_scan number BELET—YE8ZEAF v 2§ 27 EREEL
i‘a_o
auto_recognize datetime flag ANT—4 O AAFE IR = BN E T
LMESMERELET,
quotes_1 Discard A 2R — b TOHR—BIHFF OB HEZIRE L
PairAndDiscard £7,
IncludeAsText
quotes_2 Discard A 2 AR— N TOHSI OIS 1% % H55E L
PairAndDiscard ES I
IncTudeAsText
full_filename string HARBT 7 AINDT 4 LT M) —250%EE
AEAY: I
use_custom_values flag
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# 55. variablefilenode 7' /NT 1 — (FEZ)

variablefilenode 7T/NF ¢ —

F—HH

Tans o« —0HW

custom_storage

Unknown
String
Integer
Real

Time

Date
Timestamp

custom_date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q Yyyy

ww WK YYYY

HAG N (A=Y —RE) AL —IUDNRES
NAGE0HEAINET,
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# 55. variablefilenode 7'/NT 1 — (FEZ)
variablefilenode 7 T/\F 1 — F—m TOaNT 1 — O

custom time format "HHMMSS " NAZ L (A—F—FE) AL —INRES
"HHMM" N2LEEOHWEHENET,

"MMSS™"
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

""MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)s"
custom_decimal_symbol field ARG I (A=Y —FRE) AL —I0RES
N2BEOHMHAINET,

encode StreamDefault THFANDLYOA— RAEEBELET,

SystemDefault
"UTF-8"

xmlimportnode Z7O/XF 1 —

Zh)=D 1 DOT7 7 AINEREFITXRTOT 7 AIVEA > R—FTEFET., 723 >T.

XML AN/ —RZ@FEHALT, XML BROT—FEAR) =LA > AR—FTEET, T4 L
XML #i&EZ2HmAADAF—< Ty MV ERETEET,

1

node = stream.create("xmlimport", "My node")
node.setPropertyValue("full_filename", "c:/import/ebooks.xml")
node.setPropertyValue("records", "/author/name")

# 56. xmlimportnode 7'T1/NT 4 — :

xmlimportnode 7T/NF ¢ — F—& 1 TNy —DHH
read single HMDT—4 « Ty A I\ EHHHMAD (T 74
directory M2 T4 M) —HNOTRTO XML 7

7 AN EGHAABET,

recurse flag BELETALZ N —DFRTOYTT 4 L
7 bU—Mm5 XML 7 7 1V EBINTHRAAD
MEDIMNEEELET,

full_filename string (WF) 1 >HR—1FF D XML 7 7 A IVD5EE/N
ABXOT 71 )% (read = single DEFE),

directory_name string (WAZB) XML 77 )VEA > HR—TB574 L
7 MU — DR ABL USR] (read =
directory DEE).
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# 56. xmlimportmode 7T/NT 4 — (f):

xmlimportnode 7 T/NF ¢ —

F—H

pARVAL R RO E:|

full_schema_filename

string

XML & & FHAAL XSD 7 71 IV E=I

DTID 7 7 1 IVDEENABINT 71 I 4.

ZDONT A= —ZfFHTHE, HhiEE XML
AHT 7 AN EGHHIABET,

records

string

LaO—ROEREEFKT S XPath I (#i :
/author/name)e A1 7 7 A )VIZ Z DEFEINHI
FTHZTEIWZ, LWL O—RMERENET,

mode

read
specify

TRTOT—F ZimHMAE (T 74V )
FAADIHEE ZIEEL T,

fields

AR — N 2HEE (EEEEE OU XL,
UZNHNDET A T L& XPath T,

dataviewimport 70O/XF 1 —

1

stream

dvnode
dvnode.

F—4% ¥a— /—RT, 7—% Ea—DOF—4%% IBM SPSS Modeler i1 >HR—hFL =X

é% 7.

-

modeler.script.stream()

= stream.createAt("dataviewimport", "Data View"

setPropertyValue("analytic_data_source",

["","/folder/adv", "LATEST"])
dvnode.setPropertyValue("table_name", ["","com.ibm.spss.Table"])

dvnode.

setPropertyValue("data_access_plan",

["","DataAccessPlan"])

dvnode.

setPropertyValue("optional attributes",

[["","NewDerivedAttribute"]])

dvnode.

setPropertyValue("include xml", True)

, 96, 96)

dvnode.setPropertyVa]ue("inc]uderm]_fie]d", "xml_data")

# 57, dataviewimport 7 /NT 4 —

dataviewimport JTI/XF ¢ —

F—HH

Fangy o —0Hm

analytic_data_source

string

IBM SPSS Collaboration and Deployment
Services IZIRE INE/HT—% Ea— 7
Tz b NAKE EHTEZN=23 20N
—>ar 7N,

["Object ID","Full path", "Version"]
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# 57 dataviewimport 7 O/NT 4 — ($E )

dataviewimport JTINF 1 —

F— 7

pARVAL R RO ;|

table_name

string

ST —% Ea—THEHINET—% Ea—
T—T e T—TINHIE. Ny Tr— TEME
NTWDLRBENRHD XTI, IBM SPSS
Collaboration and Deployment Services
Deployment Manager 77 -1 7 > k735 BOM
ZI7AR—hL, TV AR—KENk zip 7
— 51 THD default.bom 7 7 A I EFHRD
ZEIRELT Ny F—YERETEET. N
v —4413. BOM Y IBM Operational
Decision Management (iLOG) M5 > R— K&
NEGEERE, IR U TRIFNIRD E£8
o

["Object ID", "Name"]

data_access_plan

string

DT —% Ea—Il5—F &HMtd 572012
FRENET—% 77 AFHH,
["Object ID", "Name"]

optional_attributes

string

HAADER S NZEIEDO U A b
[["ID1","Namel"], ["ID2", "Name2"]]

include_xml

boolean

XOM 1 2 AZ A T—=H%FDT4 =)V K&
FAIADY AT True. IBM Analytical Decision
Management @ iLOG / — RMFEHINZHE
ZhrE, HERINDFZET false T, TN

AT DHE, ZEOBMISUENIEES
HTEMBVET,

include_xml_field

string

include_xml 2% true IZE¥E S NAGEITEM
274 =)V RO,
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£ 10E Va—FRE/—FO7ANT 1 —

appendnode 7O/XF 1 —

—\ La— KM/ — KT, La— Koty MElfELET, La— GBI/ — KiZ. #issec
P> WEBBF— I RRAEDT—F -y NERBAEDEAIRLE T,

il

node = stream.create("append", "My node")
node.setPropertyValue("match_by", "Name")
node.setPropertyValue("match_case", True)
node.setPropertyValue("include_fields_from", "A11")
node.setPropertyValue("create tag field", True)
node.setPropertyValue("tag_field name", "Append Flag")

72 58. appendnode 7T/NT 1 — :

appendnode TN F ¢ — F—4 1 ZFaNT 4 — D]
match_by Position AL e T—=H «)—=ZHFDT 4 —)L KON
Name (Position) . E/ZWEANT—F Ly bhDT 4 =)
R4 (Name) ZHAEICL T, T—% 1w h&2BEMN
TEET,
match_case flag T4 =) RAHEIRT 2 & EITKRLFENLFD
XAl zBLET,
include_fields_from Main
A1l
create_tag_field flag
tag_field_name string

aggregatenode ZO/\F 1 —

o, LaO—RESH/ —FT, —#HOAN L I—-RZ2EOESF S NH L O—-RITEESHAET.

1

node = stream.create("aggregate", "My node")

# dbnode is a configured database import node
stream.link(dbnode, node)

node.setPropertyValue("contiguous", True)
node.setPropertyValue("keys", ["Drug"])
node.setKeyedPropertyValue("aggregates", "Age", ["Sum", "Mean"])
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node.setPropertyValue("inc_record count", True)
node.setPropertyValue("count_field", "index")
node.setPropertyValue("extension", "Aggregated ")
node.setPropertyValue("add as", "Prefix")

# 59. aggregatenode 7'1/NT 1 — :

aggregatenode /N F o — F—y TanT 1« —OHY

keys list EEHIF—ELTHERATES 7 ¢ — IV RIN-ER
IREINET, HIAIE. F—+ 74—V R Sex

& Region DYH, —HA M & F O, B
BN &S OFENETNOMAGHEITH L THES
L d—RMERSNET ¢ DO—ERlAED
),

contiguous flag FUCF—lEZFFDOITRTOLI— RNANITT IV
—JfINTWBEHE BAE. ANNF—- 7
4=V RIZY—hSNBEE). ZOF T a%
BINLET, oA T a z2BRT5E, N
F—< AMmAELET,

aggregates EEHTHHEM T 4 —IL R, BIOERINTWS
EEE— RERRT BHELTO/NT 1 —,
aggregate_exprs REZ7 4 —IVROARTZE, D7 4 =)V REFHE

THDIHEATNLE A EHKITFTHF
— 7JBNRT 4 — UTFICHZRLET,

aggregatenode.setKeyedPropertyValue
("aggregate_exprs", "Na_MAX", "MAX('Na')")

extension string HERGT 0 —)V PR S B 2 28R £ /2138
RBEERELET (FTOofEZR),

add_as Suffix
Prefix
inc_record_count flag BEFTL O— REERT 5 OICEE SN AT
LaO— REZEHEET2EMT « —IV REFERLE
@_0
count_field string La—RERET7 s — IV ROARIZIEELET,
allow_approximation Boolean Analytic Server TDHEETOFEITRHINEFHET DT
Pl L £,
bin_count integer MTHATOIEBERELET,
balancenode ZO/XF 1 —
NI X« J—RT. 7% 2y FPRELEZFMHICED LDIC. 7—% -y hOREH
@ ZEBIELET, NTAXT, HELELRICE > TRENE (rue) DHFEICT. LI— ROk
REFELET,

il

node = stream.create("balance", "My node")
node.setPropertyValue("training _data only", True)
node.setPropertyValue("directives", [[1.3, "Age > 60"], [1.5, "Na > 0.5"]])
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2 60. balancenode 7'T/NT 4 — :

balancenode JTI/NF 1 — F—A 1 TaNT ¢ — D

directives RESNZEEICHEDONWT T o =)L RIEDE| & Z
Y I 2720 O/ T T T + — CROFIZE
ZHLTZI W),

training_data only flag EET—IDHMINT > ZEEIND ISR EL £

T, T=HRERPT 4=V RBA M) — LR THRE
INTVARWES, ZoF 7 a JidERINE
S

D) —ROTaNT 4 —iEXROEXZHHL ET,

[[ number, X735 1 ¥ [ number, X F3N ¥ ... [number, X731 1]

Tk X5 e ICHOADSES (CEHIA/FEZHEH), TORBICIAT—TXXF " ¥ " 2T T 50N
HOET, " ¥ " TR, TG TTOHOERT., INZHEALT, 5IEZRCT<HATRLRT DI &

WTEET,

derive_stbnode Z7O/\F 1 —
y AR AW 7 A - ) — R M R BEOS AL A5 TDET 4 — I R
& 5y ANR—AMELA Y 7 AEIRESEET, BEOEHOAX—AWEA Y 7 22N T TS
p— RELTHMTEIEDTEET,

1

node = modeler.script.stream().createAt("derive stb", "My node", 96, 96)

# Mf@<«oLa—k] £E— RDIZE

node.setPropertyValue("mode", "IndividualRecords")
node.setPropertyValue("latitude_field", "Latitude")
node.setPropertyValue("longitude field", "Longitude")
node.setPropertyValue("timestamp_field", "OccurredAt")

node.setPropertyValue("densities", ["STB_GH7 1HOUR", "STB GH7 30OMINS"])

node.setPropertyValue("add extension_as", "Prefix")
node.setPropertyValue("name_extension", "stb_")

# INOT7D ] E— BDHZE
node.setPropertyValue("mode",

"Hangouts")

node.setPropertyValue("hangout density", "STB GH7 30OMINS")

node.setPropertyValue("id_fie

1d", "Event")

node.setPropertyValue("qualifying duration", "30MINUTES")

node.setPropertyValue("min_ev

ents", 4)

node.setPropertyValue("qualifying pct", 65)

#6l. ANR—Z ZAL Ky I X /—ROTO/NT 4 —

derive_stbnode JT/)XF ¢ —

F—

Tung 1 — O

mode IndividualRecords
Hangouts

latitude_field field

longitude_field field
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#6l AX—X AL Ry I X /—ROTONT ¢ — (&)

derive_stbnode JTI/\F ¢ — F—yM Tans 1+ —0HM
timestamp_field field
hangout_density density 2 HREEMICODNWTIE,
ldensities] Z2ZML T3,
densities [density,density,..., density] 7 density Id. STB_GH8 1DAY 72 EDFHITY,
E: ED density WEITHHMNIIDOWTIL, il
HIMdH D ET . geohash DB, GHL 5 GHI5
DEZFHTEET., ZOHSTIE. LLFDEZ
fFHTEET
EVER
1YEAR
1IMONTH
1DAY
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2HOURS
1HOUR
30MINS
15MINS
10MINS
5MINS
2MINS
IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SEC
id_field field
qualifying_duration 1DAY XFHITRT NI £/ A
12HOURS
8HOURS
6HOURS
4HOURS
3HOURS
2Hours
1HOUR
30MIN
15MIN
10MIN
5MIN
2MIN
1IMIN
30SECS
15SECS
10SECS
5SECS
2SECS
1SECS
min_events integer BDNDOENEBEEMEL 2 TT,
qualifying pct integer 1 "5 100 O TRTIULRD £8 A,
add_extension_as Prefix
Suffix
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#6l AX—X AL Ry I X /—ROTONT ¢ — (&)

derive_stbnode JTI/NF ¢ — F—ym Tans 1+ —0HM
name_extension string
distinctnode 70O/\F 1 —
HELI—F - /—RT, EELI-RZHIRLET. 2OHE, RYOHEEITSHLI—-KFE
T—4% « AMU—=AIZETH, £LF. BOLI—REWEL T, TO%ROEHEL I— Rz
T—% « AU —LITELET,

1

node = stream.create("distinct", "My node")

node.setPropertyValue("mode", "Include")

node.setPropertyValue("fields", ["Age" "Sex"])
node.setPropertyValue("keys pre sorted", True)

% 62. distinctnode 70O/NT ¢ — :

distinctnode FT/XF ¢ — F— ZTaNT ¢ — D]
mode Include T—% + AN —AICRIIOEZL I— REED
Discard B, RYOEEL I—-REZHREL T, DI

IRTCOHELL I—RET—F - AMU—LAITHE
TENTEET,

grouping_fields list Ld—RNE—TH2NEDNEHWT 27201
LNz 74—V RELRRLET,
F: 2O 7087 1 —Id. IBM SPSS Modeler 16
DBETIRBEIESNTVWET,

composite_value &b Aoy b TOHIEZRL T ES W,

composite values HEL ATy b ToOHIZZRLTES N,

inc_record count flag BEETL O— REERT H2DICEF S NZAT
LO—REZIRET2EMT 4 =)V RE2ERL X
ED

count_field string La—REHT7 s — IV ROAFIZIREL £,

sort_keys g b ATy b, F: 207085 1 —1d. IBM SPSS Modeler 16
DBETIRBELELSNTHWET,

default_ascending flag

Tow_distinct_key count flag F— - T4 =V RN O— RERIFDRN
—BOHEEFDOIIEELET.

keys_pre_sorted flag FUF—HZFEDTRTOLI— RNATIT—H
W N—TbansE5EELET,

disable_sql_generation flag

composite value 7 I/X7 4 — D

composite_value 7 /87 ¢ —iF, AFO—ERIT/R>TWET,
node.setKeyedPropertyValue("composite_value", FIELD, FILLOPTION)
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FILLOPTION & [ FillType, Optionl, Option2, ...] EWHERIT/HR>TWET,

1)

node.setKeyedPropertyValue("composite value", "Age", ["First"])
node.setKeyedPropertyValue("composite value", "Age", ["last"])
node.setKeyedPropertyValue("composite value", "Age", ["Total"])
node.setKeyedPropertyValue("composite value", "Age", ["Average"])
node.setKeyedPropertyValue("composite_value", "Age", ["Min"])
node.setKeyedPropertyValue("composite_value", "Age", ["Max"])
node.setKeyedPropertyValue("composite_value", "Date", ["Earliest"])
node.setKeyedPropertyValue("composite_value", "Date", ["Latest"])
node.setKeyedPropertyValue("composite value", "Code", ["FirstAlpha"])
node.setKeyedPropertyValue("composite_value", "Code", ["LastAlpha"])

HAZ L F T arTlE, EEROSIBENPBLETHD, TNSIEFUANELTEMEINET, A T
DLV ET,
node.setKeyedPropertyValue("composite value", "Name", ["MostFrequent", "FirstRecord"])

node.setKeyedPropertyValue("composite_value", "Date", ["LeastFrequent", "LastRecord"])
node.setKeyedPropertyValue("composite_value", "Pending", ["IncludesValue", "T", "F"])

node.setKeyedPropertyValue("composite_value", "Marital", ["FirstMatch", "Married", "Divorced", "Separated"])

node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate"])
node.setKeyedPropertyValue("composite value", "Code", ["Concatenate", "Space"])
node.setKeyedPropertyValue("composite_value", "Code", ["Concatenate", "Comma"])
node.setKeyedPropertyValue("composite value", "Code", ["Concatenate", "UnderScore"])

composite values 7 H/NF ¢ —DH

composite values 7H/87 ¢ —li, PAFO—BERIT/>TWET,

node.setPropertyValue("composite values", [
[FIELD1, [FILLOPTION1]],
[FIELD2, [FILLOPTIONZ2]],

1)
11

node.setPropertyValue("composite values", [
["Age" s [nF.i Y‘St"]] R
["Name", ["MostFrequent", "First"]],
["Pending", ["IncludesValue", "T"]],
["Marital", ["FirstMatch", "Married", "Divorced", "Separated"]],
["Code", ["Concatenate", "Comma"]]

1)

mergenode ZO/NT 4 —

F—\ La—R#EG/ — M3, BROANLVI-RZREL. A7 44— FOoEifEkid—8z2E
> 1 OOHALI—REERLET. ZOHEIL NEEET—5 EBAANOT—Y DL
— 72, RBIRDY—AMBDT—F EREATHHAITRIEET,

il

node = stream.create("merge", "My node")

# assume customerdata and salesdata are configured database import nodes
stream.link(customerdata, node)

stream.link(salesdata, node)

node.setPropertyValue("method", "Keys")
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node.setPropertyValue("key fields", ["id"])
node.setPropertyValue("common_keys", True)
node.setPropertyValue("join", "PartialQuter")
node.setKeyedPropertyValue("outer_join_tag", "2", True)
node.setKeyedPropertyValue("outer join_tag", "4", True)
node.setPropertyValue("single_Targe input", True)
node.setPropertyValue("single_large input tag", "2")
node.setPropertyValue("use_existing_sort_keys", True)

node.setPropertyVa]ue("exigting_sort_keyg", [["id", "Ascending"]])

# 63. mergenode 7T/NT 4 — :

mergenode 7T/NF ¢ — F—A R TOaNnF ¢ —DHH
method Order T—% Ty TOYAMEZL I—REHE
Keys TEZNEIMN 1 DUEDF— T4 =)L REM
Condition ALTHF— 74—V RNOFUCEICILI— Rz
Rankedcondition EWETHZNES M, BESINLMEEWZTHE
WL O—REWHGTIZNES N 1 KT—Ftv
FETRTD 2 RTF—F 1y NADEITORY
EREETEMEIDNERELET., WINOHE
B, TIOMFXEFHLT, 727 DN —3
NS T 2T DEN—EDIEICT RTO—EINY —
rENET,
condition string method 7% Condition IZEXEINTWBHEHEE. L
I—REFDDHELIIHETHLRMEE2HREL £
E
key fields list
common_keys flag
join Inner
FullOuter
PartialQuter
Anti
outer_join_tag.n flag ZO7ONT4—Tld n 13 17—ty hDE
R 1700 - Ry 7 ATERISND Y THT
T, EOXIBRT—Fy NETH> THAESR
L a— REERT 2 REMENH DD T, HED
YT HERETEET,
single_large_input flag FNDAT E AT R ZBRAN ZIEE L
WEETONEDINEEELET,
single_large_input_tag string =2 F—%ty FORR] ¥4 707 R
VI AL FERSINDY THERELET, 2O
O8F 4 —Of®&IE, 1 DOAHT—F Ty hL
MEETERNENS FT, outer_join_tag
ONT 4 —EIFETRRED ZEICERLTLEZES
W (TN T T T ELFHENIENDH
D).
use_existing sort_keys flag AN TIZF— - T4 =V RTY— FEHNE
IMERELET,
existing_sort_keys ['XFF, 'Ascending'] ¥ ['X | T TV —hSNE=T =)V REY— ARz
FH" 'Descending']] ELET,
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# 63. mergenode 7I/NT 4 — (FEZ)

mergenode 7 E/NF 1 — F— TNy —0OHM

primary dataset string method 7% Rankedcondition DEAEIL, FEEHND
1 RT—%ty bERRLET, Zqud. SMHBHS
BOEMEZERD ZENTEEXT

add_tag_duplicate Boolean method 7% Rankedcondition DIFHITT DT TN
TA4—%& Y ITREL, RixdT—F V—AN5
PESNZRCARZRDOEEDO T « —)L RONE
ROMET—F Y MITEENTWDHE, Th
5DT =58 J=ADHELY TINT 4 =)V RDFIA
HLDEBHITEMENET,

merge_condition string

ranking_expression string

Num_matches integer merge_condition & ranking_expression {ZHD
WTRENS —HOK, /MER 1. BAEIT
100 T,

rfmaggregatenode Z7O/XF 1 —

il

node

node.
node.
node.
node.
node.
node.
node.

@

WEDORT Y ar - F—8 T,

J—t>, JUZITY, XRZYU— (REM) O L I— R&EE /) — RZHHT D E, FHED
KEFOT—HZ2HIR, ZODONT YT ar -
FT—HEITNTHEHATICHEETZ2IENTEET, ZNUTKD, REO NI YT a > Ol

., FIY I aii NSO T YT aoaReEN-ERRINET.

= stream.create("rfmaggregate", "My node")

setPropertyValue("relative to", "Fixed")

setPropertyValue("reference date", "2007-10-12")

setPropertyValue("id_field", "CardID")
setPropertyValue("date field", "Date")
setPropertyValue("value field", "Amount")

setPropertyValue("only recent transactions", True)

setPropertyValue("transaction_date_after", "2000-10-01")

7 64. rfimaggregatenode 7 1/NT A — :

rfmaggregatenode 7T/)XF ¢ — F— A7 Tl TONT 4 — DB
relative_to Fixed Mo BT a0l —t  INEHEINS M
Today #RELET,

reference_date date Fixed 7% relative_to ICRREINTWVBHEIT
DHFHTEET,

contiguous flag FT—% « AN —=AHFTRHULU ID Z2FDTRTD
LOd— RNAGICERINDEIDITT—FEY —
FLTWBEE, 2047 a > 2ERT 2 &0
MAEgEbdsEMTEET,

id_field field BEBIONS T 2 a »&HBHT 272D
HAT57 4=V REHRELET,
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7 64. rfmaggregatenode 7T/NT 1 — (Fi &) :

rfmaggregatenode 7ONF ¢ — |F—FM TaNT ¢ — D
date field field V=t U aRET5720ICREINDHAN T ¢
—IVRZRERL X,
value_field field RAY ) —lEFET DI HAT2 7 0 —)
REHRELET,
extension string BEEG T =)V RIS E G £ 2138
RRtZfaEL 7.
add_as Suffix extension ZfEREREE L GBINT 20, Fizid
Prefix SAREE L CBINT 502 EL £,
discard_low_value_records flag discard_records_below #ZE DA ZB L £
EP
discard_records_below number RFM O HEIEFITE T GG INLN NS
WU a OFMOR/MEZIEET S ENT
EET, HEOHEMIL, ERENZ Tvaluel 74
=V RICREE L 9,
only recent_transactions flag specify transaction_date E7/ziZ
transaction_within_last FEDMHEHZNIL
i‘?‘o
specify transaction_date flag
transaction_date_after date specify_transaction_date ZNERTNTNSE
BICOMEHTEET, TN EENZ
BONT T aOHMERELET,
transaction within_last number transaction_within_last 2NER SN TN SH5HE
CORMEATEET, LaA— RADHICEENS
BO T)—t> HMER) OHMNS IHDIE-S
I OBRB IO (B, #. H£213FEK
ZRELET,
transaction_scale Days transaction_within_last 2MERINTWDIGHE
Weeks WOARFHTEET, LOA—RASHMITEENS
Months ‘"o T)—t > MR OHMNS EHDIES
Years M ORBLOHE (B, H, HEXZ3FEH
ZRELET,
save_r2 flag BEHED 2 ZHICBRED NS > B 2 a >OH
fferlLET,
save r3 flag save r2 MR SN TVEBEICOMEATE %

T, BEED 3 BHICKRLO T Y3
DOHMZEERLET,

Rprocessnode 7O/XF 1 —

®

R 24t / — R TlZ. IBM(r) SPSS(r) Modeler A s —A7»
557 —FEREL. TOT—FEMEHDHAY L R AT
D7 NeffHLTAETEEY, T—YEFHEK, 7T
A RY—=AITRENET,
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il

node = stream.create("rprocess", "My node")

node.setPropertyValue("custom _name", "my node")

node.setPropertyValue("syntax", """day<-as.Date(modelerData$dob, format="%Y-%m-%d")
next_day<-day + 1

modelerData<-cbind(modelerData,next_day)

varl<-c(fieldName="Next day",fieldLabel="",fieldStorage="date",fieldMeasure="",fieldFormat="",
fieldRole="")

modelerDataModel<-data.frame(modelerDataModel,varl)""")
node.setPropertyValue("convert_datetime", "POSIXct")

7% 65. Rprocessnode 7T/NT o — :

Rprocessnode JTIIXTF 1 — F— & FANF £ —DEM
9% string
convert_flags StringsAndDoubles
LogicalValues
convert_datetime flag
convert_datetime_class POSIXct
POSIX1t
convert_missing flag
use_batch_size flag Ny FALIEZ M ATREIC L KT
batch_size integer BENY FILBEDLT—4 LOA—ROKRZEREL
ESc
samplenode 7O/XT 1 —
f*\ YT J—=FTE LaA—Ro¥ Tty FE@IRLET, ELd> T, 7I53AY— -4
(;;? ST R W) YTV, SRITHLY P TIVOMBNTR—FENTHE

I, BT TE NTx =< ADNMLE, BEXOSHOZOOEET S I—REZIZH
SIY 7T a D) —TOBERITHITIEET,

1

/* Create two Sample nodes to extract
different samples from the same data */

node = stream.create("sample", "My node")
node.setPropertyValue("method", "Simple")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("sample_type", "First")
node.setPropertyValue("first_n", 500)

node = stream.create("sample", "My node")

node.setPropertyValue("method", "Complex")

node.setPropertyValue("stratify by", ["Sex", "Cholesterol"])

node.setPropertyValue("sample_units", "Proportions")

node.setPropertyValue("sample_size proportions", "Custom")

node.setPropertyValue("sizes proportions", [["M", "High", "Default"], ["M", "Normal", "Default"],
["F", "High", 0.3], ["F", "Normal", 0.3]])
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7 66. samplenode 7'T/NT 1 — :

samplenode 7E/NF ¢ — F—& 1 TONT 4 —DHH
method Simple
Complex
mode Include e SN E2HZTLa— REZD D)
Discard (Include). f3E (Discard) L £,
sample_type First BT T hEEREELET,
OneInN
RandomPct
first n integer RESNEADENETOLI— REEDLMNHE
L£9.
one_in_n number n HFEHZT LKL O—RZ2E0 50 HELET.
rand_pct number EOLIMEETHLIA—RON—E > FT—I %R
ELET,
use_max_size flag maximum_size FEDMEHEHNTL £T
maximum_size integer T—% + AN —LAICANSERIETT—F - Ak
U—LNSWET 29> TINVORREEREL £
T ZOATa BIUETHD., 2Dk,
First & Include DMEESINTND & ZITMEZE
ENET,
set_random_seed flag T = REBEEOHEHERNLET,
random_seed integer TN RELUTHATAEEEEL £
KR
complex_sample_type Random
Systematic
sample_units Proportions
Counts
sample_size_proportions Fixed
Custom
Variable
sample_size_counts Fixed
Custom
Variable
fixed_proportions number
fixed_counts integer
variable_proportions field
variable_counts field
use_min_stratum size flag
minimum_stratum_size integer ZDF 7> a2 d. Sample units=Proportions
&> THEMRY > TIVIMER S N HEITDH
HWHENET,
use_max_stratum_size flag
maximum_stratum size integer ZDF 7 a2 d. Sample units=Proportions
IZ K> TEMSY > TIVDMER S N2 B EITDH
HWHINET,
clusters field
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# 66. samplenode 7T/NT 4 — (§£Z):

samplenode 70/NF 1 — F—& 1 TOaNF 4 — OB
stratify_by [fieldl ... fieldN]

specify_input_weight flag

input_weight field

new_output_weight string

sizes_proportions

[[string string valuel[string

string value]...]

sample_units=proportions HBX

sample_size proportions=Custom D&, @b
T4 =) ROEDE Z5NBHMAGHOEDEETE
ELET,

default_proportion

number

sizes_counts

[[string string value][string

string valuel]...]

JEL7 4+ =V ROEDEZ 5N LA EDEOM
EIRELET . HHSGIEIT sizes_proportions
ELITVWETA, BETIR<EHEEELE
ER

default_count

number

selectnode 7O/\F 1 —

S ) — R T, HEDORMICHEDINWT, 77— - AN =25 L I—ROY TRy b

BIRUZOBEELZD TEERT. BRI REOEEMIBICEE T2 L 0— R2ZIRTE X

@ =

il

node = stream.create("select", "My node")
node.setPropertyValue("mode", "Include")
node.setPropertyValue("condition", "Age < 18")

£ 67. selectnode 7'C1/NT 4 —:

selectnode 70N 1 — F— TaNT 1 —DHY]

mode Include BRLELIO—-REEDLMN. ERIEIHET I
Discard ZHRELET,

condition string Lad—RE2EDHDMN. I, DL,

sorthnode Z7OA/NF 1 —

L

il

Y=k J—=FT, 1 DEEBERDT 4 —IV REICEDWT, La— REFIEELIIREIEIC
V—hLET,
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node = stream.create("sort", "My node")

node.setPropertyValue("keys", [["Age", "Ascending"], ["Sex", "Descending"]])
node.setPropertyValue("default_ascending", False)
node.setPropertyValue("use_existing_keys", True)
node.setPropertyValue("existing keys", [["Age", "Ascending"]])

£ 68. sortnode 7O/NT ¢ —

sortnode FTNT 4 — F— 5 FONT 1 —DRM

keys list V—bOHEELRD T 4 =)V RERELET, V
— hOFMMEESNTOWAERWES, T74)L b
MHEHINET,

default_ascending flag T4 EDY—MNEEHEELET,

use_existing keys flag ANMZEAINZT7 4=V ROV — MNEZEHL T

V— b ERELTHENEINEREL XTI,

existing_keys

TV —hSNeT 4 —IVREY — NARZR
TFLET, keys 70O/)8FT 4 — R CHXZMHH
LET,

streamingtimeseries 7O/XT 1 —

AP =2 VBRH ) — R 1| DOATy T TRRFIETIVEMERLTAATY > L&

€0 7.

EFr ZOARY—3 TR F ) — Rid. SPSS Modeler /N—2 3 > 18 TRIES N4 DS
NWDARY—=I2F TS KEEHDLZHDTT,

# 69. streamingtimeseries 7 /NT A —

streamingtimeseries FONF ¢ —

fiid TaNT 1+ — OB

targets

field ARY—=3 2 TWERA ) — R
3. A7 a>rT 1 DUE
DANT 4 =)V RZTHE &
LTHRAL. 1 DU EDXS
T4 =)V RETFHLET,
BI74—IVRBXUOEBRT ¢
—IRIIFEHLEEA. 7
L<id, hEvyrfies =2
D T—RA7ZETIVIER ) —
ROo7o)NT 41— 5B L
TLES W,

use_period

Boolean

use_estimation_period

Boolean
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#69. streamingtimeseries 7a)NT o4 — (FEZ)

streamingtimeseries FTNT ¢ —

i

Tans 1« —oHW

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod

period_field

field

period_start_value

integer

num_days_per_week

integer

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

integer

start_hour_of day

integer

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

list

output_interval

None
Year
Quarter
Month
Week
Day
Hour
Minute
Second

is_same_interval

Same
Notsame

cross_hour

Boolean

aggregate_and distribute

list

aggregate_default

Mean
Sum
Mode
Min
Max
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Z69. streamingtimeseries Ta)NT 4 — (&)

streamingtimeseries TN F ¢ —

fifi

Tans « —0HM

distribute_default

Mean
Sum

group_default

Mean
Sum
Mode
Min

Max

missing_imput

Linear_interp
Series_mean
K_mean
K_median
Linear_trend

k_mean_param integer
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level shift flag
expert_outlier_innovational flag
expert_outlier_level shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_Tocal_trend flag
expert_outlier_additive_patch flag
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type None
SquareRoot
Naturallog
arima_p integer
arima_d integer
arima_q integer
arima_sp integer
arima_sd integer
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#69. streamingtimeseries 7a)NT o4 — (FEZ)

streamingtimeseries FTNT ¢ — it TONTF 4 — D
arima_sq integer
arima_transformation_type None

SquareRoot

Naturallog
arima_include_constant flag
tf_arima_p. fieldname integer HR R B A
tf_arima_d. fieldname integer HR kB RO
tf_arima_q. fieldname integer HR IR B EO
tf_arima_sp. fieldname integer HR IR B RO
tf_arima_sd. fieldname integer HR R B A
tf_arima_sq. fieldname integer HAkBAROH.
tf_arima_delay. fieldname integer TR BEEOA
tf_arima_transformation_type. fieldname None HARBAEON.

SquareRoot

Naturallog

arima_detect_outlier_mode None
Automatic
arima_outlier_additive flag
arima_outlier_Tevel shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_Tocal_trend flag
arima_outlier_additive_patch flag
conf_limit_pct E#
max_1lags integer
events field
continue flag
scoring_model_only flag %< (1 THALD) OFFRFID
ETIVIHEMLET,
forecastperiods integer
extend_records_into_future Boolean
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£ 11 E 74— FRE/—FDTANRT1—

anonymizenode ZH/\T 1 —

3. o — ﬁ ﬁ@g%%%@@®%ﬁ%ﬁ%ﬁ£@igﬁﬁ%ﬁmLT%?N%%%T%
HEIICTHEEICAERTTY,

<:\ Ea/ —RiE. T4 =)V REPEOTROZRFEZZEMRL ., TOT—F 2R LET. In

il

stream = modeler.script.stream()

varfilenode = stream.createAt("variablefile", "File", 96, 96)
varfilenode.setPropertyValue("full_filename", "$CLEO/DEMOS/DRUGIn")
node = stream.createAt("anonymize", "My node", 192, 96)

# Anonymize node requires the input fields while setting the values
stream.link(varfilenode, node)
node.setKeyedPropertyValue("enable anonymize", "Age", True)
node.setKeyedPropertyValue("transformation", "Age", "Random")
node.setKeyedPropertyValue("set_random_seed", "Age", True)
node.setKeyedPropertyValue("random seed", "Age", 123)
node.setKeyedPropertyValue("enable_anonymize", "Drug", True)
node.setKeyedPropertyValue("use prefix", "Drug", True)
node.setKeyedPropertyValue("prefix", "Drug", "myprefix")

£ 70. anonymizenode 7E/NT o —
anonymizenode 7TI)XF ¢ — F— TONT 1 — DR

enable_anonymize flag IN%& True ICRETHE, T4 — IV RIEDEBELLNT VT 4
TIBROET (ZD T4 =)V RO TEAfE] 5T 3w %%
RUZEGEES, RUERICRDED).

use prefix flag ZN%E True ICRET D &, I—T € OHFEBHEENEH I N
F9 (AP —IEEOEHEENEEINTWDLEE). Ny
2 AV RIZE->TEALENS 7 =)V RICEH SN, £
DT 4=V RO MEZER) Y1 7070 [A—F—FE] 7
DF - RY DEBBRT D EERI%ETT,

prefix string MExZEE) Y4700 - Ry T ADTFAL « Ryl A
S EANTHIEEMAETT, 774V NOFZEFL, [MH
MICHEEINTWRWERIZ. T 74 MAETTY,

transformation Random Transform A v RIZXVEHLINEZT ¢+ —IV ROEHINT A
Fixed —& —NEMEX (Random) 2MEE (Fixed) N EREL XTI
set_random_seed flag IN%E True WHRETHE, HESNZ— NMENFEHRAINE
9 (transformation ® Random :Eﬁﬁéh"(hié% )o
random_seed integer set_random_seed 7% True IZREINTNSH Zo7 N
—IFELE D> — Rzl £,
scale number transformation 7% Fixed IZRXEINTWAIHE, ZOfEIEA

F=IVHELTERENET, BRRAT —)UEER 10 TY
N, HEINEN LT 20T TEET.
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# 70. anonymizenode 7'T/NT o — (FEE)

anonymizenode 7 O/NF 1 —

F—

TaNnNT ¢ —OFH

translate

number

transformation A% Fixed IZREINTNWDHE, ZOMEIFE
AELTHEAINET., RALSHEIZERY 1000 TTH, &
SNz B0 TEET,

autodataprepnode Z7O/NT 1 —

HEh7T— &% (ADP) / — RTId. T—% 001, BEIEMOFR]. BEOH 5 E13%ITz
(3) BWHREM D H D T 4 =V ROAZ V=227, BBEIISUZH L WEMEORA. FEMs Ay
—_— V= T BXOT T T FREEFR LN T 53— ADA LR ERTHI T ENTESE

T, BRICHIML SN HET/ —RE2#HL, /— RCHEEHZRRBLVEATEET,

2T ENTIE U TEHE OIS K UKE.

@_0

il

node = stream.create("autodataprep", "My node")

node.setPropertyValue("objective", "Balanced")

node.setPropertyValue("excluded fields", "Filter")
node.setPropertyValue("prepare_dates_and_times", True)
node.setPropertyValue("compute_time until_date", True)
node.setPropertyValue("reference date", "Today")

ERELRBEORICATEEZ L Ea—TEE

node.setPropertyValue("units_for date durations", "Automatic")

#71. autodataprepnode 7 1I/NT A —

autodataprepnode 7 H/XF 1 — F—& 1 FONT 4 —DF
objective Balanced
Speed
Accuracy
Custom
custom fields flag H (true) OHFAHT. HED/ —ROY—r7y
~ AJ ZOMT 4 — IV RIREZBET S
EMMTEET, 4 (false) DHFAIL. EROT
— &) — RS BEORENMEAINE T,
target field 1 DOMET 4 =)V FZEREL XY,
inputs (fieldl ... fieldN] ETINTHEHSIND ANEZIITFHEEE T + —

D2

use_frequency flag
frequency_field field
use_weight flag
weight_field field
excluded_fields Filter

None
if_fields_do_not_match StopExecution

ClearAnalysis

prepare_dates_and_times

flag

TRTOAMMEMT 4 =V RANDT 72X %
HIHEL £,
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# 71. autodataprepnode 7T/NT 4 — ($Z)

autodataprepnode 7 H/XF ¢ — F—5 FONT 4 —DF
compute_time_until_date flag
reference_date Today
Fixed
fixed_date date
units_for_date_durations Automatic
Fixed
fixed_date_units Years
Months
Days
compute_time_until_time flag
reference_time CurrentTime
Fixed
fixed_time time
units_for_time_durations Automatic
Fixed
fixed_date units Hours
Minutes
Seconds
extract_year_from_date flag
extract_month_from_date flag
extract_day_from_date flag
extract_hour_from_time flag
extract_minute_from_time flag
extract_second_from_time flag
exclude_low_quality_inputs flag
exclude_too_many missing flag
maximum_percentage_missing number
exclude_too_many_categories flag
maximum_number_categories number
exclude_if_large_category flag
maximum_percentage_category number
prepare_inputs_and_target flag
adjust_type_inputs flag
adjust_type_target flag
reorder_nominal_inputs flag
reorder_nominal_target flag
replace_outliers_inputs flag
replace_outliers_target flag
replace_missing_continuous_inputs |flag
replace_missing_continuous_target |flag
replace_missing_nominal_inputs flag

11 3 74 —)VRFEE/ —ROTO/)X5 41—
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# 71. autodataprepnode 7T/NT 4 — ($Z)

autodataprepnode 7 H/XF 1 — F—5 FONT 4 —DF
replace_missing_nominal_target flag
replace_missing_ordinal_inputs flag
replace_missing_ordinal_target flag
maximum_values_for_ordinal number
minimum_values_for_continuous number
outlier_cutoff_value number
outTier_method Replace
Delete
rescale_continuous_inputs flag
rescaling_method MinMax
ZScore
min_max_minimum number
min_max_maximum number
z_score_final_mean number
z_score_final_sd number
rescale_continuous_target flag
target_final_mean number
target_final_sd number
transform_select_input_fields flag
maximize_association_with_target flag
p_value_for_merging number
merge_ordinal_features flag
merge_nominal_features flag
minimum_cases_in_category number
bin_continuous_fields flag
p_value_for_binning number
perform_feature_selection flag
p_value_for_selection number
perform_feature_construction flag
transformed_target _name_extension |string
transformed_inputs_name_extension |string
constructed_features_root_name string
years_duration_ name_extension string
months_duration_ name_extension string
days_duration_ name_extension string
hours_duration_ name_extension string
minutes_duration_ name_extension string
seconds_duration_ name_extension string
year_cyclical_name_extension string
month_cyclical_name_extension string
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# 71. autodataprepnode 7T/NT 4 — (£ )

autodataprepnode 7 H/XF ¢ — F—5 Fans+ —oOHM
day_cyclical_name_extension string
hour_cyclical_name_extension string
minute cyclical _name_extension string
second_cyclical_name_extension string

astimeintervalsnode Z’O/\F 1 —

MRZEE L. FTLWEM T « —)b R2/ERR L THEES TRIZIT O 5813, RS /) — &
<i§> HHLET. BRANSERMET, IXRTORHIRS NS R—FENET,

72, astimeintervalsnode 7'O/NT 4 —

astimeintervalsnode 7O ¢ — F—4& R TanT ¢ —OHM
time field field 1 DOEERT — )V ROBAFAIINET, /

— Rk, ZOT 4=V RE2HEFF—E LU THA
LT, BREEHBMLET, 2 TER T+ —L
REHEHTZE, FDT7 =)L R > F

VAL LU TR#MSINET,
dimensions [field] field2 ... fieldn] |ZN6DT7 4 —)VRZFHAL T, &7 14—V KR
DEICHEDE, 4 ORZRFIERSNET,
fields_to_aggregate [field] field2 ... fieldn] | 25D 7 4 —I)V R, K17« —)L B O HifH

EHEPHO—HE LU TEFEINET, ZOEY
H—IZEENTVEWNTRTDT £ —)V RN,
J—RMBREINEZT—INSRIAESNE

E
binningnode 70O/XF 1 —
T—RE ) —RT, BFEO | DERIIEROEGE EEERE) 7 0 —)L ROEIZHEED N
G@i> T, HEIMICH LWAER (2y M) 70—V RZERLET, #lZIE #ERINA T« —
5 IV R%Z, NS DREICIDNATIN—T 250, HFilLnwhTdU— - T4 —)V RICEHT

HIEMTEET, FiH 74— IV ROEEERT B E, BESICHEDNTT ¢ —)b RERL /
—REERTHZENTEET,

il

node = stream.create("binning", "My node")
node.setPropertyValue("fields", ["Na", "K"])
node.setPropertyValue("method", "Rank")
node.setPropertyValue("fixed width_name_extension", " binned")
node.setPropertyValue("fixed_width_add_as", "Suffix")
node.setPropertyValue("fixed_bin _method", "Count")
node.setPropertyValue("fixed _bin _count", 10)
node.setPropertyValue("fixed bin width", 3.5)
node.setPropertyValue("tilel0", True)
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#73. binningnode 7'T/NT 1 —

binningnode 7E/NF ¢ —

F—H

Tans o« —oHW

fields

[field] field2 ... fieldn]

ZH LR R O CEERIPE) T — IV R,
BED T 4 =)V REFKFICE I ETEE
ED

method FixedWidth HR 74—V ROEY (IT7TY—) OREIR
EqualCount D B ik,
Rank
SDev
Optimal
rcalculate_bins Always J—BRINEFINDTEIT, EVNHERES
IfNecessary . YR E ORI T =Y NEE I NS0,
FRRTFT—INEFOE B EMS N
HoEizemsnsZdnaiEEl£7,
fixed width_name_extension string T 7 #4)V  DHEETFIE _BIN TY.
fixed_width_add_as Suffix WIEFZ 7 4 =) RADRRZRITGENT 50
Prefix (Suffix). F7ZIIIEHITBIMT B (Prefix) %
HELEXYT. 7 74)L bOIETFI
income_BIN TT9,
fixed_bin_method Width
Count
fixed_bin_count integer 74—V ROBEERE > h7TU—) &
ERETHDITHAT2BEEREL XTI,
fixed_bin_width E&K 2 OREREINTH7-0ICHEHT 2 EEE
723 ERD,
equal_count_name_ string 77 %)V b DILERFIE _TILE T,
extension
equal_count_add_as Suffix BHEQL 2L TERSND 7 4 —)V RIT
Prefix XU THA S NDIEE T, Suffix (BEEAEE)
N Prefix (BERBEE) NZEEELET., T 740
NOILRTFIE. _TILE 12 N 2fHF b0l
DEJ, NIFAETY,
tiled flag TNENMN 25 % DIr—AEEE, 4 LD
ECZERLET,
tiles flag 500 5 e EERLUET,
tilelo flag 10 O+ (F)) EZERLET.
tile20 flag 20 EDO= A e > &AL ET,
tilel00 flag 100 HOEML (S—E>F 1)) EZERK
LE7.
use_custom_tile flag
custom_tile_name_extension string T 7 4 )V b DR TFIE _TILEN T,
custom_tile_add_as Suffix
Prefix
custom_tile integer
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# 73. binningnode 7O/NT 4 — (FiZ)

binningnode 70/NF ¢ — F—& 1 Fans + —oOHM
equal_count_method RecordCount RecordCount D AHikld. RIUHOL aI— &%
ValueSum ECEID S TEY, —F, ValueSum Tl
HECOBEDOEFMNEICICERS LSV a—R
ZEIDYBTET,
tied values_method Next A BEBOEOT = ICHEI NS £ EiF
Current Eo
Random
rank_order Ascending ZDOTB/)NT 4 —IZiF. Ascending (Bo &b
Descending INE WY 1 E72%) 7213 Descending (H
SEHREWEN 1 E725) NEENET,
rank_add_as Suffix ZOFTralld. >0, IUDRE B
Prefix KOOI DONR—t > TF—VITHEASINET,
rank flag
rank_name_extension string T 7 4 )V b DIEETFIE _RANK TY.
rank_fractional flag BT 4 =V ROMEM, S0 I ERETr—A
DELDOEFITHRE LIRS LS, 7r—
AT IMFLET, F27DHERT 0 -1
DHPFADMEIZIRD £7,
rank_fractional name string 77 4 )V N DEERFIE _F_RANK T,
extension
rank_pct flag BT UM, AR EERDOL O— RECTRE
SNk, 100 fEENET, T2 IOt
T—21 1 - 100 OHIBFHOMIZ/Z D £,
rank_pct_name_extension string 7 7 4 )V b OILETFIE _P_RANK TY,
sdev_name_extension string
sdev_add_as Suffix
Prefix
sdev_count One
Two
Three
optimal_name_extension string T 7 2V b DYLIEFIE _OPTIMAL T9,
optimal_add_as Suffix
Prefix
optimal_supervisor _field field T—IREIDT=DITEIRES N7 4 —)U RHE
BRI2EE T =V RELTREINZT 4 —)b
}:0
optimal_merge bins flag = AEBNNSWE B LD KERBEEE >
BT 52 EEEELET,
optimal_small_bin_threshold integer
optimal_pre_bin flag Tty NOFRFT I REEFETTEHIE
ZRLUET,
optimal_max_bins integer WEITZHEOE 2R LWL DIT, ERZE

RELET.
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# 73. binningnode 7O/NT 4 — (FEZ)

binningnode 7ENF ¢ — F—5 1 TaNT ¢ — D
optimal_lower_end point Inclusive
Exclusive
optimal_first_bin Unbounded
Bounded
optimal_last_bin Unbounded
Bounded

derivenode Z7OA/NF 1 —

= T4 =V RIERR  — KT, | DEFIZEROMET 4 =)L Kh S, F—FlEELHETLH, #
\:Z/ L7 =)V REERLET, INT. #17K 757, 4k AT—h AU b B
o DEIRDE T 4 — )L RAER S N E T,

il 1

# Create and configure a Flag Derive field node

node = stream.create("derive", "My node")
node.setPropertyValue("new name", "DrugX Flag")
node.setPropertyValue("result_type", "Flag")
node.setPropertyValue("flag_true", "1")
node.setPropertyValue("flag false", "0")
node.setPropertyValue("flag_expr", "'Drug' == ¥"drugX¥"")

# Create and configure a Conditional Derive field node

node = stream.create("derive", "My node")

node.setPropertyValue("result_type", "Conditional")
node.setPropertyValue("cond_if cond", "@OFFSET(¥"Age¥", 1) = ¥"Age¥"")
node.setPropertyValue("cond_then expr", "(@OFFSET(¥"Age¥", 1) = ¥"Age¥" >< Q@INDEX")
node.setPropertyValue("cond_else_expr", "¥"Age¥"")

fl 2

CDAZ YT NI, BEORA N BEEDAXRY SR ELEZENARE) © X EEE Y BiEE2ERT
XPos & YPos EWD 2 DOKIMEINNMNGH S I EZFHRELTVWET, TOAZY T ML, HEDEESR
TEDORERT X JEREEL Y JEEMNSHIRZEMANZEET 27 0 —)L RIER / — RAOMER SN E T,

stream = modeler.script.stream()

# Other stream configuration code

node = stream.createAt("derive", "Location", 192, 96)
node.setPropertyValue("new_name", "Location")
node.setPropertyValue("formula_expr", "['XPos', 'YPos']")
node.setPropertyValue("formula_type", "Geospatial")

# Now we have set the general measurement type, define the
# specifics of the geospatial object
node.setPropertyValue("geo_type", "Point")
node.setPropertyValue("has_coordinate_system", True)
node.setPropertyValue("coordinate system", "ETRS 1989 EPSG Arctic_zone 5-47")
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& 74. derivenode 7/NT 1 —

derivenode 7TNNT 1 — F—5 i Tang + —0OHM
new_name string LT o —IL R,
mode Single 1 DD7 4 =)V R (Single). T7z13#E
Multiple 7 4 —)V R (Multiple) Z$57E L £
ER
field list BT 4 =)V REBIRT 285812720,
Multiple &— R T,
name_extension string #FLnwy o —)V RAIHHT 290ET %
fHELET,
add_as Suffix Wk 1% 7 4 —)V R4 D Prefix (JCHE.
Prefix BEEEEE), 7213 Suffix (k. R
cLcEmLET,
result_type Formula ERRPIRETR T LW T —IL R D 6 DOFE
Flag %A,
Set
State
Count

Conditional

formula_expr string T4 =)V BERR /) — ROFH LT 1 —)b
RMEZF5H T 255

flag_expr string

flag_true string

flag_false string

set_default string

set_value_cond string REE OMEIZBIEAN T S NIz feth 2 g g
B EIITHELT BT 1 —,

state_on_val string Z > (On) D&M EmZTHE DT
A=)V DEZEEL £T,

state_off_val string F 7 (Offy DMz 5HEDHHR 7
A=)V RDEZEEL T,

state_on_expression string

state_off_expression string

state initial On HLOA—RTHLWT ¢ —)L ROPIHHE

of f ELT On £7Zid off Z2HIDYTET,

ZOMEIZ. TNENOFREMNMZSND
TEITELET,

count_initial_val string

count_inc_condition string

count_inc_expression string

count_reset_condition string

cond_if_cond string

cond_then_expr string

cond_else_expr string
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X 74. derivenode 7O/NT 4 — (# )

derivenode T/XF ¢ —

F— 57

TuNT 4 —DHY

formula_measure_type

Range / MeasureType.RANGE

Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

Zo7unT 4 —E[HFHALT, FRSH
727 4 =) RICBEEMN T 5N REZE
HKITDHZENTEET, setter BIEKIT
1Z. XCFEHIHD. MeasureType DED NG
NMEJET ZENTEET, getter 1.
H1Z MeasureType DfEiZEIRL £,

collection_measure

Range / MeasureType.RANGE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED SET
Typeless / MeasureType.TYPELESS

NET 4 —IVE RSN 0 DUAR) O
BE, co7anNTa—id, L s
BB SNTZRESY 1 T2EHRL
EJCIN

geo_type Point WIRZERA 7 « —)V ROHE, 2o 7o)
MultiPoint TA—IZ&D. ZOT 4 =)V RBETHE
LineString HEMA T O A TINEHRIN
MultilineString F9, THUL. HOU A FDHES &S
Polygon LTWARBENRHDET,
MultiPolygon
has_coordinate_system boolean MFRZEH 7 0 — )L ROBFAE, 2o 7o)
TA—IZ&D. TOT =)V RITHEER
MMBHBMESININEREINET,
coordinate_system string HWFEZEM T 0 — IV ROFE, 2o 7o)

TA4—ICED, DT 42—V ROFEER
MEFRINET,

ensemblenode 7A/NT 1 —

1

# Create and configure an Ensemble node
# Use this node with the models in demos¥streams¥pm binaryclassifier.str
node = stream.create("ensemble", "My node")

node.setPropertyValue("ensemble target field", "response")

node.setPropertyValue("filter individual model output", False)

T T =BT, 2 DERFBENULEDOETI - FT Y FEMABEGDET 1| DOE
TIED XD EMRTRIZRELET.

node.setPropertyVa]ue("ﬂag_eﬁsemb]e_metﬁod", WConﬁdenceWeightedVo’cing")
node.setPropertyValue("flag voting tie_selection", "HighestConfidence")

75, ensemblenode 7T/NT A — :

ensemblenode 7O/NF ¢ —

F— 5%

TN 1 — O

ensemble_target field

field

T YT THHEINDTRTOE
FTINOMGET 4 —)L REfRELET.
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# 75. ensemblenode 7'O/NT 1 — () :

ensemblenode J'TI/NF ¢ — F—HM TuNT 1+ —DFH

filter individual model output flag il DETIVDAITY > JiERz2I
HTHEMESINEIRELET,

flag_ensemble method Voting TH T AAT EBRET D720

ConfidencelWeightedVoting
RawPropensityWeightedVoting
AdjustedPropensityWeightedVoting
HighestConfidence
AverageRawPropensity
AverageAdjustedPropensity

AT 2 HEZBELET. 20
FEWL, BRI N=R/ENT S 7T 4
— VR THHIHEICOIHEHEINE

K

set_ensemble_method Voting TIHTI e AT BIRET D720
ConfidenceWeightedVoting IHRT 2 HEEHEELET, DK
HighestConfidence ElL, BIRSINEHMENHER T ¢ —
IWRTHHPLEHICOAEHINET,
flag_voting tie selection Random IR IR BRIRE N GG, ISR
HighestConfidence DIRRFFEERRELET, ZORE
RawPropensity 13, BIRSNZMENT T TR T ¢ —
AdjustedPropensity IWRTHLIBEEICOHBEHEINET,
set_voting tie_selection Random B G ENBRIRS N GE, nlEE
HighestConfidence DR FIEEIRELET, TOBRE
W BIRSNIHRDPHER T  —)
RTHEGECOHBEAINET,
calculate_standard_error flag MERET 14—V B ERBE OG5, R

BPEDRHRMNT 7 4 )V h TEEE N,
HWESNZEERSHEESNEEE
DEEDERZRREL. 2015 OHEE
MENFERWNERLET,

fillernode 7O/NT 14 —

@
.+_h.
S+

Nt

%<, RIBEOESHWAMTONET,

il

node =

stream.create("filler", "My node")

node.setPropertyValue("fields", ["Age"])

node.setPropertyValue("replace_mode", "Always")
node.setPropertyValue("condition", "(¥"Age¥" > 60) and (¥"Sex¥" = ¥"M¥"")
node.setPropertyValue("replace with", "¥"old man¥"")

# 76. fillernode 7' /NT oA —

&) —RT, 74—V REDOBMEOCA N —YDEEZITNET, OBLANK(@FIELD) DXL
7%, CLEM &MICHEDWTHZBERTZ I ENTEET, /2. TRTOLEAMED XIVE 2
FEOMEICEMRT S EBHTEET, @/ —RL, 7—FH ) —REHEICHERINHEEN

fillernode 7T/XF ¢ —

F—AH

PA=VAC R SOk L]

field

list BMEINTEBRINAEOT—F Yy hDT 4
—JL REE,

B 11 E 74—V RBE/ —RoTO)NT 1 —
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# 76. fillernode 7'O/NT o — (#EZ)

fillernode 701N ¢ — TR Tans ¢ —0HM

replace _mode Always TRTOM, ZEAME, EREXIVMEEZBIRTE
Conditional £9, F23 BELESKMEICHEDNT, &t
Blank TZEE7,
Null
BlankAndNul1l

condition string

replace_with string

filternode Z7O/XT 1 —

f;\ TANE = J=RT. 1 DOAN/ = RPSMD 1 DOAN /=R, T4 =)V R&ET 1)L
{:3 FUT B L. 74— )VRBELEEL, £i2o 74—V FEB#MTET,

il

node = stream.create("filter", "My node")
node.setPropertyValue("default_include", True)
node.setKeyedPropertyValue("new name", "Drug", "Chemical")
node.setKeyedPropertyValue("include", "Drug", False)

default_include 7'0/NF ¢ —Dfifl: default_include 7/NT 4 —DEZHREL TH, TXTDT 4 —)b
RINEHEIICHR D AENZOBRNASNZDTE2DOITTIEH D ER A, HIZ, HIEBRREIN TWAHEBICHT
577 )N RNRESINDZTTY, 2T, 740y —- )—R | 14707 - Ry VAT IFI7%
WERTI74—=IVRZEEDHD) 27w rd5IEE, BEMICFETCTT, fIZIE ROAZ Y T KEET
T5EEELET,
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the list
for f in ["Age", "Sex"]:

node.setKeyedPropertyValue("include", f, True)

ZHUTED. Age (FFfin) 74—V R&E Sex (Rl 74—V RN/ —RZ@EEL. ZOMIZTRTHRILSN
F9, KRiZ, MCAZU T RNE2HORETFTLETN, 2 DORLL 74— IV RERELET,
node = modeler.script.stream().create("filter", "Filter")
node.setPropertyValue("default_include", False)
# Include these two fields in the list
for f in ["BP", "Na"]:

node.setKeyedPropertyValue("include", f, True)

ZHUTED, TBIT 2 DDT7 4=V RMT 4 IIVF—ITBMENZDT, G5t 4 74—V R (Age (FE#m).
Sex (T£@l). BP (IfiJf). Na (F hU DT LME) N7 4 )7 —Z@imLEd, DED, default_include DfE
Z False QUYL TH, IXRTOT 4 —IVEBHBWIZU Y hINEHDITTIEH D £H A,

TOROO, AV VT NEERTZN (T4 F—+ /=R 4707 « Ry ANT
default_include % True ICZOWRFRTER T2 &, BHENSOHITRD, ERED 4 74—V RIZ EEED 4
T4 =V RS ENET. (T4 NI —- =R Y4707 - Ry ANOIA> hO—)L TERT S Z
EM. ZOMARBREMMFET 55 A THRICEE XTI,
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*77. filternode Fa/)NT 4 —

filternode ZTXF ¢ — F—mm

Tans 1« —0HW

default_include flag

FIFINFOUHE LT =V REFRBEE
BINT 4 WY —ENTENDIREET BHF— -
ASVAS RPN
ZOTONT 4 —ZEHRELTH, ITXRTDT 4
—)U RONEHBEIICE DA ENZ ORIV S 1720
THOITIEOOEEA, BIRLEZT 4 —ILR
N, T 74 M TIERDAENE DRI S NS
NERDDHETTY, Filld. TomESIRL
TLEEN,

include flag

T4 =)V REROADDRINT D0 DF— - 7
O/87 4 —

new_name string

historynode Z7O/XF 1 —

il

node

node.
node.
node.
node.
node.

£9, BRI —RiE, <A,

B RHN T — 4 75 E DG s T —F I SN E T, K

<::> BFR5 ) — RickD, RiLI—ROT7 4 =)V ROT—42E8, #HH 7 + =)V ROMERS N

RH) —REFAT AN, V—h - J—REFALT, 782/ —hLTHIILBTE

ES

= stream.create("history", "My node")
setPropertyValue("fields", ["Drug"])
setPropertyValue("offset", 1)
setPropertyValue("span", 3)

setPropertyValue("unavailable", "Discard")

setPropertyValue("fi11 with", "undef")

# 78, historynode 7'T/NT 1 —

historynode 7O/ F 1 — F—A 8 Jans .« —oHMH
field list BREORR LD T 4 —IV R,
offset number BF 47 4 — )V KMz 2&HL J—R
N, HMIEOL I—ROW DFICH 2 & ts
ELET,
span number EEMET2TIcRs L I— ROFIZH S L
d— REZERELET,
unavailable Discard RRAELTHEATDRIOL I— R0 T
Leave —4&ty FNOREEOKL O— RE@EidfEL
Fill EIN. ZORRFIENIZNL T— ROED
WNFEERRELET,
fi11_with String FERFIMENFIHCE RN O— REFRIHT S
Number DIZAE AT Bl (Number) 72133055
(String) ERELET,
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partitionnode Z7O/XF 1 —

1

node

node.

node

node

TR/ — KT, ETIHEED

TAR, BROBEEOZEAT—VHIC, T—4 %M

feend T LEY TRy MCAET 2T — Y K87 1 —Ib RAERESNET,

b

= stream.create("partition", "My node")

setPropertyValue("create_validation", True)
.setPropertyValue("training_size", 33)
node.
node.
node.
node.

setPropertyValue("testing_size", 33)
setPropertyValue("validation_size", 33)

setPropertyValue("set _random seed", True)

setPropertyValue("random seed", 123)

.setPropertyValue("value_mode", "System")

7 79. partitionnode 7'T/NT o —

partitionnode FT/XF ¢ — F—A 1 FaNT 4 — D

new_name string J—=RICKDAERINZT—YKST 4 —ILED
#HITY,

create validation flag ML DT — % R EERT 20 E SN EHREL
£,

training_size integer FERARSIZHDE TS L I— REDNN—t 2T
—3 (0-100),

testing size integer FTAMHRMCEIO S TE L I— RED/)NN—t >
T —3 (0-100),

validation_size integer BREAXMCE DS TEH L O— RED/NS—t > T
—2 (0-100), BRFEFT —& K& B L 72\
AlREEINET,

training_label string FEHHAT—FIX5D TN,

testing_label string TANHT =KD IT X)),

validation_label string BEERT —Y KD TN, BitHT —5Kn%
AR L 7R WG A SN E T,

value_mode System T—IHOET =YKy ERT-DIHEHINS

SystemAndLabe]l EEEELET, #lXE. FEAY > IE >
Label ATLEE 1. X)L Training. £/21EID 2

DEMABRDOERZ 1 Training DLDITEINE
£

set_random_seed Boolean A—Y—FEDT > F L >— REfHATZNE
IMEREL LT,

random_seed integer I—Y—EFRDT L >— RO, TOMEMN
HHEINDEDI2TBITiE, set_random_seed %
True ICRRETHHENH D ET,

enable sql_generation Boolean SQL FwiaNy I EFERALTLI—RET—%
RACEO L THENEINERELET,
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# 79. partitionnode 7' O/NT 1 — (FE )

partitionnode TN F ¢ — F—& 1 TONT 4 —DFH

unique field L O— ROEAEZ TR DR UATRER FIETT —%
KPIZEIDBETHRD, AT 4=V RZ2HEEL
£9, ZOoENERINSLDITT BT
enable_sql_generation % True ICRXET DNHE

nH0ET,
reclassifynode 7O/ 1 —

Foy N — RIZE D, BBHFTU Oy MRIOLy MCERINET, F—5%

@ i, A7) —EEERLED. SO —5 %7 — LB TRAI RS £ T,

il

node = stream.create("reclassify", "My node")
node.setPropertyValue("mode", "Multiple")
node.setPropertyValue("replace field", True)
node.setPropertyValue("field", "Drug")
node.setPropertyValue("new_name", "Chemical")
node.setPropertyValue("fields", ["Drug", "BP"])
node.setPropertyValue("name_extension", "reclassified")
node.setPropertyValue("add as", "Prefix")
node.setKeyedPropertyValue("reclassify", "drugA", True)
node.setPropertyValue("use_default", True)
node.setPropertyValue("default", "BrandX")
node.setPropertyValue("pick Tist", ["BrandX", "Placebo", "Generic"])

# 80. reclassifynode 7°/NT 1 —

reclassifynode 7FO/NF ¢ — F— 5 Tans ¢ —OHM
mode Single 1 DT 4 =)V ROATIY—ZHNET DY
Multiple £, Single ZFHAL £, Multiple (D
ZHEATHE —EITERDOT « —)L R 2Rk
ICEMTEET,
replace_field flag
field string Single E— RTULMEHTEEHE A
new_name string Single E— RTLNMEHTEEHE A,
J4—IVE [fieldl field2 ... fieldn] |Multiple E— RTLOMHHTEEE A,
name_extension string Multiple E— R TUNMEHTE X A,
add_as Suffix Multiple E— RTLMNMEHTEEE A,
Prefix
reclassify string 7 4 =)V MEAfEEL T ONT 4 —,
use_default flag T4V MEEBALET,
default string T4 MEZEELE T,
pick list [string string ... string] | 1—H =% BEHIOFH L WEZEA > HR—FL T
T=IIVHNO ROy &> - Y h&eT—%
THDDLIENTELLSICLET,
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reordernode 7O/NT 1 —

1

node
node

74—V RIEF /= RT. FROT 4 =l RERICEAT 207 2% L ET. 0TI

By F=TNh. UAL, BERETA =R Evh—isE, SESEBREFHOT 4 —)L ROKRIC
BRSNET. JORMER. SXSERT—FtEy MeBWT, HEDO T~V REXDBH]
LoT < T BAIRILEET,

= stream.create("reorder", "My node")

.setPropertyValue("mode", "Custom")
node.
node.
node.
node.

setPropertyValue("sort_by", "Storage")
setPropertyValue("ascending", False)
setPropertyValue("start_fields", ["Age", "Cholesterol"])
setPropertyValue("end fields", ["Drug"])

# 81. reordernode 7E/NT 1 —

reordernode FTI/NF 1 — Ty FaNT ¢ — DY
mode Custom EEEHHWIEOIEZZD, 2—F—fFEDIE
Auto FEEETDHIENTEET,
sort_by Name
Type
Storage
ascending flag
start_fields [field] field2 ... fieldn] |HH 74—V RiZ, ZNE5DT 1 —)V RDEZIC
HAINET,
end fields [fieldl field2 ... fieldn] |FHHL T 4 —ILRiEZ, ZNS5DT 1 —I)V ROHIIZ
HFASINET,

reprojectnode ZO/NT 1 —

— R EOHBER, BEEEREMEML XTI, MBEREREZFEHT L1 2 R—b T—5F OELE

Q SPSS Modeler Tl BV — 2R, FFZefiFH (STP) /— R, v 7@ 5L/
REEBETHITIE, KE/ —REFEHL T ZE N,

7 82. reprojectnode 7/NT 1 —

reprojectnode JT/NT 1 — F—& 1 TONF 4 —DH

reproject _fields [fieldl field2 ... fieldn] |FBZEINDHZIXRTOT 4 —I)VFEZUYAMLE
£

reproject_type Streamdefault T4 =)V ROBEZREHIEEZBRINLET,

Specify

coordinate_system string 7 4 =)V RITH#H SN2 R D4 B
set reprojectnode.coordinate_system =
"WGS_1984 World_Mercator"
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restructurenode 7°I:I/\°7_'»f -

/_\'. B ) — R T, ARBERIITITHT =)V RE, ZODSHIDOT 4 —)V ROETHED
<—EEXI ZEMTED T4 —IROTIN—T~EH|LUET, HlZIE. credit. cash. BI debit DIED
e payment type EWIARIDT 4 —IVRDBHZGE. 3 DOHFHLNWT 4+ —IV R (credit. cash.

debit) IMERRENET T, TOFLITE, EEROIADEEZEZDD LM TEXT,

1l

node = stream.create("restructure", "My node")
node.setKeyedPropertyValue("fields_from", "Drug", ["drugA", "drugX"])
node.setPropertyValue("include_field_name", True)
node.setPropertyValue("value_mode", "OtherFields")
node.setPropertyValue("value fields", ["Age", "BP"])

2 83. restructurenode 7 TI/NT A4 —

restructurenode /N ¢ — F— TaNnNT 1 —DFHY]

fields_from [category category
category]
all

include_field_name flag HHERENS T4 =V RAIZTDO T 4 =)V R4

AT LEMNESMERLET,

value_mode OtherFields HEREIND 74—V ROEERIFTET 572D

Flags E—RZRLZET, OtherFields ZHE T %

&L HHTS 74—V RZEIRETH2HENH D
9 (F25R). Flags 2T T 2856, E

3EMED T 57 TY,

value_fields list value_mode 7% OtherFields DFEIIMHET

o EOTA—I)VRELTHEMT 27 4 —IL R
ZHELET.

rfmanalysisnode 7 0O/X7 1 —

V—t>, UL, IFRFU— REM) OO0/ —REHHATSE, REBEICHALZ
OMEDL SNHEILN (U—t ), EOLL5WHEICHATZN (ZUZIT ), hIoH
72a R TR BHELEDY (X3RFYU—) ZRIETHIEICES T, ROBEVERER
HEEZLNDDILEDERNEBIICIRET DI ENTEET,

1

node = stream.create("rfmanalysis", "My node")
node.setPropertyValue("recency", "Recency")
node.setPropertyValue("frequency", "Frequency")
node.setPropertyValue("monetary", "Monetary")
node.setPropertyValue("tied values method", "Next")
node.setPropertyValue("recalculate_bins", "IfNecessary")
node.setPropertyValue("recency thresholds", [1, 500, 800, 1500, 2000, 2500])
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7 84. rfmanalysisnode 7' T1/NT 1 —

rfmanalysisnode 7 O/NF 1 — F— 5 Tans 1 —oHm
recency field J—t>y 74—V REHRELET, ZDT 4
—IVRIZAAM. YA LAY T F T H 5l
<9,
frequency field TJUIILY T4—I)VREHRELET,
monetary field NAFY— - T4 =)V RERELET,
recency bins integer BRI —t>2 ECORERELET,
recency_weight number =ty F=HIHEMAINIEAEREL E
97, The default is 100.
frequency bins integer ElRENs 77Ty ECORERELE
KB
frequency_weight number TJUVILY THIEAISNSEAZEEL
9., 774 ML 10 TT,
monetary_bins integer EREINEIRYY — - ECOREREL £,
monetary_weight number XA — - T=HITHAINSEHZHEL X
9. 774V HME 1 TY,
tied values_method Next A EFBOMBDOT —F ICHE SN E 2 Z2HRE.
Current
recalculate_bins Always
IfNecessary
add_outliers flag recalculate _bins %% IfNecessary IZE¥@E 41T
WHEAEHATEET, XESINSE. TROE
COTHBHLI—RNTROE TEMEN,
EBREOE> O EICHBLa— RAEROE > ITE
mEnxEd,
binned_field Recency
Frequency
Monetary
recency thresholds 18 & recalculate bins 7% Always IZEREINTND
LR TEET., V-t ECOEEBX
O FROMELEELET.,. HDE D EERORM
EAROE O TROMEE L THEAINET,
BlAIE, [10 30 60] 1. WmAIDE T 10 Bk
30 DLERBLOTROBENHD, 2 HHD
ECiE 30 BLY 60 OMIERD 2 EEFHL F
kP
frequency thresholds e recalculate_bins 7% Always IZEREINTND
BOERTEET,
monetary_thresholds fiE A recalculate_bins 7% Always IZERESIN TN D
LA TEET,
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settoflagnode Z7O/XT 1 —

BDOTZI8T 40—V ROBIREL 9,

@ TITHBE/)—RT, 1 DULEOAFER T 4 — )V RICERESI N7 TV —EHICH DW=, &

1

node = stream.create("settoflag", "My node")

node.setKeyedPropertyValue("fields from", "Drug", ["drugA", "drugX"])

node.setPropertyValue("true_value", "1")
node.setPropertyValue("false _value", "0")
node.setPropertyValue("use_extension", True)
node.setPropertyValue("extension", "Drug Flag")
node.setPropertyValue("add as", "Suffix")
node.setPropertyValue("aggregate", True)
node.setPropertyValue("keys", ["Cholesterol"])

7 85. settoflagnode 7T1/NT 1 —

settoflagnode 7'0/NF 1 — F—y TaNT ¢ — DM
fields_from [category category
category]
all
true_value string TITERETHEZ/ — BT 2E
(true) DEZEIFTELET, T 74N RMNI T T
ED
false value string TITERETHEEIC ) —RREHT 25
(false) DEZIEELET. T 74N MIF T
KR
use_extension flag HiH 7 o UR8T ¢ —)b R OB E T EEE
ELT, HEETEMERLET,
extension string
add_as Suffix PEERTF N ERRRE (Suffix) F/ZIZHEFHEE (Prefix)
Prefix ELTEMENLZEEHEELET,
aggregate flag F— T4V RIZEDODNWTLO—-RET ) —
TUET. E (true) ICREINAZLI—R
M1 DThbHdE, VI—THOTRTDT
ST 4 =)V ROVEINIE D ET,
keys list F—-T4—IVER,

statisticstransformnode Z70O/\5 1 —

Statistics 2t / — Rid. IBM SPSS Modeler
i @> U IR e AX 2 ROBIREITNWET,
ales

SPSS Statistics DI E—NHETT,

DT —4H + ) —ZIZHkT % IBM SPSS Statistics
D/ —RiE, A4 ANG 2 5N72 IBM

11 8 74 —=)VR#EE/ —Ro7aons+— 141




ZD)—ROTO/)NNT 4 —IZDNWTIE. 21 XK= D T[statisticstransformnode 7 1/NTF ¢ —J [([ZFR#k S T
WX,

transposenode ZO/\T 1 —

fIFIAR ) — KT, LA— BB 74—V RIZRD, 74—V EALA—RIZRHEI I, fTH
3 EFINDT =5 EXH LT,

1

node = stream.create("transpose", "My node")
node.setPropertyValue("transposed names", "Read")
node.setPropertyValue("read from field", "TimeLabel")
node.setPropertyValue("max_num_fields", "1000")
node.setPropertyValue("id_field name", "ID")

# 86. transposenode 71I/NT A —

transposenode JONT ¢ — F— & TanT ¢ — DY
transposed names Prefix LT o —)V RAR f8E I N/ BEEEEE
Read (Prefix) ICHEDWTHBMIIERTE LT, £z
3 BEEOT—YNDO T 4 =)V RS T 4 =)L R
LEFRAAD I ENTEET (Read)s
prefix string
num_new_fields integer BT 2541, ERTZ2HLVWT 4 —
W RORREEREL £,
read_from field field BHIDHAIREND T 4 =)V R, T3UIA RS
AN T 4 = RTH D ENBETT,
ZOTRWERIL, /—RAEfFINSLEICT
T—IRELET,
max_num_fields integer T4 =)V Rins ARG AA DG ER. BEITK
BOT 4 =)V REFERLBENWEDIT, 74—V R
B FREHEEL LT,
transpose_type Numeric F 74 FTIREGEHNO 7 4 —I)L ROBDITHIN
String ANBZLNETN, RODIC, BHET « —ILR
Custom DAAZ L (A—T—FE) Y7ty FNEERE
FIITRTOXFHNT 4 =V RE ANBA DT &
HTEET,
transpose_fields list Custom (L—H—&%@E) A7/ a  &2liflTs&L
X2, Al ANEBEAD 74—V RERELE
‘a—o
id_field_name field
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typenode ZO/XF 1 —

F—=HH ) —RT, T4 =V ROAYTF—=FETONF 1 —2FELET. XL &7 14—
JVRIZ, HIEDRE (HFM, 4738, BFER, £/2137577) 2EEL. REMHEES AT A
XINDMIEDF=D DA T a &R EL. ETIWEROBINIHT ST ¢ —)V ROEEI %%
L. 74—V REED TNV EEEL. 74— IV ROEZEELET.

_.l'-_\\.
.-.’
f-.{-ﬁ
R

1l

node = stream.createAt("type", "My node", 50, 50)
node.setKeyedPropertyValue("check", "Cholesterol", "Coerce")
node.setKeyedPropertyValue("direction", "Drug", "Input")
node.setKeyedPropertyValue("type", "K", "Range")
node.setKeyedPropertyValue("values", "Drug", ["drugA", "drugB", "drugC", "drugD", "drugX",
"dPUgY", udrugzu])
node.setKeyedPropertyValue("null_missing", "BP", False)
node.setKeyedPropertyValue("whitespace_missing", "BP", False)
node.setKeyedPropertyValue("description", "BP", "Blood Pressure")
node.setKeyedPropertyValue("value labels", "BP", [["HIGH", "High Blood Pressure"],
["NORMAL", "normal blood pressure"]])

HLFEOLE. 1FND ) —RNELSHERETIEDIC. 7I77HRE/—RD fields from 70O/8F 14—
K2, THM ) — REFZERIIA DAY P IMLTDMNENGDGENH0ET, 74—V REA AV >
ZALT DI, ROEHIC, =TI - J—REEREL TEFIT BT TY,

tablenode = stream.createAt("table", "Table node", 150, 50)

stream.link(node, tablenode)

tablenode.run(None)
stream.delete(tablenode)

£ 87. typenode 7/NT 1 — :

typenode 7'/
TAL— F—y 1 FONT £ — DI
direction Input T4 =V ROBEIDF—TO/NT 4 —,
Target E: Ml In & Out BEIESNELZ. 5D
Both D) —ZTIEYR— BN L5805 0
None *7,
Partition
Split
Frequency
RecordID
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# 87. typenode 7O/NT 4 — (FEZ):
typenode 7I/X
F 40— F— A ZA= VAL R Ok L]
Type Range T4 =)V RORE
Flag CAFTNE 74—V RD 547 EIEZR TN
Set FL7). type % Default ICRTIT D&
Typeless values NI A= —EZ7 U7 LT,
Discrete value_mode DAEZY Specify D&, Read 1T
OrderedSet Uty hLET,
default value_mode 7% Pass F/zld Read IZFXE 4
586, type ZFELTH value_mode IZ
13D D EH A
AT I NS T ANL, TS AL
— RIZERSINDET—FRIEIIRLDET, X
DEDITHIEL £9: #EN > #Hgty M -
> AFIEFL Y MR > EFEEREL- > o O
1) —#l
storage Unknown T4 —IVRODA ML= 1 THEGHADE
String i e AR AS AP
Integer
Real
Time
Date
Timestamp
check None T4 =V R - AT EHFAOHRERDOF— - 7
Nullify O/)NT 14—,
Coerce
Discard
Warn
Abort
values [value value] HEH T 0 —)V ROBE. mAOMENER/MET
BEDENRAMEIZ/ZDET, HHBET -
ROBE, IRTOMEZEELET. 7778
DOEE. RUDMEN false (#) %, BZEOMEMN
true () #RLET, 2OTONT 4 —&F&
FETBHE, value mode 7' 1/NT ¢ —DIENH
FHAYIC Specify ICERESNET.
value_mode Read BOHEHEERELET, 20T O/T 1 —
Pass IZ Specify ZEBHTIIRETE RN &ITHE
Read+ BLTLEZW, FFEDOMHEZMEAT %I
Current values 7O/NT 4 —ZHELET,
Specify
extend values flag value_mode 7% Read IZF¥E S N/=HEITHA
INET, HLLHEAAALZEE, 74—)1/]\“
OEEFEOEIZEMT 25813, T 2%EL X
T, FL<HAAUEZELL T, BHFEOME
%E&?T%)FAZL FZaixElLET.
enable missing  |flag RELIEHE. 74— EOXRIBMEDBH

ﬁ\ﬁ)‘j sfé\\ D ij—o
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# 87, typenode 7O/NT 4 — (FiZ):

typenode 70/

TA— F—5M TaNT 4 — D

missing values [value value ...] RIET—F ERTT—HEEEELET,

range_missing flag T4 =)V RICRIEME (ZEA) OHEANERIN
TWBENESINEEELET,

missing_lower string range missing MNEL (true) DHA. RIBMHEH
O TRMEZEELET.

missing_upper string range missing MNE (true) DHFHA. RIBMEH
o EREEZEELET.

null missing flag T 2RELESE. XJUE ()7 MUz 7 TR
$nully &L THERINDAEHRM) 1IRMEM
ERBEINET,

whitespace flag T ZRELEES. ZHE (ARX—Z, 7,

missing BIUOYIT) ZHE2EOEPRBEERZIN
R

description string T4 —IVROFAZEEL XTI,

value_Tabels

[[Value LabelString] [ Value LabelString] ...]

BEDOXRT DD ) Z2EELET,

display_places |integer T 4 =)V RWNFERIND & E D/ DMk E
HELET REAL ARL—TD7 14—V RIC
DOHiEH), -1 ZRETHE, AR)—LDT
T4V EIMERENET,
export_places integer T4 = RNERIND EED/NEET DTSR %
HRELET REAL A ML —2D 7 4 —)L RIT
OHiEM). -1 ZRETHE, ARNU—LDF
THII R EINET,
decimal_separator| DEFAULT T4 =)V RO/NEUEFL B2 EE L ET (REAL
PERIOD AL =207 4 =)V RIZOAHEA).
COMMA

B 11 E 74—V RBE/ —RoTO)NT 1 —
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# 87. typenode 7O/NT 4 — (FEZ):

typenode 7I/X
TA—

F— M

Tans 1« —0HW

date format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM.YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON. YY"
"DD.MON.YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

T4 =)V ROHMERXZHRELET (DATE £
72V TIMESTAMP A KL —2 D7 4 —)L RIZ?D
AT NETD),

time format

"HHMMSS"

n HHMMII

IIMMSS n
"HH:MM:SS"
"HH:MM"

"MM:SS"

"(H)H: (M)M: (S)S"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS*"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)S"
"(H)H. (M)M"
"(M)M. (S)S"

T4 =)V ROHAMEXZHRELET (TIME £
721 TIMESTAMP A KL —2 D7 4 —)L RIZ?D
AT NETD),

number_format

DEFAULT
STANDARD
SCIENTIFIC
CURRENCY

T4 =) RICBUEDOE R ZREL T

standard_places

integer

T4 =)V RIMERERE R TR REIND & E D/
MU FOH#EEELE T, -1 2 ET5

EL ANY—LOT I HINIMERSNET,
BEfFOD display places Aw R TH I D%
MEBINETA, BEEIEEESNTHET,

scientific_places

integer

T4 =V RNRZROBATERIND EZD
INBE UL RO @ L ET, -1 Z2%ET
L, AM)—LOT7H)VIOMERSINE
ER
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# 87, typenode 7O/NT 4 — (FiZ):

typenode 70/

FA— F—& TanNT ¢ — O
currency places |integer T4 =V RNHEDHEATERINDGEEDT
4 =)V RO/NBSLI R oM &% E L ET, -1
EHRETDHE AN —LDT 7 4)L MHMEH
INET,
grouping_symbol | DEFAULT T4 =V RIZTN—=Ts >R ERELE
NONE ER
LOCALE
PERIOD
COMMA
SPACE
column_width integer T4 =)V RICHEZREL T, -1 EWS1E
ZIRET 5 E. FlEIL Auto ICERESNET,
justify AUTO T4 =)V RICHFARE R E L ET,
CENTER
LEFT
RIGHT

measure_type

Range / MeasureType.RANGE

Discrete / MeasureType.DISCRETE

Flag / MeasureType.FLAG

Set / MeasureType.SET

OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS
Collection / MeasureType.COLLECTION
Geospatial / MeasureType.GEOSPATIAL

ZoF—fE7aNT 1 —id, 74—V RICE
BT ONIEREZERT H-DIHERATES
EWVWIS T, type EHEBLTWET, £ixb
Dld. Python A7 U T T, getter BIEAVEIZ
MeasureType fEZIXT—4 T, setter BIEKIT
MeasureType fED S HD 1 DEJET I EHT
EHLEVNIHTY,

collection_

Range / MeasureType.RANGE

T 4 —IV R @EESN 0 OU A ) OB,
ZDF—frETo/)NF 4 =13, HEfE LB M

measure Flag / MeasureType.FLAG
Set / MeasureType.SET BT 6 NIREY A TEERLET,
OrderedSet / MeasureType.ORDERED_SET
Typeless / MeasureType.TYPELESS

geo_type Point HWHZEM T =)V ROBFH., ZoF—ftE71
MultiPoint T4 =&, DT 4 =)l RNFKT HHHZE
LineString MA T2 NI THREHRERINET, Ih
MultilLineString 13, DY A FDOES EBEL TWDLHEND
Polygon NDEJ,
MultiPolygon

has_coordinate_|boolean HEZER T =)V ROBH, 20T 0T 4 —

system

2K, 2074 =V RITEERDH LN ED
MINVEFRSNET,

coordinate_system

string

HWHZEM T —)V ROGHH. ZoF—ft&71
INT 4 =2, TDOT 4 =) ROPFEEZRNE
HEINET,
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# 87. typenode 7O/NT 4 — (FEZ):

typenode 7I/X
TA—

F— M

Tans 1« —0HW

custom_storage_
type

Unknown / MeasureType.UNKNOWN
String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP
List / MeasureType.LIST

ZOF—HMETONT 4 —d T4 — IV ROF
—N—FA4 R ARL—VZEHRT DI

FATESEWNS T, custom storage &AL

LTWET, BAD5DIE, Python A2 U7k

T, getter BAEOVHIZ StorageType fEZIRT

— 5T, setter BIEIZ StorageType fHD S H D
| DEETIEDTELENDHTT,

custom_list_
storage_type

String / MeasureType.STRING
Integer / MeasureType.INTEGER
Real / MeasureType.REAL

Time / MeasureType.TIME

Date / MeasureType.DATE

Timestamp / MeasureType.TIMESTAMP

AR 74 =)VROHE, ZoF—f&70
NT A4 —IZKD, KEEBDEDOA L —
A TR SNET,

custom_list_depth

integer

DAN 74—V ROGFH, ZOF—fI=7n0
INT 4 =2k, 74—V ROWESINIFEIN
ESCIN
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FE12F 5

%K/ —Rko7anNT« —

IS576R/—FOHBOTONT 4 —

D7 arTiE, FI7ER S/ —RTHEATES 70/)NT 4 —IZDOWT, @7 onNsr—& /) —

R 1 TEAEDOTONT 4 —bEOTHAL LT,

#88. 7T IEMK S — Rottim 7 a/NT ¢ —

7971k — RoitE7Tons

output (.cou)

1= TR TaNT ¢ — O]
title string A4 MVEREL T, #il:"This is a title."
caption string fEatZ e LEJ . fl:"This is a caption."
output_mode Screen TR — RS OHANEREINED, T 7 A
File IANEZAENLNERELET,
output_format BMP Whoy A« 7aBELET. Hhnlfehky 1 713 &
JPEG 77 A J =R UTELL £7,
PNG
HTML

full_filename

string

7T IERR ) — RIhs RSN S T70, ko
WNAETyAINVEERELET,

use_graph_size

flag

THHTIEESSOTanNT s —2FHLTY S
TDYA XMBRL TRESNDINES N ZEHIEL £
T, MEICHAEND T TICETRELET, BY
77« J—RIZIFFEHTEEE A,

graph_width

number

use_graph_size 7% True DG, VI 7DEZE D &
WETHREL X7,

graph_height

number

use_graph_size M\ True D{FH, VI 7D@mI &Y
TIETHEL XY,

FFTar 74—V ROEZL
WA DOF—=N—L A « 74—V REEDF T3> - 74—V RIE, ROFIOXDIZTTO/ST 4 —fEIC "
"(EXTFH)) ERETHIEICKD, EIMLT BRI ENTEET,

plotnode.setPropertyValue("color_field", "")

BDIEE

FHE, i, TR, BLXUOIRNNVOGIE, Ny aids #) ThHES 16 EXFHITHEET S ZENTE
T3, HlZIE. VI TOYREEMIZT DI, ROXERELET,
mygraphnode.setPropertyValue("graph_background", "#87CEEB")

ZZT, mAD 2 #i 87 IIREBOEZ, RO 2 #i CE I3FDEZEZ. &ED 2 #i EB IIHFDOEZRLE

9. HHIE. 0 S 9 KZld A S F OHIFHOMEIZ/RDET, TNHSOEZMEHL T, R-#%-F (RGB)
DEEHRELET,
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H¥: 1% RGB THEJIZHEG, 11— — A2 —TJx—ADT 14—V R Evh—2FEHALTIELWED
—RERETZHIENTEEXET, EvI—ZHHNOAD LIIHIEIE, 20— RV —)LE > MR
SNET,

collectionnode Z7A/NF 1 —

EHBET T T« J—R T, OB T 4 —)V KOMEITHM BB T 4 —)V ROEOES 57

ﬂm EFERRLET EFHEYT7 - J—RTlE. BEANTILWET T TMERENET) . £

£ G5 713, EAMRORIBE & b I BT BB T 1 —)) REERTHHAI RS E
To 3 KT T EBHALT, pMiZENT IV —RICERT B VRIIEREZEINTSZ &6
TEET,

il

node = stream.create("collection", "My node")

# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("collect field", "Drug")
node.setPropertyValue("over_field", "Age")
node.setPropertyValue("by field", "BP")
node.setPropertyValue("operation", "Sum")

# "Overlay" section
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")

node.setPropertyValue("range min", 1)
node.setPropertyValue("range max", 100)
node.setPropertyValue("bins", "ByNumber")
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin _width", 5)

# 89. collectionnode 7°/NT 4 —

collectionnode FTI)XF 1 — F— FONT £ —DHW
over_field field
over_label_auto flag
over_label string
collect_field field
collect_label_auto flag
collect_label string
three D flag
by field field
by_label_auto flag
by _label string
operation Sum
Mean
Min
Max
SDev
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# 89. collectionnode 7' T/NT 1 — (#E )

collectionnode TI/XF 1 — F—5 FanT 1+ —DH]
color_field string
panel_field string
animation_field string
range_mode Automatic
UserDefined
range_min number
range_max number
bins ByNumber
ByWidth
num_bins number
bin_width number
use_grid flag
graph_background color EHED 7T 7%, ZOovraORcHiE
NTWET,
page_background color EHED T T 70, 2Ot raORYICHE
NTHhET,

distributionnode 70/NF 1 —

W57« /) —RT, O—2OfECHERNRE, P 2RIUE 173U —) OMBIBEEZERR

_a LEd, W, %757 ) —REFHLTT—YOFREHEZRLETH, TOF—FI13E
— FIVOERANTNT > A« ) — REFALTEFETEET,

1

node = stream.create("distribution", "My node")

# "Plot" tab

node.setPropertyValue("plot", "Flags")
node.setPropertyValue("x_field", "Age")

node.setPropertyValue("color_field", "Drug")

node.setPropertyValue("normalize", True)

node.setPropertyValue("sort_mode", "ByOccurence")
node.setPropertyValue("use proportional_scale", True)

2 90. distributionnode 7°/NT o —

distributionnode 7'TI/NF t — T TaNnT ¢ —0FHM
plot SelectedFields
Flags
x_field field
color_field field F—=N—=LA T4 —=IVR,
normalize flag
sort_mode ByOccurence
Alphabetic
use_proportional_scale flag
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evaluationnode 7A/NT 1 —

il

node

EEOREFNITINZ2ERLET, THICE-> T, FHMEEFROEEEICHEIWEZL I—
RNV —haNET, 2L T, LI—RPEYA X ) OV —TI2nEEN, 900
EDR AT 2HEDMEN. SWADSHEIETERENET., ERICIE. BROETINNR
RO TRINET,

/\ A/ — Rid, FRIET)V O E BN SNET, YT 7T EFNIREORR
Y

= stream.create("evaluation", "My node")

# "Plot" tab

node.
node.
node.
node.

node

node

node

setPropertyValue("chart_type", "Gains")
setPropertyValue("cumulative", False)
setPropertyValue("field _detection _method", "Name")
setPropertyValue("inc_baseline", True)

.setPropertyValue("n_tile", "Deciles")
node.
node.
node.
node.

setPropertyValue("style", "Point")
setPropertyValue("point_type", "Dot")
setPropertyValue("use_fixed cost", True)
setPropertyValue("cost_value", 5.0)

.setPropertyValue("cost_field", "Na")
node.
node.
node.
node.
.setPropertyValue("weight value", 2.0)
node.

setPropertyValue("use_fixed_revenue", True)
setPropertyValue("revenue_value", 30.0)
setPropertyValue("revenue field", "Age")
setPropertyValue("use_fixed weight", True)

setPropertyValue("weight field", "K")

#91. evaluationnode 7T/NT ¢ — :

evaluationnode 7T1)XF 1 — F—m TONF ¢ — DM
chart_type Gains
Response
Lift
Profit
ROI
ROC
inc_baseline flag
field_detection_method Metadata
Name
use_fixed cost flag
cost_value number
cost_field string
use_fixed_revenue flag
revenue_value number
revenue_field string
use_fixed weight flag
weight_value number
weight field field
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# 91. evaluationnode 7T/NT 4 — (§£Z):

evaluationnode FONTF ¢ —

F—H

Tans ¢« —oOHm

n_tile

Quartiles
Quintles
Deciles
Vingtiles
Percentiles
1000-tiles

cumulative

flag

style

Line
Point

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

export_data flag
data_filename string
delimiter string
new_line flag
inc_field_names flag
inc_best line flag
inc_business_rule flag
business_rule_condition string
plot_score_fields flag
score_fields [fieldl ... fieldN]
target_field field
use_hit_condition flag
hit_condition string
use_score_expression flag
score_expression string
caption_auto flag

B 12 % VI7MER/ - ROTO)NT 10—
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graphboardnode 7O /X7 ¢ —

A V5 IH—K - /= RTR, B0/ — RCSESERMAD Y T 7 EELTOET. 0
(B, J—REMRLT, BEETHF—5 « 74—l RERIE, BRIV CEATES7 5

TEBRTEET, BIRLAET7 oIV RICEL TWEWY I 7OEIL. /—RiIck->THE)
MICBRIL S NET,

H: 797 4TI L TENRTONT 4 —ERELLSEE BIZAE. EART I 718 LT y_field
ZIRELESRS). 2070874 —IdEHINET,

H: UL I, SFxSFEhT7o7 1470 T 270 TEF 74—V RRH0DET, 2074 —ILR
F. BHEAZY T RTIESR—FINTWET A,

1

node = stream.create("graphboard", "My node")
node.setPropertyValue("graph_type", "Line")
node.setPropertyValue("x_field", "K")
node.setPropertyValue("y field", "Na")
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# 92. graphboardnode 7'T1/NT 4 —

graphboard FTI/XF ¢
- F—R TUNT 1 — OB

graph_type 2DDotplot 757 OFEEEE L ET,
3DArea

3DBar

3DDensity

3DHistogram

3DPie

3DScatterplot

Area

ArrowMap

Bar

BarCounts

BarCountsMap

BarMap

BinnedScatter

Boxplot

Bubble

ChoropTlethMeans
ChoroplethMedians
ChoropTethSums
ChoropTlethValues
ChoroplethCounts
CoordinateMap
CoordinateChoroplethMeans
CoordinateChoroplethMedians
CoordinateChoroplethSums
CoordinateChoroplethValues
CoordinateChoroplethCounts
Dotplot

Heatmap

HexBinScatter

Histogram

Line

LineChartMap
LineOverlayMap

Parallel

Path

Pie

PieCountMap

PieCounts

PieMap

PointOverlayMap
PolygonOverlayMap

Ribbon

Scatterplot

SPLOM

Surface
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7 92. graphboardnode 7'T/NT o — (FE &)

graphboard FTI/NF ¢

- F—yH TaNT 1 — D

x_field field x WDOHAH I (A—T—FE) TN %
HELET, INNVTOAEHTEE
£

y field field y BN AL L (A= —&E) TN Z
BELET. INVTORMEATEE
ER

z_field field 3R T 7O THEMALET,

color field field t—h -y T THALET,

size field field NT) - 7oy hTHALET.

categories_field field

values_field field

rows_field field

columns_field field

field field

start_longitude_field |field

end_longitude field field

start_Tlatitude_field |field

end latitude field field

S~y TOREITHERL X,

data_key field field IEIFRTy T THEALET,
panelrow field string

panelcol_field string

animation_field string

Tongitude field field X7 LOERETHEAL ET,
latitude_field field

map_color_field field

histogramnode 7 0O/\F 1 —

ER

il

node = stream.create("histogram", "My node")

# "Plot" tab

node.setPropertyValue("field", "Drug")
node.setPropertyValue("color_field", "Drug")
node.setPropertyValue("panel_field", "Sex")
node.setPropertyValue("animation_field", "")

# "Options" tab
node.setPropertyValue("range_mode", "Automatic")
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node.setPropertyValue("range min", 1.0)
node.setPropertyValue("range_max", 100.0)
node.setPropertyValue("num_bins", 10)
node.setPropertyValue("bin_width", 10)
node.setPropertyValue("normalize", True)
node.setPropertyValue("separate _bands", False)

£ 93. histogramnode 7To/)NT 4 —

histogramnode 7O ¢ — F—5 Tans 1 —os]

field field

color_field field

panel_field field

animation_field field

range_mode Automatic

UserDefined

range_min number

range_max number

bins ByNumber

ByWidth

num_bins number

bin_width number

normalize flag

separate_bands flag

x_label_auto flag

x_Tabel string

y_label_auto flag

y_label string

use_grid flag

graph_background color EHED 7T 7L, ZOtraORIICHE
NTWET,

page_background color B 7S 76013, Z0tvria ORIl s
NTVWET,

normal_curve flag ERM DO —T M ACERT DN E I MNEIRE
L¥%9.

multiplotnode 70O/XF 1 —

WTS57« J—FRTIE. 1 2D X 74—V RIHLTERD v 74—V REZHERT DERN
Kég& ERRENET. ¥ 74 =V RN ZOHTER SN, ThEN 25 ()] 74—V K%
— (9421012, IX BE—R] J4—I)vR%& IY—b] ITEELLEEMAXK ) — RITHSLET,
BT 5713, BROBKROLEE ZEMIChE> TRET D EEICRIBET,

il
node = stream.create("multiplot", "My node")
# "Plot" tab

node.setPropertyValue("x_field", "Age")
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node.setPropertyValue("y fields", ["Drug", "BP"])
node.setPropertyValue("panel_field", "Sex")

# "Overlay" section
node.setPropertyValue("animation_field", "")
node.setPropertyValue("tooltip", "test")
node.setPropertyValue("normalize", True)
node.setPropertyValue("use overlay expr", False)
node.setPropertyValue("overlay expression", "test")
node.setPropertyValue("records_Timit", 500)
node.setPropertyValue("if over limit", "PlotSample")

7 94. multiplotnode 7 T/NT 1 —

multiplotnode FTINF ¢ — F—& R TaNT ¢ — D
x_field field
y_fields list
panel_field field
animation_field field
normalize flag
use_overlay_expr flag
overlay_expression string
records_Timit number
if over limit PlotBins
PlotSample
PTotA11
x_label_auto flag
x_Tabel string
y_label_auto flag
y_label string
use_grid flag
graph_background color BEHRED T T 761, ZOtv s a ORIICHIS
NTWET,
page_background color EHRED T T 70, 2Ot aORYIcHE
NTWET,

plotnode 70O/XF 1 —

WA — R T, 87« —)V FEOBERAVRSINET . EXIZ. A (@A) 7213
Zlﬁ'\ AL TIERTE XY,
1l
node = stream.create("plot", "My node")
# "Plot" tab

node.setPropertyValue("three D", True)
node.setPropertyValue("x_field", "BP")
node.setPropertyValue("y field", "Cholesterol")
node.setPropertyValue("z_field", "Drug")
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# "Overlay" section

node.
node.
node.
node.
node.
node.
node.

setPropertyValue("color_field", "Drug")
setPropertyValue("size_field", "Age")
setPropertyValue("shape field", "")
setPropertyValue("panel field", "Sex")
setPropertyValue("animation_field", "BP")
setPropertyValue("transp field", "")
setPropertyValue("style", "Point")

# "Output" tab

node.
node.

setPropertyValue("output_mode", "File")
setPropertyValue("output format", "JPEG")

node.setPropertyValue("full_filename", "C:/temp/graph output/plot output.jpeg")

7295, plotmode 7' I/NT 4 — :

plotnode TN F ¢ — F—A FTaNT 4 —DFHEW]
x_field field x WID A AL I (A=Y —f&E) TNV EHREL X
T, IN)NTORFHTEET,
y field field y BiDHZAY L (A—H—FE) TNINEHEL E
To TRV TORMEATEET,
three D flag y WD A% L (A—TF—FE) INNVERELE
o 3D VT 7DINRIVTORMEATEET,
z_field field
color_field field F—=N—LA - Ta—ILE,
size_field field
shape_field field
panel field field BHTT)—END T T 7 ODIERRIZET T % 4%
FRF TSI 4=V RERELET. VT 71
bl SN, EBEROZ TN 1 DOHHY
4 2 RIICEREINET,
animation_field field ToA—a EFEHLCERICERT S —HD Y
FIERERLTT—HEOA T —ZHiET 5,
HERMETITITMT 4 =)V RERELET,
transp_field field HTFA) =T &R DL NI)OFEBEEMFEHRL
T, T—HMEDOHT TV —%KT T 1 =)V RERE
LET, Tt r 5 7 Tl TEEE .
overlay_type None F—=N— LA BN ERI NS, LOESS Figft
Smoother MERINDZNERELET,
Function
overlay expression string overlay type 7% Function IZEREINTWNBHEE
R ENSHEHEELE£T,
style Point
Line

%12 3 VIR —RoTanso— 159



# 95. plotnode 7'TO/NT 4 — (§£Z) :

plotnode FO/NXF ¢ —

F—

Tans « —0HW

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
OblateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

x_mode

Sort
Overlay
AsRead

X_range_mode

Automatic
UserDefined

X_range_min number
X_range_max number
y_range_mode Automatic
UserDefined
y_range_min number
y_range_max number
z_range_mode Automatic
UserDefined
z_range_min number
Z_range_max number
Jjitter flag
records_Timit number
if_over_limit PlotBins
PlotSample
PTotAT1
x_label_auto flag
x_Tabel string
y_label_auto flag
y_label string
z_label_auto flag
z_label string
use_grid flag
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# 95. plotnode 7T/NT 4 — (§£Z) :

plotnode 70X ¢ — F—& i Fans + —oOHM

graph_background color EHED 7T 7, 2Ot r 3 aORYICHIE
NTHET,

page_background color BHRD TS T/, Z0vr s a > OREgciis
NTWET,

use_overlay_expr flag overlay type DO DIZEILI NS FE,

timeplotnode Z0/XF 1 —

B R% ) — RT, BRHNT—FD 1 DL LDy hEERLET, @%. HOICHMXS ) —
J@\\ RzEMH LT TimeLabel 7 4 —I)V RZEERLET, ZD 70—V R, x @ic TNV 2T 5
—- TOITHEHEINET,

il

node = stream.create("timeplot", "My node")

node.setPropertyValue("y fields", ["sales", "men", "women"])
node.setPropertyValue("panel", True)

node.setPropertyValue("normalize", True)

node.setPropertyValue("line", True)
node.setPropertyValue("smoother", True)

node.setPropertyValue("use records limit", True)
node.setPropertyValue("records 1imit", 2000)

# Appearance settings

node.setPropertyValue("symbol_size", 2.0)

2 96. timeplotnode 7'T/NT 1 — :

timeplotnode 70N F ¢ — F— FANT £ — DR
plot_series Series
Models
use_custom x_field flag
x_field field
y_fields list
panel flag
normalize flag
line flag
points flag
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# 96. timeplotmode 7'T/NT 4 — (FEZ):

timeplotnode 7TINF ¢ — F—5H Fans+ —oOHM

point_type

Rectangle

Dot

Triangle
Hexagon

Plus

Pentagon

Star

BowTie
HorizontalDash
VerticalDash
IronCross
Factory

House
Cathedral
OnionDome
ConcaveTriangle
ObTateGlobe
CatEye
FourSidedPillow
RoundRectangle
Fan

smoother

flag panel % True IZF¥E L 2HBICOA, FigLE#
MBIEMTEET,

use_records_Timit

flag

records_Timit

integer

symbol_size

number X—HN— YA XZ=H/ELET,

panel_Tayout

Horizontal
Vertical

webnode Z7O/NXF 1 —

-

1

Web 757« J—RT, BEOI>HIUE (h7TY—) 74—V ROEOBHRDRI HURS
NET, TOFV T T T HEHOBIZRIZOICIETIERIEBOMAEHINET., Web &
57« J—REFHLT, #lZIE, EIX—A - YA P THAIN/ZS T IEAHMOBGRZ
FETEET,

node = stream.create("web", "My node")

# "Plot" tab

node.setPropertyValue("use_directed web", True)
node.setPropertyValue("to_field", "Drug")
node.setPropertyValue("fields", ["BP", "Cholesterol", "Sex", "Drug"])
node.setPropertyValue("from_fields", ["BP", "Cholesterol", "Sex"])
node.setPropertyValue("true_flags only", False)
node.setPropertyValue("1ine_values", "Absolute")
node.setPropertyValue("strong_links_heavier", True)

# "Options" tab

node.setPropertyValue("max_num_Tinks", 300)
node.setPropertyValue("1inks_above", 10)
node.setPropertyValue("num_Tinks", "ShowAl1")
node.setPropertyValue("discard_links_min", True)
node.setPropertyValue("1inks_min_records", 5)
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node.setPropertyValue("discard 1inks max", True)
node.setPropertyValue("weak_below", 10)
node.setPropertyValue("strong_above", 19)
node.setPropertyValue("1ink_size_continuous", True)
node.setPropertyValue("web_display", "Circular")

# 97. webnode 7/NT o —

webnode 7TI/NTF ¢ — Ty TaNT 4 — DY
use_directed web flag
field list
to_field field
from_fields list
true flags_only flag
line_values Absolute
OverallPct
PctLarger
PctSmaller
strong_Tinks_heavier flag
num_T1inks ShowMaximum
ShowLinksAbove
ShowAll
max_num_T1inks number
links_above number
discard_links_min flag
links_min_records number
discard_links_max flag
1inks_max_records number
weak_below number
strong_above number
link_size_continuous Slag
web _display Circular
Network
Directed
Grid
graph_background color EHD T T 7013, Zotvr s aORIIciis
NTVWET,
symbol_size number X—H— YA X=HEL £,

B 12 % VI7MER/ - ROTO)NT 10—
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£ 13 & EFIVER/—Fo7ansr14—

—RIEETIVERR/ — R 7aNnNT 1 —

KOTONT 4 —id, BEFZIZIARTOT—IR—Z - EFIMER— RICHBETT, HEHOETIVIER /
— RIZBELTIE, BHEIZIRCTRF2 A MAICHIMZRREHL TWET,

F 98, —MYETTIAER / — RO 7 a/NF 1 —

Tany4— ff TURF £ — DB

custom_fields flag B (true) ODHFEIT. BHED /) — ROy -7
v b ATl FOMT 4 —IV R EERE
FTHLZENTEET, 5 (false) DFEIT.
EROT =B ) — R SBEDKE D
Hanxd,

target field EFNDYATICE>T, B—OR%T ¢

E/lE or —IV R EZBEROHRT 4 —)V REHEE

targets [field] ... fieldN] LE9d,

inputs [fieldl ... fieldN) ETNTHERAINS AN ELRITTFEE Y
74— R,

partition field

use_partitioned data flag X374 =)V RMNERINDHE. ZOF
TraZEERT IR NEDT I D
ANETIIRBRIHEHINLHLDICLE
£

use_split_data flag

splits

[field] ... fieldN]

DEETIVERICERT S, 74—V RZE
BINL E£T. use_split_data 2% True IZ%
ESNTWLEEIZOBEITY,

use_frequency flag BEETI - IATTERTHEBD, HSH
T4 =V RBIUVERKT « =)V EDRRED
ETFIVTHASINET,

frequency field field

use_weight flag

weight field field

use_model_name flag

model name string I—HY—MEETHHHET V4.

mode Simple (&)

Expert
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anomalydetectionnode ZO/\T 1 —

1

node

node.

node

BEERL ) — RT, TIE®ER] T O —IZEGB LIRWREr— AR UE 235 L

= stream.create("anomalydetection", "My node")
setPropertyValue("anomaly method", "PerRecords")

.setPropertyValue("percent_records", 95)
node.
node.
node.
node.

setPropertyValue("mode", "Expert")
setPropertyValue("peer_group_num auto", True)
setPropertyValue("min_num_peer groups", 3)
setPropertyValue("max_num _peer_groups", 10)

72 99. anomalydetectionnode 7' TI1/NT 1 —

pr.
gﬁﬁ? F9, 2D/ —RT. HMUEDREEHD/NY — U TIRESBN-720, [{ZRLTND DM
FoZED LMo/ T A58 TH. ANEE#MITEET,

anomalydetectionnode 7T1)XF 1 — i FOANT £ —D 3
inputs [field] ... fieldN] BEERHET VL, BEOANTT 4 —
NVRIZEDWTLaO—RzEA Y —2>
JUET, =T v b+ 74—V Rl
FALERA. BEHT = RBIOERK
T4— )V EBHHLEREA. FELLIE
ceEwzlies "= T—EM7zET )Y
[Erk ) —Fo7anNF—ilezmL T
LI,
mode Expert
Simple
anomaly_method IndexLevel LVOA—RICREELTIIVERET S
PerRecords D, NEfEERDDDIHEHINS
NumRecords HEERELET,
index_Tevel number BELLTI IV ERET D120 DE/N
HEMEEIREL £,
percent_records number FEF—HRNOL I— ROEE (%) 1TH:
DWTLI—RZTIVERET S0
D, MfEEHRELET,
num_records number HEF—HFROL - ROEICHEDINT
LaA—RIZT IV &BRET L7200, B
Bz ELET,
num_fields integer FREL - RICMETSH7 4 —ILR
e
impute_missing_values flag
adjustment_coeff number PHEEDFH R B e T T — - T
14 =)V REICHE S N B DO EA DN
T A EDTEDITHEHEINAME,
peer_group_num_auto flag E7 - 7 —7 8 AENICEHE L £
ED
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# 99. anomalydetectionnode 7 T/NT 4 — (FE )

anomalydetectionnode 7 T1/XF ¢ — fifi TaNT ¢ — D
min_num_peer_groups integer peer_group_num_auto 7% True IZE%E S
NTWLHPFIEHENZET - V)b—
T ORNEEREL XTI,
max_num_per_groups integer EY - T —TOERKREERELET,
num_peer_groups integer peer_group_num_auto 7% False IZRYE S
NTWLHAFIMEHAINDEEY - J)b—
TORERELET,
noise_level number 7 I A RO NEOUE k%
WELET. 0 5 05 £TOMEZEE
LTL7EE N,
noise ratio number JAXDONy Ty TIN5 O
PAR=R 2 MEIDETEND, AEY
—DREHELET. 0 "5 05 £TD
EZfEEL TSN,
apriorinode ZO/XF 1 —
PN Apriori /—RT. 7= 5)b—)b -ty cahithL., ERANEPRDHREL V-V E =
=) HILE T, Apriori 1013, 5 BEO)L—)VERGEN S D, BIERA > Ty 7 AERIEE

1l

node

LT, KERT—F - by MO RWIUE I NET, KELBBEOEEIE. —MRIZ. Apriori
DOFNEEICFETEET, RIFTEDI—IVEIHICHIRIIH D E/ . Eiz, K 32 D
ARG 2/ DI — )V B TE £, Apriori Tl AN 74—V RERNTT 4 —ILRDTN
THHTIV—TH DI ENRETTN, ZOREDT—YIZEbE TRELLINTNDED

T, EDEWNT = AZHBILET,

= stream.create("apriori", "My node")

# "Fields" tab

node.
node.

setPropertyValue("custom fields", True)
setPropertyValue("partition", "Test")

# For non-transactional

node.
node.

setPropertyValue("use_transactional data", False)
setPropertyValue("consequents", ["Age"])

node.setPropertyValue("antecedents", ["BP", "Cholesterol", "Drug"])
# For transactional

node.
node.
node.
node.

setPropertyValue("use transactional data", True)
setPropertyValue("id _field", "Age")
setPropertyValue("contiguous", True)
setPropertyValue("content_field", "Drug")

# "Model" tab

node.
node.
node.

node

setPropertyValue("use_model name", False)
setPropertyValue("model name", "Apriori_bp choles_drug")
setPropertyValue("min_supp", 7.0)

.setPropertyValue("min_conf", 30.0)
node.
node.
node.

setPropertyValue("max_antecedents", 7)
setPropertyValue("true flags", False)
setPropertyValue("optimize", "Memory")
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# "Expert" tab

node.setPropertyValue("mode", "Expert")

node.setPropertyValue("evaluation", "ConfidenceRatio")

node.setPropertyValue("Tower_bound", 7)

2 100. apriorinode Ta/)NT 4 —

apriorinode FO/NF ¢ — i TONT £ — DB

consequents field Apriori ETIVIZEEHER SRR T 0 —I)L RBI N
ANT 4=V RORREGHEEZHHALET. B
HT4—IVRBROERT + —)V FIIEAL £
Hh., FLLIE. FEY |65 X—20D T
[7ETIVER ) — Ro7a/)NF 1 —1 |5k
LTLESN,

antecedents [field] ... fieldN]

min_supp number

min_conf number

max_antecedents number

true_flags flag

optimize Speed

Memory

use_transactional_data flag

contiguous flag

id_field string

content_field string

mode Simple (Efl)

Expert

evaluation

RuleConfidence
DifferenceToPrior
ConfidenceRatio
InformationDifference
NormalizedChiSquare

Tower_bound number
optimize Speed ETFTIMERNEEEATY —DEB 5ICX D&
Memory I cnEEELET,
associationrulesnode Z7O/XT 1 —
7Y I—ay b=V J—RIE Apriori / — RIZITWETH, Apriori E13HEARZD, 7TV
@ ST—va> b=l J—KEURL - F—F BB TEET, 350, TUST—a )
—J)l /—R% IBM SPSS Analytic Server EHITHAT 5L, Ew 77— QUM E#H R

FULEE QRN BEIC /2 D £ T
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Z 101. associationrulesnode 7'T1/NT 4 —

associationrulesnode 7 O/NF
4 —

F— s

Tans ¢ —OHM

predictions

field

ZDOUAXANNDET 4 =)V R, IL—ILOFHI 7
4 —IVRELTDOARERTHIENTEET,

conditions

[fieldl...fieldN]

ZDOYUARNADET =) RiZ. —IVDZMH&
LTOARERRTDHIENTEET,

max_rule_conditions integer I DOIIV—IVIZED D EMTELRMEORK
. m/MET 1. mAMEE 9 TY,
max_rule_predictions integer 1 DON—IVIZED D ZEMTELTFHUOERK
o m/ME 1L K 5 TY,
max_num_rules integer W=D —E &L L THIRT T ENTED I —
IVDRKE, fH/MER 1. BAMEIX 10,000 T
ED
rule criterion_top n Confidence E2HWd 2)—IVHHE, ZORECKD, EF
Rulesupport IVAD EAL N O —)VISBRIRENET,
Lift
Conditionsupport
Deployability
true_flags Boolean INZE Y ITERETDHE. I—)VORBERIZ, true
DEZERDT T 74 =) RIZFPUE ST
20 ET,
rule_criterion Boolean INZE Y ICHETDE, BT OMERIC, L
—IVHHEDBEEEH L TOL—ILABRI S NET,
min_confidence number 0.1 5 100: ETIMICE > TERS NI —))
CONWTRIKIRLERMEE L NV ON—1 >
i, ZTTHRESNIZMERD BEVWEGEEL )L
RO —IVIRETIVIZE o TERI NS A.
ZOIN—IVIFEFEINET,
min_rule_support number 0.1 05 100: ETIICE > TERS NI —))
DWW TERIKRSHE )L —)L HR—hD/N—t
> ME, ZZTRESNLMEES D BEWIL—IL
HiR—bF LRV EREDI—IVINETIVICE ST
BRSNS, 20— IVEEESINET,
min_condition_support number 0.1 25 100: EFIICX > TERS NI —)b
CDOWTHRIKRLE G MEY R — hD/X—k > b
i, T THEINZMEED HENFRAETR—F
LAV EFF DI —IVIRETIVITE > TER S N
Ba, 2o —IidgEINE T,
min_1ift integer 1 M5 10: ETICE > TEES NIV —IVIZD

WTREBRS D) 7 b LRIVEELET, Z
CTHESNZELDBENY 7 K L)L ZH
DN —INBETFIIZE > TEREINEZHE., D
N—IVIEINET,
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# 101. associationrulesnode 7'T/NT 1 — ()

associationrulesnode 7O/ F

®1— F—A8 TanNT 1+ — O]
exclude rules Boolean Zo7anNT 4 —&FHLT. ETIICLDIN—
IVOERITEE U THEALRWEEEY ¢+ —)L RO
AFZERL £,
f: set :gsarsnode.exclude_rules = [[[field],field2,
field3]].[[field4, field5]]] - [] ICHRE SN2 T 1
=V EDQU AR, T—TIHNOETITRD E
ED
num_bins integer HEM T IV RO E > HEEEBSHEIE> O
BEHELXT. mMEld 20 &AEE 10 T
ED
max_list_length integer BAENFHBRTRTOY A~ 74 —)b RIZid
HAENEd, ZITHESNEZ EREL T,
U A NHNOERNET IV ORETHEHINET,
CCTHRESNIEHZBALERIIODNTL, T
NTHFESNETT, RME 1. RREIZ 100
‘—6‘3—0
output_confidence Boolean
output_rule_support Boolean
output_lift Boolean
output_condition_support Boolean
output_deployability Boolean
rules_to_display upto T —TINCERINDB I —IL DERRE.
all
display_upto integer rules_to display T upto &% L7=HE13,
HAT—T7IICEREINDI— IV O EREL £
9. m/MEIF 1 TY.
field_transformations Boolean
records_summary Boolean
rule_statistics Boolean
most_frequent_values Boolean
most_frequent fields Boolean
word_cloud Boolean
word_cloud_sort Confidence
Rulesupport
Lift
Conditionsupport
Deployability
word_cloud_display integer me/MER 1 RRMEE 20 TY,
max_predictions integer ZATIRTEEANTHEATES I —ILORK
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# 101. associationrulesnode 7'T1/NT 1 — ()

associationrulesnode 7O/ F

1= F—yM TOaNT 1 — O
criterion Confidence =)V DEREZ T 5720 DR EZRIRL £
Rulesupport kP
Lift
Conditionsupport
Deployability
allow_repeats Boolean FCTFHZREDIL—IEZAITNICEHEDZNES

MERELET,

check_input

NoPredictions
Predictions
NoCheck

autoclassifiernode Z7O/NF 1« —

f’f\"\ HENDHE / — Rid, 2fEEOKER (yesmo. churn/don't churn 72&) 24 U354 < DR ET
H‘C—%i NEERBEVHEBEL, 52 5NEMIADREDT T0—F ERRT ENTESES D
F9., Z<OTETIVMERTIVIY XLCHIEL., BRI D HE, SHE04 7> a, TLT

FRZEHE T D20 DHEERINT LI ENTEXT., 2O/ —RT, fFESNLEAF T a >
WKHEDWTET IOy bAEREN, HESNEETE DN TREOBMN T > 71T S

NE9,

1l

node = stream.create("autoclassifier", "My node")

node.setPropertyValue("ranking_measure", "Accuracy")
node.setPropertyValue("ranking_dataset", "Training")
node.setPropertyValue("enable_accuracy Timit", True)

node.setPropertyValue("accuracy limit", 0.9)
node.setPropertyValue("calculate variable_importance", True)
node.setPropertyValue("use_costs", True)
node.setPropertyValue("svm", False)

£ 102. autoclassifiernode Ta)NT 4 —

autoclassifiernode 7O/ F 1 — fifi TONT ¢ —D B
target field 7 I RROGE, HEgE ) — R
1 DOMRET 4=V RBXU 1 D
PLEDOANI 74—V REHMALET,
BAHT 4=V RBLOER T +—ILR
HIRETHIENTEET, FFEL<
. FEvZles R=T 0 T—iRE7)
FEsvEk ) —Ro7a/)xs4—1 |&
ZHLTZI N,
ranking_measure Accuracy
Area_under_curve
FlZE
Lift
Num_variables
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# 102. autoclassifiernode 7' O/NT 4 — (FE ) :

autoclassifiernode 7 O/NF ¢ — firi TOaNnNT 1 — O
ranking_dataset Training
Test

number_of_models integer ETII - FTY MIEENSETIO
B. 1 & 1000HOBEZE L %
ER

calculate_variable_importance flag

enable_accuracy_limit flag

accuracy limit integer 0 & 100 DHEDEHTT,

enable_ area_under_curve _limit flag

area_under_curve_limit number 0.0 & 1.0 OMDFEK.

enable_profit_limit flag

profit_Timit number 1 DL D%,

enable_lift_Timit flag

Tift_limit number 1.0 22 DEK.

enable_number_of variables limit flag

number_of_variables_limit number 1 DL D,

use_fixed_cost flag

fixed_cost number 0.0 Z# A 2FEH,

variable cost field

use_fixed_revenue flag

fixed_revenue number 0.0 ZHZ %FH,

variable_revenue field

use_fixed weight flag

fixed_weight number 0.0 Z#8 A %R,

variable weight field

1ift_percentile number 0 & 100 DHEDEHTT,

enable_model_build_time_limit flag

model build time Timit number EH2 DETINDENTNEMET D/
DI B 2 IR % 7290120 %
ZRET DR

enable_stop_after_time_Timit flag

stop_after_time limit number HE O FAT D 7= O 2Rk aR
ZHIRR S 27z ICR 2 3E 3 2%

enable_stop_after_valid_model_produced flag

use_costs flag

<algorithm> flag HEOT I IU XLOFEHOER). &
BEYDEAET,

<algorithm>.<property> string BEOTNIUXLDTTONT 4 — 1l
ERELERT, #HLE bEYY
(73 X=2D T7)VTY XL - 70N
a4 —DFE) BHRL TSN,
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ZIWITV XA - 7ANT 4 —DHRE

HEpHE/ — R, BEE / — R, B8V 925 — -+ J—RIZDOWTId, /— R0 THR/ED 7)Y
ZLDOTONT 4 —d, RO—RERZEZHHL THRETEET,
autonode.setKeyedPropertyValue(<algorithm>, <property>, <value>)

AR icHl 2Rl £9,

node.setKeyedPropertyValue("neuralnetwork", "method", "MultilayerPerceptron")

HEDME// — RO7)I)ILTU XL%413. cart. chaid. quest. c50. logreg. decisionlist. bayesnet.,
discriminant. svm BX knn TT,

HEEE / — RO7)I)L3U X L4413, cart. chaid. neuralnetwork. genlin., svm. regression. linear ¥
XN knn T,

HE 925 — -+ J—RO7)V3aY X L%41E. twostep. k-means. BE N kohonen T,
TanT 4 =4 E7IVTY XL — ROEDIILE SN TN LEETT,

BUF RaEoMgEmE2a0 7 I)LaY XL - 787 4 —d, ROXDIC—FEFIARFTHOLENH D £
—d_o

node.setKeyedPropertyValue("logreg", "tolerance", "1.0E-5")

ROEIIT, BEOMEZTONT 4 —ICHDETHIEHTEET,
node.setKeyedPropertyValue("decisionlist", "search_direction", ["Up", "Down"])

RKEDOTIVIU XLDOHEROER), WRZTDEZ5I121E. ROKXIICLET,
node.setPropertyValue("chaid", True)

H: HEIDHE/ —RTREDT7IVIY XL « AT a oMERTRE TR WES., £-MEOHFE Tl <,

| DOMERZFEZIRETE S EEE. BEOHET/ — R VAT HEEERUHIREA. A7 U7 HMCH
HWHENET,

autoclusternode 70O/NF 1 —

PN HEIZ 9 A5 —+ /—RiE, FARORKEZHOL I—ROT I —T2#ETEH 5250 >
\ é:) ' 7 ®TINEMEL, HELET. /— REBMOBEILEETIIAER/ — FERC XD ICEME
‘ L. BROMAEDEDF T a P 2H—DETIUEROFETTHRIAETEET. ETIVE. 7

TR = BTINVOFEAME T4 IINE U 2T BROT DI T T AR ZEH L T
WL, REDT 4 =)V ROEEEICE DN TREZ ML T,

Bl

node = stream.create("autocluster", "My node")
node.setPropertyValue("ranking measure", "Silhouette")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_silhouette_Timit", True)
node.setPropertyValue("silhouette Timit", 5)
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# 103. autoclusternode 7'T1/NT 1 —

autoclusternode FO/)NF 1 —

Tans « —o#HM

evaluation

field

i DA, BEEEOEEFE TS T —ILR
ZHILET., £, ENFEF IS —
INT 4 =)V ROEZEXRIT B0, ENZT
EREICETINIDT 4 =)V RZ2FHET B
MNEHNT DI HTHIENTEE
ER

ranking_measure

SiThouette
Num_clusters
Size_smallest_cluster
Size_largest_cluster
Smallest_to_Targest

Importance
ranking_dataset Training

Test
summary limit integer L R—=RNZ—ETEHETINOHK. 1 & 100

DRIOBEEHREL £,

enable_silhouette_limit flag
silhouette_limit integer 0 & 100 DEDELTT,
enable_number_Tess_limit flag
number_Tless_limit number 00 & 1.0 DEDER,
enable_number_greater_limit flag
number greater limit number 1 LA EDEEE
enable_smallest_cluster_ Timit flag
smallest_cluster_units Percentage

Counts
smallest_cluster_limit_percentage | number
smallest cluster limit_count integer 1 DL EDEE,
enable_largest cluster_limit flag
largest_cluster_units Percentage

Counts
largest_cluster_Timit_percentage |number
largest_cluster_Timit_count integer
enable_smallest Targest Timit flag
smallest_largest_limit number
enable_importance_limit flag
importance_limit_condition Greater_than

Less_than
importance_1imit_greater_ than number 0 & 100 OREIDOEHKTT,
importance_limit_less_than number 0 & 100 DEDEHTT,
<algorithm> flag HBEDT NI XLDFEHOESR), Whz

YOBAET,
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2 103. autoclusternode 7°T/NT 4 — (¥ )

autoclusternode 7OV ¢ — i

pARVAL R RO E:|

<algorithm>.<property> string

BEDOY I ITY XLADTO/NT  — %
FLET., #L<E. FEv I3 R=]
[ T7)IVTU XL - TO)NT 4 —D%E |

EZRLTIEE N,

autonumericnode 7O/XF 1 —

/“\.\1 HEEE / — RTlE. <O FIFhahikzaMAL. #d 2 RMEEHOMEREEZ RO TET

> 4 WEHELRBELEYS., 20/ — N3 A8E/ — REFRUHETHEL. | BOETIVE

‘—" RDNAT, BEOMAGOREOA T a  2HHLRTTINTY XLZRIRTEZENTE
F9, FHTEL7INTY LT, Za—F)b - Fv NJ—2, C&R Tree. CHAID, ##%[A|
I, —A(ERRREE, BR—b - R KL -T2 (SVM) BEENTWET, TFIUE. H
B, MM T —., FRIEIEAINZEROBICHE ONWTHETEET,

il

node = stream.create("autonumeric", "My node")
node.setPropertyValue("ranking measure", "Correlation")
node.setPropertyValue("ranking dataset", "Training")
node.setPropertyValue("enable_correlation_Timit", True)
node.setPropertyValue("correlation_Timit", 0.8)

node.setPropertyValue("calculate variable_importance", True)

node.setPropertyValue("neuralnetwork", True)

node.setPropertyValue("chaid", False)

% 104. autonumericnode 7/NT o —

autonumericnode J'TI/XF -t — fifi FOANT £ —D 3

custom_fields flag H (True) DHE, T—F 8 ) — REEDR
DOITHAL I« T4 =)V RREMEN S
NET,

target field EEE / — R 1 DO/% 71—V RSB
KO 1 DB EOAN T4 —IVREMHERALE
T BEAT A —IVRBROERT + —IL R
HIETHIENTEET., FFLIE b
w765 R=2 0 TR ETIVIER]
[/—Ro7oNT 1 —) BRI TES
W,

inputs [fieldl ... field2]

partition field

use_frequency flag

frequency_field field

use_weight flag

weight field field

use_partitioned data flag T KT 4 =) RPERINTNDE
B FET I EFNET IV OREGEIHEH
INET,
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£ 104. autonumericnode 7°C1/NT 4 — (B E)

autonumericnode FTINTF 4 — il Tans 1+ —0HM
ranking_measure Correlation
NumberOfFields
ranking_dataset Test
Training
number_of_models integer ETI - FTY MCEENDET IO 1
& 100D OBEZFEELXT.
calculate_variable_importance flag
enable_correlation_limit flag
correlation_Timit integer
enable_number_of_fields_Timit flag
number_of_fields_limit integer
enable_relative_error_limit flag
relative_error_limit integer
enable_model_build_time_Timit flag
model_build_time_Timit integer
enable_stop_after_time_Timit flag
stop_after_time_Timit integer
stop_if_valid_model flag
<algorithm> flag BEOTIIN IV XLDOHEROER), HEehz
YoFEAET,
<algorithm>.<property> string KBEOTZILIY ZLOTONT 4 — %%
ELEYT. #L<id. hEw 1713 X=3
[ T7Va)Xn - 7anNF s —oiEE) |
EHRLTLIZE 0N,
bayesnetnode 7 O/\F 1 —
RAX - Fy bT—=7 - J—REFEHTS &, BRIESNZERB X ORER SN ERE EBRO
(i) HBZEMAEDED LK > THREETIVEERL, BREOLEZMBLTEET., /— i

Il S5 Tree Augmented Naive Bayes (TAN) B3 XX Markov Blanket % K7
—JICERZELETTNET,

1

node = stream.create("bayesnet", "My node")
node.setPropertyValue("continue_training_existing_model", True)
node.setPropertyValue("structure_type", "MarkovBlanket")
node.setPropertyValue("use feature selection", True)

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("independence", "Pearson")

176 1BM SPSS Modeler 18.0 Python A7) 7 h&F—hA— 3> « HA R



72 105. bayesnetnode 711/NT A —

bayesnetnode JLI/NF ¢ —

i

Tans 1« —0HW

inputs

[field] ... fieldN]

NARX+Fy hT—=2 « EF)VIFH—D
RRET7 4 —IVRBXNYN 1 DL EDODAST
4=V REFALET, #HEET 1 —ILR
FEESMICEIENET, FLIE b
Y7 [ies R=> o T—RE7ZE T IV
[/ —Ro7o/)NF 41— [g5RLT<
7ZE 0,

continue_training_existing_model flag
structure_type TAN Bayesian v b — 77 Z RSN IZ {9
MarkovBlanket HiE RN £,
use_feature_selection flag
parameter_learning_method Likelihood HOMENR#ESND / — R DOFMAAE
Bayes WRT—T IV EWET H7DICHNDLH
REERELET,
mode Expert
Simple
missing_values flag
all_probabilities flag
independence Likelihood 2 DOEKDXRY QBPINS B NITHAT
Pearson LTWBENEDINEFHET B 72012 N
b5 RELET,
significance_level number ST 2 B B 72D D4 EIfE 2 E L
E N
maximal_conditioning_set number TN PR E VTS 2 4 RS B D B KB

ZHEELXT.

inputs_always_selected

[field] ... fieldN]

RAX %y PT— I HBERICT -4t
v hDEDT 4 =)V REWITHHT 50
ZHHELET.

E MR T 4 =) RSB IEREINE
EE

maximum_number_inputs number NRAX 2y NT—UBERTHEMAT S A
N7 4 =) ROBRREZIHEL LT,

calculate_variable_importance flag

calculate_raw _propensities flag

calculate_adjusted_propensities flag

adjusted_propensity partition Test

Validation

buildr Z70O/NXTF 1 —

R

R WL ) — K295 &, IBM SPSS Modeler IZJERH &
NTWBETIMERBIRETIV « 237 27 2ETT
B1200DHAZT LD R A7) T hEANTEET,
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il

node = stream.create("buildr", "My node")

node.setPropertyValue("score syntax",
result<-predict(modelerModel,newdata=modelerData)

modelerData<-cbind(modelerData,result)
varl<-c(fieldName="NaPrediction",fieldLabel="",fieldStorage="real",fieldMeasure="",

fieldFormat="",fieldRole="")
modelerDataModel<-data.frame(modelerDataModel,varl)""")

£ 106. buildr 7°0/NT 4 —:

buildr 70NF ¢ — fiid TanNF ¢ — O]
build_syntax string ETIERHDO R A7V T K259y
R
score_syntax string EFI)N - AATIVTHDO R A7 YT b -
TR,
convert_flags StringsAndDoubles TIUMT 4 =) REEHT 720D FT
LogicalValues T,
convert_datetime flag AR EZ MR OZEHZ R
OHMEZIERICERT 22004 T a
Ze
convert_datetime_class POSIXct HAERE I BRI RO D S
POSIX1t b, EOBXOEKEAEET DM ERET
570X T a .
convert_missing flag RIEfEE R O NA [EIZERT 5720047
>a e
output_html flag R EFI)N - F7 Y v OYTIT T 7 %FKR
THEODOF TS a,
output_text flag REFI)IN-FFvhOFYTIZR A=)
OTFFZA MO EEZADZDOA T a
Ze
c50node 7O/XF 1 —
C5.0 /—RiZ, T4>Yar - vU—E)—)l -y hOEBEENEHELET., ZOETIV
. LN TRAROEROMEE 25T T 4 =)V RICEDWTH > IV enE L £9. 3t
: G740 —=)VRIE, AFdY—ThiITNER A, E#HONEE 2 DLULEOYTVIL—TIT

NETEET,

il

node = stream.create("c50", "My node")

# "Model" tab

node.setPropertyValue("use model name", False)
node.setPropertyValue("model_name", "C5 Drug")

node.setPropertyValue("use_partitioned data", True)
node.setPropertyValue("output_type", "DecisionTree")

node.setPropertyValue("use xval", True)
node.setPropertyValue("xval num_folds", 3)
node.setPropertyValue("mode", "Expert")
node.setPropertyValue("favor", "Generality")
node.setPropertyValue("min_child_records", 3)
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# "Costs" tab

node.setPropertyValue("use_costs", True)
node.setPropertyValue("costs", [["drugA", "drugX", 211)

#107. ¢50node 7 /NT A —

c50node 7OI/XTF 1 — fiid TaNT 4 — D
target field C50 ETIVFHE—DOHER T + — IV RBLY
1 DBEOANT 4 =V RZMEHML £,
HAT A=V RBEETEERT., #FL<
3. bEw 765 XR=2 D T—RRIZET
PUIERL / — RO 7 0/)NT 4 —) BB LT
&N,
output_type DecisionTree
RuTleSet
group_symbolics flag
use_boost flag
boost_num_trials number
use_xval flag
xval_num_folds number
mode Simple
Expert
favor Accuracy S (Accuracy) E2IE—ME (Generality)
Generality IR,
expected_noise number
min_child_records number
pruning_severity number
use_costs flag
costs structured ISl N7 a8 T 4 —T9,
use_winnowing flag
use_global pruning flag F 74 )V R TIEA > (True).
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities flag
adjusted_propensity partition Test
Validation

carmanode ZOA/NF 1 —

CARMA EFI)IE. ANERRIHSET 4 =V RERELABLTH, T—F05)—IlDOty K
ZHIHUET. Apriori SIIHIEMIC. CARMA /— RTIX. mifESBGY R — M2 Tidi<,
—=)b « BAR— b (AN EHBROM DY ER— ) ZXHRE LBEROBRENTEETT,
IR, EREINIEN =N EIEIFERT7 TS —2a > THRATESL ZE2ERLET., #l
ZIE. ZORES — X IR T ATHE AR ET S, EMERITY—EX @RS
DYARNERHRDZENTEET,
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il

node = stream.create("carma", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)

node.setPropertyValue("use transactional data", True)

node.setPropertyValue("inputs", ["BP", "Cholesterol", "Drug"])

node.

setPropertyValue("partition", "Test")

# "Model" tab

node.
node.
node.
node.
node.
node.

setPropertyValue("use _model name", False)
setPropertyValue("model_name", "age bp_drug")
setPropertyValue("use_partitioned data", False)

setPropertyValue("min_supp", 10.0)
setPropertyValue("min_conf", 30.0)
setPropertyValue("max_size", 5)

# Expert Options

node.
node.
node.
node.
node.
node.

setPropertyValue("mode", "Expert")

setPropertyValue("use_pruning", True)
setPropertyValue("pruning value", 300)
setPropertyValue("vary support", True)

setPropertyValue("estimated transactions", 30)
setPropertyValue("rules_without_antecedents", True)

K 108. carmanode 7°'O/NT 4 —

carmanode JT/XF ¢ — il FANF £ —D R
inputs [fieldl ... fieldn] CARMA EFINIMKRT ¢+ —)V BT,
AT 4=V ROYANZFHLET, &
HT 4 =V RBROERT « —)b RIZEMH
LEtA, #L<LIE. hEv 2[5 X=7
(D T—RE7ZETIVIER/ — RO 7 0O/)NF|
[(—iEsmL Tz,
id_field field ETIERD ID 74—V RELUTHMT
27 4=V R,
contiguous flag ID 74 —J)VR®D ID DEETHZNES N E
fEELET,
use_transactional_data flag
content_field field
min_supp number(percent) AR EIPH (R — b)) Tid7e<, b=
HPHICBEE L 9. 7 74V MEI 20% T
ED
min_conf number(percent) T 7 4)V MEX 20% TT,
max_size number T 7 A4 )) Mi#ElZ 10 TT,
mode Simple T 74 )V M Simple TT,
Expert
exclude multiple flag BEOERZRHEDI—IVERIALET, T
74 )V M3 False TT.
use_pruning flag T 74 )V M3 False TY,
pruning value number 774 )V M 500 T,
vary_support flag
estimated_transactions integer
rules_without_antecedents flag
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cartnode ZA/NNT 1 —

N C&R Tree (FEEEIFY Y —) /J— R, T4 Var - vU—24EKL. FROBHEZT
?EF: HEZIDETELELIICLET., ZOHETHRBNAT—YROZFEALTHEFE L I—-R%
w— BROET AL MTHEIL, £ATy T TRMEER/NRICMAET, YU—D/ — R T§

Pl THDEEZLENDDIE. /—RHPIZH D7 —AD 100% B, FET 4+ —IV ROD DEE
DHTAY —IZHEINDILEETT. MET 4 —IVRBLOAN T ¢ —IV Rid. BUEHIFE £ 7=
W3hTFaI)— (BER, EFEL 750 BMEATEET, IXRTONET 2 5ETT 2 D
DY T T IN—TDH),

1

node = stream.createAt("cart", "My node", 200, 100)

# "Fields" tab

node.setPropertyValue("custom _fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "BP", "Cholesterol"])
# "Build Options" tab, "Objective" panel
node.setPropertyValue("model_output_type", "InteractiveBuilder")
node.setPropertyValue("use_tree_directives", True)
node.setPropertyValue("tree directives", """Grow Node Index 0 Children 1 2
Grow Node Index 2 Children 3 4""")

# "Build Options" tab, "Basics" panel
node.setPropertyValue("prune_tree", False)
node.setPropertyValue("use_std err_rule", True)
node.setPropertyValue("std_err multiplier", 3.0)
node.setPropertyValue("max_surrogates", 7)

# "Build Options" tab, "Stopping Rules" panel
node.setPropertyValue("use_percentage", True)
node.setPropertyValue("min_parent_records_pc", 5)
node.setPropertyValue("min_child_records_pc", 3)

# "Build Options" tab, "Advanced" panel
node.setPropertyValue("min_impurity", 0.0003)
node.setPropertyValue("impurity_measure", "Twoing")

# "Model Options" tab

node.setPropertyValue("use_model name", True)
node.setPropertyValue("model_name", "Cart Drug")

£ 109. cartnode 701/NT 4 —

cartnode FT/NF ¢ — i FONT 1 — D3]

target field C&R Tree TTFI)IE 1 DOHRT 4 —ILR
BIO 1 DEEOAN 74—V RZEMAL
F9. BTV RBEETEET. #F
Lid. hEwZles R=2 D T—RAy73)
[FETIVIER/ — RO T /8T — [&5 R

LTLESZ,
continue_training_existing_model |flag
objective Standard psm IZIEHICKENWT—F Y MIHERAS
Boosting 1. Server OIEFNMLETT,
Bagging
psm
model_output_type Single

InteractiveBuilder
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2 109. cartnode 7EO/NT 4 — (FiZ)

cartnode FO/XF ¢ — fifi TaNF 4 —OFW
use_tree_directives flag
tree_directives string V) —DREDEDDT 4 L 7T 4T ()
EHRELET, 4L 7747 ) & &%
TeSIAFOIAr — TR 2§ Y 272
WIZ, ZHOSGIAFTHDIENTESR
T TALYT4 TR TFRETIVY
U X T a s DR EEIRET S
=, oT =%ty ML TE— KL
TEEH A,
use_max_depth Default
Custom
max_depth integer BARY U =S (0 15
1000), use_max_depth = Custom DHFFITD
AEALET,
prune_tree flag F—=N—T 4 v hLAWnXDITYU —%8]
ELET,
use std_err flag UAZIZBTSmA%E BEHERE) 2@AL
£9.
std_err multiplier number R,
max_surrogates number SN Y
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured W 7 aNT 4 —,
priors Data
Equal
Custom
custom_priors structured i 3 (AT A VAL ARG
adjust_priors flag
trails number T—=ZAMERBRINTOaR—%2 k- E
TIVEL
set_ensemble method Voting N3 =R RDT 7 )b MESG IV —
HighestProbability o

HighestMeanProbability

range_ensemble method Mean HRRAGROT 7 2 )V MEEIV— )V,
Median
Targe_boost flag KICKRERT—HFE2y hOT—AT 4 27
ZMALUET,
min_impurity number
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# 109. cartnode 7'O/NT 1 — ()

cartnode 7O/NF ¢ — fiFi TUNT 1+ — D
impurity_measure Gini

Twoing

Ordered
train_pct number F—=N—="T 1 v bBilktY b,
set_random_seed flag WREBBA a2,
seed number
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities flag
adjusted_propensity partition Test

Validation

chaidnode 70O/NF 1 —

ﬁ?ﬁi‘* CHAID /—Ri35Ts>Var - wvU—&4&RL. h1 FHRaHEZER L TR0 8 %8

S MLUET, C&R VU —BKW QUEST /— R &i#ES T, CHAID (&, 3 2 Iy V) —Z LRk
TEFET., UL, BBDEN 3 FHLUEDT I FEEODIEEERLET, HRT7 4+ —ILR
BEOAN T 4 —)V BT, B Ei) £330 573 — &7 0 £, Exhaustive
CHAID 3 CHAID DEIEMT, "JREMHEDH 2 RET R TEFARD I E T, D IWERESE
SNETN, FHEMRMSE RV ET,

1

filenode = stream.createAt("variablefile", "My node", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node = stream.createAt("chaid", "My node", 200, 100)
stream.link(filenode, node)

node.setPropertyValue("custom _fields", True)
node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
node.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "CHAID")
node.setPropertyValue("method", "Chaid")
node.setPropertyValue("model _output_type", "InteractiveBuilder")
node.setPropertyValue("use tree directives", True)
node.setPropertyValue("tree directives", "Test")
node.setPropertyValue("split_alpha", 0.03)
node.setPropertyValue("merge_alpha", 0.04)
node.setPropertyValue("chi_square", "Pearson")
node.setPropertyValue("use percentage", False)
node.setPropertyValue("min_parent records_abs", 40)
node.setPropertyValue("min_child records_abs", 30)
node.setPropertyValue("epsilon", 0.003)
node.setPropertyValue("max_iterations", 75)
node.setPropertyValue("split_merged categories", True)
node.setPropertyValue("bonferroni_adjustment", True)
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# 110. chaidnode 7'0/NT 1 —

HighestMeanProbability

chaidnode 7'TI/XF 1 — fifi TunNT 1 — O
target field CHAID EFIVIZHE—DOHRSRT7 + —IL KRB X
W1 DUEDAN T 4 =V RE/HAL %
To EBT -V RBIEETEET. #L
<. hEw 65 R=2 D T—Ri7TE|
ek ) —Ro7o/)XF 1 —1 |5l L
TLES N,
continue_training_existing_model |flag
objective Standard psm FIEHICREVWT—F Ly MTHH S
Boosting . Server DIEHNMLETT,
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree directives string
method Chaid
ExhaustiveChaid
use_max_depth Default
Custom
max_depth integer BRAYU—HES 0 M5
1000), use_max_depth = Custom DHFAEITD
AEALET,
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured W7 aNT 4 —,
trails number T—ZANERZRNTOIAHR—F b &
TIVEL
set_ensemble_method Voting AT —BJEDT 7 )V MEE I —
HighestProbability e

range_ensemble method Mean A ROT 7 7 )V MEEIV— )V,
Median

Targe_boost flag FICKERBRT Ity NOT—AT 4 27
ZEALET,

split_alpha number DEI OB AL

merge_alpha number fE e DA K,

bonferroni_adjustment flag Bonferroni A v K& L THEMHEMEZ
Bk

split_merged categories flag =2 LT —OFsE &,
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Z 110. chaidnode 7'/NT 1 — (&)

chaidnode 7'TI/NF ¢ — fifi TunT 1 — O
chi_square Pearson A 2 FREOFHEICHEA I NS Sk
LR (Pearson F /=13 LL)
epsilon number HHFEIN2IVERDO RN,
max_iterations number IR D 728 DK AE R
set_random_seed integer
seed number
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test
Validation
maximum_number_of_models integer

coxregnode ZO/NF 1 —

Cox H/— REMATZE. THH0DLI1— ROHEF TR FETOREOT— 5 Ok
e BEFNEBELET, XL HBOA R FRANLEOEEOETEEOER (1) 1
= T DR E TR S AR L £,

il

node = stream.create("coxreg", "My node")
node.setPropertyValue("survival time", "tenure")
node.setPropertyValue("method", "BackwardsStepwise")

# Expert tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("removal criterion", "Conditional")
node.setPropertyValue("survival", True)

# 111. coxregnode 7°11/NT 1 —

coxregnode FTI/NT o — fili FTans 1 —oW

survival_time field Cox[ElfFET VT £FEREOHZ 1 DD
T4 =V REMHEALET,

target field Cox [MFEFIIE 1 DORHET 4 —IL R

BEU 1 DU EDAN T 4 =)V RZfHH
LEd. FEL<IE. hFEvZies R=2]
DO TRNZETIVER/ — RO 70N
T 1 EBRLTIEE N,

method Enter
Stepwise
BackwardsStepwise

groups field

model_type MainEffects
Custom
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# 111. coxregnode 7'T/NT o — (¥EZ)

coxregnode FO/NTF 1 —

i

Tans « —0HW

custom_terms

["BP*Sex" "BP*Age"]

mode Expert
Simple
max_iterations number
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
p_converge 1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
0
1_converge 1.0E-1
1.0E-2
1.0E-3
1.0E-4
1.0E-5
0
removal_criterion LR
Wald
T E
probability_entry number
probability removal number
output_display EachStep
LastStep
ci_enable flag
ci_value 90
95
99
correlation flag
display_baseline flag
survival flag
hazard flag
log_minus_log flag
one_minus_survival flag
separate_line field

value

number? E£721L string

T 4 =)V Rz U TEOIRE N2\
G T4 AT 3 >D Mean)

BZDT 4 —)VRTHEALET,
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decisionlistnode Z7O/\57 1 —

@

1

To4rYar-UAN-J—RiE BERCHEETS 52512 2 HOBREOEND L <I3K
WREZRTH TN —TERITET AL NEFENLUET, Hl2IX BEN2REEO DN
LLIEF v > R—= VI BEMNICEZ DR O D DB ERT ZENTEET, HEER D 2B
MU, $ERZLKT2-DICMOETINELRTERTSEZEICES T, EDRAICET 54
HEETIVICEATEIENTEET, T4Yar - UXAb - EFIWL IL—ILDU A h
SHEREN. S =N EEENGENT T, IL—IVIZIERICEH SN, —FT 2R
DIV—IVT, FERMDIREDET,

node = stream.create("decisionlist", "My node")
node.setPropertyValue("search _direction", "Down")
node.setPropertyValue("target _value", 1)
node.setPropertyValue("max_rules", 4)
node.setPropertyValue("min_group size pct", 15)

# 112, decisionlistnode 7" /NT 4 —
decisionlistnode OINT 1 — fiii TNy —0HM
target field FTa4Yar-UAN-ETTIE 1 DOX
574 =)V RBEXY 1 DUEDOANT 1 —
IWRZHALERT. EET =)L RBIEE
TEEY., #FL<IE. ey Zies X=
DO TR ETIVER/ — RO 7 0/NF|
[ —1 EZRL TS EE 0,
model_output_type Model
InteractiveBuilder
search_direction Up T AL NOBBICEELET, Up 1d. &
Down WHER DOER, Down [TEWFER DMK &
FLCTY,
target_value string fRELBWERIL. 7T VITI3EDENE
EINET,
max_rules integer B ZERNT 22T A2 N ORARK
min_group_size integer BNET A B X
min_group_size_pct number BNETA AL 8=k hEL
O
confidence Tevel number T A MERITENT 27201253 DL
LT B0, WEOLEZMET 520
AN T 4 =)V RIPFFDiR/NL E W E,
max_segments_per_rule integer
mode Simple
Expert
bin_method EqualWidth
EqualCount
bin_count number
max_models_per cycle integer J A b OKERIE,
max_rules_per cycle integer BT A V=)L OHRERIE.
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Z 112. decisionlistnode 7'O/NT 4 — (R &)

decisionlistnode 7'T/XF 1 — il Tans 1+ —0HM

segment_growth number

include_missing flag

final_results only flag

reuse_fields flag B OV—IVIZEREINDATI 74—V R)
DOFEEMZFHFL £,

max_alternatives integer

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

adjusted_propensity partition Test

Validation

discriminantnode Z’O/\F 1 —

C)

il

RN —B L 725 a.

node = stream.create("discriminant", "My node")
node.setPropertyValue("target", "custcat")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("method", "Stepwise")

Z 113. discriminantnode 7 0/NT o —

HRIDHICE > T, B AT 4 v 7 EIRK O BERRRZSLTH I ENTEXRTN, ZN50
O AT 4w 7 ERHTITH T Dk 2 720D 2 WITHRIT/R 0 7,

discriminantnode 7'T/XF ¢ — il TanF 1 —OFW]
target field HRAH ETIVFHE OS5 T ¢+ — IV RSB
K1 DEUEDANT T 4=V RZEFAL X
o BHAT 4 —IVRBROERT « —IL K
AL ERA, FLIE FEv 7 [i63
R—2 ) T2 ET)ER / — RD 7|
BT/ —1 EBRLTIEE 0,
method Enter
Stepwise
mode Simple
Expert
prior_probabilities Al1Equal
ComputeFromSizes
covariance_matrix WithinGroups
SeparateGroups
means flag BRI ) 1702 - Ry 7 ZAD#E
FTrar
univariate_anovas flag
box_m flag
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Z 113. discriminantmode 7O/NT 1 — (&)

discriminantnode 7'T/XF ¢ — fil Fans 1« —0FW
within_group_covariance flag
within_groups_correlation flag
separate_groups_covariance flag
total_covariance flag
fishers flag
unstandardized flag
casewise_results flag [FEM ) 1707 - Ry 7 ADkE
FrSar

Timit_to_first number 77 4V M#ld 10 TY,
summary_table flag
leave_one_classification flag
combined_groups flag
separate_groups_covariance flag TW—TWGBITHA T a >
territorial_map flag
combined_groups flag WETN—TBAARA T a >
separate_groups flag TIW—THEHRA T a >
summary_of_steps flag
F_pairwise flag
stepwise_method WiTksLambda

UnexplainedVariance

MahalanobisDistance

SmallestF

RaosV
V_to_enter number
criteria UseValue

UseProbability
F_value_entry number T 74 )V ML 3.84 TT,
F_value_removal number 77 4)V MiEE 271 TT.
probability entry number T 7 4)V MEZ 005 TT,
probability_removal number 7 7 4 )V M#EX 0.10 TT.
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted propensities |flag
adjusted_propensity partition Test

Validation
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factornode 7A/NT 1 —

o BT/ — RIC, 75 Ot BT 58057 — ¥ MRTEN 2 BESHD ET, ¥
e BT (PCA) © AT1T 4 — )b KOREREMRI S NET, RANENCERT S (B
pa— LbB) BET, T4V ROty PREOHHELETHOIRLEET, BTHH : —i

DT 4 —)V RNOFEE/NY — > 23T 2 EAR TR ESNET, EB5OFETD.
DT 4 —IV R « &y FOERENRNTEGT HDEROIRET + — )V ROBIEWEETT,

il

node = stream.create("factor", "My node")

# "Fields" tab
node.setPropertyValue("custom _fields", True)
node.setPropertyValue("inputs", ["BP", "Na", "K"])
node.setPropertyValue("partition", "Test")

# "Model" tab
node.setPropertyValue("use_model_name", True)
node.setPropertyValue("model_name", "Factor_ Age")
node.setPropertyValue("use_partitioned data", False)
node.setPropertyValue("method", "GLS")

# Expert options

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete records", True)
node.setPropertyValue("matrix", "Covariance")
node.setPropertyValue("max_iterations", 30)
node.setPropertyValue("extract factors", "ByFactors")
node.setPropertyValue("min_eigenvalue", 3.0)
node.setPropertyValue("max_factor", 7)
node.setPropertyValue("sort_values", True)
node.setPropertyValue("hide_values", True)
node.setPropertyValue("hide_below", 0.7)

# "Rotation" section
node.setPropertyValue("rotation", "DirectOblimin")
node.setPropertyValue("delta", 0.3)
node.setPropertyValue("kappa", 7.0)

# 114. factornode 7 /NT A —

factornode 70N ¢ — i Tans ¢ —oHm

inputs [fieldl ... fieldN) FERAD DR TFETIVIEHRT 4 — IV RT
B, ANT 4=V ROV X NEFHL F
T, EAT LIV RBIUOEKT7 +—IL R
EHRLERA, F#LE FEv 76
R—2 D [ BRETIAER / — KD 7|
[T - EBRLTIES N,

method PC

ULS

GLS

ML

PAF

Alpha (77 7)
Image

mode Simple (Eff)
Expert

max_iterations number
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Z114. factornode Za/)NT 4 — (B )

factornode 0N F 1 — il pARVAL R RO E |
complete_records flag
matrix Correlation
Covariance
extract_factors ByEigenvalues
ByFactors
min_eigenvalue number
max_factor number
rotation None
Varimax
DirectOblimin
Equamax
Quartimax
Promax
delta number rotation C DirectOblimin ZZIRL 7=
A, delta DEZIRETE %,
2T LBWEEIL. delta DF 74 )b
Ml Z 5
kappa number rotation T Promax Z3#ERL7=H5. kappa
DIEZIFETE %,
EEEELRWEEE. kappa DT 7 4 )b
I~ il 2 f A
sort_values flag
hide_values flag
hide_beTow number

featureselectionnode Z7O/N5 1 —

/f\‘ﬁ T4 =)V RER ) — KT, (REEOEGHED) BHRUEITEDOWTANT 74—V REZT

u@ —Z 2 U THIBRIZONT ., /€ L7z BREICHIIRIER D DA 7 4 — IV ROBEEEE Z > 7+
FLUET, HlAE, BHEOEBIEMAN T — IV RE2EDT—5ty M5 EL T, BETHE
DETY P TIRIEENDRIIEDDTL & D7

1

node = stream.create("featureselection", "My node")
node.setPropertyValue("screen_single_category", True)
node.setPropertyValue("max_single category", 95)
node.setPropertyValue("screen missing values", True)
node.setPropertyValue("max_missing values", 80)
node.setPropertyValue("criteria", "Likelihood")
node.setPropertyValue("unimportant_below", 0.8)
node.setPropertyValue("important_above", 0.9)
node.setPropertyValue("important label", "Check Me OQut!")
node.setPropertyValue("selection _mode", "TopN")
node.setPropertyValue("top_n", 15)
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BRGEIRET IV EZER L CEIAT 25 2613, [ RX=20 T2 Ryoy A7 07 ol 2RI

TTIVDOER] IR TLZE 0,

115, featureselectionnode 7' 11/NF 4 —

featureselectionnode 7TI/NTF ¢ — it FTONT £ —DHW
target field BRGERIRETIIEEMRICBEEL =7
W7 4=V RESIMHFLET, BEA
T4 IV RBROERT « —)b RIZfEM
LEda. #L<IE. REvr[ies X
DO T—EETIVER/ — RO 70|
PST71—1 gzl T<Z30n,
screen_single category flag True DG, HBL 2— REUTHERFEC A
TOAY—ZEL N koL d— Raks
DT 44—V RZERHILET,
max_single_category number screen_single_category 7% True DG
ICHASNSBEEEEL XTI,
screen_missing_values flag True OHE. LI— ROREO/NN—1 >
FTERTLI—REICRDET, £9F
LREMT 4 =V REAV Y —Z27
G#ih LET,
max_missing_values number
screen_num_categories flag True OFE. L I— ROBEICHL TS
TELHTITV—ZRESTHMT, T4
—IREAZY—=27 (@) LET,
max_num_categories number
screen_std_dev flag True DG, FHE S N7z H/IMELL T O
BRAET, 74—V REAZY—Z227
GEH) LET.
min_std_dev number
screen_coeff of var flag True OBFE. HE S NZH/MELLT D5
MBRET, 74—V REAVY -2
GEH) LET.
min_coeff_of_var number
criteria Pearson A7) =R B HTTU—FHl
Likelihood HDZ 7 MF0E &, EEAHENEE
CramersV LT DHAERMEEELET,
Lambda
unimportant_below number HIE, ER FEEELTEKRES Y
I THEZIHHINSHME p ZHEE
LEd, 00 5 1.0 DEZHEEL X
ED
important_above number 0.0 5 1.0 DEZRELET,
unimportant_label string FEEES DIV ERELET,
marginal_Tabel string
important_label string
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F115. featureselectionnode Za)NT 4 — (&)

featureselectionnode 7' T1/XF f — fifd TONT 4 — DY
selection_mode Importancelevel
ImportanceValue
TopN
select_important flag selection_mode 7' Importancelevel [T

BEINTWDLEEIC, EER T =)L
RzEBIRTLINEShERELET,

-

select_marginal flag selection_mode 7% Importancelevel T
BREINTVRDEEIT, R T4 —IVR
CRRNTHMNEINERELXT,
select_unimportant flag selection_mode 7' Importancelevel T
BREINTVWBEEIC, EETRWT ¢
I REFERTLEINESNEREL £
ED

importance_value number selection_mode 7% ImportanceValue T
RESN TS EEIT, AT 208
ZIRELET. 0 25 100 OEZFEL
S

top_n integer selection_mode 7% TopN IZE%E I 31T
HEEIT, FHT20EEEZEEL X
T 005 1000 DiEZEEEL £

genlinnode 70O/XF 1 —

AN IRAGREETONE, HEE L7z Y > BRI & o TROBAE N T3 & O R S B IRIC
\ iz / I8B&5, MHMETINEMRLAZDOTT, I5ICTOETINTIE, FFERIMORIEE

BEfHTLIEMNTEET, MUEN, OPAT 0y V0K, Ao > b - F—FICEAT50
THMETI)V. £ U TREFIUD AGFETIIVRE, HatET IV OKRBENREZ<GENTHE
@_0

il

node = stream.create("genlin", "My node")
node.setPropertyValue("model_type", "MainAndA11TwoWayEffects")
node.setPropertyValue("offset type", "Variable")
node.setPropertyValue("offset_field", "Claimant")

#116. genlinnode 7' /NT 4 —

genlinnode 7O/NF ¢ — i FaNST £ —D 3
target field —WALBRRETIVIE, S4BT T TS

D 1 DORRT 4 —IVRBXIU 1 DL
FEOANT 4 =V RPBETT, EHT 4
—IVREBEETEXT, #L<E FEvY
7165 X=2 D T—RINRETIAER S —|
[FoToONT 1 —] ESELTIZEI N,

use_weight flag
weight_field field T4 =)V ROT =& INIHGER 721 TY,
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# 116. genlinnode 7'T/NT 1 — (#E )

FixedValue

genlinnode 7TI/NF 1 — fiii TONRF £ — D3
target represents_trials flag
trials_type Variable

trials_field

field

74—V ROF =SB 5 I MELIIE
JFRTY.

trials_number

number

T 7 4)V M#Z 10 TT,

model_type

MainEffects

MainAndAl1TwoWayEffects

offset_type

Variable
FixedValue

offset_field

field

74 =)V ROT —& BTG 721 T,

offset_value

number

FEHTHILENDHD LT,

base_category

Last
First

include_intercept

flag

mode

Simple
Expert

distribution

BINOMIAL
GAMMA
IGAUSS
NEGBIN
NORMAL
POISSON
TWEEDIE
MULTINOMIAL

IGAUSS: WiH ™ A,
NEGBIN: & 2 IH/ A,

negbin_para_type

Specify
Estimate

negbin_parameter

number

FI7HILMEIR 1 T, ATRVWEEZED
WENRH D ET,

tweedie_parameter

number
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# 116. genlinnode 7'0/NT 1 — (F#E )

genlinnode ZTINTF ¢ — il Fans 1 —o W
Tink_function IDENTITY CLOGLOG: ffi% - YA F A - O/,
CLOGLOG LOGC: fafi %,
LOG NEGBIN: &1 2 IH/ M.
LOGC NLOGLOG: B - XA F A - O/,
LOGIT CUMCAUCHIT: A —F v I,
NEGBIN CUMCLOGLOG: #ARifin s - 1+ X - 1
NLOGLOG 7
ODDSPOWER CUMLOGIT: BfE T v K,
PROBIT CUMNLOGLOG: RfE#&nY - v+ X - O
POWER 7,
CUMCAUCHIT CUMPROBIT: R OEw k,
CUMCLOGLOG
CUMLOGIT
CUMNLOGLOG
CUMPROBIT
power number X 0 THRWEHTHLLEND D ET,
method Hybrid
Fisher
NewtonRaphson
max_fisher_iterations number T 74V MEIZ 1 TT., IEOQEEEZ T

HHTE XY,

scale_method

MaxLikelihoodEstimate
Deviance
PearsonChiSquare
FixedValue

scale_value

number

FIFIVMEIE 1 TY, 0 28X 20HE
MHDET,

covariance_matrix

ModeTEstimator

RobustEstimator
max_iterations number 77 4)b M#Z 100 T, 0 DL Lo~
FEMHTEEY,
max_step_halving number T 7))V M#L 5 TT., IEQEKIEZ TN
HHTEET,
check_separation flag
start_iteration number T 74 )V M#EIZ 20 TY . EOEHMHEZ T
MEATEET,
estimates_change flag
estimates_change min number 77 )V M#IZ 1E-006 TY, EOEL
FREHTEERT.
estimates_change_type AbsoTute
Relative
logTikelihood_change flag
Toglikelihood_change min number EOKM@ERZTNERATEET,
logTikelihood_change_type Absolute
Relative
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# 116. genlinnode 7'T/NT 1 — (#E )

genlinnode J0/XF ¢ — fifi Tans 1+ —0OHM
hessian_convergence flag
hessian_convergence min number EQBIEZTNMEHTEET,
hessian_convergence_type Absolute
Relative
case_summary flag
contrast_matrices flag
descriptive_statistics flag
estimable_functions flag
model_info flag
iteration_history flag
goodness_of_fit flag
print_interval number FI7HIMEZ 1 T, EOBKTHD
WEINBH D ET,
model_summary flag
lagrange_multiplier flag
parameter_estimates flag
include_exponential flag
covariance_estimates flag
correlation_estimates flag
analysis_type Typel
Typelll
TypeIAndTypellIl
statistics Wald
LR
citype Wald
Profile
tolerancelevel number 77 )b M#Z 0.0001 T
confidence_interval number T 7 4)V M#lE 95 T,
logTikelihood_function Full
Kernel
singularity_tolerance 1E-007
1E-008
1E-009
1E-010
1E-011
1E-012
value_order Ascending
Descending
DataOrder
calculate_variable_importance flag
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
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# 116. genlinnode 7'0/NT 1 — (F#E )

genlinnode 7O/NF ¢ —

firi

TaNT 4 — O]

adjusted_propensity partition

Test
Validation

glmmnode ZO/NF 1 —

HO. HESNZY B EN L THTBEID

HABITHIGICBEEL ., BRISHETE S X

. —MALEIR S ET )V (GLMN) 138 ET IV & HRR L=/, MRNIEIER I L1255 60

TRV £ L7z, —RALHREGREE ETIVITIE, BM/RBMEIRD S JEIERH A6 OREWT T —
HEWMOWMOEHBRINTF LN - EFTIVET, SEIERETNDHD XTI,

117, glmmnode 7'T/NT 1 — :

glmmnode 7'TNF ¢ — fili TaNT 4 —DFEW
residual_subject_spec structured fRELEATIY 8T ¢ —)) ROMBE
bRk, T—F v FNOKERE N
BICEHEIND ZEDMETT,
repeated_measures structured

NKETHEROBEICEREIND 7 0 —)
K.

residual_group_spec

[field] ... fieldN]

KENRIEB/INT A—F =DMty ~
BEFRTDT 4 —IVR,

residual_covariance_type

Diagonal

AR1

ARMAL1
COMPOUND_SYMMETRY
IDENTITY

TOEPLITZ
UNSTRUCTURED
VARIANCE_COMPONENTS

BAEOHELBBEZETELXT.

custom_target

flag

LD ) — R TEREINZHNRZHHT S
M (false) £7z1d target field IZL>T
RESINLEHAY LG E AT 20
(true) ZEHZLET.

target_field field custom_target % true DHFEHREL T
EHAT274—IV R,

use_trials flag AATEEE R E T 5N T ¢ —)b R X3 fE
T, RHT 44—V RIN—HORITNHEET
DERRIEA R P THLHBEITHET 20
ESMERLET. T74)V M false T
ED

use_field or value field 74 =)V RERIZMEZEHEH L TRITREE

Value BETLHMESIMERLET,
trials_field field AITEROREICHEHT ST 0 —IV B,
trials_value integer AT O EICH AT SE. f5ET 55

& RMER 1 TY,
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#117. glmmnode 7T/NT 4 — (§£Z):

glmmnode 7O/ F ¢ — e TONF ¢ —DFH

use_custom_target reference flag NAZ LBRAT I —% 773U —8%t
BRIHHTZ2NESINERLET, T 74
JVRiE false T,

target_reference value string use_custom_target _reference 7% true @

BafRT a2 AITIY —,

dist_Tink_combination

Nominal (%)
Logit

Gammalog
BinomiallLogit
PoissonLog
BinomialProbit
NegbinLog
BinomiallLogC
Custom

HERDED BT 2 —RET ),
Custom Z L T, target_distribution
TR‘EESNZU AN SMMEREL £
ER

target_distribution

Normal

Binomial
Multinomial
Gamma (H><)
Inverse
NegativeBinomial

Poisson (R >))

dist_link_combination 7% Custom D¥H

DRZEDIE DI,

Tink_function_type Identity MG % T RMEC BT 5 U > 7 BEEL
LogC target_distribution 7%
Log Binomial OHH. UARIN TS
CLOGLOG EQU B THEHTEET,
Logit target_distribution 7%
NLOGLOG Multinomial DHE,
PROBIT CLOGLOG. CAUCHIT. LOGIT.
POWER NLOGLOG, 7zid PROBIT i TE X9,
CAUCHIT target distribution 7%
Binomial DIAtB LN
Multinomial LISV DEAE.
IDENTITY, LOG. F7zld POWER ZffHHTZE
ES I
Tink_function_param number RIS >V BEBUNT A—5 —1H.
normal_Tink_function FE7ziZ
Tink_function_type 7% POWER DIEDH
BHINET,
use_predefined_inputs flag BENRT 4+ —IVREAN T4 —IVEEL
TLERTER SN T4 —IVRET BN
(true) fixed_effects list D7 4 —J)L F &
T BHM (false) ZHEELET., T 74V b
13 false TY.
fixed_effects_list structured use_predefined inputs 7% false DA,

EENRT 4=V RELTHRTHALY
4=V RERELET,
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#117. glmmnode 7T/NT 4 — (§£Z)

glmmnode FTINF ¢ — fili TONRF 1 — D3

use_intercept flag true (T 7 AV ) OFAE. BETIVICERIE
EEHET,

random_effects list structured T LNRELUTHRET S 74—V RD
JA R,

regression_weight_field field SHOEBT 4=V RELTHEATS 7 ¢
=R,

use_offset None F7ty NEERET DL HEERLET, @

offset_value
offset_field

None (&, A7ty "MERZINBNWI &%
BWLET,

offset_value number use_offset 7Y offset_value DHEF T
v MIEHT % 1E.
offset field field use_offset 2V offset field OHFHA T+
v MEZEH S 5,
target_category order Ascending F7 U —B %D — NME, fE Data
Descending 12, T—FHNDOY— NEZFEHATHLOR
Data FELET, T74)L M3 Ascending TT .
inputs_category order Ascending Sorting order for categorical predictors. fi

Descending
Data

Data 1. T—FWNDOY—MNEZEMRT 3 X
SHEELET. T74J)L M Ascending T
7,

max_iterations integer TN A XL TEITSNDRIEDERKIEE
TY ., BOETIIRWES, T74)L Mé
& 100 TY,
confidence_level integer ETIVRE D X EHEE ORHEICHE T 5
BE. ADOKTIIRWER, R/MElR
100, 77 )b MEX 95 T,
degrees_of_freedom method Fixed HHENEEEREICHE I NS fikzlg
Varied ELET,
test_fixed effects coeffecients |Model INTG A= —EERERT N v 7 A &5
Robust 595 ik,
use_p_converge flag INT A= —WRKOA T a3,
p_converge number ZEA E /2 IIMEE DO IEDE,
p_converge type HextiE
Relative
use_1_converge flag KETENRDOF T2 a >,
1_converge number ZEH E T IMER D IE D,
1_converge_type HextiE
Relative
use_h_converge flag Hessian PCRDA 7> a >,
h_converge number ZEHE L IER D IE D,
h_converge_type B
Relative
max_fisher_steps integer
singularity tolerance number

%13 & EFIER/ —RoTanso— 199



#117. glmmnode 7T/NT 4 — (§£Z):

glmmnode 7O/ F ¢ — e TONF ¢ —DFH
use_model_name flag ETINOAAY LA EHHT DD (true) &
AT L E > TERSNARIEFEHT S
M (false) ZFELET. T 74V M
false T,
model_name string use_model name 2% true D& EIZ, T
LETIVERELET,
confidence onProbability Aa7 Y T DIEEEEFIET 2 &b
onlncrease FEWTHIFER, £Z3RbEWTHIERE
2 FHITEW TR EDE).,
score_category probabilities flag true OHFE. N7 TV —BHRO TR
ZERUET., 774V NI false TT,
max_categories integer score_category_probabilities 7% true @
EEIC, HHT A NI — 0K EE
FLET.
score_propensity flag true OHFE. 74—V D Ttruel OFER
DiERERT 7 Z TR T 4 —I)V EOE
MAI7 ZHRLET,
emeans structure BEENRIAROEHTIT)—8T ¢ —))
RIZDOWT, HEERD 2 BT 50 E
IMERELET,
covariance_list structure EEHRI A bDFHT IV —RT 1 =)
RIZDWT, HEERLFEE5ET 555
IEEEFRT SN AY AMEEFHT
LHMMEfRELET,
mean_scale Original HEDITLDREICHEDINWT (T 72V ).
Transformed (ZE#2) E7213 > 7 BRI EE D W THEE AL
EEEFETOINEINEEELET.
comparison_adjustment_method LSD BROHM L TIRERE 2 FT 9 25518
SEQBONFERRONI M 2R,
SEQSIDAK

gle 7ONT 1 —

- GLE . WREFEHRA/METELIDITHBMETIVENRLZDDOTHO, fFEINLY >
JBEEN L THTBIORERITHRBICEEL, BB TE2 L5100 E L, — K&
EARNR G ETIVICIE, BRGNS, FEIER A6 OREETE T — & 2 B0 5 Bt~
WFLN) - BFFIIVET, SESERETNDAHOET,

K118 gle 7'O/NT 1 —

gle 7ONTF ¢ — i TNy« —DHn

custom target flag FRD ) — RTEERSINMREMEHT S0
(false) E/zl3 target field Tk > THHEINZ
HNAY LA REMEHT B0 (true) ZEHRL T,
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F118. gle 7O/NT 11— (#Z)

gle 7ONF 1 — firi TaNT 1 — O
target field field custom_target 7% true OEHHREL THEHT
74—V R,
use_trials flag AT ZEE T 287 ¢ —)V RX I3z, %t
KT 4 =) BN —EHORITNFRAET DR & 781N
SR THLGERIHERTEZNEDINERLET,
F 74 )V M3 false T,
use_trials_field or value field T4 =)V REBMEZEH L TR EREET
Value LINEDIMMERLUET,
trials_field field RITEROEEICHERT S 7 0 —IV R,
trials_value integer AITEROREICHEMAT 2ME, fHET 256, &
/IMEI 1 T,
use_custom_target reference flag NAZ LB AT T —%H7 T —B I
AToMNESIMERLET. T 74V NI false
T,
target_reference value string use_custom_target reference 2% true DIGEHE
Md2azRAI7aY—,
dist_Tink_combination NormalIdentity MEDMEDHAICEET 2 —ET ),
Gammalog target distribution THRHEINDHU X M55
PoissonLog i IR 21213 CUSTOM &R L £ 97,
NegbinlLog
Tweedieldentity

NominallLogit
BinomiallLogit
BinomialProbit
BinomiallLogC
CUSTOM

target_distribution

Normal
Binomial
Multinomial
Gamma (5><)
INVERSE_GAUSS
NEG_BINOMIAL
Poisson
TWEEDIE
UNKNOWN

dist_link_combination 7% Custom DIFE DK KR
DIED 5
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F118. gle 7ONT 1 — (% Z)

CUMUL_PROBIT
CUMUL_COMPL_LOG_LOG
CUMUL_NEG_LOG_LOG
CUMUL_CAUCHIT

gle 7ONF 1 — fifi pARVAL R RO
Tink_function_type UNKNOWN X5l % T RME I B EAT T 2 U > 27 BEEL

IDENTITY target_distribution 7% Binomial O, AR

LOG ZEATEET,

LOGIT UNKNOWN

PROBIT IDENTITY

COMPL_LOG_LOG LOG

POWER LOGIT

LOG_COMPL PROBIT

NEG_LOG_LOG COMPL_LOG_LOG

0DDS_POWER POWER

NEG_BINOMIAL LOG_COMPL

GEN_LOGIT NEG_LOG_LOG

CUMUL_LOGIT 0DDS_POWER

target_distribution A% NEG_BINOMIAL D5,
DFZEMHEHTEET,

NEG_BINOMIAL

target_distribution 7% UNKNOWN D¥&. LLFZ
HHTEET,

GEN_LOGIT

CUMUL_LOGIT

CUMUL_PROBIT

CUMUL_COMPL_LOG_LOG

CUMUL_NEG_LOG_LOG

CUMUL_CAUCHIT

link_function_param

number

T 5 Tweedie /XT A—%,
normal_Tink_function FE7/ZIZ
Tink_function_type 7% POWER DIFE DA
NnNxE9J,

tweedie_param

number

HHT 2 BN A—5 —1fHE.
dist_link_combination 7 Tweedieldentity IZ&%
EINTWSA, £721d link_function_type M3
TWEEDIE OBEICDOHEHATEET,

use_predefined_inputs

ETINVHRT 4=V REANTT =V RELTE
WTERSINZT 4=V RETBD (true)
fixed_effects_list D7 4 —J)L K& T 5
(false) ZfREL £ T,

model_effects_list

structured

use_predefined_inputs 7% false ®¥HE. EF IV
R T 4 —IVRELTHATAAN T4 —IL RE
REL XY,

use_intercept

flag

true (T 7)) OFE. EFTIVICEREE G H
N

regression_weight_field

field

IOEAT 4 =)V RELTHERTZ 74—
K.

use_offset

None
Value

=

FT7ty hNEfRET S HIEERLUET . fE None
2. A7y PBERINANWI EEEKRL X
T,
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F118. gle 7O/NT 11— (#Z)

gle 7ONF 1 — firi TaNT 1 — O
offset_value number use offset 7% offset value OHFHF Tt M
B9 % 1E.
offset_field field use_offset 7% offset field OHEF 7€y ME
[ Y - S
target_category order Ascending H5dY RS0 — NE, 77 )0 M
Descending Ascending T9,
inputs_category order Ascending Sorting order for categorical predictors. 7 7 # Jb I
Descending 13 Ascending TTY .,
max_iterations integer TIVTU XL TETINDRKIEORKIEE T,
ADETIIRWER, 77 +)L MEX 100 TY,
confidence Tevel number TR O XK MHEE ORI T 2 REEE.
O TIFRWER, R/AMEE 1000 77 4L b
fElE 95 TY,
test fixed effects_coeffecients |Model INT A= —HEWLERT N w7 AE5HT S
Robust Fik.
detect _outliers flag true DEFH., TYIVTU XALT, ZESGERLST
NT ORI T B BN D 2l E it U E
K
conduct_trend_analysis flag true DFA. TIVITY XL THAKD ~L > K4y

ek L £7.

estimation_method

FISHER_SCORING
NEWTON_RAPHSON
HYBRID

RAEEHET I TY XLZHEELET,

max_fisher iterations integer FISHER_SCORING estimation method Zf#fH L T
LHED. mAREEL. H/MEI 0. RAMEI
20 TY.
scale_parameter method MLE A=)V INTA—=5 OHEEITH AT 2 HEZEE
FIXED LET,
DEVIANCE

PEARSON_CHISQUARE

scale_value number scale_parameter_method 7% Fixed IZ&E T3 T
WHLEICDOAMEMTEEXT,

negative binomial method MLE BOIHNMGARHBIN T A—F OHEDOHHT 54

FIXED LERELET.

negative_binomial_value number negative_binomial_method 7% Fixed IZEXE I
TV HRICOAERTEERT,

use_p_converge flag INT A= —RDOF T a >,

p_converge number A X ZIMEEDIEDE,

p_converge_ type flag True = #@XHE. False = FHXHE

use_1_converge flag R ENROL T > a >,

1_converge number ZEH R IMEE D IEDH,

1_converge_type flag True = #EXHE, False = FHXHE

use_h_converge flag Hessian RO 723 >,

h_converge number ZEH F /M ER DIEDE,
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F118. gle 7ONT 1 — (% Z)

ELASTIC_NET
FORWARD_STEPWISE
RIDGE

gle 7ONF ¢ — firi TaNT 1 — DM

h_converge_type flag True = HEXHE, False = FHXH#

max_iterations integer TITY XL TEFINDKEORKIEFTT,
ADETIIRWE., 77 +)L MEZ 100 TY,

sing_tolerance integer

use_model_selection flag INTA=H LEWEEET VORI AHED > hO
—IVEAHILET,

method LASSO BTV ORI E, £7213 Ridge Z2HEHALTVS

GEERIEEZREL T,

detect_two_way_interactions

flag

True DA, ETIVICKD AT T 4 =)V RIEIOK
FHIZBEERNEEICREEE N E T,
Zoarbo—id, EFTNVREHROS (—H
—NERITHIREER L TR THD, MOk
IRE3N7= method 7% Forward Stepwise. Lasso. F
7213 Elastic Net OEAITOBERNIL TLZS
W,

automatic_penalty_params

flag

TTI)VERD method 2% Lasso F7z13 Elastic Net
DBEEDHFEHEETT,

ZDHREZM AL T, Lasso £7213 Elastic Net &
BOBRIRGIEICBEEAS T 5 NPT 4 INT A—
YaEATTLET,

True DFE. T 74 )V MEPERINET,
False DG, XFINT 4 INTA—=FINENT/S
D, WAY LMEZATITEET,

lasso_penalty param

number

ETIVERD method 2% Lasso F7z13 Elastic Net
TdHY. automatic_penalty params 7% False D
BRICOAMHTEET, Lasso DRXFILT 1 /N
TA—FEHEELET,

elastic_net_penalty paraml

number

TTI)VEIND method 2% Lasso F7z13 Elastic Net
TdHD. automatic_penalty params 7% False D
BEICOBMMHTEET, Elastic Net /ST A—%
1 ORFIT 4 RTA=FE/RELET,

elastic_net_penalty param?

number

ETI)VEIRD method 7Y Lasso F7z1d Elastic Net
THD, automatic_penalty params 7% False O
BEICOAMHHTEET . Elastic Net /NT A—%
2 DRFINT 4 NIA=FZHELET,

probability_entry

number

EININJ= method 7Y Forward Stepwise DT
DAFERATEET., PIROWEFICE TS F Hatkk
HEOHRBEKEEZBEL X,

probability_removal

number

BRI 1172 method %% Forward Stepwise DHEIT
DAFEHTEET, IROREICET S F Halkt
OAEBEKEZEELET,
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F118. gle 7O/NT 11— (#Z)

gle 7O0NXT 1 —

TaNT 4 —DHY

use_max_effects

HR I N7 method 7% Forward Stepwise DFEIT
DAFHTEET,

max_effects I hO—)LEHNTLET,

False DG, WETDHROT 7 4 )V MR,
ETIVICRES N DR OBEN S U E RN
HDEEL L BRITNUIRD EH A,

max_effects

integer

BRIEMA T T A RS EZ AT 25
BONROBEREEIRFEL LT

use_max_steps

flag

max_steps I hO—)LEEIZLET,

False DG, AT v 70T 74 MNZ, £
IWZRES N ROEN SR 2RI L2 0
D 3 EEHELLL BTN EE A,

max_steps

integer

BEIEIMA T T T A RiEVERK method ZF AT
DEIICHD ATy TORAEZIRELET,

use_model_name

flag

ETINDAAY LA EMHHT 50 (true) ¥ AT A
IC&k o THEKR S N4 EHHT 20 (false) &
BELET., 774V M false TY,

model_name

string

use_model _name 7% true D& EIZ, FHTIET
VefaE Ll £9.

usePI

flag

true DG, THEBOBERENGREINET,

kmeansnode 7O/XT 1 —

K-Means / — R T, =% « vy "WERZ ) —T (OFEDIITAT—) N, VIAZ
TINET., TOHET. BEBRDI FAY—ZEHRL., JIAY—IZLI—REHDIKRLE
DLTT, ZNUERBELTHETIDRRESINLRLSRDEET, VIAY—DOHLEFELE
F, K-means Tl FERZTFHTHOTIERLS, ANWTZ74—IVL ROy NND/INY —> ZHS
MCT B0, THREESE tLTashs 7oAl InEd.

il

node = stream.create("kmeans", "My node")

# "Fields" tab

node.setPropertyValue("custom _fields", True)

node.setPropertyValue("inputs", ["Cholesterol", "BP", "Drug", "Na", "K", "Age"])
# "Model" tab

node.setPropertyValue("use model name", True)

node.
node.
node.
node.
node.
node.

setPropertyValue("model_name", "Kmeans_allinputs")
setPropertyValue("num_clusters", 9)
setPropertyValue("gen distance", True)
setPropertyValue("cluster label", "Number")
setPropertyValue("label _prefix", "Kmeans_ ")
setPropertyValue("optimize", "Speed")

# "Expert" tab

node.
node.
node.
node.
node.

setPropertyValue("mode", "Expert")
setPropertyValue("stop _on", "Custom")
setPropertyValue("max_iterations", 10)
setPropertyValue("tolerance", 3.0)
setPropertyValue("encoding_value", 0.3)
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#119. kmeansnode 7'T/NT 1 —

kmeansnode JTI/NTF 1 — i FONT £ — DB
inputs [fieldl ... fieldN) K-means T IVIZANT 7 4 =)V ROt K
TYU TR =R EITVETN, HRT 1
—IVRIIHEHALETL. BEAT 4 —ILEB
KOEHE 7+ —IVRIIERALETA. FEL
<. FEw 65 R=2 D T—Ki72E|
FVER  — o7 o/)F 1 —1 [EsiRL
TL7ZE 0,
num_clusters number
gen_distance flag
cluster_label String
Number
label_prefix string
mode Simple (E&#H)
Expert
stop_on Default
Custom
max_iterations number
tolerance number
encoding value number
optimize Speed ETFIVMERNEEZEE AT —DEBE5ITL
Memory DEEfLESNEMEHRELET,

knnnode 70O/NTF 4 —

1

k MEHETHDHE. kL It (KNN) /—RiZ, #ilWwr—2 %, FHIEBO#H L Wr—2
@ WCEBIEW k o4 727 hOhTFIY —£ /713l EBEEMTET, BLULEZyr—AZBE
WIZIEL, L TWiaWnWr— 2 EREVICENTWETD,

node = stream.create("knn", "My node")

# Objectives tab

node.setPropertyValue("objective", "Custom")
# Settings tab - Neighbors panel

node.setPropertyValue("automatic_k selection", False)
node.setPropertyValue("fixed k", 2)
node.setPropertyValue("weight by importance", True)

# Settings tab - Analyze panel
node.setPropertyValue("save_distances", True)

# 120. knnnode 7I/NT oA —

knnnode 7ONF 1 — ifi Tans ¢« —oHM
analysis PredictTarget
IdentifyNeighbors
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Z 120. knnnode 7'O/NT 4 — (W Z)

knnnode TN — fifi TONT £ — DM
objective Balance
Speed
Accuracy
Custom
normalize_ranges flag
use_case_labels flag ROF T2 a et d5F v o - R
DA
case_labels_field field
identify focal cases flag ROF T2 a ek d5F v s - R
PR/
focal _cases_field field
automatic_k_selection flag
fixed_k integer automatic_k_selectio 7Y False DHFHEIT
DHHENTT
minimum_k integer automatic_k_selectio % True DHFHITD
B TT.
maximum_k integer
distance_computation Euclidean
CityBlock
weight_by importance flag
range_predictions Mean
Median
perform_feature_selection flag

forced_entry_inputs

[field] ... fieldN]

stop_on_error_ratio flag

number_to_select integer

minimum_change number

validation_fold_assign_by field |flag

number_of_folds integer validation_fold_assign_by_field 7%
False DBEICOHAETT,

set_random_seed flag

random_seed number

folds_field field validation _fold assign_by field 7% True
DHEIZDHEZN T,

all_probabilities flag

save_distances flag

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

adjusted_propensity partition Test

Validation
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kohonennode 7O/\F 14 —

il

node

r_,_,f\\x' Kohonen /—RiE, Za—J)« Fy hI—=ID—RETHD. T—4% -ty hEr T A5 —1t
\ =/ LTRBZ TN —TEHRTHENTHATEET, %y hT—VOEENZE T2 E, Kl
— DL aA—REFHAT Y TTEWEL ICERIN, BLOAZTVLO— RFEENEEZAICE

TRENET, MEOSWVWIZ Y hEHBINTHEOITEREINZETIVNT, 12y ROVES
L7BROBMEEHND ZENTEET, UL, EYRY7 IZAY—HIZDONWTOE > Mk
LEEMBVET,

= stream.create("kohonen", "My node")

# "Model" tab

node.
node.
node.
node.

node

setPropertyValue("use_model name", False)
setPropertyValue("model_name", "Symbolic Cluster")
setPropertyValue("stop_on", "Time")
setPropertyValue("time", 1)

.setPropertyValue("set_random_seed", True)
node.
node.

setPropertyValue("random_seed", 12345)
setPropertyValue("optimize", "Speed")

# "Expert" tab

node.
.setPropertyValue("width", 3)
node.
node.
node.
node.

node

node

setPropertyValue("mode", "Expert")

setPropertyValue("length", 3)
setPropertyValue("decay_style", "Exponential")
setPropertyValue("phasel neighborhood", 3)
setPropertyValue("phasel eta", 0.5)

.setPropertyValue("phasel cycles", 10)
node.
node.
node.

setPropertyValue("phase2_neighborhood", 1)
setPropertyValue("phase2_eta", 0.2)
setPropertyValue("phase2 cycles", 75)

Z 121. kohonennode 7'/NT 1 —

kohonennode 7TI/NT ¢ — i TONT 1 — DM
inputs [fieldl ... fieldN) Kohonen ETIVIk5 7 ¢ —)L RTx<,
ANT 4=V ROV A MZEHLET, &
BT 4 —IVEBXOEBLT ¢ —)L RIIEH
LEth. LI FEvZ[ies X=2]
O T —fH72ETIVER/ — RO 7 0/ F|
-1 EzRLT<EEN,
continue flag
show_feedback flag
stop_on Default
R
time number
optimize Speed ETIIERNEEEAT) —DEE5ICX
Memory DEElLEININE2IEELET,
cluster_label flag
mode Simple (EfH)
Expert
width number
length number
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# 121. kohonennode 7T/NT 4 — (F£Z)

kohonennode 7'1/¥5 ¢ —

firi

pARVAL R RO E |

decay style

Linear
Exponential

phasel_neighborhood number
phasel_eta number
phasel _cycles number
phase2_neighborhood number
phase2_eta number
phase2_cycles number

linearnode 7O/\F 1 —

MAERET IV, HRE 1 DIRZITERO THIME & OB OBIRITE D W THER AN %2 T

il

node = stream.create("linear", "My node")
# Build Options tab - Objectives panel

node.setPropertyValue("objective", "Standard")

# Build Options tab - Model Selection panel

node.setPropertyValue("model_selection", "BestSubsets")
node.setPropertyValue("criteria_best subsets", "ASE")

# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

# 122. linearnode 7°01/NT 4 — :

linearnode 7UONT 1 — i TONT 1 — D]
target field I DOMET 4 =V REBEELET.
inputs [fieldl ... fieldN] ETITHASINDANEZIZIANEZIZ

TREET 4=V R,

continue_training_existing_model |flag

objective Standard psm [FIEFWICKRENWT—F by MIHHS
Bagging 1. Server DIEHNMAIETT,
Boosting
psm

use_auto_data preparation flag

confidence_Tlevel number

model_selection

ForwardStepwise
BestSubsets
None

%13 B ETIUVMER/ —RoTo)NTF 10—

209



Z 122. linearnode 7'0/NT 4 — (% &) :

linearnode JT/NF 1 — fifi TONT 4 — DN
criteria_forward_stepwise AICC
Fstatistics
AdjustedRSquare
ASE
probability_entry number
probability_removal number
use_max_effects flag
max_effects number
use_max_steps flag
max_steps number
criteria_best_subsets AICC
AdjustedRSquare
ASE
combining_rule_continuous Mean
Median
component_models _n number
use_random_seed flag
random_seed number
use_custom_model_name flag
custom_model_name string
use_custom_name flag
custom_name string
tooltip string
keywords string
annotation string

linearasnode ZO/NF 1 —

7 FAERET IV, JRE 1 DERLIZERO TRME & OB OBRICE DN THER A NS 2 T
Eg.? HLET,

% 123. linearasnode 7'/NT 1 —

linearasnode 7T/NF 1 — i Fans ¢ —DFW]

target field 1 DORGT7 4=V RERELET.

inputs [fieldl ... fieldN] ETICTHASNDANEZIZIANEZIZ
FREE T =R,

weight_field field ETNTHERSIND T 0 — IV R,

custom_fields flag 77 4V M#lE TRUE TT,
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# 123. linearasnode 7O/NT 1 — (i)

Tinearasnode 7T/NF ¢ — il pARVAL R RO E ;|

intercept flag 7 %)L M#EX TRUE TY,

detect_2way_interaction flag REENEREZERT BN ED M. T7
4 )V Ml TRUE TT,

cin number TTIREBOHEEZ R T 572D A
TOHMEEOKH, 0 KD KEL, 100 £
DNSWEZIEELET. T 7 4)0 MEK
95 T9Y,

factor_order ascending AT TURITHET 4 =)V ROWME, 77

descending # )l M#ElL ascending TI .

var_select_method

ForwardStepwise

EHI2ETNORERSGE. T 7 4)0 Ml

BestSubsets 13 ForwardStepwise T,
none
criteria_for forward stepwise AICC ETIVIIREMAZRED, ERITET
Fstatistics WINEEIRZEHIRT 2 RENERET D &
AdjustedRSquare AT B HE. T 7 4 MAR
ASE AdjustedRSquare T,
pin number ZZITHRE SN pin L EWEAT DR/
p EEFFOHRNETIVIENESNET,
T 7 )b MEl 0.05 T,
pout number ZZIEESNE pout LEWELDKE
W p EEFEDETIVROTRTOREIE]
BrEnxd. 7740 MEZ 0.10 TY.
use_custom max_effects flag BEET N TRABOMEEFERT H2NE
S T 74 )V MEIL FALSE T,
max_effects number BRIEETITHERAT IR OmKE. 77
)V MEE 1 TY,
use_custom max_steps flag BARBOAT Y T2@HTHMNEID, T
7 # )V M#lE FALSE TY,
max_steps number 27w TTARX T T ZLMEET S5
RAT Y TH. 774V MEZ 1 TT,
criteria_for best_subsets AICC AT HHEEDET— R, T 7)) MAL
AdjustedRSquare AdjustedRSquare T,
ASE

logregnode Z7O/XF 1 —

BER EITHWERIA, BUEHEH TR AT IV MR T — VLR EFAL £,

@ O AT 4w ZEEE. AT 4 =)V ROEIZEDINTL O— REnM T 5atFETT. #

Multinomial Example

node = stream.create("logreg", "My node")

# "Fields" tab

node.setPropertyValue("custom fields", True)
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node.setPropertyValue("target", "Drug")
node.setPropertyValue("inputs", ["BP", "Cholesterol", "Age"])
node.setPropertyValue("partition", "Test")

# "Model" tab

node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("use_model name", True)

setPropertyValue("model _name", "Log reg Drug")
setPropertyValue("use_partitioned data", True)
setPropertyValue("method", "Stepwise")
setPropertyValue("logistic_procedure", "Multinomial")
setPropertyValue("multinomial_base category", "BP")
setPropertyValue("model type", "FullFactorial")
setPropertyValue("custom terms", [["BP", "Sex"], ["Age"], ["Na", "K"1])
setPropertyValue("include_constant", False)

# "Expert" tab

node.
node.
node.
node.

setPropertyValue("mode", "Expert")
setPropertyValue("scale", "Pearson")
setPropertyValue("scale value", 3.0)
setPropertyValue("all probabilities", True)

node.setPropertyValue("tolerance", "1.0E-7")
# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("max_steps", 3)

node.

node.
node.

setPropertyValue("1_converge", "1.0E-3")
setPropertyValue("p_converge", "1.0E-7")
setPropertyValue("delta", 0.03)

# "Output..." section

node.
node.
node.
node.
node.
node.
node.

node

setPropertyValue("summary", True)
setPropertyValue("1ikelihood_ratio", True)
setPropertyValue("asymptotic_correlation”, True)
setPropertyValue("goodness_fit", True)
setPropertyValue("iteration_history", True)
setPropertyValue("history steps", 3)
setPropertyValue("parameters", True)

.setPropertyValue("confidence_interval", 90)
node.
node.

setPropertyValue("asymptotic_covariance", True)
setPropertyValue("classification_table", True)

# "Stepping" options

node.

node

setPropertyValue("min_terms", 7)

.setPropertyValue("use_max_terms", True)
node.
node.
node.
node.

setPropertyValue("max_terms", 10)
setPropertyValue("probability entry", 3)
setPropertyValue("probability removal", 5)
setPropertyValue("requirements", "Containment")

Binomial Example

node

= stream.create("logreg", "My node")

# "Fields" tab

node.
node.
node.
node.

setPropertyValue("custom fields", True)
setPropertyValue("target", "Cholesterol")
setPropertyValue("inputs", ["BP", "Drug", "Age"])
setPropertyValue("partition", "Test")

# "Model" tab

node.
node.

node

node

212

setPropertyValue("use _model name", False)
setPropertyValue("model _name", "Log reg Cholesterol")

.setPropertyValue("multinomial_base category", "BP")
node.
node.
node.
node.

setPropertyValue("use_partitioned data", True)
setPropertyValue("binomial_method", "Forwards")
setPropertyValue("logistic_procedure", "Binomial")
setPropertyValue("binomial _categorical input", "Sex")

.setKeyedPropertyValue("binomial_input_contrast", "Sex", "Simple")
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node.setKeyedPropertyValue("binomial input_category", "Sex", "Last")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("scale", "Pearson")
node.setPropertyValue("scale value", 3.0)
node.setPropertyValue("all _probabilities", True)
node.setPropertyValue("tolerance", "1.0E-7")

# "Convergence..." section
node.setPropertyValue("max_iterations", 50)
node.setPropertyValue("1 converge", "1.0E-3")
node.setPropertyValue("p_converge", "1.0E-7")

# "Output..." section
node.setPropertyValue("binomial_output_display", "at_each_step")
node.setPropertyValue("binomial_goodness_of_fit", True)
node.setPropertyValue("binomial_iteration_history", True)
node.setPropertyValue("binomial_parameters", True)
node.setPropertyValue("binomial _ci_enable", True)
node.setPropertyValue("binomial ci", 85)

# "Stepping" options
node.setPropertyValue("binomial_removal criterion", "LR")
node.setPropertyValue("binomial probability removal", 0.2)

7 124. logregnode 7' /NT 4 — :
Togregnode 7'O/NF 1 — it
target field

Tans 4 —0Hm

OYAT 4w ZEBETIVE 1 DORET
4=V RBEXO 1 DUEDOATT7 4 —IVR
EHALET. BRI RBXUEHA
T4 =V RIIEHLETAL, #FLLIE b
Y 765 R=2 0 T—RIEETIVIER]
[/—Ro7onNss—J Rl T<ES
W,

logistic_procedure

Binomial
Multinomial

include_constant

flag

mode

Simple (Eff)
Expert

method

Enter

Stepwise

Forwards
Backwards
BackwardsStepwise

binomial_method

Enter
Forwards
Backwards
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# 124. logregnode 7'/NT o — (FEZ)

Togregnode 7 T/NTF 1 —

firi

TanT 1 —OHH

model_type

MainEffects
FullFactorial
Custom

T « ¥4 7ELT FullFactorial HME
EINTWBEE, AT v TRENMEES
NEELTH, EfrEINFERTL. ZDORD
DIz, BHIEAL (Enter) MMEFINE
ER

TF)L « Z1 T Custom MRESNTH
I—Y—FE 7 4 —J)V R (custom fields) 7%
REINTOARWESIZ, ERET LN
HEINET,

custom_terms

[[BP Sex][BP][Age]]

multinomial _base category string ZHAT IV —DRESHEERELET,
binomial _categorical_input string
binomial_input_contrast Indicator A2 TAPERET DHIEERET SN
Simple FAU—ANHOF— - 7TO/XF 41—,
Difference
Helmert
Repeated
Polynomial
Deviation
binomial_input_category First ZRAT IV —ZRET D HECRET S
Last AFITV—ATAOF— - TaNT 1 —,
scale None
UserDefined
Pearson
Deviance
scale _value number
all_probabilities flag
tolerance 1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
min_terms number
use_max_terms flag
max_terms number
entry_criterion Score
LR
removal_criterion LR
Wald
probability_entry number
probability removal number
binomial_probability_entry number
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# 124. logregnode 7'T/NT o — (#EZ)

Togregnode 7TINTF 1 —

firi

Tans ¢ —OHM

binomial_probability_removal

number

requirements

HierarchyDiscrete HierarchyAll
Containment

None
max_iterations number
max_steps number
p_converge 1.0E-4

1.0E-5

1.0E-6
1.0E-7
1.0E-8

0
1_converge 1.0E-1

1.0E-2

1.0E-3
1.0E-4
1.0E-5

0
delta number
iteration_history flag
history_steps number
summary flag
likelihood_ratio flag
asymptotic_correlation flag
goodness_fit flag
parameters flag
confidence_interval number
asymptotic_covariance flag
classification_table flag
stepwise_summary flag
info_criteria flag
monotonicity measures flag

binomial _output_display

at_each_step
at_Tast_step

binomial_goodness_of_fit flag
binomial_parameters flag
binomial_iteration_history flag
binomial_classification_plots flag
binomial_ci_enable flag
binomial_ci number
binomial_residual outTiers

all
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# 124. logregnode 7'/NT o — (FEZ)

Togregnode 7T/NF 1 — i TOnNTF ¢ — D
binomial residual_enable flag
binomial_outlier_threshold number
binomial classification_cutoff number
binomial_removal_criterion LR
Wald
Conditional
calculate_variable_importance flag
calculate_raw_propensities flag
Isvmnode ZO/XNT 1 —
UG R—F - XUy — 2> LSVM) /—REfEfT5E, A—N—T1v T2 L0i
<V T=8% 2 D07 —=TONTNNIHET LI ENTEEXT, LSVM B3R TH D,
WMHTEEOL IA—REFHT—F 1y e, LT —Fy NEUTHZENTEE

ED

#2125, Isymnode 7' /NT A —

Isvmnode JTI/NT ¢ — i Tans ¢« —0HY
intercept flag ETNIYKFEESDET, T 745
fE1Z True TT,
target_order Ascending AT —BRDOY — MEZEEE L
Descending F9, AR TIIEEINET,
57 %)V M Ascending TI.
precision number HHHRT 4 —IV ROREEN Continuous
DHBICOAMHINET, EFOHE
FDEEICRET 5 /8T A—4 — &1
FELET, m/MEIE 0 THRAMIZHD
EF¥n. 774 MEIZ 0.1 TT,
exclude missing values flag True 1295 &, RIBMED 1 DTHH
HEHIIL - RO INET, T
7 )V MEIX False TY,
penalty_function L1 HHT2XFINT 1 B0y 1 T &tk
L2 ELET. T 74)VMAL L2 TY,
1ambda number NPT 4 (EHE) XTI A—F—,
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2 125. Isvmnode 7'O/NT 4 — (R Z)

1svmnode 70/NTF ¢ — fifi

TaNT 4 —DOFHY

calculate _variable_importance |flag

EHEE QMY RHIEEERT DETIV
OEE., X T aizkn, ®F
IV OHEEIZ BT 2 2 THIME DRt 5 5
EERTT T IMFRINET, —if
DETFIVTIE, BICKHEBET—5 1y
N EAET S, BROEEE O
BITIZEWEEND N D720, —H D
ETFTNTIET 74NV RNTHTIZRE->T
WET, BROFEEEIL, T, Va
> UZAN EFINTIEMHEATEESR

Mo

neuralnetnode ZO/XF

‘f —

R BRESIRESNZHLWN—2a 022 —F) - Xy bT—=2 - BEFI)UER ) — RIRZDY U —
ATHHATEET., HLWN—a VIODWTIEIROIETHIAL £ (neuralnetwork), I[H/N—2 3 > TET
WEERBIOZAIT7Y T TEETN, HIiLWN—a 2HT2E5AV )T N2EHTLHEED

B L XTI, LFNEAN=3 >0
il

node = stream.create("neuralnet"
# "Fields" tab

node.setPropertyValue("custom fi
node.setPropertyValue("targets",

Al TY,

, "My node")

elds", True)
[IIDrugll] )

node.setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])

# "Model" tab

node.setPropertyValue("use partitioned data", True)

node.setPropertyValue("method",

"Dynamic")

node.setPropertyValue("train_pct", 30)

node.setPropertyValue("set random seed", True)

node.setPropertyValue("random seed", 12345)

node.setPropertyValue("stop_on",
node.setPropertyValue("accuracy"
node.setPropertyValue("cycles",
node.setPropertyValue("time", 3)
node.setPropertyValue("optimize"

"Tine")
» 95)
200)

R "Speed")

# "Multiple Method Expert Options" section
node.setPropertyValue("m_topologies", "5 30 55 2 20 3, 1 10 1")

node.setPropertyValue("m_non_pyramids", False)

node.setPropertyValue("m_persistence", 100)

2 126. neuralnetnode 7'1/NT 4 —

neuralnetnode 7ONTF ¢ —

i

TaNnT 1 — O]

targets

[field] ... fieldN)

—a—3) - J—RIZIE. 1 DB EoxS
TA4—IVR&E 1 DULEDANTT 4 —IV RN
VETT, EEBIOERT —)L RITME
BMEnEd, #HL<E FEw[ies X
PO T—WRETIVER/ — RO 70/
a1 EBRLTEEN,
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# 126. neuralnetnode 7'O/NT 4 — (FiZ)

neuralnetnode TI/NTF ¢ — il TONnTF 4 —DHM
method Quick
Dynamic
Multiple
Prune
ExhaustivePrune
RBFN
prevent_overtrain flag
train_pct number
set_random_seed flag
random_seed number
mode Simple (EfH)
Expert
stop_on Default EEE—R,
Accuracy
Cycles
Time
accuracy number LR,
cycles number ES G )N
B number FHEEHE (D).
continue flag
show_feedback flag
binary_encode flag
use_Tlast_model flag
gen_logfile flag
logfile_name string
alpha number
initial_eta number
high_eta number
Tow_eta number
eta_decay cycles number
hid_Tlayers One
Two
Three
h1 _units_one number
h1_units_two number
h1_units_three number
persistence number
m_topologies string
m_non_pyramids flag
m_persistence number
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2 126. neuralnetnode 7'O/NT 4 — (R &)

neuralnetnode 7'TI/NF ¢ — it TONT 4 —OHY
p_hid_layers One
Two
Three
p_h1_units_one number
p_h1_units_two number
p_h1_units_three number
p_persistence number
p_hid_rate number
p_hid_pers number
p_inp_rate number
p_inp_pers number
p_overall_pers number
r_persistence number
r_num_clusters number
r_eta_auto flag
r_alpha number
r_eta number
optimize Speed ETIAERNEEE AT —DEE 5L
Memory DRI NS N EEELET,
calculate_variable_importance flag & AiEOU U —ZATHEHALZ
sensitivity_analysis 70/%7 ¢ —i3. Z
DTANT 4 =K VFELEENET. HW
TONRT 4 —IFEEYR— b INETH,
calculate variable_importance % HBEj
LE9d,
calculate_raw_propensities flag
calculate_adjusted_propensities |flag
adjusted_propensity partition Test

Validation

neuralnetworknode ZO/XF 1 —

Za—I) e Fxy hT—=2 - J—RiE AMOMNEREU T S HikE Bl cET IV %

HHLEY. Za—J)b - xy bU—2 - /=R, ERTHLEORMUHEEA 22 2 2
: L—bhLUET, UBEAML, Za—02 2Lz bDEXBTEET, —a—J) - v

N =2 BN —REBHEEETH D, FE S0, BHT 21T RIEROKEFBEX

VDAL ML E D D 8 A,

1
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node = stream.create("neuralnetwork", "My node")
# Build Options tab - Objectives panel
node.setPropertyValue("objective", "Standard")
# Build Options tab - Ensembles panel
node.setPropertyValue("combining rule categorical", "HighestMeanProbability")

127, neuralnetworknode 7°T1/NT 4 —

neuralnetworknode TN F 1 —

firi

pARVAL R RO E:|

targets [fieldl ... fieldN) KRT 4 —IV RERELET,

inputs [fieldl ... fieldN] ETINTHEHSINS AN ERIFAT LT
FHERT =V R,

splits [field] ... fieldN DEIETIWVAERICHERT S, 74—V R%&

ERL XTI,

HighestProbability
HighestMeanProbability

use partition flag K374 =V RINERINDGE, ZOF
Ta ZEET IR NEDT I D
HAMETINVRERICHEHINSLSICLE
ER
continue flag WEEE T )L O & ik
objective Standard psm ZIEEICRKRENWT—F 2y MRS
Bagging . Server DEHENLETT,
Boosting
psm
method MultilayerPerceptron
RadialBasisFunction
use_custom_Tlayers flag
first_Tayer_units number
second_Tayer_units number
use_max_time flag
max_time number
use_max_cycles flag
max_cycles number
use_min_accuracy flag
min_accuracy number
combining_rule_categorical Voting

combining_rule_continuous Mean
Median
component_models_n number
overfit_prevention_pct number
use_random_seed flag
random_seed number

missing_values

listwiseDeletion
missingValueImputation

use_model _name

boolean
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£ 127. neuralnetworknode 7C1/NT 1 — (B &)

neuralnetworknode 7'T1/¥5 ¢ — fifi FTans ¢ —DH
model _name string
confidence onProbability
onlncrease
score_category probabilities flag
max_categories number
score_propensity flag
use_custom_name flag
custom_name string
tooltip string
keywords string
annotation string

questnode ZO/NT 1 —

1

node

node.
node.
node.
node.

node

node

P QUEST /—RiZid, T4 2a> - VU —OMEMI2 DO LENAZEENTHET., I
%ﬁg TUR. B CE&R U — B AATE &3 B LIRS 2 B SRS, D %< 04
BRI B A EAMESE S N B Y 1) — OB E R 5 & 5 1Rt E N TnE T, A
1T 4 —Ib RIE. BCERE GREER) 1T TE 9% HEARIRH T — TN D &

T, TRTOHENL 2 4T,

= stream.create("quest", "My node")
setPropertyValue("custom fields", True)

setPropertyValue("target", "Drug")

setPropertyValue("inputs", ["Age", "Na", "K", "Cholesterol", "BP"])
setPropertyValue("model output type", "InteractiveBuilder")

.setPropertyValue("use_tree directives", True)
node.
node.
node.
node.

setPropertyValue("max_surrogates", 5)
setPropertyValue("split_alpha", 0.03)
setPropertyValue("use_percentage", False)
setPropertyValue("min_parent records_abs", 40)

.setPropertyValue("min_child_records_abs", 30)
node.
node.
node.

setPropertyValue("prune_tree", True)
setPropertyValue("use_std_err", True)
setPropertyValue("std _err multiplier", 3)

#2128, questmode 7T/NT 1 —

questnode TN 1 — il TOaNnNF ¢ —DFH

target field QUEST EFTJVIH —~DXWR T 4 — I RB X

O 1 DUEDANT 4=V REHHL
T EE T —IVRHIFETEET. FEL
<iE. REwZI65 XR=2 D T—RiK)75E|
FvEk  —Fo7o)F 1 —1 5B L
TLEE N,

continue_training_existing_model |flag
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# 128. questode TONT 4 — (FEE)

HighestMeanProbability

questnode TTINTF 1 — fifi TNy 1+ —OHM
objective Standard psm IFIEFICKEVWT—F Ly MRS
Boosting 1. Server DEEHLINHETT,
Bagging
psm
model_output_type Single
InteractiveBuilder
use_tree_directives flag
tree _directives string
use_max_depth Default
Custom
max_depth integer BRRYU—ES 0 N5
1000). use max_depth = Custom DFEITD
AMEALET,
prune_tree flag F—=N—=T 4w LRRNWEDITVY—%F
ELET,
use_std_err flag AT BT HmAE FEHERE) 2FHL
£7.
std_err_multiplier number AR
max_surrogates number e RAERAE R
use_percentage flag
min_parent_records_pc number
min_child_records_pc number
min_parent_records_abs number
min_child_records_abs number
use_costs flag
costs structured sl 7087 4 —,
priors Data
Equal
Custom
custom_priors structured Wt 7o /N7 1 —,
adjust_priors flag
trails number T—ZANEZRNTOIAHR—F
TIVEL
set_ensemble_method Voting AT AV =B RDOT 7 4 )b MEG I —
HighestProbability e

range_ensemble_method Mean A RO T 7 4 )V MEEIV—)b,
Median
Targe_boost flag ICKERBRT Ity NOT—AT 4 27
ZEMALET,
split_alpha number AEI OB B
train_pct number F—=N—=T 1 v ikt Y
set_random_seed flag WREBBEA a3,
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# 128. questnode 7T/NT 4 — (FEZ)

questnode TN 1 — il TNy —DHH
seed number

calculate_variable_importance flag

calculate_raw _propensities flag

calculate_adjusted_propensities flag

adjusted_propensity partition Test

Validation

randomtrees Z70O/NF 1 —

i

TN V)= J—RiZ, BED C&RT /—REBPMTWETN, Ev I F—F&2U#EL T

H—DY ) —&ERT 2 EE2HMCREISNTBD., #ERDODETIVIN SPSS Modeler /N—3
a> 17 CENENZEAE2—TIERINET., T2 L VU— J—RPERTET 4

Vary VU—zEMHALT, fEROBHRIEEZ FRIEZIINETEET. ZOHETHFENRT
—SRXREFERALTHEEL - REEROET A2 MIREIL. £ ATy T TR Z fR/NE
WCMZET, VU—D /) —RNfiH THHEEZSNDDIE. /—RPIZHEHT7—AD 100%
N HRET 4=V ROHBEEDOHT I —ICHEESNLIEETT, T4 =L FBIUA
H7 40—V RIZ, BEEEERITH T — &R EFE. 757 MERATEET, T

NTOHENT 2 HETT 2 DOV T TIN—TDH),

# 129. randomtrees 7'O/NT o —

randomtrees FTINTF ¢ — il FANT £ —D W

target

field I N YU — J—RTIE EFIIT
MO RT 4 —IVRBIUN 1 DU EDA
N7 4=V RDREITZDET, BT«
—J)VRBIEETEET., §FL<IE FEY
7165 R=2 D TR ETIVIER / —|
[FoTONTF 14— EBEBLTIEI N,

number_of_models integer T BT BTIVIBEO—BRE LT
RKEINDETNORERELET,

use_number of predictors flag number_of predictors ZfEHT 2N E DN
ERELET,

number_of_predictors integer SEIE TV OREGERE I S 5 FHIE O
Befmelxd.

use_stop_rule_for_accuracy flag FE 2 L TERWERICET IV E F
IETBaNESNERELET,

sample_size number WO CTRB R T —% - £y FEUET 5

BRICNT 3 —~ > A Zm EZI®E25I1T1E. 2
DEE/NELLET,
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£ 129. randomtrees 7O/NT 4 — (R Z)

randomtrees JE)NT 4 —

firi

TaNRT 1 —DFW

handle_imbalanced data

flag

ETNORNRPEEED T T 7 DIERTH

D, BELLBWHERICHT2EEN D5
BORBRNIEFITNIWEEL, T—21F
AREENZ/RD, ETFIVICK o TEIFEIND
T—=h ATy T BT TNETIV
DOREEICHEE 52 DN H 0 £,
R T — 5 DUHEZFENCTHE, £
FINNIEET HEE L WRERDO RN G F
D, XOBERTETIVNERINET,

use_weighted sampling

flag

False D&, &/ — ROEEIT. FUHER
TEEAIENINET, True DHE. £
BIZITEAPT 5. Z3UTS C TR
INET,

max_node_number

integer

iz DY) —THESND /) — FOEK
B ROPETZORZEBA D I ENTHE
ENHHE. VY —OREREIELET,

max_depth

integer

VY —DRKDOES, THUTET D ERE
13EIEL T

min_child_node_size

integer

B — RORERICT /) — R THAESND
Lad—RORNZERELET. T/—F
CHEEND LI BZLVI-ROBMNZZ
THELZEIDBDIBWES, B/ —F
WEaEENEE .

use_costs

flag

costs

structured

gk 7o/ T ¢ —, BRE FEEROM,
FHEXN/ME, BIXOaAX - (FHINEL L
RNGE) O3 DOEOUARTY, BT
Il 2R LU ET,

tree.setProperty Value("costs", [["drugA",
"drugB", 3.0], ["drugX", "drugY", 4.0]])

default_cost_increase

none
linear
square
custom

A EFR RIS L TOBRERTY
X MTINZT 74 MlaEHREL £,

max_pct_missing

integer

WTNND AT DO RIBHEDEIGNZ Z T
ELMEEDREVWESE, D ASITERI
INFEY., B/MHEIZ 0. AL 100 T
ER

exclude_single_cat_pct

integer

WINADH T T —ENZ T THRELZ
La—ROEIGXOEWES, TDT 14—
WV RERNETNVEEN SIS NET,
B/AMET 1. BRI 99 TY.

max_category_number

integer

T4 —=IVRNOHT T —ENZ DE B
ADYE. DT 4 =)V RIZETIVIEEN
SBAINET, BAMEIE 2 TY,
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Z 129. randomtrees 7O/NT 4 — (R Z)

randomtrees TN F 4 — fifi Tans ¢ —OHY

min_field variation number HFEL T ¢ — )V EOEBREN Z DL D
INSWEE. £D T 4 —)b RIZET IV
Mo ENET,

num_bins integer T — & INEE A TRERL S N HEITD

AERINET, ANCHLTHEATHE
LWIUrZ Ty ECOBERELET.
F7aid 2.0 4. 5. 100 20, 25. 50.
F7213 100 TT,

regressionnode ZO/NT 1 —

- FRERL, T —2 28T 5 - RVSHRETFETH D, TSN ESEBROHIED
EEE; BWER/NRICT2EMEZIIHZ Y TED S 2 IR0 FHRIZITVET,

i ABOY Y —ZA T, HMER ) — BEHE ) — RICEESRA SNSTEICE> TWET, G, M

ENFICIIRRET N AT I L2BEOLET.
Bl

node = stream.create("regression", "My node")

# "Fields" tab
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("target", "Age")
node.setPropertyValue("inputs", ["Na", "K"])
node.setPropertyValue("partition", "Test")
node.setPropertyValue("use_weight", True)
node.setPropertyValue("weight field", "Drug")

# "Model" tab
node.setPropertyValue("use model name", True)
node.setPropertyValue("model_name", "Regression Age")
node.setPropertyValue("use_partitioned data", True)
node.setPropertyValue("method", "Stepwise")
node.setPropertyValue("include_constant", False)

# "Expert" tab

node.setPropertyValue("mode", "Expert")
node.setPropertyValue("complete_records", False)
node.setPropertyValue("tolerance", "1.0E-3")

# "Stepping..." section
node.setPropertyValue("stepping method", "Probability")
node.setPropertyValue("probability entry", 0.77)
node.setPropertyValue("probability removal", 0.88)
node.setPropertyValue("F_value_entry", 7.0)
node.setPropertyValue("F_value_removal", 8.0)

# "Output..." section
node.setPropertyValue("model _fit", True)
node.setPropertyValue("r_squared_change", True)
node.setPropertyValue("selection criteria”, True)
node.setPropertyValue("descriptives", True)
node.setPropertyValue("p_correlations", True)
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node.setPropertyValue("collinearity diagnostics", True)
node.setPropertyValue("confidence_interval", True)
node.setPropertyValue("covariance_matrix", True)
node.setPropertyValue("durbin_watson", True)

# 130. regressionnode 7°1/NT 4 —

regressionnode JO/NF ¢ — i Tans ¢« —oHmM
target field ERFRETIVZE—ORSR T ¢+ — )V RBLY
1 DUEDATI 74—V REfEALET,
BAHAT 44—V RBI|ETEET. FL<
2. FEY 7165 R=2 0 T—RZE T
PUiERR ) —Fo7a/)F 4 —1 Bl T
<7EE,
method Enter
Stepwise
Backwards
Forwards
include_constant flag
use_weight flag
weight field field
mode Simple (&)
Expert
complete_records flag
tolerance 1.0E-1 SIBICIIZHES A/ Z#ERAL £,
1.0E-2
1.0E-3
1.0E-4
1.0E-5
1.0E-6
1.0E-7
1.0E-8
1.0E-9
1.0E-10
1.0E-11
1.0E-12
stepping_method useP useP : F il %/
useF usefF: F il % ffi
probability_entry number
probability_removal number
F_value_entry number
F_value_removal number
selection_criteria flag
confidence_interval flag
covariance_matrix flag
collinearity_diagnostics flag
regression_coefficients flag
exclude_fields flag
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# 130. regressionnode 7'/NT o — (W)

regressionnode 7TI/NF ¢ — fiii FONT £ — DB

durbin_watson flag

model_fit flag

r_squared_change flag

p_correlations flag

descriptives flag

calculate_variable_importance flag

sequencenode 7 O/NT 1 —
fﬁ\ = A )= RT, =i )bis, ERERMERRNES TSN TY I3
E':E_T / . )l/*)l/%_‘**ﬁtﬂ“biffo ﬁ:’v@l{ﬂﬁﬁfgﬂlﬁf?flﬁz6&}5@!:%6?74?11 . t\y‘ DU %,
a— =T D AEMVET, flZE BENOTEDEY TS — -2 —T O— a3 EHKALK

BE. TOBEILIROWARIZ 2—E 2T JU—LEWATHARENRHDET, >—F >

1

node
# "Fi
node.
node.
node.
node.
node.
node.

A+ J—RiZ CARMA 7V IT—>3> - )b—=)b - 7ILITU XLTEDN TS0,

H72 2 BEBEREE T — o AN ENET,

= stream.create("sequence", "My node")

elds" tab

setPropertyValue("id_field", "Age")
setPropertyValue("contiguous", True)
setPropertyValue("use_time field", True)
setPropertyValue("time_field", "Datel")
setPropertyValue("content_fields", ["Drug", "BP"])
setPropertyValue("partition", "Test")

# "Model" tab

node.
node.
node.
node.
node.
node.
node.

setPropertyValue("use_model name", True)
setPropertyValue("model_name", "Sequence_test")
setPropertyValue("use_partitioned data", False)
setPropertyValue("min_supp", 15.0)
setPropertyValue("min_conf", 14.0)
setPropertyValue("max_size", 7)
setPropertyValue("max_predictions", 5)

# "Expert" tab

node.
node.
node.
node.
node.
node.
node.
node.
node.
node.

setPropertyValue("mode", "Expert")
setPropertyValue("use _max_duration", True)
setPropertyValue("max_duration", 3.0)
setPropertyValue("use pruning", True)
setPropertyValue("pruning_value", 4.0)
setPropertyValue("set_mem_sequences", True)
setPropertyValue("mem_sequences", 5.0)
setPropertyValue("use _gaps", True)
setPropertyValue("min_item gap", 20.0)
setPropertyValue("max_item gap", 30.0)
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# 131. sequencenode 7'1/NT A —

sequencenode J/NF 1 — fifi TONF 4 — D
id_field field = A s BFTIVEMERT HIZIE. ID T
A4 —IVRERETLIMHENHDET, 5
AT a TR 74—V RE 1 DBLE
DODNET 4 —IVRERELET, EAT 4
—IVREBIOEET =)V RIIEAL £
ho FELLIZ. REV 65 XR=20D T
i 7zEFIVIER ) — RO 7085 4 —1 |
EZRLTSZE N,
time_field field
use_time_field flag
content_fields [fieldl ... fieldn]
contiguous flag
min_supp number
min_conf number
max_size number
max_predictions number
mode Simple (EfH)
Expert
use_max_duration flag
max_duration number
use_gaps flag
min_item gap number
max_item_gap number
use_pruning flag
pruning_value number
set_mem_sequences flag
mem_sequences integer
slrmnode Z7O/NXTF 1 —
SLRM (HE¥EINEETI) /—REMHTLEETIVERBETE, B3 80H L W»
F—AEFEALTET Y Z2FAT2ETIVOREE T2 I Ea<. ETIINOHELKD D 21T

DTENTEEXT,

1

node = stream.create("slrm", "My node")
node.setPropertyValue("target", "Offer")
node.setPropertyValue("target response", "Response")
node.setPropertyValue("inputs", ["Cust_ID", "Age", "Ave Bal"])
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#2132, slrmnode 7'0/NT o —

slrmnode FTINF 4 — il Fans 1 —o W

target field THRT 4 —)V MIZBBRE/ZE T T RIT
HBBENDDET., EHT 1 —IL RbiF
ETEET, FL<E hEw[les R
SO T BOBETIIER ) — RO 70O
1 -1 EBRLTESIN,

target_response field TS TRTHHBENHDET,

continue_training_existing _model |flag

target_field values flag TRTHEHY —ADTXRTOMEFHAL X

EE
fEE LB E 2B IR L X7,

target_field_values_specify

[field] ... fieldN]

incTude_model_assessment flag

mode]_assessment_random_seed number EBTHLMNENRHD X,

model assessment_sample size number ERTHLMLENHOET,
model_assessment_iterations number RAERL

display_model_evaluation flag

max_predictions number

randomization number

scoring_random_seed number

sort Ascending BWAIT7ERIMENATTDOES 5 2 FF

Descending

DA T 7 —NERANICERENLNEEEL
£,

model_reliability

flag

calculate_variable_importance

flag

statisticsmodelnode Z7O/XF 1 —

Statistics E7 )+ /—RZ{HHT 5 L. PMML Z1ERKT % IBM SPSS Statistics it = 2 £1T
LTF— 5 2B LT 5 - ENTEE T, 20/ — Kb, T+t AnEA BN~

IBM SPSS Statistics ® I E—NMLETT,

IO —ROTONT 4 —IZDNWTIE, B22 X—=T D TFstatisticsmodelnode 7' 1/NF 4 —] [ICFEEK I 1T

ESCIN

stpnode 7O/XT 1 —

RFZEFH (STP) /—RiZ, o —a - 57—%, FHRADOAN T 4 —IV R (FllfE). FHE
T4 =R, BEUOHET =)V REFALET, &07— 3 i, TNTHOMERFD

ETHEERTT—YOIDNERDVET., T—YEnNT5E, TOT—FZEFHL T, 4

WTHAINEBRT—YADEZOOr— 3 > Od4EE FHITEET,

>
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# 133, stpnode 7O/NT A —

stpnode FO/NF ¢ — T —4 1 Fans + —oOHM
74—VRI %7

target field NIRRT 4 —I)V R TT,

Tocation field ETINOEIT 4 —)V R, HFZEM 7
4=V ROAHFFRIEINET,

Tocation_label field Tocation TERIN/ZHATIZT NI %
T B7=DIcHiINTHEASNS T
JU—8I7 =)V R,

time_field field ETINORH T 4 —)V R, MO R
EEREOT =)V ROBFFAIINE
T, A= FA 1%, FFfE. H
. AL A5 2T BEOWTIN
ThRTHERD 8/ A

inputs [field] ... fieldN] AN T4 —=IVEDY X K,

MRFRIX 5y &7

interval_type_timestamp

Years
Quarters
Months
Weeks
Days
Hours
Minutes
Seconds

interval_type_date

Years
Quarters
Months
Weeks
Days

interval_type_time

Hours
Minutes
Seconds

STP NIRRT HR1 > T v o
A DVERRIFIZ LB S & 7 Bl B 72 1
DOHEEHKREL £,

interval_type_integer

Periods

EEEA > TR T4—=ILRD

BAEDH, BEOA L —2)

T—% v hEEHT HHE, BT
ZZHAE, XD time_field &
LTERENZT 4 —IVRDARNL—
Y AL TICEo TR ET,

period_start

integer
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# 133, stpnode 7O/NT 4 — (FEZ)

stpnode FO/NF 1 — F—& 1 Fans+ —oOHM
start_month January ETNDA 2T v 7 AMEREBIET 5
February HT9, A, March ICRE L7285
March H. T4 by hORYOL a— RN
April January ThdELES. EFIITR
May D2 DOLaA—REZFy LT 3
June AMSA 2Ty 7 ZHERZEBIA L £
July R
August
September
October
November
December
week_begins_on Sunday STP WT—& M SAERR L 2R > 7
Monday w7 A DBIA S,
Tuesday
Wednesday
Thursday
Friday
Saturday
days_per_week integer BMER 1L BRI 7. B EIT 1
TY,
hours_per_day integer 1 HOS BT, ZOETIVINED DK
M. #IzIE 10 TRELEEE. €
TI)1E day_begins_at DORFZITHALA S
N, 10 FichHie>TA > Ty 7 AE
pRZKilT. day_begins_at fEIC—3T
LHROMEETAFY T LET,
day_begins_at 00:00 ETNMA 2T v 7 AMERZEBIET 5
01:00 R OEZREL LT,
02:00
03:00
23:00
interval_increment 1 Z DR OBENISD E TR L
2 F9, UL BETINNT—FDA >
3 T 7 AVERLE BIE T B A0E & E L
4 £9, DED, ¥WHH 30 THREDOS
5 17 seconds DFH. ETFINMITT—
6 TDA Ty AMERZE 30 BT LI
10 fTWET,
12
15
20
30
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# 133, stpnode 7O/NT 14— (FEZ)

stpnode 7O/NTF 1 — F—& 1 TONTF 4 — D
data_matches_interval Boolean INE NICRETDE. BT I OB
BIC, T— AN @ interval type
ICEINET,
BIEOT— N TICIEL WERIT
S TWT, interval_type &Z3UTE
HI DTN TORENT—FIT—HL
TWAHEIF. T—% OEHSES N
Efiahsnwksic, Zo7yoNT—«
—%& Y ITREL TSI,
ZOTONT 4 —% Y ICHRET DL,
TRTOEFT > hOo—)L)NERIT 7
DE9,
agg_range default Sum Ziud, HHR T o —)L RICERIN
Mean 5774 )V NOHEE HikEREELE
Min T, I—Y—BEOEFHIAEICE £
Max NTWRWERER T r —)VRIZ, 22
Median WHE L= L THEINET,
1stQuartile
3rdQuartile
custom_agg [[field, aggregation a7 a8 4 —:
method],[]..] AT JNT A—H —: custom_agg
T E: PAFicHzRLUET,
[['x5" '"FirstQuartile']['x4’ set :stpnode.custom_agg = [
"Sum']] [fieldl function]
[field2 function]
]
Z ZT. function 1. H&E 7+ —JV R
THHAINEFBEK T,
A 7
include_intercept flag
max_autoregressive lag integer w/MER 1L RRMEE 5. HME 1

T, Zud. FHICKHERLETO L
d—RO¥ERLET, LEEN>T,
FIZE 5 IERELEBEE. LEID 5
HOL I— REMHLTHLWFHEIN
ERRENET, ZZIHEELE. B
K F—=mns50l a1— RMEE, 5
AR ENE T, LN ->T,
—P—ZEFINDAAT Y I T
— 5 EHERMT I NERH D T
Mo

estimation_method

Parametric
Nonparametric

ZEHDBATHIOET Y >V hik.

parametric_mode]l

Gaussian
Exponential
PoweredExponential

Parametric ZEHIFLNEET IV DIEF/S
TA—%,
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# 133, stpnode 7O/NT 4 — (FEZ)

stpnode FO/NF 1 — F—& 1 TONTF 4 —DHH
exponential_power number PoweredExponential T )L DNEFL
b /MBI 1. BRER 2 T,
RER &7
max_missing_values integer ETIVNTHAIIEND, RIEMEZERFD
L a—FOER/N—1 > M.
significance number TFIVEEIC BT D IRFGRE DA B K
%, STP ETIIVEE DT NTORE
(2 DOWEEERE. #R F BUE. f#
BT REEZEGY) ITHEHT 2HEKE
EzfEEL £
My 7
model_specifications flag
temporal_summary flag
Tocation_summary flag B OBERHERNETIHAICEEND
MESIMERELEXT,
model_quality flag
test_mean_structure flag
mean_structure_coefficients flag
autoregressive_coefficients flag
test_decay_space flag
parametric_spatial_covariance flag
correlations_heat_map flag
correlations_map flag
location_clusters flag
similarity_threshold number HLUEOLEWE, ZOEZEEBAD
& Wh Y T AY — QLN+
mNEHIEIEIN, 1 DD TAY—IT
HEINEI,
max_number_clusters integer ETIVHNCEDDZENTESD Y T
A% —D LIRE,
€50V AFarv) 47
use_model_name flag
model_name string
uncertainty factor number B/AMET 0. Bkl 100 TY . 5k

DFHN S S NDAMEENE GiE)
o¥mERELET., Zud. FHIO
FRETFERTY,
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svmnode ZO/NT 1 —

C PYR—hK - R &— 2> (SVM) /—REFHATSHE, A—N—T 4 v THT ERL,
S T=8%E 2 DDTIN—TDONWTNNIHHETHIENTEET. SVM 13, EHITEHDOAN

T4 =NV REGOT—Fty &, K#iRT -5ty UM TLIENTEEXT,

1

node = stream.create("svm", "My node")

# Expert tab

node.setPropertyValue("mode", "Expert")

node.setPropertyValue("all_probabilities", True)
node.setPropertyValue("kernel", "Polynomial")

node.setPropertyValue("gamma", 1.5)

# 134. svmnode 7'O/NT 4 — :

Validation

svmnode TTINF £ — il TaNT 4 —DHM
all_probabilities flag
stopping_criteria 1.0E-1 B b7 VI X L& NDEIET BH
1.0E-2 ERELET,
1.0E-3 (default)
1.0E-4
1.0E-5
1.0E-6
regularization number CNITA=F—LLTHHISGNTNE
KD
precision number %57 4 —)V ROREM Continuous
DHBEICOAFRAEINET.
kernel RBF (77 #J)L b) BRI N D —)VERD & 1
Polynomial 7,
Sigmoid
Linear
rbf_gamma number kernel 7% RBF DFEITOAEH E N
£7.
gamma number kernel 7% Polynomial E/zid Sigmoid
DHEICDOAFEHEINET.
bias number
degree number kernel 78 Polynomial DIEITDAH
Hanxd,
calculate_variable_importance |flag
calculate_raw_propensities flag
calculate_adjusted flag
propensities
adjusted propensity partition |[Test
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tcmnode Z7ANT 1 —

% 135. temnode 7°1/%

RHRRET ) >V Tld, FERAIT —5 NOEEZR KRGO DT INET, R
RERETY VTR, —HEHORRRFNEIHREL. TN5DHRRIN ST Z—EHD AT 5kl &
HELET. 20K, 70—y~ HERHERINTOWTHCEREORRIIET )L Z 5%
L. HRZHEDQEELBRRBEBREZREDOANIZFZIOAAXT,

7=

tcmnode 7 0NT £ —

i

Fans ¢ —oHm

custom_fields

Boolean

dimensionlist

[dimensionl ... dimensionN]

data_struct

Multiple
Single

metric_fields

field

both_target_and_input

...

targets

i ...

candidate_inputs

I ...

forced_inputs

E{EETE

Il ..

use_timestamp

Timestamp
Period

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod

period_field string
period_start_value integer
num_days_per_week integer
start_day_of_week Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday
num_hours_per_day integer
start_hour_of_day integer
timestamp_increments integer
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135, temnode 7'O/NT 4 — (FEZ)

tcmnode JONT ¢ —

firi

Tans « —0#HM

cyclic_increments

integer

cyclic_periods

list

output_interval

None
Year
Quarter
Month
Week
Day
Hour
Minute
Second

is_same_interval

Same
Notsame

cross_hour

Boolean

aggregate_and_distribute

list

aggregate_default

Mean
Sum
Mode
Min
Max

distribute_default

Mean
Sum

group_default

Mean
Sum
Mode
Min
Max

missing_imput

Linear_interp
Series_mean
K_mean
K_meridian
Linear_trend
None

k_mean_param integer
k_median_param integer
missing_value_threshold integer
conf_Tevel integer
max_num_predictor integer
max_1lag integer
epsilon number
threshold integer
is_re_est Boolean
num_targets integer
percent_targets integer
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Z 135, temnode 7'O/NT 4 — (W E)

tcmnode TONT ¢ — fiti FONT £ — DB
fields_display list
series_display list
network_graph_for_target Boolean
sign_level for_target number
fit_and_outlier_for_target Boolean
sum_and_para_for_target Boolean
impact_diag_for_target Boolean
impact_diag_type_for_target Effect
Cause
Both
impact_diag_level_for_target integer
series_plot_for_target Boolean
res_plot_for_target Boolean
top_input_for_target Boolean
forecast_table_for_target Boolean
same_as_for_target Boolean
network_graph_for_series Boolean
sign_level for_series number
fit_and_outlier_for_series Boolean
sum_and_para_for_series Boolean
impact_diagram_for_series Boolean
impact_diagram_type_for_series Effect
Cause
Both
impact_diagram_level for_series integer
series_plot_for_series Boolean
residual_plot_for_series Boolean
forecast_table_for_series Boolean
outlier_root_cause_analysis Boolean
causal_levels integer
outlier_table Interactive
Pivot
Both
rmsp_error Boolean
bic Boolean
r_square Boolean
outliers_over_time Boolean
series_transormation Boolean
use_estimation_period Boolean
estimation_period Times
Observation
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# 135, temnode 7TINT A — (Fi &)

temnode TN — i TONT 4 — DN
observations list
observations_type Latest
Earliest
observations_num integer
observations_exclude integer
extend_records_into_future Boolean
forecastperiods integer
max_num_distinct_values integer
display_targets FIXEDNUMBER
PERCENTAGE
goodness_fit_measure ROOTMEAN
BIC
RSQUARE
top_input_for_series Boolean
aic Boolean
rmse Boolean

ts 7O/NF1 —

KR/ — R, RERZID SHEECEEE. 1| 280 HCRRBEKGBEEEE (ARIMA), BX
V%A E ARIMA (E72130EEE) TFIVEHIIL, RO/ 74— > 20T ZEERL E
9, ZORRS — RiZ. SPSS Modeler /N—a > 18 TEILSNZLIET O RS ) — R &4
PLTWET, 2ZL. ZoOHLWEKERS]/ — Rid, IBM SPSS Analytic Server DH¥HE %15 H
LTEY Y T 20T HEIXRFINTBD. #EEETIVIE SPSS Modeler N— 3 >

17 CEBMENZHAE 2 —T —ICEREINET,

£136. ts 7O0/)NT 4 —

ts Juns—

fifi Tans .« —o0Hm

targets

field WA — R, A7 a>
T 1 DBEDANT 42—V
R&FHEIMEE LT LN
5. 1 DU EORRT 4 —)b
REFHILET, EHT 1 —
WRBXUEAT —)V R
FHLEYA, LI

FEY 7165 R=2 D T—f¥
s ETIVER/ — RO 70
NT 4 —] EBRLTLES
)

o

use_period

Boolean

use_estimation_period Boolean
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136, 1s TONT 14— (FF)

ts TONT ¢ —

fifi

Tans « —0#HM

input_interval

None

Unknown

Year

Quarter

Month

Week

Day

Hour
Hour_nonperiod
Minute
Minute_nonperiod
Second
Second_nonperiod

period_field

field

period_start_value

integer

num_days_per_week

integer

start_day_of_week

Sunday
Monday
Tuesday
Wednesday
Thursday
Friday
Saturday

num_hours_per_day

integer

start_hour_of day

integer

timestamp_increments

integer

cyclic_increments

integer

cyclic_periods

list

output_interval

None
Year
Quarter
Month
Week
Day
Hour
Minute
Second

is_same_interval

Same
Notsame

cross_hour

Boolean

aggregate_and_distribute

list

aggregate_default

Mean
Sum
Mode
Min
Max
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136, 1s TONT 14— (FF)

ts FOaNnNF ¢ —

i

Tans 1« —0HW

distribute_default

Mean
Sum

group_default

Mean
Sum
Mode
Min

Max

missing_imput

Linear_interp
Series_mean
K_mean
K_median
Linear_trend

k_mean_param integer
method ExpertModeler
Exsmooth
Arima
expert_modeler_method ExpertModeler
Exsmooth
Arima
consider_seasonal flag
detect_outliers flag
expert_outlier_additive flag
expert_outlier_level shift flag
expert_outlier_innovational flag
expert_outlier_level shift flag
expert_outlier_transient flag
expert_outlier_seasonal_additive flag
expert_outlier_Tocal_trend flag
expert_outlier_additive_patch flag
exsmooth_model_type Simple
HoltsLinearTrend
BrownsLinearTrend
DampedTrend
SimpleSeasonal
WintersAdditive
WintersMultiplicative
exsmooth_transformation_type None
SquareRoot
Naturallog
arima_p integer
arima_d integer
arima_q integer
arima_sp integer
arima_sd integer
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136, 1s TONT 14— (FF)

ts TONF 1 — fifi TaNT 4 — O
arima_sq integer
arima_transformation_type None
SquareRoot
Naturallog
arima_include_constant flag
tf_arima_p. fieldname integer HR R B EOH
tf_arima_d. fieldname integer HR kB RO
tf_arima_q. fieldname integer HR B RO
tf_arima_sp. fieldname integer IR B RN
tf_arima_sd. fieldname integer HR A BEEOH
tf_arima_sq. fieldname integer HAkBAEOH.
tf_arima_delay. fieldname integer TR B AU
tf_arima_transformation_type. fieldname None HAkBAEON.
SquareRoot
Naturallog
arima_detect_outlier_mode None
Automatic
arima_outlier_additive flag
arima_outlier_Tevel _shift flag
arima_outlier_innovational flag
arima_outlier_transient flag
arima_outlier_seasonal_additive flag
arima_outlier_Tocal_trend flag
arima_outlier_additive_patch flag
conf_limit_pct E#
max_1lags integer
events field
continue flag
scoring_model_only flag %< (1 HHALD) ORFRFID
ETIVIHEMLET.
forecastperiods integer
extend_records_into_future Boolean
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treeas 7A/NT 1 —

LT 1 DOV —2ERT 22 E2HMICHRETINTBO., #HRETIV SPSS Modeler /N
—2a 2 17 TEMEINZHNIE2 -7 —IZFERINET, 2O/ —Rid. 1 2 EHGI=
(CHAID) Z AL THREB N EERETHZET, T4 Var - VU—&HERLET,
CHAID ZZODXSIIMHHATHZET. I 2 v —Z4ERTEET, UL 3 HELED
TI o FREODDENGEETHIE2EBRLET., HET7 =V RBXUAN T 0 =)L RiZ.
EHEPE GERERD) £213 7 TU—&72 0 £9, Exhaustive CHAID 13 CHAID D{EERK T,
WREEDH D DENTRTEHFARD T ET, IDIWERZESNE IR, HERMBELSARD
EC N

?%%? Tree-AS / — RIZEEHFD CHAID / — RIZBITWET A, Tree-AS / — Rl v /5 —4 24l

£ 137. treeas 7°/NT 4 —

treeas FONT o — il TONT 1 — D3]

target field Tree-AS / — RTld. CHAID EFI)LICILHL
—DRRT 4 —IVRBIUN 1 DEUEDAS
T4 =)V RINBEIZ/ROET, EHT —
JIVEBIEETEEY. F#LL<IE FEYY
165 X—2 O [—{R75ETIVIERR / — R D)

Toiss—1EBlRLT<EE 0,

method chaid
exhaustive_chaid
max_depth integer B U—E 0 5 20, 774V ME
15 TY,
num_bins integer T — & INEE AT TR S N A HEITD

AERINET, ANCHLTHEATIE
LWIUZ Ty ECozEHRELET.
F7aid 20 4. 5. 100 20, 25, 50.
F7-1% 100 TT,

record_threshold integer ETINTYY—Z2ERTHEEIT, p HO
RN SR MR A5 L
d— R, 774 )V M 1,000,000 TT,
HEREIE 10,000 DELLTITVWE T,

split_alpha number NEOFFEKE, ZOfEIE 001 N5 0.99
£FTTY,

merge_alpha number EWEDOHEZEKEE, ZOMIE 001 5 0.99
EFTTY,

bonferroni_adjustment flag Bonferroni A v K& L THEMEMEZ
R,

effect_size threshold _cont number HEE R Z AT 28I — ROSEIB

KOHTFI) OEEITONET A AL E
WEZZRELET, ZofiEld 0.01 5
099 £TTY,

effect_size threshold cat number AT TV R REH AT B2 ) — RD5
HBEIOH T DREEZIT ORI A X
LEWEZRELXT. ZOMEIZ 001 25
099 £TTY.

split_merged categories flag =YLz aY — O E E T,
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137, treeas 7O/NT 4 — (i Z)

treeas TONT 1 — il Tang 1+ —OHM

grouping sig_level number =R =T OWRGIEE N —
R ORI EERET HDIfEH I NE
ER

chi_square pearson N1 2 FRETOFHRICHEHA S NS Fik

likelihood_ratio

(Pearson F7zI3LELL)

minimum_record_use

use_percentage
use_absolute

min_parent_records_pc number T 74V MBI 2 T, HBhE 10 R
100, A >Z7UAZBME 1 TY, BEED
EIFFREDME I D KELAFNIERD £
Ao
min_child_records_pc number FT7 4 MEZ 1 TT. ME 1. &R
100, 1 >Z7UX2biE 1 TY,
min_parent_records_abs number T 74 )V MBI 100 TT. /S 1. &K
131000 A > 7 UAZBME 1 T, HkE
DEIFFREEDMEE D KELRFIUIRD
FH A,
min_child_records_abs number T 74 )V MEE 50 TY, /T 1. Ik
1000 1227 UA BRI 1T TY,
epsilon number M x N oIV EROR/NL.
max_iterations number R D 7= 8 DK BRI
use_costs flag
costs structured WiEL 7087 0 —. BRI, EBEOMHE,
FHEN/ME, BIOPaAX L (FHINEL L
BWEE) O 3 DOEOUARTT, BIF
(1R P2 S
tree.setProperty Value("costs", [["drugA",
"drugB", 3.0], ["drugX", "drugY", 4.0]])
default_cost_increase none A JEFREARICH L TOBRERITT,
Tinear JAMPFNCT 7))V MEZEZRELET,
square
custom
calculate_conf flag
display_rule_id flag T4 —=)VRM 1 D2aA7 Y HIITE

INFETH, ZNUIELI—RZEEHDHT
L8 —3F) - J—RIZID ZRIT7Z0OHD
HDTI,
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twostepnode ZO/\F 1 —

il

node
node

node

node

"fﬂ““\. TwoStep /— RT. 2 BED YV I 25 — (L FENFERAINE T, RUIDOAT v I T, 7—%
’-.%5@- B 1 ESEREET, RO ASF— ¥ 2SR DY T 5 A — ML £, 2

FBHOZT v 7T TIE MBI I 25 —bFEEFEHL T, YTV IR —2XDKRERT T A
Y —IZHBIETVWEET, TwoStep IZ1d. FB T — ¥ TR T A5 —§& HEINICHE
TLEWSHENHVET, T, T4V R - ¥ TORESCKHEET—% - £y Fd2hE
K< TEET,

= stream.create("twostep", "My node")

.setPropertyValue("custom_fields", True)
node.
node.
node.
node.

setPropertyValue("inputs", ["Age", "K", "Na", "BP"])
setPropertyValue("partition", "Test")
setPropertyValue("use _model name", False)
setPropertyValue("model name", "TwoStep Drug")

.setPropertyValue("use_partitioned_data", True)
node.
node.
node.
node.

setPropertyValue("exclude outliers", True)

setPropertyValue("cluster_label", "String")
setPropertyValue("label prefix", "TwoStep_ ")
setPropertyValue("cluster num auto", False)

.setPropertyValue("max_num_clusters", 9)
node.
node.

setPropertyValue("min_num clusters", 3)
setPropertyValue("num_clusters", 7)

# 138, twostepnode 7 I/NT 4 —

twostepnode TN F 1 — it Tans ¢ —0Hy
inputs [fieldl ... fieldN) TwoStep ETIVITHHR T + —) RTh<,
ANT A=V ROUAZEFERLET, &
HT 4 =V RBRVERT « —)b RIZ5EH
ShEth. FL<IE. hEY 2165 X
DO TR ETIVIER / — RO 7 10)N
o4 -1 pZRLTIZS N,
standardize flag
exclude_outliers flag
percentage number
cluster_num_auto flag
min_num_clusters number
max_num_clusters number
num_clusters number
cluster_label String
Number
label_prefix string
distance_measure Boolean
Loglikelihood
clustering_criterion AIC
BIC
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twostepAS D FO/NFT 1 —

TwoStep 7 7 A% —I3.,

7% 139. twostepAS D 7 /NT o —

WHEIZE->E0 LN, Tty MNTOERRZ V-7 (£

137 525 —) ZWHEICT S EEHME L TREISNZRRBY —IVTT., ZOFHETHEH
SNBTIINTYALZIE. RO TAY ) T FEEGRBLUNOENZBHUNH 0T
73V —ZBHEBLIOHEGARONE, 7525 —HOHEINHEN, A7r—7EU T 1728),

twostepAS DT TINT 1 — fi#i pARVAL R RN
inputs [fl ... N] TwoStepAS EFTIVIIA ST 7 1
—IVROUAFZEFERLET
N MET 4=V RIEER L
Fth, EAHT IV EBX
OB T « —)b RIFER#H% N
EcW R
use_predefined roles Boolean 77 4 )l h=True
use_custom field assignments Boolean 7 7 # )l h=False
cluster_num_auto Boolean 7 7 % )b h=True
min_num_clusters BE FI7 %) h=2
max_num_clusters B T 74 )V h=15
num_clusters BE F 74V k=5
clustering_criterion AIC
BIC
automatic_clustering_method use_clustering_criterion_setting
Distance_jump
Minimum
Maximum

feature_importance_method

use_clustering_criterion_setting

effect_size

use_random_seed Boolean
random_seed B
distance_measure Euclidean

Loglikelihood
include_outlier_clusters Boolean 7 7 %) h=True
num_cases_in_feature_tree leaf is_less_than | %L 77 4 )1 h=10
top_perc_outliers B T 7 %)V k=5
initial_dist_change_threshold B T 7 %)V h=0
Teaf_node_maximum_branches B T 74 )V b=8
non_leaf_node_maximum_branches BR T 74 =8
max_tree_depth B T 7 4) h=3
adjustment_weight_on_measurement_level B T 7 4V =6
memory_allocation_mb Q! T 7 %)V h=512
delayed split Boolean 7 % )V N =True
fields_to_standardize [f1 ... fN]
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# 139. twostepAS D T O/NT 1 — (FE )

twostepAS DT TINT 1 — fifi TOaNF ¢ —DFH
adaptive_feature_selection Boolean 7 7 # )b h=True
featureMisPercent R 77 4)V k=70
coefRange o fili T 7 %4 )V 5=0.05
percCasesSingleCategory BE T 7 4 )V k=95
numCases B 7 4 k=24
include_model_specifications Boolean 7 7 4 )V b=True
include_record_summary Boolean 7 7 )V h=True
include_field_transformations Boolean 7 7 4 )V h=True
excluded_inputs Boolean 7 7 )V h=True
evaluate_model_quality Boolean 7 7 4 )V b =True
show_feature_importance bar chart Boolean 7 7 )V h=True
show_feature_importance  word cloud Boolean T 7 # )l b =True
show_outTier_clusters Boolean 7 7 4 )V h=True
interactive_table_and_chart
show_outlier clusters pivot table Boolean T 7 # )l b =True
across_cluster_feature_importance Boolean T 7 # )l h=True
across_cluster profiles_pivot_table Boolean 7 7 )b h=True
withinprofiles Boolean 7 7 4 )V N =True
cluster_distances Boolean 7 7 )b h=True
cluster_label String

Number
label prefix String
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FTB14E ETIN-FFyb-/—FRoF7ansrq1—

EFN-F Ty bh - J—RiE o/ —REFRCHKBEBOTONT 4 —2HAELTNET, FLIE. ME
w16 R=2@ THED ) — R - 70/)8NF 4 —] EBIRL T 7230,

applyanomalydetectionnode ZO/\F 1 —

R EREET IVER / — RZHEHL T, BEERIBETIV - F 7y hEERTAHIENTEET, ZOE
TV F7y SDOAZ Y T N applyanomalydetectionnode T o ETIAERR / — REED A7 U 7 LD
AL, (166 X—2 D Tanomalydetectionnode 7 T1/NF 4 —J |ESHL T S0,

Z 140. applyanomalydetectionnode Ta/NT 4 —

applyanomalydetectionnode TN F ¢ — | fi TansF ¢ — DM

anomaly_score_method FlagAndScore Aa7 U TR, fERESNA kD ET,
FlagOnly
ScoreOnly

num_fields integer WET DT 40—V R

discard_records flag LaA—RBHIMSEESNLINEDINERLE

ER
discard_anomalous_records flag RV OA— REBERT 50, £IZERE THN

L O— REEFERTINOEH. 77+ NI B
WTRY LI—RPERIND I LEERT off
T9., FHTHL. on DEEIL. Bl I—
RMBEEINET, 2070871 —Id.
discard_records WEMRIGEITIET, BRI
DET,

applyapriorinode ZO/XF 4 —

Apriori ETIVER / — RZEHAL T, Apriori EF)V « F7 v hEERTHIENTEET, ZOETI -

F7y NDAZ )T N, applyapriorinode T o BT IVIER / — RBERD A7 U 7~ O,
[ @ Tapriorinode 7' 0/\F ¢ —J S T ZX W,

# 141. applyapriorinode 7' T/NT 1 — :

applyapriorinode 7'0/NF ¢ — il FOANT £ —DHW
max_predictions number (%%)
ignore_unmatached flag
allow_repeats flag
check_basket NoPredictions
Predictions
NoCheck
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# 141. applyapriorinode 7'0/NT o — (i)

applyapriorinode 70N ¢ — fifi TaNT ¢ — D
criterion Confidence
Support
RuleSupport
Lift
Deployability

applyassociationrulesnode ZO/XF 1 —
7T —ar =) EFIER// —REFHLT, 7V IZ—ar V=) EFIN Ty NEE
JRITBHIEMTEET, ZOETI 7w hDAT YT NI applyassociationrulesnode TS o ETIVE

R/ — REMEKEZ 27 1) 7 MET 2 HEIZDNWTIE, 168 X— D Tassociationrulesnode 7 /X T 4 —] [&%
LT 7ZE0n,

% 142. applyassociationrulesnode 7'H/NT o —

applyassociationrulesnode 7’0
INTF 1 — F—ym TUuNnNT 1+ —DHW
max_predictions integer 27T HEANCHEATES ) —ILORK
criterion Confidence =)V OIEEEHWT DO RELEINL £
Rulesupport ER
Lift
Conditionsupport
Deployability
allow_repeats Boolean ECTFHZREDIN—IEZAITHNIZEDDNES
MERFELET,
check_input NoPredictions
Predictions
NoCheck

applyautoclassifiernode ZO/\F 1 —

HEIHEETIVER — REEAL T, BBDEETI - 7y hE2ERTLIENTEXT, ZOET
Ve F7y bR )T N, applyautoclassifiernode T3 o ETIVERR / — RO A7V 7 MEDFEM
&, 171 X=2 @ Tautoclassifiernode 7 H/NT « —J B T EI W,

72 143. applyautoclassifiernode 7 /NT A — :

applyautoclassifiernode 7'\ F ¢

- firi FanNF 1+ —DOFHH

flag_ensemble_method Voting TIHTI e AT BIRET BH720D
ConfidenceWeightedVoting AT 2 hEZRELET. ZO%
RawPropensityWeightedVoting ENL, BIRINEMZENT 78T ¢
HighestConfidence —IVRTHLH2HEHICOHEHINE
AverageRawPropensity 7,
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7 143. applyautoclassifiernode 7' 0/NT 1 — (Fi &) :

applyautoclassifiernode 7'E/NF ¢
- fifi TaNT 4 —OFW
flag voting tie selection Random B AENRREI N GEG. TR R
HighestConfidence DIRRFIEERELET, ZORE
RawPropensity 13, BIRSNZMENT T 78T 4 —
IWRTHALEEITOABEHINET,
set_ensemble_method Voting ToH T AT BIRET H720D
ConfidencelleightedVoting WKHEMT2HEZREELRT. 0K
HighestConfidence ELL BRI N/ E Ny T ¢
—IVRTHLHEBICOHEHINE
ER
set_voting_tie selection Random ERAENEIR S NI 5E. TSR
HighestConfidence OffRFGIEEEELET, ZORE
W BIRSNERMENREET +—)b
RTHHLHICOABEHINET,

applyautoclusternode ZO/\T 1 —

HEN A5 — - ETIAER/ —REFHL T, BBV 9AY— - &) - FTy hEERTZIENTE
F9, ZOETI - FFy hOAZY T NI applyautoclusternode TS o ZDETIV « 747w EOMO

TONT 4 —ZH0ERTA. ETIVER S/ — RAKRD A U7 SO, (173 X—2 @ Tautoclusternode]
DoRTs—iEsRLTIEIN,

applyautonumericnode 7 O/XT 1 —

HEEET IVER / — RZHEHAL T, BHEMEET IV - 77y FEERTLZENTEET., ZOET
e Ty NOAZ YT N4, applyautonumericnode T . BT IWERR / — RD A7 1) 7 MEDFERIE.
[175 "= @ Tautonumericnode 7 H/NF 4 —1 |2 BIRL T Z 30,

# 144. applyautonumericnode 7' 1/NT 1 — :
applyautonumericnode J'ONF ¢ — | fii Tans . —DIiN

calculate_standard_error flag

applybayesnetnode Z70O/X7F 1 —

NAX +Fy FNT—=0 « BEFTIUER / — REFHL T, XA X -2y 8 T—7 - EF)V - 77y FEERT
HZENTEET, ZOETIV - Ty FOAY U T A, applybayesnetnode TY o ETIVERR / — R
EARDZ 27U 7 SOFMIE, 176 XR— D Tbayesnetnode 7 H/NT 4 —] [EBMRL T 7Z3 W,

7 145. applybayesnetnode 7' 1/NT o — :

applybayesnetnode F'O/NF ¢ — i Tans ¢ —oHm
all_probabilities flag
raw_propensity flag
adjusted_propensity flag
calculate_raw_propensities flag
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7 145. applybayesnemode 7'T0/NT o — (§i &)

applybayesnetnode 7T/XF ¢ — i TNy —OHM

calculate_adjusted propensities |flag

applyc50node 7O/XF 1 —

C5.0 ETIAER/ — REMHL T, C50 €TV - 77y bEERTLIENTEXT. ZOETIN - F7
v NDZZ YT NI applycSOnode T, ETIVIERR/ — RBERD A2 1) 7~ OFEHIZ.
[ FcS0node 70/ 5 ¢ —J [EBHL T ES W,

# 146. applyc50node 7" 1/NF 1 — :

applyc50node FE/NF 1 — ifi pARVAL PRSI0 B

sql_generate Never =)ty NETREO SQL &RA 7T a >
NoMissingValues DFEIWHEHL £,

calculate_conf flag SQL RGN Iz > TWBHEITHIHT

EET, o7 T 4 —ITid, EkEh
V) —HOMEEEFGENEENTNE
ER

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applycarmanode ZO/XF 1 —

CARMA EFIUERL/ — RZf#HL T, CARMA EF)L - 77y h&ERT2IENTEXET, ZOET
o F7y SOAY )T M. applycarmanode TS o ZOETIV + Ty hOMO T O/NT 4 —13H D
FHA. ETIER — REEOZZ U 7 SO, (179 R—2 D Tcarmanode 7 /8T ¢ —J [EBHEL
T<7Za W,

applycartnode ZO/XF 1 —

C&R Tree ETIIERZMEHL T, C&R Tree ET ) - F7 v hEERTHIENTEXT, ZOETI)L -
Ty FOAZ YT N4, applycartnode T o BT IAERL / — REAKD A 1) 7 ~ OFFAHIE.
[ D Tcartnode 7 0/NF 4 —J SR L T30,

# 147, applycartnode 7'O/NT 4 — :

applycartnode FO/NF ¢ — fifi FONT + —DIW

sql_generate Never =)ty NEFREO SQL &4 7T a
MissingValues DFFEIWHEHLE T,
NoMissingValues

calculate_conf flag SQL AERNEINT I > TWAEEITHIAT

=2F9., ZoTaNT—ITiE EREN
=) —HOMEBEFENEENTNE
ER

display_rule_id flag T4 —=)VRN 1 DAATY 2 HIIEM
ENFIN, INRELI-RZEEDHT
55 —3IF)+ /J—FIZ ID ZRI7ZDOD
HDTT,
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# 147, applycartnode 7T/NT 4 — (§£ ) :
applycartnode 7O/NF ¢ — fifi TOaNF ¢ —DFH

calculate_raw _propensities flag

calculate_adjusted_propensities flag

applychaidnode Z70O/X5F 1 —

CHAID EFI)UERR/ — R&MHL T, CHAID £F5)b « F5 v h&ERTHIENTEET., ZOET
W7y NOAY )T N, applychaidnode TS . BT IVIERR / — RBEARDO A7 ) 7 s OFEMIL. [183
[R—=>® Tchaidnode 7'00/8F 4 —J BB T 7ZI W,

# 148. applychaidnode 7°1/NF 1 — :

applychaidnode Properties fifi TONNT ¢ — DI
sql_generate Never
MissingValues

calculate_conf flag

display rule_id flag T4 —=IVRN 1 DA77 > 7HIITEN
SINFITMN, ZNREALI—-FZEEHDYT
25 —=3F) - /J—RIZID ZRTDD
HDTT,

calculate_raw_propensities flag

calculate_adjusted propensities |flag

applycoxregnode ZO/XTF 4 —

Cox ETIVERR / —RZMHAL T, Cox EFTI)N - F7 v hEEKRTHIENTEXET, ZOETIV - FF
v NDOZZ YT SR, applycoxregnode TY o ETIVERK / — REAKD A7 U 7 ~ OFEMIE.
[D Tcoxregnode 7 T1/NF 4 —1 |EBIRL T Z3 W,

7 149. applycoxregnode 7 11/NT 1 — :

applycoxregnode TIN5 — 1t Tans ¢ —OHY
future_time_as Intervals
field
time_interval number
num_future_times integer
time_field field
past_survival _time field
all_probabilities flag
cumulative_hazard flag
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applydecisionlistnode Z7O/\7 1 —

T4Yar - UAR - BTIMER S/ —REFHALT, T4>Pa>-UAL-ET)V - F7y MEERT
HZEMTEET, ZOETI - Ty NOAT )T MR, applydecisionlistnode T9 o ET IVIERK / —
REEDOZZ Y 7 N OFEME. 187 X—2 D [decisionlistnode 7 H/NT 4 —J [EBHL T ZI W,

7 150. applydecisionlistnode 7 /NT 4 — :

applydecisionlistnode 70N ¢
- i TUNT 1+ — D

enable_sql_generation flag BICRELEEEER. T4 Yar-UA
F e EFIVH SQL ANTwaNw T EINb
£ 512 IBM SPSS Modeler 2%i{TL £7

calculate_raw_propensities flag

calculate_adjusted_propensities flag

applydiscriminantnode Z70O/X5F 1 —

HP D ETIVER /) — REMERHL T, A HETIV - 77y bEERTHIENTEET, ZOET
W Ty DAY T SR applydiscriminantnode T o ETIERR / — REERD A7 U 7 N OFEM
1%, [188 XR— D [discriminantnode 7 H/NTF 4 —] BB L T 7Z3 W,

# 151. applydiscriminantnode 7" /NF 1 — :

applydiscriminantnode 7O/NF ¢
- fid TONT 4 — DM
calculate_raw_propensities flag

calculate_adjusted_propensities flag

applyfactornode Z7O/XF 1 —

RTDETIER /) — RZFER LT, BTF2IETIV - 77y bEERTHIENTELY, ZOET
W Ty NOZAY )T NI applyfactornode T ZOETIV - F NOMO T TINT 4 —1dH D

FtHh, ETIVER/ — REEKDZZ U7 SOFMIZ. (190 X—2 D [Tfactornode 7 0/NF ¢ —J [&#SHL
TLEEW,

applyfeatureselectionnode 7O/\F 1 —

BROBIRETIVIERL ., — RE[EAL T, ZRERETIV - 77y hEERTLIENTEXT. ZOET

e Ty NOZAT U T N4, applyfeatureselectionnode T . BT IVERR / — RBEERD AV 1) 7 D&
M. (191 R=2 @ Tfeatureselectionnode 7 1/NF 4 —J EBHL T 72X,

# 152. applyfeatureselectionnode 7°1/NT 1 — :

applyfeatureselectionnode 7'0/¥

TA— fid TaNT ¢ — O]

selected ranked fields ETI) - TIUF-—NTHREINS T >
HEDT 4=V RERELET.

selected_screened fields ETN - TIUHF—NTHRESND AV Y
—Z2TINET IV REREL LT,
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applygeneralizedlinearnode 7 O/XT 1 —

—ALERAEL (genlin) ETIVIERR / — RZMHEHL T, LR ETIV - F7 Y NEERTHIENTEE
T, ZOETI - Ty DAY )T AR, applygeneralizedlinearnode T3 o ETIERK / — REKRD A
70 7 N OFE. (193 X—=2 @ Tgenlinnode 7 0/NT 4 — ] [EZBIRL T30,

7% 153. applygeneralizedlinearnode TONT o4 —

applygeneralizedlinearnode 7'TI/)¥
TA— fifi ZTONTF ¢ —DFiA

calculate_raw_propensities flag

calculate_adjusted propensities |flag

applygimmnode 70/X5F 1 —

GLMM EFIUERR/ — RZfHL T, GLMM £F)L - 77y hEERTHIENTEEY, ZOET
W Ty O YT SR applyglmmnode TS o ETIVERR / — REARDOZ 7Y 7 S OFEIIE. (197
[X=>® Tglmmnode 7 0/NF 4 —J [FBIRL T ZE W,

# 154. applyglmmnode 7'/NT 1 — :

applyglmmnode 7ENF ¢ — fifi FaNT 4 —DFW
confidence onProbability Aa7 Y T OREEEEFIET 2 &b
onlncrease FBWTHIRER, £23RbEW TR S
2 FHICEWTHIRER EDZE).
score_category probabilities flag True ICRRESINZHEE. H73Y =50

TFUHMREZERLET, h7dU—T &I
T4 =V ROMERRENE T, T 73 M
False TY,

max_categories integer WRZ2THTZHHTIT)—DERETT,
score_category probabilities 7% True @
LEICOBMMHENET,
score_propensity flag True IKRESNIZH/E. 77 780G EE
DETIVICH LT, RFEEI A7

( True) OREROMER) 2EKLET. T—
YRGB GE, TAL - T =5 K5
KHEDWT, ABFAEEA DT HAERL
9. 774J)V X False T,
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applygle 7O/ 1 —

GLE EF7IUER/ — RZfHL T, GLE £7)V 77 v hEERTEET. ZOETIN Fr v hDAZY
7N applygle TS . BT IVER / — REARZZ 7Y 7 MET S HEICDONTIE. 00 X—=2 D Tgle
TERs7 1L T< F o,

#2155, applygle 7'0/NT 1 —

applygle 7ONF ¢ — it pA=VAL R RO i
enable_sql_generation udf AR —=LFTHD SQL ERA T a %
native RETHEDIHHLET, T—FXR—2

I27 w22 )Ny 7 LT SPSS Modeler Server
Scoring Adapter ZfEALTAa7 Y > U7
LM (AAT YT TETINRA LA b=
WEHBDT—5 N— IR L T\ DY
). SPSS Modeler N CAO7Y ) > 74 %
MZEZINL £,

applykmeansnode Z0O/XT 1 —

K-means 7 )VERR / — RZHEHL T, K-means ET )V + 77w hEAERTHIENTEXT., ZOET
W Ty O YT SR applykmeansnode TS o ZOETIV « F7w OO T/ T 4 —1dH D
FHA. ETIER, — REEOZZ U 7 SO, 205 XR—2 D Tkmeansnode 7' 0/\F 1 —J [ 51
LTS,

applyknnnode Z7O/X5 ¢ —

KNN EFUER/ — REEAIL T, KNN £5)) 75y bEART 52 ENTEET, ZOET) - F

Ty MDA T N4EL applyknnnode TY . BT IVERR / — RBEAERD Z 7Y 7 kORI,
[D Tknnnode 7T1NT 4 —J B L TSI,

7 156. applyknnnode 7°11/NF 4 — :

applyknnnode 7'TI)XF ¢ — fifi PA=VAL R RNl
all_probabilities flag
save_distances flag

applykohonennode ZO/\F 1 —

Kohonen EFIVIERL / — RZMH L T, Kohonen EFT IV« 77w FEERTHIENTEET, ZOET
W Ty O YT NI applykohonennode TS o ZDETIV « F47w OO T TOI/NT 1 —1dH D
FtHh, ETIER/ — REEKRDOZZ U7 NOFMNZ. (178 =2 D [c50node 7' 0/NF ¢ —1 [&SHLT
<7Za,
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applylinearnode ZO/\F 1 —

WIETIER / — REMEAL T, MBETIV - Ty FEERTZIENTEELT. ZOETIV - FF Y

DA )T RN, applylinearnode TS . BT IVERR / — REAKRD A7) 7 S OFHHIZ.
[ Mlinearnode 7' 001/\F ¢ —J BB L T 7ZI W,

# 157. applylinearnode 7'11/N7 4 — :

linear FONF f — fiid TaNT ¢ — O]
use_custom_name flag

custom_name string

enable_sql_generation flag

applylinearasnode 7O/XF 1 —

Linear-AS ETIUE / — K2 L T, Linear-AS EF7 ) 7w h2AERTEET, ZOETIL T4y

NDZAZ YT N4 applylinearasnode TS o BT IVERR / — RAKRD A7 U 7'~ OFFMIE.
[ Tlinearasnode 7' T1/XF ¢ —J JEBHRL T2 E W,

# 158. applylinearasnode 7°1/NT 1 —

applylinearasnode JONF 1 — it TONTF ¢ —D 3
enable_sql_generation udf F7 4 )l M#lZ udf TT,
native

applylogregnode ZO/\F 1 —

OPAT 4w ZEFBETIAER/ — REFEHL T, 0P A5 v ZERETIV - Ty NEERT S EN
TEET, ZOETIV - Ty hDOAY )T NI, applylogregnode TS o T IVERR / — RBIRD X2
U7 N OFANZ. 11 X=2 D Togregnode 7' 0/NT ¢ —J [ T ZI W,

# 159. applylogregnode 7' 01/NF ¢ — :

applylogregnode 7O/NF ¢ — 1ifi FTans « —oHM
calculate_raw_propensities flag
calculate_conf flag
enable_sql_generation flag

applylsvmnode Z70O/XF 1 —

LSVM EFIUERR / — RZ{FHL T, LSVM E5) « 77y haAEKRTHZENTEET., ZOETI -
T NDAY )T N applylsvmnode T o BT IAER / — REWKZZ 7 U 7 MET B HIEITONT
&, 16 X=2@ Tlsvmnode 7087 4 —1 JEBIRL TS0,

7 160. applylsvmnode 7'T/NT 1 —

applylsvmnode 7O/NF ¢ — i TONT £ — DB
calculate raw_propensities flag RAEMEMA DT 23R T H2MNEDINEREL
EJC N
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2 160. applylsymnode 7 T1/NT o — (W)

applylsvmnode TN F ¢ — fili TONT £ — D3]
enable_sql_generation udf Scoring Adapter (-f > A b =)L INTWVBHH)
native EERERIZS 7oA TRaAT) > TT5
N T—IR—ZOHNETAIATY > TT DM
ZHRELET,

applyneuralnetnode 7’0O/8F 1 —

Za—I) 2y T—=T - BETFIMER S — REFAL T, Za—F) - Fxy  T—2 - EF) - F5 v b
BHERTHIENTEET., ZOETIV - Ty SNOAY U T NI, applyneuralnetnode TY o ETIVE
R/ — REKDOZ 27 ) T SOFEMNZ. 217 =2 @ [neuralnetnode 7 H/5T 4 —J [EBRL T ZS W,

HER: WaELRSNHLWN—2a 022 —F ) Fxy hT—20 F5y MR ZOU Y —XATHEHT
ZET. FHILWLUWN=23 DWW TIXROIETHB LU £ (applyneuralnetwork). LARTDIN— 3 IBTE
HHEHTEETN, AVUTRE2EFLTHLWOWN—Ya 2T 228D LET, HN—Ya >
Dl Z AR L THBO £, 2T 20K — MISGEROU U —ATREIEESNET,

# 161. applyneuralnetnode 7' /NT 1 — :

applyneuralnetnode 7T/ F 1 — it Tans ¢ —n 3

calculate_conf flag SQL RGNz TWAHEEIRHTE X
I, ZO7ONT 4 —IZid. EREnieY Y —
HOMGEGENGENTVET,

enable_sql_generation flag

nn_score_method Difference
SoftMax

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applyneuralnetworknode ZO/\F 1 —
Za—=I)N Xy hT—=7 - EFTIAMER/ — REFERALT, Za—I) - Xy hI—2 - EFT) - F7 v b
BERTHIENTEET, ZOETIV - Ty FOAY U T N, applyneuralnetworknode T9 . ET

JWVERL / — REERD A7 1) 7 b O, 219 X—2 @ Tneuralnetworknode 7' /8T ¢ —J BB L T
I,

# 162. applyneuralnetworknode 7°/NT o —

applyneuralnetworknode TIN5 ¢
- fifi TaNT 4 —OFW
use_custom name flag
custom_name string
confidence onProbability
onlncrease
score_category_probabilities flag
max_categories number
score_propensity flag
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applyquestnode ZO/\F 1 —

QUEST EFIUER / — RZfHL T, QUEST £EF)V o v hahkdHIEMTEET, ZOET
e Ty RO Y T N4 applyquesmode TS o BT IVERR / — REAKRDZ 7Y 7 s OFEAIZ.
[X=2 @ Tquestnode 7' 0/NF ¢ —J &SI TI I,

% 163. applyquestnode 7'0/NT 1 — :
applyquestnode JTIXF 1 — il pA=VAL R RO ]|
sql_generate Never

MissingValues
NoMissingValues

calculate_conf flag

display rule_id flag T4 —=IVRN 1 DA77 HIITEN
SINFITMN, ZNRERAKLI—-FZEEHDYT
55—3F)+ J—RIZID ZRI7ZHD
HDTT,

calculate_raw_propensities flag

calculate_adjusted_propensities |flag

applyr 7ONF 4 —

R R/ —RZ@HHALT. R €7« 77y bEERTHIENTEET, ZOETI)IN - F 7Y bDRAY
U7 N4 applyr TF. EFIVER — REGOAZ ) 7 kO, [[77 =20 Tbuildr 7 0/X7 1]
FilezmEL TN,

164, applyr 7 /NT 4 —

applyr 70O)NXF 1 — i TONT ¢ —DFM
score_syntax string ETI)N - AAT7UTHD R A7
ThHVIA,
convert_flags StringsAndDoubles TITRIT 4 — IV REEMT H720D
LogicalValues FFa,
convert_datetime flag HAHE R £ B AR 2R X 025
Z R QAWML RICEMT 2720
DA T ar,
convert_datetime class POSIXct HATE N E 7213 B AR 2 D285
POSIX1t D5B, EOWROERELENT B0
BIRETDOOF T a,
convert_missing flag RIEfEZ R O NA fEICEHLT 2729
DA T ar,
use_batch size flag Ny TR Z M ATTREIC L £ T
batch_size integer ENYFILEDBT—F LIA—RD
BERELET
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applyrandomtrees ZO/NF 1 —

G L V)= EFIMER S —RE#ALT, 5254 VU= EF) S5y bEERTEET, 20
TN Ty OAT )T AT applyrandomtrees TS o BT IERR / — REAKRE A7) 7 MET 5 Hik
IZOWTIE, 223 R—=2 D lrandomtrees 7 1/NT 4 —J [EBIRL T 230,

2 165. applyrandomtrees 7°0/XT o —

applyrandomtrees 7'TNF 1 — it TONT ¢ — D3
calculate_conf flag ZOTINT 4 —IZiE, BRI N ) —
HOMGEGENEENTVET,
enable sql_generation udf AR —LFETFFD SQL EkA T a %
native RETDEDIHHLET, T—FRX—2Z

127w a )N 7 LT SPSS Modeler Server
Scoring Adapter ZfEH L TAI7 U > 79
LN (AATV T THTINA A R—
IEHADT—H X— 2R L T\ D
A). SPSS Modeler WTAT YU 79 %
NEERL £,

applyregressionnode Z7O/XF 1 —

BRERETIVER — R2@HL T MEERETIV - 77y bEERT LI ENTEXRT. ZOET
W Ty NOAZ Y T N4IR. applyregressionnode TY o ZOETIV - Ty OO TONT 4 —13dH
DERA. ETIVER/ — FEEDZAZ U 7 FOFMIE, 225 XK= D Tregressionnode 7 T/XT 4 —] &
ZHL T Z3 0,

applyselflearningnode ZO/XF 1 —

HOPEHREET IV (SLRM) ETIVER / — RZHEHAL T, SLRM £5)V « 77w a4k T 5 2 &N T
ZFET, ZOETI - FT Y bOAT YT AL applyselflearningnode T o ETIER / — REED X
707 b OFE. 228 XK= D Tslrmnode 7 0/NF ( —J BB L T Z3 W,

# 166. applyselflearningnode 7" 11/NF 1 — :

applyselflearningnode 7O/ F 1 — i Tans 1« —OH

max_predictions number

randomization number

scoring_random_seed number

sort ascending BWZAT7EZIZENWZATOES 5 Z2/FEDA
descending Ty —ININCERINDINERELET,

model reliability flag M) ¥ 7 TCETIINOEHEEZZEBLET,

applysequencenode ZA/XTF 1 —

D= A E'TIMER S — REFEHLT, > 2A TN+ F Ty NEERTLHZENTEET,
DETIV « F7y NODAZ Y T N4IE. applysequencenode TY o ZHDETIV - 747w OO 7T 0/8F ¢
—3HVERA. ETIUER/ — RBERDZAZ U T ~OFMIZ. 227 X—2 D lsequencenode 7 T/8T 1|
[l EsRLTEE N,
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applysvmnode 7O/\F 1 —

SVM EFTIUER/ —RZEFHAL T, SVM 7))V - F7 vy hEAEKRTHZENTEET, ZOETI - F
7y NDAZ Y T N, applysvmnode TY . ETIVER / — REED Z 7V 7 S OFERNE. [234 XK=
[D Tsvmnode 7 T/XF ¢ —J BB L T EI 0,

£ 167. applysvmnode 7'E/NT 1 — .

applysvmnode JTINF ¢ — it TanF 4 —OHM
all_probabilities flag
calculate_raw _propensities flag
calculate_adjusted_propensities flag

applystpnode Z7O/\F 1 —

STP ETIVER / —REMHEHAL T, METLIETIV 77 v hEaERTHIENTEET., ZOETIV F
Ty MK, HHEa—7IZETIWVHAINEREINET, ZOETIN S5y FOARAZ YU T M4

applystpnode TS o TTIVER / — REEKRZE Z 7Y 7 MET B HFEICDONTIE. 29 X—2 D [stpnode 7]
BT -1 EBRL TN,

#2168, applystpnode 7 1I/NT A —

applystpnode FONNF ¢ — F— 5’ AR VAL PR O]
uncertainty factor Boolean w/ME 0. AR MEE 100 TY

applytcmnode Z7O/XF 1 —

IR ET U > 7 (TCM) BT IUER / — RZ AL T, TCM £F )V 77y FEAERTEEd, 20
TN Ty NORY )T ML applytemnode TY . ETIERR / — RAKZE A7 U 7 MET 55K
DT, P35 X=2 @ Temnode 7 0/87 4 —1 EBRL T ZS W,

22 169. applytcmnode 7°1/NF 4 —

applytcmnode 7EINT ¢ — Iiti TONT £ — DB
ext_future boolean

ext_future_num integer

noise_res boolean

conf_limits boolean

target fields list

target_series list
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applytimeseriesnode 7O/\F 1 —

RERFIETIVER / — RZMHEHL T, KRAIETIV - F7y FEERTEHZENTEET, ZOETI - F
Ty NOAZ YT N4, applytimeseriesnode TS . BT IVERR / — REAKRD A7 U 7 s OFFHNIZ.
[timeseriesnode 7' 0/NF f —fF&ZHL T 723 W,

7 170. applytimeseriesnode 7 T1/NT 1 — :

applytimeseriesnode 7'T1/\F ¢ — {iti TONT £ — D3
calculate_conf flag
calculate_residuals flag

applyts 7ANT 4 —

RERHNETIVIER / — REFHL T, BRYETIV - STy NEERTEET, ZOETI 7Y hDA
7T N, applyts TS o BETIVERR / — REERE A7) 7 MET % HIEICDOWTIE,
[T 7TONT 4 —) JEBRL TSI,

F 171, applyts 7 O/NT o4 —

applyts 7ONF ¢ — i TUNT £ — DM
ext_future boolean

ext_future_num integer

noise_res boolean

conf_Tlimits boolean

target_fields list

target_series list

applytreeas 70O/\T 1 —

Tree-AS ETIVERR / — RZMHEH L T, Tree-AS T 77y hE2ERTEET, ZOETI 5y +D
227V T N4 applytreenas TY . BT IWER / — RBEHKZ AV ) 7 MET % AEICDONWTIE,
D Ttreeas 70/87 ¢ —J B TSI,

# 172, applytreeas 7' /NT A —

applytreeas JONT 1 — i FTUNT 1 — D3]

calculate _conf flag ZOTWINT 4 —IZiE, BRI NV ) —
hOMGEEFRNEENTHET,

display_rule_id flag T4 —=)VRN 1 DAAT7 YU T HTEM

INETH, ZNEELI—REED YT
HH—3F) - J—RIZ ID ZRTTZDD
HDTI,
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# 172, applytreeas 7 O/NT 1 — ($E )

applytreeas JH/NF 1 — 11 TOaNF ¢ —DFH
enable sql_generation udf AN —LFETHFO SQL EkA T a &
native RETDHIOIHEHALET, T—FIR—X

127w a )Ny 7 LT SPSS Modeler Server
Scoring Adapter ZfEHLTAa7 ) > 77
LM (AATV T TETENA LA R—
NEHDT —F R—AIHEHL TWDY
A). SPSS Modeler N TAa7 YU 79 %
MEERL £,

applytwostepnode ZO/XF 1 —

TwoStep ETIAERK / — RZfHL T, TwoStep ET )V + 7w hEAKRTHIENTEET., ZOET
o F7y NOAZ )T N applytwostepnode T o ZDETIV « Fw OO T TOI/NT 4 —1dH D
FHA, ETIVER/ — REEKRDZZ U7 SOFMIE. 44 X—2D Ttwostepnode 7 0/NF 1 — ) [& 5
LTSN,

applytwostepAS D7 0O/XF 1 —

TwoStep AS ETIERR / — RZMHL T, TwoStep AS EFTI)V 77w NEERTHIENTEXT, Z
DETIV T hOAY )T NAE applytwostepAS T o ZOETIV « 77w OO 70O/ T 1 —1ddH
DFERN. ETIAER/ — RBEROZZ )7 SOFMNZ. 45 X=2 D TtwostepAS DT T/NT 1 — ) |5
BLTLZEE N,
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E 1585 F—IR=R - EFIVER/—RD7ANT 1 —

IBM SPSS Modeler . Microsoft SQL Server Analysis Services. Oracle Data Mining. IBM  DB2®
InfoSphere Warehouse, IBM Netezza® Analytics &3¢, T—FN—X « X2 & =5 AFARERT —4 -
AT ERTIVIERY =L ED#EEZEYR—FLTWET, IBM SPSS Modeler #1747 + T—4FN
—A 7TV XLZHERLT, 77U —2a >ANSDOETINVOBEBIRZaTY > 7N R THEE
TYd. T—IN—R - BT, TOEI>a THATL7ONT 4 —Z2EHLTAZ U T FTHERB X
DT H 2 EHARETT,

BIZE, KOZAZ )T ROFHIE. IBM SPSS Modeler A7 U Tk« A2 —Tx—AZMHLZ
Microsoft 7> 3> + WV — « EFILOERERLET,

stream = modeler.script.stream()
msbuilder = stream.createAt("mstreenode", "MSBuilder", 200, 200)

msbuilder.setPropertyValue("analysis_server name", 'localhost')
msbuilder.setPropertyValue("analysis_database_name", 'TESTDB')
msbuilder.setPropertyValue("mode", 'Expert')
msbuilder.setPropertyValue("datasource", 'LocalServer')
msbhuilder.setPropertyValue("target", 'Drug')
msbuilder.setPropertyValue("inputs", ['Age', 'Sex'])
msbuilder.setPropertyValue("unique_field", 'IDX')
msbuilder.setPropertyValue("custom fields", True)
msbuilder.setPropertyValue("model_name", 'MSDRUG')

typenode = stream.findByType("type", None)

stream.link(typenode, msbuilder)

results = []

msbuilder.run(results)

msapplier = stream.createModelApplierAt(results[0], "Drug", 200, 300)
tablenode = stream.createAt("table", "Results", 300, 300)
stream.linkBetween(msapplier, typenode, tablenode)
msapplier.setPropertyValue("sql_generate", True)

tablenode.run([])

Microsoft EF IV ERK ./ — FDZ7A/NT 4 —

Microsoft EF IV ERKR ./ — KD 7A/NT 4 —

O TONT 4 —

KROTEINT 4 —lF. Microsoft T—4% X—Z « TF)UERR / — RIZH@ETT,

#173. HED Microsoft /— R« 70/NF 1 —

WD Microsoft / — K « 0T

1= fiti TunF 1 —OHY

analysis_database name string Analysis Services 7 —% NX— Z D £,

analysis_server_name string Analysis Services T8 A b D%Hi,

use transactional data flag ANT—=INT—TNHRELIT ST T > a 2l
MEREL LT,
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#173. HED Microsoft /— R - 70ONT ¢ — (5 &)

H#BD Microsoft /— K - FOnNF

1 — il TONT 4 — D

inputs list FT—=TIWERXDAH T 4 —IV R,

target field FHT 4 —IVR MS 7 F5AFY T - J—REkIE>—
TUAX DI AZY T - = RITEEEE LIz,

unique_field field F—-T4—IVR,

msas_parameters structured TIWIY XL+ NFTA=F—, FHLLE bEVY
[R=>D T7INT XL - NS A=F—1|&BRL T
7230,

with_drillthrough flag [RUNZIN—=BV | T a,

MS T¥¥ar VU —

mstreenode ¥ -1 7D/ — RIZIE, BEOTONT 4 —DNERINTVWERA, 2OtV a OEHEICH
%38 Microsoft 7 /8T 4 — &SR T 7230,

MS 752450

msclusternode #1 7® / — RiZid., BrEDOTONT 4 —MNEZ SN TWER AL, TtV 3 > OFHEIC
» BHIGE Microsoft 7N T 4 —ZZBL T EI W,

MS 7V I—a - J)b—)b
KRDOTT)NT 4 —Id. msassocnode ¥ 7D/ —RTHEHATEET,

7% 174. msassocnode 7'T/NT A —

msassocnode JTI/NT ¢ — fifi FaNF £ —DEM

id_field field FHDENT Ty L a  EFELET,
trans_inputs list NI alT—YDANT 4 —IVR,
transactional_target field FHIT—% (FF2H o2 ar - T—4),

MS Naive Bayes

msbayesnode ¥ 7 ®/ — RiCi&k, @D 7ONT 4 —NEZBINTWERL, ZOEI T a > OREHEICH
5 35E Microsoft 7 O/NT 4 —Z SR LT 7230,

MS #RPU[EN

msregressionnode 71 7D/ — RiZld, BE0 7/ ONTF 4 —NEZINTWERTAL, 2OV 3 >DE
SHIC B DL Microsoft /8T 4 —Z2SMRL T 7Z3 W,

MS Za—3)b - %y hTU—2

msneuralnetworknode -1 7® /J — RiZid, BHEDOTONT 4 —MMNEEINTVWERA, 2O 3>D
HEHIZ & 28 Microsoft 7 TO/)8TFT 4 —Z2ZHBLTLFE 0,

MS O AT 4 w7 Al
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mslogisticnode ¥4 7® / — RIZIE, HEDTONT 4 —NERINTWERAL, ZOEY T a3 > DOEE
IZd %38 Microsoft 7 /NT 4 —&ZHL T 230,

MS #A4 L+ 2U—=X

mstimeseriesnode ¥ 1 7D/ — RiZiE. BHEOTONT 4 —NEZEINTVWERTAL, 20T aDE
HIZ 3 558 Microsoft 7 /ST 4 —ZZMBL TL7Z I,

MS =R DIAF )T
KRDTT)NT 4 —13. mssequenceclusternode ¥ 7D /) — RTHEATEET,

K 175. mssequenceclusternode properties

mssequenceclusternode 70N F 1 — 1 TanTF ¢ —DFM

id_field field T=EYDENT Y a  EEELET,
input_fields list NI a T—YDANT 4=V,
sequence_field field =2 A 1D,

target field field TFHT 4=V (T—TIEXT—%).

TIWTURXA - INSA—=H—

% Microsoft 7—4% X—2Z « EF )b + ¥ 7IZld. msas_parameters 7 /ST —ZfHL THETE 5,
RDOEDIBFFED/INTG A—=F—H D £,

stream = modeler.script.stream()

msregressionnode = stream.findByType("msregression", None)
msregressionnode.setPropertyValue("msas _parameters", [["MAXIMUM_INPUT ATTRIBUTES", 255],
["MAXIMUM OUTPUT ATTRIBUTES", 255]])

INHED/INTA—=F—IL SQL Server MHSEIGFSNET. &/ — FICHETH/XTA—F -2 51T
. FY NARLT—IR=AAN /) —REiEL£7,

2. T—HIN—AAN /) —REHEET,

3. IF—=% Y—RA) ROy 7¥T> - UXMMEERRY —AERBRLUET,

4. TF=TNWH1 VASDSHERRT—TIVEERLET,

5. TOKl] #27UvwZ LT, 7—XR—=ZAAN/—RZEHALCET,

6. JNT 4 —&—EFRLZW Microsoft 77— X—2Z « EF)UER/ — R&BINL £7,

7. T—HIN—Z - BTIER S/ — RZEREET,
8. TZFAN—b] FTZEERLEXT,

ZD/—ROFHTES msas_parameters 7 /NT 4 —NFERINET,

Microsoft €5 )V - 75y bOFTANT 4 —
Microsoft T—F X—Z « EFIER / — RZ2MEHAL TERSNZETI - 7y hoTOoNT 1 —%, X
ICRLUET,

MS F¥ar-wY—
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£176. MS 723> « V=D O/)NT 4 —:

applymstreenode 7'TINF ¢ — il F

analysis_database_name string O/ —RiZ, AN —LADOHTHEEA DY INE
ERS
Z D7 1/8F 4 —1& Analysis Services T —% X— 2%,
DFFNAEH L E7

analysis_server_name string Analysis H—/\— + 75 2 h D4l

datasource string SQL Server @ ODBC T—% + YV —Z % (DSN) D%
Al

sql_generate flag SQL AEpkzEHIIL E£T,

MS #R%[a])w

F177. MS BBEIFD T O/NT 4 —

applymsregressionnode 7'TXF ¢ — |{ii Bl

analysis_database_name string ZO/—RiE, AN —LAOHTHEEAIT INE
KB
ZDO70)87 4 —I3 Analysis Services 7 —% X— A%
DFHINAEHL £,

analysis_server_name string Analysis H—/\— + I8 2 h D £

MS Za—JJ) %y hTJ—V

F178. MS —a—F)b - Fy NU—=2070O/NF7 1 —:

applymsneuralnetworknode 7'T1/%5

14— il ]

analysis_database_name string O/ —RiZ, AN —LQHTHEE DY INE
K
2D 7 1)8F 4 —1& Analysis Services T —% X—Z %4
DFHNHEHL XTI,

analysis_server_name string Analysis I —/N— « RA ~DFAH]

MS B AT« v 7R

£179. MS O X7 ¢ v Z[EED T OINT 4 —

applymslogisticnode 7TI/)XF ¢ —  |{ii B

analysis_database_name string O/ —RiE, AM)—LOHPTEEADTY INE
EB
Z D7 T/8F 4 —I& Analysis Services T —4% X— 2%
DFHNAEH L ET

analysis_server_name string Analysis —/N— « RA N DFAH]

MS ZA4 L+ U—X
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£180. MS 1L « 2 —=XD7O/NT 1 —:

applymstimeseriesnode 7TINF ¢ — | il G|

analysis_database name string ZO/—RiE, AN —L0OHTEE DY INE
£
2O 7 0/8F 4 —I& Analysis Services T —% X—Z %,
DFANHEAL ET,

analysis_server name string Analysis B —/N— « ;K A kD4Rl

start_from new_prediction RO T MZIT D MBEOTRZEIT I NEEEL £
historical_ R
prediction

new_step number RO TROMGRHZEL L £,

historical _step number WEDTRORBRMZERLL £9,

end_step number TROKTRHZERL £,

MS =42 DIFAF) T

#I81. MS >—5 >R« VXYY >TDTOINT 4 — .

applymssequenceclusternode 7'TI/)¥

TA— fil B

analysis_database_name string ZO/—RiE, ANY—LAOHTHEHEAIT INE
KR
ZDO70)8T 4 —I3 Analysis Services 7 —% X— 2%
DORHNHEML LT,

analysis_server name string Analysis H—/\— + 8 2 h D £l

Oracle EFJIVERR/ — R 7a/NT 14—
Oracle ETFIVER/ — KD 7TANT 1 —

KO TAINT 4

£ 182. Oracle /— FD#t

—I%, & Oracle T—FXR—Z « EFY 7 « J—RiciE

BE7O)NT o —

"C‘_‘j‘o

—%H7s Oracle /— RO TONT ¢ — |{ii FTaNT ¢ — DM

target field

inputs fieldD) X~

partition field ETIVBEDEE, 72, BXOKRIEO{SAT—
R, T=FEMN L= T2y b (BT 1K
#2714V,

datasource

username

password

epassword

use_model_name flag

model_name string —RET DFHHET N4,

B1S B T—IN—Z - BETIUER/ — RO TONT 1 —
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#182. Oracle /— ROHF 7 ONT ¢ — (B )

Expert

—f78 Oracle /— ROTONT ¢ — |fifi TaNT 4 — O]

use partitioned data flag X7 4=V RNERINDHE, ZOF T aid
FET I XN DT =5 DHNETIVEERITHEH
INHEOICLET,

unique_field field

auto_data_prep flag Oracle HET — % MEfitaE = G2 £ /213 L £
T (1lg T—FRXR—=ZADH),

costs structured gk 7o/ 0 —, ALK
[[drugA drugB 1.5] [drugA drugC 2.1]7. [] DI
BIFEBEOTRIAA T,

mode Simple (Eif#) Simple IR EINTWBEE, flxD/—R - 7O

INT 4 —=ICREREINTVWB KD, BEDOTO/NT 4
—ImEINET,

use_prediction_probability flag
prediction_probability string
use_prediction_set flag

Oracle Naive Bayes

RO TE)NT ¢ —Id. oranbnode ¥1 7D /) —RTHEHATEET,

2 183. oranbnode 7'0O/NT ¢ — :

oranbnode 7TI/NT ¢ — I FANF £ —D R
singleton_threshold number 0.0-1.0.*
pairwise_threshold number 0.0-1.0.*
priors Data
Equal
Custom
custom_priors structured gk 7 o7 0 —, fFAERX

set :oranbnode.custom _priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* mode 7% Simple IZEREINTWAEA., 7JO/NT 4 —I3E\HINET,

Oracle Adaptive Bayes

KOTOINT 4 —1%, oraabnnode ¥1 7D /) — R THATEET,

# 184. oraabnnode 7T/NT (¢ — :

oraabnnode ZT/NTF 1 — i FaNST £ —D 3
model_type SingleFeature
MultiFeature
NaiveBayes
use_execution_time_limit flag *
execution_time_limit integer fEl3 1 DiETaRTFERD EdA, *
max_naive_bayes_predictors integer flfld 1 UEThRINERD EA, *
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# 184. oraabnnode 7TO/NT 4 — (FEZ) :

oraabnnode 7TI/NT 1 — fifi Fans 1 —o 5
max_predictors integer X 1 BLETRTFNERD E A, *
priors Data
Equal
Custom
custom_priors structured gk 7 o7 ¢ —, fBAERX
set :oraabnnode.custom priors = [[drugA 1][drugB
2] [drugC 3] [drugX 4] [drugY 5]]

* mode 7% Simple IZFREINTWAEA., TO/NT 4 —I3E\HINET,

Oracle Support Vector Machines

KOT )T 4 —Id, orasvmnode ¥ 1 7D /) —RTHEHTEET,

# 185. orasvmnode 7O/NT 4 —

orasvmnode ZTI/NT o — il FANT £ —D 3]
active_learning Enable

Disable
kernel_function Linear

Gaussian

System
normalization_method zscore

mi nmax

none
kernel_cache_size integer Gaussian 71— )VEH, fEIE 1 Bk

TRFNTRD EB A, *

convergence_tolerance number g 1 BLETRTNIERD E8 A, *
use_standard_deviation flag Gaussian /71— )LEH, *
standard_deviation number X 1 BLEThRFuERD EdA, *
use_epsilon flag HIRETIVDOHATY, *
epsilon number g 1 P ETRINERD E' A, *
use_complexity_factor flag *
complexity factor number *
use_outlier_rate flag B—=NUY > FDATY, *
outlier rate number B—NU7 > hOATT, 0.0-1.0.*
weights Data

Equal

Custom
custom weights structured g7 08T 4 —, EHER

set :orasvmnode.custom_weights =
[[drugA 1] [drugB 2] [drugC 3] [drugX
4] [drugY 5]]

* mode 7% Simple ICEREINTWAEA., TONT 4 —I3EHINET,
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Oracle —#{LFRAET IV

RDT1/)NT 4 —I&. oraglmnode ¥ 7D/ — RTHEHTEET,

7 186. oraglmnode 7°T1/NF 1 — :

oraglmnode 7'TI/NF 1 — i FONT £ —DHM
normalization_method zscore

minmax

none
missing_value_handling RepTlacelithMean

UseCompleteRecords
use_row_weights flag *
row_weights_field field *
save_row_diagnostics flag *
row_diagnostics_table string *
coefficient_confidence number *
use_reference_category flag *
reference_category string *
ridge_regression Auto *

off

On
parameter_value number *
vif_for_ridge flag *

* mode 7Y Simple ICRREINTWAEE, YONT 4 —l3EHINET,

Oracle 7Y 3> « V1) —

KDOTTINT 4 —Id. oradecisiontreenode ¥ 1 7D /) —RTHEHTEET,

X 187. oradecisiontreenode 7O1/NT 4 — :

oradecisiontreenode FTI/NF ¢ — | {ii Tans 1 —0OHm
use_costs flag
impurity metric Entropy (Z> hAE—)
Gini
term_max_depth integer 2-20.*
term_minpct_node number 0.0-10.0.*
term_minpct_split number 0.0-20.0.*
term_minrec_node integer flElx 1 BLEThRFERD EdA, *
term minrec_split integer il 1 DLEThRINER0 E v, *
display_rule_ids flag *

* mode 7Y Simple ICRREINTWAEE, YONT 4 —l3EHINET,

Oracle O-Cluster

KDOTTINT 4 —ld, oraoclusternode 1 7D/ —RTHEHTEET,
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2 188. oraoclusternode 7 T/NT 1 — :

oraoclusternode 7TINF ¢ — il Tans 1+ —0HM
max_num_clusters integer fEid 1 BLEThRnIRD £8 ., *
max_buffer integer iy 1 ibETaRFnERD EtA, *
sensitivity number 0.0-1.0.*

* mode A% Simple ICEREINTWVWAHE, TO/T ¢

Oracle KMeans

—IEHENET,

KROTOINT 4 —1%, orakmeansnode 1 7D /) — R THEHATEET,

% 189. orakmeansnode 7H/NT 4 — :

orakmeansnode 7TI)XT  — il TaNnT 4 —DHM
num_clusters integer il 1 BLETRFNERD EE v, *
normalization_method zscore
minmax
none
distance_function Euclidean
Cosine
iterations integer 0-20.*
conv_tolerance number 0.0-0.5.*
split_criterion Variance 77 4 )V M Variance TY, *
Size
num_bins integer i 1 BLETRINZRD EE v, *
bTock_growth integer 1-5.*%
min_pct_attr_support number 0.0-1.0.*

* mode 7% Simple ICEREINTWAEA., TO/NT 4 —I3EHINET,

Oracle NMF

KOTTO)NT 4 —Id, oranmfnode ¥ 1 7D/ —RTHEHTEET,

7 190. oranmfnode 7°T1/NT 1 — :

oranmfnode TI/XF ¢ — i Fangy  —0Hm
normalization_method minmax
none
use_num_features flag *
num_features integer 0-1o T7FI)VMERZTIVITY XLIZE>TTF—F
SHEESNET,
random_seed number *
num_iterations integer 0-500.*
conv_tolerance number 0.0-0.5.*
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# 190. oranmfnode 7O/NT 4 — (F2 ) :

oranmfnode T/NTF ¢ —

firi

Tans « —0#HM

display_all_features

flag

*

* mode 7% Simple IZEREINTWAEA., 7JO/NFT 4 —I3EHINET,

Oracle Apriori

RO T)NT 4 —I&, oraapriorinode ¥ 7D/ — RTHHATEET,

£ 191. oraapriorinode TO/NT 4 —

oraapriorinode JH/NF ¢ — fid 7Tans 1« —DFHY
content_field field

id_field field

max_rule_Tength integer 2-20.
min_confidence number 0.0-1.0.
min_support number 0.0-1.0.
use_transactional _data flag

Oracle f/Netii . (MDL)

oramdlnode # 7® /— RiZiZ, BEDO T ONT 4 —NEFEINTVWETFAL, 2OV a3 > OFEICH

%38 Oracle 7 0O/8T 4 — &SR

Oracle Attribute Importance (Al)

LTL7ZEW,

KO TO)NT 4 —Id, oraainode Y1 7D/ —RTHEHTEET,

% 192. oraainode 7'O/NT 4 — :

ImportanceValue
TopN

oraainode J'TI/XF 1 — fifi FaNF £ — DR

custom fields flag B (true) OHFEIT. HEDO/ —ROY—T v . A
H. ZOMT7 4 — )V R EERIRETDHENTEE
I, 4 (false) DHFEANL. EHEOT—FEL ) —Rh 5
BIfEORRENFHENET,

selection_mode Importancelevel

select_important flag selection_mode 7% Importancelevel IZE¥E I 41 T
HEEIZ, HEERT =)V REBRTZ2NE SN EE
ELET,

important_label string [HE] S0V EEELET,

select_marginal flag selection_mode 7 Importancelevel IZEXE I 41T
HEET, BT 4 IV RERIRT N ESNERE
L9,

marginal_label string 55 2200V EfRELET.

important_above number 0.0-1.0.
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# 192. oraainode 7'O/NT 1 — (FEE) :

oraainode JT/NF ¢ — firi TONT 1+ — O

select_unimportant flag selection_mode 7% Importancelevel IZRXE I 31T
HEZIT, HETREWT =)L RZRERTLI2NES N
ZHELET,

unimportant_label string MEEE) S 70IN)VERELET,

unimportant_beTow number 0.0-1.0.

importance_value number selection_mode 7% ImportanceValue IZEEI N T
HEZIT, HATHEMEZIEEL KT, 0 25 100
DEZEEELET,

top_n number selection_mode 7% TopN IZREINTND EZIC
R nEMEZEL £ o@b1m0®méh
ELET,

Oracle €FJ)V * 7oy bOTANT 4 —
Oracle /—RZ@FHL TERSNZETIV - T4y bo7a)NF4—%, RIRLET,

Oracle Naive Bayes

applyoranbnode ¥ 7@/ — RiZid, FEDTO/NT 4 —NEZRINTWET A,
Oracle Adaptive Bayes

applyoraabnnode ¥ -1 7@/ — RiZid, BrED T O/NT 4 —MEHRINTVER A,
Oracle Support Vector Machines

applyorasvmnode %A 7@/ — RiZid, FED 7 ONT 4 —NERINTHER A,
Oracle 7> a > « V1 —

RDOTT)NT 4 —1d. applyoradecisiontreenode % 7D/ — R THEHTEET,

# 193. applyoradecisiontreenode 7' 11/NT A —

applyoradecisiontreenode FI/NF ¢ — ifi Fans ¢ —DHY
use_costs flag
display_rule_ids flag

Oracle O-Cluster

applyoraoclusternode ¥ 7® /— RiZld, BED70/\F 4 —NEHFEINTVWEH A,
Oracle KMeans

applyorakmeansnode % -1 7@/ — RiZld, HED T O/NT 4 —MMERINTNEH A,
Oracle NMF

KD T)NT 44—, applyoranmfnode ¥ 1 7D/ — R THHATEET,
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# 194. applyoranmfnode 7 T/NT A —

applyoranmfnode J'TI/NF ¢ —

FONRT 1 — D]

display_all_features

Oracle Apriori

ZOETI - FHy MIAZY T NMTEHTEEZ® A,

Oracle MDL

ZOETIV - FFy FMIAZU T MTHEHATEEE A,

IBM DB2 EFIVER ./ — KD 7TANT 1 —

IBM DB2 €T IVER/ — KD 7ANT 4 —

ROTONT 14—, % IBM InfoSphere Warehouse (ISW) T —4% X—Z « EF U >/ -

ER

K195 ISW /— Rodt@m 7 a/N7 4 —

J— Kl

— N

HET

ISW J— ROIGETONT ¢ — i TaNT 4 — DY
inputs fieldD) X

datasource

username

password

epassword

enable_power_options flag

power_options_max_memory integer fE1E 33 DLETARITFNUIRD E8 .
power_options_cmdline string

mining_data_custom_sql string

logical_data_custom_sql string

mining_settings_custom_sql

ISW 323>« —

KOTOI)NT 4 —1%, db2imtreenode ¥ 1 7D /) — R THEHATE T,

# 196. db2imtreenode 7' O/NT 4 — -

db2imtreenode TTI/NT 1 — il TaNnF 1+ —DOFHH
target field

perform_test_run flag

use_max_tree_depth flag

max_tree depth integer Bl 1 LALETY,
use_maximum_purity flag

maximum_purity number 0 & 100 OREIDEETT .
use_minimum_internal_cases flag
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# 196. db2imtreenode 7T/NT 4 — (% Z) :

db2imtreenode 7'TI)NT ¢ — fiid TaNT ¢ — O]

minimum_internal cases integer fEl& 2 A LETY,

use_costs flag

costs structured WS 70N —, FRERX
[[drugA drugB 1.5] [drugA drugC 2.11]. [] NO3I%IE
EBROTFHIAARTY,

ISW YV IT—>3 >

KDOTTINT 4 —13. db2imassocnode ¥ 1 7D/ —RTHHATEET,

% 197. db2imassocnode 7 /NT 1 — :

limited_length

db2imassocnode JTNF 1 — it Jans o —oHm
use_transactional_data flag

id_field field

content_field field

data_table_Tlayout basic

max_rule_size integer fElE 3 Dl ETRTFNERD F8 A,

min_rule_support number 0-100%

min_rule_confidence number 0-100%

use_item_constraints flag

item_constraints_type Include

Exclude

use_taxonomy flag

taxonomy_table name string DB2 7— 7 )LD 4iid. EOFEMICHENINET,

taxonomy child_column_name string ST —TINDFN T LDLRE. T 5203 HEA
FFAT TV —EREENET,

taxonomy _parent_column_name string ST —TINOEN T LD, BHAT LT 7T
U—mEENET,

Toad_taxonomy to_table flag IBM SPSS Modeler IZIRIEI N TW AN MEEHRZET IV

DEEIFIZ, BTy 7a—RIL2nE SN
A2 bO—)VLET, TTRHET—TIVNEET D
BE. 20T —T7IVIHIRINET, SHEERIT. T
IV ) — RESITRES N, ThFdU—ofm#E) -
yor ThHLOWE] TYCEFHALTHRETEE
ER

ISW >—7o7 2> A

KD T)8T 4 —I&, db2imsequencenode ¥ 7D/ — RTHEHATEET,

7 198. db2imsequencenode 7 TI/NT o — :

db2imsequencenode FONF 1 —

il

A=AV AR Ok L]

id_field

field

W15 E F—IN—R - EFIUER  —RoTans— 275




# 198. db2imsequencenode 7 /NT 4 — (FEX)

db2imsequencenode 7T/XF £ — fili Tang 1+ —OHM
group_field field
content_field field
max_rule size integer fEIX 3 PLETARTFINERD £ A,
min_rule_support number 0-100%
min_rule_confidence number 0-100%
use_item_constraints flag
item_constraints_type Include
Exclude
use_taxonomy flag
taxonomy_table name string DB2 T— 7D 4N, HHEOFMICEMINET,
taxonomy child_column_name string ST —TINDFN T LD, THTL2F. HEA
FBATITV-ANEENET,
taxonomy_parent_column_name string ST — TN OB T LDL4EL BT LI AT T
J—#NEENET.
Toad_taxonomy to_table flag IBM SPSS Modeler IZIRFI N TW AN MEERZEET IV
DOIEERFIZ, DT —TIVIZT v 70— K350 E SN
Za>bOo—IVLEY, I§TRXHET—TINVNREET S
Ba. 207 —7IVIdHIRENET. pEE®RL. T
VS ) — R EdticRFE N, DhFdY—ofi%kl R
r & TRBEORE] Ry EEHL TRETEE
EE
ISW [al)

KDOTT)NT 4 —IZ. db2imregnode ¥ 1 7D/ — RTHHTEET,

# 199. db2imregnode 7I/NT o — .

polynomial
rbf

db2imregnode 7O/NF 1 — fifi TOINT ¢ — DI

target field

regression_method transform regression_method A% rbf IZEXESINTNBHLBITDA
Tinear WHENDT0/NT 4 —IZDNTIE, ROELESRBLT

<N,

perform_test_run field

1imit_rsquared_value flag

max_rsquared_value number EDHPHIX 0.0 5 1.0 TT,
use_execution_time_limit flag

execution_time_limit_mins integer fElE 1 BLETY,
use_max_degree_polynomial flag

max_degree_polynomial integer

use_intercept flag

use_auto_feature selection_method |flag
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#199. db2imregnode 7T/NT 4 — (§£ ) :

db2imregnode Z'TI/NF -t — fiid TaNT 4 — DO
auto_feature_selection_method normal
adjusted
use_min_significance_level flag
min_significance_Tlevel number
use_min_significance_level flag

RO T T/NT 4 —I&. regression_method A% rbf ICRREINTNHEHFICOAMHINET,

7% 200. regression_method 7 rbf IZGRE I N TNDHED dblimregnode 7'T/NT 1 — :

db2imregnode 7'1/8F 1 — {[:! TORT 4 — D
use_output_sample_size flag true DWHE. EIZT 7 4 MCHBIMWICRESINET,
output_sample size integer FT74INT 2 TT,

m/MENEL 1 T,
use_input_sample_size flag true DFE. HIZT 7+ MICHBIICRESNET,
input_sample_size integer FT74INT 2 TT,

R/MEE 1 T,
use_max_num_centers flag true DA, EIZT 7 4V MCHBIICEESNET,
max_num_centers integer T 74 8T 20 T,

R/MEE 1 T,
use_min_region_size flag true DFE. HIEZT 7+ MCHBIZRESNET,
min_region_size integer T74I)V 8T 15 TY,

R/MEE 1 T,
use_max_data_passes flag true OEE. HIZT 7 4 MCABIMICHRE SNET,
max_data_passes integer T74IV ML 5 T,

B/MENL 2 T,
use_min_data_passes flag true DEFE. HIZT 7 4 MCHBIICHRE SNET,
min_data_passes integer T74IVKME 5 T,

B/MENL 2 T,

ISW 29 A5 27

KRDOTOINT 4 —1E. db2imclusternode ¥ 1 7D/ — R THHATEET,

2 201. db2imclusternode 7' /NT 4 — :

db2imclusternode 7T/XF ¢ — fifi Fans ¢ —DHm
cluster_method demographic
kohonen
birch
kohonen_num_rows integer
kohonen_num_columns integer
kohonen_passes integer
use_num_passes_limit flag
use_num_clusters_limit flag

B1S B T—IN—Z - BETIUER/ — RO TONT 1 —
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% 201. db2imclusternode 7O/NT 4 — (# &) :

db2imclusternode 7'T/XF 1 — iE TaNnTF 4+ —DHM

max_num_clusters integer fEld 2 ALTY,

birch_dist_measure Tog_likelihood T 7 4V M log_likelihood T,
euclidean

birch_num_cfleaves integer 77 4 )V ~i& 1000 TT,

birch_num_refine_passes integer T 74V M 3. B/MEIE 1 T,

use_execution_time_limit flag

execution_time_limit_mins integer fillld 1 LAETY,

min_data_percentage number 0-100%

use_similarity_threshold flag

similarity_threshold number EOHIPHIZ 0.0 5 1.0 TY,

ISW Naive Bayes

KO TO)NF 4 —1E, db2imnbsnode ¥ 1 7D ) — R THHATEET,

2 202. db2imnbnode 7O/NT ¢ — :

db2imnbnode FT1/NF ¢ — fiti FONT £ — DB

perform_test_run flag

probability_threshold number 77 #)V M 0.001 T,
/MELE 0. FAMEIE 1.000 T,

use_costs flag

costs structured gk 7087 ¢ —, AR

[[drugA drugB 1.5] [drugA drugC 2.1]1]. [] ND5I%IZ
EEOFHIZARNTT,

ISW O AT« w7l

KRDOTT)NT 4 —F. db2imlognode ¥ 1 7D/ — RTHEATEZET.

#2203, db2imlognode 7°1/NTF 4 — :

db2imlognode FTINF 1t — fiid TanNT ¢ — O]

perform_test_run flag

use_costs flag

costs structured g7 o/NF ¢ —, AR
[[drugA drugB 1.5] [drugA drugC 2.117. [] NDBI%IE
EBROTFHIAARTY,

ISW R4

HF AT TA—IVR - NI A=F 32D/ —RiIZIFfFHZINEB e AT 4=V R« )IXNTA—=F—)
A7V T RNZERWESE, J—RICANT 74—V RTIdRE<., ZET7 4=V REL THHBIONENH S Z
EERTEENERRINET,

KOTO/)NT 4 —I%. db2imtimeseriesnode ¥ 1 7D/ — R TCHEHATEET,
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2204, db2imtimeseriesnode 7 /NT 4 — :

exponential_
smoothing

seasonal_trend_
decomposition

db2imtimeseriesnode FO)NF ¢ — | {ii TanTF + —DHM

time field BAL R, BRI TE £,
targets fieldD'J X |

forecasting_algorithm arima

forecasting_end_time auto
integer
date
time
use_records_all boolean false DE. use_records_start B

LT use_records_end ZFRET D4
ENHDET,

use_records_start

integer / time / date

RF[E] 7 ¢ — )b RORHEIC K > TR D
ESc)

use_records_end

integer / time / date

Kefl 7 ¢ —)V ROREEIC L > TR
E3CN

interpolation_method

none

Tinear
exponential_splines
cubic_splines

IBM DB2 EFJ)V - 7y b7ANT 14—

IBM DB2 ISW /—RZ@FHL TERINSETIV - F7y ho7daNT4—%, RIRLET,

ISW T3>« —

applydb2imtreenode %1 7'® / — RIiZId, FFED T O/NT 4 —MNER SN TVER A,

ISW YV I—>r3a>»

ZOETI - FHy MIAZY T MTEHATEEZ® A,

ISW >—7o7 > A

ZOETIV - F7y MEIAZU T MTHEHATEEE A,

ISW [=[)&F

applydb2imregnode % 7@/ — RiZi, FED TN T 4 —NEZEINTWER A,

ISW 7S5 A% 7

applydb2imclusternode ¥ -1 7/ — RiZid. FED 7 O/NT 4 —NEHR SN TWEE A,

ISW Naive Bayes
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applydb2imnbnode % 7® / — RiZid, FEDTONT 4 —NEZRINTWEE A,

ISW O AT 4 v 7 Al

applydb2imlognode % 7@/ — RiZid, FrED T O/NT 4 —NEZEINTNEYR A,

ISW %1

ZOETI - F7y MEIAZ U T MCEATE £ A

IBM Netezza Analytics ETIVERKR/ — FDO70ONT 1 —

Netezza €T IVERR/ — RO 7ANT 14 —

KROTONNT 4 —1%. % IBM Netezza T—F XN—Z -+

2205 FED Netezza /— R - 7O0/)NT 4 — .

EFUT - /= RIZHETY,

5HD Netezza /— K - FONF ¢

fiti

TaNT ¢ — O]

custom_fields

flag

H (true) ODHFET. BED/—ROY—47 v M. AL
FOMT 4 —IVRRBREZBETDHIENTEET. 14
(false) DIFEIE. EROT—FH ) — Rp SBIEDRE
IMERHINET,

inputs [fieldl ... fieldN] ETITHEASNDANELZFREE Y« —IV R,
target field WNHET 4 —IV R R EIIh T ),
record_id field —HoLad—F D LTSNS 70—V R,
use_upstream_connection flag true (77 A b)) OFE. EFED/— RTHRESN#
BEDFEM, move data_to _connection MfEEIN TS
LRI NER .
move_data_connection flag true OYE. T—H1d connection IHEEINZT—%
N—Z2IZHH L £, use_upstream_connection MIEE
INTWBEEIIFEHINEEA,
connection structured TTIIMREZ NS Netezza T —F N— A DEH LT
yl, g7 o/NT 0 —, BB
['odbc' '<dsn>' '<username>' '<psw>' '<catname>'
'<conn_attribs>' [true|false]]
ZZT.
<dsn> 1 7—% - V—ZHATY,
<username> & <psw> 3. T—HIR—ZADI—HF—%&
NAT—BRTY,
<catname> IHH O THTT,
<conn_attribs> (D EIETT .
true | false I&. /NATU— ROWRBRENESMERLE
‘3—0
table_name string ETINVINMRESND T —FR—A -« T—T )V D4,
use _model name flag true DA, model name 12k > TIRE I N/Z4HTZET
NOZRTELTHALET, €5 TRWES., T4
I AT LT > THERR S NE T,
model_name string I—Y—2HRETHHMRTT I 4.
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2205 LD Netezza /— R - TO/NT 4 — (%Z) :

5HD Netezza /— K « 7ONF ¢

—

fifi Tans « —0#HM

include_input_fields

flag

true DFE. TRTOANT 4 =)V RETFMICEL %
o T THRWEE, record id EEFIVIZE > THERK
SNZT 4=V RDOBIPNESNET,

Netezza 74 ¥ a > VU —

RDOTOINT 14—, netezzadectreenode ¥ 1 7D /) — R TCHEHATEET,

2 206. netezzadectreenode 7'T1/NT 1 — :

netezzadectreenode FONTF 1 —

i

Tangy « —0Hm

impurity_measure

Entropy (Z> hAE—)
Gini

W —DENT D R WG 2 RS
LOIEHEND, AHEORIE.,

max_tree_depth

integer

V) =R E R R KL NIV, T
T4V M 62 TT (AIRE/RE K
fiE)o

min_improvement_splits

number

DEINFEAT D AME DEE DR/
., =7 %)V i 001 TT,

min_instances_split

integer

DEINFEAT DHENRD DE SN TY
BNLI— RO, 7740 M2
2 TY (WIRE/RE/IME).

weights

structured

7T ADMIES, g7 o7
14— B

set :netezza_dectree.weights =
[[drugA 0.3][drugB 0.6]]

T4 NDERITRTDY FTAT
1 TY,

pruning_measure

Acc
wAcc

T 74V I Acc (KEE) TT . wAcc
(EAMTEHEE) 12, SHE2EHT 2
BRIV S ADEASEEELET,

prune_tree_options

allTrainingData

partitionTrainingData
useOtherTable

57 # )V M TIE, allTrainingData %
FHLTCTETIINOREZHEEL £,
partitionTrainingData ZfH L T.
I 258 T -5 OEEZE,
useOtherTable ZH L THEL =T
—IR—=A - T=TINO¥EFT—4 -
ty MEFEHALET,

perc_training data

number

prune_tree options 73
partitionTrainingData IZF%E I T
WG, FERICHEHT 27— 0#
BEEELET.

prune_seed

integer

prune_tree_options 7%
partitionTrainingData IZEE N T
WBEE., AERZHBICHERT 2
TGN T—R, TIAINT
T9d,

W15 E F—IN—A s EFIER —RoT7onrs— 281




2 206. netezzadectreenode 7 T/NT 1 — (Fi &) :

netezzadectreenode 7TI/XF ¢ — i FTans ¢+ —OHH

pruning table string ETIINOBEEHETET D DI D
WET—Fty hOTF—T )V,

compute_probabilities flag true DG, TRIT 4 =)V RDIEFED,
TEISEE (FEZ) 74— )V RZEERLE
EP

Netezza K-Means

KDOTTINT 4 —Id. netezzakmeansnode ¥ 1 7D /) — R THEHTEET,

£ 207. netezzakmeansnode properties

netezzakmeansnode J'T1/NF ¢ — il TaNnRTF + —DFW
distance_measure Euclidean F—% < BA 2 NEOEHEEWET BTk,
Manhattan
Canberra
maximum
num_clusters integer BT 50 A5 —$. T 74V Ma 3,
max_iterations integer TFNOFEEEEIETDRIOT7 IV ZLADKIERK. T
THI NI 5.
rand_seed integer IHFEROKBIHERT 2T > L - >— R, T74)
M 12345,

Netezza N1 X « v hT—%

KRDTTI)NT 4 —ld. netezzabayesnode ¥ 7D/ — RTHHTE T,

2 208. netezzabayesnode 7H/NT 4 — :

netezzabayesnode 7TI/XF ¢ — fiii Tans ¢ —o0 3
base_index integer WESEBE DO RHM DA 7 4 — )b RIZEID HT 50 % Ll
DR Fo T 7+ ML 777,
sample_size integer JEHEDOENIEF IR E VWG EITER/NT 58 > IV ovA
Lo T 7 ) ME 10,000,
display additional_information flag true DE. Av—IOFA 707 Ry 7 AIENM
DEBIRTOIEREFRRL LT,
type_of_prediction best FHTDFHTILITY XAOHEE: B FHEENE DS
neighbors WiEEg), B GEBBEOEALE TR, NN T (null BA
nn-neighbors DI EE),

Netezza Naive Bayes

KO T O)NT ¢ —Id. netezzanaivebayesnode ¥ 1 7D /) — R THHATEET,
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# 209. netezzanaivebayesnode 7'1/NT 1 — :

netezzanaivebayesnode 7 T/)\F ¢

- fitd TaNT 4 — OB

compute_probabilities flag true OHFE. THET 4 =)V ROEFD. WHEE WER) 74
=V RZARKRL £,

use_m_estimation flag true DFE. HEERFIC 0 ORI Z[EET 5 m #EE AL

ZHEMALET,

Netezza KNN

KDOTTINT 4 —Id. netezzaknnnode ¥ 1 7D ) — R THEHTEET,

2% 210. netezzaknnnode 7H/NT 4 — :

netezzaknnnode 7TI/NF ¢ — il TaNnNTF 1+ —DHY
weights structured BEAZEET T AE DL THMEL T O/NT 1 —, i
set :netezzaknnnode.weights = [[drugA 0.3][drugB
0.6]]
distance_measure Euclidean T—% « RA 2 MHOEFERET D iE
Manhattan
Canberra
Maximum
num_nearest_neighbors integer REDTr —ADERIIHER. 774V M 3.
standardize measurements flag true DG, FEBEDMEZFHHE I HA0ICEBEM AT 7 ¢ —
VR OHEZERELL X7
use_coresets flag true DG, KB T—4 v Mo U TEHE % &

9237ty bk - HoTYUTEFERALTNET

Netezza BRI S A% > 77

KDOTTINT 4 —Id. netezzadivclusternode ¥ 1 7D/ — RTHEHTEET,

# 211. netezzadivclusternode 7" T/NT A — &

netezzadivclusternode FONT ¢

- il TaNnT ¢ — DY
distance_measure Euclidean F—4 < w1 2 NEOBEERET BTk,
Manhattan
Canberra
Maximum
max_iterations integer ETINVOFEEMEILT BHMIC, FETTH7INT) ALK
BEORKEE. 74V M5 TY,
max_tree_depth integer F—5ty NERETEHIENTES L NVORAE.
T4 ME 3 TY,
rand_seed integer I EERT L EDIERSNDE T VYL — R, T
)V MiX 12345,
min_instances_split integer SERREs /N O— R, 7740 M 5.
Tevel integer La—Rz2a7V2T7F5EL X))V, 774V ME

-1o
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Netezza PCA

KRDOTTINT 4 —IF. netezzapcanode ¥ 1 7D/ — R THEHATEET,

£ 212. netezzapcanode a7 4 —

netezzapcanode JOI/NF ¢ — i Tans ¢ —oFm

center data flag true (F7H4IVE) OBFH, ZOF T arEFvIL
=86 ofRicT—5 0wy 7% (£7213 T
BERE) ) 2EITLET,

perform data_scaling flag true DHFE. DN T—F DA —1 > 7 &2fFNE
T TOTHIET, NOERNRR DB THIESN
HEE, PR EBENTRWESIZLET,

force_eigensolve flag true DYH. ZEHEATHHENME< /2> Th LD &k
HiEEHHALET,

pc_number integer Tty FEFDTDHEEES O T 7 )L M
1.

Netezza [All@> U —

KRDTT)NT 4 —IF. netezzaregtreenode ¥ 1 7D /) — R THATEET,

#213. netezzaregtreenode TaINT 4 —

netezzaregtreenode J'I/NT 1 — fifi FOANT £ — DB
max_tree_depth integer J—b « J—=BRORNTY Y —DET
DL NIVORREK. 774V ME
10 TY,
split_evaluation_measure Variance W) —%&EIT 5 DI R 5T & 57
g B7=DIFHIND, 7 TADAR
MEOHE. 77 +)V b BUEHE—OD
7 a ) 1d Variance,
min_improvement_splits number W) —IZHET L WA BIDMERR & 215 il
IZHERE 2D X B B N
min_instances_split integer IR /R RN O — REL
pruning_measure mse SRR T 2 4k
r2
pearson
spearman

prune_tree_options

allTrainingData
partitionTrainingData

57 # )V 5 TIL, allTrainingData %
FHLTETINOWREEAEL ET,

useOtherTable partitionTrainingData ZfifH L T,
T 2%ET—5 OEIG %,
useOtherTable ZffH L THELZT
—HINR—=R - T=TNO¥ET—4 -
Yy hEEHLET,
perc_training_data number prune_tree options 79

PercTrainingData IZEEI N TN
Ba, FHIHERT 2T —Y 0G5 %
fBELET,
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# 213. netezzaregtreenode 7'/NT o — (#E )

netezzaregtreenode JI/NF 1 —

firi

Tansy ¢ —oHm

prune_seed

integer

prune_tree options 73
PercTrainingData IZEREINTWN5D
e, R EHBICENT ST >
Fh—R, 774 ME 1 T
KR

pruning_table

string

ETINOIEEENTE T 572D IZE#R D
HET—¥ty hOT—T ),

compute_probabilities

flag

true DHFE, BOLBTENEZTTAD
PENHENICEENDZIRENEINE
fREEY,

Netezza #1% [A]

KD TT)NT 4 —Id. netezzalineregressionnode ¥ 1 7D/ — RTHHTEET,

#214. netezzalineregressionnode 7a/)NT 4 —

netezzalineregressionnode 7'0/%

TA— fi#i TanNT 1+ —OHM

use_svd flag true DEFE. TLOX N w7 ZDMRb OITERE <
M w7 22AL CHEREEREOREZM ELIEE
ER

include_intercept flag true (T 7 AN OFE. V) a—Ta >ORKOEE
MmELET,

calculate model diagnostics flag true DEH. TTFINDOZWEFHL T,

Netezza iR 5

RDOTOIST 4 —1d. netezzatimeseriesnode ¥ 7D /) — R THHTEET,

£ 215. netezzatimeseriesnode 7 T/NT 4 — :

netezzatimeseriesnode JT/NT ¢ — | fii Tans ¢ —onI3im

time_points field KR A D A E 721 ZRR O 2 &8 A
N7 4= R,

time_series_ids field % ID 2507 0 —I)V B, A
BROBRERIING EN 2 5B ITHEHAL
7.

model_table field Netezza K RFNETINDMRFIND T
—FR—=2 « T—T )N D% Hi.

description_table field FRAGBIOHHEBO AT T—7
NZOEATA

seasonal_adjustment_table field FREOHEL £ 72\ 3 HiR R 7 7 )
JY XL > TR S N FHilkH
BEZERES DT — T )V 4.
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# 215. netezzatimeseriesnode 7 /NT 4 — (fE )

netezzatimeseriesnode 7 ONTF ¢ —

firi

Tans 1« —0HW

algorithm_name

SpectralAnalysis E7zid spectral
ExponentialSmoothing FE7zid
esmoothing

ARIMA

SeasonalTrendDecomposition E7zld
std

FRFIETY > VIR 27V TY
N

cubicspline
exponentialspline

trend_name N HEBCEBIL MM S A 7,
A N - none
DA A - 5N
M DA - i hnjsisE
DM M- 5%
DM - 5B
seasonality type N RECERILDEF MY 1 7
A N - none
M A - AN
M- 5
interpolation_method Tinear 9 % T A 1

timerange_setting SD i1 F 97 % Ip P i P 0D B i
sP D - AT LWRE FRINIT—5D
i P 2 {1 )
SP - earliest_time BIWN
latest_time ZfEfHL 1 —Y—4FE
earliest_time integer timerange_setting 7% SP DIFEDH
]atest—t-ime date ﬁé{[ﬁ‘g;@%g?{Eo
time 1L, time_points fEITHE D ATEN
timestamp HOET,

Bl ZIX. time_points 7« —J)L RITH
MMEENZHEIE. INBHMET
DNEMBH VT,

I

set NZ_DTl.timerange_setting =
igp!

set NZ_DTl.earliest _time =
'1921-01-01"

set NZ_DTl.latest_time =
'2121-01-01"
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# 215. netezzatimeseriesnode 7 /NT 4 — (FE )

netezzatimeseriesnode FTI/NF ¢ — | fii FTans « —0#HM]
arima_setting SD ARIMA 7))L 3U XLDHRE
Sp (algorithm name 7% ARIMA IZE%E &

NTWLHBICOAEHINET),
SD - system-determined
SP - user-specified
arima_setting = SP DFH. KD/X
FIA—F—ZMH L TEHMEDEDSB X
VDIEFHEDOMEZFREL £, # JF
ZEHIPE D A):
set NZ_DT1l.algorithm_name =
"arima’
set NZ_DTl.arima_setting = 'SP’
set NZ_DT1l.p_symbol = 'lesseq'
set NZ DT1.p = '4'
set NZ_DT1.d_symbol = 'lesseq'
set NZ DT1.d = '2'
set NZ_DT1l.q_symbol = 'lesseq'
set NZ_DTl.q = '4'

p_symbol Tess ARIMA - p. d. q. sp. sd BN

d_symbol eq sq NTA—F—DEEF T,

o_symbol Tesseq less - KD/hE

= eq - HL W

sp_symbol Tesseq - RDMELLF

sd_symbol

sq_symbol

p integer ARIMA - HCHBIOIEFHiIEDOE S
W,

q integer ARIMA - HC MBI DIEFHiMEEH
fill

d integer ARIMA - ETI)IANOBEFEEDIET
PR,

sp integer ARIMA - HCHBIOFHIEDOE G
W,

sq integer ARIMA - HCAHBI OZHi 1R il

sd integer ARIMA - EF)VNOBEIT OFHi
PESR

advanced_setting SD FERIEE DI HEERE L T,

SP SD - system-determined

SP - period. units_period BXN
forecast_setting Zf# A Lz1—Y
—f57E.

i

set NZ_DTl.advanced setting = 'SP'
set NZ_DTl.period = 5

set NZ DTl.units_period = 'd'
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# 215. netezzatimeseriesnode 7 /NT 4 — (fE )

netezzatimeseriesnode FTINF ¢ — | fili Tans 1« —OHM
period integer units_period EHABHETHEL
EEEEY A 7N OES, AT MY
AT CE £ A
units_period ms period WERE XN 5 AL,
s ms - SUR
min s - B
h min - 7
d h - Kf
wk d-H
q wk - JH
y q - quarters
y - years

BIZIE, 1 AR period 12 1.
units period I wk ZfREL £9.

forecast_setting

forecasthorizon

TROIER S EZTEE L T,

forecasttimes
forecast_horizon integer forecast_setting = forecasthorizon
date TH25G. THOKROMEZIEEL
time £7.
FANRE T BUE. time_points fEICHE D LA
HOET.
Bl Z1E, time points 74—V RIZH
MIREEN2HE1F. N HAMAET
LNEMH LT,
forecast_times integer forecast_setting = forecasttimes
date DHE. THZERT 2720 EMT
time HEZEHRELET,
timestamp BT, time points fEIZHED MBI
HDET,
Bl Z1X. time_points 7 —JL RIiCH
MREENZHEF. INBHEMNET
LNEMH D LT,
include_history flag BEOHEEHNICEDDMNE I NER
LET,
include_interpolated values flag M ENZOMEZ NGO N ED

MZERLET, include_history M3
false OHLHIIMLHSINEE A

Netezza —f& (LR

RDT/NT 4 —I&. netezzagimnode ¥ 7D/ — RTHEATEET,

288 IBM SPSS Modeler 18.0 Python A7 ) Fh&F—hA— 3>« i1 R




#216. netezzaglmnode 7°1/NT 4 — :

netezzaglmnode FOI/NF ¢ — it Tans ¢ —oFm
dist_family bernoulli DDY AT T 74 M
gaussian bernoulli T,
poisson

negativebinomial
wald
gamma

dist_params

number

AT B0Mm/8T A—4% —{H,
distribution %% Negativebinomial
DEEDAHHEAINET,

trials

integer

distribution 7% Binomial D&HEHD
AEAINET, ¥—7 v MEN—
HOMTNRET LI EIE MR
N DA, target 7 4 —I)L RiZidA
N2 R trials 74—V RiCidiR
RN EENET,

model_table

field

Netezza —fRLFRELE T IV OMREES N
HF—HR—A « F—T IV DL,

maxit

integer

TN AU XLMFETTEDLREDRK
Bl%. =7 %)V KZE 20 T,

eps

number

TINT)ZXLDNEEEET I OB E
EIET D RKEEDME BHFHFE
il)e T AV RF 30 DFED IE-3
F7213 0.001 TY,

tol

number

MRAEMN 0 ELTHDONDME (Bl
#id)e T 74 NE 7. DFED 1E7
(F721% 0.0000001) % Flal2iEEDME
MNEBETRVWENT Y FENET,

Tink_func

E:4 |
inverse
invnegative
invsquare
sqrt

power
oddspower
log

clog

loglog
cloglog
logit
probit
gaussit
cauchit
canbinom
cangeom
cannegbinom

T2 V. 774V bE
logit TY,
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# 216. netezzaglmnode 7'T/NT o — (#EZ)

netezzagimnode FOINF ¢ — il

Tans s« —0HW

link_params number

AT 2Y > BEEUNT A—F —{,
Tink_function 7% power F/zIZ
oddspower DB EFDOHAEMAINET,

interaction [[[colnamesI],[levelsl]], 74—V RO EER ZREL £
[[colnames2],[levels2]], T, colnames 3. AJ17 4 —)VRD
....[[colnamesN],[levelsN]1],] JARTY, £z, 74—V ERD
level 13H#12 0 TY,
il
[Cr"k","sp","sex","k"1,[0,0,0,0]],
[["Age","Na"],[0,0]]]
intercept flag true OBFE. ETFIVICEKIEE G H

£9.

Netezza €T )V - 4y b 7ANT 14 —

KOTO)NT 4 —Id. Netezza T—IR—RA «- ®FY 257 F4y MHETT,

#217. Netezza ET )« 75 hOH@E T O/NT 4 —

Netezza EF)V - F4y bo@BTONT o — |l

TaNT ¢ — OB

connection

string ETNIMRES NS Netezza T — & N— A D
X,
table_name string ETINMRESNLGT—IRN—Z - T—=T )LD

il

HMOEFTINFT Y hOTONT 14—, MIETEHETY 7D/ —ROGEERLTT,

TEF) - FT Y FOAZY T NAFLLTFO®EO T,
#218. Netezza ETI) + 7w hDX 7 TR

EF)V - FF Y b A2 YT 4
FTar-v— applynetezzadectreenode
K-Means applynetezzakmeansnode
NA X« 2w b applynetezzabayesnode
Naive Bayes applynetezzanaivebayesnode
KNN applynetezzaknnnode

DRI FGAZ) T

applynetezzadivclusternode

PCA applynetezzapcanode

) — applynetezzaregtreenode

R [ e applynetezzalineregressionnode

Ik 251 applynetezzatimeseriesnode

— R AR applynetezzagimnode
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£16 8 Hh/ —ko7OnNT1—

1/ —Ro70/)X7 4 —id. ErOFEED ) —Ro7aNT 4 —EDLRR>TWET, HHh/—Ro7
ONT 4 —d FFED/—R - AT a z2B8BTrE0nW5L013, SREBENA T 27 MTKNL £
T, ZOZERFT—IINMNSMEEREL T, TNEARNY =L« NTA—F =L L TRETDHLORGER
EITHRIBEET,

IOy a T W/ —RTHEATEZAZY T NHAOTONT 4 —Z2HHALET,

analysisnode ZO/XF 1 —

—— FESHT ) — RT, PRIETIVORENZFHE L TIERR TRIZ AR L 9. 2/ — T, |
(Q| DULEDETIV - 77y MIDWT, PHIEEEREZ S RS HBRGETHKRLET, Xk,
We— AT/ — R TEFHET I VELZKTEXT.

1

node = stream.create("analysis", "My node")

# "Analysis" tab

node.setPropertyValue("coincidence", True)
node.setPropertyValue("performance", True)
node.setPropertyValue("confidence", True)
node.setPropertyValue("threshold", 75)
node.setPropertyValue("improve accuracy", 3)
node.setPropertyValue("inc_user_measure", True)

# "Define User Measure..."
node.setPropertyValue("user_if", "@TARGET = @PREDICTED")
node.setPropertyValue("user_then", "101")
node.setPropertyValue("user else", "1")
node.setPropertyValue("user_compute", ["Mean", "Sum"])
node.setPropertyValue("by fields", ["Drug"])

# "Qutput" tab

node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full filename", "C:/output/analysis out.html")

#219. analysisnode 7 /NT 4 — :

analysisnode 7TINF ¢ — F—F M TOanNF ¢ —DOHM
output_mode Screen 1/ — RS ARSI NSO,
File HAOEZEELET,
use_output_name flag I—H—REDOMNENEHINS
MESMERELET,
output_name string use_output_name WNE (true) D&
Zl, HHIT2401E2HELET,
output_format Text (.ix1) Hhoy A 7TE2EELET,
HTML (.html)
Output (.cou)
by fields list
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# 219. analysisnode 7 /NT 1 — (FEZ)

analysisnode 70/XNF ¢ — F— &R Tans o« —oHW

full_filename string T4 AT, T—%, £kIE HTML
O EBRRLEGED, K77
MPIZOEE:R

coincidence flag

performance flag

evaluation_binary flag

confidence flag

threshold (L &= (\E) number

improve_accuracy number

inc_user_measure flag

user_if expr

user_then expr

user_else expr

user_compute [Mean Sum Min Max

SDev]

dataauditnode 70/XF 1 —

— Tk — BT, RIBME, SANUE, BROWEICET SE®ROM, &7 1 —I)L ROEK

WHHHI WatE, EANTILPHRT I 7250, T—YEZRHIIRET 2-OOFREZREL THE
T MR L LT WA TR RSN, V= LD, TP A XTI 70T -5 %
i/ —RZ2ERTHIENTEERT,

il

filenode = stream.createAt("variablefile", "File", 100, 100)
filenode.setPropertyValue("full_filename", "$CLEO_DEMOS/DRUG1n")
node = stream.createAt("dataaudit", "My node", 196, 100)
stream.link(filenode, node)
node.setPropertyValue("custom_fields", True)
node.setPropertyValue("fields", ["Age", "Na", "K"])
node.setPropertyValue("display_graphs", True)
node.setPropertyValue("basic_stats", True)
node.setPropertyValue("advanced stats", True)
node.setPropertyValue("median_stats", False)
node.setPropertyValue("calculate", ["Count", "Breakdown"])
node.setPropertyValue("outlier_detection _method", "std")
node.setPropertyValue("outlier_detection_std outlier", 1.0)
node.setPropertyValue("outlier detection_std extreme", 3.0)
node.setPropertyValue("output_mode", "Screen")

% 220. dataauditnode 7'T1/NT A4 — :

dataauditnode 7'TINF £ — F—ym TONT ¢ —DHRW
custom_fields flag

fields [fieldl ... fieldN]

overlay field
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# 220. dataauditnode 7T/NT 4 — (§£Z) :

dataauditnode FTI)NF 1 — Ty TanF 1 —OFW
display graphs flag HNOTFIe DT 5 7FREL > ET
3ATICTsICHEHINET,
basic_stats flag
advanced_stats flag
median_stats flag
calculate Count RIBEOFHEITHEAL 9. HHEA
Breakdown FEOWT D, FE T 28R
M, TR EESHERLEE
Huo
outlier_detection_method std SR B K O DR 415 & 1R E
igqr L¥ET,
outlier_detection_std outlier number outlier_detection_method 7% std
DBE. HIEOERITH AT 5%
fHZEEL T,
outlier_detection_std_extreme number outlier_detection method 7% std
DBE. SIEOERITHAY 55
BefEEL £,
outlier_detection_iqr_outlier number outlier_detection_method 7Y iqgr
DHE. AEDOERITHEHT 25
H2fEEL £,
outTier_detection_iqr_extreme number outlier detection method 7% iqr
DBE. SIEOERITHAT 5%
HZEEL T,
use_output_name flag I—H—REDOMNENEHEINS
MESIMERELXT.
output_name string use_output_name ZVE (true) D&
ET, AT LAMZERELET,
output_mode Screen Hi) /) — RS AEREINAHTID,
File ez fEE L9,
output_format Formatted (.zab) Mhosy 1 TE2EELET,

Delimited (.csv)
HTML (.html)
Qutput (.cou)

paginate_output

flag

output_format A% HTML D&, H
NIIR=DIZnEINHELDITLE
ER

lines_per_page number paginate output &SFLICHEAT %
3. BAhR=hiz 0 ofrfie s
EFLET,

full_filename string
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matrixnode ZA/NT 1 —

JBOAKE ) — KT 74—V REOBRZERT T =TIV ERLET. —REWICZD/ —R
3 2 DO ZHRIVET 4 =)V ROBIRERIHEICKSFERSNEITN, 753787 0 —)b

REIEZISEUER T + =)L FHIDBERZRT I EDBTEEXT,

1

node = stream.create("matrix", "My node")

# "Settings" tab

node.setPropertyValue("fields", "Numerics")
node.setPropertyValue("row", "K")
node.setPropertyValue("column", "Na")
node.setPropertyValue("cell _contents", "Function")
node.setPropertyValue("function field", "Age")
node.setPropertyValue("function", "Sum")

# "Appearance" tab
node.setPropertyValue("sort_mode", "Ascending")
node.setPropertyValue("highlight top", 1)
node.setPropertyValue("highlight bottom", 5)
node.setPropertyValue("display", ["Counts", "Expected", "Residuals"])

node.setPropertyValue("include_totals", True)

# "Qutput" tab

node.setPropertyValue("full_filename", "C:/output/matrix_output.html")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("paginate_output", True)

node.setPropertyValue("1ines_per_page", 50)

2 221. matrixnode 7'O/NT 4 — :

matrixnode JOINT ¢ — F— ARl Tans ¢ —o3W
fields Selected
Flags
Numerics
row field
column field
include_missing_values flag I—Y—IC KB RIBME (EA) &
AT LICKBREME (X)) N, 1T
EHOHTITEEN DN E D N ETE
ELET,
cell_contents CrossTabs
Function
function_field string
function Sum
Mean
Min
Max
SDev
sort_mode Unsorted
Ascending
Descending
highlight_top number TOTRWEEIZHE (true) .
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# 221, matrixnode 7T/NT o — (FEX)

Delimited (.csv)
HTML (.html)
Output (.cou)

matrixnode FO/NF ¢ — F— TanNT 1 —DHY]
highlight_bottom number TOTRWERIZE (rue) .
display [Counts
Expected
Residuals (FE#E)
RowPct
CoTumnPct
TotalPct]
include_totals flag
use_output_name flag A—H—REDOHEANMERENS
MEIMERELET,
output_name string use_output_name WNE (true) D&
=2, AT 4 ERELET,
output_mode Screen Hi1 /) — RS ARSI NS HTID,
File HEzfEEl 9,
output_format Formatted (.rab) HADY A TEEELET,

Formatted & Delimited Difik
M. T—TINTIT &% ATVEZ
HIEHHT transposed ZFED 2 EMN
T&EXET,

paginate output flag output_format 7% HTML DFE. H
THIMR=DIZHEENSHEIICLE
KD

Tines_per_page number paginate output EILITMIAHT 21
Bl M= H20 DT kR
ELET,

full_filename string

meansnode 7 O/XTF 1 —

WL ) — R T MV L7227V =TT £23BEETS 7 0 — )L ROXTHTELWE
m WRBH DN ESIMERRD DT, FHEK LT, FIAIE RFERERE DR THII
WELR LU0, IRICIHERE 22T 72 o IR R TR NS DR 2 ik T % Z &N

TEEY,

il

node = stream.create("means", "My node")
node.setPropertyValue("means_mode", "BetweenFields")

node.setPropertyValue("paired_fields", [["OPEN_BAL", "CURR BAL"]])

node.setPropertyValue("label correlations", True)
node.setPropertyValue("output_view", "Advanced")
node.setPropertyValue("output_mode", "File")
node.setPropertyValue("output_format", "HTML")

node.setPropertyValue("full_filename", "C:/output/means_output.html")
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2 222. meansnode 7T/NT 4 — :

BetweenFields

meansnode 7' TIN5 ¢ — TR TOaNT 1 — O
means_mode BetweenGroups T FETT B IR DO Ff

HERELET.

test_fields

[fieldl ... fieldn]

means_mode 7% BetweenGroups (&%
FEINTNWEEEDTAN - T4 —
JVRZERELET,

grouping_field

field

TN—TICEELHBT 4 —)L REE

paired_fields

[[fieldl field2]
[field3 field4]
..]

ELET,

means_mode 7 BetweenFields IZ&%
EINTNDLEZIHEATSE T 1 —
IWEDORY ZEELET,

Tabel_correlations flag B Z NV c RIS N BN E
DMMZELEEL T, means_mode 73
BetweenFields IZFXESINTND &
FWZOH, ZORENEHEINE
‘a_o

correlation_mode Probability = (Probability) = 7z I3 HEXHE

Absolute (Absolute) D ES 5N THBEIZ TN

WEfiTs L2 BELET,

weak_Tabel string

medium_Tabel string

strong_Tabel string

weak_below_probability number correlation_mode 7% Probability
ICRESNTNS & X, FHVAHEE
DOHREMEZEEL £, JOMEI.
Bz 090 DESIT. 0 &1 D
MICT2RENH D XT,

strong_above probability number SR UVVAEBE D 45 fiE

weak_below_absolute number correlation_mode 7' Absolute I
BREZINTVDEEIT, WD
NEMEEZEEL £, ZOfER,
ZI1E 090 DLDIT. 0 & 1 DI
T 2HENHDET,

strong_above absolute number FRUVLFABI D4 EIME,

unimportant_label string

marginal_Tabel string

important_label string

unimportant_below number BN T 4 —)V REEEDSEIE,
DOfEi. BIAIE 090 DESIT. 0
&1 OEICT2HENHDET,

important_above number

use_output_name flag I—Y—REOHNANEHIND
MEIMERRELET,

output_name string 9 340,
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2222, meansnode 7O/NT 4 — (FiE)

meansnode JTINT o — F—yH TUNT 4 — DY

output_mode Screen Hi1 ) — RS ARSI N IO
File HEZEHELET,

output_format Formatted (.tab) Mhosy1 7efmE L £9,

Delimited (.csv)
HTML (.html)
Output (.cou)

full_filename string
output_view Simple HIC B (Simple) E o —2V%
Advanced IREINDH. FTEEA
(Advanced) E a1 —MNFEKRINDN
EZEELET,
reportnode ZO/NTF 1 —
LAR—h - /J—=RT. BETFAL, BLET—For—onoEMNMoX 25D, 77
—< v MEALR—FZEERLET, LR-F0ERT, BETFANET—F DO IRERZ
EFRITDHTFAN 7T L—FEMALTHELET. 7> 7L —hAND HTML % 7 Z{fiH

L. £ ) TTHT 2 a b 2R/ETHIET, DAY LDTFA N EXREZIRMET
29, 7L —FN® CLEM RZ2HHL T, T HEPFOMOLMEE 2805 &
MTEET,

1

node = stream.create("report", "My node")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("full_filename", "C:/report_output.html")
node.setPropertyValue("1lines_per page", 50)
node.setPropertyValue("title", "Report node created by a script")
node.setPropertyValue("highlights", False)

#223. reportnode 7°1/NT 4 —

reportnode FT/NF 1 — F—A R TONT 4 — DB

output_mode Screen 1/ — RS AERENSH IO,
File e eiaEe LET,

output_format HTML (html) Ty AINVHIDOY A TEIREELE
Text (.txt) KR
Qutput (.cou)

=l Auto HOZBEEBIZ T +—< v FRET
Custom BN TTL—RIEEND

HTML Z#EHA LTI+ —< v &
ETHMEEIRTLH7-DITHHL E
T, 77 L—hrAND HTML 7%
—< v MREEEHT 221,
Custom ZfEEL £7.
use_output_name flag I—YP—REOHNENEHINS
MESINEIRELET,
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# 223, reportnode 7/NT o — (FEZ)

reportnode FO/NTF 1 —

F— & #l Tans ¢ —OHM

output_name

string use_output_name MVEL (true) D&
T, I 240EHEL X,

text string
full_filename string
highlights flag
title string
lines_per_page number

routputnode A7 0O/XF 1 —

#0224, routputnode D Ta/)NT 4 —

R )1/ —RTid, MEOH ALY L R AV U T ~eiH
LT T—BXCETIV - 27 ) 2T ORERZE ST
EET, MR TFANERZT I 709V THATESE
T MR R—T vy —fEO THh) ¥ 7iEmsnE
o HHWE HHhET 7 AU Y AL R TEET,

routputnode DT TINT 1 — F—& 1 TONF 4 —DFH
syntax string
convert_flags StringsAndDoubles

LogicalValues
convert_datetime flag
convert_datetime_class POSIXct

POSIXTt
convert_missing flag
output_name Auto

Custom
custom_name string
output_to Screen

File
output_type Graph

Text
full_filename string
graph_file_type HTML

cou
text_file_type HTML

TEXT

cou
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setglobalsnode 7O/\F 1 —

EENE

1l

node = stream.create("setglobals", "My node")

Ja—=N)y+ J—RT, 7= %EEL. CLEM XA THATE2ENEZEHL £, #ilx
. o= NV - J—REFHALT, HEH EWSARDT7 ¢ —)V ROFErEZEBL, X
IZ CLEM FIZ @GLOBAL_MEAN(EF#f) BH¥ZMAL Tl ORI TEEEZE T2 I ENT

node.setKeyedPropertyValue("globals", "Na", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "K", ["Max", "Sum", "Mean"])
node.setKeyedPropertyValue("globals", "Age", ["Max", "Sum", "Mean", "SDev"])

node.setPropertyValue("clear_first", False)
node.setPropertyValue("show preview", True)

# 225, setglobalsnode 7'TO1/NT 4 — :

setglobalsnode 7T/NF ¢ —

F—HH

Jans .« —o0HH

globals

[Sum Mean Min Max
SDev]

74— REFRET SHEEL 7 0N
T4 —ld. ROWXTSRT D05
MWHDET,
node.setKeyedPropertyValue(
"globals", "Age", ["Max", "Sum",
"Mean", "SDev"])

clear_first

flag

show_preview

simevalnode 70/\T 1 —
)

2 226. simevalnode 7/NT 4 —

PIab—a il — Rid, IEESNLETFHUSINENRT =)V RZFHL. HRT 1 —
b R Do CAHBAE R E e L £

simevalnode 7T/NF ¢ — T8 Tans 4 —0HM
target field

iteration field

presorted_by iteration boolean

max_iterations number

tornado_fields

[fieldl...fieldN]

plot_pdf boolean
plot_cdf boolean
show_ref_mean boolean
show_ref_median boolean
show_ref_sigma boolean
num_ref _sigma number
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#226. simevalnode 7'/NT o — (#EZ)

simevalnode F'O/NF 1 — F—ym Tans 1+ —0HM
show_ref pct boolean
ref_pct_bottom number
ref pct_top number
show_ref_custom boolean
ref_custom_values [numberl...numberN]
category_values Category
Probabilities
Both
category_groups Categories
Iterations
create_pct_table boolean
pct_table Quartiles
Intervals
Custom
pct_intervals_num number
pct_custom_values [numberl...numberN]
- - O s
simfithode ZO/XF 1 —
YRal—ar - Iqavia>7 - J—Ri& &7 14—V ROT—F OIEIIIRS A E R
R, ROBEETIPMEST A — IV RICEHDETTIalb—2a  ElRk/ —REER (£

WWEHD LEJ., 2o, alb—ra AR/ —RFEFEHLT ¥ab—h9257—%
ZHERTDHIEMTEET,

#2227, simfimode 7T/NT 1 — :

simfitnode 7'O/XF ¢ — F—5m TaNT 4 — D]
build Node
XMLExport
Both
use_source_node_name boolean
source_node_name string ERRERISEHFEINDAT ) —RD
use_cases IANRT
LimitFirstN
use_case_limit integer
fit_criterion AndersonDarling
KolmogorovSmirnov
num_bins integer
parameter_xml_filename string
generate_parameter_import boolean
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statisticsnode Z70O/\F 1 —

FLIbEEE / — R T BMEM T ¢ —)b RICBT 2 AR EFHER Rt N T, 20/ —

%ﬂ Ke. 207 4 —)b ROBKGEEFE 7« — ) REIOHBE/ S T

il

node = stream.create("statistics", "My node")

# "Settings" tab

node.setPropertyValue("examine", ["Age", "BP", "Drug"])
node.setPropertyValue("statistics", ["mean", "sum", "sdev"])
node.setPropertyValue("correlate", ["BP", "Drug"])

# "Correlation Labels..." section
node.setPropertyValue("label correlations", True)
node.setPropertyValue("weak_below absolute", 0.25)
node.setPropertyValue("weak Tabel", "lower quartile")
node.setPropertyValue("strong_above_absolute", 0.75)
node.setPropertyValue("medium_label", "middle quartiles")
node.setPropertyValue("strong label", "upper quartile")

# "Output" tab

node.setPropertyValue("full filename", "c:/output/statistics_output.html")
node.setPropertyValue("output_format", "HTML")

% 228. statisticsnode 7 O/NT 1 — :

HTML (.html)
Qutput (.cou)

statisticsnode JNF ¢ — =— FANF £ —DEM
use_output_name flag I—HP—REOHIEHNMERINS
MESMERELET,
output_name string use_output_name ME (true) D&
T, AT 4 ERELET,
output_mode Screen 1/ — RS AERENS IO,
File e zaiae LET.
output_format Text (.tx1) Moy A TEEELET,

full_filename string
examine list
correlate list

statistics

[count mean sum min
max range variance
sdev semean median
mode]

correlation_mode Probability fE#R (Probability) I 7= 13 #sH i
Absolute (Absolute) D EE SN THBIIZ TN
WEfiTaZEERELET,
label_correlations flag
weak_label string
medium_Tlabel string
strong_Tabel string
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# 228. statisticsnode TT/NT 4 — (FE )

statisticsnode 7O/NF ¢ — F— & # Tans ¢ —OHm

weak _below_probability number correlation_mode %% Probability
ICRRE SN TS E T, 5L HEE
DOREMEZEEL XY, JOMHEIE.
BlZIE 090 D&SIT, 0 &1 D

MICT2RENH D KT,
strong_above probability number SRUNFHBE D 5> FE.
weak_below_absolute number correlation_mode 7% Absolute I

RESNTVD LI, HWHED
DEMEEEELET, O, Fl
ZI1E 090 DLHIZ, 0 &£ 1 DO
I 20ENHDET,

strong_above absolute number 58 VVAH B D 3 I fiE

statisticsoutputnode ZA/XF 1 —

Statistics )1/ — RZ2fif3 % &, IBM SPSS Statistics Fhe= ZFMEONH L. IBM SPSS

] Modeler ¥—% 25119 % 2 EMTEET, SETH/3 IBM SPSS Statisties T FEEITT 7
) TATEET, 2O/ — R, I ANEGZ 517 IBM SPSS Statistics DO E— 7 A5
<7,

ZD/)—=ROTNT 4 —IZDOWTIE, 23 XR—=2 D [statisticsoutputnode 7 1 /NF 4 —J JZFi#k I 11 TN
£7,

tablenode Z7O/XF 1 —

— F=TN - J—RT, F=IBTF—TURRTERSINET. ZOF—FE, 77 A icbH
i EADET, COMIEE. TS OMERELLD, TS EHRBPTVRATIY AK— b
THLEND D HEIEIEET,

il

node = stream.create("table", "My node")
node.setPropertyValue("highlight_expr", "Age > 30")
node.setPropertyValue("output_format", "HTML")
node.setPropertyValue("transpose data", True)
node.setPropertyValue("full filename", "C:/output/table output.htm")
node.setPropertyValue("paginate output", True)
node.setPropertyValue("1ines_per_page", 50)

#229. tablenode 7O/NT 4 — :

tablenode TN ¢ — F—5m Tans o« —oHm

full_filename string TAAY, T—4., £kiE HTML O
HEBIRLAEED., HhH 77104
i
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2 229. tablenode 7'O/NT 1 — (# &) :

tablenode 7TI/NF f — F—58 TaNT 4 — O]
use_output_name flag I—Y—REOHIENERSN LN E
IMERELET.
output_name string use_output_name WE (true) D& FIT,
AT 240 E2EEL T,
output_mode Screen A/ — RS AERINS IO, )
File FatEEL LT,

output_format

Formatted (.zab)
Delimited (.csv)
HTML (.html)
Output (.cou)

WhHoy 1 7eEELxd.

transpose_data flag I AR— MRICT — 4 Of751% AN
AT, 37 4 =)V R%&, 5N a—R
EHRITEIICLET,

paginate output flag output_format 7% HTML DA, HIIN
R=DIHESNDEIITLET,

lines_per_page number paginate output &EIICHEAT 245G
1F. MAR=—U B0 O EEEL £
@_0

highlight_expr string

output string J— RCHEABEINZT—TINA\D

SWERRET S, AR ER 7 O/87
4=

value_labels

[[Value LabelString]

[Value LabelString] ...]

BEORY DD T)EHRELFT,

display_places

integer

T4 =)V RINEREIND & ZD/NEERD
ik ELET REAL AL —2D
T4 =) RICOHTE), -1 ZFET S
L ANI—LDT I HIERNERAIN
EC N

export_places

integer

T4 =V R EINS EZ0/NEED
ik @E LET REAL AL —20
7 4 =) RICDOHAGEH), -1 ZFHET D
L ARNI—=LDT I FIEREH I
EC N

decimal_separator

DEFAULT
PERIOD
COMMA

T4 =V RO/NEERLEERELET
(REAL A L —2 D7 4 —)L RITDO A
o
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£ 229. tablenode 7'O/NT 1 — (# &) :

tablenode 7O/NF ¢ —

F—

Tans 1« —0HW

date_format

"DDMMYY"
"MMDDYY"
"YYMMDD"
"YYYYMMDD"
"YYYYDDD"

DAY

MONTH
"DD-MM-YY"
"DD-MM-YYYY"
"MM-DD-YY"
"MM-DD-YYYY"
"DD-MON-YY"
"DD-MON-YYYY"
"YYYY-MM-DD"
"DD.MM. YY"
"DD.MM.YYYY"
"MM.DD.YYYY"
"DD.MON.YY"
"DD.MON. YYYY"
"DD/MM/YY"
"DD/MM/YYYY"
"MM/DD/YY"
"MM/DD/YYYY"
"DD/MON/YY"
"DD/MON/YYYY"
MON YYYY

q Q YYYY

ww WK YYYY

T4 —IVROBMBEREZRELET
(DATE F7z1% TIMESTAMP A KL —2 D7
4=V RICOAEHINET),

time_format

"HHMMSS"

"HHMM"

"MMSS"
"HH:MM:SS"
"“HH:MM"

"MM:SS"

"(H)H: (M)M: (S)sS"
"(H)H: (M)M"
"(M)M: (S)S"
"HH.MM.SS"
"HH.MM"

"MM.SS"

"(H)H. (M)M. (S)sS"
"(H)H. (M)M"
"(M)M. (S)S"

T4 —IVROAMEAZHRELET
(TIME F7=1% TIMESTAMP A R L —> D7
A=)V RICOABEHINET),

column_width

integer

T4 IV RICHIMEZFZRELET, -1 &
SEZIEET S E. FIEIE Auto IZERE
INET,

justify

AUTO
CENTER
LEFT
RIGHT

T4 =)V RIFFREE LR ELET,
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transformnode 7’0O/\F 1 —

A\ ) — RIZE > T BIRT 4 =)V FITHEM T 2RI BR O R ZERNL . HENICHRET 2
ZEMTEET,

il

node = stream.create("transform", "My node")
node.setPropertyValue("fields", ["AGE", "INCOME"])
node.setPropertyValue("formula", "Select")
node.setPropertyValue("formula_Tog_n", True)
node.setPropertyValue("formula_log n offset", 1)

# 230. transformnode 7T/NT 4 — :

transformnode 7'T1/XF ¢ — F— R TaNT 1 —DFHY]
fields [ fieldl... fieldn] B THEATS 74—V K,
formula AT1 TRTOEMZFET D, ZEINL
Select M EGIE T BN EREELE T,
formula_inverse flag WA EFRTHEZNESNEREL
EJCIN
formula_inverse offset number A THHITZT—% - A7ty %
fFELET., I—F—FEELan
RO, 74V FT 0 ITRESN
I
formula_log_n flag log , ZHEERT 2N E SN ER
ELET,
formula_log_n_offset number
formula_log_10 flag log,, ZHAEMHHT 5N E D NatE
ELET,
formula_log_ 10 offset number
formula_exponential flag AW ) ZHEHTIZNES N
EHRELET,
formula_square_root flag SEAARE AR T AN E S hatE
ELET,
use_output_name flag I—HY—FEOHNANMER SN2
MESIHEHEELET,
output_name string use_output_name MEL (true) D& &
2. AT 240 E2EEL T,
output_mode Screen )/ — RS AERENS IO,
File HhkezfEE L X7,
output_format HTML (.htmi) WMoy 7TEEELET,
Qutput (.cou)
paginate_output flag output_format 7% HTML DA, H
IMR=DITnEEnbsLOICLE
ER

#
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#230. transformnode 7O/NT 4 — (Fi ) :

transformnode TI/NF ¢ — TR TOaNT 1 — O

lines_per_page number paginate_output &I T %55
HliE HAR—UH7z0 Of iz
ELET,

full_filename string T7AIVHENITHERT ST 7 1)V 4
ZHELET,
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F17E THOAR—bF--/—R7ANT 14—

HBBOITHAR=b - /—=F - FANT1—
KROTEINT 4 —lF, TXRTOIZVAR—hF « J—RIZHEBELTWET,

#23] DL XR—K - /J—K - TO/NF 1 —

TanNT 14— ff TONRT 4 — D

publish_path string NEEINZAA—TBIONTA—F— -
Ty AT B — NaEIREL £
KD

publish metadata flag AA=YDANBLUOHA, #N5DT7—
5 - EBTIEHHTHAYT—4 - 774
WEAERRT 2MMNEDNEREL LT,

publish_use parameters flag ARU—=L - NTA=F—IN *par 771

NICEENLDNEDMEREL LT,

publish_parameters

string®D ) X |

HHITZNIA=F—ZfEELXT.

execute_mode

export_data
publish

AR —LZRBETIC ) — REETTS
MESM J—ROEFKIZA MY —L%
HEIICAR T2 ES M ZIREL 9.

asexport 7O/XT 14 —
Analytic Server T”7 AR — M2 XD, Hadoop 77 7 1)l -

EMTEET.
a1

node = stream.create("asexport", "My node")
node.setPropertyValue("data_source", "Drugln")
node.setPropertyValue("export _mode", "overwrite")

# 232, asexport 7O/NT 1 — -

2

N
I

(HDFS) TA MU —AL%ZETTHZ

asexport FONT 1 — F— FONT + —DIW
data_source string T—% ) —ZDAii.
export_mode string IIAR— b LT =5 2lFEDOT—

& ) — BT % (append) 70,
MGEOT—% ) —2% LEZT 23
(overwrite) MEHRTEL T,
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cognosexportnode 7O/\F 4 —

- IBM Cognos BI 27 AR — b + /— Rld, Cognos Bl T—F X— A TigAHlD I EINTEDH
|®J HCF—F 2L AK— N TEET,

2D/ —RDOBFEH. Cognos H#iE ODBC #fiZaEFK T HMENH D T,
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Cognos &

Cognos D 7O/ T 4 —IXLKRDEBDTT,

# 233. cognosexportnode 7 /NT o —

cognosexportnode JTINT
4 —

F— M

pARVAL R RO E:|

cognos_connection

["FEN T 5 T S SCFB F
5"

Cognos H"—/N\—O#HFOFEMZZL Y A
roTONT 4 —, BRI TFDOEBD
T9, ["Cognos_server URL",
login_mode, "namespace", "username",
"password"]

ZZT.

Cognos_server_URL 1F, V — AWM

N TS Cognos H—/N—® URL T

K

Togin_mode (&, B4V A 2 Z2MHHTS

INEIMEIRL, true £/213 false @

WTNMNITED FT, true ITRET DY

a3, LFo&7 4 =V RzE8nd " i

BMELTLEET N,

namespace dH—/N—~AD 077 2

Ad2tFaUFs—RiE7ONA 5%

RLUET,

username HBL N password 1 Cognos H

—N\—IZOJF T HBRICHERT 51—

Y= ENAT—RTY,

Togin_mode OfXHDIZ, LFOE—FH

FHAFERETY,

+ anonymousMode, #:
['Cognos_server_url',
'anonymousMode', "namespace",
"username", "password"]

» credentialMode, #:
['Cognos_server_url',
'credentialMode', "namespace",
"username", "password"]

» storedCredentialMode, fi:
['Cognos_server_url',
'storedCredentialMode’,
"stored_credential_name"]

Z Z T, stored credential_name .
DAY MU —NTD Cognos DEMIE
HOAHTTY .

cognos_package_name string FT—4H%LTYJ AKR—KLTWS Cognos
T—F =R (BEEFT—FIRX—=A) O
INAB LR, KicHlZRLET,
/Public Folders/MyPackage
cognos_datasource string

%17

#® IV AR—b - J—ROTONT 4 —
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# 233, cognosexportnode 7/NT o — (FE )

cognosexportnode 711N F
1= F—5H TaNT 4 — O]
cognos_export_mode PubTish
ExportFile
cognos_filename string

ODBC &k

ODBC ##iD 7 0/8T 4 —Z ROt 7 a3 > databaseexportnode IZ/RINTNEHDERULTY, /=
7ZL. datasource 7O/NT 4 —3ETIEH D EH A,

databaseexportnode ZO/\F 1 —

— T—HIN—=A+ TV AR—b - /—KT, =% ODBC @D L—af)-F5F—% -
%% AN EEABET. ODBC F—2 - Ve AT EEADICE. F— ¥ - J— ANEEL. 2
— DF—5 « )= ANAT B EZABHERETE LTV A LTSS D ET,

il

Assumes a datasource named "MyDatasource" has been configured

stream = modeler.script.stream()

db_exportnode = stream.createAt("databaseexport", "DB Export", 200, 200)
applynn = stream.findByType("applyneuralnetwork", None)
stream.link(applynn, db_exportnode)

# Export tab

db_exportnode.setPropertyValue("username", "user"
db_exportnode.setPropertyValue("datasource", "MyDatasource")
db_exportnode.setPropertyValue("password", "password")
db_exportnode.setPropertyValue("table_name", "predictions")
db_exportnode.setPropertyValue("write_mode", "Create")
db_exportnode.setPropertyValue("generate_import", True)
db_exportnode.setPropertyValue("drop existing table", True)
db_exportnode.setPropertyValue("delete existing rows", True)
db_exportnode.setPropertyValue("default_string_size", 32)

# Schema dialog

db_exportnode.setKeyedPropertyValue("type", "region", "VARCHAR(10)")
db_exportnode.setKeyedPropertyValue("export db primarykey", "id", True)
db_exportnode.setPropertyValue("use custom create table command", True)
db_exportnode.setPropertyValue("custom_create_table_command", "My SQL Code")

# Indexes dialog

db_exportnode.setPropertyValue("use custom create index command", True)
db_exportnode.setPropertyValue("custom create index_command", "CREATE BITMAP INDEX <index-name>
ON <table-name> <(index-columns)>")

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields", ["id", "region"]])
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# 234. databaseexportmode 7/NT A — :

databaseexportnode 7E/NF 1 — F—& R Tans ¢ —0H
datasource string
username string
password string
epassword string ZOATOy NI, FEITRICHAA S
272D £, WSS AT — R &ER
T2, Y= AZa—o X
AT — RigElYy =) AL T
EEv, FHLE hEv B3R
o TR/ AY — RO%RK) 5
HLTESN,
table_name string
write_mode Create
Append
Merge
map string ARU—=L T4 =)V R ET—H N
—AFBIIX Y E T LET
(write_mode 7% Merge DHEITD A
a5
HEDEBE, IRTOT74—)VFEY
Y EZ T LTI AR— T H0EN
HVET, T—IXR—ARNITHEEL R
W7 4 =)V RAM, HLWAlE L TE
mEnxEd,
key fields list FoIfFHESND AN =L T4 —
JVRZEEELET., mp 7 O/8T 1 —
3. T R—=ZATAMY—L T4
=V RFATHRT AR EERL
ER
join Database
Add
drop_existing_table flag
delete_existing_rows flag
default_string_size integer
type AF—% A TOFREICHNENDS
Y [ AAVAG AP
generate_import flag
use_custom_create_table_command flag custom_create_table ATy ~Z&MHL
C. EEMED CREATE TABLE SQL O
CREEHELEXT.
custom create_table_command string FEHEQD CREATE TABLE SQL IY > R
OROVIHEATZFF AT R &
HEL XY,
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# 234. databaseexpormode 7/NT 4 — (FE )

databaseexportnode 7 E/XF ¢ — F—& R TaNT 4 — D
use batch flag ROTOINT 4 —lE, T—FIRXR—=ZD
NIVY - O0— RAOFMA 7> a>T
97, use_batch IZH (True) DfE%+5
ETDE, ATHMLOT —F R—=Z D
O3 MNENT/RD £,
batch_size number AEBY—IZOI Y FTBHEIICT—F A
—AWHERTHLI—REZRELE
KR
bulk_Tloading off NV s O— ROMBEZEEL XTI,
0DBC 0DBC B LU External JHOfAHNA
External Ta v ERIRLET,
not_logged flag
odbc_binding Row ODBC #&HD/NLY « O— RiZHiF
Column 5. (THIMERIZFI L MDINA > R&
fRELET,
Toader_delimit_mode Tab iSE i AmEZAm N i [OVAVIZZ20 s Bl
Space DOHEIT. KD XFOMEAZETE L
Other %9, Other I3,
loader_other_delimiter
TONnT 4 —EMBEDETERL,
a7 () ODEIBRYIOXFERE
L%,
loader_other_delimiter string
specify data_file flag B (True) D7 T T ZHRETDHE, UL
T® data_file 7 0O/XT 1 —DVE%)
B0 ET, 207087 1 —ITid,
T—HN—=2INIVT O— RT B
DEERBILEDT 7 A IV ENA 2
ETHIENTEET,
data_file string
specify loader program flag H (True) D7 T T ZHRETDHE, UL
T loader_program 7'TI/NF 4 —7
ANCROET, ZOTONTF 4 —IC
F. SO —45— 2707 Nk
T0U I LOLHT G ERET ST
EMMTEET,
loader_program string
gen_logfile flag B (True) D7 IV ERETHE. LU
D logfile name MWAXNT/RD
T, ZOTONT 4 —IZiE, TT—
07 %4ERTHHDD, J—/N—LD
Ty ANHERETDHIENTEE
ER
logfile_name string
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# 234. databaseexpormode 7/NT o — (FE )

databaseexportnode /N F 1 — F—& i Tang 1+ —OHM

check_table size flag H (True) D7 IV ERETHE.
IBM SPSS Modeler 205 T2 A7R— bk
SNBTEITHEL TT—F R—2AD
T—7) YA XEFERITHENSE S
7202, TTINRENEMINE
KR

Toader options string O—4%— -« 7075 Ak L

T. -comment BXLUN -specialdir @
Ko7, MosIEERELET,

export_db_primarykey flag HESNZT 4 —IVRRNTTA4<Y
F=NEINERELET,
use_custom_create_index_command flag true DFE, TXRTOA T v I A

W2t L THAY L SQL (—H—1F
FEDSQL) ZHINTLET,
custom_create_index_command string HAH I SQL (L—H—5EDSQL)
MENZIINTWBEE, 12T v 7D
ZDERICHER T NS SQL v > R
ZRELET. (ZOMEIE. FITRT
BEDA 2Ty 7 AL TEEET
EEXHD

indexes.INDEXNAME. fields MERBEEIIEEINEZA TV I A
ZERL., TO1 Ty 7 ATEEN
574 =)V R&EEFERLET,

INDEXNAME "use custom create flag BEDAL>T v AU THAY L
index_command" SQL (L—HY—5EDSQL) =A%)
N T DI SNET, #
BEDEDEICH HH LML TS ZE
W,

INDEXNAME string BEINA Ty I AHENS
"custom_create_index_command" HAH I SQL (L—H—5E DSQL)
ZHEALET. BHROXORIIHS
BB LTSN,

indexes . INDEXNAME . remove flag True DTG, BES N> T VY
A& T ADty MINSHIBRL
ESJCIN

table_space string Bk ESN2T—T ) « AR—ZAZIGE
LET,

use_partition flag DHNYy o 74—V ROMERIN
HEOWELET,

partition field string DNy > a s T4 =)V RONEEH
EKELET,

H: —fHOT—FR—ATld, TV AR—MRHIEMEINET —IXRX—A T—TIEERT 2 ENTE
F9 (BIZIE. SQL T CREATE TABLE MYTABLE (...) COMPRESS YES; E#EEL F9)., KDLDIc7 /7
4 — use_compression 3L\ compression mode ZIFEL T. ZOHEEE TR — L ET,
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#2235, JEMGHEREZ T L 7= databaseexportnode 7°11/NF 4 — :

databaseexportnode 7 E/XF ¢ — F—5H pARVAL PRSI0 E:|
use_compression Boolean True IZRE LG EIE. EffCk2 TV AR
—MNAOT—TNEERLET,
compression_mode Row SQL Server T—4 X— A DEHE L NIV 2 &E
Page L7,
Default Oracle T—% XR—ZDEMEL NIV EHEL F
Direct_Load Operations 9, {H OLTP. Query High. Query Low.
A11_Operations Archive_High, XU Archive_Low IZIFmAK
Basic FR Oracle 11gR2 DML T,
OLTP
Query_High
Query_Low
Archive_High
Archive_Low

CREATE INDEX OAX > RZREDA > T w7 ARITEET % ke RrdHi:

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["use_custom create_index_command",
True])db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["custom create index command",
"CREATE BITMAP INDEX <index-name> ON <table-name> <(index-columns)>"])

HHWIE, FCALHEZNY 2 T—TIVERNWTITS LB TEET,

db_exportnode.setKeyedPropertyValue("indexes", "MYINDEX", ["fields":["id", "region"],
"use custom create_index_command":True, "custom create index_command":"CREATE INDEX <index-name> ON
<table-name> <(index-columns)>"])

datacollectionexportnode ZA/XF 1 —

Data Collection L7 AR— bk « /— Rid. Data Collection DHGHFHEY 7 b =7 THHTS
BATTF 42NN LET, 2D/ —R2fHd %I21d. Data Collection Data Library 731 >
l A R—ILENTWBHENB D ET,

il

stream = modeler.script.stream()

datacollectionexportnode = stream.createAt("datacollectionexport", "Data Collection", 200, 200)
datacollectionexportnode.setPropertyValue("metadata file", "c:¥¥museums.mdd")
datacollectionexportnode.setPropertyValue("merge metadata", "Overwrite")
datacollectionexportnode.setPropertyValue("casedata file", "c:¥¥museumdata.sav")
datacollectionexportnode.setPropertyValue("generate_import", True)
datacollectionexportnode.setPropertyValue("enable system variables", True)

# 236. datacollectionexportnode 7' /NT A —

datacollectionexportnode 7 E/XF ¢ — F—H Tany 1+ —0OHM
metadata_file string MHTBEAYT—% - 771D
Ao
merge_metadata Overwrite
MergeCurrent
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2 236. datacollectionexportnode /N T o4 — (FEZ)

datacollectionexportnode FTI/NF ¢ — F—& 1 TaNT ¢ — D

enable_system variables flag I AR— SN mdd 77
IZ Data Collection ¥ AT L%
BOMESMERELET,

casedata_file string = - T—HMLY ZAR— kI
% sav 7 7D,

generate_import flag

excelexportnode ZO/XF 1 —

rrrr1

EXCEL

il

stream =
excelexportnode

excelexportnode.
excelexportnode. _ a
.setPropertyValue("inc_field_names", True)
excelexportnode.
excelexportnode.
excelexportnode.

excelexportnode

Excel T AR—bk /J—RTIld, T—4 % Microsoft Excel xlsx 77 TIILERXRTHAL T,
F 7 a T, /J—RONETINDEZITHINIZ Excel NEH L, TV AR—KrTB57 741
WEBITDLDICTERINTEET,

modeler.script.stream()

= stream.createAt("excelexport", "Excel", 200, 200)
setPropertyValue("full_filename", "C:/output/myexport.x1sx")
setPropertyValue("excel file type", "Excel2007")

setPropertyValue("inc_labels_as_cell notes", False)
setPropertyValue("Taunch_application", True)
setPropertyValue("generate import", True)

#2237, excelexportnode 7 T/NT o —

excelexportnode FT/NF ¢ — T—&1 FaNT 4 — D]

full_filename string

excel_file_type Excel2007

export_mode Create

Append

inc_field_names flag T4 =V REANT = 2 — s DEA)
DIFITERRSNDNESDEFREL
£7,

start_cell string I AR— ORIV EREL £
EDS

worksheet name string HEZADT—U > — D4

Taunch_application flag Excel FERD 7 7 A IV TIEUNH S
NDMEDINZERELET, Excel
ZERET /N A1 TANN— 7
TV r—Tar] Y1470y Ry
DA (TY=)b] AZa—=mn5 IN
W=+ 7T Ur—2a>] ) AT
RETD2HENHDET,

generate_import flag Whahizcs—% - 77 A ) EiH
AT Bxcel AJ1/ — RAVERKIN
EMEIMEREL XTI,
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outputfilenode ZO/XF 1 —

- Ty J—RTIE, T=IRRYOLFTRYSNZTFAN - Ty IV hEINE
5 To DT &L, MOSHY 7 MYz T REFEY T MU T CEHEAAD DB TT S ET
D AR— T BEHAIT, BIBEET,

il

stream = modeler.script.stream()

outputfile = stream.createAt("outputfile", "File Output", 200, 200)
outputfile.setPropertyValue("full _filename", "c:/output/flatfile output.txt")
outputfile.setPropertyValue("write mode", "Append")
outputfile.setPropertyValue("inc_field names", False)
outputfile.setPropertyValue("use_newline_after_records", False)
outputfile.setPropertyValue("delimit_mode", "Tab")
outputfile.setPropertyValue("other _delimiter", ",")
outputfile.setPropertyValue("quote mode", "Double")
outputfile.setPropertyValue("other_quote", "*")
outputfile.setPropertyValue("decimal_symbol", "Period")
outputfile.setPropertyValue("generate import", True)

7238, outputfilenode 7 T/NT £ —

outputfilenode JTINF 1 — F—& 1 TaNT ¢ — D
full_filename string WH7 71V D4Hi,
write_mode Overwrite
Append
inc_field_names flag
use_newline_after_records flag
delimit_mode Comma
Tab
Space
Other
other_delimiter char %
quote_mode None
Single
DoubTe
Other
other_quote flag
generate_import flag
encoding StreamDefault
SystemDefault
"UTF-8"
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sasexportnode ZO/\F 1 —

SAS TZ7 AR—hk « J—RT, SAS £/l SAS A TR 7 « Xur—I THRAADT
[@ — 5%, SAS BRTHATEET. 3 DD SAS 7 7 1 BRARIHTHETT. SAS for
Windows/OS2. SAS for UNIX. F7zi1% SAS N\— 3> 7/8

1

stream = modeler.script.stream()

sasexportnode = stream.createAt("sasexport", "SAS Export", 200, 200)
sasexportnode.setPropertyValue("full_filename", "c:/output/SAS output.sas7bdat")
sasexportnode.setPropertyValue("format", "SAS8")
sasexportnode.setPropertyValue("export names", "NamesAndLabels")
sasexportnode.setPropertyValue("generate import", True)

#239. sasexportnode 7T/NT A —

sasexportnode 7 O/NF 1 — F— FaNT 4 — D
%o Windows NUT b 7anNsFe—- R
UNIX e T4 =R,
SAS7
SAS8
full_filename string
export_names NamesAndLabels I AR— MEIZT7 0 — )V R %
NamesAsLabels IBM SPSS Modeler 7*5 IBM SPSS
Statistics F /=13 SASE #5441 B
SGEXRE
generate_import flag

statisticsexportnode Z7O/\F 1 —

Statistics T2 AR— b + /— R Tld, IBM SPSS Statistics .sav £7213 zsav 74—~ b TT
— MU ET, sav £7213 zsav 7 7 1)UL, IBM SPSS Statistics Base B NZE DD
' BB THAAD T ENTEET, ZOFAIL. IBM SPSS Modeler DF v v 2+ 77 1)L T
b INET,

IO/ —ROTO)NNT 4 —IZDNWTIE, 23 X—=T D TFstatisticsexportnode 7 1/VF ¢ —J [ZFtdk S TN
i‘é‘o

tmiexport / — R 7ONT 1 —

IBM Cognos TM1 L7 ZHR—h + /— RiZ. Cognos TM1 T—F X— A TaiHhD I ENTE
@ LA TT—F 2T AR—FTEET,

Rw S TaNT 4 —DBRE

W17 E TV AR—k - J—RoTonNsFe— 317



exportNode.setPropertyValue("spss_field _to_tml element mapping",
[[["Dimension_1 1", "Dimension_1 1", False], ["Dimension_2 1", "Dimension_2 1", False],
["Dimension_3 1", "Dimension 3 1", False], ["Periods", "Periods",
False]],[["Measure_1", "Measure_ 1", False], ["Measure_ 2", "Measure 2", False],
["Measure_3", "Measure 3", False]l])

7% 240. tmlexport / — RD 7 O/NT 4 — .

tmlexport /— RO 7 ONT ¢ — F—5M Tung 4 —OHH

pm_host string EN—=Tar 160 BEDY 170 OBEDH
RA M, ANl ERL £7
TM1_export.setPropertyValue("pm_host",
'http://9.191.86.82:9510/pmhub/pm')

tml_connection ["field", "field", ... EF:N—=Tar 160 BED 17.0 OHEE DA
,"field"] TMI H—N—O#EHROFMEZZL U X ~o 71/

T4 BRITKRDEBDTY: [

"TM1_Server Name", "tml_ username",
"tml_password"]

BURicHlZ2RL £,
TM1_export.setPropertyValue("tml_connection”,
['Planning Sample', "admin" "apple"])

admin_host string FEN—Yar 171 LA

REST API DiRA %D URL,
server_name string =T ar 171 LD

admin_host MSERL 7z T™M1 H—/N—0D i,
selected_cube field F—H DI AR— NEDF 2 —T D4l LLTFIC

FlZ/RLUE 9. TML export.setPropertyValue
("selected cube", "plan BudgetPlan")

spssfield_tmlelement mapping list Xy TEIND ml BHRIF, BRINFa—T B
A—DHFT 4 AT a 0TI DEE
o BRIIRDOEBDTY, [["paraml”,
"value"],...,["paramN","value"]]
PAFicHlzRL £,
TM1_export.setPropertyValue("spssfield_
tmlelement_mapping",

[["plan_version","plan_version"],
["plan_department","plan_department"]])

xmlexportnode ZO/XF 1 —

|”—] XML TZ7 AR—hk + J—RTld, XML BEROT7 vV —4Z2HhLEd. 723>
T, TZAR—HFLET—FZ2 AN —AIZHASAAD XML AN —REERTEET,

il

stream = modeler.script.stream()
xmlexportnode = stream.createAt("xmlexport", "XML Export", 200, 200)
xmlexportnode.setPropertyValue("full filename", "c:/export/data.xml")

xmlexportnode.setPropertyValue("map", [["/catalog/book/genre", "genre"], ["/catalog/book/title", "title"]])
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#2241, xmlexportnode 7 0/NT A —

xmlexportnode H/NF ¢ — F—5 Tang 1+ —OHM

full_filename string (W) XML T2 AR—k « 771 IVD5EE/N
ABLART 71 I 4.

use_xml_schema flag XML AF—< (XSD 771 I)V£7/iL DTD 7
7)) BFEALT, TV AR—hINEZT—
5 OigEEHIET 5N ES M ERELET,

full_schema_filename string flifld% XSD 771 I)VE/F DTD 77 1)L
DIEENABLUT 71 )V 4, use_xml_schema
N true ICRRE SN TWVDEGEITDAMNET
ER

generate_import flag IV AR—hEINT—% - Ty A(IVEARNY
—AIZHEAAL XML AN/ — R%Z&, HEIMIC
AL ET,

records string L d— RFOERE/RT XPath

map string XML #i&EICT7 4 — IV RAEY Y ES T LE

ED

W17 & TV AR—Fk - J—Ro7onssF+— 319
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2 18 & IBM SPSS Statistics /— FDZ70O/857 1 —

statisticsimportnode Z70O/XF 1 —

. Statistics 7 7 1)+ /— R, FUCBXZHHT S IBM SPSS Statistics THAIND sav £
( \ 7213 zsav 77 AVBROF— B LR IBM SPSS Modeler ICBEESNEF v via - 774
— I FAIABET,

1

stream = modeler.script.stream()

statisticsimportnode = stream.createAt("statisticsimport", "SAV Import", 200, 200)
statisticsimportnode.setPropertyValue("full_filename", "C:/data/drugln.sav")
statisticsimportnode.setPropertyValue("import names", True)
statisticsimportnode.setPropertyValue("import data", True)

# 242, statisticsimpormode 7 T/NT A — :

statisticsimportnode 7ONXF ¢ — |F—4H TaNT ¢ —OHW
full_filename string NAZGE, ERIET 71 )4,
password string INAT— R, password /8T A—%1%
file_encrypted /N T A—% XD HFTIRET
HILENH D ET,
file_encrypted flag T7ANWIBNAT — R r#EINTNWENED
N
import_names NamesAndLabels TR EER T RV BT B ik,
LabelsAsNames
import_data DataAndLabels i & F )V ZBT D1k,
LabelsAsData
use_field format for_ storage Boolean A >R — RFFIZ IBM SPSS Statistics 7 4 —Jl
FEAXEREERTEINESNEREL £,

statisticstransformnode Z70O/\5 14 —

Statistics Z2°#& / — Rld. IBM SPSS Modeler D7 —4 + ) —ZIZx%3 % IBM SPSS Statistics
@ } SIHY I A AR ROBREFVET, 20/ —RiE. St ANE5X 517 IBM

‘+_+ SPSS Statistics @ I E—WAETT,

1

stream = modeler.script.stream()

statisticstransformnode = stream.createAt("statisticstransform", "Transform", 200, 200)
statisticstransformnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticstransformnode.setKeyedPropertyValue("new name", "NewVar", "Mixed Drugs")
statisticstransformnode.setPropertyValue("check before saving", True)
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# 243. statisticstransformnode 7' /NT o —

statisticstransformnode 7 0/NF ¢ — F— & # Tans ¢ —OHM
XX string
check_before_saving flag HHZREFT 20, Ak

SV AERALET, >y
J ANENIRGEIE, TT— - Aw
t—YEFRLET,

default_include flag FLIE FEw I3 R=T )
[ Tfilternode 7 E1/%F 1 —J [& &R
LTLEZZW,

include flag FELLIZ. FEY 134 RX—=2D
[ Tfilternode 7T/3F ¢ —J [&&
LTLEZ,

new_name string FL<IE hEwI[38 X=20)
[ Tilternode 701/3F ¢ —J [&& M
LTSN,

statisticsmodelnode Z7O/NF 1 —

Statistics ®F )+ /— RZ#HT 5 L. PMML Z{ERT % IBM SPSS Statistics Tt = % E1T
@ LTTF— Y29 MBEIMMERTEIENTEET, 20/ —Rlid, 12 ANGZ6NE
IBM SPSS Statistics O 1 E—NKETY,

il

stream = modeler.script.stream()

statisticsmodelnode = stream.createAt("statisticsmodel", "Model", 200, 200)
statisticsmodelnode.setPropertyValue("syntax", "COMPUTE NewVar = Na + K.")
statisticsmodelnode.setKeyedPropertyValue("new name", "NewVar", "Mixed Drugs")

statisticsmodelnode 7T/NF ¢ — F—& 1l TNy —OHM

B string

default_include flag FEL<IE. FEY 134 R=DD
[ Tfilternode 7 01/%5F 1 —J [& &R
LTLEEN,

include flag FELL<IE. PEYZ134RXR=2 D
[ Tfilternode 7 B1/%F 1 —J [& &R
LTLEZZ,

new_name string FLIE, FEYZ134RX—=2D
[ Tfilternode 70 /%F 1 —J [&&
LTLEEN,
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statisticsoutputnode ZO/XF 1 —

Modeler T—#% #0925 2 EMTEEXT, SEIF7/ IBM SPSS Statistics TR =127
TATEET, 2O/ =R, A4 ANE X517 IBM SPSS Statistics @ 1 E—A 458
T9,

r Statistics /71 / — K& % &, IBM SPSS Statistics Tt = ZIEFNH L, IBM SPSS
,_E|

1

stream = modeler.script.stream()

statisticsoutputnode = stream.createAt("statisticsoutput", "Output", 200, 200)
statisticsoutputnode.setPropertyValue("syntax", "SORT CASES BY Age(A) Sex(A) BP(A) Cholesterol(A)")
statisticsoutputnode.setPropertyValue("use output name", False)
statisticsoutputnode.setPropertyValue("output_mode", "File")
statisticsoutputnode.setPropertyValue("full _filename", "Cases by Age, Sex and Medical History")
statisticsoutputnode.setPropertyValue("file_type", "HTML")

2 244. statisticsoutputnode 7 T1/NT o —

statisticsoutputnode 7T/ F ¢ — F—& 1 TaNT ¢ — D
mode Dialog IBM SPSS Statistics 41 7 I
BX Ty ATa EREI Y
A IT 4B ET,
3L string
use_output_name flag
output_name string
output_mode Screen
File
full_filename string
file_type HTML
SPV
SPW

statisticsexportnode 7O/\F 1 —

Statistics 27 AR— bk « /— R Tld, IBM SPSS Statistics .sav £7213 .zsav 74—~ v N TT

| —HEHILET, sav £721F zsav 7 71 )VIE. IBM SPSS Statistics Base B X NZ DD
: B THAADZ ENTEET, ZOBRAIL. IBM SPSS Modeler DF v v 2+ 771 )LT
HFEHINET,

1

stream = modeler.script.stream()

statisticsexportnode = stream.createAt("statisticsexport", "Export", 200, 200)
statisticsexportnode.setPropertyValue("full_filename", "c:/output/SPSS Statistics_out.sav")
statisticsexportnode.setPropertyValue("field names", "Names")
statisticsexportnode.setPropertyValue("launch _application", True)
statisticsexportnode.setPropertyValue("generate_import", True)
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#2245, statisticsexportnode 7T1/NT o — :

statisticsexportnode 7

anNT 1 — F—5M TaNT 4 —OHH

full_filename string

file_type sav Ty A% sav £721F zsav B THREL LT, DITICHlZRL
zsav S

statisticsexportnode.setPropertyValue("file_type","sav")

encrypt_file flag T7ANDNAT — RIR#EINTNENE DD,

password string INAT— R,

launch_application flag

export_names NamesAndLabels I AR—RRFIZT7 4 —)V R4% IBM SPSS Modeler 75 IBM

NamesAsLabels

SPSS Statistics F7213 SASZTEALITBEMN T E T,

generate_import

flag
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E19 8 R—N—/—FRD7aONnT1—

A—)N—/—REHFOTONT 4 —Z2ROEFIRLET, @D/ —R - JOoNX5 1 —HA—/\—/— R
WHINDZEICEELTLIZSI N,

F246. ¥—3IF )« Z—/N—/— RO 7O/)NF 14 —

Tans 1 —t TaNT o — OO Rt TaNT 4 — O]
execute_method Script

ER
script string

A==/ —=FDNIA=4 —
RO—HREMHL T, A==/ —RONITA =Y —ZEREZIRETLDICAZ U T hEHEHT
EEXD

mySuperNode.setParameterValue("minvalue", 30)

LIFZfAL T, NIA—F—HZRGTLHIENTEEXT,

value mySuperNode.getParameterValue("minvalue")
BIFEORX—/N—/—FDR%
findByType() Btz L CT. A MU —ANDA—/N\—/) —RZMRTEET,

source_supernode = modeler.script.stream().findByType("source_ super", None)
process_supernode = modeler.script.stream().findByType("process_super", None)
terminal_supernode = modeler.script.stream().findByType("terminal_super", None)

h7teIE/ —Ro7ans« —&E

A==/ —=RHNDOFIATITILITIEARATHZEICKD, A—/8\—/— ROHIZH TS =k
ED /) —ROTONT 4 —ZRETEET, FIAE T ERHAADZDICH TSN EET 7
ANDBBANA—IN—) —RRHBELET, UTFDOELDICL T, FAAMTTILIT AL, B/
—REMRETHIEICLD, SHABT 7y AV DFART (full_filename 7 TO/XT 1 —ZH L THHE) 2
TIEMTEET,

childDiagram = source_supernode.getChildDiagram()

varfilenode = childDiagram.findByType("variablefile", None)
varfilenode.setPropertyValue("full_filename", "c:/mydata.txt")

A=/N\—/ — RDER

A—=/N— /) — REZDOHHEPDONSERT ZHE. FROHETITO ZENTEET, Z0EDITE. A
—NN—/—RZERL., THATTILZTZEALT, HHO ) —REZERLET, A—/—/—RKD¥
AT TISLNDITRTO /) —RE, ANWaxsy—- /) —Retihaxsy—-- /) —R&EUIIEBLD
T2 ZEHMETT, #lzE, 7oA A—1—/)—RZERTIEEE. kXI5 ICLET,
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process_supernode = modeler.script.stream().createAt("process_super", "My SuperNode", 200, 200)
childDiagram = process_supernode.getChildDiagram()

filternode = childDiagram.createAt("filter", "My Filter", 100, 100)
childDiagram.TinkFromInputConnector(filternode)

childDiagram.linkToOutputConnector(filternode)
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& A. /—FBDUYI 7L 2R

Z ZTliE. IBM SPSS Modeler @/ —RDAZ YT 4D 757 L 2 AZ2HtL£7,

ETFN-F Ty
EFN -7y N ERISNEETN) & /=R ATy hEMAFT Vs FERKIC, TOMHE
TBRTEET, ROKI, TN FTVxs hOBILE -ERRLET,

INSDO4£4HIIE. IBM SPSS Modeler 7 1 > R DA EREICH S T£57)V) /XLy RAOETIV - T v b
EHBBT L7012, HRcEASINET., Za7V T OHNTA N —AIZEBMENEZETI - /J—R%E
BT DI, apply... OHHEHSMFWEZRIOAHLY hAEHINET. F#L<E FEVIETIL -]
(7w k- 7—Ro7oNTF 1 —JeSBLTIZIN,

7E B ORR T, ARiBESY BEOW L TETINESRT S LN, RELZ#ITS20ICHRINE
—g_o

#247. EF)N - FT Y RE ( TEFIAER) NLw )

EFIVA EFI
anomalydetection BEAE

Apriori Apriori

autoclassifier HE R

autocluster HEN A% —
autonumeric H BB

bayesnet NAX -y hT—2
c50 C5.0

carma Carma

cart C&R Tree

chaid CHAID

coxreg Cox [A1

decisionlist T4 Yar-UAhb
discriminant 1

factor K754
featureselection ZROER

genlin — AR B Al

glmm GLMM

kmeans K-Means

knn k oLtk

kohonen Kohonen

R st

logreg O AT 4 w7 ElE
neuralnetwork Za—J) -y hU—=7
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#247. EFTI) - FT Yy NG ( TBETIAERR) /NLw b)) (i Z)

ETFINVA EFN

quest QUEST

Gl HREY [N

sequence =T A

slrm HOPEIREET IV
statisticsmodel IBM SPSS Statistics £ )1
svm Support Vector Machine
timeseries IR 251

TwoStep TwoStep

£248 ETN - FT Y b ([T=IXR=X - EFT U] )Ny b):

TN EFI

db2imcluster IBM ISW 7525 Y > 7
db2imlog IBM ISW O A5 ¢ v 7 [all#
db2imnb IBM ISW Naive Bayes
db2imreg IBM ISW [Ellf

db2imtree IBM ISW 73232 -V 1—
msassoc MS YV IT—ar )=
msbayes MS Naive Bayes

mscluster MS 75 A5G

mslogistic MS O AT 1 w7 [l
msneuralnetwork MS Za—J) -y hT—7%
msregression MS #REIE]E
mssequencecluster MS =45 >RAUFAFYT
mstimeseries MS #A L 2U—X

mstree MS F3Par VU —
netezzabayes Netezza NA X = Xy hT—2
netezzadectree Netezza 7 > a > -« VU —
netezzadivcluster Netezza 7357 T AZ U 2T
netezzaglm Netezza —fi{bAR
netezzakmeans Netezza K-Means

netezzaknn Netezza KNN

netezzalineregression

Netezza FR%[a]

netezzanaivebayes Netezza Naive Bayes
netezzapca Netezza PCA

netezzaregtree Netezza [Alff> V) —
netezzatimeseries Netezza HFR%1

oraabn Oracle Adaptive Bayes
oraai Oracle Al

oradecisiontree Oracle 7> a> -V —
oraglm Oracle GLM
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#248. ETI) - F Ty RNE ( [T—IXR=Z - EFTUT] NLw b)) (5Z)

ETFINVA EF)N

orakmeans Oracle k-Means
oranb Oracle Naive Bayes
oranmf Oracle NMF
oraocluster Oracle O-Cluster
orasvm Oracle SVM
EFTHETINRDE;R

EREINZETIIVERIETH2OICAV7 ) T hEFERT 585G, EETITETINEAEZHHALTWSE, AV
TERBHNWEWTRE I EICHEERTAIVENDHDET, INZETLHZDIC. A7V T MERRIZ, AR
SNEETIIIEE—BOLHIEZHEHT A2 L2BED L ET,

HEITDZETINAICET A T a > 2RET DI
. AZa—MM5ROEHZERLET,

—)v) > A—¥— FFT 3]
2. L@ 7270w L%T,
3. ARESNZETIVICH L TEET 24012219 5121F,. THiOETIVEEB] 28R F7,

HNEWRETINOSRND 5856, A7) 7 NETOEEIL SPSS Modeler & IBM SPSS Collaboration
and Deployment Services & D T2 D £, SPSS Modeler 7 71 7 > MZIZHEMIZFE U4z DE
TWEBESMALF T a [HOETNEESHAS RHVET B A7V T hEI—T TR
B TR R D 4012 ER). LU, ZOF T3 i3, AUCAZY T RAY IBM SPSS Collaboration
and Deployment Services TEITINALBIIHEHTEE . I—TOKTHIIC, ETIMITHT2HWNE
WARSHRZRM T2 -DICERETERINDETIVOLRTEEET 50, BEOETINEIUTTHI L
12X D (clear generated palette X DEBM/RE), ZDRNZREHETSHIENTEET,

e

RORIZ, TXRTCOMNA Tz 7 hoERE, TNEIERTS ) — RE2—EXRLET., &F¥1 7O
N4 T2 hTHATESI AR — MEROZELRRY Z MZOWTIE, YA T&2EKRT 2/ — RO
TanF 4 —0FHW (P53 IER ) —Romo7aoNT « —|HiE T —Ro7a/)F =) 28R T<
723,

£249. HhA T2 FoEEE, TDF T NEERT S/ —F

AT 27 FOH J—F
analysisoutput VAl
collectionoutput KEtBET 57
dataauditoutput T — 5 iR
distributionoutput baxiil
evaluationoutput B2
histogramoutput EAXANT T A
matrixoutput AV S )
meansoutput A fiE
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K249 HAHA T2 7 FoOMEE, TOF T2 FEEKTD /) — R (5

WMhF T 7 - ofi J—F

multiplotoutput <V F A

plotoutput 1E

qualityoutput '

reportdocumentoutput ZOF TPl NOFEIZ/ — Rh50b0TIdR<., JOoPx
7 ke LIR— MERE N 1T,

reportoutput LAR—h

statisticsprocedureoutput StatisticsOutput

statisticsoutput FLIRAEET

tableoutput %

timeplotoutput iSEY A

weboutput Web
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18 B. /ERKDROZ VT M5 Python RO Y T bADEST

WRDRAI VT bOBITOEE

Z ZTl. IBM SPSS Modeler T®D Python A7 U7 KNERKRDAY )T RDBEVWEELKL, ERKOAZY
7 % Python A7 U T MIBITTHHEICDONWTHIILET, £z, SPSS Modeler DEEHERZ2HERD
Y2 RE %D Python IXY > ROUZXARBHRLET,

—iRHEER

WRDAD )T NOREREFOKEIHE, 0S AX R« A7 U T IR > TWET, /EROAZ Y T K
3. fFEMTHO., —FHoT Oy K (if...then...else...endif %, for...endfor 72&) MNdHDHEL
TH, 12T M RICE®RNH D R A,

Python A7 U7 FTld, A>T > MZEKRNH D, F—0@mMH 70y Z7IZET2EH8DTIE. HULAN
WA T2 FENTWHRERDH D T,

f¥: Python I—RZIE—L THOMAF 255G, HEPLETT., FTZEALTTI 2T hENTW
21713, T4 —LET, AR=AZMHLTA > T hSNTWAITERILL D ICRAZ2HENH 0 %
T, Ll TNSDITNFEICA 2T > FTh B EIFRAZRIN/RNZD, Python AV U T MITIT—%4E
U £,

RO2YFph-aryFER b

AT K TFFAMMEL. AV T RNEEFTIHEE B AU T REEFTEZARN—LARA
—N—/—RK) ZEHLFTT, WROZAZ YT RTIE, 2>TFA NIRRT, 2F0, FIZIE A+
=L AZUTMHAD /) —RBHEIZ, ZOAT7Y T N2ETTHIAMN)—LARNIIHLEEEINET,

Python A7 U7 hTld, AZ U Tk« 2>FFZ NI, modeler.script £ 2 —)WZ X > THRMIZER
INET, FAIE Python ARY—L - ZAZ7UTME, LFOI—REFEHLT. A7V T NE2ETT5
ARNY—=ALIZT7 IV EATELT,

s = modeler.script.stream()

AR —LICBEE U ZBEIE, BENA T2 ML TR Z ENTEET,

O R EREE

WROAZ YT ML, A RIGAITY, DD, AV U T hORITIE, ETTH20ENH S 2 Rk
HIZHD, NIA—F=DPRIHEEET, X LTFTOEBDTT,

connect 'Type':typenode to :filternode
rename :derivenode as "Compute Total"

Python (3. ¥, BBZERIT LA TPV b (E¥a—)b, VI A, £LEFF T2 b) ITk-> TRE)
ENDEBEMEMLET. AL LFOEBDTY,
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stream = modeler.script.stream()

typenode = stream.findByType("type", "Type)
filternode = stream.findByType("filter", None)

stream.link(typenode, filternode)
derive.setlLabel ("Compute Total")

JFSIETAV B
IBM SPSS Modeler TELEHAINE DU FTI) - A RBIARA AL - a7 2 RIZiE. Python

A7) T ROR%EIR RAHD FT, Z1Ud. SPSS Modeler DEEFDHERD A7) 7 s %, IBM SPSS
Modeler 17 THEHTE 5K 512, Python A7 U 7 NMIEHT HDITHIBET,

#2250. V5N ETRZ NOWNRDZ T ) T KNS Python X710 T hADY v ED !

WHRDAZY T R Python A7 U 7 k
2R Bl 4 [T
PR/ NS R, Bl 0.003 [U
5[ HfF TR ENZCF5, #i: 'Hello! [T

7E: JE ASCIH XFENEENTWALFHN T )L,

GEEE u ZfHF T, Unicode &L TELET,

#

ZHLI AT THENZSCFS, B "Hello again"

[\ T

iE: IE ASCH XFENEENTWSXFEH T )L,

SHEE u ZfFF T, Unicode ELTELET,

Rwxvsl. fi:

"""This is a string
that spans multiple

[ C

set x = [12 ¥
3 4]

Tines"""

AN, #i: [12 3] [1, 2, 3]

EE OB, #il: set x = 3 x =3

TOREE (¥)o Hil: x=1[1,2,%
3, 4]

over a line. */

TOw I DAA R,

fi:

/* This is a long comment

""" This is a long comment
over a line. """

fTOaA b, fil: set x =3 # make x 3 x =3 # make x 3
undef None
true True
false False
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HET

IBM SPSS Modeler Tk < il I3 OEHE T~ > RIZIE, Python A7 U T hORZ%EIX > ROH
NDET, ZHUL, SPSS Modeler DEEFEDHERD A7) 7' K%, IBM SPSS Modeler 17 THATE%L9

IZ. Python A7 U 7 NMIEHTHDITHEIEET,

# 251 EEFORAKDZX 21 T KNS Python X271 T RADI v E> T

koA YT B Python A7 U7 b
NUM1 + NUM2 NUM1 + NUM2

LIST + ITEM LIST.append(ITEM)
LIST1 + LIST2 LIST1.extend(LIST2)
NUM1 — NUM2 NUM1 — NUM2

LIST - ITEM LIST.remove (ITEM)
NUM1 * NUM2 NUM1 * NUM2

NUM1 / NUM2 NUM1 / NUM2

/= =

/==

X *x Y X **% Y

X<y X <Y

X <=Y X <=Y

X >y X > Y

X >=Y X >=Y

X div Y X /1Y

X rem Y X%Y

X mod Y X%Y

and and

or or

not (EXPR) not EXPR
FHEEN-F

IBM SPSS Modeler TL<fEHINS —HOEMHFI~Y > RBXWL—7 + O< > RIZid, Python A7 U7
NOREZEIY > RMNHDET, 3L, SPSS Modeler DEEFDOHERD A7) 7 K%, IBM SPSS Modeler
17 THATESLDIT, Python AV YU T MIAEMT HDICHLEET,

F252. FXMEEIN—TDRKDZX 1) T KNS Python X7 T RADIwE T

PRDODAZY T

Python A7 YU 7 |k

for VAR from INT1 to INT2

endfor

for VAR in range(INT1, INT2):

or

VAR = INT1
while VAR <= INT2:

VAR += 1

for VAR in LIST

endfor

for VAR in LIST:

fték B. #ERD A7 U T RS Python A7 U T hAOBAT
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F252. L{MEEIN—TDRKDZX 1) T KRS Python X271 T ~ADIYwET (FEZE) !

PERDAZ YT B Python A2 U7 b

for VAR in_fields to NODE for VAR in NODE.getInputDataModel():
endor

for VAR in_fields_at NODE for VAR in NODE.getOutputDataModel():
endor

if...then if ..o

e]éé%f...then e]%%'...:

else’ else:

endit

with TYPE OBJECT Al HREZR L

en&&%th

var VARL BRHESIAE

=

HEROZ 7V T R TR AREBRENSHCESLET, IR UFOEB0TY,
var mynode

set mynode = create typenode at 96 96

Python A7 1) 7 N Tld, ZBEIVIEIOSBIFIERINET, X LFOEBDTY,
mynode = stream.createAt("type", "Type", 96, 96)

PWRODAZ )T R TI, BROZIIE ~ HETFEMEH L THRICHIBRT 206 ENH 0 £9, FIAE B
TOEBDTY,
var mynode

set mynode = create typenode at 96 96
set “mynode.direction."Age" = Input

FEAEDAY )T MERE LR Python A7 U7 FTIE, ZHUIAETY, #IZIE, LFOEBDT
j‘o

mynode = stream.createAt("type", "Type", 96, 96)
mynode.setKeyedPropertyValue("direction","Age","Input")

/=K. BHh. BLVETINVDESAT

WKOZAZ) T NOIFEIERA TN 0T (/—R, B, BEXOREF)I) Tid, #@%. 17
MA T bDOYA FTITBIMI NI TWET, I, 74—V RIER (Derive) / — RO A
7%, derivenode TTI,

set feature_name_node = create derivenode at 96 96

Python @ IBM SPSS Modeler API {213, node #ERENEZEN/RNZD, 7 4 — IV BIERL / — B (Derive)
DA 7. derive TT, HlZIX. LFODEBDTY,

feature_name_node = stream.createAt("derive", "Feature", 96, 96)

kDA )T ~E Python A7 U T RTOY A THDOHE—DENWIZ, A THEHNBZNI ETY,
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Tanr+14—%
TONT 4 —%F /RO AZ ) T K& Python A7 U T NTHUTY, flzlX, AIEE7y1I)L - /—R
T, 77 ANVOEFRZEERT S 0/8T 4 =13, WiHFDAZ U T REEET full_filename TT.

/—kRosHE

< OWRDAZ YT M, BEROMBEZFHL T, £2ETS /) —RFZ2ADFTY7EALET, A
Foa< > Ri&, )0 [Type) AL T, BUTA M) —LDHTT—FR ) — RZmB L. [Agel
7 4 =)V ROKE (FFETIVERDOZE]) % Input 12, Drugl 74 —J)V R% Target (Tl 3151H)
ICRREL £7

set 'Type':typenode.direction."Age" = Input

set 'Type':typenode.direction."Drug" = Target

Python A7 U7 RTiE, 70T 1 —fHZRET DD OEKEFOHITRIIC, /—R-F TPV h%
BRI EIRET D2 HERH D ET, flzX. LFOEBDTY,

typenode = stream.findByType("type", "Type")
typenode.setKeyedPropertyValue("direction", "Age", "Input")
typenode.setKeyedPropertyValue("direction", "Drug", "Target")

H: ZOHE. "Target" Z23XFHG A CTHOLEND D £,
Python A% 1) 7 ~d. ModelingRole %%7% modeler.api /N\w o —I THATHIEDHTEET,

Python 27 U7 hON—a 2 id. KORERGENHDETN, /— RORRITEE 1| BOATHNDS
. TUHAL NT =R CANELIBZDET, EROAZ U T hOFITIE, /— RORRIE, a7 >
RZEIfTbNEd,

ID IZ&%/—ROMBHYR—FINTVWET (/=R IDIE /=R F47070 ER & T THE

WTEET), IR WEROZAZ YT RTIE UMTFTOLDICLET,

# 1d65EMPBIVL87 is the ID of a Type node

set @id65EMPBIVL87.direction."Age" = Input

LFDAZ Y7 RME, Python A7 YU T haEHLEZLGEORUCHTT,

typenode = stream.findByID("id65EMPBOVL87")
typenode.setKeyedPropertyValue("direction", "Age", "Input")

FONT 1 —DMBLHRE

PROAZ )T RE, set A REFHLT, EZE2EDSTET, set AV FOEAIC, TO/XF+
—EREFHITDZENTEET, UFORZ YT NI, TONT 4 —2RET D200 2 DOFMEER
ZRLUTVWET,

set <node reference>.<property> = <value>

set <node reference>.<keyed-property>.<key> = <value>

Python A7 1) 7 NTI&. B setPropertyValue() & setkKeyedPropertyValue() ZfiM L T. R UKEEMN
BEonEd. HlzE. LFOoEBDTT,

object.setPropertyValue(property, value)
object.setKeyedPropertyValue(keyed-property, key, value)

PWERDAZ YT RTIE, get AXRZHEAL T, 7ONTF 4 — BT 7 EATELT, HIAE UFOE
BOTY,
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var n
set n
set v

o<

get node :filternode
~n.name

Python A7 U 7 N Tl&, BI% getPropertyValue() ZfAL T, RUEREMNMESNET, HZIE DIFD
EBDTY,

n
\

stream. findByType("filter", None)
n.getPropertyValue("name"

A MY —LADFEE
WRDZA 7Y T RTIE, create AR REFHLT, LW/ —RE2ERLETT, X, UFOEBD
<9,

var agg select
set agg = create aggregatenode at 96 96
set select = create selectnode at 164 96

Python A7 U7 R TIE, /—RZERTHLZDDIEIERAY Y RVA M) —AICHEINTNHET,
BlIZE, UMFDEBD T,

stream = modeler.script.stream()
agg = stream.createAt("aggregate", "Aggregate", 96, 96)
select = stream.createAt("select", "Select", 164, 96)

WROAZ YT F T, connect A REMHAL T, /—FHOYU >V ZERLET., BIARE LLFoL
BOTT,

connect ~agg to “select

Python A7 U7 RTIiE. link AV RZHEHL T, /—REOU > 7 Z2ERLET. #IZIE. LFOoEB
nTI,

stream.link(agg, select)

WERD A7) T RTIE, disconnect AX > RZMHEHAL T, /—RMEDU > 7 Z2HIBRL T, #lziE. IR

disconnect "agg from “select

Python A2 U7 FTld. unlink AV vy RZEHL T, /—FHDOU > 7 Z2HIRL £, #HIZIE LFOE
BOTT,

stream.unlink(agg, select)

PERD A )T KT, position AX > REMALT, ARU—A - F¥ > NRIZ/—REEELZD,
fitd /) —REIC/ —RZEELZDLET, #lAE LFOEBDTT,

position "agg at 256 256

position "agg between “myselect and “mydistinct

Python 227 1) 7 KTl 2 DDHEILDH A R setXYPosition & setPositionBetween ZfEH L T. MU
fRMRONET., ANITHIZRLET,

agg.setXYPosition(256, 256)
agg.setPositionBetween(myselect, mydistinct)
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/J — Fi#gE
IBM SPSS Modeler TX<HHIND D/ — FEED~Y > RITIE, Python A7 U7 FOFEZEI~Y > R
MMHVET, THUL. SPSS Modeler DEEFDHERD A7) 7 K%, IBM SPSS Modeler 17 TEHTZ%
£ 212, Python A7 Y T NMIEWT DHDITHNLEET,

# 253 ) — REEDWHKDZ 1) T K0S Python X7 T hADIY v EZ D :

WROZAZ YT b

Python A7 U7 b

create nodespec at x y

stream.create(type, name)
stream.createAt (type, name, X, y)

stream.createBetween(type, name, preNode, postNode)

stream.createModelApplier(model, name)

connect fromNode to toNode

stream.link (fromNode, toNode)

delete node

stream.delete(node)

disable node

stream.setEnabled(node, False)

enable node

stream.setEnabled(node, True)

disconnect fromNode from toNode

stream.unlink (fromNode, toNode)
stream.disconnect (node)

duplicate node

node .duplicate()

execute node

stream.runSelected(nodes, results)
stream.runAl1 (results)

flush node

node.flushCache()

position node at x y

node.setXYPosition(x, y)

position node between nodel and node2

node.setPositionBetween(nodel, node2)

rename node as name

node.setLabel (name)

=7
WRDZAZ YT RTE, HR—FENTWEERIN—T - AT ain 2 DH0ET,

s WU KB NN —T, AT w7 AEEN, 2 DOEEOEROMTELL X7,

= XM ) —T, —EHOEEIN—T LT, BECEEIN—TERIINA > RLET,

UTFOZAZY T NI kO AZ ) T NTOhY > ROL—TOHITT,
for i from 1 to 10

printin 7

endfor

PLFDAZY T M, $EkODAZ ) TR TOY—4 2 ZAB)—TDFITT,

var items
set items = [a b ¢ d]

for i in items

printin 7

endfor

LFOX 572Dy A T D) —T b EHRRETT .

e EFI) - Ny FOETIV, FREHANL Y o EKET S,
J—RICAD T4 —IVRERZIZ /) — RO T4 —IVREKIET S,

fték B. #ERD A7 U T RS Python A7 U T hAOBAT
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Python Z27 1) 7 hThH, IEIERTA TOIL—T%HE—FLTWET, UFDOAZ U7~ Python
APV T RTOAD > ML —T DHITT,

i=1

while i <= 10:

print i

i+=1

LFDOAZ Y7 K&, Python A7 YU T RTOI—0 2 AR, —TOHITT,

.items = [Ilall’ Ilbll, "C", Ildll]
for i in items:
print i

= 2 ZAEDL—TIIIEEICHZETH D, IBM SPSS Modeler API XV w REMAGEDOESZ EITXD,
WRDOAZ )T NORFDDI—A « r—AZHHR— K TEET, LTFOHNL. Python A7 YU T KT —
AR —TEFERHLT, SRS T — IV RERET S HEERLTVET,

node = modeler.script.stream().findByType("filter", None)
for column in node.getOutputDataModel().columnIterator():
print column.getColumnName()

A MY —-LDET

A MY —=LQFETHIT, BRESNZETINELZBHANAT D27 M WINQPOAT P2/ b - XRx—2
vIBMENET., ROAZ U T hTR, AZUT M fBRENA TV b ed TPz b - Y
F—=T v —INONERET B0, ERSNEHOM NI, TOWhZEER L/ —EhSs T 7 AT 248
ENH D ERT,

Python TOA MU —ADETIL, EFFICKDERSNIZETIVERIEEANA TP 27 MaS, FETBEEICE
ENBHUAMIRENDZENVNIFTREDET, TDLD, AMY—LOFETHERIC, KOBBRIIT LA
TEXT,

WRDODAZV T ME, BLFD 3 DOAR)—AEFTAY Y REedR—bLTWET,

« execute_all I&. A FU—LAHNDOTRTOETHEEY —IF) - /— REETLET,
 execute_script &, AV U T FETOFREICHFRRL, AR =L - 27U T FEFETLET,
 execute node &, ¥HEELZ/ —RZEFEITLET,

Python A7 U 7 M. LFOL D BEOBEEEYR— R L TWET,

e stream.runAll(results-list) &, A RNU—LHNDITXRTOETAIEY—IFI) - /—REFETLE
—g—o

+ stream.runScript(results-list) (&, A2 U7 MNETOREICEFRRL, AM)—L« ATUY T NEHE
FLET,

» stream.runSelected(node-array, results-list) &, ¥HELZ/ —RDtw bz, fHELZIEICETL
F7,

* node.run(results-list) &, €L/ —FEEFTLET.

PWERDAZ )T RTIE, A7 a OB EO—-RE2EELE exit AYCREHFAL T, A MY —LDET

ERTTEET, B2, LFTOERDTT,

exit 1

Python A7 U7 h T, LFOAZ U T h2MHL T, RCHERMESNET.

modeler.script.exit(1)
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774N« DRATLELXVOURS MY =ICKBDF T2 ADTOER
PERDAZ )T KT, open AX > REMALT, BBEOARNY—LA, BT, FLEEFHIA T b
ERSZEMNTEET, HlIAIE. LFOEBDTT,

var s
set s = open stream "c:/my streams/modeling.str"

Python A7 U7 NZIid, v a hb7 7 AT, UKD RIEEEZFEITTES TaskRunner 7 5
AMBHOET, FlZIEX, LTFOEBDTT,

taskrunner = modeler.script.session().getTaskRunner()
s = taskrunner.openStreamFromFile("c:/my streams/modeling.str", True)

WRDAZ) T REBHEALTEH TP bEHRET DI, save IX REZFHLET, 21X LLFO
EBD T,

save stream s as "c:/my streams/new_modeling.str"

[[Z @ Python A7 U7 ~@D7 70—F Tl TaskRunner 7 T AZMHLET, #lAIEX. LFOEBDT
—a‘o

taskrunner.saveStreamToFile(s, "c:/my streams/new_modeling.str")

IBM SPSS Collaboration and Deployment Services Repository N\— A D#EIL. retrieve BL store I
RORZEHEMATLZZEEST, WEROAV Y TR THR—FINTVWET, X LFOEBOTY,

var s
set s = retrieve stream "/my repository folder/my_stream.str"
store stream s as "/my repository folder/my_stream copy.str"

Python 27 U7 N TIE, Ly a BT SNTNWAURD N — ATV MZko T, FAED
eIy VA TEET,

session = modeler.script.session()

repo = session.getRepository()

s = repo.retrieveStream("/my repository folder/my_stream.str", None, None, True)
repo.storeStream(s, "/my repository folder/my_stream_copy.str", None)

B URD PU =7 7RSI, AR URD M) —#E@EHL Ty > a AR EINTH 54
ENHD T,

AbMU—ARE
IBM SPSS Modeler TL< i ENS DA M —L#EIT > RIZIX. Python 2271 7 hOE%a<

CRMMBHVET, ZHUL. SPSS Modeler DEEFDOHERD A7) 7 ~%, IBM SPSS Modeler 17 T T
E5ESIT, Python AV U T MIEHT HDITHRLEET,

#254. A NU—LBIEDWRDZ 1) T KNGS Python X7 1) T RADYvED

WRDAZY T B Python A7 U 7 |k

create stream DEFAULT_FILENAME taskrunner.createStream(name, autoConnect,
autoManage)

close stream stream.close()

clear stream stream.clear()

get stream stream [F5EHgRE/R L

Toad stream path [FZE e/ L

open stream path taskrunner.openStreamFromFile(path, autoManage)
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#254. AN —LBIEDQRERDZ ) T K5 Python X0 1) T hADYwESD (FZ)

WRDAZY Tk

Python 27U 7 b

save stream as path

taskrunner.saveStreamToFile(stream, path)

retreive stream path

repository.retreiveStream(path, version, label,
autoManage)

store stream as path

repository.storeStream(stream, path, label)

ETINVDERE

IBM SPSS Modeler TE<HINS —HDOETIVEEDT > RITIE, Python A7 U7 FOFREFIT >R
MHODET, T, SPSS Modeler DEEFFDHEHRD A7 1) 7 K%, IBM SPSS Modeler 17 THHATE %
£ D12, Python A7 U T NMIEBTHDITHLBET,

# 255 BETIAREDRHKDZ 7 1) T KNS Python X071 T hADI v EZ DT

WRDAZY T+

Python A7 YU 7k

open model path

taskrunner.openModelFromFile(path, autoManage)

save model as path

taskrunner.saveMode1ToFile(model, path)

retrieve model path

repository.retrieveModel (path, version, label,
autoManage)

store model as path

repository.storeModel (model, path, label)

R a2 A2 bhAhiRE

IBM SPSS Modeler T <HHIND D RF 2 A > MIHEIEDY > RITIE. Python A7 U 7 SO
LAY RNHDET, Z3UL. SPSS Modeler DEEFEDHERD A7 ) 7' K%, IBM SPSS Modeler 17 T
FHTESL DI, Python AV ) T NMIEHTHDIHRLHBET,

#256. RFa X2 NEDBIEDWERDZ 71 T Rans Python X7 T hADYyET

WAROZAZ YTk

Python A7 YU 7k

open output path

taskrunner.openDocumentFromFile(path, autoManage)

save output as path

taskrunner.saveDocumentToFile(output, path)

retrieve output path

repository.retrieveDocument (path, version, label,
autoManage)

store output as path

repository.storeDocument (output, path, label)

kDALY T ME Python RO U T FDEDDIEN

LA — -« A7 U7 KMid. IBM SPSS Modeler 702 =7 hO#EEZTHR—KLTWET, Python A7 U

T ME B, InEYR—-FLTWERA.

WRDZAZ) T ME, XF7—FH 37227 b (AR —=LABXUOETINOHEAEDE) 2N 5MTR

—hLTWET, AT—FRATP 7 M,

IBM SPSS Modeler 8.0 LAF%, BEIEX#1FE L7z, Python A

JUTME AF—h ATz bEYR—FLTWERA,

Python A7 YU 7 M, #EROAZ Y 7 TEMEHTE 20, IFOBMOMEZRZML THWET,

© U IAERBBER
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ZISi X, HEOEBUBTHWS NS T —YOREEDFNEGENTVET, KDEMAKEZEZ 5720
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Linux 3. Linus Torvalds OXEB X RZFDMDOEIZBIT B EEREETT,
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EIZBIT 2T,

UNIX (¥ The Open Group DXKEBIUNZEDMOENCHIT 2B ERPGEE T .
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